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Abstract

We link the contemporary American “culture war” to the entry of 24-hour cable news networks in the
1980s-90s. We show that cable networks emphasize cultural issues more than the broadcast news net-
works preceding them and far more than politicians, whose campaign advertising is overwhelmingly
economic. Using household-by-second TV viewership data, we trace cable networks’ cultural emphasis
to a business strategy of competing with entertainment programming rather than with news networks:
whereas economic content is better for “poaching” consumers from rival news networks, cultural content
is better for “mobilizing” consumers who would otherwise not watch news. Cable networks emphasize
culture more than broadcast networks because, airing news 24 hours a day rather than 1-2, their marginal
consumer watches entertainment rather than news. Cable networks emphasize culture more than politi-
cians because their objective differs: while politicians similarly trade off mobilizing nonvoters against
poaching opponents’ voters, politicians maximize their vote share rather than audience size and thus
value poaching twice as much as mobilizing. Cable’s unique incentives to center cultural issues influence
politics: constituencies more exposed to cable news assign greater importance to cultural issues, and
politicians respond by supplying more cultural advertisements.
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1 Introduction

A long history of popular commentary argues that news producers’ incentive to capture attention biases
their coverage, focusing political attention on the most entertaining or sensational issues rather than the most
important.1 The past four decades have seen intensified competition for viewers’ attention. The “network
era” of the 1950s to 1980s — dominated by three heavily regulated broadcast television outlets competing
for a captive audience with few alternative options — was disrupted by the emergence of cable television,
which introduced a huge variety of alternative entertainment programming and enabled the entry of 24-hour
cable news networks. Unlike broadcast networks, for which the 30 minute nightly newscast was a loss leader
largely meant to preserve the network’s access to the public airwaves, cable news networks developed a
business strategy to make the news entertaining enough to turn a profit.2

These same four decades have also seen a shift in public political attention. Cleavages between Republican
and Democratic voters on issues such as redistribution, social insurance, and labor have largely been eclipsed
by cleavages over racial and gender issues, political correctness, immigration, religion, guns, and crime.3
The causes of this “culture war” are the subject of a rich but inconclusive literature, which has often focused
on changes in parties’ platforms or on trends in inequality or the labor market.4

We present two novel facts favoring an alternative explanation tying the culture war to changes in
competition for attention. First, classifying the content of television news since 1968 and politicians’
campaign advertisements since 1960, we show that cable news, broadcast news, and politicians emphasize
very different topics (Figure 1). The vast majority of political advertising centers healthcare, taxes, jobs,
and social insurance, with only a small fraction mentioning culture-war topics. Cable news outlets exhibit
the opposite pattern: they place greater emphasis on cultural conflict than on economic issues. The older
broadcast outlets emphasize economic and cultural topics roughly equally. Second, linking our topic
classifications with political surveys, we show that since 1996 — the year cable news outlets Fox News
and MSNBC were founded — the issues disproportionately emphasized in cable news have seen the largest
growth in the extent to which they divide Democratic and Republican voters and in the number of people
naming them the “most important problem” facing the country. These issues have also grown to constitute a
larger share of political ads than in any prior year in our data, though they remain a minority and this growth
follows, rather than precedes, the voter-side changes.

This paper investigates two questions: what explains cable news’ disproportionate “culture war” focus
relative to broadcast news and politicians, and how has this focus affected voters’ priorities, politicians’
incentives, and the axes of political competition? We characterize the incentives underlying cable news’
distinctive business strategy emphasizing culture-war issues. We then show that long-run exposure to cable
news increases voters’ relative attention to cultural, rather than economic, issues, and that politicians respond
by increasing the cultural emphasis of their campaign advertising.

Our analysis is built on a dataset we construct to characterize the supply side of political news and political
campaigning: videos or storyboards of nearly all campaign TV ads aired by congressional and gubernatorial
candidates since 2000, videos of campaign TV ads aired by presidential candidates since 1960, recordings of
nearly all content aired on the six major cable and broadcast news networks since 2014, and a large sample

1See, e.g., Sinclair (1919); Lippmann (1922); Lumet (1976); Postman (1985); Klein (2025); Hayes (2025).
2See, e.g., Hamilton (2004); Prior (2007); Benkler et al. (2018); Bennett (2020); Hemmer (2022); Brownell (2023).
3See, e.g., Hacker and Pierson (2020); Gethin et al. (2022); Marble (2024).
4See, e.g., Inglehart and Flanagan (1987); Kuziemko et al. (2023); Gennaioli and Tabellini (2024); Longuet-Marx (2024); Enke

et al. (2025).
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Figure 1: Cultural share of cultural and economic content in TV news and campaign ads

Notes: In each year, Figure 1 plots cultural content as a share of all content classified as either cultural or economic. The broadcast
series uses the Vanderbilt Television News Archive’s coverage of the flagship national evening newscasts on ABC, CBS, and NBC
through 2014. From 2015 through 2020, it uses content-classified TVArchive segments from the same newscasts, selected using the
unified canonical-title registry built from AdIntel, TVArchive, and FourthWall title evidence. LexisNexis contributes only to cable
in this figure. We smooth broadcast and cable shares using a centered four-year moving average. We define economic, cultural,
and “other” topics, and provide details on the classification, in Appendix B: broadly, “economic” topics include economic policy
and economic conditions, healthcare and government services, and education; “cultural” topics include race, gender, and social
issues, crime and safety, and immigration; and “other” topics include government functioning and national security. Data sources
in Section 2.1.

of transcripts or segment abstracts from these networks since 1968. We fine-tune a large language model to
classify each news segment and political ad using a common schema, identifying highly granular topics such
as “illegal drugs” or “Medicare” and enabling us to perform analyses at the level of these granular topics.5
To facilitate exposition, we assign “economic,” “cultural,” or “other” labels to the 88 topics in our schema6,
classifying issues such as taxes, jobs, healthcare, and education as “economic”, issues such as crime, race,
religion, and gender as “cultural”, and issues such as national security or government functioning/partisan
conflict as “other”. We present all results both using these high-level labels — simplifying exposition at the
cost of introducing subjectivity in the labels to which topics are assigned — and at the level of individual
topics.7

We begin by establishing differential issue emphasis across cable, broadcast, and politicians. Averaging
over all years, we find that 80% of issue-based ad content falls in the “economic” bucket and around
15% in the “cultural” bucket. Conversely, 25% of issue-based cable news content is economic and 50%
cultural.8 Broadcast news emphasizes cultural and economic content roughly equally, with greater emphasis
on economic content before 1996. The entry of Fox News and MSNBC in 1996 therefore constituted a sharp
increase in TV coverage of cultural topics.

5We allow news segments or ads to receive multiple topic classifications.
6We follow foundational frameworks for classifying ideological cleavages (Lipset and Rokkan, 1967; Inglehart, 1977; Carmines

and Stimson, 1986). For example, Shafer and Spady (2014) distinguish an economic cluster concerning “the distribution of material
goods” from a cultural cluster concerning “the reinforcement of behavioral norms”.

7Since many topics fall into more than one of these three groups, a second advantage of conducting our analysis at the granular
topic level is that we can distinguish economic and cultural subtopics (e.g., immigrants depressing wages vs. committing crimes).
We also use our topic-level results to perform an ex-post data-driven validation of our high-level labels.

8While our data for digital and social media advertising is less comprehensive, our analysis of candidate advertising on YouTube,
Meta, and Google Search, and candidate posts on Twitter, finds an emphasis on economic issues almost identical to that of TV ads.
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We next trace these differences in issue emphasis to differences in issue performance. Our analysis of
issue performance on cable news exploits a household-by-second viewership panel (collected from smart
TVs and set-top boxes), enabling us to track households as they switch on, off, and between channels and
link viewing behavior to the content of the channel in that moment. We approximate the experiment of
randomly assigning households to different types of content when they switch on a channel by estimating
event studies that relate households’ viewing persistence to variation in content across episodes of a given
program, across programs at a given time, and even across different segments within the same episode. We
find that cultural topics outperform economic topics on cable news: switching from an entirely economic to
entirely cultural segment increases viewership by 4.8%, approximately one-third of the viewership penalty
incurred by commercial advertising. In contrast to this “cultural premium” on cable, broadcast news generates
neither an increase nor a decrease in viewership by switching between economic and cultural content, and,
more suggestively, politicians who emphasize cultural topics are less electorally successful than those who
emphasize economic topics.

We explain these differences in content performance across domains through a framework of “poaching”
vs. “mobilization”, motivated by striking heterogeneity in households’ estimated preferences: when news
outlets talk about economic topics, they increase the share of households switching away to non-news
entertainment channels or turning off the TV, but in fact reduce the flow of households switching to competing
news outlets. Similarly, albeit more suggestively, politicians who emphasize economic topics attract more
voters who would have otherwise voted for an opponent, but do not turn out people who otherwise would
have stayed home. That is, in both news and politics, economic topics are relatively better for “poaching”
viewers or voters who would otherwise choose a competitor — other news outlets, or the other politician —
while cultural topics are relatively better for “mobilizing” viewers or voters who would otherwise choose the
outside option — watching non-news entertainment or not watching TV, or not voting or voting third-party.
Through the lens of this framework, cultural content may be more effective for cable outlets than for broadcast
outlets, and more successful for cable outlets than politicians, for two reasons. First, because cable places
relatively greater value on each mobilized consumer than on each poached consumer; and second, because
cable faces a relatively greater number of “mobilizable” consumers than “poachable” consumers.

The first mechanism holds for cable news vs. politicians and stems from their difference in objectives. To
a first approximation, a cable outlet maximizes its audience size and therefore values poached and mobilized
viewers equally. In contrast, a politician maximizes her vote share and therefore values each poached voter
twice as much as each mobilized voter.9 Since economic content is relatively more effective for poaching and
cultural content relatively more effective for mobilization, this difference in objectives pushes cable outlets
to emphasize culture more and economics less than politicians.

The second reason holds for cable news vs. broadcast news and stems from the 24-hour nature of cable
news, distinguished from the much more limited timeslots of broadcast news. The positive effect of cultural
coverage on cable viewership is driven by hours in which broadcast news is not airing (late morning through
early evening) and is smaller and statistically insignificant when broadcast news is airing, precisely the times
when cable outlets’ marginal viewers are more likely non-news entertainment viewers (or households not
watching TV) rather than viewers of competing news outlets.10 Further supporting the interpretation that

9Outlets may weigh some viewers more than others or maximize subscription revenue in addition to advertising revenue, and
politicians may also care about their own or their party’s preferences. Our model generalizes to such cases of “impure” share- or
size-maximization.

10Historically, the role of news as a loss leader for broadcast networks led to coverage largely driven by reputational and prestige
concerns rather than direct profit maximization, supporting “hard” economic coverage over “soft” cultural coverage (Lotz, 2014;

3



cable news competes more directly with entertainment than traditional broadcast news, we use unusually
rich consumer survey data spanning 1992-2020 to show that upon their founding, Fox News and MSNBC
disproportionately mobilized demographic groups who were previously watching entertainment shows,
rather than traditional news shows.

We conclude that cable news’ distinctive focus on the culture war reflects a business strategy focused
on audience size maximization through mobilization of people who would not otherwise watch the news,
and that the analogous business strategy would be structurally disadvantaged for both broadcast outlets and
politicians.

Our final set of exercises turn to the consequences of this business strategy for political outcomes: voter
priorities and politician positioning. To identify the effect of cable news on these outcomes, we follow
the strategy of Martin and Yurukoglu (2017), who show that media markets in which Fox News was quasi-
randomly assigned a lower channel number exhibit greater Fox News viewership (and similarly for MSNBC).
Using this instrument, we show that constituencies in which an exogenously higher share of people watch
cable news also have a higher share of people reporting cultural issues as the “most important problem facing
the country”. Politicians respond to their constituents’ changing preferences: in constituencies more exposed
to cable news, politicians increase the cultural emphasis of their ads. These effects hold even conditional on
local party vote shares. The results suggest that cable news consumption increases the weight viewers place
on cultural topics, triggering a strategic adoption of cultural rhetoric by politicians.

Our six key sets of topic-level results — (i) differential issue emphasis in cable news vs. political ads,
(ii) differential average issue performance on TV news, (iii) differential issue performance for mobilization
vs. poaching on TV news, (iv) differential average issue performance for politicians, (v) effects of cable on
voters’ issue importance, and (vi) effects of cable on politicians’ ad emphases — enable a purely data-driven
validation of our “economic” vs. “cultural” topic labels. We find that the partition of the topics that captures
the most cross-topic variation across these six estimates lines up almost exactly with our economic vs. cultural
labels, with “other” topics dispersed between the two.

Overall, our results suggest that the distinctive economic incentives of size-maximizing cable news
outlets — compared to share-maximizing politicians, and to historically constrained broadcast news outlets
— played a significant role in the rise of the contemporary American culture war.

Related literature A vast literature has investigated how media slant influences voting, partisanship, and
other political outcomes (reviewed in Strömberg 2015; Puglisi and Snyder Jr 2015; Gentzkow et al. 2015).11
Papers specifically examining the effect of partisan cable news on political knowledge and behavior include
DellaVigna and Kaplan (2007); Schroeder and Stone (2015); Ash et al. (2024a); Broockman and Kalla
(2025). This project instead examines how media influences the relative attention paid to different political

Koppel, 2010). Because broadcast outlets (unlike cable outlets) use public airwaves, the Federal Communications Commission
requires them to “use the broadcast medium to serve the public interest”. The threat of regulatory enforcement was an important
driver of broadcaster investment in news programming prior to Reagan-era deregulation (Brownell, 2023; Napoli, 2001). “The Big
Three broadcast television networks—ABC, CBS and NBC—all covered news, but none generally made money doing so... They
presented news programming for the prestige it would bring to their network, to satisfy the public-service requirements of Congress
and the Federal Communications Commission, and more broadly so that they would be seen as good corporate citizens.” (Gunther,
1999).

11See, for example, Chiang and Knight (2011); DellaVigna and La Ferrara (2015); Angelucci et al. (2024); Enikolopov et al.
(2011); Prat (2018). A smaller literature largely outside economics documents other structural “biases” in news outlets’ coverage
choices, such as negativity (Robertson et al., 2023; Sacerdote et al., 2020), sensationalism (Gambaro et al., 2025), identity framings
(Hopkins et al., 2024), entertainment (Qin et al., 2018; Durante et al., 2019; Kim and Patterson Jr, 2025), and opinionated commentary
over factual reporting (Bursztyn et al., 2023).
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issues in a multi-dimensional space12 — both by voters and politicians — and therefore how changes in media
technologies, by changing outlets’ incentives and their coverage decisions, can induce political realignment.
Our key contribution to this literature is to quantitatively link the “agenda-setting” role of news (McCombs
and Shaw, 1972; Iyengar and Kinder, 1987; Chong and Druckman, 2007; Martin et al., 2026) across the
spectrum of political topics to the economic incentives shaping news outlets’ coverage choices. In our
focus on the role of the expansion of cable television variety in changing outlets’ incentives and viewers’
downstream beliefs, we build upon the arguments of Prior (2007); Arceneaux and Johnson (2022).13

In establishing the parallel between the problems facing news outlets and politicians — and the resulting
poaching vs. mobilization tradeoff — we tie together the literatures on politician positioning (e.g., Glaeser
et al. 2005; Callander and Carbajal 2022; Di Tella et al. 2025) and media positioning (e.g., Mullainathan
and Shleifer 2005; Gentzkow and Shapiro 2010), which have mostly proceeded independently. The data we
construct represent the richest and most long-running account to date of how politicians position themselves
on the campaign trail and what both cable and broadcast TV news outlets cover, enabling us to make
two primary contributions to this literature.14 First, we place these agents in a common content space,
documenting significant differences in their issue emphases and interpreting these differences through a
simple framework of vote share vs. audience size maximization.15 Second, we quantify an important
interaction between the media and political markets: cable outlets are incentivized to emphasize divisive
cultural issues, leading viewer-voters to care more about these issues and politicians to respond by supplying
more cultural rhetoric.

Our paper also relates to a literature on the causes and consequences of political realignment, by which
voting patterns increasingly reflect cultural rather than economic cleavages (Gethin et al., 2022; Krasa and
Polborn, 2014; Gennaioli and Tabellini, 2024). Some work has decomposed these changes into “supply-
side” effects of parties’ changing platforms (Longuet-Marx, 2024; Kuziemko et al., 2023) and “demand-side”
effects of the growth in the importance of cultural issues to voters (Marble, 2024; Danieli et al., 2024; Desmet
et al., 2025), with prior explanations for these demand-side changes including globalization shocks (Bonomi
et al., 2021; Ash et al., 2024b; Choi et al., 2024), foreign events, particularly the collapse of the USSR
(Bordalo et al., 2020), and secular trends in income, education, the labor market, or inequality (Inglehart
and Flanagan, 1987; Enke et al., 2025; Grossmann and Hopkins, 2024; Hacker and Pierson, 2010). Our
contribution is to identify the role of the news media — and particularly the changes in incentives facing news
outlets and the resulting business strategy of the 24-hour cable news channels — in driving the demand-side
importance of cultural issues and the supply-side response of politicians.16 Our work therefore complements
narrative histories of the growth of a partisan media ecosystem (Berry and Sobieraj, 2013; Hacker and
Pierson, 2020; Hemmer, 2022). In Section 6, we discuss how our results relate to other international and

12Another strand of literature has examined how media content affects voter attention and downstream politician behavior, often
exploiting natural disasters or other determinants of “news pressure” (Eisensee and Strömberg, 2007; Durante and Zhuravskaya,
2018; Kaplan et al., 2025).

