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Abstract

Economic models of financial decision-making typically assume that investors
evaluate all available assets when forming their portfolios. Yet a growing body of
work in psychology and behavioral economics suggests that attention is a scarce
cognitive resource and that individuals rarely consider the full menu of available
options. This paper provides the first large-scale evidence on how limited atten-
tion shapes portfolio choice by using unique, high-frequency data on investors’
actual consideration sets. Our proprietary dataset from a major Chinese financial
platform records every asset page viewed by more than 13,000 retail investors,
allowing us to directly observe which funds they attend to prior to trading. We
complement these observational data with a controlled online experiment that
exogenously directs attention. Across both settings, we find that (i) investors
consider only a small subset of available options, and (ii) conditional on the
assets they actually consider, their choices are substantially better than standard
analyses suggest. We first document systematic deviations in consideration set
formation relative to a benchmark constructed from randomly sampled funds
in the available universe: investors’ consideration sets are disproportionately
concentrated within the same fund family and skewed toward higher-salience
funds. Comparing chosen assets to the full universe reproduces the canonical
finding that retail investors underperform. But comparing chosen assets to the
investor’s consideration set reverses this conclusion: investors systematically pick
the better-performing assets within the set they attend to. Our results show
that mismeasured opportunity sets lead to overstated investor biases and that
attention constraints play a central—and previously unmeasured—role in financial
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1 Introduction

A central task for both economists and financial practitioners is to evaluate the quality
of investment decisions. The standard approach compares investors’ choices to the
performance of all available alternatives, implicitly assuming that individuals deliberate
over the entire universe of assets before trading. This assumption underlies much of the
empirical literature documenting that retail investors underperform benchmarks (e.g.,
Odean, 1999; Barber and Odean, 2000). But a foundational insight from behavioral
economics and cognitive psychology is that human attention is limited: before deciding,
individuals must first identify a subset of options to consider. If investors do not attend
to most of the assets available to them, then measuring portfolio quality relative to the
full asset universe may misrepresent the quality of their actual decision process.

This paper argues that limited attention fundamentally restructures the interpre-
tation of investor performance. Investors do not arrive at the trading screen with
the entire space of thousands of possible financial products in mind. Rather, they
form consideration sets—a cognitively manageable subset of assets that they inspect,
compare, and evaluate. Traditional empirical measures of decision quality implicitly
assume that the relevant choice set is the full universe of alternatives. But if individuals
consider only a small set, then counterfactual comparisons to the full universe are
mispecified: investors are penalized for not choosing assets they never attended to and
could not feasibly have evaluated.

The scarcity of attention is well-established theoretically (e.g., Sims, 2003; Gabaix,
2014; Caplin et al., 2019); however, testing attention-based models empirically has
been hindered by a fundamental data limitation: researchers rarely observe what
decision-makers actually consider. Most empirical work infers consideration ex post
from choices, assumes consideration depends on exogenous features (rankings, salience,
position effects), or proxies attention using coarse measures such as trading frequency,
portfolio turnover, or Google search intensity.

Our paper overcomes this limitation by using a novel dataset that directly records
the assets investors viewed prior to trading. This dataset comes from a large financial
technology platform in China with an independent fund sales license. For each of over
13,000 investors, we observe the full browsing history on the firm’s trading application:
the exact timestamp of every page view, the duration of each view, and the assets viewed

in the seven days prior to each trade. We thus observe the investor’s true pre-decision



information set. These data provide a uniquely detailed window into investors’ attention
allocation and asset deliberation processes.

For each trade, we construct the consideration set as all funds viewed by the investor
during the week preceding the trade and on the trade date itself. On average, investors
view only about 25 funds prior to a trade—despite the platform containing thousands.
The median set size is only 2. This sharp contrast between feasible choice sets and the
full asset universe suggests that standard analyses dramatically inflate the counterfactual
opportunity set.

We make three empirical contributions using the field data. First, we document a
stark reversal in performance across benchmarks: Investors under-perform relative to
the full universe but out-perform relative to the considered universe. When we compare
traded assets to category-level benchmarks—i.e., the entire universe of comparable
assets—we recover the standard finding that individual investors underperform the
market, by a magnitude of 7-35 basis points over 1-24 week horizons. This replicates
decades of behavioral-finance evidence (e.g., Odean, 1999; Barber and Odean, 2009).
These results appear in Figure 1 of our data: across weekdays, purchased assets
underperform benchmark portfolios.

Our key result is that when we evaluate investment performance relative to the assets
in the investor’s own consideration set, investors consistently select the best available
alternatives. Using within-consideration-set comparisons with investor-by-set fixed
effects, we find that chosen assets outperform the non-chosen, yet-viewed alternatives
by 5-30 basis points over 1-24 week horizons. These results hold for both raw and
risk-adjusted returns. This finding suggests that investors’ “mistakes” documented
in prior work may largely reflect mis-measured opportunity sets. This reversal, when
combined with results from Odean (1999) and Barber and Odean (2009), suggests
that investor under-performance relative to benchmarks is partially driven by errors in
formation of the consideration set.

Second, we find that attention is a potential driving factor behind overperformance
relative to the considered universe. The institutional “T+1” trading rule in China delays
confirmation of Friday orders until Monday. This trading rule leads to uncertainty over
the weekend, and thus more deliberation over these trades. Consistent with this, we
find that: 1) Friday trades involve significantly more browsing—higher frequency and
longer duration, and 2) Friday-chosen assets outperform the non-chosen assets in the

Friday consideration sets by even larger margins than on other weekdays.



We explore round-trip trades, in which buy trades are followed by sell trades
during our sample period, to examine the real return implications of Friday-induced
deliberation. We find that chosen assets outperform their consideration sets by a larger
margin for round-trip trades than for non-round-trip trades. Among round-trip trades,
the purchased asset consistently outperforms alternative assets in the consideration
set, and the Friday premium is substantially more persistent, remaining positive and
significant across nearly all horizons and windows. The findings suggest that Friday-
induced deliberation improves realized trading decisions and translates into better
subsequent performance.

Third, when investigating the role of attention in shaping the formation of consid-
eration sets and asset choices, we find that rather than passively sampling from the
available fund universe, investors construct consideration sets that are systematically
distorted by attention and salience. In particular, they disproportionately concentrate
on funds within the same management company and tilt their browsing toward salient
attributes such as platform rankings and the absence of recent losses. We further show
that greater deliberation in choosing assets out of the consideration set reduces reliance
on salient cues and leads to more cautious choices along risk dimensions, particularly
under higher perceived uncertainty. Together, these findings suggest that attention
operates along two margins: it shapes which options enter the consideration set and
governs how choices are made within that set.

Complementing the field data, our online experiment randomly assigns participants
to direct attention toward a subset of assets. Assets that participants are told to track
receive more attention, and investment decisions become significantly more sensitive to
information quality. The interaction between attention and posterior quality is strongly
positive, and participants with directed attention achieve higher final wealth. Together,
with the field results, this experiment provides causal evidence that attention is not
merely correlated with better decision-making—it is a central determinant of it.

