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Abstract

Do imports recover when tariffs are reduced? Answering this question requires separating
exposure to a tariff reversal from exposure to the preceding increase. We examine the
February 2026 U.S. tariff reset using public consumption-import data and a frozen statutory-
tariff model. A fixed basket covers 44 origins and 4,818 products at the six-digit Harmonized
System level. Poisson specifications absorb origin–product, origin–month, and product–
month fixed effects. In the January 2025–June 2026 window, a 10-percentage-point larger
net tariff cut is associated with 10.4% lower post-reset imports in the unadjusted specification.
Conditioning on the preceding tariff increase changes this association to 1.4%, with a 95%
sensitivity interval from −6.7% to 10.1%. Conditional estimates in shorter and extended
windows are also statistically indistinguishable from zero. Apparent late-post improvements
in unadjusted event studies do not survive freely varying controls for prior exposure. Joint
pre-event tests nevertheless reject in both conditional follow-up windows, limiting causal
interpretation. The findings document substantial specification sensitivity rather than
identify irreversible supply-chain adjustment or a zero tariff response. They show why the
policy history embedded in a tariff reversal matters for interpreting short-run trade evidence,
and provide a transparent public-data framework for examining that distinction.
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1. Introduction

A tariff reduction can occur before the adjustment to the preceding increase is complete. Importers
may still be drawing down inventories, renegotiating contracts, changing suppliers, or responding
to uncertainty about the durability of the new regime. The observed response to a reversal
consequently combines several objects: the incentive created by the current tariff change, the
continuing consequences of earlier policy, and the composition of trade that remains available to
respond. Distinguishing these objects matters for interpreting the economic performance of a
trading system subject to repeated policy changes. A negative association between tariff cuts
and subsequent imports need not mean that lower tariffs reduce trade. An apparent recovery
need not isolate the reversal’s contribution either.

The February 2026 U.S. tariff reset provides a setting in which this distinction is unusually
relevant. The Supreme Court’s decision in Learning Resources, Inc. v. Trump rejected the use
of the International Emergency Economic Powers Act (IEEPA) to impose tariffs. Subsequent
customs guidance ended collection under the affected provisions from February 24, while a
new temporary surcharge under Section 122 of the Trade Act took effect at the same boundary
(Supreme Court of the United States, 2026; U.S. Customs and Border Protection, 2026a,
2026b). The resulting change was a replacement of tariff components, with heterogeneous net
consequences across origins and products. It was not a uniform movement from protection to
free trade. Moreover, the exposures being reduced had been built up during the preceding policy
cycle.

This paper asks how the measured import response to that reset changes when the preceding
tariff increase is included in the empirical comparison. The question is narrower than whether
the court decision raised aggregate real income or permanently reorganized global supply chains.
It concerns the relationship between a measured policy reversal and subsequent trade, and the
stability of that relationship across economically meaningful comparison periods. We use a fixed
origin–product basket to compare the same trade cells over time. The central empirical exercise
places the net reset exposure and the preceding tariff increase in the same conditional-mean
specification, then allows both exposures to have freely varying monthly associations.

The analysis combines publicly available Census imports for consumption with a frozen
release of The Budget Lab at Yale’s Tariff Rate Tracker. The basket contains 44 origins and
4,818 six-digit Harmonized System (HS6) products. Monthly outcomes span January 2025
through August 2026; the primary tariff-history window ends in June 2026. The exposure is
the difference between modeled total tariff rates on February 19 and February 24, aggregated
with fixed 2024 product weights. The preceding increase is the difference between January
2026 and January 2025 mean modeled rates. February 2026 is excluded because it contains the
transition. Poisson pseudo-maximum likelihood (PPML) specifications absorb origin–product,
origin–month, and product–month fixed effects, with standard errors clustered by origin.
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Three findings organize the evidence. First, a negative static association in the primary
window is highly sensitive to conditioning on earlier policy. A 10-percentage-point larger net
tariff cut is associated with 10.37% lower post-reset import value in the unadjusted specification.
Once the preceding tariff increase is interacted with the post indicator, the reset association
becomes 1.36%. Its 95% interval under the reported 𝑡 (𝐺 − 1) sensitivity reference extends from
−6.70% to 10.11%. The estimation sample is identical across these two specifications. The
change therefore reflects the conditional comparison rather than the addition or removal of trade
observations.

Second, neither a shorter pre-period nor a longer outcome window yields a precisely estimated
conditional reset association. The October 2025–June 2026 specification produces a point
estimate of 2.29%, with an interval from −6.40% to 11.79%. The January 2025–August
2026 specification produces 1.95%, with an interval from −6.48% to 11.13%. In unadjusted
event studies, the reset-exposure association improves between March–April and May–June.
These improvements become negative and statistically insignificant when the preceding increase
receives its own unrestricted monthly interactions. The same sensitivity applies to the exploratory
July–August comparison.

Third, the conditional event specifications retain differences before the reset. The joint pre-
event test rejects in the short window at 𝑝 = 0.0349 and in the extended window at approximately
9.03×10−9. The short-window result is particularly informative because its unadjusted pre-event
test does not reject. Conditioning on policy history thus changes both the post-event narrative
and the diagnostic assessment of the pre-period. The evidence does not provide a stable causal
estimate of the reset, nor does it establish that its true effect is zero. It shows that conclusions
about persistence or recovery are sensitive to the policy history embedded in the exposure.

The first contribution is to evidence on the reversal stage of tariff adjustment. Studies of the
2018–2019 trade war document tariff incidence, trade contraction, production relocation, and
reallocations across suppliers (Amiti et al., 2019; Fajgelbaum et al., 2020, 2024; Flaaen et al.,
2020). More recent work examines the much broader 2025 tariff increases and their short-run
price and trade consequences (Cavallo et al., 2025; Fajgelbaum & Khandelwal, 2026). These
studies motivate the importance of adjustment after a change in protection. Our contribution is
not a competing welfare estimate. It is evidence that the association measured when tariffs fall
can change substantially once earlier exposure is allowed to continue affecting the comparison.

The second contribution is a measurement distinction between the size of a reversal and the
policy path leading to it. The net reset and preceding increase have a correlation of 0.8603 after
removing origin and product means on the complete, unweighted pair grid. This overlap makes a
simple interpretation of reset exposure problematic even when that exposure is constructed from
fixed, pre-period trade weights. We show the consequences directly by reporting specifications
with and without the history measure on matching samples. The overlap statistic is a descriptive
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diagnostic; it is not the PPML information matrix, an instrument-strength measure, or an
identification argument.

The third contribution is to the interpretation of early evidence from repeated trade-policy
changes. Static coefficients, event coefficients relative to the final pre-reset month, and differences
between post-reset months answer different questions. We report them together with joint pre-
event tests, import-value retention, origin exclusions, and covariance diagnostics. This approach
follows the broader methodological concern that specification stability and pre-period evidence
deserve attention alongside headline estimates (Roth, 2022; Roth et al., 2023). The contribution
is a transparent accounting of what survives the conditional comparison, rather than a new
estimator or a rule for selecting a favorable pre-test.

The economic stakes extend beyond bilateral import totals. Trade relationships can embody
fixed costs, supplier knowledge, and complementary production arrangements. A temporary
tariff increase may therefore have consequences after the measured rate falls. Yet the same
observed persistence can arise from inventories, prices, or correlated exposure to an earlier
policy shock. The present results distinguish the empirical sensitivity of these interpretations
from proof of any particular mechanism. This distinction is relevant to the study of global value
chains and resilience, while keeping claims about national income, manufacturing employment,
and security outside what the outcome data can establish.

Section 2 describes the institutional setting and economic benchmarks. Section 3 explains
the data, fixed basket, and exposure construction. Section 4 presents the conditional-mean
specifications and scope of identification. Sections 5 and 6 report the estimates and sensitivity
exercises. Section 7 develops their economic interpretation, and Section 8 concludes.

2. Institutional setting and economic benchmarks

2.1. A change in the composition of protection

The relevant institutional sequence separates a judicial decision from the collection rules facing
an import entry. The Supreme Court decided Learning Resources on February 20, 2026,
holding that IEEPA did not authorize the tariffs at issue (Supreme Court of the United States,
2026). Customs guidance subsequently specified that the corresponding additional duties would
no longer be collected on goods entered for consumption, or withdrawn from warehouse for
consumption, from February 24 (U.S. Customs and Border Protection, 2026a). This entry-based
boundary is the timing reference for the empirical design. It does not establish the timing of an
order, a production decision, or the arrival of a shipment.