13Lelkes et al. (2017) show that the growth of broadband internet increased partisan affective polarization.
14Prior work characterizing the content of political advertising, and establishing that economic issues comprise the majority of

ads, includes Kaplan et al. (2006); Fowler et al. (2021a); Breuer et al. (2025).
15Previous work has jointly modeled media and politicians (e.g., Bernhardt et al. 2008; Chan and Suen 2008; Duggan and

Martinelli 2011) but has assigned fundamentally different roles to the two actors. Another conceptual antecedent to this paper is
Garcia-Jimeno and Yildirim (2025), who model the strategic interaction between candidates choosing the partisan slant of campaign
statements and media outlets choosing the partisan slant of their reporting as a matching-pennies game.

16Other work examining similar causal chains from media to voters’ beliefs and behaviors to politicians’ responses includes
Snyder and Strömberg (2010); Olken (2011). Most directly related is Li and Martin (2025), who show that Fox News increased the
electoral success of Tea Party candidates in 2010.
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domestic evidence.

2 Data and Classification

We draw upon seven primary types of data. This section describes the first four: (i) video files, transcripts,
and summaries of news segments; (ii) video files and storyboards of political advertisements; (iii) data on
household-level and aggregate news viewership; and (iv) data on individuals’ political preferences and media
consumption, from a variety of political and consumer surveys. The remaining three types of data are more
standard: (v) electoral outcomes, from Dave Leip’s Atlas of U.S. Elections and from the CQ Voting and
Elections Collection; (vi) the channel position of the three major cable news networks in each county, from
Nielsen; and (vii) county-level demographics from a variety of official sources.

2.1 Content of News and Political Ads

News Our primary data source for the content of television news is the TV News Archive,17 a project of
the nonprofit Internet Archive. The TV News Archive includes video recordings of the content of the three
major cable news channels (CNN, MSNBC, and Fox News) and the San Francisco local affiliates of the three
major broadcast news channels (ABC, CBS, and NBC) starting in 2012, with near-full coverage starting in
2014. Closed-caption transcripts of the audio are available for some episodes; for the remaining episodes,
we generate transcripts using speech-to-text software. Our final sample includes 220,480 hours of content
between January 1, 2012 and December 31, 2020. We extend our sample back to 1992 using the LexisNexis
News Transcripts database, which has less universal coverage and which, unlike TVArchive, does not contain
timestamps allowing us to calculate the exact second each sentence is spoken. We further extend our series
to 1968 using data from the Vanderbilt Television News Archive, collected and processed by Armona et al.
(2024). These data contain the title and abstract (rather than the full transcript) of individual segments aired
by the three major broadcasters — ABC, CBS, and NBC — on evening news. The Archive subsequently
added coverage of CNN (starting 1995) and Fox News (starting 2004).

Political ads We draw data on political television advertisements from the Wesleyan Media Project and
its predecessor, the Wisconsin Advertising Project. These initiatives track broadcast television advertising
by gubernatorial, congressional, and presidential candidates between 2000 and 2022 (Fowler et al., 2021b).
These data record each airing of an ad in presidential, Congressional, or gubernatorial races, including
both ads sponsored directly by the candidates and those sponsored by outside groups (which we pool with
the ads directly aired by the candidate they support). The dataset covers all 210 media markets (Nielsen
Designated Market Areas, or DMAs) in the US for years after 2008, with only the 75-100 largest DMAs
covered between 2000 and 2008. The ad video files are available for 2006 and after 2010; in other years, only
ad “storyboards” containing frames from the ad and a transcript of the accompanying audio are available.
We extract transcripts from video files and storyboards using speech-to-text and optical character recognition
software, respectively, resulting in 60,929 unique advertisements (204 hours of video). We extend our sample
of presidential advertisements back to 1960 using a collection of approximately 9,000 videos collected by
the Julian P. Kanter Political Commercial Archive at The University of Oklahoma and cleaned by Breuer et
al. (2025).

17See https://archive.org/details/tvarchive.
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Classifying topics Our unit of analysis for political ads is a single creative (typically a thirty-second ad);
our unit of analysis for TV news is a five-minute segment. We develop a unified hierarchical schema in order
to classify each unit, presented in full in Appendix B. The schema includes eight top-level “parent” classifi-
cations relevant to both political ads and news — economic policy and economic conditions; entitlements,
healthcare, and government services; education; government functioning; crime and safety; social, gender,
and minority issues; immigration; and military and national security — each of which includes multiple
lower-level categories (“children”), for a total of 88 categories. We also include a number of categories that
are relevant exclusively or almost exclusively for one of the two domains: campaigns/candidates, commercial
advertising, entertainment/pop culture, international news, science and technology, and natural or manmade
disasters/extreme weather events.

We hired two former political staffers to hand-label a set of 1000 political ads, and we hired several
workers from the Upwork platform to hand-label 8000 news segments. Based on these codings, we fine-tune
a large language model-based classifier to classify the remainder of the political ads and news segments.18
The model is trained to extract the lowest-level classifications in the hierarchical schema possible: some news
segments or political ads are specific enough that we can assign low-level classifications, but many are vague
(e.g., about “the economy”) and thus we can assign only parent-level classifications. We provide further
details on the construction of the training set and validation of the classifier’s performance in Appendix B.

Our classifications are vectors, with each element corresponding to a topic in our schema and the value
of each element roughly corresponding to the share of the video on that topic. To map our raw classification
output to our final feature vectors, we begin by assigning a value of 1/𝑁 to each of the 𝑁 raw topics
identified by the classifier, then sequentially “rolling up” these weights to the parents of these raw topics.
For example, a video that discusses both “equal pay” and “taxes” would start with values of 1/2 for the vector
elements corresponding to each; we would then assign 1/2 to the elements corresponding to the parent of
each (“women’s rights” and “economic policy and economic conditions”); and the process would continue
until we have propagated to all parent categories.19 This weighting procedure enables us to compare the
prevalence of topics at different levels of the hierarchical classification schema.

Economic and cultural groupings Our investigation comprises several distinct analyses. To facilitate
interpretation, we typically present our analyses at the level of broad “economic”, “cultural”, and “other”
groups. We assign topics to one or more groups following the distinction of Shafer and Spady (2014) —
topics concerning “the distribution of material goods” as economic and topics concerning “the reinforcement
of behavioral norms” as cultural, with a residual “other” category20 — and report our labels in Appendix
Table B1.

Choosing which labels to assign to each topic is an inherently subjective task, particularly given that
some topics clearly fall into more than one group. Although we also present all main reduced-form results
separately for each classification in our schema, a natural question concerns the extent to which the high-level
group labels we assign actually capture systematic variation between topics. A data-driven procedure to

18We use OpenAI’s GPT-4o for our TVArchive news data between 2015 and 2020, since this is the data we use for our granular
event study estimation and thus precision is most important. Outside of this window, we use GPT-4o-mini to economize on token
costs for our news classifications. We use GPT-4o for all advertisement classifications.

19In this example, “economic policy and economic conditions” is a top-level category, so no further propagation of “taxes”
would be needed; but one further step would be needed for “equal pay”: we would assign 1/2 weight to the parent of “women’s
rights” (“social, gender, and minority issues”).

20This definition is similar to those described in foundational work on political cleavages, such as Lipset and Rokkan (1967),
Inglehart (1977), and Carmines and Stimson (1986).
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evaluate our hand-labels ex post is to examine whether the topics we label “economic” tend to look similar to
one another — in the sense of having similar estimates across our core empirical exercises — and similarly
for the topics we label “cultural”. To do this, we form an 𝑁 × 6 matrix collecting the six sets of topic-level
results described in this paper, where 𝑁 = 25 is the number of unique topics for which we have valid
estimates across all six exercises: differential topic emphasis in cable vs. ads, topic performance in cable,
topic performance in ads, relative topic performance for poaching vs. mobilization (in cable), effects of
cable on topic importance as measured by Most Important Problem responses, and effects of cable on topic
emphasis in ads. We then calculate the loadings of each topic onto the first two principal components of this
matrix, and plot these loadings in Appendix Figure A1.

The figure shows clear visual separation between the topics we label as “economic” (plotted in green)
and those we label as “cultural” (plotted in red): that is, the first two principal components of our six sets
of estimates “discover” these groupings in the data. As a more formal test, we also run 𝑘-means with two
categories on the 25 × 6 matrix of topic-level results in order to find the partition of topics that explains
the most variation; Appendix Figure A1 shows that these clusters line up almost perfectly with our original
economics vs. cultural hand-labels.

2.2 News Viewership

We obtain a panel of household-level TV viewing behavior between January 1, 2015 and December 31, 2020
from FourthWall Media. FourthWall collects high-frequency “viewership events” (changing the channel, or
turning on or off the TV) from each household via set-top boxes or smart TVs (Canen and Martin, 2023).
In particular, we observe any viewership “spell” (continuous viewership of a single channel) lasting five
seconds or longer. Together with our TVArchive data, this data enables us to reconstruct what program each
household was watching at each second and, by linking these events with our news segment classifications,
what issues were being discussed. Our panel includes 15,000 households selected among those continuously
active between January 1, 2015 and December 31, 2017.

2.3 Political and Consumer Surveys

We use data from a variety of individual-level surveys, the most important of which are the Gallup Poll Social
Series (GPSS), the Cooperative Election Study (CES), the American National Election Studies (ANES), and
the MRI Survey of the American Consumer.

The GPSS is a repeated cross-sectional survey of approximately 2,000 Americans per month; we access
all waves between 2000 and 2020. While many of the questions rotate, the “Most Important Problem”
(MIP) question is asked consistently: “What do you think is the most important problem facing the country
today?” Respondents answer in open-ended form and the survey enumerator codes each response into
one of approximately eighty categories. We match categories to the corresponding topic in our schema
(see Appendix B). For each respondent, we also observe demographics, ZIP code, and political affiliation.
We extend our descriptive statistics on this question back to 1960 using the MIPD dataset compiled by
Yildirim and Williams (2024) from dozens of individual surveys; this dataset lacks detailed demographics
and geographic identifiers.

The CES is a large-scale repeated cross-sectional survey with approximately 50,000 respondents per
election year between 2006 and 2020. In each year, the CES includes respondents’ demographics, self-
reported turnout, vote choice, partisan and ideological leanings, and interest in politics. Each respondent is
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then linked to administrative voter file data (Cantoni and Pons, 2022), which allows the researcher to observe
whether or not the respondent voted.21

The ANES is a repeated cross-sectional survey conducted every four years since 1948, with 1,000-
2,000 respondents per election year (American National Election Studies, 2022). The survey asks about
respondents’ political affiliation and voting behavior and their positions on a variety of political issues.

The MRI Survey of the American Consumer is a repeated cross-sectional consumer survey conducted
every year since 1979. We access data from 1992–2020, which includes approximately 20,000 consumers in
each year. We primarily draw upon the television viewership segment of the Media modules, which include
respondents’ self-reported viewership of dozens or hundreds of different television shows or networks (which
vary by year).

3 Issue Emphasis of Cable News, Broadcast News, and Political Advertising

This section describes cross-sectional differences in issue coverage between political TV advertisements
and TV news, and in time-series changes in the importance of these issues to voters and their coverage in
ads and news. We establish two broad facts. Cross-sectionally, there is significant heterogeneity in topic
representation: the vast majority of topics are more than twice as represented in one domain as the other,
with political ads disproportionately emphasizing bread-and-butter economic issues and TV (particularly
cable) news disproportionately emphasizing the non-economic issues often associated with the culture war.
In the time series, the issues overrepresented in cable news relative to political ads are those which have
grown in their relative importance in politics since the entry of cable news in 1996.

3.1 Cross-sectional differences in issue coverage

For each topic in our schema, Panel A of Figure 2 plots (on a log scale) the ratio of the share of that topic
in cable news to its share in political campaign advertisements. Topics to the right of the vertical dashed
line appear more commonly in cable news, while topics to the left appear more commonly in campaign
advertisements. The panel shows that cultural issues (colored in red) tend to appear much more commonly
in cable news: immigration, racial and gender issues, crime and terrorism, political correctness, and LGBT
issues appear between twice and ten times as often in cable news as they do in political ads. Conversely,
economic issues (colored in green) tend to appear more commonly in political ads: Medicare, Social Security,
jobs, taxes, inequality, budget deficits, healthcare, and trade policy appear several times as often in campaign
advertisements as they do in cable news.

Panel B of Figure 2 aggregates to our high-level parent classifications, presenting the share of cable
and broadcast news minutes and the share of political ads classified into each of our high-level issue-based
categories.22 Political ads are dominated by discussion of economic issues which jointly comprise over
three-fourths of issue-based political messaging (excluding the substantial share of non-issue messaging on

21This validation is important given widespread overreporting of turnout in survey data; turnout estimates derived from surveys
are 15-20 percentage points higher than actual turnout, with significant heterogeneity in the extent of overreporting by demographic
groups (Enamorado and Imai, 2019).

22The categories that are not displayed, and which are omitted from the denominator of the calculation of shares, are “candidates
and campaigns” (which mechanically applies to all ads, and which applies to 15% of news segments), “commercial/non-political
advertising” (0% of ads, 18% of news segments), “entertainment/popular culture/sports” (0% of ads, 5% of news segments),
“natural/manmade disasters” (0% of ads, 4% of news segments), “international events” (0% of ads, 2% of news segments), and
“science and technology” (0% of ads, < 1% of news segments). We normalize so that the remaining categories sum to 100%.
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personal competence, background, etc.). Crime and safety, race and gender issues, and immigration, in
contrast, jointly comprise less than a fifth of issue-based messaging. There are some differences by party
(Appendix Figure A3): Republicans message significantly more on economic policy/economic conditions,
immigration, and crime and safety, whereas Democrats message significantly more on healthcare, the social
safety net, education, and racial and gender issues — but for both parties, economic topics comprise the
majority of messaging. This is true even in 2022, the final year of our data.

TV advertisement expenditure dominates digital advertising expenditure throughout the vast majority of
the period we study. Even in 2024, federal candidates’ total expenditure on TV ads was approximately double
expenditure on digital advertising. Nonetheless, in Appendix D, we characterize the content of candidates’
digital advertising and social media activity, and we show that the issue emphasis of candidates’ posts on
Twitter, their ads on Facebook/Instagram, and their ads on Google/YouTube is similar to the issue emphasis
of candidates’ television advertising. In particular, candidates do not talk significantly more about cultural
issues or significantly less about economic issues on social media relative to television advertising.

This pattern is reversed for cable news outlets, which talk significantly more about crime and safety,
immigration, and racial and gender issues than about economic topics. Of cable news content that is either
economic or cultural, approximately 70% is cultural. Broadcast news, both before and after the entry of Fox
News and MSNBC in 1996, falls between cable news and politicians in its issue emphasis, though it shifts
closer to cable news and further from politicians after 1996.

3.2 Time-series changes in issue emphasis and issue importance

3.2.1 Changes in news content

The growth of cable technology in the 1970s and 1980s dramatically increased the variety of channels
available to viewers and allowed new entrants to specialize in appealing to narrower audiences. Cable news
outlets — motivated in part by the need to produce 24 hours of news content per day — introduced a variety
of programming innovations focused on maximizing viewership, incorporating entertainment and tapping
into partisan outrage (Berry and Sobieraj, 2013; Benkler et al., 2018; Hemmer, 2022).23 Led by Fox News,
cable news outlets also began using increasingly sophisticated ratings analytics to inform coverage decisions
(Hayes, 2025; Smith, 2019; Confessore, 2022).

Appendix Figure A2 plots the coverage share of each of the top-level topics plotted in Panel B of
Figure 2, smoothing with four-year rolling means. The three major broadcasters (ABC, CBS, NBC) are
virtually indistinguishable both before and immediately after the entry of cable networks, emphasizing
economic topics slightly more than cultural topics. While we lack reliable transcript coverage from Fox
News and MSNBC until 1999 (three years after these networks began broadcasting), it is clear that their entry
constituted a significant change in the content available on television news: Fox News and MSNBC placed
much greater emphasis on crime and safety, race and gender, immigration, and general anti-elite messaging,
and less emphasis on economic conditions, economic policy, and healthcare and government services. CNN,
building upon its acclaimed coverage of the Gulf War (Wiener, 2002), initially emphasized national security
topics, but converged to Fox News and MSNBC’s coverage levels in the mid-2000s. Starting around 2010, the
three broadcast channels begin decreasing their economic emphasis and increasing their cultural emphasis,
converging (and for some topics, surpassing) cable news’ cultural coverage shares.

23Prominent examples include aggressive partisan debates on CNN’s Crossfire, dramatization of the Iraq War on Fox News
(Auletta, 2003), and cross-partisan mockery on MSNBC’s Countdown (Carter, 2006).
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Figure 2: Share of topics in news vs. political ads

(a) All common categories

(b) Top-level categories

Notes: Panel A presents, for each of the topics in our schema relevant in both domains, the ratio of the share of cable
news segments mentioning the topic to the share of political ads mentioning the topic, restricting to years after 2000. Ads
are weighted by total airings; news segments are weighted by duration. The dashed line indicates equal representation in
campaign ads and cable TV news. Points are sized based on the sum of their share in cable news and their share in political
ads. Panel B plots the top-level classifications relevant to both domains, with the same weighting as in Panel A and similarly
restricting to years after 2000 for all categories except Broadcast (pre-cable).
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3.2.2 Changes in issue importance

We connect the topics in our schema with changes since 1996 in three different measures of issue importance:
these issues’ perceived importance to voters, their predictiveness for voting behavior, and the share of political
advertising they comprise. We define these measures as follows:

1. Perceived importance: Many of the topics in our schema can be linked to answer choices in Gallup’s
“Most Important Problem Facing the Country” question.24 We calculate the fraction 𝑚

𝑖𝑚𝑝
𝑥𝑡 citing topic

𝑥 as a “most important problem” in each year 𝑡.

