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Abstract

Does the scientific community sanction sexual misconduct? Using a sample of scien-
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versities, we find that their prior work is cited less after the allegations become known.
The effect weakens with distance in the coauthorship network, suggesting that researchers
primarily learn about misconduct through their peers. Among the closest peers, male au-
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1 Introduction

Does the scientific community sanction sexual misconduct? It has been documented to punish

“bad science” by giving less attention and citing less works of scientists who had one of their

articles retracted (Azoulay et al. 2017; Jin et al. 2019; Lu et al. 2013), but does it also react to

“bad citizenship” – behaviors that threaten those around them? Sexual misconduct is sadly a

prevalent form of social norm violation in academia (Cantor et al. 2019; Feltes et al. 2012; Lip-

insky et al. 2022). We study the effect of sexual misconduct allegations on the scientific impact

of the accused scientist’s prior body of work, their publication output, and their employment,

providing the first systematic empirical evidence on the consequences of sexual misconduct

allegations for the accused.

We construct a dataset of 210 scientists at research-intensive universities in the United States

across all disciplines against whom allegations of sexual misconduct have been made public

between 1998 and 2019. We include cases that have been publicly disclosed in a newspaper

article, a university investigation, or a court report. We only consider substantiated cases that

resulted in one of the following outcomes: the accused was found guilty or admitted guilt, left

their position, or reached a settlement.

By virtue of its construction, our sample focuses on severe and substantiated incidents involving

well-published, senior researchers and on incidents that are well covered by newspaper media.

Since the publicity of sexual harassment allegations is a prerequisite for others to respond and

for the allegations to become constitutive of public discourse, we believe this sample is the most

appropriate for answering the question of whether the scientific community sanctions sexual

misconduct. We acknowledge that our study focuses on the small “visible peak” of the largely

invisible “iceberg phenomenon” of sexual misconduct at universities (Clancy et al. 2020).

We connect accused scientists to their publication profiles in the bibliographic database Scopus

and track citations to their prior publications over time to detect changes in the citing behavior

of other researchers after the allegation became public. We compare the citation trajectories
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of their articles to other articles in the same journal issue, which capture the counterfactual

outcomes in the absence of allegations. We further examine how adjustments in the citing

behavior of other researchers depend on their own distance in the coauthorship network from

the accused, on their gender and on the gender ratio of their research field.

We document an overall decline in citations to the prior work of the accused scientist driven

by researchers who are close to the accused in the network of coauthors (distance 1 or 2, i.e.

coauthors or coauthors of coauthors), while researchers who are distant do not appear to respond

at all. Gender differences in citing behavior are limited to authors closest to the accused in the

network, where male authors reduce their citations by about twice as much as their female

counterparts. The effect appears to be muted for articles that are published in fields with a low

proportion of female authors.

In addition, we aggregate information at the scientist level and examine changes in publication

output, collaborations and affiliations. We match accused scientists to a set of observationally

similar control scientists based on, among other characteristics, field, academic age, publica-

tions and coauthors. We find that accused scientists publish less, leave academic research at

higher rates and are more likely to move to non-university research institutions after allega-

tions become public. It is possible that their reduced publishing is due to difficulty in finding

co-authors, though the average number of co-authors per paper does not change.

Our study relates to several strands of literature. First, we draw on the ideas and methods from

studies on the “retraction penalty”, which have documented that, after a retraction, citation

losses extend to the researcher’s entire body of prior work (Azoulay et al. 2017; Jin et al. 2019;

Lu et al. 2013). This penalty likely reflects a loss of trust in the quality of the author’s work.

However, we show that a penalty of similar magnitude applies when there are breaches of other

norms, such as social norms, which are unrelated to the quality of the science itself.

Second, we advance the research on sexual misconduct by providing first systematic empirical

evidence on the consequences for the accused. It has been documented that sexual harassment
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in the workplace is detrimental for the victim’s job satisfaction (Fitzgerald et al. 1988) and has

long-term health effects (Chan et al. 2008). Studies indicate substantial economic costs for

employers, public institutions, and society as a whole: e.g. due to lower productivity, distorted

occupational choices, and career attainment (Antecol and Cobb-Clark 2006; Chan et al. 2008;

Cici et al. 2021; Folke and Rickne 2022; Laband and Lentz 1998; McLaughlin et al. 2017;

National Academies of Sciences, Engineering, and Medicine 2018). Consistent with Luo and

Zhang (2022), who show that associates of Harvey Weinstein increased their hiring of female

writers after the allegations broke, we find that peers who are connected to the accused in

science tend to change their behavior the most.1

Third, our study contributes to the literature on gender disparities and culture within the scien-

tific community. It has been shown that women are less likely to be mentioned as authors on

joint projects (Ross et al. 2022), receive less credit for collaborative work (Sarsons et al. 2021)

and are less likely to be cited in top journals and by men (Koffi 2021). How the scientific com-

munity deals with sexual misconduct will affect women’s prospects of entering and advancing

in academia. In addition to harming women directly, fear of sexual misconduct allegations may

also distort collaboration between the sexes (Gertsberg 2022).

Finally, we relate to recent studies of punishment for workplace misconduct that focus on fi-

nancial fraud (Egan et al. 2022) or violent assault (Adams-Prassl et al. 2024). We consider peer

punishment in addition to punishment from the employer.

2 Data

Sexual misconduct allegations Our primary source is the Academic Sexual Misconduct Database

(ASM) by Libarkin (2019), which contains allegations of sexual misconduct involving fac-

1Focusing on under-reporting of sexual harassment, Dahl and Knepper (2021) establish that a threat of retal-
iation is an important barrier and Cheng and Hsiaw (2022) suggest that raising awareness may alleviate under-
reporting.
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ulty and other university employees at U.S. universities.2 It was populated by weekly Google

searches beginning in 2016,3 using a combination of sexual misconduct keywords and aca-

demic workplace keywords (see Table S1). This database offers a critical advance to the de

facto absence of data on scientists accused of sexual misconduct and has been used in studies

both in economics (Gertsberg 2022) and in other fields (Cantalupo and Kidder 2018; Espinoza

and Hsiehchen 2020). To be included in the database, a document (either a newspaper article,

a court report, or a university investigation report) must reveal that at least one of the following

events had occurred: (1) An institution found a faculty guilty; (2) An institution fired a faculty

in response to allegations; (3) There is an admission on the part of the accused; (4) The accused

faculty resigned, retired, or died before an institution could complete an investigation; (5) A

faculty settled with their accuser; (6) A court made a finding of legal fact that sexual harass-

ment had occurred, with or without legal punishment (criminal) or payment (civil). Therefore,

the database (and by extension our sample) captures substantiated cases of sexual harassment

that oftentimes resulted in professional consequences.

We refer to the year in which this event occurred as the “outcome year” and assume that the

effects materialize thereafter. We suppose that the event lends credibility to the allegations and

makes them public.4 We extract all cases that name research faculty at research-intensive uni-

versities (R1 or R2 according to the Carnegie classification) with an outcome year after 1998

and before 2019, inclusive. The focus on research-intensive universities ensures that our mea-

sures, such as publication output and citation impact, reflect the primary activities of researchers

in our sample. In turn, it means that we consider researchers affiliated with prestigious universi-

2We search other sources: the WestLaw database of court records, following the search strategy of Cantalupo
and Kidder (2018) and extending it to cover the years 2013-2020; the Title IX database of Chronicle of Higher
Education webpage; the database of “Daily Californian” of all Title IX investigations in the University of California
system.

We apply the inclusion criteria of the ASM to the other data sources. The search strategy by ASM has proven
comprehensive with only 10 additional cases in the final sample stemming from other sources: 9 from the WestLaw
and 1 from “Daily Californian”.

3When the database was created, the described search procedure was used for all prior years.
4In 81.6% of cases, the outcome year predates all newspaper mentions of the case. In 13.2% of cases, the

earliest newspaper mention appears in the year immediately preceding the outcome year.
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ties who produce high-quality research. Our study period starts after 1997, when the first federal

guidance to unify universities’ handling of sexual misconduct was provided in the “letter” of

the U.S. Office of Civil Rights (Education Office for Civil Rights 1997; Johnson 2015; Lucey

et al. 2020) (see appendix A.1). We find 305 accused scientists, each linked to one incident.5

We connect this sample to our bibliometric data and retain all cases where the accused can be

linked to at least one research-type journal article that predates the outcome year. This step

reduces our sample to 212 accused scientists.

