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Abstract

We investigate whether individual politicians can help reduce emotionality and polarization in parlia-
mentary debates. Focusing on the French Third Republic (1880–1914), we study Members of Parlia-
ment (MPs) educated in Jesuit schools (collèges) – institutions combining religious formation with
rigorous scientific, philsophical, and rhetorical training. Using newly digitized data on Jesuit school
enrollments and over one million parliamentary speeches, we identify Jesuit-educated MPs (JeMPs)
and analyze their linguistic and behavioral patterns through text embeddings and large language mod-
els. We find that JeMPs systematically employed less emotional and less polarized rhetoric, em-
phasizing reason and science in their arguments. They also engaged more directly with preceding
speeches, as reflected in greater lexical overlap. We then examine the dynamics within parliamen-
tary debates, where the order of speakers was by and large pre-assigned. Even after controlling for
speaker-discussion fixed effects, we find that JeMP interventions reduced subsequent speakers’ emo-
tionality and polarization. These effects were particularly pronounced during the contentious 1905
Separation of Church and State Law.
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“...every good Christian is to be more ready to save his
neighbor’s proposition than to condemn it. If he cannot save
it, let him inquire how he means it; and if he means it badly,
let him correct him with charity.”

— Ignatius of Loyola (1491–1556), The Spiritual Exercises, Annota-
tion 22 (Loyola, 1914).

1 Introduction

Political polarization has become a defining feature of contemporary democracies. Beyond shaping
the tone and animosity of political discourse, polarization can undermine legislative effectiveness,
weaken institutional checks and balances, and increase policy uncertainty, with negative economic
consequences (McCarty, Poole, and Rosenthal, 2006; Baker, Bloom, and Davis, 2016). A large litera-
ture documents how to measure polarization in political language and traces its evolution in legislative
speech (Gentzkow, Shapiro, and Taddy, 2019), as well as its institutional and electoral underpinnings
(Fiorina and Abrams, 2008). Yet much less is known about whether political actors themselves can
mitigate polarization within legislative arenas. Can certain types of politicians – through their train-
ing, rhetoric, or mode of engagement – act as mediators in polarized environments, moderating debate
and reducing the intensity of partisan conflict?

We examine this question in the context of the French Third Republic (1870–1914), a period
marked by intense ideological conflict between a progressive republican coalition and its conserva-
tive opponents. We focus on members of parliament (MPs) who were educated in Jesuit schools
(collèges), whom we refer to as Jesuit-Educated MPs (JeMPs). Jesuit education combined rigorous
training in theology and humanities, but also in mathematics and the natural sciences, as well as an
extensive instruction in rhetoric. Importantly, students in Jesuit schools practiced formal disputations
designed to cultivate disciplined reasoning and engagement with opposing viewpoints.1 We digi-
tize the complete enrollment registries of Jesuit schools in France from the Archives Jésuites, which
record student names, surnames, and grade-level information. These records cover approximately
70,000 individual students enrolled between 1850 and 1901. We match these student rosters to the
universe of French MPs using detailed biographical information. We identify 284 parliamentarians
with a Jesuit education, representing approximately 8% of the total number of MPs in our sample
period. We then combine this matched dataset with a newly assembled corpus of all parliamentary

1The standardized Jesuit curriculum was codified in the Ratio Studiorum, rooted in the pedagogical principles of
Ignatius of Loyola (1491–1556), who had founded the Society of Jesus in 1540. From the 16th century onward, Jesuits
became one of the most influential teaching orders in Europe, operating a vast network of schools and universities.
Historians of education emphasize the central role of Jesuit institutions in shaping early modern European schooling and
their reputation for intellectual rigor and disciplined pedagogy (see for example O’Malley (1993) and Grendler (1989)).
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debates in France between 1880 and 1914, covering more than one million speeches as well as the
full set of roll-call votes cast during these decades.

We document three main findings. First, using Natural Language Processing (NLP) based mea-
sures of emotionality and polarization, we show that JeMPs’ speeches were systematically less emo-
tional and less polarized than those of other MPs, even within political area and after controlling for
topic as well as speaker and speech characteristics. JeMPs also placed greater emphasis on scientific
reasoning in their interventions. Second, we document evidence that JeMPs affected the debating
style of other legislators. Exploiting institutional features of the Chamber that largely predetermined
the order of speakers within a discussion, we estimate event-study specifications around the first JeMP
intervention. Following a JeMP speech, subsequent interventions became significantly less emotional
and less polarized. These effects persist with speaker-by-discussion fixed effects, ruling out endoge-
nous sorting of less emotional or less polarized MPs into the post-JeMP speaking order. To assess
whether the estimated effects reflect distinctive features of Jesuit-educated MPs rather than generic
characteristics of certain legislators or districts, we implement placebo exercises that assign “placebo
JeMP status” in three ways: i) randomly selected non-Jesuit MPs; ii) the 5% least emotional (or least
polarized) non-Jesuit MPs; iii) MPs elected in the 10% least emotional or polarized départements.
Our results indicate that the moderating influence we document is not replicated by randomly cho-
sen legislators, by MPs with similarly moderate rhetorical profiles, or by representatives from less
polarized electoral environments.

Finally, we examine the 1905 Law Separating Churches and State, one of the most polarizing
reforms of the Third Republic that made secularism the guiding principle of the country. The 1905
Law ended state recognition and funding for any religious affiliation, required worship to be orga-
nized through tightly defined associations, and reallocated many assets of the former worship es-
tablishments to public bodies and local authorities. Despite strong material and ideological reasons
to oppose the reform, JeMPs employed comparatively neutral and less emotional language in this
debate. Moreover, their interventions reduced the incidence of extreme pro-secularization rhetoric
among subsequent speakers without symmetrically amplifying extreme opposition. We further pro-
vide exploratory evidence that JeMP participation in debates reduced pro-secularization votes among
other MPs, consistent with a moderating influence that may extend beyond rhetoric.

Taken together, our findings suggest that depolarization need not rely exclusively on institutional
redesign or shifts in mass preferences. It can emerge endogenously through the composition of the
political elite: when legislators possess training that emphasizes disciplined reasoning, engagement
with opposing viewpoints, and restraint in rhetoric, their participation can moderate deliberation
and attenuate conflict. This highlights a complementary channel through which polarization may
be shaped—not only by institutions or voters, but by the formative experiences of those who hold
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office.
We contribute to several strands of literature. First, we add to the growing body of work mea-

suring political polarization in legislative speech and behavior (McCarty et al., 2006; Bonica, 2014;
Gentzkow et al., 2019). A large literature has developed tools to quantify ideological divergence
in roll-call voting and high-dimensional text data. Our contribution shifts the focus from aggregate
trends to individual-level heterogeneity in rhetorical style and, crucially, to its spillover effects within
debates. Second, our findings speak to the political economy literature on the causes and conse-
quences of polarization. Prior work emphasizes institutional and party-level drivers of polarization
(Fiorina and Abrams, 2008; Moskowitz, Rogowski, and Jr., 2024; Canen, Kendall, and Trebbi, 2020,
2026). This literature primarily analyzes polarization through shifts in party competition and strategic
positioning, rather than through differences in how individual legislators engage in deliberation. We
complement this perspective by showing that even in highly polarized environments, the presence of
certain legislators can measurably affect the rhetoric of others and alter the dynamics of debate.

Third, our paper contributes to research on political communication and elite behavior in polar-
ized environments. Bäck, Carroll, Renström, and Ryan (2023) show that partisan source cues (that
is, attributing an otherwise neutral message to either a voter’s most liked or most disliked party) rein-
force partisan social identities among voters and heighten intergroup differentiation in the electorate;
by contrast, we examine how heterogeneity among elites themselves shapes the tone and dynam-
ics of deliberation within legislative institutions. Henríquez, Sabat, and Sullivan (2023) show that
cross-party “likes” among Chilean deputies are positively associated with subsequent cross-coalition
voting, interpreting such interactions as costly signals of ideological agreement. Whereas they study
strategic signaling between legislators in social media and its relationship to roll-call behavior, we
examine how exposure to particular types of legislators shapes the tone and dynamics of deliberation
within parliamentary debate itself. Fishkin, Siu, Diamond, and Bradburn (2021) document substantial
reductions in both issue-based and affective polarization following structured, balanced cross-partisan
discussion in a national deliberative field experiment (“America in One Room”). Their findings sug-
gest that exposure to institutionalized, balanced deliberation can moderate political attitudes. Simi-
larly, Doornbosch, van Vuuren, and de Jong (2025) examine three facilitated bipartisan face-to-face
dialogues among U.S. members of Congress and identify communicative strategies – such as em-
bracing multiple frames and foregrounding superordinate identities – that foster convergence across
ideological and identity divides. Relatedly, Downey, Kuk, and Nanes (2024) provide experimental ev-
idence that affective polarization is sustained in part by voters’ misperceptions about how well their
issue positions align with those of their co-partisans. The authors show that correcting these inac-
curate beliefs reduces partisan affect, suggesting that polarization can be mitigated when individuals
recognize cross-cutting issue misalignment. The results from these three papers are consistent with
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the idea that systematic training in rhetoric and awareness/engagement with opposing views – such
as that received by Jesuit-educated MPs – may foster moderation. We investigate this effect in a natu-
ral legislative setting, where deliberation unfolds naturally within an actual parliament rather than in
structured deliberative settings. We identify a specific group of politicians whose background predicts
a systematic moderating influence on debate – even during one of the most contentious reforms of the
period.

Fourth, a growing literature examines the formation and selection of political elites, highlighting
how educational and career pathways shape who enters politics and how they govern once in office.
Bó, Finan, Folke, Persson, and Rickne (2017) show that individuals with higher ability and stronger
earnings potential are more likely to enter politics when the returns to office increase. At the same
time, education shapes civic engagement and political behavior more broadly (Milligan, Moretti, and
Oreopoulos, 2004), and the content of schooling influences long-run ideological beliefs (Cantoni,
Chen, Yang, Yuchtman, and Zhang, 2017). State leaders’ educational backgrounds affect governance
outcomes and reform behavior (Besley, Montalvo, and Reynal-Querol, 2011; Dreher, Lamla, Lein,
and Somogyi, 2009). This literature suggests that education shapes how politicians behave in office,
suggesting that distinctive training environments (in our case, Jesuit schools) can influence the style
and tone of legislative deliberation.

Finally, our historical setting contributes to the literature on the development of democratic institu-
tions and legislative deliberation. The French Third Republic provides a highly polarized environment
characterized by deep conflicts over secularization, church–state relations, and republican reform. By
assembling a comprehensive corpus of parliamentary speeches and roll-call votes and linking them to
individual-level educational backgrounds, we provide new large-scale evidence on deliberation in a
foundational democratic period. Our analysis complements work emphasizing the importance of elite
norms and informal institutions in sustaining democratic stability (Levitsky and Ziblatt, 2018) and the
role of communicative practices in shaping democratic legitimacy (Habermas, 1996). It also connects
to empirical studies of legislative speech showing that linguistic patterns predict legislators’ ideolog-
ical positions, highlighting the informational content of parliamentary rhetoric (Diermeier, Godbout,
Yu, and Kaufmann, 2012). More broadly, the paper suggests that the structure of democratic debate
is shaped not only by formal rules and electoral incentives, but also by the intellectual traditions and
formative training of those who hold office.

2 Historical Background
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2.1 Jesuits in France

At the beginning of the 18th century, the Society of Jesus was highly influential in France (van Kley,
1975). Jesuits ran a large network of schools (collèges) across the country and provided a high-quality
education for “future leaders of French society” (Thompson, 2018). This was based on rigorous train-
ing in humanities, rhetoric, theology, but also in sciences and mathematics. The Jesuits’ contribution
to sciences is well-known, especially during the Enlightenment era. A prominent example is the Jesuit
mathematician and physicist Louis-Bertrand Castel (1688–1757). Castel, who entered the Jesuit order
in 1703, was a prominent Paris-based intellectual and served as science editor of the Jesuit Journal

de Trévoux.2 He wrote on physics and universal gravity, proposed the famous “ocular harpsichord,”
while engaging in a critique of Newton’s spectral description of prismatic color.3

The Jesuit school network was influential not only because it shaped elite formation, providing its
students with a humanistic and scientific training, but also because it created a nationally-connected
community that many contemporaries often perceived as a rival source of authority to the crown, or
later to the republican state. This perception partly contributed to a strong anti-Jesuit campaign in
the early 1760s and to the later ban of the order in 1764.4 The expulsion of Jesuits from the country
lasted until 1814, when the Society of Jesus was permitted to return to France.