2. Predictiveness: Few questions eliciting respondents’ positions on different political issues are con-
sistently included in the American National Election Studies since 1996. We identify those questions
asked relatively consistently during this period and link them to the corresponding topics in our
schema.25 We estimate the following regression for each issue 𝑥 in each year 𝑡:

𝐷𝑒𝑚𝑖𝑡 = 𝛼𝑥 + 𝑚
𝑝𝑟𝑒𝑑
𝑥𝑡 𝑝𝑖𝑥𝑡 + 𝜖𝑖𝑥𝑡 ,

where 𝑝𝑖𝑥𝑡 is respondent 𝑖’s (𝑧-scored) position on issue 𝑥 in year 𝑡, 𝐷𝑒𝑚𝑖𝑡 is an indicator for whether
the respondent reported voting Democrat in that year’s presidential election, and the coefficient 𝑚𝑝𝑟𝑒𝑑

𝑥𝑡

captures the extent to which voters are differentiated along this issue 𝑥.

3. Representation in political ads: We calculate the (airings-weighted) share 𝑚𝑎𝑑𝑠
𝑥𝑡 of issue 𝑥 within

political ads in year 𝑡.

To estimate changes over time, we estimate, separately for each measure, the regression log𝑚𝑥𝑡 =

𝛼𝑥 + 𝛿𝑥𝑡 + 𝜖𝑥𝑡 , where 𝑡 indexes years since 1996 and the log transform enables us to interpret 𝛿𝑥 as an
average percent increase or decrease per year. For each issue 𝑥, we then calculate a measure of the extent to
which cable and broadcast news outlets differentially emphasize 𝑥: 𝑔𝑥 = log

(
share of 𝑥 in cable news

)
−

log
(
share of 𝑥 in broadcast news

)
. This difference summarizes the direct effect of cable news’ entry on news

coverage of each issue.
Figure 3 plots the estimated 𝛿𝑥 coefficients, capturing trends in importance, against corresponding

coverage gaps 𝑔𝑥 . We plot the perceived importance measure in Panel A, the predictiveness measure in
Panel B, and the political ads measure in Panel C. There is a positive relationship between the coverage
gap and the growth in each of the three measures. In each case, the (mostly culture-war) issues most
overrepresented in cable news have seen the largest increases in political importance.

4 Issue Performance on Television News and in Politics

In this section, we investigate whether the differences in topic emphasis between cable news and politicians
documented in Section 3 reflect differences in topic performance. We present a simple framework formal-
izing our measure of topic performance and highlighting the challenge to identification. We address this
identification challenge by isolating quasi-exogenous variation in news content (and, more suggestively, in
political campaign emphasis), and we then estimate the relative performance of different types of content for
both sets of actors by linking our content classifications with data on viewership and voting.

24See Appendix Table B2 for this mapping.
25See Appendix Table B2 for this mapping.
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Figure 3: Cable-broadcast coverage gaps and change in different measures of issue importance

(a) Growth in perceived importance (Gallup “Most Important Problem”)

(b) Growth in predictiveness for voting

(c) Growth in share of political ads

Notes: The 𝑥-axis for all plots is the cable-broadcast coverage gap of the issue: log
(
share of 𝑥 in cable news

)
minus

log
(
share of 𝑥 in broadcast news

)
. The 𝑦-axes are coefficients from regressing each of the three measures of issue importance

on a linear time variable, as described in Section 3.2. Plots include the fit from an unweighted linear regression. We exclude topics
related to candidates and campaigns, government functioning and conflict, science and technology, disasters, and international
affairs, as well as entertainment and commercial content, and compute content shares over the remaining topics. We further limit
to topics that comprise a share of more than 0.1% both before and after 2010.
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The framework also highlights the key difference between politicians and news media: share-maximizing
politicians place twice as much weight on “poaching” a voter from their opponents as “mobilizing” a voter who
would not otherwise vote, whereas size-maximizing media outlets weight these two flows equally. Guided
by this framework, we decompose our estimated performance effects into “poaching” and “mobilization”
flows.

4.1 Interpreting Estimates

The following framework highlights the parallel problem facing news outlets and politicians. In each domain
𝑑 ∈ {News,Politics}, and in each “market” 𝑡 (a specific date and timeslot for news, or a specific political
race), a supplier 𝑖 chooses its (multi-dimensional) content shares 𝑥 to solve:

𝑥∗𝑖,𝑡 = arg max
𝑥

𝑉𝑑
𝑖 (𝑥𝑖,𝑡 ; 𝜉𝑡 ) − 𝜔𝑑𝑉𝑑

−𝑖 (𝑥𝑖,𝑡 ; 𝜉𝑡 ) − 𝐶𝑑
𝑖 (𝑥𝑖,𝑡 ; 𝛾𝑡 , 𝜉𝑡 ) s.t. | |𝑥 | |1 = 1, (1)

where 𝑉𝑑
𝑖

denotes the number of people choosing 𝑖, 𝑉𝑑
−𝑖 the number of people choosing 𝑖’s competitor(s)

(other news outlets or the opposing politician), 𝜔𝑑 the weight placed in domain 𝑑 on people choosing
competitor(s), and 𝐶𝑑

𝑖
(𝑥) the cost of choosing 𝑥. 𝜉𝑡 collects factors that affect both viewership and costs,

and 𝛾𝑡 collects factors that affect only costs; and suppliers observe both 𝜉𝑡 and 𝛾𝑡 when making content
decisions.

We outline a simplified version of our framework here, with the full model outlined in Appendix C.
Below, we treat 𝑥 as a scalar rather than a vector, facilitating an interpretation of increasing a single content
dimension and allowing the others to adjust freely. Under standard regularity conditions, the optimal content
choice 𝑥∗

𝑖,𝑡
is then characterized by the following first-order condition (assuming an interior solution):

𝑑

𝑑𝑥

[
𝑉𝑑
𝑖 (𝑥∗𝑖,𝑡 ; 𝜉𝑡 ) − 𝜔𝑑𝑉𝑑

−𝑖 (𝑥∗𝑖,𝑡 ; 𝜉𝑡 )
]
=

𝑑

𝑑𝑥

[
𝐶𝑑
𝑖 (𝑥∗𝑖,𝑡 ; 𝛾𝑡 , 𝜉𝑡 )

]
, (2)

and our aim is to estimate the left-hand side of this equation for different topics. We also assume below that
𝜔𝑁 = 0 and 𝜔𝑃 = 1, i.e. that news outlets maximize their audience size, and politicians maximize their vote
margin, though we relax this assumption in Appendix C.26

Interpreting identifying variation Since TV channels and politicians will equate the marginal returns
to different categories of content, the variation in 𝑥∗ required to estimate these marginal effects will stem
from variation in the cost shifter 𝛾𝑡 . We interpret this cost shifter broadly. Variation in 𝛾𝑡 may literally
reflect variation in the production cost of news content or an advertisement, but it also may reflect supplier
misoptimization, longer-term reputational concerns, personal costs of deviating from a supplier’s preferred
content, or any other “supply-side” factors that do not influence demand. For TV news, variation in 𝛾𝑡 in
part reflects day-to-day variation in newsworthy events (e.g., Hamilton 2004; Hayes 2025): it is less costly
to produce a story on a given topic when real-world events related to that topic have occurred, and over time,
networks or individual hosts may face reputational costs from repeatedly neglecting important news stories.
For politicians, variation in 𝛾𝑡 is more likely to reflect misoptimization, idiosyncratic campaign decisions,
or politicians’ personal preferences (as in standard citizen-candidate models, e.g. Besley and Coate 1997): a

26By formulating the supplier’s program with an exact analogy to a consumer’s Hicksian demand system, Appendix C shows
that under weak regularity conditions and sufficiently strong diminishing returns, 𝜔𝑁 < 𝜔𝑃 is a sufficient condition for news outlets
to exhibit a relative preference for mobilization and politicians a relative preference for poaching.
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large body of research documents that political campaign strategists are no better at predicting which messages
will be effective than laypeople (Broockman et al., 2024), that politicians hold systematic misperceptions
about voters (Lucas et al., 2024; Furnas and LaPira, 2024), and that campaigns and advertising intermediaries
are dominated by unrepresentative groups of highly active and vocal constituents, volunteers, and staffers
(Laurison, 2022; Ward, 2021; Martin and Peskowitz, 2018) who may hold different preferences from everyday
citizens.

To interpret our estimates as causal, we require that our controls eliminate the correlation between
𝑉𝑑
𝑖
−𝜔𝑑𝑉𝑑

−𝑖 and 𝐶𝑑 induced by the confound 𝜉, isolating variation attributable to the exogenous cost shifter
𝛾. We discuss this identifying assumption in each domain.

Marginal vs. average effects Our objective is to compare the performance of different topics both
within and across domains (news and politics). One measure of performance is average performance,[
[𝑉𝑑

𝑖
(1) − 𝜔𝑑𝑉𝑑

−𝑖 (1)] − [𝑉𝑑
𝑖
(0) − 𝜔𝑑𝑉𝑑

−𝑖 (0)]
]
. However, since we rely on local variation within each do-

main (the precise nature of which depends on our choice of specification), we instead estimate marginal
performance, and in the presence of decreasing marginal returns, marginal effects and average effects will
differ. This complicates our comparison: if we estimate that economic content performs better than cultural
content on the news, we do not know whether this is due to the fact that news emphasizes economic content
less, and we do not know whether, if news were to balance its economic and cultural coverage shares, the
marginal performance of economic content would remain higher than that of cultural content. Similarly, if
we estimate that the marginal returns to economic content are higher for news than for politicians, we do not
know whether this is solely due to the fact that news emphasizes economic content less than politicians.

However, the opposite finding is more informative. If the topics that news outlets emphasize more
perform better on the margin than the topics outlets emphasize less, then in the presence of diminishing
marginal returns to content, we will estimate a lower bound on average performance differences between
topics. Similarly, if the topics that news outlets emphasize more than politicians also perform better in news
than in politics, then we will estimate a lower bound on average performance differences between domains.

4.2 Viewership-Maximizing Content on Cable News

4.2.1 Empirical strategy

Our objective is to relate the viewership 𝑉𝑛,𝑠,𝑡 of network 𝑛 during time of day 𝑠 on day 𝑡 to the network’s
contemporaneous content, 𝑥𝑛,𝑠,𝑡 . Several threats to identification may confound a naive cross-sectional
regression of viewership on content, arising from unobserved factors 𝜉 which simultaneously influence both
the content networks air and the audience size they attract. For example, networks may strategically choose
to air content that they expect will perform well during periods that would have experienced high viewership
regardless (e.g., Thursday evenings tend to have higher viewership than other periods during the week), or
TV hosts who draw large audiences for reasons unrelated to their choice of content may have a preference
for discussing certain types of content.

We address these potential threats to identification both by including rich sets of controls and by
estimating specifications that control for arbitrary shocks to viewers’ propensity to tune in at a particular
time, simulating an experiment of randomly assigning different content types to users when they turn on
the channel. Our “event study” plots, which display coefficients on lags and leads of the content variable,
enable visual inspection of potential pretrends; and we show that our estimates are stable (and pretrends
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statistically insignificant and small in magnitude) to several alternative event study structures. The identifying
assumption is that residual variation in content is attributable to idiosyncratic variation in network decisions
or the stock of available news events, unrelated to potential viewership outcomes.

In our baseline specification, the panel unit of our event study is a network 𝑛 by fifteen-minute timeslot
𝑠 (e.g., Fox News at 8:00-8:15pm) and our running variable 𝑡 is the calendar-date (e.g., Thursday, June 7,
2018). Our sample spans January 1, 2015 through March 10, 2020 (the day before WHO declared COVID-19
a pandemic). Following Freyaldenhoven et al. (2021), we write the model as:

𝑉𝑛,𝑠,𝑡 =

𝑃∑︁
𝑚=−𝑃

𝛽𝑚𝑥𝑛,𝑠,𝑡−𝑚 + 𝜂𝑡 + 𝑔′𝑛,𝑠,𝑡𝜙 + 𝜀𝑛,𝑠,𝑡 , (3)

where 𝜂𝑡 are calendar date fixed effects, 𝑥𝑛,𝑠,𝑡 is a scalar measure of content, 𝑃 = 7 is the number of pre- and
post-periods we include, and 𝑔′ is a vector of controls: at baseline, we include show-by-timeslot-by-month
and show-by-timeslot-by-day of week fixed effects. The dependent variable in our baseline specification is
the logged total number of seconds viewed across all households in our panel.

Our model exploits both variation in content within panel units across successive days (for example, varia-
tion in the content of Fox News at 8:00-8:15pm on June 7 compared to June 8) and variation across panel units
within calendar days (for example, differences in content on June 7 between 8:00-8:15 on Fox News, 7:00-7:15
on Fox News, and 8:00-8:15 on MSNBC). The identifying assumption required for us to interpret 𝛽0 as the
causal effect of content at time 𝑡 on viewership at time 𝑡 is that E[𝜖𝑛,𝑠,𝑡 |𝑥𝑛,𝑠,𝑡−𝑃, . . . , 𝑥𝑛,𝑠,𝑡+𝑃, 𝜂𝑡 , 𝑔𝑛,𝑠,𝑡 ] = 0.
The 𝑚 < 0 coefficients can be interpreted as a test of pre-trends, i.e., whether network-by-timeslots that
change their content emphasis at 𝑚 = 0 are on different viewership trends on preceding days compared to
network-by-timeslots that do not. The 𝑚 > 0 coefficients capture potential persistent effects of content at
𝑚 = 0 on viewership of the network-by-timeslot on subsequent days (e.g., the extent to which economic
content alienates viewers such that they do not tune back in on subsequent days).

We report results from the baseline specification, discuss potential threats to identification, and then
present further specifications that address these threats.

4.2.2 Results

For clarity of exposition, we first present results with a single measure of content: the share of each
fifteen-minute segment devoted to cultural issues minus the share devoted to economic issues. Positive
coefficients indicate a viewership premium for cultural relative to economic content. Panel A of Figure 4
plots the resulting coefficients {𝛽𝑚}7

𝑚=−6 in black, with associated 95% confidence intervals and with the
𝑚 = −7 coefficient normalized to 0. The contemporaneous coefficient is 0.0234 (standard error 0.0021),
so switching from an entirely economic segment (𝑥𝑛,𝑠,𝑡 = −1) to an entirely cultural segment (𝑥𝑛,𝑠,𝑡 = 1)
increases contemporaneous viewership by approximately 4.8%. The preperiod coefficients are small and
show no persistent pattern, although one of the six is individually significant at the 5% level.

A useful benchmark is the comparable effect of switching from a segment with no commercial advertising
to a segment exclusively devoted to commercial advertising. We reproduce our event study, defining the
treatment instead as the share of commercial advertising, in Appendix Figure A4. We estimate a viewership
decline of approximately 14.6%, roughly three times the decline caused by a switch from cultural to economic
coverage.

These results suggest that the relative dominance of cultural content on cable TV cannot be driven solely
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by cultural content being cheaper than economic content to produce on the margin, i.e. 𝑑
𝑑𝑥
𝐶𝑁 (𝑥∗

𝑖,𝑡
) > 0. If

cost differences drove content differences, then by Equation 2, cultural content would yield a lower viewership
return than economic content on the margin of observed content choices.

4.2.3 Robustness

Additional show-level controls Panel A of Figure 4 presents additional specifications to rule out potential
threats to identification. We include a specification with show-by-day of week-by-timeslot-by-month fixed
effects, which exploit only variation in content between, for example, the 8:15pm-8:30pm timeslot across
the four Tuesday episodes of Tucker Carlson Tonight in March 2016. We include a second specification
that adds network-by-date fixed effects, ruling out shocks that might lead one, but not all, networks to both
experience lower viewership on a given day and, separately, broadcast more economic content relative to
cultural content. Finally, we include a specification that adds an episode-level fixed effect, e.g. comparing
viewership during a more economic fifteen-minute timeslot within a given (60-minute) episode to viewership
during a more cultural fifteen-minute timeslot in that same episode.

The estimated viewership premium of cultural relative to economic content remains strong and statistically
significant across all three alternative specifications. Relative to the baseline specification, show-by-day of
week-by-timeslot-by-month fixed effects and network-by-date fixed effects have little effect on the coefficient
estimate. Episode fixed effects attenuate the magnitude of the coefficients, consistent with viewers being less
sensitive to within-episode variation than across-episode variation.27 Remaining confounds must operate at
a level more granular than an episode: for example, a show’s producer would have to anticipate an unusually
large viewership decline during a particular part of their show on a particular day and strategically time their
economic content for that moment.

Conditioning on tuning in We next estimate a specification that controls even for shocks at this level of
granularity. We condition on the event that a household tunes into a channel at all (and watches at least
five seconds, the minimum viewership duration represented in our data) and examine whether households
watch a larger proportion of the remaining segment when cultural content is being aired than when economic
content is being aired. Since viewers cannot anticipate the content being aired at the time of tuning in, this
specification approximates the experiment of a household tuning into a show and randomly seeing cultural
or economic content. As shown in Panel A of Appendix Figure A5, households tune out of a network
significantly more quickly when it is airing economic, rather than cultural, content, with the magnitude of
the cultural viewership premium similar but slightly smaller than the magnitude of our main specification.
The only remaining potential confounds must affect the intensive margin of how long households remain
tuned in, even after accounting for the extensive margin of whether they tune in at all.