Background Information We manually collect additional background information on our

cases from public sources to better understand the characteristics of our sample. We search

LexisNexis, a database of legal and journalistic documents. We find all 210 incidents are re-

ported on in at least one newspaper article. 47.2% of cases are covered in at least one article by

one of the 33 largest U.S. newspapers by circulation or covered by Associated Press.6 The year

of the first mention of the allegations largely coincides with the outcome year as defined above

(56.9%) or is separated by no more than one or two years (34.9%). We additionally search for

the year when the incident allegedly occurred, which is available for 139 cases.

Our sample focuses on cases involving behaviors that are either severe or persistent, or both.

We categorize the nature of the alleged incidents largely in line with the categories suggested by

Fitzgerald et al. (1995). Incidents in our sample range from inappropriate comments (13.7%)

and unwelcome sexual advances (48.6%) to stalking (2.8%), sexual relations (22.6%) and rape

(1.9%).7 In addition, we categorize the immediate disciplinary consequences the accused faces.

By increasing gravity, the repercussions range from no consequences (0.9%), mild administra-

tive consequences (3.3%) and monetary consequences (4.3%) to serious administrative mea-

sures (18.9%) - e.g., probation or suspension - and resignation (60.4%). We also find cases in

5We identified 310 incidents that involved 305 scientists. For scientists with more than one incident, we con-
sider the earliest.

6The list of the newspapers is the combined list of the top 25 newspapers in the U.S. for the year 2007 by Audit
Bureau Circulation and for the year 2021 by Alliance for Audited Media. See appendix A.3.

710.3% do not fall into these categories or are unknown. Many incidents involve actions that fall into more than
one category, in which case we assign the most severe category.
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which the accused is convicted by court (6.1%) or commits suicide (2.4%).8 Therefore, the

majority of the accused faced formal sanctions.

Because some of the inclusion criteria of the ASM do not unambiguously signify the finding

of guilt or an admission of guilt (e.g., settlement), we conduct a supplementary review for 40

randomly chosen cases in our sample. We read in detail all coverage available in LexisNexis

until we find a definite statement of guilt or that the allegations were found false. We find no

case in which the allegations were found false, which leads us to believe that the proportion in

the overall sample is very small (see Appendix A.2). This is in line with the literature on sexual

harassment that finds that false reporting is rare (Lisak et al. 2010; McCann et al. 2018).

Publications We match accused scientists to their author profiles on Scopus and retrieve their

publications and the citations those publications received from 1971 to 2021. We use the service

gender-api.com to assign a gender to all coauthors and all citing authors. We record whether

an article appears in a journal in a “male-dominated” field, which we define as all ASJC (“All

Science Journal Classification”) 2-digit fields with a share of female authors below 20% in the

year 2000. We determine the percentile rank of the journal within its research field based on

the SCImago Journal Ranking. Finally, we use affiliations recorded on publications to infer

employer transitions. We categorize affiliations by type (university vs. non-university) and

assign a rank in the Shanghai University Ranking. Appendix B.1 presents more details.

Coauthorship network For each citation, we determine the minimum distance d between

the authors of the citing article and the accused in the global coauthorship network. To abstract

from adjustments in the network due to allegations, we fix the coauthorship network in the year

before the outcome year. We assign the distance based on links that were formed before the year

in which the citing article was published or before the outcome year, whichever comes first.9

8In the case of multiple consequences, we assign the most severe; the order of severity is determined by the
authors. The last category captures both, voluntary and involuntary resignations, which oftentimes can not be
clearly differentiated (Fortney and Morris 2021). 3.8% could not be classified.

9For citing articles that are published before the outcome year, we construct the co-authorship network based
on links formed before the citing article’s publication to ensure that only collaborations existing at the time of
citation are considered, and to avoid including future co-authors who were not yet collaborators.
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We consider two authors to be connected in a given year if they have ever published an article

as coauthors in the past. We remove “inactive” researchers from the network who stopped

publishing at least two years earlier. We define d such that d = 1 refers to former coauthors of

the accused, d = 2 refers to coauthors of former coauthors and so on. Authors who cannot be

connected through the network are assigned the distance d =+∞.

Control articles and control scientists In the first part of the analysis, we compare the ci-

tations received by articles (co)authored by accused scientists (“treated” articles) to a group of

(up to) 10 randomly selected other research articles from the same journal issue, provided that

the authors are not also accused (“control” articles). If the journal has no issues, we sample

from the entire volume. By matching on journal issue, we ensure that the articles are published

at the same time, belong, broadly speaking, to the same subfield of the discipline and are of

comparable quality. We choose this strategy, as opposed to matching articles based on citation

pre-trends as in Lu et al. (2013), because it is transparent and allows us to examine potential

anticipatory effects (and other pre-trends). We track citations to control articles and randomly

select one author of a control article to determine the coauthorship distance to the authors of the

citing articles.

In the second part of the analysis, we compare accused scientists to other observationally similar

scientists. They are matched based on characteristics four years before the outcome year or

one year before the year when incident allegedly occurred, whichever comes first, using the

package ‘sosia‘ by Rose and Baruffaldi (2020). We match the treated and control scientists

based on their research area, years since first publication, number of publications, coauthors

and citations, country of affiliation, institution type and gender. We find at least one suitable

match for 158 accused scientists (i.e. 54 without a match, which we discard for this part of the

analysis) and randomly select one.

Descriptives Our sample includes 210 accused scientists and their 10,464 publications pub-

lished prior to the outcome year. 96.75% of the accused scientists are male. We present sample

statistics in Table 1. The average career age at treatment, that is, the number of years since
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the first publication, is 24.6 years, while the average number of publications per year prior to

treatment is 1.91. About one-third of all articles in our sample are published in journals that

rank in the top 10% in their field. The average publication age at treatment, i.e., the number

of years since publication, is 13.6 years. Figure S1 shows the distribution of accused scientists

across all scientific fields and Figure S2 shows the distribution of outcome years in our sample,

which spans the years 1998 to 2019.

Table 1: Sample statistics for accused scientists and their body of prior work
Mean Std. dev. p10 p25 p50 p75 p90

Scientist level (N=210)
Year of First Publication 1989.38 13.15 1972 1980 1991 1999 2005
Career Age at Treatment 24.64 12.44 10 15 23 31 43
Publications per year 1.87 2.04 0.22 0.41 1.14 2.65 4.73
Coauthors per publication 2.69 3.04 0 0.71 2 3.57 6.02

Article level (N=10,464)
Year of Publication 2001.12 11.01 1985 1994 2003 2010 2014
Publication Age at Treatment 13.7 10.36 3 6 11 19 29
Citations per year 3.59 12.11 0 0.25 1.1 3.21 7.72
Journal-rank percentile 21.2 15.95 3 8 17 33 50

Notes: Statistics are based on all years prior to the outcome year.
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3 Results

3.1 Effect on citations to the accused scientist’s body of prior work

We examine the effect of sexual misconduct allegations on the number of citations to the ac-

cused scientist’s body of prior work using a “difference-in-differences” approach. Focusing on

articles that were published prior to the outcome year, the effect is identified by the relative

difference in the change of citation rates between “treated” articles (i.e., those of the accused

scientist) and control articles (i.e., randomly selected articles from the same journal issue as the

focal article of the accused scientist) after the outcome year. This approach allows us to tease

out the change in the citation behavior of other researchers, while holding the cited content

constant. We exclude self-citations by all authors.

We consider a regression model of the form

yi,t = ai + τi,tDiIt,τ∗(i)+ γt, j(i)+ εi,t (1)

where yi,t is the citation count of publication i in year t, transformed by the inverse hyperbolic

sine, ai is a publication fixed effect and γt, j(i) is a fixed effect for the number of citations in

year t for articles published in journal issue j(i). Di indicates whether the publication was

(co)authored by an accused scientist and It,τ∗(i) is an indicator that captures timing relative to

the outcome year τ∗(i). τi,t is a time- and article-specific treatment coefficient that captures the

effect of allegations. When we examine the citation effect by gender of the citing first author

or by distance in the coauthorship network, our dependent variable counts only the citations

received by the specified group of articles.

