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Abstract 
 

The Opportunity Zone program is currently the largest place-based program in the United 
States. Leveraging restricted-access data for the universe of new firms, we examine the OZ 
program’s impacts on startup activity at the local level. We use a matching approach that 
compares entrepreneurship outcomes in designated zones to similar eligible but not designated 
areas. We are actively working on the project in a Federal Statistical Research Data Center 
(FSRDC), and as such cannot yet share full results. In this extended abstract, we describe our 
research question, provide institutional background, outline our methods, and discuss some 
initial findings. Preliminary “sign-and-significance” results indicate that OZ designation reduces 
overall startup counts, driven primarily by a decline in non-employer firms. However, it 
simultaneously increases employer firm formation and accelerates the transition of non-
employers into employers, suggesting a quality-quantity tradeoff that is, on net, favorable for 
local employment. 
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I. Introduction 

Rates of new business formation vary dramatically across geography, with a small 

number of locations accounting for a disproportionate share of innovation and high-growth 

entrepreneurship. In the U.S., start-up rates per capita vary by as much as a factor of five across 

census tracts (Dinlersoz et al., 2023). In response, policymakers have increasingly turned to 

place-based policies designed to stimulate local economic dynamism.  

This paper examines the effect of Opportunity Zones (OZs) on local entrepreneurship. 

OZs were established under the Tax Cuts and Jobs Act of 2017 and took effect in 2018. The 

program designated 8,764 census tracts in which investors receive preferential capital gains tax 

treatment, including reductions or full deferral and exclusion for qualifying investments. The OZ 

program is not only among the most recent place-based policies in the U.S., but it also far larger 

in scale than prior comparable initiatives. Available estimates indicate that the program has 

attracted more than $100 billion in investment to low-income communities between 2018 and 

2024 (Theodos and Meixell, 2025). The Joint Committee on Taxation estimated that the OZ 

program entailed approximately $8.2 billion in tax expenditures between 2020 and 2024 alone, 

and these expenditures are only expected to grow going forward (Theodos et al., 2023). While 

the original tax incentives were scheduled to expire in 2026, the program has recently been 

renewed, with modifications that phase out certain existing designations and introduce new ones. 

To examine the effects of the OZ program on entrepreneurship, we take advantage 

information on the universe of U.S. firms and establishments from the Longitudinal Business 

Database (LBD) and Integrated Longitudinal Business Database (ILBD). These restricted-access 

data allow us to identify new business formation at fine geographic detail. These data have also 

been shown to accurately and comprehensively capture startups, including among employer and 
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non-employer businesses (Fairlie et al., 2019; Dinlersoz et al., 2023; Fairlie et al., 2026). Using a 

matching approach that compares outcomes in designated OZs to similar eligible but not 

designated tracts, we examine the impacts of OZ designation on entrepreneurship.  

We are actively working on this project in a Federal Statistical Research Data Center 

(FSRDC). Therefore, we cannot yet discuss a full set of results. However, for this extended 

abstract, we obtained a sign-and-significance release for key entrepreneurship outcomes.1 Naïve 

difference-in-differences estimates point to a positive and statistically significant effect on 

overall startup counts, including both employer and non-employer firms. However, this is driven 

by differential trends in OZs relative to OZ-eligible but not designated tracts. Once we account 

for these differential trends based on propensity-score matching and doubly-robust approaches, 

we find that OZ designation has a negative and statistically significant impact on total startup 

counts. However, this overall impact masks important heterogeneity in effects across non-

employer and employer firms. While OZ designation reduces non-employer startups, it increases 

employer startups. Further, non-employer firms in OZs are more likely to transition to 

employers. Taken together, the results are suggestive of a quality-quantity trade-off that is 

beneficial for local employment. The OZ program was originally conceived as a mechanism to 

provide capital for startups in low-income communities (Eldar and Garber, 2022), and there are 

several reasons to believe that the program could play an important role in encouraging 

entrepreneurial activity.2 First, the program’s core tax incentives – which include capital gains 

tax deferral, a basis step-up, and permanent exclusion of gains after a 10-year hold – effectively 

lower the cost of capital for startups. This makes equity investment in riskier, underserved areas 

 
1 Obtaining only a sign-and-significance release now avoids constraints on releasing subsequent analyses 
that might use somewhat different samples.  
2 As Eldar and Garber (2022) also highlight, however, the ultimate terms of the OZ legislation and the 
program’s tax incentives may tilt investment toward real estate projects.  
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more attractive to private investors compared to traditional portfolios. Second, Qualified 

Opportunity Funds (QOFs) are required to hold 90% of their assets in OZ property or businesses. 

This creates a dedicated stream of capital for zone businesses, which could be critical for early-

stage startups that do not qualify for traditional bank loans.3 Third, startups located in OZs may 

benefit from more flexible lending terms, for example through the SBA’s 504 Loan Program.4 

Finally, to the extent that communities use OZ designations to coordinate with anchor 

institutions like hospitals and universities, these institutions could support new technologies and 

incubators.  

Recent legislation regarding the OZ program could amplify some of these effects, 

particularly in rural areas. Beginning in 2026, rural OZs receive a 30% basis step-up (triple the 

standard rate) and a reduced “substantial improvement” threshold of 50% (down from 100%). 

These changes could make adaptive reuse of older buildings for new business ventures more 

financially viable in small towns. 