To interpret these findings, we build on rational inattention and limited-consideration
models. The investor faces thousands of possible assets, each requiring costly processing
to evaluate. Cognitive costs imply that investors optimally allocate attention selectively—
focusing mainly on salient, familiar, or recently browsed assets. The outcome is a small,
endogenously formed consideration set. Within that set, investors choose approximately
optimal portfolios. But because the set is small, standard tests that use the full universe

exaggerate underperformance.



Previous work has modeled the agent as optimizing a portfolio by evaluating all
possible assets for inclusion in the portfolio. However, as above, cognitive costs imply
that optimal behavior necessarily involves evaluating only a subset of these assets. If
one were to evaluate investor allocation behavior under binding attention constraints
against the optimal under unbounded attention, this evaluation would systematically
understate decision quality. This is because the universe of assets evaluated for this op-
timal portfolio taking into account limited attention is a subset of the universe of assets
evaluated for an optimal portfolio without the incorporation of attention constraints.
This identification problem is relevant not only in finance but also in consumer choice,
industrial organization, and macroeconomics. Our empirical analysis shows how severe

the distortion can be.

Contribution. Our paper makes the following four contributions. First, prior empirical
work could not observe which assets were truly considered by investors and, therefore,
could not directly integrate the role of attention into portfolio choice. Accounting for
which assets are considered is necessary for any investigation of how constraints on
attention shape decision making, since evaluation and choice can only occur within
the set of options that enter an investor’s mind. Our dataset overcomes this barrier
by linking rich pre-trade browsing histories to subsequent trades on a major Chinese
fund platform, allowing us to reconstruct investor-specific consideration sets before each
decision. In doing so, we provide the first large-scale, high-frequency measurement of
attention in portfolio choice in a natural market environment.

Second, in most existing analyses, investor performance is evaluated against bench-
marks or an optimal portfolio defined over the full universe of assets, implicitly assuming
that all assets are equally available and salient to investors. Our setting instead allows
us to measure performance relative to two distinct opportunity sets: the assets an
investor actually considered before trading and the full universe of assets. When we
evaluate choices within the investor’s own consideration set, investors exhibit strong
within-set skill: chosen portfolios outperform the rest of the consideration set. This
contrast with under-performance relative to the full universe challenges the standard
view that retail investors are categorically poor decision-makers and suggests that part
of their apparent “mistakes” reflects mismeasured opportunity sets rather than a lack
of ability.

Third, we exploit institutional variation (the T+1 rule) and an experiment to show



how increased attention leads to improved choice quality. The effect of the T+1 rule
provides a natural environment which increases the attention paid to decisions. We show
that the T41 rule does indeed lead to increased attention and deliberation. Further,
there are not meaningful differences between the consideration sets formed on days
that the T+1 rule does not apply (weekdays) and days that it does apply (Fridays).
Despite this lack of difference in consideration sets, portfolio outperformance compared
to the rest of the consideration set is even higher on Fridays than on other weekdays.
This result combined with experimental results showing that directed attention leads to
higher responsiveness to price signals and higher performance relative to those without
directed attention.

Finally, our findings highlight that attention, not just preferences or biases, is central
to understanding portfolio formation. Without knowledge of what assets are considered
and what information is viewed, it is impossible to characterize preferences or beliefs,

and thus, biases cannot be identified.

Previous Literature. We contribute to several strands of prior research. Classic
work finds that retail investors underperform market benchmarks due to biases such as
overconfidence, lottery preference, the disposition effect, and home bias (e.g., Odean,
1998; Barber and Odean, 2000, 2001; Barberis and Huang, 2008; Barber and Odean,
2009; Coval and Moskowitz, 1999). We show that some of this underperformance reflects
a methodological issue: comparing investor choices to an opportunity set that is much
larger than the one they actually evaluate.

Our findings also build on rational inattention (Sims, 2003; Caplin et al., 2019),
sparsity-based bounded rationality (Gabaix, 2014), and models of limited consideration
in consumer choice (e.g., Goeree, 2008; Heiss et al., 2021). Unlike prior empirical work,
which infers attention from outcomes or uses proxies, we directly observe the assets
investors consider. Recent work emphasizes that attention shapes asset demand, return
predictability, and trading patterns (Barber and Odean, 2008; Bordalo et al., 2020). Our
empirical setting allows us to observe attention allocation with precision unavailable in
prior studies.

Finally, our online experiment aligns with experimental work showing that directing
attention improves inference quality and decision performance (Bastianello and Imas,
2025). We provide new evidence in a dynamic trading environment that mimics real-

world asset choice.



The remainder of the paper proceeds as follows. Section 2 describes the Chinese
dataset and summary statistics. Section 3 presents the main empirical results. Section 4
explores mechanisms, including the role of uncertainty and attention. Section 5 presents

our online experimental validation. Section 6 concludes.

2 Data Description

2.1 Data and Sample

We use proprietary data from a professional third-party financial institution in China
with an independent fund sales license. This institution facilitates transactions of both
public and private funds, in addition to offering retail services of financial products.
Our sample focuses on public fund investors. The key strength of our data is the
high-frequency and highly granular tracking of individual investors’ browsing activity
on the company’s trading app, including precise start and end times of each instance
in which an investor views a fund’s page. The data also contain information related
to investors’ fund holding and trading activities on the platform (e.g., the trade time,
type, and value). Finally, we observe investors’ demographic characteristics, such as
gender, age, education, and profession.

We construct variables that reflect investor attention and deliberation based on
their views of asset information pages. For each trade, we identify the number of assets
viewed, the frequency of views, and the total viewing duration during the 7 days prior to
the trade and on the trade day itself.! When assessing asset choice quality, we compare
the traded assets’ subsequent performance with counterfactual trades constructed from
the investors’ browsing history. Specifically, we include assets viewed by an investor
during the 7 days prior to the trade and on the trade date in the consideration set
for the focal traded asset. In addition to raw returns, given that funds should earn
ex-ante compensation for systematic risk exposures, we also construct “factor-neutral”
fund returns. Here, we estimate fund-level exposures to stock market and bond market
factors using two months of pre-trade data, then adjust fund-level returns to hedge out
ex-ante differences in exposures by compounding the factor-neutral returns for different

horizons, ranging from 1 to 24 weeks.
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In the data, we construct a set of variables to capture both the composition
of investors’ consideration sets and their subsequent attention and choice behavior.
To characterize consideration set formation, we measure concentration across fund
management companies using the Herfindahl-Hirschman Index (HHI), the share of
the largest fund company in the set (Top Company), and the number of distinct fund
companies in the set. We also compute fund-level moments for each set, including
recent performance measures such as the past 30-day return (Ret 30d) and an indicator
for recent losses (Negs), defined as whether the fund experienced negative returns over
the past five trading days. We measure platform-induced salience using indicators for
whether a fund is ranked among the top funds within its category, including Rank Top
30 and Rank Top 10. To capture risk characteristics, we calculate the standard deviation
of daily returns over the past year (Risk) and the skewness of daily returns (Skewness).
To proxy for investor attention and deliberation, we construct browsing-based measures
over the week prior to each trade, including total browsing frequency and total browsing
duration (in seconds), both transformed as log(1 + -). All variables used in the paper
are winsorized at 1 and 99 percentiles.

