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Abstract

Despite unprecedented access to information in the digital age, young citizens face growing
challenges related to news consumption and misinformation. This large-scale randomized
controlled trial examines the impact of two complementary interventions designed to foster
media literacy and the consumption of high-quality news among high-school students, im-
plemented in France over the 2024-25 academic year. The study involves 243 high schools
(for a total number of 9, 628 students), randomly assigned to a control group or to receive
one or both of the following interventions: (i) a one-year free digital subscription to the
leading national newspaper, and (ii) media education modules implemented by teachers.
Exploiting unique data on students’ actual online news consumption, we document a very
large uptake of the free subscription, which translates into persistent and large increases
in news consumption (+0.49 to 0.60 sd) and demand for future news, including an 8pp
increase in paid subscriptions nearly a year after the intervention. We also observe a 0.20

to 0.31 sd increase in news knowledge for students enrolled in deprived schools, reducing
baseline information inequality by 45-70%. Finally, we show that both free news access
and media education improve media literacy skills (+0.08 to 0.26 sd), with larger effects
among students taught by teachers with prior experience in media education.
Keywords: information acquisition, media education, media literacy, misinformation,
fake news, RCT, information inequality, news anxiety.
JEL No: D8, D83, D91, L82, L86.
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1 Introduction

Young people today are growing up in a saturated and fragmented information ecosystem.

While digital technologies have significantly broadened potential access to news and informa-

tion, this has not necessarily translated into better-informed citizens. On the contrary, studies

show that young people are increasingly vulnerable to misinformation, disengaged from tra-

ditional political processes, and distrustful of media institutions (Guess et al., 2021; Allcott

and Gentzkow, 2017). These challenges raise concerns about the health of democratic life and

the ability of new generations to exercise informed civic judgment. In this context, media

and information literacy is increasingly recognized as a cornerstone of democratic resilience

(Strömberg, 2015). Citizens must be able to access, interpret, and critically evaluate informa-

tion in order to participate meaningfully in public debates, hold institutions accountable, and

make evidence-based decisions (Dewey, 2016). These skills become even more essential when

the traditional media landscape is replaced by a complex digital environment.

Yet, there is growing concern that these skills are far from universally acquired. Despite

their fluency with digital tools, young people are not inherently equipped to navigate complex

media environments (see e.g. OECD, 2022). Furthermore, they may be adversely affected by

the increasing price segmentation of the news market: indeed, the highest-quality journalistic

content is typically behind a firewall. According to Tomasik and Lipka (2025), only 17% of

adult Americans have paid for any kind of news source in the past 12 months. That share

goes down to 12% among young people, and to 8% among people in the lower income tercile.

This inequality in access to information is reflected in inequality in informational outcomes

(Prior, 2007; Angelucci and Prat, 2024).

Importantly, while expanding access to quality news is often presented as a promising

response to these challenges – through initiatives offering free or subsidized subscriptions –

it remains unclear whether access alone is sufficient. Many young people are unaware of the

resources available to them, or do not habitually seek out serious news content. In these

cases, lack of exposure may stem not only from financial constraints, but also from gaps

in media literacy, weak intrinsic motivation, or a lack of basic familiarity with journalistic

formats. While a small number of recent studies have examined the effects of exposing adults

to politically biased news outlets (Levy, 2021; Broockman and Kalla, 2025), no research to

date has rigorously investigated whether giving young people access to high-quality digital

news can make them read the news, thereby enhancing their political knowledge and their

ability to resist misinformation. The goal of this paper is to fill this gap.

More specifically, this paper is the first large-scale randomized control trial to offer free

newspaper access and media education in a school context. This RCT was made possible by a

unique partnership with France’s leading national newspaper, Le Monde. We uniquely assess

the respective roles of financial and cognitive barriers to information consumption.
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In practice, we implemented a large-scale experiment during the academic year 2024-2025,

with 243 high schools and 379 classes, for a total number of 9, 628 students (in the 10th,

11th and 12th grades). The participating high schools are representative of the universe of

French high schools (particularly with regard to the socioeconomic and cultural conditions of

the students’ families enrolled in the schools), and the students come from a wide range of

backgrounds. We first provide unique descriptive statistics – given our sample size and the

focus on high-school students – on young people’s news consumption and interest in news.

Schools were then randomly assigned to one of four groups:1 (i) the Control group: no

intervention, (ii) Treatment group 1 (T1): students receive free digital access to Le Monde,

(iii) Treatment group 2 (T2): teachers receive training in order to implement media education

modules in the classroom, (iv) and Treatment group 3 (T3): students and teachers receive both

interventions (i.e. T1 + T2). Our design allows us to evaluate the individual and combined

effects of (i) reducing financial barriers to accessing high-quality news and (ii) strengthening

cognitive skills and motivation through structured media education.2

To guide the empirical analysis, we first present a simple theoretical framework in which

students allocate time between (i) their existing news sources and social media, (ii) a digital

newspaper with an access cost, and (iii) other activities. Students differ in their interest in

news, prior access, and preferences. News consumption competes with other uses of time and

generates news knowledge. In the model, the two treatments operate on different parameters:

media education aim to increase news interest while free access reduces cost. The model

identifies conditions for the first treatment to succeed in raising news consumption. Free

access increases consumption only for interested students and may raise, leave unchanged, or

reduce total news consumption depending on whether sources are complements or substitutes.

The joint intervention can generate complementarities when both treatments are effective.

Finally, when free access is effective at increasing news consumption, it also tends to reduce

knowledge inequality by benefiting initially less-informed students.

We next turn to the empirical analysis. We first investigate the extent to which the

treatments foster high-school students’ ability to navigate the media environment. Uniquely,

we observe news consumption patterns not only through survey data but also the actual online

consumption of those students who were given the free subscription. We first document a very

large uptake of the free news subscription, with 70.3% of the students in T1 and T3 who

activated their subscription. Furthermore, among them, 98.6% consumed more than one news

article during the academic year, 87.7% went on Le Monde website at least ten times, and

63.8% fifty times or more. Importantly, they do so during class hour but not exclusively, and
1The randomization was done at the school level and, as described in Section 2.2, we stratified by school

socioeconomic status, school type (General, Technological and Vocational), grade level, and the intensity of
the media education practices of participating teachers within the school before the intervention.

2Crucially, reducing the financial barrier in our setup was bundled with institutional support: the free
subscription was introduced with explicit school endorsement and a teacher-led classroom activation session.
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we also observe them consuming news in the evening or on weekends. We cross-checked this

usage data with students’ self-reported news consumption in the endline survey and found the

two measures to be consistent. This result stands in contrast to the widespread perception,

documented for example in the Reuters Digital News Report (Newman et al., 2023), that

younger generations feel disconnected from traditional newspapers; when offered free access

to one of a highbrow newspaper, we show that students engaged with it at remarkably high

rates.

Our analysis then assesses the treatment effects using the survey data to address five sets

of questions.

First, does free newspaper access increase news consumption? Both T1 and T3 significantly

increase students’ reported news consumption: they cite more often a newspaper outlet as their

main source of information and report spending more time reading newspapers – in particular

Le Monde – than students in the control group or those treated only with media education

(T2). This does not come at the expense of their other reported source of information, except

for social media, most probably reflecting time displacement of social media use: students in

T1 and T3 spend more time reading newspapers and so have less time to spend on social

media. It may also be an indication that free news access convinces students that traditional

media are a more effective source of information than social media. Besides, we observe an

increase in the diversity of information sources used by the students. These findings highlight

the effectiveness of removing access barriers, especially when this cost reduction is embedded

within the school context.

Second, does access to Le Monde and/or media education increase (future) demand for

news? All three treatments increase students’ interest in consuming news from different

sources, which we measure in particular by a higher subscription rate to a set of newslet-

ters proposed to students at endline (hard measure). We also show that T2 and T3 students

display increased relative trust in newspapers. These effects translate into sustained engage-

ment with news consumption beyond the intervention period. Nearly 20% of the students

in T1 and T3 who visited Le Monde’s website during the experiment returned to it between

November 1 and December 31 2025, several months after the end of the intervention. Consis-

tently, a follow-up survey conducted in April-May 2026 shows a positive treatment effect of T3

on the probability of being a Le Monde subscriber one year after the end of the experiment,

with a 8pp increase (roughly a 66% increase over the control mean). More generally, the effects

on news consumption patterns persist in the long run, pointing to the formation of lasting

news consumption habits.

Third, does free access to information and/or media education increase knowledge? We

built a News Knowledge Index aggregating three complementary dimensions of students’ fac-

tual knowledge about public affairs: discernment (ability to identify correct information about
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recent current events), political knowledge, and economic knowledge. The overall effect on

knowledge is not significant, but as specified in our pre-analysis plan (hereafter, PAP) we find

a large increase in news knowledge among students enrolled in disadvantaged high schools

(i.e., schools with a high share of students from low-SES backgrounds). When focusing on

these students, we find that, compared to the control group, free access to information (re-

spectively the combination of free access and media education) increases news knowledge by

0.20 (respectively 0.31) standard deviation. As a result, information inequality is reduced by

45-70%. We find consistent results when using machine learning methods to study treatment

effect heterogeneity (Chernozhukov et al., 2025).

Fourth, do treated students show improved media literacy skills? We construct a Media

Literacy Skills Index combining three observed outcomes. The first captures source awareness,

measured by students’ ability to cite precise news sources (in an open-ended question). The

second and third are derived from an experimental social media sharing task involving a false

news story. Students are shown a fake-news story and ask whether they would be willing

to share it. A randomly selected half of respondents are given the opportunity to verify the

story using an official fact-checking tool. We find positive effects of all three treatments on

media literacy skills, ranging from 0.08 to 0.26 standard deviation, although the effect of media

education alone (T2) is not statistically significant at conventional levels. These improvements

are primarily driven by gains in source awareness: treated students are more likely to identify

precise news sources, while we also observe positive but statistically insignificant effects on

the use of the fact-checking tool. Remarkably, the gains in source awareness persist one year

after the end of the intervention, suggesting that the treatments fostered lasting habits of

attention to the origin and credibility of information. Furthermore, as specified in our PAP,

we show that those effects are stronger for the students whose teachers have high Media and

Information Literacy (MIL) teaching experience (as measured in the baseline survey).

Finally, do the treatment effects impact students’ political engagement? We find no effect

on engagement in the endline survey, a result that may be driven by an observed drop in

reported political self-efficacy. However, our follow-up survey – which took place just after

local elections in France – shows a small increase in the probability of registering to vote.

Taken together, our results show that both free access to high-quality news and media

education can improve young people’s relationship with information. Despite the durability

of online habits, news consumption can therefore be changed. Free newspaper access gener-

ates large and persistent increases in news consumption, while both interventions strengthen

future demand for news and media literacy skills and reduce information inequalities. In sev-

eral dimensions, the combination of free newspaper access and media education yields the

largest effects, suggesting that these interventions are complementary rather than substitutes.

Furthermore, it is important to note that both interventions are highly scalable. Providing
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students with free access to online news requires little additional infrastructure and can be

implemented at a relatively low cost.3 Moreover, a substantial share of these costs would not

constitute a deadweight loss but rather a transfer to producers of high-quality information

(Cagé, 2015; Cagé and Huet, 2021). The media education intervention is equally scalable:

rather than relying on external facilitators or resource-intensive programs, it builds on on-

line teacher training modules and pedagogical resources that are already available within the

French education system. As a result, neither intervention relies on scarce organizational ca-

pacity, making large-scale implementation particularly feasible. Finally, such policies do not

come the cost of well-being. Indeed, we show that our treatments do not affect news anxi-

ety or the overall well-being of the treated students. In other words, our program has great

scalability prospects.

Contribution to the literature There is a vast literature on the impact of political in-

formation. However, there are only few experimental studies on the effect of providing and

encouraging access to high-quality news media. Levy (2021) and Broockman and Kalla (2025)

are exceptions, but with a different research question: they focus on the consequences of parti-

san media and so recruit participants in order to expose them to outlets whose ideology differs

from their own.4 In contrast, the goal of this paper is to investigate how we can increase news

consumption among young people and the consequences of such an increase. This is of partic-

ular importance given that, as documented by Angelucci and Prat (2024) in the US context,

young people are less able to discern a well-crafted true story from a largely disseminated fake

news item than the rest of the population.

Our paper also contributes to the literature that relies on media consumption experiments

to investigate the impact of information provision on political outcomes. Gerber et al. (2009)

conduct a field experiment to assess the effects of exposure to newspapers on political behavior

and opinion during Virginia elections in the US, and found that media exposure increases

turnout and support for the Democrats. Chen and Yang (2019) conduct a field experiment

with 1, 800 college students in Beijing and show that the acquisition of politically sensitive

information through exposure to uncensored media leads to substantial changes in their beliefs

and attitudes.5 Ongoing research by Castro and Pugliese (2024) experimentally provides three-

month subscriptions and reading incentives for 1, 658 voters recruited on social media at the

time of Brazil’s 2022 general election.

Compared to these experiments, our contribution is to provide the first large-scale random-
3As a reference point, Le Monde offers an online subscription to students for e6.99 per month (as of

November 2025).
4A growing strand of the literature – focusing on the (negative) consequences of social media – also relies

on field experiments (Allcott et al., 2022, 2024).
5See also Banerjee et al. (2011), who investigate the effects of providing information on politicians before

elections in India.
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ized controlled trial of free access to a high-quality newspaper and media education among

high-school students (with a nationwide experiment involving more than 9, 600 students and

a subscription lasting one academic year). Besides, we attempt a “real life” experiment and

so do not incentivize the participants or recruit them online; our subjects are representative

of French high-school students and our treatments could be implemented – at a reasonable

cost – by high schools in France or other countries. In addition, we implement a long-term

treatment, focusing on the impact of news consumption at a time when preferences and habits

around news consumption are not yet formed, and consider a very large range of outcomes

(including actual news consumption and information inequality).

Closest to us is Hopkins and Gorton (2024) who performed an RCT in Pennsylvania

(N = 5, 059) to encourage news consumption. However, their uptake is very low. While

they offer free online subscriptions to 2, 529 individuals, only 44 of them subscribed.6 In

contrast, we were able to reach a 70.3% uptake in our experiment, and also observe a large

impact of free subscription. The difference in uptake may be driven by the fact that the focus

of Hopkins and Gorton (2024) is on local news provision, while we partnered with the largest

French national daily newspaper. Furthermore, while Hopkins and Gorton (2024)’s survey

respondents were recruited online (mostly on Facebook and Google), our very large uptake

may be partly driven by the school context used to implement our experiment: although

given individual subscriptions, all the students from a given class were provided with free

access. Besides, compared to this previous work, combining a free news subscription with

media education allows us to go beyond the price barrier alone and disentangle the different

mechanisms at play. We also investigate how free access and/or media education affect news

knowledge.

We also contribute to the growing literature on media literacy, which has focused mostly on

fake news and misinformation and how to fight against it (see e.g. Guess et al., 2020). A large

share of this literature relates to the supply side of the information market and investigates

the efficiency of fact-checking news (Pennycook and Rand, 2019; Barrera et al., 2020; Henry et

al., 2022; Cagé et al., 2025). In contrast, there are only a few studies investigating the demand

side. List et al. (2024) implement an online framed field experiment with 2, 235 adults to

study misinformation vulnerability and stated willingness-to-report fake news on social media.

Roozenbeek et al. (2022) evaluate “psychological inoculation treatments” against fake news,

and Bowles et al. (2025) look at sustained exposure to fact-checks. Using data from a field

experiment by a German outlet, Campante et al. (2025) show that exposure to AI-generated

images increases respondents’ reported concern with online misinformation and negatively

affects trust in media, but that it increases consumption of trustworthy outlets. Compared
6I.e., a 1.7% application rate. Furthermore, some subscribers may not have even used the subscription.

This very low uptake result was replicated by Trexler (2026) in a related experiment with registered voters in
Chatam county, North Carolina.
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to these previous studies, our article is the first to investigate whether exposing young people

to high-quality digital news impacts their news knowledge – beyond fake news – and overall

ability to fight misinformation. Further, compared to most of this literature, which relies on

online interventions, we set up a long-term “real life” experiment.7

Moreover, by investigating the extent to which media consumption patterns translate into

civic engagement among young people, we also contribute to the literature exploring the links

between information and political participation. Better-informed citizens may indeed turn

out to vote more (Gentzkow et al., 2011; Cagé, 2020), vote less for corrupt politicians (Ferraz

and Finan, 2008), or vote more independently from government parties (Enikolopov et al.,

2011; Banerjee et al., 2011). By examining the impact of free news provision and media

education on the political knowledge and engagement of young people, our paper is the first

to provide insights on how youth civic engagement is affected by differential media exposure

and educational interventions.8

Finally, our paper contributes to the literature on the effects of education on civic outcomes.

A first strand of the literature, mostly correlational, has consistently documented a positive

association between education and voter turnout (see Willeck and Mendelberg, 2022, for a

recent survey). However, causal evidence remains scarce. A few studies, reviewed in Briole

(2025), have examined the impact of additional years of schooling on political participation,

with mixed results. Very few papers provide causal estimates of the impact of educational

programs or curricular reforms on civic outcomes. One exception is Briole et al. (2025b),

who implement an RCT in 200 middle schools across three European countries and show

that citizenship projects can enhance civic skills such as tolerance, social engagement, and

civic behavior at school. Compared to this previous work, our study is the first to rigorously

evaluate the impact of an educational program specifically targeting media literacy as a lever

for democratic participation.

The rest of the paper is organized as follows. Section 2 below describes our randomized

experiment, and Section 3 provides a simple theoretical framework. Section 4 then presents the

different data sources and provides summary statistics. Section 5 presents the empirical results

regarding news consumption and demand for news, and Section 6 shows that free news access
7Likewise, Amar et al. (2024) evaluate whether sustained, classroom-based education against misinformation

can equip schoolchildren to become more discerning consumers of information. However, they do not consider
the role played by the price barrier in access to high-quality information. Pereira et al. (2024) implement
two experiments to test the effectiveness of a campaign against misinformation – including one intervention
designed in partnership with a large Brazilian newspaper – but they embed them in online survey panels.
Furthermore, their only outcomes of interest are related to misinformation.

8Our paper also draws loose inspiration from the media literacy movement that emerged in the U.S. during
the 1930s and 1940s (Sproule, 1997). The Institute for Propaganda Analysis (IPA) played a central role in
this movement (Schiffrin, 2022). The IPA developed and distributed instructional materials designed to help
students engage critically with media content and recognize common techniques of manipulation (Hobbs, 2022).
To our knowledge, however, no systematic evaluation of the long-term effects of these or similar media literacy
initiatives exists.
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increases news knowledge among low socioeconomic status students, thus reducing information

inequality. Finally, Section 7 presents our results regarding media literacy skills and Section

8 shows the impact of free news access and media education on political engagement and

well-being. We discuss these results and their policy implications in Section 9.

2 Experimental Setting

2.1 Sampling Design and Randomization Sample

The sample of participating schools includes high schools that volunteered to participate in the

evaluation. Figure 1 describes the timeline of the experiment. Schools were recruited between

April 2024 and August 2024 through various channels,9 including direct outreach via CLEMI

and DEPP networks,10 contact with academic media education coordinators, and a national

email campaign targeting school librarians and teaching staff. All types of high schools (both

public and private, general, technological and vocational) and all grade levels were eligible:

10th grade (Seconde), 11th grade (Première), and 12th grade (Terminale). To participate in

the study, schools had to organize the implementation of student and teacher baseline surveys

before randomization. Schools that completed these surveys between September and October

2024 were included in the randomization sample. Randomization was performed in October

2024 and the interventions, which are described in Section 2.2, started at the end of the same

month.

2023–24 April–Aug
2024

Sep–Oct
2024

Oct
2024

May–June
2025

Pilot
8 high schools

Recruitment

Baseline survey
(before randomization)

9,628 students

Randomization

Endline survey
7,091 students

Treatment

Figure 1: Timeline of the experiment

9In preparation for our RCT, we also conducted a pilot study involving eight schools during the academic
year 2023-2024. More details on the recruitment process are provided in the Appendix Section A.1.1.

10The CLEMI is the agency of the Ministry of Education in charge of media education across the education
system. The DEPP is the department of the Ministry of Education which produces analyses, studies and
statistics on the education system.
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In all, 243 high schools and 379 classes, totaling 9, 628 students, completed the baseline

survey and were thus included in the randomization sample.11 This makes it one of the

largest RCTs ever conducted in French high schools. Note furthermore that our recruitment

design offers an important advantage over the approaches commonly used in most of the

literature on news consumption: we recruited the high schools rather than the students. This

means that there is no selection regarding the students (e.g. we do not recruit a subset of

students interested in receiving news for free, or students who were already present online).12

Furthermore, we do not pay the participants.

Table 1 reports descriptive statistics on these schools as well as on the classes. The high

schools included in the study closely resemble the national average in key dimensions, such as

social composition – with an average IPS of 109, identical to the 2024-2025 national average

(Piquemal, 2025)13 –, the share of scholarship students (“boursiers”), which is also exactly

equal to the national figure (DEPP, 2024), and the share of general and technological high

schools (72% of the high schools in our randomization sample, corresponding exactly to the

share of high-school students enrolled in general and technological schools in 2024).14 In

addition, the schools are widely distributed across the French territory, ensuring national

coverage (Figure 2).

2.2 Interventions and Randomization

This study evaluates two complementary approaches to strengthening high-school students’

ability to navigate today’s media environment and engage in democratic life. The first ap-

proach builds on the idea that access costs are a key barrier: if high-quality news is expensive

relative to students’ willingness-to-pay, many will remain excluded despite being interested. It

is important to keep in mind that, although a lot of content is available online for free, price

still drives the majority of online news consumption decisions (see e.g. O’Brien et al., 2025).15

11On average, 1.56 classes per high school participated (the median is equal to one). See Appendix Figure
A.2 for the distribution of this number. Of the 221 high schools where more than one class was involved, 29
(34.1%) had all participating classes from the same grade, 51 (60%) participating classes from two different
grades, and the remaining 6% of the high schools had participating classes from all the different grades.

12As discussed below, there could however be some selection regarding the teachers’ characteristics, and in
particular their interest in media education. This is why we use the intensity of media education practices (at
baseline) as one of the strata for the randomization. Appendix Table H.1 presents descriptive statistics for the
teachers included in the randomization sample: 57% teach history and geography, and 33% civic education.

13The IPS is an administrative index constructed by the DEPP that captures the average socioeconomic and
cultural background of students’ families within each high school, based on detailed information on parents’
occupation and education. See Appendix Section A.1.2 for the details of this index construction.

14The only difference that we observe is in the share of private high schools (10%) which is lower than the
French average (in 2024, around 21% of the general and technological high-school students and 19% of the
vocational high-school students were enrolled in private high schools).

15In their recent study of Austrian news consumers, O’Brien et al. (2025) find that price drives nearly 60%
of online news consumption decisions. Similarly, Kormelink (2023) – who explores news users’ reasons for
not paying for (print and digital) news in a qualitative study (68 participants) – shows that the price of a
subscription is by far the most cited reason not to pay for news. He further notes that “having a limited budget

9



Table 1: Randomization sample: Descriptive statistics

Mean St. Dev
High school characteristics (N=243)
Social Composition Index (IPS) 109 16
Share of scholarship students 0.25 0.13
Private high schools 0.10 0.30
General and Technological high schools 0.72 0.45

Mean St. Dev
Class characteristics (N=379)
10th grade 0.37 0.48
11th grade 0.45 0.50
12th grade 0.15 0.36

Notes: The table provides descriptive statistics on the randomization sample. In the upper panel, an observation is a
high school. The Social Composition Index (“Indice de Position Sociale”) is an indicator calculated by the DEPP. It
summarizes the socioeconomic and cultural conditions of the families of students enrolled in the school. It varies between
45 and 185. In the bottom panel, an observation is a class.

Notes: The Figure plots the geographical distribution of the high schools that participate in the experiment.

Figure 2: Map of the high schools that participate in the experiment

10



Removing financial frictions may therefore broaden exposure to reliable information.

The second approach emphasizes the role of cognitive skills and motivation: even when

information is available, young people may need media literacy skills to critically assess and

use it.

To test these mechanisms, we implemented a randomized design at the high-school level.

Randomization was performed at the level of the schools to avoid capturing spillover effects

(Bowen et al., 2023). Participating schools were assigned to one of four groups:16 a control

group, a group receiving free digital access to France’s leading national newspaper (Le Monde)

(T1), a group receiving media education training and classroom activities (T2), and a group

combining both interventions (T3). This design allows us to isolate the effect of each approach

and to assess whether the combination of increased access and enhanced literacy generates

additive or synergistic impacts.

2.2.1 Free Access to a National Newspaper (T1)

In this treatment arm, students received free digital access to Le Monde throughout the school

year – from October 2024 to June 2025. The intervention aims to test whether eliminating

financial or logistical barriers increases students’ exposure to reliable current news, and whether

this influences their news habits and political knowledge.

Le Monde – with 660, 000 subscribers – is France’s leading daily national newspaper. Its

newsroom works with more than 500 journalists, and is widely recognized for the quality of its

journalism (see e.g. Eveno, 2001, 2010). In 2025, its average readership per issue was about

2.7 million, and the total number of visits on Le Monde website in May 2025 was over 123

million.17 Le Monde website is a restricted site where most of the content is protected behind

a soft paywall (i.e. some content is available to users for free while the rest sits behind a

paywall). In 2024-2025, the monthly price of a digital subscription to Le Monde for a student

(students receive a discount) was equal to e6.99.

Individual access was provided through any digital interface (computer, tablet, cellphone),

usable both at school and outside (e.g. at home), with no restrictions on the type of content

consulted (or on the quantity of content consumed). To ensure effective uptake, all partici-

pating teachers assigned to this treatment were asked to organize a one-hour computer-room

session at the start of the treatment, during which students activated their accounts (see

was a main concern especially for the younger participants, particularly students. For them, monthly spending
is a zero-sum game: money spent on news comes at the cost of other (more necessary) expenses.”

16Randomization was stratified based on (i) school type (general/technological vs. vocational), (ii) grade
level (10th vs. 11th and 12th), (iii) school socioeconomic status (measured by the Indice de Position Sociale),
and (iv) baseline media education practices of participating teachers.

17The average readership per issue – or “lecture au numéro moyen” (LNM) in French – corresponds to the
average number of readers per issue, calculated based on the number of different issues read over the last six
published issues. This audience measure is computed by the ACPM – the French circulation audit office – over
the population aged 15 years and over. See ACPM (last accessed April 1, 2026).
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Appendix Section B.3 for details).

2.2.2 Media Education and Classroom Activities (T2)

In this treatment arm, teachers receive training and pedagogical materials to implement media

education activities in their classrooms. The training is developed and delivered by CLEMI,

and so can be considered state-of-the-art media education and literacy training. The inter-

vention is designed to support teachers in guiding students through a critical exploration of

how information is produced, selected, and disseminated. It consists of three components (see

Appendix Section A.2 for a precise description):

1. An asynchronous online training, composed of three core modules – on prioritization

of information, construction of news, and misinformation. The training provides teachers

with foundational knowledge and practical tools to foster critical thinking about media

in the classroom. The estimated duration of this training is approximately eight hours.

2. An optional simulation module: Classe Investigation , a game-based media liter-

acy activity developed in collaboration with journalists and educators.

3. A set of five ready-to-use media education activities, to facilitate classroom

implementation. These resources can be adapted to a wide range of subjects and teaching

contexts and are designed to be directly integrated into the school curriculum.

Uptake of the media education intervention Note that regarding the media education

interventions, our estimates have to be interpreted as Intent-to-Treat (ITT) effects. Indeed,

not all the teachers included in T2 and T3 followed the media education training they were

offered. Appendix Figure A.5 shows that 60% of them did so in T2 and 57% in T3 when

considering any form of media education training (53% and 45% respectively when focusing

only on the media education training provided by CLEMI).18

We discuss in Appendix Section A.2.4 the reasons why more than a third of the teachers

in T2 and T3 did not follow any of the media education training activities they were offered.

This is mostly driven by a lack of time – an important factor to which we will return when

discussing the policy implications of our results. Moreover, a number of teachers also report

that they did not follow the activities because they had already done so (Appendix Figure

A.6).
18Also note that some teachers in both the control and the T1 treatment groups followed some media

education training during the academic year covered by our experiment (around 25%), even if this was not
part of our experiment. Yet, as reported in Appendix Table A.1, media education training was much lower
among these groups than among T2 and T3.
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2.2.3 Combined Treatments (T3)

Finally, treatment arm T3 combines free access to Le Monde (T1) with media education and

classroom activities (T2). This treatment allows us to investigate whether increased access

to high-quality news and media education are complementary interventions, and whether

combining the two generates larger effects than implementing either intervention in isolation.

3 Theoretical Framework

We present a simple theoretical framework to interpret some of the potential effects of our

experiment. A subject – one of our high-school students – decides how to allocate time across

different activities, including political news consumption. Students vary in three aspects:

their potential interest in political news, their access to news prior to the experiment, and

the specific interest they have in Le Monde. The first treatment of the experiment consists

in providing free access to Le Monde. The second treatment consists of an education treat-

ment that may increase the student’s interest in political news. The variables of interest are:

consumption of Le Monde, consumption of other news sources, total news consumption, and

political knowledge.