We use the estimation strategy proposed by Borusyak et al. (2024), which is robust when the

treatment effect depends on the time of treatment. This is important in the present analysis,

because attitudes toward sexual misconduct have changed over the years. Our main estimate is

the unweighted average of all time- and article-specific treatment coefficients from the specifi-
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cation It,τ∗(i) = {t ≥ τ∗(i)}, denoted τ̄ . In addition, we closely follow Borusyak et al. (2024)

in estimating averages of pre- and post-treatment coefficients for a four-year window around

the outcome year, denoted τ̄T for −4 ≤ T ≤ 4.10 We convert all estimates into percent semi-

elasticities. We cluster the standard errors at the article level. For treated articles, they are

further clustered at the level of the accused scientist, to match the level at which the treatment

is applied. Additional details are included in appendix C.1.

In Figure 1 Panel A, we present estimates of the change in citation rates for treated articles

relative to the control articles for a four-year window around the outcome year. We aggregate the

evidence across all incidents in our sample and track citations through 2021. We find evidence

of diverging citation trajectories. Citations to accused scientists’ articles decline by between

-2.18% (p =0.026) and -5.78% (p <0.001) in the first four years after the outcome year.

10We follow the construction of the pre-treatment coefficients as outlined by Borusyak et al. (2024, p. 21), using
the packages provided by the authors. These coefficients are derived from a specification similar to equation (1),
but it includes the set of indicators IT,t,τ∗(i) = {t = τ∗(i)+T} for −4 ≤ T < 0. We estimate τ̄T = 1

NT
∑i,t τi,t IT,t,τ∗(i),

where NT is the number of observations for which IT,t,τ∗(i) equals 1. The post-treatment coefficients are obtained
from a separate specification, which includes the indicators IT,t,τ∗(i) for 0 ≤ T ≤ 4, and are estimated in an anal-
ogous manner. The interpretation of these coefficients, following the strategy of Borusyak et al. (ibid.), differs
slightly from the interpretation of pre- and post-treatment coefficients in a standard two-way fixed effects model.
The pre-treatment coefficients measure the change relative to the periods prior to the chosen pre-treatment period
(t < −4 in our case), while the post-treatment coefficients measure the change relative to the entire pre-treatment
period (t < 0).
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Figure 1: Effect on citations by citing author group and by field of publication
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Notes: Panel A shows citation losses per year for articles published before the outcome year, compared to the con-
trol group. The construction of this graph is based on the methodology of Borusyak et al. (2024); the pre-treatment
coefficients measure the change relative to the reference periods t < −4, while the post-treatment coefficients
measure the change relative to the reference periods t < 0. Panel B shows average yearly citation losses after the
outcome year when counting only citations by first authors of the specified gender. Panel C shows citation losses
when counting only citations by authors of the specified distance in the coauthorship network, and by first authors
of the specified gender. E.g. articles at distance equal to 1 comprise coauthors of the accused. Citations at distance
≥ 3 also include citations by authors who are not connected to the accused via the co-authorship network. Panel
D presents citation losses for articles that are published in fields with a female author-share of below 20% in the
year 2000 (Engineering, Energy, Physics & Astronomy, Computer Science, Mathematics, Economics, Decision
Science, Earth and Planetary Science, Materials Science, Chemical Engineering) and for articles in all other fields.
In all panels, we track citations until 2021.
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In Panel B, our main estimate of -5.46% of the average yearly decline in citations over the entire

outcome period (t=-5.53, p<0.001) is shown in gray. In robustness checks, detailed in appendix

C.2, we address potential concerns about differential censoring over time, and demonstrate

consistency in our results when we truncate the citation outcomes at fixed time horizons and

focus on incidents where all outcome periods are observed. Table S5 (Panel A) reports the

precise values.

3.1.1 Heterogeneities and Mechanisms

Examining heterogeneities can offer valuable insights into the factors that shape the average

effect, helping us to identify potential mechanisms. We begin by considering the influence of

(i) gender and closeness of citing authors to the accused, (ii) ways of learning about misconduct

(iii) the gender composition of the field, and (iv) forced inactivity in research dissemination.

Additionally, we briefly discuss general motives that may contribute to the observed citation

decline, drawing on previous literature.

Gender of the citing author and closeness to the accused Due to a pronounced gender

asymmetry in sexual misconduct, with men primarily being perpetrators and women primarily

victims (Cantor et al. 2019; National Academies of Sciences, Engineering, and Medicine 2018),

we expect asymmetry in the responses of female and male authors. We find that, overall, cita-

tions by articles with a female first author decrease by about -4.03% (shown in Figure 1 Panel

B, t=-3.63, p<0.001), while, perhaps surprisingly, citations by articles with a male first author

decrease by about -6.19% (t=-6.14, p<0.001). The asymmetry in response is pronounced when

we focus on articles at distance d = 1, i.e. articles that include coauthors of the accused in the

author team (Figure 1 Panel C).11 Citations by articles of coauthors of the accused that have a

11We consider the gender of the first author of the citing article, not the gender of the coauthors of the accused
who are among the authors of the citing article. We do this to keep the classification of citing articles by gender
constant across all panels in Figure 1. This approach implicitly assumes that the first author makes the decision
whether or not to cite after observing the position in the coauthorship network of everyone in the author team
relative to the accused.
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male first author show a decrease of -39.6% ( t=-7.47, p<0.001). On the other hand, citations

by articles of coauthors of the accused that have a female first author only reduce by -20.3%

(t=-3.48, p=0.001). When we move to articles with distance d = 2, i.e. articles that include

coauthors of coauthors of the accused, the difference in the reaction of female and male first au-

thors largely disappears (-11.45%, p<0.001, t=-6.07 for male first authors vs. -8.82%, p<0.001,

t=-3.51 for female first authors).

One possible interpretation to the stronger response of male citing authors who are very close to

the accused in the peer network, compared to female citing authors, as an effort to actively dis-

pel suspicions of complicity or tacit tolerance of sexual misconduct among their collaborators.

Assuming that women face this suspicion to a lesser extent but are equally concerned about

sexual misconduct, we can attribute the difference in citation decline between the two groups

to men’s additional perceived need to dissociate themselves from the accused. Under this inter-

pretation, half or more of the overall response of male citing authors at distance d = 1 might be

attributed to this motive. This concern appears to diminish for male authors at distance d = 2

or higher, perhaps because more distant coauthorship connections are typically less apparent

to other researchers. These findings align with sociological theories of “guilt by association"

(Adut 2005; Hussinger and Pellens 2019; Piazza and Perretti 2015; Pontikes et al. 2010). Al-

ternative interpretations, such as the possibility that female researchers may feel less flexible in

adjusting their citing behavior due to higher standards (Hengel 2022), or that male researchers

may intrinsically care more about misconduct, seem less consistent with the observed gender

effect being limited to close co-authors only.

Learning about misconduct How researchers learn about the allegations may depend on

their position in the coauthorship network, too. Information may be transmitted either through

peer networks or through other news sources. Assuming that the mode of learning is not gender

specific, we posit that differences in the responses by distance in the network which are observed

in both genders shed light on the relative importance of the two channels. Panel C shows that

citation responses decrease sharply with distance in the coauthorship network, and that this
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pattern holds for both female and male citing authors. We find that citations by articles at

distance d = 1 decline by -29.51% (shown in gray, t=-7.14, p<0.001), while citations by articles

at distance d = 2 decline only by about -8.33% (t=-5.34, p<0.001). Citations from articles at

distance d = 3 or more (which also include citations by authors who are not connected to the

accused via the co-authorship network) appear unaffected (-0.68%, t=-0.34, p=0.733). This

pattern suggests that researchers learn about allegations through their peer network.

The finding that distant authors do not respond further suggests that other news sources play a

negligible role in spreading this information. We corroborate this point by examining how the

effect depends on the publicity of the case in the newspaper media. When we split our sample

between incidents reported by one of the 33 largest newspapers in the U.S. (see appendix A.3)

and those that are not, we find that they lead to very similar reductions in citation (-5.5%, t=-

4.24, p<0.001 for the former group vs. -5.64%, t=-4.47, p<0.001 for the latter group, shown in

Table S11 in the appendix).12

Gender composition of the field A voluminous literature suggests that the gender compo-

sition of a field or a profession is associated with the prevalence of sexual misconduct (Dahl

and Knepper 2021; Folke and Rickne 2022; Kabat-Farr and Cortina 2014; National Academies

of Sciences, Engineering, and Medicine 2018). We examine differences in the strength of the

citation response to allegations across different academic fields, which could be interpreted as

a proxy for attitudes toward sexual misconduct. In Panel D, we examine whether the citation

response is more muted for articles that are published in male-dominated fields, which we de-

fine as fields with a share of female authors below 20% in the year 2000.13 We acknowledge

that the proportion of female researchers is correlated with other field characteristics (e.g. a

field being in the natural sciences) that might also predict the strength of the citation response.

