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Abstract

Sexual assault imposes substantial social and economic costs, yet existing data likely under-
state its prevalence. I investigate the decision to report sexual assault and the role of social
judgment in suppressing disclosure by both victims and perpetrators. I employ an online
experiment with over 1,600 college students and graduates, randomizing respondents to an-
swer questions about rape and other unwanted sexual contact using either direct elicitation
or a “hard-garbling” survey technique that provides plausible deniability. The anonymous
self-reports used in the experiment mirror the type frequently used by organizations to
measure sexual assault prevalence and allow me to abstract away from other barriers to
reporting. The experiment also measures perceptions of victim-focused social norms. I find
widespread beliefs that victims may be lying and vast misperceptions about the prevalence of
victim-blaming, suggesting that victims expect significant negative judgment for disclosing.
Importantly, plausible deniability substantially increases disclosure. Among women, hard-
garbling increases reports of non-rape sexual assault victimization by 23 percent. Among
men, it more than doubles reporting of rape perpetration: 13.1 percent of men admit to
having raped someone under hard-garbling, relative to 6.2 percent in direct elicitation. My
findings suggest that sexual assault experiences remain under-reported even in anonymous
surveys and provide strong evidence that concerns about social judgment play an important
role in suppressing reports of sexual assault by both victims and perpetrators.
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1 Introduction

Sexual assault is widespread and imposes substantial social and economic costs. Available

survey evidence suggests that over 25 percent of undergraduate women have been sexually

assaulted (Cantor et al., 2020), and victims experience long-lasting mental health conse-

quences (Campbell et al., 2009) and decreased rates of employment (Nix et al., 2024). Given

these consequences, accurate measurement of sexual assault is critical for policy and research,

but nearly two-thirds of sexual assaults are never reported to law enforcement (Morgan and

Thompson, 2021), allowing most perpetrators to go undetected. In the absence of reli-

able administrative data, institutions increasingly rely on survey data to guide prevention

and support efforts. For example, ten leading U.S. institutions participated in the 2024

Higher Education Sexual Misconduct and Awareness (HESMA) survey, using anonymous

self-reports of victimization to inform policy.1 However, survey-based estimates of sexual

assault prevalence among college women vary dramatically from 2 to 34 percent (Fedina

et al., 2018), suggesting that under-reporting and mismeasurement exist even in anonymous

surveys meant to encourage honest disclosure. Further, the presence of under-reporting

suggests that reporting is selective: those who disclose their experiences may differ system-

atically from those who do not. Thus, existing data on sexual assault are limited in their

ability to accurately characterize both sexual assault victimization and perpetration. The

systemic under-reporting limits our understanding of perpetrators, victims, and the broader

societal costs of sexual assault, while hindering the design of effective policies meant to pro-

tect victims and deter perpetrators.

Despite this, little is known about decisions to report or disclose sexual assault expe-

riences. For victims and perpetrators alike, reporting or disclosing experiences of sexual

assault may carry large expected costs, like fears of retaliation, expectations of social dis-

approval, and reputational harm. On college campuses in particular, where strong social

ties are common, expected social costs and perceived social norms may play an especially

important role in determining reporting and disclosure decisions. Similar dynamics arise in
1Similar to the use of anonymous climate surveys to monitor sexual assault prevalence by higher education

institutions, employers and professional associations often administer workplace climate surveys to monitor
workplace sexual harassment. Examples include the American Economics Association and the Merit Systems
Protection Board of Federal Employees.
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other settings where disclosure carries non-monetary social costs, from reporting workplace

misconduct to admitting unethical or dishonest behavior. In each case, fear of social judg-

ment can lead individuals to strategically withhold or misrepresent the truth, limiting the

accuracy of data and the effectiveness of policies that depend on it.

In this paper, I investigate the decision to report sexual assault victimization and perpe-

tration and the role of social judgment in these decisions through a conceptual framework

and an online experiment involving over 1,600 college students and graduates. The exper-

iment measures perceptions of relevant social norms and tests whether a survey technique

designed to provide plausible deniability can increase self-reports of sexual assault. Con-

trary to previous studies, I examine not only reports of victimization (among women) but

also reports of perpetration (among men).2 I use anonymous self-reports of victimization

and perpetration to mirror the anonymous survey setting that institutions frequently use

to measure sexual assault prevalence. These informal reports do not request information

regarding the identity of the perpetrator (for victims) or victim (for perpetrators). This

feature allows me to abstract away from fears of retaliation and other institutional barriers

and provides the ideal setting to isolate expected social costs as a barrier to reporting.

I first formalize the informal reporting decision in a simple framework that considers

both high-severity assaults (such as rape) and lower-severity assaults (such as unwanted

kissing or touching), focusing on expected social costs for both victims and perpetrators.

These social costs are shaped by two distinct types of norms: 1) norms about the broader

acceptability of assault, and 2) norms about reporting and how victims are judged if they

report. I distinguish between these to capture the nuance that society may disapprove of

sexual assault in general yet still disapprove of reporting or hold negative views of victims

who report. Because victims may expect less severe incidents to be more minimized by others

and perpetrators may expect greater social condemnation for higher-severity incidents, the

framework assumes that expected social costs are highest for low-severity victimization and
2The decision to focus on women as victims and men as perpetrators was made predominantly for statis-

tical power. Given lower victimization rates among men, the most optimistic power calculation reveals that
one would need at least 1.5-times more men to detect the same 20 percent increase in reporting (using sample
means and standard deviations among male and female respondents from Cantor et al. (2020)). A more
realistic power calculation that accounts for the mechanical increase in noise as a result of the hard-garbling
treatment manipulation estimates a total required sample size of at least 5,000 men.
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high-severity perpetration, consistent with evidence that more serious assaults are more likely

to be reported than less severe ones (Fisher et al., 2003; Spencer et al., 2020; FBI, 2026).

Finally, the framework predicts that a plausible-deniability survey technique will be most

effective where expected social costs are highest: for less severe victimizations, more severe

perpetrations, and among individuals who are more sensitive to social judgment.

In the experiment, study participants are randomized to answer two binary questions on

“more severe” assaults (i.e., rape) and less severe assaults (i.e., all other types of unwanted

sexual contact) using either direct elicitation (DE) or “hard-garbling” (HG) (Boudreau et al.,

2023; Warner, 1965). In the DE treatment, responses are recorded as the subjects intend.

In the HG treatment, a subset of responses to the binary questions are randomly recorded

as “Yes,” regardless of the true response. This randomization provides respondents with

plausible deniability, as researchers cannot know for sure whether a “Yes” response was truly

a “Yes” or an intended “No” randomly switched by the system. The experiment also contains

an incentivized social norm elicitation exercise to measure two victim-focused norms. I first

elicit individual agreement with two statements on whether victims are responsible for their

assaults (“victim-blaming”) and the possibility that victims are lying (“lying”).3 I then elicit

their perceptions about the extent to which other respondents agree with the statements.

The study generates two main findings. First, the social norm exercise reveals widespread

agreement with the lying statement and substantial misperceptions about the prevalence of

victim-blaming. Half of men and over a quarter of women in the study agree that women

who say they were sexually assaulted may be lying, compared to only 17 percent of men and

8 percent of women who believe that women who were sexually assaulted may be to blame.

Although men and women accurately guess others’ agreement with the lying statement, both

genders drastically overestimate the rates of agreement with the victim-blaming statement.

While the social norm exercise is descriptive in nature, both the widespread agreement with

the lying statement and the misperception of the victim-blaming norm could amplify the

anticipated social costs of reporting or disclosing for sexual assault victims.

Second, I find that hard-garbling is effective in encouraging reports of both experienced
3These norms speak most directly to how victims might expect to be judged if they disclose an assault,

and do not directly capture attitudes toward perpetrators or norms about admitting perpetration.
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and perpetrated sexual assault, but along different margins for victims and perpetrators.

Under direct elicitation, 45.6 percent of women report an unwanted sexual contact other than

rape, and 34.3 percent report rape. Hard-garbling increased women’s reports of non-rape

sexual assault victimization by 23 percent with no impacts on reports of rape. Conversely,

hard-garbling has large effects on self-reported rape perpetration with no impacts on reports

of less severe perpetration. While 6.2 percent of men in the direct elicitation treatment admit

to having committed rape, hard-garbling more than doubles reports: 13.1 percent of men in

the hard-garbling treatment admit to having raped someone. Thus, among victims, plausible

deniability primarily raises reporting of less severe assaults, whereas among perpetrators it

primarily raises reporting of the most severe behavior.

These findings align with the conceptual framework, which predicts that hard-garbling

should most strongly increase reporting for incidents with the largest expected social costs

of disclosure. The framework further implies that expected social costs are highest for

individuals who are more sensitive to social judgment. Using a social desirability scale as a

proxy for this sensitivity, I find that the treatment effects of hard-garbling are concentrated

among those more sensitive to social judgment. Taken together, the results show that sexual

assault experiences are under-reported even in anonymous, online survey contexts and that

plausible deniability is most effective at increasing reports for non-rape victimizations, rape

perpetrations, and individuals more sensitive to social judgment, providing strong evidence

that hard-garbling increases reports by attenuating expectations of social judgment.

To assess the validity of the experimental design, I conduct a replication of the experiment

using a placebo outcome: theft victimization. In this setting, where individuals have little

incentive to conceal the truth, hard-garbling should have no impact on reporting. I find

that hard-garbling has no statistically significant effect on reporting for theft outcomes,

consistent with hard-garbling increasing reports for only experiences with expectations of

social judgment.

I contribute to three primary strands of literature: 1) the reporting and prevalence of

sexual assault; 2) the hard-garbling survey technique and the measurement of sensitive in-

formation; and 3) the misperception of social norms. First, the literature on sexual assault

focuses largely on incidence rather than reporting decisions. Studies document how alcohol
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consumption affects sexual assault rates, attributing changes to incidence rather than re-

porting behavior (Lindo et al., 2018; Topper, 2023), and show that rape victims experience

significant long-run economic setbacks (Nix et al., 2024). A smaller set of papers studies

reporting of sexual assault directly. The #MeToo movement increased formal reporting of

sex crimes (Levy and Mattsson, 2024; Gauthier, 2024), and local support services in the

UK raised formal reports (Denti and Iammarino, 2022). Similarly, the existing theoretical

work (Lee and Suen, 2020; Chassang and Miquel, 2019) largely concerns formal reporting

to authorities.4 Relatively little is known about perpetration, the drivers of under-reporting

in anonymous survey contexts, or methods to increase honest disclosure. I advance this

literature first by eliciting self-reports of perpetration. Because victims rarely report specific

perpetrators and anonymous victim surveys rarely identify assailants, existing data provide

limited information on who commits sexual assault or how prevalent perpetration is. Second,

by working in an anonymous, non-identifying survey setting and using a plausible-deniability

technique, I can focus on social judgment as a barrier to reporting and am the first to exper-

imentally test a specific survey design to increase reporting of sexual assault victimization

and perpetration.

Second, I contribute to the literature on survey techniques for sensitive topics, includ-

ing hard-garbling, randomized response, and list experiments. Previous work shows that

hard-garbling can dramatically increase reports of workplace harassment in a Bangladeshi

garment factory (Boudreau et al., 2023) and sustain informative reporting under high retal-

iation costs in laboratory settings (Chassang and Zehnder, 2024). Other approaches, such

as list experiments and randomized response techniques, also introduce plausible deniability

but can be undermined by non-compliance (Chuang et al., 2021). I extend this literature

by evaluating hard-garbling in a novel setting: anonymous surveys on sexual assault vic-

timization and perpetration. This setting limits fears of retaliation and other institutional

barriers, allowing the estimated effects of hard-garbling to more directly reflect the influence

of expected social judgment on disclosure behavior. Finally, existing studies focus on reports

of victimization rather than perpetration. I contribute to the literature by testing whether
4Related work on other forms of violence against women, including sexual harassment, also largely focus

on formal reporting or require that victims report against a specific perpetrator (Colagrossi et al., 2023; A.
Miller and Segal, 2019; Cheng and Hsiaw, 2022; Dahl and Knepper, 2026).
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hard-garbling can also increase self-reports of perpetration, providing new evidence on the

role of plausible deniability in disclosing a range of socially undesirable behaviors.

Lastly, this study speaks broadly to the economics literature on the measurement and

misperception of social norms (Bursztyn et al., 2024; Bursztyn et al., 2020; Bursztyn and

Yang, 2022; Fields and Schuman, 1976; D. T. Miller and Prentice, 1994; Bordalo et al., 2016)

and the literature on social norms related to violence against women and consent (Ivert et

al., 2018; Alesina et al., 2021; Bermek et al., 2023; Hoover and Krupka, 2025; Seabright

and Marti, 2022). However, the literature specifically addressing how social norms may

impact reporting remains limited. Related insights come from the work in psychology on

“rape myth acceptance” (RMA), a framework encompassing beliefs that justify or downplay

sexual violence (Lonsway and Fitzgerald, 1994).5 I add to this literature by quantifying

perceptions of these “rape myths” as social norms and by investigating how they impact the

reporting decision.

The remainder of this paper is as follows. Section 2 discusses the conceptual framework

and characterizes the hard-garbling survey technique mathematically. Section 3 describes

the experimental design, and Section 4 provides details on the estimation strategy. Section

5 discusses the primary results and exploratory analysis, and Section 6 describes robustness

checks. Finally, Section 7 discusses and concludes.

2 Conceptual Framework

I model the decision to report sexual assault experiences using a simple costs and benefits

framework. Prior work (Boudreau et al., 2023; Chassang and Miquel, 2019; Chassang and

Zehnder, 2024) employs a principal-agent-monitor framework to study the decision to report

bad agents. These existing models require that monitors, or victims, be paired with specific

agents or perpetrators, and that the identity of the agent is known from a report. Thus, fear

of retaliation plays an important role in the reporting decision. I modify this framework by
5Rape myth acceptance, or RMA, is broadly defined as beliefs in ideas that justify violence against women.

Many rape myth scales that are designed to measure rape myths consider six dimensions: 1) she was asking
for it; 2) it was not really rape; 3) she is lying; 4) rape is a deviant event; 5) rape is a trivial event; and 6)
he did not mean to (Lonsway and Fitzgerald, 1994).
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focusing on reporting that does not require identification of a perpetrator, like reporting in

surveys. I refer to this type of disclosure as “informal” reporting. Because survey respondents

are not asked about the identity of their perpetrator, I am able to abstract away from

retaliation fears and focus on other barriers to reporting, like social disapproval.6

I first focus on informal reports of sexual assault. Section 2.1.1 extends the framework to

study perpetrators’ decisions to informally self-report. I discuss the mathematical framework

for “hard-garbling” in Section 2.2. Finally, I discuss how the framework can be adjusted to

consider the decision to report formally and the possibility of false reports in Appendix B.

2.1 Framework

Reporting decisions for sexual assault likely depend on incident characteristics. For example,

victims may expect more social backlash for reporting “minor” assaults, like unwanted kissing,

compared to incidents such as unwanted sexual penetration. Consistent with this, FBI

Uniform Crime Reporting data show just over 50,000 reports of criminal sexual contact

(i.e., fondling) versus nearly 120,000 reports of rape between 2000-2025 for victims aged

20-29 (FBI, 2026). Since less severe assaults are plausibly more prevalent than more severe

assaults, fewer reports of criminal sexual contact than rape suggests a lower reporting rate

for fondling-type incidents, implying that the reporting decision likely varies by the severity

of the assault.7 Thus, I distinguish between sexual assaults of high and low severity, s, with

s ∈ {h, l}.8 Denote vis = 1 if student i has experienced a sexual assault victimization of

severity s and vis = 0 if not.

Consider the case in which a student victim i has a binary reporting decision ris ∈ {0, 1}.

I assume that the utility function for a student i from an informal reporting decision ris

6An act of retaliation by the perpetrator following an informal report could reveal their identity where it
was otherwise hidden, likely eliminating incentives to retaliate.

7Prior work in psychology provides additional evidence of this, finding broadly that more serious sexual
assaults (like those involving weapons, completed rapes, or injuries) are more likely to be reported than less
severe incidents (Fisher et al., 2003; Spencer et al., 2020).

8This framework focuses on a binary of assault type on high or low severity, but other dimensions of
victims and incidents are also important to the decision to report. For simplicity, I abstract away from these
characteristics.
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given a victimization status vis is a function of costs and benefits:

Uis(ris|vis) = IBis(ris|vis) + SBis(ris|vis)− ICis(ris|vis)− SCis(ris), (1)

where:

• IBis(ris|vis) denotes intrinsic or emotional benefits, like any internal utility gained

from reporting. I assume there are positive emotional benefits from a positive report

of severity s given that a victimization of severity s occurred and that otherwise emo-

tional benefits are zero. Thus, I assume IBis(1|1) > 0, and IBis(1|0) = IBis(0|0) =

IBis(0|1) = 0.9 Intrinsic benefits are likely larger for s = h relative to s = l. For ex-

ample, victims of severe assaults may gain more utility from feelings of empowerment

from reporting, even informally, relative to victims reporting less severe assaults. In

addition, victims of severity h may gain more emotional utility from feeling like their

report may protect other potential victims than victims of severity l.

• SBis(ris|vis) denotes social benefits. Following prior literature (Boudreau et al., 2023),

these benefits include utility gained from informing policy.10 I assume that SBis(1|1) >

0, SBis(1|0) < 0, and SBis(0|0) = SBis(0|1) = 0.11 Similar to intrinsic benefits, we

may expect social benefits to be larger for assaults of severity h. Victims of more

severe assaults likely experience greater utility from informing policies than victims of

less severe assaults.

• ICis(ris|vis) denote intrinsic or emotional costs. Previous work in sociology and re-

lated fields note that labeling or reporting sexual assault victimizations may erode a
9This paper focuses on the role of social judgment in the decision to report. The assumption that

IBis(1|0) = IBis(0|0) = IBis(0|1) = 0 is made largely for simplicity. Relaxing this assumption would
complicate notation but not fundamentally alter the resulting conclusions regarding the role of social costs
and perceived social norms in the reporting decision.

10These benefits could also include social support after a positive report. However, an individual’s ex-
pectations of social support are likely the inverse of their expectations of social costs (as an individual
expects higher social costs and/or more damage to their reputation, they likely also expect less social sup-
port). Because this dynamic is captured by the social costs term SCis(ris), I make a simplifying assumption
SBis(ris|vis) is only utility from informing policy.

11I assume people have negative social utility from reporting a victimization when one has not occurred.
For example, consider the case in which individuals receive utility from informing policy. Then, if vis = 0
but ris = 1, policy-makers are now developing policy based on incorrect information, which I assume causes
negative utility.
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survivor’s self-identity (Khan et al., 2018). Thus, IC captures any emotional cost from

acknowledging an experience as an assault, from identifying themselves as a victim, or

other utility lost related to emotions from reporting. This includes costs from potential

feelings of guilt for not reporting an assault when one did occur. Thus, I assume that

ICis(1|1) ≥ 0, ICis(0|1) ≥ 0, and ICis(0|0) = ICis(1|0) = 0.

• SCis(ris) denotes social or reputation costs. These costs broadly include any damage

to a student’s reputation or social standing and any utility lost as a result of negative

social reactions from others, like accusations of lying or blame. I assume SCis(1) > 0

and SCis(0) = 0 and discuss these costs in more detail below.

