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Abstract

In the U.S., workers whose past earnings were below a threshold are ineligible to receive
unemployment insurance (UI) creating a discontinuous jump in their value of being un-
employed. Using a regression discontinuity design with administrative panel data, we
estimate a sizable local effect from UI eligibility on earnings in the next employer,
around $300 or roughly 10% of quarterly earnings. This evidence of a Ul treatment
effect on re-employment outcomes, however, understates Ul’s causal effect because of
endogenous non-compliance and does not distinguish between underlying reasons: a
higher share of production or more productive matches. These are addressed through a
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quantitative model. The true causal effect is about eight times the empirical estimates
and nearly all of the effect comes from workers getting a larger share of match surplus
due to higher outside options.

Keywords: Unemployment Insurance, Directed Search, Earnings
JEL: F24, E30, J62, J63, J64.

1 Introduction

There are few events that have as significant and long-lasting an effect on an individual’s
career as job loss. Earnings are scarred, often permanently, and in order to regain a consis-
tent income, workers may only regain employment in a less-desirable or lower-pay occupa-
tion. Unemployment insurance (UI) is intended to mitigate these risks by providing income
replacement, which allows workers more selectivity when accepting or rejecting new employ-
ment. However, despite its ubiquity, there is limited evidence that UI effectively achieves
these goals. This is because Ul provides disincentives for job search, and observational stud-
ies have difficulty distinguishing any impact of Ul on re-employment outcomes to insurance
rather from ability. Given the effect that unemployment spells have on earnings it is crucial
to understand whether UI impacts outcomes, and if so, through what channels.

In this paper, we exploit a unique feature of the UI system in the United States to
address this crucial question: does Ul affect earnings and employment outcomes? To answer
this question, we first take a novel approach to identify the impact of UI eligibility on
re-employment outcomes. We use a regression discontinuity design at monetary eligibility
thresholds, a minimum earned amount stipulated by every state’s Ul eligibility requirements,
and use data from a large administrative dataset to estimate the local, causal effect of UI
eligibility. Then we use a frictional model of the labor market that contains a detailed UI
take-up decision to elicit the true effect of UI on re-employment outcomes and quantify
the share attributable to improvements in match productivity, and the share attributable
to increases in worker bargaining share. Our combined empirical and structural analysis
demonstrates that Ul receipt has a significant impact on earnings, particularly for workers
at the margin.

Our empirical estimate for the effect of Ul eligibility, the regression discontinuity design,
compares earnings and other re-employment outcomes for individuals just above and below
their state’s respective monetary eligibility thresholds. These requirements stipulate that
a worker must earn a minimum amount over some base period to be monetarily eligible
for Ul receipt. We do this using administrative data from the Longitudinal Employer-
Household Dynamics (LEHD) dataset, which is constructed from the data used for mon-
etary eligibility determinations and contains panel data on individual’s earnings pre- and
post-unemployment. Although there are other eligibility requirements, this dataset allows
us to derive exactly whether or not an individual is monetarily eligible for UI, and use this
determination to assess the impact on their re-employment outcomes. With this empirical
strategy and dataset, we find a significant effect of UI eligibility on re-employment outcomes.
Workers whose base period earnings render them just monetarily eligible experience a dis-
continuous jump of $276.91 to $318.92, roughly a 10% increase in income during the next



full quarter of employment.

This estimate is notable both because there is limited evidence that Ul impacts re-
employment outcomes, and also because we do not directly observe UI receipt in our data. If
there were perfect take-up and rejection based on eligibility requirements, this would yield an
elasticity of re-employment earnings with respect to Ul of 0.23. However, a substantial share
of the unemployed do not take-up UI although they are eligible, while imperfect monitoring
allows some monetarily ineligible workers to receive Ul, while also causing some monetarily
eligible workers to be denied. Both dimensions of unobserved heterogeneity, a reduction in
the take-up among the eligible, and inaccurate application of monetary eligibility, mean that
our estimate likely understates the impact of Ul on re-employment outcomes if we directly
observed claims, take-up, and receipt.

With this in mind, we construct a frictional model of the labor market to address this
bias. We build on the Menzio and Shi (2010) framework and incorporate a detailed Ul system
into an equilibrium directed search model with self-insurance and match effects. similar to
Acemoglu and Shimer (1999). In the model, workers search for jobs posted by firms that offer
a piece-rate wage of a match’s productivity. Once employed, a firm must pay an operating
cost to continue and matches are subject to idiosyncratic taste and productivity shocks. As
a result, a worker may choose to quit when they receive a negative taste shock, or a firm
may choose to fire a worker when the productivity of a match is too low. In the model, UI
eligibility is stochastically determined by the reason for a separation, as well as a worker’s
base period earnings prior to separations. This allows us to target the key unobserved
dimension of heterogeneity in our empirical analysis and use our model to quantify the
“true” impact of Ul by comparing the re-employment outcomes of eligible Ul recipients to
ineligible non-recipients.

We use our model to understand our empirical findings. We calibrate our model to match
UI claim rates, rejection rates based on separation type and base period earnings, as well
as information from Ul audit studies on the frequency of ineligible recipiency. This allows
us to decompose our 10% empirical estimate into a true “perfect compliance” estimate of
82% by comparing re-employment earnings of those with monetary eligibility who claim and
receive Ul to those without monetary eligibility who do not claim and do not receive Ul. We
find such a drastic difference because groups unlikely to differ across the monetary eligibility
threshold, non-receivers and those who quit their previous employment, exhibit a jump of
only 0.26%. Although our empirical estimate was sizable, our model suggests that selection
causes empirical estimates to drastically understate the importance of Ul for recipients.

We find that Ul increases earnings primarily because it increases a worker’s average piece-
rate, but also because it increases the average productivity and duration of a match. The
piece-rate increases by an average of 101.2%, while productivity increases an average of 0.3%.
Yet, worker bargaining power increases by less than 2pp and the weekly job-finding rate falls
by 12pp, despite the large change in their piece-rate. This is because high piece-rate workers
are unlikely to quit, extending their tenure and allowing firms to accrue productivity gains
over a longer duration of employment. As a result, the small contemporaneous gains from
higher productivity result bear fruit over a longer period of time, increasing the surplus of a
match.

These same forces affect the ranges over which eligibility has the largest impact on re-
employment outcomes. We find that near the current cut-off, Ul creates the largest disconti-



nuity between receivers and non-receivers. This is because lowering the monetary eligibility
rapidly reduces benefit amount toward a level commensurate with a worker’s outside option,
reducing their incentive to undertake costly claiming activity. Above the current threshold,
the impact is muted by the presence of a benefits cap, again driving outside options above
and below the threshold together. Accounting for these differences in outside option and the
sources of these differences is crucial for understanding the true impact of UI on the labor
market.

Our work primarily relates to two strands of the literature one empirical and one quanti-
tative. Empirically, we build on a growing body of empirical research documenting the effects
of unemployment insurance (UI) on labor market outcomes, particularly the heterogeneous
impact of UT policies across different worker groups (Skandalis et al., 2022). A number of
papers analyze the impact of Ul on unemployment durations by exploiting a natural ex-
periment for identification. Marinescu and Skandalis (2021) examines the impact of UI on
job search behavior and finds that Ul causes negative duration dependence in target wages.
Their focus is on the dynamics of job search and compliments our results on the job-finding
rate. Marinescu (2017) examines the impact of UI extensions during the Great Recession and
finds that a 10 percent increase in Ul benefit duration reduced state-level job applications
by 1 percent. Lalive (2008) uses RDD to analyze a Ul extension tied to work history thresh-
olds, identifying a causal effect of extended benefits on unemployment duration. Lalive and
Zweimiiller (2004) examines a unique policy change in Austria that extended UI duration
from 30 to 209 weeks, finding a 17 percent decline in the transition rate after accounting for
endogeneity. Similarly, Card et al. (2007) studies a sharp discontinuity in Austria’s Ul and
severance pay eligibility, and finds a 5 to 9 percent reduction in the job-finding rate due to Ul
extensions. Only a small fraction of the literature examines the effect of UI on broader labor
market outcomes, such as match quality and post-unemployment wages, and the findings re-
main mixed. Addison and Blackburn (2000) uses the Displaced Worker Survey (1983-1990)
and finds little evidence of a positive Ul effect on wages, although their findings are limited
to Ul claimants and do not provide a causal estimate. More recently, Schmieder et al. (2016)
leverages a quasi-experiment of Ul policy changes in Germany to estimate the causal effect
of extended UI duration on wage offers and found a small negative effect of Ul extensions on
post-unemployment wages. However, due to the nature of their research design, their sam-
ple is restricted to long-term unemployed workers, limiting the broader applicability of their
results. Among the closest to our topic, Nekoei and Weber (2017) find that UI improves
re-employment firm quality and attenuates the wage loss associated with unemployment.
We focus on different aspects of the Ul system for identification and provide complimentary
evidence that suggests much stronger effects for workers with high marginal utility. Griffy
(2021) uses data from the Survey of Income and Program Participation (SIPP) and between-
state variation in replacement rates over time and finds a positive effect on re-employment
earnings and a negative effect on hazard rates. Our identification strategy contrasts with
other RDD-based estimates such as Nekoei and Weber (2017) or Schmieder et al. (2016) in
that the treatment is on the extensive margin and the local effect is among workers with a
higher marginal utility who are likely to exhibit a large response from UI receipt.

Our paper is also closely related to the UI literature that develops equilibrium models in
which workers make both UI take-up and employment decisions, allowing for the quantifi-
cation of UI effects in a general equilibrium setting. Validating its inclusion in our model,
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Auray et al. (2019) demonstrates that endogenous Ul take-up is essential when constructing
an equilibrium model to assess Ul’s effects. Birinci and See (2023) highlights the impor-
tance of accounting for worker heterogeneity, as differences in individual responses to Ul
can significantly shape observed labor market dynamics. Similarly, Chao (2025) shows that
UI eligibility considerations are important in constructing policy and have heterogeneous
effects for different groups of workers. Our paper contributes by incorporating endogenous
separation decisions from both workers and firms, addressing a key yet often overlooked
component of UI eligibility: the separation requirement. In combination, our novel identifi-
cation approach provides credible estimates for a group likely to be affected by UI, and our
quantitative approach allows us to further understand our empirical estimates.