The replacement regime is equally important. The February 20 proclamation imposed an
additional 10% surcharge under Section 122 for a specified temporary period, with exemptions
and interactions with other tariff authorities. Customs implementation guidance placed its start
on February 24 (Executive Office of the President, 2026; U.S. Customs and Border Protection,
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2026b). Removing an IEEPA component therefore need not imply an equal reduction in the total
rate. The analysis uses the net modeled difference across the two comparison dates, including
replacement and other modeled components. Positive exposure denotes a reduction in the total
modeled rate; negative exposure denotes an increase.

Two features limit an interpretation of this sequence as a simple natural experiment. The
common decision date does not randomize the cross-sectional size of the net rate change. That
size depends on the protection previously imposed and the exemptions and components that
remain. In addition, the replacement regime and subsequent tariff actions affect expectations
and realized incentives during the outcome period. The institutional discontinuity motivates
the event calendar, but neither its legal origin nor its common timing supplies an exclusion
restriction for the magnitude of origin–product exposure.

2.2. Current incentives, inherited adjustment, and uncertainty

A conventional demand response provides a useful benchmark. Other things equal, a lower
tariff reduces the wedge between the foreign supply price and the domestic tariff-inclusive price.
Evidence from earlier U.S. tariff episodes shows why the distinction between these prices matters:
the incidence at the border need not coincide with the change in retail prices (Amiti et al., 2020;
Cavallo et al., 2021). Our outcome is customs import value excluding U.S. duties. Even a
positive quantity response can be accompanied by changes in exporter prices and the within-HS6
composition of goods. The sign and magnitude of a value association are consequently not a
direct estimate of tariff pass-through.

Inherited adjustment provides a second benchmark. In models with sunk entry costs, a firm
that has left a destination may require a different incentive to return than a firm needs to continue
serving it. Dixit (1989) and Baldwin and Krugman (1989) explain how large changes in trade
conditions can leave persistent consequences. Roberts and Tybout (1997) provides evidence that
earlier exporting experience matters for participation, and Alessandria and Choi (2014) embeds
exporter dynamics in an analysis of liberalization. These mechanisms make it plausible that
the response to a tariff reduction depends on the preceding increase. They do not imply that
persistence in aggregate product trade identifies sunk costs: the same observation can result
from several margins moving together.

Supplier relationships give this possibility a production-network interpretation. Global
sourcing involves discrete choices about which countries and suppliers to use, alongside
decisions about purchase quantities (Antràs et al., 2017). Network relationships can affect firm
performance and the transmission of production shocks (Bernard et al., 2019; Boehm et al.,
2019). Evidence on switching in U.S.–China trade also shows that relationship-specific costs
can matter for sourcing decisions (Monarch, 2022). A tariff increase can therefore alter the state
from which a later reduction operates. An origin–HS6 series, however, aggregates many buyers
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and suppliers. A fall in that series cannot establish which relationships changed or whether a
supplier network became less resilient.

Inventories provide a different explanation for delayed or apparently reversed responses.
Firms can change the timing and size of orders when trade costs are volatile. Alessandria et al.
(2010b) connects lumpy international purchases to inventory decisions, while Alessandria et al.
(2010a) shows how inventory adjustment can shape aggregate trade dynamics. Front-loading
before an anticipated increase can elevate a pre-period comparison; subsequent drawdowns can
depress later imports even if final expenditure changes less. A reversal during this adjustment
process could therefore coincide with weak customs entries without implying a persistent loss of
productive capacity. Monthly entry values alone do not distinguish purchases for immediate use
from the timing of inventory replenishment.

Uncertainty adds a forward-looking margin. Lowering today’s tariff does not necessarily
reduce the expected future cost of serving a market by the same amount. Handley and Limão
(2015) and Handley and Limão (2017) show how uncertainty can affect trade and investment
through decisions involving sunk costs. Handley and Limão (2022) surveys the broader evidence.
The distinction between a tariff level and the perceived durability of that level is relevant when
a legal ruling is followed by a temporary replacement instrument. Our data contain modeled
statutory rates, not firms’ subjective policy expectations. The design can assess the sensitivity of
associations to prior rate exposure, but it cannot separately estimate an uncertainty channel.

2.3. Relation to tariff and trade-adjustment research

The closest empirical literature establishes the importance of measuring both policy changes
and the margins through which they operate. Amiti et al. (2019) and Fajgelbaum et al. (2020)
evaluate the 2018 tariffs using price, trade, and welfare frameworks. Flaaen et al. (2020) studies
production relocation and prices in washing machines, and Fajgelbaum et al. (2024) examines
reallocations involving countries outside the main bilateral dispute. The review by Fajgelbaum
and Khandelwal (2022) places these responses in their wider economic context. These settings
show why the response of one origin cannot be read as the response of total trade. They also
provide a reason to include both origin–month and product–month fixed effects when examining
differential adjustment within a large set of trade cells.

The newer tariff cycle makes the role of history especially salient. Fajgelbaum and Khandelwal
(2026) studies the short-run consequences of the 2025 increases, while Cavallo et al. (2025) tracks
retail-price responses using high-frequency microdata. Those papers investigate the escalation
stage with outcomes and identification strategies suited to their questions. We examine the
association around a later replacement of tariff components, with preceding exposure explicitly
included. The distinction is substantive: a cell with a large net reduction can also be a cell
that experienced a large earlier increase. We do not assume that a coefficient measured during
escalation can simply be reversed to predict adjustment after the reset.
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Related evidence on the removal of policy uncertainty and the dynamics of trade agreements
reinforces this point. Pierce and Schott (2016) links a change in the risk of higher U.S. protection
to manufacturing adjustment. Baier and Bergstrand (2007) emphasizes that trade-agreement
effects develop over time and that policy selection matters. These studies differ from a short
tariff-reset window, but they caution against treating a change in the current statutory rate
as a sufficient description of the economic intervention. The empirical benchmarks here are
accordingly a current-reset association, an association conditional on earlier protection, and a
dynamic comparison that allows both to vary over time.

3. Data and measurement

3.1. Public trade data and the fixed product universe

The trade outcome is monthly imports for consumption from the Census international trade
API at the origin–HS6 level (U.S. Census Bureau, n.d.-b). Imports for consumption cover
merchandise entering consumption channels directly and merchandise withdrawn from customs
warehouses or foreign trade zones for consumption. Customs values exclude U.S. import duties
and associated freight and insurance charges (U.S. Census Bureau, n.d.-a). These conventions
match the collection boundary used to define the reset, but they also mean that the outcome is
neither tariff-inclusive expenditure nor a physical quantity. General imports and imports for
consumption are distinct concepts and are not substituted for one another in the analysis.

Origins are selected before examining post-reset outcomes. The universe consists of the
top 40 non-U.S. suppliers ranked by 2024 consumption-import value, augmented by eleven
Southeast Asian economies, including Timor-Leste. Removing overlaps leaves 44 origins. This
selection gives substantial trade coverage while retaining smaller Southeast Asian suppliers. It is
a defined research sample rather than the complete set of U.S. trading partners. The analysis is
not designed to estimate a separate Southeast Asian treatment effect, and the presence of smaller
economies in the universe does not establish that the estimates transport to any particular one of
them.

Product eligibility is determined by tariff measurement. The same positive-2024 HTS10
basket must have complete known free or ad valorem base-duty coverage throughout the primary
model window and a valid reset comparison. This yields 4,818 HS6 products for every selected
origin and 211,992 origin–product pairs. The original balanced panel contains 3,815,856 rows
over January 2025–June 2026. Its basket represents 80.54% of reported ordinary-chapter import
value from the selected origins during that period, including February. The coverage restriction
excludes products with unmeasured specific or compound base duties and some classification or
coverage changes. It should not be interpreted as a random sample of products.

The fixed grid preserves absent eligible consumption-import outcomes as zeros. The original
panel contains 1,387,540 reported rows and adds 2,428,316 absent eligible outcomes. A further
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358,575 source-reported rows explicitly contain zero consumption-import value. Independent
country–month controls reconcile the underlying collection totals before balancing; import-value
sums within the screened basket are unchanged by the added rows. An added zero means no
separately reported HS6 consumption-import value in a reconciled country–month. It does
not identify a firm’s exit, the absence of every physical shipment, or a broken buyer–supplier
relationship. Other financial variables on added rows are left missing.