As one indication of the importance of the OZ program to entrepreneurship, the startup 

community advocated strongly for the program when it was at risk of lapsing in 2026. This 

advocacy emphasized that the OZ program allowed entrepreneurs to harness significant capital 

and build and sustain technology and other high-growth enterprises in otherwise challenging 

economic environments (Prystai, 2025). These arguments echo earlier discussion at the time of 

the program’s inception that zone incentives could help spur startup activity, including in AI and 

other technologies, in low-income communities across the U.S. (White-Klososky, 2019).  

 
3 A QOF is an investment vehicle organized as a corporation or partnership for the purpose of investing in 
OZ property. QOFs allow investors to reinvest capital gains into economically distressed communities in 
exchange for tax benefits. 
4 Through the Small Business Administration’s 504 Loan Program, businesses in OZs are subject to a 
relaxed job creation requirement, making it easier to qualify for financing for fixed assets such as real 
estate and equipment. See https://www.hud.gov/opportunity-zones/entrepreneurs.  

https://www.hud.gov/opportunity-zones/entrepreneurs
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II. Prior Work and Our Contribution 

Our paper contributes to several strands of literature. First, our results contribute to the 

growing body of work on OZs. To date, this literature has focused primarily on outcomes for 

zone residents, property values, and overall business activity. While the evidence suggests that 

OZs have had limited benefits for zone residents and changed property values little (Chen et al., 

2023; Freedman et al., 2023, Freedman et al., 2025), studies have pointed to positive effects on 

zone business growth and employment (Arefeva et al., 2025). However, much of the business 

growth appears to be displaced from other, nearby low-income areas (Freedman et al., 2026).  

Despite the original intent of the OZ program and the unique benefits it might confer for 

startups, there has been comparatively little research on its direct impacts on entrepreneurial 

activity. This is a key question given the importance of entrepreneurship for both local and 

national economic growth (Aghion and Howitt, 1992; Acs et al., 2004; Lee, 2016). One notable 

exception is Eldar and Garber (2022), who find no significant increase in venture capital in 

designated tracts in the first five quarters after the OZ program’s introduction. 5 Based on these 

results and a legal analysis of the program’s structure and provisions, Eldar and Garber (2022) 

argue that OZs have acted more as a tax incentive for developers than a driver of innovation. 

Relative to their work, we consider a much longer time frame over which new startup investment 

might occur,6 use a refined empirical methodology, and study different and broader measures of 

 
5 Eldar and Garber (2022) use data sourced from VentureXpert, which tracks investments by private 
equity and venture capital firms to specific companies. They take April 2018 as the date of program 
implementation and estimate difference-in-differences effects on venture capital out five quarters (i.e., 
through mid- to late-2019). While not focused specifically on startups, Nagpal (2022) also finds little 
evidence that OZ designation affected small business lending in Chicago using data through 2020, Snidal 
and Li (2024) show that small business loan origination in OZs changed little using data through 2019, 
and Shen (2024) finds no changes in the number of small businesses in NYC OZs using data through 
2023. 
6 A limitation of much of the early work on the OZ program was that it considered outcomes only within 
the first 1-3 years after program implementation; as examples, see Nagpal (2022), Atkins et al. (2023), 
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entrepreneurial activity using restricted-access data on all businesses in the U.S. 

Our paper also contributes to the large literature on policies to promote entrepreneurship 

and innovation. Much of this work has focused on R&D tax credits, which aim to encourage 

private innovation and firm creation through tax incentives for research expenditures (Hall and 

Van Reenan, 2000; Bloom et al., 2002; Howell, 2017; Dechezleprêtre et al., 2023; Fairlie et al., 

2026). Past research has also considered the effects of Small Business Administration (SBA) 

loan programs, which could relax credit constraints for entrepreneurs (Lerner, 2000; Higgins et 

al., 2021; Van Leuven and Schaefer, 2024), as well as state and federal venture capital initiatives, 

which could stimulate capital investment in certain areas (Lerner, 2009; Brander et al., 2015; 

Denes et al., 2023). Indeed, recent work on venture capital and startup finance highlights how the 

spatial distribution of financial capital can shape regional entrepreneurial activity as well as 

innovation and employment outcomes (Kortum and Lerner, 2000; Samila and Sorenson, 2011). 

A sizable literature also considers how innovation hubs and regional cluster initiatives impact 

entrepreneurship (Chatterji et al., 2014), and some work has studied how various regulatory and 

administrative reforms impact business formation (Djankov et al., 2002; Klapper et al., 2006; 

Van Stel et al., 2007; De Jong et al., 2020).  

Meanwhile, there has been less research on how explicitly place-based policies targeted 

at distressed communities affect startup activity in the U.S. context. What research does exist is 

decidedly mixed on whether place-based policies can successfully promote entrepreneurship and 

new business formation. For example, Neumark and Kolko (2010) find that enterprise zones in 

California may have, if anything, depressed entrepreneurial activity in targeted areas. However, 

there is some indication that the New Markets Tax Credit, arguably the closest counterpart to the 

 
Freedman et al. (2023), Chen et al. (2023) Sage et al. (2023), Arefeva et al. (2024), Rupasingha and Davis 
(2024), and Snidal and Li (2024).  
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OZ program, helped to attract new businesses in some sectors to low-income areas (Harger and 

Ross, 2014). We extend this line of research to explore if OZs, a program originally conceived as 

a way to deepen the pool of capital available for startups in low-income communities, thus 

potentially increasing effect entrepreneurship in targeted areas.    

