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1. Introduction

Does the way information is communicated matter in financial markets? While traditional
research has focused primarily on the content of disclosures, a growing body of evidence
highlights the importance of narratives in shaping investor beliefs and capital allocation
(Kostovetsky & Warner, 2020; Abis & Lines, 2024; Hillert et al., 2024). Holding fixed the
economic content of the communications, how the information is framed and articulated can
meaningfully influence investors’ perceptions and decisions. It suggests that communication
style may play an independent role in financial decision-making.

One important yet understudied dimension of managerial communications is rhetorical
expression. Unlike general tone or linguistic complexity, rhetorical expression reflects the
deliberate use of persuasive language to emphasize, contrast, or frame information without
altering its underlying content (McCloskey, 1983; Back, 1989; Hoefer and Green, 2016). In
practice, rhetorical expression often takes the form of specific rhetorical devices, such as
hyperbole, antithesis, and metaphor, which allow managers to selectively highlight favorable
aspects of performance or strategically downplay risk or unfavorable outcomes. These devices
can shape how investors interpret disclosed information by directing attention, strengthening
emphasis, or creating salient comparisons, even when the underlying facts remain unchanged
(Charteris-Balck, 2011 pp.16; Delbaere et al., 2011).

This rhetorical channel of managerial communications is especially salient in mutual fund
disclosures. Mutual funds rely heavily on narratives in their reports to communicate with
investors whom are typically retail investors with limited ability to process complex
quantitative information. This reliance on qualitative communication creates scope for
rhetorical expression to influence investor perceptions and capital allocation, above and beyond

disclosure of fund performance. Yet, despite the central role of narratives in mutual fund



disclosures, we know little about whether and how rhetorical expression shapes investor
behavior and managerial decisions.

In this paper, we examine how rhetorical expression in mutual fund managers’ disclosures
relates to investor behavior. We focus on narrative sections of mutual fund reports in China,
where disclosures are issued at the individual fund level and managerial responsibility is
typically concentrated in a single manager, allowing narrative choices to be attributed to
individual managers. In this setting, we identify rhetorical expression by detecting specific
rhetorical devices in manager-level communications using Large Language Models (LLMs).
By construction, this measure captures deliberate, device-based variation in how information
is presented while holding constant the underlying information disclosed. LLMs allow us to
identify such rhetorical devices directly, which is difficult to achieve using traditional
dictionary-based or readability measures. Using both fund-level and transaction-level data, we
analyse investor responses to rhetorical expression and examine related patterns in managerial
risk-taking and investor discipline.

We first document moderate adoption of rhetorical devices, with fund reports containing
1.08 rhetorical devices per document on average. Hyperbole and antithesis are the most
common rhetorical devices, each appearing in about 30% of fund reports. Metaphor, another
rhetorical device widely documented in prior linguistic studies, is used in approximately 10%
of fund reports. Rhetorical intensity is related to other textual features of fund reports,
exhibiting positive associations with sentiment and disclosure length, but a negative association
with readability.

Then we examine the relationship between rhetorical expressions and subsequent mutual
fund flow. If rhetorical language functions as a persuasion device, its effect should be
manifested in investors’ capital allocation decisions. Our empirical evidence show that more

rhetorical expressions are correlated with higher subsequent fund flows. This conclusion



remains significant after we control for other textual characteristics (Hwang & Kim 2017;
Hillert et al. 2025). Consistent with persuasion effect (DeHaan et al., 2026), our heterogeneity
analysis illustrates that such effect is more pronounced for small funds and funds dominated
by retail investors, which have less established reputation and less sophisticated investor base.

Leveraging unique transaction-level investor data including 200,000 investors, we further
explore the micro-level mechanism through which rhetorical language influences investment
behavior. Investors who are unfamiliar with a fund are more likely to rely on impressive
narratives when forming first-time purchase decision, whereas experienced investors can draw
on past information and holding experience, reducing the marginal impact of rhetorical
language (Ddbeli & Vanini, 2010). We find that rhetorical expressions exert their positive effect
at the point of first-time purchase, while their effect reverse once investors have established
experience with the fund.

We also run several tests to alleviate endogeneity problems. First, leveraging the
regulatory disclosure schedule and transaction-level data, we conduct a timing test and show
that rhetorical expressions predict investor flows only in the disclosure month, but not
beforehand. Second, our empirical evidence remains robust after controlling for manager or
family fixed effects, suggesting that the documented effects are not driven by managerial
characteristics or family-level disclosure practices. Third, we exploit the 2019 regulatory policy
as a quasi-experiment that strengthened mutual fund disclosure requirements. We find that the
persuasive effect of rhetorical language weakens significantly following the policy change,
consistent with tighter constraints on discretionary narrative framing. Finally, to alleviate
potential misclassification in our rhetorical measures, we convert the continuous variables into
dummies and examine the effects of different rhetorical devices. The results are robust with

hyperbole and metaphor particularly effective in attracting fund flows.



Then we explore whether investors benefit from chasing rhetorical expressions. We first
examine whether rhetorical intensity predicts subsequent fund performance. While the
predictive power of mutual fund narratives remains debated (e.g., Chu & Kim, 2019; Hillert et
al., 2025), rhetorical expressions—unlike tone, which may convey managerial expectations or
information (Li, 2010)—capture a purely stylistic dimension, potentially providing a cleaner
measure. Our empirical results reveal that funds employing more rhetorical expressions cannot
generate superior performance. This result is robust using raw returns and multiple risk-
adjusted alphas, suggesting that rhetorical expressions do not convey information about
managers’ stock-picking ability or future performance. However, we find that rhetorical
expressions are associated with higher future risk-taking. Such managerial behavior pattern is
mainly driven by deviating more from their stated benchmarks.

While rhetorical expressions can attract investor attention and shape expectations, they
may also entail potential costs when such expectations are not fulfilled. By making narratives
more salient, rhetorical language heightens investors’ sensitivity to subsequent outcomes. In
practice, these expectations are ultimately evaluated against realized returns: when subsequent
performance falls short, investors respond more strongly, often through increased redemptions.
Consistent with this mechanism, our empirical results show that the effect of rhetorical intensity
on fund flows depends critically on subsequent performance. Rhetorical expressions are
rewarded when followed by strong returns but penalized when subsequent performance is weak.

Our paper makes several contributions to the literature. First, we contribute to the
persuasive effect of marketing in mutual fund market. Previous studies show that mutual funds’
marketing and advertising efforts, such as increased visibility through media coverage and
promotional expenditure, significantly affect fund flows (Sirri & Tufano, 1998; Jain & Wu,
2000; Gallaher et al., 2015; Roussanov et al., 2021). Investors can be swayed by such marketing

efforts even when they provide limited informational content about underlying fund quality



(Cronqgvist, 2006; Mullainathan & Shleifer, 2005). In practice, mutual fund advertising takes
many forms, including newspaper postings (Jain & Wu, 2000), print and television ads
(Aydogdu & Wellman, 2011), as well as interactive formats like tweeting (Gil-Bazo & Imbet,
2025) and livestreaming (DeHaan et al., 2026). In our paper, we illustrate the persuasive power
of narratives in fund reports. Specifically, we find that the rhetorics in mutual fund reports can
attract investor flow although they do not signal superior performance subsequently.

Secondly, we contribute to a recent line of research on narratives. Prior studies show that
strategic use of narratives can influence investor behavior, such as the textual uniqueness of
investment strategies (Kostovetsky & Warner, 2020), elaboration on strategy descriptions (Abis
et al., 2022), and disclosure of private information (Cao et al., 2024). When mutual funds walk
the talk, such as investment strategies (Abis & Lines, 2024) or risk communication (Sheng et
al., 2025), investors tend to reward them with inflows. However, literature also reveals the
potential cost of strategic information disclosure. Hwang and Kim (2017) find that low
readability of shareholder letters leads to more discount for closed-end funds. DeHaan et al.
(2021) discover that managers tend to use complex narratives to obfuscate high fees, raising
investors’ learning costs. Our research illustrates that the strategic adoption of rhetoric by
mutual fund managers can not only attract investor inflow but also lead to potential costs when
performance is inferior. Hillert et al. (2025) also demonstrate that extremely positive
communication accompanied by inconsistent performance can lead to investor outflow.

Third, our research contributes to a rapidly growing literature on the application of LLMs
in finance. The recent advent of LLMs has influenced not only the corporates practices but also
the financial academia (see a comprehensive review by Eisfeldt & Schubert (2024)). This
technique is especially crucial for textual analysis in financial contexts, such as financial news
(Chen et al., 2022; Tan et al., 2023; Chen et al., 2025), conference calls (Kim et al., 2023),

annual reports (Niu et al., 2025; Breitung & Miiller, 2025), loan descriptions (Cong et al., 2024),



analyst reports (Li et al., 2026) and so on. However, relatively little work has applied LLMs to
mutual fund disclosures. One notable exception is Gao et al. (2024), who primarily examine
the relationship between the sentiment of fund reports and subsequent returns. Rhetoric relies
heavily on the contextual information and relationship across sentences, where LLMs can be
particularly effective. Our research utilizes LLMs to analyse the rhetorical language in mutual
fund reports and reveals how such disclosure influences investors’ decisions.

The remainder of this paper is organized as follows. Section 2 presents the institutional
background of Chinese mutual fund disclosure and rhetorical expressions. Section 3 displays
data, variable construction, and descriptive statistics. Section 4 analyzes the impact of
rhetorical expressions on subsequent mutual fund flow. Section 5 uses several methods to
address endogeneity concerns. Section 6 explores the relationship between rhetorical

expressions and managerial subsequent behavior. Section 7 concludes the paper.

2. Institutional Background
2.1 Managers' Discussions on Chinese Mutual Fund Reports

The CSRC requires mutual fund managers to explain their fund’s investment strategy and
performance, with reference to prevailing macroeconomic and market conditions in the
Operational Analysis section of quarterly reports. Such review of performance and macro
economy parallels the shareholder letters included in N-CSR/N-CSRS filings submitted to the
SEC. Neither disclosure type is strictly limited to specific topics, resulting in substantial
variation in content that typically covers fund performance, macroeconomic and market
conditions, and investment strategies.

Despite these similarities, several important differences distinguish Chinese Operational

Analysis from shareholder letters. First, N-CSR/N-CSRS filings in the U.S. are prepared at the



fund family level and often cover multiple funds within a single report®. In contrast, Chinese
mutual fund reports are issued at the individual fund level, granting fund managers greater
flexibility to express their own narrative style. Second, the SEC permits U.S. mutual funds to
discuss specific securities in their portfolios, including related operations and analyses.
However, Chinese fund managers are prohibited from naming individual securities in their
disclosures to prevent the potential transmission of insider information. Finally, regarding
disclosure frequency, U.S. N-CSR/N-CSRS filings are submitted semi-annually, while Chinese
fund reports are released quarterly, offering a more timely and dynamic perspective. In
conclusion, Chinese mutual funds provide us with a unique setting to explore the personal
narrative style of mutual fund managers.
2.2 Rhetoric and LLM

Rhetoric is the “disciplined use of language in communication to shape how information
is interpreted and weighted, thereby influencing decisions under conditions of limited attention
and cognitive resources” (McCloskey, 1983; Back, 1989; Hoefer and Green, 2016). Rhetoric
is closely linked to persuasion: by carefully choosing words and structuring narratives,
communicators can make certain interpretations more compelling by rhetoric (Young, 2003;
Herrick, 2020 pp.3). This persuasive power explains why rhetorical devices are widely used
across contexts. For example, politicians sometimes use metaphor as a persuasive instrument
to advocate their own policies or oppose the policies of others (Charteris-Black, 2011 pp.16).
Additionally, Delbaere et al. (2011) illustrate that personification can lead to more positive
emotions and greater brand liking from consumers in advertising field. In the context of mutual
funds, managers’ deliberate use of rhetorical language shapes how investors perceive and

interpret fund disclosures, thereby influencing their beliefs and investment decisions.

