
Data	Collection	for	Research
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Overall	framework	for	program	evaluation	/	research
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Prepare for the
evaluation (part I)

Operationalize the
evaluation design

(ch. 10)   

Choose the sample
(ch. 11)  

Collect data
(ch. 12)  

Produce and
disseminate findings

(ch. 13)   

•
•
•
•

Decide what to evaluate 
Objectives, policy questions 
Develop hypotheses / theory of change / results chain 
Choose indicators 

•
•
•
• Time the evaluation 
•

Choose an evaluation design
Confirm that the evaluation design is ethical 
Assemble an evaluation team 

Budget for the evaluation 

•
•

Decide on the size of the sample 
Decide on the sampling strategy 

•
•
•
•
• Conduct fieldwork 
•

Decide what type of data need to be collected 
Hire help to collect data 
Develop the questionnaire 
Pilot test the questionnaire   

Process and validate the data 

•
•
•
•

Analyze the data 
Write the report 
Discuss findings with policy makers 
Disseminate findings 

Figure P3.1    Roadmap for Implementing an Impact Evaluation

�

• Needs assessment
• Evaluability assessment

Process evaluation Set up ME systems

Choose indicators for 
monitoring

(goals � variables
�measures)

Program goals



Impact	Evaluation	Project	Cycle

Design	the	intervention

Rollout	the	intervention

Ongoing	Monitoring	and	
Process	Evaluation

Design	the	impact	
evaluation

Collect	Baseline	Data

Collect	Follow-up	Data

Analysis

�

Scope of this 
lecture



It’s	all	about	timing

148 Impact Evaluation in Practice

Table 10.1     Relationship between a Program’s Operational Rules and Impact Evaluation Methods

TI
M

IN
G

MONEY 
Excess demand for program

(limited resources)
No excess demand for program

(fully resourced)

TARGETING 
RULES 

Continuous 
targeting or 

ranking & cutoff
(1)

No continuous 
targeting or 

ranking & cutoff
(2)

Continuous 
targeting or 

ranking & cutoff
(3)

No continuous 
targeting or 

ranking & cutoff
(4)

Phased 
implementation 
over time
(A) 

CELL A1 CELL A2 CELL A3 CELL A4

(3.1) 
Randomized 
assignment
(4) RDD 

(3.1) 
Randomized 
assignment
(3.2) 
Randomized 
promotion
(5) DD with 
(6) Matching

(3.1) 
Randomized 
assignment to 
phases 
(4) RDD

(3.1) 
Randomized 
assignment to 
phases 
(3.2) 
Randomized 
promotion to 
early take-up 
(5) DD with 
(6) Matching

Immediate 
implementation
(B)

CELL B1 CELL B2 CELL B3 CELL B4

(3.1) 
Randomized 
assignment 
(4) RDD

(3.1) 
Randomized 
assignment
(3.2) 
Randomized 
promotion 
(5) DD with 
(6) Matching

(4) RDD If less than full 
takeup: 
(3.2) 
Randomized 
promotion 
(5) DD with 
(6) Matching

Source: Authors.

Note: The number in parentheses refers to the chapter of the book where the method is discussed. RDD = regression 
discontinuity design; DD = difference-in-differences.

the program (timing). Each cell lists the potential sources of valid comparison 
groups. Each cell is labeled with an index whose fi rst place indicates the row 
in the table (A, B) and whose second place indicates the column (1–4). For 
example, cell A1 refers to the cell in the fi rst row and fi rst column of the table. 
Cell A1 identifi es the evaluation methods that are most adequate for programs 
that have limited resources, are targeted, and are phased in over time.

Most programs need to be phased in over time because of either fi nanc-
ing constraints or logistical and administrative limitations. This group or 
category covers the fi rst row of the chart—that is, cells A1, A2, A3, and A4. In 
this case, the equitable, transparent, and accountable operational rule is to 
give everyone an equal chance of getting the program fi rst, second, third, 
and so on, implying randomized rollout of the program. 