Table 1 summarizes coverage and estimation-sample retention. The primary comparison
excludes February and contains 17 months. The short comparison uses October 2025–June
2026, leaving eight included months. The extended comparison adds July–August outcomes
on the unchanged pair universe, giving 20 calendar months and 19 included months after
February is excluded. Effective PPML samples are smaller because all-zero pair effects and
additional separated or singleton observations do not contribute to the fitted slope comparison.
Retention in import value is high in each window, but high value retention does not remove the
product-universe restriction.

Table 1. Sample coverage and estimation-sample retention

Primary window Short window Extended window

Period Jan. 2025–Jun. 2026 Oct. 2025–Jun.
2026

Jan. 2025–Aug.
2026

Included months 17 8 19
Origins in input 44 44 44
HS6 products 4,818 4,818 4,818
Eligible panel rows 3,603,864 1,695,936 4,027,848
Positive input rows 973,096 462,620 1,089,955
PPML observations 1,647,643 686,922 1,874,810
Positive retained rows 972,604 462,110 1,089,498
Origin clusters 44 43 44
Input value (USD billion) 3,538.615 1,669.916 4,030.287
Import value retained (%) 99.874 99.876 99.878

Notes: Origins are the top 40 non-U.S. 2024 consumption-import suppliers plus eleven Southeast Asian
economies, with overlaps removed. Eligible rows refer to the fixed origin–HS6 grid after February 2026 is
excluded. PPML retention is based on the corresponding unadjusted static fit; adding the prior-increase
control preserves the estimation sample within each window. The short-window PPML sample drops
Timor-Leste entirely. The same pre-estimation zero-pair screen used for the follow-up fits preserves all
positive input outcomes and import value. The original January 2025–June 2026 basket, including February,
covers 80.54% of selected-origin ordinary-chapter import value. Extended outcomes retain unverified later
policy history.

3.2. Net reset exposure and the preceding increase

Tariff measures come from the published v1.2 release of The Budget Lab at Yale’s Tariff Rate
Tracker, vintage 2026-07-24-09 (The Budget Lab at Yale, 2026). The analysis freezes that
release rather than silently replacing it with a subsequently revised series. Its archived snapshot
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hashes identify the exact model inputs. The tracker assembles statutory components at the
HTS10–country level; it remains a model of applicable rates, including assumptions about
preference use and metal content. It is not a record of duty paid by each import transaction. The
underlying tariff classification is documented by the U.S. International Trade Commission (U.S.
International Trade Commission, n.d.).

Let 𝑐 index origin, ℎ an HTS10 line within HS6 product 𝑝, and 𝑑 a date. Let 𝜏𝑐ℎ𝑑 denote the
modeled total tariff in fractional units. The common within-product weight 𝑤2024

ℎ𝑝
is the share of

line ℎ in all-origin U.S. consumption imports within product 𝑝 in 2024. The HS6 model rate
and reset exposure are

𝜏𝑐𝑝𝑑 =
∑︁
ℎ∈H𝑝

𝑤2024
ℎ𝑝 𝜏𝑐ℎ𝑑 , 𝐷𝑐𝑝 = 100

(
𝜏𝑐𝑝,Feb19 − 𝜏𝑐𝑝,Feb24

)
. (1)

Both comparison dates are in 2026. The weights sum to one within the eligible product basket
and are common across origins. Holding them fixed prevents contemporaneous changes in the
composition of imports from mechanically changing measured exposure. It does not make the
underlying tariff schedule exogenous.

The clean reset comparison requires every positive 2024 weight to be represented, known free
or ad valorem base duties, and unchanged modeled base rates between the two dates. The total
modeled rate includes the replacement Section 122 regime and other tariff components. Exposure
is therefore a net policy comparison, rather than a measure of IEEPA removal alone. Preference
and content assumptions can cause modeled and transaction-specific rates to differ. Canada and
Mexico receive explicit exclusion checks because these assumptions can be especially relevant
in their preferential trade arrangements.

Monthly rates are calendar-day means of the eligible daily model states, respecting the source
intervals’ inclusive endpoints. Define 𝜏𝑐𝑝,𝑚 as this monthly rate. The preceding increase, in
percentage points, is

𝑅𝑐𝑝 = 100
(
𝜏𝑐𝑝,Jan2026 − 𝜏𝑐𝑝,Jan2025

)
. (2)

All inputs to this control end before the reset. It is a summary of earlier protection, not a
complete distributed history of every tariff action. The regression variables are 𝑥𝑐𝑝 = 𝐷𝑐𝑝/10
and 𝑟𝑐𝑝 = 𝑅𝑐𝑝/10, so one unit is a 10-percentage-point larger net reduction or preceding increase.
Their residual correlation after removing origin and product means is 0.8603 on the unweighted
complete pair grid.

3.3. Timing, extension, and reproducibility

January 2026 is the event-study reference month; February is month zero and is excluded. March
is the first full month after the collection-regime boundary. This convention avoids assigning a
single regime to the transition month, but it does not eliminate anticipation, shipping lags, or
inventory timing. Monthly entry values can reflect orders made under earlier expectations. The
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short window reduces the span of the pre-period without changing the event date or product
universe. It also reduces the information available for diagnosing earlier differential movements.

The July–August supplement extends outcomes while leaving initial reset exposure fixed.
Its values reconcile to the source country–month controls, and it contains exactly the same
origin–HS6 pairs. Later monthly tariff rates are not imputed. Crucially, a published model
vintage can contain scheduled states without verifying what was subsequently implemented. The
analysis does not independently reconcile the later policy history, so the extended specifications
are exploratory outcome-window sensitivities. This distinction concerns the policy interpretation
of the extension, not whether its observed import values were collected successfully.

The data and output records preserve separate checks for source-value reconciliation, unique
keys, monthly coverage, exposure invariance, and estimation-sample loss. The prior-increase
control has been reconciled to the monthly-rate inputs. The saved coefficient and covariance files
make the reported transformations and linear contrasts reproducible without refitting the models.
Appendix A provides variable definitions and the origin list; Appendix C describes numerical
inference checks. This documentation identifies the data vintage and reporting conventions on
which the substantive comparisons depend.

4. Empirical framework and identification

4.1. Static conditional-mean comparisons

Let 𝑌𝑐𝑝𝑡 denote consumption-import value in millions of current U.S. dollars. Define 𝑃𝑡 as an
indicator for March 2026 onward within the relevant estimation window. The history-adjusted
static specification is

E[𝑌𝑐𝑝𝑡 | X] = exp
{
𝛼𝑐𝑝 + 𝛿𝑐𝑡 + 𝛾𝑝𝑡 + 𝛽𝑥𝑐𝑝𝑃𝑡 + 𝜃𝑟𝑐𝑝𝑃𝑡

}
, (3)

where 𝛼𝑐𝑝 denotes origin–product fixed effects, 𝛿𝑐𝑡 origin–month fixed effects, and 𝛾𝑝𝑡 product–
month fixed effects. The unadjusted benchmark imposes 𝜃 = 0. Within each window the adjusted
and unadjusted models retain the same estimation observations. A change in the reported reset
coefficient therefore does not arise from a different realized PPML sample.

Origin–product effects absorb persistent differences in bilateral product trade. Origin–month
effects absorb shocks that proportionately affect all covered products from an origin in a month.
Product–month effects absorb shocks shared by covered origins within a product. The reset
comparison is consequently identified statistically by remaining origin–product variation in
exposure interacted with the event calendar. These effects do not absorb every country-specific
product shock, nor do they make the residual exposure independent of the preceding policy path.
They also absorb much of the variation through which aggregate equilibrium responses could
operate, so the coefficient is not an estimate of the change in total U.S. imports.
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PPML accommodates zero outcomes without adding an arbitrary constant and avoids requiring
a correctly specified conditional variance (Santos Silva & Tenreyro, 2006). Estimation uses the
high-dimensional implementation described by Correia et al. (2020). Import value is scaled
by a common unit conversion; exposure and coefficient interpretations remain unchanged by
that rescaling. Computational removal of all-zero pair effects is distinguished from selecting a
sample of firms that survive. Positive outcomes and their associated zero months are retained
unless the estimator removes additional separated or singleton observations. Table 1 reports the
resulting sample and value retention.