The expected social costs term SCis(ris) captures lost utility from reputational damage or

adverse social reactions. Victims may incur such costs on different margins. Sexual assault

may be viewed as wrong, potentially reducing negative judgment towards victims. It is also

possible that reporting an assault is viewed as wrong or that victims who do report are

perceived negatively, perhaps because of beliefs that perpetrators should not face serious

consequences. Thus, I consider two types of social norms in this conceptual framework: 1)

social norms on sexual assault, and 2) social norms on reporting and the perceptions of

victims. Social norms on sexual assault capture the broader culture and social acceptability

of assault, including norms on what “counts” as sexual assault and whether sexual assault

is viewed as an important issue. Alternatively, social norms on reporting and perceptions

of victims (herein referred to as “social norms on reporting”) capture expectations of social

judgment towards victims for reporting and includes norms such as whether victims should

report their assaults and whether those who do report are perceived as dishonest or at fault

for their victimization. The two types of norms are considered separately to address nuances

in the social disapproval of assault generally relative to the social disapproval of reporting

and negative perceptions of victims who do so.

I assume expected reputation costs from reporting an assault of severity s are a function of

perceptions of both types of norms.12 I denote perceptions of social norms on sexual assault
12For example, victims who believe that sexual assault is “not a big deal” (reflecting norms on assault)

or that accusations of lying are widespread (reflecting norms on reporting) will anticipate greater social
disapproval and thus will have higher expected social costs.

10



of severity s for student i as θis, and I denote perceptions of social norms on reporting assaults

of severity s for student i as δis. I assume that higher values of θis imply sexual assault is

viewed as more socially acceptable. Higher values of δis imply less victim-friendly perceived

norms on reporting assaults of severity s.13 I assume both 0 ≤ δis ≤ 1 and 0 ≤ θis ≤ 1.

We should also expect social costs to be larger for individuals who care more about social

judgment, i.e., for those who lose relatively more utility from having a damaged reputation

or from negative social reactions. Thus, I denote a social judgment sensitivity parameter for

individual i ϕi > 0 such that higher values of ϕi denote more sensitivity to social judgment.

I assume that greater sensitivities to social judgment and greater expectations of negative

social judgments result in greater expected social costs. Thus, I let:

E
[
SCis(ris)

]
= ϕiK(δis, θis, ris), (2)

where δis is student i’s perceptions of social norms on reporting of sexual assaults of severity

s, θis is student i’s perception of social norms regarding the acceptability of sexual assaults

of severity s, ϕi is student i’s sensitivity to social judgment, and K is a positive and strictly

increasing function of δis and θis.

Both δis and θis depend on the assault severity s. We may expect social norms on assault

to be more favorable to victims of more severe assaults: rape is more likely to be socially

condemned than sexual assaults like unwanted kissing. Therefore, we may expect θil ≥ θih.

Similarly, reporting rape is less likely to be socially condemned than reporting less severe

assaults, and victims of more severe assaults may be perceived relatively more favorably

than victims of less severe assaults. Thus, we may also expect δil ≥ δih. This implies that

SCis(ris) may be larger for assaults of severity l.

Then, following Equation 1, an individual with vis = 1 will find it optimal to report

ris = 1 when the expected utility from a positive report is larger than the expected utility

from not reporting, i.e., when Uis(1|1) ≥ Uis(0|1). A victimized student has the following
13Consider a social norm statement measuring victim-blaming. If a survey respondent perceives that 50%

of people agree with the statement, then she expects higher levels of victim-blaming than someone who
reports that 10% of people would agree. Thus, higher values of δis and θis denote “worse” perceived norms.
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payoffs from ris = 1 and ris = 0:

Uis(1|1) = IBis(1|1) + SBis(1|1)− ICis(1|1)− SCis(1)

Uis(0|1) = −ICis(0|1)

Thus, a victimized student will only submit ris = 1 when14:

IBis(1|1) + SBis(1|1)− ICis(1|1)− SCis(1) + ICis(0|1) ≥ 0 (3)

Recall that E
[
SCis(ris)

]
= ϕiK(δis, θis, ris) such that K is a strictly positive and increas-

ing function of δis and θis. Then, Equation (3) becomes:

IBis(1|1) + SBis(1|1)− ICis(1|1)− ϕiK(δis, θis, 1) + ICis(0|1) ≥ 0 (4)

Equation (4) then demonstrates that as individuals perceive worse social norms (i.e., as

δis or θis increase in value) or are more sensitive to social judgment (i.e., as ϕi increases

in value), expected social costs also increase. Thus, holding all else equal, individuals with

higher values of δis, θis, and ϕi are less likely to report.

2.1.1 Informal Reporting Decision for Perpetration

I now extend the framework to consider a perpetrator’s self-reporting decision. I again

distinguish between sexual assaults of high and low severity, s, with s ∈ {h, l}. Let ais = 1

if a student has perpetrated a sexual assault of severity s and ais = 0 if not. A student i has

a binary reporting decision for perpetration zis ∈ {0, 1}. The utility function for a student i

from an informal perpetration reporting decision zis given an assailant status ais remains a

function of intrinsic benefits, social benefits, intrinsic costs, and social costs:

Uis(zis|ais) = IBis(zis|ais) + SBis(zis|ais)− ICis(zis|ais)− SCis(zis) (5)

The assumptions for these costs and benefits are nearly identical to that of the victimiza-
14Expectations have been omitted from equation for simplicity of notation
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tion decision; for brevity, I omit these identical assumptions here and only discuss deviations

and conceptual differences in expected social costs term. The full conceptual framework

for perpetration, including interpretations of the other cost and benefit terms and explicit

statements of the assumptions, are included in Appendix B.

Social costs for perpetrators again broadly include any utility lost as a result of negative

social reactions or reputational damage. However, we may expect only norms on assault to be

relevant to a perpetrator’s decision to report. Social norms on reporting, like those regarding

whether women should report or whether victims are perceived as lying, will not be relevant

when self-reporting an act of perpetration and thus δis is excluded from the expected social

cost term.15 Norms on the broader acceptability of assault will likely still be relevant to a

perpetrator’s decision to self-report their behavior. If a perpetrator thinks that sexual assault

is more acceptable and thus that he is less likely to be socially condemned for the behavior,

his expected social costs likely decrease. Recall that higher values of θis imply that social

norms such that sexual assault is viewed as more socially acceptable. For perpetrators, this

now implies that higher values of θis decrease expected social costs. To maintain that higher

values of the social norm parameter imply that social costs are increasing, I let SCis(zis) be

a function of ψis = 1− θis.

Closely following the victim’s decision, we should also expect social costs for perpetrators

to be larger for individuals who care more about social judgment. Thus, expected social

costs for perpetrators are still a function of the social judgment sensitivity parameter ϕi > 0.

Therefore, I let:

E
[
SCis(zis)

]
= ϕiK(ψis, zis), (6)

where ψis are student i’s perceptions of social norms on sexual assaults of severity s, ϕi is

student i’s sensitivity to social judgment, and K is a positive and strictly increasing function

of ψis.

An individual with ais = 1 will find it optimal to report zis = 1 when the expected

utility from a positive report is larger than the expected utility from not reporting. The
15For example, if a perpetrator is admitting that he sexually assaulted someone, the victim will not

somehow be accused of lying, and thus these norms should be irrelevant to the perpetrator’s decision to
report.
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expectations have been omitted below for simplicity of notation, and the math is analogous

to Equations 3 and 4 from the victim’s decision:

IBis(1|1) + SBis(1|1)− ICis(1|1)− ϕiK(ψis, 1) + ICis(0|1) ≥ 0 (7)

Equation (7) then demonstrates that as individuals perceive that assault is less socially

accepted and as a perpetrator is more sensitive to social judgment (i.e., as ψis and ϕi increase

in value), expected social costs also increase. Thus, holding all else equal, individuals with

higher values of ψis and ϕi are less likely to report.

2.2 A Survey Technique to Reduce Under-Reporting: Hard-Garbling

A survey technique that provides plausible deniability may attenuate expected social costs

and thus increase rates of reporting. The “hard-garbling” survey technique, for binary reports

ris and zis, automatically records a random subset of responses as “Yes” responses. No one,

including researchers, can know whether an observed “Yes” response in the data was truly

a “Yes” or an intended “No” randomly switched by the system. Thus, garbling may change

the expected value of social costs by offering deniability.

This section characterizes the hard-garbling survey technique mathematically and closely

follows the framework developed by Boudreau et al. (2023). To consider whether hard-

garbling can attenuate expected social costs, I distinguish between intended reports ris and

zis and recorded reports r̃is and z̃is. An intended report ris or zis is the report the respondent

intended to submit. A recorded report r̃is and z̃is is the report actually observed in the data.

Under direct elicitation, ris = r̃is and zis = z̃is. Under hard-garbling, if ris = 1 or zis = 1,

then r̃is = 1 and z̃is = 1 with certainty, but if ris = 0 or zis = 0, then:

r̃is, z̃is =

 0 with probability 1− π

1 with probability π

Therefore, π is the level of garbling, i.e., the rate at which responses are randomly flipped

to “Yes” responses. I assume reports are intended to be confidential, as is the case in many

large-scale surveys on sexual assault. Thus, a student now assumes their report ris or zis is
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leaked with some perceived probability p ∈ [0, 1]. As in Boudreau et al. (2023), this does

not require that reports are actually leaked with positive probability. Even in settings with

p = 0, like anonymous or confidential surveys, respondents may have concerns that their

report can be shared with others or linked to their personal identifying information. For

example, respondents may be concerned that online surveys are tracking their IP addresses.

Following Equations (1) and (5), a student i’s utility associated with an intended report

ris or zis depends on their actual victimization or perpetration status vis or ais, their intended

report ris or zis, and the recorded report r̃is or z̃is:

Uis(ris|vis) = IBis(ris|vis) + SBis(r̃is|vis)− ICis(ris|vis)− p× SCis(r̃is)

Uis(zis|ais) = IBis(zis|ais) + SBis(z̃is|ais)− ICis(zis|ais)− p× SCis(z̃is)

I assume social benefits and social costs are now functions of realized rather than intended

reports. Thus, SCis(r̃is) and SCis(z̃is) are reputation and social reaction costs in the event

that the recorded report r̃is or z̃is is leaked. I assume that the social costs are a function

of perceived social norms surrounding college sexual assault and the posterior belief that a

student i meant to submit a positive report given a positive recorded report. Thus, I let

SCis(r̃is) = ϕiK(δis, θis, prob(ris = 1|r̃is)), where δis is a student i’s perceptions of social

norms on reporting, θis is a student i’s perception of social norms on assault, and K is a

positive and strictly increasing function of δis, θis, and prob(ris = 1|r̃is). Analogously, I let

SCis(z̃is) = ϕiK(ψis, prob(zis = 1|z̃is)), where ψis = 1 − θis is a student i’s perceptions of

social norms on assaults of severity s, and K is a positive and strictly increasing function of

both ψis and prob(zis = 1|z̃is).

A victimized student with vis = 1 then has the following expected utilities from ris = 1

and ris = 0 (notation has omitted the expectations for simplicity):

Uis(1|1) = IBis(1|1) + SBis(1|1)− ICis(1|1)− p× SCis(1) (8)

Uis(0|1) = π × [SBis(1|1)− p× SCis(1)]− ICis(0|1)
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Thus, a victimized student will report if and only if:

IBis(1|1) + (1− π)×
[
SBis(1|1)− p× SCis(1)

]
− ICis(1|1) + ICis(0|1) ≥ 0 (9)

where SCis(1) is:

SCis(1) = ϕiK(δis, θis, prob(ris = 1|r̃is = 1))

and

prob(ris = 1|r̃is = 1) =
1

1 + π prob(ris=0)
1−prob(ris=0)

(10)

This math is analogous for the perpetrator’s reporting decision, though SCis(1) becomes:

SCis(1) = ϕiK(ψis, prob(zis = 1|z̃is = 1))

and

prob(zis = 1|z̃is = 1) =
1

1 + π prob(zis=0)
1−prob(zis=0)

(11)

2.3 Predictions

The conceptual framework reveals expected social costs as a driver of under-reporting and

provides the basis for four testable implications. Prediction 1 discusses the effectiveness of

hard-garbling broadly, and Predictions 2 to 4 focus on when expected social costs may be

highest and thus when hard-garbling may be more effective.

Prediction 1: (The effectiveness of hard-garbling)

The hard-garbling survey technique with π = 0.2 increases reporting relative to a standard

direct elicitation survey technique with π = 0.

This prediction comes directly from the framework. As discussed in Boudreau et al.

(2023), increasing π will increase a student’s likelihood of sending ris = 1 for victimized
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students and zis = 1 for perpetrators. Equations 10 and 11 demonstrate that increasing

π reduces the size of the expected social costs associated with a positive recorded report

for both victims and perpetrators by providing plausible deniability to respondents. In this

study, I set π = 0.2, following Boudreau et al. (2023). By increasing the likelihood that an

individual sends ris = 1 and zis = 1, hard-garbling should also reduce the overall level of

under-reporting present.

Prediction 2: (The role of social norms on assault θis and ψis)

2a) Hard-garbling is more effective at increasing reports of victimization when θis is larger,

i.e., when s = l.

2b) Hard-garbling is more effective at increasing reports of perpetrations when ψis is larger,

i.e., when s = h.

As discussed in the conceptual framework, the size of the expected social costs term de-

pends on the severity of the assault s. This is particularly relevant for the channel through

which hard-garbling may induce more truthful reporting: social costs. Rape is broadly ac-

cepted as more severe than other types of sexual assaults, and may thus be perceived as

less socially acceptable, implying that θil > θih. Victims may expect more, and perpetrators

may expect less, social backlash from reporting a socially accepted behavior. The plausi-

ble deniability offered by hard-garbling may be more effective at increasing reports for the

assault severities with higher expected social costs, which we may expect to be less severe

victimizations (i.e., victimizations with higher values of θis) and more severe perpetrations

(i.e., perpetrations with higher values of ψis).

Prediction 3: (The role of sensitivity to social judgment ϕi)

Hard-garbling is more effective for individuals more sensitive to social judgment, i.e., those

with higher values of ϕi.

Similar to Prediction 2, we may expect hard-garbling to work best when expected social

costs are highest. For both victims and perpetrators, greater sensitivity to social judgment

increases the size of expected social costs. Thus, we may expect the plausible deniability

induced by hard-garbling to be most effective for victims and perpetrators who are more
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sensitive to social judgment.

Prediction 4: (The role of social norms on reporting δis for victims)

Hard-garbling is more effective for victims who expect relatively more negative social judg-

ment, i.e., those with higher values of δis.

We may again expect hard-garbling to be most effective when expected social costs are

highest. While social norms on reporting δis do not enter the perpetrator’s reporting decision,

victims with higher values of δis face higher expected social costs. Thus, hard-garbling may

be more effective at increasing reports of victimization for these victims.

3 Experimental Design

I employ an online experiment involving 1,621 individuals that are college students and recent

college graduates, aged 18-27, that were recruited using Prolific (an online platform of survey

takers) to: 1) quantify perceptions of social norms relevant to the sexual assault reporting

decision, and 2) test whether the HG survey technique increases self-reports of sexual assault

experiences. In this between-subjects experiment with two treatments, subjects complete two

primary modules on their sexual assault experiences and social norms.

Motivated by my conceptual framework, I aim to provide proxies for the parameters

included in the expected social costs term (δis, θis, and ϕi). Specifically, I measure partici-

pants’ perceptions of social norms around victim-blaming and false accusations as a proxy

for perceptions of social norms on reporting δis. To indirectly proxy for perceptions of so-

cial norms on assault θis, my experimental design contains two binary experience questions.

The first pertains to rape, which is widely recognized as the least socially accepted form of

assault. The second pertains to all other types of unwanted sexual contact, including situa-

tions like unwanted kissing. These forms of sexual assault are likely perceived as relatively

more socially accepted. Thus, the experiment contains variation in the social acceptability

of assaults, allowing me to explore how social norms on assault θis may impact the reporting

decision. Finally, I use a social desirability scale (Crowne and Marlowe, 1960; Dhar et al.,

2022), to capture individual sensitivity to social judgment ϕi. This scale asks participants to
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agree or disagree with a set of “too-good-to-be-true” statements; individuals who agree with

more may be more sensitive to social judgment.

All subjects begin the experiment by answering a brief demographic section, including

questions on their experience at their undergraduate institution. In the demographic section,

subjects complete the social desirability scale used to generate the proxy for sensitivity to

social judgment ϕi. At the end of the survey, all subjects saw two questions regarding their

perceptions of the anonymity of the survey platform Prolific.16

In the experience of assault module, I vary which survey technique is used to elicit these

sexual assault experiences. Thus, I randomly assign participants into one of two treatment

conditions:17

• T1: Direct Elicitation (DE)

• T2: Hard-Garbling (HG)

I focus on women as potential victims and men as potential perpetrators in the ex-

periment.18 While this assumption does not capture the full complexity of sexual assault

dynamics, they are broadly consistent with national data: from 1991-1996, 95.4 percent of

victims aged 18-24 from reported sexual assaults were female. Similarly, 96 percent of of-

fenders in sexual assaults were male (Snyder, 2000).

I discuss both the social norm and experience modules in more depth in Sections 3.1 and

3.2 and provide additional details on the implementation in Section 3.3.

3.1 Social Norm Module

In the social norm module, subjects complete an incentivized social norm elicitation exercise.

First, participants state their agreement or disagreement with two statements that focus on

victim-blaming sentiments and accusations that sexual assault victims are lying on a 5-point
16These two questions are as follows: 1) “What is the probability that Prolific shares your identifying

information, like name or birth date, with researchers?,” and 2) “What is the probability that researchers
using Prolific to administer surveys are able to link your survey responses to your identity?”

17The hard-garbling survey technique is used only when eliciting assault experiences and is not imple-
mented in the social norm elicitation exercise.

18This decision was made predominantly for statistical power, though it is important to recognize that
men can also be victims, and women can also be perpetrators.
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Likert scale from strongly disagree to strongly agree.19 These statements, herein referred to

the “victim-blaming” or “lying” statements, are as follows:

1. Victim-Blaming: “If a woman experiences unwanted sexual contact, she may be at

least somewhat responsible for what happened.”

2. Lying: “Women who say they were sexually assaulted sometimes lie. For instance,

they may just regret otherwise consensual encounters.”

Participants are then asked to guess the percentage of previous male and female respon-

dents who agreed or strongly agreed with each statement. I randomize the order in which

subjects are asked about men and women’s agreement and which statement they see first.