12We favor using split-sample estimates rather than estimating a joint model, as it enables us to adjust the
coefficient by the mean of the dependent variable within each respective subsample when converting them into
semi-elasticities.

13According to this definition, the male-dominated fields are Engineering, Energy, Physics&Astronomy, Com-
puter Science, Mathematics, Economics, Decision Science, Earth and Planetary Science, Materials Science, Chem-
ical Engineering. We assign 2,217 treated articles (20.7%) that were (co)authored by 107 different accused scien-
tists (out of 212) to male-dominated fields.
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When we split our sample accordingly, we find an estimated effect for articles published in

male-dominated fields of -0.85% (shown in gray, t=-0.35, p=0.726). For the remaining fields,

we find an effect of -6.05%(t=-6.24, p<0.001). In the joint model, the coefficients for binary

indicators for male dominated fields and non-male dominated fields differ significantly with

p = 0.019. When we differentiate by the gender of the citing author, we find that within both,

male-dominated and not-male-dominated fields, male and female citing authors appear to be-

have similarly. This observation suggests that, if there are field-based disparities, they may be

attributed to factors specific to the field that impact male and female authors similarly, such as

the prevailing climate and culture within that field.

Disruption to scientific engagement We conduct an analysis to address the concern that

the observed citation decline may result from disruptions to the accused’ ability to disseminate

their research, rather than solely from the reactions of others to the allegations. If the accused

are unable to travel, promote their work, or engage with the scientific community, this reduced

visibility of their prior work would be reflected in our estimates.

To explore this, we compare cases where the accused stops publishing—likely ceasing dissem-

ination activities altogether—with cases where the accused continues publishing. Interestingly,

we find larger citation losses for those who continue publishing (-6.58%, t=-6.13, p<0.001;

see Table S11 in the appendix) compared to those who stopped publishing (-2.92%, t=-2.31,

p=0.021). The effect is significantly different between these subgroups (p=0.01). This finding

could suggest that others either become more aware of the incident or feel a stronger need to

react to behaviors of those who remain active despite the accusations and therefore remain a

part of the scientific community.

Additionally, when focusing on cases where the accused remains in the same research envi-

ronment as before the allegations, without resigning, being convicted, or committing suicide,

the citation decline persists (-4.98%, t=-3.78, p<0.001) and is very similar to the decline in the

other cases (-5.7%, t=-4.87, p<0.001). This evidence suggests that the citation decline may

not be confined to the immediate institutional environment of the accused, but could also re-
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flect broader shifts within the scientific community. For example, the accused may face fewer

invitations for keynote speeches or be removed from editorial positions.

Further Motives Prior literature suggests several other reasons why peers may choose to

withhold citations. First, they may do so to penalize. It has been established that peers pun-

ish others to discourage antisocial behavior (e.g. Fehr and Gächter 2002; Henrich et al. 2006;

Molho et al. 2020). Second, they may suspect that sexual misconduct and scientific misconduct

correlate, and therefore lose trust in the integrity of the work of the accused (similar to the find-

ings of Griffin et al. 2019).14 Third, if they suspect that the accused abused his power to claim

undue credit for his work with others (specifically with women, see Ross et al. (2022)), it may

seem fair to stop citing him. These motives might to contribute to the documented effect.

3.1.2 Pre-trends and anticipatory effects

We examine if there are differential trends in the period leading up to the allegations. It is

possible that researchers are more likely to face allegations of sexual misconduct and engage

in such behavior, when their reputation is already in decline or when they have a history of

misconduct in other contexts. This could occur because they may receive less protection from

their institution and are more likely to be scrutinized, or because growing dissatisfaction might

increase their likelihood of engaging in sexual misconduct. The opposite could also be true:

researchers whose reputation is rising might attract more media attention or encounter situations

where power imbalances become more pronounced.

Using the model from equation (1), we test whether the averages of the pre-treatment coeffi-

cients for the 4 years preceding the outcome year are jointly equal to zero, i.e. H0 : τ̄−4 = .. =

τ̄−1 = 0. We fail to reject the null-hypothesis at p=0.47. Additionally, we test if the averages of

each individual pre-treatment year are zero. In all cases, we cannot reject the null-hypothesis,

14We identify two cases in our sample where researchers accused of sexual misconduct also experienced a
retraction event. However, this prevalence is the same as that observed in our control group of scientists (see
Section 3.2).
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with p-values ranging between 0.135 and 0.732.

The tests we conduct do not show evidence of pre-trends, but we cannot definitely rule out the

possibility of their presence. However, we posit that a potential trend that would invalidate

our conclusions is improbable. For one, if the decrease in the recognition of the accused’s

work is a general negative trend that is not specifically caused by the allegations, we would

expect to see citation declines even among distantly connected authors (d ≥ 3). Additionally,

should there be anticipatory effects amongst closely connected authors, possibly influenced

by rumors preceding the “outcome year”, they would align with our view that the allegations

impact citation behavior. If present, these reactions would likely moderate our estimates. This is

because some of the presumed negative effects would manifest prior to the assumed treatment

date, thereby diminishing the observed decline in the post-treatment period compared to the

pre-treatment period.

We conduct several robustness checks accounting for different anticipatory scenarios. First, we

use the year in which the incidents allegedly occurred as the treatment year, which is available

for 145 incidents and which we expect to precede any rumors about the incident. In this case, we

find an estimated effect of -3.11% (t=-2.35, p=0.019, see Table S12 in the appendix). Second,

we assume anticipatory effects of varying time margins. If we let the treatment precede the

outcome year by one year, our estimate of the average yearly decline becomes -4.67% (t=-

4.61, p<0.001), by two years it becomes -4.45% ( t=-4.19, p<0.001), and by three years the

estimate becomes -4.07% (t=-3.92, p<0.001). Third, we use the year of publication of the

earliest newspaper article ever mentioning the allegations as the treatment date, provided it

predates the outcome year (relevant for 39 cases), we find an estimated effect of -5.27% (t=-

5.88, p<0.001).

As an additional robustness check, rather than utilizing all (up to) 10 other research articles from

the same journal issue as control articles, we opt to select only the one that most closely aligns
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with the citation pre-trend of the treated article.15 We then re-estimate the model described in

equation (1), using publication year × citation year fixed effects rather than journal-issue ×

citation year fixed effects. In this exercise, we find that the average yearly decline is similar, al-

beit less precisely estimated (-5.07%, t=-2.91, p=0.004). We provide the event graph depicting

a four-year window around the outcome year in Figure S5 in the appendix.

3.2 Evidence on accused scientists’ outcomes

We now turn to the career outcomes of the accused, examining changes in their publication

output, collaboration patterns, and affiliations post allegations. Compared to the citations to

the prior work of the accused, we expect these outcomes to be more directly influenced by

the immediate consequences of the allegations such as layoffs, suspensions, and reductions in

research budgets.

We examine the effect of allegations on the number of publications and the number of collabo-

rations of accused scientists in a regression model of the form

xs,t = as + τs,tDsIt,τ∗(s)+ γt +η f (s,t)+ εs,t (2)

where xs,t is the number of published articles or the number of other coauthors on published

articles16 (co)authored by scientist s in year t, transformed by the inverse hyperbolic sine, as is

a scientist fixed effect, Ds denotes whether or not scientist s is accused and It,τ∗(s) is an indicator

that captures the timing relative to the outcome year τ∗(s). We include a fixed effect for year γt

and a fixed effect η f (s,t) for the academic age (years since the first publication) of scientist s (as

of year t). We consider all years starting with the first year in which scientist s publishes and

trim our data set ten years before and ten years after the outcome year. We estimate this model

analogously to the article-level model in the previous section. Standard errors are clustered at

15We select the control article that minimizes the sum of squared deviations from the treated article in yearly
citations prior to treatment.

16We count coauthors each time they are listed in a joint article within a specific year.
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the scientist level.