After a fragile rebuilding of the Jesuit school network, which suffered an additional closure in
1828, it was the 1850 Falloux Law that legitimated and expanded the space for non-state school-
ing and triggered the emergence of a longer-term and flourishing community of Jesuit educational
institutions.Among these were the famous Collège de l’Immaculée-Conception (commonly called
Vaugirard) and the Ecole Sainte-Geneviève de la rue des Postes (Langdon, 1978).5

A new attack against the Society of Jesus came with the Republican government. After the Franco-
Prussians wars and a short period dominated by conservative and monarchist forces (1870–1876),
from 1877 onward, the political equilibrium shifted toward the progressive reforms implemented by

2The Journal de Trévoux (Mémoires de Trévoux) was a scientific journal, founded in 1701 and run largely by Jesuit
editors. It published critical reviews of contemporary books across “sciences & beaux-arts” (and broader learned culture).
See https://artfl-project.uchicago.edu/journal-de-trevoux for an overview.

3Another example of a prominent Jesuit scientist is Antoine Gaubil (1689–1759), a leading astronomer who bridged
between the Chinese and European scientific traditions, representing an important example of the Jesuit role in transcon-
tinental scientific communication.

4The precipitating event was a scandal involving a Jesuit missionary in the French Caribbean, Father Lavalette. In
1761–62, the magistrates, under the strong influence of the Jansenists, claimed that the Jesuit principles were incompatible
with the laws and traditions of the kingdom, thus suppressing the Jesuit collèges and requiring members of the order either
to abjure their vows or to depart from French territory. Unable to effectively counter the decisions of the magistrates, Louis
XV ultimately ratified the ban in 1764 (Vogel, 2010).

5The Collège de l’Immaculée-Conception was founded in Paris in 1852. Its nickname comes from its location on the
rue de Vaugirard. It soon represented the flagship of the Jesuit collèges as the first school being established in Paris after
1850. The Ecole Sainte-Geneviève de la rue des Postes was particularly well-known for providing a post-baccalauréat
instruction and its students had an extremely high admission rate at the grandes écoles.
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the Republicans. One of the main objectives was the redefinition of the role of religion in public life
toward building a secular state.6 Secularization laws were poised to grant the State full control over
education. This was intended as a means to ensure cohesion and unity of the citizens beyond any
past ideological divisions (Mayeur, 1981). However, to achieve this goal, Republicans had to weaken
and dismantle their main competitors in the training of the French youth, i.e., the entire network
of Catholic schools. Following the exemplary 1882 Jules Ferry Education Act, most secularization
reforms addressed all Catholic institutions.7 However, in some cases, laws were specifically directed
against the Jesuits. For instance, the Ferry administration, orchestrated another attempt to finally expel
all Jesuits from France and to close their collèges.8 What drove this anti-Jesuit sentiment, despite their
large contribution to the training of the upper-tail human capital of the country? Not too differently
from the anti-Jesuit spirit at the beginning of the 19th century, Jesuits were criticized “for the tendency
to mobilize youth to their goal of state domination” (Doyle, 2017) and for training the Catholic elite
of the time to cover important governmental positions, so that “the whole state bureaucracy, [...] was
under siege by Jesuit affiliates” (Bush, 1975, p. 127).

The attempt to close all Jesuit collèges was not as effective as initially planned by the Republicans.
Many schools were reorganized or reconstituted through alumni support and lay intermediaries.9 By
the early 1890s, the vast majority of Jesuit collèges became again fully operational, managing to
recruit a large set of students (Bush, 1975). The definitive closure took place with the 1901-1904 Lois

Anti-congreganistes, when thousands of religious schools were closed – and the Jesuit collèges shared
the same fate.10 The secularization policies culminated in the 1905 Law “Concerning the Separation
of Churches and State,” which firmly enshrined the principle of laïcité in France.11

6This was accompanied by a broader package of “Republican laws,” which covered, for instance, freedom of the press,
and freedom to form trade unions.

7The 1882 Jules Ferry Education Act is considered a milestone of the secularization program promoted by the Repub-
lican government that made primary education mandatory, free, and secular (see Squicciarini, 2020).

8As Jules Ferry himself puts it, in one of his speeches at the Chamber of Deputies, in 1879: “In education it’s these
[Jesuits] who give the tone; it’s these who furnish the example for others; these who enjoy the success...who serve as
model for all the ecclesiastical establishments,” justifying the particularly strong opposition against the order.

9For the Vaugirard school, “under the supervision of Monseigneur D. Forges, Bishop of Ténarie and former auxiliary
to Cardinal Brossais-Saint-Marc, Archbishop of Rennes, lay teachers provided the instruction; and a board of administra-
tion made up of former pupils and chaired by Monsieur Édouard Lefébure managed and oversaw everything relating to
financial upkeep. As political passions gradually seem to subside, priests and scholastics of the Society reappear in the
teaching posts of the classes and in those of advanced studies” (our translation from Delattre, 1949, pp. 1384–1385).

10The Law of July 1901 dissolved religious congregations, and the law of July 1904 prohibited all religious congrega-
tions from teaching, requiring congregational schools to close within ten years, and preventing the creation of any new
congregational teaching institutions (Harrigan, 2001).

11We provide further details on the 1905 Law in Section 4.4.
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2.2 Jesuit Collèges in the 19th Century: Organization and Pedagogy

Starting with the 1850 Falloux Law, the number of Jesuit collèges increased significantly over time,
reaching a total of 30 institutions in operation between 1850 and 1905 (including three in Paris).
Figure 1 shows the evolution of Jesuit collèges over our period, and Figure FIG: Map Location Jesuit
Schools depicts their distribution across French departments.

Jesuit collèges typically enrolled students aged 8 to 18. Recruitment was addressed to relatively
high-social-status families, but tuition cuts or scholarships were often granted to lower-income stu-
dents. Tuition was comparable to that of secular lycées but generally higher than in non-Jesuit ec-
clesiastical schools (Bush, 1975).12 Jesuit students were disproportionately successful in terms of
educational achievement. For instance, their success rate in the baccalauréat examination was sig-
nificantly higher than the national average. Even more strikingly, although they comprised only 5%
of total secondary school enrollment, they accounted for 14.4% of students admitted to the grandes
écoles between 1892 and 1901 (Bush, 1975).

Pedagogically, the curriculum, principles, and teaching methods of the Jesuit collèges were codi-
fied in the 1599 Ratio Studiorum, the comprehensive educational code of the Jesuit order. The Jesuit
school curriculum blended intensive study of theology and the humanities with strong preparation in
mathematics and the natural sciences, along with thorough training in rhetoric. A key feature of Je-
suit education was the practice of formal disputations, through which students developed disciplined
reasoning and engagement with opposing viewpoints.

In particular, the first years of Jesuit education were devoted to an immersion in classical letters
and humanities. Then, students entered a three-year philosophy course, which, following the 1599 Ra-
tio, included logic, physics, and astronomy together with methaphysics and philosphy. Additionally,
mathematics was a core subject, to be studied daily by students in the second year of the philosophy
course (Farrell, 1970). This structure and emphasis on sciences is evident also in the school curricula
of French collèges in the 19th century. As an example, we provide the curriculum of the Jesuit school
in Vannes in Figure 3. A second distinctive feature of Jesuit education was the emphasis on rhetoric.
Its study was based on canonical authors – especially Cicero and Aristotle – combined with structured
reading lists and stylistic training, including tropes, figures, and rules of style (Schwickerath, 1904).

The strong emphasis placed on disputation and rhetorical training in Jesuit education can be traced
back to Ignatius of Loyola (1491–1556), the founder of the Society of Jesus. In The “Spiritual Exer-
cises,” Ignatius articulated a pedagogical and spiritual method grounded in disciplined argumentation.
Our opening quote of Ignatius’ Paragraph 22 (on top of Section 1) captures the key characteristics of
Jesuit pedagogy and rhetoric: the defense of truth and the insistence that such defense be conducted

12Tuition ranged from 1000 to 1600 francs for boarding students in Paris and from 800 to 1100 francs in the provinces
(Bush, 1975). This corresponds roughly to the average annual income at the time.

7



with intellectual honesty and respect. This approach was formally institutionalized in the Ratio, which
considers disputation among students as a central pedagogical practice, especially for the classes of
theology and philosophy. The Ratio prescribed a specific ethos for argumentative engagement. An-
other illustrative quote is: “In arguing debatable questions, he should defend his view with such mod-
esty and courtesy as to show respect for the contrary view...When it is possible to reconcile diverse
views, an attempt should be made to do so” (Farrell, 1970, p. 26). Disputation was, thus, conceived
as a disciplined exercise in reasoning, persuasion, and in the reconciliation of differing perspectives.
The impact of this disputation tradition is evident in other Jesuit initiatives, such as the Conférence
Olivaint. Founded in Paris in 1874, the Conférence Olivaint was a Jesuit student association, ded-
icated to political discussion and debates with public figures. Meetings were held weekly, and it
represented a natural extension of the pedagogical model into the political sphere. Interestingly, the
association continues to exist today (www.conferenceolivaint.fr) and, despite not being run by Jesuits,
it continues to engage with contemporary political and intellectual life.

3 Data

Our analysis relies on three main sources of the data. First, we digitize the enrollment registries
of Jesuit schools in France from 1850 to 1901. Second, we digitize the universe of parliamentary
speeches for the French Third Republic from 1881 to 1942. Third, we use individual level data on
all MPs during the Third Republic with detailed biographical information. In the remainder of this
section, we describe each of these sources, and how we link them together. The final output is a
dataset of parliamentary speeches where each speaker, whenever elected as a member of parliament
is associated with key personal and political characteristics, among which, importantly, whether they
were educated in a Jesuit school. More details on the data construction are provided in Appendix A.

3.1 Jesuit students

Data on students enrolled in Jesuit schools in France are available at the Archives Jésuites in Vanves,
near Paris13, which preserve enrollment registries for 30 of the 32 Jesuit schools that operated in
France between 1850 and 1901.14 The student registers are preserved in 142 separate documents
dating from 1850 to 1901. For 37 of these documents, only the handwritten (hereafter HW) version
has survived. Figure A.1 in Appendix A.1.1 illustrates the student registry for school year 1885-86
at the Collège de l’Immaculée-Conception, located in Rue de Vaugirard in Paris. As in this example,
registers from each Jesuit school typically report the list of students enrolled by school year along
with additional information on each student’s grade, section, division (a group of students spanning

13See https://www.jesuites.com/contact/bureaux-archives-jesuites for an overview.
14The archives lack documentation for the schools in Montauban and Mende, part of the Province of Toulouse, as well

as for those in Algiers and Oran, located in colonial Algeria and associated with the Province of Lyon.
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multiple grades who shared the same boarding facilities), and boarding status. As an exception to the
standard format, eight documents report only the name and year of entry for students.

For printed school registries, our digitization process consists of four main steps: (1) We manually
scan all front pages, legends, and pages reporting the lists of students in alphabetical order; (2) We
perform Optical Character Recognition (OCR) on each document using Google Document AI.15 (3)
We parse and standardize the OCR output to harmonize column types (e.g., name, student number,
class, year of entry) despite substantial variation in formatting. (4) With the help of research assis-
tants, we manually reviewed all final Excel files to identify and correct potential OCR errors. For
handwritten (HW) documents, we enter the data manually for the entire document. At the end of this
process, we obtain a dataset with 268,216 student records. Some of these records belong to the same
student observed in multiple school years, while others refer to students who appear only once in the
dataset along with their year of entry at their school.

