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Abstract

How do non-experts believe monetary policy works, especially with regard to the
housing market? To investigate this question, we conduct a survey experiment among
3,800 residents from Austria, Germany, Italy, Sweden and the United Kingdom. First,
when asked directly about monetary policy, more than half of the respondents seem to
understand the basic principles of conventional monetary policy (higher prices will lead
to an increase in policy rates). For unconventional monetary policy (quantitative easing),
only one tenth of the respondents select the correct answer. Second, 75% of respondents
think there is a connection between interest rates and housing prices. Third, survey
participants overwhelmingly link interest rate decreases to increasing house prices, in line
with economic theory. Fourth, a limited number of participants correct an initially wrong
assessment of the nexus between monetary policy and house prices when presented with
information by academic economists or central bankers. Participants are more reactive
to information provided by academic economists. Our paper thus provides a first insight
into the public perception of the link between monetary policy and housing prices. This
information is crucial for implementing successful monetary policy.
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1 Introduction

Ever since the global financial crisis (GFC) hit, the connection between inflation targeting
(monetary policy, MP, from now on) actions and (price) movements in housing markets has
been under scrutiny by both academics (Taylor, 2007; Jorda et al., 2015; Hedlund et al., 2017)
and policy-makers (Bernanke, 2010). A common reasoning of this nexus can be summarised
as follows: Changes in interest rates are expected to affect agents’ decision-making and, thus,
generate movements in real estate prices. Specifically, a reduction in interest rates decreases the
cost of borrowing, alleviates credit constraints and, by that, increases the demand for housing.
As the supply of housing is fixed in the short run, only prices can react and, thus, increased
demand for housing triggers a rise in house prices (Adams and Fiiss, 2010).

Despite the importance of this nexus (Syz, 2008, estimates that roughly one third of global
private wealth is tied up in real estate), relatively little is known about how this relationship
between MP and housing is perceived by the public. This is not only interesting per se, but
also because previous research has found that house price expectations play an important
role in driving actual house prices (Glaeser and Nathanson, 2017). There are only few papers
empirically linking MP directly to future house price expectations. One such exception is Binder
et al. (2023) who have recently shown how house price expectations respond to communication
about interest rate changes. Their survey-experiment finds that information about the mortgage
channel of MP affects consumers’ house price expectations.

Despite a rapidly growing body of literature on the influence of communication on expectations
in the context of MP (see Blinder et al., 2008, for a survey of this literature), there is a lack
of research on the link between house price inflation expectations and monetary policy. There
is also increasing interest by policymakers in monitoring and influencing expectations that
accompany the increase in research on the formation of these expectations. Generally, economic
dynamics depend on the interaction between the actual conduct of monetary policy and agents’
understanding of it (Eusepi and Preston, 2010). Specifically, households’ expectations about
future MP might not only affect their beliefs but also their behaviour. Carvalho and Nechio
(2014) show that US households are, at least in part, aware of the basic principles underlying
the Fed’s MP principles — the Taylor rule.

For instance, Coibion et al. (2022) investigate the communication of monetary policy using
randomized control trials. They find that providing simple information about inflation reduces
households’ forecasts by about one percentage point in a low-inflation setting. This effect is
smaller if the respondents are given information about MP meetings via a news article, casting
doubt on the diffusion of central bankers’ messages via conventional media outlets. In terms
of the targeted consumers, the study predominantly reports quite homogeneous responses.
Related research analyses the effects of forward guidance (D’Acunto et al., 2022), information
provision about inflation targets (Binder and Rodrigue, 2018), or past inflation rates (Cavallo
et al., 2017).

This study contributes to this branch of literature by investigating if and, if so how, agents
assume, on average, monetary policy actions to influence specific asset prices, namely aggregate
changes in house prices. To elicit this nexus, we designed and conducted an interactive, web-
based survey-experiment. About 3,800 participants were recruited among residents in Austria,
Germany, Italy, Sweden and the UK. We systematically ask questions about the assumed ex-
ante nexus between MP actions and changes in house prices in the context of very heterogeneous
housing markets. Further, we study the influence of extra information provision on changes in
beliefs. We can study the heterogeneity in updated beliefs by the type of agent providing such
information: either a central bank economist or an academic economist. To avoid suspicion



among survey participants, we make use of quotes experts have publicly stated in the past. We
that we can also provide some recommendations with regard to which experts appear to be
trusted more.

Our study yields several key insights: First, when asked directly about the functioning of MP,
more than half of the respondents appear to understand the basic principles of conventional MP
(higher prices will lead to an increase in policy rates). For unconventional MP (quantitative
easing), only one tenth of respondents select the correct answer.

Second, 75% of respondents think that there is a connection between interest rates and housing
prices. Third, survey participants overwhelmingly link interest rate decreases to increasing
house prices, in line with economic theory. Fourth, a non-negligible number of participants
correct an initially wrong assessment of the nexus between MP and house prices when presented
with indicative information by academic or central bank economists. This corroborates the
recent findings of Binder et al. (2023). We also contribute the novel finding that participants
are more reactive to information provided by academic economists compared to central bankers.
This result suggests that the public is more reluctant to incorporate statements by central
bankers as compared to academic economists, with important implications for central bank
communication. Thus, our study provides one of the first insights into the perceived link
between monetary policy and housing prices.

The remainder of this article is structured as follows: Section 2.1 presents the study design and
the data collected. The main part of our analysis is documented in Section 2 and Section 3
concludes.

2 Empirical Analyses

2.1 Data Collection and Study Participants

The study was fielded in May 2023, jointly with a cross-country data collection endeavour

aimed to measuring tax preferences in Austria, Germany, Italy, Sweden and the UK (see also
Disslbacher et al., 2023).1

For recruiting participants, we colaborated with the company CINT-GapFish that maintains
subject panels used for market and opinion research surveys in various countries (see https:
//gapfish.com/ for details).

In each country, we recruited around 800 participants using stratified sampling by socio-
economic characteristics to represent the country’s working-age population. The stratification
dimensions were age, gender, highest level of education attained, and region of residence, that
is, urban vs. rural.

Upon log-in via the CINT-GapFish platform, participants were re-directed to a web-based
survey hosted on a server of the Vienna University of Economics and Business. Participants
filled the survey independently; the timing of access and completion of the questionnaire was
tracked. It was not possible to break the survey and continue at a later stage nor to participate
multiple times using the same [P-address to ensure clean data.

Participants were paid for completing the study via the payment system used by CINT-
GapFish. Participants only received a remuneration for a completely filled questionnaire. Dif-
ferent language versions were available, acknowledging the different sets of languages used in
each country. The survey was available in English, German, Swedish, and Italian. The experi-
ment (designed in English) was thus translated (and, to ensure cross-language consistency, also

LA pilot study was run in Luxembourg, see Appendix C.
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back-translated) using a mix of human native speakers and Al tools. In general, participants
could always choose their preferred language from the four available options — no matter from
which country-sample they were drawn.

The questions were generally the same across countries, yet options such as the region of
residence, currency used, or the name of the respective central bank were adapted accordingly.

Table 1 reports summary statistics on participants’ socio-economic characteristics.



Table 1: Summary statistics of participants’ socioeconomic characteristics

Variable Value Frequency Percent Cum. Percent
Gender female 1996 51.67 51.67
male 1755 45.43 97.10
other 14 0.36 97.46
NA 98 2.54 100.00
Marital Status single 1013 26.22 26.22
partnership/married 2433 62.98 89.20
divorced/widowed 319 8.26 97.46
NA 98 2.54 100.00
Have one or more children
yes 2021 52.32 52.32
no 1743 45.12 97.44
NA 99 2.56 100.00
Subjective self-assessed probability of job loss (within a year)
low 1 1726 44.68 44.68
2 503 13.02 61.79
3 302 7.82 69.61
4 185 4.79 74.40
5 237 6.14 80.54
6 268 6.94 87.48
7 155 4.01 91.49
8 153 3.96 95.45
9 79 2.05 97.50
high 10 158 4.09 48.77
NA 97 2.51 100.01
Degree of life satisfaction
low 1 124 3.21 3.21
2 145 3.75 13.22
3 225 5.82 19.04
4 268 6.94 25.98
5 391 10.12 36.10
6 513 13.28 49.38
7 671 17.37 66.75
8 784 20.30 87.05
9 404 10.46 97.51
high 10 242 6.26 9.47
NA 96 2.49 100.00
Highest level of education attained
below tertiary 2451 63.45 63.45
tertiary 1314 34.02 97.47
NA 98 2.54 100.01
Did vote in the last election eligible
Yes 3434 88.89 88.89
No 427 11.05 99.94
NA 2 0.05 99.99
Self-assessed position in the country’s earnings distribution
lowest quintile 1 753 19.49 19.49
2 753 19.49 38.98
3 752 19.47 58.45
4 752 19.47 77.92
highest quintile 5 752 19.47 97.39
NA 101 2.61 100.00

Notes: The table reports overall socio-economic characteristics across all five countries.

Participants filled the survey by themselves. It was not possible to break the survey and
continue at a later stage nor to participate multiple times using the same IP-address to ensure
clean data.



We end up with 781 respondents from Austria, 738 from Germany, 818 from Italy, 836 from
Sweden and 688 from the UK. Table 1 reports socio-economic and demographic attributes of
survey participants.

Apart from the socioeconomic questions, job loss refers to the subjective expectation to lose
their job during the next 6 months with 1 referring to "very unlikely” and 10 to “very likely.”
Life satisfaction is the reported general life satisfaction with 1 being the lowest value. The
respondents also disclose whether they voted in the last election for which they were eligible.
The respondents are asked six questions about monetary policy and the housing market, with
two to four answer options. These variables will be discussed in detail when the results are
presented below.

2.2 Monetary Policy Literacy

We start with testing for participants’ general MP literacy. Easy understanding by the public
has been named as a key advantage of inflation targeting (Mishkin, 2000). To understand
whether this prerequisite for more complex connections is given, we separately test for under-
standing of conventional and unconventional MP.

Question 1 asks about the general mechanism of conventional monetary policy (CMP) to un-
derstand whether respondents have a general knowledge about how interest rates emerge.?

As shown in Figure la, more than half of all respondents state that rising prices will trigger an
increase in interest rates by the ECB.? About 22% expect the ECB to act differently. Figure 8
shows the corresponding results in absolute counts.