Consider an agent who allocates a unit time endowment across three activities: consuming

news from outlet A (the set of news sources that are already available to the agent before the

experiment), consuming news from outlet B (Le Monde), and other activities, denoted by y

(including social media, entertainment, or other non-news uses of time). Let xA ≥ 0 be the

time spent on outlet A, xB ≥ 0 the time spent on outlet B, and y ≥ 0 the time spent on other

activities. The agent’s utility is:

U(xA, xB, y) = ηγAxA + ηγBxB −
1

2
x2A −

1

2
x2B + δxAxB + κy + pIxB>0,

subject to the time constraint:

xA + xB + y = 1.

Here:

• η ≥ 0 represents the agent’s general interest in news.

• γA and γB are the agent’s relative preferences for the two outlets.

• p is the subscription fee for outlet B, which must be paid in order to have a non-zero

consumption of the outlet (IxB>0). We are assuming (realistically) that our subjects are

not paying a subscription to outlet A. That access is exogenously given, either because

it is free or because it is paid for by their family.
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• δ is the degree of complementarity between the two outlets: a negative (positive) value

of δ indicates that higher consumption of one outlet decreases (increases) the marginal

value of consuming the other outlet.

• κ ≥ 0 captures the value of alternative activities. A higher κ increases the opportunity

cost of time spent on news.

Using the time constraint, we can write y = 1− xA − xB and rewrite utility as:

U(xA, xB) = (ηγA − κ)xA + (ηγB − κ)xB −
1

2
x2A −

1

2
x2B + δxAxB + κ.

Since the last term is constant, the agent chooses xA and xB to maximize:

(ηγA − κ)xA + (ηγB − κ)xB −
1

2
x2A −

1

2
x2B + δxAxB.

We focus on parameter values such that the optimal allocation is interior, namely xA > 0,

xB > 0, and xA + xB < 1.

We are also interested in total news consumption:

x = xA + xB.

We also consider political knowledge. We assume that all activities may generate some infor-

mation, but news consumption is more informative than other activities. Specifically:

I = f(xA + xB + λy),

where f ′ > 0, f ′′ < 0, and λ ∈ (0, 1]. The other activities provide the agent with strictly less

information per unit of time than news reading.19

Using the time constraint, this can be written as:

I = f
(
λ+ (1− λ)(xA + xB)

)
.

Thus, a subject who allocates more time to news consumption is better informed, but even a

subject who consumes no news may acquire some information through other activities.

To solve the agent’s problem, consider two options: (a) consume only A; (b) pay p and

consume both A and B.

In case (a), the agent consumes x0A = ηγA − κ and obtains utility U0.
19One can also assume that the other activities strictly reduce the information of the agent, perhaps because

social media contains fake news. This is achieved by setting λ < 0. All our propositions apply as stated.
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In case (b), assuming an interior solution and that |δ| < 1, the agent consumes:20

x∗A =
1

1− δ2
[(ηγA − κ) + δ(ηγB − κ)] , x∗B =

1

1− δ2
[δ(ηγA − κ) + (ηγB − κ)]

and obtains utility

U∗ =
1

2(1− δ2)
[
(ηγA − κ)2 + 2δ(ηγA − κ)(ηγB − κ) + (ηγB − κ)2

]
.

The agent prefers (b) to (a) if the payoff difference is higher than the subscription price:

U∗ − U0 > p.

Let us now discuss the potential effects of three possible interventions. The media education

treatment (E) is an attempt to increase the student’s interest in news, namely increasing the

general interest from η to η′ (we say the treatment is ‘effective’ if η′ > η). The free subscription

treatment (F) corresponds to a reduction of outlet B’s subscription price from p to zero. For

the latter, we assume that p was high enough that subjects chose not to subscribe to outlet

B (which is true for almost all of our subjects). We consider the effect of treatments (E) and

(F) individually and jointly (EF).

Proposition 1. The effects of the three treatments are as follows:

(E) The Education Only Treatment induces an increase in news consumption and knowl-

edge if the treatment is effective (η′ > η):

∆ExA = (η′ − η)γA, ∆ExB = 0, ∆Ex = (η′ − η)γA,

∆EI = f
(
λ+ (1− λ)xE

)
− f

(
λ+ (1− λ)x0

)
.

(F) If the subject is not interested in news (η = 0), the Free Subscription Only Treatment

has no effect. If the subject is interested in news, the treatment induces: (i) an increase

in news consumption of B; (ii) an increase (a decrease) in news consumption of A if

the complementarity parameter δ is positive (negative); (iii) an increase (a decrease) in

total news consumption and knowledge if the complementarity parameter is positive or

not too negative:

∆FxA =
δ(ηγB − κ+ δ(ηγA − κ))

1− δ2
, ∆FxB =

δ(ηγA − κ) + (ηγB − κ)

1− δ2
,

∆Fx =
(ηγB − κ) + δ(ηγA − κ)

1− δ
,

∆F I = f
(
λ+ (1− λ)xF

)
− f

(
λ+ (1− λ)x0

)
.

20All the analysis focuses on interior solutions of the agent’s problem.
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The increase in knowledge due to (F) is larger if the subject received less knowledge from

A before the experiment.

(EF) If both individual effects (E) and (F) have strictly positive effects, then the Joint Treat-

ment has a positive interaction effect on total news consumption:

∆EFx−∆Ex−∆Fx = (η′ − η)
γB + δγA

1− δ
.

The interaction effect on knowledge depends on the curvature of the knowledge function

f(·).

Proof. See online Appendix Section D.1.

The proposition makes predictions on the effects of the three treatments. The Education

Treatment (E) is successful if and only if it increases the general interest in news η. If it is

successful, the subject reallocates time toward news consumption and becomes more informed.

The Free Subscription Treatment (F) will be ineffective if the subject has no interest in

news. Otherwise, it increases consumption of B. Its effect on the other variables depends on

the degree of complementarity between consumption of A and B, and reflects both substitution

across news sources and substitution away from alternative activities. If the two outlets are

complements, then (F) raises total news consumption and knowledge. If the two outlets are

strong substitutes, the treatment may crowd out existing news consumption and have a limited

or even negative effect on total information.

The Joint Treatment (EF) tends to display a positive complementarity. Unless one of the

two treatments is non-positive, the joint treatment has a positive interaction effect, meaning

that its overall effect on knowledge may exceed the sum of the effects of the two individual

treatments.

The proposition also makes predictions on the effect of the treatments on other activities,

and their indirect role on information.

Corollary 2. (i) For each of the three treatments, the effect on time spent on other activities

is the opposite of the effect on total news consumption x, as characterized in Proposition 1.

Namely, ∆T y = −∆Tx, where T ∈ {E,F,EF}
(ii) If a treatment has a positive effect on information, the strength of the effect depends

negatively on the informativeness of other activities λ. Namely, d
dλ∆T I < 0.

Proof. See online Appendix Section D.2.

Part (i) of the Corollary captures the idea that both news consumption and other ac-

tivities are in competition for the agent’s attention. If the treatment succeeds in increasing

news consumption, it must also reduce the other activities. Part (ii) captures the idea that
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the impact of the treatments on political knowledge depends on how informative alternative

activities are. When λ is low, time spent on non-news activities generates little knowledge, so

reallocating time toward news has a large effect on knowledge. In contrast, when λ is high,

other activities — such as social media — are themselves informative, so shifting time toward

news yields only a limited gain in effective knowledge exposure. In the extreme case where

λ is close to one, all activities are similarly informative, and changes in news consumption

have little effect on knowledge. Thus, the treatments are more effective in increasing political

knowledge when alternative activities are relatively uninformative (the effect would be even

stronger if the other activities destroy knowledge, namely λ < 0).

Finally, what does the model predict in terms of knowledge inequality? Consider two

agents who started with different access to outlet A. One agent has γ′A. The other had γ′′A

with γ′′A > γ′A.

Before the treatment, the agent with γ′′A was consuming more news than the other agent

and had a higher knowledge level. After the treatment, the agent with γ′′A is still consuming

more news and has better knowledge, but has the difference increased or decreased? If the

complementarity parameter δ is not too different from zero, we can give an unambiguous

answer for the (F) treatment:

Proposition 3. If δ ≈ 0 and (F) is effective, then the treatment reduces knowledge inequality.

Proof. See online Appendix Section D.3.

If δ is very large, the proposition may not hold, because a subject who was already con-

suming a lot of news may increase their news consumption much more than the other subject.

The effect of (E) on knowledge inequality is more ambiguous. Unlike the free subscription

treatment, the education treatment generates larger increases in news consumption for indi-

viduals with higher initial access to news (γA). This tends to increase knowledge inequality.

At the same time, because knowledge is a concave function of news consumption, additional

news generates smaller knowledge gains for initially more informed individuals, which tends

to reduce inequality. The overall effect is therefore theoretically ambiguous.

4 Data and Analysis Sample

In this section, we briefly describe the different datasets we use in this paper as well as our

outcomes of interest, and then present our main analysis sample and the related internal

validity checks.

4.1 Data Sources

The data we exploit in this study comes from four distinct sources.
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Student and teacher surveys Students and teachers completed surveys at the beginning

(September/October 2024) and end (May/June 2025) of the school year. Student surveys were

administered on school computers under teacher supervision, while teachers received an online

questionnaire link and completed the surveys independently.

Administrative data We use administrative data from the DEPP to track a number of

objective measures such as the schools’ socio-demographic characteristics and the share of

scholarship students.

Newspaper consumption data Finally, for the students drawn to benefit from the free

subscription to Le Monde (T1 and T3), we recover the data automatically collected by the

newspaper on their consumption behavior: number of articles read, type of news consumed,

etc. (see Appendix Section B.3 for details on data construction). In our preferred specifica-

tion, we focus on the news consumed between October 2024 and April 2025, i.e. before the

start of the endline survey. We also consider in complementary analysis students’ newspaper

consumption after the end of the endline survey (and school year) to investigate the extent to

which some of our results might be driven by the school context.

Follow-up survey To assess the persistence of treatment effects on news consumption and

examine political participation among students who had reached voting age, we administered a

follow-up survey in April 2026, approximately two weeks after the French municipal elections.21

Appendix Section C provides additional details on the implementation of the follow-up survey,

response rates, and descriptive statistics for the respondent sample.

4.2 Outcomes of Interest

The objective of this paper is to investigate whether the different treatments affect students’

behaviors, beliefs, and knowledge. We organize the outcomes of interest into four broad

categories. First, we consider outcomes that relate directly to news consumption, including

newspaper consumption, trust in newspapers, future demand for news, and willingness-to-pay.

Second, we study outcomes related to students’ news knowledge, capturing their understanding

of current events, political institutions, and economic issues. Third, we examine media literacy

skills, including the ability to cite a precise news source, fact-checking behavior, and the

propensity to share fake news. Finally, we explore additional downstream outcomes, including

students’ political and civic engagement and – given the growing literature documenting the

negative effects of the media and in particular of social media (see e.g. Allcott et al., 2020;

Bursztyn et al., 2025) – outcomes related to well-being. These later outcomes are not directly
21The 2026 French municipal elections were held on 15 and 22 March 2026 to elect municipal councils in

approximately 35,000 municipalities across France.
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targeted by the intervention and are therefore interpreted as potential indirect effects, as well

as a way to assess possible unintended consequences of increased exposure to the news.

Whenever several outcomes capture the same underlying concept, we aggregate them into a

standardized summary index following Anderson (2008). By combining related outcomes into a

single measure, this procedure increases statistical power while reducing the scope for multiple

inference concerns. Appendix Section B provides additional details on the construction of

indices used throughout the paper, as well as the full wording, response scales, and correlations

among the components entering each index.

4.2.1 News Consumption and Demand for News

Newspaper consumption Our first outcome of interest is student news consumption. In

particular, we build a Newspaper Consumption Index based on two variables drawn from

the student endline questionnaire, following the procedure described above: (i) an indicator

variable equal to one if students cite at least one newspaper as their main source of information

in response to an open-ended question on their main information source(s);22 and (ii) an

indicator variable equal to one if students select at least one major national newspaper from

a predefined list when asked about their news consumption over the past seven days.23 The

open-ended questions further allow us to investigate the diversity of the news sources used by

the students, and we also study whether the use of other media (including social media) as a

news source changes as a result of our experiment.

Importantly, for students assigned to T1 and T3, we complement these self-reported mea-

sures with automatically collected usage data from Le Monde’s application, which provide a

rare and objective measure of actual newspaper consumption. These data allow us to con-

struct multiple behavioral indicators, including number of articles or pages consulted, and to

investigate the type of content accessed (e.g., international news, environment, society, poli-

tics). Beyond offering a direct measure of behavior, this granular usage information enables us

to assess the presence of potential reporting biases – such as social desirability or misreporting

– by comparing declared newspaper consumption with observed usage patterns.

Trust We construct a Trust in Newspapers outcome variable designed to investigate poten-

tial mechanisms underlying changes in newspaper consumption and, more broadly, in students’

demand for news. This outcome captures whether students trust newspapers relatively more

than other media outlets and community members, and thus whether increased consumption

may reflect a better understanding of the reliability of different information sources. Specifi-

cally, the outcome variable is defined as the difference between reported trust in newspapers
22Note that we do not include sport newspapers (e.g., L’Équipe) in this indicator.
23This list includes: Le Monde, Le Figaro, Libération, Le Journal du Dimanche, L’Équipe, Marianne, Le

Nouvel Obs, L’Express, La Croix and L’Humanité, i.e. all the French daily and weekly national newspapers.
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and the average reported trust in other media outlets (television, radio, social media, and

websites) and community members (parents, teachers, students, and friends).24

We also construct a Trust in Journalists Index, which captures a related but conceptually

distinct dimension of trust, less directly tied to our intervention and our consumption-related

outcomes. This index measures students’ general trust in journalists, regardless of the type

of media through which journalistic content is delivered. It is constructed from three survey

items capturing students’ agreement with two statements about journalistic accuracy and

democratic role, and their overall trust in journalists.

Demand for news To investigate whether the intervention affects students’ demand for

news beyond contemporaneous consumption, we rely on a behavioral, revealed-preference

measure that offers students the opportunity to subscribe to one or more real newsletters.25

Answering “yes” to this offered opportunity results in an actual subscription, making it a

hard, observable indicator of engagement with news content. As such, this outcome captures

a forward-looking decision and provides evidence on whether the intervention generates more

persistent changes in students’ interest in news, complementing our measures of newspaper

consumption during the experimental period. This approach has been used as a revealed-

preference measure in recent work on news demand (see e.g. Chopra et al., 2024).

Our main outcome is an indicator variable equal to one if the student subscribes to at least

one newsletter (regardless of the newsletter chosen), and to zero otherwise. To distinguish

whether any effect is driven specifically by Le Monde or reflects a broader increase in news

demand, we additionally construct two indicator variables: the first is equal to one if the

student subscribes to Le Monde newsletter, and to zero otherwise; and the second is equal

to one if the student subscribes to at least one newsletter other than Le Monde, and to zero

otherwise.

Willingness-to-pay for news We first measure students’ willingness-to-pay by asking them

how much they will be willing to pay (maximum amount) for a one-year subscription to

Le Monde.26 Following the existing literature that highlights the difference between the

willingness-to-pay (WTP) and the willingness-to-accept (WTA) (see e.g. Plott and Zeiler,
24We also check that the results are unchanged when using alternative measures based on the comparison

of trust in newspapers with trust in (i) social media and internet, (ii) community members, and (iii) social
media, internet and community members.

25We offer the students the opportunity to subscribe to one or more of the following seven newsletters: (i) Le
Monde (political newsletter), (ii) Courrier international (“best-of”), (iii) France Info (“best of the week”), (iv)
Konbini (“Fast Forward”), (v) Hugo Décrypte (“the news of the day”), (vi) Les Glorieuses (“The Newsletter”),
and (vii) Le Quotidien (“Quotidien Matin”). We picked these seven newsletters because (i) they offer news,
(ii) are associated with well-known brands from different formats (e.g. Hugo Décrypte is a YouTube channel
while Quotidien is a TV show), and (iii) are available for free upon subscription.

26“If you had to pay for a one-year subscription to the newspaper Le Monde, what would be the maximum
amount you would be willing to pay each month?”
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2005), we next ask them the minimum price at which they would be willing to resell such a

subscription.27

Furthermore, for the subset of students in T1 and T3, Le Monde’s data allow us to observe

whether they renew their subscription when they no longer have access for free, and to study

their online behavior until the end of 2025. We also consider as an outcome variable in the

follow-up survey an indicator variable equal to one if the student currently (i.e. one year after

the end of the experiment) subscribes to Le Monde, and to zero otherwise.

4.2.2 News Knowledge

We construct a News Knowledge Index aggregating three complementary dimensions of stu-

dents’ factual knowledge about public affairs.

The first component, which we call discernment, is based on students’ ability to identify

correct information about recent current events in France, in the world, and in the European

Union. For each of these three areas, students are shown six statements – three true and

three false – and are explicitly informed that exactly three statements are true and three are

false (see Appendix Section B.1 for the precise statements). Following Angelucci and Prat

(2024), they are then asked to identify the three statements they believe to be true within

a fixed time limit of three minutes. Appendix Table B.1 reports descriptive statistics on

the share of control-group students who correctly identified each statement. On average, the

students seem to have a better knowledge of French politics – e.g. 84.3% of the control-group

students correctly identified the true statement related to Marine Le Pen’s conviction – than of

European politics – only 48.7% of them correctly identified the true statement that Friedrich

Merz was the new German chancellor. They also show a good knowledge of salient events

related to International politics (e.g. Trump’s tariffs on China were identified correctly in

80.7% of the cases).

The second component measures students’ political knowledge. It is based on six items

covering key institutional and political facts. Three items relate to French politics: (i) identi-

fying French trade union acronyms, (ii) naming the French Prime Minister, and (iii) matching

prominent politicians with their political party. The remaining three items focus on the Euro-

pean Union: (i) identifying the country holding the rotating presidency of the Council of the

European Union, (ii) a true/false question regarding the political affiliation of the President of

the European Commission, and (iii) identifying the current President of the European Com-

mission. Appendix Table B.2 reports descriptive statistics on these variables, and points to a

relatively low knowledge of the political affiliation of French politicians, as well as of French

unions and European politics.
27“If you had a one-year subscription to the newspaper Le Monde and had the opportunity to resell it, what

would be the minimum amount you would sell it for?”
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The third component captures students’ economic knowledge and assesses their awareness

of recent economic indicators and policies in France, including unemployment, public deficit,

inflation, economic growth, and public debt levels. For each of these variables, students were

asked to pick the correct answer from among four different choices (and could also answer “I

don’t know”). It is striking to observe that on average the control-group students performed

only slightly better than if they had selected answers randomly (Appendix Table B.3), poiting

toward a low economic knowledge.

4.2.3 Media Literacy Skills

We measure students’ media literacy skills using three outcomes. The first captures a key but

often overlooked dimension of media literacy: source awareness (students’ ability to identify

precise sources of information). To measure this, we construct a novel measure derived from

the open-ended question on their main news sources described above. Specifically, we define

an indicator variable equal to one if the student cites a specific news outlet (e.g., Le Monde

or BFM TV) rather than a generic category such as “newspapers” or “the internet,” and zero

otherwise.28 In an information environment where news is increasingly encountered through

social media feeds, search engines, and messaging applications, individuals are often exposed to

content with little awareness of where it comes from (Kalogeropoulos et al., 2019). Being able

to name a specific news outlet suggests a clearer understanding that information originates

from identifiable organizations and should be evaluated in light of its source. Such source

awareness is therefore closely related to the ability to assess the credibility of information and

distinguish between professionally produced journalism and content that circulates online with

no clear accountability or verification.

The second and third outcomes are based on directly observed behavior in a social media

sharing task, drawing on Henry et al. (2022). Students are shown a fake-news story and asked

whether they would be willing to share it on social media and, if so, on which platform. A

randomly selected half of respondents are given the opportunity to fact-check the story using

an official fact-checking tool provided by Agence France Presse (AFP), the world’s largest

fact-checking organization.29 For this sub-sample, we construct (i) an indicator variable equal

to one if the student chooses to use the fact-checking tool and to zero otherwise, and (ii) an

indicator variable equal to one if the student reports being willing to share the fake news story

and to zero otherwise. These two outcomes capture student ability to engage critically with

information and behave responsibly once its accuracy has been ascertained. These skills are
28We also verify that our results are robust to using a conditional version of this outcome that focuses on

students who report at least one news source.
29This design allows us to compare students’ reactions to the same news item in the presence or absence of

a fact-checking resource. Students who were not assigned access to the tool were shown the news item and
asked whether they would share it, but were not provided with any additional information.
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increasingly important in digital information environments, where individuals are not only

consumers of information but also active participants in its dissemination.

Our main Media Literacy Skills Index aggregates these three outcomes following Ander-

son (2008). Since the fact-checking outcomes are only observed for the randomly selected

half-sample offered access to the AFP tool, the index is computed on this sub-sample only.

Appendix Section B.1 provides additional details on the construction of these measures.

4.2.4 Additional Outcomes: Political Participation and Well-Being

While the intervention primarily targets students’ news consumption, media literacy, and news

knowledge, we also examine whether it translates into downstream effects on students’ political

and civic engagement on the one hand, and their well-being on the other.

Political participation We first measure political participation through students’ support

for a petition, following the approach of Dechezleprêtre et al. (2025). In the endline survey,

students are randomly presented with one petition out of three different types: (i) climate

protection, (ii) equality, and (iii) students’ rights. Importantly, agreeing to support a petition

constitutes a behavioral and consequential measure of engagement: while students do not sign

the petition personally, their anonymous response is recorded and included in collective results

that are sent to the Ministry of Education, giving this outcome a direct civic impact beyond

mere stated intentions.30

Additionally, our follow-up survey conducted in April 2026 allows us to examine whether

treatment effects persist beyond the end of the intervention and translate into real-world

political participation. Among the students who had reached voting age by the time of the

2026 municipal elections, we study two outcomes. The first is whether the student registered

to vote: this measure captures a broad willingness to participate in the democratic process,

since registration is a prerequisite for voting in all future elections and requires individuals

to incur a small administrative cost. The second outcome is whether the student reported

voting in the March 2026 municipal elections. Unlike voter registration, this measure captures

participation in a specific election characterized by local issues and comparatively low turnout,

particularly among young voters. These outcomes provide a rare opportunity to assess whether

a school-based media education intervention can affect real-world political participation over

a longer time horizon.
30In our PAP, we had planned to construct an index of political participation based both on this variable

and on another outcome capturing students’ self-reported participation in any of three recent political protests
shown in a list, or in the activities of one of the two main high-school student unions over the school year.
However, when analyzing the data, we found a slightly negative correlation between the two measures, suggest-
ing that they capture distinct dimensions of engagement. We therefore chose to focus on the most behavioral
and consequential outcome: support for the petition.
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Finally, to explore potential mechanisms through which the intervention may affect stu-

dents’ political participation, we also construct a Political Self-Efficacy Index. This measure

allows us to assess the extent to which any effect on political and civic engagement is driven

by changes in student’ perceived competence, confidence, and ability to engage with political

issues. The index is based on students’ responses to a standard set of self-assessment questions

capturing internal political efficacy (Niemi et al., 1991).

Well-being Finally, in order to assess potential unintended consequences of increased ex-

posure to news on student well-being, we build two additional outcomes: (1) a News Anxiety

Index, which is based on a validated scale developed by Bodas et al. (2015) and captures

students’ emotional responses specifically related to news consumption; and (2) a General

Well-Being Index, which captures broader aspects of students’ psychological well-being and

combines a measure of mental health (i.e., the Perceived Stress Scale, Cohen et al., 1983), and

happiness, measured using two self-reported items on recent happiness and relative happiness

compared to peers, following Allcott et al. (2020).

4.3 Analysis Sample and Internal Validity Checks

Before turning to the effects of the interventions on our main outcomes of interest, we present

our main analysis sample and perform several internal validity checks. As highlighted above,

our randomization sample includes 243 high schools and 379 classes, totaling 9, 628 students.

3 high schools in our randomization sample (for a total of 9 classes and 191 students) drop out

of the study during the academic year and so are not included in our final analysis sample:

one from T1 and two from T2. In the remaining high schools, some students and/or teachers

did not answer the endline questionnaire; the average response rate is equal to 74.8% for the

students and 93.3% for teachers.31

Table 2 reports the number of schools, classes and students included in each treatment

group in our analysis sample (which includes only the students who completed both the baseline

and the endline surveys). Note that a higher number of schools (and therefore of students)

were included in the control group and in T2 than in T1 and in T3. This is because the T2

treatment came at no cost for us, while the number of students that could be included in T1

and T3 was de facto constrained by the price of the subscription (and thus the budget at our

disposal for the experiment).
31The relatively “low” student response rate is partly driven by an unexpected 2024-2025 school calendar

reform for vocational high-school students, which offered students a differentiated track with the option to
complete an internship during the last six weeks of the school year (vocational training program) instead of
attending classes (in preparation for higher education). Given that the endline survey – like the baseline survey
– was intended to be completed by the students on the school computers, it was much more difficult for us to
ensure completion among students who had already left school at the time of the survey.
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Table 2: Analysis sample: Number of high schools, classes, and students by treatment arms

All Control T1 T2 T3
Nb of schools 240 60 43 94 43

Nb of classes 370 92 66 150 62

Nb of students 7,091 1,778 1,351 2,819 1,143

Notes: The table reports the number of high schools, classes and students included in each of the treatment
groups in our final analysis sample. Compared to the randomization sample, the analysis sample only includes
the students who fill both the baseline and the endline surveys.

Differential attrition Appendix Tables E.1 and E.2 test for differential attrition across

treatment groups, respectively for students and teachers. As shown in these tables, attrition

is balanced between the four groups for both teachers and students. This result also hold for

the follow-up survey, including when we focus on the subsample of voting age students (Table

E.3).

Balancing checks Finally, Appendix Tables E.4 to E.6 report balancing checks using the

same specification as our main treatment effect estimates (equation (1), described in Section 5.4

below). Reassuringly, we find no systematic differences across treatment groups in baseline

student (Table E.4), teacher (Table E.5), or class characteristics (Table E.6). Similar results are

obtained for the subsample of students who participated in the follow-up survey (Table E.7),

suggesting that survey participation did not generate meaningful compositional differences

across treatment groups.

5 Empirical Results: News Consumption and Demand for News

We present our main empirical results in Sections 5 to 8. Section 5 first investigates whether

free media access increases actual news consumption and demand for news among young

people, and whether media education enhances the effects of free access. In Section 6, we then

investigate how access to news and media education impact news knowledge and information

inequality, before turning to the impact on media literacy skills in Section 7. Finally, Section

8 reports the results regarding students’ political engagement and well-being.

5.1 Descriptive Statistics on Baseline News Consumption

To start with, we provide some descriptive statistics on news consumption and interest in news

at baseline. It is important to highlight that these statistics are of interest per se given that

a very large number of students completed the survey, and they were not paid nor recruited

online (see Section 2.1 above). Our sample therefore does not suffer from selection biases and
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is representative of the universe of French high-school students. Overall, nearly ten thousands

students answered at baseline; this has to be compared to the average size of news consumption

surveys which, for a given country, rarely include more than 2, 000 individuals and comprise

all age groups (making it particularly difficult to draw any conclusion on news consumption

among young people). Table 3 provides descriptive statistics from the baseline survey.32

The first interesting set of results relates to information acquisition and interest in news.

Only 7% of the students report that they never keep up to date with political, economic, and

social news in France and/or abroad. In contrast, 36% of them report that they often do so

and 9% very often. Furthermore, among the news topics they are mostly interested in, 50% of

the students report politics (which come in second position after sport), and 47% international

news (Appendix Figure F.1). Hence, young people seem to be interested in news, including

hard news.

However, we find that consumption of traditional media – and in particular newspaper

consumption – is somewhat low among high-school students at the start of the experiment.

While 81% of the students report that, in the last 7 days, they have used social media as a

source of information,33 and 65% report that they have used television, only 19% claim to

have used newspapers – either online or offline – to get some news.

Students nonetheless seem to have very good knowledge of the media landscape and in

particular of our partner newspaper Le Monde. 90% of the students in our study claim that

they have already heard of Le Monde – which is, as highlighted in Section 2, France’s leading

newspaper. On average, 54% of them have already heard of the other five national dailies.34

Furthermore, 38% of the students report that they have used Le Monde (read any of its

articles, watched any of its videos, or listened to any of its podcasts) in the last seven days,

and 11% on average for the other dailies.35 Last, 8% of the students report that they – or

their parents – already have a subscription to our partner newspaper (12% report that they

have a subscription to at least one of the other French dailies).36

32For the sake of consistency over the analysis, even if 9, 628 students responded to the baseline, we only
report here descriptive statistics for the 7, 091 students included in our final analysis sample (i.e. those who
responded to both the baseline and the endline survey). Similar statistics for the full set of students are
available upon request.