III. The Opportunity Zone Program  

The Opportunity Zones (OZ) program was enacted as part of the Tax Cuts and Jobs Act 

(TCJA) of 2017. It provides preferential capital gains tax treatment for investments made in 

designated census tracts. Specifically, investors may defer taxes on realized capital gains if those 

gains are reinvested in qualifying businesses or real estate projects located in OZs. The program 

also allows for a step-up in basis on deferred gains and offers permanent exclusion of capital 

gains on OZ investments held for at least ten years (Theodos et al., 2018; Internal Revenue 

Service, 2020). 

The TCJA allowed state governors to designate up to 25% of eligible census tracts in 

their state as OZs, selecting from areas that qualify as “low-income communities” (LICs) and 

certain adjacent tracts. An LIC is defined as a census tract with either a poverty rate of at least 

20% or a median family income at or below 80% of the greater of the metropolitan-area or 

statewide median family income (with statewide thresholds applied in rural areas). LICs also 

include tracts located within federal Empowerment Zones, tracts with populations below 2,000, 

and tracts adjacent to other LICs. By statute, at least 95% of designated OZ tracts had to be LICs, 

though governors could also designate additional adjacent tracts as OZs if those tracts had 

median incomes below 125% of the median income of the neighboring LIC. 

Altogether, 42,176 census tracts were eligible for Opportunity Zone designation, 

comprising 31,864 low-income communities (LICs) and 10,312 adjacent non-LIC tracts. 
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Governors ultimately designated 8,762 tracts as OZs, of which 8,532 (97%) were LICs and 230 

(3%) were adjacent non-LIC tracts. States completed and announced their selections by June 

2018 (U.S. Department of the Treasury, 2018). 

Figure 1 maps OZs across the contiguous U.S., illustrating their broad geographic 

dispersion. Notably, the OZ designation process was conducted rapidly and may have reflected 

political as well as economic considerations (Alm et al., 2021; Frank et al., 2022; Eldar and 

Garber, 2023; Corinth and Feldman, 2024). 

Under recent tax legislation (OBBB), the tax benefits for existing OZs are slated to sunset 

in 2026. A new set of zones will be established in 2027, with governors then selecting new zones 

every ten years thereafter (Wessel, 2025). The OBBB also expanded tax incentives for OZ 

investments in rural areas relative to urban areas and relaxed the eligibility criteria for qualifying 

rural investments.  

IV. Data and Outcomes 

We obtained data regarding tract OZ eligibility and designation from the U.S. 

Department of the Treasury’s Community Development Financial Institutions (CDFI) Fund.7 

Designated tracts are depicted in Figure 1. 

Our outcome data are derived from the Comprehensive Startup Panel (Fairlie et al. 2019; 

Fairlie et al., 2023), which is assembled from the Longitudinal Business Database (LBD) and the 

Integrated Longitudinal Business Database (ILBD). Both the LBD and ILBD are restricted-use 

researcher datasets developed by the Census Bureau’s Center for Economic Studies (CES). The 

LBD  combines administrative records and survey data for the universe of all U.S. employer 

establishments (those with paid employees). The ILBD is an expansion of the LBD that 

 
7 See https://opportunityzones.hud.gov/home. 

https://opportunityzones.hud.gov/home
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additionally records the attributes of non-employer firms (such as sole proprietorships with no 

paid workers). By drawing on both of these datasets, the Comprehensive Startup Panel covers 

both employer startups and non-employer startups. As such, it is uniquely well suited to studying 

business formation and startup activity (Fairlie et al., 2019).   

We updated the startup panel through 2023, and supplemented the data with detailed 

geographic information on establishments from the Census’s Business Register, allowing us to 

map businesses to census tracts and thereby determine whether they were potentially impacted 

by OZ designation.8 Both the LBD and  ILBD data are annual and are currently available 

through 2023. In this extended abstract, we focus on counts and attributes of businesses started 

between 2013 and 2022, and use one-year ahead data to define outcomes like firm survival and 

transition rates. In future versions of this paper, we plan to broaden the set of entrepreneurial 

outcomes we consider as well as study longer-term outcomes and potentially important 

dimensions of heterogeneity in effects. 

For our primary analysis, we focus exclusively on designated and eligible tracts that 

qualify as low-income communities (LICs).9 Restrictions on the number of non-LIC contiguous 

tracts that could be selected as Opportunity Zones (OZs), along with a general preference for 

designating more economically distressed areas, resulted in only 230 non-LIC contiguous tracts 

being designated. Including non-LIC contiguous tracts in the sample would require incorporating 

a substantial number of higher-income tracts as controls, which are less comparable to the 

ultimately designated tracts.  

We are actively working on our analysis in a Federal Statistical Research Data Center 

 
8Despite geocoding efforts by the CES, some establishments in the LBD lack geographic identifiers finer 
than zip codes (Brooks et al., 2025). For these establishments, we use zip codes to assign tracts 
probabilistically, with weights from HUD-USPS commercial address counts crosswalks (HUD, 2024). 
9 We exclude Puerto Rico, where all eligible LICs were designated as OZs.  
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(FSRDC) and cannot yet release descriptive statistics. However, Table 1 is a shell for the 

descriptive statistics we intend to release. It will show means (and standard deviations) for pre- 

and post-treatment outcomes as measured in the Comprehensive Startup Panel.  