Replication using representative sample The FourthWall sample is not representative of the TV-viewing
population and is drawn from only the 28 Nielsen media markets from which FourthWall began collecting
data in 2015. We therefore replicate our results using aggregate audience sizes (“ratings”) for each hour-long
TV news segment from Nielsen. The Nielsen panel upon which audience estimates are based is recruited
to be representative of the American TV-viewing population and has been extensively used in prior work
(see, e.g., Gentzkow et al. 2024; Shapiro et al. 2021). To facilitate comparison, we compute our FourthWall

27The decrease in estimated effect is similar to the corresponding decrease in effect of commercial advertising induced by episode
fixed effects (Appendix Figure A4).
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Figure 4: Effect of segment content on segment viewership

(a) Effects of cultural relative to economic content

(b) Effects of all high-level content categories

Notes: Panel A plots estimates of {𝛽𝑚}7
𝑚=−6 from various specifications of Equation 3, with 𝛽−7 normalized to 0. The dependent

variable in the top panel is logged total seconds viewed of the fifteen-minute segment, computed from FourthWall data; the
explanatory variable of interest is the share of the segment’s topics which are cultural minus the share economic, ranging from -1 to
1. The sample contains cable news through March 10, 2020 and requires each network-show-timeslot cell to appear on at least 90
distinct dates. Our base specification controls for calendar date fixed effects, show-by-timeslot-by-month fixed effects, and show-
by-timeslot-by-day of week fixed effects. Additional specifications fully interact the latter two sets of fixed effects (i.e. control for
show-by-day of week-by-timeslot-by-month fixed effects), add network-by-date fixed effects, and add fixed effects for the particular
60-minute episode. Panel B plots estimates of 𝛽0 from the base specification, in which the explanatory variable of interest is the
share of the segment devoted to each top-level type of content in our schema.
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event studies at the level of a 60-minute rather than 15-minute segment.28 As shown in Panel B of Appendix
Figure A5, the estimates based on the FourthWall and Nielsen data are virtually identical.

Alternative panel setups To evaluate potential pretrends operating at a timescale different from the
calendar day and to assess the robustness of our estimates to alternative sources of variation, we present
two alternative specifications of the event study. The first takes as the panel unit the show-by-timeslot
(e.g., Tucker Carlson Tonight at 8:15pm) and the running variable as the episode number (e.g., the third
episode of Tucker Carlson Tonight aired since our data begins). The second instead takes as the panel unit
the day of week-network-by-timeslot (e.g., Fox News at 8:15pm on Tuesdays) and the running variable as the
calendar week. As shown in Panel C of Appendix Figure A5, the estimated effects under these alternative
specifications are, if anything, slightly larger than those under our preferred network-by-date specification.

Alternative segment lengths Finally, we examine the extent to which our effects change as we change the
length of our unit of analysis. Panel D of Appendix Figure A5 presents estimates at the length of a five
minute segment, a fifteen-minute segment (our preferred specification) and an entire sixty minute episode.
The estimated effect remains strong and significant across all specifications, but grows as we increase the
duration of the segment. This pattern is consistent with increasing disutility to economic content: viewers
may be willing to tolerate five minutes of economic content in anticipation of future cultural content, but are
more likely to turn off if the entire episode is economically focused.

4.2.4 Estimates for all content categories

We replicate these estimates for each of our individual fourteen high-level categories: economic pol-
icy/conditions, entitlements/healthcare, and education (“economic” topics); crime/safety, gender/race/religion,
immigration, and anti-elite content (“cultural” topics); government functioning and political conflict, military
and national security, international events, science and technology, and natural/manmade disasters (“other
hard” topics); and commercial advertising and entertainment and “soft news”. We summarize these results
in Panel B of Figure 4, which plots the 𝛽0 coefficients representing the effect of content on contemporane-
ous viewership. Every high-level cultural topic in the schema generates more viewership than any of the
high-level economic topics in our schema, although these differences are not always statistically significant.
Among the topics generating the largest viewership premium are anti-elite content and government function-
ing/political content, a fact potentially related to the sharp rise of affective partisan polarization since 1996
(e.g., Levendusky and Malhotra 2016; Iyengar et al. 2019).

We next replicate these estimates for each of the topics in our schema, plotting the corresponding 𝛽0
coefficients in Appendix Figure A6. Although our results for less common topics are significantly noisier,
most cultural topics generate significantly greater viewership responses than most economic topics, with
“Guns”, “Religion”, and “Terrorism” attracting the largest audiences.

28Per our data use agreement, we make no effort to analyze how this outcome is defined. However, Nielsen publications
(e.g. Nielsen 2023) suggest that households must watch an (unspecified) length of a program in order to count for the purposes of
that program’s ratings.
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4.3 Poaching versus Mobilization Flows on Cable News

4.3.1 Decomposing performance results

Our household-by-second smart TV data, in which we can track households as they switch between different
channels, allow us to directly measure poaching and mobilization flows. For each news segment, we calculate
the share of viewers who tuned into the segment who (1) switch to a different news channel and (2) switch
to the “outside option” of a non-news channel, or turning off the TV.29 Flow (1) captures poaching loss, and
flow (2) captures mobilization loss. We study net outflows (rather than also including households who flow
in to the segment) because only the former households know what content is being broadcast on the channel
and can plausibly respond to it.

Panel A of Figure 5 replicates our standard event-study specification (Equation 3) using flows to the
competitor and the outside option as outcomes. Shifts toward cultural content decrease flows to the outside
option (i.e., increase mobilization) but increase flows to competitor channels (i.e., reduce poaching), sug-
gesting that on the margin, cultural content is better for mobilization but worse for poaching than economic
content.

Robustness We collapse these results to a single dependent variable by subtracting flows to the outside
option from flows to the competitor, then replicate Equation 3 to estimate each topic’s “diversion”: its
relative effectiveness for mobilization relative to poaching, with positive coefficients indicating content
that is relatively better for mobilization. We then replicate our battery of robustness checks in Appendix
Figure A7. Estimating these specifications for each high-level topic in Panel B in Figure 5, and for all topics
in Appendix Figure A8, we find that cultural topics are consistently better for mobilization and economic
topics consistently better for poaching.

4.4 Broadcast vs. Cable

Estimating the analogous effects of cultural content on viewership for broadcast news is infeasible using the
full set of six lags and leads used in Equation 3, since broadcast news occupies a thinner and less continuous
schedule: the full fourteen-day window from 𝑡 − 7 through 𝑡 + 6 retains only 8,461 of 108,562 recurring-slot
broadcast observations. We therefore estimate Equation 3 setting 𝑃 = 0 — that is, the static counterpart to
the event study used for cable. Reassuringly, as shown in Panel A of Figure 6, the static estimate for cable is
virtually identical to the 𝑡 = 0 estimate from the event study: 0.0250 log points (s.e.=0.0018) compared with
0.0234 (s.e.=0.0021).

In contrast, there is no cultural premium on broadcast. The static broadcast estimate is 0.0006 log
points (s.e.=0.0019), small and statistically indistinguishable from zero. The difference from the static cable
estimate is 0.0244 log points (s.e.=0.0026; 𝑝 < 0.001).

To examine the mechanisms driving these differences in content choice between cable and broadcast,
and in the effects of content on viewership and diversion, we estimate cable’s viewership premium separately
by timeslot. The logic of this test is straightforward: if cultural content on cable news is a business strategy
to mobilize viewers who would otherwise watch entertainment, then the returns to this strategy should be

29We classify a household as having switched from channel 𝐴 to channel 𝐵 if (1) the household has no other viewing intervals
of more than five seconds between when they stop watching 𝐴 and start watching 𝐵, and (2) the start time of viewing 𝐵 is less than
two minutes after the end time of viewing 𝐴. This definition ensures that if a viewer manually switches from channel 𝐴 to channel
𝐵 by way of the intermediate channels, we still capture this as an 𝐴-𝐵 switch.
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Figure 5: Effect of segment content on switching behavior away from segment

(a) Effect of relative cultural content on switching rate to competitors and switching rate to outside option

(b) Effect of all high-level content categories on switching rate to competitor minus switching rate to outside option

Notes: Panel A plots estimates of {𝛽𝑚}7
𝑚=−6 from two specifications of Equation 3: one in which the dependent variable is the

share of households switching to a competing news channel and one in which the dependent variable is the share of households
switching off the news (i.e. either switching to a non-news channel or turning off the TV). The explanatory variable of interest is
the share of the segment’s topics which are cultural minus the share economic, ranging from -1 to 1. The sample contains cable
news through March 10, 2020 and requires each network-show-timeslot cell to appear on at least 90 distinct dates. Panel B plots
estimates of 𝛽0 from parallel specifications in which we replace the outcome variable with the difference in the switching rate to
competing news channels relative to the switching rates to the outside option, and we replace the explanatory variable with the
share of the segment devoted to each type of content. In both panels, we control for calendar date, show-by-timeslot-by-month, and
show-by-timeslot-by-day of week fixed effects.
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higher when more potential cable news viewers are watching entertainment and lower when more potential
cable news viewers are watching rival news outlets: the differences in the cultural premium between cable
and broadcast, and the differences in the amount of culture they air, should be driven by times when broadcast
news is not airing.

We implement this test by calculating the TV-household-weighted fraction of ABC, CBS, and NBC
affiliates carrying national news in each year-by-day-of-week-by-half-hour slot. Panel B of Figure 6 shows
the distribution of average availability across recurring slots. Mean availability is 12.8%, the median is 2.9%,
and 7.4% of slots have no measured availability. We next augment the static cable specification by interacting
culture-minus-economic content with broadcast availability. For the decile estimates in Panel C, we replace
the continuous interaction with interactions between content and ten availability-quantile indicators.

Panel C of Figure 6 shows that the continuous cultural-premium interaction is −0.0422 log points per unit
of availability (s.e.=0.0105), implying a premium of 0.0308 at zero availability that shrinks to approximately
zero at the upper end of observed average availability. Cable’s culture-minus-economic content share
similarly declines with availability (slope −0.0924, s.e.=0.0229), while broadcast content is approximately
flat (slope −0.0210, s.e.=0.0574). The fitted cable and broadcast content series therefore nearly converge
at the upper end of observed availability. These are descriptive relationships across recurring slots, not
causal responses to broadcast scheduling, but their joint pattern is consistent with cable emphasizing cultural
content where the return to mobilizing viewers from entertainment or television off is greatest.

4.4.1 Historical evidence from consumer survey data

The rich television viewership module included in the MRI Survey of the American Consumer enables a
broader test, in the spirit of Prior (2005), of whether Fox News and MSNBC attracted their early audience
by “poaching” viewers from watching other news programs or “mobilizing” viewers who were previously
watching entertainment. To conduct this test, we classify every show or network included in the viewership
survey as either “news” or “entertainment” programming, then compute, for each survey respondent, the
number of news and entertainment programs they report watching in the past week. Using data from 1994-
1995 (the two years before the entry of Fox News and MSNBC), we fit a random forest to predict (log)
news and entertainment viewership based on the demographic variables available in MRI — age, education,
income, household composition, race, gender, marital status, presence of children, Hispanic ethnicity,
employment status, satellite access, county size, and Census region — together with the demographic and
socioeconomic composition of the respondent’s media market. We use this model to generate predicted news
and entertainment viewership for respondents in 1998 and 1999, the first survey waves for which we have
viewership data for Fox and MSNBC. In this post-entry sample, limited to cable-subscribing households
— those for whom the cable entrants were an available choice — we then regress (𝑧-scored) indicators for
respondents’ self-reported viewership of each network in the MRI survey jointly on predicted entertainment
viewership and predicted news viewership. For a given network, these two coefficients capture the extent to
which the network’s early viewers comprised the demographic groups previously watching news and those
previously watching entertainment.

Figure 7 plots each network’s pair of coefficients, with the loading on prior news consumption on the
horizontal axis and the loading on prior entertainment consumption on the vertical axis. Reassuringly,
the flagship evening newscasts of ABC, CBS, and NBC cluster tightly in the lower-right corner of the
map: their viewership loads strongly on predicted news viewership (approximately +0.4) and negatively on
predicted entertainment viewership. Entertainment networks such as ESPN and HBO occupy the opposite
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Figure 6: Cable and broadcast cultural premiums, content, and broadcast news availability

(a) Cultural viewership premium on cable and broadcast (b) Distribution across recurring slots

(c) Cultural content and the cultural viewership premium

Notes: Panel A plots the preferred cable event-study estimate at 𝑡 = 0 and base-specification static estimates for cable and
broadcast, with 95% confidence intervals. The dependent variable is logged total seconds viewed of the fifteen-minute segment; the
explanatory variable is the share of cultural topics minus the share of economic topics. The sample spans January 1, 2015–March
10, 2020 and retains network-show-timeslot cells observed on at least 90 dates. Both specifications control for calendar-date,
show-by-timeslot-by-month, and show-by-timeslot-by-day-of-week fixed effects and cluster standard errors by network-by-timeslot.
Panel B plots broadcast national-news availability across all 2,016 recurring year-by-day-of-week-by-half-hour slots. Availability
is the date-matched TV-household-weighted fraction of ABC, CBS, and NBC carrying canonical national-news programming in
the DMA-date-half-hour. Panel C plots culture-minus-economic content as a share of non-ad content for cable and broadcast,
and the effect of culture-minus-economic content on logged cable viewership. For the content series, dots use separately selected
quantile-spaced, IMSE-optimal bins and intervals are robust bias-corrected 95% pointwise confidence intervals following Cattaneo
et al. (2024); lines are global linear fits with 95% pointwise confidence bands. Standard errors cluster on network-by-half-hour.
Cultural-premium dots are coefficients from a pooled regression interacting culture-minus-economic content with ten availability-
quantile indicators; the line is the corresponding continuous-interaction fit. These regressions use the same fixed effects as Panel A
and cluster standard errors by network-by-timeslot.
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Figure 7: Predictiveness of demographic groups’ prior news and entertainment consumption for network viewership

Notes: Each point is a network in the MRI television viewership module. Its coordinates are the two coefficients from a regression
of a (𝑧-scored) indicator for whether the respondent reported watching the network in the past seven days jointly on the respondent’s
predicted news viewership (horizontal axis) and predicted entertainment viewership (vertical axis), with survey-wave fixed effects.
The sample is cable-subscribing respondents in the 1998 and 1999 survey waves. Predictions come from random forest models
trained on the 1994–1995 waves to predict the (𝑧-scored) log number of news programs and entertainment programs each respondent
watches, using as covariates the demographic variables available in MRI (age, education, income, household composition, race,
gender, marital status, presence of children, Hispanic ethnicity, employment status, satellite access, county size, and Census region)
and twelve demographic and socioeconomic characteristics of the respondent’s media market. Broadcast news points are the flagship
evening newscasts on ABC, CBS, and NBC.

region, loading positively on predicted entertainment viewership and weakly or negatively on predicted news
viewership. The two cable entrants sit among the entertainment networks, far from the broadcast news
cluster: viewership of Fox News and MSNBC is essentially unrelated to predicted news viewership (loadings
of +0.01 and +0.05), and Fox News loads on predicted entertainment viewership (+0.23) as strongly as
many entertainment networks. By contrast, CNN — established in 1980, well before the period we study,
and visible as the large unlabeled circle adjacent to the broadcast cluster — behaves like a broadcast news
division, loading strongly on predicted news viewership (+0.45) and negatively on predicted entertainment
viewership (−0.14).30 That the entrants’ early audiences resembled those of the entertainment networks —
rather than the audiences of the broadcast newscasts and CNN — further suggests a “mobilizing” strategy
focused on competing with entertainment rather than a “poaching” strategy focused on competing with
broadcast news.

30Conditioning on cable subscription ensures these patterns do not reflect differences between households subscribing vs. not
subscribing to cable. Appendix Figure A9 replicates the exercise without the cable restriction and finds similar results.
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4.5 Voteshare-Maximizing Content in Elections

4.5.1 Empirical strategy

Our analysis for politicians parallels the analysis for TV news, but our data are significantly less rich: whereas
both content and our primary outcome (household-level viewership) vary at the fifteen-minute level in our
analysis of news, our primary outcome for politicians varies only at the candidate-by-election-year level (for
aggregate electoral performance, computed from electoral returns) or at the respondent-by-candidate-by-
election-year level (for individual-level voting choices). These limitations preclude the fine-grained event
study approach we used for TV news, and we instead proceed via a two-way fixed effects model. Without a
credible source of exogenous variation in campaign emphasis, we interpret these results as suggestive rather
than causal.31

We include Democratic and Republican candidates in contested primary and general elections for whom
we observe campaign advertising. Our panel unit is a party 𝑝 by “seat” 𝑠: we define a seat as an office-by-
constituency pair (e.g., Gubernatorial races in Alabama, House races in Louisiana’s 4th district, Presidential
elections). Our time variable is an election year 𝑡. Our regression specification for aggregate returns,
corresponding to Column 4 of Table 1, is:

𝑉𝑖 𝑝𝑜𝑠𝑡 = 𝛽𝑥𝑖𝑡 + 𝑔′𝑖𝑡𝜙 + 𝜀𝑖𝑡 , (4)

where 𝑖 is a unique candidate,𝑉𝑖 𝑝𝑜𝑠𝑡 is an indicator for whether the candidate won their race (or, in alternative
specifications, the candidate’s vote share), 𝑝 denotes 𝑖’s party, 𝑠 denotes the seat 𝑖 is contesting, and 𝑜 denotes
the office 𝑖 is contesting (e.g. House or Governor). Our variable of interest is 𝑥𝑖,𝑡 , the average share of cultural
content minus the average share of economic content in 𝑖’s campaign ads, standardized within office. In
our canonical specification, our controls 𝑔 include party-by-seat-by-election-stage FE (e.g., Democrats’
average propensity to win contested House primaries in Louisiana’s 4th district), party-by-office-by-year
FE (e.g., Democrats’ average propensity to win House seats in 2006), an incumbency indicator, the logged
number of ad airings, county demographic controls (interacted with party), and the interaction of incumbency
with local economic conditions. We therefore examine whether candidates who run more culturally focused
campaigns perform better or worse, compared both to other campaigns for the same seat by the same party
at the same election stage in other years and compared to other campaigns in the same election year by the
same party for the same office in other seats. Standard errors are clustered by race.