2To avoid lengthy text in the questions, we exemplarily print “ECB” here whenever referring to the MP-
conducting central bank. In the original questionnaires all text mentioning a central bank, the name of the
institution is country-specific. Thus, for Austria, Germany and Italy the text refers to the ECB, while that for
Sweden and the UK to the (Sveriges) Riksbank and the Bank of England, respectively.

3Throughout this paper, we will mark the answers most likely classified as correct by economists with bold
letters in text and with green bars in figures.



Figure 1: Answers to Question 1 (CMP) and Question 2 (UMP)

Question 1. "Prices increase. How do you expect the ECB to react?" Question 2. "Prices increase. How do you expect the ECB to react?"
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Notes: The chart shows the distribution of answers to questions eliciting the connection between inflation and
CMP (Figure 1a) and UMP (Figure 1b), respectively. Figure lc shows the intersection of both questions.

Correct answers are marked in green.

There is some variation across countries (Figure la, Table 2 ): Respondents from Austria are
most likely to expect an interest rate increase after price increases (‘inflation’), while respon-
dents in Germany and Italy do much less so. Interestingly, all of these countries have the
same central bank (the ECB) which sets the same interest rates, and very similar inflation rate
dynamics at the time of the survey.

We test for a statistically significant difference across all five countries using a 5 (countries) x
2 (correct versus incorrect or do not know) contingency x2-test, which shows that differences
across countries are indeed statistically significant (y? = 94.747, df = 4, p-value < 0.000). This
shows that better education and information about basic mechanisms would be needed in the
less performing countries to catch up.

What is striking about the result of knowledge gaps with regard to conventional MP is the
timing: the survey was conducted in May 2023, and thus amidst a period of high and rapidly
increasing inflation rates and, accordingly, active MP actions. This was the case in all countries
studied here as shown in Figure 3). This finding is alarming and efforts to make the public
aware of which measures are taken to cushion inflationary pressure as well as the underlying
mechanisms would be key to maintaining public support.
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Figure 2: Answers to Question 1 (CMP), by countries
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Table 2: Answers to Question 1 (CMP), by countries

Country  Question 1 (CMP) n  Share

Austria increase 515 0.659
Austria unchanged 84 0.108
Austria decrease 42 0.054
Austria do not know 137 0.175
Austria NA 3 0.004
Germany increase 370 0.501
Germany unchanged 134 0.182
Germany decrease 73 0.099
Germany do not know 137 0.186
Germany NA 24 0.033
Italy increase 387 0473
Italy unchanged 152 0.186
Italy decrease 62 0.076
Italy do not know 202 0.247
Italy NA 15 0.018
Sweden increase 524 0.627
Sweden unchanged 113 0.135
Sweden decrease 40 0.048
Sweden do not know 149  0.178
Sweden NA 10 0.012
UK increase 389  0.565
UK unchanged 89 0.129
UK decrease 41 0.060
UK do not know 113 0.164
UK NA 56  0.081
NA 2 1

Notes: The table reports answers to Question 1 (Conventional Monetary Policy).



Figure 3: Inflation, policy rates and house prices
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Data sources: FRED, OECD, Statistics Sweden, OeNB, Bank of England, Banca d’Italia, Bundesbank. RPPI
= “Residential Property Price Indices”.

Next, question 2 tests for the basic understanding of unconventional monetary policy (UMP).

Figure 1b reveals that UMP is much less understood than CMP. More than a third of respon-
dents explicitly state not to know how the ECB would react, meaning a significant share of
participants is aware of their knowledge gaps. About half of the respondents rightly think that
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the ECB would increase asset purchases or leave the amount unchanged. Only 13% — thus a
minority — correctly expect a decrease in asset purchases. The remaining 87% either state that
they do not know the correct answer or tick a wrong answer.

Assessing results by country strikingly reveals that “I do not know” is the most common answer
selected in every single country. Adding up stated and revealed knowledge gaps shows that the
vast majority of participants (roughly 87%) does not understand UMP. This hints toward a
lack of effective MP communication and education. There is some cross-country heterogeneity
(Figure 4). We formally test...

We conclude that both revealed and stated knowledge of UMP is quite limited and this is true
across all five countries assessed.

But why is UMP so much less understood than CMP? The poor understanding of UMP could
stem from the fact that this form of monetary policy constitutes a relatively recent policy tool:
formal inflation targeting (CMP) was pioneered by New Zealand in the early 1990s (see Haldane,
1995) and has been adopted ever since then in all advanced economies globally. In contrast,

asset purchase programmes and other forms of UMP have only seen widespread application in
the aftermath of the GFC in 2007/2008* (Bernanke and Mishkin, 1997; Werner, 1995).

Figure 4: Answers to Question 2 (UMP), by countries
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Finally, we jointly assess responses to the CMP and UMP questions. Overall, we find that
only about 9% have answered correctly to both of them and can thus be labelled “MP experts”
(Figure 1c). While there are no extreme differences across countries, according to our study,
the shares of “MP experts” is highest in Austria (10%) and with 6% lowest in the UK. Looking

4With the notable exception of Japan, where quantitative easing has been undertaken since 2001.
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to the other extreme, overall 15% give wrong answers on both questions (highest: Italy and
Germany 18%, lowest: Austria 11%).

A large share answer with “do not know” on both questions: 15% overall, whereas the share
is largest in Italy (20%) and lowest in Austria (13%). A pairwise Pearson’s x? test rejects
the null hypothesis of independence between the two outcomes at the p < 0.01 level. Thus,
non-surprisingly knowledge gaps in one type of MP go along with knowledge gaps in the other.

2.3 Heterogeneity in Monetary Policy Literacy

We explore the association between MP literacy and socioeconomic characteristics to detect
which part of the population would be in need of additional education. To that end, we estimate
two logit regression models — one for each type of MP — with an indicator as outcome variable
that takes the value of one for correct answers and zero otherwise. Table 3 and Table 4 report
results. As a plausibility check we first compare the estimated intercepts by these two models:
the intercept associated with the UMP model is substantially smaller than the one for CMP
indicating that, on average, people are more familiar with CMP than with UMP. This reaffirms
the descriptive analyses in Section 2.2.

Next, we use these models to detect heterogeneities in MP literacy. First, in model (1) adds
a battery of standard socio-demographic characteristics of respondents to the model. We find
that on average men have a better understanding of both conventional and unconventional
MP. This finding is in-line with previous studies that have found lower levels of conventionally
measured financial literacy among women (Cupék et al., 2018). Even when interacting the
gender dummy with education attainment, the positive effect for men remains similar in size
and significant, indicating that gender does not measure hidden discrepancies in education
attainment between men and women, but truly a difference in MP literacy.

With regard to age, we would expect a diminishing marginal effect that is interpreted as a
learning process reaching its life-long maximum when people reach the typical age of first home
purchase, and a stabilization (or even decline) of MP literacy thereafter. While we indeed
detect such a profile in correct responses to the CMP question, we find no age effect at all for
the UMP question.

Non-surprisingly, variation in education levels attained also significantly explain variation in
correct answers: having attained tertiary education is associated with a roughly 30% higher
likelihood to tick the right answer for both CMP and UMP questions.

Those who expect to loose their job during the next 6 months have a worse understanding of
conventional monetary policy. We further report some differences across countries: In com-
parison to Austrian respondents, all others are more likely to not expect interest rate hikes
following price increases. Yet, in terms of magnitude there are differences across the remain-
ing countries: people in Germany and Italy are much less likely to expect the correct CMP
reaction. Regarding asset purchase programmes, UK respondents are least likely to give the
correct answer. Lastly, respondents that reported to not have voted in the last election are less
likely to associate inflation with interest hikes. The following variables have no explanatory
power for giving correct answers: relationship status (single is the baseline), having children,
employment status, earnings, rural /urban, class (self-evaluated), life satisfaction.

Overall, we detect knowledge gaps with regards to CMP among less educated participants,
those in a perceived less secure labour market situation, and those who did not participate in
democratic processes by voting (though they were eligible). Regarding UMP, we only identify
a significant difference by gender.
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Second, in model (2), we include variables that capture financial literacy and expectations.
First, we asked respondents about the development of residential property prices over the last
12 months in their respective countries (10 bins; ) and compared their answers to the actual price
dynamics measured by standard residential real estate price indices. The variable “past house
prices correct” is than an indicator differentiating between correct and incorrect statements.
Those with a good intuition about past property price developments are more likely to answer
both MP questions correctly. This suggests that people with higher financial literacy also
have a better understanding of price dynamics and are on average more knowledgeable about
monetary policy.

In a similar manner, we elicit two types of expectations and test ex post whether they materi-
alized. If participants stated expectations are close to realized developments, we consider this
as another hint towards sound financial and economic literacy. The first type of expectations
refers to property price changes in % over the upcoming 12 months. Participants are asked to
allocate their expectations to one of five bins: < —5%, —5% to —2%, —2% to 2%, 2% to 5%,
over 5%. In hindsight, we can turn to real data to see whether their predictions materialised
(“future house prices correct”=1), or not (“future house prices correct”=0). This forecasting
ability is not correlated with correct monetary policy assessments of both types. The second
type of expectations alludes to real income growth. We find that people who expect their own
income to increase less than general prices (a loss in real terms, which was indeed the case over
the study period)® are on average more likely to correctly answer the CMP question. There is
no connection with UMP literacy detected.

Third, models (3) to (8) include variables that reflect respondents’ past experience with hous-
ing markets. Assessing MP literacy by ownership status, we find that owner-occupiers with
mortgages exhibit the highest likelihood to respond correctly in comparison to current renters
and owners without mortgages. These differences are only statistically significant for the CMP
question yet not the UMP question. That might indicate that people with an active mortgages
may monitor factors that influence their mortgage payments, such as interests set by central
banks (CMP) than others, and by that have gained a better understanding of these relation-
ships. There is no such effect for UMP, suggesting that asset purchase programs are on average
not perceived to be directly associated with mortgages.

A similar pattern can be seen in model (4): we restrict the sample to owner-occupiers and
differentiate them by mode of home acquisition. Those who purchased their homes (baseline)
are associated with the highest likelihood of correctly answering the CMP question. Those
who have not been involved in a purchase proses as they have inherited their property or have
received it as a gift, fare worse. When using a different question in model (6) that explicitly
asks whether someone had been involved in such a transaction in the past, we again detect a
higher likelihood of correctly answering the CMP question. Again, such connections are not
detected for UMP literacy and, thus, together with the results from model (3) this indicates
that purchasing a house, i.e., being involved in a major financial transaction is not associated
with a better understanding of UMP — even when this purchase involves a mortgage. This
finding is alarming given the high stakes involved. Here, we test for knowledge gaps. These
revealed findings are, however, also admitted by homebuyers themselves according to survey
data:

We do not see effects if respondents own other real estate, or are renters and want to be-
come home owners. Home owners who do not want to become renters again have a better
understanding of CMP.