V. Empirical Approach 

A. Basic Event Study  

Our empirical analysis will begin with an event study designed to estimate the effects of 

OZ designation, using eligible but non-designated tracts as the comparison group. The baseline 

specification is as follows: 

𝑦𝑦it= � �𝛽𝛽𝑗𝑗
𝑝𝑝𝑝𝑝𝑝𝑝 × 𝑂𝑂𝑍𝑍𝑖𝑖 × 1[𝑗𝑗=𝑡𝑡]�

2016

𝑗𝑗=2013

+ � �𝛽𝛽𝑘𝑘
𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 × 𝑂𝑂𝑍𝑍𝑖𝑖 × 1[𝑘𝑘=𝑡𝑡]�

𝑇𝑇

𝑘𝑘=2018

+𝛾𝛾𝑖𝑖+𝜂𝜂𝑡𝑡+𝜀𝜀it 

In this equation, 𝑦𝑦it is an outcome of interest, like the log count of new firms, for tract i in year t. 

𝑂𝑂𝑍𝑍𝑖𝑖 is a dummy that equals 1 if tract i is designated as an OZ and 0 if it is eligible but not 

designated. We include in the model tract fixed effects (𝛾𝛾𝑖𝑖), which control for time invariant 

tract characteristics that could be correlated with OZ designation and independently affect 

outcomes. The year fixed effects (𝜂𝜂𝑡𝑡), meanwhile, control for factors changing each year that are 

common to all tracts in the sample. The coefficients 𝛽𝛽𝑗𝑗
𝑝𝑝𝑝𝑝𝑝𝑝 and 𝛽𝛽𝑘𝑘

𝑝𝑝𝑝𝑝𝑝𝑝𝑝𝑝 capture pre-and post-

treatment differences in outcomes between OZs and comparison tracts each year; these are 

measured relative to 2017.10 Throughout the analysis, we cluster standard errors at the tract level; 

this allows for arbitrary patterns of heteroskedasticity across tracts and serial correlation within 

tracts. 

 
10 The OZ program took effect in 2018. Therefore, 2018 might be considered a “partially treated” year, 
while 2019 is the first “fully treated” year. In the event study, one can simply interpret each year’s 
estimate through this lens.  
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,B. Selection and Parallel Trends 

Prior research on the OZ program that relied on eligible tracts as controls has documented 

violations of the parallel trends assumption in the pre-treatment period. In particular, OZ 

designation has been shown to be correlated with prior economic improvements in designated 

tracts (Brazil et al., 2021; Eldar and Garber, 2023; Freedman et al., 2023). We therefore build a 

control group using a data-driven approach that reweights potential comparison tracts. Following 

Freedman et al. (2023), we implement inverse probability weighting (IPW) as well as a doubly 

robust inverse probability weighted regression adjustment estimator. For the doubly robust 

approach, we draw on the methods developed by Sant’Anna and Zhao (2020) and extended by 

Callaway and Sant’Anna (2021). 

Our objective is to account for counterfactual changes in employment in both OZ tracts 

and control (eligible but non-designated) tracts. Using IPW, we estimate the unobserved 

counterfactual mean outcome for treated tracts – i.e., what would have occurred in the absence of 

OZ designation – by constructing a weighted average of outcomes among non-treated tracts. The 

weights are given by the inverse of the probability of not being treated, scaled by the probability 

of treatment. We obtain these probabilities from a logit model, where the underlying latent 

variable specification (OZ*) is given by:  

𝑂𝑂𝑍𝑍𝑖𝑖*=𝛼𝛼+ � 𝑦𝑦it

2017

𝑡𝑡=2013

+𝑣𝑣𝑖𝑖  

Specifically, we predict OZ designation for all LIC tracts in our sample using each tract’s 

outcomes over the full pre-treatment period (2013 to 2017). Greater weight is assigned to non-

treated tracts with a higher estimated probability of treatment based on their pre-treatment 

trajectories. In practice, this approach selects control tracts whose trends more closely resemble 
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those of the treated tracts, thereby strengthening the plausibility that the weighted average 

outcome among non-treated (eligible but non-designated) tracts approximates the counterfactual 

outcome that treated (designated OZ) tracts would have experienced in the absence of 

designation. We construct a distinct set of weights for each outcome variable analyzed. 

The IPW approach models the treatment assignment process, while regression adjustment 

methods additionally model the outcome to address potential non-random selection into 

treatment. Regression adjustment constructs counterfactual outcomes by estimating separate 

linear regressions for treated and control tracts and using the resulting predicted values to 

approximate potential outcomes for given covariates. Averaging the covariate-specific treatment 

effects across treated tracts yields an estimate of the average treatment effect on the treated 

(ATT). 

The regression-adjusted IPW estimator integrates the IPW weights into the outcome 

regression to obtain bias-corrected coefficient estimates, effectively combining both strategies. 

This approach is “doubly robust,” in the sense that it delivers consistent estimates if either the 

treatment model (IPW) or the outcome model (regression adjustment) is correctly specified. 

Nonetheless, both methods rely on the assumption of selection on observables (Tan, 2010). In 

our implementation, we model both treatment and outcomes using the same set of covariates and 

apply the extension of doubly robust methods to multiple time periods developed by Callaway 

and Sant’Anna (2021). By employing both IPW and regression-adjusted IPW estimators, we 

strengthen our ability to attribute post-designation changes in outcomes to the OZ program itself 

rather than to the continuation of pre-existing trends. 