Our browsing data cover the period from December 1, 2021 to October 31, 2022, and
include 13,112 investors. Because we are interested in cross-day variation in browsing
patterns and asset choice quality, we consolidate multiple buy trades of the same product
on the same date into a single trade. This results in a total of 310,288 buy trades and
110,211 sell trades. Table 1 reports the summary statistics for the variables used in
our analysis. We present browsing patterns in Panel A and future returns of actual
and counterfactual trades in Panel B. Panel A shows that 46.9% of investors are female.
The average investor is between 40 and 50 years old and holds 205,000 RMB and 9.4
products in the portfolio. It further shows that the average (median) investor views
11.7 (3.4) funds and trades 3.2 (2.0) funds per month. The average (median) size of the
consideration set includes 25.1 (2) funds per trade. Panel B shows that the raw returns
of the assets in the consideration set are —2.55% and —4.91% one and three months
after a trade, respectively, while the corresponding risk-adjusted returns are —0.16%
and —0.1%.

2.2 T + 1 Trading Rule

In China, mutual fund trading follows the “T+1” rule. Trading days are defined as
Monday to Friday, excluding weekends and holidays. This implies that, if an investor



buys or redeems a fund on a trading day T, the instruction is recorded as an order on
that day, but the trade is confirmed on the next trading day (i.e., T+1) based on the
closing price of day T. Hence, trade requests submitted on Friday experience delayed
confirmation (by two additional calendar days)compared to trades submitted on other
weekdays. Moreover, once an order is placed, it cannot be withdrawn on T+1 prior to
its confirmation.

In an online appendix, we present summary statistics for Friday and other trading
weekdays separately, covering the number of trades, the features of the associated
consideration sets, and the future returns of the assets in those sets. The raw and
risk-adjusted one-month returns of the assets in the consideration sets for Friday trades
are —2.94% and 0.02%, respectively, while the corresponding returns for trades on other

weekdays are —2.46% and —0.2%.

3 Main Results

The literature on investor performance relative to the market is extensive and highlights
a consistent theme: individual investors are unable to outperform passive market
benchmarks. Prior work attributes this pattern to factors such as overconfidence,
behavioral biases (e.g., home bias, the disposition effect, gambling motives, etc.), and
limited attention, among others.

In this section, we begin by comparing investors’ performance with market bench-
marks to evaluate their trading skill using the conventional approach in the literature.
We then shift focus to the central question of the paper: when investors face cognitive
constraints that prevent them from analyzing all available assets, how should we evaluate

their trading skill relative to their consideration set?

3.1 Returns Relative to Market Benchmarks

We first examine the future performance of asset choices relative to market benchmarks.
Suppose that we learned that an investor was planning to invest 1 RMB to purchase a
fund tomorrow and hold it for a fixed period of time. We then suggest that instead of
executing the proposed idea, the investor invests that money in a randomly selected
fund from the available funds of the same type (e.g., conservative, moderate, aggressive

growth funds) on the market. The expected payoff from the counterfactual strategy or
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market benchmark corresponds to the equal-weighted mean of realized returns across
all available funds of the same type.

For each traded asset, we match it with a market benchmark as constructed above.
We then compare the future performance of asset choices relative to their counterfactual
strategies following Equation (1) where ¢ denotes an investor, m denotes a market

benchmark, j denotes a mutual fund product, and ¢ denotes the trading date.

Retinj+ = 5 Asset bought + Investor-by-Set FE + Product FE 4+ Month FE + &4,
(1)

The dependent variables are cumulative returns over horizons of 1 to 24 weeks

imjt

following the trading date. Our independent variable Asset bought is a dummy that
equals one if a product is purchased and zero for its market counterfactual. We conduct
the comparison within each pair of the traded asset and its benchmark (i.e., the two assets
comprising a set) by including Investor-by-Set fixed effects. Additionally, we include
product and month fixed effects to account for product-specific and macroeconomic
unobservables. Standard errors are clustered at the investor level. Our main coefficient
of interest is [, which captures the difference in traded asset’ future performance relative
to its benchmark’s.

Figure 1 plots the comparison of returns between assets bought and their market
benchmark, and Table 2 reports the corresponding regression results. Using raw
cumulative returns, we find that assets bought underperform their market benchmarks
at any horizon, consistent with the large literature documenting that individual investors,
on average, do not beat the market. The traded asset under-performs the benchmark
significantly at every horizon we examine: the gap widens from about 17 basis points
half a week after the trade to over 110 basis points around three months, and remains
near 90 to 100 basis points thereafter.

The risk-adjusted comparison in Figure 1 and Table 2 tells the same story. We
first compute risk-adjusted returns for each fund in the counterfactual portfolio and
take their equal-weighted average. On a risk-adjusted basis, the traded asset also
under-performs the benchmark significantly through roughly the first three to four
months, by up to about 36 basis points, and is statistically indistinguishable from it at
longer horizons. In neither case do investors outperform the market.

Panels A and B of Figure 3 repeat the analysis for trades that occur on each weekday
separately. The traded asset continues to under-perform the market benchmark across

all weekdays, in both raw and risk-adjusted returns.
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3.2 Returns Relative to Consideration Set

Next, we turn to the focus of the paper by comparing the future performance of
asset bought relative to assets in investors’ consideration set. We follow Equation (2)
where 7 denotes an investor, s denotes a consideration set, j denotes a product, and
t denotes the trading date. The dependent variables are cumulative returns from 1
to 24 weeks following the trading date. Our independent variable Asset bought is a
dummy that equals one if a product is purchased and zero otherwise. We conduct a
within-consideration-set comparison between the traded asset and other assets in the
consideration set by including Investor by Set fixed effects. Additionally, we include
product fixed effects and month fixed effects. Standard errors are clustered at the
investor level. Our main coefficient of interest is 3, which captures the difference in
traded assets’ future performance relative to the performance of their counterfactual

choices in the consideration set.
Ret,;; = B AssetBought, ; , + Investor-by-Set FE + Product FE + Month FE + ¢. (2)

Figure 2 plots the pooled comparison of returns between assets bought and the
other assets in their consideration sets, for both raw and risk-adjusted returns, and
Table 3 reports the regression results. In sharp contrast to the market-benchmark
comparison, the traded asset out-performs the other assets in its consideration set. The
relative performance is positive and statistically significant across various horizons, with
a magnitude of roughly 5 to 30 basis points. Panels C and D of Figure 3 show that this
out-performance holds across weekdays — the mirror image of the market-benchmark
result in Panels A and B.

Overall, our findings suggest that investors are able to select the “right” asset to
trade from the assets they are aware of. This finding stands in stark contrast to the
conventional view that investors under-perform and underscores the importance of
accounting for the pre-trading stage when evaluating trading performance.

The premium is larger for trades placed on Friday. The Friday interaction reported
in Table 4 (“Full sample”) is positive and significant over roughly the first month, adding
about 10 to 16 basis points to the purchased-asset premium for Friday trades, before
fading at longer horizons. As explained in Section 2.2, orders placed on Friday take
two extra calendar days to confirm on the next trading day. The delayed confirmation

may add uncertainty, since investors have more time to regret a decision before it is
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executed and cannot withdraw the order once placed. Our results suggest that investors
are more selective, or more deliberate, in their trading decisions on Friday.