The coefficient 𝛽 describes a multiplicative conditional-mean association per 10-percentage-
point larger cut. We report 100[exp(𝛽) − 1] for its percentage transformation. This is a
comparison of exposure slopes across the pre/post periods under the maintained conditional-
mean specification. It is not an aggregate growth rate, an import-demand elasticity with respect
to 1 + 𝜏, or a national welfare change. When the conditional mean is misspecified, PPML
summarizes the associated score restrictions rather than automatically recovering an average
causal response. The role of the history control is therefore assessed through specification
sensitivity, not through an asserted causal decomposition of the unadjusted coefficient.

4.2. Monthly associations and post-period contrasts

Let 𝑘 = 𝑡 − 𝑡0 index months relative to February 2026, and let K contain the included event
months other than January’s 𝑘 = −1 reference. The history-adjusted event specification is

E[𝑌𝑐𝑝𝑡 | X] = exp

{
𝛼𝑐𝑝 + 𝛿𝑐𝑡 + 𝛾𝑝𝑡 +

∑︁
𝑘∈K

(
𝛽𝑘𝑥𝑐𝑝 + 𝜃𝑘𝑟𝑐𝑝

)
1[𝑡 − 𝑡0 = 𝑘]

}
. (4)

February is excluded from K. The primary window has 12 pre-reference and four post-reset
reset interactions. The short window has three pre-reference and four post-reset interactions.
The extended window has 12 and six, respectively. History-adjusted models give 𝑟𝑐𝑝 the same
unrestricted monthly flexibility as 𝑥𝑐𝑝. The unadjusted event models omit the 𝜃𝑘 terms.

This specification asks whether exposure gradients in particular months differ from January
2026, after conditioning on the prior-increase gradient. It does not impose that the earlier policy
association changes only once at the reset. Joint pre-event tests concern the 𝛽𝑘 coefficients for
months before January; joint post tests concern the included months after February. Both are
tests of reset-exposure associations conditional on the other regressors. They are not tests that
the history coefficients themselves are jointly zero.

Differences between later and earlier post-reset months summarize adjustment within the
post period. For example, define

𝐶𝑀𝐽,𝑀𝐴 =
𝛽3 + 𝛽4

2
− 𝛽1 + 𝛽2

2
, se(𝐶) =

√︁
𝑎′𝑉𝑎, (5)
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where March and April are 𝑘 = 1, 2, May and June are 𝑘 = 3, 4, and 𝑎 is the corresponding
contrast vector. The saved covariance matrix 𝑉 retains dependence across monthly coefficients.
We also report mean post relative to January, June minus March, and, in the extension, July–
August minus March–April. These summaries were selected after inspecting earlier results
and are exploratory. Their exponentiated values describe ratios of geometric-mean exposure
associations, not arithmetic means of monthly percentage changes.

4.3. Scope of identification and inference

A causal interpretation would require more than a common legal event. Conditional on the
fixed effects and specified history controls, origin–product cells with different reset exposure
would need suitable counterfactual paths, and no other exposure-correlated change could account
for their relative outcomes. Exposure intensity must also support a meaningful comparison:
common trends alone do not generally identify differences in responses across continuous
doses without additional assumptions (Callaway et al., 2024). The present regressions do not
implement a continuous-treatment causal estimator or establish those assumptions. The event
coefficients provide diagnostics for the maintained comparisons.

Four threats are central. First, larger reductions are related to larger preceding increases,
whose consequences may be nonlinear, delayed, or imperfectly summarized by a single January-
to-January measure. Second, firms can anticipate policy changes and alter inventory and entry
timing before the measured boundary. Third, the frozen model combines statutory information
with preference and content assumptions; its retrospective vintage is not a measure of what each
firm expected at the time. Fourth, replacement and subsequent tariff actions can be correlated
with the initial reset exposure. Product-specific seasonality within origins and changes in the
mix of HTS10 lines are further sources of residual movement. Rejected pre-event tests reinforce
these concerns; a non-rejection in a shorter window would not eliminate them (Roth, 2022).

Standard errors are clustered by origin, allowing arbitrary dependence over products and time
within an origin. The effective number of clusters is 44 in the primary and extended windows
and 43 in the short window. This choice assumes that remaining cross-origin dependence
is sufficiently limited for the reported inference. Product–month effects remove common
product-level mean shifts but do not guarantee that assumption. Multiway clustering addresses a
different dependence structure (Cameron et al., 2011); replacing it with origin clustering changes
the maintained inference assumptions rather than repairing them automatically. Appendix C
reports why an earlier rank-deficient multiway covariance is not used to support joint claims.

Individual coefficients and contrasts are accompanied by a 𝑡 (𝐺−1) reference as a finite-cluster
sensitivity calculation, while the joint tests use the estimator’s asymptotic chi-squared reference.
These calculations do not constitute validated small-cluster bootstrap inference (Cameron &
Miller, 2015; MacKinnon et al., 2023). Numerical convergence and full-rank slope covariance
are checked separately from identification. No analytical correction for possible finite-sample
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bias in the high-dimensional PPML estimates is reported; such concerns can matter in related
three-way settings (Weidner & Zylkin, 2021). The estimates are therefore presented as conditional
associations, with sensitivity evidence used to delimit their interpretation.

5. Results

5.1. The static association changes with prior exposure

Table 2 presents the core comparison. Columns (1)–(2) use the primary window, columns (3)–(4)
the short window, and columns (5)–(6) the extended window. The first column within each
pair omits the preceding increase; the second includes it. Each pair uses the same fixed effects,
outcome, exposure scaling, and estimation sample. The exercise therefore isolates how the fitted
reset association changes when earlier tariff exposure enters the conditional comparison. The
percentage transformations below the coefficient rows make the economic scale explicit.

Table 2. Tariff-reset associations with and without prior policy exposure

(1)
Primary

(2)
Primary

(3)
Short

(4)
Short

(5)
Extended

(6)
Extended

Reset exposure × post −0.1095∗∗∗ 0.0135 −0.0076 0.0226 −0.0922∗∗ 0.0193
(0.0346) (0.0411) (0.0301) (0.0440) (0.0373) (0.0428)

Prior increase × post – −0.0931∗∗∗ – −0.0227 – −0.0842∗∗∗

(0.0193) (0.0298) (0.0140)

Reset association (%) −10.37 1.36 −0.76 2.29 −8.81 1.95
𝑡 (𝐺 − 1) 𝑝-value 0.003 0.744 0.801 0.609 0.018 0.654
Prior-increase control No Yes No Yes No Yes
All three fixed effects Yes Yes Yes Yes Yes Yes
Observations 1,647,643 1,647,643 686,922 686,922 1,874,810 1,874,810
Origin clusters 44 44 43 43 44 44
Pseudo 𝑅2 0.9445 0.9445 0.9498 0.9498 0.9455 0.9455

Notes: PPML with origin–HS6, origin–month and HS6–month fixed effects. The outcome is
consumption-import value in millions of current U.S. dollars. Exposures are scaled per 10 percentage
points. February 2026 is excluded. Origin-clustered standard errors appear in parentheses. Stars use
the 𝑡 (𝐺 − 1) reference as a sensitivity calculation: ∗∗∗ 𝑝 < 0.01, ∗∗ 𝑝 < 0.05, ∗ 𝑝 < 0.10. This is not
bootstrap inference. Primary: January 2025–June 2026; short: October 2025–June 2026; extended:
January 2025–August 2026. Post begins in March 2026. The prior increase is January 2026 minus
January 2025 mean modeled tariffs. Percentage associations are 100[exp(𝛽) − 1]. Pseudo 𝑅2 values
are the rounded values in the estimation logs; they are not evidence of causal validity. Extended
results are exploratory.

Figure 1 displays the same six static associations with their intervals. The matching-window
comparisons show both the movement of the point estimates and the uncertainty remaining after
conditioning on prior exposure.
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Figure 1. Static reset associations and prior tariff exposure
Notes: The six estimates in Table 2, transformed as 100[exp(𝛽) − 1]. Bars are 95% origin-clustered 𝑡 (𝐺 − 1)
sensitivity intervals. Both specifications within each window retain the same observations. The extended window
remains exploratory.