�



Assumptions	for	this	discussion

1. We’re	planning	a	prospective research	
project.

2. We	need	baseline	and	follow-up	survey	
data	on	treatment	and	control	group(s)	to	
measure	program	impact*

3. We	are	going	to	collect	our	own	data.
* Process/implementation	data	should	also	be	gathered	

throughout	the	intervention

�



Before	collecting	your	own	data

• Can	we	use	existing	data?
– Regular	surveys	(census,	cross-sections,	panels)

– Regular	monitoring	(annual	achievement	tests)

– Administrative	records	(health	records,	school	
enrollment)

• In	many	settings,	administrative	data	is	
insufficient,	poor	quality	and	low	coverage
– Ex.	Turkey	vs.	Argentina

�



Before	collecting	your	own	data

• Who	should	collect?
– Bureau	of	Statistics:	has	capacity	&	good	place	to	
invest	in	further	capacity

– University:	maybe	cheaper,	often	less	
infrastructure	and	thus	more	monitoring

– External	firm:	depends	on	capacity	and	experience

• When	de	we	need	to	start?
– Procurement,	training	and	data	collection	all	take	
time

�



Objectives	of	data	quality	control

To	collect	data	that:
1. accurately	reflects	the	reality	of	the	population	

2. is	representative	of	the	entire	target	population

3. allows	policy	makers	and	analysts	to	make	real-
time,	informed	decisions

Need	to	control	sampling	and	non-
sampling	error!

	



What	are	sampling	and	non-sampling	errors?

• Sampling	error:	the	result	of	observing	a	sample	of	n	
households	(the	sample	size)	rather	than	all	N	
households	in	the	target	population

• Non-sampling	error:	the	result	of	errors	in	survey	
development	and	execution.	Some	examples	are:
– measurement	error	-when	the	answers	written	on	the	
questionnaires	are	different	from	the	actual	values

– selection	bias	-results	from	imperfections	in	the	sample	
frame	or	deficiencies	in	the	sample	selection	process

– non-response	-when	we	don't	get	an	answer	to	some	or	all	
of	our	questions	from	certain	households






The	Total	Survey	Design	(TSD)	approach

��

Tools	&	
Methods

Sampling

Data	
management

Fieldwork



Data	collection	plan

Includes:
1. Sampling

2. Tools	and	methods
• questionnaires	and	instruments

3. Fieldwork

4. Data	Management

5. Budget

6. Timeline	of	activities

��



1.	Sampling

• Develop	sample	design	– sample	size	and	
geographic	distribution

• Get	an	updated	sample	frame	and	
corresponding	cartography
– Local	statistical	office,	Ministry	of	Health

• Do	we	have	to	generate	a	listing?
– before	the	survey	or	in	parallel?

• Compute	sampling	weights	and	sampling	
errors	as	necessary

��



2.	Tools	and	methods:	questionnaires

• What	do	you	want	to	know?	
– Tailor	your	survey	to	capture	outcomes	of	interest

• Use	reliable	and	valid	instruments
– Be	careful:	what’s	reliable	and	valid	in	one	cultural	
and	linguistic	context	may	not	be	so	in	another

– Adapt	it	to	the	country	specific	reality	and	local	
language(s)

• Save	time,	money	and	pain:	test	your	
questionnaire!

��



Best	practices	for	questionnaires

• Define	your	topics	and	concepts	to	avoid	
confusion

• Question	order	matters

• Keep	it	short	and	make	it	user-friendly	

• Phrase	questions	clearly

• Use	established	techniques	to	minimize	
respondent	mistakes	(e.g.	calendars	for	event	
histories)

��



Best	practices	for	questions	2

• A	good	question	is	understood	consistently	by	all	respondents

• A	good	question	is	administered	consistently	to	all	
respondents

• A	good	question	elicits	the	kind	of	answers	the	researcher	
wants:

• Bad	question:	When	did	you	move	to	Dar	es Salaam?
– A:	In	1964

– A:	When	I	was	20	years	old

– A:	After	I	finished	college

• Better	question:	In	what	year did	you	move	to	Dar	es Salaam?

