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Normative Commitments
What people think is the right or just thing to do
Consequences
• Different groups often have different normative commitments
• Group conflict
Formation
• Market and behavioral influences on legal ideas and notions of
justice

• Legal compliance and development of rights
Measurement
• Revealed preference
• Big data

Introduction
Does law shape values?
• Origins of Rights? (Acemoglu and Jackson 2014; Benabou and Tirole 2012)
• Social Movements? (Madestam, Shoag, Veuger, Yanagizawa-Drott 2014)

Evaluate theories about the effects of law
• Law and Economics (deterrence) (Becker 1968)
• Law and Norms (policy shapes preferences) (Tyler 2006)

Expressive or Backlash?
• Consequentialist: Cost-benefit analyses

(Posner 1998)

• Legitimacy: Democratic will of the people

(Breyer 2006)

Conflicting views of courts
• Intervenes on issues of national concern with sharp public divisions
• Places those issues beyond the reach of democratic debate
• How does it do so?
• No consensus on its ability to alter public opinion

Republican Tutor
• Positively shape public preferences on matters of law and right
• Drawing on institutional legitimacy (Caldeira and Gibson 1992)
• But court opinions rarely greeted with universal praise (cf. op-eds)

Constrained
• Ineffectual in promoting legal rights or shaping public preferences
(Rosenberg 1991; Egan and Citrin 2011)

• Can stimulate backlash that undermines the legal ruling
Post and Siegel 2007)

• But why do we see battles during judicial confirmation

(Sunstein 2007;

Polarization
• Decision serves as an ideological cue
• Partisan divide become more pronounced (Huq and Mentovich 2015)
• Court interventions processed through partisan filter (Fontana & Braman
2012)

• Identity influences the way in which voters process information
• Preferences over laws: endogenous & exogenous (Campbell 1960, Jost 2006)
• Citizens make errors of fact correlated with partisanship (Bartels 2002)
• Leaders issue partisan cues (Baum and Groeling 2009; Cohen 2003, Bullock 2011)
• Partisan perceptions about court decisions (Dolbeare and Hammond 1968)
• Abortion: 2-year window around Roe v. Wade found
polarization (Franklin and Kosaki 1989)

• Subsequently increases support across all groups (Hanley et al 2012)
• No interaction with partisanship (Brickman and Peterson 2006)

Roadmap
Background
Methodology
Results
• Manipulation Check
• Revealed Preference
• Normative Commitments

Model
• Backlash then expressive

Republican Tutor
• Supreme Court Justices used to ride circuits around the U.S.,
perceived as having a tutelary mandate regarding new law
• Broad support (institutional legitimacy, trust in the institution)
• Court compares very favorably vs. other institutions
• Real impacts of court decisions is consistent with significant
investments to shape appointments and court docket

Evidence
• In localities where the case arose, public (est. 630,000 people) is
influenced in direction of court’s ruling

(Hoekstra and Segal 1996)

• Experimental replications for affirmative action, phone rate
regulation (Clawson et al 2001), Establishment Clause (Unger 2005, Perry 2008),
health-care reform (Christenson and Glick 2014), gay rights (Stoutenborough et al 2006)
• Abortion: Ura (2014) identifies initial backlash and long-term public
opinion follows court ruling
• Majority coalition and treatment of precedent influenced propensity
for agreement, whether or not they initially agreed with the opinion
(Zink, Spriggs, Scott 2009)

• except for abortion

Constrained and Ineffective
• Court decisions largely follow but do not affect public opinion

Evidence
• 18 court cases, before-after (Marshall 1989)
• Experiments (Baas and Thomas 1984); No effect of telling respondents
about Court decisions

(Egan and Citrin 2011)

• Any effect may be mediated by mass media and partisan elites

(Linos

and Twist 2014, Nicholson and Hansford 2014)

• Or only initially it matters (Johnson and Martin 1998)
• Thermostatic: resistance then return (Weizen and Groggin 1993)

Resistance
•
•
•
•

Desegregation

(Bartley 1969)

Brown v. Board: “caused whites to kill or beat blacks”

(Klarman 2004)

Massive non-compliance to repudiating school prayer (Dolbeare et al 1971)
Criminal procedure liberalization led to legislative workarounds (Stuntz
1996)