On a risk-adjusted basis (Figure 2 and Panel B of Table 3), purchased assets again
out-perform their consideration set — significantly at the shortest horizons and around
three months, by up to about 30 basis points. The Friday interaction (Table 4) adds a
comparable premium of about 15 basis points over the first month; at longer horizons
the risk-adjusted Friday effect is no longer positive.

In Figure A.1, we run an analogous test for sell trades, comparing the future returns
of the fund an investor sells with those of the other funds the investor both continues to
hold and had in the consideration set. Sold funds subsequently under-perform the funds
the investor retains, by an amount that grows with the horizon, indicating a reasonable
degree of selling skill within the opportunity set investors are aware of.

Overall, the findings in this section suggest that investors exhibit meaningful trading
skill when their choices are evaluated relative to assets within their consideration sets,

and that heightened uncertainty may induce greater cognitive effort in decision-making.

3.3 Round-trip Returns

The Friday effect in the full sample fades within about a month. At the minimum, this
shows that Friday deliberation helps investors pick assets that beat the consideration
set in the short run. But does it matter for the trades investors actually complete?
To answer this, we identify buy trades for which a subsequent (“round-trip”) sell is
observed in our data. For each window T' € {12, 16, 20, 24, 32} weeks, we set Round = 1
for buy trades whose round-trip sell we observe within 7" weeks, and drop trades in the

last T" weeks of the sample, for which a round trip cannot yet be determined.

Ret; s j+ = o Asset bought, ; ;, + 8 Asset bought, , ;;, x Round
+ Investor by Set FE + Product FE (3)
+ Month FE + ¢; 5

Equation (3) contrasts round-trip and non-round trades directly. In Table A.1, for
each T weeks of investment horizon, we run the above estimation for each weekday
following Equation (3), where Round is a dummy indicating a buy trade with a
subsequent sell trade. « represents the relative performance of the non-round trade

to the consideration set, and « + [ represents the relative performance of the round
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trade to its consideration set. We plot the returns of buy trades with and without a
round-trip trade relative to their consideration set in Figure 4 and coefficient estimates
in Table A.1.

We find that regardless of trading days, the significantly positive coefficient in
Table A.1 suggests that the performance is better for buy trades with a round-trip
sell trade than those without, when compared to their own consideration set. The
magnitude is also large: for example, buy trades with a round-trip sell trade in 18 weeks
outperform their consideration sets by a magnitude ranging from 20 to 100 basis points
in 12 weeks after the trade. In contrasts, we do not detect a consistent out-performance
across weekdays for buy trades without a round-trip sell trade in Panel F.

Table 4 instead reports, separately for each window 7', estimates of Equation (2)
and of its Friday interaction on the subsample of trades with Round = 1 — the trades
investors ultimately completed, for which the deliberation at purchase has a realized
consequence. Within this round-trip subsample, the purchased asset out-performs the
other assets in its consideration set by an economically large margin: the pooled “Asset
bought” coefficient rises to roughly 30 to 70 basis points at medium and longer horizons,
well above the full-sample estimate.

The Friday premium is far more persistent among round-trip trades. The “Asset
bought x Friday” coefficient in Table 4 is positive and statistically significant at
essentially every horizon and in every window, typically 20 to 50 basis points — whereas
in the full sample the Friday effect had faded within two months. The same pattern
holds on a risk-adjusted basis (Panel B). This suggests that the extra deliberation
induced by Friday’s delayed confirmation carries through to the trades investors realize,
not just to short-lived paper gains.

Overall, our findings in this section suggest that Friday deliberation helps improve

trading decisions and has real return implications.

4 Mechanisms

In this section, we explore the mechanisms underlying the findings in Section 3. In
particular, we aim to address the following questions. First, are there distortions in
the formation of investors’ consideration sets? If so, what are their characteristics?
Second, when investors choose from their consideration sets, does greater deliberation

help overcome cognitive limitations?
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4.1 Distortion in Consideration Set Formation

Before examining how investors choose within their consideration sets, we first ask
whether there are systematic distortions in how these sets are formed. If investors’
browsing is driven by familiarity or attention-grabbing cues rather than fundamentals,
the consideration set itself may be biased in ways that constrain subsequent choices.

Specifically, we explore two types of characteristics: asset concentration and salience
cues. Regarding asset concentration, we examine whether consideration sets are con-
centrated across fund management companies. For each trade with at least three funds
in the consideration set, we compute the Herfindahl-Hirschman Index (HHI) and the
share of the largest company (Top Company) within the set. In terms of salience cues,
we examine performance ranking and risk of the funds.

To test this, we collapse the fund-level consideration set panel to the trade level.
For each trade, we compute the average fund characteristic across all funds in the
investor’s actual consideration set and, separately, across all funds in a size-matched
counterfactual set. The counterfactual set is constructed by randomly sampling from all
public mutual funds with identifiable fund management company available on the same
date ( 9,000 funds per date), matched 1:1 in size with the actual consideration set. This
yields two observations per trade: one representing the average characteristics of the

actual consideration set, and one representing the counterfactual. We then estimate:
Yi s = BActual Set; ; + Investor by Matched Set FE + ¢ (4)

where Y] ; is the average fund characteristic for trade i in set s € {actual, counterfactual},
and Actual Set is an indicator equal to one for the actual consideration set. The
investor-by-matched-set fixed effect absorbs all heterogeneity at the level of each
investor’s matched pair, so 8 captures the within-pair difference between the actual
and counterfactual sets. Standard errors are clustered at the investor level.

To examine whether browsing distortions vary with the intensity of investor deliber-
ation, we classify trades into terciles by total browsing frequency in the consideration
window. Within each effort group, we further split by per-asset effort (total frequency
divided by the number of funds browsed): high per-asset effort (“deep research”) in-
vestors spend more time on each, while low per-asset effort (“broad screening”) investors
spend less time per fund.

Table 5 Panel A reports the full-sample results. It shows that consideration sets cover
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fewer distinct fund companies than the counterfactual (—3.2 companies), with higher
HHI (40.067) and higher top-company share (40.083). Investors concentrate their
browsing on a narrower set of fund management companies than would be expected from
random exploration. In Panel A of Table 6, we find that actual sets have significantly
fewer recent losses (Neg 5: —3.7 pp) and are substantially overrepresented among
platform-ranked funds (Rank Top 30: +5.6 pp). Browsed funds also exhibit higher
volatility (40.015) and skewness (+0.465) than the counterfactual. Recent 30-day
returns show no significant difference (+0.001, p = 0.43).

Panel B of both tables decomposes high-effort investors (top tercile of browsing
frequency) by per-asset effort, revealing distinct browsing strategies. Deep research
investors show stronger loser avoidance: their Neg 5 effect (—0.065) exceeds that of
broad screening investors (—0.051). In contrast, broad screening investors rely more
on platform rankings: Rank Top 30 is +0.063 for broad screeners versus +0.051 for
deep researchers. Recent return effects are nearly identical (+0.007 in both), suggesting
that return selection is independent of browsing strategy. The concentration results
show that both subgroups browse significantly fewer companies than the counterfactual
(—=5.2 to —5.7), with modestly elevated HHI (4-0.026 to 4+0.029). Company-level focus
is a shared feature of high-effort browsing regardless of the specific strategy.