33More generally, young people are largely present on social media. More than 80% of them report using
Instagram, Youtube and Snapchat, followed by WhatsApp and TikTok (Appendix Figure F.2).

34Le Figaro, Liberation, L’Équipe, La Croix, and L’Humanité. Note however that only 48% of the students
correctly report the periodicity of Le Monde – a daily. This mismatch between their knowledge of the brand
and its periodicity can be explained by the fact that, as young people mostly consume news online (and in
particular do not subscribe to the print version of the newspapers), they no longer care about their periodicity.

35Note that the 38% share for Le Monde is higher than the overall share of students who reported having
consumed news via newspapers. This could reflect the fact that students watch videos produced by the
newspaper on YouTube or other social media platforms, and may also do so without considering this as
keeping up with current events or social issues in France and/or abroad.

36We did not specifically ask the students whether they have access to Le Monde through their high-school
library. However, from informed discussion with high-school principals and librarians, it appears that very few
high schools actually have an online subscription to Le Monde (or to any other newspaper).
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Table 3: Students’ news consumption and interest in news at baseline: Descriptive statistics

Mean St.Dev P25 Median P75
Keeping up with news
Never 0.07 0.26 0.00 0.00 0.00
Rarely 0.47 0.50 0.00 0.00 1.00
Often 0.36 0.48 0.00 0.00 1.00
Very often 0.09 0.29 0.00 0.00 0.00
News sources (past 7 days)
Television 0.65 0.48 0.00 1.00 1.00
Radio 0.27 0.44 0.00 0.00 1.00
Podcasts 0.41 0.49 0.00 0.00 1.00
(Online or offline) Newspapers 0.19 0.39 0.00 0.00 0.00
Social media 0.81 0.39 1.00 1.00 1.00
Partner news & other dailies
Knowledge of partner newspaper 0.90 0.30 1.00 1.00 1.00
Knowledge of other dailies (av.) 0.54 0.25 0.40 0.60 0.80
Use of partner newspaper 0.38 0.49 0.00 0.00 1.00
Use of other dailies (av.) 0.11 0.15 0.00 0.00 0.20
Subscription to partner newspaper 0.08 0.27 0.00 0.00 0.00
Subscription to another daily 0.12 0.32 0.00 0.00 0.00
Know periodicity of partner newspaper 0.48 0.50 0.00 0.00 1.00
Observations 7,091

Notes: The table provides descriptive statistics on the news consumption of students in our sample at baseline. An
observation is a student. Only the students included in the analysis sample (i.e. those who completed both the baseline
and the endline surveys) are included. “Keeping up with news” provides the statistics corresponding to the answer to the
following question: “Do you keep up to date with political, economic, and social news in France and/or abroad?” “News
sources (past 7 days)” provides the statistics corresponding to the answer to the following question: “Over the past 7
days, have you used the following sources to keep up with current events or social issues in France and/or abroad?”
“Knowledge of partner newspaper” or “of other dailies (av.)” is based on the answer to the following question: “From
among these French newspapers, select those you have heard of before.” “Use of partner newspaper ” or “of other dailies
(av.)” is based on the answer to the following question: “From among the newspapers you have just selected, have you
consulted one or more of their articles, videos, and/or podcasts in the last 7 days?”
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We then ask the students to list – for each of the media categories they report having

used as a news source over the past seven days – the name(s) of the specific outlets they have

consumed. Appendix Figure F.3 reports the results: young people’s main source of information

is still a television channel – TF1 – which is also the main French television channel in terms of

overall audience (with a 35% average market share). In all, 39.6% of the students report using

TF1 as a source of news. This is followed by Hugo Décrypte (33.6%), a YouTube channel that

provides explanatory videos about politics and had 2.6 million subscribers in 2024 (Reuters

Institute, 2024). The 24-hour news channel BFMTV comes in third position (11.7%), and Le

Monde appears in fourth position (9.8%) and is the first newspaper (or news website) cited

by the students as a source of information.37

Heterogeneity depending on socioeconomic status Given that the existing literature

has documented large inequalities in access to information, we then investigate whether news

consumption patterns (measured at baseline) differ depending on the socioeconomic status.

Appendix Table F.1 reports the results. First, it clearly shows that low-SES students are much

less interested in news than high-SES ones. While 52% of the high-SES students report that

they never (6%) or rarely (46%) keep up with news, 64% of the low-SES students do so (of

which 12% report never keeping up with news). Furthermore, low-SES students are less likely

to use all the different types of media outlets – including social media – as a news source,

reflecting the fact that they keep up less with news in general. This gap in news consumption

patterns can also be seen when we consider the specific media outlets students report using

as a news source over the past seven days. Only 33.1% of the low-SES students report having

used the TV channel TF1 (compared to 41.7% for high-SES students), and we also observe

a 7.7pp gap for the YouTube channel Hugo Décrypte (Appendix Figure F.4). There are only

two specific media outlets that low-SES students mention (slightly) more: the 24-hour news

channel BFMTV (+0.7pp), and the radio station Skyrock, which is dedicated to mainstream

rap music and R&B (+1pp).

The news consumption gap is most striking for newspapers, used as a news source over

the past seven days by 21% of the high-SES students, compared to only 12% of the low-SES

students. Consistently, low-SES students have a much lower knowledge of both Le Monde and

other French national dailies and weeklies. They also use them less and are less likely to have

a subscription.
37Note however that while France 2 appears in fifth position (also with 9.8%), we could have somewhat

underestimate its use given that it belongs to a larger entity – France Télévisions, the French national public
television broadcaster – and some students only report “France Télévisions”. The same applies to Radio France
– the French national public radio broadcaster – which could lead us to somewhat underestimate the importance
of France Info and France Inter. In both cases, we make the choice to take a conservative approach (i.e. to
classify “France Télévisions” as a separate media outlet when the students do not specify the specific channel(s)
watched).
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5.2 Uptake: Free Newspaper Access

Before investigating the consequences of increased news consumption, we study whether free

media access actually increases news consumption. This is of particular interest in the context

of this study as we know from the existing literature that the uptake of a free newspaper

subscription can be very low (Hopkins and Gorton, 2024). Uniquely here, we have information

not only on news consumption as reported by students in the surveys, but also – for students

in T1 and T3 – on their actual news consumption thanks to the newspaper data. Furthermore,

for this subset of students, we can consider both the extensive margin (whether the students

activated their newspaper subscription) and the intensive one (how many news articles they

consumed and their types).

5.2.1 Using Le Monde Data

Figure 3 provides descriptive statistics regarding the uptake of the free newspaper subscription

when using the observed consumption data we obtain thanks to our partner newspaper Le

Monde.

Extensive margin Of the 2, 494 students in the “free media access” treatment groups (1, 351

in T1 and 1, 143 in T3), 1, 753 students activated their subscription.38 In other words, we have

a 70.3% uptake, which is very high compared to the existing literature. Furthermore, of the

1, 753 activated subscriptions, 1, 729 students visited the news site more than once (i.e. 98.6%).

Intensive margin At the intensive margin, we see that 87.7% of the students who activated

their account went on Le Monde’s website ten times or more, and 63.8% fifty times or more.

Appendix Figure F.6 plots the distribution of the number of pages viewed for the subset of

students who went on the website at least once. Half of these students viewed 81 pages or

more during the school year, i.e. around 2.5 pages per week.39

To get a sense of whether these figures reflect high or low news consumption, we need

to compare them to the behavior of other newspaper subscribers. Unfortunately, Le Monde

does not have information on the age of its subscribers, but we can nonetheless use as a

helpful benchmark descriptive statistics on subscribers to the “students and teachers reduced
38As seen in Appendix Figure F.5, most of these subscriptions were activated between October and December

2024, with the higher uptake taking place just after the treatment was announced. In 48% of the classes, all the
students activated their subscription on the same day; in this case, one might assume that the subscriptions
were activated in class under the teacher’s supervision. In 15 classes (of the 128 that benefited from the free
news access), none of the students activated their subscription (hence most probably reflecting the fact that
in those classes the teachers did not inform the students that they were entitled to a free subscription to
Le Monde). If we focus on the 2, 257 students who are in class where we observe at least one subscription
activation, the uptake raises to 77.7%.

39The “school year” here is defined as the time period going from October 10th, 2024 (i.e. the date at which
the treatments were announced) and May 31st, 2025, i.e. a total of 234 days (about 33 weeks).
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Figure 3: News consumption by students: Uptake

subscription rate” (i.e. Le Monde Essentiel digital subscribers, who more closely resemble the

high-school students in our sample, even if the students are slightly older and the group also

includes teachers). Among this subset of subscribers, 92% are active users, i.e. read at least

one article per month. Among these active users, 5% read only one article. The numbers are

lower for the students in our sample: only 19.5% have read at least one article per month

between November 2024 and April 2025 and can thus be considered active users; of these,

however, 75.8% have read two articles or more per month. In other words, while only one-fifth

of the students in our sample can be considered active readers, those who are tend to consume

a relative high amount of articles.

Appendix Table F.2 reports descriptive statistics on the devices used by the students when

visiting the website. 83% of the visits are made on their mobile phones. Furthermore, 41%

of the visits are observed on the iPhone app and 36% on the Android app for phones. While

students mostly go on the website on weekdays, 9% of the visits took place on Saturdays and

10% on Sundays. Finally, while some of the visits on the site might have occurred during

class time, we observe that 22% took place between 4pm and 8pm, and 15% between 8pm

and midnight. Appendix Figure F.7 plots the share of the visits depending on the time of the

day separately for weekdays and weekends. While most of the visits happen in the morning
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during weekdays and in particular between 8am and lunch time, we observe a higher share

of visits in the afternoons during weekends. These observations are important, and not just

from a descriptive standpoint. They point to the fact that the observed news consumption for

T1 and T3 students is not entirely driven by classroom-related activities.40 We come back to

the role played by classroom activities in Section 5.3 below when discussing the type of news

consumed.

News consumption over time We next investigate the evolution of news consumption

over time. First, Appendix Figure F.8 plots the evolution of the daily number of visitors to

the website; on average every day, we observe around 121 students in T1 and T3 on Le Monde.

This number is slightly higher at the start of the experiment – reflecting the time at which

the students first activated their subscription – and then is fairly stable over time, with the

exception of some peaks in news consumption that can be associated with important news

events (e.g. Donald Trump’s election victory on November 6, 2024).

This is clearly seen in Appendix Figure F.9 where we plot, for each day, the total daily

number of pages viewed on Le Monde’s website.41 We report this number both for the students

included in T1 and T3, and for the aforementioned Le Monde Essentiel digital subscribers. We

observe that the news consumption of our high-school students varies greatly depending on

current events – such as the election of Donald Trump or, on March 31, 2025, the conviction of

French far-right leader Marine Le Pen for embezzlement and her subsequent ban from running

in elections for five years, effective immediately. However, this varies to a lesser extent than

for “similar” digital subscribers.

5.2.2 Using the Survey Information

While the above statistics are based on data from Le Monde’s app, it is useful to compare

them with Le Monde consumption behaviors as reported by high-school students in the endline

survey. Appendix Figure F.15 reports the results. Interestingly, we find that the share of

students declaring that they activated their subscription is only slightly higher than what

we observe in the hard data.42 Similarly, for the subset of students who claimed that they
40Consistently, we show in Section 5.6 that the observed use of Le Monde lasts after the end of the experiment

and therefore of the school year.
41We plot this number starting on November 1, 2024, to avoid capturing visually the relatively high student

consumption that took place in October when the students activated their subscriptions (see above).
42Furthermore, it should be noted that – as detailed in Appendix Section B.3 – we underestimate the share of

students who have actually activated their Le Monde subscription given that in a small number of occurrences
the information we received from Le Monde did not allow us to recover the identity of the corresponding
student. In the empirical analysis using Le Monde data, we indeed only rely on the activated accounts that
we were able to match to students (the other accounts are not considered). In other words, there is a number
of T1 and T3 students who activated their Le Monde subscription but that we consider as not having done
so because we were unable to match their identity to their Le Monde account (most often because they did
not use the same email address for the experiment and for the subscription). This mismatch may explain the
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activated their subscription, the 44.7% of high-school students who say they never or rarely use

the website corresponds roughly to the percentage of high-school students who have activated

their subscription but are observed on Le Monde’s website less than fifty times. In other

words, there seems to be no “social bias” with an overreporting of news consumption. This is

an important finding because it validates the use of our survey-based outcome variables that

allow us to estimate treatment effects on news consumption.

The endline survey information also allows us to get a better sense of the reasons for not

consuming Le Monde. As appears in Appendix Figure F.16, students who did not consult Le

Monde report that they did so mainly either because of a lack of interest (36-37%) or because

they were already obtaining information on social media (36%). Other reasons include a lack

of time (33-35%) and a preference for more dynamic formats (32-33%). Besides, we also ask

students who report using Le Monde in the endline survey the reasons why they read it. 90%

of the students who report using Le Monde several times a month or more say that they do so

for their personal knowledge, 73% for school-related activities, and 67% to verify information

(students were allowed to chose more than one reason) (Appendix Figure F.17).

5.3 Types of News Consumed

Finally, we investigate the type of news consumed by students. As above, we can do so by

using both the data on their observed consumption on Le Monde’s website, and the reported

survey information.

Using Le Monde data Figure 4 provides the results. We see that in a quarter of cases,

students land on the homepage of the newspaper, and that in 5.2% of the cases, they consume

its digital edition. The website’s search engine (to search for an article) is also frequently used

(8.7%), and in 3.8% of cases students consume the live of the newspaper (sub-Figure 4a).

A number of these pages however – such as homepage, the live coverage page, and the

app’s Discover tab – do not allow us to have information on the specific content consumed

by the students. Sub-Figure 4b thus focuses more specifically on the subset of pages for

which the section information is available. We see that 30% of the pages viewed are in the

International section, followed by Society (11%), Politics (10%), and Economy (8.8%). Sports

only represents 3.6% of the pages viewed; however, this may reflect at least as much (if

not more) the type of content provided on Le Monde’s website as students’ preferences. Le

Monde indeed provides a much more extensive coverage of international news and international

politics than sports. Moreover, a substantial share of its sports coverage takes place during

live coverage and therefore does not appear in sub-Figure 4b in those cases.

small difference we observe between the reported subscription activation figure in the survey and the actual
activation of their subscription by the students in Le Monde data.
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pages for which we can identify the section.

Figure 4: Type of news consumed: T1 and T3 students

33



To investigate the role played by the type of content provided on Le Monde’s website,

we compare the news consumption patterns of our students to those of Le Monde Essentiel

digital subscribers (which, as we previously highlighted, most closely resemble the students

in our sample). Appendix Figure F.10 provides statistics similar to those in Figure 4 but for

those subscribers (computed over the same time period). While we obviously observe some

differences, it is interesting to note that – just as for our students – the first category of pages

on which we observe the Essentiel subscribers is the homepage, followed by international news.

The main difference is related to the “search for an article” tool which is more popular among

our students than among those subscribers (sub-Figure F.10a).43 If we next focus on the

subset of pages for which we have information on the section, we also mostly see a similar

ranking, with International news, Politics, Society, and Economy representing by far the most

consumed pages, well ahead of Sports for example (Figure F.10b), and consistent with the view

that the observed ranking is shaped not only by readers’ preferences but also by Le Monde’s

editorial supply.44

Using the survey information If we rather use the endline survey to investigate the kind of

news consumed by students, we see that they report mostly reading articles about Politics (64%

in T1 and 71% in T3), followed by International news (respectively 57% and 60%) (Appendix

Figure F.18). While International news appears after Politics in the reported consumption

(and not before as in the observed data), it is important to note that the categories are not

fully comparable. Indeed, students may consider articles related to Donald’s Trump’s re-

election in the US to be political news, whereas in Le Monde’s consumption data the event

will be classified in the “international” section. Similarly, while students report consuming

much more Sports content (which ranks third in the survey data) than what we observe in the

consumption data, this discrepancy may be explained by the importance of live coverage (as

highlighted above), but also the consumption of Sports articles in the (PDF) digital edition.

Within-class similarity in news consumption Finally, we investigate the type of news

consumed by the students depending on whether they are in the same class. The idea here,

following Gentzkow and Shapiro (2011) and Halberstam and Knight (2016), is to build a

measure of segregation in news consumption. More precisely, using the information we have

on the specific articles read by the students, we define a similarity measure and compare
43It is also of interest to note that the Discover tab (“Découvrir”) somehow receives more attention among

our students than among the Essentiel digital subscribers. This tab aims to provide an “alternative route” to
the news by offering more “positive news” articles in a more quiet environment (see for example here for a
description of this tab; last accessed on May 25, 2026).

44Appendix Figure F.11 provides statistics on the share of articles published by Le Monde in each section
during our period of interest. The largest number of articles published are related to International news,
Economy, Society, Ideas/Opinion, and Politics. This clearly reflects the news consumption patterns of the
students. A clear exception is Culture for which we observe a larger share of news produced than consumed.
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within-class with across-class similarity in consumption. Specifically, we first identify the list

of specific articles read by each student and then compute all student pairs, i.e. all the oc-

currences of two students reading the same article, whether or not in the same class. Then,

we define similarity measures between students – we consider Jaccard similarity, the over-

lap coefficient, conditional probability, cosine similarity, and the share of common articles

– and then compare within-class similarity (E [s (i, j) |c (i) = c (j)]) to across-class similarity

(E [s (i, j) |c (i) 6= c (j)]) (where c (i) is the class of student i). Figure 5 reports the results.45

It appears clearly that – independently of the similarity measure used – there is substantial

within-class clustering of information exposure. E.g., according to the cosine similarity mea-

sure, students in the same class are 8.34 times more likely to consume the same news content

than students in different classes.

This descriptive result points to the fact that within-class exposure to Le Monde content

for students offered it for free (T1 and T3 students) plays a significant role in their use of

the media. In other words, nudging students to consume news by using it as part of high-

school activities (e.g. for homework) increases news consumption; interestingly and as we will

see below, the effect of these nudges are long-lasting given that we document lasting habits

(including a switch to a paid subscription) more than a year after the end of the experiment.

5.4 Empirical Specification

In the remainder of the paper, we provide an evaluation of the Intent-to-Treat (ITT) effects

(i.e., the effects of being assigned to a specific treatment group) on several outcomes. To do

so, we follow our PAP (Briole et al., 2025a) and base our analyses on the following regression

model:

Yisr = α+ β1T
1
s + β2T

2
s + β3T

3
s +X ′isX ′isX ′isγ + δr + εisr (1)

where Yisr is the outcome of interest for student i in school s and randomization strata r. Ts
is the binary treatment indicator, which equals one if school s is in the treatment group and

zero otherwise, and X ′isX ′isX ′is is a vector of controls selected in each individual regression through

a Lasso procedure (Belloni et al., 2014). Potential controls include student pre-determined

characteristics as well as teacher sociodemographic and professional characteristics.46 Finally,

δr represents a full set of indicator variables for the strata used for randomization, and εisr

45Given that the scale of the different similarity measures varies, we only report here the ratio between
within- and across-class similarity for each these measures. The raw values for each measure are reported in
Appendix Figure F.12.

46All variables included in Tables E.4 and E.5 are included as potential controls. In the case of missing
baseline data for specific covariates, we replace missing values with their mean values and include indicator
variables for missing values for each covariate. Our results are not sensitive to imputing the missing covariate
values. While the use of controls generally provides more precise estimates, Appendix G also presents the main
results based on a model without control variables (Table G.1).
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6.61

7.22
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8.63

9.78
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Within-class / across-class similarity ratio
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Cond. prob. (j | i)

Cosine similarity

Common URLs

Jaccard similarity

Notes: N=1,586,340 (total number of pairs of students).
1,260 students in T1 and T3 for which we observe at least one specific article read are included.
A ratio of 1 (red dashed line) would indicate no class-level segregation in news consumption.

Notes: The Figure reports various measures of similarity in news consumption. For each of the similarity
measures (Jaccard similarity, overlap coefficient, conditional probability, cosine similarity, and share of common
articles), it reports the ratio between the within-class and the across-class measure.

Figure 5: Within-class vs. across-class similarity in news consumption

the residuals. The estimated β̂ coefficients (β̂1, β̂2, and β̂3) correspond to the ITT effects.

Following de Chaisemartin and Ramirez-Cuellar (2024), standard errors are clustered at the

randomization strata level.

As specified in our PAP, when estimating the effect of the program on sub-indexes (see

Section 4.2 above for the description of all the outcomes), we also report the p-values of

the coefficients of the treatment variables adjusted for the False Discovery Rate, using the

Benjamini and Hochberg (1995) procedure, in order to account for multiple hypotheses testing.

5.5 Treatment Effects: Reported News Consumption

Increased news consumption Table 4 reports the average treatment effects on news con-

sumption, as measured by the standardized Newspaper Consumption Index described in Sec-

tion 4.2.1. We find that both T1 and T3 have large positive effects on newspaper consumption,

increasing the index by 0.49 and 0.60 standard deviations (sd), respectively, with both effects

significant at the 1% level. These effects are observed for both components of the index: (i)

the share of students who cite a newspaper among their five main sources of information in

our open-ended measure more than doubles, increasing from about 20% to over 40%;47 and
47Comparable effects are obtained when using a broader definition of “newspapers” in the open-ended main

news source measure, or when focusing specifically on the first main news source cited by students (Appendix
Table G.3).
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(ii) the share of students who report using at least one newspaper from the predefined set of

national daily and weekly newspapers over the past seven days increases from 47% to 64-66%

(i.e., a 35-40% relative increase).

Media education alone (T2) has no effect on newspaper consumption. However, it is

interesting to note that it somewhat enhances the positive effect of free media access, with

the effect of T3 being slightly larger than that of T1.48 Importantly, the fact that newspaper

consumption increases in T1 and T3 but not in T2 suggests that our findings are unlikely to be

driven solely by a salience effect (i.e., simply making students more aware of the availability

of free online news content, whether from Le Monde or other sources). Students in T2 are

exposed to extensive discussions on media and journalism throughout the school year, which

likely increases awareness of online news opportunities; yet this treatment alone does not

translate into higher newspaper readership. These results therefore suggest that the effects

observed in T1 and T3 merely reflect the importance of reducing barriers to accessing high-

quality information.

The increase in newspaper consumption caused by T1 and T3 is entirely driven by the

use of our partner newspaper, Le Monde (Figure 6). The effects are economically large: we

find a 21pp (T1) to 28pp (T3) increase in the share of students citing Le Monde among their

five main news sources, corresponding to 115-150% of the control group mean (sub-Figure

6a). Using the alternative measure of news consumption based on newspaper use over the

past seven days, we estimate a 21-24pp increase, corresponding to 60-70% of the control mean

(sub-Figure 6b). As shown in both panels of Figure 6, we find no effect when excluding Le

Monde and considering all other newspapers.49 This is in fact reassuring: the increase in the

use of Le Monde does not come at the expense of other newspapers.

Although we cannot estimate equation (1) using actual Le Monde consumption data –

since website logs are unavailable for the control group and T2 – we can still use these data

to cross-check the survey results. Appendix Figure F.13 plots the average number of pages

viewed (observed from the website logs) for students in T1 and T3, separately for students

who cite Le Monde as one of their five main sources of information and those who do not. The

large difference in page views across these groups confirms the validity of our survey-based

measures of newspaper consumption.

It may seem surprising that relaxing the price barrier is so efficient in a context where

a lot of news – including high-quality news and content published on Le Monde’s website –

is already available for free. First, despite the widespread availability of free news, a non-

negligible share of individuals do pay for news, and recent research actually shows that the
48Note however, that the difference between the two estimated coefficients is not significant at conventional

levels (p-val ≈ 0.2).
49Note that the coefficients for Le Monde and for other newspapers do not sum up to the coefficient for

newspaper use overall because these categories are not mutually exclusive: students who cite Le Monde among
their five main news sources may also cite other newspapers.
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number of people willing to pay for news is slowly growing (see e.g. Reuters Institute, 2024).

This indicates that individuals value content distributed behind paywalls and are willing to

pay for it.50 Second, the availability of free online news does not imply that citizens do not

encounter paywalls. According to a recent Pew Research Center study, 74% of Americans run

into paywalls at least sometimes when they are looking for news online.51 Importantly, a third

of them also report that they typically give up on accessing the information when they come

across an article that requires payment. Overall, these findings suggest that price constitutes

an important barrier to accessing high-quality news, consistent with our results.

A substitution between news media and social media Consistently with the theo-

retical framework presented in Section 3, we also observe a substitution effect between the

use of newspapers – and in particular of Le Monde – as the main source of information and

the use of social media (Table 4). This holds for both T1 and T3, as well as for the media

education treatment alone (T2). All three treatments reduce the probability of citing social

media among the five main sources of information by 5 to 8pp, corresponding to 10-15% of

the control group mean.52

Interestingly however, we do not observe a drop in the use of other news media, and in

particular of Hugo Décrypte, which is one of the main reported news source used by students

in the baseline survey (Figure 7). The only exception is radio, whose use declines by 3pp in

T1. While sizable relative to its baseline, this effect is limited in scope – few students use

radio as a news source (7% in the control group) – and does not appear in T2 or T3. These

results are broadly consistent with Altay et al. (2025) who show that news sources – even

across formats – tend to act as complements rather than substitutes.

Increased diversity of information sources The previous results suggest that access to

Le Monde increases students’ exposure to news without crowding out their use of other infor-

mation sources. If students add Le Monde to their existing information diet while continuing

to rely on other outlets, one would expect the diversity of information sources to increase. We

test this prediction formally using an indicator variable equal to one if the student cites at

least two distinct and valid sources among their five main news sources, and to zero otherwise.

The results confirm this pattern. While 32% of the students in the control group cite at least

two different sources, T3 increases this share by 12.5pp (a 40% increase relative to the control
50Interestingly, Fletcher and Nielsen (2017) find that, if anything, there is a positive association between

public service news access and paying for online news, as well as with the willingness-to-pay for online news.
51Including 38% who report coming across paywalled articles extremely often or often. See “Few Americans

pay for news when they encounter paywalls,” Emily Tomasik and Michael Lipka, Pew Research Center, June
24, 2025. Last accessed on February 3rd, 2026.

52The effect of T2 is marginally insignificant (p-value = 0.108). Similar – and even more statistically
significant – effects are obtained for all treatments when focusing specifically on the first main news source
cited by students (Table G.3).
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Figure 6: Treatment effects: Newspaper consumption and Use of newspapers among main
sources of information
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Figure 7: Treatment effects: Use of other types of media among main sources of information

mean). The effect of T1 is smaller but remains statistically significant, at 4pp (or 12% of

the control mean). Appendix Table G.3 shows that these findings are robust when using the

number of sources cited instead of the indicator variable and when estimating the model using

either OLS or Poisson specifications.

In a context of rising polarization and widespread misinformation, this is an important

result, suggesting that the intervention exposes students to a more diverse set of news sources.

Note, however, that this increase in diversity appears to be driven primarily by the addition of

Le Monde to students’ existing information diets, as treatment effects become negligible when

Le Monde is excluded from the construction of the diversity measure (Appendix Table G.3).

5.6 Treatment Effects: Trust in Newspapers and Demand for News

Relative trust in newspapers The media education program evaluated in this article (as

part of T2 and T3) emphasizes the difficulty of producing high-quality information and the

importance of journalistic work (see Appendix Section A.2). At the same time, free access

to news increases the use of newspapers as a source of information, as shown in the previous

section. Do these complementary channels translate into increased trust in newspapers? This

is a particularly important question given that trust in information from news organizations
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has continuously declined over recent decades, a phenomenon that we observe across all age

groups. As described in Section 4.2.1, we construct an index measuring relative trust in

newspapers, which captures whether students – following the intervention – place greater

trust in newspapers relative to other types of media and community members. The results are

reported in Table 4. We find a positive and statistically significant effect of media education

alone (T2) on this Trust in Newspapers Index, with a 0.08 sd increase (significant at the 5%

level). When combined with free access to Le Monde, the effect increases to 0.11 sd (significant

at the 1% level), possibly because teachers can more easily illustrate these mechanisms when

students have direct access to high-quality news content.53 By contrast, providing free access

alone does not generate such effects.

Trust in journalists Does this increase in trust in newspapers relative to other media

outlets or community members reflect a more general increase in trust in journalists? A closer

look suggests that the effects of T2 and T3 are primarily driven by a combination of a slight

decline in absolute trust in other media – particularly social media – and a slight increase in

absolute trust in newspapers. Figure I.1 shows that, while T2 and T3 have positive coefficients

on trust in newspapers, these effects are not statistically significant at conventional levels. For

television and radio, effects are close to zero, while for social media and “other websites,”

they are negative for all three treatments – and significant at the 10% level for T2 and T3

– consistent with the decline in social media use documented in Section 5.5. The absence of

spillovers to broader trust in journalists is also evident when examining treatment effects on our

Trust in Journalists Index, which captures students’ general trust in journalists, independently

of the media through which content is delivered. As shown in Figure I.2, we find no evidence

of a general increase in trust in journalists.