4.5.2 Results

Table 1 presents estimates of Equation 4 across various combinations of controls. Column 1 presents a
regression of an indicator for whether the politician won the election on the relative cultural content of
the politician’s ads (standardized to mean zero and standard deviation one within office), controlling only
for party-by-office-by-year-by-election-stage fixed effects. Column 2 adds party-by-seat-by-election-stage
fixed effects (e.g., Democrats’ average propensity to win the CA-03 House race in a general election). In
Column 3, we add county demographic controls, and in Column 4 (our preferred specification), we add
controls for the interaction of incumbency with measures of the current economic conditions in the area

31Our aim is not to estimate the effects of campaign ads per se (Spenkuch and Toniatti, 2018; Sides et al., 2022) but rather
to characterize the candidate’s broader campaign strategy (including speeches and public appearances, media interviews, debates,
etc.), for which we view the contents of the candidate’s ads as the best available proxy.
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(log income per capita, unemployment rate, and labor force participation). Finally, in Column 5, we add a
control for the campaign emphasis of the candidate’s strongest opponent (the winner for losing candidates
and the runner-up for winners), thus dropping all races in which that opponent did not also air classified
ads. Across specifications, we estimate significant effects of increasing relative cultural content on electoral
success: a one standard deviation increase in relative cultural content is associated with an approximately
3.2 percentage point lower probability of winning the election (2.4 percentage points when conditioning on
opponent content). We plot the estimates for each individual topic in our schema in Appendix Figure A10.
While these estimates are noisier, economic topics are more strongly associated with electoral success than
cultural topics.

Table 1: Political advertising content and electoral success

Dependent variable: Won election
Coarse FE Seat and

year FE
Demographic

controls
Economic
controls

Opponent
content

(1) (2) (3) (4) (5)

Relative culture (std.) -0.0325***
(0.0059)

-0.0323***
(0.0068)

-0.0329***
(0.0069)

-0.0324***
(0.0069)

-0.0242**
(0.0105)

Opponent relative culture (std.) 0.0621***
(0.0140)

Party × office × year FE — Yes Yes Yes Yes
Party × constituency × election stage × office FE No Yes Yes Yes Yes
County demographic controls No No Yes Yes Yes
Incumb. × economic conditions No No No Yes Yes
Highest-vote opponent content No No No No Yes
Observations 5,830 5,489 5,489 5,487 2,652

Notes: Observations are Democratic and Republican candidate-election rows from contested primary and general elections. Each
included candidate must have aired ads and have nonmissing own-campaign advertising emphasis; other campaigns need not have
aired or classified ads in the baseline sample. Winning a primary means winning the party nomination; winning a general election
means winning the office. Relative cultural emphasis is the share of ad content that is cultural minus the share that is economic,
standardized within office using the full pooled estimation sample. Models use equal candidate weights and cluster standard errors
by race. Column 1 uses party-by-office-by-year-by-election-stage fixed effects. Columns 2–5 use party-by-constituency-by-election-
stage-by-office and party-by-office-by-year fixed effects. Column 4 is the canonical specification used by every heterogeneity table.
Column 5 adds the standardized content of the highest-vote other candidate in the full election returns and therefore retains a focal
candidate only when that opponent aired ads with classified content. For the winning candidate this opponent is the runner-up; for
every losing candidate it is the winner.

Heterogeneity Appendix Tables A1, A2, A3, and A4 examine heterogeneity along four dimensions —
election stage, party, office-by-stage, and ex ante competitiveness — by interacting the relative cultural
content measure and the ordinary controls with each dimension around the canonical specification. The
cultural penalty appears in both primaries and general elections, for both Republicans and Democrats, for
all offices with the exception of an insignificant but positive estimate for gubernatorial general elections,
and for both competitive and non-competitive races, as rated by the election analytics organization Inside
Elections. We do not detect heterogeneity across any of these dimensions at conventional levels of statistical
significance.

Our controls rule out many plausible confounds — for example, that incumbents presiding over good
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economic conditions both are electorally rewarded and separately discuss their economic performance; or
that candidates from the more popular party in the seat are both more likely to win the election and separately
to air economic ads. However, we are unable to rule out important potential confounds: for example,
candidates who are less skilled campaigners may both perform worse in elections and tend to air more
cultural ads; or candidates who expect to lose may turn to culture as a higher-variance strategy.32

Given these potential confounds, we view our results as suggestive. At a minimum, our results indicate
there is no obvious cultural premium for politicians, as we found for TV news. The fact that there are likely
diminishing marginal returns to emphasizing a given dimension (e.g., because news outlets report on the
most exciting or important stories first, or politicians talk about the most important or persuasive issues first)
makes the higher marginal returns to cultural content for TV — even when TV is already discussing cultural
issues significantly more than politicians — even more striking.

4.5.3 Poaching versus mobilization in politics

Without rich individual-level panel data, we cannot directly replicate the individual-level “switching” speci-
fications of Section 4.3. At the aggregate level, we instead separate the candidate’s two-party vote share—the
margin on which votes gained from the opponent matter—from total votes cast divided by the eligible popu-
lation, our direct turnout margin. Appendix Figure A11 reports both sets of estimates across a specification
ladder paralleling Table 1. A one-standard-deviation (within-office) increase in cultural relative to economic
emphasis is associated with a 1.1–1.7 percentage point reduction in the candidate’s two-party vote share.
The corresponding turnout estimates are close to zero. As in news, therefore, economic topics appear rel-
atively more effective for poaching; though, as with the other candidate-content estimates, these results are
suggestive given the nature of the variation used and the wide confidence intervals.

5 Changes in Issue Importance

In this section, we turn from the determinants of cable TV’s greater emphasis on cultural content to the
consequences of this emphasis. In particular, we show that constituencies exogenously more exposed
to cultural news coverage report placing greater importance on cultural issues and lower importance on
economic issues, and that politicians respond by supplying more cultural and less economic rhetoric.

We use the instrumental variables approach pioneered by Martin and Yurukoglu (2017) to isolate
exogenous variation in cable news viewership. The logic of the instrument is as follows. The 210 Nielsen
Designated Market Areas (DMAs) in the United States vary significantly in their assignment of different
networks to different channel numbers. The process by which MSNBC and Fox News were assigned
channels was, conditional on a basic set of controls, random: Martin and Yurukoglu (2017), and follow-up
work (Simonov et al., 2022; Ash et al., 2024a), show that channel numbers are orthogonal to a wide range of
demographic characteristics. Moreover, Fox News and MSNBC receive higher viewership in areas in which
they are assigned a lower channel number: since other popular networks tend to have low channel numbers,
viewers who “channel-surf” are more likely to watch more Fox News or MSNBC when these networks are
placed near the popular networks.

32We employ the approach of Altonji et al. (2005), extended by Oster (2019), to calculate the degree of selection on unobservables
required to spuriously generate our coefficient under the null hypothesis that there is no causal effect of the relative cultural emphasis
of a campaign’s ads on vote shares; we find that selection on unobservables would need to be 155% the size of selection on
observables in order to explain away our estimated effect.
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5.1 Effects of cable news on voter priorities

We match our Gallup data on individual voters’ responses to Most Important Problem questions with Nielsen
data on the channel numbers and ratings of Fox News and MSNBC in those voters’ ZIP codes. Since the
Gallup surveys do not consistently ask respondents about their personal media consumption, we use average
viewership of Fox News or MSNBC in the respondent’s DMA as the endogenous variable instrumented with
the channel numbers of these networks.

We estimate the following equation:

𝑌𝑖𝑚𝑡 = 𝛽𝑅𝑚𝑡 + 𝑋𝑖𝜂 + 𝑍𝑚𝑡𝜎 + 𝜀𝑖𝑚𝑡 , (5)

where 𝑌𝑖𝑚𝑡 is the individual’s stated importance of cultural issues relative to economic issues, 𝑅𝑚𝑡 is the
fitted value of the network’s rating in media market 𝑚 in year 𝑡, 𝑋𝑖 is a vector of individual-level controls,
and 𝑍𝑚𝑡 is a vector of media market-by-year-level controls. As described in Section 2.3, we construct our
outcome variable from responses to Gallup’s Most Important Problem question. 𝑌𝑖𝑚𝑡 is operationalized
as the difference between an indicator for the individual’s Most Important Problem being cultural and an
indicator for their Most Important Problem being economic (so it takes on values −1, 0, and 1). Standard
errors are clustered at the DMA level.

Panel A of Table 2 presents results from various specifications of Equation 5. These specifications sum
across Fox and MSNBC to consider their joint effect, though we also present results separating the two
and find that the two networks’ effects are fairly similar. Column 1 presents a parsimonious specification
in which we control only for year fixed effects and individual-level demographic controls. We sequentially
add controls: county demographic controls (shares white, black, and Hispanic and log population both
as of the year of the survey and as of 2000, and log income per capita in 2000), economic controls (log
income per capita, unemployment rate, and labor force participation), and voting controls (indicators for
each individual’s choice on a five-point party alignment scale). Voting controls are a “bad control” in the
sense that increases in a voter’s relative weight on culture should affect their voting behavior; we nevertheless
find it valuable to include these controls to assess whether our results are distinct from the well-established
effect of cable viewership on Republican or Democratic voting (DellaVigna and Kaplan, 2007; Martin and
Yurukoglu, 2017).

The estimated effects remain stable and significant across combinations of controls: in our preferred
specification in Column 3, an increase in viewership of one rating point raises the average stated importance
of cultural issues relative to economic issues by approximately 0.13 (on a scale ranging from −1 = economic
to 1 = cultural). Equivalently, an increase in viewership by one standard deviation raises the stated relative
importance of cultural issues by approximately 0.06 standard deviations. We report credible intervals,
calculated via a Bayesian bootstrap procedure clustered at the media market level (Andrews and Shapiro,
2025; Rubin, 1981), in brackets.

We explore dynamics in Panel A of Appendix Figure A12. Following the procedure of Cattaneo et al.
(2024), we plot binscatters of the reduced-form relationship between channel numbers and Most Important
Problems. Cross-sectional differences emerge as early as 2000-2007, and the variation between counties
decreases over time. This decreased cross-sectional variation is consistent with a combination of increasing
cable ratings and diminishing marginal effects. Appendix Table A5 shows that although the estimated effects
of MSNBC are similar to those of Fox News, they are estimated less precisely; we are unable to reject that the
effects of the two networks are equal. We present estimates for all topics on the left-hand panel of Appendix
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Table 2: Effect of cable news on voter priorities and political ads

Panel A: MIP Cultural relative to economic MIP

Fox News + MSNBC rating 0.152** 0.150** 0.133** 0.105*
(0.07) (0.07) (0.07) (0.06)

Bayes bootstrap 95% CI — — — —

Observations 153,436 153,436 151,592 151,592

Panel B: Ads Cultural relative to economic ads

Fox News + MSNBC rating 0.576*** 0.806** 0.706* 0.259
(0.21) (0.39) (0.38) (0.41)

Bayes bootstrap 95% CI — — — —

Observations 1,500 1,500 1,498 1,007

County demographic controls No Yes Yes Yes
County econ controls No No Yes Yes
Voting controls No No No Yes

Notes: Table presents 2SLS regressions. In Panel A, the unit of observation is a sur-
vey respondent, and the dependent variable is the difference between the respondent’s
reported importance of cultural issues and their reported importance of economic is-
sues. In Panel B, the unit of observation is a candidate-by-year, and the dependent
variable is the share of cultural videos minus the share of economic videos aired by
the candidate. All columns in Panel A control for individual demographic controls
(race, education, and age) and year fixed effects; all columns in Panel B control for
office-by-party fixed effects, year fixed effects, and an indicator for whether the can-
didate is incumbent. County-level demographic controls include shares white and
black and log population. County economic controls include log income per capita,
unemployment rate, and labor force participation. Voting controls include each indi-
vidual’s choice on a five-point party alignment scale (ranging from Strong Democrat
to Strong Republican) in Panel A and the voteshare of the candidate’s party in the
previous race for that seat in Panel B. Standard errors are clustered at the media mar-
ket level (Panel A) and race level (Panel B); we present 95% credible intervals from
a Bayes bootstrap clustered at the same levels.
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Figure A13.

5.2 Effects of cable news on political rhetoric

We next link cable news exposure to political appeals. We construct measures of both cable news viewership
and channel numbers at the constituency level by averaging across all counties overlapping with the con-
stituency, weighted by the share of the constituency’s population each county comprises. We then estimate
various specifications of:

𝑐𝑖,𝑡 = 𝛽�𝑅𝑎 (𝑖) + 𝑋𝑖,𝑡𝜂 + 𝑍𝑎 (𝑖) ,𝑡𝜎 + 𝜀𝑖𝑡 , (6)

where 𝑐𝑖,𝑡 is the average content of politician 𝑖’s advertisements in election year 𝑡, �𝑅𝑎 (𝑖) ,𝑡 is the fitted
average rating of the network across all counties that make up the constituency 𝑎(𝑖) in which the politician
is running (instrumented by the average channel numbers across all markets in 𝑎(𝑖)), 𝑋𝑖,𝑡 is a vector of
politician-by-year-level controls, and 𝑍𝑎 (𝑖) ,𝑡 is a vector of constituency-by-year-level controls.

Panel B of Table 2 presents results. Column 1 presents a specification including only office × party and
year fixed effects and an incumbency indicator. Through Columns 2–4, we add the same controls as in Panel
A: county-level demographics, economic conditions, and voting controls. Across specifications, we estimate
a meaningful effect of cable viewership on politician campaign emphasis: an increase in cable viewership by
one rating point increases the relative cultural emphasis of campaigns by approximately 0.7 (on the −1 to 1
cultural-minus-economic scale). We are underpowered to reject the null hypothesis of no effect in Column 4,
but the coefficient estimate remains similar to those in previous columns.

Panel B of Appendix Figure A12 presents the reduced-form relationship between campaign emphasis
and channel numbers. The effect is strongest in 2008-2015, consistent with politicians responding to the
changing voter preferences documented in Panel A with a delay. Disaggregating by network in Appendix
Table A6, we find that the effects of MSNBC are larger but less precisely estimated. We present estimates
for all topics on the right-hand panel of Appendix Figure A13.

5.3 Back-of-the-envelope quantification

We close this paper with a back-of-the-envelope exercise using the cross-sectional variation exploited in
Table 2 to quantify the extent to which the growth of Fox News and MSNBC can explain the observed
changes in voter priorities and political advertising since 2000 (the first year for which we have non-
presidential advertising data). This quantification must be interpreted with caution, particularly because it
abstracts from time-series changes in the Democratic or Republican parties’ overall positions or from the
effects of elections themselves. Both endogenous party realignment, and which party or politician won
the prior election, are likely to influence both voters’ Most Important Problem responses and individual
politicians’ advertisements; and there are many other shocks during this period affecting both voter priorities
and politicians’ advertisements, including the Great Financial Crisis and the rise of social media. We thus
view this quantification as suggestive.

To perform our quantification, we multiply the estimated effect of one additional rating point of Fox
News, MSNBC, or both together on voters’ Most Important Problem (Appendix Table A5, Column 2) or
on politicians’ campaign ads (Appendix Table A6) by the ratings of Fox News and MSNBC in 2022. We
then subtract this value from the observed Most Important Problem or ad content in 2022 to compute the
counterfactual outcomes. Table 3 shows that Fox News and MSNBC can jointly account for 34% of the
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growth in cultural relative to economic MIPs between 2000 and 2022, and 41% of the growth in cultural
relative to economic political advertising over the same period.

Table 3: Back-of-the-envelope quantification of effects of cable

Observed Counterfactual
2000 2022 2022, removing...

Fox MSNBC Both

Panel A: MIP Cultural minus economic MIP

Level -0.29 0.02 -0.07 0.00 -0.08
2000 → 2022 growth explained — — 29% 7% 34%

Panel B: Ads Cultural % minus economic % of ads

Level -0.59 -0.17 -0.33 -0.20 -0.34
2000 → 2022 growth explained — — 38% 7% 41%

Notes: We compute the counterfactual for each network (or Fox and MSNBC jointly) by
multiplying the estimated effect of one rating point (see Appendix Table A5 for effects
on MIP and Appendix Table A6 for effects on ads) by the average rating in 2022, and
subtracting this value from the observed late-period average. We compute percent of

growth explained as 100 × 𝑦obs
2022−𝑦

cf
2022

𝑦obs
2022−𝑦

obs
2000

.

6 Discussion

This paper traces recent growth in political conflict on cultural issues — the “culture war” — in part to
changes in the landscape of entertainment and news media competition in the 1980s and 1990s. Our analysis
centers on the 24-hour cable news outlets which responded to the incentives these changes created, and on
the distinctive, culture war-centered business strategy they employed to do so. We show that this business
strategy can explain a significant fraction of subsequent growth in the importance of cultural issues among
both voters and politicians.

International perspective and social media Most Western liberal democracies have experienced patterns
of educational polarization (Gethin et al., 2022) that may be attributable to a common growth in the salience
of cultural issues (Danieli et al., 2024). However, cultural divisions in the US emerged earlier, and appear
much deeper, than in other liberal democracies. The US is an outlier in terms of affective and partisan
polarization (Boxell, Gentzkow and Shapiro, 2024; Desmet, Ortuño-Ortı́n and Wacziarg, 2025), populist
cultural values (Iversen and Soskice, 2020), urban-rural voting divides (Taylor et al., 2024), trust in the
news media and the partisan gap in trust (Newman et al., 2021; Burn-Murdoch, 2024), and the percentage
of respondents reporting that the country is in a “culture war” (Duffy et al., 2021). The US culture war is
also broader: divisions over guns, abortion, policing, religion, and gay rights are mostly unique to the US,
whereas culture wars in other democracies are largely dominated by immigration. Disputes over these issues
that do erupt in other countries often appear directly exported from the US (The Economist, 2021).