The rest of the paper is organized as follows. In section 2, we discuss the structure of Ul
policy in the United States, and our source of detailed data. In section 3, we conduct our
primary empirical analysis. In section 4, we construct a quantitative labor search model. In
section 5, we calibrate our model and use it to understand our empirical findings. section 6
concludes.

2 Data

We begin by describing our data sources and their unique features that enable our empirical
approach. We construct a panel of state-level UI laws, which includes eligibility requirements.

We combine this panel with administrative data from the Longitudinal Employer-Household
Dynamics (LEHD).

2.1 Unemployment Insurance Eligibility Requirements

Unemployment insurance (UI) is a progressive, conditional transfer program designed to
provide consumption insurance for workers who lose their jobs involuntarily. For recipients,
UI replaces a fraction of previous income (typically around 50 percent) up to a maximum
weekly amount. However, not all separated workers are eligible. To qualify, an applicant
must have experienced a no-fault job loss and earned a minimum amount in qualified em-
ployment during the “base period,” which typically refers to the four quarters before job
loss. While base-period earnings are not the only requirement for eligibility, they are usually
necessary and, therefore, serve as the basis of our analysis. Other earnings and non-earnings
requirements exist, but in nearly all states, workers with base-period earnings below the
threshold are ineligible for UI, while those above it may qualify.

Despite relatively low earnings requirements, income eligibility remains a significant fac-
tor for many potential claimants. While this threshold represents a small fraction of the
overall earnings distribution, it is considerably higher among job losers. During our sample
period, about one in five separated workers had base-period earnings below this threshold.
Yet, many workers deemed “monetarily ineligible” still file claims, and monetary eligibil-
ity requirements account for about half of all rejected initial claims.! Additionally, among
ineligible claimants, a substantial number still receive UI benefits, often due to imperfect
enforcement and variability in state laws over time.

!The majority of the remaining rejections result from failing to meet the separation requirement.



While Ul is federally mandated, states have flexibility in setting their own eligibility
criteria and benefit provisions. Replacement rates and maximum benefit levels vary across
states, and some states impose additional eligibility conditions, such as a minimum earnings
threshold for the highest-earning quarter within the base period. However, regardless of
additional criteria, all states impose a minimum earnings requirement over the base period.?

There is substantial variation in the minimum earnings thresholds across states. The
average is $2,621 but the range is considerable. We plot the distribution of these thresholds
in Appendix Figure 9. While some of these differences reflect variations in local wage levels,
the dispersion of Ul thresholds across states is far greater than the variation in state-level
wages.

We use these earning eligibility cutoffs to estimate the effect of UI eligibility on re-
employment outcomes. In our baseline analysis, we normalize the running variable as the
percent deviation from the earnings eligibility threshold in a separator’s state. Since percent
deviation from the threshold is correlated with base-period earnings, one concern is that
our estimates may capture non-linear effects of base-period earnings rather than the true
threshold effect.

To address this, we also condition on prior earnings and still find a significant threshold
effect. This approach leverages variation across states, as different UI thresholds mean that
the same base-period earnings may place workers on different sides of the eligibility cutoff.
These analyses are made possible by combining state-level variation in UI thresholds with
highly accurate administrative earnings data, allowing for a more precise identification of
UI’s impact.

Appendix B has more information on the Ul criteria and state-determined minimums.

2.2 Data on Workers’ Earnings History

To track each worker’s earning history prior to separation and after re-employment, we
use data from the Census Bureau’s Longitudinal Employer-Household Dynamics (LEHD)
program. The LEHD is administrative data on covered earnings collected by the states and
used in their unemployment insurance systems to determine eligibility. This is crucial for our
application: because it is administrative data, it abrogates many of the measurement error
concerns to which we would be subject in survey data. And because it includes all covered
employment, we are able to very precisely determine whether an individual in monetarily
eligible when they separate. In addition to earnings it includes important job and individual
characteristics, like state of employment, industry, occupation, tenure, sex, age and imputed
education, and race. These features make it a nearly ideal dataset to study the impact of
UI eligibility.

Despite its advantages, the LEHD has some shortcomings. Ironically, although it is the
data used in state UI systems, it does not include data on UI receipt or application. In
addition, it is constructed from quarterly data, which limits our ability to track employment
transitions at the same frequency as some available surveys. While these are both noteworthy
limitations, the very accurate earnings data observed at just the correct frequency allows

2In most states, the base period is defined as the first four of the past five quarters, excluding the quarter
of separation.



us to estimate our effects where public data would misclassify too many workers to reliably
observe the threshold effect. In general, if misclassification still exists, it is likely to bias our
findings downward because some of the actually eligible will be counted as ineligible and
vice-versa. This will likely understate the size of any effect.

We follow standard restrictions when constructing out LEHD sample. We create a panel
following individuals in 17 states over the period of 1997-2014. 2 From this super-sample
that represents approximately 40% of the U.S. labor force over this period, we draw a random
2% sample of individuals, maintaining the panel dimension for these individuals. The panel
dimension allows us to identify separations and the resulting unemployment spells, using
the approach from Gregory et al. (2021). This approach identifies a separation any time
we observe one of three joint earnings and employment outcomes: first, if there is a full
quarter of non-employment; second, if two employers abut but without a quarter in which
both pay simultaneously; and third, if two employers abut with a quarter of overlapping
pay, but which is lower than the minimum of the two adjacent quarters. The first case is
unambiguously a separation into unemployment whereas the latter two attempt to separate
job-to-job transitions from transitions through unemployment.

We use the state laws collected in Section to calculate base-period earnings exactly as
they would be calculated by state Ul systems. Although the quarterly frequency of the LEHD
seems like it could potentially inhibit our ability to accurately calculate earnings over the
year before separation, the structure of this data is actually perfect for calculating eligibility
because all states determine UI monetary eligibility by calculating income over completed
quarters prior to separation. State Ul systems calculate base-period earnings by adding up
the earnings in all covered employment over the year before the last complete quarter of
employment. Though the LEHD does not include some earnings from employment that is
not covered by U, e.g. at the Federal government, the structure of state Ul systems again
assists our approach: any earnings in non-covered employment also should not included in
base-period earnings calculations.

3 Empirical Evidence on the Effect of UI Eligibility

In this section we provide quasi-experimental evidence on the impact of unemployment in-
surance eligibility on workers’ search behavior. We exploit a discrete cut-off in UI eligibility
created by base period earning requirements as a source of variation for a regression dis-
continuity design (RDD). We use this RDD to document three key facts: First, Ul eligible
workers experience a 10% increase in earnings upon re-employment. Second, there is little or
no difference in subsequent employment duration or firms’ average wage among eligible and
ineligible workers. Third, exposure to UI eligibility appears to be random near the threshold
of eligibility. We start by describing our data, the longitudinal employer-household dynam-
ics (LEHD) dataset from the Census Bureau. Then, we discuss our research design and our
findings. Last, we describe the implications of our findings for models of labor market search.

3The 17 states are California, Colorado, Hawaii, Idaho, Illinois, Indiana, Kansas, Maine, Maryland,
Missouri, Montana, Nevada, North Dakota, Tennessee, Texas, Virginia and Washington.



3.1 Discontinuity-based Evidence on the Earnings Effect of Ul
Eligibility
With the earnings data from the LEHD, we create a running variable in the RDD estimate.
To normalize across states and years, we convert base-period earnings into a percent deviation
from the state- and year-specific threshold. Let base-period earnings be B;; for individual
¢ in quarter ¢, which is the quarter or the separation. The threshold is given by By 4 i)
indexed by the state s in which ¢ resides during quarter ¢t and year y, which corresponds
B;t—B,; ;

to quarter t. Then we define the percent of the threshold as ﬁ

=s(i,t),y(7,t

i,t—Bg(

analysis will focus on 25% deviation, —0.25 < w < 0.25. On the left side of the
=s(1,t),y(7,t

cutoff that domain includes about 132,000 observations and the right side includes 101,000
observations.

As the dependent variable, define y,;, as the earnings in the first full quarter of re-
employment. Note, ¢ again refers to the quarter of the separation although these earnings
occur at some date in the future. This earnings concept corresponds to the Census’ “full
quarter employment,” requiring that the households also have positive earnings in the fol-
lowing quarter. This is because of time aggregation: we only observe earnings by quarter so
if the worker is not employed in the next quarter after reemployment, they likely lost the job
during the first quarter of reemployment meaning that our earnings will reflect the length of
time before they lost that job, rather than the level of pay.

Figure 1 provides graphical evidence of the threshold effect. Along with the bin-scatter,
to help visualize the discontinuity, we include estimates of a 4th order polynomial on either
side of the threshold estimated over a domain of 25% above and below. The open circles
are the binned scatter, average re-employment earnings in a bit optimally chosen by the
methods of Calonico et al. (2019).

Notice that the trend on either side of the threshold in Figure 1 is fairly flat. This actually
hides the trend that earnings upon re-employment increase quite uniformly with earnings

Most of our

pre-separation. However, the running variable on the horizontal axis is W, the
prior earnings relative to a threshold that varies over states and therefore rsnzi’x’eyshearnings
levels across the horizontal axis and flattens the slope.