Figure 2 Panel A shows the effect on the number of publications for a four-year window around

the outcome year. This likely reflects a combination of consequences for the accused, ranging

from immediate administrative repercussions at their institutions to adjustments by peers in the

wider academic community. When we track yearly publications over (up to) 10 years after the

outcome year, we find an average drop of -32.57% (t=-7.46, p<0.001).17 When we restrict

the sample to 112 accused scientists who continue to publish, they face a decrease of -29.81%

(t=-5.17, p<0.001) in the number of publications as compared to the control scientists. For this

subsample, we do not find that the average quality of journals in which they publish declines.18

17We limit the time horizon for effects on publications because researchers may retire.
18The journal ranking is measured by the Scimago journal rank indicator.

20



Figure 2: Change in publication output and affiliation changes
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The allegations might affect the accused scientist’s ability to attract and retain coauthors, specif-

ically when they are female. In Panel B, we report a decline in the number of collaborations

with female researchers by -36.15% (t=-7.56, p<0.001). The point estimate of the effect on

collaborations with male researchers is very similar, at -36.91% (t=-7.1, p<0.001). The reduc-

tion in the number of both male and female coauthors can be explained by the reduction in the

publication output of accused scientists.19 Yet, the decrease in publication output may in turn

be linked to difficulties in finding coauthors.

In Panel C, we consider affiliation changes, using information from articles published 2 to 5

years after the outcome year.20 We find that accused scientists are around 17.8 percentage points

more likely to leave science than control scientists (46.5% and 28.7% respectively), which

we define as ceasing to publish.21 This difference in attrition is statistically significant (p=

0.001). Considering who stops publishing among the accused, we do not find a systematic

relationship between the severity of the incident (as classified in Table S2) and the propensity

to stop publishing.

We classify the remaining scientists as either staying at the same university, moving to a non-

university institution or moving to a lower-ranked/similar/higher-ranked university. We find

that significantly fewer of the accused than control scientists stay at the same university (28.7%

vs. 54.1%, p< 0.001). Accused scientists exhibit a higher likelihood of publishing with a non-

university affiliation (11.5% vs. 5.7%, p= 0.070). We do not detect significant differences

between the two groups in terms of moving to different universities, neither in the overall share

(13.4% vs. 11.5%, p= 0.609), nor disaggregated by the relative rank of an old and a new

university.

19When we restrict the sample to accused scientists who continue to publish, we do not find evidence of a change
in the average number of female or male coauthors per published paper.

20During the initial 2 years after the event, it is conceivable that the coauthors may publish joint work from
before the allegations, although the accused scientist may already be inactive. The presented results are for the
sample of 157 accused scientists with available match. More details can be found in appendix C.3.

21The relative decline in the propensity to continue publishing obtains as
[
1− (1−0.465)/(1−0.287)

]
∗100 =

24.96%.
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4 Discussion and Conclusion

Previous studies have documented that, following a retraction, citation losses of about -6.9%

to -10.8% spread to the researcher’s entire body of prior work (Azoulay et al. 2017; Jin et al.

2019; Lu et al. 2013). We find that a similar citation penalty applies when incidents of sexual

misconduct become public.22 We estimate citation losses to the accused scientist’s prior work

of -5.46% due to the allegations. This suggests that the academic community responds not only

to concerns about research quality but also to behaviors that pose a threat to others.

We find that the intensity of the citing authors’ response weakens with the distance in the coau-

thorship network. Our interpretation is that researchers learn about allegations through their

peer network, and that common news sources (e.g. newspapers) play a negligible role in dis-

seminating this information. Gender differences in citing behavior are limited to the closest

peers, where, in line with sociological theories of “guilt by association” (Adut 2005; Hussinger

and Pellens 2019; Piazza and Perretti 2015; Pontikes et al. 2010), stronger responses by men

may indicate that they feel a particular need to disassociate themselves from the accused scien-

tist.

At the scientist level, the primary career impact for the accused seems to be a shift away from

academic research likely due to immediate administrative repercussions. Those who continue

publishing are more likely to join non-university institutions, but those who stay with a uni-

versity do not disproportionately move to lower-ranked universities. Although the accused sci-

entists who keep publishing do so less frequently, the quality of the journals they publish in

remains stable.

Our paper is the first to provide systematic evidence on the consequences of sexual misconduct

for the accused. For the interpretation of our results, it is important to note that, due to data

availability, we study substantiated and public cases of sexual misconduct, which primarily

22We find citation losses of -9.97%(p<0.001, t=-5.61) for the subsample of articles that appeared in journals in
the top 10% of their field. This subsample is more comparable to the sample considered in studies of retractions,
as retractions almost exclusively occur in top journals (Jin et al. 2019; Lu et al. 2013).
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involve severe misconduct by senior researchers. Our analysis does not allow to identify a

single mechanism behind the observed citation decline: parts of it may be triggered by formal

consequences faced by the accused, parts may be due to changes in professional environment

that our data does not capture (e.g., loss of editorial positions and exposure), parts may be

due to a community reaction – peers for different reasons deciding to rely on the work of the

accused less and cite it less. Therefore, peer reactions may amplify the consequences of sexual

misconduct for the accused scientists in substantiated cases.

Sexual harassment in an academic environment has significant and far-reaching consequences

not only for those directly involved but also for the broader scientific community: Due to the

behavior of the accused, other researchers may be drawn to safer environments, potentially

shifting the direction of their research. Furthermore, the citation decline for contributions of the

accused researchers may diminish the influence of their ideas, limiting the potential for their

work to advance the knowledge frontier.

Many open questions remain. First, future research could examine the impact of sexual miscon-

duct on the trajectory of scientific discovery considering the selection into research fields and

the change in the scientific impact of the accused. Second, the extent to which community re-

actions — including forms not covered in this paper, such as expulsion from editorial positions

or professional associations— can deter misconduct remains an open question, as does the role

of case substantiation in this process. The community response may be particularly important

given the limited effectiveness of legal remedies (Clancy et al. 2020), but it is crucial that such

responses do not act as a substitute for formal legal proceedings that are carried out with fairness

and accountability. Third, further exploration is needed into how sexual misconduct relates to

other forms of misconduct within the scientific community.
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A Additional Information on Sexual Misconduct Allegations
A.1 Legal background
The legal environment surrounding sexual misconduct at U.S. universities affects the reporting

of allegations, which allegations are investigated and how they are handled by the university.

The treatment of sexual misconduct cases in educational institutions is governed by Title IX

of the Education Amendments of 1972. Title IX is an equity law that focuses on issues of

gender discrimination. It was not specifically developed to address sexual misconduct, but

starting from mid 1990s its applicability expanded to include it (Johnson 2015). Educational

institutions faced increased pressure to show greater attention to curbing sexual misconduct on

their campuses. To help educational institutions to implement policies that comply with Title

IX, the Office for Civil Rights (OCR) issued a series of letters. The first such letter – “Sexual

Harassment Guidance: Harassment of Students by School Employees, Other Students, or Third

Parties”– was issued in 1997. Effectively, it was the first federal guidance on the implementation

of Title IX policies in application to sexual harassment and all future guidance builds on this

one (Johnson 2015; Lucey et al. 2020). We allow for a time lag of one year for new processes

to be implemented and consider the cases starting from 1998.

All public universities in the U.S., as well as those that receive grants from NSF, NIH or NASA,

must have Title IX policies in place that, among others, inform students and staff about issues

of gender equality and introduce ways of reporting incidents of sexual misconduct. Universities

are required to react to all reports of sexual misconduct. However, not all reports trigger formal

investigations (BYU’s Title IX Process n.d.; Melnick 2020; Sample Language for Reporting and

Confidentially Disclosing Sexual Violence n.d.):23 The responsible office decides whether a for-

mal investigation is compulsory based on the seriousness of the allegations, the age or maturity

of the complainant, the existence of any previous accusations against the alleged perpetrator,

and the existence of independent evidence to substantiate the allegations. In all other cases,

23The procedure and requirements for formal investigation changed in 2020 following the adoption of Education
Department’s Final Title IX Rule. This change, however, happened outside of the time period when it could have
affected our sample.
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there is a possibility that parties are offered to resolve the complaint informally, which leaves

no formal finding and does not result in disciplinary action by the university.

We do not have researchers in our sample whose names are suppressed by confidentiality or

privacy regulations. These regulations can operate at different institutional levels (state, univer-

sity, bilateral contracts) (Cantalupo and Kidder 2018; Koebel 2016; Kotkin 2005). However,

to the best of our knowledge, there is no reason to believe that the availability of names is

systematically related to the characteristics of the accused.