We then reconstruct the school histories of Jesuit-school students based on their names and the
years during which they appear in the records. The main objective is to determine the earliest and
latest years during which each student attended a Jesuit school. This information, in turn, helps us
estimate the student’s age, which is ultimately needed to match student records to parliamentarians.
Concretely, we begin by constructing the variables ymin

r and ymax
r for each record r as follows: (i) if

the document reports the school year in standard format, e.g., 18XX–18(XX+1), we assign 18XX to
ymin
r and 18(XX+1) to ymax

r ; (ii) if the document only reports the year of entry, we assign this value
to both ymin

r and ymax
r . We then implement an iterative procedure that merges records into student-

level clusters and updates implied enrollment windows accordingly. In each round, we link records
whose current enrollment intervals overlap within a four-year window and whose names match under
a conservative fuzzy criterion. The procedure iterates until no further links are formed 16. As a final
step, we use class information reported in the original documents, whenever available, to estimate
the age of each student. As a first step, we harmonize class codes across schools and years using the
legends provided in the school registries (see Figure A.2). At Jesuit schools, following the French
school system of the time, grades ran in reverse order, with Rhétorique corresponding to the final year
of the standard curriculum (coded as grade 1, and corresponding to grade 12 in modern terminology).
Entry-level grades at Jesuit schools varied: while some schools began at grade 7 (i.e., grade 6 in
today’s upward-counting terminology for school years), others offered preparatory courses starting as
early as grade 9 (corresponding to modern grade 4), approximately at age 8. Accordingly, we then
estimate the implied age for each record r using the formula: Ager = 8 + (9−Grader).

15A key advantage of Google Document AI is its ability to detect and preserve the tabular structure of the pages.
16Further details on the linkage procedure are provided in Appendix A.1.2
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3.2 Parliamentary Speeches

The transcripts of parliamentary debates of the French Third Republic were published in the official
gazette (Journal officiel de la République française) for both the Chamber of Deputies (Chambre

des députés) and the Senate (Sénat). These publications are available online in PDF format on Gal-
lica, the digital repository of the French National Library17. While the Journal officiel issues had
a three-column structure, some pages embed numerical tables that disrupt the three-column layout.
Because OCR software may fail to reliably detect column breaks, we use Detectron2 image detection
algorithms to segment each page into text columns/blocks and tables, and then apply Google Cloud
Vision for optical character recognition on each detected text region.18

Next, we split the digitized transcripts into parliamentary sittings, agenda items, and individual
speeches. First, we separate distinct sittings within each transcript document (when Parliament met
multiple times on the same date, the corresponding record typically reports all sittings). Second, we
partition each sitting into consecutive sections of the debate—hereafter, discussions—each centered
on a specific issue or bill that Parliament was called upon to examine. Finally, we split each dis-
cussion into individual speeches. We leverage procedural and stenographic conventions that recur
throughout the study period to construct regular-expression patterns that identify sitting boundaries
and discussion headers, and extract individual speeches along with the reported name of the speaker.19

4 Text Analysis and Empirical Results

In this section, we first describe how we construct our main measures of emotionality and polariza-
tion in parliamentary discourse. We then examine how Jesuit-educated MPs differed in their speech
patterns and how they affected other speakers during parliamentary debates.

4.1 Text Analysis of Parliamentary Speeches

This section describes how we derive emotionality and polarization scores from speeches in the
French Parliament. First, we preprocess the text to harmonize case and accents and retain only infor-
mative word stems. Second, we train a Word2Vec model and perform a Latent Dirichlet Allocation
(LDA) topic analysis. Finally, we use these techniques to assign emotionality and polarization scores

17See https://gallica.bnf.fr. While Gallica provides an OCR-generated text version, we found that OCR errors were too
frequent to allow the reliable parsing of individual speeches; we therefore re-digitize the documents from scratch to obtain
a higher-quality text extraction.

18See Appendix Section A.3 for more details. Detectron2 is an image detection library developed by Facebook AI, see
https://github.com/facebookresearch/detectron2. For information on Google Cloud Vision, see https://docs.cloud.google.
com/vision/docs/ocr.

19For example, the President of the Chamber announces the start of proceedings with the formula la séance est ouverte.
Each agenda item is introduced by an uppercase header. Each intervention then starts on a new line—typically after a
period or an uppercase header—and the speaker is introduced by “M.” followed by a surname and a period. See Figure
A.4 and Appendix Section A.3 for more details.
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to each speech.

Preprocessing. We preprocess parliamentary speeches to reduce dimensionality (Gentzkow, Kelly,
and Taddy, 2019). First, we assign part-of-speech tags and retain only adjectives, adverbs, nouns,
and verbs. We then normalize tokens by removing accents, converting text to lowercase, stripping
punctuation and digits, and keeping only alphabetic strings. Finally, we apply the Porter2 stemming
algorithm (SnowballC) to reduce words to their morphological roots (Porter, 2009). We further
remove uninformative language by dropping short tokens (fewer than three characters), filtering out
rare words (appearing in five or fewer documents or ten or fewer times in the corpus), and removing
French stopwords using a custom list.20 Because parliamentary debates contain a large amount of
procedural discourse, we also remove procedural words following Gentzkow et al. (2019). To do so,
we digitize the Rules of Procedure (Règlements) of the Chamber and Senate during the Third Republic
(Bonnard, 1926), use an auxiliary Word2Vec model to embed these terms, construct a frequency-
weighted “procedural” centroid, and drop the bottom 1% of words in the speech corpus ranked by
cosine distance to this centroid.21 After these steps, we retain 1,468,790 speeches with nonempty
text.

Word Embeddings and Topic Analysis. We train a Word2Vec model on the resulting corpus using
gensim (Mikolov, Sutskever, Chen, Corrado, and Dean, 2013), with 300 dimensions and a context
window of 8 words, yielding vector representations for all tokens. We then compute a document
embedding for each speech as an inverse-frequency-weighted average of its word vectors. For speech
Di, the document vector is

d⃗i =
1

|Di|
∑
w∈Di

α

α + p(w)
w⃗, (1)

where w⃗ is the vector representation of word w, p(w) is its relative frequency in the corpus, and
α = 0.001 (Gennaro and Ash, 2022).

We extract latent policy domains via unsupervised topic modeling. Specifically, we apply La-
tent Dirichlet Allocation (LDA) (Blei, Ng, and Jordan, 2003) and assign each speech to its highest-
probability topic. Our preferred specification uses 20 topics, which map closely to major policy
domains (e.g., schooling, labor, military affairs; Appendix Figure A.7).22 Second, we construct two
speech-level measures: emotionality and polarization.

20We start from the French stopword list in the stopwords package and supplement it with days of the week, months,
names of French départements, and additional low-information terms (e.g., faire, parl, temps, nombre).

21Operationally: (i) we preprocess the Règlements using the same pipeline (except POS tagging); (ii) we train an
auxiliary Word2Vec model on the full speech corpus; (iii) we compute a frequency-weighted centroid of procedural
terms; (iv) we compute cosine distances between each vocabulary word and this centroid; and (v) we remove the 1% most
similar words. Appendix Figure A.6 illustrates the resulting procedural lexicon.

22We estimate the LDA using the topicmodels package with Gibbs sampling, following standard choices for priors
and convergence diagnostics; see Appendix Section B.4 for full details.
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Emotionality and Polarization. To measure emotionality, we follow Gennaro and Ash (2022) and use
the French LIWC dictionaries (2007 release) to define lists of affective and cognitive terms (Tausczik
and Pennebaker, 2010). We refine these dictionaries by expanding wildcards (via WordNet lem-
mas), removing overlaps across categories, trimming semantically distant terms, applying the same
normalization and stemming as for the corpus, and removing stopwords. We then compute inverse-
frequency-weighted centroid vectors for the emotional and cognitive dictionaries, denoted E and C,
and define the emotionality score of speech i as

escorei =
sim(d⃗i,E) + 1

sim(d⃗i,C) + 1
, (2)

where sim(·, ·) denotes cosine similarity. Higher values indicate language that is relatively closer to
affective content than to cognitive content (Appendix Figure A.8).

To measure polarization, we adapt the methodology of Gennaro and Ash (2022) to capture parti-
sanship in political speech during the French Third Republic. Because no exogenous dictionaries of
ideologically charged language exist for this context, we construct left- and right-wing lexicons from
our own data using speeches by MPs classified as left- or right-aligned. Moreover, since polarized
language likely varies across policy domains and over time, we allow these lexicons to be year- and
topic-specific. For each year-topic group g, we compute inverse-frequency-weighted centroid vectors
of left- and right-wing discourse, Lg and Rg, excluding the president of the chamber and members of
government. For a speech i in group g, we compute a right-wing alignment score

rscorei =
sim(d⃗i,Rg) + 1

sim(d⃗i,Lg) + 1
, (3)

and define the polarization score as the absolute deviation of this alignment from the group median:

pscorei =
∣∣ rscorei −median(rscore)

∣∣. (4)

This measure captures how far a speech departs from the median rhetorical position in that year-topic
debate, whether toward the left or the right (Appendix Figure A.9).

Support for Secularization Policies. In our empirical analysis, we provide a case study on the role of
JeMPs in the parliamentary debates on the Law of Separation of churches and the State, widely re-
garded as one of the most contentious reforms of the French Third Republic and an ideal laboratory to
investigate the role of moderators. These debates comprise 12,010 speeches delivered from February
to July 1905 in around 60 distinct parliamentary discussions.
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One key advantage of focusing on a single piece of legislation is that roll-call votes allow us to
observe each MP’s stance on the bill. We leverage this information to construct novel text-based mea-
sures of support for, and opposition to, secularization. First, we identify MPs who voted consistently
in favor of the Secularization Law and MPs who voted consistently against it in both the first and final
roll-call votes, thereby excluding MPs who changed position (and may have shifted their language)
during the debate. We then build two dictionaries from the speeches of these pro-secularization and
anti-secularization MPs and represent each dictionary by its centroid in the word-embedding space,
denoted P (pro-law) and A (anti-law). For each speech Di with embedding di, we compute our
pro-secularization score as

proscorei =
sim(di,P) + 1

sim(di,A) + 1
,

where sim denotes cosine similarity. In analogy with the emotionality and polarizations scores, this
score captures how closely a speech aligns with the rhetoric of MPs supporting the law relative to the
rhetoric of MPs opposing it.

In the context of this case study, the sample size also allows us to complement this measure with
a large language model (LLM) assessment of each speech’s pro-secularization. Specifically, we ask
chatGPT to score the intensity of support for the Separation law on a five-point scale, with values -2
(strongly against), - 1 (moderately against), 0 (neutral), 1 (moderately in favor), and 2 (strongly in
favor), allowing for missing values in case of purely procedural or irrelevant interventions. To help
the model interpret nuances and implicit references, we include in the prompt, alongside the target
speech, up to four immediately preceding speeches from the same discussion, as well as small set of
illustrative examples. We iteratively refined the prompt using a random sample of manually classified
speeches, and then evaluated its performance on a separate random validation sample, achieving an
accuracy rate of 85%.

4.2 Cross-Sectional Results: Jesuit-Educated MPs Debate Differently

We begin by examining differences in rhetorical style between JeMPs and other legislators. We use
the following specification:

yist = β0 + β1JeMPs + γXist + δt + εist, (5)

where yist is our measure of emotionality or polarization for speech i delivered by speaker s at date
t, and JeMPs indicates whether the speaker was educated in a Jesuit school. The vector Xist includes
controls for the speaker’s institutional role, speech characteristics and individual characteristics that
may shape speech content, δt are year fixed effects to absorb common shifts in rhetoric over time, and
εist is an error term. Hence, the coefficient of interest, β1, reflects the average gap in emotionality or
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polarization between JeMPs and other legislators, conditional on a rich set of observables.
Emotionality. Table 1 presents the results for the (standardized) emotionality score and shows that
JeMPs use systematically less emotional language than other MPs. Across all specifications, the
coefficient β1 is negative and precisely estimated. In the baseline specification with speaker-role
controls and year fixed effects (col. 1), JeMP speeches are about 2% of a standard deviation less
emotional. This gap widens to roughly 5% of a standard deviation when we add an indicator for
discussions that feature at least one JeMP speaker (col. 2), alleviating the concern that JeMPs sort
into inherently low-emotional discussions. The estimated gap is essentially unchanged when we
additionally control for speech length (col. 3), and it persists, though slightly attenuated, even after
adding topic fixed effects (col. 4), fixed effects for the speaker’s age and occupation (col. 5), and fixed
effects for political affiliation and department of election (col. 6).23

Polarization. Table 2 reports the analogous specifications for the polarization score and shows that
JeMPs use systematically less polarized language than other MPs. Again, the JeMP coefficient is
negative and precisely estimated across all columns. In the baseline specification with speaker-role
controls and year fixed effects (col. 1), JeMP speeches are about 2% of a standard deviation less
polarized - similar to the magnitude we find for emotionality. This pattern remains robust even in the
most demanding specification with additional controls for discussion type, speech length, discussion
topic, age and occupation fixed effects, as well as political affiliation and departement-of-election
fixed effects.