As victims expect more agreement with both the victim-blaming and lying statements, they

likely also expect more social judgment for reporting. Thus, I use these predictions as a

proxy for social norms on reporting, δis.20

3.2 Experience of Assault Module

All subjects complete the experience module first. In the experience module, female respon-

dents answer questions on victimization; male respondents answer analogous questions on

perpetration. Subjects are provided with a definition of non-consent, including descriptions

of incapacitation, physical force, and sexual coercion. The conceptual framework predicts

that the perceived social acceptability of assault θis may vary by assault severity such that

θil > θih. Therefore, I distinguish between two severities of assaults: the most severe form

(rape, s = h), and all other forms of sexual assault (including unwanted kissing and groping,

s = l). Thus, subjects answer two binary questions each. The first binary question asks

about experience with non-consensual sexual penetration or oral sex (i.e., rape). The second
19There are other beliefs and norms that likely matter to sexual assault reporting. However, this study

aims to understand the under-reporting of sexual assault in the most general sense. Thus, I focus on two
norms that may be relevant to all cases of sexual assault victimization. In addition, agreement is binarized
for analysis. A respondent is considered to have agreed with a statement if they reported agreeing or strongly
agreeing with the statements.

20Subjects also guess what percentage of women are sexually assaulted while in their undergraduate
programs, providing their best guess at a victimization rate. They are then asked to guess the average
answer of prior male and female respondents to this question.
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binary question asks about experience with any other type of non-consensual sexual contact,

including situations like unwanted kissing or sexual touching.21

Subjects are randomly assigned to answer these two binary questions using either direct

elicitation or “hard-garbling” (HG). In the HG treatment, a subset of responses to the binary

questions are randomly recorded as “Yes,” regardless of the true response. This randomization

provides respondents with plausible deniability, as researchers – or anyone else viewing the

data – cannot know for sure whether a “Yes” response was truly a “Yes” or an intended

“No” randomly switched by the system. In the experiment, the HG survey technique was

explained to subjects in the HG treatment using visual aids, a written description, and

two incentivized comprehension questions.22 Respondents in the HG treatment are aware

that their responses to both binary questions are recorded using the hard-garbling survey

technique.

The rate of garbling in this experiment is set at 20%, meaning that 1 of every 5 responses

is automatically recorded as a “Yes” response for individuals in hard-garbling treatments.

This rate is 0% for individuals in direct elicitation treatments.

3.3 Implementation

This study was pre-registered in the AEA Pre-Registry (AEARCTR-0015001).23 I recruit

all participants from Prolific, an online and anonymous platform of survey-takers. The

experiment was programmed using Qualtrics, and subjects were paid $2.75 for participation,

with a possible bonus payment of up to $1.50 for correct guesses on social norm questions
21The definitions of non-consent, rape, and non-consensual sexual contact used in this study were based

heavily on existing large-scale surveys, such as the Association of American Universities Climate Survey on
Sexual Assault and Sexual Misconduct (Cantor et al., 2020), which was conducted in 2019 and involved 33
universities and over 180,000 students. In addition, the two binary questions are written to be mutually
exclusive, such that a “Yes” answer to the binary rape question does not necessarily imply a “Yes” answer to
the second “other” assault question.

22Respondents assigned to hard-garbling are aware that their answers may be garbled, but respondents
who answer “No” are not ultimately aware of how their response gets recorded.

23The study was initially pre-registered on December 16, 2024 as a 2x2 design in which I varied both the
survey technique used and the order in which subjects completed the two tasks. The order in which subjects
completed the social norm task was intended to be a proxy for the salience of social norms. Preliminary data
collected in December 2024 indicated that the original design was ineffective in manipulating the salience
of perceived social norms. I therefore changed the design so that the social norms task always comes after
the experience task. As a result, the study is now a 2x1 online experiment, and the pre-registration was
modified to reflect this change in February 2025.
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and up to an additional $0.30 for correct answers on hard-garbling comprehension questions.

Preliminary data collection began in December 2024, though the majority of responses were

collected in February and March 2025.

This study aimed to investigate college sexual assault. Therefore, I recruited only indi-

viduals who met the following criteria: 1) current Bachelor’s degree students or recent college

graduates; 2) between 18 and 27 years old; and 3) currently reside in the United States. For

the victimization outcomes, I recruited only individuals whose biological sex was female, and

for the perpetration outcomes, I recruited only individuals whose biological sex was male.

Further details on the sample are provided in Section 5.1.

A small-scale pilot study of approximately 100 men and 100 women was conducted in

November 2024 for the purpose of incentivizing the social norm task. In this pilot, subjects

were asked to indicate their agreement with the victim-blaming and lying statements and

were asked what percent of women they think are sexually assaulted while in their under-

graduate programs. Subjects in the full study are paid $0.25 for each correct (within 2

percentage point) guess regarding men and women’s answers from the pilot study, for an

additional bonus payment of up to $1.50.

Individuals in the hard-garbling treatment also answered two incentivized comprehension

questions. Subjects were paid an additional $0.15 for each correct answer, for an additional

bonus payment of up to $0.30.

A total of 1,639 current undergraduate students and recent graduates participated in the

experiment. The data quality is high. Survey takers were highly attentive; over 90% of

respondents passed all three attention checks included in the survey. Panel A of Table A1

reports the number of failed attention checks for both male and female respondents. In ad-

dition, individuals in the hard-garbling treatments largely understood the survey technique.

Over 90% of respondents in HG correctly answered both comprehension questions. Panel

B of Table A1 provides further details on the number of respondents missing comprehen-

sion questions in the hard-garbling treatments. In line with my pre-specified analysis plan,

subjects who incorrectly answered both hard-garbling comprehension questions have been

excluded from analysis, resulting in a final sample size of 825 women and 796 men.

The average completion time was 15.6 minutes, and the average bonus payment was just
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under $0.25.24 Thus, the average total payment to participants was approximately $3.00,

putting the total hourly earnings at nearly $12/hour.

3.4 External Validity

To address concerns about the external validity of my experiment, I organize this section

according to the SANS framework on selection, attrition, naturalness, and scaling (List,

2020).

3.4.1 Selection

Prolific allows me to recruit a diverse set of students and graduates from institutions of

various sizes and locations. This provides a higher degree of certainty that the results are

not driven by students or graduates of a single outlier institution. However, one concern for

external validity is that participants may differ from the wider college student population

both by selecting into Prolific and by choosing to participate in this particular study. De-

scriptive statistics are reported in Table A2, though I discuss the sample in more detail and

conduct balance tests by treatment in Section 5.1.

To assess the extent to which my study participants are representative of the U.S. college

student population, I compare their characteristics with those reported in national data.

My sample appears to be broadly representative of the college student population. First,

the National Center for Education Statistics reports that just over half of all undergraduate

students enrolled in fall 2021 were white and that approximately 77 percent of students were

enrolled at public institutions (National Center for Education Statistics, 2023), broadly con-

sistent with my sample. In addition, just over a quarter of undergraduates in academic year

2019-2020 were first-generation students (Postsecondary National Policy Institute, 2025),

similar to the rate in my sample of 28 percent. Finally, a report from the U.S. Department

of Education found that 40 percent of undergraduates received Pell Grants in 2019-2020

(Cameron et al., 2023). This rate is lower than the observed rate in my sample (49 percent),

though the difference is not extreme. While this suggests my sample is slightly more low-
24The average bonus payment in hard-garbling treatments was $0.38, and the average bonus payment in

direct elicitation treatments was $0.10.
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income than the national pool, I conduct heterogeneity analysis (discussed more in Section

5.4) that indicates the primary treatment effects for low-income individuals are not statisti-

cally different from the treatment effects among higher income students.25 Therefore, while

the sample distribution should be noted, this difference is unlikely to substantively limit

generalizability of the main findings.

To further address concerns about selection into Prolific, I also conduct a small-scale

replication of the experiment with students from Texas A&M University, a large four-year

public university in the South. This replication exercise is discussed in more detail in Section

6.2. While under-powered, the results of this replication provide broad evidence of the

generalizability of my findings.

Selection also occurs at the study level, as respondents must choose to participate in

this particular study on Prolific. To mitigate concerns that individuals choosing to take a

survey on sexual assault might differ from those unwilling to do so, the study was carefully

described on Prolific on a study on college campus climate rather than a study on sexual

assault. For example, the study title seen by respondents was “Assessing college campus

climate: A study of college students and recent graduates.” The study description also

contained careful language that referred to common college campus crimes more broadly

but did not mention sexual violence specifically. This approach was intended to minimize

self-selection based on interest in or prior experience with sexual assault.

3.4.2 Attrition

A second concern to the generalizability of my findings is attrition. First, there may be

concerns that individuals differentially exited the survey before full completion based on their

prior sexual assault experiences. This could bias the treatment effects. For example, the

treatment effects of hard-garbling could be artificially increased if male (female) participants

are more likely to drop out of the survey under hard-garbling if they are not perpetrators

(victims). While I discuss attrition in more detail in Section 6, attrition was largely not

present in the study, as only 1% of respondents who started the survey did not complete it.
25The treatment effects are more pronounced among higher income students, particularly for perpetration

outcomes. Thus, given the higher proportion of low-income students in my sample, my overall estimates
may understate the true effects that would be observed in a more nationally representative population.
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3.4.3 Naturalness

Naturalness refers to the extent to which experimental decisions mirror those made in the

target setting. The use of an anonymous and online survey experiment to study reports of

sexual assault could be viewed as a limitation of this study. However, the type of informal

reports used in the experiment mirror those routinely used by universities to measure sexual

assault incidence and guide prevention and support efforts.26 For example, ten prominent

U.S. institutions, including Harvard, Stanford, and Yale, recently conducted the 2024 Higher

Education Sexual Misconduct and Awareness (HESMA) survey, which included binary and

anonymous reports of sexual assault, similar to those collected in this study. The definitions

and questions used to measure sexual assault in this study were designed to be consistent with

the definitions and questions commonly used in these types of large scale campus surveys.

Thus, the measurement of sexual assault incidence in this research study is congruent with

the measurement of sexual assault incidence in the target, “real-world” settings.

One could argue that these informal and anonymous reports do not directly generalize to

other types of reporting contexts, like reports to law enforcement or Title IX offices. Impor-

tantly, improving formal reporting first requires an understanding of the barriers to disclosure

in the lowest-risk environment: the anonymous, informal reports. If victims choose not to

disclose their victimization in an anonymous survey, where perceived costs are minimal, it is

unlikely that they would come forward in higher-stakes settings such as formal reporting to

law enforcement. Thus, it is crucial to first understand the barriers to disclosure and investi-

gate potential solutions to them for informal and anonymous reporting. By identifying what

prevents disclosure even in this conservative setting, my study offers a critical foundation

for designing interventions that encourage greater reporting not only in surveys, but also in

more consequential contexts.

There may also be concerns in this setting about experimenter demand effects. For

example, we may be concerned that individuals in the hard-garbling treatment are more

likely to report experiences of rape or assault as a result of experimenter demand. However,
26Anonymous and informal reports are also used to study other types of violence against women, including

sexual harassment. For example, the American Economic Association (AEA) conducted an anonymous
survey of members in fall 2023 that included various measures of sexual harassment, elicited using a direct
elicitation survey technique.
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recent work finds little evidence of experimental demand effects in online survey experiments:

knowing the purpose of an experiment has essentially no impact on a participant’s behavior

(de Quidt et al., 2018, Mummolo and Peterson, 2019). Because hard-garbling should have no

impacts on reporting for an outcome in which individuals have no incentive to conceal their

true answers, I run additional treatments using theft victimizations as a placebo outcome to

further address concerns of experimenter demand (discussed further in Section 6.1).

3.4.4 Scaling

This section discusses considerations for scaling the hard-garbling survey technique for use

in organizations. The hard-garbling survey technique is a practical tool and can be easily

implemented for organizations seeking more accurate measurement of sensitive experiences.

For example, this study implemented the hard-garbling survey technique using the survey

platform Qualtrics. Because it can be embedded seamlessly into existing survey instruments,

institutions can adopt this method without major changes to their current data collection

practices.

4 Estimation Strategy

For individuals in hard-garbling treatments, I observe garbled responses instead of intended

responses. Following Boudreau et al. (2023) and Blair et al. (2015), I normalize the observed

garbled responses. Consequently, OLS estimates are consistent, and robust standard errors

are correct.

Thus, following prior literature, I define normalized recorded reports r̂i as:

r̂i =
r̃i − π

1− π
, (12)

where r̃i is the garbled report, and π is the rate of garbling, equal to 0.2 for HG and 0 for

DE.

These normalized recorded reports are used as the primary outcomes. Note that all men

are asked about sexual assault perpetration, and all women are asked about sexual assault
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victimization. Thus, the primary outcomes in this study are reports of:

1. Rape victimizations (women only)

2. Other non-consensual sexual contact victimizations (women only)

3. Rape perpetrations (men only)

4. Other non-consensual sexual contact perpetrations (men only)

Then, I estimate the following equation:

r̂i = β0 + β1HGi + δXi + ϵi, (13)

where HGi is an indicator for being in the hard-garbling treatment, and Xi is a vector of

individual controls, selected using the Double Lasso method (Belloni et al., 2014).27

Following a pre-specified analysis plan, I estimate treatment effects separately for men

and women, as men and women complete slightly different survey variations with different

outcomes of interest.

I also test for heterogeneity on subject characteristics, including their sensitivity to social

judgment and perception of social norms. For example, we may expect hard-garbling to be

more effective in inducing reports for individuals who are more sensitive to social judgment,

which I proxy for using a social desirability scale. To test for heterogeneous effects by

sensitivity to social judgment, I estimate a specification with indicators for both treatment,

their sensitivity to judgment, and an interaction term:

r̂i = β0 + β1HGi + β2Judgei + β3HGi × Judgei + δXi + ϵi, (14)

where HGi is an indicator for being in the hard-garbling treatment, Judgei is an indicator

equal to one if subject i is more sensitive to social judgment, and HGi × Judgei is an

interaction term.
27Controls are selected from the list of characteristics in Table 1 and survey-generated measures of percep-

tions of social norms and sexual assault prevalence, agreement with the social norm statements, sensitivity
to judgment as measured by a social desirability scale, beliefs that their survey responses were anonymous,
and an indicator for whether the response was collected as part of the preliminary December 2024 data
collection.
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5 Results

In this section, I report the primary results from the survey experiment. In Section 5.1, I

discuss descriptive statistics and conduct balance tests. In Section 5.2, I discuss the social

norm results, and in Section 5.3, I discuss the treatment effects of hard-garbling.

5.1 Descriptive Statistics and Balance Tests

The experiment has a final sample size of 1,621 respondents, including 825 women and 796

men. Table 1 shows balance across treatments for demographic characteristics for women

and men, respectively. The average respondent is 23 years old, though male respondents

are slightly older on average. The sample is approximately 55% white, and half of the

sample are current undergraduate students, with no significant differences across gender or

treatment status. However, male respondents in the sample were less likely to have attended

undergraduate institutions in the South and less likely to be associated with the Democratic

political party, relative to female respondents in the sample.

There is only one individual characteristic out of the 11 survey measures reported that

is not balanced across treatments for women, and two characteristics for men. For female

respondents, those in HG were less likely to indicate being low-income than those in DE. For

male respondents, those in HG were more likely to have attended undergraduate institutions

located in the South and more likely to have attended large institutions than those in DE.

The joint F-test p-value for equality of all characteristics reported in Table 1 is 0.027 for

female respondents and 0.165 for male respondents. However, for female respondents, this is

driven predominantly by low-income status. When dropping this variable from the F-test,

the p-value increases to 0.217. While I select controls in all regressions using the Double

Lasso method (Belloni et al., 2014), I always include this low-income indicator as a control

in regressions including female respondents from the Prolific sample due to this imbalance,

unless otherwise specified.
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5.2 Analysis of Social Norms

Following Bursztyn et al. (2024), an actual social norm for a given behavior or action is

defined as the share of respondents who agreed with a statement about that behavior of

interest. This is essentially a second order belief. An individual’s misperception of the

norm is calculated as the difference between their perceived norm (the percent of previous

respondents that they thought agreed with the statement) and the actual norm.

To provide an estimate for δis (social norms on reporting and perceptions of victims),

the study contained two social norm statements of interest: the victim-blaming and lying

statements. Subjects rated their agreement with each statement using a 5-point Likert scale,

though agreement has been binarized for analysis.28 Subjects also guessed the percent of

prior male and prior female participants that they believe agreed or strongly agreed with

each statement.29 Figure 1 visualizes the average answers from all 825 female and 796 male

respondents, and this data is reported in Appendix Table A3.30 Women and men differed

in both their levels of agreement with the statements and their perceptions of the norms.

Overall, twice as many men than women agree with each statement. About 16% of men and

8% of women agreed or strongly agreed with the victim-blaming statement, whereas 50% of

men and 28% of women agreed or strongly agreed with the lying statement.

While these results are solely descriptive, the differences in actual agreement by statement

reveal an interesting dynamic. The lying statement captures whether an individual thinks

a sexual assault survivor might be lying. Conversely, the victim-blaming statement assumes

that the survivor is not lying–and thus captures beliefs that the victim is somewhat to blame

for the incident, even if the individual believes that the incident did occur. The variation in

levels of agreement with these two statements might be capturing a difference in perceptions

of survivors on some form of extensive and intensive margins: does an individual believe that
28A respondent is considered to have agreed with a statement if they reported agreeing or strongly agreeing

with the statements.
29The survey also contained a question on the descriptive norm of sexual assault occurrence in which

subjects were asked what percent of undergraduate women they believe are sexually assaulted. Figure A2
displays the average answers from all respondents.

30While a pilot study was conducted to incentivize the social norm elicitation exercise, all results reported
are based on responses from the primary sample of 825 female and 796 male respondents. “Actual Agreement”
refers to the rate of agree or strongly agree responses with each statement from female or male respondents.
Rates of agreement between the pilot sample and primary sample were qualitatively similar.

29



an assault actually occurred, and if they do, do they find the victim at fault? These results

would suggest that there are high barriers to survivors to be believed, but if a survivor is

thought to be truthful, they are not likely to be blamed.31

While actual agreement with the victim-blaming statement was fairly low, there are large

misperceptions of this social norm. On average, men expected 40% of men and 20% of women

to agree, and women expected nearly 50% of men and 24% of women to agree. This is a

clear distinction from the lying norm, in which respondents were far more accurate in their

perceptions of men’s and women’s agreement. On average, men expected just over 50% of

men and 28% of women to agree, and women expected 55% of men and 30% of women to

agree–implying there are few misperceptions of the lying social norm on aggregate. Table

2 displays the difference in guesses between male and female respondents: women expected

higher agreement among others in all cases.

Following Bursztyn et al. (2024), Appendix C explores three mechanisms behind so-

cial norm misperception: false consensus, minority overweighting, and gender stereotyping.