 We apply our weighting methods to examine all outcomes from the Comprehensive 

Startup Panel. The final two columns of Table 1 will show the effects of the IPW-based 
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reweighting on our effective control group of non-OZ LICs. The goal of the reweighting is to 

match pre-treatment trends in outcomes, but these descriptive statistics will shed light on the 

extent to which it renders the control group more similar in levels to the treatment group as well.  

VI. Results 

 Preliminary sign-and-significance results for key outcomes appear in Table 2. We 

estimate the effects of OZ designation on seven indicators of business formation and longevity. 

We first examine the count of total new businesses (including employer and non-employer 

businesses) and their one year-survival rates; the one-year survival rate is defined as the share of 

startups that are still active one year after they are founded. We then look separately at the count 

of new non-employer businesses and their one-year transition rate; the one-year transition rate is 

defined as the share of non-employer businesses that become employers within one year. We 

then estimate the effect of OZs on the count of employer startups, total startup employment, and 

total startup payroll; these are defined only for firms that begin their life as employers. Startup 

employment and payroll are totaled across firms in their first year of business. 

 The first panel in Table 2 reports naïve difference-in-differences results that compare 

changes in each outcome in OZs to changes in eligible but not designated census tracts. These 

models do not correct for non-parallel trends between treatment and control tracts. The results 

point to a relative increase in the number startups in OZs, with statistically significant positive 

effects on the counts of both new non-employer and employer firms (see columns (1), (3), and 

(5) of Panel A). However, as shown in column (2), the naïve results are also suggestive of a 

statistically significant decline in the total number of startups surviving their first year. As shown 

in column (4), there is a positive but insignificant effect on the rate at which non-employer firms 

transition to being employer firms. We also find no statistically significant effects of OZ 
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designation on total startup employment or payroll when not correcting for diverging trends. 

Looking only at the naïve estimates, then, one would get the impression that OZs experienced an 

increase in the count but possibly a decrease in the quality (measured by longevity and size) of 

new firms. 

 However, as in previous studies of the effects of OZs, we find evidence of differential 

pre-treatment trends between our treatment and control tracts. In Table 3, we report the signs and 

significance of coefficients from an event study specification estimating the effect of OZs on 

total new firm counts. Column (1) reports the naïve case (i.e., not reweighting to correct for 

different pre-treatment trends). Coefficients on years prior to treatment are negative and 

statistically significant, indicating that designated tracts were on a rough upward trajectory ahead 

of treatment.  

 We correct for these pre-treatment trends using the previously discussed IPW and 

doubly-robust methods. The event study estimates using these methods are reported in columns 

(2) and (3) of Table 3. By design, our matching approaches largely eliminate estimated pre-

treatment differences in outcomes. Post-treatment, we observe a negative effect of OZ 

designation on the total number of startups, which becomes statistically significant in later years. 

In other words, OZ designation reduces the total volume of local startups on average. 

 However, this aggregate effects masks important differences across types of startups. 

Specifically, as shown in Panels B and C of Table 2, we find that the overall reduction in startup 

is driven by a decrease in new non-employer firms in OZs. Meanwhile, the number of employer 

startups increases in OZs. Correspondingly, OZs increase total local startup employment and 

payroll. Furthermore, while we do not find a statistically significant effect of OZ designation on 

new business survival rates, we find that OZ designation increases the fraction of non-employers 
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that transition to being employers. This suggests that OZs may facilitate business scaling. While 

preliminary, these results are consistent with OZs helping some new firms grow, while at the 

same time suppressing the formation of weaker firms. 

VII. Provisional Conclusion, and Next Steps  

The Opportunity Zone program represents the largest place-based economic development 

initiative in the United States, yet rigorous evidence on its effects on local entrepreneurial 

activity remains limited. We help fill this gap by using restricted-access Census Bureau 

microdata covering the universe of new firms to examine how OZ designation affected startup 

activity at the local level. Our empirical strategy employs a matching approach that compares 

entrepreneurship outcomes in designated zones to eligible but non-designated census tracts with 

similar pre-OZ program trends.  

We are conducting our analysis within a Federal Statistical Research Data Center 

(FSRDC), and full results are not yet available for public release. Based on preliminary sign-and 

significance results, however, we reach several qualitative conclusions. Accounting for selection 

in OZ designation, we find that OZ designation has a negative and statistically significant impact 

on total startup counts. However, this overall impact masks important heterogeneity in effects 

across non-employer and employer firms. While OZ designation reduces non-employer startups, 

it increases employer startups. Further, non-employer firms in OZs are more likely to transition 

to employers. Taken together, the results are suggestive of a quality-quantity trade-off that is 

beneficial for local employment, at least in the short term. This trade-off could potentially reflect 

the impact of capital investment increases owing to OZ incentives. These could both make it 

more likely that firms begin with employees, and that non-employer firms more quickly 

transition to employer firms.  
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In future versions of this paper, we hope to extend our analysis in several directions. 

First, we will explore heterogeneity in effects by broad industry to help better understand the 

implications on the composition of startups. Second, we will examine whether effects differ by 

tract characteristics and initial conditions, which will shed light on what types of communities 

might be differentially impacted by the program; this extension is particularly policy relevant 

given the recently strengthened incentives to invest in rural areas. Third, we will examine the 

degree to which any new startup activity in OZs is truly new vs. displaced from other nearby 

areas. Fourth, as the ILBD and LBD are updated within the FSRDC, we hope to incorporate an 

additional year of data, which will further increase power as well as potentially accommodate 

studying longer-term outcomes (e.g., survival rates over different time frames and whether non-

employer to employer transitions translate into sustained employment and payroll gains). Fifth, 

we may be able to incorporate additional external data to speak to other entrepreneurship- and 

innovation-related outcomes – for example, small business lending or patenting data. 