Our Study
Contribution
•
•
•
•
•

Many Circuit Court decisions (vs. 1 Supreme Court decision)
Large sample (vs. N = 145)
Not anticipated; exogenous (vs. anticipated, endogenous)
Population representative (vs. MTurk)
Immediate and long-term (vs. less than 1-month)

•
•

argue short-term effects matter: “politics is a game of days and months”
gain an issue on which to mobilize and motivate voters

• Repeated cross-section (vs. Panel)
• liberals and conservatives more strongly affirm their prior views
corporate religious liberty case doubles prior differences

• Revealed preference (vs. stated preference)
• Field (vs. lab variation in the rules of the games to mimic the law)
• Legal Area with Emotional Salience – Abortion
• Model (stylized, simple)

Empirical Challenges

Selection of cases into courts

Cross-fertilization between legal areas

Endogeneity of legal decisions
• Random Variation in Legal Precedent

Empirical Challenges

Heterogeneity

Pro-choice and pro-life decisions likely do not have opposite
effects that are equal in absolute value

Disentangle the effect of pro-choice decisions from pro-life
decisions relative to the counterfactual of no decision
• Random Variation in Presence of Case

Methodology

•
•
•
•
•

Deciding issues of new law Innovation of Rights
Binding precedent within circuit
Random assignment of judges
Biographical characteristics predict decisions
General equilibrium response incorporated

Graphical Intuition of IV

12 Circuits

Judicial Data

Legal Cases
All 145 abortion appellate precedents from 1971-2004

Summary Statistics

• Substantive:
• challenges to state statutes, local ordinances, or other government
policies regulating abortion access

• parental notification or consent requirements for minors seeking
abortions

• prohibitions on state funding for abortions
• “partial-birth” abortion bans
• challenges to restrictions on anti-abortion protesting
(Sunstein et al 2006; Kastellec 2013)
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Specification
Our structural model is:
Y ict = β0 + β1 Lawct + β2 1[Mct > 0] + β3 Cc + β4 Tt +
β5 Cc ∗ Year + β6 Wct + β7 Xict + εict
• Yict : state laws restricting abortion (Blank et al 1996), donations
(3.5m campaign donations to abortion-related causes), abortion
preferences
• Mct : number of abortion cases
• Lawct : percent of cases that were pro-choice

• 1. Drop when there are no cases, we restrict to Circuit-years with
1[Mct > 0] = 1

• 2. Average of pro-choice decisions (+1), pro-life decisions (−1), and
no decision (0) (approximately makes the restriction that β2 = 0)

• 3. Constant when there are no cases and control for the presence of
a case (β1 has the same interpretation in the first and third
specification)

Instrumental Variable

• Proportion of judges who tend to be pro-choice
(
pct =

Nct /Mct
0

Moment Conditions

if 1[Mct > 0]= 1
if 1[Mct > 0]= 0

• In principal, 398 experiments (24 years x 12 circuits + 10 years
x 11 circuits)

• Cluster at Circuit or wild bootstrap standard errors
• Barrios et al (2012) cluster at level of randomization

Judges’ Politics, Race, and Religion
Predict Abortion Jurisprudence
• Democrats are 17% more likely to vote pro-choice
• An additional Republican, religious, or minority judge on a 3-judge panel
•

increases the likelihood of a pro-life decision by roughly 9-10%, 12-13%,
and 17%, respectively
LASSO IV: Democrat, Secular, Minority Republican, Black In-state BA

Democrat
Secular
Non-white

(1)
0.165∗∗
(0.0469)
0.0744
(0.0530)
0.0127
(0.0942)

(2)
0.227+
(0.107)
0.228
(0.143)
-0.171
(0.160)

(3)
0.375∗
(0.125)
0.366
(0.207)
-0.453∗
(0.162)

(4)
0.288+
(0.144)
0.379
(0.245)
-0.512∗
(0.177)

Repub. X Non-white
In-state BA X Black
N
R-sq
F-stat
Pro-choice measure
Controls
Analysis level

326
0.0318
11.89
Judge Vote
No
Judge

142
0.0395
2.232
Panel Vote
No
Panel

44897
0.640
8.327
% Pro-choice
No E(x)
GSS

44897
0.646
4.982
% Pro-choice
Yes
GSS

(5)
0.179∗∗
(0.0411)
0.0667
(0.0556)

(6)
0.240∗
(0.108)
0.209
(0.128)

(7)
0.298+
(0.143)
0.323+
(0.169)

(8)
0.221
(0.152)
0.301
(0.184)