In the primary window, the unadjusted reset coefficient is −0.1095 with a clustered standard
error of 0.0346. Its percentage association is −10.37%, and its 𝑡 (𝐺 − 1) sensitivity 𝑝-value is
0.0029. Taken alone, this result could suggest that cells receiving larger net tariff reductions
remained relatively weak after the reset. Such a description is incomplete, however, because
the exposure is closely related to the preceding increase. Column (2) includes that increase
interacted with the same post indicator and changes the reset coefficient to 0.0135, with standard
error 0.0411 and 𝑝 = 0.744. The corresponding association is 1.36%.

The prior-increase coefficient in column (2) is −0.0931, with standard error 0.0193. Its
percentage transformation is −8.89% per 10-percentage-point larger preceding increase. This
coefficient also remains a conditional association. It does not establish that the earlier increase
caused the entire unadjusted reset relationship, nor does the movement between the two reset
coefficients constitute a structural allocation of their contributions. The informative fact is that
the negative reset association does not remain when the model permits earlier protection to have
its own post-period gradient. The two specifications fit exactly the same 1,647,643 observations.

The interval is as important as the change in sign. Appendix Table B1 gives the transformed
95% intervals for all three history-adjusted static models. For the primary window the interval is
[−6.70%, 10.11%]. Thus the data and maintained inference admit both a moderately negative
and a materially positive reset association. The estimate cannot establish complete recovery,
persistent damage, or an economically negligible response. In particular, a nonsignificant
estimate is not an equivalence test around zero. The disappearance of the unadjusted negative
estimate is evidence about specification sensitivity, not proof that tariff reductions have no
consequences.
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The short window changes the comparison period substantially. Without history controls,
its point estimate is already close to zero: −0.0076, or −0.76%, with 𝑝 = 0.801. Adding the
preceding increase changes the reset association to 2.29%, with 𝑝 = 0.609. Its 95% interval
is [−6.40%, 11.79%]. The prior-increase coefficient is also imprecise in this window. This
contrast with the primary window indicates that the longer pre-period contributes to the negative
unadjusted static association. It does not establish that the shorter window is the correct
counterfactual; that judgment requires examining its dynamic comparison as well.

In the extension, the unadjusted coefficient is −0.0922, or −8.81%, with 𝑝 = 0.0176.
Conditioning on the preceding increase changes it to 0.0193, or 1.95%, with 𝑝 = 0.654. The
95% interval is [−6.48%, 11.13%]. The prior-increase coefficient remains negative, at −0.0842.
Extending the outcome horizon therefore does not recover a stable negative reset association
conditional on history. Because later policy is not independently reconciled, this finding is
an exploratory consistency check on the same initial exposure rather than an estimate of the
response to a maintained tariff regime through August.

5.2. Event profiles and the choice of reference period

The unadjusted primary event profile moves across the post-reset months. Relative to January
2026, the post coefficients move from a negative March association toward a positive June
association. Yet the jointly tested pre-reference coefficients are far from jointly zero. Table 3
reports the pre-event rejection at 𝑝 ≈ 3.07×10−12. A visual account based only on the slope from
March to June would miss the earlier exposure-related movements. Those earlier movements are
also relevant to why the static comparison, which pools the full pre-period, differs from an event
summary normalized to its final month.

The two summaries do not estimate the same object. The static coefficient imposes a common
exposure gradient within its pooled pre and post periods. Event coefficients permit separate
monthly gradients and subtract the January gradient through normalization. A nearly zero
mean of post coefficients relative to January can therefore coexist with a negative pooled static
coefficient if earlier pre-months differ from January. Moreover, nonlinear PPML weighting
means that the static coefficient need not equal a simple arithmetic difference of averages of the
unrestricted monthly coefficients. Neither summary should be substituted for the other when
describing recovery.

Allowing the preceding increase its own monthly interactions weakens the unadjusted dynamic
post-event evidence. In the primary window the joint post 𝑝-value increases from 0.0716 to
0.2904, while the joint pre test still rejects at approximately 1.40 × 10−8. This is consistent with
the static sensitivity: movements associated with the net reset are difficult to separate from the
earlier exposure. The retained pre-event rejection also shows that a linear history control with
unrestricted monthly coefficients does not make the remaining reset comparison behave like a
validated counterfactual.
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Table 3. Joint tests of reset-exposure event coefficients

Specification Pre df Pre 𝑝 Post df Post 𝑝 Origins

Primary 12 < 0.001 4 0.072 44
Primary, history 12 < 0.001 4 0.290 44
Short 3 0.423 4 0.018 43
Short, history 3 0.035 4 0.344 43
Extended 12 < 0.001 6 0.001 44
Extended, history 12 < 0.001 6 0.272 44

Notes: PPML, the same three fixed effects and samples as
Table 2, with freely varying monthly reset-exposure interactions.
History specifications also interact the preceding tariff increase
freely with every non-reference month. January 2026 is the
reference, and February is excluded. Joint Wald 𝑝-values use the
asymptotic chi-squared reference reported by Stata with origin-
clustered covariance. All requested restrictions are retained,
and each tested covariance block is full rank. Primary pre-test
values are 3.07 × 10−12 without history and 1.40 × 10−8 with
history. Extended pre-test values are 1.33×10−12 and 9.03×10−9,
respectively. These tests are diagnostic, and no specification is
selected because its pre-test fails to reject.

Figure 2 shows the short-window event profile conditional on prior exposure. The conditional
post coefficients are individually imprecise, and their joint 𝑝-value is 0.3443. More strikingly,
the conditional pre test rejects at 0.0349, compared with 0.4230 in the unadjusted short event
model. None of the three conditional lead coefficients is individually significant at 5% under the
reported 𝑡 reference. There is no contradiction: a joint test uses their covariance and a different
joint reference distribution. The result illustrates why the collection of pointwise intervals cannot
replace a joint diagnostic.

The unadjusted short-window pre non-rejection consequently does not provide an indepen-
dently robust reason to prefer that specification. Shortening the window changes the baseline and
the restrictions being tested, and adding the economically motivated second exposure changes
the diagnostic again. We report all of these comparisons rather than using the pre-test to select
a preferred result. A stronger causal analysis would have to justify the counterfactual through
additional design information or a defensible sensitivity framework. The present changes in test
outcomes cannot supply that justification by themselves.

Figure 3 presents the conditional extended profile. The joint post 𝑝-value is 0.2725, compared
with 0.0015 without history controls. Its pre test rejects at approximately 9.03 × 10−9. Thus
the strong joint post variation in the unadjusted extension is not maintained in the conditional
model, while differential pre-event movements remain. The extension adds observed outcome
months but does not transform the original exposure into a complete description of the tariff
incentives prevailing in those months. Its conditional profile is informative about sensitivity,
with that policy-history limit retained.
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Figure 2. Short-window associations conditional on prior tariff exposure
Notes: Original supplied follow-up figure, unchanged. The sample is October 2025–June 2026, excluding February.
Both reset exposure and the preceding increase receive unrestricted month interactions; January 2026 is the
reference. All three fixed effects are included. Intervals are pointwise 𝑡 (𝐺 − 1) sensitivities with 43 origin clusters.
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Figure 3. Extended-window associations conditional on prior tariff exposure
Notes: Original supplied follow-up figure, unchanged. The sample is January 2025–August 2026, excluding
February. Reset and prior-increase exposures receive unrestricted monthly interactions; January 2026 is the
reference. All three fixed effects are included. Intervals are pointwise 𝑡 (𝐺 − 1) sensitivities with 44 origin clusters.
July–August policy history remains independently unverified.
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5.3. Apparent post-reset improvement is not stable to history controls

Table 4 examines the apparent improvement between early and later post-reset months using the
full covariance of the event coefficients. In the unadjusted short window, the May–June association
relative to March–April is 7.22%, with a 95% interval of [1.37%, 13.40%] and 𝑝 = 0.016.
The corresponding history-adjusted comparison is −2.49%, with interval [−7.25%, 2.52%] and
𝑝 = 0.315. These estimates do not support describing the initial positive comparison as a
history-independent recovery pattern. We do not report a formal cross-specification test of the
difference between the two estimates.