��



Best	practices	for	questions	3

• A	good	question	is	one	where	the	
respondents	have	the	necessary	knowledge	to	
answer
– asking	a	good	question	of	the	wrong	person	is	a	
source	of	error	in	your	data

• A	good	question	is	one	where	the	respondent	
is	willing	to	provide	the	“true”	answer
– difficult	for	sensitive	questions

��



Best	practices	for	questions	4

• Ask	about	firsthand	experience

• Ask	one	question	at	a	time
– Bad	question:	Are	you	physically	able	to	do	things	
like	walk	or	carry	a	full	water	bucket	without	
difficulty?

– Better	question:	Are	you	physically	able	to	carry	a	
full	water	bucket	without	difficulty?

��



Who	are	your	respondents?

• Different	respondents	require	different	
techniques,	e.g.	youth	are	a	tough	crowd:
– Often	mobile

– Not	always	well	informed

– Require	special	consent	procedures

– Cagey	about	socially	undesirable	behavior

– Can	have	low	literacy	levels

�	



Best	practices	for	sensitive	questions

• Use	open	questions	for	frequencies	of	undesirable	
behavior

• Design	long	questions	but	short	instrument

• Use	familiar	words	(know	local	terms)

• Ask	“have	you	ever	done	x”	before	asking	“are	you	
currently	doing	x”	for	socially	undesirable	behavior

• Embed	threatening	questions	in	a	list	of	more	or	less	
threatening	topics

�




List	randomization

• Two	groups	are	presented	with	a	list	and	ask	
how	many	apply.	One	group	randomly	
assigned	with	an	additional	sensitive	question.

��

other than researchers studying how entrepreneurs that are Arariwa
clients manage their household finances.

All respondents were asked to report their loan uses through direct
report and list randomization techniques. For the direct report, respon-
dents were asked to list up to five loans that they had taken out in the
past 12 months, by loan source and amount. They were then asked,
“Whichneed orwhichneeds did you coverwith this loan?” and allowed
to list up to three uses for each loan2. Though respondents were not
prompted with categories, surveyors matched uses against one of 18
possibilities (Table 1). Note that this thus is not a perfect match to the
list randomization question; the second study, detailed below, ad-
dresses this flaw by matching the questions more precisely. After
eight more questions related to personal finances, respondents were
presented with the list randomization module.

In surveyor training, we explained that the list randomization
intended to ask private questions in an anonymous fashion. The sur-
veyors did not understand the details of the calculation, but they un-
derstood that the process generated anonymity and the importance
of making this anonymity clear to clients. They also understood the im-
portance of maintaining the random assignment to treatment groups.

Prior to beginning the list randomization, surveyors were instructed
to demonstrate the technique using an example. Surveyors were pro-
vided with five innocuous statements printed on a piece of paper with
a clear clipboard placed over the sheet. Respondents were handed the
clipboards and asked to use a white board marker to put check marks
next to statements that are true for them. Next, respondents were
instructed to count the number of true statements before erasing their
check marks, returning the clipboard, and reporting the total count.
After confirming that the clients understood the anonymity ensured
by the process, surveyors began the list randomization module.

Clients were randomly selected to be presented with one of four
possible groups of three to six statements3. All clients received the
following three statements: “I used part of my Arariwa loan to buy
merchandise for my economic activity”, “I used part of my Arariwa
loan to buy equipment for my economic activity” and “I shared my
loan with another person”. Clients in group A (n=408) only received
these statements. Clients in group B (n=414) additionally received
the following statement: “I used at least a quarter of my Arariwa
loan on household items, such as food, a TV, a radio, etc.” Group C
(n=388) received the four previous statements, and the statement,
“I used at least a quarter of my Arariwa loan to pay for my family's
medical expenses.” Group D (n=401) received the previous five state-
ments and the statement, “I used at least a quarter of my Arariwa loan
to pay for my family's educational expenses.” By subtracting the mean
number of true statements for group A from the mean number of true
statements for group B, we get the proportion of clients that used a
quarter of their loan for household items. We similarly subtract B
from C and C from D to get the proportions of clients using their
loans on education or medical expenses.