0.0787
(0.224)
-0.171
(0.157)
325
0.0347
7.761
Judge Vote
No
Judge

0.256
(0.572)
-0.900∗∗
(0.176)
142
0.0680
9.674
Panel Vote
No
Panel

-1.052∗
(0.429)
-1.259∗∗
(0.269)
44897
0.671
15.51
% Pro-choice
No E(x)
GSS

-1.261∗
(0.422)
-1.002∗
(0.346)
44897
0.674
16.26
% Pro-choice
Yes
GSS

Dependent variable is 1 if pro-choice or share of pro-choice decisions in a given Circuit-year. GSS-level always
includes a control for the presence of a case, fixed effects for Circuit and for year. E(x) is the expected proportion
of panel judges with the analyzed characteristics. Standard errors are clustered at the Circuit-year level.
Falsification

Correlation for Judges Reflects Population
Correlation

Democrat

(1)
Index
-0.00168
(0.00503)

(2)
Index

(3)
Index

(4)
Index

-0.208∗∗
(0.00602)

Secular

0.0685∗∗
(0.00664)

Non-white

(6)
Index
-0.0149∗∗
(0.00472)
-0.205∗∗
(0.00589)
0.0645∗∗
(0.00643)

0.0899∗∗
(0.0171)

Repub. X Non-white
Repub. X In-state
Observations

(5)
Index

32982

32982

32982

32982

0.0886∗
(0.0286)
887

32982

Dependent variable is average of answers to questions about the legality of abortions in different circumstances
(higher value means more pro-life). Variable “in-state” is the best proxy for in-state BA degree found in the GSS –
whether the respondent lives in the same state where s/he grew up. All models include Circuit and year fixed
effects. Standard errors are clustered on Circuit-year level.
District IV

Interpretation of β1 Lawct + β2 1[Mct > 0]

Dummying for the presence of a case permits the identification of
additional counterfactuals.
• β1 captures the effect of progressive precedent where the
counterfactual is a conservative precedent
• β1 + β2 captures the effect of progressive precedent where the
counterfactual is no precedent
• β2 captures the effect of conservative precedent where the
counterfactual is no precedent.

Interpretation of 2SLS

In common law, hard cases (compliers) precede easy cases
(always/never-takers)
• Compliers are the hard cases whose decisions are affected by
judicial biography (Chen, Moskowitz, and Shue 2015; Chen and Spamann 2014; Berdejo and
Chen 2014)

• β1n captures hard cases n years ago; their subsequent effects
at t = 0 can be decomposed into delayed direct effects and to
subsequent easy cases that cite these hard cases.
•

P∞

n=0 β1n

=

P∞

n
n=0 TOTct

=

P∞

n
n=0 LATE ct

Interpretation of Experiment vs.
Population
Population: TOT of the Circuit =
(Experimental: TOT direct ) * P(exposuredirect ) +
(TOT indirect of individuals) * P(exposureindirect )
• Experiments estimate TOT direct for individuals
• Known parameters: TOT Circuit and TOT direct
• Unknown parameters: TOT indirect and P’s
• If prior is that P(exposuredirect ) is small, then
• Indirect exposure in the form of expressive externalities
may be large.

Recap
• District Judge Bio → Circuit Case Appeal → Circuit Judge
Bio → Circuit Case Decision → Precedential Effects (e.g.,
State Laws) → Promulgation (e.g., News) → Stated
(GSS) & Revealed Preference (Donations) Data details
• LASSO (Belloni, Chen, Chernozhukov, Hansen 2012)
• Separate first stages
• Visual Hausman test
• Promulgation

Separate First Stage details
Visual Hausman details

(Chen, Yeh, and Araiza 2012)

• Exclusion restriction

LASSO details

Newspapers

(Badawi and Chen 2014)

• Randomization check (Chen and Sethi 2011) Randomization details
• Precedent check (Chen, Frankenfurter, and Yeh 2014)

Impact on State Laws

•
•
•
•

Index of state laws which takes into account (i) regulations requiring mandatory
delay, (ii) banning the use of Medicare payments to fund abortion, or (iii)
requiring parental notification
Immediately observed after 1 year, but becomes statistically significant by the
second year and remains statistically significant thereafter
Pro-choice decision causes 18% smaller likelihood in each of the state
regulations that restrict abortion access in each state
No lead effect, which is one of the omnibus checks for endogeneity: state laws
are not changing in advance of the Circuit precedent