Overall, Tables 1 and 2 establish a robust pattern: JeMPs adopt a systematically less emotional
and less polarized rhetorical register, even after netting out the role of topic choice, age, occupation,
department of election, and political affiliation. This evidence aligns with the distinctive environment
to which JeMPs were exposed during their formative years. As discussed in the historical background
(Section 2), Jesuit education combined rigorous training in philosophy and rhetoric with structured
disputation – explicitly training students to engage opposing viewpoints constructively – and empha-
sized the integration of theology and scientific inquiry. To further corroborate this mechanism, we
examine whether JeMP speeches are differentially framed around religion and science. Specifically,
we use our word embeddings to measure the proximity of each speech to the semantic fields associ-
ated with the concepts “religion and “science”, and we use these proximity measures as dependent
variables in equation (5).
Proximity to Religion and Science. Table 3 examines the extent to which JeMPs referred to religion

23The number of observations drops from column 5 to column 6 in Tables 1, 2, and 3 because some speakers could not
be matched to an elected member of parliament and therefore have missing biographical information. The sample shrinks
further in column 6 because some government members who speak in the Chamber were elected to the Senate; for these
speakers, we observe age and occupation but lack our detailed coding of political affiliation.
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(cols 1-3) and science (cols 4-6) in their speeches. The dependent variable captures the proximity
of each speech to the concepts religion and science in our main word-embedding space. Figure 4
displays word clouds of the terms most closely associated with these concepts in our corpus. For
religion, we find ambiguous results: JeMPs refer slightly more to religion when we only include
our standard set of controls (col 1). However, this appears to be driven by their greater participation
in debates in which religious issues were particularly salient, as the coefficient becomes zero when
we control for topic fixed effects in col 2. When we add further speaker-specific controls on age,
occupation, origin, and party (col 3), the JeMP coefficient becomes significantly negative. This sug-
gests that within their political party, JeMPs referred less to religion than their fellow party members
of similar background and age. In contrast, we find a coherent pattern of JeMPs using more sci-
entific language across all specifications. We conclude that, among MPs with similar personal and
political backgrounds, and conditional on the topic of a debate, JeMPs used less religious and more
scientific language. One interpretation is that Jesuit-educated MPs deliberately avoided explicit re-
ligious appeals in parliamentary debate, instead framing arguments in scientific and rational terms
that carried broader legitimacy in an increasingly secular and polarized political environment. Rather
than mobilizing confessional rhetoric, they may have translated religious or moral commitments into
universalistic, evidence-based arguments. This rhetorical strategy would be consistent with their mod-
erating influence in debate, as secular and scientifically framed language may have lowered the risk
of partisan escalation and facilitated engagement across ideological lines.
Engaging with Preceding Speakers. Finally, Table 4 examines whether JeMPs differed from other
MPs in the extent to which they engaged with preceding speakers. The dependent variable is the
Jaccard index, a measure of lexical overlap, between each speech and the preceding speech.24 Across
all three specifications – baseline controls, topic fixed effects, and additional speaker-level controls –
we find that JeMPs were significantly more likely to refer to and respond directly to the immediately
preceding intervention. This pattern holds within parties and conditional on debate topics, indicating
that JeMPs were systematically more engaged in ongoing exchanges than their fellow legislators. By
explicitly acknowledging and addressing prior arguments, JeMPs may have transformed debates from
parallel monologues into structured interaction, thereby limiting rhetorical escalation. We therefore
turn next to examine whether JeMP interventions led to measurable reductions in emotionality and
polarization among subsequent speakers.

24More generally, the Jaccard index measures the similarity between two sets and is defined as the size of their inter-
section divided by the size of their union. In our context, it equals the number of unique words shared by two speeches
divided by the total number of unique words across both speeches. Because the measure is mechanically normalized by
the combined vocabulary size of the two speeches, it is independent of speech length; we therefore omit speech length as
a control in Table 4.
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4.3 Event Studies: Jesuit-Educated MPs Influenced Political Debates

Having established that JeMPs adopt a more rational, neutral, and science-oriented rhetorical style, we
next ask whether this distinctive register can shape the dynamics of parliamentary debates, reducing
their emotional tone and intensity of partisan conflict. To address this question, we implement an
event-study design that exploits the timing of the first JeMP intervention within a discussion. Our
main specification includes speaker × discussion fixed effects, which absorb all determinants of a
speech rhetorical style that are fixed for a given speaker within a given discussion. As a result,
identification of the event-time coefficients comes from within-speaker changes in emotionality or
polarization within the same discussion, comparing speeches delivered before versus after a JeMP
takes the floor. More specifically, we use the following specification:

yisd =
∑

k∈{−5...+5}
k ̸=−1

βkDi,t−k + γXisd + αsd + εisd (6)

where yisd is the emotionality or polarization score for speech i delivered by speaker s in discussion d,
and Di,t−k is an indicator that speech i occurs k speech turns relative to t, the first JeMP intervention in
discussion d. The control vector Xisd includes quartiles of speech length, an indicator for procedural
speeches, as well as fixed effects for the speaker’s speech count within a discussion (i.e., whether the
speech is the speaker’s 1st, 2nd, 3rd,...intervention), to flexibly absorb systematic patterns in rhetoric
over the course of a debate. Finally, the term αsd denotes speaker × discussion fixed effects, and εisd

is an error term. The key identification assumption is that the error term – i.e., the unobserved factors
that affect the speech tone – are not systematically correlated with the timing of the JeMP entry.

The main objects of interest are the event-time coefficients βk. The post-JeMP coefficients (k ≥ 0)
trace out the dynamic response of emotionality or polarization following JeMP entry. The pre-JeMP
coefficients (k < 0) provide a falsification test, allowing us to assess the presence of pre-trends in
rhetorical style closely preceding the JeMP intervention. We omit the dummy for k = −1 (the speech
immediately preceding JeMP entry), so all βk are interpreted relative to that baseline.

Figure 5 reports the event-study estimates for the standardized emotionality score. The x-axis in-
dexes speech order relative to the first JeMP intervention (t = 0), and the y-axis plots the estimated βk

coefficients from equation (6), along with 90% confidence intervals, relative to the omitted category
k = −1. Two main patterns emerge from the figure. First, following the JeMP speech the emotional
tone of the parliamentary debate declines markedly for five speaking turns, reaching a trough of about
6.5 percent of a standard deviation at t + 4. While emotionality becomes to fall already at t + 1,
the post-JeMP coefficients are statistically significant at the 90% confidence level from t+ 2 through
t + 4. Second, all the pre-JeMP coefficients are statistically indistinguishable from zero, indicating
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that JeMPs do not systematically intervene at particular stretches of parliamentary debate when the
emotional intensity of the discussion is already trending upward or downward.

Figure 6 reports the analogous results for the polarization score. We again find a marked decline
immediately after the JeMP intervention. The depolarizing effect is sizeable, with estimates ranging
from 5 percent of a standard deviation at t + 1 to 9 percent of a standard deviation at t + 5. As in
Figure 6, none of the pre-JeMP coefficients are statistically different from zero.

Reassuringly, there are no pre-trends in Figures 5 and 6, suggesting that JeMPs did not enter the
debate when it was already on a trajectory to become less emotional or polarized. In addition, we view
the concern that JeMPs may have strategically timed their interventions unlikely for several reasons.
First, speaking order was to a large extent predetermined by parliamentary procedure, limiting the
scope for fine-grained strategic timing. Second, even if speakers had substantial discretion, it is not
clear how JeMPs would have systematically forecast sudden changes in rhetorical tone at such short
horizons, especially given the flat pre-trends and the rich set of controls included in the specification.
In particular, note that our use of speaker-discussion fixed effects renders it impossible that JeMPs
could have forecast the waxing and waning of debating styles based on the next speaker on the agenda.
Finally, even if JeMPs could time their interventions around sudden declines in rhetorical heat and had
incentives to do so, rationalizing our results would still require that such timing ability or incentives
be systematically stronger for JeMPs than for other MPs.

Placebo Exercises. Another concern is that the estimated decline in emotionality and polarization
following JeMPs interventions may not reflect a uniquely JeMP effect, but could rather arise mechan-
ically from generic properties of low-emotional speakers. To address this concern, we implement
three placebo exercises. First, we randomly sample 5% of MPs (excluding JeMPs) and use them as a
treatment group in the event-study. We repeat this procedure 1,000 times and show the distribution of
the event-time coefficients, for periods 0 to 5, in Figure 7 for emotionality and in Figure 8 for polar-
ization. These figures show that the observed pattern of JeMP interventions is indeed unique, as our
event study coefficients typically lie outside the distributions of coefficients obtain from the placebo
exercises. Second, we estimate year-specific MP fixed effects from regressions of emotionality and
polarization (excluding JeMPs). We then identify the 5% of MPs with the lowest fixed effects ( i.e.,
those who are systematically the least emotional or least polarized speakers within that year) and treat
them as placebo JeMPs in the event-study framework. The results show that interventions by these
“calmest” MPs do not reproduce the magnitude or persistence of the JeMP effect. In other words,
being individually less emotional was not sufficient to shift the tone of subsequent speakers. This ex-
ercise suggests that JeMPs possessed attributes – credibility, authority, cross-ideological legitimacy,
or institutional standing – that allowed them to influence the rhetorical equilibrium of the debate. In
the same vein, we perform a third placebo exercise to test whether department-level characteristics
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may driving the results. We estimate department-of-election fixed effects for emotionality and po-
larization (excluding JeMPs). From those, we identify the 10% of departments with the lowest fixed
effects and use the MPs from these departments as placebo JeMPs. To match the number of actual
JeMPs in the sample, we randomly extract MPs from the selected departments and repeat the placebo
exercise in 1,000 different simulations. Again, we do not find comparable post-intervention declines
in this placebo, suggesting that the JeMP effect is not simply attributable to constituency-level mod-
eration or local political culture.

4.4 Case Study: The 1905 Separation Law

The 1905 Separation Law is widely regarded as one of the most significant—and polarizing—pieces
of legislation in modern French history. Building on earlier republican efforts to reorganize church–state
relations, it made secularism the guiding constitutional principle of public life. The law guaranteed
freedom of conscience and the free exercise of religion, while also establishing that the state would
no longer recognize, fund, or support any religion. It further imposed strict rules on religious activity
through the framework of the 1901 Law on Associations, requiring religious groups to operate as
regulated associations. Finally, implementation involved a mandatory inventory of church property to
distinguish assets deemed necessary for worship from those that could be confiscated. Importantly,
the 1905 Separation Law was the final building block in an anti-clerical agenda that had already con-
tributed to the closure of Jesuit schools through the 1901 Law on Associations and the 1904 “Loi
Combes”, which prohibited teaching by members of religious congregations and organized liquida-
tion of their assets. These features make the Separation Law an ideal setting to study the role of
Jesuit-educated MPs in a highly polarized political environment.

To conduct this analysis, we focus on the discussions in the Chamber of Deputies specifically
devoted to the Separation Law, which we identify using section titles and verify with a manual check.
This sample comprises 12,010 speeches delivered in the Chamber of Deputies in 60 distinct discus-
sions between February 2 and July 3, 1905, the date of the final vote on the full text of the bill. Around
60% of JeMPs voted against the law, as opposed to 40% of other MPs. Furthermore, 80% of the JeMP
speeches in this sample come from JeMPs who voted against the law, while this percentage is close
to 50% for other MPs. This is not surprising: these parliamentarians had been educated in institutions
that the incumbent left coalition had recently dismantled, giving them strong personal and political
reasons to oppose the reform.

Cross-sectional Results. Against this background, one might expect JeMPs to deliver their arguments
in a more inflammatory tone. Table 5, however, shows the opposite. Even on this highly-sensitive
policy issue, JeMPs use relatively neutral language: in the pooled cross-section, their speeches are
not statistically different from those of the average MP in terms of pro-secularization slant (col. 1),
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partisan polarization (col. 3), or religious content (col. 4). By contrast, JeMPs’ interventions are less
emotional (col. 2) and more science-oriented (col. 6).