Panel C turns to low-effort investors (bottom tercile). Both per-asset effort sub-
groups show substantially attenuated distortions compared to high-effort investors.
Most strikingly, Ret 30d is significantly negative for both subgroups (—0.006 and
—0.008): low-effort investors actually browse funds with worse recent performance than
the counterfactual. This reversal—from positive selection among high-effort investors to
negative selection among low-effort investors—is the most pronounced heterogeneity in
consideration set formation. The Neg 5 effect is economically small and often insignif-
icant. Rank effects remain positive and roughly comparable to the full sample. The
concentration results reveal dramatically higher concentration for low-effort investors:
HHI ranges from +0.111 to +0.117 (compared to +0.026 to 4+0.029 for high-effort), and
top-company share reaches +0.133 to +0.137. Low-effort investors concentrate their
limited browsing on a small number of fund companies.

Taken together, our findings suggest that investors are likely to form consideration
sets based on familiarity and to rely on salient cues from the platform. Moreover,
these results document a clear distortion in consideration set formation that is strongly

modulated by browsing effort. Among high-effort investors, deep researchers shape their
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consideration sets through careful evaluation of recent losses, while broad screeners
leverage platform salience cues. Both subgroups achieve positive return selection and
moderate company diversification. Low-effort investors spend minimal browsing effort,

which leads to consideration sets that are more concentrated and less filtered.

4.2 Attention Patterns in Asset Choices

In the previous subsection, we examine how investors form their consideration set. We

next analyze conditional on the set, how investors make asset choices.

4.2.1 More Deliberation

We posit that investors, facing greater uncertainty on Friday, are incentivized to exert
more cognitive effort deliberating their trading decisions. To test this, we measure
investors’ attention through their browsing patterns. Specifically, we calculate each
investor’s total browsing frequency and length (in seconds) in the week prior to the
trading day for the traded asset. We then take the logarithm of one plus these attention
measures and compare them between buy trades that occurred on Fridays and those
that occurred on other weekdays. We control for investor, month, and product fixed
effects. In Panel A of Table 7, we report the results.

We find a significant increase in browsing frequency and duration for Friday trades
compared to trades that occurred on other weekdays. Specifically, browsing frequency
and length for Friday trades are 0.632% and 1.4% higher than trades on other weekdays,

respectively. Our findings suggest that investors deliberate more for Friday trades.

4.2.2 Salience

Next, we examine the salience of the assets purchased on different weekdays. We
conjecture that buy trades made on Fridays are less likely to involve attention-grabbing
assets. The trading APP ranks funds based on their historical returns within each fund
type. Although investors can select different return horizons, the default standard is
according to their past annual returns. We use the inclusion of an asset in the top 10
highest annual returns within its category as a proxy for whether it is an attention-
grabbing fund. In Panel B of Table 7, the dependent variables include whether the asset
was ranked in the top ten in terms of annual returns within its fund category on the

day it was viewed (Rank Top 10) in column (1). In columns (2) and (3), we examine
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the asset’s daily return standard deviation in the last year (Risk), and the asset’s daily
return skewness in the past year (Skewness). We interact the Asset bought dummy
variable with the Friday dummy. The model controls for investor-by-consideration set
fixed effects, product fixed effects, and month fixed effects.

Column (1) of Panel B of Table 7 shows that the coefficient on Asset bought x Friday
is significantly negative, suggesting that the assets purchased on Friday are less likely to
be among the attention-grabbing ones. This result implies that investors are less likely
to rely on the ranking to make trading decisions on Friday. Coefficient on Asset bought
suggests that on other trading days, investors are more likely to pick high-ranked assets.
Thus, increasing attention to Friday trades leads to more thoughtful asset selection.
Our results are consistent with Sirri and Tufano (1998) that shows performance-flow
relationship is most pronounced among funds with higher marketing effort. Columns
(2) and (3) further show that assets bought on Fridays have a lower standard deviation
and a higher skewness. These findings indicate that investors are more likely to choose
assets with a lower risk and to avoid assets with a longer left-tail distribution. Overall,
investors become more averse to risk taking.

Could it be caused by changes in the formation of the consideration set rather
than in asset choices? In an online appendix, we conduct similar analyses for the
consideration set and find that the returns, the standard deviation of returns, and other
features of the consideration sets do not differ significantly between Friday and other
weekdays. Taken together, we conclude that it is asset selection, not the formation of
the consideration set, that explains the difference in performance between Friday and

other weekdays.

4.3 Validation: Why More Effort?

Why do investors pay more attention to trades made on Fridays compared to other
weekdays? One potential explanation is that, due to the T+1 trading rule, trades
placed on Friday, and thus confirmed on Monday, carry more uncertainty due to the
additional information released over the weekend, causing investors to regret on the
trading decisions.

To validate this assumption, in Table 8, we examine the volatility of one-business-day
return from today to the next trading day across different weekdays. We calculate
the standard deviation and the max-min difference of the one-day returns for each

asset for each of the five weekdays. Thus, each observation corresponds to one asset’s
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forward risk on each one of the five weekdays. In columns (1) and (2), we compare
the forward risk of an asset on Friday to that on other weekdays. In columns (3) and
(4), we compare the forward risk of an asset on each of the other weekdays to that on
Friday. The model controls for product fixed effects. Standard errors are clustered at
the product level. As shown in Table 8, returns from Friday to the following Monday
exhibit significantly higher volatility compared to changes observed on other weekdays.

This finding validates our assumption that T+1 trading rule causes more uncertainty.

5 Online Experiment

In this section, we give an overview of an online experiment which allows us to analyze the
effects of attention on portfolio performance in a controlled environment. Participants
(N=100) were recruited using the Prolific crowd-sourcing platform Gupta et al. (2021)
and recruitment was restricted to residents of the United States, the United Kingdom
and Ireland. Participants engaged in a simulated trading environment where their
buying and selling decisions determined their bonus payment. Participants were paid
$5.00 for their completion of the experiment and a bonus payment based on their

performance in the experiment.

5.1 Experiment Design

Participants were told that they would have the opportunity to trade 20 goods in a
market with a total of 15 periods. Each of the goods had an associated price and
that price would change in each period. If a good’s price increased, the price went
up by 6%, and, if the price decreased, it decreased by 5%. However, each good had
a different probability of increasing or decreasing in a period. For each good and for
each participant, this probability was randomly selected uniformly from the following
list of probabilities: 25%, 30%, 45%, 556%, 65%, 70%, and 75%. Participants were not
informed which of these probabilities corresponded to each good, and they were told
that part of their task was to learn about the probability of increase for each of the
goods. The price of each good started at 100, and in the first four periods (-4 through
-1), participants were told that they were to observe the price development of each of
the goods. In period 0, the prices of all of the goods were reset to 100, and participants
allocated the entirety of a 2000 point endowment among the goods to purchase 20
goods total. In each of the following periods (1-10), participants could buy or sell goods.
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Buying a good would deplete the number of points in their account by the price of the
good in the current period, and selling a good would add the price of the good in the
current period to their account.