Table 4. Changes in the reset-exposure association relative to March–April

Specification Later period Association (%) 95% interval 𝑝-value

Short, unadjusted May–Jun. 7.22 [1.37, 13.40] 0.016
Short, history May–Jun. −2.49 [−7.25, 2.52] 0.315
Extended, unadjusted May–Jun. 6.89 [0.66, 13.51] 0.030
Extended, history May–Jun. −3.17 [−7.95, 1.85] 0.206
Extended, unadjusted Jul.–Aug. 9.24 [0.01, 19.32] 0.050
Extended, history Jul.–Aug. −0.13 [−8.85, 9.42] 0.976

Notes: Contrasts are differences between averages of event coefficients, evaluated
with the complete saved covariance matrix. For example, the May–June comparison
is (𝛽3 + 𝛽4 − 𝛽1 − 𝛽2)/2. The percentage column is 100[exp(𝑐′𝛽) − 1], a ratio of
geometric-mean exposure associations, not aggregate import growth or an arithmetic
average of percentage effects. Intervals and 𝑝-values use the 𝑡 (𝐺 − 1) reference; 43
origins enter the short window and 44 the extended window. All specifications use
PPML and the three fixed effects. These comparisons were selected after reviewing
the earlier estimates and are exploratory, with unadjusted 𝑝-values.

The extended window gives a similar comparison. Without prior exposure, May–June
relative to March–April is 6.89%, with 𝑝 = 0.030. With prior exposure it is −3.17%, with
𝑝 = 0.206. The unadjusted July–August comparison is 9.24%, with 𝑝 = 0.050 after rounding;
its unrounded value is 0.0498. The conditional comparison is −0.13%, with 𝑝 = 0.976. The
latter interval, [−8.85%, 9.42%], admits sizable movements in either direction. Neither the
unadjusted borderline result nor its conditional disappearance establishes a lasting recovery
trajectory.

The remaining conditional contrasts lead to the same assessment. Appendix Table B2 reports
all seven rather than only the later-versus-earlier averages. Mean post relative to January is
−2.73% in the short window and −1.43% in the extension, with 𝑝 = 0.626 and 0.787. June
minus March is close to zero in both conditional models. Every conditional contrast is statistically
insignificant under the reported reference. These results constrain a claim of a precisely measured
conditional rebound, but they do not provide evidence that every economically relevant response
has been ruled out.
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The combined evidence is more informative than either a significant unadjusted comparison or
an isolated insignificant conditional coefficient. On the same samples, both the negative pooled
reset association and the apparent late-post improvement change when prior exposure enters. At
the same time, the conditional event profiles retain pre-event differences. The supported finding
is substantial dependence on the empirical treatment of policy history and baseline timing. A
structural interpretation in terms of irreversibility, uncertainty, or restored sourcing would require
information beyond those comparisons.

6. Sensitivity and inference

6.1. Origin exclusions and pre-reset activity

Table 5 evaluates whether the negative unadjusted primary association depends on particular
origins or the inclusion of pairs with little pre-reset activity. Excluding China yields −7.75%,
with 𝑝 = 0.015. Excluding Brazil yields −12.75%, with 𝑝 = 0.001. The sign therefore
does not depend exclusively on either of these origins. Excluding Canada and Mexico yields
−7.42%, with a wider interval and 𝑝 = 0.135. These changes indicate that origin composition
matters for precision and magnitude. They are separate exclusion exercises, not a complete
leave-one-origin-out analysis or a test of structural heterogeneity between the excluded and
retained groups.

Table 5. Origin exclusions and pre-reset activity restrictions

Baseline
Exclude
China

Exclude
Canada/Mexico

Exclude
Brazil

Q4-active
pairs

Reset exposure × post −0.1095∗∗∗ −0.0807∗∗ −0.0771 −0.1364∗∗∗ −0.1136∗∗∗

(0.0346) (0.0319) (0.0505) (0.0389) (0.0354)

Association (%) −10.37 −7.75 −7.42 −12.75 −10.73
𝑡 (𝐺 − 1) 𝑝-value 0.003 0.015 0.135 0.001 0.003
Prior-increase control No No No No No
All three fixed effects Yes Yes Yes Yes Yes
Observations 1,647,643 1,573,673 1,510,835 1,602,312 1,208,457
Origin clusters 44 43 42 43 43
Pseudo 𝑅2 0.9445 0.9463 0.9376 0.9450 0.9420

Notes: PPML with origin–HS6, origin–month and HS6–month fixed effects. The outcome
is consumption-import value in millions of current U.S. dollars. Exposures are scaled per
10 percentage points. February 2026 is excluded. Origin-clustered standard errors appear in
parentheses. Stars use the 𝑡 (𝐺−1) reference as a sensitivity calculation: ∗∗∗ 𝑝 < 0.01, ∗∗ 𝑝 < 0.05,
∗ 𝑝 < 0.10. This is not bootstrap inference. All columns use the primary window. Q4-active
pairs have positive consumption-import value in at least one month of October–December 2025;
this restriction uses only pre-reset outcomes. These checks evaluate the unadjusted benchmark.
They do not condition on the preceding tariff increase and therefore do not resolve the sensitivity
documented in Table 2.
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The preferential-trade exclusion is especially relevant to exposure measurement. The model’s
treatment of preference eligibility and content can differ from realized transaction-level claims.
Removing Canada and Mexico changes both that source of model dependence and a substantial
part of the trading sample. Its result consequently cannot isolate measurement error alone. More
generally, each exclusion allows the remaining observations to be weighted differently by PPML.
Differences across these columns should be read as sensitivity to sample composition rather than
estimates of how the reset affects one country relative to another.

The Q4-active restriction keeps pairs with positive import value in at least one month of
October–December 2025. Unlike the computational screen for all-zero fixed effects, this activity
definition uses only outcomes before the reset. It leaves 71,599 eligible pairs and produces a
PPML association of −10.73%, with 𝑝 = 0.0026. The resemblance to the baseline indicates
that the unadjusted negative association is not confined to pairs that were inactive throughout
that pre-period. It does not demonstrate persistence within firms, because the unit remains an
aggregate origin–product cell.

The corresponding linear probability model is reported separately in Appendix Table B3. Its
outcome is positive reported consumption-import value. A 10-percentage-point larger cut is
associated with a 0.787-percentage-point lower probability of positive reported presence, with
a 95% interval from −1.655 to 0.081 percentage points and 𝑝 = 0.074. This estimate is not
significant at 5%, and it is not conditioned on the preceding tariff increase. It cannot resolve
the history sensitivity of the value result. The reporting interpretation of zeros also prevents
translating it into a claim about firm exit or the number of destroyed trade relationships.

Together, the origin and activity exercises preserve part of the unadjusted pattern under
alternative samples. They do not supply the omitted history comparison. The decisive sensitivity
remains the change between otherwise matching columns in Table 2, together with the conditional
event tests. Treating all checks as votes for or against a single coefficient would obscure their
distinct purposes: some concern origin influence, some concern the universe of active cells,
and others concern the policy exposure being compared. Each addresses a different potential
explanation for the benchmark association.

6.2. Sample loss and numerical inference

The PPML estimation sample retains 99.874% of eligible primary-window import value, 99.876%
in the short window, and 99.878% in the extension. Additional removal after the follow-up’s
all-zero pair screen leaves the same effective samples as their corresponding unadjusted models.
This reconciliation is useful because a large loss of grid rows can otherwise be mistaken for a large
loss of observed trade. Most grid exclusions concern all-zero pair effects. The remaining lost
positive outcomes and values are separately recorded by origin. Neither the proportion of rows
retained nor the high value-retention rate establishes that the retained sample is representative of
excluded products or policy exposures.
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All reported study fits converge, all requested slope coefficients are present, and the covariance
blocks used for the reported joint tests retain their requested rank. Appendix Table C1 documents
the event specifications. Coefficient standard errors, probability calculations, exponentiated
intervals, and post-period contrasts have been independently reconciled to the saved covariance
outputs. These checks establish internal consistency of reporting. They do not establish that
the cluster reference distribution is accurate in finite samples or that the exposure comparison
is causally valid. The number and dependence structure of origins remain material limitations
despite the large number of product–month observations.

7. Economic interpretation and scope

7.1. What the sensitivity reveals about reversal-stage evidence

The results distinguish the size of a measured tariff reversal from the state of trade when the
reversal arrives. A cell can have a large net reduction precisely because it accumulated substantial
protection earlier. If imports were already adjusting along that earlier exposure gradient, the
unadjusted reset interaction combines current and inherited differences. The observed correlation
between the two measures and the movement of the fitted coefficients make this concern concrete.
They do not identify which part of the earlier adjustment reflects prices, quantities, selection,
or expectations. Prior exposure is informative as a conditioning variable while remaining an
incomplete description of the economic state.