In order to compare estimates, we match the loan uses from direct
report to those from list randomization. Since the direct report ques-
tion allows clients to list up to five loans from any source, we limit the
sample to only include Arariwa loans or communal loans facilitated
by Arariwa4. Due to cultural norms and surveyor training, “household

items” is best approximated by the direct report responses that are
classified as “consumption good”, “purchase clothing or shoes”, and
“other consumption need.”

Table 2 demonstrates a striking contrast in results between direct
questioning and list randomization. Direct questioning reveals only
7.7% of the sample volunteering household items as a use for any of
their Arariwa or Arariwa-facilitated loans. In comparison, the list ran-
domization technique suggests that 31.3% of the sample used at least
a quarter of their Arariwa loans on household items. Similarly, 2.2% of
the sample volunteered a health related loan use through direct ques-
tioning, whereas list randomization resulted in an estimate of 23.1%
of the sample using at least a quarter of their loan amounts on med-
ical expenses. Finally, the proportion for clients using loans for educa-
tional expenses is 7.1% through direct questioning, but 33.2% through
list randomization. Z-tests of proportions indicate that each of these
three differences is statistically significant.

Although the magnitude of the estimated underreporting here is
large, it is consistent with results from other studies. For example,
Karlan and Zinman (2007) look at the “cash loan” market in South
Africa, and compare self-reports on loans with administrative data.
They find that nearly 50% of respondents lie about their borrowing
activity.

There are several reasons why list randomization might produce
such different, and higher, estimates of loan uses than direct report.
Asking clients to do direct report first and list randomization second
biases the results. Future research could test this by randomizing
the order of direct report and lists. Another issue is whether list ran-
domization reduces lying, and/or facilitates recall. Future research
could test this by comparing direct reports versus list randomization
on topics not likely to be sensitive (e.g., asking about using microloan
proceeds for business expenses), and/or by testing how prompting
specific categories changes responses in direct elicitation.

2.3. Study 2: FMB, the Philippines

In our second mini-study, clients at three banks in the Philippines
were subjected to two questions at four different times during their
loan cycle. The questions aimed to get at the truth behind two state-
ments: (1) “I used 2500 pesos or more of my loan to pay down other
debt” and (2) “I used 5000 pesos or more of my loan on any single
transaction for my household”. (Respondents were asked to consider
the statements with regard to their most recent loan.) The four steps
of elicitation are detailed in Table 3. First, credit officers presented the
questions to clients on their loan application. Credit officers then pre-
sented the questions again when clients went to make their first loan
repayment. These two instances allow us to see how answers change
before and after the loan was granted.

Surveyors then visited clients, on average, twoweeks after the client
was granted a loan from one of the participating banks5. The surveyor
asked them to participate in a survey about “Health and Financial Ser-
vices.” Respondents had no reason to believe that the surveyors had
any connection to the bank. The first few questions asked about health
attitudes and behaviors so that clients would not think that the surveys
were coming directly from the bank. Surveyors had no information
about the three participating banks. Surveyors then asked the clients
the two questions explicitly. The difference between the responses
during the first repayment and the explicit questions from the surveyor
allows us to see how responses changewhen clients think the bankmay
bemonitoring their answers. At that time, surveyors also presented the
questions indirectly using list randomization.

2 Only 1.5% of the sample listed five loans, implying that respondents were not lim-
ited by the survey options to underreport loans. Similarly, 2.4% of all loans and 2.1% of
loans identified as “Loan from Arariwa” or “Loan from Communal Bank (facilitated b
Arariwa)” had three uses, implying that the three-use maximum was not binding for
most respondents.

3 The randomization was stratified by lending group. A subset of clients were ran-
domly selected to be surveyed, and if an individual was not found then there was a re-
placement list, randomly ordered, of individuals to survey. Any replacement individual
was assigned to the same list randomization treatment as the original target
respondent.