Though social media is empirically beyond the scope of this project, the same underlying forces — a
gap between the objectives of share-maximizing politicians and size-maximizing content creators — are
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likely to apply, and may explain some part of the recent surge in European populist parties focused largely
on immigration and anti-elite affect (e.g. Guriev et al. 2021). We attribute the earlier and sharper rise of
cultural conflict in the US in part to the outsized role of partisan TV news.33

Domestic historical perspective While we contrast politicians specifically with cable news, many other
political actors are size- rather than share-maximizers — membership- or contribution-based interest groups,
pundits and social media personalities, and the organizers of protest movements — and thus may favor
mobilizing strategies that diverge from politicians’ poaching-focused messaging. In some instances, these
strategies may actively undermine the objectives of politicians in the same coalition (Hacker and Pierson,
2020; Wasow, 2020). A corollary is that polarization or issue realignment should generally be “led” by
size-maximizing actors, with politicians adhering to the median of status quo political cleavages until voter
preferences change enough to warrant a pivot in campaign strategy.

This perspective sheds light on several episodes of cultural polarization in American politics since World
War II. In the 1960s, (size-maximizing) activist groups raised the salience of polarizing social issues such
as civil rights, feminism, and the Vietnam War. Fault lines over these issues initially cross-cut partisan
divisions (Mason, 2018) among both legislators and citizens: for example, the Democratic Party contained
a segregationist wing and the Republican Party a racially liberal wing. The Democratic Party’s decision
to incorporate the socially progressive movements of this era and the Republican Party’s pivot towards
embracing anti-counterculture backlash, law and order, and Southern white racial grievances (Carmines and
Stimson, 1989; Kuziemko and Washington, 2018) aligned these cultural divisions with partisan ones; but
the initial salience of the divisions was driven by size-maximizing actors, not politicians (Noel, 2014).

From the 1970s to 1990s, another wave of cultural polarization grew on the right. This polarization
originated with televangelists and Religious Right movement leaders in the 1970s and 1980s, who were
eventually incorporated into the Republican Party (Schlozman, 2015); partisan talk radio shows unleashed
by the 1987 abolition of the Fairness Doctrine (Hemmer, 2022); and finally Fox News. Many of the key
planks of Trumpism were first popularized in their modern form by right-wing media personalities in the
1990s, including the radio personality Rush Limbaugh and popular TV commentator (and unsuccessful
presidential candidate) Pat Buchanan (Hemmer, 2022; Ganz, 2024).

33Indeed, Boxell et al. (2024) find that trends in affective polarization are positively correlated with growth in the number of
private 24-hour news channels in the country, whereas they are negatively correlated with growth in inequality or the share of the
population accessing news online.
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Strömberg, David, “Media and Politics,” Annual Review of Economics, 2015, 7 (1), 173–205.

Taylor, Zack, Jack Lucas, David Armstrong, and Ryan Bakker, “The Development of the Urban-Rural
Cleavage in Anglo-American Democracies,” Comparative Political Studies, 2024, 57 (8), 1339–1374.

The Economist, “Social media are turbocharging the export of America’s political culture,” The Economist
June 2021. Accessed: 2024-12-14.

Ward, Ian, “The Democrats’ privileged college-kid problem,” Politico Magazine October 2021. Accessed:
2024-12-14.

Wasow, Omar, “Agenda Seeding: How 1960s Black Protests Moved Elites, Public Opinion and Voting,”
American Political Science Review, 2020, 114 (3), 638–659.

Wiener, Robert, Live from Baghdad: Making journalism history behind the lines, Macmillan, 2002.

Yildirim, T Murat and Laron K Williams, “Problem importance across time and space: Updating the
“Most Important Problem Dataset”,” Journal of Elections, Public Opinion and Parties, 2024, pp. 1–16.

1



Online Appendix

“The Business of the Culture War”

Shakked Noy and Aakaash Rao

A Additional Tables and Figures

Appendix Figure A1: Validation of “economic” and “cultural” labels

Notes: Figure presents a validation of our subjective “economic” and “cultural” labels of each topic. To perform this validation, we
form an 𝑁 × 6 matrix collecting the six sets of topic-level results described in this paper, where 𝑁 = 25 is the number of unique
topics for which we have valid estimates across all six exercises: differential topic emphasis in cable vs. ads, topic performance
in cable, topic performance in ads, relative topic performance for poaching vs. mobilization (in cable), effects of cable on topic
importance as measured by Most Important Problem responses, and effects of cable on topic emphasis in ads. We then calculate the
loadings of each topic onto the first two principal components of this matrix, and we plot those loadings, with the topics we label
as “economic” in green and those we label as “cultural” in red. We also shade the clusters implied by 𝑘-means clustering (with 2
categories) of the 25 × 6 results matrix.
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Appendix Figure A2: Prevalence of top-level categories in broadcast and cable over time

(a) Average viewership-weighted content

(b) Top-level categories

Notes: Panel A plots, for each network, the share of airtime devoted to cultural topics minus the share devoted to economic topics.
We smooth these series using a four-year rolling average. The weights used in the calculation of the weighted mean are the fraction
of MRI respondents who indicate they have watched the network in the past seven days. We define economic, cultural, and “other”
topics in Appendix B. Panel B presents the share of TV news segments about each of the nine topics in each year, weighted by
duration and smoothed with four-year rolling means. Calculations for 1968-1991 use exclusively Vanderbilt TV News Archive Data;
calculations for 1992-2013 add LexisNexis data; and calculations for 2014-2022 use exclusively TVArchive data.
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Appendix Figure A3: Content of campaign television advertisements, 2000-2022

Notes: Figure presents the share of campaign ads about each of the nine topics. “Candidates and campaigns” includes ads mentioning
non-policy-related personal characteristics. Ads are weighted by total airings.

Appendix Figure A4: Effect of advertising on TV viewership

Notes: Panel plots estimates from Equation 3. The dependent variable is (logged) total seconds watched of the fifteen-minute
segment, computed from FourthWall. The explanatory variable of interest is the share of the segment devoted to commercial
advertising. The sample contains cable news through March 10, 2020 and requires each network-show-timeslot cell to appear on
at least 90 distinct dates. The base specification controls for network-by-timeslot (panel unit) fixed effects and calendar date (time)
fixed effects, along with show-by-month and show-by-timeslot-by-day of week fixed effects.
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Appendix Figure A5: Effect of cultural relative to economic content on TV viewership: robustness

(a) Proportion of segment watched, conditional on tuning in

(b) Comparison with estimates from Nielsen data

(c) Alternative panel specifications

(d) Alternative segment lengths

Notes: Figures plot estimates from various versions of Equation 3. Unless the panel explicitly varies the sample or segment grain,
the sample contains cable news through March 10, 2020 and requires each network-show-timeslot cell to appear on at least 90
distinct dates. Panel A replaces the dependent variable with the proportion of the segment the respondent watched, starting from
the second they first tuned into the segment. Panel B replicates our FourthWall estimates (using a 60-minute segment length) and
presents them alongside estimates using the more representative but more aggregated Nielsen ratings data. Panel C shows our
default specification where the panel variable is the network-timeslot (e.g., Fox News at 8:00-8:15) and the time variable is the date,
as well as specifications where the panel variable is the show-timeslot (e.g., Sean Hannity at 8:00-8:15) and the time variable is the
𝑛th show, and where the panel variable is the network-day-of-week-timeslot (e.g., Fox News on Tuesdays at 8:00-8:15) and the time
variable is the week. Panel D aggregates our dependent and independent variables (which are measured at the 5-minute level) to
the 15-minute level (our preferred specification) and the 60-minute level.
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Appendix Figure A6: Effect of all segment content types on viewership

Notes: Figure plots estimates of 𝛽0 from Equation 3, separately for each type of content in the schema. The sample contains
cable news through March 10, 2020 and requires each network-show-timeslot cell to appear on at least 90 distinct dates. The
dependent variable is (logged) total seconds watched of the fifteen-minute segment, computed from FourthWall. The explanatory
variable in each row is the share of the segment classified as the corresponding topic. We control for calendar date fixed effects,
show-by-timeslot-by-month fixed effects, and show-by-timeslot-by-day of week fixed effects.
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Appendix Figure A7: Effect of cultural relative to economic content on diversion to competitors minus diversion to
outside option: robustness

(a) Alternative controls

(b) Alternative panel specifications

(c) Alternative segment lengths

Notes: Figure replicates the robustness checks in Figure 4 and Appendix Figure A5 but using as the dependent variable the share
switching to competing news channels minus the share switching to an entertainment channel or turning off the TV. Unless a panel
explicitly varies the sample or segment grain, the sample contains cable news through March 10, 2020 and requires each network-
show-timeslot cell to appear on at least 90 distinct dates. We control for calendar date fixed effects, show-by-timeslot-by-month
fixed effects, and show-by-timeslot-by-day of week fixed effects.
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Appendix Figure A8: Effect of all segment content types on relative switching to news vs. outside option

Notes: Figure plots estimates of 𝛽0 from Equation 3, separately for each type of content in the schema. The sample contains
cable news through March 10, 2020 and requires each network-show-timeslot cell to appear on at least 90 distinct dates. The
dependent variable is the share switching to news minus the share switching to non-news options (turning off the TV or switching
to entertainment), computed from FourthWall. The explanatory variable in each row is the share of the segment classified as the
corresponding topic. We control for calendar date fixed effects, show-by-timeslot-by-month fixed effects, and show-by-timeslot-by-
day of week fixed effects. 8



Appendix Figure A9: Predictiveness of demographic groups’ prior news and entertainment consumption for network
viewership, all respondents

Notes: Figure replicates Figure 7 without the cable-subscription restriction: the random forest models are trained on all respondents
in the 1994–1995 waves, and the second-stage regressions include all respondents in the 1998 and 1999 waves. Marker areas remain
proportional to seven-day reach among cable households over 1998–2004.

Appendix Table A1: Political advertising content and electoral success by election stage

Dependent variable: Won election
General elections Primary elections

(1) (2)

Relative culture (std.) -0.0207**
(0.0093)

-0.0345***
(0.0086)

Incumbency and logged airings Yes Yes
County demographic and economic-conditions controls Yes Yes
Incumb. and airings × election stage Yes Yes
Party × constituency × election stage × office FE Yes Yes
Party × office × year FE Yes Yes
Estimation observations 5,487

Notes: Observations are Democratic and Republican candidate-election rows from contested primary and general elections. Each
included candidate must have aired ads and have nonmissing own-campaign advertising emphasis; other campaigns need not
have aired or classified ads in the baseline sample. Winning a primary means winning the party nomination; winning a general
election means winning the office. Relative cultural emphasis is the share of ad content that is cultural minus the share that is
economic, standardized within office using the full pooled estimation sample. Models use equal candidate weights and cluster
standard errors by race. The canonical specification includes incumbency, logged ad airings, party-interacted county demographic
controls, incumbency-interacted local economic conditions, party-by-constituency-by-election-stage-by-office fixed effects, and
party-by-office-by-year fixed effects. The focal relative-culture measure, incumbency, and logged airings are each interacted with
the indicated heterogeneity dimension; the demographic and economic-conditions control blocks and the canonical fixed effects are
not interacted. Reported coefficients are the resulting marginal relative-culture slopes.
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Appendix Figure A10: Correlation between political advertising content and electoral success

Notes: Figure plots estimates from Equation 4, separately for each type of content in the schema. The dependent variable is an
indicator for whether the candidate won the election; the explanatory variable in each row is the share of the candidate’s ads classified
as the corresponding topic. Controls are as in Column 2 of Table 1. We cluster at the level of a unique race. The x-axis is restricted
to [−5, 5]. Topic point estimates outside this range are Housing prices; Gangs and organized crime; LGBT issues; International
economic policy/economic conditions; and Influence of Hollywood and cultural elites.
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Appendix Table A2: Political advertising content and electoral success by party

Dependent variable: Won election
Democrats Republicans

(1) (2)

Relative culture (std.) -0.0484***
(0.0114)

-0.0223**
(0.0088)

Incumbency and logged airings Yes Yes
County demographic and economic-conditions controls Yes Yes
Incumb. and airings × party Yes Yes
Party × constituency × election stage × office FE Yes Yes
Party × office × year FE Yes Yes
Estimation observations 5,487

Notes: Observations are Democratic and Republican candidate-election rows from contested primary and general elections. Each
included candidate must have aired ads and have nonmissing own-campaign advertising emphasis; other campaigns need not have
aired or classified ads in the baseline sample. Winning a primary means winning the party nomination; winning a general election
means winning the office. Relative cultural emphasis is the share of ad content that is cultural minus the share that is economic,
standardized within office using the full pooled estimation sample. Models use equal candidate weights and cluster standard
errors by race. The sample pools primary and general elections. The canonical specification includes incumbency, logged ad
airings, party-interacted county demographic controls, incumbency-interacted local economic conditions, party-by-constituency-
by-election-stage-by-office fixed effects, and party-by-office-by-year fixed effects. The focal relative-culture measure, incumbency,
and logged airings are each interacted with the indicated heterogeneity dimension; the demographic and economic-conditions
control blocks and the canonical fixed effects are not interacted. Reported coefficients are the resulting marginal relative-culture
slopes.

Appendix Figure A11: Effect of campaign content on two-party vote share and turnout

Notes: Figure plots estimates from Equation 4 in general elections, replacing the dependent variable with the candidate’s two-party
vote share (circles) and with total votes cast in the race divided by the eligible population (triangles). The turnout outcome uses total
votes across candidates, rather than the candidate’s own votes, so that it does not mechanically inherit the vote-share result. The
explanatory variable is the candidate’s relative cultural content, standardized within office. The minimal specification controls for
party-by-office-by-year fixed effects; subsequent specifications sequentially add party-by-seat fixed effects, the opponent’s content,
the interaction of incumbency with local economic conditions, and the interaction of incumbency with the party’s previous vote
share for the seat. Standard errors are clustered by race. 11



Appendix Table A3: Political advertising content and electoral success by office and election stage

Panel A: General elections
Dependent variable: Won election
House Senate Governor

(1) (2) (3)

Relative culture (std.) -0.0259**
(0.0106)

-0.0174
(0.0220)

0.0168
(0.0372)

Incumbency and logged airings Yes Yes Yes
County demographic and economic-conditions controls Yes Yes Yes
Incumb. and airings × office and election stage Yes Yes Yes
Party × constituency × election stage × office FE Yes Yes Yes
Party × office × year FE Yes Yes Yes

Panel B: Primary elections
Dependent variable: Won election
House Senate Governor

(1) (2) (3)

Relative culture (std.) -0.0350***
(0.0107)

-0.0459**
(0.0184)

-0.0233
(0.0229)

Incumbency and logged airings Yes Yes Yes
County demographic and economic-conditions controls Yes Yes Yes
Incumb. and airings × office and election stage Yes Yes Yes
Party × constituency × election stage × office FE Yes Yes Yes
Party × office × year FE Yes Yes Yes

Estimation observations 5,430

Notes: Observations are Democratic and Republican candidate-election rows from contested primary and general elections. Each
included candidate must have aired ads and have nonmissing own-campaign advertising emphasis; other campaigns need not have
aired or classified ads in the baseline sample. Winning a primary means winning the party nomination; winning a general election
means winning the office. Relative cultural emphasis is the share of ad content that is cultural minus the share that is economic,
standardized within office using the full pooled estimation sample. Models use equal candidate weights and cluster standard errors
by race. The table omits presidential races and estimates all six displayed office-by-stage slopes in one pooled model. The canonical
specification includes incumbency, logged ad airings, party-interacted county demographic controls, incumbency-interacted local
economic conditions, party-by-constituency-by-election-stage-by-office fixed effects, and party-by-office-by-year fixed effects. The
focal relative-culture measure, incumbency, and logged airings are each interacted with the indicated heterogeneity dimension; the
demographic and economic-conditions control blocks and the canonical fixed effects are not interacted. Reported coefficients are
the resulting marginal relative-culture slopes.
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Appendix Table A4: Political advertising content and electoral success by ex ante race competitiveness

Dependent variable: Won election
Noncompetitive Competitive

(1) (2)

Relative culture (std.) -0.0291**
(0.0130)

-0.0023
(0.0268)

Incumbency and logged airings Yes Yes
County demographic and economic-conditions controls Yes Yes
Incumb. and airings × ex ante race competitiveness Yes Yes
Party × constituency × election stage × office FE Yes Yes
Party × office × year FE Yes Yes
Estimation observations 1,828

Notes: Observations are Democratic and Republican candidate-election rows from contested primary and general elections. Each
included candidate must have aired ads and have nonmissing own-campaign advertising emphasis; other campaigns need not
have aired or classified ads in the baseline sample. Winning a primary means winning the party nomination; winning a general
election means winning the office. Relative cultural emphasis is the share of ad content that is cultural minus the share that is
economic, standardized within office using the full pooled estimation sample. Models use equal candidate weights and cluster
standard errors by race. The sample includes every general-election race in an office-year covered by the public Inside Elections
archive. A race is competitive if it was rated Toss-up, Tilt, Lean, or an equivalent older category in the last publicly archived
rating dated on or before August 31; all other races in a covered office-year are noncompetitive. Public ratings cover House
and Senate in 2006 and House, Senate, and governor in 2008–2020; earlier cycles, presidential races, and the overwritten 2006
governor snapshot are not covered. The canonical specification includes incumbency, logged ad airings, party-interacted county
demographic controls, incumbency-interacted local economic conditions, party-by-constituency-by-election-stage-by-office fixed
effects, and party-by-office-by-year fixed effects. The focal relative-culture measure, incumbency, and logged airings are each
interacted with the indicated heterogeneity dimension; the demographic and economic-conditions control blocks and the canonical
fixed effects are not interacted. Reported coefficients are the resulting marginal relative-culture slopes.
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Appendix Table A5: Effect of cable news on voter priorities