In our main specification, Equation 1, the coefficient of interest is that of the dummy for

base-period earnings above the threshold. On either side, the regression has separate local
Bit—B(i,t),u(i,t)

B . ;
2s(i,t),y(i,t)
negative and positive values. We also include dummies for the state of separation and the

period t. Because the threshold represents different values of the base period earnings, we
can also include B;; as a separate covariate.

polynomial regressions on characterized by vectors of parameters ¢, Y g for
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yir =1(B; > B, ) f (%,Wz) +1(B, < B,,)f (M,n)

-5y =5y

+ BBiy+ Dy + Ds+ €, (1)



3500 T T T T T

3400

()

o

o

=]
1

3200

3100

Earnings After Employment

3000

2900

2800 1 1 1 1 1
-0.3 -0.2 -0.1 0 0.1 0.2 0.3

Annual Earnings Relative to Eligibility Cutoff

Figure 1: Annual earnings prior to separation as a percent deviation from the state eligibility
cutoff against earnings in the next job. Binned scatter and 4th order polynomial fit.

The jump we observe is given by
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Table 1 shows the estimates for our treatment effect v, which is just over $300 in 2013 US
dollars. The bandwidths of the kernels are chosen independently on the left-hand and right-
hand side following the data-driven procedures of Imbens and Kalyanaraman (2012). To
correct the truncation of these kernels as we approach the cutoff, we use the bias-correction
methods presented in Calonico et al. (2014). The first row presents the non-parametric bias-
corrected estimator for the treatment effect with classical errors, while the second estimator
combines the bias correction with robust standard errors. In the first and third columns,
we estimate without controls for the income level. In the second and fourth, we control for
income, which is feasible because the eligibility cutoff differs across states.

The jump is quite consistent across specifications. Households make about 10% more
per quarter on the right side of the threshold, eligible for the UI. Notice that the effect is
also approximately 10% of the threshold, because on average, the threshold is about $3K.



Dependent Vit Lt

(1) (2) (3) (4)
Bias-Corrected | 318.92 276.913 0.102 0.0970
(67.47) (69.22) | (0.0351) (0.0328)

oy

Robust 318.92 276.913 | 0.102 0.0970
(80.81) (82.71) | (0.0415) (0.0393
With B; control X X

Table 1: Causal effect of UI receipt in 2013$ or as a fraction of cutoff. Standard errors in
parenthesis

Including the base-period earnings level in the estimator reduces the jump, which could have
a number of explanations. It could be because reemployment earnings trend upwards with
prior earnings, so if we do not remove that trend then some of it will appear in the jump—
essentially the within-state variation due purely to this cross-employment spell earnings
correlation. The estimator is designed, however, to avoid that effect. The control could also
reduce the point estimate because states with higher thresholds have a larger effect, which
could be consistent with the higher thresholds affecting more households.

To further assess whether these effects are spurious, we perform a series of placebo tests.
We estimate our main specification but moving the threshold throughout the domain of
base-period earnings. Specifically, we move it evenly between -25% and 25% of the true base-
period. In Appendix ?7 we present these results showing that in no other location do we see
a significant treatment effect. The treatment effects of different base-period earnings levels
bounce around zero, neither systematically positive nor negative and always insignificant.

Next we test for manipulation around our threshold. This concern is that households
may choose earnings above the threshold because there are clear welfare benefits of being
eligible for UI. We think that the structure of the Ul system makes this difficult for several
reasons. First, base period earnings are generally determined by earnings over the year in the
completed quarter prior to separation rather than at separation. Hence, the worker cannot
quit when their earnings pass the threshold: they would have to wait until the end of the
quarter. Further, many of these workers have very unstable employment relationships and
so their hours worked are essentially random processes.

Modern statistical tests can validate this intuition and so we use the set of manipulation
tests proposed in Matias D. Cattaneo and Ma (2020). Fundamentally, these are estimating
kernel densities on either side of our threshold, just like our local polynomials for the regres-
sion discontinuity estimator itself. The estimators then look for abrupt changes in density
on either side with the idea being that if workers could choose to get U, we would see excess
density, bunching, just above the threshold. This would invalidate our experimental design
because the characteristic that impelled the worker to chose to be above the threshold might
also affect their future earnings.

Instead, these manipulation tests validate our assumption that workers are essentially
randomly allocated above and below the threshold. The null hypothesis is that the density
on either side of our threshold is different, and a low p-value would reject this, essentially
finding that the density is different. But we cannot reject that the density estimated from
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the left of the threshold is the same as the density from the right. Again, this is actually
a very high power test because of how many observations we have and so the high p-values
imply that the density is quite smooth in the area of interest. More details of the estimation
with several assumptions and bandwidth selection techniques are given in Appendix ?7.

3.2 Discontinuity-based Evidence on the Employment Effect of UI
Eligibility

The earnings discontinuity could be caused either by differences in employment rates after

re-employment or by differences in wages, and the two have potentially different economic

interpretations. Relatedly, the very low earnings of workers near the eligibility threshold

could be because of low base-period employment rates or low base-period wages. In this

subsection, we disentangle this using evidence from the LEHD and from the BAM.

Our first bit of suggestive evidence looks at whether unemployment insurance gets workers
to stay employed longer, which is related to the productivity of the next match. We find
that it does not, graphically shown in Appendix A, Figure 8. We looked for a break in re-
employment earnings at the eligibility cutoff, fitting local linear fits independently on either
side of the threshold. The jump after re-employment is only about 0.4pp: a minimal increase
in employment at the threshold that is statistically indistinguishable from zero and does not
suggest that the productivity of the next match was particularly better due to Ul

The exercise also helps to understand why some workers have such low earnings prior to
displacement: they have low employment rates in the pre-period. For example, those whose
base-period earnings were two times the state eligibility threshold were employed for about
three of four quarters in the base-period and employed for nearly 90% of quarters in the year
after re-employment.

To go further, we present two more regression discontinuities using the same formulation
as when we presented the next-employer earnings jump, Equation 1. Instead of looking at
earnings, we look at the realized tenure in the next employer match and the average wage
among the employees of the next employer. The first measure is expected to be related to
match productivity in much of the empirical literature, such as Topel and Ward (1992) and
in many models such as Menzio et al. (2016). If idiosyncratic match quality is observable
and UI allows a worker to wait longer for the arrival of a higher value, then workers with
access to Ul should generally have longer subsequent matches. The latter measure measures
quite directly whether the worker found a more productive firm by measuring if the firm
generally pays more. Again, if UI allows the worker to wait longer for the arrival of an offer
from a better firm, then the average wage at that firm should be higher. If however UI just
raises the bargaining prowess of that worker, then it should be neutral on the rest of the
workers at the firm and firms’ average wages should be no higher.

Table 2 shows the discontinuity effects for both job tenure and firm wages are statistically
zero. If we could reject that these estimators were zero, then it would be strong evidence
for a productivity effect from the Ul treatment. In fact, many of the point estimates go
in the opposite direction of what we would expect if the UI increased productivity. While
this is not definitive proof, especially because match tenure is only an indirect measure of
productivity, it is suggestive that the primary mechanism driving our earnings effect comes
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from rents, workers getting a larger share of the productivity of the match.

Dependent Re-employment Tenure Next Firms’ Average Wage
Bias-Corrected -0.0193 -205.5
(0.192) (119.5)
Robust -0.193 -205.5
(0.225) (139.5)
With B, control X X

Table 2: Average tenure (quarters) and firm average wage ($) have insignificant jumps at
the earnings eligibility cutoff, suggesting the productivity does not improve.

3.3 Observable Characteristics and Continuity at the Cutoff

Of course, these estimators all rely upon continuity across the the cutoff and, that workers are
not endogenously choosing to be above or below. This amounts to testing for manipulation
and bunching of the distribution of the running variable.

To begin addressing these concerns, Table 3 shows several characteristics and their stan-
dard errors for a window of 2% in the running variable above and below the cutoff. Along
most of the demographic dimensions that we can observe in the LEHD, there is little eco-
nomically meaningful difference between those above and below the threshold. Of particular
interest is the tenure variable, which is calculated as the number of quarters their prior
job lasted. Somewhat surprisingly, those under the threshold actually have slightly longer
tenures. If the threshold were selecting “worse” workers below it, we would expect the
opposite relationship.

Born  Tenure College Female Non-white Employment
By < B, | 1973.63  12.85 0.49 0.54 0.37 0.54

(0.058) (0.099) (0.002) (0.002) (0.002) (0.0015)
By > B, | 1973.06  12.48 0.49 0.53 0.36 0.51

(0.065) (0.112) (0.002) (0.002) (0.002) (0.0017)

Table 3: Characteristics within 2% of B;; = Es,y' Standard errors in parentheses.

The goal of this regression discontinuity design is to estimate the treatment effect of UI
on the employment outcomes of unemployed workers. The regression discontinuity design
has several advantages over looking at more aggregated data, like differences in outcomes for
UI recipients and non-recipients, because at the threshold we can see exogenous variation in
access to the program rather than the endogenous decision to take up the payments or not.

3.4 Validation: Placebo and Manipulation Test

To assess the robustness of our main findings, we first conduct a placebo test by shifting
the cutoff threshold used in our Regression Discontinuity design. Specifically, we estimate
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the treatment effect at multiple artificial cutoffs relative to the actual threshold, both above
and below the true cutoff. If our estimated effects are truly capturing the causal impact
of treatment, we would expect to see significant results only at the actual threshold, while
estimates at placebo cutoffs should be close to zero and statistically insignificant. Figure 2
presents the estimated treatment effects at various placebo cutoffs, with the solid black line
representing point estimates and the shaded region indicating the corresponding confidence
intervals. As seen in the figure, the treatment effects fluctuate around zero at placebo cutoffs,
with wide confidence intervals that include zero, indicating a lack of statistical significance.
In contrast, the estimated effect at the true cutoff stands out as the only statistically signif-
icant result. This placebo test confirms that our findings are not driven by arbitrary cutoff
choices. Instead, the significant treatment effect at the actual cutoff reinforces the causal
interpretation of our results

To further validate our estimates, we also conduct a manipulation test to examine whether
there is a discontinuity in the density of observations around the cutoff. If individuals
could precisely manipulate their assignment variable, we would expect an excess mass of
observations just above or below the threshold, which could bias our estimates. Table 4
reports the test statistics using both side-specific and common bandwidths. The side-specific
bandwidth allows different bandwidths on each side, accommodating potential asymmetries
in density, while the common bandwidth applies a symmetric bandwidth around the cutoff.
The estimated test statistic and p-values indicate that there is no significant discontinuity in
density at the cutoff, suggesting that manipulation is unlikely. This supports the validity of
our estimate by confirming that individuals on either side of the threshold are comparable
and that our causal estimates are not driven by sorting behavior.