False consensus is a positive correlation between an individual’s opinion and their expected

prevalence of this opinion among other people (Bursztyn et al., 2024; Fields and Schuman,

1976), while minority overweighting is overestimating the proportion holding a minority

opinion (Bursztyn et al., 2024; D. T. Miller and Prentice, 1994). Gender stereotyping in-

volves overestimating gender differences in agreement (Bursztyn et al., 2024; Bordalo et al.,

2016). While the lying norm is not misperceived on aggregate, the misperception of the

victim-blaming norm is driven predominantly by minority overweighting. Nearly 80 percent

of respondents overestimated the prevalence of the minority view (i.e., nearly 80 percent of

respondents overestimated agreement with the victim-blaming statement). There is also ev-

idence of gender stereotyping and false consensus. Evidence of gender stereotyping and false

consensus is also present. Over 60 percent overestimated gender differences in agreement,

and supporters of victim-blaming overestimated agreement by others by about 12 percentage

points more than those who disagreed.
31Importantly, this dynamic may be more complicated in other settings. It is possible that individuals

use victim-blaming sentiments as a way to accuse survivors of lying, and these beliefs are likely not entirely
separable.
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5.3 The Impact of Hard-Garbling on Reporting

In this section, I present the primary results for the survey experiment. Recall that respon-

dents were asked two binary questions regarding their sexual assault histories. The first

question regarded non-consensual sexual penetration or oral sex (i.e., rape). The second

question asked about any other type of non-consensual sexual contact, including situations

like unwanted kissing or sexual touching. For the remainder of this paper, the first binary

question is referred to as “rape,” and the second as “other sexual assaults” or “non-rape,” and

is denoted as “Other SA” in all regression tables. In the direct elicitation treatment, 34.3

percent of women report rape victimization, and 45.6 percent of women report victimization

for other types of sexual assault. Additionally, 6.2 percent of men report rape perpetration,

and 9.0 percent report perpetration of other types of sexual assault.

Table 3 reports the main treatment effects. There are two primary findings. First, women

in the hard-garbling treatment were 10.5 percentage points more likely to report a non-rape

sexual assault, which represents a 23 percent increase in reporting over the direct elicita-

tion mean of 45.6 percent. Hard-garbling had no impacts on reports of rape victimization.

Second, men in hard-garbling were 6.9 percentage points more likely to report a rape perpe-

tration, which is an 111 percent increase relative to the direct elicitation mean of 6.2 percent.

While noisy and marginally insignificant, hard-garbling increased reports of non-rape per-

petrations by 5.0 percentage points, a 55 percent increase over the direct elicitation mean

of 9 percent. These findings are in line with the conceptual framework, which assumes that

victims should expect more social backlash from reporting more socially-accepted incidents

that others are more likely to dismiss or minimize, like unwanted kissing, while perpetrators

should expect more backlash for admitting more serious, socially condemned assaults. As a

result, hard-garbling is most effective at attenuating expectations of social judgment when

these costs are higher, i.e., for non-rape victimization and rape perpetration.

5.4 Exploratory Analysis

Informed by the conceptual framework, I now explore heterogeneous treatment effects by

subject characteristics, including social norm perception and sensitivity to social judgment.
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In the conceptual framework, I predict that hard-garbling is more effective when social costs

are highest, i.e., for individuals who are more sensitive to social judgment and for victims

who expect more social disapproval for reporting. I use a social desirability scale as a proxy

for sensitivity to social judgment and use the social norm perception measures as a proxy for

expectations of social disapproval for reporting. I present the results of this analysis here,

and largely discuss the results in Section 7.

To create a proxy for ϕi, the sensitivity to social judgment parameter included in the

conceptual framework, I use a social desirability scale (Crowne and Marlowe, 1960; Dhar

et al., 2022). This scale includes statements regarding “too-good-to-be-true” traits, such as

“No matter who I’m talking to, I’m always a good listener,” and “I’m always willing to admit

when I make a mistake.”32 Individuals reporting more of these traits may have a higher

likelihood of giving socially desirable answers. Thus, these individuals may also react more

to social judgment or negative social reactions, potentially benefiting more from the plausible

deniability offered by hard-garbling. I use this scale to create an indicator for “high” and

“low” sensitivities to social judgment.33

I estimate this heterogeneity using the specification in Equation 14, and the results from

this heterogeneity are reported in Table 5. In the direct elicitation treatment, individuals

who are less sensitive to social judgment tend to report victimization and perpetration more

frequently, though these relationships are not statistically significant. For individuals who

are more sensitive to social judgment, hard-garbling had a 16.5 percentage point increase in

reports of less severe victimization, a 9.6 percentage point increase in reports of rape per-

petration, and a 9.4 percentage point increase in reports of less severe perpetration. These

effects represent increases in reporting of 39 percent, 192 percent, and 118 percent, respec-

tively, over the direct elicitation means for individuals with high sensitivity to judgment.

Hard-garbling had no statistically significant impacts on reporting for individuals who re-

ported low sensitivity to judgment.
32The full social desirability scale used is reported in Table 4.
33Following prior literature (Dhar et al., 2022), I count the number of “too-good-to-be-true” traits each

individual reports and create a binary indicator for having “high” and “low” social desirability scores. This
binary indicator is equal to 1 if an individual reported more than the average number of traits within their
gender. This indicator is equal to 0 if they report less than the average number of traits within their gender.
Figures showing the full distribution of social desirability scores from 0-13 for both genders can be found in
Figure A1.
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I measure expectations of social judgment, δis, using the four incentivized social norm

predictions: women’s agreement with victim-blaming, women’s agreement with lying, men’s

agreement with victim-blaming, and men’s agreement with lying. I create a binary indica-

tor for “high” and “low” expectations of social judgment towards victims, in which “high”

expectations of social judgment correspond with expecting relatively more agreement with

the victim-blaming and lying statements.34 For simplicity, I will refer to this indicator as

“high” and “low” expectations of victim social judgment.35 The conceptual framework does

not include norms on reporting, like those proxied for by this social norm perception indi-

cator, in the reporting decision for perpetration.36 Thus, we should not expect these norms

to result in meaningful heterogeneity for perpetrators. However, for completeness, I conduct

this heterogeneity for perpetration outcomes and report the results in Tables A5 and A6.

While there is no meaningful heterogeneity on the basis of this expectation of judgment

indicator alone (Table A7), the impacts of hard-garbling are concentrated among individuals

who are both sensitive to social judgment and expect relatively more judgment towards

victims. Using the empirical specification in Equation 14, I split the sample of female

respondents into two groups: those with higher expectations of judgment and those with

relatively lower expectations of judgment. The results of this exercise are reported in Table

6. For respondents who expect less judgment, there is no meaningful heterogeneity on the

basis of sensitivity to judgment. However, for respondents who expect more judgment and

who are sensitive to it, hard-garbling increases reports of less severe victimization by 19.3

percentage points. Further, hard-garbling has no impact on reports for those who expect

more judgment but are less sensitive to it.

Hard-garbling may be more effective for individuals in certain social communities, es-

pecially where social norms are stronger or more salient. For instance, close-knit groups
34To create this indicator, I first aggregate and standardize all four social norm predictions around the

control mean, and then create an index using the Anderson method. I set the social norm perception
indicator equal to 1 for individuals with index values above or equal to the median within their gender, and
set it equal to 0 for individuals with index values below the median within their gender.

35While I binarize this index here, I report a specification using the continuous index and Equation 14 in
Table A4. The results are broadly similar.

36For example, norms like accusations of lying towards victims should be irrelevant for a man’s decision to
self-report a perpetration. If a man admits himself that he committed this act, there is no victim to accuse
of lying.
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like undergraduates, athletes, or Greek life members may respond differently. Geographic

region and political affiliation may also shape social norms around sexual assault, potentially

leading to heterogeneous treatment effects. I conduct heterogeneity on these margins and

report the results of this exercise in Appendix Figures A3 and A4. The effects of hard-

garbling on non-rape victimizations and rape perpetrations are broadly persistent across

these subgroups, with no evidence of heterogeneous treatment effects, though the estimates

are noisier.37

6 Robustness Checks

In this section, I conduct and discuss a number of robustness checks. First, to rule out the

possibility that the hard-garbling findings are driven by experimenter demand, I replicate

the experiment with a placebo outcome – theft – for which respondents should have no

incentive to conceal their true answers. I discuss my findings in Section 6.1. Second, to

provide additional evidence of external validity, I conducted a replication of the primary

survey experiment using a sample of current undergraduate students at a large Southern

university. This replication exercise is discussed in Section 6.2. Finally, in Section 6.3, I

conduct additional robustness checks by varying the set of controls in the regression analyses,

dropping respondents who displayed low levels of comprehension and attention, accounting

for attrition, and validating the existence of the non-zero leak probability p > 0 required by

the mathematical framework for hard-garbling.

6.1 Robustness Check: Placebo Theft Experiment

Hard-garbling should have no impacts on reporting for an outcome in which individuals

have no incentive to conceal their true answers. Thus, as a robustness check, I repeat the

experiment for a placebo outcome: theft victimization. Unlike reporting sexual assault

victimization, there is little reason for a respondent to hide whether they have been victims
37As discussed in Section 3.4, Prolific respondents are slightly more likely to have received Pell grants (i.e.,

to be low-income) than the broader college student population. Heterogeneity on this margin reveals that the
treatment effects are not statistically different for individuals who report being low-income relative to those
who do not, though the treatment effects are more pronounced among higher income students, particularly
for perpetration outcomes.
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of theft or burglary. Thus, I replicate both T1 (direct elicitation) and T2 (hard-garbling)

using reports of theft victimizations as an outcome. Responses for the theft replication were

collected in April 2025.

The placebo theft victimization treatments are designed to be analogous to the sexual

assault victimization treatments. Thus, the theft replication also involves women aged 18-27

that are current college students or recent college graduates. Because the sexual assault

experiment focused on two severities of victimization, respondents in the theft replication

also answer two binary questions on theft victimizations of different severities. The first

pertains to any theft or burglary of property worth over $1,000 such as vehicles, jewelry,

laptops, or large amounts of cash (i.e., a “severe” theft victimization). The second pertains

to theft or burglary of property worth less than $1,000 such as clothing, bikes, car parts,

and small amounts of cash (i.e., “less severe” theft victimizations).38 Thus, there are two

outcomes for these treatments:

1. “Severe” theft victimizations, worth $1,000+

2. “Other” theft victimizations, worth under $1,000

The final sample size for the theft victimization replication is 306 respondents.39 Table A8

shows balance by: 1) the victimization outcome (sexual assault or theft), and 2) treatment

assignment.40 Within both the sexual assault and theft outcomes, individuals who were in the

hard-garbling treatment are less likely to have indicated a low-income status, relative to those

that were in direct elicitation. However, there are several differences between individuals who

completed the survey on sexual assault and those who completed the survey on theft. On

average, theft respondents were slightly younger, more likely to be college athletes, and less

likely to be non-religious and affiliated with the Democratic political party.
38The sexual assault experiment provided respondents with a definition of non-consent. To be as anal-

ogous as possible, subjects in the theft replication were provided with a brief definition of theft, including
descriptions of forcible entry of a home or car and physical force. After answering the victimization ques-
tions, subjects then complete a social norm module, similar to the social norm module for sexual assault
outcomes. While omitted here for brevity, additional details on the theft social norm questions can be found
in the online appendix.

39A total of 309 complete responses were collected, though I exclude individuals in the hard-garbling
treatment that incorrectly answered both comprehension questions, resulting in a final sample size of 306.

40Note that this table excludes perpetration responses, and therefore only includes female respondents for
both sexual assault and theft. Panel A is identical to Panel A in Table 1.
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To analyze the theft placebo outcomes, I first examine the effects of hard-garbling sep-

arately on each of the four outcomes. Thus, in Table 7, I estimate Equation 13 separately

for: rape victimizations, non-rape victimizations, theft victimization worth over $1,000, and

theft victimizations worth under $1,000. Because this robustness check only has victim-

ization outcomes, I exclude responses on perpetration from Table 7. Rates of occurrence

between both “severe” outcomes and both “less severe” outcomes are similar. While 34.3%

of individuals in DE reported rape victimizations, 35.9% of individuals in DE reported theft

victimizations worth over $1,000. Similarly, 45.6% of individuals in DE reported non-rape

victimizations, and 43.8% of individuals in DE reported theft victimizations worth less than

$1,000. I see no impacts of hard-garbling on either theft outcome, providing additional evi-

dence that experimenter demands effects are not driving the observed treatment effects.

For both sexual assault and theft treatments, the first binary experience question an-

swered by respondents is the more “severe” victimization (i.e., rape is generally considered

more severe than other types of sexual assault, and thefts worth over $1,000 are likely more

severe than thefts worth less than $1,000). Following my pre-specified analysis plan, I also

run an additional specification in which I consider these two binary outcomes: normalized

recorded reports for the severe victimization, and normalized recorded reports for the “less

severe” victimizations. In this specification, I include indicators for having answered the vic-

timization questions on sexual assault, for having been in the hard-garbling treatment, an

interaction term, and demographic controls. These results are reported in Appendix Table

A9. I again see no impacts of hard-garbling on theft outcomes.

6.2 Robustness Check: TAMU Replication

To assess the generalizability of my findings, I conduct a replication of the experiment with

undergraduate students at Texas A&M University (TAMU), a large public university in the

Southern U.S. My sample includes 495 women and 349 men, recruited from the economics

research lab and the pool of economics majors and minors. The survey was nearly identical

to the primary study.41 Table A10 reports summary statistics among female and male
41Students were sent a recruitment email containing the link to the Qualtrics survey and were informed

they will be paid a participation incentive of $5 for completing the study. The payment system was set up
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respondents in the Prolific and TAMU samples. By nature of recruitment, the TAMU

respondents are necessarily current undergraduate students and attend a public institution

in the U.S. South. However, the TAMU participants are quite different on other observables

as well. Respondents are younger, more religious, and are less likely to be white, low-income,

involved in Greek life or college athletics, or affiliated with the Democratic party.

The descriptive social norm results in the TAMU sample closely mirror the Prolific find-

ings. The raw responses of TAMU respondents are reported in Appendix Figure A5 and

Appendix Table A11, and Appendix Table A12 compares rates of agreement and social

norm perception among respondents in the TAMU and Prolific samples. Within the TAMU

sample, rates of agreement with the victim-blaming statement were low, and rates of agree-

ment with the lying statement were relatively high. Only 11 percent of men and 6 percent

of women agreed with the victim-blaming statement relative to 53 percent of men and 26

percent of women who agreed with the lying statement. These rates of agreement are not

statistically different from the rates observed in the Prolific sample, with one exception. Men

in the TAMU sample were significantly less likely to agree with the victim-blaming statement

relative to men in the Prolific sample.

In addition, the social norm misperceptions observed in the Prolific sample persisted in

the TAMU sample. There were again large misperceptions about the prevalence of victim-

blaming, while individuals were much more accurate on aggregate regarding others’ agree-

ment with the lying statement. While the guesses regarding others’ agreement with the

social norm statements in the TAMU sample are statistically different from the guesses in

the Prolific sample, they are qualitatively similar (within 5 percentage points in most cases).

These findings, while descriptive in nature, provide additional evidence that the Prolific sam-

ple is informative of the broader population of interest, specifically regarding their beliefs

about the social costs associated with reporting.

The replication targeted a sample size of 900 women and 900 men, though the final sam-

ple size obtained is just under 500 women and 300 men.42 Thus, statistical power is limited,

to be entirely anonymous. Due to funding constraints, the replication experiment did not contain incentives
for correct answers on comprehension questions or correct social norm guesses.

42The replication initially recruited students signed up to participate in the university’s economics research
lab, and in an attempt to reach the desired sample size, was expanded to recruit from the pool of all economics
majors or minors at the university. Respondents were sent multiple follow-up emails.
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especially for estimating treatment effects of hard-garbling. However, estimates from Equa-

tion 13, and heterogeneity on the basis of sensitivity to judgment following Equation 14, are

reported in Tables A14 and A15.43 While hard-garbling does not appear to impact reports of

sexual assault victimization or perpetration in the whole sample, I again find heterogeneity

on the basis of sensitivity to social judgment. For individuals more sensitive to social judg-

ment, hard-garbling increases reports of less severe victimizations by 11.3 percentage points

(p < 0.1), which is a 56 percent increase over the direct elicitation mean of 21 percent. While

the estimates are less precise, hard-garbling also increases reports of rape victimization by

8 percentage points and rape perpetration by 5.9 percentage points for those more sensitive

to judgment. However, given the small sample size and subsequent lack of statistical power,

these estimates may reflect noise rather than meaningful impacts.

The consistent social norm patterns suggest the the findings from the Prolific sample can

be generalized to the broader population of interest. Although the hard-garbling analysis

is underpowered, the results offer suggestive evidence that its effects, especially among in-

dividuals sensitive to judgment, are generalizable beyond this setting. While not definitive,

the replication indicates that hard-garbling effects observed in the main experiment are not

specific to Prolific surveys, providing additional evidence of external validity.

6.3 Additional Checks: Controls, Comprehension, Attrition, and

Leak Probability

To test whether the primary results are sensitive to the controls used, I conduct the primary

analysis with no controls, additional controls, and controls selected using the Double Lasso

method (which is the preferred specification). The results are robust across these specifica-

tions, as shown in Table A16.

To verify that the results are not driven by individuals who misunderstood the hard-

garbling survey technique or by inattentive survey takers, I run robustness checks that ex-

clude individuals who failed comprehension questions or attention checks. Table A17 reports
43A balance table, testing for differences in observable characteristics by treatment status in the TAMU

sample, is reported in Table A13. There are no observable characteristics unbalanced by treatment. Respon-
dents were intentionally over-sampled in the HG treatment to aid in statistical power.
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the estimated treatment effects among: the whole sample, while dropping individuals who

missed both hard-garbling comprehension questions (i.e., the primary sample used in anal-

ysis), while dropping individuals who missed either hard-garbling comprehension question,

and while dropping individuals who failed any of the three attention checks. The results are

robust across these specifications.

We may be concerned that male participants are more likely to drop out of survey under

hard-garbling if they are not perpetrators, which would artificially increase the observed

treatment effects. Descriptively, attrition was not prevalent in the study. The final survey

had a total of 1,658 respondents who completed the demographic questions at the start of the

survey.44 My primary sample size is 1,621, plus the 18 individuals who incorrectly answered

both hard-garbling comprehension questions. Thus, there are a total of 19 individuals that

did not complete the study.45 Of the total 1,658 responses from individuals who met the

recruitment criteria for the study, answered the demographic questions, and did not complete

the study, attrited individuals account for only 1% of responses.46

To further verify that the results are not driven by attrition, I run additional robustness

checks that include all 1,658 respondents. I run two variations of this robustness check. These

results are included in Table A18. Panel A includes the treatment effects on all individuals

who answered each experience question. Panel B replaces any missing responses to the

experience questions as “No” responses, resulting in a sample size of 1,658. The treatment

effects are robust across these specifications.

As discussed in Section 2.2, the mathematical framework for hard-garbling requires the

existence of a perceived non-zero leak probability p > 0. To provide a measure of this per-

ceived leak probability, the survey contained questions regarding the probability that Prolific

shares their identifying information and the probability that researchers can link responses to

their identities. On average, women (men) believed there was a 21 (25) percent chance that

Prolific shares their identifying information with researchers and a 27 (29) percent chance
44The survey also had 47 responses from individuals who started the survey but did not finish the demo-

graphic questions, meaning they left the survey prior to viewing any questions on sexual assault.
45Of these, there were 9 men assigned to hard-garbling, 3 men assigned to direct elicitation, 4 women

assigned to hard-garbling, and 1 woman assigned to direct elicitation.
46The majority of individuals who ultimately left the study did answer the experience questions prior to

exiting. Of the 19 attrited responses, 14 individuals answered both sexual assault experience questions, and
1 individual answered the rape question but did not answer the other assault question.
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that researchers can link their answers to their identities. These perceptions did not differ by

hard-garbling treatment status. These statistics provide evidence in favor of the assumption

of a nonzero leak probability as required by the hard-garbling mathematical framework. As

an additional robustness check, I drop all respondents who indicate a perceived leak prob-

ability p = 0, i.e., those who answered that there was a 0 percent chance Prolific shares

identifying information and a 0 percent chance that researchers could link their responses

to their identity, and re-estimate Equation 13. The results of this exercise are reported in

Table A19. The treatment effects are robust to this specification.47

7 Discussion and Conclusion

I investigate social judgment as a barrier to reporting sexual assault experiences. To do so,

I employ a between-subjects online experiment involving 1,621 respondents to: 1) quantify

(mis-)perceptions of social norms related to sexual assault, and 2) test whether hard-garbling

can increase victims’ and perpetrators’ self-reports of rape and other forms of sexual assault.