Panel A: Effects of FNC Cultural relative to economic MIP

Fox News rating 0.158** 0.160** 0.143** 0.114*
(0.07) (0.07) (0.07) (0.06)

First-stage F 7.40 8.49 7.94 7.91
Observations 153,436 153,436 151,592 151,592

Panel B: Effects of MSNBC Cultural relative to economic MIP

MSNBC rating 0.287 0.228* 0.169 0.132
(0.18) (0.13) (0.16) (0.13)

First-stage F 7.99 11.43 11.12 11.20
Observations 153,436 153,436 151,592 151,592

Panel C: Effects of FNC + MSNBC Cultural relative to economic MIP

Fox News + MSNBC rating 0.152** 0.150** 0.133** 0.105*
(0.07) (0.07) (0.07) (0.06)

First-stage F 4.28 4.81 4.35 4.34
Observations 153,436 153,436 151,592 151,592

Year FE Yes Yes Yes Yes
Ind. demographic controls Yes Yes Yes Yes
County demographic controls No Yes Yes Yes
County econ controls No No Yes Yes
Voting controls No No No Yes

Notes: Table presents 2SLS regressions at the individual level in which the dependent vari-
able is the difference between respondents’ reported importance of cultural issues and their
reported importance of economic issues. The explanatory variable of interest in Panel A
is the rating of Fox News in the respondent’s DMA, which we instrument using Fox News’
channel number in the DMA; Panel B is analogous using the rating and channel number of
MSNBC; and Panel C is analogous summing the ratings and channel numbers of Fox and
MSNBC. Individual-level demographic controls include race, education, and age. County-
level demographic controls include shares white, black, and Hispanic and log population.
County economic controls include log income per capita, unemployment rate, and labor
force participation. Voting controls include each individual’s choice on a five-point party
alignment scale (ranging from Strong Democrat to Strong Republican). Standard errors are
clustered at the media market level. First-stage F statistics are DMA-clustered joint tests of
the excluded channel-position instruments.
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Appendix Table A6: Effect of cable news on political ads

Panel A: Effects of FNC Cultural relative to economic ads

Fox News rating 0.799** 0.749** 0.662 0.126
(0.32) (0.37) (0.41) (0.44)

First-stage F 30.39 40.68 39.04 26.79
Observations 1,500 1,500 1,498 1,007

Panel B: Effects of MSNBC Cultural relative to economic ads

MSNBC rating 1.434** 1.702** 2.033* 1.651
(0.60) (0.80) (1.17) (1.35)

First-stage F 110.42 63.24 28.66 18.57
Observations 1,500 1,500 1,498 1,007

Panel C: Effects of FNC + MSNBC Cultural relative to economic ads

Fox News + MSNBC rating 0.576*** 0.806** 0.706* 0.259
(0.21) (0.39) (0.38) (0.41)

First-stage F 24.78 19.05 20.12 13.22
Observations 1,500 1,500 1,498 1,007

Year FE Yes Yes Yes Yes
Party controls Yes Yes Yes Yes
County demographic controls No Yes Yes Yes
County econ controls No No Yes Yes
Voting controls No No No Yes

Notes: Table presents 2SLS regressions at the candidate by year level in which the de-
pendent variable is the share of cultural videos minus the share of economic videos aired
by the candidate. All columns control for office fixed effects, an indicator for whether the
candidate is incumbent, and county-level demographic controls: shares white and black
and log population. The explanatory variable of interest in Panel A is the rating of Fox
News in the respondent’s DMA, which we instrument using Fox News’ channel number
in the DMA; Panel B is analogous using the rating and channel number of MSNBC; and
Panel C is analogous summing the ratings and channel numbers of Fox and MSNBC.
County economic controls include log income per capita, unemployment rate, and labor
force participation. Voting controls include the voteshare of the candidate’s party in the
previous race for that seat. Standard errors are clustered at the media market and race level.
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Appendix Figure A12: Reduced-form relationship between MIP/ad content and channel numbers

(a) Cultural minus economic MIP

(b) Cultural minus economic emphasis in ads

Notes: Figure presents reduced-form estimates from regressions of the difference between an indicator for whether the individual
mentioned a cultural MIP and an indicator for whether the individual mentioned an economic MIP (top) or the difference between
the share of politician advertising devoted to cultural issues and the share devoted to economic issues (bottom) on the sum of Fox
and MSNBC’s channel number in the county. Controls are those used in Column 2 of Table 2.
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Appendix Figure A13: Effects of cable on voter priorities and political advertising

Notes: Figure presents 2SLS estimates from regressions of indicators for whether a respondent mentioned the issue as a Most
Important Problem (left) or the share of politician advertising devoted to the issue (right) on the sum of Fox and MSNBC’s ratings
in the county, instrumented by channel numbers. Controls are those used in Column 2 of Table 2.
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B Classification and Issue Linkage

This section describes the schema we use to classify news segments and campaign advertisements, linkages
between the Most Important Problem and American National Election Studies questions and the schema,
and details on classifier performance.

B.1 Schema

Appendix Table B1 presents the classification schema. We indicate whether each topic is tagged as Economic,
Cultural, and Other and report the share of campaign ad, broadcast news, and cable news airtime devoted to
the topic.

Appendix Table B1: Classification schema

Topic Ads Broadcast Cable E C O

Politicians, candidates and political campaigns — 7.24 12.80
Politician, candidate campaign activities, polling,

horserace coverage
— 5.56 10.92

Politician, candidate competence, endorsements,
constituent service

— 0.89 1.20

Economic policy and economic conditions 22.66 12.58 8.59 ✓

Taxes 5.70 0.76 1.06 ✓

Taxes on businesses 0.82 0.05 0.05 ✓

Trade policy 0.79 0.43 0.39 ✓

Prices 0.50 1.08 0.45 ✓

Housing prices 0.07 0.12 0.12 ✓

Food prices 0.02 0.12 0.02 ✓

Energy and gas prices 0.31 0.34 0.27 ✓

Inflation 0.01 0.21 0.04 ✓

Energy policy, environment, climate 1.90 1.82 1.29 ✓ ✓

Economic inequality and poverty 0.68 0.32 0.23 ✓

Employment, labor, wages, unions 5.92 1.51 0.76 ✓

Economic forecasts and economic conditions 0.99 1.71 1.34 ✓

Regulation, misconduct of business 1.47 1.79 0.96 ✓

Deficit, surplus, budget, debt 2.57 0.71 0.82 ✓

Farms, agriculture, fishing 0.43 0.49 0.11 ✓

Manufacturing 0.70 0.33 0.12 ✓

Transportation, infrastructure, utilities 0.49 1.16 0.45 ✓

Stock market conditions 0.05 0.43 0.61 ✓

Entitlements, healthcare, welfare, social safety net 13.41 6.41 4.89 ✓

Healthcare 7.87 4.69 3.59 ✓

Opioid crisis 0.19 0.03 0.05 ✓

Epidemics, disease, vaccines 0.91 0.82 0.91 ✓ ✓

Continued on next page
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Topic Ads Broadcast Cable E C O

Housing, homelessness 0.23 0.27 0.15 ✓

Childcare 0.13 0.23 0.13 ✓

Veterans 0.95 0.35 0.35 ✓

Senior issues 3.83 0.51 0.49 ✓

Social Security 1.41 0.16 0.26 ✓

Medicare 1.76 0.12 0.20 ✓

Unemployment and disability insurance 0.13 0.14 0.08 ✓

Education 3.55 1.39 1.11 ✓

Primary and secondary education 2.53 0.99 0.75 ✓

Religious and moral education in public schools 0.01 0.03 0.03 ✓

Universities 0.84 0.33 0.32 ✓

Government functioning 3.74 8.75 13.92 ✓

Judicial system, Supreme Court 0.29 2.10 3.18 ✓

Congressional bills, debate, negotiation, votes,
appointments

0.48 2.20 4.12 ✓

Government reform and investigation of wrongdoing
by elected officials

2.56 3.84 5.48 ✓

Election administration and security 0.20 0.31 0.89 ✓

Crime and safety 3.09 8.89 12.74 ✓

Criminal sentencing 0.29 0.91 1.39 ✓

Terrorism 0.28 1.55 2.44 ✓

Guns 0.94 0.66 1.47 ✓

Gangs and organized crime 0.10 0.32 0.20 ✓

Illegal drugs 0.15 0.54 0.46 ✓

Policing 0.79 1.54 3.08 ✓

Riots and protests 0.13 1.01 0.83 ✓

Social issues and women and minority issues 2.69 4.18 6.14 ✓

Women’s rights 0.88 0.65 1.05 ✓

Sexual harassment, abuse, assault, domestic
violence

0.39 0.30 0.73 ✓

Equal pay, rights, representation in workforce 0.22 0.09 0.06 ✓ ✓

Abortion, contraception, birth control 0.98 0.30 0.62 ✓

Racial equity, race relations, civil rights, racism 0.33 1.46 2.07 ✓

LGBTQ rights, policies 0.09 0.25 0.64 ✓

Religion, faith 0.25 0.97 1.20 ✓

Freedom of speech, political correctness, cancel
culture

0.05 0.24 0.38 ✓

Gambling, tobacco, alcohol 0.07 0.20 0.10 ✓ ✓

Immigration to the US, immigrants in the US 1.61 1.01 2.31 ✓ ✓

Border security, border conditions, illegal
immigration

1.13 0.47 1.58 ✓

Continued on next page
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Topic Ads Broadcast Cable E C O

Science and technology 0.17 2.41 1.37 ✓

Military and national security 2.05 12.76 11.60 ✓

Foreign relations with, policy toward China 0.28 0.50 0.61 ✓

Foreign relations with, policy toward Middle East 0.32 4.59 5.51 ✓

Government surveillance 0.07 0.29 0.45 ✓

Military spending, budget, waste 0.19 0.51 0.38 ✓

Natural or manmade disasters, extreme weather events
in the US

0.16 4.69 3.06 ✓

Extreme weather events 0.12 3.13 2.01 ✓

Plane crashes or other manmade disasters 0.03 1.30 0.87 ✓

International events not involving the US 0.03 8.33 5.66 ✓

Terrorism in countries other than US 0.01 0.48 0.52 ✓

Wars not involving the US 0.00 1.90 1.04 ✓

Protests, disturbances in countries other than US 0.00 1.61 0.91 ✓

Elections in countries other than US 0.00 0.52 0.54 ✓

International economic policy, economic conditions 0.01 0.61 0.43 ✓

International humanitarian issues 0.01 1.09 0.85 ✓

International natural disasters 0.00 0.42 0.38 ✓

International agreements and organizations 0.00 0.58 0.51 ✓

Anti-elite, anti-media rhetoric 3.06 0.43 1.76 ✓

Media bias 0.06 0.34 1.53 ✓

Influence of the wealthy on politics 2.81 0.05 0.16 ✓ ✓

Influence of Hollywood and cultural elites 0.02 0.02 0.04 ✓

Entertainment, popular culture, sports — 9.65 5.63
Commercial (non-political) advertising — 2.09 5.84

20



B.2 ANES and MIP linkages

We present the mapping between MIP responses and ANES questions and the schema below. ANES question
numbers refer to question numbers in the ANES Time Series Cumulative Data File.34

Appendix Table B2: Schema categories linked to MIP responses and ANES questions

Category MIP responses ANES questions

Candidates/campaigns Government-President-Congress-
Politicians, Presidential
choices/election year

–

Politician/candidate campaign
activities/polling/horserace coverage

– –

Politician/candidate compe-
tence/endorsements/constituent
service

– –

Econ policy/conditions Economy (General), Other Economic –
Taxes Taxes 0606

Taxes on businesses – –
Trade policy Foreign Trade-Trade Deficit 9231
Prices – –

Housing prices – –
Food prices – –
Energy and gas prices Fuel/Oil Prices, Lack of energy

Sources, Energy crisis
–

Inflation Cost of Living-Inflation –
Energy policy/climate Lack of energy Sources, Energy crisis,

Environment-Pollution
0229, 0842

Inequality and poverty Gap Between the Rich and Poor,
Poverty-Hunger-Homelessness, Wage
Issues, Lack of money

0223

Jobs Unemployment-Jobs, Wage Issues 0210, 0809
Economic conditions Economy (General), Lack of money,

Recession
–

Big business Corporate Corruption 0209
Deficits Federal Budget Deficit-Debt 0839
Farms/agriculture/fishing – –
Manufacturing Foreign Trade-Trade Deficit –
Transporta-
tion/infrastructure/utilities

– –

Stock market conditions – –

Continued on next page

34See https://electionstudies.org/data-center/anes-time-series-cumulative-data-file/.
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Category MIP responses ANES questions

Healthcare/social safety net Welfare 0220, 0894, 9013
Healthcare Health Care-Hospitals,

Cancer/Diseases, Costs associated
with health insurance

0806

Opioid crisis – –
Epidemics/disease/vaccines AIDS –

Housing/homelessness Poverty-Hunger-Homelessness –
Childcare Childrens Needs, Way children are

raised
–

Veterans – –
Senior issues Care for the Elderly –

Social Security Social Security Issues –
Medicare Medicare Increases-Senior Citizen

Insurance
–

Unemployment and disability
insurance

– –

Education Education, Access to Education 0890
Primary and secondary education – –

Religious and moral education in
public schools

– –

Universities – –
Gov functioning/conflict – –

Courts Judicial System/Courts/Laws –
Congress – –
Gov investigations Poor leadership/corrupt,

Dishonesty/Lack of Integrity, Abuse of
power

–

Election administration Election/Election Reform –
Crime/safety/terrorism Crime-Violence, Child Abuse –

Criminal sentencing Judicial System/Courts/Laws 0811
Terrorism Terrorism –
Guns Gun control/Guns, School Shootings,

Gun Laws too Weak-Availability of
Guns, Gun Control-Gun Laws Too
Strong

9238

Gangs and organized crime – –
Illegal drugs Drugs –
Policing – 0811, 0888, 0214
Riots and protests – –

Race/gender issues – –
Women’s rights – 0834, 0853

Continued on next page

22



Category MIP responses ANES questions

Sexual harassment Child Abuse –
Equal pay/rights/representation in
workforce

– 0867

Abortion Abortion Issues 0838
Race/racism Race Relations 0830, 0206, 0867
LGBT issues Gay marriage/Homosexual rights 0876, 0232
Religion Ethical-Moral-Religious Decline,

Breakdown of the Family
0854, 0846, 0845,
0850, 0853

Political correctness – 0854
Gambling/tobacco/alcohol – –

Immigration Immigration-Illegal Aliens, Licenses
for the Undocumented

9223, 0879a

Illegal immigration – 0233
Science and technology Advancement of

computers/technology
–

National security Lack of a Military/Defense, National
Security, Fear of War, Situation with
Russia, Situation with Korea, Situation
in Afghanistan

0213

China Situation with China –
Middle East War-Conflict in the Middle East, Iraq,

Iraq-Saddam Hussein, Syria, Foreign
Aid-Focus Overseas

–

Government surveillance – –
Military spending/budget/waste – 0843

Disasters – –
Extreme weather events Natural disaster response –
Plane crashes or other manmade
disasters

Space Shuttle Disaster –

International – –
Terrorism in countries other than US – –
Wars not involving the US – –
Protests/disturbances in countries
other than US

– –

Elections in countries other than US – –
International economic
policy/economic conditions

– –

International humanitarian issues – –
International natural disasters – –
International agreements and
organizations

– –

Continued on next page
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Category MIP responses ANES questions

Anti-elite/anti-media – –
Media bias The media –
Influence of the wealthy on politics – –
Influence of Hollywood and cultural
elites

– –

Entertainment – –
Commercial advertising – –
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B.3 Classification details

We fine-tune classifiers based on OpenAI’s GPT-4o to classify news segments between 2015 and 2020 and
all political advertisements. We use GPT-4o-mini to economize on token costs when classifying pre-2015
and post-2020 news segments, since we use these classifications only to provide descriptive statistics (rather
than linking them to contemporaneous viewership behavior). We thus train three separate classifiers: one
each for news segments from 2015-2020, news segments pre-2015, and political ads.

To create a training dataset for the model, we hired human coders from the platform Upwork. Each
coder independently classified news segments or ads according to the schema in Appendix Table B1. Given
the length of the schema, we developed desktop applications to facilitate classification, enabling coders to
easily add and remove categories, save their progress, and reconcile potential errors.35 Panel A of Appendix
Figure B1 shows screenshots of the application for classifying news; Panel B shows screenshots of the
application for classifying ads.

We hired five coders to generate the news training set, each of whom had experience with journalism or
in politics, or had degrees in journalism or political science. We hired two coders to generate the ads training
set, both of whom were former staffers to members of Congress, and we also classified all ads in the training
set ourselves. In both domains, we assigned a given category to an ad if and only if a majority of coders
(including ourselves, for ads) assigned that category.

Appendix Table B3 presents results from the validation set, comparing the “rolled-up” features (per
the procedure described in Section 2.1) derived from the GPT classifications to those derived from human
classifications. We present both the correlation between the GPT-derived and human-derived continuous
scores and the accuracy, precision, and recall of the classifier (relative to the human scores) for a binary
indicator for whether the feature is nonzero.

35The application for classifying ads had additional features, which allowed coders to correct infrequent errors in our “tone”
classification (positive/negative/contrast ads) and to our record of the candidate(s) portrayed positively and/or negatively in the ad.
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Appendix Figure B1: Screenshots of classification applications

(a) News classifier

(b) Ads classifier
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Appendix Table B3: GPT Classification Validation Against Human Codings

Panel Feature Corr. Accuracy Precision Recall GPT pos. Human pos.