Demand for news Moving beyond self-reported measures, we examine treatment effects on

a hard, observable measure of news engagement: the willingness-to-subscribe to one or more

existing newsletters. We find that all treatments increase demand for news so measured, with

economically and statistically significant effects: +9.2pp for T1, +7.3pp for T3, and +4.0pp

for T2. Relative to a baseline of 69% in the control group, this corresponds to increases of

13%, 10%, and 6%, respectively (Table 4). Importantly, newsletter subscription is a forward-

looking measure. It therefore does not capture engagement during the experiment itself, but

rather a more persistent increase in demand for news beyond the intervention period.

In T1 and T3, the effects are particularly pronounced for Le Monde’s newsletter, but

we also observe significant increases in subscription to other newsletters: +8pp relative to
53Consistent with this interpretation, 87% of the teachers in T3 report having carried out pedagogical

activities in class or at home using Le Monde; 30% report that they have done so five times or more (Appendix
Table A.2).
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a baseline of 66% in the control group (i.e., a 12% increase).54 This result is particularly

interesting because it reflects the fact that providing students with free access increases their

interest in news and their willingness to obtain access to more information. Interestingly, the

newsletters are available for free and students could have subscribed to them independently

of our experiment. However, they did not, partly because they were likely unaware of this

possibility and partly because it simply did not occur to them. This points to habit formation,

which has been observed in digital consumption by Allcott et al. (2022). Here, students exposed

to one digital news source for a period of time may experience an increase in the utility of news

more generally, thus leading to an increase in demand for both the source they were exposed

to and other sources.

The media education treatment alone (T2) has no effect on subscribing to Le Monde’s

newsletter in particular, but leads to a significant increase (at the 1% level) in the propensity

to subscribe to other newsletters: +5pp on average (a 7.5% relative increase). This is consis-

tent with the notion that media education raises general interest in news, as outlined in our

theoretical framework.

Willingness-to-pay for news Is this increased demand for news also reflected in a higher

valuation of news media? As described above, we measure both the willingness-to-pay (WTP)

for a Le Monde subscription and the willingness-to-accept (WTA). Figure 8a presents the

results. We find that the minimum price at which students are willing to sell a Le Monde

subscription (WTA) is significantly higher for students who benefited from free access: +e2.39

for T1 and +e2.73 for T3, corresponding to relative increases of 17% and 20%, respectively.

The effect of media education alone (T2) is also positive, but not statistically significant (p-

val = 0.14). Similar patterns emerge when using an indicator variable for a strictly positive

WTA (Figure 8b). We find positive effects for all treatments: +3pp for T1, +2pp for T2, and

+4pp for T3, corresponding to increases of 3.4%, 2.2%, and 4.5% relative to the control mean,

respectively. These results suggest that exposure to high-quality news increases students’

valuation of it, as does media education, albeit more weakly.

However, as shown in Figure 8a, students’ WTP is slightly negatively affected by the

provision of a free subscription (with a e1.30 drop for T1, significant at the 5% level). While

somewhat surprising, this likely reflects the fact that students who obtain access to Le Monde

for free become less willing to pay for it, possibly because they lack awareness of the costs

of producing information.55 Consistent with this interpretation, the negative effect is not
54See Appendix Figure I.3 for treatment effects by newsletter. For instance, T1 increases subscription to

Le Monde newsletters by 12pp (26% of the control mean), to Le Quotidien by 6pp (about 23% of the control
mean), to France in Info by 5pp (17% of the control mean), and to Hugo Décrypte by 7pp (12% of the control
mean).

55This may also reflect the timing of the question, as the WTP is measured at endline, when students in
T1 and T3 still had free access to Le Monde. Indeed, we do not observe such a drop in the follow-up survey
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Figure 8: Treatment effects: Willingness-to-accept and Willingness-to-pay
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statistically significant in T3 (and the associated coefficient is much smaller than in T1),

suggesting that media education may mitigate this effect by increasing students’ awareness of

the costs of producing information. Finally, this negative effect is not observed when using an

indicator variable for strictly positive WTP (Figure 8b).

Note that the gap between the WTA and WTP is consistent with the existing literature,56

and is often attributed to a loss aversion: the loss of the subscription due to a sale is more

pronounced than a gain of the same subscription (see Plott and Zeiler (2005) for a discussion

and Kahneman et al. (1991) for the seminal paper in the literature).

Long-term effects on news consumption In addition, we go one step further and inves-

tigate the extent to which students in T1 and T3 – who benefited from the free subscription

– decided to renew their subscription at the end of the experiment (either to the same offer

or to another one), and therefore pay (directly or indirectly – e.g. through their parents) for

their own Le Monde subscription once they no longer have access to it for free.57 Appendix

Figure F.14 plots the daily number of students who visited Le Monde’s website at least once

between November 1, 2025 and December 31, 2025 (i.e. several months after the end of our

experiment). Overall, 344 students (i.e., 14% of the students in T1 and T3) went at least once

on Le Monde’s website during this time period, and the daily number of visitors varies around

28. These results are striking as they reflect not only a long-term change in news habits but

also a long-term increase in news consumption even if at a cost (given that those students

actually pay for a Le Monde subscription after the end of the experiment).

Finally, the follow-up survey allows us to further investigate the longer-term treatment

effects on news consumption. Figure 9 reports the results. Consistently with the results of

the endline survey – but pointing to long-lasting effects that persist outside the school context

– we find that T1 (respectively T3) increases the probability of citing a newspaper as one of

the main sources of information by 24pp (respectively 35pp), an increase roughly equal to the

control-group mean. The effect is entirely driven by the consumption of Le Monde. We also

show that T3 increases the probability of being a Le Monde subscriber one year after the end

of the experiment by 8pp, corresponding to two-thirds of the control group mean (Appendix

Figure I.4).

6 Empirical Results: News Knowledge

The results of the previous section show that providing free access to a newspaper increases

news consumption among young citizens. In this section, we investigate whether this translates

(results available upon request).
56The so-called “endowment effect” (see e.g. Chapman et al., 2023).
57Of course, this exercise should merely be considered as only descriptive, as we only have information on

students in T1 and T3 and so cannot measure any treatment effect here.
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Figure 9: Treatment Effects, Follow-Up Survey: Use of newspapers among main sources of
information

into increased news knowledge among students. As before, we investigate separately the impact

of free access and of media education per se, as well as the effect of the combined treatments.

6.1 News Knowledge: Average Treatment Effects

Table 5 reports the treatment effects on students’ news knowledge as measured by our main

News Knowledge Index, defined in Section 4.2.2. Across all treatment arms, we find no statis-

tically significant effects on the index. The same pattern emerges when we examine its three

main components – discernment, political knowledge, and economic knowledge – for which

estimated treatment effects are likewise close to zero.

These findings also extend to more granular measures. As shown in Table G.4, we find no

statistically significant effects on the individual sub-components that make up the discernment

and political knowledge dimensions. We also examine a separate discernment measure based

on sports and celebrity news items, which is not included in our main index (as specified in

our PAP). Here again, treatment effects are close to zero and statistically insignificant. This

result suggests that the absence of effects on (hard) news knowledge is unlikely to be explained

by students using their subscription to consume softer news, such as sports or people-related

news.

46



Treatment effects may be diluted in the main index if the interventions primarily affect

performance on the most difficult questions. To explore this possibility, we identify a subset

of particularly challenging questions. Because the number of response options varies across

items, raw success rates are not directly comparable. We therefore classify a question as

difficult whenever the proportion of correct answers in the control group is lower than the

probability of obtaining the correct answer through random guessing. Approximately one-third

of the knowledge questions as classified as difficult in this way. We then construct alternative

knowledge indices based exclusively on these difficult items and re-estimate treatment effects

using these measures.

The results, reported in Table G.5, reveal an interesting pattern. Across all three treatment

arms, estimated effects on the overall index of difficult questions range from +0.05 to +0.10 sd,

with the largest and most precisely estimated effects observed for T2 (+0.10 sd, p-val < 0.01).

These gains are concentrated in discernment and political knowledge, where treatment effects

range from +0.05 to +0.12 sd for all treatments. On the contrary, we find no statistically

significant positive effects on economic knowledge. Taken together, these findings suggest that

the interventions may have been particularly effective at improving students’ mastery of the

most challenging political and informational concepts.

6.2 Heterogeneous Treatment Effects: A Decrease in Information Inequal-
ity

The absence of average effects when considering our our main News Knowledge Index may

mask substantial heterogeneity. In particular, treatment effects may depend on students’

socioeconomic background, as pre-specified in our pre-analysis plan (Briole et al., 2025a). One

possible explanation for the null average effects is that a sizable share of students – especially

those from more advantaged backgrounds – would have been relatively well informed even

in the absence of the intervention, leaving limited scope for further improvements in news

knowledge.

In this case, increases in newspaper consumption would not necessarily translate into mea-

surable gains in news knowledge for these well-informed students. By contrast, the existing

literature documents large information inequalities and shows that individuals from disadvan-

taged backgrounds often lack basic political information (see e.g. Angelucci and Prat, 2024).58

If information constraints are more binding for these students, one would expect them to ben-

efit disproportionately from improved access to high-quality news and media education. This

prediction is also consistent with our theoretical framework, which implies that the effect of
58Our data reveal similar disparities. As shown in Tables B.1 to B.3, students in high-SES schools (IPS above

the first quartile) outperform those in low-SES schools on all news knowledge indices and sub-components. For
example, 80% of students in high-SES schools correctly identify the French Prime Minister, compared with
only 58% in low-SES schools.
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free newspaper access (T1) should be weaker – and potentially null or negative – for students

who already have access to news sources irrespective of the experiment. Under mild regularity

conditions, the effect on news knowledge is predicted to be weaker for students who are already

knowledgeable, causing a reduction in knowledge inequality (Proposition 3).

6.2.1 Pre-Specified Heterogeneity Analysis

News knowledge To investigate this hypothesis, we examine treatment effect heterogeneity

by high school Indice de Position Sociale (IPS), a variable used to stratify randomization (see

Section 2.1 above for its precise definition). We divide high schools into quartiles of the

IPS distribution and compare students enrolled in schools below the first quartile (low-SES

schools) to those enrolled in schools above this threshold (high-SES schools). We then estimate

equation (1) separately for these two groups.

Table 6 reports the results. It reveals a striking pattern: all treatments lead to large

and statistically significant increases in news knowledge among students enrolled in low-SES

schools (Panel A), while no statistically significant effects are detected for students enrolled

in high-SES schools (Panel B). Among students in low-SES schools, free access to newspapers

(T1) increases news knowledge by 0.20 sd relative to the control group, while the combined

treatment (T3) increases it by 0.31 sd. Media education alone (T2) also has a positive effect

of 0.09 sd, significant at the 10% level. Importantly, these gains are not driven by a single

dimension of news knowledge: treatment effects are positive across all sub-components of the

index, including news discernment, political knowledge, and economic knowledge.

These results are consistent with the hypothesis that information constraints are more

binding among disadvantaged students and with the prediction of Proposition 3 that gains

in news knowledge should be concentrated among initially less-informed individuals. As a

result, access to high-quality news and media education appears to contribute to reducing

socioeconomic inequalities in news knowledge.

To assess the magnitude of this effect, we compare these gains to the baseline knowledge

gap. In the control group, students enrolled in low-SES schools score 0.45 sd lower on the News

Knowledge Index than students enrolled in high-SES schools. Given the absence of treatment

effects among the latter, the estimated gains of 0.20 to 0.31 sd for low-SES students imply

that free newspaper access – alone or combined with media education – reduces this baseline

knowledge gap by approximately 45-70%, while media education alone reduces it by 21%. This

is clearly seen in Figure 10, which reflects both the very large knowledge gap between students

in low- and high-SES schools in the control group, and the fact that our three treatments

strongly reduce these gaps by improving knowledge among students from low-SES schools. As

a result in T3, there is no statistically significant difference in knowledge between students

from low- and high-SES schools.
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Figure 10: Heterogeneous treatment effects: News knowledge by socioeconomic status (IPS
quartiles)

Additional analyses provide further insight into the nature and magnitude of these effects.

First, following the analysis of Table G.5 discussed above, Table G.6 investigates the het-

erogeneity of the treatment effects when we only consider the most difficult questions. The

estimated treatment effects for T1 and T3 remain virtually unchanged, indicating that the in-

terventions improve not only basic factual knowledge but also performance on more demanding

items. Furthermore, while the estimated effects remain substantially larger in low-SES schools

for T2, this alternative measure also uncovers a positive effect of media education alone among

high-SES students (+0.08 sd, p < 0.01). In other words, the positive T2 effects are present in

both groups but, among high-SES students, are concentrated on the most difficult questions.

Second, looking at individual dimensions of the knowledge index, positive effects emerge

across all domains among students enrolled in low-SES schools, with particularly large gains

in Europe-related knowledge, both in terms of news discernment and political knowledge

(Table G.7). By contrast, we find no evidence of improvements in sports-related knowledge.

If anything, point estimates are slightly negative. This pattern further supports the view

that students primarily use their newspaper subscription to consume hard news rather than
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entertainment or sports content.59 In addition, the absence of treatment effects in high-SES

schools extends to virtually all components of the knowledge index. The only notable exception

is a positive effect on the ability to identify the President of the European Commission, for

which some gains are observed among students in higher-SES schools (Table G.7).

Other outcomes To shed light on the mechanisms underlying these heterogeneous effects,

Appendix Table H.2 reports treatment effect heterogeneity for our other main outcomes. In

contrast to news knowledge, we find little evidence of heterogeneity in newspaper consumption.

The effects of free newspaper access (T1) and the combined treatment (T3) on newspaper

readership are remarkably similar across low- and high-SES schools and, if anything, tend to

be slightly larger for the later. This suggests that the larger gains in news knowledge observed

among students in low-SES schools cannot be explained by larger increases in newspaper

consumption.60

Instead, the results point to higher returns to news consumption and media education

among disadvantaged students. One possible interpretation is that the intervention provides

access to information, perspectives, and opportunities for discussion that are less readily avail-

able in their social environment. As a result, a given increase in exposure to high-quality news

may translate into larger learning gains for students from disadvantaged backgrounds. This

interpretation is consistent with the theoretical framework developed in Proposition 3, which

predicts larger effects when baseline exposure to high-quality information is lower.

Table H.2 also reveals substantial heterogeneity in outcomes related to students’ relation-

ship with the news media. Relative trust in newspapers increases much more among students

enrolled in low-SES schools (+0.18 sd in T2 and +0.26 sd in T3) than among their counterparts

in high-SES schools, for whom the estimated effects are small and statistically insignificant.

Likewise, the effects on newsletter subscriptions – a measure of demand for future news con-

sumption – are larger among students in low-SES schools (+0.25 sd in T1 and +0.29 sd in T3)

than among students in high-SES schools (+0.20 sd and +0.13 sd, respectively). Taken to-

gether, these findings suggest that the intervention does more than only generating short-term

learning gains. By increasing trust in high-quality news sources and strengthening demand

for future news consumption, it may help disadvantaged students develop lasting information

habits.
59Which might at least partly come from the fact that, as highlighted in Section 5.3 above, Le Monde devotes

much larger coverage to hard news than to soft news.
60Consistently, when we look at Le Monde’s news consumption data (as described in Section 5.2 for the

students in T1 and T3), we find no statistically significant difference between the number of actions taken or
the number of pages viewed between low- and high-IPS schools’ students (Appendix Table F.3). Furthermore,
Appendix Table F.4 reports descriptive statistics on the type of news consumed depending on the socio-
economic background, and show that high- and low-SES high schools’ students behave in almost exactly the
same way also along this dimension.
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Robustness Appendix Tables E.8 and E.9 report balancing checks for low- and high-SES

schools using the same baseline characteristics as those considered in the main sample (Ta-

bles E.4 to E.6).

For low-SES schools, randomization appears to have generated highly comparable treat-

ment and control groups. Of 84 coefficients tested, only two are statistically significant at

the 10% level, a number well below what would be expected by chance alone. This provides

strong reassurance that the treatment effects estimated for this subgroup are not driven by

pre-existing differences between treated and control students.

For high-SES schools, we detect a small number of imbalances. Among the 84 coefficients

tested, seven are significant at the 10% level, four at the 5% level, and one at the 1% level.

Given the large number of tests performed, this pattern remains broadly consistent with what

could arise from random variation. Nevertheless, one imbalance deserves particular attention:

students assigned to T1 exhibit slightly lower baseline news knowledge than control students,

with a difference of 0.10 sd that is statistically significant at the 10% level.

To assess whether this imbalance could account for the absence of treatment effects among

high-SES students, we follow Athey and Imbens (2017) and estimate treatment effects within

strata defined by baseline news knowledge. Specifically, we estimate the following specifica-

tion:61

Yisr = α+ β1T
1
s + β2T

2
s + β3T

3
s + τ İi + γ1(T

1
s ∗ İi) + γ2(T

2
s ∗ İi) + γ3(T

3
s ∗ İi) + δr + εisr (2)

where I is an indicator variable equal to one if student i’s news knowledge at baseline is above

the median and İ = I − Ī. This centering implies that β1, β2, and β3 can be interpreted

as average treatment effects for T1, T2, and T3, respectively. We also estimate an analogous

specification using four groups defined by quartiles of the baseline news knowledge distribution.

As shown in Table G.8, the results are virtually unchanged under both approaches. The

absence of treatment effects among students enrolled in high-SES schools are therefore very

unlikely to be explained by the small baseline imbalance in news knowledge, confirming the

robustness of our heterogeneity results.

6.2.2 Generic Machine Learning

Finally, we complement this analysis with a data-driven approach based on recent machine

learning methods to study treatment effect heterogeneity (Chernozhukov et al., 2025). This

analysis first confirms the presence of substantial heterogeneity in treatment effects for all treat-

ments. As shown in Appendix Table H.5, the heterogeneity loading parameters are strongly

significant for all treatments. This analysis also confirms that socioeconomic background (as
61This corresponds to equation (5.4) in Athey and Imbens (2017).
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measured by school IPS) is strongly correlated with treatment effects. In particular, the classi-

fication analysis (CLAN) reveals that the estimated difference in the mean school IPS between

the 25% most affected and the 25% least affected groups is negative and statistically signifi-

cant, especially for T1 and T3 (Appendix Table H.6). Consistently, for all three treatments,

we also find that the mean share of scholarship students is much higher among the 25% most

affected students than among the 25% least affected ones.

7 Empirical Results: Media Literacy Skills

The previous results show that free newspaper access (and to a lower extent media education)

leads to an increase in both newspaper consumption and demand for news. They also reduce

information inequality. But do free news access and media education lead to improved media

literacy skills?

7.1 Media Literacy Skills: Average Treatment Effects

Main results Table 7 reports the effects of the interventions on the Media Literacy Skills

Index, which combines students’ ability to identify precise news sources with their behavior in

a social media fact-checking task. Free newspaper access (T1) and the combined intervention

(T3) significantly improve media literacy skills, with estimated effects of 0.15 sd and 0.26

sd, respectively. Media education alone (T2) also increases media literacy skills by 0.08 sd,

although the estimate is not statistically significant at conventional levels (p = 0.116).

A first mechanism operates through improvements in students’ awareness of news sources.

Students exposed to T1 and T3 are substantially more likely to cite a precise news outlet

when asked about their main sources of information, with increases ranging from 6 to 13 pp

relative to the control group, corresponding to 17-37% of the control mean. Importantly,

these results are not driven by a higher propensity to report any news source at all. Similar

effects are indeed obtained when using a conditional measure restricted to students who cite

a news source (whether precise or not; Appendix Table G.9).62 The effect of T3 also remains

positive and strongly significant when references to Le Monde are excluded, suggesting that

the intervention improves source awareness more broadly than merely increasing familiarity

with our partner newspaper, in particular thanks to media education as also reflected in the

positive and statistically significant coefficient estimated for T2. On the contrary for T1, the

coefficient is roughly halved and no longer statistically significant once Le Monde citations are

excluded, indicating that a larger share of the effect operates through increased exposure to

the newspaper itself.
62We also obtain similar results when we use the full sample of students for this measure rather than the

sub-sample of students who were offered the fact-checking tool (see first row of Table G.9).
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We find no evidence that the interventions affect students’ stated willingness to share a

false news story on social media. Estimated effects on the fake news sharing measure are

small and statistically insignificant across all treatment groups.63 By contrast, we observe

positive effects on the use of the AFP fact-checking tool itself (+4.1 to +5.2 pp relative to

a control mean of 39.4%), although these estimates remain imprecisely estimated and do not

reach conventional levels of statistical significance.

Long-term effects The effects on source awareness appear remarkably persistent. In the

follow-up survey, students exposed to T1 and T3 remain significantly more likely to cite a

precise news source, with effect sizes ranging from 7 to 17 pp (Appendix Figure I.5). This

persistence is notable given that the outcome captures a relatively deep dimension of media

literacy – the ability to think about information in terms of identifiable sources rather than

generic channels. It suggests that the interventions did not merely generate short-term changes

in news consumption, but also fostered more durable habits of attention to the origin and

credibility of information. As shown in Appendix Figure I.5, this long-term effect is robust to

considering alternative definitions of the outcome.

Discussion This pattern of results is broadly consistent with the content of both interven-

tions. As detailed in Appendix Section A.2, the media education training and ready-to-use

activities provided to teachers in T2 and T3 place a strong emphasis on understanding how

information is produced, identifying and evaluating sources, and developing critical attitudes

toward misinformation and fake news.

The positive effects observed in T1 may be due to the fact that Le Monde devotes sub-

stantial attention to information verification through its dedicated fact-checking unit, Les

Décodeurs, as well as through a range of pedagogical resources covering topics such as source

identification, rumor verification, image authentication, and conspiracy theories.64 Exposure

to such content may have contributed to strengthening students’ awareness of information

quality and the importance of verification. More generally, consuming professionally produced

journalism may itself foster greater attention to sources and increase trust in verification pro-

cedures such as those provided by AFP. In line with this notion, we find that 64% and 69%

of students in T1 and T3, respectively, report using their Le Monde subscription to verify

information encountered elsewhere (Figure F.17).

More broadly, our results suggest that combining media education with access to high-

quality journalism constitutes the most effective approach for improving media literacy skills.

Across virtually all outcomes, the largest effects are indeed observed in T3. This complemen-
63As shown in the last row of Appendix Table G.9, this result is also true for the subsample of students who

were not given the opportunity to fact check the story.
64These resources are accessible here (last accessed on June 5, 2026).
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tarity is consistent with the idea that media literacy is acquired not only through explicit

instruction but also through repeated exposure to high-quality information environments.

Consistent with this interpretation, implementation data show that teachers in T3 conducted

more media education activities than teachers in T2 (Table A.1). Furthermore, the combined

intervention significantly increased teachers’ confidence in their ability to teach media liter-

acy topics, whereas neither training alone nor newspaper access alone produced comparable

effects.65

7.2 Media Literacy Skills: Heterogeneous Treatment Effects

A large literature documents substantial differences in teacher effectiveness, including for stu-

dents’ non-cognitive outcomes (see e.g., Jackson, 2018; Kraft, 2019; Petek and Pope, 2022).

More specifically, recent experimental evidence suggests that teacher quality is a key deter-

minant of the effectiveness of civic education interventions (Briole et al., 2025b). Motivated

by this literature, our PAP hypothesized that teacher quality could play an important role in

explaining treatment effect heterogeneity. As pre-specified, we use teachers’ prior experience

in teaching MIL as a proxy for teacher quality. Specifically, we use information collected at

baseline through the following question: “Have you implemented media literacy programs for

middle- or high-school students during the past five years?”.66 We classify teachers as hav-

ing high prior MIL teaching experience if they reported having implemented such programs

more than five times during the previous five years (≈ 40% of teachers in our sample). Ap-

pendix Table H.7 shows that these teachers are actually both better prepared to teach MIL

specifically and more effective in their pedagogical practices more generally (as measured at

baseline): they have attended more MIL training sessions in the last five years, are more confi-

dent teaching MIL topics, and implement more active teaching practices, which are associated

with higher instructional productivity (Briole, 2026).

We investigate whether the effects of the intervention vary with teachers’ experience in

teaching MIL and report the results in Table 8. The results reveal a clear and consistent pat-

tern. All three treatments improve students’ media literacy skills regardless of teachers’ prior

MIL teaching experience, but the effects are systematically larger when teachers have extensive

prior experience in teaching MIL. For T1, the effect increases from 0.13 sd among students

taught by low-experience teachers to 0.23 sd among those taught by high-experience teachers.

For T2, the corresponding estimates are 0.07 sd and 0.09 sd while for T3 the effect more than

doubles, rising from 0.13 sd to 0.51 sd. To further investigate this mechanism, Table H.3

extends the analysis to our other main outcomes. The same pattern emerges throughout.

Treatment effects are consistently larger among students taught by high-experience teachers
65See Appendix Section A.2 for a detailed discussion of these effects.
66Teachers could choose from four responses: (i) Yes, more than five times; (ii) Yes, between one and five

times; (iii) Yes, once; and (iv) No, never.
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for newspaper consumption, the diversity of news sources consulted, and trust in newspapers.

These findings suggest that teacher quality plays an important role in the effectiveness

of media literacy interventions. While the intervention benefits students in both groups,

teachers with substantial prior MIL teaching experience appear better able to translate the

intervention into meaningful learning gains. This also suggests that effective media literacy

teaching relies on teaching skills that are gradually accumulated through repeated training and

classroom practice, rather than acquired through one-off professional development activities.

From a policy perspective, these findings highlight the importance of providing teachers with

sustained opportunities to develop and refresh their MIL skills over time.

Generic Machine Learning The Generic Machine Learning analysis leads to similar con-

clusions. As shown in Appendix Table H.8, the heterogeneity loading parameter is positive

and statistically significant for both T1 and T3, indicating substantial treatment effect het-

erogeneity. The CLAN analysis further suggests that this heterogeneity is strongly related

to teacher quality. In particular, larger treatment effects are observed in classes taught by

teachers who are more engaged in school life, make greater use of active learning practices,

and with higher levels of prior MIL teaching experience (Appendix Table H.9).

Robustness Appendix Tables E.10 and E.11 report balancing checks separately for teachers

with low and high prior MIL teaching experience. For teachers with high prior MIL teaching

experience, treatment and control groups appear well balanced across baseline characteristics.

Importantly, none of the imbalances concern our main outcomes of interest, and the Media

Literacy Skills Index is very well balanced across treatment arms. For teachers with low prior

MIL teaching experience, we detect slightly more imbalances.67 Nevertheless, the Media Liter-

acy Skills Index – the main outcome considered in this section – remains well balanced across

treatment and control groups in all treatment arms. The heterogeneous effects documented

in this section are therefore unlikely to be driven by pre-existing differences in baseline media

literacy skills.

8 Empirical Results: Political Engagement and Well-Being

Finally, Table 9 reports the results regarding students’ civic and political engagement, as well

as their well-being. As highlighted above, these outcomes were not directly targeted by the

intervention, but they may have been affected by the increased exposure to news.
67Of the 84 coefficients tested, nine are statistically significant at conventional levels, mainly involving student

characteristics and baseline measures of newspaper consumption and news knowledge.
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Political engagement: Main results We find no effect of any of the three treatments

on support for petitions in the endline survey. While petition support constitutes a form of

political engagement, it is also closely related to support for specific policy objectives. The

absence of treatment effects on this outcome is therefore consistent with an intervention that

affects students’ engagement with public affairs without necessarily altering their underlying

political preferences.

We next turn to two measures of political participation collected in the follow-up sur-

vey. Students who had reached voting age by the March 2026 municipal elections were asked

whether they had registered to vote and whether they had voted. The results, reported in

Appendix Figure I.6, should be interpreted cautiously given the limited sample size (N = 846

voting-age students).68 We find suggestive evidence of increased voter registration. The es-

timated effects are positive for all three treatments and statistically significant for T2, which

increases registration by 7pp (8.5% relative to the control mean). By contrast, the estimates

for turnout in the municipal elections are imprecisely estimated and not statistically distin-

guishable from zero. The small contrast between the effect on registration and turnout in

municipal elections is consistent with the fact that municipal elections are local elections,

while Le Monde mostly covers national and international politics. However, once a citizen is

registered as a voter, they can vote in all elections – including national ones.

To account for the imbalance in baseline political participation, which is significantly lower

among T3 students (Table E.12), we implement the Athey-Imbens robustness procedure de-

scribed above and estimate Equation (2), partitioning the sample according to baseline polit-

ical participation. Results are virtually unchanged when using either two groups defined by

the median (Figure I.7) or four groups defined by quartiles (Figure I.8), suggesting that our

findings are not driven by this baseline imbalance.

Political engagement: Mechanisms To better understand the absence of clear effects

on political participation, we examine treatment effects on political self-efficacy. As shown

in Table 9, both T1 and T2 reduce the Political Self-Efficacy Index, although the effect is

substantially larger and more precisely estimated for T1 (−0.096 sd, significant at the 1%

level) than for T2 (−0.051 sd, significant at the 10% level). The coefficient for T3 is also

negative but small and statistically insignificant.