5¢Over the next 10 years, do you expect your (household’s) total income to go up more than prices, less than
prices, or about the same as prices?”
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Overall, we can characterise people that do not well understand CMP as young, female, low-
educated and less engaged in political participation. Further, they are on average more likely
to fear job loss and most likely reside — among the countries part of our study — in Germany
or Italy and least likely in Austria. Those who

The profile of people selecting wrong answers to the UMP question is similar: most uninformed
people are on average again female and low-educated. They reside most likely in the UK. Age,
perceived job loss risk and political participation do not play a role. Table 22 in the appendix
shows regression results when all covariates are included simultaneously.

2.4 Monetary Policy and Housing Markets Beliefs

The next set of questions addresses the main research question, namely whether participants
believe that there is a connection between interest rates and changes in housing prices and, if
so, in which direction.

Overall, the vast majority of respondents (75.72%, that is 1,746 in counts) think there is a
nexus between interest rates and house prices, whereas 24.28% (560) reject this connection.

Subsequently, question 4 and question 5 ask about the suspected direction of this connection.
In other words, we elicit whether people assume a direct (co-movement) or indirect (anti-
movement) relationship between interest rates and house prices.

Responses are quite symmetric. In Figure 5, we can see in panel (a), that 61% of respondents
disagree with the notion that decreases in interest rate are associated with falling house price.
This is in-line with economic reasoning (Hedlund et al., 2017). In panel (b), we see 63% agreeing
with the mirrored statement (interest rate decreases lead to house price increases).

Assessing both questions simultaneously, we identify a share of 46% answering correctly to both
questions and 21% answering wrongly both times (Table 5).

Table 5: Responses to HMD 1 and HMD 2

HMD 2: disagree HMD 2: agree
HMD 1: disagree 594 1,754
HMD 1: agree 807 612
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Table 3: Heterogeneity in CMP Literacy

Dependent variable:
CMP correct

Socioeconomics  Financial Literacy Housing market experience:
€] 2 ®) ) () (6) 0] (®)
male 0.215"
(0.095)
high education 0.299*
(0.144)
age 0.038*
(0.023)
age? —0.0003
(0.0003)
partnership —0.044
(0.098)
widowed /divorced —0.031
(0.157)
no children 0.120
(0.086)
job loss —0.049"*
(0.018)
life satisfaction 0.016
(0.018)
Germany —0.679***
(0.120)
Ttaly —0.647*
(0.121)
Sweden —0.332"
(0.138)
UK —0.290"
(0.129)
did not vote —0.370"*
(0.122)
self-employed —0.005
(0.139)
unemployed —0.061
(0.151)
retired 0.134
(0.147)
low earnings —0.022
(0.107)
high earnings 0.041
(0.117)
rural —0.011
(0.079)
middle class 0.073
(0.100)
upper class —0.360*
(0.211)
male X higher educated 0.121
(0.158)
high education X job loss —0.038
(0.029)
past house prices correct 0.738***
(0.174)
future house prices correct -0.028
(0.081)
own income will increase less than prices 0.347+*
(0.089)
own income will increase the same as prices —0.010
(0.103)
own house w/o mortgage 0.099
(0.075)
own house with mortgage 0.487***
(0.090)
house gifted —0.378*
(0.171)
house inherited —0.463"*
(0.136)
house other —0.028
(0.215)
owns other real estate —0.0005
(0.085)
was not involved in housing transactions in the past —0.460"**
(0.069)
is renter, does not want to become home owner —0.057
(0.109)
is home owner, does not want to become home renter 0.228**
(0.114)
Constant —0.294 0.108 0.183"** 0.511%** 0.331%* 0.614"** 0.218"* 0.233"
(0.597) (0.079) (0.053) (0.049) (0.037) (0.054) (0.085) (0.105)
Observations 3,178 3,733 3,721 2,252 3,743 3,752 1,433 2,310
Log Likelihood —2,073.815 —2,513.034 —2,513.461  —1,502.315 —2,544.027 —2,526.808 —987.144  —1,548.543
Akaike Inf. Crit. 4,197.630 5,036.0674 5,032.923 3,012.630 5,092.054 5,057.616  1,978.289  3,101.086

*p<0.1; *p<0.05; **p<0.01

Notes: The table reports estimation results for probit models regressing the probability of a correct answer to
Question 1 (CMP) on sets of control variables: respondents’ socio-demographic characteristics, general financial

literacy, and previous housing market experience.
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Table 4: Heterogeneity in UMP Literacy

Dependent variable:
UMP correct

Socioeconomics  Financial Literacy Housing market experience:
1 2) ®) 4) (5) (6) () ®)
male 0.328**
(0.141)
high education 0.439**
(0.215)
age —0.017
(0.031)
age2 0.0003
(0.0003)
partnership —0.049
(0.137)
widowed/divorced —0.177
(0.232)
no children 0.122
(0.123)
job loss 0.026
(0.025)
life satisfaction —0.048*
(0.026)
Germany —0.182
(0.167)
Ttaly 0.193
(0.163)
Sweden —0.220
(0.186)
UK —0.634*
(0.195)
did not vote 0.098
(0.176)
self-employed 0.247
(0.183)
unemployed 0.058
(0.216)
retired —0.034
(0.210)
low earnings —0.076
(0.156)
high earnings 0.120
(0.163)
rural —0.147
(0.112)
middle class 0.041
(0.147)
upper class 0.355
(0.282)
male X higher educated 0.200
(0.221)
high education X job loss —0.069*
(0.042)
past house prices correct 0.417*
(0.197)
future house prices correct —0.049
(0.117)
own income will increase less than prices 0.167
(0.132)
own income will increase the same as prices —0.044
(0.155)
own house w/o mortgage 0.170
(0.110)
own house with mortgage 0.046
(0.129)
house gifted 0.246
(0.230)
house inherited 0.238
(0.185)
house other —0.292
(0.341)
owns other real estate 0.116
(0.120)
was not involved in housing transactions in the past —0.033
(0.098)
is renter, does not want to become home owner —0.080
(0.163)
is home owner, does not want to become home renter —0.048
(0.162)
Constant —1.868** —2.021* —1.950** —1.871% —1.901** —1.852%* —1.902**  —1.789***
(0.834) (0.123) (0.080) (0.070) (0.054) (0.075) (0.125) (0.148)
Observations 3,183 3,739 3,727 2,254 3,749 3,758 1.437 2,312
Log Likelihood —1,219.806 -1, 0 —1,462.349  —900.873  —1,466.306 —1,475.490 —540.082  —929.528
Akaike Inf. Crit. 2,489.613 2,941.139 2,930.698 1,809.747 2,936.611 2,954.979 1,084.163  1,863.056

*p<0.1; *p<0.05; **p<0.01

Notes: The table reports estimation results for probit models regressing the probability of a correct answer to
Question 2 (UMP) on sets of control variables: respondents’ socio-demographic characteristics, general financial

literacy, and previous housing market experience.
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Figure 5: House price reactions to interest rate decreases.

Question 4. "When interest rates decrease, house prices decrease too." Question 5. "When interest rates decrease, house prices will rise”
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2.5 Future House Price Expectations Across Heterogeneous Housing Markets
2.6 The Impact of Experts’ Knowledge

Communication can shape expectations. Central bank communication indeed influences finan-
cial markets (Swanson, 2021) and information about inflation can shape households’ future
inflation expectations (Coibion et al., 2022; Hoffmann et al., 2021). Central bank communi-
cation thus aims to make use of this and has accordingly changed substantially over the last
decades.

While central banks’ interest in shaping inflation expectations is comprehensible, communica-
tion with the broader public may influence other — potentially unintended — aspects of monetary
policy perceptions as well. Can information about the monetary policy-house price nexus shape
households’ expectations?

To answer this question, we introduce a randomised information treatment into our study to
test how different types of communicators affect expectations. We repeat questions 4 and 5,
but provide additional information on experts’ opinions on a nexus between housing prices
and interest rates. We differentiate between a central bank (question 6) and an academic
(question 7) economist providing this information. Both economists argue in favour of an
indirect relationship between interest rates and housing prices, namely that if interest rates
decrease, house prices will most likely increase.

Question 6 (CBT 1)

"There are central bankers arguing that when interest rates fall, house prices will rise. For
example, Deputy Governor Chen Nan-kuang of Taiwan’s central bank states that “loose mon-
etary policy [note: meaning low interest rates/ is indeed one of the main reasons for rising
house prices” (Source: The Taiwan Banker NO.145)

In the light of this claim, we will present you the last two statements again. Do you rather
agree or disagree?”
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Question 7 (RT 1)

"There are researchers arguing that when interest rates fall, house prices will rise. For exam-
ple, Ozkan at the University of Toronto and his coauthors state that a “reduction in the interest
rate reduces the cost of borrowing, alleviates credit constraints and increases the demand for
housing. The increase in demand for housing increases real house prices.” (Source: Ozkan et
al. 2017)

In the light of this claim, we will present you the last two statements again. Do you rather
agree or disagree?”

Every participant was randomly selected into one of two groups that differed in whether they
were shown the information provided by the central banker or academic economist. The aim
of this information treatment is to provide participants with some guidance on how this nexus
is generally seen by economists. Selecting these two quotes was driven by the fact that they
clearly state a direction of influence.

To assess the updating of beliefs upon provision of experts’ opinions, we focus on switching
behaviour. After presenting this information, participants could again choose between two
statements mentioning two directions of how house prices and interest rates could be related.
We thus focus on the switching behaviour of participants after having been presented this extra
information.

We depict the respondents’ aggregate switching behaviour after they have been presented either
of the extra information in Figure 6.

First, we observe that the majority of respondents does not switch: 76% and 79%, respectively,
do not alter their responses after having received extra information. Second, there are about
13% to 16% of “good switchers”, i.e., switching from the “wrong” to the “correct” answer.
These respondents have apparently been convinced by the experts’ statements. About 7% have
initially answered correctly, but switched to the wrong answer after the information. We label
those participants “bad switchers”. While the information treatment does not motivate the
majority of people initially giving a wrong response a switch yet still a sizeable share does so

(36%-43%).