First, I find widespread agreement with the lying statement and broad misperceptions

of the victim-blaming norm, suggesting that victims may face high expected social costs for

reporting. While 50% of men and 28% of women agreed that women who say they were

sexually assaulted may be lying, only 17% of men and 8% of women believe that women

who were sexually assaulted may be to blame. However, despite low rates of agreement with

the victim-blaming statement, the victim-blaming norm is widely misperceived, as both men

and women drastically overestimate the percent of others that agree with the victim-blaming

statement.

Second, I find that hard-garbling increases reports of non-rape sexual assault victim-

ization by 10.5 percentage points (23 percent) and of rape perpetration by 6.9 percentage

points (111 percent) but does not increase reports of rape victimization or non-rape per-

petration. Thus, hard-garbling was most effective in increasing reports of victimization for
47In line with my pre-specified analysis plan, I also test for heterogeneous effects on the basis of p using

the specification in Equation 14. I test for heterogeneity using two separate indicators. The first indicator
equals one if p = 0 and is zero if p > 0, and the results are reported in Table A20. Second, I create an
indicator equal to one if the respondent perceives a leak probability less than median within their gender
and is zero if else. These results are reported in Table A21.
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assaults that are more socially accepted and perpetration for assaults that are less socially

accepted. Overall, hard-garbling is most effective when the expected social costs of reporting

are likely highest: for less severe victimizations, for more severe perpetrations, for individuals

more sensitive to social judgment, and among those individuals sensitive to social judgment,

for victims who expect more agreement with the social norm statements. Taken together,

these results provide broad evidence that expectations of social judgment are a barrier to

reporting, and the plausible deniability induced by hard-garbling increases reporting by at-

tenuating these expected social costs.

While we might expect hard-garbling to be most effective among women who expect the

most agreement with the social norm statements, this pattern does not emerge in the full

sample. A plausible explanation is that perceived social norms are broadly victim-unfriendly.

On average, women expect about one-quarter of women and half of men to endorse victim-

blaming and lying statements. As a result, hard-garbling may increase reporting regardless

of perceived norms, as nearly all women anticipate substantial social costs.

The results of this study have important policy implications. First, estimates of sexual

assault prevalence from large-scale surveys may be unreliable, as this study used similar ex-

perience questions, an online and anonymous format, and a trusted platform, yet still found

under-reporting for certain types of sexual assault. This suggests that even the best current

survey practices may miss some cases. In addition, current data on sexual assault perpetra-

tion is limited. Future surveys could use hard-garbling to improve reporting rates of both

victimization and perpetration, which would yield more accurate data, allow for a greater

understanding of risk factors, and help institutions more effectively target prevention and

support efforts. More broadly, the findings suggest that plausible deniability may be useful

for improving measurement of other stigmatized behaviors in anonymous survey settings,

particularly where anticipated social judgment is a key barrier to honest reporting.

In addition, hard-garbled self-reports of perpetration could be used as an outcome in fu-

ture interventions targeted at decreasing sexual assault incidence. Currently, most available

data on sexual assault is limited to reports to Title IX offices or law enforcement. However,

the under-reporting of sexual assault means there is often no reliable outcome data for these

interventions. It also may not always be feasible to survey potential victims as a secondary
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outcome. Thus, future work could employ self-reports of perpetration, using hard-garbling

to offer plausible deniability, to study the impacts of interventions intended to decrease rape

and sexual assault incidence.

This study focuses on expectations of social judgment as a barrier to reporting in anony-

mous, informal contexts, but many other barriers likely exist for both informal and formal

reporting. For example, fears of retaliation, emotional and procedural burdens of reporting,

and fears of legal consequences may all deter victims and perpetrators from coming forward.

Future work should investigate how these additional barriers operate, how they interact with

social judgment, and how they influence formal reporting to authorities. While future work

should address other barriers and the formal reporting decision, this study is a critical first

step in advancing our understanding of sexual assault victimization and perpetration, ex-

pectations of social judgment, and the decision (not) to report.
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Figures

Figure 1: Perceptions of Agreement with Victim-Blaming and Lying Statements, by Gender
(a) Victim-Blaming: Perception of Men’s Agree-
ment

(b) Victim-Blaming: Perception of Women’s
Agreement

(c) Lying: Perception of Men’s Agreement (d) Lying: Perception of Women’s Agreement

Notes: Panels (a)–(b) show the raw distribution of respondents’ perceptions of agreement with the victim-
blaming statement from all 825 female and 796 male respondents. Panels (c)–(d) show the raw distribution of
respondents’ perceptions of agreement with the lying statement for the same sample. Respondents were asked
separately about the predicted percent of men and women in a prior study that they believe would have agreed
with each statement. Panels (a) and (c) display respondents’ perceptions of men’s agreement; Panels (b) and (d)
display respondents’ perceptions of women’s agreement. Men’s guesses are displayed in blue; women’s guesses
are displayed in red. The black line shows actual agreement with the statement by men (in Panels (a) and (c))
and women (in Panels (b) and (d)). The blue line shows the average answer of male respondents’ perceptions
of men and women’s agreement; the red line shows the average answer of female respondents’ perceptions of
men and women’s agreement. For victim-blaming, Kolmogorov–Smirnov tests indicate 1) that the distribution
of guesses by men about men is statistcally different from the distribution of guesses by women about men
(Panel (a); p = 0.00), 2) that the distribution of guesses by men about women is statistically different from the
distribution of guesses by women about women (Panel (b); p = 0.00) . For lying, Kolmogorov–Smirnov tests
indicate 1) that the distribution of guesses by men about men is statistically different from the distribution of
guesses by women about men (Panel (c); p = 0.00), 2) that the distribution of guesses by men about women is
statistically different from the distribution of guesses by women about women (Panel (d); p = 0.01).
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Table 1: Balance Table

Panel A. Women Panel B. Men
M=F

HG DE P-value HG DE P-value (P-value)

Age 22.93 23.04 0.52 23.44 23.39 0.77 0.00
(2.50) (2.53) (2.68) (2.69)

White 0.57 0.58 0.77 0.53 0.56 0.41 0.22
(0.50) (0.49) (0.50) (0.50)

Current Undergrad 0.49 0.43 0.11 0.46 0.45 0.64 0.89
(0.50) (0.50) (0.50) (0.50)

Greek 0.19 0.23 0.17 0.20 0.15 0.07 0.16
(0.39) (0.42) (0.40) (0.36)

College Athlete 0.22 0.25 0.25 0.25 0.25 0.81 0.49
(0.41) (0.43) (0.43) (0.44)

Public Institution 0.73 0.78 0.08 0.79 0.74 0.08 0.64
(0.45) (0.42) (0.41) (0.44)

Large Institution 0.58 0.56 0.68 0.61 0.54 0.04 0.86
(0.49) (0.50) (0.49) (0.50)

Low-Income 0.45 0.54 0.01 0.49 0.47 0.49 0.66
(0.50) (0.50) (0.50) (0.50)

First-Gen 0.29 0.29 0.97 0.26 0.27 0.76 0.35
(0.45) (0.45) (0.44) (0.45)

Non-Religious 0.31 0.33 0.51 0.31 0.33 0.57 0.86
(0.46) (0.47) (0.46) (0.47)

Southern 0.44 0.41 0.39 0.41 0.31 0.01 0.01
(0.50) (0.49) (0.49) (0.46)

Democrat 0.49 0.45 0.34 0.37 0.38 0.71 0.00
(0.50) (0.50) (0.48) (0.49)

Observations 417 408 394 402

Notes: Numbers are averages across female and male respondents by treatment, respectively. Standard deviations are
in parentheses. Individuals who incorrectly answered both comprehension questions in the hard-garbling treatment
have been excluded. Numbers in p-value columns are generated from tests of equality of means across Hard-Garbling
(HG) and Direct Elicitation (DE) treatments. The numbers in the last column are generated from tests of equality
of means across all male and all female respondents. All variables, excluding age, are 0/1 indicator variables. White
takes a value of 1 if a respondent indicated they were white, and is 0 otherwise. Current Undergrad takes a value of 1
if a respondent indicated being a current undergraduate student. Greek and Athlete take a value of 1 if respondents
indicated involvement in Greek life or collegiate athletics, respectively. Low-income takes a value of 1 if the respondent
reported having ever been eligible for Pell Grants, and is 0 otherwise. Non-religious takes a value of 1 if the respondent
indicated being non-religious (like Atheist or agnostic) and is zero otherwise. Public Institution takes a value of 1 if
a respondent indicated that their higher education institution was public, and is 0 otherwise. Large Institution takes
a value of 1 if a respondent indicated that their institution was large, and is 0 if else. Democrat takes a value of 1 if a
respondent reported voting for Kamala Harris in the 2024 presidential election. Southern is an indicator for whether
a respondent reported attending an undergraduate institution in the South, according to U.S. Census Bureau region
designations.
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Table 2: Social Norm Predictions

Actual Agreement Guesses About Women Guesses About Men

VB Lying VB Lying VB Lying
(1) (2) (3) (4) (5) (6)

Female -0.089*** -0.216*** 4.161*** 2.030* 8.313*** 4.505***
(0.016) (0.024) (1.109) (1.132) (1.149) (1.117)

Male Mean 0.16 0.49 20.55 28.18 40.16 50.92

Observations 1,621 1,621 1,621 1,621 1,621 1,621
Controls No No No No No No

Notes: OLS regressions. Each column is a separate regression. Respondents were asked about their own agreement
with each statement and were separately about the predicted percent of men and women in a prior study that
they believe would have agreed with both the victim-blaming and lying statements. Individual agreement with each
statement was asked on a 5-point Likert scale from strongly disagree and strongly agree, and was binarized to be
equal to 1 if a respondent agreed or strongly agreed and is 0 if else. The outcomes are: respondent’s own agreement
with the victim-blaming statement (column 1), respondent’s own agreement with the lying statement (column 2),
respondents’ guesses about women’s agreement with the victim-blaming statement (column 3), respondents’ guesses
about women’s agreement with the lying statement (column 4), respondents’ guesses about men’s agreement with
the victim-blaming statement (column 5), and respondent’s guesses about men’s agreement with the lying statement
(column 6). “Female” is an indicator equal to 1 if the respondent was a woman, and is 0 if the respondent was a
man. “Male Mean” is the average answer for each outcome by male respondents. No controls were included. Robust
standard errors are in parentheses.
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Table 3: Hard-Garbling Treatment Effects

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling -0.010 0.105*** 0.069** 0.050
(0.037) (0.038) (0.031) (0.031)
[0.777] [0.011] [0.055] [0.109]

Observations 825 825 796 796
Direct Elicitation Mean 0.343 0.456 0.062 0.090
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Each column is a separate regression. Columns (1)
and (2) restrict to responses on victimization only, i.e., those from female respondents; columns (3) and (4) restrict to
responses on perpetration only, i.e., those from male respondents. The experiment contained two binary questions on
sexual assault experiences. The first question pertained to unwanted sexual penetration or oral sex (rape), and the
second regarded all other types of unwanted sexual contact. The outcome variable in Columns (1) and (3) is reports
of unwanted sexual penetration or oral sex, i.e., rape. The outcome variable in Columns (2) and (4) is reports of any
other type of unwanted sexual contact. Outcome variables were normalized to account for garbled responses following
Boudreau et al. (2023) and Blair et al. (2015). Hard-Garbling is an indicator equal to 1 if an individual answered the
sexual assault experience questions using the hard-garbling survey technique, and is 0 if they answered using direct
elicitation. Controls in all columns are selected using the Double Lasso CV method. Multiple hypothesis corrected
p-values using the Romano-Wolf (2005) procedure are reported in square brackets, adjusted for victimization and
perpetration outcomes separately, i.e., adjusted for Columns (1) and (2) together, and adjusted for Columns (3) and
(4) together. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table 4: Statements Included in Social Desirability Scale

Statement

I sometimes feel resentful when I don’t get my way.
It is sometimes hard for me to go on with my work if I am not encouraged.
On a few occasions, I have given up on doing something because I thought too little of my
ability.
There have been times when I felt like rebelling against people in authority even though I
knew they were right.
No matter who I’m talking to, I’m always a good listener.
I’m always willing to admit when I make a mistake.
I sometimes try to get even rather than forgive and forget.
I am always courteous, even to people who are disagreeable.
I have never been irked when people expressed ideas very different from my own.
There have been times when I was quite jealous of the good fortune of others.
I am sometimes irritated by people who ask favors of me.
I have deliberately said something that hurt someone’s feelings.
There have been occasions when I took advantage of someone.

Notes: Table displays the statements used in the social desirability scale following Dhar et al. (2022) and Crowne
and Marlowe (1960). In the experiment, agreement is asked on a 2-point scale, i.e., respondents can either “Agree”
or “Disagree” with each statement.
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Table 5: Hard-Garbling Treatment Effects – Sensitivity to Social Judgment

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling (HG) -0.011 0.165*** 0.096** 0.094**
(0.053) (0.053) (0.043) (0.044)
[0.825] [0.002] [0.056] [0.056]

Low Sensitivity to Judgment (Low SJ) 0.030 0.068 0.033 0.027
(0.045) (0.047) (0.025) (0.029)

HG x Low SJ 0.002 -0.121 -0.054 -0.088
(0.075) (0.075) (0.061) (0.063)

DE + High SJ Mean 0.33 0.42 0.05 0.08
HG + HGxLow SJ = 0 (P-value) 0.863 0.410 0.334 0.893

Observations 825 825 796 796
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Each column is a separate regression. Outcome
variables were normalized to account for garbled responses following Boudreau et al. (2023) and Blair et al. (2015).
Columns (1) and (2) restrict to responses on victimization only, i.e., those from female respondents; columns (3)
and (4) restrict to responses on perpetration only, i.e., those from male respondents. The experiment contained two
binary questions on sexual assault experiences. The first question pertained to unwanted sexual penetration or oral
sex (rape), and the second regarded all other types of unwanted sexual contact. The outcome variable in Columns (1)
and (3) is reports of unwanted sexual penetration or oral sex, i.e., rape. The outcome variable in Columns (2) and (4)
is reports of any other type of unwanted sexual contact. “Hard-Garbling” is an indicator equal to 1 if an individual
answered the sexual assault questions using the hard-garbling survey technique, and is 0 if direct elicitation. Controls
in all columns were selected using the Double Lasso CV method. “Low Sensitivity to Judgment” is an indicator equal
to 1 if the respondent’s social desirability score was below the mean within their gender, and is zero if else. “HG
x Low SJ” is an interaction term. Multiple hypothesis corrected p-values using the Romano-Wolf (2005) procedure
are reported in square brackets, adjusted for pairs of hypotheses within victimization and perpetration outcomes
separately, for victimization responses (Columns (1) and (2)) and for perpetration responses (Columns (3) and (4))
*** p < 0.01, ** p < 0.05, * p < 0.1
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Table 6: Hard-Garbling Treatment Effects – Expectations of and Sensitivity to Social Judg-
ment

Victimization

Rape Other SA
(1) (2)

Panel A: High Expectations of Judgment

Hard-Garbling (HG) -0.007 0.193**
(0.079) (0.075)

Low Sensitivity to Judgment (Low SJ) 0.036 0.089
(0.065) (0.065)

HG x Low SJ -0.046 -0.247**
(0.108) (0.106)

DE + High SJ Mean 0.35 0.42
HG + HGxLow SJ = 0 (P-value) 0.470 0.480
Observations 413 413

Panel B: Low Expectations of Judgment

Hard-Garbling (HG) 0.001 0.132*
(0.075) (0.074)

Low Sensitivity to Judgment (Low SJ) 0.050 0.050
(0.064) (0.069)

HG x Low SJ 0.035 0.014
(0.106) (0.107)

DE + High SJ Mean 0.32 0.42
HG + HGxLow SJ = 0 (P-value) 0.632 0.055*
Observations 412 412

Lasso Controls Yes Yes

Notes: OLS Regressions. Each column and panel is a separate regression. Robust standard errors in parentheses.
Outcome variables were normalized to account for garbled responses following Boudreau et al. (2023) and Blair et al.
(2015). The table is restricted to victimization responses only. The experiment contained two binary questions
on sexual assault experiences. The first question pertained to unwanted sexual penetration or oral sex (rape), and
the second regarded all other types of unwanted sexual contact. The outcome variable in Column (1) is reports of
unwanted sexual penetration or oral sex, i.e., rape. The outcome variable in Column (2) is reports of any other type
of unwanted sexual contact. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault
questions using the hard-garbling survey technique, and is 0 if direct elicitation. “Low Sensitivity to Judgment” is
an indicator equal to 1 if the respondent’s social desirability score was below the mean within their gender, and is
zero if else. “HG x Low SJ” is an interaction term. The experiment contained 4 social norm prediction questions. I
aggregate and standardize these predictions around the control mean, and then create an indicator. Panel A restricts
to only respondents who reported high expectations of social judgment, i.e., those with social norm guesses above or
equal to the median within their gender. Panel B restricts to only respondents who report low expectations of social
judgment, i.e., those with social norm guesses below the median within their gender. Controls in all columns and
panels were selected via Double Lasso CV Method. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table 7: Hard-Garbling Treatment Effects by Victimization Outcome

Sexual Assault Outcomes Theft Outcomes

Rape Other SA Over $1,000 Under $1,000
(1) (2) (3) (4)

Hard-Garbling -0.010 0.105*** 0.045 0.070
(0.037) (0.038) (0.055) (0.057)
[0.777] [0.011] [0.397] [0.397]

Observations 825 825 306 306
Direct Elicitation Mean 0.343 0.456 0.359 0.438
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account
for garbled responses following Boudreau et al. (2023) and Blair et al. (2015). The outcome variables are: reports
of rape victimization (Column 1); reports of other unwanted sexual contact victimization (Column 2); reports of
theft victimization worth over $1,000 (Column 3); and reports of theft victimization worth under $1,000 (Column
4). Hard-Garbling is an indicator equal to 1 if an individual answered the sexual assault or theft questions using the
hard-garbling survey technique, and is 0 if direct elicitation. Controls in all columns were selected using the Double
Lasso CV method. Multiple hypothesis corrected p-values using the Romano-Wolf (2005) procedure are reported in
square brackets, adjusted for pairs of hypotheses within sexual assault and theft outcomes separately, for those in
the whole sample (i.e., adjusting for cols (1) and (2), and for cols (3) and (4)). *** p < 0.01, ** p < 0.05, * p < 0.1
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A Appendix Tables and Figures