Donations

• β1 Lawct combines two effects
• Pro-choice decisions reduce pro-choice donations (e.g., after a win,
donors are satisfied)

• Pro-life decisions increase pro-choice donations
• Difficult to distinguish these two effects
• Dependent variable is log of total, which means combined effect is 18%
drop in donations

Donations

•

(Weak) inference that pro-life decisions increase pro-choice donations by reading
β2 1[Mct > 0]

•

Weak inference that pro-choice decisions increase

Pro-life donations

Abortion Attitudes

•

“Should it be illegal for a woman to obtain abortion if...”:

•
•
•
•

Republicans strongly increase pro-life attitudes in response to pro-choice
decisions, especially for “Should it be illegal for a woman to obtain
abortion for any reason ?”
Franklin and Kosaki (1989) report that Roe v. Wade polarized the public
over “discretionary” abortions
Republicans respond to pro-choice precedent and not to pro-life precedent

Results on Democrats not as sharp, perhaps because pro-life decisions are
not perceived as morally repugnant

Abortion Attitudes 2 Years Later

• We can reject hypothesis of persistent backlash
• Similar to Ura (2014) identifying instantaneous backlash and
immediate decay

Counterfactual

• Counterfactual where each decision had been decided the opposite way
• Compute on Circuit level then aggregate to National level
• Attitudes would have been more polarized

Polarization

Morally repugnant decisions impact stated (and revealed) preferences

Backlash and Legitimization

Instantaneous backlash, then countervailing long-run effect that follows the law

Model
2 periods, actions at t = 0 that may result in abortion at t = 1
• Utility of no abortion: 0; an abortion yields: −ua < 0
• After an abortion, no subsequent change to utility from
additional abortions (“What the hell”, concave cost to
deviating from duty)
• q (laws, access to abortion, exogenous) -> ↑Pr(abortion)
• p (attitudes, donations, endogenous) -> ↓Pr(abortion)
• c(p) ≥ 0, c 0 > 0, c 00 > 0
• P(q − p), P 0 > 0, P 00 > 0
max{(P(q − p)) (−ua ) − c(p)}
p

max{−P(q − p) − c(p)}
p

Dynamics of Law and Norms
• If the agent has already had an abortion, p ∗ = 0
• else, P 0 (q − p) = c 0 (p)
• s0 share of the population have not had an abortion
• Assume share of abortions in the society is at steady-state
•
•
•
•

s = P(q − p) will have an abortion at t = 1
share α of new people enter; β exit
s0 (1 − s)(1 − β) + α is share without abortion at t = 1
A steady state obtains if:
s0 (1 − s)(1 − β) + α = s0

Equilibrium Effect of Laws
• Implicit Function Theorem yields:
∂p ∗ (q)
P 00 (q − p ∗ )
= 00
∂q
P (q − p ∗ ) + c 00 (p ∗ )
• Since P 00 > 0, and c 00 > 0:
0<

∂p ∗ (q)
<1
∂q

• Pro-choice decision at t = 0 stimulates p: initial backlash
• Overall anti-abortion attitude is: s0 p
• At t = 1, both p ∗ and s0 will change
s0 p ∗ =

αp ∗
αp ∗
=
s ∗ + β − s ∗β
P(q − p ∗ ) + β − P(q − p ∗ )β

Backlash or Expressive?
• q increases both the numerator and the denominator
s0 p ∗ =

αp ∗
P(q − p ∗ ) + β − P(q − p ∗ )β

• Overall effect depends on the relative increase of p in the
numerator compared to increase of P(q − p ∗ ) in the
denominator
• If large increase in p ∗ offsets the increase in the probability of
abortions, then long-term equilibrium also displays backlash
• Otherwise, at t = 1, the overall effect of a pro-choice
decision reduces negative attitudes, i.e. expressive

Conclusion
• Whether policies shift preferences is relevant to policy design
• Exploit the random assignment of U.S. federal judges creating
geographically local precedent
• Judges’ politics, religion, and race predict decision-making in
abortion jurisprudence

• Pro-choice abortion decisions shifted stated and revealed -0 s
• Affected campaign donations
• Shifted preferences against legalized abortion
• Pro-choice decisions affected Republicans while pro-life decisions
affected Democrats

• Historical narrative that turning to courts often led to
mobilization and acceptance
• Finding of polarization helps reconcile conflicting views on courts
(Republican tutor or constrained)