Table 6 reports results for the first question® split by country. There is indeed considerable
heterogeneity across countries. The shareof those who initially picked the wrong answer and
after the information treatment switch to the correct one ranges between 32% and 37% in most
countries, but amounts to 69%7 in Sweden. Hence, it appears that respondents in Sweden
are most likely to reverse their opinion in line with experts’ statements. This high level of
trust in experts is in-line with findings of the EUROBAROMETER (European Commission,
2021) eliciting general trust in different institutions, professions or people. Sweden achieves the
highest rates of trust in scientists across all participating countries: 84% state that scientists
working at a university or government-funded research organisations are the best qualified to
explain the impact of scientific and technological developments on society.

Conversely, Germans are most likely to reverse their opinion to be the opposite of what the
expert statements suggest: 17% of those choosing the right answer in the first place switch
to the wrong answer after the information treatment. Germans are indeed among the most
sceptical in Europe regarding trust in experts. Only 59% agree with the EUROBAROMETER
statement above.

6Table 23 in the Appendix reports the same results for the indirect question.
"This number results from: 258/(258+115)=0.69.
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For the other countries, the share of people switching to the opposite of what experts suggest
is relatively low and ranges between 8% (UK) and 15% (IT).

Figure 6: Switching behaviour (total)

Switching behaviour after information Switching behaviour after information

relative frequencies

relative frequencies

2
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Switching direction

ng —> right wrong > wrong right —> wrong right > right
Switching direction

(a) Direct relationship: interest rate decreases, (b) Indirect relationship: interest rate decreases,
house prices decrease house prices rise

tight => right

Figure 7 splits the information effect by information provider: a central banker or a research
economist. While there is only little variation in replies to the question on a direct connect
(Question 4), there is a substantial change in switching behaviour when stating an indirect
relationship (Question 5). Central banker information triggers 12% of respondents to correct
their answer, while researcher information animates 15% to do so.

This result suggests that information provided by central bankers is slightly less effective in
aligning expectations with economic theory than information provided by a research economist.
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Table 6: Respondents switching after information treatment, by country

country switch n freq

Austria right — right 493  0.631
Austria wrong — right 77 0.099
Austria ~ wrong — wrong 157  0.201
Austria right — wrong 53  0.068
Austria NA 1 0.001
Germany right — right 375 0.508
Germany  wrong — right 86  0.117
Germany  wrong — wrong 178  (.241
Germany  right — wrong 75 0.102

Germany NA 24 0.033
Italy right — right 408  0.499
[taly wrong — right 119 0.145
Italy wrong — wrong 210  0.257
Italy right — wrong 74 0.090
[taly NA 7 0.009

Sweden right — right 402 0.481
Sweden wrong — right 258  0.309
Sweden  wrong — wrong 115  0.138
Sweden right — wrong 53 0.063
Sweden NA 8 0.010
the UK right — right 383 0.557
the UK wrong — right 68  0.099
the UK wrong — wrong 148  0.215
the UK right — wrong 32 0.047
the UK NA 57 0.083
NA 2 2 1
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Figure 7: Switching behaviour by source of information
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Next, we assess correlations between switching behaviour and participants’ socio-economic char-
acteristics. Table 7, thus, reports results of logit regression models with a specific kind of
switcher, "good switcher” as dependent variable. We are interested in the characteristics of
those who initially answered wrong, but were convinced by the information to switch their
answer to the correct one. Identifying these respondents allows us to gain insight on who might
be responsive to information.

Consistent with Figure 7, additional information provided by researchers prompts more par-
ticipants to correct an initial incorrect answer upon being provided additional information, as
compared to when the information is given by a central banker.

Younger people are more likely to switch from the right to the wrong answer, as well as renters
and people who expect a moderate (2%-5%) increase in house prices. The answers in this table
are for question 5: "When interest rates decrease, house prices will rise”. Table 24 shows the
characteristics for the mirrored question. Interestingly for this question, "When interest rates
decrease, house prices decrease too.”, the information type does not play a role.

Table 8 and Table 9 report the odds ratios for a multinomial logit estimation (control variables
are omitted from the table). The relative risk ratio of switching from central banker to re-
searcher information for the second question is 1.167 for switching to the correct answer versus
staying with the wrong answer. The odds ratio is lower for the first statement.
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Table 7: Determinants of Switching Behaviour (logit model)

Dependent variable: Being a good switcher (from wrong to right answer after information)

Information type  Socioeconomics — Financial Literacy Housing market experience:
€] 2 ®) () ©) () ) ®) ()
information: researcher 0.273 0.251** 0.280%* 0.295" 0.380 0.268"* 0.282+ 0.121 0.406
(0.097) (0.107) (0.097) (0.097) (0.135) (0.097) (0.097) (0.143) (0.132)
male —0.120
(0.135)
high education —0.377*
(0.209)
age —0.0897*
(0.032)
age’ 0.001**
(0.0004)
partnership —0.052
(0.138)
widowed /divorced 0.179
(0.218)
no children 0.024
(0.123)
job loss —0.045*
(0.026)
life satisfaction —0.032
(0.026)
Germany —0.060
(0.165)
Italy —0.070
(0.163)
Sweden —0.686"**
(0.208)
the UK 0.010
(0.173)
did not vote 0.156
(0.163)
self-employed 0.079
(0.193)
unemployed 0.393**
(0.197)
retired —0.539"*
(0.239)
low earnings —0.047
(0.147)
high earnings —0.084
(0.163)
rural 0.106
(0.115)
middle class 0.076
(0.143)
upper class —0.075
(0.327)
male X higher educated —0.306
(0.233)
high education X job loss 0.107***
(0.041)
past house prices correct —1.242%
(0.365)
future house prices correct, —0.078
(0.119)
own income will increase less than prices —0.034
(0.129)
own income will increase the same as prices —0.001
(0.149)
own house w/o mortgage —0.317*
(0.108)
own house with mortgage —0.601**
(0.136)
house gifted 0.114
(0.263)
house inherited 0.211
(0.202)
house other 0.058
(0.330)
owns other real estate —0.135
(0.127)
was not involved in housing transactions in the past 0.473
(0.104)
is renter, does not want to become home owner 0.356*
(0.152)
is home owner, does not want to become home renter 0.034
(0.181)
Constant, —2.294*** 0.228 —2.225*** —2.089"** —2.685"*" —2.261*** —2.610"* —2.053"**  —2.695"*
(0.156) (0.829) (0.186) (0.165) (0.224) (0.157) (0.173) (0.247) (0.262)
Observations 3,190 3,746 3,746 2,260 1,440 2,318
Log Likelihood —1.,467.320 —1,203.585 —1,453.458 —1.441.935  —T87.696 —634.217  —819.125
Akaike Inf. Crit. 2,938.639 2,459.171 2,918.917 2,801.869  1,585.391  2,933.221 2918709  1,274.433  1,644.249

Note:
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Table 8: Multinomial logistic regression for question “interest rate decreases, house prices
decrease” (Reference: wrong — wrong)

(Intercept) CMP correct  UMP correct  researcher information

wrong — right 0.147 1.001 0.817 1.167

Table 9: Multinomial logistic regression for question ”interest rate decreases, house prices rise”
(Reference: wrong — wrong)

(Intercept) CMP correct  UMP correct  researcher information

wrong — right 0.751 0.788 1.104 1.609

Overall, our results show that information provided by academic economists is more powerful
in leading respondents to correct an initially wrong assessment.

For the second statement, there are almost as many switching to the correct answer as repeating
the wrong answer when confronted with information by researchers. This result shows that
information about economic relationships can be a powerful tool to shape economic agents’
expectations, but there are significant differences with regards to the source of the information.
An interpretation of the gap between the influence and central bankers is that the general public
appear to trust assessments of central bankers less, than academic economists — at least with
regards to the relationship between changes in interest rates and housing prices.

These results also have implications for central banks’ communication with regards to mone-
tary policy decisions. If aligning households’ expectations with economic theory is warranted,
then education and information by academic economists may be a more powerful tool than
information provided by central bankers.

2.7 Robustness checks
2.7.1 Ordered logit regression

An alternative specification is to order respondents in three groups: Those who are always
wrong and stay wrong after information treatment ("The Incorrigibles”), those change their
initially wrong answer to the correct one (”"the influenceables”), and those who are always right
("the Experts”). We want to characterise people from "worst” to "best” characteristicts, and
therefore run ordered logit models with the variables used in the analysis so far. Table 10 reports
the results for both questions. We see that academic economist information is more likely to
influence people to be "better switchers”, as well as higher education, getting past house prices
correct, correctly forecasting future house prices, and being involved in house transactions in
the past.

2.7.2 Characterising good switchers (only those who are initially wrong)

Next, we restrict the sample to to those who initially answer wrong. We want to classify
respondents who, after receiving information, switch to the correct answer, i.e. "good switchers”.
Table 11 shows the results of a logit regression where the dependent variable takes 0 for those
who stay wrong, and 1 if they switch to the correct answer. We see that our results remain
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Table 10: Ordered logit