Within-Discussion Results. Next, we examine whether JeMPs may have influenced the pro-secularization
stance of other MPs through their engagement in the debate. In this setting, the limited number of
discussions prevents us from implementing the rich event-study specification in equation (6), which
relies on interacted speaker and discussion fixed effects and narrow windows around the first JeMP
intervention. Instead, in a difference-in-differences spirit, we compare speeches delivered before and
after the first JeMP intervention within a discussion, restricting the post-intervention window to the
next 30 speaking turns. To focus on JeMPs’ potential role as moderators, we construct outcomes that
capture extreme pro-secularization rhetoric using both our Word2Vec embedding-based and LLM-
based measures. Specifically, we define (i) a very pro-secularization indicator equal to one if the
embedding-based pro score lies above the 90th percentile, and (ii) a very pro-secularization indicator
equal to one if the LLM classifies the speech as strongly in favor of secularization.25

For each speech i delivered by speaker s on date t in discussion d, we estimate

yisd = β0 + β1 PostJeMPi,d + γXisd + αs + δt + εisd (7)

where yisd is one of these measures of stance. The key regressor, PostJeMPi,d equals one for speeches
delivered after the first JeMP intervention in discussion d and zero otherwise. The vector Xisd includes
indicators for quartiles of speech length and a dummy for procedural speeches. We also include
speaker fixed effects αs to absorb all time-invariant determinants of a speaker’s rhetorical style and
ideological position, and date fixed effects δt to net out shocks common to all speeches on a given day;
εisd is the error term. The coefficient of interest, β1, measures the average change in pro-secularization
stance within a discussion after the first JeMP intervention.

Columns 1 and 3 in Table 6 show that JeMPs interventions reduce fervent support for the Law
of Separation, both measured with word-embeddings (col. 1) and a large language model (col. 3).
Following a JeMP intervention, speakers are 2-3% points less likely to express strong views in favor
of the Law of Separation. At the same time, the coefficients in columns (2) and (3) are small and
statistically insignificant, suggesting that JeMPs do not seem to fuel fervent opposition to the law.
Together with the results in Table 5, these findings highlight the role of JeMPs as mediators even in a
highly-polarized political context in which their main political objective was to oppose the reform.

Voting Behavior. Finally, we ask whether the effect of JeMP interventions on the rhetorical style
of subsequent speakers is accompanied by a shift in voting behavior. To provide some exploratory
evidence on this question, we use the digitized roll-call votes on the 1905 Law of Separation. These

25See section ?? for details on the LLM measure.
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roll-call votes include votes on procedural decisions, amendments, single articles, as well as on the
full text of the bill. For each of these acts, we coded the exact point of the parliamentary discussion
where a vote on the bill occurred. This allows us to partition each discussion into segments defined
by consecutive roll-call votes. We then assign to each roll call all speeches in the preceding segment.

We focus on the subset of acts for which left-wing parliamentarians were, on average, at least
25% more likely than right-wing parliamentarians to vote in favor. This restriction helps us ensure
that a recorded “for” vote reflects support for the Separation Law.26 For each discussion segment,we
compute the share of speeches delivered by JeMPs and examine how this measure of JeMP engage-
ment correlates with the subsequent voting behavior of other MPs. Column 1 of Table 7 shows that
segments with greater JeMP engagement are associated with lower support for the Law of Separation.
This pattern is robust to including speaker fixed effects (col 2) and is not driven by the presence of
JeMPs among the voters themselves, as results are similar when excluding JeMPs from the voting
sample (cols 3 and 4). While exploratory in nature, these findings suggest that JeMPs may have
influenced not only rhetoric but also the voting behavior of other MPs.

5 Conclusions

We examined whether certain types of political elites can moderate polarization within legislative are-
nas. Using newly digitized archival records on Jesuit student enrollment – linking them to the universe
of French parliamentary speeches and roll-call votes during the Third Republic – we showed that
Jesuit-educated MPs employed systematically less emotional and less polarized rhetoric and influ-
enced subsequent speakers to adopt more moderate language. These results persisted under stringent
fixed effects specifications, while they were absent in a range of placebo exercises, suggesting that
our findings reflect distinctive characteristics of JeMPs rather than generic features of particular leg-
islators or electoral environments. Even during the highly contentious debates surrounding the 1905
separation of Church and State, JeMPs used comparatively neutral rhetoric and dampened extreme
discourse among subsequent speakers.

Our findings contribute to the literature on political polarization by shifting attention from institu-
tional or party-level drivers to heterogeneity within the political elite. Much of the existing literature
explains polarization through electoral competition, party sorting, or institutional incentives. While
these forces undoubtedly shaped aggregate trends, our results suggested that polarization within legis-
latures was not solely an equilibrium outcome of institutional constraints. Instead, it could be moder-
ated from within, through the presence and participation of individuals with distinctive backgrounds

26We adopt this procedure because the political objective of a roll call is often difficult to infer from its title alone
(e.g., “On the additional article by M. Allard”), and the full text of the proposed act is not consistently available in the
parliamentary records.
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and interaction styles.
Beyond these contributions, our findings point to two broader implications. First, they suggest

that polarization within legislatures may be a dynamic and path-dependent process. The spillover
effects that we document indicate that the tone of debate can shift depending on who intervenes and
when. If certain legislators systematically de-escalate rhetoric, early interventions by such actors
may move discussions onto lower-temperature trajectories, whereas the absence of moderating voices
may allow emotional escalation to persist. This perspective highlights the importance of agenda
control, speaking order, and procedural rules in shaping polarization dynamics, and suggests that
relatively small changes in elite composition or participation could generate disproportionate effects
on deliberative outcomes.

Second, our results raise the possibility that rhetorical moderation functions as a form of elite self-
restraint that generates positive externalities within democratic institutions. By tempering the tone of
debate, moderating legislators may improve the quality of deliberation not only through their own
speeches but also by influencing others. This perspective resonates with arguments emphasizing the
importance of informal “norms of forbearance” and mutual toleration for democratic stability (Lev-
itsky and Ziblatt, 2018), as well as with theories that view democracy as sustained by self-enforcing
limits among political actors (Weingast, 1997). Yet, the incentives to supply such restraint may be
limited, particularly in polarized environments where partisan signaling and mobilization are elec-
torally rewarded. If rhetorical moderation constitutes a form of institutional forbearance, then its
provision may depend critically on elite composition and formation, suggesting that the selection and
training of political leaders have first-order implications for the resilience of democratic institutions.
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TABLES

Table 1: Emotionality of JeMP Speeches

Dependent Variable: Emotionality Score of Parliamentary Speeches

(1) (2) (3) (4) (5) (6)

JeMP -0.022*** -0.048*** -0.044*** -0.030*** -0.028*** -0.021***
(0.005) (0.005) (0.005) (0.005) (0.005) (0.005)

Speaker Role ✓ ✓ ✓ ✓ ✓ ✓
Year FE ✓ ✓ ✓ ✓ ✓ ✓
Discussion Type FE ✓ ✓ ✓ ✓ ✓
Speech Length ✓ ✓ ✓ ✓
Topic FE ✓ ✓ ✓
Speaker Age/Occupation FE ✓ ✓
Speaker Origin Depart/Party FE ✓

Mean Dep. Var. 0.007 0.007 0.007 0.007 0.039 0.042
R2 0.05 0.05 0.06 0.29 0.29 0.30
Observations 1,128,866 1,128,866 1,128,866 1,128,866 1,007,382 983,727

Notes: The table shows that Jesuit-educated MPs (JeMPs) had significantly lower levels of emotionality in their parlia-
mentary speeches. Regressions are run at the speech level. Speaker Role represents dummies for the President of the
Chamber, members of government, rapporteurs, and for procedural speeches. Year FE are fixed effects for the year during
which a speech occurred. Discussion Type FE is a dummy for discussions with at least one JeMP speaker; Speech Length
are dummies for quartiles of speech length (measured by total word count); Topic FE are dummies where topics are iden-
tified using a Latent Dirichlet Allocation algorithm trained with 20 topics; Speaker Age/Occupation FE are year-specific
dummies for the speaker’s age and for 12 occupation categories; and Speaker Origin Depart/Party FE includes dummies
for the department in which the speaker was elected as well as dummies for the speaker’s political area (left, center-left,
center, center-right, right, independent). Robust standard errors are reported in parentheses. Notation for statistical sig-
nificance: * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 2: Partisan Polarization of JeMP’s Speeches

Dependent Variable: Polarization Score

(1) (2) (3) (4) (5) (6)

JeMP -0.021*** -0.015*** -0.018*** -0.014*** -0.019*** -0.013**
(0.005) (0.005) (0.005) (0.005) (0.005) (0.005)

Speaker Role ✓ ✓ ✓ ✓ ✓ ✓
Year FE ✓ ✓ ✓ ✓ ✓ ✓
Discussion Type FE ✓ ✓ ✓ ✓ ✓
Speech Length ✓ ✓ ✓ ✓
Topic FE ✓ ✓ ✓
Speaker Age/Occupation FE ✓ ✓
Speaker Origin Depart/Party FE ✓

Mean Dep. Var. -0.005 -0.005 -0.005 -0.005 -0.006 -0.004
R2 0.02 0.02 0.03 0.13 0.13 0.13
Observations 1,128,866 1,128,866 1,128,866 1,128,866 1,007,382 983,727

Notes: The table shows that Jesuit-educated MPs (JeMPs) debated in a less polarized fashion in parliament. Regressions
are run at the speech level. See the note to Table 1 for a description of the control variables. Robust standard errors are
reported in parentheses. Notation for statistical significance: * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 3: Proximity to Religion and Science in MP Speeches

Dependent Variable: Proximity to Religion / Science

Religion Science

(1) (2) (3) (4) (5) (6)

JeMP 0.010* -0.001 -0.012*** 0.042*** 0.053*** 0.056***
(0.006) (0.004) (0.004) (0.006) (0.005) (0.005)

Speaker Role ✓ ✓ ✓ ✓ ✓ ✓
Year FE ✓ ✓ ✓ ✓ ✓ ✓
Discussion Type FE ✓ ✓ ✓ ✓ ✓ ✓
Speech Length ✓ ✓ ✓ ✓ ✓ ✓
Topic FE ✓ ✓ ✓ ✓
Speaker Age/Occupation FE ✓ ✓
Speaker Origin Depart/Party FE ✓ ✓

Mean Dep. Var. 0.023 0.023 0.053 0.016 0.016 0.037
R2 0.06 0.48 0.48 0.07 0.35 0.35
Observations 1,128,866 1,128,866 1,128,866 1,128,866 1,007,382 983,727

Notes: The table shows that the parliamentary speeches of JeMPs were closer to science as compared to other MPs, but
not necessarily closer to religion. Regressions are run at the speech level. Proximity to religious and scientific language
measures the proximity, in a word-embedding space, between each speech and, respectively, the words “religion” and
“science.” Cols 1-3 reports the results for religion, while cols 4-6 report the results for science. See the note to Table
1 for a description of the controls variables. Robust standard errors are reported in parentheses. Notation for statistical
significance: * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 4: Vocabulary Overlap with the Preceding Speaker

Dep. Var.: Jaccard similarity index with the previous speech

(1) (2) (3)

JeMP 0.012** 0.013** 0.010*
(0.005) (0.005) (0.006)

Speaker Role ✓ ✓ ✓
Year FE ✓ ✓ ✓
Discussion Type FE ✓ ✓ ✓
Topic FE ✓ ✓
Speaker Age/Occupation FE ✓
Speaker Origin Depart/Party FE ✓

Mean Dep. Var. 0.011 0.011 0.007
R2 0.01 0.02 0.02
Observations 1,128,866 1,128,866 983,727

Notes: The table shows that JeMPs engaged more with the arguments of preceding speakers. The dependent variable,
the Jaccard index, measures the vocabulary overlap between each speech and the preceding speech. See footnote 24 for
detail. Regressions are run at the speech level. See the note to Table 1 for a description of the control variables. Robust
standard errors are reported in parentheses. Notation for statistical significance: * p < 0.10, ** p < 0.05, *** p < 0.01.