• Opposing (repugnant) decision potentially serves as a cue

LASSO method
• Law need not be coded as a binary indicator, pro-plaintiff,
pro-government, pro-privacy, etc.
• Law can be coded in more nuanced manner
• multiple binary indicators for each dimension of the
decision
• continuous
• multinomial logit
• damages awarded
• The use of multiple instruments and LASSO identifies the
causal effects of different aspects of the law simultaneously
- Dantzig selector accounts for correlated candidates
- Conceptualize naive IV as chosen by group LASSO

Polarization

Conservative decision may have greater impact on liberals’ views and trust in
the court Previous Studies

Backlash and Legitimization

Instantaneous backlash, then countervailing positive long-run effect
Republican Tutor

Instrument
Moment Conditions
• If we use Nct /Mct − E(Nct /Mct ) as the instrument:
E[(Nct /Mct − E(Nct /Mct ))εict ] = 0.
• Construct an instrument, pct − E(pct ), whose moment
conditions are implied by the original moment conditions.
(

pct =

Nct /Mct
0

if 1[Mct > 0]= 1
if 1[Mct > 0]= 0

• E[(pct − E(pct ))εict ] = Pr[Mct > 0]E[(pct − E(pct ))εict |Mct >
0] + Pr[Mct = 0]E[(pct − E(pct ))εict |Mct = 0]
• = Pr[Mct > 0] ∗ 0 + Pr[Mct = 0] ∗ 0 = 0
•

Furthermore, E[(pct − E(pct ))εict ] = E(pct εict ) − E[E(pct )εict ] =
E(pct εict ) − E(pct )E(εict ) = E[pct εict ].

Specification

Falsification
Democrat
Secular
Repub. X Non-white
In-state BA X Black

(1)
0.221
(0.152)
0.301
(0.184)
-1.261∗
(0.422)
-1.002∗
(0.346)

Democrat (-1)

(2)

(3)

(4)

-0.211
(0.147)
0.0994
(0.167)
-0.314
(0.392)
-0.318
(0.288)

Secular (-1)
Repub. X Non-white (-1)
In-state BA X Black (-1)
Democrat (-2)

-0.000551
(0.100)
0.0571
(0.154)
-0.352
(0.246)
-0.486
(0.335)

Secular (-2)
Repub. X Non-white (-2)
In-state BA X Black (-2)
Democrat (+1)

-0.175
(0.241)
-0.388
(0.253)
-0.474+
(0.261)
0.751
(0.642)

Secular (+1)
Repub. X Non-white (+1)
In-state BA X Black (+1)
Democrat (+2)
Secular (+2)
Repub. X Non-white (+2)
In-state BA X Black (+2)
N
R-sq
Joint F-test
Controls
CY with no cases

(5)

44897
0.674
16.26
All
Dummied

44897
0.257
6.912
All
Dummied

44897
0.268
1.962
All
Dummied

42085
0.295
2.572
All
Dummied

-0.202
(0.135)
0.0389
(0.111)
1.345
(0.923)
0.160
(0.855)
42085
0.322
4.916
All
Dummied

Summary Statistics
Number of judges
Number of abortion panels per circuit-year
Proportion of circuit-years with abortion panels
Proportion of Pro-choice decisions when case is present
Actual number of Democrat appointees per seat
Actual number of Secular appointees per seat
Actual number of Repub. X Non-white appointees per seat
Actual number of In-state BA X Black appointees per seat
Expected # of Democrat appointees per seat
Expected # of Secular appointees per seat
Expected # of Repub. X Non-white appointees per seat
Expected # of In-state BA X Black appointees per seat
Number of circuit years
Data

11.30
(4.626)
0.357
(0.605)
0.294
(0.456)
0.548
(0.473)
0.461
(0.326)
0.167
(0.267)
0.0178
(0.0749)
0.0245
(0.0891)
0.436
(0.161)
0.160
(0.156)
0.0168
(0.0380)
0.0231
(0.0404)
398

Innovation of Rights
• Theoretically, evolution of common law through innovation of distinctions
expands or contracts the space over which subsequent actions may be
found liable (Gennaioli and Shleifer 2007)