There were two treatments in the experiment. In the treatment meant to modify
attention, participants were told that following a subset of 5 of the goods would improve
their performance and therefore their bonus payment. During the allocation step,
participants entered the five goods that they would track throughout the remainder of
the periods. In the control treatment, participants were not told to track any of the

five goods.

5.2 Inference

Participants’ optimal strategies in this environment are characterized by holding goods
that have a higher probability of their price increasing. Correctly solving this inference
problem involves calculating a set of Bayesian posteriors from a discrete set of priors.
We formalize participants’ belief updating about the probability that a good’s price
increases. Each good i is associated with an unknown probability of price increase p;,

which is drawn from a discrete set:
© = {0.25,0.30,0.45,0.55,0.65,0.70,0.75}.

Participants are assumed to hold a uniform prior over ©:
1

Let u;; denote the number of price increases and d;; the number of price decreases
observed for good 7 up to period t. Conditional on a candidate probability p;, the
likelihood of the observed data is given by:

P(data; | pj) = pj“-“(l - pj)d”.
Applying Bayes’ rule, the posterior probability that the true probability equals p; is:

Py (1 — py)™
S hoy PE(1 = i)t

P(p] | datait) =
We summarize beliefs using the posterior mean, which we refer to as the weighted

20



average of the Bayesian posteriors. In our analysis that follows, we use the weighted
average of the Bayesian posteriors, which is calculated for each good for each period for

each participant. For each good 7 and period ¢, this is defined as:

pzt - Zp] pj | datazt)

Substituting the posterior expression yields:

L 2= 1pq;“+1(1—pj)d“
S i pf (1 — py) e

Dit =

This quantity represents the Bayesian posterior expectation of the probability that
the good’s price increases in the next period.

For our dependent variable, we take the number of units held for a specific good
and then divide by the sum of total holdings across all goods for that specific period.
Let ¢;; denote the number of units of good ¢ held in period t. We define the portfolio

weight of good i as:
ta

Zk 1 th

In later analysis, we examine how portfolio weights w;; respond to posterior beliefs

Wi =

Dit, and whether this relationship differs across attention treatments. Table 9 presents

the summary statistics of the variables used in this experimental analysis.

5.3 Analysis

To assess whether paying attention to a good leads to a stronger reaction to favor-
able price movement, we perform the following analyses. We estimate the following

specification:

Held Share;,; = 8y + 51 Bayesian Posterior; , 4+ 32 Followed Good;g

+ B3 (Bayes1an Posterior;,, X Followed Goodig> + Eigt

igt

(3)

where Held Share; is the share of the endowment invested in good ¢ by participant ¢ in

round t, Bayesian Posterior;,, is the posterior belief about the probability of increase

zgt
of good g for participant ¢ in round ¢, and Followed Good,, is a dummy variable equal
to 1 in the attention treatment for the five goods that participants marked and equal

to 0 for all other goods. In the non-attention treatment, Followed Good;; = 1 for all
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goods. Standard errors are clustered at the participant level.

Table 10 presents the regression results. The positive significant coefficient on the
interaction term can be interpreted as indicating that in a laboratory environment,
when attention is not directed towards an asset, investment behavior will be less
sensitive to good news or bad news about the value of holding that asset. The positive
and statistically significant coefficient on the Bayesian posterior indicates that, at the
baseline level, subjects behave in line with the optimal strategy.

In addition to Equation (3), we also perform a two-sample t-test assuming unequal
variances to assess overall performance. The results of these analyses are reported in
Table 11. As shown in Table 11, participants in the treatment where they were told
to follow certain, on average, achieved a higher final wealth state than participants
who were not told to follow certain goods. Since this t-test is statistically significant, it
indicates that participants in the treatment allocated, across the experiment, in such a
way to achieve a portfolio closer to optimality than participants in the control. Because
any strategy approaching optimality relies solely on the price signals, and since Bayesian
updating is the optimal manner of interpreting these price signals, we conclude that
the results from Table 10 show that the results in Table 11 are explained by attention.
If the coefficient on the interaction term in Table 10 did not improve performance, then
we would not see the results reported in Table 11.

Consistent with the findings based on the field data, our experimental evidence
shows that directing deliberation toward a select subset of assets improves inference,

thereby enhancing asset allocation decisions and overall trading performance.

6 Conclusion

This paper demonstrates that accounting for limited attention is essential for evaluating
the quality of financial decision-making. Using a unique dataset that records every asset
investors view on a major Chinese financial platform, we provide the first large-scale
evidence on how individuals construct consideration sets prior to trading. Across more
than 300,000 trades, investors attend to only a small subset of the thousands of available
assets, and these consideration sets exhibit substantial heterogeneity across investors
and across time. This empirical reality stands in sharp contrast to the standard
assumption—implicit in much of the behavioral finance literature—that investors

evaluate the full universe of alternatives when making portfolio choices.
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Our main finding is that the assessment of investor skill changes dramatically once
the relevant opportunity set is correctly measured. When benchmarked against all
available assets, investors replicate the well-known pattern of underperformance relative
to market indices. But when we compare chosen assets to the assets that investors
actually considered, this conclusion reverses: investors systematically select the best-
performing assets within their consideration sets. Both raw and risk-adjusted returns
indicate meaningful within-set skill. These findings show that much of the previously
documented “underperformance” reflects a mismeasurement problem—an econometric
comparison to counterfactual options that were never part of the investor’s deliberation
process.

We also provide evidence on the mechanisms linking attention and decision quality.
Institutional variation generated by China’s T+1 trading rule produces exogenous
increases in deliberation for Friday trades, leading to more extensive browsing and
subsequently higher-quality choices relative to investors’ own considered alternatives.
Complementary evidence from our online experiment shows that directing participants’
attention causally increases the sensitivity of investment behavior to underlying asset
fundamentals and improves portfolio outcomes. Together, these results highlight that
attention is not merely correlated with better decision-making but is a key input into it.

The broader implication of our findings is that models of portfolio choice—and
empirical evaluations of investor behavior—must incorporate attention costs and limited
consideration. Ignoring these constraints risks overstating behavioral biases, mis-
characterizing investors’ objectives, and drawing incorrect conclusions about welfare.
Consideration sets function as the true economically relevant choice sets for investors,
and incorporating them fundamentally reshapes our understanding of retail trading
behavior.