Table 5: The Law of Separation of Church and State: JeMPs’ Rhetorical Style

Dependent Variable: as indicated in the table header

(1) (2) (3) (4) (5)

Pro Emotionality Polarization Proximity to Proximity to
Score Score Score Religion Science

JeMP -0.005 -0.083** 0.028 0.069 0.106***
(0.036) (0.034) (0.022) (0.048) (0.037)

Speaker Role ✓ ✓ ✓ ✓ ✓
Discussion Type FE ✓ ✓ ✓ ✓ ✓

Mean Dep. Var. -0.000 -0.090 -0.220 0.812 0.127
R2 0.06 0.06 0.02 0.11 0.09
Observations 10,749 12,010 12,010 12,010 12,010

Notes: The table shows that, when debating the 1905 Law on the Separation of Churches and the State, JeMPs used
a relatively neutral language (with a close-to-average Pro Score that measure support for the 1905 Law) and were less
emotional and more science-oriented than other MPs. See the note to Table 1 for a description of the controls variables.
Robust standard errors are reported in parentheses. Notation for statistical significance: * p < 0.10, ** p < 0.05, ***
p < 0.01.
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Table 6: The Law of Separation of Church and State: Speakers following a JeMP Speech

Dependent Variable: As indicated in the table header

Word2Vec LLM

(1) (2) (3) (4)

Very Pro Score Very Against Score Very Pro Law Very Against Law

Post JeMP -0.034** 0.004 -0.022* 0.014
(0.016) (0.018) (0.012) (0.017)

Speaker FE ✓ ✓ ✓ ✓
Date FE ✓ ✓ ✓ ✓
Speech Characteristics ✓ ✓ ✓ ✓

Mean Dep. Var. 0.104 0.103 0.076 0.144
R2 0.24 0.15 0.27 0.24
Observations 2,844 2,844 2,844 2,844

Notes: The table provides suggestive evidence that, during debates on the 1905 Law on the Separation of Churches and the
State, JeMP interventions reduced fervent support for the bill without fueling fervent opposition. These results hold both
when we code strong support (“Very Pro Score”) and strong opposition (“Very against Score”) using Word2Vec (cols 1 and
2), and when using LLM (cols 3 and 4, which is feasible in this smaller sample – see Section 4.4 for detail). Regressions
are run at the speech level. Post JeMP represents an indicator that takes value one after the first JeMP intervention in
a discussion. Speaker FE represents fixed effects for individual MPs. See the note to Table 1 for a description of other
controls variables. Robust standard errors are reported in parentheses. Notation for statistical significance: * p < 0.10,
** p < 0.05, *** p < 0.01.

Table 7: The Law of Separation of Church and State: JeMPs Interventions and Voting

Dependent Variable: Dummy for MP Vote in Favor of Secularization

All MPs No JeMPs

(1) (2) (3) (4)

% JeMP Speeches -0.023*** -0.023*** -0.024*** -0.024***
(0.001) (0.001) (0.001) (0.001)

MP FE ✓ ✓

Mean Dep. Var.
R2 0.03 0.72 0.03 0.72
Observations 10,582 10,582 9,862 9,862

Notes: The table suggests that, during debates on the 1905 Law on the Separation of Churches and the State, the share
of JeMP interventions is negatively related to share of votes in favor of the law. %JeMP Speeches measures the share
of JeMP speeches (scaled between 0 and 100) in a discussion segment leading up to a roll-call vote. Regressions are
run at the MP-discussion-segment level, using all discussion segments in parliament about the Separation Law that were
followed by a roll-call vote. Robust standard errors are reported in parentheses. Notation for statistical significance: *
p < 0.10, ** p < 0.05, *** p < 0.01.
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FIGURES

Figure 1: Number of Jesuit Schools in France, 1850-1910

Notes: The figure shows the number of Jesuit schools operating in France between 1850 and 1910 (blue solid line). In
1850, the Falloux Law legitimated non-State schooling and triggered the emergence of Jesuit educational institutions. The
increase in 1870 can be explained by the rise of a conservative, Catholic-dominated government after France’s defeat in
the Franco-Prussian War, which promoted religious schools to restore traditional moral and social order. In 1901, the Law
of Association (black dashed line) dissolved religious congregations.
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Figure 2: Distribution of Jesuit Schools across French Departments

Notes: The figure shows French departments hosting at least one Jesuit School from 1850 to 1910 (highlighted in light
blue).

Figure 3: Curriculum in the Final Two Years of Instruction at a Jesuit School

Notes: The figure reproduces the curriculum for the final two years of instruction, referred to as “Philosophy” (Philoso-
phie), at the Jesuit school in Vannes. Following the 1599 Ratio Studiorum, the Curriculum included logic, physics, and
astronomy together with methaphysics and philosphy.
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(a) Religion (b) Science

Figure 4: Word Clouds: Religion and Science in Parliamentary Speeches

Notes: The figure shows the word clouds of the 100 words in the corpus with the smallest cosine distance to the words
“religion” and “science,” computed with our main word-embedding model.

Figure 5: Event Study: JeMPs Reduce the Emotionality of Subsequent Speakers

Notes: The figure shows that following a JeMP speech, the emotional tone of the parliamentary debate declines markedly.
The emotionality score measures the relative distance, in a word-embedding space, between each speech and pre-defined
dictionaries of affection and cognitive terms. The x-axis indexes speech order relative to the first JeMP intervention
(t = 0), and the y-axis plots the estimated βk coefficients from equation (6), along with 90% confidence intervals, relative
to the omitted category k = −1. The event-study specification includes speaker × discussion fixed effects, as well as
controls for quartiles of speech length, an indicator for procedural speeches, and fixed effects for the speaker’s speech
order within a discussion. Standard errors are clustered at the discussion level.
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Figure 6: Event Study: JeMPs Reduce the Polarization of Subsequent Speakers

Notes: The figure shows that the partisan polarization of the parliamentary debate declines following a JeMP speech.
The polarization score measures the relative distance, in a word-embedding space, between each speech and year–topic-
specific dictionaries constructed from left-wing and right-wing parliamentarians’ speeches, where topics are identified
using a Latent Dirichlet Allocation algorithm. The x-axis indexes speech order relative to the first JeMP intervention
(t = 0), and the y-axis plots the estimated βk coefficients from equation (6), along with 90% confidence intervals, relative
to the omitted category k = −1. The event-study specification includes speaker × discussion fixed effects, as well as
controls for quartiles of speech length, an indicator for procedural speeches, and fixed effects for the speaker’s speech
count within a discussion. Standard errors are clustered at the discussion level.
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(a) t = 0 (b) t = +1 (c) t = +2

(d) t = +3 (e) t = +4 (f) t = +5

Figure 7: Placebo Event-Study for Emotionality: Random Samples of (non-JeMP) MPs

Notes: The figure repeats the event study from Figure 5 using 1,000 random samples of “Placebo JeMPs” as treat-
ment. To construct those: (i) we exclude actual JeMPs, the President of the Chamber, and members of government;
(ii) we randomly draw the 5% MPs of the remaining MPs. Panel (a) corresponds to the treatment period, and Panels
(b)-(f) correspond to each of the 5 post-treatment periods. In each panel, the histogram represents the distribution
of the estimated coefficients on the corresponding event-time dummy across the 1,000 simulations. The dashed red
line represents the coefficient on the actual JeMPs from the event-study in Figure 5. See the note to Figure 5 for
detail on the event study specification.
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(a) t = 0 (b) t = +1 (c) t = +2

(d) t = +3 (e) t = +4 (f) t = +5

Figure 8: Placebo Event-Study for Polarization: Random Samples of (non-JeMP) MPs

Notes: The figure repeats the event study from Figure 6 using 1,000 random samples of “Placebo JeMPs” as treat-
ment. To construct those: (i) we exclude actual JeMPs, the President of the Chamber, and members of government;
(ii) we randomly draw the 5% MPs of the remaining MPs. Panel (a) corresponds to the treatment period, and Panels
(b)-(f) correspond to each of the 5 post-treatment period. In each panel, the histogram represents the distribution
of the estimated coefficients on the corresponding event-time dummy across the 1,000 simulations, and the dashed
red line represents the coefficient on the actual JeMPs from the event-study in Figure 6. See the note to Figure 5 for
detail on the event study specification.
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(a) Emotionality Score (b) Polarization Score

Figure 9: Placebo Event Study: Least Emotional or Polarized (non-JeMP) MPs

Notes: The figure repeats the event studies from Figures 5 and 6, using low-emotionality and low-polarization “Placebo
JeMPs” as treatment. Those are constructed as follows: (i) we exclude actual JeMPs, the President of the Chamber, and
members of government; (ii) for each year, we regress the emotionality score and the polarization score on speaker fixed
effects, including the controls from col 4 in Table 1; (iii) within each year, we select the 5% MPs with the lowest estimated
speaker fixed effects. The left panel in the figure uses “Placebo JeMPs” selected from the emotionality regressions, and
the right panel, from the polarization regressions. See the note to Figure 5 for detail on the event study specification.

(a) Emotionality Score (b) Polarization Score

Figure 10: Placebo Event Study: (non-JeMP) MPs from Least Emotional or Polarized Departments

Notes: The figure repeats the event studies from Figures 5 and 6, using speakers elected in the least emotional or polarized
departments as “Placebo JeMPs.” Those are constructed as follows: (i) we exclude actual JeMPs, the President of the
Chamber, and members of government; (ii) for each year, we regress the emotionality score and the polarization score on
department fixed effects, including the controls from col 5 in Table 1; (iii) within each year, we select the 10% MPs with
the lowest estimated department fixed effects (iv) to approximately reflect the proportion of actual JeMPs, we randomly
select 40% of these MPs to form the “Placebo JeMP” group, repeating this procedure in 1,000 simulations. See the note
to Figure 5 for detail on the event study specification.
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Online Appendix

De-Polarizing Politics:
Faith Meets Science in the French Third Republic

Gianandrea Lanzara Mara P. Squicciarini Nico Voigtländer

A Data

A.1 Students Enrolled in Jesuit Schools in France, 1850-1901

A.1.1 Digitizing Student Registries

Data on students enrolled in Jesuit schools in France are available at the Archives Jésuites in Vanves
near Paris.1 The Jesuit archives are organized into four collections, each corresponding to one of the
four Jesuit Provinces established in France: Paris, Lyon, Toulouse and Champagne. They contain the
student registers for 30 of the 32 Jesuit schools that operated in France between 1850 and 1901.2 The
student registers are preserved in 142 separate documents dating from 1850 to 1901. For 37 of these
documents, only the handwritten (hereafter HW) version has survived.3

Registers from each Jesuit school typically report the list of students enrolled by school year, with
each document often spanning several school years. In most cases, these documents also report ad-
ditional information on each student’s grade, section, division (a group of students spanning multiple
grades who shared the same boarding facilities), and boarding status. As an exception to the standard
format, eight documents report only the name and year of entry for students.

Figure A.1 illustrates the student registry for school year 1885-86 at the Collège de l’Immaculée-

Conception, located in Rue de Vaugirard in Paris. The left panel shows the front page of the document,
while the right panel displays the list of students in alphabetical order. The columns on this page,
from left to right, indicate: (i) student number (a unique numeric identifier); (ii) student name; (iii)
class (i.e., grade and section); and (iv) the division. The codes used for class, section, and division
vary across schools and years, and each document typically includes the legends to explain them.
Figure A.2 presents the relevant legend for this specific school and school year. To illustrate, Fernand

1See https://www.jesuites.com/contact/bureaux-archives-jesuites for an overview.
2The Provinces were, and still are, the main administrative divisions of the Society of Jesus. The archives lack

documentation for the schools in Montauban and Mende, part of the Province of Toulouse, as well as for those in Algiers
and Oran, located in colonial Algeria and associated with the Province of Lyon.

3According to private conversations with the archive staff, Jesuit school officials typically compiled the handwritten
versions and sent them to a printing house.
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Adhémar, Josse Allard, and Henri d’Anchald were all enrolled in the “Rhetoric” grade (“Rh” in the
legend, short for Rhétorique), although each of them attended one of the three different sections that
the school offered for this grade.4 All three belonged to the first division. However, while Fernand
and Josse were boarders, the asterisk indicates that Henri was a half-boarder. In our main analysis,
we will only use the grade to infer the student’s age. Below, we provide further details on the grade
levels and curricular structure of Jesuit schools.

(a) Front Page (b) List of students in alphabetical order

Figure A.1: Student Registry – Collège de l’Immaculée-Conception (Paris), school year 1885-86

Note: The left panel shows the front page of the registry, while the right panel displays the list of students in alphabetical
order. The columns from left to right indicate: student number, student name, class, and division (a group of students,
spanning multiple grades, who shared the same boarding facilities). Asterisks indicate half-boarders, whereas curly
brackets indicate brothers (see the legend in Figure A.2).

4At Jesuit schools, grades ran in reverse order, with Rhétorique corresponding to the final year of the standard curricu-
lum. Some schools, including this one, offered additional post-secondary classes in Philosophy and Science.
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Figure A.2: Legend for Collège de l’Immaculée-Conception (Paris), year 1885-86.