This distinction changes the interpretation of apparent persistence. The negative unadjusted
static coefficient could be consistent with delayed adjustment following earlier protection, but it
is also sensitive to how the earlier comparison months enter. Its disappearance after conditioning
does not refute dynamic sourcing costs. It shows that this particular coefficient does not isolate
them. Likewise, the unadjusted post-period improvement could be consistent with inventories
normalizing or sourcing resuming, but that comparison is not stable when history is allowed
a flexible monthly association. Evidence of mechanisms requires outcomes that discriminate
among those explanations, rather than a preferred label for the same aggregate series.

The conditional estimates also leave economically meaningful uncertainty. Their intervals
include positive and negative associations of magnitudes that could matter for particular import
relationships. No equivalence bounds were specified and tested, and the analysis does not deliver
a precise zero. The contribution is therefore not a finding that tariff cuts are ineffective. It is
evidence that a simple reversal-stage comparison can provide an unstable answer when current
relief and earlier protection are closely related. Reporting that instability is useful precisely
because a stronger claim about recovery or irreversibility would otherwise be easy to attach to
the benchmark coefficient.

22



7.2. Trade values, production networks, and aggregate performance

The conference’s broader questions about economic performance require keeping the measured
margin distinct from welfare. Structural analyses such as Caliendo and Parro (2015) and
Arkolakis et al. (2012) connect trade changes to welfare through explicit assumptions about
technology, substitution, expenditure, and equilibrium adjustment. Our conditional import-value
coefficients do not supply those objects. They do not quantify consumer incidence, tariff revenue,
domestic manufacturing protection, or the terms of trade. The fixed effects also remove common
origin and product movements that may be important to aggregate outcomes. Aggregating the
fitted exposure coefficient mechanically would therefore be inappropriate.

Production-network research nevertheless gives the question economic relevance. A buyer’s
response to a lower tariff can depend on suppliers available, contractual relationships already
formed, and complementary domestic activities. Such dependence provides a reason for studying
reversals separately from increases. The present data can show whether aggregate origin–product
values display a stable exposure gradient after conditioning on a summary of prior policy. They
cannot reveal whether the same U.S. buyer returned to the same foreign seller, whether a supplier
retained productive capacity, or whether a domestic input bottleneck changed. Network resilience
remains an economic motivation rather than an estimated outcome.

The same distinction applies to external validity. The inclusion of Southeast Asian origins
makes their trade part of the pooled comparison, but it does not yield an ASEAN-wide causal
response or a country-specific estimate. Smaller origins can contribute relatively little import
value, and one is absent from the short-window PPML sample. Their product mix, preference
treatment, and capacity to enter new relationships may differ from those of the largest suppliers.
The pooled result is most directly informative about the specified screened basket and exposure
comparison. Relevance to diversification in smaller economies depends on examining those
additional margins rather than assuming transportability from the aggregate coefficient.

7.3. Evidence that would separate the remaining explanations

A more discriminating empirical account would combine policy and economic histories at a
finer level. A transaction-consistent tariff history would distinguish the initial modeled net
change from subsequent amendments, exclusions, preference claims, and content rules. Linked
buyer–supplier or firm records could distinguish continued trade, switching, reentry, and exit.
Compatible quantity and price measures could separate expenditure composition from shipment
volume. Inventory information and order dates would help establish whether entry timing
reflects a current incentive or an earlier purchasing decision. These are distinct information
requirements; simply extending the outcome series does not satisfy them.

The counterfactual also needs explicit treatment. A fuller tariff-history control may absorb
more inherited adjustment, but adding controls is not by itself an identification strategy. The
parallel-trends sensitivity framework of Rambachan and Roth (2023) provides a way to articulate
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departures from a counterfactual restriction in suitable designs. It has not been implemented or
validated for the nonlinear, continuous-exposure comparison reported here. Similarly, a different
cluster procedure would require demonstrating its applicability to this fixed-effect structure
and the source of dependence. Neither an unreported correction nor a favorable alternative
pre-window can be assumed to solve the present problem.

The immediate economic interpretation is thus bounded but substantive. Initial tariff relief,
inherited protection, and later policy evolution are empirically distinct. Their overlap can change
conclusions drawn from short-run import data even on a fixed product universe with extensive
fixed effects. A temporary replacement regime makes that distinction especially relevant to the
extension, because maintaining the initial exposure comparison through later months requires
further policy accounting. This paper supplies evidence on the sensitivity and diagnostic limits
of that comparison, clarifying what observed trade adjustment can establish in a changing policy
regime.

8. Conclusion

This paper examines U.S. import adjustment around the February 2026 tariff reset using a fixed
public-data basket and a frozen model of statutory tariff exposure. The central comparison
separates the net reset from the preceding tariff increase. The unadjusted primary-window
specification associates a 10-percentage-point larger cut with 10.37% lower post-reset import
value. Conditioning on the preceding increase changes the association to 1.36%, with a wide
interval that includes zero. Shorter and extended windows likewise provide imprecise conditional
estimates. These changes occur on matching estimation samples, rather than through changes in
retained trade observations.

Dynamic evidence reinforces the importance of that distinction. Apparent improvements
between early and later post-reset months in unadjusted models do not survive freely varying
monthly controls for prior exposure. At the same time, conditional event specifications retain
pre-reset differences in both follow-up windows. The findings therefore do not establish a causal
zero response, irreversible trade damage, or a history-independent recovery. They document that
the apparent response to a tariff reversal is sensitive to the policy path and the baseline against
which adjustment is measured.

This sensitivity has a clear implication for empirical interpretation. A reversal is not
economically characterized by its current rate change alone when the size of relief is closely
related to earlier protection. Fixed product weights and rich fixed effects address important
measurement and comparison problems, but they do not remove that relationship. Static averages,
event coefficients relative to the last pre-month, and changes between post-months retain different
reference points. Presenting them together prevents one favorable summary from obscuring
evidence that limits another.
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The contribution is a transparent reversal-stage comparison with its scope made explicit.
The outcome captures reported customs import value in a screened basket, and the extended
months do not have an independently reconciled later tariff history. Distinguishing prices,
quantities, inventory adjustment, and supplier relationships would require additional information.
Within those limits, the paper shows why prior policy exposure belongs at the center of an
empirical assessment of tariff reversals. It provides a reproducible basis for further work on trade
adjustment without converting specification-sensitive associations into claims about national
welfare or long-run supply-chain resilience.
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Appendix A. Measurement, coverage, and origins

Table A1 records the variables used in the reported specifications. The full input grid has 44
origins, 4,818 products, and 211,992 pairs. The original 18-month basket and the outcome-only
extension are kept distinct. Missing later tariff-history verification is not replaced with an
assertion that all earlier monthly policy states have been independently legally audited.

Table A1. Variable definitions and measurement conventions

Variable Definition and interpretation

Consumption-import
value

Monthly Census imports for consumption at origin–HS6 level, in current
U.S. dollars. Regressions divide by one million. Customs value excludes
U.S. import duties; it is not a quantity measure.

Net reset exposure, 𝐷𝑐𝑝 Modeled total rate on February 19 minus February 24, 2026, multiplied
by 100. Positive values are net reductions; negative values are increases.
The same fixed 2024 HTS10 weights enter both dates.

Preceding increase, 𝑅𝑐𝑝 January 2026 minus January 2025 mean modeled tariff, in percentage
points. All inputs end before the reset. This summary is not a complete
distributed policy history.

Regression exposures,
𝑥𝑐𝑝, 𝑟𝑐𝑝

𝐷𝑐𝑝/10 and 𝑅𝑐𝑝/10. A unit is a 10-percentage-point larger cut or
preceding increase.

Within-HS6 weights All-origin U.S. 2024 consumption-import shares of positive-weight HTS10
lines within each HS6 product. Weights are common across origins and
fixed across model dates.

Clean tariff basket Complete representation of positive 2024 weights, known free/ad valorem
base duties, unchanged base rates across reset dates, and full daily coverage
over the original January 2025–June 2026 monthly panel. Specific and
compound base duties lacking comparable measurement are excluded.

Monthly modeled rate Calendar-day mean of daily states, respecting inclusive interval endpoints.
Clean monthly rates extend through June 2026; no later monthly rates are
imputed.

Post indicator One from March 2026 within the relevant window. February is excluded.
Event month Months relative to February 2026. January is −1 and is the reference;

March is 1.
Added outcome zero An absent eligible consumption-import value within a reconciled origin–

month. Other financial variables remain missing. This is not a firm-exit
indicator.