600

I
1 R
SRRE
B 200 ] 1 :
oo} i Bandwidth  Test Statistic S.E  P-value
o I ,‘\“""li(“"“”" | Side-specific -0.8252  0.0525  0.4092
-0.25 -0.2 -0.15 -0.1 -0.05 I)Os(ilion 0.05 0.1 0.15 0.2 0.25 Common _0.5472 0.0563 0.5842
Figure 2: Result of the Placebo Test Table 4: Manipulation Validation Tests

3.5 Interpreting the Estimated Treatment Effects

Although our empirical findings credibly establish that Ul affects employment outcomes, it
is an intent-to-treat regression discontinuity, and so further interpretation is needed. Specif-
ically, the effect we are interested in is how UI receipt changes outcomes, but base-period
earnings above the eligibility cutoff do not guarantee receipt, and so the earnings of the
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eligible are a mixture of eligible receivers and nonreceivers. The eligible might not receive
benefits for two reasons, first that are ineligible for other reasons, and second because they
choose not to claim their benefits. Both sources of non-compliance are potentially endoge-
nous, and so we will explore further in the model how to interpret them. First, however, we
can try to bound the potential treatment effect by assuming that non-compliance is purely
random. In that case, the eligible who do not receive UI would have behaved exactly the
same as the receivers if Ul had been given to them. Hence, an upper bound on the effect of
treatment on the treated will divide our earlier RD estimate by the rate of non-compliance.

Unfortunately, neither source of noncompliance can be seen directly at the individual-
level in the LEHD. Using the SIPP to estimate the probability of ineligibility for reasons
other than base-period earnings and of the probability of nonclaiming. The main reason
a worker would be ineligible despite sufficient base-period earnings is that the separation
was voluntary. Hence, we condition on workers who separated and whose self-reported base-
period earnings were near the eligibility threshold and compute the fraction who reported
being displaced relative to those who quit. The majority of these separations would have the
worker ineligible for UI: about 60%. Then, we estimate the fraction of unemployed workers
who reported receiving any unemployment benefits, an upper bound on the fraction who
claimed given that many would have been rejected. Again, the majority of workers do not
claim: only about 43% of eligible unemployed report actually receiving benefits. These two
factors create an upper bound of the treatment effect of $946.20 or 30.3% of the base-period
earnings threshold.

4 Quantitative Model

4.1 Environment

Our economy is populated with a continuum of infinitely-lived workers of measure one, and
firms with positive measure. Time in our economy is discrete and continues forever, and
both firms and workers discount future value at an identical rate, 5. Workers and firms are
ex-ante homogeneous, but workers become ex-post heterogeneous as a result of their income
history, . Workers may be employed or unemployed and receiving UI, or unable to receive
UI. Upon separating, workers choose whether or not to claim UI, which is a stochastic process
that depends on their income history (u) and whether they separated to unemployment by
quitting, ¢ = 1, or being fired, ¢ = 0. Unemployed workers of either Ul status are able to
direct their search to vacancies posted by firms in different submarkets, which are indexed
by (@, w) € Ry x Ry, the income history and piece-rate.

Matched firms produce using a linear technology, z, where z is a stochastic productivity
process composed of an idiosyncratic and persistent component. At the beginning of the
period, an idiosyncratic shock realizes with probability pg, and the match produces a trivial
amount 2z, reflecting a period where the firm does not require output and the worker is not
paid. With complementary probability, the match is productive and z follows an AR(1)
process: z' = p,z + €,, where €, ~ N(0,0.). Firms pay piecerate wages w, which yields
a wage bill of wz, and are subject to a stochastic fixed operating cost y. After observing
the productivity and hours shocks, the firm decides whether to fire their worker, which
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we denote by the indicator ds(w, z, it, x). Matches may also dissolve because workers quit,
which depends on a time cost shock, ~, that workers realize each period. For some values
of ~, workers prefer to quit and enter unemployment. This yields an indicator function
D(w, z,p) = max{ds(w,z, i1, x), dg(w, z, 1)}, the expectation of which is the probability
that a match dissolves between periods. We assume that a firm’s decision to fire a worker
occurs before the worker’s decision to quit, should both realize.

Workers are risk averse with utility «/(¢) > 0, «v/(0) = oo and do not have access to
savings technology. While they are employed, their income history updates according to
W= (1- %)u + %wz, where T is the "look-back” period, over which previous income is
calculated for eligibility and level of benefits (52 weeks in our calibration). After producing,
the quit shock realizes. If a worker separates, they choose whether or not to claim UL

The likelihood of Ul recipiency depends on two factors: whether the worker was fired and
whether their income history falls above a monetary eligibility threshold, ji. While neither
factor unilaterally precludes a worker from receiving Ul, quitting or having income below the
threshold hampers their likelihood of receipt. If a worker fails to meet either the separation
or base period earning requirement, they face a likelihood &; of being deemed eligible if they
claim. If they meet both criteria, they have a probability &, of receipt should they claim.
Claiming UI entails a cost, ¢ ~ Gumbel as well as a fixed cost 1, both of which linearly
decrease utility. If they are successful, they receive by; = max{brgu, brrw} in UI benefits.
They face a probability \g of exogenously losing benefits, and may only receive benefits for
at most 7} consecutive periods. If they are not receiving Ul or have exhausted their benefits,
they receive b, < brg(w).

Firms post vacancies at marginal cost k. Vacancies are one-firm one-worker contracts
that specify a piece-rate to which the firm can commit for the duration of the contract.
In each submarket, there exists a constant return to scale (CRTS) matching technology,
M (u,v), where u is the number of unemployed in the submarket, and v is the vacancies.

We define the market tightness 6 as #. We define the job-finding rate as Muv) p(6) and

the job-filling rate M =q(0) = ’@. p is a strictly increasing and concave function such
that p(0) = 0, and p’(0) > 0, and ¢ is a strictly decreasing and convex function such that
q(0) =1, ¢(0) < 0, and further the composite function p(q~!) is concave. We assume that
the free entry condition holds in any open submarket.

The aggregate state of this economy is given by a tuple (y, e, u), the aggregate productiv-
ity, and measures of employed and unemployed, respectively. The equilibrium is stationary
and block recursive, so we suppress this notation for ease of exposition.

4.2 Timing of The Model

Each period in the model consists of two sub-periods: search and production. At the be-
ginning of each period, an employed worker first decides whether to quit their job. This
decision depends on their current wage, outside options, and UI eligibility status. If the
worker chooses to quit, they enter the unemployed pool and may apply for UI benefits. For
workers who remain employed, the firm then draws a productivity shock (z), an employment
shock (pg), and a match destruction shock (4). The productivity shock z determines the
worker’s output within the firm. The employment shock py determines whether the match
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produces zero output, meaning the worker remains employed but does not receive earnings
during the period. The match destruction shock ¢ determines whether the match is automat-
ically dissolved due to external factors. Given these realizations, the firm decides whether to
fire the worker. If the firm fires the worker, the worker enters the unemployed pool and may
apply for UI. If the firm retains the worker, production continues, and the worker receives
their wage.

Following the separation phase, the search phase begins. Firms post vacancies and un-
employed workers search for jobs, directing their search based on their reservation wage and
job market conditions. Workers who have been separated, either voluntarily or involuntarily,
may apply for UI benefits, with eligibility determined by the state’s earnings and separation
requirements. If eligible, they receive Ul benefits with probability £. At the end of the period,
employed workers carry over their match into the next period, while unemployed workers
either continue searching for jobs or receive Ul benefits if eligible. The process then repeats
in the next period, with workers facing the same sequence of quit, search, and employment
decisions.

4.3 Worker’s Problem

We first describe the problems solved by employed and unemployed agents. Unemployed
agents may be in one of four discrete states: they may be receiving, eligible to receive,
ineligible but not rejected, or rejected and ineligible to receive UI. We first describe the quit
decision and subsequent production phase for the employed worker.

4.3.1 Production and Quit Decision

Each period an employed worker is subject to a cost of time shock, v, that in concert with
their productivity shock, z, determines whether or not they choose to quit. If they choose
not to quit, they may be fired by the firm, which is determined in the firms’ problem, but
happens exogenously with probability 6. An employed worker has state sg = (w, 2z, i), and
faces sy = (w, 2/, 1), ¥ = (u',d, = 0), s{; = (¢, d, = 1). Such a worker, one who has
already decided not to quit, faces the following problem during the production phase

wz 2>z
s.t. c:{ b, L (2)
1 1
,U,/: <1—T),u+?wz (3)

, 2, w/ prob. po(2) (4)
2 =pz+e, w/prob.1—py(z)

They receive income wz, where z is realized before the period. They consume their

income, ¢ = wz..

4Because our focus is on workers barely eligible or ineligible for UI, unlikely to be able to self-insure much,
we abstract from a savings decision.
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Before production, the worker chooses whether or not to quit, probabilistically. The
probability of not quitting is given by

Pe(llc(sh) > Un(sy)) = o ro O DE ) o

which is because the shock, v, is Gumbel distributed.