One possible interpretation is that exposure to high-quality news makes students more

aware of the complexity of political issues and of the limits of their own knowledge. This

phenomenon is well documented in psychology and political science, where individuals with
68Because treatment effects in this analysis are estimated on a much smaller subsample, we use a slightly

more parsimonious set of potential controls than in the main specification. Specifically, we exclude teacher-
level characteristics, which add little predictive power for these outcomes while potentially reducing precision
in finite samples. All specifications continue to include randomization-strata fixed effects.
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low levels of knowledge often overestimate their competence and revise their self-assessments

downward as they learn more – a pattern commonly referred to as the “Dunning-Kruger” effect

(Kruger and Dunning, 1999; Anson, 2018). In line with this interpretation, we find that the

decline in political self-efficacy in the endline survey is concentrated among students with the

lowest baseline levels of news knowledge (Appendix Table H.4). Furthermore, in the follow-up

survey, we asked voting-age students who reported not voting in the 2026 municipal elections

about their reasons for abstaining.69 Students exposed to free news access are more likely to

report that they abstained because they did not feel sufficiently entitled to express a political

opinion (Figure I.9).

Pointing to an improvement in knowledge, we also observe that T1 reduces the probability

that students report not voting because they were unaware that elections were taking place

(even if this effect is only marginally significant at conventional levels). We also find that both

T1 and T2 increase the probability that they report not voting because there was only one

list running in the elections. Interestingly, this points to the fact that students treated by free

news access and media education were aware of the electoral landscape in their municipality

for these elections.

Well-being Note finally that the interventions evaluated in this paper did not generate

adverse effects in terms of well-being. Indeed, we observe no significant effects in any of the

outcomes related to mental health and personal well-being (Table 9).

9 Policy Implications and Conclusion

This paper reports the results of the first large-scale randomized control trial on interventions

designed to increase high-quality news consumption among high-school students. While many

policies have been implemented around the world in recent years to increase news consumption

among young people, either in the form of free news access (e.g. “Mon journal offert,” a public

policy that offered a free newspaper subscription to people aged 18 to 24 in France in 2009-2010,

or policies implemented by media companies themselves offering free online subscriptions for

students in countries such as Belgium70), or in the form of media education (the most striking

example being Finland, where media literacy has been part of the educational curriculum since
69We offered them seven different options (with the possibility of choosing more than one), as well as an

open “other” field. The seven options were: (i) I didn’t know that there were any elections, (ii) I didn’t have
the time, (iii) I wasn’t interested, (iv) Politicians are useless, (v) I wasn’t sufficiently informed, (vi) I didn’t
feel entitled to express my political opinion, and (vii) I couldn’t make it to the town where my polling place is
located.

70Since 2023, Le Soir in Belgium has offered a two-year free online subscription to college students. Since
2025, major Flemish media groups DP Media and Mediahuis offer free online subscriptions for students under
the age of 26.
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the 1990s71), the relative effectiveness of such policies has never been evaluated in a causal

way. This paper aims to fill that gap and, in so doing, inform policymakers and media outlets.

Three findings emerge from our experiment. First, relaxing the price barrier to high-

quality information – especially when embedded within a school context – generates very

large increases in news consumption and demand for news, with effects of 0.49-0.60 sd on

newspaper consumption that furthermore persist over time. Second, these gains translate

into substantial improvements in news knowledge among disadvantaged students, increasing

knowledge by 0.20-0.31 sd and reducing information inequality by 45-70%. Third, both free

news access and media education improve media literacy skills by 0.08-0.26 sd, particularly

students’ ability to identify information sources.

These results are very encouraging. First, the fact that relaxing the price barrier to high-

quality information leads to such sizable effects is particularly promising because the under-

lying intervention is easy to scale up and relatively inexpensive: at most a few euros per

student per month. The scalability of the approach relies on the high school-media partner-

ship model. Thanks to the school context involving both teacher endorsement and peer effects,

the policy directly overcomes the behavioral frictions that normally depress digital news up-

take among young people. Our results also show that despite the durability of online habits,

news consumption can be changed (at least among young people). Moreover, the payment

goes directly to high-quality news providers – thereby supporting the overall production of

information that may benefit other citizens. Hence our intervention is “ecological”: students

were not paid to participate and are representative of the broader population of high-school

students in France.72 Besides, it would most probably not experience a “voltage drop” if scaled

up (List, 2024). In other words, there is reason to expect the program to remain effective at

scale (Al-Ubaydli et al., 2017, 2021).

Second, this paper provides the first causal evidence on the effectiveness of large-scale

media literacy policies implemented in schools. While most existing studies evaluate short

online interventions, often conducted with adult participants and measured immediately after

exposure, ours consisted of a year-long intervention implemented under real-world conditions

and involving nearly 10, 000 high-school students. The intervention significantly improves stu-

dents’ media literacy skills and has positive effects on several aspects of news consumption

and knowledge. At the same time, our findings highlight the key role of teachers in the success

of media literacy interventions. The effects are substantially larger among students taught by

teachers with prior experience teaching MIL, suggesting that effective MIL instruction relies

not only on pedagogical resources but also on teaching skills accumulated through training and

classroom experience. From a policy perspective, these findings suggest that media literacy
71See e.g. “Media literacy and education in Finland”, last accessed on April 28, 2026.
72Note furthermore that France is fairly similar to most Western democracies in terms of news consumption

patterns and information inequality challenges.
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policies should not be viewed as one-off interventions. Sustained investments in teacher train-

ing and professional development may be at least as important as the content of the training

itself.

These results nonetheless raise a number of open questions that would need to be tackled

by future research and/or policymakers. First, while our results show that offering high-

school students free subscriptions to high-quality media appears to be an effective policy,

the optimal choice of newspaper or digital media outlet remains an open question. Second,

the rapid spread of generative AI raises new challenges for media literacy policies. As an

increasing share of information is accessed through AI-generated content and conversational

agents, understanding how citizens evaluate sources, verify information, and form beliefs in

these new information environments is likely to become an increasingly important objective

for both researchers and policymakers.
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A Additional Information Regarding the Experiment

A.1 Schools Recruitment and Characteristics of the Schools

A.1.1 Recruitment Design

Recruitment channels Schools were recruited between April 2024 and August 2024 through various
channels:

1. Direct outreach via CLEMI – Centre de liaison de l’enseignement et des médias d’information
– network.

2. Direct outreach via DEPP – Direction de l’évaluation, de la prospective et de la performance –
network.

3. Contactwith academicmedia education coordinators, known as référents académiques. Référents
académiques act as the interface between national and academic policies and the schools, lead
and coordinate actions within schools, and participate in the network at departmental and aca-
demic level. They are placed under the authority of the rector. In France, an academy is
an administrative district of the Ministry of National Education and the Ministry of Higher
Education and Research. Each academy is headed by a rector.

4. A national email campaign targeting school librarians and teaching staff.

Procedure to contact the schools to present the experiment In order to recruit the schools, we
used a Python script to automatically send two emails to all the secondary schools in France: one to
the school principal (“proviseur”) and one to the school librarian. We obtained these email addresses
by scraping the “annuaire de l’éducation nationale” website. We contacted 5, 327 high schools overall.

Document used to describe the study When contacting the schools to recruit them to be part of
the experiment, we sent them the document reproduced in Figure A.1 presenting the experiment. (The
document was sent in French; we provide here the corresponding English translation).
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How do young citizens inform themselves? What are their information practices, and 
how do these practices affect their civic participation?

We'd like to work with you on an ambitious research project, the first of its kind in 
France, to understand how media and information literacy initiatives can develop 
their media skills and encourage civic participation.

We're inviting volunteer high schools to take part in this action-research project 
with classes in Seconde, Première and/or Terminale over the course of the 2024-
2025 school year.

EXPERIMENT
YOUNG PEOPLE AND THE MEDIA

CALL FOR VOLUNTEERS

To what extent can access to quality information and media education develop knowledge and 
interest in current affairs, the ability to distinguish between true and false information, and the 
civic and political participation of young citizens?

To answer these questions, we are proposing two main actions to our partner high schools:

• A free digital subscription to a leading daily newspaper for a class and its teacher for 
the whole school year.

• Media education modules developed by CLEMI for teachers, who will be able to set up 
activities on the themes of media and information with their classes.

In order to measure whether these interventions have an impact on young citizens, this action-
research project is based on a rigorous experimental approach carried out by a group of 
researchers specialized i n  media and information education. The aim is to rigorously 
demonstrate the impact that this type o f  intervention can have on young citizens.

To this end, we are inviting interested high schools to take part in this action-research project, 
in which :

• We're going to draw lots to decide which actions will be offered to each high school. A 
quarter of participating high schools will receive a subscription, a quarter of high schools will 
receive media literacy training modules, and a quarter of high schools will receive both. The 
remaining quarter will receive none of these actions during the course of the project. This 
methodology makes it possible t o  measure the impact of each action in a rigorous way.

• We will offer teachers and their students two questionnaires: one at the beginning of the 
school year and one at the end. The questionnaires will be administered in the school's 
computer room.

• The high schools will be asked to provide feedback and discuss the data collected in relation to 
young people's information practices.

The data collected as part of this action-research project is collected in strict compliance with 
the General Data Protection Regulation (GDPR), and for research p u r p o s e s  only.

Figure A.1: “Call for volunteers” sent to schools for the experiment recruitment



CALENDAR

WHAT WE PROPOSE TO HIGH SCHOOLS WHAT WE ASK OF HIGH SCHOOLS

• Contribution to an innovative research 
project

that c o u l d  have a major impact on our 
educational practices.

• The opportunity for teachers to take part 
i n  a media education training course run by 
the Centre de liaison de l'enseignement et 
des médias d'information.

• The prospect of students and teachers 
benefiting from a digital subscription to a 
benchmark daily newspaper.

• Detailed feedback from the researchers 
presenting the results of our study and the 
positioning of your high school in our national 
sample.

•Confirm their willingness to commit to the 
research protocol by June 2024.

•Participate in the project until the end of the 
school year, regardless of which intervention 
your high school will benefit from as a result 
of the draw.

• Contribute to the survey protocol by 
facilitating the implementation of electronic 
questionnaires for students, teachers and 
school heads.

February - June 

2024 May - July 

2024

October 2024

November 2024

May 2025

December 2025

Receipt of applications from high schools

Webinars for school heads and volunteer teachers

Initial survey of teachers and students

Random selection of high schools and assignment of actions to each high 
school

Final survey of teachers and students

Feedback of results to high schools

If your school is interested in taking part in the experiment, please fill in the following form:

https://forms.gle/m3oCWGoAzkpwwf549

TO EXPRESS YOUR INTEREST
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Julia Cagé

Professor of Economics at Sciences Po Paris.

Andrea Prat

Professor of Economics at Columbia University, USA.

Simon Briole

Professor of Economics at the University of Montpellier.

WHO WE ARE

Project contact : projeteducmedia@sciencespo.fr

PARTNERS

DEPP is the department of the French Ministry of Education responsible for 
evaluating and measuring performance in t h e  fields of education and training. As 
such, it contributes to the evaluation of innovative policies conducted by the 
Ministry of Education, and also facilitates the work of external researchers.

https://www.education.gouv.fr

CLEMI (Centre pour l'éducation aux médias et à l'information) is responsible for 
media and information education (ÉMI) throughout the French education system. It 
promotes the use of pluralistic information resources in education, to help students 
better understand the world around them.
the world around them. 

https://www.clemi.fr/

The IDEE program is a structuring facility for research funded by the Agence 
Nationale de la Recherche (ANR) and supported by the Ecole normale supérieure- 
PSL, which aims to develop large-scale experimental research in education, and to 
promote the use of its results. It brings together a multidisciplinary consortium of 
leading laboratories.

6



The schools that showed interest in the project were then invited to attend a webinar (on June 19th,
2024) during which we presented the experiments and answered all the related questions. Volunteer
schools were asked to supply the names of the teacher(s) and students who would take part in the
program. This step was mandatory for schools to be included in the randomization sample.

A.1.2 Characteristics of the Schools

Table 1 in the main body of the paper reports descriptive statistics on the high schools included in our
experiment.

Indice de Position Sociale (IPS) One of these dimensions is the “Indice de Position Sociale” (IPS)
– or Social Position Index – that allows us to distinguish between low- and high-SES schools.

The IPS is an administrative index constructed by the French Ministry of Education (DEPP) that
captures the average socioeconomic and cultural background of students’ families within each high
school. More precisely, the index is based on parents’ profession and socio-professional categories
(PCS). It provides a unidimensional measure of social stratification by assigning a numerical value to
each PCS, or to each pair of PCSs (father andmother). Specifically, the IPS corresponds to the weighted
average of the characteristics describing students’ living conditions to determine the index values for
each PCS (or pair of PCSs). Its main components are (i) cultural practices, (ii) parents’ educational
attainment (i.e. highest qualification obtained), (iii) ambition and involvement, (iv) material conditions
(including income, Internet access, etc.), and (v) cultural capital. See Piquemal (2025) for more details.

A.2 Media Education Activities

As described in Section 2.2.2, in the media education treatment arm, teachers receive training and
pedagogical materials to implement media education activities in their classrooms. The intervention
consists of three components: (i) asynchronous online trainingmodules, (ii) an online training program
designed to support the implementation of a media education game in the classroom, and (iii) a set of
five ready-to-use media education activities, described in turns in this section.

A.2.1 Asynchronous Online Training

We sent teachers in T2 and T3 three links for asynchronous training, which represented up to 8 hours
of training. These three asynchronous training modules – which were selected from the “distance
learning catalog”1 of the CLEMI (the agency of the French Ministry of Education in charge of media
education) – are:

1. Training 1 (2 hours): Theprioritization of information: Given the constant flowof information,
what are the channels throughwhich information is selected and disseminated, and to what extent

1See Notre catalogue “à distance”, last accessed on June 16, 2026.
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size one.

Figure A.2: Randomization sample: Distribution of the number of high schools depending on the
number of participating classes in the school

do these channels vary across different types of media?

2. Training 2 (3 hours): The construction of information: How should we define information,
how is it constructed, and what are the channels through which it flows?

3. Training 3 (3 hours): Information disorders: Fake news, misinformation, conspiracy theories
– how can we identify and address these various forms of information chaos?

Each session is divided into 3 sections: (i) discovering the subject; (ii) confronting one’s own
perceptions about the subject, and (iii) reflecting on one’s teaching practices with some activities that
can be implemented in the classroom.

Concretely, the teachers in T2 and T3 were sent a first email on October 9th, 2024 – i.e. at the time
of the announcement of the random draw results (and so of their treatment group) – including detailed
information and links to these three modules. They were then sent a reminder on March 12th, 2025,
as part of an email containing one ready-to-use activity (see below): “We are taking this opportunity
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to remind you that, if you haven’t already done so, you can access the media literacy training courses
available to you by visiting the following links”

A.2.2 Media Education Game

The second component of the media education intervention consisted of an online training program
designed to support the implementation of a media education game in the classroom: Classe Inves-
tigation. This is a game-based media literacy activity developed by CLEMI in collaboration with
journalists and educators.

In this immersive role-playing exercise, students work in pairs to conduct a simulated journalistic
investigation. Using text, audio, and video sources, they must verify facts, select and prioritize
information, and produce a final journalistic output – either in print or digital format. At the end of
the session, students compare their work with that of professional journalists who covered the same
fictional scenario. Each session concludes with a structured debriefing inviting students to reflect on
key aspects of the journalistic process: editorial responsibility, choice of sources, time constraints, and
the ethics of news production. Participation in this module requires teachers to attend a 2.5-hour live
online training session with a CLEMI-affiliated trainer.

Teachers in T2 and T3 were first informed of Classe Investigation in the randomization result email
sent on October 9th, 2024 (see above). This email indeed contained a link to a video demonstrating
how to implement the activity in the classroom as well as another link to a lesson plan for a Classe
Investigation session.

Theywere then sent a dedicated email onOctober 31st, 2024: “Get trained in the Class Investigation
game.... and let your students benefit from it!” This email contained detailed information on the game
as well as links – with specific dates – to the three online training sessions organized by CLEMI in
November 2024.

A.2.3 Ready-to-Use Media Education Activities

Finally, we sent three emails to the teachers in T2 and T3 to provide them five ready-to-use media
education activities: (i) the first on November 11, 2024 for the “information processing” activity, (ii)
the second on January 13, 2025 for the “fake news” activity, and (iii) the last one on March 27, 2025
including three “information overload” activities.

November 11, 2024 – Information processing On November 11, 2024, all the T2 and T3 teachers
received an email containing the following core message: “As part of the media literacy project you
agreed to participate in this year, starting this December, we are offering one activity per month that you
can do with your students if you wish. Attached is a one-page PDF file presenting the first activity on
information processing. This activity addresses several questions: How do we search for information?
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How do we prioritize sources? How do algorithms shape our reading of the news?” The PDF file was
in French; Figure A.3 reproduces its contents in English.

EXPERIMENTATION - YOUNG PEOPLE AND THE MEDIA

Aims: How do you find information? How do we prioritize sources? How do algorithms shape the 
way we read the news?

Activity: In class (or as a homework assignment), ask students to select 3 pieces 
of information, and present to the class (and/or on paper) the information they chose and 
the information channels they used to find it, as well as the reasons for their selection.

Why this activity: It generates a lot of discussion on the notion of information, and reveals 
several information behaviors of the students, such as:

The main channels used to search f o r  information (e.g., via social networks, via 
Google, or via media sites directly);
What students considered to be information;
The themes selected by students (politics, economics, sport, culture) and the 
justification for the importance of this information;
Selection algorithms, particularly on social networks, which will offer different
according to user profile.

Possible adaptations: Feel free to adapt this activity to the time available and the interest of your 
students. You can make the exercise more complex over time, for example:

Ask students to go to Instagram, for example, and type in "news" and compare the news 
suggestions, as well as the accounts that are proposed to students;
You can add conditions to the students' research: they can use only one daily 
newspaper, or carry out their research on a particular theme;
In class, group students who have chosen the same themes or the same information,
to reflect the diversity of information processing;
Try asking students how long it took them to find these 3 items of information (how 
many other items of information did they go through before selecting the final 3).

Each month, we propose an activity that you can carry out with your students. These activities are 
proposed by teachers and/or librarians and require no special knowledge. They can be carried out as is or 

adapted to your needs, and can be carried out once or several times during the month or year.

Activity 1: Information processing

Figure A.3: Media education activities: Activity 1 – Information processing

January 13, 2025 – True or false information? On January 13, 2025, the teachers received an
email indicating that “attached are two PDF files presenting an activity on fake news. This activity is
likely to generate rich discussions on the concept of information and the evaluation of the veracity of
a given piece of information, especially in the context of rapid developments in generative AI.” The
first PDF file details the activity and is reproduced (translated from French) in Figure A.4. The second
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PDF file contained five examples of true and false news.

EXPERIMENTATION - YOUNG PEOPLE AND THE MEDIA

Objectives : Develop critical thinking skills, learn to recognize false information and 
practice verifification of information.

Activity: As a class, ask students to form small groups. Each group receives or 
chooses one piece of information (true or false), which they must present to the rest 
of the class like a news anchor. The rest of the class will then have to vote to decide 
whether the information is true or false, justify their answer, and then conduct online 
research to verify the veracity of the information.

Why this activity: This activity generates a lot of discussion about the notion of information. 
It highlights the ease with which false information can be created and disseminated, but also 
the difficulty of detecting it in a daily life exposed to a wealth of information.

For the teacher, this activity is an interesting way to diagnose how the students in the class 
apprehend potential false information, how they justify the decision to qualify a piece of 
information as true or false, and how they will try to seek out and verify the source of the 
information on the Internet.

Practical application: To carry out this activity, we've sent you some ideas for 
information to be presented by the different groups. You can of course choose others, or ask 
students to look for one or more pieces of information themselves.
(true and false) a few days before the activity and prepare to present it in class.

During the presentation, students may choose to project one or more photos or short videos 
to support their points. They will have to construct a narrative to present the information in a 
few minutes.

Each month, we propose an activity that you can carry out with your students. These activities are 
proposed by teachers and/or librarians and require no special knowledge. They can be carried out as is or 

adapted to your needs, and can be carried out once or several times during the month or year.

Activity 2: true or false information?

Figure A.4: Media education activities: Activity 2 – True or false information?

March 27, 2025 –True or false information? Finally, onMarch 27, 2025 all the teachers received an
email offering “a new activity that you can do with your students. This activity focuses on information
overload and the distinction between true and false information. This activity includes three sub-
activities that you can do with your students to help them work on these topics,” accompanied by a
Word document including links to resources needed to carry out three different activities: (i) real news
/ fake news, (ii) fact-checking, and (iii) the construction of information.
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A.2.4 Media Education Activities: Uptake

As shown in Figure A.5, only 60% of the teachers in T2 followed the media education training activities
they were offered, and 57% in T3 when considering any form of media education training. These
shares are even lower (53% and 45% respectively) when we consider solely the media education
training provided by CLEMI.
How to explain this relatively low uptake? The answers to the teachers’ endline survey help us
understand why a large share of the teachers did not follow any of the media education training
activities offered. For each of the proposed activities, we ask them the reasons why they did not
implement the activity, giving them five possible choices: (i) not interesting, (ii) no time, (iii) technical
difficulties, (iv) already carried out, and (v) not aware of it. Figure A.6 reports the results. For the
four activities proposed by CLEMI (Class investigation as well as the three asynchronous training
sessions), we observe that the main reason mentioned by the teachers is systematically a lack of time.
Furthermore, a number of teachers report that they did not follow the training activities because they
had already done so.
It is also important to note that the majority of the teachers who followed the training activities reported
that they found them of interest (and similarly “not interesting” is rarely cited by the teachers as a
reason for not taking the training).
Finally, note that some teachers in both the control and the T1 treatment group followed some media
education training during the academic year covered by our experiment (around 25%), even if this was
not as part of our experiment (see Figure A.5). However, as reported in Table A.1, media education
training (which we also call Media and Information Literacy – MIL) was much lower among those
groups than among T2 and T3.
As shown in Figure A.7, implementation rates indicate a meaningful level of engagement with the
pedagogical MIL activities that were directly provided to teachers. Approximately 70% of teachers
implemented at least one activity, while more than half carried out at least two. Participation declined
gradually as the number of activities increased, but around one-third of teachers still completed at least
three activities and roughly one-quarter completed four or more. Only a small minority of teachers
completed the full sequence of five activities (16% in T2 and 8% in T3). Overall, implementation
patterns were broadly similar across treatment arms.
Table A.1 also reports the treatment effects on teachers’ confidence in teaching MIL (in the endline
survey). We build a confidence index from two components:

1. Skills: To what extent do you feel comfortable promoting the following skills to your students?

• (i) Information search;

• (ii) Prioritizing information sources;

• (iii) Verifying the reliability of sources;

• (iv) Understanding the issues related to information production;
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Figure A.5: Media education uptake: Teacher training
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(d) The prioritization of information
Notes: The Figure shows for the “Classe Investigation” online training (sub-Figure A.6a) as well as for the three asynchronous training
sessions offered by the CLEMI – “The construction of information” (sub-Figure A.6b), “Information disorders” (sub-Figure A.6c), and “The
prioritization of information” (sub-Figure A.6d) – the reasons reported by the teachers for not taking the training.

Figure A.6: Media education training activities: Reasons for not taking the training
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Figure A.7: Implementation intensity of pedagogical MIL activities

• (v) Understanding how the media works;

• (vi) Using digital tools with discernment;

• (vii) Responsible use of the internet (e.g., privacy, reliability of sources, social media, etc.);
and

• (viii) Critical and independent thinking

2. Topics: To what extent do you feel comfortable teaching the following topics to your students?

• (i) Voting and elections;

• (ii) Environment and sustainable development;

• (iii) Migration and immigration;

• (iv) Citizens’ rights and responsibilities;

• (v) The constitution and political systems;

• (vi) The European Union.

For each of these questions, the teachers could answer: (i) Not at all comfortable; (ii) Somewhat
uncomfortable; (iii) Neutral; (iv) Somewhat comfortable; or (v) Very comfortable.
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Table A.1: Treatment effects: Media education teaching (teachers)

(1) (2) (3) (4)
Variable Control T1 – C T2 – C T3 – C

Panel A: Implementation of MIL activities in class
MIL Teaching Index 0.00 0.29 0.42∗ 0.51∗∗∗

(0.16) (0.20) (0.14)
MIL: Hours 6.62 2.02 3.49∗∗ 2.96∗∗

(1.43) (1.45) (1.29)
MIL: Class activities 0.00 0.33∗∗ 0.35∗ 0.47∗∗∗

(0.14) (0.16) (0.14)
MIL: Topics 0.00 0.11 0.25 0.23

(0.23) (0.24) (0.20)

Panel B: Training in MIL
MIL training (0/1) 0.23 0.04 0.35∗∗∗ 0.35∗∗∗

(0.09) (0.05) (0.09)
CLEMI training (0/1) 0.13 0.02 0.38∗∗∗ 0.33∗∗∗

(0.07) (0.06) (0.10)
CLEMI: Info construction (0/1) 0.02 0.01 0.32∗∗∗ 0.26∗∗∗

(0.03) (0.07) (0.07)
CLEMI: Info disorder (0/1) 0.02 0.02 0.22∗∗∗ 0.18∗∗∗

(0.03) (0.05) (0.05)
CLEMI: Info hierarchy (0/1) 0.00 -0.00 0.35∗∗∗ 0.43∗∗∗

(0.00) (0.05) (0.08)
Class Investigation (0/1) 0.03 0.00 0.18∗∗∗ 0.14∗∗

(0.04) (0.04) (0.05)

Panel C: Confidence in Teaching MIL
MIL: Confidence Index 0.00 -0.06 0.09 0.18∗∗

(0.16) (0.19) (0.07)
Confidence: skills 0.00 -0.14 -0.02 0.10

(0.19) (0.15) (0.11)
Confidence: topics 0.00 0.02 0.14 0.19∗

(0.22) (0.22) (0.09)

Observations 357 357 357 357

Notes: The table presents the estimations of treatment effects (ITT) on teacher outcomes. Column (1) = mean of the dependent variable in
the control group; Columns (2)-(4) = estimated ITT for T1, T2 and T3, respectively. Standard errors (in parenthesis) of the estimated ITT
parameters are clustered at the strata level. All regressions include strata fixed effects and controls selected via Lasso, using the Belloni et
al. (2014) approach. Binary outcomes are indicated with (0/1); other outcomes are standardized. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A.2: Pedagogical activities using Le Monde

(1) (2)
T1 T3

Never 16.7 12.7
1 time 18.5 20.0
2-4 times 42.6 38.2
5+ times 22.2 29.1

Notes: The Table reports the distribution of teachers’ answers (in %) to the question: “Have you carried
out activities in class or at home using the newspaper Le Monde?” in the endline survey. Only teachers in
the treatment groups where students received free access to the newspaper were asked this question.

B Data

B.1 Outcomes of Interest

NewsKnowledge (NK) Index: Discernment The “discernment” component of theNewsKnowledge
(NK) Index is based on students’ ability to identify correct information about recent current events.
For France, the students were shown the following six statements (three true and three false):

1. In March 2025, Marine Le Pen was ruled ineligible by the French courts following a conviction
for misappropriation of European funds.

2. In March 2025, the actor Gérard Depardieu appeared before the criminal court in Paris on
charges of sexual assault during a film shoot in 2021.

3. In March 2025, Emmanuel Macron announced an increase in the defense budget, bringing
military spending to 5% of GDP.

4. In April 2025, the Senate rejected a bill aimed at combating drug trafficking and creating a
national prosecutor’s office for organized crime.

5. InMarch 2025, theNational Commission for PublicDebatewas dissolved as part of a government
reform.

6. In March 2025, a law was passed to ban unauthorized demonstrations throughout the entire
territory of France.

For the world, they were shown the following six statements:

1. In March 2025, a temporary ceasefire was agreed between Russia and Ukraine, allowing the
evacuation of civilians from certain conflict zones.

2. In April 2025, 15 million Sudanese had fled their homes, and 8.7 million were facing conditions
close to famine, making this the largest humanitarian crisis in the world today.
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3. In April 2025, Donald Trump imposed tariffs of more than 100% on Chinese imports, reigniting
trade tensions between the two countries.

4. In March 2025, the United States carried out a military intervention in Greenland for strategic
reasons related to natural resources, at a cost of approximately $10 billion.

5. In April 2025, South Korea and Japan signed an agreement for political unification with a view
to forming a new Asian federal state.

6. In April 2025, Brazil withdrew from the United Nations in protest against global environmental
policy.

Finally for the European Union, they were shown the following six statements2

1. Since the federal elections in February 2025 in Germany, the conservative Friedrich Merz has
become the new chancellor, and his party will govern in coalition with the Social Democrats.

2. In March 2025, Hungary banned LGBTQ+ Pride parades throughout the country.

3. In March 2025, the European Parliament adopted a resolution aimed at strengthening economic
sanctions against Russia.

4. In April 2025, the European Commission decided to make the Nutri-Score mandatory in all
European Union countries.

5. InMarch 2025, Trenitalia launched a newhigh-speed train line connecting London andMarseille.

6. Portugal left the eurozone in March 2025 to return to the escudo.

Table B.1 reports descriptive statistics for this measure.