Ads
Culture 0.712 0.841 0.674 0.892 184 139
Economics 0.744 0.917 0.931 0.964 378 365
Other 0.589 0.860 0.429 0.882 105 51
Personal – 0.028 – 0.000 0 459

News
Culture 0.734 0.884 0.769 0.750 1,548 1,587
Economics 0.705 0.910 0.679 0.735 1,024 946
Other 0.670 0.858 0.643 0.832 1,881 1,455
Personal 0.660 0.923 0.648 0.648 704 704

Notes: Table compares GPT-generated topic-group rollup classifications to human codings for held-
out ads and news validation samples. Correlations are computed using continuous rollup scores.
Accuracy, precision, and recall treat an item as positive for a rollup category when its score is greater
than zero. The validation sample is restricted to human-coded rows with matching GPT classifica-
tions and metadata; excluded rows are written to the validation exclusions audit. Rows are shown
only for rollup categories with at least ten human-positive examples.
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C Conceptual Framework

In this section, we analyze the problem facing news producers or political candidates in choosing their
issue emphases and show how their different objective functions translate into differences in coverage. In
particular, we formally justify that our argument requires only that politicians place relatively greater weight
on share-maximization and media outlets relatively greater weight on size-maximization. This argument can
be formalized with an exact analogy to the Hicksian substitution matrix, in which a change in share vs. size
maximization takes the place of a compensated price change.

C.1 Setup

Fix a domain 𝑑 ∈ {News,Politics}. In market 𝑡, a supplier 𝑖 chooses a content vector 𝑥 = (𝑥1, . . . , 𝑥𝐽 ) with
𝑥 𝑗 ≥ 0 and a budget (time/space) constraint

∑
𝑗 𝑥 𝑗 = 1 to maximize

Π𝑑 (𝑥;𝜔𝑑) ≡ 𝑉𝑑
𝑖 (𝑥; 𝜉) − 𝜔𝑑𝑉𝑑

−𝑖 (𝑥; 𝜉) − 𝐶𝑑 (𝑥; 𝛾, 𝜉),

where 𝑉𝑑
𝑖

and 𝑉𝑑
−𝑖 are aggregate demand for 𝑖 and its competitor(s), 𝐶𝑑 represents the cost of 𝑥, 𝜉 denotes

any factors that affect both viewership and cost, 𝛾 denotes factors that affect only costs, and 𝜔𝑑 ≥ 0 is the
weight on competitor demand. In the analysis below, we hold (𝜉, 𝛾) fixed and suppress the superscript 𝑑 for
notational convenience.

Flow decomposition For each topic 𝑗 , a marginal increase in 𝑥 𝑗 produces three flows at the margin:

• Mobilization to 𝑖: 𝑚+
𝑗
(𝑥 𝑗) ∈ R (net change in 𝑖’s audience from the outside option).

• Poaching from −𝑖 to 𝑖: 𝑝 𝑗 (𝑥 𝑗) ∈ R (net switches from the competitor to 𝑖).

• Countermobilization to −𝑖: 𝑚−
𝑗
(𝑥 𝑗) ∈ R (net change in the competitor’s audience from the outside

option in reaction to 𝑖’s content).

Holding opponents’ content fixed, the marginal accounting identities are

𝜕𝑉𝑖

𝜕𝑥 𝑗

= 𝑚+
𝑗 (𝑥 𝑗) + 𝑝 𝑗 (𝑥 𝑗),

𝜕𝑉−𝑖
𝜕𝑥 𝑗

= 𝑚−
𝑗 (𝑥 𝑗) − 𝑝 𝑗 (𝑥 𝑗), (7)

and so the marginal increase in the supplier’s objective generated by increasing topic 𝑗 is

𝑈′
𝑗 (𝑥 𝑗 ;𝜔) ≡ 𝜕

𝜕𝑥 𝑗

[
𝑉𝑖 − 𝜔𝑉−𝑖

]
= 𝑚+

𝑗 (𝑥 𝑗) − 𝜔𝑚−
𝑗 (𝑥 𝑗) + (1 + 𝜔) 𝑝 𝑗 (𝑥 𝑗). (8)

Define the share-sensitivity of topic 𝑗 as

𝑠 𝑗 (𝑥 𝑗) ≡ 𝜕

𝜕𝜔
𝑈′

𝑗 (𝑥 𝑗 ;𝜔) = 𝑝 𝑗 (𝑥 𝑗) − 𝑚−
𝑗 (𝑥 𝑗), (9)

which captures how increasing 𝜔 reweights topic 𝑗 by rewarding poaching and penalizing countermobiliza-
tion.

Let 𝜇 denote the Lagrange multiplier on the budget constraint. For any interior 𝑥 𝑗 > 0, the first-order
condition is

𝑚+
𝑗 (𝑥 𝑗) − 𝜔𝑚−

𝑗 (𝑥 𝑗) + (1 + 𝜔)𝑝 𝑗 (𝑥 𝑗) − 𝐶′
𝑗 (𝑥 𝑗) = 𝜇. (10)
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At corners, Equation (10) holds as a weak inequality in the usual KKT sense. We begin by assuming an
interior solution in which all topics are used, then generalize to allow for corner solutions.

C.2 Assumptions

A1. Smoothness and interiority. For topics used in the optimum, 𝑚+
𝑗
, 𝑚−

𝑗
, 𝑝 𝑗 , 𝐶 𝑗 are twice continuously

differentiable and the solution is interior.

A2. Diminishing marginal flows. For each 𝑗 , 𝑚+′
𝑗
(𝑥 𝑗) ≤ 0, 𝑝′

𝑗
(𝑥 𝑗) ≤ 0, and 𝑚−′

𝑗
(𝑥 𝑗) ≤ 0.

A3. Additivity and convexity of topic costs. 𝐶𝑑 (𝑥) = ∑
𝑗 𝐶 𝑗 (𝑥 𝑗) with 𝐶′′

𝑗
(𝑥 𝑗) ≥ 0.

A4. Local concavity. In a neighborhood of the optima and for all 𝜔 ∈ (𝜔𝑁 , 𝜔𝑃), between the news and
politics values, we have

Γ 𝑗 (𝜔) ≡ 𝑚+′
𝑗 (𝑥 𝑗) + (1 + 𝜔)𝑝′𝑗 (𝑥 𝑗) − 𝜔𝑚−′

𝑗 (𝑥 𝑗) − 𝐶′′
𝑗 (𝑥 𝑗) < 0,

which guarantees that the bordered Hessian of 𝑉𝑖 − 𝜔𝑉−𝑖 − 𝐶 is negative definite.

C.3 Claim and proof: interior solution, two topics

To build intuition, we illustrate the proof in the case of two topics, culture and economics.

A5. Suppose that in a neighborhood of the optimum, culture is locally less share-sensitive than economics:

𝑠𝑐 (𝑥𝑐) < 𝑠𝑒 (𝑥𝑒) i.e. 𝑝𝑐 (𝑥𝑐) − 𝑚−
𝑐 (𝑥𝑐) < 𝑝𝑒 (𝑥𝑒) − 𝑚−

𝑒 (𝑥𝑒).

Γ(𝜔) = Γ𝑐 (𝜔) + Γ𝑒 (𝜔) is the derivative of the left-hand side of (11) with respect to 𝑥𝑐 along the budget
line 𝑑𝑥𝑒 = −𝑑𝑥𝑐, i.e. the curvature of the difference in marginal net benefit between culture and economics
as the network shifts from culture to economics. Under A2–A4, Γ(𝜔) < 0: as 𝑥𝑐 rises (and 𝑥𝑒 falls), the
marginal advantage of culture declines.

Claim 1. Suppose A1–A5 hold. Then the optimal cultural share 𝑥∗𝑐 (𝜔) is strictly decreasing in 𝜔:

𝑑𝑥∗𝑐 (𝜔)
𝑑𝜔

< 0.

Consequently, if media place relatively less weight on share than politicians, 𝜔N < 𝜔P, then

𝑥∗𝑐
(
𝜔N) > 𝑥∗𝑐

(
𝜔P) , 𝑥∗𝑒

(
𝜔N) < 𝑥∗𝑒

(
𝜔P) .

Proof. Subtract the first-order condition for 𝑒 from that for 𝑐:[
𝑚+

𝑐 (𝑥𝑐) − 𝑚+
𝑒 (𝑥𝑒)

]︸                   ︷︷                   ︸
Δ𝑚+

+ (1 + 𝜔)
[
𝑝𝑐 (𝑥𝑐) − 𝑝𝑒 (𝑥𝑒)

]︸                  ︷︷                  ︸
Δ𝑝

− 𝜔
[
𝑚−

𝑐 (𝑥𝑐) − 𝑚−
𝑒 (𝑥𝑒)

]︸                    ︷︷                    ︸
Δ𝑚−

−
[
𝐶′
𝑐 (𝑥𝑐) − 𝐶′

𝑒 (𝑥𝑒)
]︸                  ︷︷                  ︸

Δ𝐶′

= 0.

(11)
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Differentiate Equation (11) with respect to 𝜔, use 𝑑𝑥𝑒 = −𝑑𝑥𝑐, and use (9) to substitute 𝜕𝑈′
𝑗
/𝜕𝜔 = 𝑠 𝑗 =

𝑝 𝑗 − 𝑚−
𝑗
:(

𝑚+′
𝑐 + (1 + 𝜔)𝑝′𝑐 − 𝜔𝑚−′

𝑐 − 𝐶′′
𝑐

)
𝑑𝑥𝑐 +

(
𝑚+′

𝑒 + (1 + 𝜔)𝑝′𝑒 − 𝜔𝑚−′
𝑒 − 𝐶′′

𝑒

)
𝑑𝑥𝑒 +

[
𝑠𝑐 (𝑥𝑐) − 𝑠𝑒 (𝑥𝑒)

]
𝑑𝜔 = 0,

which implies
Γ(𝜔) 𝑑𝑥𝑐 +

[
𝑠𝑐 (𝑥𝑐) − 𝑠𝑒 (𝑥𝑒)

]
𝑑𝜔 = 0.

Therefore, by the Implicit Function Theorem,

𝑑𝑥∗𝑐 (𝜔)
𝑑𝜔

= − 𝑠𝑐 (𝑥𝑐) − 𝑠𝑒 (𝑥𝑒)
Γ(𝜔) .

Assumption A5 states 𝑠𝑐 (𝑥𝑐) − 𝑠𝑒 (𝑥𝑒) < 0, and A4 gives Γ(𝜔) < 0, so 𝑑𝑥∗𝑐/𝑑𝜔 < 0. The comparative-statics
inequalities for 𝜔N < 𝜔P follow immediately. □

C.4 Extensions

C.4.1 More than two topics

Let 𝐽 ≥ 2, and suppose all topics are interior at 𝑥∗(𝜔). Let the curvature weights be 𝑤 𝑗 (𝜔) ≡
1/(−Γ 𝑗 (𝜔) )∑𝐽
ℓ=1 1/(−Γℓ (𝜔) )

and define the corresponding weighted average share-sensitivity

𝑠(𝜔) ≡
𝐽∑︁

ℓ=1
𝑤ℓ (𝜔) 𝑠ℓ (𝑥ℓ).

Claim 2. Under A1–A4 with all 𝑥∗
𝑗
(𝜔) > 0, the derivative of the optimal allocation satisfies

𝑑𝑥∗
𝑗
(𝜔)

𝑑𝜔
=

𝑠(𝜔) − 𝑠 𝑗 (𝑥 𝑗)
Γ 𝑗 (𝜔)

.

In particular, sign
(
𝑑𝑥∗

𝑗
/𝑑𝜔

)
= sign

(
𝑠 𝑗 − 𝑠(𝜔)

)
: as 𝜔 increases, budget is reallocated toward topics with

share-sensitivity above the curvature-weighted average and away from those below it.

Proof. Differentiate the interior FOCs given in Equation (10): Γ 𝑗 (𝜔) 𝑑𝑥 𝑗 − 𝑑𝜇 + 𝑠 𝑗 (𝑥 𝑗) 𝑑𝜔 = 0 for each 𝑗

to obtain 𝑑𝑥 𝑗 = (𝑑𝜇 − 𝑠 𝑗𝑑𝜔)/Γ 𝑗 . Summing over 𝑗 and imposing
∑

𝑗 𝑑𝑥 𝑗 = 0 yields

𝑑𝜇
∑︁
𝑗

1
Γ 𝑗

= 𝑑𝜔
∑︁
𝑗

𝑠 𝑗

Γ 𝑗

⇒ 𝑑𝜇 = 𝑑𝜔

∑
𝑗 𝑠 𝑗/Γ 𝑗∑
𝑗 1/Γ 𝑗

.

Since 𝑠(𝜔) =
∑

𝑗 𝑠 𝑗/Γ 𝑗∑
𝑗 1/Γ 𝑗

, substitute back to obtain 𝑑𝑥 𝑗/𝑑𝜔 = (𝑠 − 𝑠 𝑗)/Γ 𝑗 . □

This has a familiar interpretation in consumer theory: a change in 𝜔 is a compensated price change that
rotates the vector of prices by 𝑠 𝑗 ≡ 𝜕𝑈′

𝑗
/𝜕𝜔 = 𝑝 𝑗 − 𝑚−

𝑗
, and the resulting changes 𝑑𝑥 𝑗 are the changes in

Hicksian demands induced by such a price change.
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C.4.2 Non-interior solutions

Let A(𝜔) denote the “active set” of interior topics at 𝜔 and suppose A(𝜔) is nonempty. Define Γ 𝑗 and 𝑠 𝑗

as above for 𝑗 ∈ A(𝜔), and let

𝑠A (𝜔) ≡
∑

𝑗∈A(𝜔) 𝑠 𝑗 (𝑥 𝑗)/Γ 𝑗 (𝜔)∑
𝑗∈A(𝜔) 1/Γ 𝑗 (𝜔)

.

Claim 3. Under A1–A4, in a neighborhood of any 𝜔 for which the active set A(𝜔) is well-defined:

1. For 𝑗 ∈ A(𝜔),
𝑑𝑥∗

𝑗
(𝜔)

𝑑𝜔
=

𝑠A (𝜔) − 𝑠 𝑗 (𝑥 𝑗)
Γ 𝑗 (𝜔)

.

2. For 𝑘 ∉ A(𝜔) with 𝑥∗
𝑘
(𝜔) = 0, the KKT inequality is𝑈′

𝑘
(0;𝜔) −𝐶′

𝑘
(0) ≤ 𝜇(𝜔). Differentiating yields

𝑠𝑘 (0) 𝑑𝜔 ≤ 𝑑𝜇 = 𝑠A (𝜔) 𝑑𝜔.

Hence, if 𝑠𝑘 (0) < 𝑠A (𝜔), there exists 𝜖 > 0 such that 𝑥∗
𝑘
(𝜔′) = 0 for all 𝜔′ ∈ [𝜔, 𝜔+𝜖) (the constraint

remains binding). If 𝑠𝑘 (0) > 𝑠A (𝜔), the inequality loosens and topic 𝑘 can (weakly) enter; if it enters,
its right-hand derivative obeys the interior formula in part (1).

Proof. For (1), differentiate the FOCs only for 𝑗 ∈ A(𝜔) and repeat the argument of Claim 2, restricted to
the active set. For (2), use the KKT inequality for 𝑘 ∉ A(𝜔) and 𝑑𝜇/𝑑𝜔 = 𝑠A (𝜔) implied by part (1). □
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D Social Media and Digital Advertising

D.1 Data and classification

Despite some transparency efforts by major platforms, data on social media and digital advertising is not
widely available and remains difficult to access. After its purchase by Elon Musk, Twitter also restricted
access to historical Tweets. For our supplementary analysis of digital and social media, we use two data
sources:

1. Comprehensive advertising on Google (including YouTube video ads, banner ads, and sponsored search
ads) and Meta (including Facebook and Instagram ads) for all candidates in 2022, made available by
Fowler et al. (2025)

2. The Twitter posts of all House and Senate incumbents between 2008 and 2017, made available by
Noxon (2023)

We classify the content of all advertisements (using speech-to-text transcriptions for video advertise-
ments) using the same schema and classification approach described in Section 2.1.

D.2 Results

We present results for 2022 advertising in Appendix Figure D1. Panel A plots the economic share of each
candidate’s television advertising against the economic share of that candidate’s digital advertising, where
the denominator for both shares is the total share of economic or cultural advertising. Panel B plots the
parent-level category shares (restricting to candidates who ran at least one TV ad and at least one digital
ad to facilitate comparability). Candidates’ issue focus in TV ads is correlated with their issue focus in
digital ads and social media posts, and the overall issue emphases of digital and television advertising are
extremely similar. In particular, while the share of cultural advertising in both TV and digital ads in 2022
is substantially higher than the share of cultural advertising on TV before 2022 (as also documented in
Figure 1), the cultural share remains lower than the economic share.

Appendix Figure D2 shows that the same broad patterns are true of candidates’ Twitter posts. Although
Twitter posts emphasize cultural topics significantly more than do television ads, economic topics still
comprise the majority of candidate Twitter content.
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Appendix Figure D1: Content of television vs. digital ads, 2022

(a) Economic content as share of economic + cultural content

(b) All parent-level topics

Notes: Panel A plots the economic share of each candidate’s television advertising against the economic share of that candidate’s
digital advertising (on Instagram, Facebook, YouTube, and Google), where the denominator for both shares is the total share of
economic or cultural advertising. Panel B plots the parent-level category shares (restricting to candidates who ran at least one TV
ad and at least one digital ad to facilitate comparability).
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Appendix Figure D2: Content of television ads vs. Twitter posts, 2008-2017

(a) Economic content as share of economic + cultural content

(b) All parent-level topics

Notes: Panel A plots the economic share of each candidate’s television advertising against the economic share of that candidate’s
Tweets, where the denominator for both shares is the total share of economic or cultural advertising. Panel B plots the parent-level
category shares (restricting to candidates who ran at least one TV ad and who posted at least one Tweet to facilitate comparability).
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