4.3.2 UI Take-Up and Receipt

Each period, an unemployed worker who is still eligible chooses whether to apply for UI ben-
efits. He makes this decision based on the probability of acceptance, &(u, @), which depends
on income eligibility and quit status (@ € {0, 1}). Should he chooses to apply for UI benefits,
he pays a fixed cost 17 and a stochastic utility cost € ~ Gumbel. If he is rejected for Ul, he
becomes ineligible. If he is successful, he receives by = max{min{brru', byrax }, brrw} and
has 7 periods remaining of receipt. Hence, the states for workers who can claim, s¢ = (u, @),
are currently receiving, sgp = (u, by, 7) or are ineligible sy = (u, b,) His value function is

Uc(sy) = max u(by) + BE[Iy—13{&(sv)Rr(sR)

£e{0,1}
+ (L =&(sv))Rx(sx) —n — €} + L=oy Re(spy)] (6)
st = (- (7)
Epete if > w
gz{ §};65Q ifu<w (®)

where Rg, Rx, and R¢c are the values of searching for receivers, ineligible, and potential
claimants, respectively, during the search subperiod. Because € is realized after applying,
potential claimants apply with probability

Pr(E.{¢Rr + (1 = §)Rx — e —n} > E..[Rx])
_ exp{(ERr+ (1 —&{)Rx —n— Rx) Jo.}
1+ exp{(§Rr+ (1 = &)Rx —n — Rx) Jo}’

which is increasing in the likelihood of acceptance (£) and decreasing in costs € and 7.
Notably, € can take values less than zero, which can cause workers to claim even if they are
ineligible and unlikely to receive UI.

An unemployed worker who is receiving UI has the value function

Ur(sgr) = u(bur) + BE[(1 = A(7)) Rr(sg) + A7) Rx (sx)].

“(a)
st. pu = 1_T "

)\<T>:{)\0 >0

1 =0
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where A determines whether he becomes ineligible for UI after the search subperiod. While
he still has periods of eligibility (7 > 0), he faces a probability Ay of losing UI, reflecting the
probability that his receipt is discontinued.® Once he has exhausted his UI, he no longer
receives Ul after the search subperiod (A = 1).

An ineligible worker faces a similar problem, with zero probability of regaining UI without
first finding employment. His value function is

Ux(sx) = u(b,) + BE[Rx(s'y)].
sty = (1 - %) 1

After producing, separating, and resolving the claims decision, an unemployed worker searches
for a job. This defines three component values, R, Rx, and R¢ for receivers, ineligible, and
potential claimants, respectively. The value function is

4.3.3 Job Search

Rr(p,byr,7) = %%Xp(e) /maX{UE(w, z, 1), Up(p, by, 7)} d®(2) + [1 — p(6)]Ur(, by, 7)

Ry (p) = maxp(0) /max {Ur(w, z, n), Ux ()} d®(2) + [1 — p(6)]Ux (1)

w,0

RC(M’ Q) = I?U%Xp<0) /HlaX{UE(’LU, 2 :u)’ UC(M’ Q)} dq)(z) + [1 - p(@)]U0<,LL, Q)

where by and 7 can be suppressed for ineligible or potential claimants and ®(z) is the
ergodic distribution of z implied by the AR(1) process described above.

4.4 Firms’s Problem

In our model, firms may be matched with a single worker, or unmatched. Matched firms
produce and choose whether or not to continue the match. Unmatched firms choose whether
or not to post a vacancy.

4.4.1 Production and Firing

A matched firm produces z units of output each period and pays wz in income. It also
pays a fixed cost 1 associated with operating the firm. Productivity, z, is stochastic and
realizes prior to the separation decision (D). It also faces a risk that its employee may quit
prior to production. Should this not occur, a matched firm in the production stage faces the
following problem:

5Claims may be discontinued for violations of the receipt agreement, like not actively searching for a job.
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‘](w’ Zv:u) = max (1 - df){(A - w)Z — X+ /BE{(l - dq(wvz/’/‘/))‘](wazlvﬂl)}

dre{0,1}
p o= (1—l)u+lwz
T T
S { 2, w/ prob. po(z)
2 =pz+e€,, w/prob.1—py(z)

where we have imposed the equilibrium free entry condition that E[V(w,Z)] = 0 in the
interest of brevity. A firm fires workers, d¢(w, z, ) = 1, if the value of continued employment
falls below the value of searching for a new worker, J(w, z) < E[V (w, Z)] = 0, a rate governed
by x. If the firm chooses not to fire the worker, the worker may quit with probability
dy(w, ', 1') > & before the firm gets the chance to choose their firing choice next period.
Because y is Gumbel-distributed, the probability that the firm fires a worker is given by

Pe(J(u.z,0) > 0) = TS L) Y

4.4.2 Vacancy Creation and Free Entry

An unmatched firm can post a vacancy at cost x that specifies a wage w. With probability
q(0) it contacts a worker during the following week and draw an idiosyncratic productivity,
z. An unmatched firm has the value function

V(w) = =k + Bq(0(0))) Ex[(1 — D(w, 2))J (w,2)]. (10)

We assume that the free entry condition holds in equilibrium, which yields the following
worker contact rates

(11)

in a submarket.

4.5 Equilibrium
A Block Recursive Equilibrium (Shi (2009) and Menzio and Shi (2010)) in this model econ-

omy is a set of policy functions for workers, {¢,w}, value functions for workers U, R, value
functions for firms with filled jobs, J, and unfilled jobs, V', as well as a market tightness
function #(w). These functions satisfy the following:

1. The policy functions {¢, w} solve the workers problems, U, R.
2. O(w) satisfies the free entry condition for all submarkets (w).

3. The aggregate law of motion is consistent with all policy functions.
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As in the prior literature, the equilibrium is “Block” Recursive in that the first two blocks
of the equilibrium, i.e. the individual decision rules, can be solved without conditioning upon
the aggregate distribution of agents across states, i.e. the third block of the equilibrium. In
our context, this has implications for how we interpret the RDD because firms know they
are getting either treated or untreated workers and the equilibrium finding rate reflects the
firms’ internalization of the workers’ outside option.

5 Calibration and Quantitative Results

We calibrate the model to align with the current U.S. economy and match our empirical
findings from section 3 using simulated method of moments. Our other targets focus on
earnings and employment dynamics to accurately reflect the incomplete UI exposure observed
in the data.

Our moments can be broken into three sets: standard search and matching model targets,
Ul-specific structural features, and the re-employment earnings jump estimated in section 3.
By aligning the RDD-estimated treatment effect, we can infer typically unobservable param-
eters that determine workers’ share of the surplus. This approach enables us to assess the
fundamental treatment effect driving our quasi-experimental results.

Then, we present the key findings from our analysis. First, we use our calibrated model
to interpret the empirical results from the regression discontinuity design in subsection 5.3.
Here, we extract the “true” treatment effect, pulling away the effects of endogenous noncom-
pliance. Then we decompose the earnings effect of UI eligibility into its underlying mech-
anisms, distinguishing between changes in match productivity and changes in the worker’s
share of the surplus. This allows us to quantify the extent to which UI eligibility influences
re-employment wages by garnering a larger share of production rather than productivity
gains.

Next, we use the model to understand the result. First, we answer why productivity seems
to move so little. Then we use the model to answer two big questions and policy experiments.
Getting at some of the fundamentals of labor search, we use the exercise to isolate workers’
bargaining power. Then, we assess the broader labor market implications of UI eligibility
by generating global treatment effects. Finally, we conduct counterfactual policy exercises
for how relaxing UI eligibility requirements, the base period earnings requirement and the
separation requirement, impact key labor market outcomes, including employment rates, Ul
claim rates, and average wages.

5.1 Externally Calibrated Parameters and Functional Forms

We adopt several assumptions for functional forms and externally calibrate a subset of pa-
rameters. We assume that workers exhibit constant relative risk aversion (CRRA) utility,

l1—0o

given by u(c) = $—,0 # 0, which allows unemployment insurance to have a nonlinear
effect on marginal utility. Risk aversion is set to 2. The matching function is specified as
M (u,v) = —*—, which ensures that matching probabilities remain bounded between

(um™ +vn1)ﬁ
0 and 1. n; controls the elasticity of the matching function.
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Table 5 presents the externally calibrated parameters. We calibrate the model to a weekly
frequency, setting 5 = 0.998, which implies an annual interest rate of approximately 5%,
closely aligning with the average during this period. Following Fujita and Ramey (2012), we
assume that filling a vacancy requires roughly 6.7 hours per week, leading us to set k = 0.2,
a value consistent with other studies in the literature, such as Petrongolo and Pissarides
(2001). To calibrate the unemployment insurance (UI) system, we use administrative data
from the U.S. Department of Labor. For our sample period and states, the average statutory
replacement rate is brr = 0.56. The "look-back” period T', over which prior income is
calculated to determine UI eligibility and benefit levels, is approximately 52 weeks.

Parameters governing the worker’s productivity process are directly estimated from SIPP,
estimating an earnings process for workers within our study window of 50% of the eligibility
threshold, leaving an auto-correlation coefficient of 0.8 and a standard deviation of 0.2.

Parameter Value Comment

16 0.998 Discount rate

no 1 Matching efficiency

K 0.20 Vacancy creation cost
brr 0.555 UI replacement rate
P 0.8 Auto-corr. of z shock
o, 0.2 SD of z shock

o 2 Risk aversion

A 1 Normalization

T 52 Base period lookback

Table 5: Externally Calibrated Parameters

5.2 Estimated Parameters and Targeted Moments

The remaining parameters are set by matching simulated moments. The left panel of Table 6
presents the estimated parameters, while the right panel of Table 6 compares the moments
estimated from the data with those generated by the model.