A.2 Substantiation of allegations and guilt of the accused
We believe that our sample focuses on cases that appeared substantiated. As described in section

A.1, the availability of corroborating evidence is part of the criteria for launching an investiga-

tion. The inclusion criteria of our data sources, as we discuss in section 2, further indicate that

the allegations must have been credible. Yet, at the same time, not all criteria unambiguously

signify a finding of guilt or an admission of guilt.

Prior research suggests that false reporting of sexual harassment is rare. McCann et al. (2018)

show that 88% of reports of sexual harassment discrimination charges submitted to the U.S.

Equal Employment Opportunity Commission “have legal merit”. Lisak et al. (2010) documents

rates of false allegations of sexual assault to be between 2% and 10% based on studies in differ-

ent countries and time periods. In an educational setting, Lisak et al. (ibid.) find a rate of false

reports of 5.9% in sample of reports of sexual assault submitted to the police department of a

major university.

We conduct a supplementary review to estimate the share of cases in our sample where the

allegations were found false. To this end, we form a random sample of 40 cases and read all

the coverage in LexisNexis. We searched for statements on the outcome of investigation and if

the allegations themselves were upheld. For 60% of the sampled cases (24 total), we are able to

find a definite statement of guilt made by the university or a court (e.g. “X’s conduct violated

university policies on non-discrimination, anti-harassment, non-retaliation, sexual harassment

and the university’s code of ethics” or “a university investigation found him guilty of sexual
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harassment”). For 30% (12 cases), we a) do not find a definite statement of guilt, but b) we

also do not find a definite statement to the contrary, i.e. no acquittal of the accused. In four

cases (10%), the university investigation acquitted the accused (e.g. “The investigation found

the professor had not violated the school’s sexual harassment policy.”). However, even then, this

does not mean that the allegations were false, but that they did not fulfill the legal requirements

to qualify as sexual misconduct. For example, in one of the four cases, the accused was found

to have acted unethically, albeit not illegally, and fired from his position. In none of the cases

that we reviewed the allegations themselves were proven false.

We therefore estimate that the share of cases in our sample in which the allegations qualify

as sexual misconduct and the defendant is found guilty as 60-90%. False allegations per se

constitute, if at all, a negligible share.

A.3 Classification of largest U.S. newspapers
An incident may gain additional visibility and thus become known to more people if it is cov-

ered by a newspaper with large readership. We proxy readership by the circulation numbers of

newspapers and classify 33 U.S. newspapers with highest circulation numbers as "large". Ad-

ditionally, we classify incidents that were covered by Associated Press, one of the U.S. largest

news organizations, as the ones with broad readership.

33 largest U.S. newspapers by circulation represent a combined list of the top 25 newspapers in

the U.S. for the year 2007 by Audit Bureau Circulation and for the year 2021 by Alliance for

Audited Media. It includes Wall Street Journal, the New York Times, USA Today, Washington

Post, New York Post, Los Angeles Times, Chicago Tribune, Star Tribune, Tampa Bay Times,

Newsday, Seattle Times, Honolulu Star-Advertiser, Arizona Republic, Boston Globe, Dallas

Morning News, Houston Chronicle, Philadelphia Inquirer, San Francisco Chronicle, Denver

Post, Chicago Sun-Times, The Buffalo News, Daily News, Villages Daily Sun, St. Louis Post-

Dispatch, Milwaukee Journal Sentinel, Newark Star-Ledger, Atlanta Journal-Constitution, Plain

Dealer, News/Free Press Detroit, Oregonian (Portland), Union Tribune San Diego, the Califor-

nia Register, Sacramento Bee.
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B Bibliometric Data
B.1 Matching with the Scopus database
All our bibliometric data originates from Elsevier’s Scopus database. Three of its features are

important for the current analysis. First, Scopus maintains disambiguated profiles with unique

identifiers for researchers and institutions of high quality.24 Disambiguated author profiles are

important for the construction of co-author networks and for assigning complete publication

records, while disambiguated institutions allow us to trace researcher’s careers. Second, Sco-

pus’ coverage is not restricted to certain fields or disciplines. Third, Scopus assures integrity of

data and, in combination with the code of Rose and Kitchin (2019), replicability of results by

providing a RESTful API.

We match accused scientists to their author profiles on Scopus based on name, affiliation and

field of research. Whenever the publications of accused scientists are split across multiple

profiles, we aggregate profiles. We carry out complementary checks in indeterminate cases to

avoid false matches.

B.2 Publications data
For each accused scientist, we retrieve the entire list of research-type publications and exclude

books and book chapters.25 For each publication, we obtain the journal name, the publication

year, and the listed affiliations and names of the authors. We track all subsequent citations

(excluding self-citations) to the publications (co-)authored by accused scientists as of January

2021 and record the authors of citing articles.

Research fields We assign publications to research fields using Scopus’ “All Science Journal

Classification” (ASJC). The ASJC defines 26 research fields (2-digit level) with “Multidisci-

24Baas et al. (2020) find the precision of Scopus author profiles equal to 98.1% and recall equal to 94.4%. The
algorithm thus favors excess profiles over merging too many publications into a false profile (Moed et al. 2013).

25We exclude books and book chapters because they are incompatible with our control group matching strategy
(see Appendix B.4)
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plinary” being a separate field.26 If a journal is assigned to more than one research field, we

pick one at random. However, we deviate from this rule when we classify journals as belonging

to male-dominated/not-male-dominated fields (see the paragraph Gender below).

Gender We obtain a gender estimate for all researchers in Scopus, including the accused

scientists, all of their co-authors and all citing authors from the service gender-api.com.27 We

use this information to establish the gender distribution of co-authors and citing authors.

Furthermore, we compute the overall author gender-ratio for each research field by year. We de-

fine a field as male-dominated if it has a share of female authors of below 20% in the year 2000.

This includes Engineering, Energy, Physics and Astronomy, Computer Science, Mathematics,

Economics, Decision Science, Earth and Planetary Science, Materials Science and Chemical

Engineering.28 The relative ranking of fields in terms of author gender-ratio share appears sta-

ble over time. We assign an article to the male-dominated fields if weakly more than 50% of the

research fields that are assigned to the journal are male-dominated (in case the journal belongs

to multiple research fields).

Journal ranking We assign journals a percentile-rank within their research field based on the

SCImago Journal ranking (SJR).29 This “size-independent indicator of journals’ scientific pres-

tige” is an iterative Eigenscore that weights citations to individual documents of the past three

years by the SJR indicator of the citing articles (González-Pereira et al. 2010). We interpolate

the SJR indicator for years in which it is missing.

Affiliations We use affiliations recorded on publications to construct the affiliation history of

researchers. We aggregate intermediate units (e.g. hospitals, libraries, departments, etc.) at

the institution level and categorize by type (university vs non-university). We use this data to

26See service.elsevier.com/app/answers/detail/a_id/15181/supporthub/scopus/ for a complete list of all codes,
fields and subject areas.

27The estimation is based on the first names. Currently 6 million validated names are present in their database
which originate mainly from public records. See gender-api.com/.

28We do not calculate gender-ratios for the field “Multidisciplinary” (which contains general-interest journals
such as Science, Nature or PNAS).

29SJR indicators are based on Scopus data and can be found at scimagojr.com/journalrank.php.

V

https://service.elsevier.com/app/answers/detail/a_id/15181/supporthub/scopus/
https://gender-api.com/
http://www.scimagojr.com/journalrank.php


detect affiliation changes and transitions between the university and the non-university sector

(described in Appendix C.3). In addition, we match universities by university name to the

Shanghai university ranking.

B.3 Coauthorship network
For each pair of citing and focal paper, we determine the minimum distance in the global coau-

thorship network between the authors listed on the two papers. More precisely, let x be the focal

article with a set of authors A (x), and let c be the citing article with the set of authors A (c).

If x is the article of an accused, the relevant author j is the accused; otherwise it is a random

author chosen from A (x). Then the distance is given by

dxc = min d̃i j ∀i ∈ A (c). (3)

where d̃i j is the geodesic distance between two authors in the network. If there is no path

between two authors, they are said to be in distinct components and d̃i j is set to +∞ (which

would then imply that dxc takes on the value +∞ too).