4 In piloting the survey, clients did not seem to differentiate between loans directly
from Arariwa and loans from the savings accumulated by peers in village banks orga-
nized by Arariwa.

5 We also surveyed some clients who were denied loans from the bank. These clients
were part of a larger overall experiment in which we randomized loan decisions on
marginally creditworthy clients. Future work will look at the difference in expendi-
tures amongst randomized clients, thus taking into account the fungability of money.
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List	randomization2. Design, data, and results

2.1. List randomization

Researchers in the social sciences have developed a variety of
techniques that attempt to elicit truthful responses to sensitive ques-
tions. One approach includes direct methods such as matching the
gender of surveyors and respondents, using forgiving language,
using unfolding financial brackets, and collecting data in private. A
second approach involves using indirect methods such as the random-
ized response technique, the bogus pipeline, and the list randomization
technique used here1.

List randomization, also known as the item count or unmatched
count technique, provides a simple way for respondents to report
on sensitive behavior without allowing the researcher or surveyors
to identify individual responses. To employ this technique, half of
the survey respondents are randomly selected to receive a short list
of statements (in our case a list of business investments) and asked
to report how many, but not which, statements are true. The other
half of the survey respondents are presented with the same list of
statements and one key additional statement designed to capture
sensitive behavior (in our case non-business investment or a type of
consumption). By subtracting the mean number of true statements

in the first group from the mean number of true statements in the
second group, researchers can estimate the proportion of the sample
that engages in the sensitive behavior.

Several studies suggest that the randomized list technique can yield
more accurate responses to sensitive survey questions compared to the
direct reportingmethod. Across 48 comparisons of direct report and list
randomization, one meta-analysis found that 63% of the estimates for
socially undesirable behavior were significantly larger when elicited
through list randomization (Holbrook and Krosnick, 2010). Amore lim-
ited meta-analysis found that while the list randomization estimates of
socially undesirable behavior were generally larger, particularly for
studies using undergraduate samples, the overall difference was not
significant (Tourangeau and Yan, 2007).

To validate themethod as ameans to elicit information about specif-
ically sensitive behavior, some studies have more precisely estimated
the effectiveness of the technique by comparing direct report to list ran-
domization for both sensitive and non-sensitive questions. Tsuchiya
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1 The randomized response technique was first developed in 1965 by Stanley Warner
as a process in which a randomizing device such as a spinner would select one of two
statements about a sensitive topic. The spinner would select one statement with known
probability p and the other statement with probability 1-p. The respondent would then
inform the surveyor whether or not she agreed with the selected statement, without dis-
closing which statement was selected by the spinner. Other indirect methods include the
unrelated question technique, the forced alternative technique, and the bogus pipeline
technique. In the unrelated question technique, respondents are asked to answer “yes”
or “no” to one of two randomly selected questions: the sensitive question or a question
with a known probability of a “yes” answer. In the forced alternative technique, the re-
spondent is presentedwith a sensitive question and thenuses a randomizing device to de-
termine whether to respond “yes”, “no”, or to present her true response. The bogus
pipeline technique tells respondents they are being monitored by a lie detector.

Table 2
Comparison of direct report and list randomization estimates from ICT financial literacy
project in Peru.

Loan
Use:

Household
Items (1)

Health
(2)

Education
(3)

Direct report
Proportion reporting this use 0.077 0.022 0.072

SE (0.007) (0.004) (0.006)
N 1650 1650 1650

List randomization
Mean of “Yes” responses for
short list 1.213 1.527 1.758

SE (0.031) (0.038) (0.049)
N 408 414 388

Mean of “Yes” responses for
long list 1.527 1.758 2.090

SE (0.038) (0.049) (0.055)
N 414 388 401

Difference (proportion
reporting this use) 0.313 0.231 0.332

SE of difference (0.049) (0.062) (0.074)
p-value from ttest 0.000 0.000 0.000

N 822 802 789
Comparison of direct report and
list randomization
List randomization minus direct
report