Three sets of moments are crucial to the success of this study: the discontinuity in
earnings observed in the data, labor market transitions, and the distribution of UI status.
The jump in post-unemployment earnings at the cutoff, along with employment transition
data, is estimated from the Longitudinal Employer-Household Dynamics (LEHD) and Survey
of Income and Program Participation (SIPP), respectively. The moments related to Ul status
are estimated using the Non-Monetary Determinations Activity reports and the Benefit
Rights and Experience reports from the Employment and Training Administration (ETA).°

These moments are jointly disciplined by three sets of parameters: those common in
equilibrium search models, parameters unique to our Ul structure, and parameters related

SETA reports are sourced from the National Office database, which compiles data from the 50 states,
Washington, D.C., Puerto Rico, and the Virgin Islands. The data in the Non-Monetary Determinations Ac-
tivity reports are used by the U.S. Department of Labor for budget projections and to assess disqualification
processes. The Benefit Rights and Experience reports are used to evaluate state benefit formulas.
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to endogenous separation decisions by both firms and workers.

The first set of parameters includes the matching elasticity n; and outside subsistence
income b,,. The outside subsistence income b,, directly influences how much an unemployed
worker values Ul benefits. The matching elasticity plays a key role in determining how much
of a worker’s earnings stem from productivity versus how much is attributed to outside
options. These two parameters are critical for capturing the 10% earnings difference at the
cutoff. Although the model slightly underestimates this difference by 0.3 percentage points,
this moment is essential for the decomposition analysis presented later in the paper.

The second set of parameters capture Ul eligibility and the process for productivity.
Specifically, these include the probability of receiving UI conditional on earnings eligibility,
denoted by &, and &, the quitting penalty ¢, the fixed application cost 7, earning eligibility
threshold @, the slack probability py, and the exogenous probability of losing UT ).

The parameters &, &, and ¢ are novel and crucial to how we model the UI eligibility de-
termination process. These parameters allow us to incorporate both the base period earnings
and separation requirements for Ul eligibility: if a worker’s past earnings do not meet the
base period earnings requirement, they receive UI with probability &;. If a worker voluntarily
quits their previous job, their probability of receiving UI is reduced by ¢. These adjustments
account for the observed non-trivial rejection rates related to eligibility requirements in the
data. Specifically, &, &, and ¢ are calibrated to match the monetary ineligibility rejection
rate, the separation rejection rate, and the eligible receiving rate. From Table 6, we estimate
that meeting the base period earnings requirement increases an applicant’s probability of
receiving Ul by approximately fourfold. Additionally, quitting carries a 16% penalty on the
probability of UI receipt.

The parameters n and @ further refine the model by regulating two key moments: the
claiming rate and the proportion of monetarily ineligible earners, respectively. The fixed
application cost n captures the administrative burden of applying for UI, reflecting the
requirement for applicants to visit Ul offices weekly to report their status and recertify
eligibility. The parameter w serves as the model counterpart to the base period earnings
requirement.

Now, pg, is unique to our model. We define p, as the probability that a job match expe-
riences an idiosyncratic shock, preventing production and resulting in the worker receiving
no earnings. This parameter is included because, according to SIPP data, approximately
26% of employed workers experience periods without earnings despite remaining employed.
Additionally, po is instrumental in generating the observed 20% of separations that do not
meet the base period earnings requirement. We calibrate py to match the 26% no-work rate
reported in SIPP. Finally, we include Ay, which represents the exogenous probability of losing
UI benefits. This parameter is calibrated to align with the Ul exhaustion rate observed in
the data.

Lastly, we examine the exogenous separation rate 9, the firing cost v and the quitting
cost x. These parameters are estimated by targeting the average separation rate (3.1%),
the proportion of separations resulting from firings (33.4%) and voluntary quits (17.2%)
together as reported in SIPP. As shown in Table 6, quitting is associated with a substantial
cost, approximately equivalent to two and a half years of accumulated subsistence income
for an unemployed worker.

Overall, the model effectively captures several key moments, including the re-employment
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earnings jump attributable to maintaining base period earnings that confer monetary eli-
gibility. It also accurately replicates employment transition dynamics and aligns well with

observed UI claim, rejection, and ineligibility rates.

Parameter Comment  Value Moments Data  Model
Labor market parameters Main RD estimate
ny Matching elasticity — 0.622 Earnings discontinuity 0.100 0.097
b, Outside subsistence income  0.146 Employment Transition
Do Probability of no hours  0.261 No-work-rate 0.262  0.257
Ao Probability of losing UT  0.001 EU rate 0.031 0.038
0 Separation probability  0.040 Quitting rate 0.334 0.333
¥ Worker quitting cost 19.576 Firing rate 0.172  0.129
X Firm firing cost ~ 0.010 UE rate 0.560 0.552
UI receipt probability Ul status
& Monetarily eligible  0.997 Claiming rate 0.734 0.774
& Monetarily ineligible  0.191 Percent monetarily ineligible  0.200  0.213
%) Quitting penalty -0.164 Separation rejections 0.125 0.079
Ul program parameters Monetary ineligible rejections 0.074  0.090
n Application cost  0.034 Ineligible receiving rate 0.100 0.099
w Eligibility threshold  0.377 Exhaustion rate 0.380 0.319

Table 6: Parameter values and estimated moments
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5.3 The Underlying Effects of Ul on Re-Employment Wages

In the data, the effect we estimate from the regression discontinuity is an amalgam of dif-
ferent effects, the post-treatment average wage is a weighted average across different types
of workers. While our baseline results strongly suggest that Ul receipt leads to higher re-
employment earnings, we cannot directly observe claim and receipt status in the data, so we
cannot directly observe an effect of treatment on the treated, the “true” effect. To address
this limitation, we begin by estimating the underlying effect of Ul receipt on re-employment
earnings for a hypothetical, eligible claiming unemployed worker.

We utilize our model to construct an appropriate counterfactual and estimate the causal
effect of UI on re-employment wages for eligible workers. Unemployed workers can be in one
of three categories, Non-Quit, Quit, and Exhausted based on their separation status before
unemployment. Among non-quitters, we specifically focus on those who claim UI both above
and below the eligibility threshold and refer to them as Perfect Compliance. Unlike other
groups that may exhibit endogenous selection into UI, the perfect compliers provide a clean
estimate of the true causal effect of UI by allowing us to isolate the impact of eligibility on
re-employment wages without the confounding influence of differential take-up behavior.

Then, for each of these types, we decompose the overall treatment effect on post-unemployment
quarterly earnings ( Treatment) into two components: the effect on productivity (z- Treatment)
and the effect on piece-wise wages (w-Treatment). Treatment is measured by the percentage
difference in outcomes at the cutoff averaged within a window of 2% of earnings.

Table 7 presents the estimated treatment effects on workers’ quarterly re-employment
earnings, productivity (z), and piece-wise wages (w), conditional on base period earnings
and Ul statuses. Quitters and those who exhausted the UI exhibit minimal earnings in-
creases near the cut-off.”Besides showing how the estimated 10% treatment effect from the
RDD is confounded by the presence of heterogeneous worker types, we also estimate the true
effect of UI focsuing on the perfect compliers. The perfect compliers consists of non-quitters
who claim Ul above and below the threshold. As shown in Table 7, this group exhibits sig-
nificantly higher estimated treatment effects compared to the broader empirical counterpart,
particularly in re-employment earnings, and piecewise wages (w). The true treatment effect
on post-unemployment earnings is estimated to be 72.1% at the cutoff.

Decomposing the treatment, we find that the increase in re-employment earnings above
the cutoff is mostly not driven by higher worker productivity but by an improved outside
option. Workers who gain access to Ul benefits strengthen their bargaining position, allowing
them to search for jobs with higher wages. They mostly do not become pickier in the
productivity of the job they will accept, but are willing to wait longer while searching for
a higher share. This aligns with our empirical findings that suggested the rise in post-
unemployment wages primarily reflects workers capturing a larger share of the match surplus.
We dive into the economics of why this happens more in subsection 5.4.

7Appendix D shows a more detailed decomposition, including the breakdowns presented in Table 7.
Table 9 provides a deeper look into the heterogeneity of treatment effects across different worker categories,
distinguishing between those who claim UI only above the cut-off and those who claim both above and below
the threshold. It also includes a further breakdown based on whether workers change their Ul status within
the observed quarter, referred to as the ”conditional” groups.
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Subset Treatment z-Treatment w-Treatment

Empirical Counterpart 0.097 0.005 0.439
Perfect Compliance 0.721 0.004 0.725
Non-Quit 0.417 0.004 0.512
Quit 0.026 0.003 0.000
Exhausted/Rejected 0.026 0.004 0.000

Table 7: Decomposition of the empirical treatment effect within the model by first making
a hypothetical, underlying treatment effect for eligible applicants relative to ineligible appli-
cants (perfect compliance). The other lines look at different eligibility status. The columns
labeled z and w represent the decomposition into productivity and piece-rate components,
respectively.

In summary, these results show that access to Ul benefits raises a worker’s reservation
wage by strengthening their outside option, which then translates almost entirely into higher
earnings. This effect is particularly strong for the Perfect Compliance group. For these
workers, increasing benefits from subsistence levels (b, = 0.145) to the minimum UI level
(byr = 0.21), calculated as the eligibility threshold (0.377) multiplied by the replacement
rate (0.555), results in a 72.1% increase in re-employment earnings. This corresponds to an
elasticity of approximately 1.65.

5.4 Why z Accounts for so Little of the Treatment

To understand why productivity (z) accounts for only a small portion of the treatment effect,
we examine Figure 3. This figure plots the reservation productivity (z;) as a function of base
period earnings for different types of job searchers. The reservation zg values are computed
from the values of R, at optimal wages.

25



Non-Quitter

3 1 1 1 1 1 1 T T
2.5k -
N
=] 2+ =
ER
5 1.5} -
o
0.5F -
0 1 1 1 1 1 1 1 1 1
0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1
Base Period Earnings
. Quitter
'3 T T T ri T T T T T
2.5F I e
|
N
g 2r I -
2 I
:v 1.5k | -
$ 1t | -
= |
0.5 F I -
0 1 1 1 I 1 1 1 1 1 1
0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1

Base Period Earnings
Figure 3: Reservation z

In Figure 3, the green region represents the values of u where employment is consistently
more beneficial than unemployment, whereas the red region denotes values where remaining
unemployed is more advantageous. The white region illustrates the variation in reservation
zs across different levels of p.