 

 
 



 

 

References 
 

Acs, Zoltan, David Audretsch, Pontus Braunerhjelm, and Bo Carlsson. 2004. “The Missing Link: 
The Knowledge Filter and Entrepreneurship in Endogenous Growth.” CEPR Discussion Papers 
No. 4783.  

Aghion, Philippe, and Peter Howitt. 1992. “A Model of Growth Through Creative Destruction.” 
Econometrica 60(2), 323-351. 

Alm, James, Trey Dronyk-Trosper, and Sean Larkin. 2021. “In the Land of OZ: Designating 
Opportunity Zones.” Public Choice 188, 503-523. 

Arefeva, Alina, Morris Davis, Andra Ghent, and Minseon Park. 2025. “The Effect of Capital 
Gains Taxes on Business Creation and Employment: The Case of Opportunity Zones.”  
Management Science 71(6), 4533-5418. 

Atkins, Rachel M. B., Pablo Hernandez-Lagos, Cristian Jara-Figueroa, and Robert Seamans. 
2023. “What is the Impact of Opportunity Zones on Job Postings?” Journal of Urban Economics 
136, 103545. 

Bloom, Nick, Rachel Griffith, and John Van Reenen. 2002. “Do R&D Tax Credits Work? 
Evidence from a Panel of Countries 1979–1997.” Journal of Public Economics 85(1), 1-31. 

Brander, James, Qianqian Du, and Thomas Hellmann. 2015. “The Effects of Government-
Sponsored Venture Capital: International Evidence.” Review of Finance 19(2), 571-618. 

Brazil, Noli, and Amanda Portier. 2021. “Investing in Gentrification: The Eligibility of 
Gentrifying Neighborhoods for Federal Place-Based Economic Investment in U.S. Cities.” 
Urban Affairs Review 58(5), 1234-1276. 

Brooks, Leah, Andrea DeLisa, Rachel Meltzer, and Erica Moszkowski. 2025. “Geocoding LBD 
Establishments.” CES Technical Notes Series 25-14, Center for Economic Studies, U.S. Census 
Bureau. 

Callaway, Brantly and Sant’Anna, Pedro H. C. 2021.  “Difference-in-Differences with Multiple 
Time Periods.” Journal of Econometrics 225(2), 200-230.   

Chatterji, Aaron, Edward Glaeser, and William Kerr. 2014. “Clusters of Entrepreneurship and 
Innovation.” Innovation Policy and the Economy 14(1), 129-166. 

Chen, Jiafeng, Edward Glaeser, and David Wessel. 2023. “The (Non-) Effect of Opportunity 
Zones on Housing Prices.” Journal of Urban Economics 133, 103451. 

Corinth, Kevin, and Naomi Feldman. 2024. “Are Opportunity Zones and Effective Place-Based 
Policy?” Journal of Economic Perspectives 38(3), 113-36. 

de Jong, Arnoud, Cornelius A. Rietveld, and André van Stel. 2020. “The Relationship Between 
Entry Regulation and Nascent Entrepreneurship Revisited.” International Review of 



 

 

Entrepreneurship 18(3), 419–446. 

Dechezleprêtre, Antoine, Elias Einiö, Ralf Martin, Kieu-Trang Nguyen, and John Van Reenen. 
2023. “Do Tax Incentives Increase Firm Innovation? An RD Design for R&D, Patents, and 
Spillovers.” American Economic Journal: Economic Policy 15(4), 486-521. 

Denes, Matthew, Sabrina Howell, Filippo Mezzanotti, Xinxin Wang, and Ting Xu. 2023. 
“Investor tax credits and entrepreneurship: Evidence from us states.” Journal of Finance 78(5), 
2621-2671. 

Dinlersoz, Emin, Timothy Dunne, John Haltiwanger, and Veronika Penciakova. 2023. “The 
Local Origins of Business Formation.” CES Working Paper CES 23-34. 

Djankov, Simeon, Rafael La Porta, Florencio Lopez-de-Silanes, and Andrei Shleifer. 2002. “The 
Regulation of Entry.” Quarterly Journal of Economics 117(1), 1–37. 

Eldar, Ofer, and Chelsea Garber. 2022. “Opportunity Zones: A Program in Search of a Purpose.” 
Boston University Law Review 102, 1397 

Eldar, Ofer, and Chelsea Garber. 2023. “Does Government Play Favorites? Evidence from 
Opportunity Zones.” Journal of Law and Economics 66(1), 111-141. 

Fairlie, Robert, Frank Fossen, Andrew Johnston, and Ke Lyu. 2026. “Taxes, Incentives, and 
Entrepreneurship: Evidence from the Universe of US Startups.” SSRN Working Paper 5262559. 

Fairlie, Robert W., Zachary Kroff, Javier Miranda, and Nikolas Zolas. 2023. The Promise and 
Peril of Entrepreneurship: Job Creation and Survival among U.S. Startups. MIT Press. 

Fairlie, Robert, Javier Miranda, and Nikolas Zolas. 2019. “Measuring Job Creation, Growth, and 
Survival Among the Universe of Start-Ups in the United States Using a Combined Start-Up 
Panel Data Set.” ILR Review 72(5), 1262-1277. 