0.236⁎⁎⁎ 0.209⁎⁎⁎ 0.261⁎⁎⁎

Z-test statistic for difference in
proportions

4.752 3.386 3.512

Standard errors in parentheses. Direct report question allows up to three uses to be
reported for each of five loans. Only loans directly from Arariwa or facilitated by
Arariwa are included. “Household items” question from list randomization is
matched to the following direct report options: “consumption goods”, “purchase
clothing or shoes”, and “other consumption need”. List randomization questions
required that over 1/4 of the loan was used for the specified purpose, whereas
the direct report question did not have a lower bound on proportion of loan used.
⁎ Significant at 10%. ⁎⁎ Significant at 5%. ⁎⁎⁎ Significant at 1%.

Table 1
Loan uses from direct response question from ICT financial literacy project in Peru.

Use Mean Standard error

Use, by category
Any production [responses (1) - (8) or (−666)] 0.758 0.011
Any consumption [responses (9) - (17) or (−667)] 0.300 0.011
Household item [responses (13), (15), or (−667)] 0.077 0.007

Use, by specific response
(1) Purchase land 0.022 0.004
(2) Purchase equipment 0.068 0.006
(3) Agricultural inputs (fertilizer, pesticide, etc) 0.051 0.005
(4) Purchase animals 0.179 0.009
(5) Animal husbandry inputs (fodder, medicines, etc) 0.021 0.004
(6) Raw materials 0.090 0.007
(7) Purchase merchandise 0.411 0.012
(8) Purchase of assets to enable a shop or office 0.021 0.004
(9) Education 0.072 0.006
(10) Health 0.022 0.004
(11) Ceremonies (weddings, funerals, etc) 0.004 0.002
(12) Purchase of vehicles 0.020 0.003
(13) Consumption goods 0.052 0.005
(14) To pay off another loan 0.042 0.005
(15) Purchase clothing and shoes 0.008 0.002
(16) Travel 0.008 0.002
(17) Home improvement 0.067 0.006
(−666) Other productive need 0.061 0.006
(−667) Other consumption need 0.020 0.003

N=1650. An individual use=1 if it is listed as any of three possible uses across any of
five possible loans. Only loans identified as “Loan from Arariwa” or “Loan from
Communal Bank (facilitated by Arariwa)” are included. Only 2.1% of those loans had
three uses, implying that the three-use maximum was not binding for most
respondents.
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How	will	you	capture	the	data?

• Self	Administered	Questionnaire	(SAQ)

• Telephone	(CATI,RDD)

• Paper	and	pencil	Interview	(PAPI)
– Data	entry

– Scannable forms

• Computer	Assisted	Personal	Interview	(CAPI)

• Audio	Computer	Assisted	Self	Interview	
(ACASI)

��



Questionnaire	development

• The	survey	researchers’	axiom:
– Everyone	thinks	they	can	design	a	questionnaire

• Include	an	experienced	survey	research	
organization	in	the	development	of	your	
questionnaire	

• Begin	with	examples	of	successful	
questionnaires	fielded	in	similar	settings

��



Questionnaire	testing

• Evaluate	your	questions	
– Conduct	focus	groups

– Conduct	cognitive	testing

• Evaluate	your	questionnaire	and	procedures
– Conduct	full	field	pretest

• Revise	questionnaire	and	procedures

��



3.	Fieldwork:	staffing	and	training

• Interviewer	staffing	and	training	is	directly	related	to	
data	quality

• Recruit	supervisors,	interviewers	and	data	entry	
operators	very	carefully

• All	materials	must	be	finalized	before	training	begins:
– Training	materials

– Field	manuals

– Questionnaires

– Data-entry	program
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Train	interviewers	thoroughly

• Training	should	have	four	main	elements
1. plenary	sessions:	introduction	and	lectures

2. practical	work	in	small	groups:	
• simulated	interviews,	role	playing,	interpreting	inconsistencies,	
etc.	