At the UT eligibility cutoff (dashed line), the impact on individuals who previously quit
their jobs is negligible. As expected, most individuals who quit still find re-employment to
be the preferable option. For non-quitters, although there is a visible discontinuity at the
threshold, the magnitude of this difference remains relatively small. Specifically, only 4% of
non-quitters just below the base period earnings threshold have a productivity level below
the reservation z.

Moreover, while the firm’s expected value of employment increases with z, raising p can
lead to a higher expected z due to a higher reservation z among eligible workers. However,
this also reduces the probability of forming a match. This trade-off is depicted in Figure 4,
which illustrates how job-finding probabilities evolve with increasing .

Overall, these findings highlight that productivity (z) plays a limited role in explaining
the observed treatment effect. The fact that average productivity remains similar above and
below the eligibility cutoff suggests that Ul eligibility does little to alter productivity-based
job selection.

5.5 The effect on unemployment duration at the threshold

To assess the effect of Ul eligibility on the duration of unemployment, we estimate the
elasticity of the job search rate. Given that a 43.8% increase in subsistence benefits leads to

26



0.78

0.7533

0.7267 -

Job Finding Rates

T 0.6733 |

0.6467

0.62 L L 1 L L L
0.1 0.2 0.3 0.4 0.5 0.6 0.7
Base Period Earnings

Figure 4: Job finding rates

an average decrease of 6.81% in job-finding rates, our estimated elasticity is approximately
0.16. This means that a 1% increase in Ul benefits reduces the job-finding rate by 0.16%.

This estimate aligns with the existing literature summarized in Schmieder and von
Wachter (2016) Table 2, where duration elasticities in U.S. studies range from 0.1 to 2,
with a median of 0.38. Compared to these estimates, our finding is at the lower end of the
range, suggesting that Ul eligibility moderately prolongs unemployment duration but does
not lead to excessively long jobless spells.

Taken together with the findings in subsection 5.3, we observe that the elasticity of re-
employment wages is significantly larger than that of job-finding rates. This suggests that
UI primarily influences wages rather than substantially extending unemployment duration.

Examining the 6, w trade-off derived from Equation 11, we observe from Figure 5 that
labor market tightness (6) is relatively insensitive to changes in wages (w). This is likely
because our sample focuses on workers near the UI eligibility threshold, who tend to be
financially constrained and risk-averse. As a result, they exhibit a high degree of impatience,
making them less willing to prolong their job search in pursuit of higher wages.

5.6 Worker bargaining power

From the analysis above, we find that Ul eligibility significantly influences workers’ outside
options, thereby affecting their job search direction and employment outcomes. A natural
follow-up question is how UI eligibility impacts workers’ share of the surplus, given that our
model operates under a directed search framework where wage determination occurs without
explicit bargaining. While there is no bargaining process in equilibrium, we can approximate
an ad hoc measure of bargaining power by computing workers’ share of the surplus, assuming
a Nash bargaining process ex ante.

Specifically, for each individual, we compute their value of unemployment, Ug, before
transitioning from unemployment to employment. We then calculate the match surplus,
Ug + J — Ug, for the new match to estimate the worker’s share of the surplus. Next, we
compute the average surplus on either side of the threshold, along with the worker’s share,
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to evaluate how UI eligibility affects surplus division. Figure Figure 6 shows this surplus
share around where the literature places the worker share, a bit over a half. It is gradually
increasing with p and showing a small, 1.6% discrete-jump at the threshold.

This result is expected, as the share should remain mostly unchanged across the threshold
because Ul eligibility primarily affects Ugs rather than the fundamental determinants of
surplus division. The estimated worker’s share is very close to the calibrated matching
function elasticity, 62%, which aligns with our intuition from competitive search theory.

The very high pass-through from UI benefits to earnings can be explained by the fact
that m is close to zero. We could have seen a nearly full pass-through of benefits to
work earnings if they had zero bargaining power, in which case they are paid their outside
option and so movements in Ul translate directly into earnings. This is not the case, however.
Instead, workers have non-trivial bargaining power but still see most of the change in outside
option in their earnings while firms are nearly indifferent.

The result comes from two offsetting effects. The first effect comes from the change in
piece rate, which makes the relationship between a firm’s value and Ul benefits negative.
This is the classic transfer from one party to the other where higher UI benefits lead workers
to demand a higher piece-rate, reducing the firm’s surplus. Quantitatively, however, Figure 5
shows a very flat relationship between wage and market tightness. So this negative effect is
small. This piece-rate effect is partially offset by another small positive impact coming from
a larger total surplus. This is because higher Ul benefits allow workers to wait for slightly
better matches. Combined, the forces mean that nearly all of the increase in UI benefits
translates directly into higher earnings.
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5.7 Global treatment effects

An interesting extension of the model would be to quantify how the treatment effect changes
with variations in base period earnings (x). In the analysis below, we evaluate the treatment
effects across the p distribution.

28



0.15

0.125

0.1F

0.075

Treatment Effect

0.05

0.025 |

I L I L L L L
0.3 0.35 0.4 0.45 0.5 0.55 0.6 0.65
Base Period Earnings

Figure 7: Effect over p

Figure 7 presents the global treatment effect, illustrating how the impact of UI eligi-
bility on post-unemployment earnings evolves as the Ul earnings requirement varies. The
treatment effect is measured as the percent difference in post-unemployment earnings at the
cutoff, and it initially increases as the requirement rises before declining at higher thresholds.
This pattern reflects the interaction between UI eligibility, benefit levels, and workers’ share
of the surplus.

When looking at lower base-period earnings thresholds, going from our initial local p =
0.358 to p = 0.3, the treatment effect declines. This occurs because newly eligible workers
have lower base-period earnings, and since the Ul benefit replacement rate is a constant share
of past earnings, their UI benefits are also lower. Because the treatment effect is measured as
a percent difference, the increase in post-unemployment wages from UT eligibility is smaller
at lower thresholds, leading to a reduced treatment effect.

As the Ul earnings requirement increases (e.g., from 0.358 to 0.4), the treatment effect
initially rises. This is because higher base-period earnings translate into larger UI benefits,
increasing the workers’ share of the surplus. Since Ul benefits serve as the worker’s outside
option if they are eligible, this results in a larger difference in post-unemployment wages
at the cutoff. At these intermediate eligibility thresholds, UI has its strongest effect on
post-unemployment earnings.

However, as the Ul earnings requirement continues to increase (e.g., from 0.5 to 0.6),
the treatment effect starts to decline. This is primarily due to the Ul maximum benefit
cap, which limits how much Ul benefits can increase beyond a certain level of base-period
earnings. When workers reach this cap, additional pre-unemployment earnings no longer lead
to higher Ul benefits, meaning firms no longer increase posted wages as much in response to
UI eligibility. Additionally, high-earning workers already receive a larger share of the match
surplus, meaning UI eligibility has a smaller marginal effect on their post-unemployment
earnings. Consequently, the treatment effect declines at very high eligibility thresholds,
completing the hump-shaped pattern observed in Figure 7.

Overall, these findings indicate that UI eligibility has the strongest impact on wages at
intermediate earnings thresholds. At lower thresholds, Ul benefits are too small to generate
large wage differences, while at higher thresholds, the maximum benefit cap and firms’
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pre-existing wage-setting behavior limit the effect of UI eligibility. This suggests that UI
policy changes that adjust earnings requirements can have nonlinear effects on labor market
outcomes, with the largest wage effects occurring when eligibility is expanded to middle-tier
earners rather than to very low or very high earners.

5.8 The Impact of Eligibility Requirements

In this section, we analyze how changes in UI eligibility requirements affect labor market
outcomes. Specifically, we examine the consequences of reducing the base period earnings
requirement by 10%, lowering the separation requirement by 10%, and relaxing both require-
ments simultaneously by 10% each.

The first policy experiment, lowering the base period earnings requirement, mirrors the
temporary eligibility expansions implemented during the CARES Act in response to the
COVID-19 pandemic. While prior studies have explored the effects of removing this require-
ment during pandemic and normal time, our focus extends beyond special event, analyzing
its equilibrium effects under normal economic conditions. Additionally, we examine the sep-
aration requirement, a relatively unexplored aspect of Ul eligibility. While this requirement
remains in place in the U.S.) several other countries, such as Argentina, allow UI access to
voluntary quitters. Understanding the labor market effects of relaxing both requirements
provides valuable insights for Ul policy design.

We report the percent change in key labor market outcomes relative to the baseline in
Table 8, including employment rates, Ul claiming and receipt rates, average wages, and
quitting rates.

Changes w.r.t baseline w ¢  Both
Employment rate -0.009 -0.003 -0.014
Claiming rate 0.017 0.002 0.021
Receiving rate 0.005 0.003 0.009
Average wage 0.089 0.011 0.110
Quitting rate 0.119 0.050 0.173

Table 8: Comparison of outcomes when base period earning and separation requirements
are relaxed.

As expected, loosening Ul eligibility requirements reduces employment, particularly when
both requirements are simultaneously relaxed. This occurs because more workers qualify for
UI, reducing their urgency to accept job offers. The increase in Ul receipt and claim rates
confirms this mechanism. When eligibility expands, more unemployed workers apply for and
receive benefits which prolong unemployment duration.