4 As summarized by Hillert et al. (2025), the N-CSR filings contain 8.3 unique funds on average.
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Traditional natural language processing (NLP) approaches face inherent limitations in
capturing rhetorical expressions in financial communication. Rhetoric is not defined by the
frequency of specific words, but by how economic information is structured and emphasized
to guide interpretation (McCloskey, 1983; McCloskey, 1998 pp.6). Accordingly, rhetorical
expressions are contextual, which makes them difficult to measure using conventional NLP
methods. For instance, dictionary-based approaches proxy textual attributes through predefined
word lists (Loughran and McDonald, 2016; Frankel et al., 2022). In practice, however, the same
lexical item can serve different rhetorical functions depending on context, causing dictionary
measures to miss substantial variation in rhetorical expression. Supervised machine-learning
methods partially mitigate these concerns by learning patterns from labelled data, but their
ability to identify rhetoric is constrained by the nature of the training labels (Bochkay et al.,
2023). Such labels typically fail to distinguish among multiple rhetorical devices that may
coexist within the same disclosure.

In recent years, LLMs pretrained on enormous texts illustrate effectiveness in capturing
semantic and contextual information in long texts (Huang et al. 2023; Tan et al. 2023; Chen et
al. 2025). By learning relationships across sentences and paragraphs and integrating
information over extended contexts, LLMs are able to recognize narrative structure beyond
isolated words. These capabilities allow LLMs to capture how information is emphasized and
connected within a disclosure, making them particularly necessary as traditional NLP struggles

to capture these rhetorical patterns.

3. Data and Variable Construction
3.1 Measurement of Rhetorical Expression
Prior research suggests that language models are often language-specific, and cross-

language application can pose challenges (Du et al., 2022; Chen et al., 2025; Cao et al., 2025).



This is also relevant for rhetorical analysis, as rhetorical devices are closely tied to linguistic
conventions (Michael-Luna & Canagarajah, 2015). In this paper, we adopt a Chinese LLM
developed by the Qwen team at Alibaba Group, namely Owen-3-Max, released in September
2025. The model is pre-trained on approximately 36 trillion tokens and has over one trillion
parameters, enabling it to capture rich contextual and structural features of natural language
(Yang et al., 2025).

To measure rhetorical intensity, we adopt a few-shot prompting strategy with an explicit
role setting for the LLM?>. First, assigning the model the role of a fund investor anchors its
interpretation to financially relevant reading norms (Bini et al., 2025), ensuring that rhetorical
intensity is evaluated from the perspective of investors rather than from the perspective from
linguists or psychologists. Second, compared with zero-shot prompt, a few-shot prompt
reduces ambiguity in identifying rhetorical devices by explicitly illustrating how different
rhetorical forms operate in fund narratives, which is essential given the contextual and
interpretive nature of rhetoric (De Kok, 2025).

We instruct the model to identify and quantify eight types of rhetorical devices, namely
Metaphor, Personification, Hyperbole, Antithesis, Parallelism, Quotation, Hypophora, and
Rhetorical Question. These devices are widely recognized in rhetoric and communication
studies as core tools for persuasion, emphasis, and audience engagement, and are among the
most prevalent and salient forms of rhetorical expression in business and financial discourse®.
By focusing on these well-established rhetorical strategies, we capture the primary mechanisms

through which fund managers can shape narratives and influence investor perceptions.

5 The prompt is Chinese when we import it into the LLM. Appendix Table A1 shows both the English and Chinese version.
¢ Merriam-Webster, one the largest and oldest American reference book publisher, has listed the most commonly used
rhetorical devices, which includes our listed devices. See more on https://www.merriam-webster.com/grammar/rhetorical-
devices-list-examples. Moreover, the Speaker Lab, a practitioner-oriented platform focused on public speaking and
persuasive communication, also listed the power rhetorical devices in communication. See more on
https://thespeakerlab.com/blog/rhetorical-devices-examples/.
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Our first measure, REScore, is the overall rhetorical intensity score directly generated by
the LLM. REScore ranges from 0 to 100 and reflects the model’s assessment of rhetorical
intensity from the perspective of an individual investor reading the report. Importantly, this
score is not a mechanical aggregation of specific rhetorical devices. Instead, it synthesizes
multiple aspects of rhetorical expression into a document-level evaluation, such as the
frequency, distribution and salience of rhetorical devices throughout the disclosure.

The second measure, RERatio, captures the relative frequency of rhetorical device usage.
Specifically, we sum the # of all eight rhetorical devices identified by the LLM and scale this
value by the number of sentences in the report as formula (1):

. 28:1 # of Rhetorical Device;
RERatio; ,= : -

: (M

#of sentences; ,

where i, 7, ¢ denotes fund, rhetorical devices and quarter respectively. # of Rhetorical Devicei
is the frequency of rhetorical device » in report of fund i in quarter ¢g. This normalization
accounts for variation in disclosure length and captures the density of rhetorical expressions.
Compared with REScore, RERatio offers a more objective measure by quantifying the actual
frequency of rhetorical devices relative to the number of sentences.

These two measures capture rhetorical intensity from complementary perspectives.
REScore reflects the overall impression of rhetoric in a report, synthesizing frequency,
distribution, and salience of rhetorical devices into a holistic document-level evaluation.
RERatio quantifies the relative frequency of specific rhetorical devices normalized by report
length, providing a transparent, density-based view of rhetorical expression. Together, they
offer a more comprehensive picture of how rhetorical language is deployed, combining
perceptual and quantitative aspects.

We compare the two measures of rhetorical expressions with other textual features
including sentiment (Hillert et al., 2025), length and readability (Hwang & Kim, 2017).
Following Antweiler & Frank (2005), we generate the sentiment index using positive and
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negative words in mutual fund disclosures as identified by the financial sentiment dictionary
of Jiang et al. (2019). The length of mutual fund disclosures, denoted by Length, is measured
by the logarithm of the number of characters in fund reports. Following Loughran and
McDonald (2014), we define Readability as the negative logarithm of the average sentence
length, since longer sentences are more difficult to comprehend.

3.2 Sample and Summary Statistics

We collect quarterly mutual fund reports primarily from iFinD, supplementing missing
data with RESSET. Our sample period spans from 2009Q1 to 2024Q4. Since 2009, Chinese
mutual funds have been required to file these reports using the eXtensible Business Reporting
Language (XBRL) format and follow a standardized template. This regulation ensures a
uniform reporting structure, enabling us to consistently identify the Operational Analysis
section based on its title. Across the full sample period, we successfully identify Operational
Analysis sections for 73,052 out of 74,112 fund—quarter observations, accounting for a
proportion of 98.57%.

We obtain data on fund characteristics, fund returns, as well as manager information from
the China Stock Market and Accounting Research (CSMAR) database. To ensure
comparability across funds, we focus on actively managed equity and balanced funds with at
least 60% of assets allocated to stocks’, excluding international, index, bond, and money
market funds. We exclude funds with less than two years of history to address incubation bias
(Evans 2010; Brown & Wu 2016). Finally, we merge the mutual fund data with textual
disclosures using the unique fund code assigned by the CSRC. We exclude funds whose core

variables are missing. Our final sample spans from 2009Q1 to 2024Q4, comprising 2,628

7 Our fund classification is based on the categories provided by the RESSET database’s China Galaxy Securities’ Fund Rating.
We include funds from the following categories: standard equity funds (Class A), mixed funds with stock allocation limits
between 60% and 95% (Class A), mixed funds with an upper stock limit of 95% (Class A), mixed funds with an upper stock
limit of 80% (Class A), and flexible funds with stock allocation limits between 60% and 100% (Class A).
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unique funds and 53,422 fund-quarter observations. In our analyses, all continuous variables
are winsorized at the 1st and 99th percentiles and standardized cross-sectionally.

Summary statistics are presented in Table 1. Panel A presents descriptive statistics for
mutual fund disclosures. The average rhetorical intensity is 20.806, indicating that most fund
managers rely on relatively conventional language rather than extensive rhetorical expressions.
The mean RERatio is 0.115, which means fund disclosures contain roughly 1.08 rhetorical
devices per report on average, given that each report in our sample comprises 9.391 sentences.
Regarding other textual characteristics, the average sentiment score is positive, indicating that
fund reports generally convey a favorable tone, with the frequency of positive words exceeding
that of negative words. The length of this section varies widely, ranging from 30 to 3,000
Chinese characters, with an average of 432 characters, corresponding to approximately 48
characters per sentence.

Panel A also summarized other fund characteristics. On average, quarterly fund flows
amount to 1.0%, aligning with the moderate growth observed in China’s actively managed
equity fund sector documented in Fang et al. (2024). The distribution of Total Net Assets (TNA)
spans a wide range, ranging from 6 million CNY to 10 billion CNY, with an average of
approximately 463 million CNY. The sample funds have been in continuous operation for
roughly 69 months and are affiliated with fund families managing an average of 17 billion CNY
in TNA. The average quarterly raw return in the sample is 1.5%, suggesting that Chinese
actively managed equity funds, on average, deliver positive investment performance. In general,
our descriptive statistics of fund characteristics is highly consistent with previous literature
(Chen et al., 2024; Hong et al., 2025).

We next examine how rhetorical intensity relates to other textual characteristics of fund

reports. Panel B of Table 1 shows that increased rhetorical expressions is associated with more
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positive sentiment, longer texts and lower readability. These associations are statistically
significant.

Lastly, we summarize the importance of different rhetorical devices. Specifically, for each
quarter, we calculate the average # of funds employing each type of rhetorical device and report
the results in Panel C of Table 1. Our sample includes 853 funds per quarter on average.
Hyperbole is the most common rhetorical device in the mutual fund reports, employed by 256
funds per quarter, which represents 30.03% of all funds. The second most frequent device is
antithesis, used by 30% of funds. Metaphor, a frequently studied rhetorical device in the prior
literature, ranks fourth in our sample, with approximately 89 funds employing it each quarter.

[Insert Table 1 Here]
4. Investors’ Response to Rhetorical Expressions
4.1 Rhetorical Expressions and Fund Flow

Prior studies provide evidence that fund disclosures significantly influence investors’
decision-making and shape subsequent fund flows (Kostovetsky & Warner 2020; Hillert et al.
2024; Sheng et al. 2025). One unexplored channel through which disclosures may affect
investor behavior is the use of rhetorical expressions. Such expressions can attract investors’
attention and guide their interpretation of a fund’s strategy, market conditions, or performance
by making complex information more vivid, or emphasizing key messages in a salient way. In
this section, we first examine the relationship between rhetorical expressions and subsequent
mutual fund flows.

To examine whether rhetoric expressions can affect mutual fund flows, we adopt the
following panel regression model:

Flow; g1 = a+fRE; ,+y Controls; g +hitu e, (2)

where Flow;4+1 represents fund flows in quarter ¢g+1 (one quarter ahead), and RE; , captures the
rhetorical intensity of fund 7 in quarter g. We use fund flows one quarter ahead since mutual
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funds typically release their quarterly reports within 15 business days after the quarter ends,
thus investors can only respond to narratives in the subsequent quarter. Controls;, contains a
range of fund-level characteristics, including fund size (TNA), age (Age), quarterly return
(Return) and family size (FTNA). Since previous literature demonstrates that mutual fund flows
are sensitive to various textual characteristics (Hwang & Kim 2017; Hillert et al. 2024), we
also take these features in account in other columns, including Sentiment, Length and
Readability. We include fund fixed effects (4;) to absorb time-invariant fund characteristics,
thereby identifying the effect of rhetorical expressions based on within-fund variation over time.
We also include time fixed effects (u,) to account for quarterly macroeconomic conditions or
regulatory changes that may affect fund flows across all funds. Standard errors are clustered at
the fund level. Variable definitions are provided in the Appendix Table A2.