• Abortion example: Fifth Circuit invalidate a Mississippi statute

•
•

•

requiring its doctors to obtain admitting privileges at local hospitals
but allowed an identical Texas statute, resulting in one-third of
Texas abortion clinics shutting down
Fifth Circuit took into account the potential consequences on
abortion access for women living in the state.
A new Texas statute requires abortion clinics to meet the building
standards of ambulatory surgery centers; this statute was allowed by
the Fifth Circuit in the Fall of 2014 while it considered the appeal
to invalidate the new statute.
If allowed, this statute would reduce the number of centers
operating in the state to fewer than 10. Map

Interpretation

Mct and Lawct are typically 1 or 0, but the typical Circuit-year is unlikely
to have a case. Scale the coefficients to measure typical effects:

• β1 * E[Lawct |1[Mct > 0]] * E[1[Mct > 0]]
• β2 * E[1[Progressivect > 0]]+β1 * E[Lawct |1[Mct > 0]] *
E[1[Progressivect > 0]]
• β2 * E[1[Conservativect > 0]]

Results

Dynamic Effects
The presence of cases 1[Mct > 0] may correlate with omitted
variables.
• Use the random assignment of district judges to instrument for the
presence of cases.

• Some district judges are more likely to be reversed on appeal.

(Sen

2011)
K1t ∗

L1t
K1t



+...+K6t ∗

L6t
K6t



• wct =
K1t +...+K6t


• w̃ct = K1t ∗ KL1t1t − E KL1t1t + ... + K6t ∗ KL6t6t − E KL6t6t
• Law of Iterated Expectations (LIE) addresses
 potential
endogeneity or absence of Kit and in E

Lit
Kit

Proof

• Identifying both 1[Mct > 0] and Lawct permit leads in distributed lag
specifications to serve as falsification check.

• Can define Lawct : +1/0/-1 for progressive/no case/conservative (average
per Circuit-year)

• Identification assumption: the effects of progressive and
conservative precedent are opposite and equal in absolute value.

• No need to include or instrument for 1[Mct > 0]

District IV First Stage
Table 1: First Stage: Relationship between Judicial Biographical
Characteristics in District Cases and the Presence of an Appeal in Circuit
Courts
Prior Congressional Counsel
Democrat X High ABA Score
Republican X Age<40 When Appointed

(1)
0.380∗∗
(0.0832)
-0.0231
(0.0232)
0.00676
(0.101)

Born in 1920s X Other Federal Exp.
N
R-sq
F-stat
Controls
Analysis level
Graphical Intuition

44897
0.300
25.81
FE
GSS

(2)
0.335∗∗
(0.0972)
-0.0218
(0.0251)
-0.0120
(0.0963)
0.0675∗
(0.0287)
44897
0.309
19.83
FE
GSS

Graphical Intuition of IV
Random Variation by Circuit: Democrat
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LASSO
Basic Idea
We have a large number of biographical characteristics.
- Weak instruments problem with too many instruments

LASSO (Belloni, Chen, Chernozhukov, Hansen 2012)
- LASSO minimizes sum of squares subject to sum of absolute value of coefficients
being less than a constant
- Sparse: Add penalty for too many coefficients; force less important coefficients = 0
- Continuity: stability of predictors
- OLS: low bias, large variance – but lacks the above
- Joint F goes up 100%

Implementation
- All per-capita biographical characteristics supplemented with two-way interactions at
the judge and panel-level
- Optimal penalty is a function of number of candidates
Recap

Visual Hausman
Partial or “Set” identification
Report the 2SLS estimates from the top 50 instruments

Recap

Separate First Stages
• With many endogenous variables and many instruments,
danger of overfitting with instrument from “wrong” year
Y ict = β10 Lawc(t) + β11 Lawc(t−1) + ... + εict
• Lc(t) = Z0 Π0 + u0 , where Z0 =

h

• Lc(t−1) = Z1 Π1 + u1 , where Z1 =

pc(t)
h

pc(t−1)

• Set X̂ = [ L̂c(t) L̂c(t−1) ... L̂c(t−j) ]
•
•
•

i
i

for j = 0, 1, ...

L̂c(t−j) = Zj Π̂j = Zj (Zj0 Zj )−1 Zj0 Lc(t−j)
0

0

0

0

β̂ = ( X̂ nX )−1 X̂ nY = β + ( X̂ nX )−1 X̂n ε
√
0
0
Let Q̂ = ( X̂ nX ), then n(β̂ − β) = Q̂ −1 X̂√nε

•
•

z0z
z0ε
1 X̂ 0 ε = √
1 Xj zj ( j j )−1 z 0 ε = Γ̂√n j
√
j
n
n
n j
n n
0
√
√ zj ε
n n → N(0, Φj ), so n(β̂ − β) → N(0, V ), V

= Q −1 ΓΦΓQ −1

Recap

Appellate Randomization Check E[pct εict ] = 0
• Interviews of circuit courts and orthogonality checks of observables
(Chen and Sethi 2011)

•

What about endogenous settlement?