Quitting rates increase in all counterfactual scenarios, but the effect is especially pro-
nounced when the base period earnings requirement is relaxed. This suggests that some
workers remain employed primarily to maintain Ul eligibility, implying that strict earnings
thresholds serve as an implicit employment incentive. Moreover, relaxing the base period
earnings requirement significantly increases average wages, with a 9 percent rise when ad-
justed alone and an 11 percent increase when combined with separation requirement re-
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laxation. This reflects a precautionary response, where workers who now qualify for UI
have stronger outside options, allowing them to secure higher post-unemployment wages. In
contrast, reducing the separation requirement has a smaller effect on wages. This suggests
that monetary eligibility constraints play a more dominant role in shaping UI’s effect on
post-unemployment earnings.

The findings highlight the importance of UI eligibility criteria in shaping job search
behavior and employment transitions. The base period earnings requirement has a stronger
influence on both wages and employment rate than the separation requirement. From a policy
perspective, these results suggest that relaxing the base period earnings requirement expands
UI access but also raises reservation wages, leading to higher post-unemployment wages
and longer unemployment spells. On the other hand, removing the separation requirement
primarily affects quitting behavior without substantially altering wage-setting mechanisms.
This distinction is critical for policymakers considering UI expansions, as it highlights trade-
offs between UI accessibility and employment incentives.

6 Conclusion

This paper provides new evidence on the impact of Unemployment Insurance (UI) eligibility
on labor market outcomes, combining quasi-experimental estimates with a structural equi-
librium model. Exploiting a regression discontinuity design using administrative data, we
find that UI eligibility increases post-unemployment earnings by approximately 10% at the
eligibility threshold. However, our model reveals that this local treatment effect significantly
understates the true causal effect due to endogenous non-compliance. When accounting for
the heterogeneity in Ul status, we estimate that the actual earnings effect of Ul is approx-
imately 7 times larger than the empirical estimate. Moreover, our findings suggest that
UI eligibility primarily affects workers’ outside option rather than improving match quality.
Workers who qualify for UI benefits secure higher wages, not because they find more pro-
ductive matches, but because their improved outside options enable them to extract a larger
share of the surplus.

In addition, we explore the broader implications of policy changes. By varying earn-
ing requirement, the treatment effects are nonlinear. The strongest wage increases occur
at intermediate eligibility thresholds, while effects weaken when eligibility is extended to
very low or very high earners due to low benefit level and binding benefit caps. Beyond
the intensive-margin effects of Ul eligibility, we explore the broader implications of policy
changes: relaxing earning requirement and separation requirement. By varying Ul earn-
ings and separation requirements in counterfactual experiments, we show that expanding
UI eligibility increases average wages and Ul take-up rates, but it can also lead to longer
unemployment durations and modest declines in employment rates. In addition, relaxing
requirements have also an effect on worker’s quitting behavior.

Overall, our study provides a more comprehensive understanding of UI’s role in shaping
labor market dynamics. These findings have important policy implications, suggesting that
UI expansions should carefully consider the distributional effects across workers and the
trade-offs between wage gains, job-finding rates, and the heterogeneity in different worker’s
types. As Ul systems continue to evolve in response to economic fluctuations, understanding
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these dynamics remains critical for designing unemployment insurnace program.
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A Appendix: Employment Effect of Ul Eligibility

In this appendix section, we examine whether unemployment insurance (UI) encourages
workers to stay employed longer, which is relevant to the productivity of the next match.
The findings suggest that it does not, as shown in Appendix Figure 8.

The graph presents employment rates over time, as a function of re-employment and the
base period. We assess whether there is a noticeable break in re-employment rates at the Ul
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eligibility threshold, employing local linear fits separately on either side of the cutoff. The
results show that the increase in employment at the threshold is only about 0.4 percentage
points, a small and statistically indistinguishable change. This lack of a significant jump
suggests that Ul eligibility does not meaningfully improve the productivity of the next match,
as it does not lead to notably longer employment durations after re-employment.
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Figure 8: Employment rates prior to and after the unemployment spell as a function of
base-period earnings relative to state eligibility cutoffs.

B Appendix: Unemployment Insurance eligibility cri-
teria and state variation

The Unemployment Insurance (UI) program is a joint federal and state initiative designed to
provide financial assistance to workers who lose their jobs through no fault of their own and
are actively seeking employment. While each state administers its own Ul system, they must
adhere to federal guidelines, resulting in variations in eligibility requirements across states.
To qualify for Ul benefits, applicants typically need to meet three key criteria: earnings
history, reason for job separation, and job search activity.

First, applicants must satisfy the Base Period Earnings Requirement, which ensures
they have earned sufficient wages over a defined period. Most states define this as the
first four of the last five completed calendar quarters, though some use an alternative base
period to better account for recent employment history. Second, the Non-Quit Requirement
disqualifies workers who voluntarily leave their jobs unless they have a valid reason recognized
by state law, such as unsafe working conditions or employer misconduct. While some states
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allow broader personal reasons, others restrict eligibility strictly to job-related circumstances.
Third, the Job Search Requirement mandates that claimants must be capable of working,
ready to accept suitable job offers, and actively looking for employment. They are expected
to accept jobs that match their skills and prevailing wages, and refusing a job without a
valid reason can lead to disqualification. Additionally, claimants must submit regular job
search reports, and failure to do so may result in benefit denial.

Although UT operates under federal guidelines, individual states have the authority to set
their own eligibility thresholds, leading to significant differences in the minimum earnings
required to qualify for benefits. As illustrated in Figure 9, the minimum earnings threshold
for UI eligibility varied across U.S. states in 2013, with an average threshold of approximately
$2,621. This variation reflects the joint nature of the UI program, where both federal and
state governments play a role in shaping policy and determining eligibility criteria.
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Figure 9: Distribution of state-year base period thresholds.

C Appendix: Policy functions

The policy functions in Figure 10 and Figure 11 illustrate how workers direct their job
search and how separation decisions, including quitting and firing, respond to changes in
base-period earnings (u).

Figure 10 presents the wage policy function, which shows how the direction of job search
changes with base-period earnings. Posted wages increase with base-period earnings, but a
discontinuity appears at the Ul eligibility threshold. This reflects the fact that Ul eligibility
improves workers’ outside options, influencing their job search behavior. Workers with UI
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eligibility are more selective, directing their search toward higher-paying jobs, while ineligible
workers tend to accept lower wages more quickly. This is consistent with empirical evidences
where Ul receivers generally have longer unemployment duration.

Figure 11 displays the quitting and firing policy function, which reveals distinct pat-
terns in separation behavior. The probability of quitting increases around the UI eligibility
threshold, reflecting the fact that Ul access reduces the opportunity cost of leaving a job.
Meanwhile, firing probabilities exhibit a smoother pattern, as firms internalize the effects of
UT eligibility on worker search behavior and separation decisions. The differences in quitting
and firing responses highlight the role of Ul eligibility in shaping labor market transitions,
reinforcing the importance of accounting for both voluntary and involuntary separations
when assessing the effects of Ul policy.
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Figure 10: Wage policy Figure 11: Quitting and firing policy

D Conditional Treatment Effects

To explore the treatment effect further, we first separate each group based on their condi-
tional or unconditional UI status, depending on whether the worker switches status within
the observed quarter. This distinction is important because workers can change both em-
ployment and Ul status within a given quarter. For example, if a quitter subsequently finds
a job and then gets fired within the same quarter, they are included in the Quit category
but not in Quit (conditional), since their status has changed.

In Table 9, we present treatment effects for both conditional and unconditional groups,
allowing us to disentangle the impact of UI eligibility under different status definitions. Not
surprisingly, when we condition on not switching status, the estimated treatment effect for
Non-Quit workers is stronger. This suggests that Ul eligibility plays a more significant role
in wage determination for workers who remain continuously eligible throughout the observed
period. Additionally, we observe that for workers classified as Quit and Frhausted, Ul has
minimal effects on their post-unemployment earnings. This further supports the argument
that for these groups, UI eligibility does not meaningfully alter their outside options or
wage-setting outcomes.

Among Non-Quit workers, we further distinguish between subgroups based on their Ul
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claiming behavior. Specifically, some non-quitters claim UI only when eligible above the
threshold but do not claim below it (Above: Claim, Below: Non-Claim), while others claim
UI both above and below the threshold (Above: Claim, Below: Claim). These distinctions
are crucial because they allow us to isolate the extent to which Ul eligibility influences re-
employment wages. As shown in Table 7, non-quitters who claim UI only when eligible
exhibit the largest treatment effect on earnings. Meanwhile, non-quitters who claim UI
regardless of eligibility also experience a positive effect, albeit smaller.

These findings highlight the limitations of data and RDD estimates in fully capturing
the equilibrium effects of UI eligibility. While RDD provides a credible local estimate of the
treatment effect, the observed heterogeneity in treatment effects across different worker sta-
tuses underscores the importance of developing a quantitative model. Such a model allows
us to evaluate the true causal impact of Ul eligibility by incorporating dynamic employment
transitions, endogenous UI take-up, and equilibrium search behavior. The structural frame-
work complements our empirical findings, offering a more comprehensive understanding of
how UI affects labor market outcomes beyond the local discontinuity.

Subset Treatment z-Treatment w-Treatment Mass
Empirical Counterpart 0.097 0.005 0.439 1.000
Non-Quit 0.417 0.004 0.512 0.218
Non-Quit (Above: Claim, Below: Non-Claim) 0.819 0.003 1.012 0.192
Non-Quit (Above: Claim, Below: Claim) 0.721 0.004 0.725 0.131
Non-Quit (conditional) 0.506 0.005 0.512 0.114
Quit 0.026 0.003 0.000 0.003
Quit (conditional) 0.000 0.005 0.000 0.001
Exhausted/Rejected 0.026 0.004 0.000 0.779
Exhausted/Rejected (conditional) 0.000 0.003 0.000 0.027

Table 9: Estimated treatments. This table shows the empirical treatment effects within the model by
comparing the underlying treatment of compliers and the various types of non-complier. The columns with
z— and w— treatment break down the treatment into productivity and piece-rate components.
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