The results are shown in Table 2. We use the two rhetoric measures in Section 3.1, namely
REScore, and RERatio. We include mutual fund characteristics in columns (1) and (3), and
other textual features in columns (2) and (4). We demonstrate that the adoption of rhetorical
language is significantly related to future fund flow. Specifically, funds that use more rhetorical
expressions in their reports attract higher investor flows in the subsequent quarter, with the
coefficient being significant at the 1% level (t = 3.782). The magnitude of the effect is also
economically meaningful. Take column (2) as an example, a one standard deviation increase
in rhetorical intensity is associated with a 2.5% standard deviation increase in fund flow. For
RERatio, the statistical and economical magnitudes are similar. The results remain robust when
we control for other textual indicators, which suggests that our measure captures incremental
variation beyond other textual dimensions.

[Insert Table 2 Here]

4.2 Heterogeneity Analysis of Fund Characteristics
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If rhetorical expressions can persuade investors, their impact should vary with the degree
to which investors’ attention is drawn to narrative disclosures and the persuasive power of
rhetorical language. Such sensitivity is unlikely to be uniform across funds or investor groups,
as it depends on factors such as a fund’s established reputation and investors’ level of
sophistication. In this section, we explore potential sources of heterogeneity in the effect of
rhetorical expressions on fund flows across different fund and investor characteristics.

Following DeHaan et al. (2026), we first examine heterogeneity in the effect of rhetorical
expressions across funds of different Size. Fund size captures differences in the extent to which
managers need to persuade investors through narrative disclosure. Larger funds typically have
more established reputations, longer performance histories, and more stable investor bases,
which reduce managers’ reliance on rhetorical language as a persuasive instrument. For these
funds, investors are more likely to make their decisions on observable and persistent
characteristics rather than on rhetorical language in disclosures. As a result, investor responses
to rhetorical expressions are expected to be weaker among large funds. We implement this
analysis by splitting funds at the cross-sectional median of TNA. We expect the relationship
between rhetorical expressions and subsequent fund flows to be stronger among smaller funds,
for which rhetorical narratives play a more important role in persuading investors.

Previous literature also illustrates that different Investor Structure may react
heterogeneously to rhetorical expressions. For example, Konig et al. (2018) show that CEOs’
use of metaphors in conference calls can trigger more favourable coverage from journalists,
but more unfavourable assessments from analysts, as more sophisticated audiences may
interpret rhetorical expressions as distracting noises. In our context, retail investors are more
likely to regard rhetorical expressions as promotional or persuasive signals, while institutional
investor may perceive such strategic disclosure as noisy or uninformative. Therefore, we expect

the relationship between rhetorical expressions and subsequent fund flows to be more
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pronounced for funds dominated by retail investors, while weaker for funds dominated by
institutional investors. To test this hypothesis, we split funds by investor composition, using a
70% cutoff for high retail investor ownership.

The results are shown in Table 3. Consistent with our hypotheses, we find that the effect
of rhetorical expressions on subsequent fund flows is more pronounced among smaller funds.
Rhetorical narratives play a more important persuasive role when funds lack established
reputations and stable investor bases. We observe similar heterogeneity across investor
composition. The relationship between rhetorical expressions and future fund flows is still
significant for funds dominated by retail investors but disappears for funds with high
institutional ownership. This pattern is consistent with retail investors being more influenced
by rhetorical framing, whereas institutional investors exhibit little reaction to such disclosure.

[Insert Table 3 Here]
4.3 Rhetorical Expression and Investor First-time Purchase

If rhetorical expressions can persuade, they are likely to be most effective when investors
encounter a fund for the first time. The impact of rhetoric depends on investors’ experience and
sophistication, with retail investors being particularly sensitive to persuasive language. For
these investors, rhetorical expressions play a central role in forming first impressions, which
guide their initial investment decisions (Ddbeli & Vanini, 2010). In contrast, more experienced
or sophisticated investors rely on prior knowledge and accumulated experience, reducing the
marginal influence of rhetorical expressions on their behavior.

We have acquired unique and detailed transaction records for 200,000 retail investors on
the Ant investment platform to examine the influence of rhetorical expressions on individual
investors’ decisions. The time interval spans from January 2019 to December 2020. The data
set records the timing of each purchase and redemption, the amounts invested or redeemed,

and the duration for which investors hold each fund. In addition, it contains a rich set of investor
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characteristics, including gender, age, and cash flow classifications®. We also construct
quarterly fund flows using such data, where validation checks show that the constructed
quarterly flows are highly consistent with our baseline fund-level flows, with a correlation of
99%.

We use the following panel regression model, to examine how rhetorical expressions
influence retail investor investment decisions, especially their first-time purchase decisions:

NetPurc;j y+1= ot "RE; ,,+ B, RE; ,, XFlirstPurc; ,, ty Controls; ,, +2;+ O+ +&; 1 (3)
where k£ denotes the user and m denotes month. A, 6k, un are fund, user, month fixed effects
respectively. The dependent variable NetPurc is monthly amount of investor net purchase,
measured as the total amount of investor purchases minus investor redemptions within a month.
FirstPurc equals 1 if the purchase corresponds to the first time the user has ever purchased the
fund, and 0 otherwise’. We also control for another two user-level characteristics in this
specification, namely the total net purchase across all funds in the previous month (7NetPurc)
and the total value of the investor’s portfolio in the previous month (7PortSize). Including these
variables allows us to account for investors’ recent trading behavior and financial capacity,
which is important for isolating the effect of rhetorical expressions on individual investors’
decisions. The standard deviation is clustered on user-level.

The results are shown in Table 4. The interaction term between rhetorical intensity and
investor first-time purchase dummy is significantly positive, indicating that rhetorical
expressions are particularly influential at the first-time purchase stage, when investors are

forming their first impressions and are more susceptible to persuasive narratives. Furthermore,

8 This study was remotely conducted on the Ant Open Research Laboratory in an Ant Group Environment. All data was
sampled, desensitized and analyzed on the Ant Open Research Laboratory. The laboratory is a sandbox environment where the
authors can only remotely conduct empirical analysis and individual observations are invisible. The main regression variables
include basic variables, investment variables, and consumption variables. A detailed documentation can be found on
https://www.deor.org.cn/labstore/laboratory.

® Although our main analysis sample spans from 2019 to 2020, this variable is not defined based on the first-time purchase
within the sample period. Ant Group provides the complete historical record of each user’s first-time purchase date for each
fund, which allows us to identify whether a purchase in 2019 to 2020 is the user’s first-ever investment in that fund, even if
the user’s first-time fund investment occurred prior to 2019.
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the standalone coefficient on rhetorical intensity is significantly negative, demonstrating that
rhetorical expressions are associated with subsequent investor outflows among investors who
already hold the fund. It suggests that, for these investors, accumulated experience and realized
performance reduce the persuasive power of narrative disclosures, and rhetorical language may
instead be interpreted as less informative or even distracting. Taken together, these results
highlight that the persuasive effect of rhetoric is concentrated at the entry stage, while its
influence diminishes, and may even reverse once investors have established longer-term
experience with the fund managers.

[Insert Table 4 Here]

5. Addressing Endogeneity Concerns
5.1 Timing Tests of Investor Decisions

A potential concern is whether the observed link between rhetorical expressions and
investor flows genuinely reflects responses to disclosed information, rather than being driven
by unobserved factors or anticipatory trading. If rhetorical expressions merely capture
unobserved fund characteristics or time-varying sentiment, investor flows might respond
before the report is formally released. To address this concern, we conduct a timing test that
explicitly examines whether investor reactions are concentrated around the disclosure month,
rather than occurring in advance.

Our timing test exploits both the regulatory disclosure schedule and monthly account-
level investor data of Ant Open Research Laboratory. Since 2004, the CSRC has required
mutual funds to complete and disclose their quarterly reports within 15 working days after the

end of each quarter'’. As a result, fund managers typically release their quarterly reports in the

19Tn 2004, CSRC announced the Measures for the Administration of Information Disclosure by Securities Investment Funds
No. 4: Content and Format of Quarterly Reports, which standardizes the required timing and content of mutual fund quarterly
disclosures. See more on https://fg.amac.org.cn//governmentrules 3854/zcgz gfxwj/gfxwij gmjj/gfxwj gmjj xxpl/202003/t
20200312 24750.html.
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first month following the quarter-end, while no new narrative information is released during
the quarter-end month. This institutional setting allows us to cleanly separate investor flows
before and after disclosure. Empirically, we examine investor responses in the quarter-end
month and the subsequent disclosure month, and test whether rhetorical expressions predict
fund flows only after the report becomes publicly available.

The results are reported in Table 5. Consistent with the disclosure-based interpretation,
we find that rhetorical expressions have a significantly positive effect on investor flows in the
report disclosure month, when investors are able to observe the fund managers’ narratives. The
coefficient of REScore and RERatio are 1.8% (t = 10.537) and 0.8% (t = 4.953) respectively.
In contrast, the corresponding coefficients for the month prior to disclosure are small and
statistically insignificant (t=0.675 for REScore and t = 0.341 for RERatio). This timing pattern
suggests that investors do not react in advance, but instead respond immediately once rhetorical
content is released, providing strong evidence that rhetorical expressions influence investor
behavior through the information disclosure channel rather than through pre-existing trends or
other omitted factors.

[Insert Table 5 Here]
5.2 Controlling for Manager and Family Fixed Effects

It is natural to expect that fund managers change their narrative style following managerial
turnover. Prior studies also show that managerial turnover after poor performance can attract
investor flows (Kostovetsky & Warner 2015). To account for potential confounding factors
associated with both fund flows and managers’ narrative choices, we additionally control for
fund manager fixed effects. This specification effectively absorbs all time-invariant
characteristics of individual funds and managers, as well as quarterly shocks that affect all

funds simultaneously. As a result, the identification relies on within-manager, within-fund,
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within-quarter variation, isolating the effect of changes in managerial narrative style from
unobserved heterogeneity at the fund or manager level.

Mutual fund families often implement standardized templates to constrain the content and
format of fund managers’ disclosures'!. Regulatory and industry practices have progressively
formalized these templates in recent years'?, and fund families may update or revise templates
accordingly. To account for this structured environment, we additionally include fund family
fixed effects in our regressions. This specification absorbs family-level shocks and template
changes that simultaneously affect multiple funds within the same family in a given quarter.
Consequently, the identification comes from within-family, within-fund, within-quarter
deviations, allowing us to compare how managers adapt their narrative style under common
family-level disclosure templates.

The results are shown in Table 6. In columns (1)-(2) and (5)-(6), we include fund, manager,
and quarter fixed effects. In columns (3)-(4) and (7)-(8), we include fund, family, and quarter
fixed effects. Across both sets of specifications, our main results remain positive and
statistically significant, indicating that the relationship between rhetorical expressions and
future fund flows is consistent when controlling for manager-level heterogeneity and family-
level disclosure templates, thereby demonstrating the robustness of our results.

[Insert Table 6 Here]
5.3 Evidence from a Quasi-experiment

To further examine how rhetorical expressions influence investors’ decisions, we exploit

a quasi-experimental setting based on regulatory changes. Stricter disclosure requirements are

likely to limit managers’ use of rhetorical devices: for instance, metaphors are expected to

! In American market, such misbehavior has been detected and charged by SEC. The Northern Lights Fund Trust submitted
to shareholders ‘“boilerplate” statements about fund advisers, and paid $50,000 in penalties. See more on
https://www.investmentnews.com/mutual-funds/sec-charges-mutual-fund-firm-with-misleading-shareholders-on-
advisers/51220. In Chinese market, some mutual funds make mistakes in information disclosure which may be caused by
simply pasting the templates in the fund family. See more on https://www.stcn.com/article/detail/1171890.html.

12 The policy shock we utilize in Section 5.3 may serve as a representative example.
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remain closely tied to underlying investment activities, and hyperbolic expressions are
constrained to avoid excessive exaggeration. These limitations reduce managers’ flexibility in
emphasizing favorable narratives or clarifying complex concepts beyond fundamental
information, thereby weakening the persuasive power of rhetorical language and its ability to
shape investor perceptions and attract flows.