News Knowledge (NK) Index: Political knowledge The “political knowledge” component of the
News Knowledge (NK) Index is based on six items covering key institutional and political facts.
For France, the students were asked the following questions:

1. “Which of the acronyms below refer to French labor unions?” for the following seven acronyms:
CGT, CFDT, CPAM, FO, RSA, CNAF, and SUD.

2(i) Depuis les élections fédérales de février 2025 en Allemagne, le conservateur Friedrich Merz est devenu le nouveau
chancelier, et son parti gouvernera avec les sociaux-démocrates. (ii) En mars 2025, la Hongrie a interdit la tenue des marches
des fiertés LGBTQ+ dans tout le pays. (iii) En mars 2025, le Parlement européen a adopté une résolution visant à renforcer
les sanctions économiques contre la Russie. (iv) En avril 2025, la Commission européenne a décidé de rendre le Nutri-score
obligatoire dans tous les pays de l’Union européenne. (v) En mars 2025, Trenitalia a lancé une nouvelle ligne reliant Londres
à Marseille via des trains à grande vitesse. (vi) Le Portugal a quitté la zone euro en mars 2025 pour revenir à l’escudo.
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Table B.1: Descriptive statistics: News Knowledge – Discernment

(1) (2) (3)
Control Control, high IPS Control, low IPS

Discernment: France (% correct answers) 0.720 0.749 0.624
(0.275) (0.255) (0.314)

France 1: Marine Le Pen accused of embezzlement 0.843 0.877 0.733
(0.364) (0.329) (0.443)

France 2: Gérard Depardieu accused of sexual assaults 0.803 0.841 0.680
(0.398) (0.366) (0.467)

France 3: Macron announced the increase in defence 0.514 0.530 0.460
(0.500) (0.499) (0.499)

Discernment: Europe (% correct answers) 0.572 0.598 0.487
(0.282) (0.269) (0.303)

Europe 1: Friedrich Merz is the new German chancellor 0.487 0.519 0.381
(0.500) (0.500) (0.486)

Europe 2: Hungary banned LGBTQ+ prides. 0.543 0.566 0.470
(0.498) (0.496) (0.500)

Europe 3: Reinforcement of sanctions on Russia 0.687 0.710 0.610
(0.464) (0.454) (0.488)

Discernment: World (% correct answers) 0.666 0.690 0.585
(0.278) (0.261) (0.317)

World 1: Temporary ceasefire Russia-Ukraine 0.661 0.671 0.629
(0.474) (0.470) (0.484)

World 2: Sudan humanitairan crisis 0.529 0.558 0.436
(0.499) (0.497) (0.497)

World 3: Trump imposing tariffs on China 0.807 0.842 0.689
(0.395) (0.365) (0.463)

Observations 1778 1363 415
mean coefficients; sd in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Notes: The table provides descriptive statistics on the share of correct answers given by control-group students in the endline
survey for the three sets of discernment questions. An observation is a student. Column (1) includes all the control-group
students. Column (2) (respectively Column (3)) includes the control-group students from high- (respectively -low) IPS high
schools.
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2. “Who is currently serving as Prime Minister of France?” with the following nine choices:
(i) Alain Juppé, (ii) Christiane Taubira, (iii) Richard Ferrand, (iv) Gabriel Attal, (v) Élisabeth
Borne, (vi) Laurent Fabius, (vii) Gérard Larcher, (viii) Emmanuel Macron, and (ix) François
Bayrou, as well as the possibility to answer “I don’t know.”

3. “Match each politician’s name with the political party to which he or she belongs.” for the
following six politicians: (i) Sébastien Chenu, (ii) Sandrine Rousseau, (iii) Mathilde Panot, (iv)
Olivier Faure, (v) Laurent Wauquiez, and (vi) Gérald Darmanin. They were offered choices: (i)
Rassemblement national, (ii) Europe Écologie-Les-Verts, (iii) La France insoumise, (iv) Parti
socialiste, (v) Les Républicains, and (vi) Renaissance, as well as the possibility to answer “I
don’t know.”

For Europe, the students were asked the following questions:

1. “In 2025, which country will hold the rotating presidency of the Council of the European Union
from January to June?” with the following four choices: (i) Belgium, (ii) Denmark, (iii) Poland,
and (iv) Cyprus, as well as the possibility to answer “I don’t know.”

2. “The current President of the European Commission is a member of the Party of European
Socialists.” (true/false question with the possibility to answer “I don’t know.”)

3. “Who is currently President of the European Commission?” with the following four choices: (i)
Charles Michel, (ii) Ursula von der Leyen, (iii) Emanuel Macron, and (iv) Roberta Metsol, and
the possibility to answer “I don’t know.”

Table B.2 reports descriptive statistics for this measure.

News Knowledge (NK) Index: Economic knowledge Finally, the “economic knowledge” compo-
nent of the News Knowledge (NK) Index is based on five questions for each students were given four
possible choices, as well as the possibility to answer “I don’t know.”
For economy, the students were asked the following questions:

1. In your opinion, what was the unemployment rate in France in the fourth quarter of 2024?

2. In 2024, France’s public deficit was approximately:

3. In your opinion, what was the inflation rate in France in January 2025 compared to January
2024?

4. In 2024, France’s gross domestic product (GDP) growth was approximately:

5. In your opinion, France’s public debt is approximately:

Table B.3 reports descriptive statistics for this measure.
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Table B.2: Descriptive statistics: News Knowledge – Political knowledge

(1) (2) (3)
Control Control, high IPS Control, low IPS

Political knowledge: French Unions (% correct answers) 0.508 0.523 0.456
(0.217) (0.214) (0.219)

Unions: CGT 0.775 0.819 0.621
(0.418) (0.385) (0.486)

Unions: CFDT 0.399 0.438 0.266
(0.490) (0.496) (0.442)

Unions: CPAM 0.774 0.780 0.754
(0.418) (0.415) (0.431)

Unions: FO 0.180 0.183 0.171
(0.384) (0.386) (0.377)

Unions: RSA 0.608 0.626 0.546
(0.488) (0.484) (0.499)

Unions: CNAF 0.698 0.696 0.702
(0.459) (0.460) (0.458)

Unions: SUD 0.124 0.121 0.133
(0.329) (0.326) (0.340)

Identity of French Prime Minister 0.746 0.798 0.578
(0.435) (0.402) (0.494)

Political knowledge: French politicians (% correct answers) 0.262 0.286 0.178
(0.341) (0.351) (0.288)

Politicians: Chenu 0.195 0.214 0.131
(0.397) (0.410) (0.338)

Politicians: Rousseau 0.274 0.302 0.176
(0.446) (0.459) (0.381)

Politicians: Panot 0.338 0.366 0.237
(0.473) (0.482) (0.426)

Politicians: Faure 0.222 0.237 0.170
(0.416) (0.425) (0.376)

Politicians: Wauquiez 0.247 0.267 0.179
(0.432) (0.443) (0.384)

Politicians: Darmanin 0.261 0.287 0.170
(0.439) (0.453) (0.376)

Political knowledge: Europe (% correct answers) 0.255 0.275 0.185
(0.276) (0.280) (0.246)

Europe: Country leading European Council 0.131 0.139 0.105
(0.338) (0.346) (0.307)

Europe: political party of Eur. Commission president 0.181 0.192 0.141
(0.385) (0.394) (0.349)

Europe: identity of Eur. Commission president 0.453 0.494 0.309
(0.498) (0.500) (0.463)

Observations 1778 1363 415
mean coefficients; sd in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Notes: The table provides descriptive statistics on the share of correct answers given by control-group students in the endline survey for the
items covering key institutional and political facts. An observation is a student. Column (1) includes all the control-group students. Column
(2) (respectively Column (3)) includes the control-group students from high- (respectively -low) IPS high schools. Regarding the “Identity
of French Prime Minister”, students were offered nine choices; hence the probability of randomly answering correctly was around 11.1%.
Regarding the political party of each French politicians, students were offered six choices; hence the probability of randomly answering
correctly was around 16.7%.
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Table B.3: Descriptive statistics: News Knowledge – Economic knowledge

(1) (2) (3)
Control Control, high IPS Control, low IPS

Economic knowledge (% correct answers) 0.266 0.287 0.198
(0.239) (0.242) (0.218)

Economic knowledge: Unemployment rate 0.407 0.428 0.340
(0.491) (0.495) (0.474)

Economic knowledge: Public debt 0.179 0.191 0.142
(0.384) (0.393) (0.350)

Economic knowledge: Public deficit 0.385 0.426 0.251
(0.487) (0.495) (0.434)

Economic knowledge: Inflation 0.235 0.263 0.145
(0.424) (0.440) (0.352)

Economic knowledge: Growth 0.123 0.127 0.111
(0.329) (0.333) (0.314)

Observations 1778 1363 415
mean coefficients; sd in parentheses
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001

Notes: The table provides descriptive statistics on the share of correct answers given by control-group students in the endline survey for
the five questions related to recent economic indicators and policies in France. An observation is a student. Column (1) includes all the
control-group students. Column (2) (respectively Column (3)) includes the control-group students from high- (respectively -low) IPS high
schools.
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Trust in Journalists Index This index is based on three survey items, measured in the student
endline survey. First, students are asked to indicate the extent to which they agree with two statements:
“journalists report information accurately and truthfully.” and “journalists play an important role in the
political and democratic life of our country.” Students are offered five response options: (i) strongly
disagree, (ii) disagree, (iii) neither agree nor disagree, (iv) agree, and (v) strongly agree. Second,
students report how much they trust journalists in general. Response options were: (i) not at all, (ii) a
little, (iii) a lot, and (iv) completely.

Media literacy skills As highlighted in the main part of the paper, we build an index of students’
media literacy skills based on three outcomes. The first outcome is an indicator equal to one if the
student cites at least one specific news producer (e.g., Le Monde or BFM TV) rather than a generic
category such as “newspapers” or “the internet,” and zero otherwise. The second and third outcomes
are measured through a social media sharing task designed to capture directly observed behavior.
Students are first shown a news story that had recently circulated online, together with an associated
image. The story is in fact false, but students are not informed of this. Instead, they are simply told
that “the following information has been reported in the media over the past few weeks.” Each student
is shown one story, randomly drawn from a set of three fake news stories. Students are then asked
whether they would be willing to share the information on social media (“Would you be willing to
share this information on social media?”) and, if so, on which platform. A randomly selected half
of respondents are additionally given the opportunity to fact-check the story. Specifically, they are
informed that “if you would like to verify this information, you can consult the article below from the
Agence France-Presse (AFP) Factuel website, which specializes in fact-checking.” We then observe
whether the student clicks on the AFP Factuel article. Using this task, we construct two outcomes.
The first is an indicator equal to one if the student chooses to consult the AFP Factuel article and to
zero otherwise. The second is an indicator equal to one if the student reports being willing to share
the story and zero otherwise.

Political self-efficacy The index is based on students’ responses to five questions capturing internal
political efficacy (Niemi et al., 1991). They are asked to indicate their level of agreement with the
following statements: (i) when political issues are discussed, I usually have something to say; (ii) I
can easily understand most political issues; (iii) I have political opinions that would be interesting
to hear; (iv) I feel capable of participating in political life; and (v) I have a good understanding of
political issues concerning France. For each question, respondents are offered five response options:
(i) strongly disagree, (ii) disagree, (iii) neither agree nor disagree, (iv) agree, and (v) strongly agree.

News anxiety Students’ news-related anxiety is measured using a scale adapted from Bodas et al.
(2015). The scale captures emotional and behavioral responses specifically associated with exposure
to news content. Students are asked to indicate their level of agreement with the following statements:
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• “The news often makes me feel that the world is going badly.”

• “Reading the news often makes me feel anxious.”

• “I find it difficult to mentally disengage from certain pieces of information after reading the
news.”

• “I deliberately try to avoid the news.”

• “Reading the news sometimes makes me feel that there is nothing I can do to improve things.”

For each item, students report their agreement on a five-point Likert scale ranging from strongly
disagree to strongly agree.

Mental health Students’ mental health is measured using the Perceived Stress Scale (PSS) developed
by Cohen et al. (1983) and validated in French by Lesage et al. (2012). The scale assesses the extent
to which students have perceived their lives as stressful over the past month. Students are asked
how often they have experienced the following situations during the last month: being upset by an
unexpected event; feeling unable to control important things in their life; feeling nervous or stressed;
feeling confident in their ability to handle personal problems; feeling that things were going their way;
feeling unable to cope with all the things they had to do; being able to control their irritation; feeling
on top of things; feeling angered because events were outside of their control; and feeling that their
difficulties had become insurmountable. For each item, students respond on a five-point scale ranging
from never to often.

Happiness Students’ happiness is measured following the approach of Allcott et al. (2020). Students
are asked to report their overall level of happiness over the past four weeks on a seven-point scale
ranging from 1 (not very happy) to 7 (very happy). They are also asked to assess their happiness
relative to that of their peers over the same period, on a seven-point scale ranging from 1 (less happy
than most peers) to 7 (happier than most peers). Responses to these two items are standardized
and averaged to construct the happiness measure, with higher values indicating greater self-reported
happiness.

B.2 Construction of Indexes

Whenever several outcomes capture the same underlying concept, we aggregate them into a standard-
ized summary index following Anderson (2008). This procedure consists of the following steps. First,
for all the outcomes, we switch the signs when necessary so that the positive direction always indicates
a “better” outcome. Second, we define J groupings of outcomes (also referred to as areas or domains).
Each (normalized) outcome yjk is assigned to one of these J areas, giving Kj outcomes in each area
j, with k indexing outcomes within an area. Third, we create a new variable, sij , which is a weighted
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average of yijk for individual i in area j. When constructing sij , we weight its inputs – outcomes yijk

– by the inverse of the covariance matrix of the transformed outcomes in area j.
For each index we construct, we report the correlations between its sub-components in Table B.4.

Table B.4: Correlation Between Index Components: Main indices

Newspaper Consumption Index
Newspaper consulted Newspaper main news source

Newspaper consulted 1.000 .
Newspaper main news source 0.308 1.000

News Knowledge Index
Discernment Political Knowledge Economic Knowledge

Discernment 1.000 . .
Political Knowledge 0.339 1.000 .
Economic Knowledge 0.200 0.322 1.000

Media Literacy Skills Index
Citing news source Fact-checking

Citing news source 1.000 .
Fact-checking 0.073 1.000

Well-Being Index
Mental Health Hapiness News anxiety

Mental Health 1.000 . .
Hapiness 0.436 1.000 .
News anxiety 0.323 0.151 1.000

Notes: This table reports pairwise correlation coefficients between the sub-components used to construct each standardized
index.

Table B.5: Correlation Between Index Components: Secondary indices

Truts in Journalists Index
Accurate information Democratic role Trust (single outcome)

Accurate information 1.000 . .
Democratic role 0.247 1.000 .
Trust (single outcome) 0.461 0.238 1.000

Notes: This table reports pairwise correlation coefficients between the sub-components used to construct each standardized
index.
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B.3 Le Monde Data

Activation of the subscriptions As highlighted in the main part of the paper, when a school (and the
corresponding class(es)) were assigned to T1 or T3, all the corresponding students were given access
to a free online subscription to Le Monde. To activate the subscriptions, all the classes were given
the same instructions (the instructions were sent to the teachers who were asked to share them with
their students): (i) go to a specific URL (which redirects them to the subscription activation page –
see Figure B.1 for a reproduction of this page translated into English), (ii) then fill in the requested
information, i.e. the students’ email address and their first and last names preceded by a class-specific
code (to facilitate the matching).

Figure B.1: Subscription activation page

Dataset construction To build the dataset that allows us to study the online behavior of the students
in T1 and T3, we then proceeded as follows.

1. First, we received from Le Monde the list of all the accounts created, with the students’ email
addresses and all the associated information (i.e. Le Monde ID, email addresses, and first and
last names).

2. Second, we use this information to match the students in T1 and T3 to their Le Monde account.
Part of the difficulty here came from the fact that a subset of students did not provide us (in
the baseline survey) with the same email address as the one used to activate their Le Monde
subscription. In such cases, we did our best to recover their identity by using their first and last
name, as well as the class-specific code entered before the first and last names.3

3The use of the class codes greatly facilitated the matching. However, in many cases, students had not included the class
code; we thus had to perform individual matches across all classes and schools.

26



3. Third, every two months Le Monde provided us with detailed information on the activity of
each of the accounts – identified by a Le Monde unique ID (which allows us to recover, for each
account and date, not only the number of pages viewed but also the topic of each page etc.)

• Note that in order to study the actual news consumption of students, we start by dropping
all the actions on the website related to their account set-up (e.g. sign up/log in) or choice
of parameters.
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C Follow-up Survey

To investigate the longer-term news consumption patterns of the high-school students and also investi-
gate the political participation of those among them who are of voting age, we ran a follow-up survey
in April 2026, starting two weeks after the French municipal elections that were held on March 15 and
March 22, 2026 to elect the municipal councils of approximately 35, 000 communes.

C.1 Implementation of the Follow-up Survey

Regarding its precise implementation, we reached out to all the high-school students who answered
the endline survey, first by email, then by phone via a text message containing a link to the survey, and
finally (for the subset of students who did not answer through the first two channels), through a phone
call from interviewers.

Email campaign The email campaign was launched on March 27, 2026, five days after the second
round of the municipal elections. Of all the high-school students included in our analysis sample,
6, 283 had a valid and reachable email address and were successfully contacted. Emails were sent
one randomization stratum at a time to avoid temporal imbalances across treatment groups, and were
limited to 1, 500 sends per day. The initial wave ran from March 27 to April 3, 2026, followed by a
reminder to non-respondents from April 7 to April 12, 2026. Figure C.1 displays the email template
sent to participants.
Figure C.2 summarizes the email campaign funnel, from initial sends to survey link clicks.

Text message campaign Participants who had a valid phone number and had not yet completed the
online surveywere then contacted by textmessage (SMS), following the same stratum-by-stratum order.
A total of 759 text messages were successfully delivered. The campaign ran from April 3 to April 13,
2026, subject to an operator-imposed limit of 200 text messages per day. Due to this constraint, not all
high-school students could be reached by text message, and the campaign was discontinued in favor of
the telephone survey.

Telephone campaign A telephone campaign was conducted to maximize response rates, targeting
all 3, 984 participants who had not yet responded and had a valid phone number. Twelve interviewers
were recruited and trained on a standardized script with neutrality instructions. Each interview lasted
approximately 5-10 minutes. The campaign ran from April 17 to June 4, 2026.

C.2 Results of the Follow-up Survey

Overall, 2,912 students answered this follow-up survey; Table C.1 provides descriptive statistics on
these respondents.
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(a) Original email sent (in French) (b) English translation

Notes: The figures provide an illustration of the template of the email sent to the high-school students (i.e. all the students
included in the analysis sample for which we had a valid email address) as part of the follow-up survey campaign. Figure
C.1a reports a screenshot of the email sent, and Figure C.1b an English translation of this screenshot.

Figure C.1: Follow-up survey: template of the email sent to the students
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as part of the follow-up survey.

Figure C.2: Email campaign response funnel
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Table C.1: Follow-up survey: Descriptive statistics of respondents

Mean St.Dev P25 Median P75
High-school characteristics
Social Composition Index (IPS) 113 15 105 112 121
Share of scholarship students 0.22 0.12 0.14 0.20 0.28
Private school 0.09 0.28 0.00 0.00 0.00
General and Technological high schools 0.85 0.35 1.00 1.00 1.00
Low IPS high schools 0.24 0.43 0.00 0.00 0.00
Class characteristics
10th grade 0.32 0.47 0.00 0.00 1.00
11th grade 0.50 0.50 0.00 0.00 1.00
12th grade 0.16 0.37 0.00 0.00 0.00
Treatment status
Control 0.26 0.44 0.00 0.00 1.00
T1: Free newspaper 0.19 0.39 0.00 0.00 0.00
T2: Media education 0.40 0.49 0.00 0.00 1.00
T3: Free news + media educ 0.15 0.36 0.00 0.00 0.00
Student characteristics
Voting age (in March 2026) 0.29 0.45 0.00 0.00 1.00
=1 if Female student 0.60 0.49 0.00 1.00 1.00
=1 if answered survey online 0.73 0.44 0.00 1.00 1.00
Observations 2,912

Notes: The table provides descriptive statistics on the characteristics of the high-school students who completed the follow-up survey.
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C.3 Sample Characteristics and Internal Validity Checks

Tables E.3 and E.7 respectively show that attrition and student baseline characteristics are balanced
across treatment groups for this sample. Perhaps note that contrarily to the baseline and endline survey,
this follow-up survey was indeed not implemented through the schools; as described above, we reached
directly to the students by using their email address / phone number.
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D Theoretical Framework: Proofs

D.1 Proof of Proposition 1

Proof. We solve the agent’s problem using the reduced-form utility:

U(xA, xB) = (ηγA − κ)xA + (ηγB − κ)xB − 1
2x

2
A − 1

2x
2
B + δxAxB.

Case (a): Only outlet A. The agent solves:

max
xA≥0

(ηγA − κ)xA − 1
2x

2
A.

The first-order condition yields:
x0

A = ηγA − κ.

The associated utility is:
U0 = 1

2(ηγA − κ)2.

Case (b): Both outlets. The first-order conditions are:

(ηγA − κ) − xA + δxB = 0, (ηγB − κ) − xB + δxA = 0.

Solving the system yields:

x∗A = (ηγA − κ) + δ(ηγB − κ)
1 − δ2 , x∗B = δ(ηγA − κ) + (ηγB − κ)

1 − δ2 .

Total news consumption is:

x∗ = x∗A + x∗B = (ηγA − κ) + (ηγB − κ)
1 − δ

.

Education treatment (E). Under (E), η increases to η′. In case (a), consumption becomes:

xE
A = η′γA − κ.

Thus:
∆ExA = (η′ − η)γA, ∆ExB = 0,

and:
∆Ex = (η′ − η)γA.

Knowledge is:
I = f

(
λ+ (1 − λ)x

)
,
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so:
∆EI = f

(
λ+ (1 − λ)xE

)
− f

(
λ+ (1 − λ)x0

)
.

Free subscription treatment (F). Under (F), the agent switches from case (a) to case (b). The
change in consumption is:

∆FxA = x∗A − x0
A = δ(ηγB − κ+ δ(ηγA − κ))

1 − δ2 ,

∆FxB = x∗B,

and:
∆Fx = x∗ − x0

A = (ηγB − κ) + δ(ηγA − κ)
1 − δ

.

The sign of ∆FxA is determined by δ. Total consumption increases if and only if:

(ηγB − κ) + δ(ηγA − κ) > 0.

Knowledge changes according to:

∆F I = f
(
λ+ (1 − λ)xF

)
− f

(
λ+ (1 − λ)x0

)
.

Joint treatment (EF). Under (EF), η increases to η′ and p = 0. Total consumption becomes:

xEF = (η′γA − κ) + (η′γB − κ)
1 − δ

.

The interaction effect is:

∆EFx− ∆Ex− ∆Fx = (η′ − η)γB + δγA

1 − δ
.

The result on knowledge follows from the monotonicity and concavity of f(·).

D.2 Proof of Corollary 2

Proof. The proof of (i) is immediate because, as total time is given, ∆y = −∆x.
Let us prove (ii) for T = E. the proofs for the two other treatments are similar. Since the treatment is
effective, we have xE > x0. Define

zE(λ) = λ+ (1 − λ)xE , z0(λ) = λ+ (1 − λ)x0.

Then
∆EI(λ) = f(zE(λ)) − f(z0(λ)).
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Differentiating with respect to λ gives:

d∆EI

dλ
= f ′(zE(λ))(1 − xE) − f ′(z0(λ))(1 − x0).

Since xE > x0, we have zE(λ) > z0(λ) and 1 − xE < 1 − x0. Because f ′′ < 0, the function f ′ is
decreasing, so

f ′(zE(λ)) < f ′(z0(λ)).

Therefore,
f ′(zE(λ))(1 − xE) < f ′(z0(λ))(1 − x0),

which implies
d∆EI

dλ
< 0.

Hence, the strength of the effect depends negatively on λ.

D.3 Proof of Proposition 3

Proof. Assume δ ≈ 0. Then total news consumption under (F) is approximately:

xF ≈ (ηγA − κ) + (ηγB − κ).

Consider two agents with γ′A < γ′′A.
Before the treatment:

x0(γA) = ηγA − κ.

After the treatment:
xF (γA) ≈ ηγA − κ+ (ηγB − κ).

Thus, the increase in total news consumption is:

∆Fx ≈ ηγB − κ,

which is independent of γA.
Political knowledge is:

I = f
(
λ+ (1 − λ)x

)
.

Hence, the difference in knowledge between the two agents before the treatment is:

I0(γ′′) − I0(γ′) = f
(
λ+ (1 − λ)x0(γ′′)

)
− f

(
λ+ (1 − λ)x0(γ′)

)
.
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After the treatment:

IF (γ′′) − IF (γ′) = f
(
λ+ (1 − λ)xF (γ′′)

)
− f

(
λ+ (1 − λ)xF (γ′)

)
.

Since both agents experience the same increase in x, and f is concave, it follows that:

IF (γ′′) − IF (γ′) < I0(γ′′) − I0(γ′).

Thus, the treatment reduces knowledge inequality.
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E Attrition and Balancing Checks

Table E.1: Student attrition

(1)
Endline Participation

T1 -0.004
(0.063)

T2 -0.065
(0.071)

T3 -0.005
(0.051)

Constant 0.765∗∗∗
(0.041)

Observations 9,628
Control mean 0.763

Notes: The table reports an attrition analysis where endline participation is regressed on treatment indicators (T1, T2, T3)
and randomization strata fixed effects. The sample includes all participating students who responded to the baseline survey.
Standard errors (in parentheses) are clustered at the strata level. The control group is the omitted category. ∗p < 0.10,
∗∗p < 0.05, ∗ ∗ ∗p < 0.01.
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Table E.2: Teacher attrition

(1)
Endline Participation

T1 -0.013
(0.020)

T2 0.000
(0.054)

T3 0.024
(0.040)

Constant 0.934∗∗∗
(0.028)

Observations 379
Control mean 0.935

Notes: The table reports an attrition analysis where endline participation is regressed on treatment indicators (T1, T2, T3)
and randomization strata fixed effects. The sample includes all participating teachers who responded to the baseline survey.
Standard errors (in parentheses) are clustered at the strata level. The control group is the omitted category. ∗p < 0.10,
∗∗p < 0.05, ∗ ∗ ∗p < 0.01.