The relevant coauthorship network for each pair of (x,c) depends on the publication year of c

and the outcome year of the allegation. We construct one network for each year ∈ (1971,2020),

which includes all journal publications in Scopus published between 1947 and the year before

the publication of c or the outcome year, whichever comes first. By fixing the coauthorship

network prior to the outcome year, we abstract from endogenous adjustments in the network

due to the allegations and evaluate subsequent citations relative to the network that was present

when allegations surfaced.

In principle, we assume that two authors are connected in a given year if they had ever published

an article as coauthors prior to this point. However, we remove “inactive” researchers from the

respective network, i.e. those that stopped publishing for at least two years prior to the focal

year. Our earliest network in 1971 includes around 0.9 million authors connected by around 2.1

million links, while our latest network in 2019 contains 12.4 million authors connected by 177

million links.
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B.4 Matching: Control articles and control scientists
Control articles In the first part of our analysis, we compare the citations received by a set of

articles (co-)authored by accused scientists (referred to as “treated” articles) to a control group

drawn from the same journal issue (referred to as control articles). If the periodical does not

use issues, we sample from the entire volume. The control group consists of up to 10 randomly

selected research articles published in the same issue (provided their authors are not accused

scientists too). If multiple accused scientists publish in the same issue/volume, we draw control

groups independently. We track subsequent citations to control articles in the same way as for

treated articles and determine the gender (see Section B.2) and coauthorship distance of citing

authors (see Section B.3).

Control Scientists In the second part of the analysis, we compare accused scientists to other

observationally similar scientists. To identify them, we use the Python package “sosia” by

Rose and Baruffaldi (2020). “sosia” finds academic “twins” based on a number of observable

characteristics in the Scopus database. Treated and control scientists are matched based on

characteristics in the year equal to max(toutcome − 4, tincident − 1), which precedes the outcome

year by between one and four years. The choice of this time lead is motivated by the concern that

a match based on a later year might be influenced by changes in performance due to allegations.

We match the accused scientist to a control scientist who:

1. publishes in the sources (journals or proceedings) belonging to main research areas of the

accused scientist,

2. started publishing in the same year as the accused scientist plus/minus three years,

3. has the same stock of publications as of the matching year within a margin of 30%,

4. has the same stock of distinct coauthors as of the matching year within a margin of 30%,

5. has received the same number of citations overall (plus/minus 500),

6. whose main affiliation (most commonly used affiliation during the matching year) is lo-

cated in the same country,
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7. is at an institution of the same type (university, research institute, independent hospital,

governmental organization, non-profit organization, industry) and

8. is of the same gender.
The procedure yields matches for 157 accused scientists (i.e., 53 without any match). Most

of them (141) have multiple viable matches, up to 271. If several matches are suggested, we

choose one randomly.

C Methods
C.1 Estimation details
In our analysis, we use the estimation strategy proposed by Borusyak et al. (2024), which is

robust and efficient when the treatment effect depends on the time of treatment. We implement

the estimator using the Stata-package did_imputation. We estimate the unweighted average of

all time- and article-specific treatment coefficients after the outcome year τ̄ = 1
N ∑i,t{τi,t |t ≥

τ∗(i)}, where N is the number of observations for which t ≥ τ∗(i).

We also estimate the averages of the treatment coefficients for individual years in a four-year

window around the outcome year, given by τ̄T for −4 ≤ T ≤ 4. The pre-treatment coefficients

are derived from a specification similar to equation (1), but it includes the set of indicators

IT,t,τ∗(i) = {t = τ∗(i)+ T} for −4 ≤ T < 0 (as outlined on p. 21 of Borusyak et al. (ibid.)).

We estimate τ̄T = 1
NT

∑i,t τi,tIT,t,τ∗(i), where NT is the number of observations for which IT,t,τ∗(i)

equals 1. The post-treatment coefficients are obtained from a separate specification, which in-

cludes the indicators IT,t,τ∗(i) for 0 ≤ T ≤ 4, and are estimated in an analogous manner. The in-

terpretation of these coefficients, following the strategy of Borusyak et al. (ibid.), differs slightly

from the interpretation of pre- and post-treatment coefficients in a standard two-way fixed ef-

fects model. The pre-treatment coefficients measure the change relative to the periods prior

to the chosen pre-treatment period (t < −4 in our case), while the post-treatment coefficients

measure the change relative to the entire pre-treatment period (t < 0).

All estimates are converted to percent semi-elasticities using the transformation
(

sinh(sinh−1 ȳ+ τ̂)/ȳ−
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1
)
∗100, where ȳ is the mean of the dependent variable and τ̂ is the estimated average treatment

coefficient. The corresponding standard errors are obtained with the Delta method and given by(
SE(τ̂)cosh(sinh−1 ȳ+ τ̂)/ȳ

)
∗100, where SE(τ̂) is the estimated standard error of the average

treatment coefficient.30 We cluster the standard errors at the article level. For treated articles,

they are further clustered at the level of the accused scientist to match the level at which the

treatment is applied.

Tables S5, S7 and S8 show the results underlying Figure 1. Table S9 shows the results un-

derlying Figure 2. We also present estimates from a standard Poisson panel model where all

treatment coefficients are assumed to be homogeneous, using the package ppmlhdfe by Correia

et al. 2020. These estimates are converted into percent semi-elasticities using the transforma-

tion
(

exp(τ̂)−1
)
∗100. The standard errors are obtained using the Delta method and given by(

SE(τ̂)exp(τ̂)
)
∗100.

Citation trend graphs In Figure S3, we present a citation trend graph for articles by accused

scientists and control articles.

C.2 Robustness for differential censoring over time
Due to the variation in treatment timing, the observed citations for articles are censored at

different time horizons following the presumed treatment date, the outcome year. For instance,

for articles treated in 2017, we only observe citation outcomes for the initial 4 years thereafter,

while for articles treated in 2012, we observe outcomes for 9 years after the outcome year. In

Table S10, we truncate citation outcomes at fixed time horizons after the outcome year and

focus on cases where the outcomes are observed throughout the entire post-treatment period, up

to the truncation point.

When we truncate the data at 4 years after the outcome year and restrict the analysis to incidents

before 2018, we estimate an average yearly decline in citations of -4.72% (t=-4.19, p<0.001).

Extending the time horizon to 6 years after the outcome year, we find an estimate of -4.67%

(t=-3.16, p=0.002). For 8 years the estimate is -4.92% (t=-3.96, p<0.001), for 10 years it is

30Borusyak et al. (2024) show that their estimator is asymptotically normal distributed.
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-6.3% (t=-4.16, p<0.001), and for 12 years, the estimate is -7.93% (t=-4.46, p<0.001).

C.3 Analysis of scientist affiliation changes
First, we ascertain the affiliation for each accused scientist and his matched control scientist

prior to the incident. Information on the accused scientists’ affiliations stem from the ASM,

while for the matched scientists we rely on publication information. However, matches are

conditional on a US university affiliation (see B.4 for details). Using this procedure, we obtain

affiliation information for all 157 pairs of treated and matched control scientist.

Second, for each pair of treated and matched control scientist, we determine the (latest available)

affiliations 2 to 5 years after the outcome year. Provided that there is at least one publication

during this period, we classify the affiliation as either being identical to the pre-allegation af-

filiation, as belonging to a different university, or as belonging to a non-university institution.

If the affiliation data indicates a transition between two different universities, we determine the

difference in the Shanghai university ranking. Whenever the rank (or the rank-range)31 of the

new university is smaller (larger) than the rank (or the rank-range) of the former university,

we classify the transition as a move to a “higher ranked university” (move to a “lower ranked

university”). We classify transitions between universities of the same rank-range as moves be-

tween universities of “same/similar rank”. The p-values that are reported in Figure 2 Panel C

are based on the test H0 : b = 0 in the regression x̃s = a+ bDs + es, where x̃s is the indicated

outcome of scientist s and Ds is the treatment indicator.