On July 26, 2019, the CSRC issued the Measures for the Administration of Information
Disclosure of Publicly Offered Securities Investment Funds (MAIDF), which was officially
implemented on September 1, 2019. Compared to the 2004 regulation, the MAIDF introduces
clearer and more rigorous standards aimed at improving the quality and uniformity of mutual
fund disclosures. Under the new framework, fund management companies are mandated to
“strengthen the management and control of undisclosed fund information”. The CSRC is
empowered to “regularly evaluate the quality of information disclosure by fund managers and
incorporate it into the fund management company’s classified supervision and evaluation index
system”. In general, these measures significantly increase regulatory scrutiny and promote
greater standardization in mutual fund.

To examine the impact of the regulatory change implemented in 2019Q3, we define a
dummy variable Post, which equals 1 after 2019Q3 and 0 otherwise. To maintain sample
consistency, our analysis focuses on the mutual funds that were active as of 2019Q2. Given
that the regulation applies universally to all mutual funds in China, we capture its differential
effect through the interaction term of rhetorical expressions and the dummy variable for the
policy. We use the time window from 2017Q3 (-8) to 2021Q3 (+8) and estimate the following
model:

Flow; g11= atf"RE; ;, xPost,+f, RE; ;+y-Controls; g +4; e 4)

where Post is a dummy variable which equals 1 (0) for the post-event (pre-event) window.
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Table 7 reports the regression results. The coefficient on the interaction term between
rhetorical expression and the post-regulation indicator is negative and statistically significant,
indicating that the association between rhetorical expressions and subsequent fund inflows
differs before and after the implementation of the MAIDF. Specifically, funds with higher
levels of rhetorical expression exhibit a weaker persuasive power for investors after the policy.
This pattern suggests that under a more standardized disclosure framework, rhetorical language
plays a less prominent role in shaping investors’ capital allocation decisions.

[Insert Table 7 Here]
5.4 Presence and Frequency of Rhetorical Devices

Although our rhetorical measures are derived from LLMs, they may still be affected by
potential measurement error due to the contextual and interpretive nature of rhetorical
classification. To mitigate the impact of such misclassification on our results, we transform the
continuous measures into dummy variables, focusing on whether the presence and frequency
of rhetorical devices can affect investor response. This approach focuses on more reliable
distinctions which reduce the influence of potential noise in the continuous measures. In
addition, we extend the analysis to examine the effects of different categories of rhetorical
devices on subsequent fund flows.

In Table 8 Panel A, we first define a dummy variable # REDevice >(), which equals to 1
if the report uses at least one rhetorical device. Columns (1) and (2) show that the presence of
rhetorical devices significantly increases future fund flows. Then, we additionally define two
dummy variables # REDevice =1 (# REDevice >1), which equals to 1 if the report has one
(more than one) rhetorical device. The results are shown in columns (3) and (4). The coefficient
of # REDevice >1 is significantly positive while that of # REDevice =1 is insignificant,
suggesting that using multiple rhetorical devices is more effective in attracting investor

attention and increasing fund flows.
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We next examine how different rhetorical devices contribute to subsequent fund flows.
Consistent with the construction of RERatio, we measure the dense of each rhetorical device
as its frequency scaled by the # of sentences in the report. Table 8 Panel B reports the regression
results. We find that the adoption of hyperbole and metaphor is positively and significantly
associated with future fund flows, whereas other rhetorical devices show no significant effects.
These findings suggest that not all rhetorical expressions are equally effective in influencing
investor behavior. Hyperbolic language may attract investors by emphasizing the perceived
importance of information (Bochkay et al., 2020) and increasing the salience of fund narratives
under limited attention. Meanwhile, metaphors help managers convey abstract market
conditions or investment strategies in more concrete and intuitive terms, thereby enhancing the
persuasive power of disclosures (Charteris-Black, 2011, pp.15). Overall, these results indicate
that rhetorical devices that simplify complexity or heighten emphasis are particularly effective
in shaping investor responses.

[Insert Table 8 Here]

6. Further Analyses
6.1 Rhetorical Expression and Fund Performance

Then we explore whether investors benefit from chasing rhetorical expressions. While a
substantial literature has studied various predictors of mutual fund returns (e.g. Chen et al.,
2004; Kacperczyk et al., 2005, 2008; Hoberg et al., 2018; Kaniel et al., 2023; Gantchev et al.,
2024), the predictive power of mutual fund narratives remains debated. For instance, Chu and
Kim (2019) find that negative tone in narratives is associated with higher subsequent
performance, whereas Hillert et al. (2025) report no significant relationship. Unlike tone, which

may reflect managerial expectation or substantive information (Li, 2010), rhetorical
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expressions capture a purely stylistic dimension of fund disclosures, potentially yielding a
cleaner result.

We estimate fund alphas by first calculating each fund’s factor loadings over the prior 24
months and then computing the average difference between the realized monthly return and the
return predicted by the factor model (Kaniel et al., 2023). We consider three benchmark models,
namely CAPM, Fama-French three-factor model (Fama & French, 1993) and Fama-French-
Carhart four-factor model (Carhart, 1997). We regress fund performance on rhetoric expression
in the previous quarter using panel regression model:

Performance; .= a+f'RE; , +y'C0ntrolSl.’m Tt T m %)
where dependent variables are performance of fund i in month m+1, including raw return (Ref),
alpha estimated by CAPM (4lpha CAPM), Fama-French three-factor model (4/pha 3-factor),
and Fama-French-Carhart four-factor model (4/pha 4-factor). The regressor of interest is RE,
which denotes rhetorical expression in the previous quarter'>. Controls represent a set of textual
characteristics, namely sentiment (Sentiment), length (Length) and readability (Readability),
and fund characteristics such as fund size (TNA), age (4Age), quarterly return (Return) and fund
family size (FTNA). We include both fund fixed effects (/) and time fixed effects (). Standard
errors are clustered at the fund level. Variable definitions are provided in the Appendix Table
A2.

Table 9 presents the results. In all specifications, we find no significant relationship
between usage of rhetorical expressions in fund reports and future fund performance, whether
measured by raw returns, or various risk-adjusted alphas. Our results are also consistent with
Kostovetsky and Warner (2020), Hillert et al. (2024) and DeHaan et al. (2025), which indicate
that mutual fund strategic information disclosure can hardly reflect stock-picking skills. In

general, this finding indicates that rhetoric devices in fund disclosures, while potentially

13 For example, the performance measure from January to March 2019 is matched with the rhetoric intensity in 2018Q4.
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effective in attracting investor attention and capital, cannot generate better investment
outcomes.

[Insert Table 9 here]
6.2 Rhetorical Expressions and Managerial Risk-taking

Our earlier results show that stronger rhetorical expressions do not translate into better
fund performance. This section examines potential implication of managerial usage of rhetorics
for their risk taking. Rhetorical language in fund disclosures may steer managers toward more
ambitious or unconventional strategies, exposing investors to higher risks. The narrative factor
represents a novel channel beyond previously documented determinants of risk-taking,
including past performance (Chevalier & Ellison, 1997; Huang et al., 2011), managerial
characteristics (Kempfet al., 2009; Hu et al., 2011; Ma & Tang, 2019). To explore this potential
channel, we examine whether funds that employ more intensive rhetorical expressions are
associated with higher subsequent risk-taking.

We adopt three risk measures following prior research (Ang et al. 2006; Ma & Tang 2019;
Sheng et al. 2025), including total risk (7otal Risk), systematic risk (Sys Risk), and idiosyncratic
risk (Idio Risk), as independent variables. We then estimate the following panel regression:

Risk; 1= a+pRE; , +y'C0ntrolsl.,m FAitu, Fe (6)
where the dependent variables are risk-taking proxies. The variable of interest is RE, which is
rhetorical expression in the previous quarter. Controls represent a set of fund fundamentals.
The standard errors are adjusted for Newey-West standard errors with 4 lags.

The results are shown in Table 10. We find that more rhetorical expressions are associated
with increased risk-taking behavior. In column (1), the coefficient of REScore is 0.060 and
statistically significant at the 1% level (t = 7.269), indicating that a one standard deviation
increase in rhetorical expression corresponds to a 6.0% standard deviation increase in total risk.

Column (2) shows a similar positive relationship with systematic risk, with a coefficient of
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0.030 (t=4.172). In column (3), the correlation is more salient for idiosyncratic risk, with a
coefficient of 0.057 (t = 7.101), suggesting that a one standard deviation increase in narrative
modification corresponds to an 5.7% standard deviation increase in idiosyncratic risk. All the
results are similar for RERatio. In conclusion, funds with more rhetorical expressions are
associated with more aggressive risk-taking behavior.

[Insert Table 10 here]

We further examine how fund managers take risks. Mutual funds typically disclose their
investment objectives in prospectuses, but managers do not always adhere strictly to these
guidelines in practice (Wermers, 2012; Cao et al., 2017). Such deviations, commonly referred
to as style drift, reflect managerial discretion in adjusting portfolio positions relative to
benchmark allocations. Our previous empirical results indicate that stronger rhetorical
expressions are associated with greater subsequent risk-taking, suggesting that rhetoric may
coincide with shifts in managerial behavior beyond what is disclosed. Accordingly, we expect
that fund managers who employ more rhetorical languages are more likely to deviate from their
self-stated investment styles.

We use the deviation of fund return to benchmark index return to proxy for style drift.
Specifically, we define the style drift measure as the absolute difference between the fund’s
return and the benchmark index return in each month, denoted as Abs(ReturnBench). The
benchmark index could be an index that follows the same style as the product’s portfolio
(Cremers et al., 2022). This measure captures the magnitude of divergence between actual
performance and the expected style benchmark return, with larger absolute deviations
indicating greater style drift. If a fund consistently adheres to its stated investment style, its
return should closely track the return of the corresponding style benchmark, resulting in a small

return difference. In contrast, when a fund deviates from its intended style, its realized return
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may diverge from the benchmark regardless of whether the deviation leads to outperformance
or underperformance.
We use the similar panel regression model in formula (6), with dependent variable

replaced by Abs(ReturnBench). The results are shown in Table 11'*

. We find a significantly
positive relationship between rhetorical intensity and future fund style drift. A one standard
deviation increase in rhetorical intensity leads to 2.7% (t = 4.721) standard deviation increase
in in style drift. This finding highlights a tangible cost to investors: when investors chase
rhetorical expressions, they bear greater deviations from the fund’s stated investment style,
resulting in additional unintended risk exposure.
[Insert Table 11 here]

6.3 Potential Cost of Rhetorical Expression for Fund Managers

Our findings show a positive association between rhetorical expressions and subsequent
fund inflows, which raises the question of why managers do not continuously use rhetorical
devices to attract inflow. Rhetorical language makes narratives more salient, drawing investor
attention and amplifying the perceived importance of disclosed information. At the same time,
it heightens investors’ sensitivity to subsequent outcomes: when realized returns fail to validate
rhetorically framed expectations, investors update their beliefs and reassess the credibility of
managerial communication (Hillert et al., 2025), potentially reducing the effectiveness of
rhetoric in driving fund inflows.

Building on this view, we argue that the impact of rhetorical expressions on subsequent
flow is conditional on subsequent performance. When strategically rhetorical expressions are
followed by poor performance, investors are likely to interpret such language as promotional
talk with limited informational value about managerial ability, leading to investor redemptions.

In contrast, when strong subsequent performance accompanies rhetorical disclosures, investors

14 The observation is slightly smaller in this regression compared to results in Table 9 and Table 10, as some of the funds do
not state their benchmark indexes.
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are more inclined to view them as credible signals of managerial effort and transparency, which
reinforces confidence and attracts additional inflows.

Referring to previous literature (Huang et al. 2007; Franzoni & Schmalz 2017; Li et al.
2017; Huang et al. 2022), we adopt a flow-performance sensitivity framework and introduce
an interaction term between rhetorical intensity and fund return in the subsequent quarter.
Specifically, we estimate the following panel regression:

Flow,;qﬂ = a+ﬁ’1RE,-,q XReturn; 4, +ﬁ’2RE,-,q+y'C0ntrolS,-,q+/1,~+/zq +eiy @)
where the dependent variable includes both mutual fund flow. We also construct two dummy
variables, High and Low, indicating whether a fund’s return falls into the top or bottom quintile,
respectively, to distinguish the effect of rhetorical expressions for outperforming versus
underperforming funds.