Q4-active sample Positive consumption-import value in at least one month of October–
December 2025. Eligibility uses only pre-reset outcomes. There are
71,599 eligible pairs.

Reported presence One for positive separately reported origin–HS6 consumption-import
value; zero otherwise. LPM coefficients multiplied by 100 are percentage-
point changes.

Computational active-pair
screen

At least one positive outcome somewhere in the relevant estimation
window, used only to remove all-zero pair effects before PPML. All zero
months within active pairs remain. This is distinct from Q4-active sample
eligibility.
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Table A2 lists the frozen origin universe. Codes are Census origin codes. Ordinary
product chapters are 01–97. Origin selection uses the 2024 ranking plus the Southeast Asian
augmentation; the product screen is a separate restriction. The extended outcomes do not expand
either universe.

Table A2. Frozen origin universe

Code Origin Code Origin

1220 Canada 4890 Turkey
2010 Mexico 5081 Israel
2230 Costa Rica 5170 Saudi Arabia
3010 Colombia 5330 India
3310 Ecuador 5380 Bangladesh
3330 Peru 5460 Myanmar
3370 Chile 5490 Thailand
3510 Brazil 5520 Vietnam
4010 Sweden 5530 Laos
4099 Denmark (excl. Greenland) 5550 Cambodia
4120 United Kingdom 5570 Malaysia
4190 Ireland 5590 Singapore
4210 Netherlands 5600 Indonesia
4231 Belgium 5601 Timor-Leste
4279 France 5610 Brunei
4280 Germany 5650 Philippines
4330 Austria 5700 China
4370 Hungary 5800 South Korea
4419 Switzerland 5830 Taiwan
4550 Poland 5880 Japan
4700 Spain 6021 Australia
4759 Italy 7910 South Africa

Notes: Source: frozen Census origin selection based on 2024
consumption imports plus the Southeast Asian augmentation.
Timor-Leste has no retained observations in the short-window
PPML fits. Names are abbreviated for display; original
Census names and rankings are retained with the replication
records.

The original January 2025–June 2026 basket contains USD 3,719,869,130,636 of consumption-
import value, compared with USD 4,618,430,957,640 across the selected origins’ reported
ordinary-chapter products over that period. Their ratio is 80.54%; both totals include February.
These coverage totals differ from Table 1, which excludes February and reports window-specific
eligible and retained values. The source collection reconciles country–month totals independently
before construction of the restricted basket.
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The frozen tariff release is v1.2, vintage 2026-07-24-09. Its source archive SHA-256 is
12c967386935cbdac13c78418811d66f8348c09b50f64c6eec6ad2c8d44e0df5. The release
manifest records an upstream working tree with uncommitted changes, making the archived
release and individual snapshot hashes important identifiers beyond a Git commit. This is a
provenance characteristic of the published model, not evidence that each modeled rate equals a
realized transaction duty. The supplied audit records preserve the baseline and extension dataset
hashes and the full original model provenance.

Appendix B. Additional estimates and contrasts

Table B1 reports the transformed intervals for the three static history-adjusted comparisons.
These are the same coefficients as the corresponding columns in Table 2. No additional estimation
is involved.

Table B1. Intervals for static associations conditional on prior
exposure

Window Association (%) 95% interval 𝑝-value

Primary, history 1.36 [−6.70, 10.11] 0.744
Short, history 2.29 [−6.40, 11.79] 0.609
Extended, history 1.95 [−6.48, 11.13] 0.654

Notes: Percent transformations of the reset coefficients in columns
(2), (4) and (6) of Table 2. All intervals and 𝑝-values use the
origin-clustered 𝑡 (𝐺 − 1) sensitivity reference.

Table B2 provides every conditional post-period comparison saved by the follow-up analysis.
In the short window, mean post averages March–June; in the extension it averages March–August.
The June-minus-March and May–June-minus-March–April contrasts use identical calendar
definitions in both windows. All comparisons are exploratory, and no multiple-testing adjustment
has been applied. Their role is to summarize the observed profiles rather than supply independent
confirmatory tests.

The reported-presence sensitivity in Table B3 uses a different outcome and estimator from the
value specifications. Its pre-reset activity restriction fixes sample eligibility before the reset. It
remains an unadjusted exposure comparison and does not identify individual firms or suppliers.
The distinction between a zero customs value and the absence of a physical shipment is therefore
retained in interpreting the probability coefficient.
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Table B2. All conditional post-period contrasts

Window Contrast Coefficient SE 𝑝-value

Short Mean post vs. January −0.0277 0.0564 0.626
Short June minus March −0.0004 0.0438 0.992
Short May–June minus March–April −0.0252 0.0248 0.315
Extended Mean post vs. January −0.0144 0.0532 0.787
Extended June minus March −0.0070 0.0441 0.874
Extended May–June minus March–April −0.0323 0.0251 0.206
Extended July–August minus March–April −0.0013 0.0453 0.976

Notes: All seven saved conditional contrasts, including those not displayed in
Table 4. The coefficient is a linear combination of log-mean exposure coefficients;
standard errors use the full covariance matrix. Inference uses the same origin
clusters and 𝑡 (𝐺 − 1) sensitivity reference. Exploratory comparisons; 𝑝-values
are unadjusted.

Table B3. Reported import presence among pre-reset active
pairs

Linear probability model

Reset exposure × post −0.0079∗

(0.0043)
Association (percentage points) −0.787
95% interval (percentage points) [−1.655, 0.081]
𝑡 (𝐺 − 1) 𝑝-value 0.074
Observations 1,213,681
Origin clusters 43
𝑅2 0.5609

Notes: The dependent variable is one for positive separately
reported origin–HS6 consumption-import value. The sample
is Q4-active pairs in the primary window. All three fixed
effects are included, without the prior-increase control. Origin-
clustered standard errors are in parentheses. Coefficients are
probability changes per 10pp larger cut; multiplying by 100
yields percentage points. The 𝑡 (𝐺 − 1) sensitivity reference
determines the interval and star: ∗ 𝑝 < 0.10. This outcome
does not identify firm exit or physical shipment cessation.
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Appendix C. Covariance diagnostics and reproducibility

Table C1 describes numerical checks for the event specifications used in the paper. The constant’s
normalization can make the full stored covariance have one fewer rank than its dimension
even when the requested slope block is full rank. The table accordingly evaluates the slopes
and the pre/post restriction blocks directly. Every reported joint test retains the stated number
of restrictions. Small negative eigenvalues at floating-point tolerance in the full matrix are
distinguished from a deficient requested slope block.

Table C1. Covariance checks for the reported event specifications

Model Slopes Slope rank Pre block full rank Post block full rank

origin_event 16 16 Yes Yes
priorpath_event 32 32 Yes Yes
short_event 7 7 Yes Yes
short_prior_event 14 14 Yes Yes
extended_event 18 18 Yes Yes
extended_prior_event 36 36 Yes Yes

Notes: Ranks are reconstructed from the exported covariance matrices. The normalization-
dependent constant is excluded from the slope rank. Each pre/post test retains all restrictions
listed in Table 3. Numerical rank is an inference diagnostic, not an identification test.

An earlier two-way-clustered event covariance in the source archive has dimension 17 and
numerical rank 11, with incomplete support for the intended unrestricted event test. This paper
does not use that covariance to support a joint inference claim. Origin-clustered specifications
were estimated and audited separately. They maintain a different assumption about remaining
dependence across origins, as discussed in Section 4; their usable numerical covariance does
not establish that the assumption is satisfied. No validated wild-cluster bootstrap or full
leave-one-origin-out series is claimed.

The reported post-period contrasts use 𝑎′𝑉𝑎 from each model’s saved covariance, rather than
summing marginal coefficient variances. Probability calculations and transformed intervals have
been reconciled to those files. The paper’s tables are assembled directly from the completed
estimation outputs, with the original result files retained unchanged.

Reproduction has two distinct stages. Data preparation requires the frozen public Census
collection and tariff release, the fixed basket and weights, and the stated construction rules.
Estimation requires the supplied Stata preparation and analysis files, with their documented
software versions and the same input datasets. The manuscript source package additionally
includes the CSV outputs used for every table, a model inventory, and numerical reconciliation
records. These permit checking the paper’s reported estimates without rerunning a large PPML
model. They do not replace a complete source-data reconstruction when the objective is
independent replication from public inputs.
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