3. practice	fieldwork

4. candidate	assessment

• High-quality	training	takes	time
– Plan	to	spend	roughly	2-4	weeks	depending	on	
questionnaire	complexity

– This	is	often	underestimated
��



Field	management	for	quality	data

• Maximize	response	rates:
– Schedule	visits	sensibly

– Follow	up	with	non-respondents

– Consider	incentives	

– Gather	locating	data	for	follow	up

• Employ	Computer	Assisted	Field	Entry	(CAFÉ)

��



Composition	of	a	“field	team”

�	

Supervisor Interviewers Anthropo
-metrist

Data	entry	
operator



Field	management
Mobile	teams	with	integrated	data	entry
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Computer-assisted	field	entry	(CAFÉ)

• provides	immediate	feedback	on	the	
performance	of	the	field	staff

• allows	early	detection	of	any	inappropriate	
behavior

• enables	inconsistencies	to	be	corrected	at	
their	source	by	re-visiting	the	HH,	rather	than	
ex-post	“data	cleaning”	based	on	assumptions
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4.	Data	management

• Develop	a	data	entry	program	that	includes	
quality	control	checks

• Include	data	management	procedures	that	
emphasize	confidentiality
– Remove	unique	identifiers	when	transmitting	and	
storing	the	data

• Monitor	your	sample	carefully	using	frequent	
supervision	reports
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5.	Budget

• Survey	data	collection	can	be	expensive
– But	it	isn’t	as	expensive	as	carrying	out	programs	
that	are	not	effective.	

• The	long	term	savings	of	conducting	a	
thorough	impact	evaluation	with	quality	data	
collection	can	be	immeasurable	in	social	terms

• High	quality	data	is	vital	to	conducting	an	
effective	impact	evaluation
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How	much	is	this	going	to	cost?
[hint:	quite	a	bit]

• 1,000	primary	schools

• head	teacher	
questionnaire

• teacher	questionnaire

�	

• 320	primary	schools

• 10	student	
questionnaires

• test	of	40	students



How	much	is	this	going	to	cost?
[hint:	quite	a	bit]

USD

$200,000

�


• 320	primary	schools

• 10	student	
questionnaires

• test	of	40	students



How	much	is	this	going	to	cost?
[hint:	quite	a	bit]

USD

$50,000
• 1,000	primary	schools

• head	teacher	
questionnaire

• teacher	questionnaire
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Large	variations	in	cost

320	schools

• USD	$200,000

1,000	schools

• USD	$50,000

��

Big differences!
• Scale of survey
• Size of country
• Labor costs
• Difficulty in getting to schools

Household surveys: More expensive 



6.	Timeline:	quality	data	collection	takes	time

Activity Timing	Needed

1.			Procurement 2-4	months

2. Development	of	Sample Depends on	sample	design	and	
availability	of	sample	frame

3.			Adapt	and	test	questionnaire to	the	
local	conditions

4-6	weeks

4.			Staffing	and	training 2-4	weeks	for	recruitment	and selection,	
2-4	weeks	for	training

5.			Data	management 4-6	weeks

6.			Data	Collection 2+	months

��



M
1

M
2

M
3

M
4

M
5

M
6

M
7

M
8

M
9

M
10

M
11

M
12

M
13

M
14

1.	Management,	Financing,	
Logistics and	Institutional	
Agreements

2.	Sample

3.	Questionnaire design

4.	Data	management

5.	Staffing and	training

6.	Survey	in	the	field. 16	
weeks?

7.	Database	preparation

8.	Analysis.	2	months?
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Sample	project	plan:	30	minute	PAPI
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Quality	data	collection:	summary

1. Pretest	data	collection	plan	and	
questionnaires,	leaving	time	for	adjustments

2. Select	interviewers	carefully,	train	them	
thoroughly	and	evaluate	them	dutifully

3. Use	“Field	Team”	approach	and	CAFÉ	when	
possible
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Quality	data	collection:	summary

4. Data	collection	is	expensive:	choose	your	
mode	and	sample	sizes	wisely

5. Build	a	realistic	timeline	with	sufficient	time	
for	questionnaire	development,	testing,	
training	and	adjustments
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