•
•
•
•

What about endogenous publication decision?

•
•
•
•

Judges are revealed very late
Parties are unlikely to settle in response to judge identity
Settlement is unaffected by earlier announcement of judges (Jordan
2007)

Publication decision is uncorrelated with judicial ideology (Merritt
and Brudney 2001)
Unpublished cases are not supposed to have precedential value
Decisions in unpublished cases are uncorrelated with judicial
ideology (Keele et al. 2009)

What about strategic use of keywords or citation of Supreme Court
precedent?

•

(Weak) Omnibus test: examine how similar the string of actual
panel assignments is to a random string (Chen 2013)

Survey
• 2-3 weeks before oral argument, computer
• randomly assigns available judges including visiting judges
• ensures judges are not sitting together repeatedly
• senior judges set how often they want to sit on cases
before they are entered into the program
• Randomly assign panels, randomly assign cases
• Panels are set up on a yearly basis, and ensured that
judges are not sitting together too often
• 8 weeks before oral argument, calendar is sent out,
judges can occasionally recuse
• If a panel has seen a case, it will see it again on remand
• Exceptions for specialized cases like death penalty

Random Strings
• 1. Propose a statistic Summarizing the yearly sequence of
numbers of democratic appointees per seat within a circuit.
• Test for autocorrelation (judges seeking out cases),
mean-reversion (judges ‘due’ for certain cases), and
longest-run (specialization)
• 2. Compute the statistic for the actual sequence, s*.
• 3. Compute the statistic for each of 1,000 bootstrap samples
like the actual sequence, i.e., s1 , s2 , s3 ... sn .
• 4. Compute the empirical p-value, pi by determining where s*
fits into s1 , s2 , s3 ... sn .
• 5. Repeat steps 1-4 and calculate pi for each circuit.

Random Strings

• p-values should look uniformly distributed
• (1001th random string should have a statistic anywhere
between 1-1000)
• Kolmogorov-Smirnov Test for whether the empirical
distribution of p-values approaches the CDF of a uniform
distribution

Appellate Randomization Check E[pct εict ] = 0

•
•
•

Test for autocorrelation (judges seeking out cases), mean-reversion (judges ‘due’ for certain cases), and
longest-run (specialization)
p-values should look uniform (1001th random string should have a statistic anywhere between 1-1000)
KS-Test for whether the empirical distribution of p-values approaches the CDF of a uniform distribution

Appellate Randomization Check E[pct εict ] = 0

•

Stack the strings across Circuits and across biographical characteristics and run
an autocorrelation test and compare the F statistic with F statistics generated
from randomly assigning available judges to cases

•
•

F-statistics for autocorrelation coefficient
Empirical F is ranked in the middle of the distribution of the simulated F
statistics.

Randomization
Not accounting for vacation, sick leave, senior status, en banc,
remand, and recusal can lead to the inference that judges are not
randomly assigned.
• Our identification strategy assumes that these kinds of
deviations from random assignment are ignorable.
• Even a gold-standard random process — the roll of a die —
has a deterministic element. If known with precision, the force
and torque applied to the die, the subtle air currents, the
hardness of the surface, etc., might allow us (or a physicist) to
determine with certainty the outcome of these “random” rolls.
• Despite this obvious non-randomness, we would still have faith
in the outcome of a trial with treatment assignments based on
die rolls because we are certain that the factors affecting the
assignment have no impact on the outcome of interest and
hence are ignorable.