Dependent variable:

typedirect typeindirect
e)] 2 (6] )
random_monetary 0.171* 0.156 0.162"* 0323
(0.067)  (0.096)  (0.067)  (0.096)
factor(gender)2 0.096 0.261°
(0.096) (0.098)
factor(edu)2 0.336" 0.286"*
(0.110) (0.115)
age 0.106 0.062
age2 —0.001 —0.001
factor(marital2)2 0.095 0.044
(0.105) (0.106)
factor(marital2)3 0.033 —0.107"*
(0.053) (0.051)
children 0.302 —0.086
(0.100) (0.100)
job_loss —0.054"* 0.039
(0.024) (0.025)
life_satisfaction 0.001 0.078***
(0.024) (0.023)
as.factor(country)Germany —0.609** 0.232**
(0.114) (0.117)
as.factor(country)Italy —0.522% —0.185°
(0.101) (0.105)
as.factor(country)Sweden —0.394" 1703
(0.097) (0.106)
as.factor(country)the UK —0.116 0.507***
(0.101) (0.107)
vote 0.074 —0.169
(0.114) (0.144)
factor(employment3)2 0.181 0.070
(0.142) (0.151)
factor(employment3)3 0.285" 0.013
(0.041) (0.052)
factor(employment3)4 0.055 0.021
(0.103) (0.093)
relevel(as.factor(earningsthree), ref = 72”)1 —0.438"* 0.061
(0.103) (0.129)
relevel (as.factor (earningsthree), ref = "27)3 —0.556** —0.184
(0.068) (0.125)
factor(rural_urban)2 —0.233" —0.128
(0.106) (0.105)
factor(class_selfeval)2 —0.012 —0.098
(0.107) (0.116)
factor(class_selfeval)3 —0.699** 0.074%
(0.044) (0.039)
past_prices_correct2 0.850* 0.232°*
(0.013) (0.024)
future_prices_correct 0.209* 0.235
(0.117) (0.119)
factor(expected_income)2 0.832"* 0.257***
(0.068) (0.069)
factor(expected_income)3 0.703+** 0.126°
(0.068) (0.072)
factor(housing status_det)2 —0.103" —13.759"**
(0.057) (0.056)
factor(housing status_det)3 0.199" —13.765"
(0.057) (0.057)
factor(house_acq_singletick)2 0.220* —0.034
(0.053) (0.076)
factor(house_acq_singletick)3 —0.081 —0.289*
(0.149) (0.144)
factor(house_acq_singletick)4 0.213" —0.296"
(0.026) (0.028)
factor(other real_estate)2 —0.112 ~0.012
(0.124) (0.124)
factor(transactionInvolve)2 —0.520"* —0.228"
(0.103) (0.104)
factor(gender)2:factor(edu)2 0.265* 0.117
(0.087) (0.089)
factor(edu)2:job loss —0.074* —0.005
(0.038) (0.040)
Observations 3,479 1,786 3,490 1,796
Note: “p<0.1; *p<0.05; **p<0.01
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similar: for the indirect question, researcher information prompts more people to switch to the
correct answer. Younger people, from Sweden and the UK are more likely to be good switchers,
as well as unemployed respondents.

2.7.3 Characterising bad switchers (only those who are initially right)

Similarly, we now restrict the sample to to those who initially answer right. We want to classify
respondents who, after receiving information, switch to the wrong answer, i.e. "bad switcher”
who are so untrusting of experts that they change their answer to the opposite of what experts
claim despite of being initially right.

Table 12 shows the results of a logit regression where the dependent variable takes 0 for those
who stay right, and 1 if they switch to the wrong answer. Whether the information comes from
an academic economist or a central banker does not matter. Bad switchers are: those who
perceive the probability of job loss likely and have never be involved in a property transaction
before.

2.7.4 Multinomial logit

Table 13 shows Odds ratios for a multinomial regression. The dependent variable classifies
switchers: 0=Correct both times (baseline), 1= Correct wrong intuition due to info, 2= stay
wrong, 3=First correct, then change to wrong.

2.7.5 Restriction to consistent respondents

Since we have to questions that mirror the same effect®, we can restrict the sample to those
who respond in a consistent matter. Analogous to subsubsection 2.7.1, we estimate an ordered
logit regression in Table 14. We again find that economic researchers drive respondents to be
"better switchers”, now also for specification (2).

2.7.6 Good Switchers: Alternative characterisation

In tables Table 15 (for the direct question) and Table 16, we basically perform the same re-
gressions as in Table 11, but interact the information treatment with different controls to get
an alternative view on where the coefficient loadings stem from.

2.7.7 Bad Switchers: Alternative characterisation

In tables Table 17 (for the direct question) and Table 18, we basically perform the same re-
gressions as in Table 12, but interact the information treatment with different controls to get
an alternative view on where the coefficient loadings stem from.

2.7.8 Ordered logit: Group by monetary policy understanding

In Table 19, we run ordered logit regressions such as in Table 10. But now we restrict the samples
to respondents who get the conventional monetary policy question right (1), the unconventional
monetary policy question right (2) or both (3). We see that people who get the conventional
monetary policy question right are more likely to respond to academic economicsts.

8«When the interest rate decreases, house prices decrease too.”, and “When the interest rate decreases, house
prices rise.”
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Table 11: Good switchers

Dependent variable:

switchla switchlb
€3] @ (3) 4
random_monetary 0.186* —0.051 0461 0.743"
(0.108)  (0.181)  (0.112)  (0.180)
factor(gender)2 ~0.061 0.076
(0.228) (0.223)
factor(edu)2 —0.189 ~0.089
(0.354) (0.356)
age —0.005" —0.118"
(0.057) (0.054)
age2 0.001* 0.001
(0.001) (0.001)
factor(marital2)2 0454 0.259
(0.260) (0.250)
factor(marital2)3 0.302 0.589
(0.457) (0.424)
children 0.085 ~0.012
(0.214) (0.208)
job-loss ~0.060 0.029
(0.046) (0.044)
life_satisfaction 0.021 0.026
(0.048) (0.045)
as.factor(country) Germany 0.314 0.095
(0.319) (0.316)
as.factor(country)Italy 0.541* 0.188
(0.315) (0.277)
as.factor(country)Sweden 2157 0325
(0.382) (0.424)
as.factor(country)the UK 0558 0893
(0.373) (0.316)
vote 0476 0.283
(0.327) (0.304)
factor(employment3)2 0.402 0.062
(0.332) (0.326)
factor(employment3)3 0.677 0.772"
(0.398) (0.360)
factor(employment3)4 —0.150 ~0.464
(0.401) (0.399)
relevel(as. factor(earningsthree), ref = "2”)1 ~0.179 ~0.160
(0.276) (0.246)
relevel (as.factor(carningsthree), ref = "2")3 0.041 —0.187
(0.295) (0.269)
factor(rural_urban)2 0.005 —0.147
(0.202) (0.195)
factor(class_selfeval)2 0.495" 0.059
(0.278) (0.264)
factor(class._selfeval)3 0.108 0.130
(0.469) (0.534)
past-prices_correct2 0.696 —0.882
(0.615) (0.587)
future_prices_correct ~0.032 —0.323
(0.220) (0.223)
factor(expected income)2 0.545" 0.375
(0.255) (0.275)
factor(expected income)3 0.301 0392
(0.269) (0.285)
factor(housing-status_det)2 0.063
(1.518)
factor(housing status_det)3 0478 ~0.129
(1.522) (0.203)
factor(house-acq_singletick)2 0.546 ~0.300
(0.370) (0.353)
factor(house_acqsingletick)3 0668 —0.477*
(0.281) (0.285)
factor(house-acq_singletick)4 0411 —0.252
(0.459) (0.408)
factor(other_real_cstate)2 —0.500 ~0.143
(0.236) (0.231)
factor(transactionTnvolve)2 —0.231 0.260
(0.193) (0.197)
factor(gender) 2:factor (edu)2 0.096 ~0.118
(0.386) (0.390)
factor(edu)2:job_loss 0.011 0.057
(0.070) (0.077)
Constant 0558 —1064  —1280°* 0316
(0.167)  (2153)  (0.078)  (1.418)
Observations 1418 701 1,401 662
Log Likelihood —066.961  —388.342  —003.237  —380.805
Akaike Inf. Crit 1937.921 850684 1.810473 851610

Note:
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Table 12: Bad switchers

Dependent variable:

switch3a switch3b
(0] 2 ()] “)
random_monetary —0.070 —0.267 —0.061 —0.191
(0.126) (0.202) (0.128) (0.192)
factor(gender)2 0229 0.106
(0.264) (0.250)
factor(edu)2 —0.212 0.096
(0.428) (0.393)
age —0.179** —0.056
(0.066) (0.062)
age2 0.002** 0.0003
(0.001) (0.001)
factor(marital2)2 —0.186 —0.172
(0.285) (0.277)
factor(marital2)3 —2.021" —0.327
(0.919) (0.565)
children —0.002
(0.246)
job_loss 0.223" 0.162*
(0.047) (0.044)
life_satisfaction —0.007 0.035
(0.053) (0.051)
as.factor(country)Germany 0.864* 0.380
(0.338) (0.333)
as factor(country)Ttaly 0.428 0.187
(0.333) (0.320)
as.factor (country)Sweden —0.129 —0.687*
(0.422) (0.408)
as.factor(country)the UK 0.146 0.119
(0.373) (0.352)
vote —0.310 0.569%
(0.388) (0.326)
factor(employment3)2 —0.998" 0.067
(0.436) (0.357)
factor(employment3)3 —0.057 0.604
(0.419) (0.402)
factor(employment3)4 ~0.109 0.561
(0.479) (0.418)
relevel(as.factor(earningsthree), ref = "2")1 0.570* ~0.270
(0.301) (0.282)
relevel(as factor(earningsthree), ref = "27)3 0.709* 0.173
(0.313) (0.286)
factor(rural_urban)2 —0.427" —0.074
(0.219) (0.212)
factor(class_selfeval)2 0.602% 0.185
(0.319) (0.286)
factor(class_selfeval)3 0.317 0.645
(0.656) (0.454)
past_prices_correct2 —1.163* —0.156
(0.642) (0.495)
future_prices_correct —0.179 —0.128
(0.247) (0.230)
factor(expected_income)2 —0.992" ~0.155
(0.266) (0.257)
factor(expected_income)3 —1.323"* —0.374
(0.309) (0.282)
factor(housing status_det)2 —2.262 0.182
(1.444) (1.167)
factor(housing_status_det)3 —2.975% —0.132
(1.451) (1.175)
factor(house_acq singletick)2 0.261 ~0.029
(0.335) (0.347)
factor(house-acq.singletick)3 —0.538 0.109
(0.354) (0.311)
factor(house_acq_singletick)4 —0.807 —0.634
(0.612) (0.650)
factor(other real_estate)2 0.201 0.013
(0.247) (0.233)
factor(transactionInvolve)2 0.7317* 0.786*
(0.224) (0.214)
factor(gender)2:factor(edu)2 —0.283 —0.556
(0.434) (0.403)
factor(edu)2:job_loss 0.055 —0.073
(0.076) (0.067)
Constant —1.867** 5.665" —1.9277* —1.641
(0.197) (2.374) (0.200) (2.081)
Observations 2,348 1,237 2,367 1,278
Log Likelihood —871.771  —347.315  —856.291  —390.788
Akaike Inf. Crit. 1,747.543 768.629 1,716.583 855.576

Note:
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Table 13: Multinomial Logistic Regression (Odds Ratios)

Switcher classification

Direct: Indirect:
1 2 3 | 1 2 3
m 2 [ I )] (5) (6)
random_monetary 0.857 0.818 0.758 1.250 0.636 0.808