Table E.3: Student attrition: Follow-up survey

(1) (2)
Follow-up participation

T1 -0.029 -0.030
(0.035) (0.042)

T2 -0.019 -0.006
(0.017) (0.027)

T3 -0.044 -0.049
(0.034) (0.087)

Constant 0.434∗∗∗ 0.462∗∗∗
(0.011) (0.024)

Observations 7,091 1,783
Sample Full sample Voting age = 1
Control mean 0.431 0.458

Notes: The table reports an attrition analysis where participation in the follow-up survey is regressed on treatment indicators
(T1, T2, T3) and randomization strata fixed effects. The sample includes all the students who responded to the endline survey.
Standard errors (in parentheses) are clustered at the strata level. The control group is the omitted category. ∗p < 0.10,
∗∗p < 0.05, ∗ ∗ ∗p < 0.01.
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Table E.4: Balancing checks: Student characteristics

Variable Control T1 - C T2 - C T3 - C N

Age 15.568 0.042 0.001 -0.016 6,871
(0.045) (0.068) (0.089)

Female (0/1) 0.573 -0.040 -0.006 -0.013 6,964
(0.030) (0.017) (0.045)

Foreign origin (0/1) 0.277 -0.009 0.007 -0.040 7,091
(0.041) (0.035) (0.048)

Presence on Social Media (BL) 0.507 0.000 -0.008 -0.025* 7,076
(0.018) (0.019) (0.013)

MIL exposure (BL) 1.362 -0.007 -0.031 0.001 5,950
(0.026) (0.037) (0.032)

Newspaper Consumption Index (BL) 0.00 -0.116 -0.019 -0.078 7,076
(0.088) (0.041) (0.049)

Media Literacy Skills (BL) 0.00 -0.025 0.048 0.029 7,051
(0.038) (0.028) (0.034)

Political Knowledge (BL) 0.00 -0.096 -0.014 0.003 7,033
(0.056) (0.064) (0.068)

Political Participation (BL) 0.00 -0.073 -0.017 -0.045 6,949
(0.062) (0.027) (0.038)

Strata FE included. School weights. Clustered s.e. at strata level.
* p < 0.10, ** p < 0.05, *** p < 0.01
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Table E.5: Balancing checks: Teacher characteristics

Variable Control T1 - C T2 - C T3 - C N

Female teacher (0/1) 0.69 0.123 -0.005 -0.078 357
(0.090) (0.058) (0.109)

Age (years) 46.65 1.891 -0.209 0.533 355
(1.829) (1.612) (1.657)

General teaching experience (years) 20.00 2.465 1.145 -0.210 345
(2.328) (1.824) (1.675)

High-level certification: Agrégation (0/1) 0.32 -0.085 0.015 -0.117∗∗ 357
(0.080) (0.043) (0.048)

Head teacher (0/1) 0.25 -0.002 0.015 -0.124 357
(0.068) (0.045) (0.073)

Trained in MIL last 5 years (0/1) 0.43 0.078 -0.052 0.089 357
(0.052) (0.053) (0.058)

Trained by CLEMI last 5 years (0/1) 0.30 0.083 -0.030 0.007 357
(0.050) (0.052) (0.060)

MIL teaching self-confidence (std.) 0.00 0.025 -0.028 -0.099 357
(0.186) (0.184) (0.214)

MIL class activities (std.) 0.00 0.029 0.082 -0.032 357
(0.228) (0.242) (0.173)

MIL topics (std.) 0.00 -0.108 0.134 -0.041 357
(0.229) (0.185) (0.142)

History-Geography teacher (0/1) 0.59 -0.047 0.012 -0.083 357
(0.141) (0.142) (0.050)

Civics teacher (0/1) 0.30 0.056 0.036 0.012 357
(0.087) (0.093) (0.086)

Economics and Social Sciences teacher (0/1) 0.14 0.016 -0.010 0.075 357
(0.073) (0.077) (0.051)

Standard errors in parentheses
Strata fixed effects included. School weights. Standard errors clustered at the strata level
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Notes: Active teaching practices defined as in Briole (2026).
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Table E.6: Balancing checks: Class characteristics

Variable Control T1 - C T2 - C T3 - C N

School climate (index) 0.00 0.097 0.100 0.126 334
(0.160) (0.134) (0.136)

General track (0/1) 0.74 -0.024 -0.060 -0.062 357
(0.041) (0.044) (0.058)

Number of students per class 27.13 2.174∗ 0.539 -1.561 357
(1.198) (1.153) (1.146)

Class: 10th grade (Seconde) 0.38 0.004 -0.016 -0.029 357
(0.040) (0.019) (0.043)

Class: 11th grade (Première) 0.42 -0.050 0.027 0.043 357
(0.054) (0.053) (0.071)

Class: 12th grade (Terminale) 0.16 0.052∗∗ -0.017 -0.043 357
(0.023) (0.047) (0.054)

Standard errors in parentheses
Strata fixed effects included. School weights. Standard errors clustered at the strata level
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table E.7: Balancing Checks: Follow-up Survey

Variable Control T1 - C T2 - C T3 - C N

Age 15.596 0.127** 0.030 -0.013 2,865
(0.049) (0.074) (0.094)

Female (0/1) 0.619 -0.040 -0.009 -0.033 2,875
(0.040) (0.021) (0.032)

Foreign origin (0/1) 0.255 0.010 -0.012 -0.056 2,912
(0.043) (0.036) (0.054)

Presence on Social Media (BL) 0.518 -0.004 0.001 -0.017 2,910
(0.014) (0.020) (0.017)

MIL exposure (BL) 1.437 -0.034 -0.070* -0.024 2,526
(0.032) (0.036) (0.055)

Newspaper Consumption Index (BL) 0.221 -0.071 -0.002 -0.045 2,910
(0.051) (0.020) (0.045)

Media Literacy Skills (BL) 0.046 0.002 0.031 0.021 2,908
(0.023) (0.024) (0.030)

Political Knowledge (BL) 0.096 -0.079* 0.013 -0.003 2,901
(0.042) (0.037) (0.053)

Political Participation (BL) 0.022 -0.060 -0.009 0.010 2,874
(0.055) (0.031) (0.038)

Strata FE included. School weights. Clustered s.e. at strata level.
* p < 0.10, ** p < 0.05, *** p < 0.01
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Table E.8: Balancing Checks in Low IPS Schools (below 1st quartile)

(1) (2) (3) (4) (5)
Variable Control T1 - C T2 - C T3 - C N

Panel A: Student Characteristics and Baseline Skills

Age 15.63 0.084 -0.038 0.098 1,706
(0.131) (0.053) (0.238)

Female student (0/1) 0.53 -0.034 0.025 -0.096* 1,751
(0.061) (0.035) (0.047)

Foreign origins (0/1) 0.42 -0.145 -0.114 -0.215 1,786
(0.087) (0.093) (0.139)

Presence on social media (0/1) 0.51 -0.035 -0.057 -0.017 1,781
(0.019) (0.036) (0.023)

Exposure to EMI interventions 1.20 -0.053 -0.031 0.082 1,460
(0.062) (0.036) (0.062)

Newspaper Consumption Index 0.09 0.034 0.005 0.023 1,781
(0.021) (0.027) (0.023)

Media Literacy Skills Index -0.10 0.022 0.031 0.039 1,766
(0.030) (0.041) (0.034)

News Knowledge Index -0.34 0.056 0.095 0.186 1,757
(0.084) (0.061) (0.101)

Political Participation Index 0.02 -0.019 -0.013 0.057 1,727
(0.078) (0.056) (0.080)

Panel B: Teacher Characteristics, Skills, and Subjects

Female teacher (0/1) 0.72 0.059 0.041 -0.110 89
(0.223) (0.087) (0.118)

Age 45.40 2.152 2.247 3.004 89
(5.001) (2.195) (4.366)

Teaching experience 18.16 2.793 2.432 1.717 87
(5.257) (3.935) (3.512)

High-level certification (Agrégation) (0/1) 0.19 -0.126 -0.086 -0.006 89
(0.093) (0.080) (0.087)

Head teacher (0/1) 0.28 0.029 0.008 0.077 89
(0.160) (0.122) (0.142)

Trained in MIL (0/1) 0.49 0.066 -0.074 0.096 89
(0.079) (0.155) (0.154)

Trained in MIL – CLEMI (0/1) 0.28 0.099 -0.049 0.089 89
(0.062) (0.162) (0.087)

MIL teaching self-confidence 0.00 0.259 -0.118 0.221 89
(0.253) (0.177) (0.361)

MIL class activities 0.00 -0.349 -0.661 -0.404 89
(0.492) (0.438) (0.268)

MIL topics 0.00 -0.254 -0.150 -0.205 89
(0.482) (0.223) (0.345)

History–Geography (0/1) 0.52 0.156 -0.009 0.098 89
(0.166) (0.090) (0.127)

Civics (0/1) 0.32 0.120 -0.103 -0.068 89
(0.126) (0.168) (0.127)

Economics and Social Sciences (0/1) 0.08 -0.029 0.070 0.024 89
(0.081) (0.136) (0.141)

Panel C: Class Characteristics

School climate (BL) -0.00 0.053 -0.002 0.267 85
(0.430) (0.405) (0.444)

General track (0/1) 0.38 -0.102 -0.037 -0.037 89
(0.122) (0.105) (0.088)

Number of students in the class (admin. data) 22.82 3.534* 1.702 -2.373 89
(1.476) (1.839) (1.668)

Seconde (10th grade) 0.53 -0.121 -0.027 -0.043 89
(0.073) (0.034) (0.117)

Première (11th grade) 0.23 0.059 0.067 -0.114 89
(0.061) (0.042) (0.167)

Terminale (12th grade) 0.20 0.011 -0.064 0.082 89
(0.031) (0.043) (0.152)

Notes: Each line corresponds to a separate regression. Column (1) = mean of the dependent variable in the control group.
(2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard errors (in parentheses) are
clustered at the strata level. Strata fixed effects included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table E.9: Balancing Checks in high IPS Schools (above 1st quartile)

(1) (2) (3) (4) (5)
Variable Control T1 - C T2 - C T3 - C N

Panel A: Student Characteristics and Baseline Skills

Age 15.55 -0.005 0.001 -0.068 5,165
(0.032) (0.095) (0.099)

Female student (0/1) 0.58 -0.051* -0.018 0.003 5,213
(0.024) (0.019) (0.052)

Foreign origins (0/1) 0.23 0.030 0.038 0.012 5,305
(0.038) (0.024) (0.030)

Presence on social media (0/1) 0.51 0.010 0.006 -0.029 5,295
(0.022) (0.019) (0.018)

Exposure to EMI interventions 1.40 -0.000 -0.036 -0.036 4,490
(0.028) (0.049) (0.028)

Newspaper Consumption Index 0.20 -0.075* -0.011 -0.048** 5,295
(0.039) (0.018) (0.019)

Media Literacy Skills Index 0.02 -0.042* 0.023 -0.002 5,285
(0.019) (0.018) (0.018)

News Knowledge Index 0.10 -0.100** -0.026 -0.047 5,276
(0.033) (0.052) (0.055)

Political Participation Index -0.00 -0.069 -0.009 -0.060** 5,222
(0.061) (0.023) (0.021)

Panel B: Teacher Characteristics, Skills, and Subjects

Female teacher (0/1) 0.68 0.158 -0.011 -0.054 268
(0.094) (0.076) (0.139)

Age 47.18 1.450 -1.214 -0.394 266
(1.615) (1.877) (1.523)

Teaching experience 20.84 2.144 0.598 -0.969 258
(2.574) (2.053) (1.616)

High-level certification (Agrégation) (0/1) 0.37 -0.056 0.049 -0.141** 268
(0.108) (0.037) (0.059)

Head teacher (0/1) 0.24 -0.005 0.014 -0.172* 268
(0.087) (0.062) (0.084)

Trained in MIL (0/1) 0.41 0.072 -0.036 0.083 268
(0.066) (0.046) (0.069)

Trained in MIL – CLEMI (0/1) 0.30 0.080 -0.019 -0.035 268
(0.065) (0.045) (0.073)

MIL teaching self-confidence 0.00 -0.062 0.008 -0.184 268
(0.259) (0.253) (0.270)

MIL class activities 0.00 0.194 0.455* 0.184 268
(0.253) (0.220) (0.173)

MIL topics -0.00 -0.046 0.259 0.064 268
(0.262) (0.224) (0.159)

History–Geography (0/1) 0.62 -0.119 0.018 -0.135* 268
(0.181) (0.192) (0.064)

Civics (0/1) 0.29 0.033 0.086 0.049 268
(0.119) (0.101) (0.105)

Economics and Social Sciences (0/1) 0.16 0.037 -0.038 0.087* 268
(0.101) (0.092) (0.041)

Panel C: Class Characteristics

School climate (BL) 0.00 0.110 0.112 0.066 249
(0.144) (0.106) (0.124)

General track (0/1) 0.89 0.014 -0.059 -0.071 268
(0.028) (0.055) (0.073)

Number of students in the class (admin. data) 28.95 1.758 0.104 -1.392 268
(1.575) (1.282) (1.488)

Seconde (10th grade) 0.32 0.052 -0.005 -0.016 268
(0.048) (0.027) (0.049)

Première (11th grade) 0.50 -0.103 0.015 0.076 268
(0.067) (0.073) (0.077)

Terminale (12th grade) 0.15 0.076*** -0.002 -0.069 268
(0.022) (0.064) (0.051)

Standard errors in parentheses
Strata FE included. School weights. Cluster s.e. strata
* p < 0.10, ** p < 0.05, *** p < 0.01

Notes: Each line corresponds to a separate regression. Column (1) = mean of the dependent variable in the control group.
(2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard errors (in parentheses) are
clustered at the strata level. Strata fixed effects included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table E.10: Balancing Checks: Teachers with High prior MIL teaching experience

(1) (2) (3) (4) (5)
Variable Control T1 - C T2 - C T3 - C N

Panel A: Student Characteristics and Baseline Skills

Age 15.59 0.154 0.029 -0.017 2,870
(0.097) (0.129) (0.142)

Female student (0/1) 0.55 0.032 0.005 0.002 2,916
(0.052) (0.020) (0.028)

Foreign origins (0/1) 0.34 -0.075 -0.050 -0.044 2,961
(0.083) (0.069) (0.061)

Presence on social media (0/1) 0.49 0.008 0.008 0.010 2,956
(0.024) (0.027) (0.010)

Exposure to EMI interventions 1.34 0.086*** 0.020 0.089 2,498
(0.025) (0.042) (0.058)

Newspaper Consumption Index 0.17 -0.018 0.003 0.000 2,956
(0.053) (0.037) (0.043)

Media Literacy Skills Index -0.01 0.028 0.049 0.018 2,945
(0.038) (0.036) (0.030)

News Knowledge Index -0.05 0.068 0.097 0.091 2,943
(0.079) (0.090) (0.079)

Political Participation Index 0.01 -0.069 -0.045 -0.076 2,919
(0.070) (0.035) (0.044)

Panel B: Teacher Characteristics, Skills, and Subjects

Female teacher (0/1) 0.72 0.183 0.097 0.046 143
(0.118) (0.059) (0.105)

Age 45.45 2.676 2.343 1.858 141
(2.678) (3.074) (3.127)

Teaching experience 19.63 2.782 2.685 -0.475 141
(2.881) (3.060) (2.689)

High-level certification (Agrégation) (0/1) 0.36 -0.073 0.022 -0.200* 143
(0.124) (0.080) (0.096)

Head teacher (0/1) 0.27 -0.031 -0.053 -0.252** 143
(0.123) (0.077) (0.085)

Trained in MIL (0/1) 0.56 -0.069 -0.064 0.024 143
(0.103) (0.130) (0.115)

Trained in MIL – CLEMI (0/1) 0.46 -0.040 -0.071 -0.006 143
(0.079) (0.112) (0.155)

MIL teaching self-confidence 0.00 0.260 -0.057 -0.259 143
(0.308) (0.253) (0.261)

MIL class activities -0.00 0.038 0.135 0.129 143
(0.323) (0.243) (0.291)

MIL topics -0.00 0.031 0.168 -0.256 143
(0.196) (0.253) (0.274)

History–Geography (0/1) 0.57 -0.058 -0.041 -0.146 143
(0.194) (0.174) (0.142)

Civics (0/1) 0.40 -0.087 -0.136 -0.139 143
(0.134) (0.121) (0.171)

Economics and Social Sciences (0/1) 0.05 0.238 0.066 0.124 143
(0.157) (0.147) (0.091)

Panel C: Class Characteristics

School climate (BL) 0.00 -0.003 0.168 0.454 128
(0.305) (0.238) (0.305)

General track (0/1) 0.81 0.018 -0.054 -0.076 143
(0.037) (0.077) (0.096)

Number of students in the class (admin. data) 27.28 1.433 -1.127 -2.198 143
(1.582) (2.008) (2.011)

Seconde (10th grade) 0.36 0.002 -0.026 -0.079 143
(0.045) (0.048) (0.073)

Première (11th grade) 0.44 -0.171 -0.025 0.031 143
(0.108) (0.095) (0.115)

Terminale (12th grade) 0.14 0.238* 0.081 -0.020 143
(0.115) (0.084) (0.096)

Notes: Each line corresponds to a separate regression. Column (1) = mean of the dependent variable in the control group.
(2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard errors (in parentheses) are
clustered at the strata level. Strata fixed effects included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table E.11: Balancing Checks: Teachers with low prior MIL teaching experience

(1) (2) (3) (4) (5)
Variable Control T1 - C T2 - C T3 - C N

Panel A: Student Characteristics and Baseline Skills

Age 15.55 -0.026 0.002 0.016 4,001
(0.098) (0.076) (0.101)

Female student (0/1) 0.58 -0.097*** -0.014 -0.024 4,048
(0.030) (0.024) (0.069)

Foreign origins (0/1) 0.24 0.039 0.039 -0.026 4,130
(0.048) (0.031) (0.040)

Presence on social media (0/1) 0.52 -0.008 -0.019 -0.042* 4,120
(0.023) (0.022) (0.023)

Exposure to EMI interventions 1.37 -0.075* -0.067 -0.052 3,452
(0.037) (0.039) (0.032)

Newspaper Consumption Index 0.18 -0.061** -0.015* -0.044** 4,120
(0.026) (0.008) (0.017)

Media Literacy Skills Index -0.00 -0.037 0.017 0.014 4,106
(0.026) (0.020) (0.032)

News Knowledge Index 0.02 -0.157** -0.074* -0.056 4,090
(0.052) (0.038) (0.049)

Political Participation Index 0.00 -0.062 0.005 -0.017 4,030
(0.058) (0.031) (0.050)

Panel B: Teacher Characteristics, Skills, and Subjects

Female teacher (0/1) 0.68 0.083 -0.074 -0.178 214
(0.099) (0.096) (0.143)

Age 47.38 1.077 -1.954 -0.499 214
(1.853) (1.585) (1.543)

Teaching experience 20.24 2.482 0.252 -0.511 204
(2.539) (1.699) (1.563)

High-level certification (Agrégation) (0/1) 0.29 -0.058 0.023 -0.090* 214
(0.071) (0.024) (0.046)

Head teacher (0/1) 0.24 0.017 0.069 -0.027 214
(0.098) (0.074) (0.114)

Trained in MIL (0/1) 0.35 0.114 -0.101 0.094 214
(0.073) (0.090) (0.076)

Trained in MIL – CLEMI (0/1) 0.20 0.126 -0.030 0.005 214
(0.082) (0.093) (0.049)

MIL teaching self-confidence -0.00 -0.154 -0.135 -0.086 214
(0.246) (0.229) (0.238)

MIL class activities -0.00 0.016 0.019 -0.077 214
(0.309) (0.282) (0.201)

MIL topics -0.00 -0.166 0.074 0.059 214
(0.243) (0.220) (0.136)

History–Geography (0/1) 0.60 -0.051 0.018 -0.088 214
(0.186) (0.184) (0.058)

Civics (0/1) 0.23 0.123 0.118 0.063 214
(0.118) (0.096) (0.078)

Economics and Social Sciences (0/1) 0.19 -0.099 -0.021 0.065 214
(0.082) (0.097) (0.093)

Panel C: Class Characteristics

School climate (BL) 0.00 0.190 0.018 -0.008 206
(0.144) (0.213) (0.188)

General track (0/1) 0.69 -0.036 -0.053 -0.059 214
(0.064) (0.030) (0.059)

Number of students in the class (admin. data) 27.04 1.917 1.092 -1.710 214
(1.585) (0.999) (1.538)

Seconde (10th grade) 0.39 -0.024 -0.029 -0.018 214
(0.063) (0.022) (0.049)

Première (11th grade) 0.41 0.057 0.079 0.064 214
(0.110) (0.071) (0.087)

Terminale (12th grade) 0.17 -0.058 -0.070 -0.051 214
(0.089) (0.073) (0.063)

Notes: Each line corresponds to a separate regression. Column (1) = mean of the dependent variable in the control group.
(2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard errors (in parentheses) are
clustered at the strata level. Strata fixed effects included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table E.12: Balancing Checks: Follow-up Survey, Voting Age Students

(1) (2) (3) (4) (5)
Variable Control T1 - C T2 - C T3 - C N

Age 16.524 0.229*** 0.031 0.001 775
(0.064) (0.073) (0.103)

Female (0/1) 0.605 -0.054 -0.004 -0.003 765
(0.055) (0.068) (0.062)

Foreign origin (0/1) 0.255 0.021 0.003 -0.069 775
(0.070) (0.065) (0.114)

Presence on Social Media (BL) 0.519 0.020 0.007 0.021 775
(0.026) (0.031) (0.034)

MIL exposure (BL) 1.471 -0.055 -0.035 0.056 680
(0.039) (0.047) (0.066)

Newspaper Consumption Index (BL) 0.265 -0.084 0.003 -0.045 775
(0.094) (0.044) (0.071)

Media Literacy Skills (BL) 0.117 -0.004 0.037 0.121** 775
(0.048) (0.051) (0.046)

Political Knowledge (BL) 0.116 -0.105 0.073 -0.032 775
(0.072) (0.068) (0.071)

Political Participation (BL) 0.042 -0.076 -0.045 -0.127* 771
(0.052) (0.034) (0.062)

Notes: Each line corresponds to a separate regression. Column (1) = mean of the dependent variable in the control group.
(2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard errors (in parentheses) are
clustered at the strata level. Strata fixed effects included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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F Descriptive Evidence

F.1 News Consumption at Baseline
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Notes: The Figure plots the responses to the question: “What type(s) of news interest you the most?” in the baseline survey.
An observation is a student who has completed both the baseline and the endline surveys (N = 7, 091).

Figure F.1: Descriptive evidence at baseline: Interest in news depending on the topic measured
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Notes: The Figure plots the reported use of social media in the baseline survey. An observation is a student who has
completed both the baseline and the endline survey (N = 7, 091).

Figure F.2: Descriptive evidence at baseline: Use of social media
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N = 7091 (high-school students who completed both the baseline and the endline surveys).

TF1 (TV) HugoDecrypte (YouTube) BFMTV (TV) Le Monde (newspaper)

France 2 (TV) M6 (TV) France Info (radio & TV) Skyrock (radio)

NRJ (radio) France Inter (radio)

Notes: The Figure plots the share of the students who report using the different media outlets in the baseline survey. For
each of the media categories (e.g. television, social media, etc.) they report having used as a source of news over the past
seven days, students were asked to list the name(s) of the specific outlets they have consumed. We report here descriptive
statistics for the top-10 media outlets in terms of the number of times they were listed. An observation is a student who has
completed both the baseline and the endline surveys (N = 7, 091).

Figure F.3: Descriptive evidence at baseline: Most frequently used media outlets
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Table F.1: Students’ news consumption and interest in news at baseline: Descriptive statistics depending
on socioeconomic status

High SES Low SES Diff/se
Keeping up with news
Never 0.06 0.12 -0.06∗∗∗

(0.01)
Rarely 0.46 0.52 -0.06∗∗∗

(0.01)
Often 0.38 0.29 0.10∗∗∗

(0.01)
Very often 0.10 0.07 0.03∗∗∗

(0.01)
News sources (past 7 days)
Television 0.67 0.60 0.08∗∗∗

(0.01)
Radio 0.29 0.21 0.08∗∗∗

(0.01)
Podcasts 0.43 0.35 0.07∗∗∗

(0.01)
(Online or offline) Newspapers 0.21 0.12 0.09∗∗∗

(0.01)
Social media 0.82 0.78 0.04∗∗∗

(0.01)
Partner news & other dailies
Knowledge of partner newspaper 0.93 0.82 0.11∗∗∗

(0.01)
Knowledge of other dailies (av.) 0.56 0.47 0.09∗∗∗

(0.01)
Use of partner newspaper 0.41 0.31 0.10∗∗∗

(0.01)
Use of other dailies (av.) 0.12 0.10 0.01∗∗

(0.00)
Subscription to partner newspaper 0.09 0.05 0.03∗∗∗

(0.01)
Subscription to another daily 0.12 0.11 0.01

(0.01)
Know periodicity of partner newspaper 0.51 0.41 0.10∗∗∗

(0.01)
Observations 7,091

Notes: The table provides descriptive statistics on the news consumption of students in our sample at baseline. An observation is a student.
Only the students included in the analysis sample (i.e. those who completed both the baseline and the endline surveys) are included. Column
(1) presents the results for the students in high-SES high schools. Column (2) presents the results for the students in low-SES high schools.
In Column (3) we perform a t-test on the equality of means (robust standard errors are in parentheses). “Keeping up with news” provides the
statistics corresponding to the answer to the following question: “Do you keep up to date with political, economic, and social news in France
and/or abroad?” “News sources (past 7 days)” provides the statistics corresponding to the answer to the following question: “Over the past 7
days, have you used the following sources to keep up with current events or social issues in France and/or abroad?” “Knowledge of partner
newspaper” or “of other dailies (av.)” is based on the answer to the following question: “From among these French newspapers, select those
you have heard of before.” “Use of partner newspaper ” or “of other dailies (av.)” is based on the answer to the following question: “From
among the newspapers you have just selected, have you consulted one or more of their articles, videos, and/or podcasts in the last 7 days?”
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N = 7091 (high-school students who completed both the baseline and the endline surveys).

TF1 (TV) HugoDecrypte (YouTube) BFMTV (TV) Le Monde (newspaper)

France 2 (TV) M6 (TV) France Info (radio & TV) Skyrock (radio)

NRJ (radio) France Inter (radio)

Notes: The Figure plots the share of the students who report using the different media outlets in the baseline survey. For
each of the media categories (e.g. television, social media, etc.) they report having used as a source of news over the past
seven days, students were asked to list the name(s) of the specific outlets they have consumed. We report here descriptive
statistics for the top-10 media outlets in terms of number of times they were listed. An observation is a student who has
completed both the baseline and the endline surveys (N = 7, 091).

Figure F.4: Descriptive evidence at baseline depending on socioeconomic status: Most frequently used
media outlets
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F.2 News Consumption Using Le Monde Data
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Notes: N=1753 activated Le Monde subscriptions.

Notes: The Figure plots the daily number of activated subscriptions to our partner newspaper by students in our sample.

Figure F.5: Daily number of activated subscriptions (students)
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N=1753 (students who went at least once on the website). Bins are of size 10.
The number of pages is winsorized at the 90th percentile.

Notes: The Figure plots the distribution of the overall number of pages viewed on the website. An observation is a student
included in treatment group T1 or T3 and who has activated its free subscription to Le Monde and went at least once on the
website.

Figure F.6: News consumption by students: Distribution of the number of pages viewed (intensive
margin)
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Table F.2: News consumption by students: Descriptive statistics on the devices used and on the timing
of news consumption

Mean St.Dev
Device used
Mobile phone 0.82 0.38
Desktop 0.15 0.36
Tablet 0.03 0.16
Website and Apps
iPhone app - Phone 0.41 0.49
Android app - Phone 0.35 0.48
Website 0.21 0.41
Android app - Tablet 0.01 0.09
iPad app - Tablet 0.01 0.11
Day of the week
Sunday 0.10 0.30
Monday 0.16 0.37
Tuesday 0.17 0.37
Wednesday 0.16 0.36
Thursday 0.17 0.37
Friday 0.17 0.37
Saturday 0.09 0.28
Time of day
08:00–15:59 0.56 0.50
16:00–19:59 0.22 0.41
20:00–23:59 0.14 0.35
00:00–07:59 0.08 0.27
Observations 316,958

Notes: The table provides descriptive statistics on the devices used and the day of the week and time when students in T1
and T3 went on Le Monde website. An observation is a page viewed on the website.
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Notes: The Figure plots the share of pages viewed by time of day separately for weekdays (continuous blue line) and
weekends (dashed red line). The shares are computed using the total number of pages viewed by the students in T1 and T3
during the school year.

Figure F.7: News access by time of day: Weekdays vs. weekends
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Notes: N=1753 (students who went at least once on Le Monde).

Notes: The Figure plots, for each day, the daily number of students (included in T1 and T3) visiting Le Monde’s website.

Figure F.8: Daily number of visitors to Le Monde’s website (students in T1 and T3)
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Nov 6: Trump election

March 31: Le Pen 5-year ban
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Total daily number of pages viewed among T1 and T3 students (left y-axis)
Total daily number of pages viewed among Le Monde Essentiel digital subscribers (right y-axis)

Notes: The Figure plots, for each day, the total daily number of pages viewed on Le Monde’s website. The continuous blue
line (left y-axis) plots this number of students included in T1 and T3. The dashed red line (right y-axis) plots this number
(in thousands) Le Monde Essentiel digital subscribers.

Figure F.9: Total daily number of pages viewed on Le Monde’s website: students in T1 and T3 vs. Le
Monde Essentiel digital subscribers
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Notes: The upper Figure F.10a reports descriptive statistics on the pages viewed by Le Monde Essentiel digital subscribers.
The bottom Figure F.10b reports the same figures but computing the share on the subset of pages for which we can identify
the section.

Figure F.10: Type of news consumed: Le Monde Essentiel digital subscribers
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Notes: The Figure plots the share of articles produced in each section by Le Monde during the study period..

Figure F.11: Type of news produced: Share of the articles produced by Le Monde by section
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Notes: N=1,586,340 (total number of pairs of students).
1,260 students in T1 and T3 for which we observe at least one specific article read are included.
Annotations report the absolute difference (s_within - s_across) and the ratio (s_within / s_across).

Notes: The Figure reports various measures of similarity in news consumption. For each of the similarity measures (Jaccard
similarity, overlap coefficient, conditional probability, cosine similarity, and share of common articles), it reports (i) the
mean value for the across-class pairs (gray dots), (ii) the mean value for the within-class pairs (green dots), and (iii) both the
difference and the ratio between the within-class and the across-class measures.

Figure F.12: Within-class vs. across-class similarity in news consumption
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Notes: The Figure plots the total number of pages viewed by students in T1 and T3 computed using Le Monde’s website logs,
depending on whether students report (in the endline survey) that they use Le Monde as their main source of information.

Figure F.13: Actual number of pages viewed depending on reported news consumption
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Notes: N=344 students who visited Le Monde's website at least once between Nov 1 and Dec 31, 2025.

Notes: The Figure plots the daily number of students in T1 and T3 who visited Le Monde’s website between November 1,
2025 and December 31, 2025.