The results are shown in Table 12. The interaction term between rhetorical intensity and
subsequent returns is significantly positive, indicating that rhetorical expressions attract greater
inflows when followed by stronger performance. More importantly, the interaction between
rhetorical intensity and High is significantly positive, whereas the corresponding interaction
with Low is significantly negative. These findings indicate that the effect of rhetorical language
on investor behavior depends critically on following performance: they reward rhetorically rich
disclosures when managers deliver outstanding performance, but penalize such rhetoric when
performance is inferior. Overall, rhetorical language amplifies investors’ responses to future
outcomes, benefiting managers when results are favorable but imposing greater costs when
outcomes are poor.

[Insert Table 12 Here]
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7. Conclusion

This paper examines whether rhetorical expressions in mutual fund reports influence
investor behavior in the Chinese mutual fund market. Leveraging advanced LLMs to quantify
rhetorical intensity, we provide evidence that more rhetorically expressive disclosures are
associated with higher subsequent fund flows. This effect is particularly pronounced among
smaller funds and those dominated by retail investors. Using account-level transaction data, we
further show that this effect is concentrated in investors’ first-time purchase decisions,
indicating that rhetorical language is particularly influential when investors form first
impressions. Our findings are robust across a range of robustness tests, including disclosure
timing tests, manager- and family-level fixed effects, a regulatory policy shock, and alternative
dummy measures of rhetorical usage. Importantly, while rhetorical language attracts investor
capital, it does not predict superior future performance and is instead associated with higher
subsequent risk-taking and more style drift. Moreover, investors condition their responses on
realized outcomes, rewarding rhetorically expressive managers following strong performance
but penalizing them when subsequent performance is poor.

Our study contributes to the literature on strategic disclosure and persuasions in financial
markets. Whereas prior research primarily focuses on textual attributes such as tone, sentiment,
or readability, we highlight rhetorical expressions as a distinct and economically meaningful
dimension of financial communication. Rhetorical language illustrates a fundamental tension
in financial disclosure: while narratives can enhance communication and attract attention, they
may also function as persuasive instruments that do not convey incremental information about
managerial skill. In this sense, rhetoric occupies a grey area between transparency and
persuasion, with implications for both investor learning and agency conflicts.

Our findings have important implications for investors, fund managers, and regulators.

For investors, rhetorical expressions in fund reports should be interpreted with caution, as they
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may serve primarily as attention-grabbing devices rather than reliable signals of future
performance. For fund managers, the strategic use of rhetorical language entails potential costs:
when not supported by subsequent performance, such disclosures may be perceived as
impression management, leading to reputational damage and capital outflows. For regulators,
our results suggest that while rhetorical language can facilitate communication, it may also
amplify the risk of misleading disclosures, underscoring the importance of standardized

reporting frameworks and effective supervision to protect investor interest.
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Table A1 Prompt
This table presents the detailed instructions given to Qwen-3-Max to capture the rhetorical intensity in mutual fund reports. We provide both the Chinese and English
version of our prompt. We start with the basic information of our input texts and main task the LLM should finish. Then, we provide definition and examples of 8

different rhetorical devices. We also impose restrictions on the rating criteria. Finally, we ask LLM to standardize its response.
Vairable English Prompt Chinese Prompt
Forget all previous instructions. You are now a fund investor. Below is a fund’s &I Z IR R . RIER — L EESHEE . THE—KHE
review of macroeconomic conditions, capital markets, and fund operations 4%} Fitk—ANFBEEMWAL . BATI. ELEEBNEE
over the past quarter. From the perspective of how an investor would feel when o 5 AR 13 B S AN R o, ek B S AR M A A

reading this text, please evaluate the overall intensity of rhetorical expression & N N %
in the text and report the frequency of each type of rhetorical device. ij;i?;%ggﬁ%ﬁl deviee) {YSRELILATII ), JF FLém i e fh 2T
LR 2 °

You may refer to the following types of rhetorical devices and their typical

examplos when making your assesoment. PRATLAZ % F IR [ KT P 5 e 5 R R BT T 40
(1) Metaphor: A rhetorical device that explains an object or idea by referring to ( 1) Hifgi(Metaphor): Z{EHES $% o BRI, )
another object or idea with shared characteristics. For example: BE PR R — Y BGE B R R TR, X EGE R

e “For this fund, the adopted strategy is based on the long-term certainty 77 B.f5 —LSe3t & &, Ebdn.
of equity assets. Like navigating at sea at night, a distant lighthouse o “NUIFARSTIE, TN G5 IE 2 5 By % e

guides the direction toward shore.” o K AT RE A S, fEMT F AT RS, A AT B
e “Mr. Market behaves like a pendulum, constantly swinging between J6 B 2 i B T
REScore g votcooling, spending only brief moments at @ iy kI, (@ABHIR, Bl TALA ALY
RERati (2) Personification: Attributing human actions or characteristics to inanimate Z IR, AP B 5 P I I ) SR AR
ano . sbjects. For example: (2) LA (Personification): K oA dr 4 7 BAKIIAT y, A

e “With multiple strong economic support policies introduced FtATEML, Hiln:
domestically, the market instantly shook off its drowsiness and sprang o “EHNHEEGEZIAFILEEK, HWEHRK, THEE4s

to life.” T, WEiE e
o “From a medium- to long-term perspective, the government is in fact o “TUNRETHRKIINEE, i RES (L miaE

strengthening its body and honing its internal capabilities while ML, ek, =4N17

safeguarding the bottom line of security and stability.” . e
(3) Hyperbole: Deliberately exaggerating the characteristics of people, events, (3) 5 K(Hyperbole): RfF Mz N FERIIHr Rl BT LS

or objects to create a strong impression, causing a clear departure from literal ; ‘& ffﬂ?éj(%?{fiiﬁ;fi w Iﬁ%mﬁ#ﬁsﬁgig JE:; :_EEE’J%
facts. You should judge, based on context, whether the fund manager is SSAHZEARZE, DAMIPRBLEAUEI G BRALAR G B4 1 SOA T AL 4

intentionally exaggerating or merely stating facts. For example: SRR MRS KIS EFR ST, thin:
e “The subsequent bursting of the bubble caused these so-called o “BHEJSMIVEIRM K, b1 FTIE 3L A K KK,
beautiful dreams to vanish into thin air, with grand narratives TERMFEWGZIRTAE, FNLASTE TRk E”

collapsing entirely and speculators paying a painful price.”
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o “In the long run, the application space far exceeds computing power;
truly disruptive applications could generate tenfold or even
hundredfold returns.”

(4) Antithesis: Highlighting the main subject by contrasting it with opposing,
differing, or contradictory elements. For example:

o  “Pessimists win the present, optimists win the future.”

e “The road is tortuous, but the future is bright.”

(5) Parallelism: Using three or more words, phrases, or sentences with similar
structure and length, and related or identical meanings, to enhance rhetorical
force. For example:

e “In the parallel world of the stock market, participants view it from
different perspectives depending on their circumstances: it has a
surreal side, an irrational side, an uncertain side, a dangerous side, as
well as a greedy side and a fearful side.”

o “We firmly believe that China’s long-term trend of reform, opening-
up, and innovative transformation will not change; we firmly believe
that a group of outstanding firms will seize this historical opportunity
and achieve long-term profit growth; we firmly believe that
excessively pessimistic market sentiment will eventually normalize,
and the A-share market will ultimately assign reasonable valuations to
these future champions, delivering substantial returns to investors.”

(6) Quotation: Citing famous individuals, events, literary works, classical
allusions, idioms, proverbs, maxims, or poems to support the author’s
viewpoint and strengthen the argument. For example:

e “In the second quarter, the market moved beyond the ‘mountains and
rivers with no road ahead’ of early Q1 and entered a phase of ‘another
village after the dark willows and bright flowers.””’

e ““Once one recognizes the face of the spring wind, a thousand
blossoms reveal that it is spring.” We hope that, as our investment
framework continues to improve and mature, we can deliver more
stable, superior, and sustainable returns to investors.”

(7) Hypophora: Asking a question with an obvious answer to emphasize a point
and enhance persuasiveness. For example:

e “For globally priced commodities, the missed opportunity traces back
to the second half of 2022, when I began to wonder: if the world’s
major currencies are, to some extent, artificial, then to what extent can
commodity prices be genuine?”

o “KIWE, NMHMAENE R TR, HAAFAEE RN

3 IR ol e R S RSN SR Rt I
(4) At (Antithesis): A A 20BN LR FD A A,
SRR FARSEY . A, BAHE R 3 EE YR IR
YA IR B, B BRAAFERTT A, Hdn:

o CIEMEMMAUT, FUFEmMFARK”

o TEERAMITHY, HiEGIAM”

(5) HEtb(Parallelism): FJFH =H)JELLL 25 RIK BR800, =
SOHREARE IR, R ECE) TSRS, BB — R R E
A, tin:

o YERTTIXAPATH S, S5 EEAFLE Y HE R
EAAFRAEMARNEZE, EAEREr—m. JF
PEMER) —T . AW —1m . fakr—im, g
— IR ) — T . 7

o C“TAVRMEHEATEIIN. HHAHHKEAASS
MR RATREAASH MRS MR IEE1X
A7 SLALIE I SEEURE AR AT E LA R
IR BIER, A R 2ok 45X AR TS
ML A BRE AL, T2 085 7K =F R B4R ”

(6) 7| H(Quotation): #&H A AKITE, A4 NFIH. ¥, 7
i, EE BOE. B E . BIES, KCRHMEFERILY,
PR BREB A I05E H QT ES, AR AT NS,
.

o TP, WiHIEN 7 —ZEERTE R HAKE LR,
T — BT A AL B X — A i e

o “HENHISARNIN, HETALER. AEMERNK
BIAESE WA W B A s, AR R B AR e
BB st nldi ”

(7) I (Hypophora): HiE#HER T30, RHIEERELS, L
WMol R, BB ES” W7 ECE S BRI, .

o ST ABREN IR, A I S AU [ A 2022 4

T, YRR LR EE: W e ke E R TR e —
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“However, as the disclosure season for annual and quarterly reports
approached, market characteristics reversed. With many emerging
growth stocks missing earnings expectations, investors began to
question whether future prospects had already been excessively priced
in.”

(8) Rhetorical Question: Posing a question and then answering it within the text
to emphasize key points and attract the reader’s attention. For example:

“What is risk? Setting aside strict semantic or economic definitions,
we believe the core of risk lies in the possibility of actual loss.”
“What is the primary contradiction in this market? The A-share market
has transitioned from a complex game involving institutions and
numerous individual investors to one dominated by institutional
investors, implying that it has become increasingly difficult for
institutions to profit from less sophisticated retail investors. As a result,
value reversion driven by fundamentals is strengthening while
technical arbitrage opportunities are weakening.”

Additional requirements:

1.