District Randomization Check

E[wct εict ] = 0
and E[wct pc(t−n) ] = 0

• We confirm the method of random assignment by contacting all the
District Courts

• Rules for randomization are less systematic (Waldfogel 1995)
• But district judges are much more constrained
• Judicial ideology does not predict district court:
• settlement rates (Ashenfelter et al. 1995, Nielsen et al. 2010)
• settlement fees (Fitzpatrick 2010)
• publication choice (Taha 2004)
• decisions in published or unpublished cases (Keele et al. 2009)
• (Weak) Omnibus test: whether district court judicial biographical
characteristics in filed cases jointly predict publication (into the
sample of collected district opinions)

•

PACER (Swartz (~36% sample with judges)) district court case filings
linked to AOC (3-digit case category) and our data collection (of
published district opinions)

District Randomization Check

E[wct εict ] = 0
and E[wct pc(t−n) ] = 0

• District IV needs to be uncorrelated with unobservables and appellate IV.
• Our construction of wct
• permits endogenous Mit ,
• litigant forum selection
• endogenous local economic/government activity
• endogenous funding of cases in certain locations

• permits endogenous E MNii
• district judge retirement
• relative caseload of senior judges
• visiting judges

• In Circuit and District IV, E MNii is not computable for visiting, senior, and
magistrate judges (collectively <10%)

•

Preferred Solution: Drop these judges in constructing
Recap

wct

and

pct

Outcomes
Donations
Database on Ideology, Money in Politics, and Elections (DIME)
(1979-2012)
• 100 million political contributions made by individuals and
organizations to local, state, and federal elections

• We identify political contributions made to pro-choice and
pro-life tax exempt organizations and political candidates

• We identify 113 pro-choice and 307 pro-life donation recipients
• 3.5 million donations
• 13% of the records were of contributions to pro-choice recipients,
with a mean of $644 donated

• 87% were of contributions to pro-life recipients, with a mean of $272
• Over 20,000 cities with at least one abortion-related contribution

Outcomes
Abortion Preferences
General Social Survey (1973-2006)
• Overall trend

.3

Abortion attitudes index
.35
.4

.45

Abortion attitudes over time

1971

1976

1981

1986
Year

1991

1996

2001

2006

Outcomes
Abortion Preferences
General Social Survey (1973-2006)
• Summary statistics
mean
sd
min max
GSS respondents
Age
45.276 17.498 18
89
Female
.563
.496
0
1
Should it be illegal to have an abortion for a following reason:
Does not want more children
.558
.497
0
1
Mother’s health is endangered
.099
.299
0
1
Family is poor
.521
.499
0
1
Pregnancy is result of rape
.174
.379
0
1
Woman is single
.553
.497
0
1
Any reason
.599
.490
0
1
High chance of child’s defect
.188
.391
0
1
Recap

count
44736
44897
31876
32182
31825
31812
31807
26092
32040

Newspaper publicity?
• Studies have linked major, controversial Supreme Court
decisions such as Roe v. Wade with subsequent changes in
public opinions about abortion (Franklin and Kosaki 1989)
and have suggested that the media as well as other factors can
predict people’s awareness of these decisions (Hoekstra 2000).
• We collected data from 1979 to 2004 from NewsBank using
the search term: “abortion in All Text and appellate or circuit
in All Text and judgment or “court ruling” in All Text not
“Supreme Court” in All Text not state near10 appellate in All
Text”
• Data: Boston Globe, New York Times, Philadelphia Inquirer,
Richmond Times Dispatch, Times-Picayune, Cincinnati Post,
Chicago Tribune, St. Louis Post-Dispatch, San Francisco
Chronicle, Denver Post, Atlanta Journal and Constitution, and
Washington Post.

Newspapers

• Positive relationship between the number of abortion decisions and the
number of newspaper mentions

• Relationship between the number of pro-life decisions and newspaper
mentions is statistically significant at the 5% level
Recap

Donations

•

(Weak) inference that pro-life decisions increase pro-choice donations by reading
β2 1[Mct > 0]

•

Weak inference that pro-choice decisions increase pro-life

reading β1 Lawct and |β1 + β2 | > |β2 |

Donations

by

Abortion Attitudes

•
•
•

Republicans strongly increase pro-life Abortion Attitudes in response to
pro-choice decisions, especially for “discretionary” reasons
Magnitudes are ~14% more likely to oppose, which is equivalent to current
differential between Republicans and Democrats
Doubling is similar to experimental finding that
corporate religious liberty case doubles prior differences

Abortion Attitudes

•
•

Republican

Abortion Attitudes

respond to pro-choice precedent (β1 + β2 , β1 )

Response to pro-life precedent is negligible (β2 )

District IV

We need to show that:
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To show this, use the Law of Iterated Expectations (LIE):
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Moreover, again by LIE:
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is the deviation of the ratio of judge assignment characteristics from

the mean. It should therefore be independent of both ct , and M1 , ..., M6 . Therefore,
E
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