Figure A1: Distribution of Sensitivity to Judgment Scores
(a) Men (b) Women

Notes: Following Dhar et al. (2022), I count the number of “too-good-to-be-true” traits each individual reports. This
figure plots the raw distribution of these scores to the social desirability scale for all 825 female and all 796 male
respondents. The mean is for each gender is plotted on the blue dotted line; the red dotted line represents the median
within the gender.
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Figure A2: Perceptions of College Sexual Assault Prevalence

Notes: Figure shows the raw distribution of respondents’ guesses regarding sexual assault prevalence from all 825
female and 796 male respondents. Men’s guesses are displayed in blue; women’s guesses are displayed in red. The
blue line shows the average answer of male respondents’ prevalence guesses. The red line shows the average answer
of female respondents’ prevalence guesses.
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Figure A3: Hard-Garbling Heterogeneity: Victimization

Notes: Coefficients are estimated using OLS regressions, and outcomes were normalized to account for garbled re-
sponses. Regressions were restricted to victimization responses only. Each pair of characteristics are binary indicators
and mutually exclusive (i.e., a respondent was either a current undergraduate student or a college graduate, but not
both). Thus, each regression is run using a treatment indicator, an indicator for the characteristic of interest, and an
interaction term. Coefficients plotted represent the total impact of hard-garbling for individuals with the characteris-
tic of interest. Controls in all regressions were selected using the Double Lasso CV method. Individuals with “higher
prevalence guesses” are those who had sexual assault prevalence guesses above the median within their gender. The
experiment also had subjects guess the answers of prior male and female participants regarding prevalence. I created
an indicator “Higher Perceptions of Prev. from Others” for these two social norm guesses using the Anderson method,
and is equal to 1 if the index was above the median with the respondent’s gender, and is zero if else. Intervals shown
represent the 90% confidence intervals.
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Figure A4: Hard-Garbling Heterogeneity: Perpetration

Notes: Coefficients are estimated using OLS regressions, and outcomes were normalized to account for garbled re-
sponses. Regressions were restricted to perpetration responses only. Each pair of characteristics are binary indicators
and mutually exclusive (i.e., a respondent was either a current undergraduate student or a college graduate, but not
both). Thus, each regression is run using a treatment indicator, an indicator for the characteristic of interest, and an
interaction term. Coefficients plotted represent the total impact of hard-garbling for individuals with the characteris-
tic of interest. Controls in all regressions were selected using the Double Lasso CV method. Individuals with “higher
prevalence guesses” are those who had sexual assault prevalence guesses above the median within their gender. The
experiment also had subjects guess the answers of prior male and female participants regarding prevalence. I created
an indicator “Higher Perceptions of Prev. from Others” for these two social norm guesses using the Anderson method,
and is equal to 1 if the index was above the median with the respondent’s gender, and is zero if else. Intervals shown
represent the 90% confidence intervals.
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Figure A5: Perceptions of Social Norm Agreement in TAMU Sample
(a) Victim-Blaming: Perception of Men’s Agree-
ment

(b) Victim-Blaming: Perception of Women’s
Agreement

(c) Lying: Perception of Men’s Agreement (d) Lying: Perception of Women’s Agreement

Notes: Each panel shows the raw distribution of respondents’ perceptions of agreement with either the victim-
blaming or lying statements among 495 female and 349 male respondents in the TAMU sample. Respondents were
asked separately about the predicted percent of men and women in a prior study that they believe would have agreed
with the statement. Men’s guesses are displayed in blue; women’s guesses are displayed in red. The black line shows
actual agreement with the statement by men (in left panels) and women (in right panels). The blue line shows the
average answer of male respondents’ perceptions of men and women’s agreement; the red line shows the average
answer of female respondents’ perceptions.
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Table A1: Data Quality

Victimization Perpetration

Number of
Respondents % of Total

Number of
Respondents % of Total

Panel A: Attention Checks

Passed All Attention Checks 766 92.00% 728 90.30 %
Failed One Attention Check 67 8.00% 77 9.60%
Failed Two Attention Checks 0 0.00% 1 0.10%
Failed All Attention Checks 0 0.00% 0 0.00%

Total 833 100.00% 806 100.00%

Panel B: Comprehension Questions

Both Correct 386 90.82% 371 91.83%
One Correct 31 7.29% 23 5.69%
Both Incorrect 8 1.88% 10 2.48%

Total 425 99.99% 404 100.00%

Notes: The survey experiment contained 3 attention checks. Panel A shows the number and percent of respondents
by gender in sexual assault treatments that: passed all 3 attention checks, failed one of the three checks, failed two
of the three checks, and failed all three checks. Individuals in hard-garbling treatments answered 2 comprehension
questions. Panel B displays the number and percent of respondents, by gender, in sexual assault treatments who
answered: both comprehension questions correctly, answered only one of the comprehension questions correctly, and
who answered both comprehension questions incorrectly, respectively.
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Table A2: Descriptive Statistics

Age White
Current

Undergrad Greek
College
Athlete

Public
Institution

Large
Institution Low-Income First-Gen Non-Religious Southern Democrat N

All Respondents 23.19 0.56 0.46 0.19 0.24 0.76 0.57 0.49 0.28 0.32 0.39 0.42 1621
(2.60) (0.50) (0.50) (0.39) (0.43) (0.43) (0.49) (0.50) (0.45) (0.47) (0.49) (0.49)

Women 22.98 0.58 0.46 0.21 0.24 0.75 0.57 0.49 0.29 0.32 0.43 0.47 825
(2.51) (0.49) (0.50) (0.40) (0.42) (0.43) (0.50) (0.50) (0.45) (0.47) (0.49) (0.50)

Men 23.42 0.55 0.46 0.18 0.25 0.76 0.58 0.48 0.27 0.32 0.36 0.37 796
(2.68) (0.50) (0.50) (0.38) (0.43) (0.43) (0.49) (0.50) (0.44) (0.47) (0.48) (0.48)

Notes: Numbers are averages across all respondents, female respondents, and male respondents, respectively. Stan-
dard deviations are in parentheses. Individuals who incorrectly answered both comprehension questions in the
hard-garbling treatment have been excluded. All variables, excluding age, are 0/1 indicator variables. White takes
a value of 1 if a respondent indicated they were white, and is 0 otherwise. Current Undergrad takes a value of 1 if
a respondent indicated being a current undergraduate student. Greek and Athlete take a value of 1 if respondents
indicated involvement in Greek life or collegiate athletics, respectively. Low-income takes a value of 1 if the respon-
dent reported having ever been eligible for Pell Grants, and is 0 otherwise. Non-religious takes a value of 1 if the
respondent indicated being non-religious (like Atheist or agnostic) and is zero otherwise. Public Institution takes
a value of 1 if a respondent indicated that their higher education institution was public, and is 0 otherwise. Large
Institution takes a value of 1 if a respondent indicated that their institution was large, and is 0 if else. Democrat
takes a value of 1 if a respondent reported voting for Kamala Harris in the 2024 presidential election. Southern is an
indicator for whether a respondent reported attending an undergraduate institution in the South, according to U.S.
Census Bureau region designations.
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Table A3: Perceptions of Social Norms

Victim-Blaming Lying

Actual
Agreement

Perception
of Men

Perception
of Women

Actual
Agreement

Perception
of Men

Perception
of Women

Men 16.46 40.16 20.55 49.50 50.92 28.18
(37.10) (22.65) (21.85) (50.03) (22.27) (23.09)

Women 7.52 48.47 24.71 27.88 55.42 30.21
(26.38) (23.60) (22.82) (44.87) (22.70) (22.47)

P-value 0.00 0.00 0.00 0.00 0.00 0.07

Notes: Table shows the raw averages of answers from 796 men and 825 women. Agreement with each statement
was asked on a 5-point Likert scale and was binarized to be equal to 1 if a respondent agreed or strongly agreed.
Respondents were asked to separately predict the percent of men and women from a prior study that agreed with
each statement; respondents were randomly assigned to answer regarding men or women first. P-values disclosed in
the last row are generated from tests of equalities of means between male and female respondents.
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Table A4: Hard-Garbling Treatment Effects by Expectations of Victim Social Judgment -
Continuous Measure

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling (HG) -0.008 0.104*** 0.069** 0.051
(0.038) (0.038) (0.031) (0.031)

Expectations of Victim Judgment (V) 0.003 0.019 -0.002 0.006
(0.033) (0.033) (0.022) (0.025)

HG x V -0.028 -0.054 0.033 -0.013
(0.052) (0.053) (0.042) (0.044)

DE Mean 0.34 0.46 0.06 0.09
Exp. of Victim Judgment DE Mean 0.00 0.00 0.00 0.00
HG + HGxV = 0 (P-value) 0.573 0.453 0.058* 0.503

Observations 825 825 796 796
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. I first aggregate and standardize all four
social norm predictions around the control mean within each gender, and then create an index using the Anderson
method. This index is “Expectations of Victim Judgment.” “DE Mean” is the rate of reporting for each outcome in
the direct elicitation treatment, and “Exp. of Victim Judgment DE Mean” is the average value of the social norm
index in the DE treatment within each gender, standardized to be zero. Controls in all columns are selected using
the Double Lasso CV method. Columns (1) and (2) are restricted to only victimization responses; columns (3) and
(4) are restricted to only perpetration responses. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A5: Hard-Garbling Treatment Effects by Expectations of Victim Social Judgment

Perpetration

Rape Other SA
(1) (2)

Hard-Garbling (HG) 0.031 0.084*
(0.043) (0.043)
[0.489] [0.111]

High Expectations of Victim Judgment (V) -0.035 -0.018
(0.026) (0.029)

HG x V 0.075 -0.067
(0.061) (0.062)

DE + Low V Mean 0.06 0.06
HG + HGxV = 0 (P-value) 0.016** 0.712

Observations 796 796
Lasso Controls Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. I first aggregate and standardize all four
social norm predictions around the control mean, and then create an index using the Anderson method. Then, I
set “High Expectations of Victim Judgment” equal to one for individuals with index values above or equal to the
median within their gender, and set it equal to zero for individuals with index values below the median within their
gender. Controls in all columns are selected using the Double Lasso CV method. Columns (1) and (2) are restricted
to only perpetration responses. Multiple hypothesis corrected p-values using the Romano-Wolf (2005) procedure are
reported in square brackets. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A6: Hard-Garbling Treatment Effects – Expectations of and Sensitivity to Social
Judgment (Perpetration)

Perpetration

Rape Other SA
(1) (2)

Panel A: High Expectations of Judgment

Hard-Garbling (HG) 0.135** 0.116*
(0.066) (0.067)

Low Sensitivity to Judgment (Low SJ) 0.032 0.019
(0.034) (0.043)

HG x Low SJ -0.076 -0.189**
(0.090) (0.091)

DE + High SJ Mean 0.05 0.11
HG + HGxLow SJ = 0 (P-value) 0.316 0.226
Observations 397 397

Panel B: Low Expectations of Judgment

Hard-Garbling (HG) 0.038 0.076
(0.058) (0.057)

Low Sensitivity to Judgment (Low SJ) 0.020 0.016
(0.035) (0.037)

HG x Low SJ -0.013 0.011
(0.085) (0.086)

DE + High SJ Mean 0.05 0.04
HG + HGxLow SJ = 0 (P-value) 0.687 0.181
Observations 399 399

Lasso Controls Yes Yes

Notes: OLS Regressions. Each column and panel is a separate regression. Robust standard errors in parentheses.
Outcome variables were normalized to account for garbled responses. Responses are restricted to perpetration re-
sponses only. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions using
the hard-garbling survey technique, and is 0 if direct elicitation. “Low Sensitivity to Judgment” is an indicator equal
to 1 if the respondent’s social desirability score was below the mean within their gender, and is zero if else. “HG x Low
SJ” is an interaction term. The experiment contained 4 social norm prediction questions. I aggregate and standardize
these predictions around the control mean, and then create an indicator. Panel A restricts to only respondents who
reported high expectations of social judgment, i.e., those with social norm guesses above or equal to the median
within their gender. Panel B restricts to only respondents who report low expectations of social judgment, i.e., those
with social norm guesses below the median within their gender. Controls in all columns and panels were selected via
Double Lasso CV Method. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A7: Hard-Garbling Treatment Effects by Expectations of Victim Social Judgment

Victimization

Rape Other SA
(1) (2)

Hard-Garbling (HG) 0.015 0.128**
(0.053) (0.052)
[0.767] [0.019]

High Expectations of Victim Judgment (V) -0.006 -0.004
(0.048) (0.048)

HG x V -0.046 -0.046
(0.076) (0.076)

DE + Low V Mean 0.32 0.44
HG + HGxV = 0 (P-value) 0.563 0.130

Observations 825 825
Lasso Controls Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. I first aggregate and standardize all four
social norm predictions around the control mean, and then create an index using the Anderson method. Then, I
set “High Expectations of Victim Judgment” equal to one for individuals with index values above or equal to the
median within their gender, and set it equal to zero for individuals with index values below the median within their
gender. Controls in all columns are selected using the Double Lasso CV method. Columns (1) and (2) are restricted
to only victimization responses. Multiple hypothesis corrected p-values using the Romano-Wolf (2005) procedure are
reported in square brackets. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A8: Balance Test: Sexual Assault and Theft Victimization

Panel A. Sexual Assault Panel B. Theft
SA=T

HG DE P-value HG DE P-value (P-value)

Age 22.93 23.04 0.52 22.54 22.53 0.98 0.01
(2.50) (2.53) (2.69) (2.70)

White 0.57 0.58 0.77 0.50 0.60 0.07 0.42
(0.50) (0.49) (0.50) (0.49)

Current Undergrad 0.49 0.43 0.11 0.48 0.55 0.21 0.11
(0.50) (0.50) (0.50) (0.50)

Greek 0.19 0.23 0.17 0.22 0.24 0.59 0.41
(0.39) (0.42) (0.41) (0.43)

College Athlete 0.22 0.25 0.25 0.33 0.41 0.16 0.00
(0.41) (0.43) (0.47) (0.49)

Public Institution 0.73 0.78 0.08 0.73 0.78 0.35 0.94
(0.45) (0.42) (0.44) (0.42)

Large Institution 0.58 0.56 0.68 0.51 0.50 0.82 0.04
(0.49) (0.50) (0.50) (0.50)

Low-Income 0.45 0.54 0.01 0.48 0.59 0.05 0.21
(0.50) (0.50) (0.50) (0.49)

First-Gen 0.29 0.29 0.97 0.27 0.30 0.61 0.99
(0.45) (0.45) (0.45) (0.46)

Non-Religious 0.31 0.33 0.51 0.22 0.22 1.00 0.00
(0.46) (0.47) (0.42) (0.42)

Southern 0.44 0.41 0.39 0.45 0.42 0.57 0.81
(0.50) (0.49) (0.50) (0.49)

Democrat 0.49 0.45 0.34 0.41 0.37 0.56 0.01
(0.50) (0.50) (0.49) (0.49)

Observations 417 408 153 153

Notes: Numbers are averages across respondents by treatment. Standard deviations are in parentheses. Panel A
includes only individuals who completed the survey on sexual assault victimization. Panel B includes only individuals
who completed the survey on theft victimization. Individuals who incorrectly answered both comprehension questions
in the hard-garbling treatment have been excluded. Numbers in p-value columns are generated from tests of equality
of means across Hard-Garbling (HG) and Direct Elicitation (DE) treatments. The numbers in the last column are
generated from tests of equality of means across all sexual assault and all theft respondents. All variables, excluding
age, are 0/1 indicator variables. White takes a value of 1 if a respondent indicated they were white, and is 0 otherwise.
Current Undergrad takes a value of 1 if a respondent indicated being a current undergraduate student. Greek and
Athlete take a value of 1 if respondents indicated involvement in Greek life or collegiate athletics, respectively. Low-
income takes a value of 1 if the respondent reported having ever been eligible for Pell Grants, and is 0 otherwise.
Non-religious takes a value of 1 if the respondent indicated being non-religious (like Atheist or agnostic) and is zero
otherwise. Public Institution takes a value of 1 if a respondent indicated that their higher education institution
was public, and is 0 otherwise. Large Institution takes a value of 1 if a respondent indicated that their institution
was large, and is 0 if else. Democrat takes a value of 1 if a respondent reported voting for Kamala Harris in the
2024 presidential election. Southern is an indicator for whether a respondent reported attending an undergraduate
institution in the South, according to U.S. Census Bureau region designations.
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Table A9: Hard-Garbling Treatment Effects: Grouping Outcomes by Severity

No Controls Lasso Selected Controls

Severe
Less

Severe Severe
Less

Severe
(1) (2) (3) (4)

Hard-Garbling (HG) 0.028 0.047 0.052 0.075
(0.064) (0.064) (0.056) (0.059)

Sexual Assault (SA) -0.016 0.018 0.039 0.051
(0.045) (0.047) (0.044) (0.046)

HG x SA -0.060 0.035 -0.058 0.031
(0.075) (0.075) (0.068) (0.070)

DE Theft Mean 0.359 0.438 0.359 0.438
HG + HGxSA = 0 (P-value) 0.398 0.033** 0.876 0.005***

Observations 1131 1131 1131 1131
Lasso Controls No No Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account
for garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the experience questions
using the hard-garbling survey technique, and is 0 if direct elicitation. “Sexual Assault” is an indicator equal to 1
if a respondent answered the experience questions on sexual assault, and is 0 if theft. “HG x SA” is an interaction
term between the HG and SA indicators. The “Severe” outcome is either rape or theft of property over $1,000. The
“Less Severe” outcome is other types of sexual assault or theft of property under $1,000. Columns 1 and 2 contain no
controls. Columns 3 and 4 contain controls selected using the Lasso CV selection method. *** p < 0.01, ** p < 0.05,
* p < 0.1
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Table A10: Comparison of Prolific and TAMU Respondents

Age White
Current

Undergrad Greek
College
Athlete

Public
Institution

Large
Institution Low-Income First-Gen Non-Religious Southern Democrat N

Panel A. Women
Prolific 22.98 0.58 0.46 0.21 0.24 0.75 0.57 0.49 0.29 0.32 0.43 0.47 825

(2.51) (0.49) (0.50) (0.40) (0.42) (0.43) (0.50) (0.50) (0.45) (0.47) (0.49) (0.50)
TAMU 20.84 0.42 1.00 0.13 0.05 1.00 1.00 0.35 0.23 0.23 1.00 0.36 495

(1.60) (0.49) (0.00) (0.34) (0.22) (0.00) (0.00) (0.48) (0.42) (0.42) (0.00) (0.48)
P-value (Prol=TAMU) 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.04 0.00 0.00 0.00

Panel B. Men
Prolific 23.42 0.55 0.46 0.18 0.25 0.76 0.58 0.48 0.27 0.32 0.36 0.37 796

(2.68) (0.50) (0.50) (0.38) (0.43) (0.43) (0.49) (0.50) (0.44) (0.47) (0.48) (0.48)
TAMU 20.83 0.48 1.00 0.11 0.10 1.00 1.00 0.25 0.21 0.26 1.00 0.21 349

(1.41) (0.50) (0.00) (0.31) (0.30) (0.00) (0.00) (0.43) (0.41) (0.44) (0.00) (0.41)
P-value (Prol=TAMU) 0.00 0.05 0.00 0.00 0.00 0.00 0.00 0.00 0.05 0.02 0.00 0.00