Frank, Mary Margaret, Jeffrey Hoopes, and Rebecca Lester. 2022. “What Determines Where 
Opportunity Knocks? Political Affiliation in the Selection of Opportunity Zones.” Journal of 
Public Economics 206: 104588. 

Freedman, Matthew, Shantanu Khanna, and David Neumark. 2023. “JUE Insight: The Impacts 
of Opportunity Zones on Zone Residents.” Journal of Urban Economics 133, 103407. 

Freedman, Matthew, Noah Kouchekinia, and David Neumark. 2025. “Understanding the 
Employment Effects of Opportunity Zones.” NBER Working Paper 34589. 

Hall, Bronwyn, and John Van Reenen. 2000. “How Effective are Fiscal Incentives for R&D? A 
Review of the Evidence.” Research Policy 29(4-5), 449-469. 

Harger, Kaitlyn, and Amanda Ross. 2016. “Do Capital Tax Incentives Attract New Businesses? 
Evidence Across Industries from the New Markets Tax Credit.” Journal of Regional Science 
56(5), 733-753. 



 

 

Higgins, Matthew, Donald Lacombe, Briana Stenard, and Andrew Young. 2021. “Evaluating the 
Effects of Small Business Administration Lending on Growth.” Small Business Economics 
57(1), 23-45. 

Howell, Sabrina T. 2017 “Financing Innovation: Evidence from R&D Grants.” American 
Economic Review 107(4), 1136-1164. Internal Revenue Service. 2020. “Opportunity Zone 
Frequently Asked Questions.” Technical Report. 

Klapper, Leora, Luc Laeven, and Raghuram Rajan. 2006. “Entry Regulation as a Barrier to 
Entrepreneurship.” Journal of Financial Economics 82(3), 591–629. 

Kortum, Samuel, and Josh Lerner. 2000. “Assessing the Contribution of Venture Capital to 
Innovation.” RAND Journal of Economics, 674-692.  

Lee, Yong Suk. 2016. “Entrepreneurship, Small Businesses and Economic Growth in Cities.” 
Journal of Economic Geography 17(2), 311–343.M16NZD 

Lerner, Josh. 2000. “The Government as Venture Capitalist: The Long-run Impact of the SBIR 
Program.” The Journal of Private Equity, 55-78. 

Lerner, J., 2009. Boulevard of Broken Dreams: Why Public Efforts to Boost Entrepreneurship 
and Venture Capital Have Failed – and What to Do About It. Princeton University Press. 

Nagpal, Aaryav. 2022. “Stimulating Community Investment: A Preliminary Evaluation 
of Opportunity Zones in the City of Chicago.” University of Chicago. 

Neumark, David, and Jed Kolko. 2010. “Do Enterprise Zones Create Jobs? Evidence from 
California’s Enterprise Zone Program.” Journal of Urban Economics 68(1), 1-19.  

Prystai, Andrew. 2024. “Opportunity Zones Are Expiring and Startups Need Congress to Act.” 
Medium, December 6. 

Rupasingha, Anil, and James Davis. 2024. “Early Impacts of Opportunity Zones on Minority and 
Rural Employment.” USDA ERS Paper.  

Sage, Alan, Mike Langen, and Alex Van de Minne. 2023. “Where Is the Opportunity in 
Opportunity Zones?” Real Estate Economics 51, 338-371. 

Sant’Anna, Pedro H.C., and Jun Zhao. 2020. “Doubly Robust Difference-in-Differences 
Estimators.” Journal of Econometrics 219(1), 101-122. 

Shen, Regina. 2024. “Missed Opportunities: The Impact of Opportunity Zones on Small 
Business Development in New York City.” University of Chicago. 

Snidal, Michael, and Guanglai Li. 2024. “The Nonimpact of Opportunity Zones on Home and 
Business Lending.” Housing Policy Debate 34(3), 419-440. 

Tan, Zhiqiang. 2010. “Bounded, Efficient and Doubly Robust Estimation with Inverse 



 

 

Weighting.” Biometrika 97(3), 661-682. 

Theodos, Brett, Brady Meixell, and Carl Hedman. 2018. “Did States Maximize Their 
Opportunity Zone Selections? Analysis of the Opportunity Zone Designations.” Urban Institute 
Brief, May. 

Theodos, Brett, Brady Meixell, and Sophie McManus. 2023. “What We Do and Don't Know 
about Opportunity Zones.” Urban Wire, Urban Institute, March 21. 
https://www.urban.org/urban-wire/what-we-do-and-dont-know-about-opportunity-zones  

Theodos, Brett, and Brady Meixell. 2025. “Opportunity Zones Need to Be Retooled to Achieve 
Impact.” Urban Wire, Urban Institute, May 12. https://www.urban.org/urban-wire/opportunity-
zones-need-be-retooled-achieve-impact. 

U.S. Department of Housing and Urban Development (HUD). 2024. HUD USPS ZIP Code 
Crosswalk Files. Office of Policy Development and Research (PD&R). 
https://www.huduser.gov/portal/dataset/uspszip-api.html 

U.S. Department of Treasury. 2018. “Treasury, IRS Announce Final Round of Opportunity Zone 
Designations.” U.S. Department of Treasury, June 14. https://home.treasury.gov/news/press-
releases/sm0414. 

Van Leuven, Andrew, and K. Aleks Schaefer. 2024. “SBA Lending and the Rural 
Entrepreneurial Ecosystem.” SSRN Working Paper 5022876. 

Van Stel, André, David J. Storey, and A. Roy Thurik. 2007. “The Effect of Business Regulations 
on Nascent and Young Business Entrepreneurship.” Small Business Economics 28(2), 171-186. 