Figure F.14: Demand for news after the end of the experiment: Daily number of students who visited
Le Monde’s website
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Table F.3: News consumption by students: Descriptive statistics depending on the socioeconomic
status

High SES Low SES Diff/se
All students in T1 and T3
Number of actions 143 113 30

(23)
Number of pages viewed 136 107 29

(21)
Active students in T1 and T3
Number of actions 207 155 52

(31)
Number of pages viewed 197 146 51

(29)
Observations 2,494

Notes: The table provides descriptive statistics on the number of actions and number of pages viewed on LeMonde’s website. An observation
is a student included in treatment group T1 or T3. Column (1) presents the results for the students in high-SES high schools. Column (2)
presents the results for the students in low-SES high schools. In Column (3) we perform a t-test on the equality of means (robust standard
errors are in parentheses).
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Table F.4: News consumption by students: Type of news consumed (all pages viewed) depending on
the socioeconomic status

High SES Low SES Diff/se
Homepage 35.3 33.8 1.54

(1.28)
International 14.3 11.4 2.91∗∗∗

(0.79)
Search an article 11.4 13.9 -2.55∗∗∗

(0.75)
Society (housing, health, etc.) 4.4 4.9 -0.46

(0.42)
Politics 5.1 4.4 0.67

(0.48)
Digital edition 3.4 3.9 -0.59

(0.53)
Economy 3.2 3.2 -0.00

(0.36)
Ideas/Opinion 2.8 2.8 0.03

(0.29)
Live 2.2 2.5 -0.38

(0.30)
Other (e.g. obituaries) 3.6 3.2 0.42

(0.35)
Environment 3.1 3.5 -0.43

(0.37)
Sports 1.9 2.7 -0.83∗

(0.34)
Discover 2.4 3.0 -0.60∗

(0.26)
Culture 1.7 1.5 0.12

(0.29)
Le Monde Afrique 1.1 1.2 -0.09

(0.21)
Pixels 1.0 1.5 -0.43∗

(0.20)
Sciences 1.1 0.9 0.21

(0.20)
Les Décodeurs 1.1 0.7 0.46∗∗

(0.14)
M Magazine 0.6 0.5 0.10

(0.13)
Intimacy 0.4 0.5 -0.10

(0.10)
Opinion 0.0 0.0 0.00

(0.00)
Observations 1,750

Notes: The table provides descriptive statistics on the pages viewed by the T1/T3 students on Le Monde’s website. An observation is a
student. Only students who has activated their free subscription to Le Monde, went at least once on the website, and for which we have
information on a least one specific page are included. Column (1) presents the results for the students in high-SES high schools. Column (2)
presents the results for the students in low-SES high schools. In Column (3) we perform a t-test on the equality of means (robust standard
errors are in parentheses).
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F.3 News Consumption at Endline
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N = 2494 (students in T1 or T3).

Subscription activation   
Conditional on subscription activation   
Never use subscription Rarely use (once or twice) Use several times a month
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Notes: The Figure plots the reported use of Le Monde’s website in the endline survey depending on the treatment status.
Only the T1 and T3 students in the analysis sample are included.

Figure F.15: Activation of Le Monde subscription and use of Le Monde’s website according to the
endline survey
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N = 813 (never or rarely use app)
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Notes: The Figure plots the reported reasons for not using Le Monde’s website in the endline survey depending on the
treatment status. Only the T1 and T3 students in the analysis sample who report that they activated their subscription but
rarely or never used it are included.

Figure F.16: Reported reasons for not using Le Monde’s website according to the endline survey
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For what reason(s) do you read Le Monde newspaper?
N = 1005 (students who report using Le Monde several times a month or more and answer the question).

For their personal knowledge For school (for homework, essays, etc.) To verify information

Notes: The Figure plots the responses to the question (endline survey): “For what reason(s) do you read Le Monde
newspaper?”. For each proposed reason – (i) for my own personal knowledge (blue bar), (ii) for school: for homework,
essays, etc. (orange bar), and (iii) to verify information I have heard elsewhere (friends, social media) (yellow bar) – the
Figure plots the share of students who report that they somewhat agree or strongly agree (for each possible answers, students
could answer by (i) strongly disagree, (ii) somewhat disagree, (iii) somewhat agree, and (iv) strongly agree).

Figure F.17: Reported Reasons for reading Le Monde according to the endline survey
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Figure F.18: Type of articles students report they read the most
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H Additional Tables

Table H.1: Randomization sample: Descriptive statistics on teachers

Mean St. Dev
Teacher characteristics
Female teacher 0.69 0.46
Age 46.9 8.7
Teaching experience 20.8 9.2
High-level certification (Agregation) 0.30 0.46
Basic-level certification (Capes) 0.65 0.48
Head teacher 0.23 0.42
Subject taught
History-Geography 0.57 0.50
Civics 0.33 0.47
Economics and Social Sciences 0.15 0.36
Other subjects (Humanities, science, etc.) 0.25 0.43
Observations 379

Notes: The table provides descriptive statistics on the 379 teachers included in the randomization sample. An observation is a teacher.
Civics stands for “enseignement moral et civique” (Ethics and Civics).
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Table H.2: Treatment Effects by Socioeconomic Status (IPS Quartiles)

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)
Outcome variable C T1-C S.E. p T2-C S.E. p T3-C S.E. p N

Panel A: Low-SES schools (IPS below first quartile)

Newspaper Consumption Index -0.174 0.424 0.100 0.000 -0.078 0.057 0.170 0.535 0.134 0.000 1,786
Social Media Index -0.071 -0.206 0.109 0.059 -0.165 0.134 0.219 0.028 0.079 0.724 1,786
Diverse News Sources -0.171 0.024 0.102 0.814 -0.021 0.050 0.681 0.193 0.058 0.001 1,786
Trust in Newspapers -0.339 0.087 0.114 0.444 0.180 0.056 0.001 0.259 0.102 0.011 1,676
Newsletter Subscription -0.046 0.247 0.101 0.015 0.011 0.064 0.865 0.287 0.079 0.000 1,786
News Knowledge Index -0.492 0.199 0.085 0.019 0.094 0.052 0.070 0.308 0.102 0.002 1,786
Media Literacy Skills (MLS) Index -0.273 -0.055 0.189 0.772 -0.040 0.063 0.526 0.196 0.177 0.269 865
Political Participation: sign petition (0/1) 0.659 -0.059 0.029 0.041 -0.016 0.061 0.787 -0.045 0.054 0.397 1,786
Political Self-Efficacy Index -0.305 -0.071 0.069 0.307 -0.024 0.074 0.742 0.083 0.076 0.276 1,693
Well Being Index 0.071 0.125 0.211 0.554 -0.186 0.172 0.281 0.069 0.123 0.575 554

Panel B: High-SES schools (IPS above first quartile)

Newspaper Consumption Index 0.054 0.519 0.071 0.000 0.048 0.060 0.424 0.638 0.058 0.000 5,305
Social Media Index 0.022 -0.116 0.061 0.058 -0.069 0.054 0.202 -0.194 0.066 0.003 5,305
Diverse News Sources 0.052 0.104 0.052 0.047 0.038 0.048 0.423 0.302 0.095 0.001 5,305
Trust in Newspapers 0.098 0.008 0.053 0.881 0.048 0.038 0.213 0.073 0.049 0.133 5,042
Newsletter Subscription 0.014 0.200 0.063 0.001 0.123 0.055 0.026 0.133 0.056 0.017 5,305
News Knowledge Index 0.151 -0.017 0.030 0.583 -0.016 0.028 0.577 -0.057 0.072 0.431 5,305
Media Literacy Skills (MLS) Index 0.087 0.207 0.055 0.000 0.100 0.075 0.184 0.303 0.077 0.000 2,552
Political Participation: sign petition (0/1) 0.806 0.033 0.020 0.101 -0.028 0.018 0.124 -0.010 0.032 0.768 5,305
Political Self-Efficacy Index 0.088 -0.074 0.042 0.075 -0.048 0.025 0.060 -0.060 0.049 0.223 5,181
Well Being Index -0.021 -0.045 0.072 0.534 -0.017 0.087 0.845 -0.007 0.099 0.944 1,715

Notes: Each line corresponds to a separate regression. All outcomes are standardized. Column (1) = mean of the dependent
variable in the control group. (2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard
errors (in parentheses) are clustered at the strata level. Strata fixed effects and controls selected via Lasso, using the Belloni
et al. (2014) approach, included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table H.3: Treatment Effects by Teacher prior MIL teaching experience

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)
Outcome variable C T1-C S.E. p T2-C S.E. p T3-C S.E. p N

Panel A: High prior MIL teaching experience

Newspaper Consumption Index 0.035 0.602 0.107 0.000 -0.013 0.044 0.775 0.711 0.129 0.000 2,961
Social Media Index -0.009 -0.015 0.094 0.871 -0.028 0.058 0.630 -0.194 0.092 0.035 2,961
Diverse News Sources -0.031 0.218 0.096 0.024 0.048 0.037 0.186 0.470 0.098 0.000 2,961
Trust in Newspapers -0.009 0.030 0.060 0.620 0.096 0.083 0.250 0.195 0.108 0.072 2,808
Newsletter Subscription 0.024 0.185 0.063 0.003 0.110 0.058 0.056 0.056 0.084 0.502 2,961
News Knowledge Index -0.002 0.046 0.087 0.597 0.075 0.060 0.213 0.053 0.098 0.587 2,961
Media Literacy Skills (MLS) Index -0.040 0.249 0.068 0.000 0.097 0.073 0.183 0.545 0.068 0.000 1,392
Political Participation: sign petition (0/1) 0.791 0.015 0.035 0.667 -0.020 0.020 0.313 0.000 0.028 0.994 2,961
Political Self-Efficacy Index -0.046 0.037 0.062 0.552 -0.014 0.070 0.840 0.029 0.079 0.719 2,903
Well Being Index 0.036 0.035 0.172 0.837 0.002 0.098 0.987 -0.047 0.160 0.771 952

Panel B: Low prior MIL teaching experience

Newspaper Consumption Index -0.021 0.398 0.078 0.000 0.064 0.063 0.315 0.541 0.103 0.000 4,130
Social Media Index 0.005 -0.220 0.081 0.006 -0.121 0.076 0.108 -0.103 0.087 0.239 4,130
Diverse News Sources 0.019 -0.014 0.060 0.819 0.011 0.048 0.823 0.129 0.093 0.164 4,130
Trust in Newspapers 0.005 0.009 0.053 0.866 0.062 0.047 0.187 0.034 0.048 0.476 3,910
Newsletter Subscription -0.014 0.241 0.057 0.000 0.090 0.038 0.017 0.221 0.067 0.001 4,130
News Knowledge Index 0.001 0.005 0.050 0.915 -0.055 0.040 0.174 -0.031 0.046 0.497 4,130
Media Literacy Skills (MLS) Index 0.023 0.136 0.127 0.286 0.078 0.085 0.356 0.126 0.102 0.219 2,025
Political Participation: sign petition (0/1) 0.760 0.004 0.033 0.907 -0.022 0.032 0.505 -0.008 0.031 0.795 4,130
Political Self-Efficacy Index 0.028 -0.197 0.044 0.000 -0.079 0.027 0.003 -0.104 0.037 0.004 3,971
Well Being Index -0.021 -0.034 0.074 0.652 -0.094 0.066 0.150 0.030 0.049 0.541 1,317

Notes: Each line corresponds to a separate regression. All outcomes are standardized. Column (1) = mean of the dependent
variable in the control group. (2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard
errors (in parentheses) are clustered at the strata level. Strata fixed effects and controls selected via Lasso, using the Belloni
et al. (2014) approach, included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table H.4: Treatment Effects by Student Baseline News Knowledge

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)
Outcome variable C T1-C S.E. p T2-C S.E. p T3-C S.E. p N

Panel A: High baseline news knowledge (above median)

Newspaper Consumption Index 0.083 0.552 0.082 0.000 0.038 0.060 0.530 0.665 0.065 0.000 3,516
Social Media Index 0.038 -0.095 0.084 0.257 -0.062 0.052 0.232 -0.135 0.079 0.087 3,516
Diverse News Sources 0.091 0.089 0.066 0.180 0.051 0.054 0.353 0.276 0.084 0.001 3,516
Trust in Newspapers 0.063 0.066 0.067 0.331 0.148 0.062 0.017 0.066 0.074 0.377 3,359
Newsletter Subscription 0.034 0.144 0.054 0.008 0.130 0.038 0.001 0.203 0.068 0.003 3,516
News Knowledge Index 0.235 0.004 0.034 0.897 0.011 0.040 0.785 0.003 0.077 0.965 3,516
Media Literacy Skills (MLS) Index 0.091 0.087 0.106 0.411 0.132 0.086 0.127 0.274 0.077 0.000 1,698
Political Participation: Signed petition (0/1) 0.804 0.010 0.021 0.629 -0.013 0.012 0.271 -0.011 0.030 0.714 3,516
Political Self-Efficacy Index 0.151 -0.054 0.048 0.260 -0.008 0.028 0.767 0.038 0.045 0.397 3,426
Well Being Index -0.066 0.021 0.074 0.773 -0.005 0.077 0.948 0.059 0.096 0.539 1,120

Panel B: Low baseline news knowledge (below median)

Newspaper Consumption Index -0.086 0.422 0.063 0.000 0.004 0.056 0.950 0.528 0.075 0.000 3,517
Social Media Index -0.036 -0.211 0.062 0.001 -0.092 0.075 0.224 -0.177 0.052 0.001 3,517
Diverse News Sources -0.092 0.078 0.041 0.054 -0.011 0.025 0.655 0.237 0.076 0.002 3,517
Trust in Newspapers -0.063 -0.022 0.057 0.703 0.020 0.043 0.641 0.152 0.040 0.000 3,305
Newsletter Subscription -0.029 0.204 0.070 0.004 0.043 0.048 0.369 0.095 0.039 0.015 3,517
News Knowledge Index -0.243 0.011 0.068 0.877 -0.006 0.041 0.890 -0.026 0.073 0.719 3,517
Media Literacy Skills (MLS) Index -0.100 0.201 0.055 0.000 0.022 0.043 0.616 0.249 0.080 0.002 1,694
Political Participation: Signed petition (0/1) 0.743 -0.003 0.030 0.922 -0.032 0.024 0.186 -0.018 0.039 0.647 3,517
Political Self-Efficacy Index -0.161 -0.136 0.037 0.000 -0.085 0.050 0.092 -0.154 0.060 0.010 3,399
Well Being Index 0.067 -0.026 0.083 0.751 -0.065 0.072 0.366 -0.078 0.125 0.532 1,137

Notes: Each line corresponds to a separate regression. All outcomes are standardized. Column (1) = mean of the dependent
variable in the control group. (2) = estimated ITT for T1 (3) = estimated ITT for T2 and (4) = estimated ITT for T3. Standard
errors (in parentheses) are clustered at the strata level. Strata fixed effects and controls selected via Lasso, using the Belloni
et al. (2014) approach, included. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table H.5: Generic Machine Learning results: BLP and GATES for the News Knowledge Index

ATE HET TE for G1 TE for G4
(1) (2) (3) (4)

Treatment 1:
News Knowledge Index 0.010 [0.81] 0.232 [0.07] -0.072 [0.36] 0.106 [0.23]

Treatment 2:
News Knowledge Index -0.026 [0.44] 0.198 [0.00] -0.158 [0.01] 0.113 [0.08]

Treatment 3:
News Knowledge Index 0.004 [0.91] 0.252 [0.07] -0.070 [0.35] 0.073 [0.34]

Notes: This table reports average and heterogeneous treatment effects estimated using the Generic Machine Learning
framework (Chernozhukov et al., 2025). For each treatment arm, the table reports the results for news knowledge outcomes.
The first column reports the Average Treatment Effect (ATE), while the second column reports heterogeneity loading (HET)
parameters from the Best Linear Predictor (BLP). Columns (3) and (4) report Group Average Treatment Effects (GATES) for
the first and fourth quartiles of the predicted treatment effect distribution (G1 and G4, respectively), where G1 corresponds
to the least affected individuals and G4 to the most affected individuals. Estimation relies on sample splitting and cross-
fitting with 250 random splits. Treatment effects are estimated using an ensemble of machine-learning learners, including
random forests, LASSO, elastic net, support vector machines, and gradient boosting. Propensity scores are assumed to be
constant. All specifications include strata fixed effects. Covariates used in the estimation include a rich set of baseline
student characteristics, baseline outcome measures, class-level characteristics, and teacher characteristics. Missing values
in covariates are imputed using mean imputation. Standard errors are clustered at the strata level. Reported p-values are
two-sided. Each treatment arm (T1, T2, T3) is estimated separately against the control group.
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Table H.6: Generic Machine Learning results: CLAN for the News Knowledge Index

Heterogeneity variables 25% least affected 25% most affected P-value
(1) (2) (3)

Treatment: T1
School socioeconomic status (IPS) 113.416 107.120 0.000
Female teacher 0.605 0.881 0.000
Active pedagogical practices -0.185 0.070 0.000
Teacher MIL experience -0.288 0.165 0.000
News knowledge (student) 0.071 -0.227 0.000
Share of scholarship students 0.228 0.272 0.000
School engagement index (teacher) -0.078 0.080 0.000
Teaching experience (years) 21.999 19.905 0.002
Newspaper consumption (student) 0.190 0.110 0.003
Female student 0.598 0.500 0.005
Experience in current school (years) 11.233 9.946 0.046

Treatment: T2
Active pedagogical practices -0.108 0.012 0.000
Share of scholarship students 0.214 0.233 0.011
Female teacher 0.637 0.705 0.013
Teacher MIL experience -0.021 0.107 0.017

Treatment: T3
School engagement index (teacher) -0.163 0.088 0.000
Teaching experience (years) 21.801 18.321 0.000
Share of scholarship students 0.223 0.268 0.000
Teacher MIL experience -0.129 0.110 0.001
School socioeconomic status (IPS) 112.740 109.414 0.002
News knowledge (student) 0.042 -0.125 0.003
Political participation (student) -0.071 0.083 0.011
Experience in current school (years) 11.600 10.169 0.011

Notes: This table reports Classification Analysis (CLAN) results based on Generic Machine Learning estimates of hetero-
geneous treatment effects (Chernozhukov et al., 2025). The outcome is the News Knowledge Index. Columns (2) and (3)
report mean values of baseline covariates for the 25% least and 25% most affected groups, respectively. Column (4) reports
the p-value of the difference between these two groups.
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Table H.7: Teacher characteristics by prior MIL teaching experience

(1) (2) (3)
High exp Low exp Diff. (1)-(2)

Nb trainings in MIL 1.119 0.547 0.572∗∗∗
Active Teaching Practices Index 0.130 -0.095 0.225∗∗∗
MIL teaching self-confidence 0.172 -0.089 0.261∗∗∗

Notes: This table compares baseline characteristics of teachers with high and low prior experience in media education
activities. Column (1) reports the mean for teachers with high prior experience, Column (2) the mean for teachers with
low prior experience, and Column (3) the difference between the two groups. Statistical significance is based on two-sided
t-tests. ∗p < 0.10, ∗∗p < 0.05, ∗ ∗ ∗p < 0.01.
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Table H.8: Generic Machine Learning results: BLP and GATES for the Media Literacy Skills Index

ATE HET TE for G1 TE for G4
(1) (2) (3) (4)

Treatment 1:
Media Literacy Index 0.087 [0.05] 0.336 [0.06] -0.040 [0.67] 0.198 [0.02]

Treatment 2:
Media Literacy Index 0.013 [0.68] 0.046 [0.37] -0.008 [0.91] 0.070 [0.35]

Treatment 3:
Media Literacy Index 0.181 [0.00] 0.233 [0.03] 0.134 [0.15] 0.255 [0.02]

Notes: This table reports average and heterogeneous treatment effects estimated using the Generic Machine Learning
framework (Chernozhukov et al., 2025). For each treatment arm, the table reports the results for the Media Literacy Skill
Index. The first column reports the Average Treatment Effect (ATE), while the second column reports heterogeneity loading
(HET) parameters from the Best Linear Predictor (BLP). Columns (3) and (4) report Group Average Treatment Effects
(GATES) for the first and fourth quartiles of the predicted treatment effect distribution (G1 and G4, respectively), where
G1 corresponds to the least affected individuals and G4 to the most affected individuals. Estimation relies on sample
splitting and cross-fitting with 250 random splits. Treatment effects are estimated using an ensemble of machine-learning
learners, including random forests, LASSO, elastic net, support vector machines, and gradient boosting. Propensity scores
are assumed to be constant. All specifications include strata fixed effects. Covariates used in the estimation include a rich
set of baseline student characteristics, baseline outcome measures, class-level characteristics, and teacher characteristics.
Missing values in covariates are imputed using mean imputation. Standard errors are clustered at the strata level. Reported
p-values are two-sided. Each treatment arm (T1, T2, T3) is estimated separately against the control group.
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Table H.9: Generic Machine Learning results: CLAN for the Media Literacy Skills Index

Heterogeneity variables 25% least affected 25% most affected P-value
(1) (2) (3)

Treatment: T1
Female teacher 0.616 0.859 0.000
Active pedagogical practices -0.187 0.054 0.000
Share of scholarship students 0.273 0.215 0.000
Trust in newspapers (student) -0.149 0.079 0.000
Female student 0.474 0.634 0.000
School engagement index (teacher) -0.136 0.048 0.000
School socioeconomic status (IPS) 109.514 113.973 0.000
Experience in current school (years) 9.754 11.755 0.001
Political participation (student) 0.048 -0.107 0.005
Teaching experience (years) 21.774 20.252 0.030
News knowledge (student) 0.033 -0.093 0.024

Treatment: T2
Active pedagogical practices -0.139 0.041 0.000
Female student 0.469 0.626 0.000
Female teacher 0.742 0.603 0.000
School socioeconomic status (IPS) 111.618 116.066 0.000
Trust in newspapers (student) -0.098 0.079 0.000
Newspaper consumption (student) 0.131 0.223 0.000
School engagement index (teacher) -0.091 0.026 0.000
Teacher MIL experience -0.052 0.135 0.001
Experience in current school (years) 11.181 9.628 0.001
Share of scholarship students 0.226 0.205 0.001
Teaching experience (years) 22.041 20.870 0.028

Treatment: T3
School engagement index (teacher) -0.370 0.397 0.000
Active pedagogical practices -0.265 0.175 0.000
Female student 0.396 0.718 0.000
Trust in newspapers (student) -0.178 0.149 0.000
School socioeconomic status (IPS) 114.659 109.693 0.000
Political participation (student) 0.152 -0.102 0.000
Newspaper consumption (student) 0.223 0.111 0.000
Experience in current school (years) 9.381 11.754 0.000
Teaching experience (years) 20.636 18.538 0.000
News knowledge (student) -0.067 0.067 0.020

Notes: This table reports Classification Analysis (CLAN) results based on Generic Machine Learning estimates of heteroge-
neous treatment effects (Chernozhukov et al., 2025). The outcome is the Media Literacy Skills Index. Columns (2) and (3)
report mean values of baseline covariates for the 25% least and 25% most affected groups, respectively. Column (4) reports
the p-value of the difference between these two groups.
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I Additional Figures
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Notes: The Figure reports the treatment effects for our measure of trust in different media sources (answer to the question
“In general, how much do you trust information from the following sources?”).

Figure I.1: Treatment effects: Trust in media sources

85



-0.06

0.00

0.03

-0.06

-0.01

0.06

-0.07

0.05
0.07

-0.05 -0.05

-0.02

-0.15

-0.10

-0.05

0.00

0.05

0.10

0.15

0.20

Tr
ea

tm
en

t e
ffe

ct
s

T1: Free newspaper T2: Media education T3: Free + Educ

Trust in journalists (index) How much do you trust journalists
Journalists: Provide info that reflects reality Journalists: Positive role for democracy

Notes: The Figure reports the treatment effects for the three components of our trust in newspapers index considered
separately: (i) trust in journalists (red), (ii) the extent to which students agree with the following statement: “journalists
report information accurately and truthfully” (orange), and (iii) the extent to which students agree with the following
statement: “journalists play an important role in the political and democratic life of our country” (yellow).

Figure I.2: Treatment effects: Trust in journalists and perception of their work
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Control mean: Le Monde = 0.46 ; Courrier Inter = 0.19 ; France Info = 0.29 ; Konbini = 0.36 ; Hugo Décrypte = 0.58 ; Les Glorieuses = 0.09 ; Quotidien = 0.26

Notes: The Figure reports the treatment effects for the set of newsletter subscription indicator variables (each color
corresponds to the associated newsletter whose name is reported in the legend; e.g. red for Le Monde newsletter). The
question asked was the following: “As part of this study, we invite you to subscribe to one or more free newsletters that
will help you follow and understand major political, economic, and social issues in France and around the world. If you
are interested in one or more of the newsletters below, check Yes: you will be automatically subscribed and will receive
the newsletter every week starting next week! There is no commitment and you can unsubscribe from the newsletter at any
time.”

Figure I.3: Treatment effects: Newsletter subscription
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Notes: N=2912 (students who answered the follow-up survey).
Control mean: Currently subscribe to Le Monde = 0.12; Currently subscribe to Le Monde (including via shared account)= 0.19.

Notes: This Figure reports treatment effects on two different indicator variables measuring whether the students currently
subscribe to Le Monde.

Figure I.4: Treatment effects, Follow-up survey: Subscription to Le Monde
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Notes: N=2912 (students who answered the follow-up survey).
Control mean: Citing a precise news source (conditionally on mentioning a news source) = 0.45
Citing a precise news source (uncond) = 0.38.
The number of valid news sources variable is standardized and so the coefficient on this variable should be interpreted in SD terms.

Notes: This Figure reports treatment effects on three different variables measuring the ability to mention a precise news
source. For the subset of students who mention at least one news source, “Citing a precise news source (conditionally on
mentioning a news source)” is an indicator variable equal to one if the student mentions at least a precise news source, and to
zero otherwise. “Citing a precise news source (unconditionally)” is an indicator variable equal to one if the student mentions
at least a precise news source (whether or not it mentions a source), and to zero otherwise. “Number of valid news sources
(strictly defined)” is the standardized number of valid specific news sources mentioned by the student.

Figure I.5: Treatment effects, Follow-up survey: Ability to cite a precise news source
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Notes: N=846 (voting-age students who answered the follow-up survey).
Control mean: Registered to vote = 0.82; Voted in elections = 0.62.

Notes: The Figure reports the treatment effects on the political participation variables. Only voting-age students at the time
of the 2026 Municipal Elections are included. “Registered to vote” is an indicator variable equal to one if the student reports
that it is registered to vote, and to zero otherwise. “Voted in municipal elections” is an indicator variable equal to one if the
student reports that it voted in the municipal elections (either in the first and/or in the second round) and to zero otherwise.

Figure I.6: Treatment effects, Follow-up survey: Political participation in the 2026 municipal elections

0.04

0.07

0.04

0.08
0.07

-0.04

-0.10

0.00

0.10

0.20

Tr
ea

tm
en

t e
ffe

ct
s

T1: Free newspaper T2: Media education T3: Free + Educ

Registered to vote Voted in municipal elections

Notes: N=846 (voting-age students who answered the follow-up survey).
Control mean: Registered to vote = 0.82; Voted in elections = 0.62.

Notes: The Figure reports treatment effects on political participation outcomes using the robustness specification described
in equation (2). Following Athey and Imbens (2017a), students are partitioned according to whether their baseline political
participation index is above or below the sample median. The reported coefficients correspond to the average treatment
effects for T1, T2, and T3.

Figure I.7: Treatment effects, Follow-up survey: Political participation in the 2026municipal elections,
robustness check I
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Notes: N=846 (voting-age students who answered the follow-up survey).
Control mean: Registered to vote = 0.82; Voted in elections = 0.62.

Notes: The Figure reports treatment effects on political participation outcomes using the robustness specification described
in equation (2). Following Athey and Imbens (2017a), students are partitioned into four groups based on quartiles of the
baseline political participation index. The reported coefficients correspond to the average treatment effects for T1, T2, and
T3.

Figure I.8: Treatment effects, Follow-up survey: Political participation in the 2026municipal elections,
robustness check II
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Notes: N=307 (voting-age students who answered the follow-up survey and did not vote in the elections).
Control mean: Not aware = 0.09; No time or access = 0.55; Not interested = 0.15; Think politicians are useless = 0.02; Not enough informed = 0.13;
Didn't feel entitled to express opinion = 0.01; Only one list = 0.02.

Notes: The Figure reports the treatment effects on the reasons for not voting indicator variables. “Not aware” is an indicator
variable equal to one if the student reports that they did not know that there were any elections, and to zero otherwise. “No
time or access” is an indicator variable equal to one if the student reports either that they did not have the time or that it
couldn’t make it to the polling place, and to zero otherwise. “Not interested” is an indicator variable equal to one if the
student reports that they were not interested, and to zero otherwise. “Think politicians are useless” is an indicator variable
equal to one if the student reports that they think so, and to zero otherwise. “Not enough informed” is an indicator variable
equal to one if the student reports that they were not sufficiently informed, and to zero otherwise. “Didn’t feel entitled to
express opinion” is an indicator variable equal to one if the student reports that they did not feel entitled to express its political
opinion, and to zero otherwise. “Only one list” is an indicator variable equal to one if the student reports that they did not
vote because there was only one list, and to zero otherwise.

Figure I.9: Treatment effects, Follow-up survey: Reasons for not voting in the 2026municipal elections
(among eligible voters)
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