Notes: Numbers are averages across respondents. Standard deviations are in parentheses. Panel A includes only
individuals who completed the survey on sexual assault victimization. Panel B includes only individuals who com-
pleted the survey on sexual assault perpetration. Individuals who incorrectly answered both comprehension questions
in the hard-garbling treatment have been excluded. Numbers in p-value row are generated from tests of equality of
means across Prolific and TAMU respondents. All variables, excluding age, are 0/1 indicator variables. White takes
a value of 1 if a respondent indicated they were white, and is 0 otherwise. Current Undergrad takes a value of 1 if
a respondent indicated being a current undergraduate student. Greek and Athlete take a value of 1 if respondents
indicated involvement in Greek life or collegiate athletics, respectively. Low-income takes a value of 1 if the respon-
dent reported having ever been eligible for Pell Grants, and is 0 otherwise. Non-religious takes a value of 1 if the
respondent indicated being non-religious (like Atheist or agnostic) and is zero otherwise. Public Institution takes
a value of 1 if a respondent indicated that their higher education institution was public, and is 0 otherwise. Large
Institution takes a value of 1 if a respondent indicated that their institution was large, and is 0 if else. Democrat
takes a value of 1 if a respondent reported voting for Kamala Harris in the 2024 presidential election. Southern is an
indicator for whether a respondent reported attending an undergraduate institution in the South, according to U.S.
Census Bureau region designations.
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Table A11: Social Norm Predictions - TAMU

Guesses About Women Guesses About Men

VB Lying VB Lying
(1) (2) (3) (4)

Female 4.396*** 3.054** 17.184*** 5.651***
(1.417) (1.459) (1.511) (1.556)

Male Mean 16.91 23.57 39.35 54.27

Observations 844 844 844 844
Controls No No No No

Notes: OLS regressions. Each column is a separate regression. Respondents were asked separately about the
predicted percent of men and women in a prior study that they believe would have agreed with both the victim-
blaming and lying statements. The outcomes were: respondents’ guesses about women’s agreement with the victim-
blaming statement (column 1), respondents’ guesses about women’s agreement with the lying statement (column 2),
respondents’ guesses about men’s agreement with the victim-blaming statement (column 3), and respondent’s guesses
about men’s agreement with the lying statement (column 4). “Female” is an indicator equal to 1 if the respondent
was a woman, and is 0 if the respondent was a man. “Male Mean” is the average answer for each outcome by male
respondents. No controls were included. Robust standard errors are in parentheses. Responses were restricted to
only those in the TAMU sample.
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Table A12: Perceptions of Social Norms - TAMU vs. Prolific Respondents

Victim-Blaming Lying

Actual
Agreement

Perception
of Men

Perception
of Women

Actual
Agreement

Perception
of Men

Perception
of Women

Panel A. Men
Prolific (P) 16.46 40.16 20.55 49.50 50.92 28.18

(37.10) (22.65) (21.85) (50.03) (22.27) (23.09)
TAMU (T) 10.60 39.35 16.91 53.30 54.27 23.57

(30.83) (21.52) (19.71) (49.96) (22.39) (20.24)

P-value (P=T) 0.01 0.57 0.01 0.24 0.02 0.00

Panel B. Women
Prolific (P) 7.52 48.47 24.71 27.88 55.42 30.21

(26.38) (23.60) (22.82) (44.87) (22.70) (22.47)
TAMU (T) 5.66 56.53 21.30 26.46 59.92 26.62

(23.12) (21.76) (21.05) (44.16) (22.08) (21.74)

P-value (P=T) 0.19 0.00 0.01 0.58 0.00 0.00

Notes: Table shows the raw averages of answers from 796 male Prolific respondents, 825 female Prolific respondents,
349 male TAMU respondents, and 495 female TAMU respondents. Agreement with each statement was asked on
a 5-point Likert scale and was binarized to be equal to 1 if a respondent agreed or strongly agreed. Respondents
were asked to separately predict the percent of men and women from a prior study that agreed with each statement;
respondents were randomly assigned to answer regarding men or women first. P-values disclosed in the last rows of
each panel are generated from tests of equalities of means between male Prolific and male TAMU respondents (in
Panel A) and between female Prolific and female TAMU respondents (in Panel B).
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Table A13: Balance Table - TAMU Students

Panel A. Women Panel B. Men
M=F

HG DE P-value HG DE P-value (P-value)

Age 20.80 20.91 0.45 20.90 20.71 0.23 0.94
(1.46) (1.77) (1.39) (1.46)

White 0.43 0.39 0.34 0.48 0.48 0.97 0.06
(0.50) (0.49) (0.50) (0.50)

Current Undergrad 1.00 1.00 . 1.00 1.00 . .
(0.00) (0.00) (0.00) (0.00)

Greek 0.14 0.11 0.23 0.12 0.09 0.35 0.37
(0.35) (0.31) (0.33) (0.28)

College Athlete 0.06 0.04 0.39 0.11 0.08 0.41 0.01
(0.24) (0.20) (0.31) (0.27)

Public Institution 1.00 1.00 . 1.00 1.00 . .
(0.00) (0.00) (0.00) (0.00)

Large Institution 1.00 1.00 . 1.00 1.00 . .
(0.00) (0.00) (0.00) (0.00)

Low-Income 0.33 0.38 0.22 0.26 0.23 0.58 0.00
(0.47) (0.49) (0.44) (0.42)

First-Gen 0.22 0.26 0.25 0.20 0.24 0.34 0.45
(0.41) (0.44) (0.40) (0.43)

Non-Religious 0.23 0.23 0.99 0.26 0.24 0.63 0.33
(0.42) (0.42) (0.44) (0.43)

Southern 1.00 1.00 . 1.00 1.00 . .
(0.00) (0.00) (0.00) (0.00)

Democrat 0.34 0.39 0.28 0.21 0.20 0.83 0.00
(0.47) (0.49) (0.41) (0.40)

Observations 283 212 224 125

Notes: Numbers are averages across female and male respondents by treatment, respectively. Standard deviations are
in parentheses. Individuals who incorrectly answered both comprehension questions in the hard-garbling treatment
have been excluded. Numbers in p-value columns are generated from tests of equality of means across Hard-Garbling
(HG) and Direct Elicitation (DE) treatments. The numbers in the last column are generated from tests of equality
of means across all male and all female respondents. All variables, excluding age, are 0/1 indicator variables. White
takes a value of 1 if a respondent indicated they were white, and is 0 otherwise. Current Undergrad takes a value of 1
if a respondent indicated being a current undergraduate student. Greek and Athlete take a value of 1 if respondents
indicated involvement in Greek life or collegiate athletics, respectively. Low-income takes a value of 1 if the respondent
reported having ever been eligible for Pell Grants, and is 0 otherwise. Non-religious takes a value of 1 if the respondent
indicated being non-religious (like Atheist or agnostic) and is zero otherwise. Public Institution takes a value of 1 if
a respondent indicated that their higher education institution was public, and is 0 otherwise. Large Institution takes
a value of 1 if a respondent indicated that their institution was large, and is 0 if else. Democrat takes a value of 1 if a
respondent reported voting for Kamala Harris in the 2024 presidential election. Southern is an indicator for whether
a respondent reported attending an undergraduate institution in the South, according to U.S. Census Bureau region
designations.
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Table A14: Hard-Garbling Treatment Effects - TAMU Replication

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling 0.036 0.008 0.011 0.042
(0.045) (0.047) (0.040) (0.037)

Observations 495 495 349 349
Direct Elicitation Mean 0.184 0.278 0.024 0.008
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. Responses included are restricted to only those in the TAMU replication. Hard-Garbling is an
indicator equal to 1 if an individual answered the sexual assault experience questions using the hard-garbling survey
technique, and is 0 if they answered using direct elicitation. Controls in all columns are selected using the Double
Lasso CV method. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A15: Hard-Garbling Treatment Effects – Sensitivity to Social Judgment (TAMU)

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling (HG) 0.080 0.113* 0.059 0.042
(0.057) (0.061) (0.052) (0.050)

Low Sensitivity to Judgment (SJ) 0.083 0.132** 0.029 -0.016
(0.053) (0.058) (0.032) (0.014)

HG x SJ -0.087 -0.236** -0.115 0.001
(0.091) (0.094) (0.076) (0.074)

DE + High SJ Mean 0.15 0.21 0.01 0.01
HG + HGxSJ = 0 (P-value) 0.922 0.088* 0.342 0.435

Observations 495 495 349 349
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account
for garbled responses. Responses included are restricted to only those in the TAMU replication. “Hard-Garbling”
is an indicator equal to 1 if an individual answered the sexual assault questions using the hard-garbling survey
technique, and is 0 if direct elicitation. Controls in all columns were selected using the Double Lasso CV method.
“Low Sensitivity to Judgment” is an indicator equal to 1 if the respondent’s social desirability score was below the
mean within their gender among TAMU respondents, and is zero if else. “HG x SJ” is an interaction term. ***
p < 0.01, ** p < 0.05, * p < 0.1
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Table A16: Hard-Garbling Treatment Effects with Different Vectors of Controls

Rape Other SA

No Controls
Additional
Controls

Lasso
Controls No Controls

Additional
Controls

Lasso
Controls

(1) (2) (3) (4) (5) (6)

Panel A: Victimization

Hard-Garbling -0.033 -0.008 -0.010 0.082** 0.105*** 0.105***
(0.039) (0.038) (0.037) (0.039) (0.038) (0.038)

Observations 825 825 825 825 825 825
Direct Elicitation Mean 0.34 0.34 0.34 0.46 0.46 0.46
Controls No Yes Yes No Yes Yes

Panel B: Perpetration

Hard-Garbling 0.053* 0.069** 0.069** 0.032 0.050 0.050
(0.031) (0.031) (0.031) (0.032) (0.031) (0.031)

Observations 796 796 796 796 796 796
Direct Elicitation Mean 0.06 0.06 0.06 0.09 0.09 0.09
Controls No Yes Yes No Yes Yes

OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for garbled
responses. "Hard-Garbling" is an indicator equal to 1 if an individual answered the sexual assault questions using
the hard-garbling survey technique, and is 0 if direct elicitation. There are no controls included in Columns 1 or 4.
Columns 2 and 5 contain the entire vector of possible controls used for Double Lasso selection (controls for: Southern
institutions, large institutions, low-income student status, agreement with both social norms statements, perceptions
of norms and sexual assault prevalence, sensitivity to judgment, Greek life, intercollegiate athletic involvement, public
institutions, political affiliation, race, undergraduate student status, religion, first-gen status, age, beliefs that their
survey responses were anonymous, and whether they completed the survey in the first round of data collection
(December 2024)). Columns 3 and 6 use the preferred specification, i.e., controls selected using the Double Lasso CV
method. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A17: Hard-Garbling Treatment Effects–Dropping Incorrect Comprehension Questions
and Failed Attention Checks

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Panel A: Whole Sample

Hard-Garbling -0.007 0.102*** 0.071** 0.051*
(0.037) (0.037) (0.030) (0.031)

DE Mean 0.343 0.456 0.062 0.090

Observations 833 833 806 806

Panel B: Dropped 2 Wrong Comp. Qs

Hard-Garbling -0.010 0.105*** 0.069** 0.050
(0.037) (0.038) (0.031) (0.031)

DE Mean 0.343 0.456 0.062 0.090

Observations 825 825 796 796

Panel C: Dropped 1+ Wrong Comp. Qs

Hard-Garbling 0.002 0.112*** 0.077** 0.048
(0.039) (0.038) (0.032) (0.032)

DE Mean 0.343 0.456 0.062 0.090

Observations 794 794 773 773

Panel D: Dropped 1+ Failed Attention Checks

Hard-Garbling -0.018 0.087** 0.088*** 0.052
(0.039) (0.039) (0.032) (0.032)

DE Mean 0.335 0.456 0.052 0.088

Observations 766 766 728 728

Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. "Hard-Garbling" is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. Controls in all columns and panels selected
using the Double Lasso CV method. Panel A contains the entire 1,639 respondents who completed the survey on
sexual assault; Panel B drops those that incorrectly answered both hard-garbling comprehension question (this is
the primary sample used for analysis). Panel C drops individuals that incorrectly answered either hard-garbling
comprehension question, and Panel D drops individuals that missed one or more of the three total attention checks
in the experiment. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A18: Hard-Garbling Treatment Effects – Attrition

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Panel A: All Recorded Responses

Hard-Garbling -0.004 0.106*** 0.070** 0.035
(0.037) (0.038) (0.031) (0.032)

DE Mean 0.342 0.455 0.062 0.089

Observations 836 836 818 817

Panel B: Missing Attrited Answers Recoded as No

Hard-Garbling -0.008 0.100*** 0.069** 0.033
(0.037) (0.038) (0.030) (0.031)

DE Mean 0.342 0.455 0.062 0.089

Observations 839 839 819 819

Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. Controls in all columns and panels were
selected using the Double Lasso CV method from demographic controls. Panel A contains the survey responses for
all individuals with non-missing responses for the outcome. Panel B contains all respondents who were successfully
screened into the survey; if these respondents did not answer the primary outcome questions, they were recoded as
“No” responses. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A19: Hard-Garbling Treatment Effects - Dropping Respondents with p = 0

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling -0.016 0.104** 0.079** 0.075**
(0.041) (0.042) (0.034) (0.034)
[0.706] [0.028] [0.037] [0.037]

Observations 691 691 685 685
Direct Elicitation Mean 0.350 0.459 0.067 0.092
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Each column is a separate regression. Robust standard errors in parentheses. Outcome
variables were normalized to account for garbled responses. The survey contained two questions regarding the
respondent’s belief that their answers were truly anonymous. Respondents who indicated that there was a 0 percent
chance Prolific shares identifying information with researchers and a 0 percent chance that researchers could link
their responses to their identity were excluded from these regressions. Hard-Garbling is an indicator equal to 1 if an
individual answered the sexual assault experience questions using the hard-garbling survey technique, and is 0 if they
answered using direct elicitation. Controls in all columns are selected using the Double Lasso CV method. Multiple
hypothesis corrected p-values using the Romano-Wolf (2005) procedure are reported in square brackets, adjusted for
victimization and perpetration outcomes separately. *** p < 0.01, ** p < 0.05, * p < 0.1
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Table A20: Hard-Garbling Treatment Effects by p = 0

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling (HG) -0.010 0.108*** 0.078** 0.081**
(0.041) (0.041) (0.034) (0.034)
[0.804] [0.022] [0.037] [0.037]

Perceived Zero Leak Probability (Zero LP) -0.006 -0.007 -0.021 -0.005
(0.062) (0.065) (0.027) (0.040)

HG x Zero LP 0.011 -0.013 -0.068 -0.167**
(0.102) (0.103) (0.075) (0.077)

DE + Non-Zero LP Mean 0.35 0.46 0.07 0.09
HG + HGxZero LP = 0 (P-value) 0.990 0.315 0.885 0.211

Observations 825 825 796 796
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. The survey contained two questions regarding
the respondent’s belief that their answers were truly anonymous as a measure of this leak probability: 1) What is the
probability that Prolific shares your identifying information, like name or birth date, with researchers?, and 2) What
is the probability that researchers using Prolific to administer surveys are able to link your survey responses to your
identity? “Zero LP” is an indicator equal to 1 if a respondent answered “0” to both anonymity questions, i.e., if they
perceived a leak probability of zero, and is equal to 0 otherwise. There were 111 men and 134 women who indicated
a perceived leak probability of zero. “HG x Zero LP” is an interaction term. “DE Mean + Non-Zero LP Mean” is the
rate of reporting for each outcome in the direct elicitation treatment for individuals who perceived a leak probability
greater than zero. Controls in all columns are selected using the Double Lasso CV method. Columns (1) and (2) are
restricted to only victimization responses; columns (3) and (4) are restricted to only perpetration responses. Multiple
hypothesis corrected p-values using the Romano-Wolf (2005) procedure are reported in square brackets, adjusted for
victimization and perpetration outcomes separately. *** p < 0.01, ** p < 0.05, * p < 0.1

81



Table A21: Hard-Garbling Treatment Effects by Leak Probability

Victimization Perpetration

Rape Other SA Rape Other SA
(1) (2) (3) (4)

Hard-Garbling (HG) -0.047 0.095* 0.150*** 0.073
(0.053) (0.053) (0.046) (0.044)
[0.390] [0.120] [0.005] [0.097]

Perceived Lower Leak Probability (Low LP) 0.013 0.036 0.004 0.018
(0.046) (0.048) (0.025) (0.029)

HG x Low LP 0.075 0.016 -0.172*** -0.048
(0.075) (0.075) (0.061) (0.062)

DE + High LP Mean 0.36 0.45 0.07 0.10
HG + HGxLow LP = 0 (P-value) 0.606 0.037** 0.580 0.564

Observations 825 825 796 796
Lasso Controls Yes Yes Yes Yes

Notes: OLS Regressions. Robust standard errors in parentheses. Outcome variables were normalized to account for
garbled responses. “Hard-Garbling” is an indicator equal to 1 if an individual answered the sexual assault questions
using the hard-garbling survey technique, and is 0 if direct elicitation. The survey contained two questions regarding
the respondent’s belief that their answers were truly anonymous as a measure of this leak probability: 1) What is the
probability that Prolific shares your identifying information, like name or birth date, with researchers?, and 2) What
is the probability that researchers using Prolific to administer surveys are able to link your survey responses to your
identity? “Low LP” is an indicator equal to 1 if a respondent perceived a leak probability below the median within
their gender, and is equal to 0 otherwise. “HG x Low LP” is an interaction term. “DE Mean + High LP Mean” is the
rate of reporting for each outcome in the direct elicitation treatment for individuals who perceived a leak probability
greater than the median. Controls in all columns are selected using the Double Lasso CV method. Columns (1) and
(2) are restricted to only victimization responses; columns (3) and (4) are restricted to only perpetration responses.
Multiple hypothesis corrected p-values using the Romano-Wolf (2005) procedure are reported in square brackets,
adjusted for victimization and perpetration outcomes separately. *** p < 0.01, ** p < 0.05, * p < 0.1
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B Framework

In this section, I discuss how the framework can be extended to consider formal reporting,

the possibility of “false reports,” and the perpetrator’s decision to report.

B.1 Formal Reporting

While the framework included discusses only informal reports, the formal reporting decision

is related. The costs and benefits of informal reporting likely generalize to formal reporting.

Victims choosing a binary formal reporting decision against their perpetrator will still face

intrinsic benefits, social benefits, intrinsic costs, and social costs – though these factors may

be larger in magnitude for the formal reporting decision relative to the informal.

For example, victims who report their assaults to Title IX offices or law enforcement

will likely face larger expected social costs. Unlike informal reporting, where a perpetrator

is not identified, a victim may experience additional social backlash for “ruining” her per-

petrator’s life as a result of the report. If the victim chooses to submit a formal report to

law enforcement or Title IX, they also now face potential negative social reactions from law

enforcement or Title IX administrators. In addition, a formal report to law enforcement or

Title IX offices will result in less anonymity than informal reports. The perpetrator would

likely be informed of the report, subjecting the victim to negative social reactions from the

perpetrator or their friends and family. Victims may also expect their formal reports to result

in news coverage of their assaults, which could result in additional negative social reactions

from the broader public or additional reputational damage. Combined, these forces increase

the size of expected social costs for the formal reporting decision.