(L143)  (L131) (1191 (1.139) (1.113) (1.081)

factor(gender)2 0.881 0.913 1.159 0.780 0.751 1.010
(1.122) (1.114) (1.108) (1.125) (1.109) (1.106)

factor(edu)2 0.690 0.624 0.794 0.679 0.765 0.948
(1L087)  (1.110)  (1.025) (1.040) (1.121) (1.020)

age 0.851 0.925 0.868 0.859 0.962 0.934
(1.020)  (1.020)  (1.026) (1.021) (1.018) (1.024)

age2 1.002 1.001 1.001 1.002 1.000 1.000
(L000)  (1.000)  (1.000) | (1.000) (1.000)  (1.000)

factor(marital2)2 1124 0.818 0.901 1.100 0.900 0.831
(L149)  (1.145)  (1.088) (1.089) (1.121) (1.075)

factor(marital2)3 1.225 0.873 0.214 1.627 1.002 0.772
(L064)  (1.048)  (1.006) (1.030) (1.047) (1.008)

children 0.819 0.721 0.789 1.024 1.107 1.013
(1.136) (1.130) (1.131) (1.115) (1.118) (1.119)

job_loss 1011 1.067 1.200 0.978 0954 1.165
(1.035)  (1.030)  (1.037) (1.035) (1.020) (1.036)

life satisfaction 1.034 1.008 0.951 0.944 0914 1.044
(1.036)  (1.032)  (1.045) (1.037) (1.029) (1.045)

as.factor (country) Germany 2,086 1.692 2307 0.850 0.791 1.310
(1.096)  (1122)  (1.098) (1.059) (1.124) (1.055)

as.factor (country)Italy 2,485 1.548 1.381 1.397 1.227 1185
(L119)  (1115)  (1.089) (1.094) (1.105) (1.058)

as.factor (country)Sweden 5081 0.667 0.873 0.230 0.164 0.424
(1L102)  (1L112)  (L047) (1.044) (1.094) (1.043)

as.factor(country)the UK 1.370 1.069 0.946 1.176 0.485 1.000
(1.111) (1.118) (1.049) (1.106) (1.115) (1.060)

vote 1.403 0.830 0.841 1.602 1186 1.785°
(1.038)  (1.026)  (1.020) (1.028) (1.033) (1.021)

factor(employment3)2 1104 0.767 0.430 1.003 0923 1.082
(1.034)  (1L027)  (L011) (1.017) (1.035) (1.014)

factor(employment3)3 1.108 0.749 0914 2.007* 0.931 1.793°
(L027)  (1.024)  (1.013) (1.029) (1.032) (1.017)

factor(employment3)4 0.826 1.105 0911 0.741 1.085 1762
(1.024)  (1.028) (1016 (1.015) (1.028) (1.012)

relevel(as.factor (earningsthree), ref = "2)1 1347 1.570 1.738 0.847 0974 0.732
(1L092)  (1.102) (1078 (1.086) (1.133) (1.076)

relevel (as.factor (earningsthree), ref = "27)3 1728 1.617 2.005° 1181 1.244 1.180
(1L070)  (1L.077)  (1.082) (1.082) (1.098) (1.081)

factor(rural_urban)2 1.238 1.230 0.709 1011 1.161 0.935
(L147)  (1132)  (1.136) (1.125) (1.117) (1.067)

factor(class selfeval)2 1411 0.954 1.692 1133 1102 1.231
(L154)  (L124)  (1.036) (1.129) (1.128) (1.089)

factor(class_selfeval)3 2.281* 2.293* 0.921 0.881 0.967 2.022*

(1.054)  (1.050)  (1.018) (1.033) (1.041) (1.040)

past_prices_correct2 0.579 0.203 0.365 0.346 0.967 0.833
(1018)  (1.005)  (1.004) (1.004) (1.017) (1.006)

future_prices_correct 0.853 0.843 0.720 0.640 0.812 0.835
(L147)  (1141)  (L.061) (1.111) (1.135) (1.065)

factor(expected.income)2 0.699 0.368 0.397 1157 0.711 0.820
(1.089)  (1.085)  (1.134) (1.094) (1.077) (1.113)

factor(expected income)3 0.692 0.449 0.307 1.400 0.823 0.660
(1.082)  (1.090)  (1.095) (1.089) (1.072) (1.097)

factor(housing status_det)2 0.430 0.933 0180 | 177.230"* 474686 1183
(L077)  (1.073)  (L.101) (1.083) (1.065) (1.096)

factor(housing-status_det)3 0.449 0.578 0.096 | 163.182°" 482607 0.847
(1L077)  (1.073)  (1.099) (1.083) (1.066) (1.095)

factor(house-acq.singletick)2 1.035 0.673 1418 0.814 1.084 0.892
(1.031)  (1.059)  (1.040) (1.022) (1.067) (1.019)

factor(house-acq.singletick)3 1913 0.962 0.635 0.974 1471 1.130
(1.090)  (L148)  (1.028) (1.052) (1.147) (1.035)

factor(house-acq.singletick)4 1.356 0.778 0411 1.147 1484 0.468
(L014)  (1.023)  (1.006) (1.015) (1.026) (1.003)

factor(other_real_cstate)2 0.753 1.237 1.050 0.874 1.029 1.100
(L170)  (1.143)  (1.086) (1.062) (1.136) (1.051)

factor(transactionlnvolve)2 1.400 1.746 2132 1.643 1.200 2,252
(L145)  (1128)  (1.083) (1.147) (1.121) (1.077)

factor(gender) 2 factor(edu)2 0.655 0.719 0.724 0.860 0.929 0.580

(1079)  (1.094)  (1.052) (1.055) (1.098) (1.046)

factor(edu)2:job_loss 1127 1.130 1.064 1.052 0.997 0.961
(L046)  (1.042)  (1.044) (1.044) (1.046) (1.041)

Constant 5.066* 13.068** 63.408*** 0.020 0.010 0.296
(L011)  (1010)  (1010) | (1.008) (L008)  (1.009)

Akaike Inf. Crit. 4,022.980  4,022.980 {UZZ.QS()‘ 4,064.382  4,064.382  4,064.382

Note: “p<0.1; *p<0.05; **p<0.01

28



Table 14: Ordered logit, constricted to consistent respondents

Dependent variable:

typedirect typeindirect
1) (2 (3) ()
random_monetary 0.192* 0.328" 0.207* 0.370**

(0.085)  (0.127)  (0.085)  (0.126)

factor(gender)2 0.253 0284
(0.128) (0.126)
factor(edu)2 0532 0.462
(0.153) (0.155)
age 0.007 0.092
age2 ~0.001 ~0.001
factor(marital2)2 0.083 0.050
(0.136) (0.136)
factor(marital2)3 —0.109 —0.227"
(0.067) (0.067)
children 0.203 0.116
(0.125) (0.128)
job_loss 0.001 0.023
(0.034) (0.033)
life_satisfaction 0.051 0.037
(0.032) (0.031)
as.factor (country) Germany ~0.204 ~0.125
(0.146) (0.149)
as.factor (country)Italy —0.307" —0.440**
(0.122) (0.130)
as.factor(country)Sweden 1012 0.931%*
(0.122) (0.138)
as.factor(country) the UK 0.284° 0271
(0.133) (0.138)
vote —0.024 —0.210
(0.109) (0.185)
factor(employment3)2 0.152 ~0.070
(0.194) (0.200)
factor(employment3)3 0.095 ~0.022
(0.061) (0.068)
factor(employment3)4 —0.140 —0.200"
(0.124) (0.121)
relevel (as.factor(earningsthree), ref = "2”)1 —0.200 —0.153
(0.151) (0.168)
relevel(as. factor (earningsthree), ref = —0.490" —0.412+
(0.123) (0.169)
factor(rural_urban)2 ~0.302" ~0.330"
(0.139) (0.140)
factor(class-selfeval )2 —0.011 ~0.102
(0.150) (0.149)
factor(class_selfeval)3 —0.430"
(0.054)
past_prices_correct2 1416 1.320"*
(0.017) (0.017)
future_prices_correct 0.255" 0.216
(0.153) (0.152)
factor(expected_income)2 0.804* 0,634
(0.094) (0.089)
factor(expected_income)3 0656 0,487
(0.085) (0.082)
factor(housing status_det)2 —13.302"* —13.201°*
(0.072) (0.072)
factor(housing status_det)3 ~13.076" —13.060°*
(0.076) (0.075)
factor(house_acq singletick)2 0270 0.300
(0.075) (0.097)
factor(house_acq singletick)3 —0.130 —0.440"
(0.181) (0.182)
factor(house_acq_singletick)4 ~0.049 —0.219
(0.051) (0.050)
factor(other_real_estate)2 ~0.008 ~0.037
(0.162) (0.161)
factor(transactionInvolve)2 —0.504" —0.451"*
(0.132) (0.132)
factor(gender)2:factor (edu)2 0395 0.369"*
(0.115) (0.113)
factor(edu)2:job loss ~0.100* ~0.069
(0.056) (0.054)
Observations 2,373 1,208 2,301 1,220
Note: *p<0.1; **p<0.05; **p<0.01
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Table 15: Good Switchers: Alternative characterisation

Dependent variable:

switchla
(1) 2 (3) (4) (5) (6) (7) (8) ) (10) (11)
random_monetary 0.186"
(0.108)
random_monetary:as.factor(country) Austria —0.086
(0.145)
random_monetary:as.factor(country)Germany —0.071
(0.133)
random_monetary:as.factor(country)Italy —0.006
(0.132)
random_monetary:as.factor (country)Sweden 0.8627
(0.133)
random_monetary:as.factor(country)the UK ~0.160
(0.143)
random_monetary:as.factor (highproperty)0 0.315+*
(0.111)
random_monetary:as.factor(highproperty) 1 ~0.070
(0.120)
random_monetary:as.factor(age_above_median)0 0.060
(0.113)
random_monetary:as.factor (age_above_median) 1 0.351°+*
(0.116)
random_monetary:as.factor(edu) 1 0.188*
(0.110)
random_monetary:as.factor (edu)2 0.207"
(0.120)
random_monetary:as.factor(housing_status)1 0.128
(0.112)
random_monetary:as.factor(housing status)2 0.254**
(0.115)
random_monetary:factor(gender)1 0.208*
(0.112)
random_monetary:factor(gender)2 0.151
(0.114)
random_monetary:as.factor (carningsthree) | 0.031
(0.118)
random_monetary:as.factor(carningsthree)2 0.123
(0.137)
random_monetary:as.factor(carningsthree)3 0.356"+*
(0.114)
random_monetary:factor(ever_home_owner)1 0.200
(0.181)
random_monetary:factor(ever_home_owner)2 0.418"
(0.172)
random_monetary:factor(past_prices_correct2)0 0.173
(0.108)
random_monetary:factor(past_prices_correct2)1 1041
(0.278)
random_monetary:factor(future_prices_correct)0 0.188*
(0.109)
random_monetary:factor(future_prices_correct)1 0.200
(0.129)
Constant —0.558"  —0.544"  —0.539"*  —0.559""  —0.564**"*  —0.553"**  —0.559"**  —0.558"  —0.689"**  —0.572"*  —0.564"*
(0.167) (0.173) (0.168) (0.168) (0.167) (0.167) (0.167) (0.168) (0.259) (0.168) (0.167)
Observations 1418 1.416 1,418 1,415 1,410 1417 1415 1.409 589 1,418
Log Likelihood —966.961  —899.232  —952.981  —955.997  —962.031  —964.551  —964.153  —951.878  —401.498  —959.934
Akaike Inf. Crit. 1,937.921 1810464 1911962  1,917.993  1,930.062  1,935.101  1,934.306  1,911.756 808.996 1,925.869  1,934.695