More generally, our results suggest that attention constraints likely affect decision
quality in many high-dimensional environments beyond financial markets, such as insur-
ance plan selection, consumer product choice, and online search. As richer behavioral
data become available, future work can further explore how information acquisition,
deliberation, and computational constraints interact with market structure and choice
architecture. Our findings underscore that understanding what individuals consider is

indispensable for understanding what they ultimately choose.
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Table 1: Summary Statistics

Panel A. Account level summary statistics

Variable N mean sd Pd p50 P95

Age 13,112 46.0 12.6 30.0 40.0 70.0
Gender (F) 13,112 0.5 0.5 0.0 0.0 1.0
Holding RMB 65,392  205,384.9 384,233.8 2,486.5 64,364.2 900,755.4
Number of products 65,392 9.5 10.6 1.0 6.0 30.0
Monthly transaction 13,140 3.2 7.4 1.0 2.0 8.5
Monthly browsing frequency 13,140 11.7 40.9 0.0 3.4 46.9
Consideration set size 308,285 25.1 81.4 0.0 2.0 131.0
Browsing frequency 308,285 61.8 205.7 0.0 2.0 340.0
Browsing length (second) 308,285 583.7 1,865.1 0.0 45.0 2,928.0

Panel B. Returns of traded and browsed assets

Horizon (week) N mean sd p5 p50 p95

0.5 (raw) 7,724,173 -0.0028 0.0312  -0.0543 -0.0017 0.0474
0.5 (risk adjusted) 7,368,101 0.0042 0.0302  -0.0425 0.0014 0.0595
1 (raw) 7,721,402 -0.0049 0.0390 -0.0663 -0.0040 0.0580
1 (risk adjusted) 7,365,562 0.0031 0.0337  -0.0515 0.0014 0.0624
2 (raw) 7,716,372 -0.0106 0.0512  -0.0899 -0.0116 0.0774
2 (risk adjusted) 7,361,433 0.0012 0.0436 -0.0702 0.0003 0.0780
3 (raw) 7,713,419 -0.0172 0.0581  -0.1062 -0.0196 0.0848
3 (risk adjusted) 7,359,305 -0.0002 0.0511  -0.0866 -0.0006 0.0894
4 (raw) 7,709,732 -0.0255 0.0699  -0.1308 -0.0291 0.0965

Note: In Panel A, we present the summary statistics of investor demographics and trading and browsing frequency
at the monthly level. The consideration set consists of assets the investor viewed on the trade day and during the
preceding week. In Panel B, we report the summary statistics of future returns of assets in the consideration set for
various horizons. The risk-adjusted returns were calculated by adjusting for two factors: a stock market factor and a
bond market factor. Fund-level exposures to these factors were estimated using two months of pre-trade data.
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Table 5: Distortion in Consideration Set Formation: Asset Concentration

Panel A: Full Sample
1) (2) (3)

Dep. var.: # Companies HHI Top Company
Actual Set —3.249*** 0.067*** 0.083***
(0.554) (0.005) (0.007)
Investor by matched set FE Y Y Y
Observations 270,810 270,810 270,810

Panel B: High-Effort Investors

Deep research (high per-asset effort)

—5.234*** 0.026*** 0.025%**

(0.968) (0.006) (0.009)

Observations 41,174 41,174 41,174
Broad screening (low per-asset effort)

—5.699*** 0.029*** 0.033***

(0.738) (0.004) (0.007)

Observations 41,602 41,602 41,602

Panel C: Low-Effort Investors

High per-asset effort

—0.393*** 0.117*** 0.137***
(0.029) (0.009) (0.009)
Observations 5,574 5,574 5,574
Low per-asset effort
—0.524*** 0.111%** 0.133***
(0.033) (0.007) (0.008)
Observations 9,436 9,436 9,436

Note. This table examines whether investors’ actual consideration sets are more concentrated across fund management
companies than counterfactual sets. For each trade, we compute company-level concentration within the actual
consideration set and within a size-matched counterfactual set randomly sampled from all funds available on the same
date (1:1 size match). The sample is restricted to trades with consideration set size > 3. # Companies is the number of
distinct fund management companies; HHI is the Herfindahl-Hirschman Index (EZ s? where s; is company i’s share);
Top Company is the share of the largest company. Panel A reports the full-sample results. Panels B and C decompose by
browsing effort and per-asset effort, following the same grouping as Table 6. All specifications include trade fixed effects.
Standard errors are clustered at the investor level. Standard errors in parentheses. * p<0.1, * p<0.05, *** p<0.01.
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Table 6: Distortion in Consideration Set Formation: Salience Cues

Panel A: Full Sample

1 2 ®3) (4) 5) (6) (7
Dep. var.: Neg_5 Ret 30d Volatility =~ Skewness Rank Top 10 Rank Top 20 Rank Top 30
Actual Set —0.037*** 0.001 0.015*** 0.465*** 0.026*** 0.042*** 0.056***
(0.003) (0.001) (0.001) (0.016) (0.002) (0.002) (0.003)
Investor by matched set FE Y Y Y Y Y Y Y
Observations 358,450 347,558 359,016 358,410 360,042 360,042 360,042

Panel B: High-Effort Investors

Deep research (high per-asset effort)

—0.065*** 0.007*** 0.008*** 0.420*** 0.026*** 0.043*** 0.051***

(0.010) (0.001) (0.001) (0.029) (0.003) (0.004) (0.005)

Observations 41,140 41,116 41,150 41,148 41,150 41,150 41,150
Broad screening (low per-asset effort)

—0.051*** 0.007*** 0.007*** 0.238*** 0.029*** 0.046*** 0.063***

(0.005) (0.001) (0.000) (0.040) (0.002) (0.003) (0.004)

Observations 41,036 41,024 41,038 41,036 41,038 41,038 41,038

Panel C: Low-Effort Investors

High per-asset effort

0.001 —0.006***  0.023*** 0.762*** 0.022*** 0.038*** 0.054***

(0.008) (0.001) (0.001) (0.044) (0.004) (0.005) (0.006)

Observations 46,902 41,740 47,378 47,138 47,702 47,702 47,702
Low per-asset effort

—0.010* —0.008***  0.027*** 0.679*** 0.022*** 0.032*** 0.053***

(0.006) (0.001) (0.001) (0.039) (0.005) (0.005) (0.013)

Observations 44,768 40,030 45,046 44,822 45,480 45,480 45,480

Note. This table examines whether investors’ actual consideration sets differ systematically from counterfactual sets.
For each trade, we compute the average fund characteristic across all funds in the actual consideration set and across a
size-matched counterfactual set randomly sampled from all funds available on the same date (1:1 size match). Panel A
reports the full-sample results. Panel B restricts to high-effort investors (top tercile of total browsing frequency) and
decomposes by per-asset effort: “Deep Research” denotes the top tercile (fewer funds, more time per fund) and “Broad
Screening” the bottom tercile (more funds, less time per fund). Panel C restricts to low-effort investors (bottom tercile)
with the same per-asset effort decomposition. The dependent variables are fund-level characteristics averaged at the set
level: Neg 5 is an indicator for negative 5-day cumulative returns; Ret 30d is the 30-day cumulative return; Volatility
and Skewness are the 365-day return standard deviation and skewness; Rank Top 10/20/30 indicates inclusion in the top
10/20/30 annual return ranking within the fund category. All specifications include trade fixed effects. Standard errors

are clustered at the investor level. Standard errors in parentheses. * p<0.1, * p<0.05, *** p<0.01.
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Table 7: Attention Patterns: Friday vs. Other Weekdays

Panel A: Effort

(1)

(2)

Dep. var.: Browsing freq.  Browsing len.
Friday 0.00632* 0.0143*

(0.0035) (0.0079)
Investor FE Y Y
Product FE Y Y
Month FE Y Y
Observations 198,959 198,959
R-squared 0.709 0.607

Panel B: Attention-grabbing asset
(1) @) 3)

Dep. var.: Rank Top 10 Risk Skewness
Asset bought 0.002162%* 0.001578***  -0.009840**

(0.001) (0.000) (0.004)
Asset bought x Friday  -0.004480*** -0.000226* 0.009494**