Note: From “Sc” to “7.3”, the legend maps the class codes to the corresponding grade-section. For example, “Rh.
1.” indicates the Rhetoric grade, first section (Rhétorique, première section). “Cl” and “Div” explain the names of the
additional columns in the registry, respectively Class and Division (see Figure A.1). From “*” to “SS”, the legend defines
boarding status: half-boarders (Demi-Pensionnaires), and day students (Externes), while boarders are listed without a
symbol. The final note specifies that curly brackets indicate brothers.

For printed school registries (as shown above), our digitization process consists of four main steps:
1. We manually scan all front pages, legends, and pages reporting the lists of students in alphabet-

ical order;
2. We perform Optical Character Recognition (OCR) on each document using Google Document

AI. A key advantage of Google Document AI is its ability to detect and preserve the tabular
structure of the pages;

3. We parse and standardize the OCR output using custom R code, with two main objectives:
• Associate each student list with the corresponding school year, typically extracted from

the front page;
• Infer and harmonize column types (e.g., name, student number, class, year of entry) de-
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spite substantial variation in formatting. At this stage, grade, section, division, and board-
ing status, when available, are grouped into a single “class information” field.

This step includes numerous document-specific exceptions to accommodate irregular layouts
and atypical reporting practices;

4. With the help of research assistants, we manually reviewed all final Excel files to identify and
correct potential OCR errors.

For handwritten (HW) documents, we enter the data manually for the entire document, relying on a
French research assistant with a background in history and prior experience reading historical French
calligraphy.

At the end of this process, we obtain a dataset with 268,216 student records. Some of these
records belong to the same student observed in multiple school years, while others refer to students
who appear only once in the dataset along with their year of entry at their school.

A.1.2 Linking Student Records

We reconstruct the school histories of Jesuit-school students based on their names and the years
during which they appear in the records. The main objective is to determine the earliest and latest
years during which each student attended a Jesuit school. This information, in turn, helps us estimate
the student’s age, which is ultimately needed to match student records to parliamentarians (see Section
A.1.3 below).

First, we clean the student names with the following steps: (i) we expand common abbreviations to
full names (e.g., Pre → Pierre, Lt → Laurent); (ii) we remove all punctuation marks, which typically
reflect OCR or transcription errors, with the exception of apostrophes and dashes (unless these appear
at the end of the string); (iii) we remove all non-ASCII characters; (iv) we set the text to lower case.

Second, we extract the first name and the last name from the name field. To do so, we must deter-
mine whether names in a given document-year follow a “firstname lastname” or “lastname firstname”
format. We check the position of common French first names (e.g., Jean, Louis, Henri) within the
name string. Based on the predominant pattern, we extract the first name either from the beginning
or end of the cleaned name string. For HW documents, we directly classify first and last names in
transcribing the handwritten records.

Third, we remove all nobiliary particles such as de, du, la, and le from surnames, except when
they are part of a hyphenated compound name (e.g., d’aubigny → aubigny, but mery-le-beuve →
mery-le-beuve).

Fourth, we construct the variables ymin
r and ymax

r for each record r as follows: (i) if the docu-
ment reports the school year in standard format, e.g., 18XX–18(XX+1), we assign 18XX to ymin

r and
18(XX+1) to ymax

r ; (ii) if the document only reports the year of entry, we assign this value to both ymin
r
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and ymax
r .5

Once we have the cleaned first name, last name, and the narrowest possible time window for each
record, we implement an iterative procedure to link student records across school years. As multiple
records are linked, we update ymin

i and ymax
i for each student i accordingly. Let Rk

i be the set of records
associated with student i at the end of iteration k; then,

ymin,k+1
i = min

r∈Rk
i

ymin,k
r , and ymax,k+1

i = max
r∈Rk

i

ymax,k
r .

Once all records for student i are linked, ymin
i and ymax

i represent the earliest and latest years during
which student i is observed in a Jesuit school.

The iterative procedure works as follows. As an initial step, we link records with an exact name
match within the same school, provided that the student numbers as reported in the original documents
coincide (as there could be cases of multiple names within the same schools).6 Next, we iterate
through the following steps:

• We consider all possible pairs of student records within the same school, under the restriction
that their enrollment intervals in the current iteration – defined by their respective ymin,k

i and
ymax,k
i – overlap within a four-year window;7

• If both the first and last names are identical, we link the records;
• We then consider four additional, and strictly looser, criteria for linking records:

– One surname is a subset of the other, and the first names are identical;
– One first name is a prefix of the other, and the last names are identical;
– The first names have a Jaro distance below 0.1, and the last names are identical8;
– The last names have a Jaro distance below 0.1, and the first names are identical.

5Two documents, one for the school in Mongre and one for the school in Saint-Etienne, also report the year of exit.
In these cases, we assign the year of entry to ymin

r and the year of exit to ymax
r . These records are included in the iterative

procedure, as additional records for the same students may exist in other documents from the same school. If the entry and
exit years produced by the iterative procedure differ from those reported in the original document, we retain the former.

6Although these individual identifiers were intended to track students across school years, they exhibit too many
inconsistencies to be reliably used on their own as linking variables. Moreover, they are not available for all entries. As a
result, we use them only in this initial step to reduce the dimensionality of the name-matching problem.

7This restriction ensures that we do not link records with enrollment periods that are implausibly far apart, even if the
student names match. For example, suppose we have a record for Jean Dubois in “1870-1871” and another one in the
same school for “1880-1881,” with no information on the student in between. These records are unlikely to belong to
the same student, although the names match. Our four-year time-window restriction ensures that when comparing pairs
of records At the same time, the four-year window is flexible enough to allow links between records that are reasonably
close in time, allowing for temporary school absence, missing records, or OCR errors leading to gaps in student records.

8The Jaro distance measures the similarity between two sequences, taking into account the number of matching charac-
ters. The score is normalized to range from 0 (exact match) to 1 (completely dissimilar). A threshold of 0.1 is conservative:
for example, “Smith” and “Smyth” have Jaro distance of 0.13.
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• We update ymin,k+1
i and ymax,k+1

i for all linked records and repeat the procedure.
Because the enrollment window may expand after each round of matching, new records may be linked
in subsequent iterations. The process continues until no further links are formed.

A.1.3 Determining the age of students

We use class information reported in the original documents, whenever available, to estimate the age
of each student. As a first step, we harmonize class codes across schools and years using the legends
provided in the school registries (see Figure A.2). At Jesuit schools, following the French school
system of the time, grades ran in reverse order, with Rhétorique corresponding to the final year of the
standard curriculum (coded as grade 1, which corresponds to grade 12 in modern terminology). Some
schools, such as the one in Rue de Vaugirard in Paris (illustrated in Figure A.2), offered additional
post-secondary classes in Philosophy and Science to prepare students for the Grandes Écoles. We
code these as grades 0 and −1, respectively9.

As a validation for both our student-record-linkage procedure and our coding of class levels,
we compute grade-to-grade transition matrices for all students observed in consecutive years. Re-
assuringly, 96% of students either advanced or repeated the grade (with 82% advancing and 14%
repeating). As an example, Figure A.3 below shows the transition matrix for students enrolled at the
Collège de l’Immaculée-Conception on Rue de Vaugirard in Paris.

9Entry-level grades at Jesuit schools varied: while some schools began at grade 7 (i.e., grade 6 in today’s upward-
counting terminology for school years), others offered preparatory courses starting as early as grade 9 (corresponding to
modern fourth grade).
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Figure A.3: Grade-to-grade transition matrix for the Collège de l’Immaculée-Conception (Paris)

Note: The figure displays the grade-to-grade transition matrix for students observed in at least two consecutive school
years at the Collège de l’Immaculée-Conception on Rue de Vaugirard in Paris. Each row corresponds to the grade a
student attended in year t, and each column to the grade attended in year t+ 1. The cells of the matrix report the number
of observed transitions from a given grade to another grade in the subsequent year.

As mentioned above, in the French school system of the time grades ran in reverse order. Ele-
mentary school started at age 6 in grade 11. Accordingly, we then estimate the implied age for each
record r using the formula: Ager = 6 + (11−Grader).

A.2 Matching Students with Parliamentarians

We match students from Jesuit schools and parliamentarians based on their names and year of birth.
For parliamentarians, we know the exact date of birth. For students, we approximate their year of birth
using either information on their imputed age, where available (see Section A.1.3), or the number of
years during which they are observed in a Jesuit school. Note that grade-based age information is
available for approximately 90% of all records and students.

When age information is available for a specific record, we estimate the implied year of birth
for record r as ymin

r − ager. We then aggregate all records linked to the same student (see Section
A.1.2 for details on the linkage procedure) and set ybirthmin

i and ybirthmax
i equal to, respectively, the

minimum and the maximum implied years of birth across all records for the same students.
For the remaining 10% of students whose age information is missing from all linked records, we

impute a plausible birth year range based on the years during which the student is observed in a Jesuit
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school. Jesuit students typically attended school between the ages of 8 and 18, with a full trajectory
lasting 11 years. Based on this, we compute a conservative interval for the year of birth:

ybirthmin
i = min(ymin

i − 19 + n, ymax
i − 7− n),

ybirthmax
i = max(ymin

i − 19 + n, ymax
i − 7− n),

where n is the number of years the student appears in the data, capped at 11. This formula incorporates
the idea that the more years a student is observed, the more accurately we can infer their age. To see
this, consider two edge cases:

• If a student is observed for the full eleven years (n = 11), then we can assume that the earliest
observation corresponds to age 8 and the latest to age 18. This implies a year of birth between
ymin
i − 8 and ymax

i − 18.

• If a student is observed for only one year (n = 1), this record may correspond either to the
beginning or the end of their school career, leading to a wider range of possible birth years.

For each parliamentarian, we then look for a match in the dataset of linked students. Our matching
procedure consists of four steps.

• first, as a minimal consistency requirement, we restrict attention to students who appear in a
record when the parliamentarian was older than 4 and younger than 22.

• second, we only retain students whose birth window overlaps with the MP’s birth year, within
a margin of 4 years on either side.

• third, we identify students whose last name is similar to the MP’s last name using the Jaro string
distance metric, with a cutoff of 0.1. Because, after linking the student records, we may observe
different variants for a student’s last name, we consider each of the variants.

• fourth, for students whose last names matched the MP’s last name in step 3, we apply a similar
fuzzy matching procedure to the first names.10

Finally, we manually review all fuzzy matches and retain only those where discrepancies clearly stem
from minor typos or spelling variations that do not affect French pronunciation (e.g., Louis Du Bochet

and Louis Dubochet). This procedure identifies 117 parliamentarians – 108 exact matches and 9 fuzzy
matches – who served in the Chambre des députés between January 1881 and April 1914.

10For parliamentarians with multiple given names, we consider only the first given name.
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A.3 Parliamentary Speeches, 1881–1914

A.3.1 Digitizing Parliamentary Debates

The transcripts of parliamentary debates of the French Third Republic were published in the official
gazette (Journal officiel de la République française) for both the Chamber of Deputies (Chambre des

députés) and the Senate (Sénat). These publications are available online in PDF format and as an
OCR-generated text layer on Gallica, the digital repository of the French National Library11 While
Gallica provides a text version, we found that OCR errors were too frequent to allow the reliable
parsing of individual speeches; we therefore opted for re-digitizing the documents from scratch to
obtain a higher-quality text extraction.

Figure A.4 shows the front page of the parliamentary transcript for the sitting of April 5th, 1905 at
the Chambre of Deputies. While this page illustrates the typical three-column structure of the Journal

officiel, some pages embed numerical tables that disrupt the three-column layout. Because OCR
software may fail to reliably detect column breaks, we use Detectron2 image detection algorithms
to segment each page into text columns/blocks and tables, and then apply Google Cloud Vision for
optical character recognition on each detected text region.12

More specifically, our digitization process consists of six main steps:

1. We download all PDFs for both branches of Parliament from 1881 to 1942. For dates with mul-
tiple PDFs, we manually verify these cases and discard duplicates when they contain transcripts
of the same parliamentary sitting.

2. We convert all PDF pages into high-resolution JPEG images.

3. We train an image-detection model to identify pages containing tables, using a manually anno-
tated sample of 60 pages. When we identify a table, we strip it from the page before further
processing by setting its pixels to white.

4. We train two layout models to detect individual text columns/blocks: one for standard three-
column pages and one for pages containing tables. Each model is trained on a sample of 50
pages with the corresponding structure.