Note:

“p<0.1; **p<0.05; **p<0.01
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Table 16:

Good Switchers: Alternative characterisation

Dependent variable:

€]

2

switchlb

)] “) (6] (6) ] 8 ) (10)

(11)

random monetary

random_monetary:

random_monetary:

random_monetary:

random_monetary:

random monetary:

random monetary:

random monetary:

random monetary:

random monetary:

random monetary:

random_monetary:

random_monetary:

random_monetary:

random_monetary:

random monetary:

random monetary:

random monetary:

random monetary:

as.factor(country) Austria

as.factor(country)Germany

as.factor(country)Italy

as.factor(country)Sweden

as.factor (country)the UK

as.factor (highproperty)0

as.factor (highproperty)

as.factor (age_above_median)0

as.factor (age-above_median) 1

as factor(edu) 1

as.factor(edu)2

as.factor(housing status)1

as.factor(housing_status)2

factor(gender) 1

factor(gender)2

as.factor (earningsthree) 1

as factor(carningsthree)2

as factor(carningsthree)3

random_monetary:factor(ever_home_owner) 1

random_monetary:factor(ever_home_owner)2

random _monetary:factor(past_prices_correct2)0

random_monetary:factor(past_prices_correct2)1

random monetary:factor(future_prices_correct )0

random_monetary:factor(future_prices_correct) 1

Constant

0461
(0.112)

—1.280
(0.178)

0.380"
(0.131)

0.366""*
(0.132)

0.422°
(0.127)

0.526"*
(0.143)

0.725"*
(0.141)

—1.278*

(0.178)

0.412%*

(0.116)

0.532%*

(0.120)

0503
(0.117)

0.396"*
(0.120)

0.435°*
(0.114)
0.587°
(0.129)

0414
(0.117)

0,514
(0.119)

0.479"
(0.116)

0415
(0.121)

0.454**
(0.120)

0.540**
(0.129)

0452
(0.123)

—1.283"

(0.178)

—1.268"*
(0.178)

—1.208"*
(0.178)

0474
(0.113)

~0.029
(0.267)

—1.273%*
(0.178)

—1.264°*
(0.178)

—1.291°
(0.178)

—0.745"
(0.264)

—1.280"*
(0.178)

0.466°**
(0.114)

0454
(0.133)

—1.283"*
(0.178)

Observations
Log Likelihood
Akaike Inf. Crit.

1.401
=90
1,810.473

—901.826
1,809.651

1,401 1,397

1,395
—898.548
1,803.096

—899.970
1,805.939

1,400
—901.912
1,809.823

1,396
—=900.
1.806.644

1.396 600
—900.042  —399.070
1,808.084  804.140

1.401
—900.819
1,807.638

1,400
—902.696
1,811.393

Note:
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Table 17: Bad Switchers: Alternative characterisation

Dependent variable:

switch3a
(1) 2 (3) (4) (5) (6) (7) (8) ) (10) (11)
random_monetary —0.070
(0.126)
random_monetary:as.factor(country) Austria —0.231
(0.152)
random_monetary:as.factor(country)Germany 0.121
(0.145)
random_monetary:as.factor(country)Italy 0.060
(0.142)
random_monetary:as.factor(country)Sweden —0.085
(0.152)
random_monetary:as.factor(country)the UK ~0.356"
(0.171)
random_monetary:as.factor (highproperty)0 0.056
(0.130)
random_monetary:as.factor(highproperty) 1 ~0.001
(0.136)
random_monetary:as.factor(age_above_median)0 0.148
(0.129)
random_monetary:as.factor (age_above_median) 1 —0.406"*
(0.142)
random_monetary:as.factor(edu) 1 —0.054
(0.129)
random_monetary:as. factor(edu)2 —0.099
(0.138)
random_monetary:as.factor(housing_status)1 —0.108
(0.130)
random monetary:as.factor(housing status)2 —0.030
(0.136)
random_monetary:factor(gender)1 —0.072
(0.131)
random_monetary:factor(gender)2 ~0.092
(0.134)
random_monetary:as.factor (carningsthree) | 0.125
(0.137)
random_monetary:as.factor(carningsthree)2 ~0.189
(0.151)
random_monetary:as.factor(carningsthree)3 0.044
(0.134)
random_monetary:factor(ever_home_owner)1 0.174
(0.221)
random_monetary:factor(ever_home_owner)2 0.104
(0.213)
random_monetary:factor(past_prices_correct2)0 —0.046
(0.126)
random_monetary:factor(past_prices_correct2)1 —0.896"**
(0.324)
random_monetary:factor(future_prices_correct)0 —0.050
(0.128)
random_monetary:factor(future_prices_correct) 1 —0.170
(0.149)
Constant —1867*  —1.853"" —1.868"* —1.815"* —1.866* —1.857"** —1.851"** —1.864™* —2.127""" —1.855"" —1.861""
(0.197) (0.198) (0.197) (0.199) (0.197) (0.197) (0.198) (0.198) (0.329) (0.198) (0.197)
Observations 2,348 2,348 2,348 2,342 2,344 2,345 2,341 2,342 851 2,348 2,347
Log Likelihood —871.771  —862.975  —871.681 46. —871.106  —868.935  —868.804 —868.079 —323.436 —865.362 —868.893
Akaike Inf. Crit. 1747543 1,737.949  1,749.362  1,699.101  1,748.213  1,743.870  1,743.608  1,744.159 652.873 1,736.724  1,743.787

Note:
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Table 18: Bad Switchers:

Alternative characterisation

Dependent variable:
switch3b
m 0] )] ) 5) (6) W] ®) 9) (10) an
random_monetary ~0.061
(0.128)
random_monetary:as.factor(country) Austria ~0.051
(0.152)
random_monetary:as.factor(country) Germany 0.072
(0.150)
random_monetary:as.factor (country)Italy 0.156
(0.144)
random_monetary:as.factor(country)Sweden —0.363"
(0.159)
random_monetary:as.factor(country)the UK —0.227
(0.164)
random_monetary:as.factor(highproperty)0 ~0.107
(0.133)
random_monetary:as.factor(highproperty)1 0.008
(0.136)
random_monetary:as.factor (age_above_median)0 0.145
(0.131)
random_monetary:as.factor (age_above_median) 1 —0.387""
(0.145)
random_monetary:as.factor(edu) 1 —0.038
(0.132)
random_monetary:as.factor (edu)2 ~0.100
(0.138)
random_monetary:as.factor(housing_status) 1 0.098
(0.132)
random_monetary:as.factor(housing_status)2 ~0.014
(0.138)
random_monetary:factor(gender) | —0.077
(0.134)
random_monetary:factor(gender)2 —0.063
(0.134)
random_monetary:as.factor(earningsthree) 1 —0.017
(0.137)
random_monetary:as.factor (earningsthree)2 ~0.045
(0.153)
random_monetary:as.factor (earningsthree)3 —0.112
(0.138)
random_monetary:factor(ever_home_owner)1 ~0.050
(0.226)
random_monetary:factor(ever_home_owner)2 —0.047
(0.214)
random_monetary:factor(past_prices_correct2)0 —0.041
(0.128)
random_monetary:factor(past_prices_correct2)1 0563
(0.271)
random_monetary:factor(future_prices_correct)0 ~0.055
(0.130)
random_monetary:factor(future_prices_correct) 1 —0.008
(0.149)
Constant SLO2TT SLSOLTT 19227t 1892 1922 1919 —1915%  —LOITT 1864 19217 1922
(0.200) (0.201) (0.200) (0.201) (0.200) (0.200) (0.200) (0.200) (0.324) (0.200) (0.200)
Observations 2,367 2,362 2,362 2,357 840 2 2,363
Log Likelihood —855.352 —853.599  —854.470 318401 -8 —853.660
Akaike Inf. Crit. 1,716.704 1,716,940 642.801 1712532 1

Note:

*p<0.1; **p<0.05; **p<0.01

Table 19: Ordered logit: monetary policy understanding

Dependent variable:

typedirect_MP

(1) (2)

(3)

typeindirect_MP

(4) (5) (6)

random_monetary 0

311
(0.097)

0.182
(0.295)

0.198
(0.246)

0.165*
(0.097)

0.243
(0.311)

0.159
(0.245)

Observations

1,726 164

309

1,751 164 308

Note:
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2.7.9 Education in more detail

A comment during a presentation was that our education aggregation (low - high) is too coarse.
See tables Table 20 and Table 21 for regressions for the monetary policy questions (logit) as
well as the mp-housing questions (ordered logit).

3 Conclusions

We ask 3,800 people in Austria, Germany, Italy, Sweden and the UK about their beliefs regard-
ing the connection between monetary policy decisions and housing prices. In general, knowledge
about monetary policy is limited, especially about unconventional monetary policy tools.