Your score must range from 0 to 100, where a higher score indicates
greater rhetorical intensity. A score of 0 means no rhetorical devices
are used, while 100 indicates that the text is entirely rhetorical. You
should comprehensively consider the frequency, distribution, and
salience of rhetorical devices throughout the text, rather than assigning
a high score based on isolated instances.
The scoring guidelines are as follows:
0-20: Only very occasional, mildly decorative wording
20-40: Everyday, restrained writing with one or two mildly rhetorical
sentences
40-70: Frequent rhetoric, but still primarily focused on standard
informational disclosure
70-100: Extremely dense rhetoric with extensive use of multiple
rhetorical devices
For each text, you must provide a numerical score and a count of each
rhetorical device. Your response must be in JSON format only, without
any additional text. For example:
{

"REScore": <overall rhetorical intensity score>,

"Metaphor": <count>,

EFEE LB, BAmMMIEELZ KEE LR
2

o C“YHFF NFMMBRPEEEELX G, TIHFAEH WL
e, REFMKMR D SIA BT, #5%E 05
RBOENRKT FERESL? 7

(8) Jxin](Rhetorical Question): JCHEM A, BAZIMA], EEHRE
TG A I CASR I, X7 AR R RS A R A, RN R
WHAYR T, .

o KIS RATA? PRI X BT SR E L, AT
AR IR (A% o A2 SRR 75 i iR o] R

o AN EETFIE R AT A BT CE A FIA
A NBE BT AR B 2 B 1T 3 % 1) DANLAG % %
RNERTY, XEWRENA T LR E AR M
AT R BRI N BT IS s, A IETa e
o] U= R A A U855, R A T B B AN i 22 S A R A A B
g ”

POEA N ER:

(1) PRAGPES 75 B HI7E 0 2 100 2 18], 20 W) SCAE F /Y
EREFIER R, 0 FRBABRIEH, 100 &R HAE
BRI NS . B LSEA 5 FRASTE T VEAE SCARF AR . 4 A i FE A1
EHRFERE, XPRARME R EAT IRy, A RIS IME RS 4h
R VST

(2) AT HIVE bRtk
RAERABAEFS RASESCARR), YF7E 0 2] 20 43
Hw s Bl BRI — A SRR, PFAE 20 2] 40
oo
BT Z AR CLIE 15 B N SO, PRAMAE 40 2 70 &
RN ESE . REHIZFMERETFERSCAR, PE(E 70 2] 100
7
(3) WBOUAIRTE LS BT 0F o, A RMERE LA
EKgirt, RIEFHELL JSON A, AERIFHANE,
a:
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"Personification": <count>, { “ RhetoricIntensity” : ARG RERE RV, “Eor” - Lhmr B

"Hyperbole": <count>, MY, “BIA” - BUCHILIOUCE, “H" « FHIIRH,
,g““ﬁ’j?ls . count, “RAST RATHBLIO S, “HERL” : HEL BTG, <31
. arallelism’: <count>, SUR B R E, < Bel” - el ML cE, “ ™ - Bl B
Quotation": <count>, I

"Hypophora": <count>, A E}%éﬁ’]‘gf’ﬁ i ES

"RhetoricalQuestion": <count> NI TS AEFIBUESL .

}

Below is the fund’s operational analysis text.
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Table A2 Variable Definition

Variable Name Definition
Panel A: Textual Characteristics
REScore Rhetorical intensity scores generated by qwen-3-max using prompt in Table A1.
8| # of Rhetorical Device,
. ing
RERatio; ;=
RERatio # Qfsentencesiyq

The total number of all eight rhetorical devices in a fund report divided by the
number of sentences in the report.

#REDevice Number of rhetorical devices.
pos. +1
Sentiment; , = In(—2—
neg, +1
Sentiment where pos and neg are positive and negative word numbers in mutual fund
disclosures identified by the financial sentiment dictionary proposed by Jiang et al.
(2019).
Length The logarithm of number of characters in the fund report, plus one.
Readability The logarithm of the sentence lengths in the fund report, plus one.
Panel B: Fund Characteristics
TNA The logarithm of Total Net Assets.
Age The logarithm of the number of months since the fund’s inception.
Return Accumulative raw return of the fund in the quarter.
TNA; 4;-TNA,; 4.1
Flow; ;= ——————— - Return,
Flow TNA; 4.
where TNA is total net assets, Return is quarterly raw return.
FTNA The logarithm of the total net assets of all equity funds within the fund family.

Panel C: Individual Investor Characteristics

Monthly net purchase of a fund by an investor. Net purchase is the total purchase

NetPurc . .
value minus total redemption value.
TNetPurc Total monthly net purchase across all funds by an investor.
TPortSize Total value of portfolio across all funds by an investor.
Panel D: Manager Characteristics
Gender Equals 1 if the manager is male, and equals 0 if the manager is female.
PhD Equals 1 if the manager has PhD degree, and 0 otherwise.
Analyst Equals 1 if the manager used to work as an analyst, and 0 otherwise.
Panel E: Performance and Risk-taking
Ret Monthly raw return before fee of the fund.
Alpha CAPM Alpha generated from CAPM. Beta is estimated using monthly fund returns in the

previous 24 months.

Alpha generated from the Fama and French (1993) three-factor model. Beta is
estimated using monthly fund returns in the previous 24 months.

Alpha generated from the Fama and French (1993) three-factor and momentum

Alpha 3-factor

Alpha #-factor model. Beta is estimated using monthly fund returns in the previous 24 months.

Abs(RetBench) The absolute value of monthly raw return minus monthly return of benchmark index.

Total Risk Standard deviation of daily raw return in a month.

Sys Risk Estimated coefficient of excess return on the MKT of Fama and French (1993) three-
factor model. Betas are estimated based on the daily fund returns and factor return.

Idio Risk Standard deviation of residuals of Fama and French (1993) three-factor model. The

estimation is based on the month level.
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Table 1 Summary Statistics
This table reports summary statistics of report textual and fund characteristics (Panel A), correlation between
rhetorical intensity and other textual characteristics (Panel B), and average number of funds using rhetorical
devices per quarter (Panel C). For each variable, the table displays the number of available observations
(Obs), the mean (Mean), the standard deviation (SD), the 1st (P1), 25th (P25), 50th (P50), 75th (P75), and
99th (P99) percentiles. The sample includes all actively managed equity funds from 2009Q1 to 2024Q4. All
variables are defined in detail in Appendix Table A2.

Panel A: Textual and Fund Characteristics

VarName Obs Mean SD P1 P25 Median P75 P99
REScore 53784 20.806 10.096 10.000 15.000 15.000 25.000 55.000
RERatio 53784  0.115 0.166 0.000 0.000 0.000 0.188 0.750
Sentiment 53784  0.712 0.776 -1.099 0.194 0.693 1.204 2.565
Length 53784  6.072 0.655 4.454 5.642 6.089 6.515 7.656
Readability 53784 -3.897 0.305 -4.677  -4.092 -3.892 -3.699  -3.183
Flow 53784 0.010 0.462 -0.517  -0.082 -0.030 -0.000 1.582
TNA 53784  19.950 1.630 15.632 18.839  20.075  21.156  23.055
Age 53784  4.242 0.607 3.178 3.738 4234 4718 5.429
Return 53784 0.015 0.113 -0.225 -0.056 0.002 0.075 0.352
FTNA 53784  23.559 1.510 18.435  22.783 23.770  24.638 25.901
Panel B: Correlation of Textual Characteristics
REScore RERatio Sentiment Length Readability
REScore 1
RERatio 0.737%** 1
Sentiment 0.147%** 0.114%** 1
Length 0.413%** 0.134%** 0.061*** 1
Readability -0.196%** -0.276%** -0.024%** () 490%** 1

Panel C: Average Number of Rhetorical Devices

VarName # of Fpnds Usi'ng Percentage.of Fund§ Using
Rhetorical Devices Rhetorical Devices

Hyperbole 256.381 30.031%

Antithesis 256.095 29.998%

Parallelism 129.968 15.224%
Metaphor 89.397 10.472%
Personification 36.381 4.261%
Quotation 25.762 3.018%
Hypophora 9.111 1.067%
RhetoricalQuestion 0.508 0.060%
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Table 2 Rhetoric Expression and Fund Flow
This table presents coefficient estimates from OLS regressions of fund flows on rhetorical intensity scores.
The sample includes all actively managed equity funds from 2009Q1 to 2024Q4, with observations
constructed at the fund-quarter level. All independent variables are lagged by one quarter. REScore is the
rhetorical intensity scores generated by Qwen-3-Max based on the prompt in Appendix Table Al. RERatio
is the number of rhetorical devices divided by the number of sentences in the report. Textual characteristics
(Sentiment, Length and Readability) and funds fundamentals (TNA, Age, Return and FTNA) are also
controlled. The detailed variable definitions are provided in Appendix Table A2. Time (quarter-level) and
fund fixed effects are included. Standard errors are clustered at the fund level. ¢-values are reported in

parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels respectively.

(1) (2) 3) “4)
Flow
REScore 0.021%** 0.025%**
(3.432) (3.782)
RERatio 0.018*** 0.018%*=*
(3.274) (3.153)
Sentiment 0.011%** 0.012%*
(2.140) (2.295)
Length -0.018%** -0.008
(-2.189) (-1.024)
Readability -0.005 -0.000
(-0.742) (-0.020)
TNA -0.448%** -0.448%** -0.448%** -0.448%**
(-26.619) (-26.656) (-26.636) (-26.633)
Age 0.158*** 0.157%%* 0.157*** 0.156%**
(5.374) (5.323) (5.340) (5.291)
Return 0.138*** 0.137%%** 0.138%** 0.137***
(24.293) (24.253) (24.311) (24.281)
FTNA 0.059** 0.061** 0.060** 0.061**
(2.468) (2.555) (2.489) (2.544)
Constant -0.006 -0.006 -0.006 -0.006
(-0.534) (-0.485) (-0.517) (-0.470)
N 53721 53721 53721 53721
R-squared 0.114 0.114 0.114 0.114
Fund FE Yes Yes Yes Yes
Time FE Yes Yes Yes Yes
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Table 3 Heterogeneity Analysis Based on Fund Characteristics
This table presents the heterogeneity analysis using fund characteristics of the correlation between rhetorical intensity and subsequent fund flow. The sample includes
all actively managed equity funds from 2009Q1 to 2024Q4, with observations constructed at the fund-quarter level. In columns (1) and (2), Small Fund refers to funds
with size lower than the cross-sectional median while Large Fund refers the opposite. In column (3) and (4), High Retail (Low Retail) refers to holding proportion of
retail investors is higher (lower) than 70%. All independent variables are lagged by one quarter. The detailed variable definitions are provided in Appendix Table A2.

Time (quarter-level) and fund fixed effects are included. Standard errors are clustered at the fund level. z-values are reported in parentheses. ***, ** and * indicate

statistical significance at the 1%, 5%, and 10% levels respectively.

ey 2 (3) C)) (5) (6) @) (8)
Flow
Small Fund Large Fund High Retail Low Retail Small Fund Large Fund High Retail Low Retail
REScore 0.050%*** 0.004 0.024%%** 0.030
(3.930) (0.582) (3.737) (1.618)
RERatio 0.044*** -0.003 0.019%** 0.016
(3.988) (-0.601) (3.184) (1.164)
Sentiment 0.013 0.006 0.005 0.006 0.014 0.007 0.006 0.007
(1.417) (1.276) (1.008) (0.514) (1.504) (1.403) (1.146) (0.589)
Length -0.028* -0.001 -0.015%* 0.012 -0.010 0.001 -0.006 0.025
(-1.826) (-0.064) (-1.816) (0.549) (-0.667) (0.159) (-0.734) (1.157)
Readability 0.009 -0.013** 0.001 -0.001 0.021 -0.014** 0.006 0.003
(0.757) (-1.999) (0.102) (-0.044) (1.590) (-2.124) (0.861) (0.155)
TNA -0.612%** -0.477*** -0.383%** -0.578%** -0.611%%* -0.476%** -0.382%** -0.577***
(-17.075) (-16.678) (-16.790) (-15.452) (-17.107) (-16.679) (-16.776) (-15.423)
Age 0.241%** 0.014 0.183%** -0.027 0.238%**%* 0.013 0.183%** -0.028
(3.885) (0.374) (5.528) (-0.301) (3.834) (0.356) (5.512) (-0.308)
Return 0.145%** 0.130%*** 0.109%** 0.202%** 0.145%** 0.130%** 0.109%** 0.202%**
(16.139) (21.919) (19.189) (15.353) (16.189) (21.925) (19.218) (15.347)
FTNA 0.100%*** 0.053* 0.093*%** -0.043 0.100%*** 0.053* 0.093*** -0.043
(2.814) (1.775) (3.639) (-0.738) (2.836) (1.773) (3.627) (-0.752)
Constant -0.403%*** 0.325%%* 0.002 0.018 -0.402%** 0.325%%* 0.002 0.018
(-12.995) (10.553) (0.111) (0.486) (-12.996) (10.561) (0.118) (0.491)
Observations 24995 28637 37632 14065 24995 28637 37632 14065
R-squared 0.133 0.170 0.163 0.189 0.133 0.170 0.163 0.188
Fund FE Yes Yes Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
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Table 4 Rhetoric Expression and Investor Initial Purchase Decisions

This table presents coefficient estimates from OLS regressions for the influence of rhetorical intensity on
investor initial purchase decision. The sample includes 200,000 retail investors provided by Ant Open
Research Laboratory and covers all actively managed equity funds they held from January 2019 to December
2020. Observations are constructed at the investor—fund—month level based on their transaction records. We
exclude inactive investors with monthly portfolio size less than 100 RMB. The dependent variable is monthly
investor net purchase value, measured as the total amount of investor purchases minus investor redemptions
within a month. The independent variable is the interaction term between rhetoric intensity and FirstPurc
(equals to 1 if it is the first time the user buys the fund). The detailed variable definitions are provided in
Appendix Table A2. Time (month-level), fund and user fixed effects are included. The standard errors are
clustered at the user level. t-values are reported in parentheses. ***, ** and * indicate statistical significance
at the 1%, 5%, and 10% levels respectively.