5. We use Google Cloud Vision to perform optical character recognition on each detected text
column/block.

11See https://gallica.bnf.fr.
12Detectron2 is an image detection library developed by Facebook AI, see https://github.com/facebookresearch/

detectron2. For information on Google Cloud Vision, see https://docs.cloud.google.com/vision/docs/ocr.
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6. Finally, we reassemble columns/blocks (using their coordinates) to reconstruct each page, and
then concatenate pages to reconstruct each document.

Figure A.4: Parliamentary Transcript - Chamber of Deputies, April 5th, 1905

Note: The figure shows the front page of the parliamentary transcript for the sitting of April 5th, 1905 at the Chambre of
Deputies.
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(a) Standard Page: Raw (b) Standard Page: Processed

(c) Page with Table: Raw (d) Page with Table: processed

Figure A.5: Parsing the Layout of Parliamentary Transcripts

Note: The figure illustrates our procedure for parsing the layout of the parliamentary transcripts. We first train an image-
detection model to identify pages containing tables. For standard pages with a three-column structure (a), we then use an
image-detection model to identify column breaks (b). For pages containing a table (c), we strip the table by setting its
pixels to white and use an image-detection model to detect the remaining text regions (d)
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A.3.2 Parsing Parliamentary Speeches

Our next task is to split the digitized transcripts into parliamentary sittings, agenda items, and indi-
vidual speeches. First, we separate distinct sittings within each transcript document (when Parliament
met multiple times on the same date, the corresponding record typically reports all sittings). Second,
we partition each sitting into consecutive sections of the debate, which we refer to as discussions,
each centered on a specific issue or bill that Parliament was called upon to examine. Finally, we split
each discussion into individual speeches.

As illustrated in Figure A.4, each sitting begins with a short agenda summary under the header
“SOMMAIRE.” The summary is followed by a header naming the presiding officer (e.g., “PRESI-
DENCE DE M. PAUL DOUMER”), after which the chair announces the start of proceedings with
the formula la séeance est ouverte. Each agenda item is then introduced by an uppercase header
(for instance, the second item in Figure A.4 concerns the layout of a railway line between Cand’e
and Angers). Finally, each intervention starts on a new line, typically after a period or an upper-
case header, and the speaker is introduced by “M.” followed by a surname (e.g., M. Plichon) or full
name (e.g., M. Eugène Réveillaud), ending with a period. We leverage these conventions to construct
regular-expression patterns that identify sitting boundaries, section headers, and to extract individual
speeches along with the reported name of the speaker.

B Text Analysis

B.1 Text Preprocessing

We preprocess the text to reduce dimensionality (Gentzkow et al., 2019). First, we assign part-of-
speech (POS) tags 13, retaining only adjectives, adverbs, nouns, and verbs from each speech. Second,
we normalize the tokens by removing accents, converting all text to lowercase, stripping punctuation
and digits, and keeping only words composed entirely of alphabetic characters. Third, we apply the
implementation of the Porter2 stemming algorithm provided in the R package SnowballC Porter
(2009) to reduce each word to its morphological root.

B.2 Removing Stopwords and Procedural Words

We further preprocess the text data to remove uninformative words. First, we remove short words
consisting of fewer than three characters. Second, we filter out rare words that occur in five ore fewer
documents or ten or fewer times in the entire corpus. Third, we remove stopwords using a custom
list of French stopwords.14 Next, we remove procedural language that is specific to parliamentary

13We use the French language model (fr_core_news_lg) from the Python librarySpaCy
14We use the list of French stopwords available in the R package stopwords, and supplement it with the days of

the week, months, and names of French departments, plus 12 frequent low-information terms: (e.g., faire, parl, temps,
nombre, etc.)
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discourse. Following Gentzkow et al. (2019), we digitized the Rules of Procedure (Règlements) of
the Chamber of Deputies and the Senate during the Third Republic, as compiled in Les Règlements

des Assemblées Législatives de France depuis 1789 by Bonnard (1926). We use these texts to iden-
tify a set of procedural stopwords – terms frequently used in the context of legislative procedure.
Specifically, we implement the following steps: (i) We pre-process the text of the Rules of Proce-
dure using the same pipeline described in Section B.1 (except for the POS tagging). (ii) We train an
auxiliary Word2Vec model on the full corpus of parliamentary speeches and use it to generate vector
embeddings for each word in the Rules of Procedure. (iii) Using these embeddings, we construct a
frequency-weighted centroid vector that captures the semantic content of procedural language. (iv)
We compute the cosine distance between each (vectorized) word in the corpus of speeches and the
procedural centroid. (v) We rank all words by this distance and remove those falling in the bottom
1% (i.e., most similar to the procedural language centroid). Figure A.6 shows a word cloud of the 100
words in the corpus with the smallest cosine distance to the centroid of procedural terms.

After removing short words, rare words, stopwords, and procedural words, our sample comprises
1,468,790 speeches with nonempty text.

Figure A.6: Procedural Lexicon Removed from the Corpus

Note: The figure shows a word cloud of the 100 words in the corpus with the smallest cosine distance to the centroid of
procedural terms, computed using an auxiliary word-embedding model. The procedural centroid is defined as a frequency-
weighted average of the (vectorized) words contained in the Rules of Procedure of the French Parliament during the Third
Republic. After removing these procedural terms from the corpus, we train the main word-embedding model.

B.3 Word Embedding

We use this sample of preprocessed speeches to train a Word2vec model using the Python gensim
package (Mikolov et al., 2013). We train the model with 300 dimensions and using a context window
of 8 words. As a result, we obtain vector representations of all words in the corpus.

We then compute a document embedding for each speech as the weighted average of its word
vectors. We apply inverse-frequency weighting to down-weigh frequent words in the corpus. Specif-
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ically, for a given speech Di, the document vector d⃗i is computed as:

d⃗i =
1

|Di|
∑
w∈Di

α

α + p(w)
w⃗ (A.1)

where w⃗ is the vector representation of word w, p(w) is the relative frequency of the word in the
corpus, and α = 0.001 is a smoothing parameter 15.

B.4 Topic Analysis

We apply Latent Dirichlet Allocation (LDA) to uncover the latent topics in our corpus of speeches
(Blei et al., 2003). The LDA is an unsupervised topic modeling technique that identifies recurring
semantic patterns across documents. Each document is modeled as a mixture of topics and each
topic as a distribution over words.16 Figure A.7 shows the word-topic matrix from our preferred
specification with 20 topics. Each row corresponds to a topic, represented as a probability distribution
over the entire vocabulary. The ten columns display the ten words with the highest probability weights
in each topic, with darker shades indicating higher weights. Most topics have a clear interpretation
and correspond to major policy domains. To mention just three examples, Topic 4 is associated with
schooling, Topic 8 with labor, and Topic 11 with military affairs.

15We set the value of α following Gennaro and Ash (2022)
16We use the implementation provided in R package topicmodels (Grün and Hornik, 2011) with Gibbs sampling.

Following Griffiths and Steyvers (2004), we set the Dirichlet prior α = 2.5, and δ = 0.1. Following Hansen, McMahon,
and Prat (2018), we run the model for 4,000 iterations with a burn-in of 4,000 and a thinning interval of 50, and we
average document-topic and word-topic distributions over iterations.

Appendix p. 14



Figure A.7: Word-Topic Distributions

Note: The figure displays the 20 estimated topics from our Latent Dirichlet Allocation analysis. Topics are modeles as
probability distributions over words in the vocabulary. Each row corresponds to a topic, and the ten columns display the
ten words with the highest probability weights in each topic, with darker shades indicating higher weights.

B.5 Emotionality Score

We follow Gennaro and Ash (2022) to build a measure of emotionality in political speeches. First,
we use the French version of the Linguistic Inquiry and Word Count (LIWC) to construct dictionaries
of emotional and rational language Tausczik and Pennebaker (2010). LIWC dictionaries were devel-
oped to identify linguistic markers of emotions, cognition, and social processes. They are based on
expert annotation and psycholinguistic validation of thousands of English words grouped by semantic
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and psychological categories. We use the French version of these dictionaries available in the 2007
release. Following Gennaro and Ash (2022), we focus on the “Affective Processing” and “Cognitive
Processing” categories to capture emotionality and reasoning, respectively. The Affective category
includes 1,445 words related to positive and negative emotions and moods, such as anxiety, anger, and
sadness. The Cognitive category includes 799 words related to causation, comparison, uncertainty,
inclusion, and exclusion. We refine the dictionaries through the following steps: (i) wildcard entries
are converted to regular expressions and matched to French lemmas in the WordNet lexical database
(e.g., wildcard “pens*” is matched to “penser”, “pensif”, “penseur”, etc.) ; (ii) words that appear in
both affective and cognitive categories are removed; (iii) for each category, we compute the centroid
of the word vectors and exclude the 25% of terms that are most semantically distant from the centroid;
(iv) we normalize the remaining words by lower-casing, removing diacritics, and applying stemming
(and remove again words shared between the two lists following this step); (v) finally, we eliminate
all words found in our list of French stopwords.

Second, we compute the centroid vector of of the emotional and cognitive dictionaries in our word
embedding, as the inverse-frequency weighted average of the individual word vectors. Let E and C

denote the centroids of the emotional and cognitive dictionaries within the word embedding. Using
these centroids, we compute the emotionality score of document Di as:

escorei =
sim(d⃗i,E) + 1

sim(d⃗i,C) + 1
(A.2)

where d⃗i denotes the vector representation of document Di as defined in (A.1) and sim denotes the
cosine similarity. As an illustration, Figure A.8 shows the word clouds of the 100 words with the
smallest cosine distance to, respectively, the emotional and rational centroids, excluding the words
that directly appear in the LIWC dictionaries.
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(a) Emotionality (b) Rationality

Figure A.8: Emotional and Rational Lexicon

Note: The figure shows the word clouds of the 100 words in the corpus with the smallest cosine distance to the centroids
of, respectively, the emotional (A.8a) and cognitive (A.8b) LIWC dictionaries, computed with our main word-embedding
model. We exclude from the wordclouds the terms that appear in the corresponding dictionary.

B.6 Polarization Score

We adapt Gennaro and Ash (2022)’s methodology to construct a measure of political polarization in
language. Broadly speaking, we use the Word2Vec model to compute a “right-wing” alignment score
that quantifies the similarity of each speech to right-aligned versus left-aligned political discourse.
We then define our polarization score as the absolute deviation from the median of this alignment
score. This measure captures how much a speech departs from the median rhetorical position, whether
toward the left or the right of the ideological spectrum.

Because no categorized dictionaries of politically charged language exist for the French Third
Republic, we construct them from our own data, using the speeches of left- and right-aligned parlia-
mentarians. Moreover, since polarized language likely varies over time and across topics, we allow
these dictionaries to be year- and topic-specific. We assign speeches to a single topic based on the
topic with the highest weight (see Section B.4 for details on the topic analysis).

First, for each year-topic group g, we select speeches by MPs with political affiliation “left” or
“right”, excluding the president of the chamber and members of government. Second, we compute the
centroid vector of the left-wing and right-wing dictionaries for each group g in our word embedding,
as the inverse-frequency-weighted average of the individual word vectors. Let Lg and Rg denote
the inverse-frequency-weighted averages of word vectors appearing in left- and right-wing speeches
within group g. Using these centroids, we compute the right-wing alignment score of document Di in
group g as:

rscorei =
sim(d⃗i,Rg) + 1

sim(d⃗i,Lg) + 1
, (A.3)

Appendix p. 17



where sim denotes cosine similarity. The polarization score is then defined as the absolute deviation
of this alignment from the group median:

pscorei =
∣∣ rscorei −median(rscore)

∣∣. (A.4)

Appendix p. 18



Left-wing Lexicon Right-wing Lexicon

Year 1909, Topic 4: Schooling

Left-wing Lexicon Right-wing Lexicon

Year 1881, Topic 8: Labor

Left-wing Lexicon Right-wing Lexicon

Year 1894, Topic 11: Military Affairs

Figure A.9: Word Clouds for Left- and Right-Wing Lexicons across Selected Years and Topics

Note: Note: The figure shows word clouds of the 100 words in the corpus with the smallest cosine distance to the centroids
of left- and right-wing language in some selected years and topics, computed using our main word embedding model. The
top panel shows the word clouds for Topic “Schooling” in year 1909; the middle panel shows the word clouds for Topic
“Labor” in year 1881; finally, the bottom panel shows the word clouds for Topic “Military Affairs” in 1894.
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