Two thirds of respondents think there is — in principal — a connection between interest rates and
housing prices. Survey participants overwhelmingly link interest rate decreases to increasing
house prices, in line with economic theory. Some participants correct an initially wrong assess-
ment upon being presented additional information on this link by researchers or central bankers.
Information provided by academic economists especially prompts respondents to correct ini-
tial incorrect answers to responses more in-line with economic theory. These findings suggest
that central banker’s communication success with the broader public might be of limited effect
compared to information by academics.
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Table 20: Monetary Policy questions: Education details

Dependent variable:
trueECBQ1  trueECBQ2

(1) (2)
factor(education)1 —0.400 —0.572
(0.494) (0.600)
factor(education)2 —0.302 —1.713*
(0.514) (0.729)
factor(education)3 —0.181 —0.569
(0.484) (0.584)
factor(education)4 0.155 —0.648
(0.479) (0.575)
factor(education) 0.071 —0.782
(0.481) (0.580)
factor(education)6 0.297 —0.554
(0.482) (0.579)
factor(education)7 0.317 —0.428
(0.482) (0.579)
factor(education)8 0.340 —0.577
(0.510) (0.624)
factor(education)9 0.262 —0.539
(0.571) (0.718)
factor(education)10 —0.223 —0.134
(0.791) (0.973)
Constant 0.223 —1.253*
(0.474) (0.567)
Observations 3,741 3,747
Log Likelihood —2,5622.135 —1,466.682
Akaike Inf. Crit. 5,066.269 2,955.364
Note: 5<0.1; *p<0.05; “*p<0.01
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Table 21: MP and housing - education detailss

Dependent variable:

typedirect typeindirect

(1) (2)

factor(education)1 0.489 0.172
(0.501) (0.485)
factor(education)?2 0.088 —0.037
(0.518) (0.505)
factor(education)3 0.657 0.256
(0.492) (0.475)
factor(education)4 0.788 0.679
(0.486) (0.471)
factor(education)b 1.008** 0.420
(0.488) (0.472)
factor(education)6 0.752 0.998**
(0.488) (0.474)
factor(education)7 0.990** 0.926*
(0.490) (0.475)
factor(education)8 0.507 0.570
(0.519) (0.503)
factor(education)9 0.974* 0.521
(0.576) (0.554)
factor(education)10 1.667* 0.358
(0.930) (0.803)
Observations 3,467 3,478
Note: p<0.1; *p<0.05; **p<0.01
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Appendix

A Additional Figures

Figure 8: Answers to Question 1 (CMP 1)

Question 1. "Prices increase. How do you expect the ECB to react?"
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Table 22: Results

Dependent variable:

trueECBQ1  trueECBQ2
(1) (2)
factor(gender)2 0.149 0.535***
(0.129) (0.193)
factor(edu)2 0.302 0.694**
(0.189) (0.274)
age 0.053* —0.013
(0.032) (0.041)
age2 —0.0004 0.0003
(0.0003) (0.0004)
factor(marital2)2 0.185 —0.073
(0.142) (0.188)
factor(marital2)3 0.177 —0.451
(0.245) (0.362)
children 0.363"* 0.140
(0.120) (0.163)
job loss —0.032 0.002
(0.025) (0.036)
life_satisfaction 0.010 —0.042
(0.026) (0.035)
as.factor(country)Germany —0.807*** —0.229
(0.180) (0.238)
as.factor(country)Italy —0.709*** 0.107
(0.166) (0.215)
as.factor(country)Sweden —0.677* —0.223
(0.199) (0.250)
as.factor(country)the UK —0.446™ —0.843***
(0.181) (0.252)
vote —0.347" 0.419*
(0.185) (0.238)
factor (employment3)2 0.047 0.160
(0.180) (0.231)
factor(employment3)3 —0.040 —0.155
(0.223) (0.315)
factor (employment3)4 0.191 —0.250
(0.202) (0.280)
relevel(as.factor (earningsthree), ref = 727)1 —0.131 —0.077
(0.144) (0.202)
relevel(as.factor(earningsthree), ref = 72”)3 0.079 0.088
(0.154) (0.207)
factor(rural_urban)2 —0.175 —0.203
(0.108) (0.147)
factor(class_selfeval)2 0.201 —0.287
(0.147) (0.202)
factor(class_selfeval)3 —0.200 0.090
(0.263) (0.345)
past_prices_correct2 0.517* 0.257
(0.230) (0.262)
future_prices_correct 0.011 0.194
(0.115) (0.155)
factor(expected_income)2 0.211 0.106
(0.145) (0.207)
factor(expected_income)3 —0.250 0.066
(0.153) (0.223)
factor(housing_status_det)2 —1.235 —0.750
(1.131) (1.140)
factor(housing_status_det)3 —1.012 —0.705
(1.133) (1.143)
factor(house_acq_singletick)2 —0.260 0.122
(0.198) (0.257)
factor(house_acq_singletick)3 —0.268 0.061
(0.170) (0.226)
factor(house_acq_singletick)4 0.108 —0.090
(0.269) (0.369)
factor(other_real_estate)2 —0.137 0.016
(0.123) (0.165)
factor(transactionInvolve)2 —0.082 0.087
(0.108) (0.149)
factor(gender)2:factor(edu)2 0.278 —0.019
(0.206) (0.280)
factor(edu)2:job_loss —0.041 —0.032
(0.039) (0.053)
Constant 0.212 —1.620
(1.430) (1.639)
Observations 1,934 1,936
Log Likelihood —1,214.019 —752.940
Akaike Inf. Crit. 2,500.039 1,577.879
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Table 23: Respondents switching after information treatment, by country

country  switch2 n freq
1 Austria 0 380  0.487
2 Austria 1 111 0.142
3 Austria 2 235 0.301
4 Austria 3 54 0.069
) Austria NA 1 0.001
6  Germany 0 367 0.497
7 Germany 1 96  0.130
8  Germany 2 188  0.255
9  Germany 3 63  0.085
10 Germany NA 24 0.033
11 Italy 0 349  0.427
12 Italy 1 130 0.159
13 Italy 2 261  0.319
14 Italy 3 72 0.088
15 Italy NA 6 0.007
16 Sweden 0 604  0.722
17 Sweden 1 68  0.081
18 Sweden 2 107 0.128
19 Sweden 3 49  0.059
20 Sweden NA 8 0.010
21 the UK 0 387  0.562
22 the UK 1 93  0.135
23 the UK 2 112 0.163
24  the UK 3 40  0.058
25 the UK NA 56 0.081
26 0 2 1
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Table 24: Results

Dependent variable:

switchla
() 2 () ©) (©) (6) (M) (8) )
random_monetary 0.020 —0.080 0.025 0.014 —0.084 0.015 0.022 0.149 —0.073
(0.089) (0.100) (0.089) (0.089) (0.120) (0.089) (0.089) (0.136) (0.118)
factor(gender)2 —0.098
(0.127)
factor(edu)2 —0.054
(0.189)
age —0.099**
(0.028)
age2 0.001***
(0.0003)
factor(marital2)2 0.082
(0.129)
factor(marital2)3 0.154
(0.206)
children 0.084
(0.114)
job_loss —0.004
(0.024)
life_satisfaction 0.012
(0.025)
as.factor(country) Germany 0.283
(0.182)
as.factor(country)Italy 0.481*
(0.177)
as.factor(country)Sweden 1.445%
(0.184)
as.factor(country)the UK 0.122
(0.198)
vote 0.269*
(0.161)
factor(employment3)2 0.211
(0.180)
factor(employment3)3 0.229
(0.193)
factor(employment3)4 —0.304
(0.203)
relevel(as.factor(earningsthree), ref = 72”)1 0.001
(0.156)
relevel(as factor (earningsthree), ref = 727)3 0.084
(0.170)
factor(rural_urban)2 0.045
(0.108)
factor(class_selfeval)2 0.165
(0.138)
factor(class_selfeval)3 0.166
(0.293)
factor(gender)2:factor(edu)2 —0.347
(0.213)
factor(edu)2:job_loss 0.012
(0.039)
past_prices_correct —0.013
(0.208)
future_prices_correct —0.061
(0.0.109)
factor(expected-income)2 0.062
(0.121)
factor(expected_income)3 0.072
(0.139)
factor(housing_status_det)2 —0.452**
(0.105)
factor(housing status_det)3 —0.026
(0.112)
factor(house_acq_singletick)2 —0.210
(0.260)
factor(house_acq_singletick)3 0.380**
(0.173)
factor(house_acq_singletick)4 —0.067
(0.306)
factor(other_real_estate)2 —0.272%
(0.121)
factor(transactionInvolve)2 0.167*
(0.092)
factor(ever_home_owner)2 0.316™
(0.143)
factor(ever_renter)2 —0.135
(0.155)
Constant —1.677 —0.694 —1.725* —1.505* —1.677 —1.625""* —1.782% —1.907  —1.539""*
(0.139) (0.769) (0.169) (0.149) (0.189) (0.141) (0.151) (0.234) (0.221)
Observations 3,766 3,188 3,744 3,734 2,258 3,756 3,765 1,440 2,316
Log Likelihood —1,664.764  —1,324.624 —1,653.959 —1,638.190 —934.380 —1,655.419 —1,662.920 —685.886  —965.489
Akaike Inf. Crit. 3,333.528 2,701.249 3,319.919 3,284.380 1,878.761 3,316.838 3,331.839 1,377.773  1,936.977

Note:
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C Information about the pilot study in Luxembourg

In Luxembourg, the experiment was jointly run with a data collection endeavour for measuring
assessment biases of real estate in Luxembourg (see also Lepinteur et al., 2023). Participants
were recruited among Luxembourg residents. We have used two strategies for recruiting par-
ticipants: First, participants in the population-representative 2019 Luxembourg module of the
European Union Statistics on Income and Living Conditions (EU-SILC)? had the opportunity
to sign up to be contacted for participating in future experimental studies. As a second re-
cruitment option, we relied on sponsored posts on several social media platforms (Facebook,
Instagram and Twitter) exclusively targeted to users that could be localised in Luxembourg.
We collected data between February and May 2022.

The possibility to gain up to 50 EUR in the form of vouchers acted as an incentive for partic-
ipation. Participants could choose to conduct the experiment in English, French or German.
Post-translation consistency checks across language versions were performed by native speakers
familiar with the topic.

Recruits were redirected to an online-study they filled by themselves using the web-based LI-
ONESS Lab' platform for interactive experiments.

We piloted the study in February 2022. The main study with participants recruited from the
EU-SILC pool ran in February and March 2022, and with recruits via social media campaigns
between March and May 2022.

In general, because of the difference in timing and sample selection, the results are of limited
comparability. Results for the Luxembourg pilot study are available from the authors on
request.

9The EU-SILC is a Europe-wide harmonised survey overseen bu EUROSTAT and serving as main source
for European statistics on income, social inclusion and living conditions. In Luxembourg, the survey is led by
Luxembourg’s statistical institute STATEC and administered by LISER’s survey department.

10See https://lioness—lab.org/ developed by Giamattei et al. (2020) and was pre-registered as Waltl
(2021).
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