(1) (2)
NetPurc
REScore x FirstPurc 0.146%**
(65.511)
REScore -0.023***
(-22.400)
RERatio x FirstPurc 0.110%**
(40.440)
RERatio -0.016%**
(-18.302)
Sentiment -0.004*** -0.001
(-4.702) (-1.424)
Length 0.007*** 0.007***
(4.270) (4.627)
Readability -0.007%** -0.006%**
(-5.991) (-5.278)
TNA -0.157%** -0.158%**
(-44.089) (-44.381)
Age -0.028%*** -0.014
(-2.893) (-1.501)
Return 0.017*%* 0.018%**
(22.509) (24.566)
FTNA -0.065%** -0.076%**
(-10.855) (-12.652)
TNetPurc -0.061%** -0.061%**
(-35.936) (-35.960)
TPortSize 0.074%** 0.075%**
(21.129) (21.280)
N 2649923 2649923
R-sq 0.088 0.085
User FE Yes Yes
Fund FE Yes Yes
Time FE Yes Yes
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Table 5 Timing Test Based on Individual Decisions
This table presents coefficient estimates from OLS regressions for the timing effect of rhetorical expressions.
The sample includes 200,000 retail investors provided by Ant Open Research Laboratory and covers all
actively managed equity funds they held from January 2019 to December 2020. Observations are constructed
at the investor—fund—month level based on their transaction records. We exclude inactive investors with
monthly portfolio size less than 100 RMB. The dependent variable is monthly investor net purchase value,
measured as the total amount of investor purchases minus investor redemptions within a month. The key
independent variable is the measure for rhetorical expressions. Columns (1) and (3) use only observations
from the report release month, whereas columns (2) and (4) use only observations from the month prior to
the report release. The detailed variable definitions are provided in Appendix Table A2. Time (month-level),
fund and user fixed effects are included. The standard errors are clustered at the user level. t-values are

reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10% levels

respectively.
(1) (2) 3) (4)
NetPurc
Report Month ~ Pre-Report Month ~ Report Month ~ Pre-Report Month
REScore 0.019%** 0.001
(10.537) (0.675)
RERatio 0.008*** 0.000
(4.953) (0.341)
Sentiment -0.011%** 0.000 -0.010%** 0.000
(-7.458) (0.238) (-6.826) (0.276)
Length 0.007** -0.003* 0.014%** -0.002*
(2.492) (-1.817) (5.215) (-1.763)
Readability 0.003 -0.002* 0.004* -0.002*
(1.351) (-1.922) (1.783) (-1.877)
TNA -0.098*** 0.005 -0.098*** 0.005
(-16.003) (1.540) (-15.999) (1.531)
Age -0.048%** 0.002 -0.037%* 0.002
(-2.560) (0.162) (-1.994) (0.209)
Return 0.033*** -0.001* 0.031*** -0.001*
(24.880) (-1.705) (23.602) (-1.718)
FTNA 0.037*** -0.001 0.045%** -0.000
(3.180) (-0.122) (3.896) (-0.064)
TNetPurc -0.047%** 0.118%** -0.047%** 0.118%**
(-18.696) (27.001) (-18.694) (27.001)
TPortSize 0.088*** 0.011%* 0.088*** 0.011%*
(16.698) (2.019) (16.705) (2.019)
N 836113 836113 836113 836113
R-sq 0.205 0.277 0.205 0.277
User FE Yes Yes Yes Yes
Fund FE Yes Yes Yes Yes
Time FE Yes Yes Yes Yes
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Table 6 Controlling for Manager and Company Fixed Effects
This table presents coefficient estimates from OLS regressions of fund flows on rhetorical scores. The sample includes all actively managed equity funds from 2009Q1
to 2024Q4, with observations constructed at the fund-quarter level. All independent variables are lagged by one quarter. In columns (1)-(2) and (5)-(6), we include
manager, fund and quarter fixed effects. In columns (3)-(4) and (7)-(8), we include family, fund and quarter fixed effects. The detailed variable definitions are provided
in Appendix Table A2. Standard errors are clustered at the fund level. #-values are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%,

and 10% levels respectively.

1) 2 (3) ) (5) (6) 7 (3)
Flow
REScore 0.013** 0.015%* 0.021%** 0.025%**
(1.987) (2.172) (3.427) (3.777)
RERatio 0.013** 0.013%* 0.018%** 0.018%**
(2.203) (2.184) 3.270) (3.148)
Sentiment 0.014%** 0.011** 0.014%** 0.012%*
(2.614) (2.137) (2.669) (2.291)
Length -0.013 -0.018** -0.007 -0.008
(-1.371) (-2.186) (-0.778) (-1.022)
Readability -0.001 -0.005 0.002 -0.000
(-0.163) (-0.741) (0.322) (-0.020)
TNA -0.638%** -0.638*** -0.448%** -0.448%** -0.638%** -0.638%** -0.448%** -0.448***
(-28.371) (-28.348) (-26.581) (-26.618) (-28.378) (-28.345) (-26.598) (-26.595)
Age 0.22]%** 0.219%** 0.158%**%* 0.157%** 0.22]%*%* 0.219%** 0.157*%* 0.156%%**
(5.351) (5.315) (5.367) (5.316) (5.352) (5.320) (5.332) (5.284)
Return 0.128%** 0.127%*** 0.138%*** 0.137%%* 0.128%*%* 0.127%*** 0.138%*** 0.137%%*
(22.894) (22.840) (24.258) (24.218) (22.903) (22.854) (24.276) (24.246)
FTNA 0.029 0.030 0.059** 0.061** 0.029 0.030 0.060** 0.061**
(0.821) (0.867) (2.465) (2.551) (0.829) (0.868) (2.485) (2.540)
Constant -0.019 -0.018 -0.006 -0.006 -0.019 -0.018 -0.006 -0.006
(-1.124) (-1.084) (-0.533) (-0.485) (-1.129) (-1.092) (-0.516) (-0.470)
Observations 53621 53621 53721 53721 53621 53621 53721 53721
R-squared 0.184 0.184 0.114 0.114 0.184 0.184 0.114 0.114
Manager FE Yes Yes No No Yes Yes No No
Company FE No No Yes Yes No No Yes Yes
Fund FE Yes Yes Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
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Table 7 Evidence from a Quasi-experiment
This table presents coefficient estimates from OLS regressions of fund flows on rhetorical intensity scores.
We adopt the implementation of Measures for the Administration of Information Disclosure of Publicly
Offered Securities Investment Funds (MAIDF) as a quasi-experiment, which brings a more standardized and
strict information disclosure framework for mutual funds. The dummy variable Post equals 1 after 2019Q3
when MAIDF starts to implement. The time interval spans from 2017Q3 to 2021Q3, with observations
constructed at the fund-quarter level. The detailed variable definitions are provided in Appendix Table A2.
Time (quarter-level) and fund fixed effects are included. Standard errors are clustered at the fund level. -
values are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10%

levels respectively.

ey (2 3) “)
Flow
REScore % Post -0.055%*=* -0.054%**
(-3.115) (-3.030)
RERatio x Post -0.037%* -0.037%**
(-2.174) (-2.133)
REScore 0.064*** 0.061***
(4.235) (3.912)
RERatio 0.044%** 0.040%**
(3.086) (2.810)
Sentiment 0.012 0.014
(1.353) (1.573)
Length -0.006 0.005
(-0.347) (0.315)
Readability -0.012 -0.008
(-0.942) (-0.652)
TNA -0.558*** -0.558%*** -0.558%*** -0.558%***
(-12.208) (-12.258) (-12.171) (-12.203)
Age 0.223*%* 0.222%** 0.230%** 0.229%**
(3.097) (3.084) (3.191) (3.179)
Return 0.114%** 0.113%** 0.114%** 0.113%**
(11.427) (11.319) (11.431) (11.332)
FTNA 0.028 0.031 0.028 0.030
(0.528) (0.577) (0.526) (0.562)
Constant -0.051 -0.051 -0.055 -0.054
(-1.399) (-1.384) (-1.493) (-1.478)
Observations 15100 15100 15100 15100
R-squared 0.144 0.144 0.143 0.143
Fund FE Yes Yes Yes Yes
Time FE Yes Yes Yes Yes
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Table 8 Presence and Frequency of Rhetorical Devices
This table presents coefficient estimates from OLS regressions of fund flows on presence and frequency of
rhetorical devices. The sample includes all actively managed equity funds from 2009Q1 to 2024Q4. All
independent variables are lagged by one quarter. In Panel A, we use several dummy variables as our
independent variable. # REDevice >0 (# REDevice =1, # REDevice >1) is a dummy variable equals to
1 if the report contains more than 0 (equals to 1, more than 1) rhetorical devices. Panel B reports the
results of different rhetorical devices. The independent variable is the number of rhetorical devices divided
by the number of sentences. For instance, HyperboleRatio means the number of hyperboles in the fund
report divided by the number of sentences. The detailed variable definitions are provided in Appendix Table
A.2. Time (quarter-level) and fund fixed effects are included. Standard errors are clustered at the fund-level.
t-values are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10%

levels respectively.