Wessel, David. 2025. “How Did the One Big Beautiful Bill Act Change Opportunity Zones?” 
Brookings Commentary. https://www.brookings.edu/articles/how-did-the-one-big-beautiful-bill-
act-change-opportunity-zones/.   

White-Klososky, Annette. 2019. “How Opportunity Zones Are Helping AI Startups Thrive in 
Low-Income Communities.” Forbes, August 13.  

  

https://www.urban.org/urban-wire/what-we-do-and-dont-know-about-opportunity-zones
https://www.urban.org/urban-wire/opportunity-zones-need-be-retooled-achieve-impact
https://www.urban.org/urban-wire/opportunity-zones-need-be-retooled-achieve-impact
https://www.huduser.gov/portal/dataset/uspszip-api.html
https://home.treasury.gov/news/press-releases/sm0414
https://home.treasury.gov/news/press-releases/sm0414
https://www.brookings.edu/articles/how-did-the-one-big-beautiful-bill-act-change-opportunity-zones/
https://www.brookings.edu/articles/how-did-the-one-big-beautiful-bill-act-change-opportunity-zones/


 

 

Figure 1. Opportunity Zones 

 
Notes: Shaded areas on the map are census tracts designated as Opportunity Zones in 2018. Information 
on Opportunity Zones are from the Community Development Financial Institutions Fund at the U.S. 
Department of the Treasury. 
    



 

 

Table 1. Descriptive Statistics for Opportunity Zones and Control Tracts (Shell) 
 Unweighted ATT Weights 
 Treated 

(OZs) 
Untreated 

(non-OZ LICs) 
Untreated 

(non-OZ LICs) 
 (i) (ii) (iii) (iv) (v) (vi) 
 2013-2017 2018-2022 2013-2017 2018-2022 2013-2017 2018-2022 

Comprehensive Startup Panel Data 
All New Firms       
 log(Startup Count)       

      
 1-year Survival Rate       

      
New Non-Employer Firms       
 log(Non-Emp. Startup Count)       

      
 1-year Transition Rate       

      
New Employer Firms       
 log(Emp. Startup Count)       

log(Emp. Startup Count)       
 log(Emp Count)       

      
 log(Payroll)       

      
Tracts       
Notes: Variables are derived from annual LBD and ILBD for the years specified in each column. Standard deviations in 
parentheses. The year ranges in the column headings refer to the startup cohort year.  

 



 

 

Table 2: Sign and Significance of Preliminary Estimates 
 

log(Startup 
Count) 

1-year 
Survival 

Rate 

log(Non-
Emp. 

Startup 
Count) 

1-year 
Transition 

Rate 

log(Emp. 
Startup 
Count) 

log(Emp. 
Count) log(Payroll) 

 (1) (2) (3) (4) (5) (6) (7) 
 Panel A: Naïve Difference-in-Differences 
Post × OZ +*** -** +*** + +*** + + 
        
 Panel B: Inverse Propensity Weighting 
Post × OZ -*** - - +*** +*** +*** +*** 
        
 Panel C: Doubly-Robust Method 
Post × OZ -*** - - +*** +*** +*** +*** 
        
Tract FE Y Y Y Y Y Y Y 
Year FE Y Y Y Y Y Y Y 
Sample All Startups Non-Employer Startups Employer Startups 
Approx. 
Obs. 
(Tract by 
Years) 

274,000 274,000 261,000 261,000 159,000 159,000 159,000 

Approx. 
Count of 
Firms 

15,050,000 15,050,000 13,610,000 13,610,000 1,051,000 1,051,000 1,051,000 

Notes: The “All Startups” sample is estimated based on positive counts of startups in low-income 
communities eligible for designation in opportunity zones. To maintain consistent samples across the 
three panels, the sample is restricted to low-income communities in which the startup count is positive in 
every pre-period. The “Non-Employer Startups” sample and “Employer Startups” sample are both 
defined analogously, but with the positive count in the pre-period restriction applying to counts of non-
employer and employer startups respectively. Significance calculated using standard errors clustered by 
tract. Year and tract fixed effects are included in the model. * p < 0.1, ** p < 0.05, *** p < 0.01 
  



 

 

Table 3: Sign and Significance of Event Study for Startup Count 
 log(Startup Count) 
 (1) (2) (3) 
 Naïve IPW Doubly-Robust 
2013 × OZ -** - - 
2014 × OZ  -** - - 
2015 × OZ -*** - - 
2016 × OZ - - - 
2017 × OZ Excluded Excluded Excluded 
2018 × OZ +*** - - 
2019 × OZ +*** - - 
2020 × OZ +*** -*** -*** 
2021 × OZ +*** -** -** 
2022 × OZ +*** -*** -*** 
Tract FE Y Y Y 
Year FE Y Y Y 
Sample All Startups 
Approx. 
Obs. (Tract-
Years) 

274,000 274,000 274,000 

Approx. 
Count of 
Firms 

15,050,000 15,050,000 15,050,000 

Notes: The “All Startups” sample is estimated based on positive counts of startups in low-income 
communities eligible for designation in Opportunity Zones. To maintain consistent samples across the 
three panels, the sample is restricted to low-income communities in which the startup count is positive in 
every pre-period. Significance calculated using standard errors clustered by tract. Year and tract fixed 
effects are included in the model. * p < 0.1, ** p < 0.05, *** p < 0.01 
 