There will also be additional costs and benefits for formal reporting. More specifically,

formal reporting will be associated with extrinsic, or tangible, costs and benefits. These

costs and benefits include any utility lost from procedures, time, or other material aspects

of reporting, including costs of retaliation. For example, extrinsic costs include utility lost

from the invasive nature of reporting sexual assault or from recounting the event to law

enforcement. Extrinsic costs would also capture utility lost if a perpetrator retaliates against

their victim in the event of a positive report. Alternatively, extrinsic benefits would include
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any legal or academic benefits obtained as a result of a report. For example, this term would

capture any utility gained from a perpetrator facing legal consequences or disciplinary action

at their university and would also include any financial compensation received from a report.

Thus, the utility function for a student i from a formal reporting decision ris given a

victimization status vis would be:

Uis(ris|vis) =IBis(ris|vis) + SBis(ris|vis) + EBis(ris|vis) (15)

− ICis(ris|vis)− SCis(ris)− ECis(ris|vis), where

IB (intrinsic benefits), IC (intrinsic costs), SB (social benefits), and SC (social costs)

follow the informal reporting decision, and EB and EC represent extrinsic costs and benefits

as described above.

B.2 False Reports

Recall the assumptions discussed in Section 2.1. For simplicity, I focus on the case of vic-

timization. Based on these assumptions, a non-victimized student will find it optimal to

report ris = 0. A non-victimized student has the following expected utilities from ris = 1

and ris = 0 (notation has omitted the expectations for simplicity):

Uis(1|0) = IBis(1|0) + SBis(1|0)− ICis(1|0)− p× SCis(1)

= SBis(1|0)− p× SCis(1) < 0 (16)

and

Uis(0|0) = IBis(0|0) + (1− π)× SBis(0|0)

+ π × SBis(1|0)− ICis(0|0)− π × (p× SCis(1))

= π × (SBis(1|0)− p× SCis(1))

= π × Uis(1|0) (17)
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Thus, Uis(0|0) > Uis(1|0), and a student with vis = 0 will not find it optimal to report

ris = 1. The analogous math for perpetrators will similarly reveal that a non-perpetrator

will not find it optimal to report a perpetration when one has not occurred.

However, there may be violations of the assumptions outlined in Section 2.1. One poten-

tial concern is the existence of “altruistic liars” who gain utility from reporting a victimization

or perpetration that has not occurred. Such individuals might believe that true victims or

perpetrators systematically under-report and view their own false reports as correcting the

observed under-reporting gap. This behavior would violate the assumptions that individuals

receive no intrinsic or social benefits from reporting a victimization or perpetration when

one has not occurred, i.e., IBis(1|0) = 0 and SBis(1|0) < 0. If individuals derive positive

utility from “correcting” under-reporting, the magnitude of that utility is likely increasing in

the perceived degree of under-reporting: even altruistic liars should gain more from a false

report when they believe under-reporting is especially severe.

Hard-garbling does reduce the perceived costs associated with a “Yes” report and could,

in principle, make altruistic lying more attractive, as well as encourage true victims and

perpetrators to report honestly. However, because hard-garbling also induces more true

victims and perpetrators to submit “Yes” reports, the remaining scope for altruistic liars to

“correct” under-reporting is reduced. In this sense, hard-garbling simultaneously weakens the

main motive for altruistic lying (a large perceived under-reporting gap) while strengthening

incentives for truthful reporting.

In addition, false reports for perpetration are likely rare given the potential high costs

associated with admitting a sexual assault perpetration. While it may be seen as “irrational”

to admit perpetration, and thus perhaps could imply all reports of perpetration are false

reports, there is prior evidence that men will self-report these behaviors. While there is

currently no accepted best practice for eliciting perpetration experiences, many psychology

studies use sexual experiences surveys. In these surveys, respondents see a list of specific

items and respond with “yes” or “no” to denote whether they have taken the action. For

example, one version of this survey (Johnson et al., 2017) includes the following item: “I put

my penis into a woman’s vagina without her consent.” In a review study, Anderson et al.

(2021) found that prevalence of rape perpetration ranged from 0% to nearly one third, with
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the average rate reported as 6.5%.48

B.3 Informal Reporting: Perpetration

I again assume that the utility function for a student i from an informal reporting decision

zis given an assailant status ais is a function of costs and benefits:

Uis(zis|ais) = IBis(zis|ais) + SBis(zis|ais)− ICis(zis|ais)− SCis(zis), (18)

where:

• IBis(zis|ais) denotes intrinsic or emotional benefits. These benefits include any internal

utility gained from reporting. Perpetrators may experience alleviations of guilt for

admitting their behavior. I assume that there are positive emotional benefits from a

positive report of severity s given that a perpetration of severity s occurred and that

otherwise emotional benefits are zero. Thus, I assume IBis(1|1) > 0, and IBis(1|0) =

IBis(0|0) = IBis(0|1) = 0. These intrinsic benefits are likely larger for perpetrators of

severity h.

• SBis(zis|ais) denotes social benefits. Again, these benefits include any additional utility

gained from informing policy. 49 I assume that SBis(1|1) > 0, SBis(1|0) < 0, and

SBis(0|0) = SBis(0|1) = 0.50 Social benefits from informing policy are likely larger for
48There are very few studies that use direct measures of rape or sexual assault perpetration rather than

behavioral items like those from sexual experience surveys. However, in studies that do ask directly “Do you
think you may have ever raped someone?”, the rates of self-reporting fall substantially, with the average rate
of reporting in these studies below one percent (Anderson et al., 2021).

49These benefits will also include any social support experienced as a result of a positive report. This likely
varies in magnitude for perpetrators relative to victims. Sociology and related fields have well documented a
phenomenon known as “himpathy,” where perpetrators of sexual violence receive sympathy from society at
the expensive of their victims (Bedera, 2024). This could increase the size of social benefits (or decrease the
size of social costs), relative to victims. However, an individual’s expectations of social support are likely
the inverse of their expectations of social costs (as an individual expects higher social costs and/or more
damage to their reputation, they likely also expect less social support). Because this dynamic is captured
by the social costs term SCis(ris), I make a simplifying assumption SBis(ris|vis) is utility from informing
policy.

50I assume people have negative social utility from reporting a perpetration when one has not occurred.
For example, consider the case in which individuals receive utility from informing policy. Then, if zis = 0
but ais = 1, policy-makers are now developing policy based on incorrect information, which I assume causes
negative utility.
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perpetrators of severity h, as individuals may gain more utility from informing policies

on more severe assaults. However, social benefits from social support are likely larger

for perpetrators of severity l, as perpetrators who committed less severe assaults may

be more likely to benefit from “himpathy.” Thus, we should not necessarily expect

social benefits to be larger for perpetrators of either severity l or h.

• ICis(zis|ais) denote intrinsic or emotional costs. Like victims, admitting perpetration

may erode their self-identities or cause otherwise uncomfortable feelings. Perpetra-

tors may also face a cost for not reporting an assault when one has occurred, due to

unresolved feelings of guilt. Thus, I assume that ICis(1|1) ≥ 0, ICis(0|1) ≥ 0 and

ICis(0|0) = ICis(1|0) = 0.

• SCis(zis) denotes social or reputation costs. These costs again broadly include any

damage to a student’s reputation or social standing and any utility lost as a result of

negative social reactions from others. I assume SCis(1) > 0 and SCis(0) = 0 and again

discuss these costs in more detail below.

Similar to the decision to report for victims, the expected social costs term SCis(zis)

captures lost utility from damage to a perpetrator’s reputation or negative social reactions

from self-reporting. While both norms on assault and norms on reporting are relevant to

a victim’s decision to report, we may expect only norms on assault to be relevant to a

perpetrator’s decision to self-report. Social norms on reporting, like those regarding whether

women should report or whether victims are perceived as lying, will not be relevant when

self-reporting an act of perpetration and thus δis are excluded from the expected social cost

term.51 However, norms on the broader acceptability of assault will likely still be relevant to a

perpetrator’s decision to self-report their behavior. If a perpetrator thinks that sexual assault

is more acceptable and thus that he is less likely to be socially condemned for the behavior,

his expected social costs likely decrease. Recall that higher values of θis imply that social

norms such that sexual assault is viewed as more socially acceptable. For perpetrators, this

now implies that higher values of θis decrease expected social costs. To maintain that higher
51For example, if a perpetrator is admitting that he sexually assaulted someone, the victim will not

somehow be accused of lying, and thus these norms should be irrelevant to the perpetrator’s decision to
report.
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values of the social norm parameter imply that social costs are increasing, I let SCis(zis) be

a function of ψis = 1− θis.

Closely following the victim’s decision, we should also expect social costs for perpetrators

to be larger for individuals who care more about social judgment. Thus, expected social costs

for perpetrators are also a function of the social judgment sensitivity parameter ϕi > 0.

Therefore, I let:

E
[
SCis(zis)

]
= ϕiK(ψis, zis), (19)

where ψis are student i’s perceptions of social norms on sexual assaults of severity s such

that higher values imply sexual assault is less socially accepted, ϕi is student i’s sensitivity

to social judgment, and K is a positive and strictly increasing function of ψis.

An individual with ais = 1 will find it optimal to report zis = 1 when the expected utility

from a positive report is larger than the expected utility from not reporting. They have the

following payoffs from Uis(1|1) and Uis(0|1)52:

Uis(1|1) = IBis(1|1) + SBis(1|1)− ICis(1|1)− SCis(1) (20)

Uis(0|1) = −ICis(0|1) (21)

Then, an individual with ais = 1 will find it optimal to report zis = 1 when:

IBis(1|1) + SBis(1|1)− ICis(1|1)− SCis(1) + ICis(0|1) ≥ 0 (22)

Recall that E
[
SC(zis)

]
= ϕiK(ψis, zis) such that K is a strictly positive and increasing

function of ψis, which represent perceived social norms such that higher values of ψis indicate

that assaults of severity s are less socially accepted. Then, Equation (22) becomes:

IBis(1|1) + SBis(1|1)− ICis(1|1)− ϕiK(ψis, 1) + ICis(0|1) ≥ 0 (23)

Equation (23) then demonstrates that as individuals perceive that assault is less socially

accepted (i.e., as ψis increases in value), expected social costs also increase. Thus, holding
52The expectations have been omitted below for simplicity of notation
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all else equal, individuals with higher values of ψis are less likely to report.
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C Mechanisms Driving Misperceptions

To further investigate how individual mis-perceptions of the social norms relate to back-

ground characteristics, I also use the following specification:

Yi = β0 + β1Femalei + β2MaleGuessi + β3Femalei ×MaleGuessi + δXi + ϵi, (24)

where Yi is the outcome of interest (mis-perceptions of victim-blaming or lying, i.e., the

“wedge” between the respondent’s guess about agreement and the actual level of agreement

with that statement), Femalei is an indicator for the respondent i being female, MaleGuessi

is an indicator for whether the outcome Yi is the respondent i’s mis-perception of men’s agree-

ment with the statement of interest (rather than their mis-perception of women’s agreement),

and Xi is a vector of controls, including indicators for whether a respondent was shown the

victim-blaming or lying statement first, whether they were asked about agreement among

men or women first, and individual characteristics. Then β1 estimates the difference between

women and men’s misperception about women’s agreement; β2 estimates the difference be-

tween men’s misperceptions of women’s agreement and men’s mis-perceptions of men’s agree-

ment; and β3 estimates how much more (or less) women over-perceive men’s agreement with

the statement, relative to men’s over-perceptions of men’s agreement.

Table C1 reports the results. Firstly, men over-perceive women’s agreement with the

victim-blaming statement by 12.55 percentage points. Thus, men guessed on average that

12.55 percentage points more women agreed with the victim-blaming statement than actually

did. Women further over-estimated women’s agreement, guessing on average 5.14 percent-

age points higher than men, implying their average guess was approximately 17 percentage

points higher than the truth. In addition, men over-perceive other men’s agreement with

the victim-blaming statement 11.6 percentage points more than they over-perceive women’s

agreement. Thus, men’s average guess about other men’s agreement was approximately

24 percentage points higher than the truth on average. Finally, women had an additional

4.15 percentage point misperceptions of men’s agreement, relative to their misperception of

women’s agreement.

Importantly, there is little misperception on aggregate for the lying statement: men’s
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over-perception of women’s agreement with the lying statement is only .18 percentage points,

and men are also fairly accurate regarding men’s agreement (a total misperception of .18 +

0.741 percentage points). Women’s misperception of women’s agreement is 4.3 percentage

points larger than men’s misperception of women’s agreement, implying the total misper-

ception by women regarding women is approximately 4.5 percentage points. Women mis-

perceive men’s agreement by a total of approximately 6 percentage points more than men

do (4.33+2.48).

Other characteristics are also strongly correlated with (mis)perceptions of the social

norms. For example, an individual’s own agreement with the statement is correlated with

higher levels of misperception of the norm. Other traits, like involvement in intercollegiate

athletics, attending an undergraduate institution in the South, and religious affiliation are

also correlated with misperceptions.

Closely following Bursztyn et al. (2024), I also descriptively explore how three mechan-

sisms may be impacting misperceptions of these norms. Thus, I consider three forces: false

consensus, minority overweighting, and gender stereotyping.

False Consensus. False consensus is defined as a positive correlation between an individ-

ual’s opinion and their expected prevalence of this opinion among other people (Bursztyn

et al., 2024; Fields and Schuman, 1976). To explore this force, I run a regression in which

the dependent variable is the misperception of each norm (pooled by gender), and include

indicators for individual agreement with the statement, gender, and current undergraduate

student status. Table C2 displays these results. On average, individuals who disagreed with

the victim-blaming statement overestimated the percentage of others who agreed with the

statement by nearly 20 percentage points. Individuals who disagreed with the lying state-

ment had fairly accurate perceptions of the lying norm, underestimating the percentage of

others who agreed with the statement by only 1.5 percentage points. For each statement,

individuals who agreed overestimated agreement by others by approximately 12 percentage

points more than those who disagreed.

Minority Overweighting. Minority overweighting is the extent to which individuals over-

estimate the share of the population that holds the minority view (Bursztyn et al., 2024;
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Table C1: Misperceptions of Norms: Individual Characteristics

(1) (2)
Victim-

VARIABLES Blaming Lying

Female 5.148*** 4.337***
(1.094) (1.102)

Guess About Men 11.612*** 0.741
(1.076) (1.098)

Female x Guess About Men 4.152*** 2.475
(1.557) (1.528)

Agreed w/ VB 11.730*** 0.998
(1.315) (1.333)

Agreed w/ Lying -0.268 10.802***
(0.903) (0.875)

Southern Institution -0.043 2.534***
(0.813) (0.803)

Democrat -0.119 -0.698
(0.870) (0.855)

Athlete 3.803*** 3.101***
(1.014) (0.990)

Greek 1.745 0.781
(1.068) (1.027)

Non-Religious -1.951** -2.522***
(0.843) (0.839)

Current Undergrad -1.833** -0.344
(0.785) (0.773)

White -0.310 -0.430
(0.802) (0.783)

Observations 3,242 3,242
Control Mean 12.55 0.18

Notes: OLS regressions on misperceptions of social norms, created by subtracting the “truth” (actual level of agreement)
from each respondent’s guess about that gender’s agreement. In the social norm task, respondents were randomly assigned
to see either the VB or lying statement first and to answer about either men or women’s answers first. Regressions include
additional controls for both levels of randomization. “Female” is a binary indicator equal to 1 if the respondent was female,
and is zero otherwise. “Guess About Men” is a binary indicator equal to 1 if the outcome was the respondent’s prediction
of men’s agreement, and is zero if the outcome is the respondent’s prediction of women’s agreement. “Female x Guess
About Men” is an interaction term.
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Table C2: False Consensus

Victim-Blaming Lying
(1) (2)

Statement Agreement 12.596*** 12.016***
(1.054) (0.664)

Female 7.371*** 5.867***
(0.642) (0.639)

Current Undergrad -2.182*** -0.544
(0.638) (0.634)

Observations 3,242 3,242
"Disagree" Mean 20.197 -1.414

Notes: OLS regressions. The dependent variable in Column 1 is misperceptions of agreement with the victim-
blaming statement (pooled across gender), and the dependent variable in Column 2 is misperceptions of agreement
with the lying statement (pooled across gender). Misperception is defined as the perceived agreement with the
statement minus actual agreement. "Statement Agreement" is equal to 1 if an individual agreed or strongly agreed
with that social norm statement, and is 0 if else. "Female" and "Current Undergrad" are binary indicators equal
to 1 if the respondent is female or a current undergraduate student, respectively.

D. T. Miller and Prentice, 1994). In my context, the majority of respondents did not agree

with the statements, implying that agreement with the statements is the minority view. To

explore this force, I classify respondents into one of three mutually exclusive categories: 1)

individuals with correct perceptions of agreement (within 5 percentage points); 2) individuals

who overestimate actual agreement with the statement (i.e., individuals who overestimate

the prevalence of the minority view); and 3) individuals who underestimate actual agree-

ment with these statements (i.e., individuals who overestimate the prevalence of the majority

view). By analyzing what percent of participants fall into these three categories, I am able

to explore the relative extent of minority and majority overweighting.

Figure C1 provides strong evidence of minority overweighting for the victim-blaming

statement. Nearly 80% of respondents overestimate agreement with the victim-blaming

statement. However, for the lying norm, an approximately equal portion of the sample

underestimates (36.7%) and overestimates agreement (43.9%) with the statement.

Gender Stereotyping. Gender stereotyping is the extent to which people overestimate

gender differences in agreement with the statement (Bursztyn et al., 2024; Bordalo et al.,

2016). I again classify respondents into one of three mutually exclusive categories: 1) indi-
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Figure C1: Minority Overweighting
(a) Victim-Blaming (b) Lying

Notes: Minority overweighting is perceiving more agreement than actual agreement if a minority of the population
actually agrees (or, perceiving less agreement than actual agreement is a minority of the population does not agree). The
figure presents what percent of the sample underestimates agreement (majority overweights), has correct perceptions, or
overestimates agreement (minority overweights) for both victim-blaming (graph A) and lying (graph B). Expectations
of agreement and actual agreement was pooled by gender.

viduals with the correct perceptions of the differences in agreement between men and women

(with 5 percentage points); 2) individuals who overestimate the gender difference; and 3)

individuals who underestimate the gender difference.

Figure C2 graphs the portion of respondents who fall into each category for the two

norms. For victim-blaming, there is some evidence of gender stereotyping, as over 60% of

the sample overestimates the difference in agreement between men and women. However,

the lying norm is again relatively equal on this dimension: 39.0% underestimate and 46.0%

overestimate the gender difference.

94



Figure C2: Gender Stereotyping
(a) Victim-Blaming (b) Lying

Notes: Gender stereotyping is defined as overestimating the gender difference in agreement. The figure presents what
percent of the sample underestimates the gender difference, has correct perceptions, or overestimates the difference for
both victim-blaming (graph A) and lying (graph B). Expectations of agreement and actual agreement was pooled by
gender.
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