Panel A: Total Frequency of Rhetorical Devices

(1) (2) (3) (4)
Flow
# REDevice >0 0.026** 0.030%*
(2.314) (2.554)
# REDevice =1 0.015 0.017
(1.138) (1.209)
# REDevice >1 0.037%%** 0.046%*
(2.635) (3.142)
Sentiment 0.012** 0.012%**
(2.259) (2.260)
Length -0.015%* -0.019**
(-1.821) (-2.175)
Readability -0.005 -0.005
(-0.695) (-0.739)
TNA -0.455%** -0.455%%* -0.456%** -0.456%**
(-25.785) (-25.806) (-25.795) (-25.832)
Age 0.158%** 0.157*** 0.158*** 0.157***
(4.979) (4.924) (4.983) (4.927)
Return 0.138%*%* 0.136*** 0.138*** 0.137%**
(23.689) (23.627) (23.692) (23.634)
FTNA 0.050** 0.052%** 0.050** 0.052%**
(2.078) (2.154) (2.073) (2.160)
Constant -0.016 -0.018 -0.017 -0.020
(-1.052) (-1.125) (-1.117) (-1.261)
Observations 51040 51040 51040 51040
R-squared 0.116 0.116 0.116 0.116
Fund FE Yes Yes Yes Yes
Time FE Yes Yes Yes Yes
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Panel B: Frequency of Specific Rhetorical Devices

M (@) 3 (C)) %) (6) @) (®)
Flow
HyperboleRatio 0.016%**
(2.918)
AntithesisRatio 0.007
(1.381)
ParallelismRatio 0.003
(0.628)
MetaphorRatio 0.010%*
(1.981)
PersonificationRatio 0.004
(0.989)
QuotationRatio -0.006
(-1.243)
HypophoraRatio 0.004
(0.793)
RhetoricalQuestionRatio -0.004
(-0.914)
Sentiment 0.012%* 0.013%* 0.013%* 0.013%* 0.013%* 0.013%* 0.013%* 0.013%*
(2.407) (2.549) (2.458) (2.533) (2.528) (2.548) (2.557) (2.543)
Length -0.008 -0.008 -0.008 -0.009 -0.008 -0.007 -0.008 -0.008
(-0.972) (-1.013) (-0.976) (-1.114) (-1.036) (-0.900) (-1.035) (-0.969)
Readability -0.002 -0.004 -0.005 -0.005 -0.005 -0.005 -0.005 -0.005
(-0.278) (-0.568) (-0.676) (-0.676) (-0.742) (-0.774) (-0.763) (-0.774)
TNA -0.447*** -0.447*** -0.446%*** -0.447*** -0.446%** -0.446%** -0.446%** -0.446%**
(-26.591) (-26.614) (-26.597) (-26.650) (-26.595) (-26.606) (-26.608) (-26.598)
Age 0.155%** 0.155%** 0.155%** 0.155%** 0.155%** 0.154%%%* 0.154*** 0.154***
(5.259) (5.253) (5.245) (5.251) (5.245) (5.240) (5.237) (5.238)
Return 0.137%** 0.137%** 0.137%%* 0.137%%* 0.137%** 0.137%** 0.137%** 0.137%**
(24.257) (24.295) (24.290) (24.287) (24.293) (24.307) (24.302) (24.297)
FTNA 0.061** 0.061** 0.062%* 0.062** 0.062%* 0.061%** 0.061%* 0.062%*
(2.538) (2.549) (2.554) (2.556) (2.554) (2.544) (2.551) (2.558)
Constant -0.005 -0.005 -0.005 -0.005 -0.005 -0.005 -0.005 -0.005
(-0.455) (-0.446) (-0.436) (-0.437) (-0.438) (-0.434) (-0.426) (-0.431)
Observations 53721 53721 53721 53721 53721 53721 53721 53721
R-squared 0.114 0.114 0.114 0.114 0.114 0.114 0.114 0.114
Fund FE Yes Yes Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
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Table 9 Rhetorical Expression and Fund Performance
This table reports the panel regressions of fund performance on rhetorical expression and various fund characteristics, where independent variables are lagged by one
quarter. The sample includes all actively managed equity funds from 2009Jan to 2024Dec. The observations are at the fund-month level. Independent variables are
various fund performance proxies. Ret is the monthly raw return. Alpha CAPM, Alpha 3-factor and Alpha 4-factor are abnormal return-adjusted by CAPM, Fama-
French 3 factor model, and Carhart 4 factor model respectively. The detailed variable definitions are provided in Appendix Table A2. Time (month-level) and fund
fixed effects are included. The standard errors are clustered on fund level. #-values are reported in parentheses. ***, ** and * indicate statistical significance at the 1%,

5%, and 10% levels respectively.

Q) 2 3) “) () (6) (7) (®)
Ret Alpha CAPM__ Alpha 3-factor _ Alpha 4-factor Ret Alpha CAPM _ Alpha 3-factor _ Alpha 4-factor
REScore 0.006 0.004 0.005 0.004
(1.461) (1.076) (1.130) (0.998)
RERatio 0.003 0.002 0.004 0.005
(0.902) (0.547) (1.204) (1.424)
Sentiment 0.000 -0.000 -0.001 -0.000 0.001 -0.000 -0.001 -0.000
(0.154) (-0.079) (-0.328) (-0.018) (0.234) (-0.010) (-0.306) (-0.028)
Length -0.003 -0.004 -0.003 -0.004 -0.001 -0.003 -0.001 -0.002
(-0.581) (-0.869) (-0.651) (-0.773) (-0.138) (-0.551) (-0.310) (-0.484)
Readability -0.002 -0.004 -0.004 -0.002 -0.001 -0.003 -0.003 -0.001
(-0.538) (-0.888) (-0.978) (-0.553) (-0.332) (-0.750) (-0.704) (-0.232)
TNA -0.135%** -0.125%*%* -0.108*** -0.097%** -0.134%%* -0.125%** -0.108*** -0.097%**
(-16.251) (-15.702) (-14.227) (-12.312) (-16.204) (-15.670) (-14.233) (-12.338)
Age 0.027%** 0.018* 0.027** 0.027** 0.027%** 0.018* 0.027%* 0.027**
(2.612) (1.750) (2.557) (2.423) (2.586) (1.729) (2.547) (2.419)
Return -0.018*** -0.004 -0.005 -0.014%** -0.018%** -0.004 -0.005 -0.014%**
(-6.181) (-1.402) (-1.556) (-4.713) (-6.166) (-1.390) (-1.543) (-4.701)
FTNA -0.03 7% -0.039%*** -0.035%** -0.023* -0.037*** -0.039%** -0.035%** -0.023*
(-2.863) (-3.110) (-2.891) (-1.845) (-2.864) (-3.110) (-2.896) (-1.851)
Constant -0.000%** -0.000%** -0.000%** -0.000%** -0.000%** -0.000%** -0.000%** -0.000%**
(-5.286) (-4.895) (-8.640) (-4.107) (-5.164) (-4.806) (-8.577) (-4.021)
Observations 152850 152850 152850 152850 152850 152850 152850 152850
R-squared 0.023 0.023 0.026 0.027 0.023 0.023 0.026 0.027
Fund FE Yes Yes Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes Yes Yes

53



Table 10 Rhetorical Expression and Subsequent Risk-taking
This table presents the results of panel regressions examining the relationship between rhetorical expression
and various measures of risk-taking behavior, controlling for a set of fund characteristics. The sample
includes all actively managed equity funds from 2009Jan to 2024Dec, with observations constructed at the
fund-month level. In columns (1) and (4), the dependent variables are Total Risk, measured by the standard
deviation of daily return within a month. In columns (2) and (5), the dependent variables are Sys Risk, the
market beta estimated by the Fama-French three-factor model using daily return within a month. In columns
(3) and (6), the dependent variables are Idio Risk, defined as the standard deviation of residuals estimated by
the Fama-French three-factor model. The detailed variable definitions are provided in Appendix Table A2.
Time (month-level) and fund fixed effects are included. The standard errors are clustered on fund level. ¢
values are reported in parentheses. ***, ** and * indicate statistical significance at the 1%, 5%, and 10%

levels respectively.

1) (2) 3) 4) (5) (6)
Total Risk Sys Risk Idio Risk Total Risk Sys Risk Idio Risk
REScore 0.060*** 0.030%** 0.057***
(7.269) “4.172) (7.101)
RERatio 0.029%** 0.010* 0.029%**
4.374) (1.764) (4.697)
Sentiment 0.035%** 0.022*** 0.027*** 0.038*** 0.024%** 0.030***
(6.839) (5.055) (5.255) (7.304) (5.415) (5.713)
Length -0.025%* -0.015 -0.034%** -0.001 -0.003 -0.012
(-2.190) (-1.503) (-3.025) (-0.123) (-0.323) (-1.078)
Readability -0.007 -0.019%** 0.001 0.001 -0.016** 0.008
(-0.814) (-2.778) (0.070) (0.136) (-2.360) (0.968)
TNA -0.017 -0.013 -0.078%** -0.014 -0.011 -0.075%**
(-0.852) (-0.734) (-3.872) (-0.692) (-0.620) (-3.711)
Age 0.013 0.048** -0.002 0.010 0.047** -0.004
(0.527) (2.341) (-0.063) (0.419) (2.266) (-0.162)
Return 0.036%%* 0.021%*%** 0.058*%** 0.037*** 0.021%*%** 0.059%**
(9.338) (5.664) (14.586) (9.443) (5.726) (14.661)
FTNA 0.035 -0.012 0.011 0.035 -0.012 0.011
(1.064) (-0.430) (0.333) (1.055) (-0.430) (0.326)
Constant -0.000***  -0.000%** -0.000 -0.000***  -0.000%** 0.000
(-5.601) (-13.519) (-0.030) (-5.031) (-13.290) (0.563)
Observations 152850 152850 152850 152850 152850 152850
R-squared 0.408 0.280 0.403 0.407 0.279 0.402
Fund FE Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes
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Table 11 Rhetorical Expression and Subsequent Style Drift
This table presents the results of panel regressions examining the relationship between rhetorical intensity
and style drift, controlling for a set of fund characteristics. The sample includes all actively managed equity
funds from 2009Jan to 2024Dec, with observations constructed at the fund-month level. The dependent
variables is Abs(ReturnBench), the absolute value of monthly return comparing to the benchmark index.
The detailed variable definitions are provided in Appendix Table A2. Time (month-level) and fund fixed
effects are included. The standard errors are clustered on fund level. #-values are reported in parentheses.

wFkx x* and * indicate statistical significance at the 1%, 5%, and 10% levels respectively.

(D @)
Abs(ReturnBench)
REScore 0.027***
@4.721)
RERatio 0.011%*
(2.466)
Sentiment 0.015%** 0.016%**
(3.775) (4.105)
Length -0.011 -0.000
(-1.432) (-0.008)
Readability -0.006 -0.003
(-0.998) (-0.484)
TNA -0.046%** -0.045%*%*
(-3.679) (-3.548)
Age 0.022 0.021
(1.296) (1.219)
Return 0.030%** 0.030%**
(8.933) (9.004)
FTNA 0.023 0.022
(1.056) (1.051)
Constant 0.001 0.001
(1.011) (0.948)
Observations 139691 139691
R-squared 0.128 0.127
Fund FE Yes Yes
Time FE Yes Yes
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Table 12 Rhetoric Expression and Subsequent Flow-performance Sensitivity
This table presents coefficient estimates from OLS regressions for subsequent flow-performance sensitivity.
The sample includes all actively managed equity funds from 2009Q1 to 2024Q4, with observations
constructed at the fund-quarter level. The dependent variable is quarterly mutual fund flow. The independent
variables include the interaction term between rhetorical intensity and raw return. We also include High
(Low), which equals 1 if the raw return is in the top (bottom) quintile. The detailed variable definitions are
provided in Appendix Table A2. Time (quarter-level) and fund fixed effects are included. The standard errors
are clustered at the fund level. t-values are reported in parentheses. ***, ** and * indicate statistical

significance at the 1%, 5%, and 10% levels respectively.

(1) (2) (3) (4)
Flow
RE = REScore RE = RERatio
REXReturn 0.114%** 0.070%**
(18.228) (12.134)
RE xHigh 0.106%** 0.078%%**
(16.811) (11.861)
REXLow -0.031*** -0.025%**
(-7.943) (-6.322)
RE 0.022%** 0.009 0.015%** -0.003
(3.348) (1.341) (2.655) (-0.499)
Sentiment 0.010** 0.011%** 0.011%** 0.012%*
(1.977) (2.247) (2.180) (2.434)
Length -0.017** -0.018%** -0.008 -0.008
(-2.091) (-2.168) (-0.999) (-1.027)
Readability -0.005 -0.006 -0.001 -0.001
(-0.703) (-0.850) (-0.094) (-0.095)
TNA -0.427%** -0.427%** -0.442%** -0.439%**
(-25.608) (-25.442) (-26.425) (-26.261)
Age 0.151%** 0.150%** 0.154*** 0.151%**
(5.224) (5.226) (5.242) (5.206)
Return 0.141%** 0.140%** 0.139%** 0.139%**
(25.050) (24.968) (24.6006) (24.738)
FTNA 0.069%** 0.068*** 0.066*** 0.066***
(2.909) (2.907) (2.761) (2.800)
Constant -0.005 -0.005 -0.005 -0.005
(-0.418) (-0.412) (-0.433) (-0.392)
Observations 53721 53721 53721 53721
R-squared 0.128 0.128 0.119 0.121
Fund FE Yes Yes Yes Yes
Time FE Yes Yes Yes Yes
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