(0.001) (0.000) (0.004)
Investor by set FE Y Y Y
Product FE Y Y Y
Month FE Y Y Y
Observations 7,477,626 7,566,714 7,563,832
R-squared 0.544 0.910 0.861

Note. In this table, we examine investors’ attention patterns. Panel A compares the attention level of investors in the
week prior to buy trades occurring on Fridays versus other weekdays. The two dependent variables are the log(Y+1)
form of the view frequency and the view length (in seconds) of the asset traded in the week before the trade. The model
controls for investor, month and product fixed effects. In Panel B, we compare the characteristics of assets bought with
those in the investor’s consideration set, as well as the differences between assets bought on Fridays and other weekdays
with respect to these characteristics. The dependent variables include whether the asset was ranked in the top ten in
terms of annual returns within its fund category on the day when it was viewed (Rank Top 10), the asset’s daily return
standard deviation in the last year (Risk), and the asset’s daily return skewness in the past year (Skewness). Asset
bought is a dummy variable that equals one if the asset is bought and zero if it is not but belongs to the consideration
set. Friday is a dummy variable that equals one if the asset is bought on Friday and zero on other weekdays. The model
controls for investor-by-consideration set fixed effects, product fixed effects, and month fixed effects. Standard errors are

clustered at the investor level. * p<0.1, * p<0.05, *** p<0.01.
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Table 8: Forward Risk

) (2) (3) @
Dep. var.: Forward risk (std) Forward risk (max-min) Forward risk (std) Forward risk (max-min)
Friday 0.0232%** 0.0177%%*

(0.00108) (0.00485)
Monday -0.0234%** -0.0179%**
(0.00119) (0.00519)
Tuesday -0.0153*** 0.00181
(0.00145) (0.00471)
Wednesday -0.0170%** -0.0165%***
(0.000919) (0.00468)
Thursday -0.0361%** -0.0359***
(0.00103) (0.00509)
Product FE Y Y Y Y
Observations 160,849 167,809 160,849 167,809
R-squared 0.924 0.871 0.925 0.871
Note. This table presents a comparison of the one-trading day return of funds between Fridays and other week-

days. The dependent variables include the standard deviation and the max-min of returns of a fund from today to
the next trading date. Each observation is the summary of an asset’s return on one of the five weekdays. Friday
(Monday/Tuesday/Wednesday/Thursday) is a dummy variable that equals one if the asset is bought on Friday (Mon-
day/Tuesday/Wednesday/Thursday) and zero on other weekdays. The model controls for product fixed effects. Standard
errors are clustered at the product level. * p<0.1, * p<0.05, *** p<0.01.
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Table 9: Summary Statistics in Online Experiment

Variable Mean SD pencil
Held Share 0.05 0.09 X
Held Share 0.05 0.09 Y
Posterior Mean 0.52 0.13 X
Posterior Mean 0.52 0.13 Y
Final Account 2188.09  205.31 X
Final Account 2321.71 189.34 Y

Note. In this table, we give descriptive statistics of the two treatments in the online experiment conducted on Prolific
(N=100). Held Share describes the average of (# of goods held)/(Total Goods Held) for each participant. Bayesian
Posterior gives the weighted averages over the discrete posterior distribution, as generated by Bayesian updating, for
each good. Final Account is the end-wealth of a participant calculated by summing the money in their account with the

quantity of each good multiplied by the price. pencil indicates for which treatment group the summary statistics apply.
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Table 10: Regression in Online Experiment

(1)

Variables Held Share
Bayesian Posterior 0.032689***

(0.0041748)
Followed Good -0.039780***

(0.0041132)
Followed Good x Bayesian Posterior 0.151112%**

(0.008046)
Constant 0.006607***

(0.0021967)
Clustered SEs Y
Observations 22,000
R-squared 0.104

Note. In this table, we report results from a regression of Held Share on the interaction between the value of the
Bayesian posterior (Bayesian Posterior) and a dummy, Followed Good which is =1 for all goods in the condition where
participants were not asked to follow any specific good, =1 for marked goods in the "pencil" condition, and =0 for all

other goods. Each observation is good X round X participant. ***p < 0.01, **p < 0.05, *p < 0.1
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Table 11: Final Wealth Evaluation in Online Experiment

(1)

Final Account -133.6**
(-3.38)
N 100

t statistics in parentheses
* p < 0.05, ** p<0.01, *** p < 0.001

Note. The above table reports a Welch’s t-test between the two treatment groups, one in which participants were not
asked to note the particular goods they followed and one in which they were not. The value reported in column (1) is

the average wealth at the end of the experiment for the treatment subtracted from the the control.
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Figure 1: Returns Relative to Market Benchmarks
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Note. This figure compares the returns of assets bought against an equal-weighted market benchmark by fund level,
following Eq. (1), pooled across all weekdays. Raw bars use raw cumulative returns; risk-adjusted bars (hatched) adjust
for a stock market factor and a bond market factor, with fund-level exposures estimated from two months of pre-trade
data. Estimates control for investor-by-consideration-set, product, and month fixed effects; standard errors are clustered
at the investor level. The vertical bar indicates the 90% confidence interval.
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Figure 2: Returns Relative to Consideration Set
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Note: This figure compares the returns of assets bought against other assets in the investor’s consideration set, following
Eq. (2), pooled across all weekdays. Raw bars use raw cumulative returns; risk-adjusted bars (hatched) adjust for a stock
market factor and a bond market factor, with fund-level exposures estimated from two months of pre-trade data. The
consideration set consists of assets the investor viewed on the trade day and during the preceding week. The estimations
control for investor by consideration set, product, and month fixed effects. The vertical bar indicates the 90% confidence
interval.
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Figure 4: Round Trips: Returns Relative to Consideration Set
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Note: This figure presents a comparison of returns for buy trades with a round-trip sell trade. The comparison is
conducted between buy trades that occur on Fridays and other weekdays, with returns measured with respect to the
investor’s consideration set following Eq. (2). For a period of T weeks (T = 18, 24, 30, 36, and 48) since the trade, this
figure reports the returns of the trades whose round sell trades can be observed within T in our sample. Raw returns
are used in the comparisons. The consideration set consists of assets the investor viewed on the trade day and during
the preceding week. Different return horizons are used for these comparisons. The estimations control for investor by

consideration set fixed effects, product and month fixed effects.
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A Appendix

Figure A.1: Sell Decisions: Returns Relative to Retained Consideration-Set Funds
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Note: This figure compares the future returns of the fund an investor sells against the other funds that the investor
both holds at the sell decision and had in the consideration set (funds viewed on the sell day and during the preceding
week), following Eq. (2), pooled across all weekdays. A negative value means the sold fund subsequently underperforms
the funds the investor retains. Raw bars use raw cumulative returns; risk-adjusted bars (hatched) adjust for a stock
market factor and a bond market factor, with fund-level exposures estimated from two months of pre-trade data.
Investor-by-consideration-set, product, and month fixed effects are included in all specifications; returns are winsorized
at 1%/99% and standard errors are clustered at the investor level. Advisory products are included and five NAV-collision
fund subfamilies are excluded (Method B). The vertical bar indicates the 90% confidence interval.
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