D Additional Tables and Figures

31We use the Top 500 of the Shanghai University ranking from 2004 to 2020. Universities outside of the top
100 receive a rank-range. Universities that are not present in the ranking are classified as “unranked”, which
corresponds to the lowest rank-range. We compare university ranks when the new affiliation is recorded. Rank
comparisons for years prior to 2004 are based on the 2004-ranking.
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Table S1: Search terms for Academic Sexual Misconduct database (reproduced)

search terms

Academic modifiers ’university OR college’
AND

(one of) ’professor’, ’instructor’,’dean’, ’president’,
’provost’, ’administrator’, ’employee’

AND additional modifier [name of each US state], ’community college’,
(one of) ’tribal college’

AND sexual misconduct modifier ’sexual harassment’, ’sexual misconduct’,
(one of) ,’sexual assault’,’inappropriate relationship’,

’peeping’,’voyeur’,’rape’,’kidnap’,’murder’
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Table S2: The nature of the incidents.
Count Share (in %)

Inappr. Comments 29 13.8
Unwanted Sex. Advances incl. touching 101 48.1
Stalking (incl. cyber) 6 2.9
Sex. relations 48 22.9
Rape 4 1.9
Other 13 6.2
Unknown 9 4.3

XII



Table S3: The outcome of the incidents.
Count Share (in %)

No consequences 2 1.0
Mild administrative measures 7 3.3
Monetary consequences 9 4.3
Serious administrative measures 40 19.0
Left the position 128 61.0
Criminal plea/conviction 12 5.7
Suicide 5 2.4
Other 3 1.4
Unknown 4 1.9
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Table S4: Comparison of treated scientists with their matched control scientists.
Treated scientists Control scientists Difference

Mean Std. dev. Mean Std. dev. Diff. t-statistic p-values

Year of First Publication 1992.29 11.33 1992.04 11.47 0.25 0.19 0.85
Career Age at Treatment 19.43 10.80 19.68 10.97 -0.25 -0.20 0.84
Publications 54.22 78.12 52.53 76.31 1.70 0.20 0.85
Citations 1224.37 2811.94 1203.32 2844.09 21.05 0.07 0.95
Coauthors 94.46 165.66 101.18 198.32 -6.72 -0.33 0.74

XIV



Table S5: Estimates of the effect of sexual misconduct allegations on citations by gender of the
first author of the citing article

Citations by gender All Male Female

treatment × post (%) -5.460 -6.185 -4.032
(0.987) (1.008) (1.110)

Article Fixed Effects ✓ ✓ ✓
Journal Issue × Citation
Year Fixed Effects

✓ ✓ ✓

Observations 2,212,258 2,212,258 2,212,258
Articles 105,850 105,850 105,850
Incidents 210 210 210

Notes: Estimates represent the semi-elasticities derived from the unweighted average of all time- and
article-specific treatment coefficients according to model (1). The estimate of the average treatment
coefficient τ̂ is converted to a semi-elasticity using the transformation

(
sinh(sinh−1 ȳ+ τ̂)/ȳ−1

)
∗100,

where ȳ is the mean of the dependent variable. Clustered standard errors are reported in parentheses.
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Table S6: Poisson Estimates of the effect of sexual misconduct allegations on citations by
gender of the first author of the citing article

Citations by gender All Male Female

treatment × post (%) -10.945 -12.785 -14.691
(2.616) (2.909) (4.515)

Article Fixed Effects ✓ ✓ ✓
Journal Issue × Citation
Year Fixed Effects

✓ ✓ ✓

Observations 2,212,258 2,212,258 2,212,258
Articles 105,850 105,850 105,850
Incidents 210 210 210

Notes: Table presents the semi-elasticity derived from a standard Poisson model with homogeneous
treatment coefficients corresponding to model (1). Clustered standard errors are reported in parentheses.
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Table S8: Estimated effect of sexual misconduct allegations on citations by field of publication
Articles by field of publica-
tion

Not male-dominated fields Male-dominated fields

Citations by gender of first
author

All Male Female All Male Female

treatment × post (%) -6.055 -6.775 -4.672 -0.848 -1.354 1.392
(0.971) (0.998) (1.098) (2.417) (2.238) (3.359)

Article Fixed Effects ✓ ✓ ✓ ✓ ✓ ✓
Journal Issue × Citation
Year Fixed Effects

✓ ✓ ✓ ✓ ✓ ✓

Observations 1,655,826 1,655,826 1,655,826 449,994 449,994 449,994
Articles 78,988 78,988 78,988 22,291 22,291 22,291
Incidents 207 207 207 105 105 105

Notes: The estimates represent the semi-elasticities derived from the unweighted average of all
time- and article-specific treatment coefficients according to model (1). The dependent variable is
sinh−1(cit count). The estimate of the average treatment coefficient τ̂ is converted to a semi-elasticity
using the transformation

(
sinh(sinh−1 ȳ+ τ̂)/ȳ−1

)
∗100, where ȳ is the mean of the dependent variable.

Clustered standard errors are reported in parentheses.
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Table S9: Estimated effect of sexual misconduct allegations on publications and collaborations
Dependent variable sinh−1(publ. count) sinh−1(male coauthors) sinh−1(female coauthors)

treatment × post (%) -32.568 -36.908 -36.153
(4.368) (5.199) (4.781)

Scientist Fixed Effects ✓ ✓ ✓
Publication Year Fixed ✓ ✓ ✓
Academic Age Fixed Effects ✓ ✓ ✓

Observations 5,136 5,136 5,136
Scientists 314 314 314
Incidents 157 157 157

Notes: The estimates represent semi-elasticities of an OLS regression corresponding to (2). The first
column shows the inverse hyperbolic sine of the number of publications. In the second and third column,
we count coauthors each time they are listed in a joint article within a specific year. Standard errors are
reported in parentheses.
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Table S10: Estimated effect on citations with outcomes truncated at fixed time horizons
Citations truncated x years
after Outcome year

4 years 6 years 8 years 10 years 12 years

treatment × post (%) -4.715 -4.666 -4.925 -6.303 -7.932
(1.127) (1.476) (1.243) (1.514) (1.778)

Article Fixed Effects ✓ ✓ ✓ ✓ ✓
Journal Issue × Citation
Year Fixed Effects

✓ ✓ ✓ ✓ ✓

Observations 1,093,075 838,440 621,673 451,936 431,267
Articles
Incidents 138 96 64 51 41

Notes: The estimates represent the semi-elasticities derived from the unweighted average of all
time- and article-specific treatment coefficients according to model (1). The dependent variable is
sinh−1(cit count). The estimate of the average treatment coefficient τ̂ is converted to a semi-elasticity
using the transformation

(
sinh(sinh−1 ȳ+ τ̂)/ȳ−1

)
∗100, where ȳ is the mean of the dependent variable.

Clustered standard errors are reported in parentheses.
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Table S11: Estimated effect on citations by media coverage and by post-allegation activity
Sample Incident reported by Accused scientist

large newspapers small newspapers stops publishing keeps publishing

treatment × post (%) -5.505 -5.639 -2.920 -6.578
(1.299) (1.261) (1.266) (1.073)

Article Fixed Effects ✓ ✓ ✓ ✓
Journal Issue × Citation
Year Fixed Effects

✓ ✓ ✓ ✓

Observations 1,307,143 894,602 481,345 1,560,781
Articles 63,732 41,622 21,523 73,342
Incidents 99 108 81 101

Notes: The estimates represent the semi-elasticities derived from the unweighted average of all
time- and article-specific treatment coefficients according to model (1). The dependent variable is
sinh−1(cit count). The estimate of the average treatment coefficient τ̂ is converted to a semi-elasticity
using the transformation

(
sinh(sinh−1 ȳ+ τ̂)/ȳ−1

)
∗100, where ȳ is the mean of the dependent variable.

In the first and second column, newspapers are classified by size as laid out in appendix A.3. In the third
column, we restrict to incidents where the accused scientist does not resign (voluntarily or involuntarily),
is not convicted and does not commit suicide, as classified in Table S3. In the fourth column, we re-
strict to incidents where the accused scientist is observed publishing at least two years after the outcome
year and require that the outcome year is no later than 2018. Clustered standard errors are reported in
parentheses.
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Table S12: Estimated effect on citations under different anticipatory scenarios
Treatment year definition Incident Outcome year Minimum of

allegedly occurred minus 1 minus 2 minus 3 earliest newspaper art. and outcome year

treatment × post (%) -3.106 -4.672 -4.454 -4.067 -5.267
(1.323) (1.014) (1.063) (1.039) (0.896)

Article Fixed Effects ✓ ✓ ✓ ✓ ✓
Journal Issue × Citation
Year Fixed Effects

✓ ✓ ✓ ✓ ✓

Observations 1,343,264 1,343,264 1,343,264 1,343,264 1,343,264
Articles 57,001 57,001 57,001 57,001 57,001
Incidents 143 143 143 143 143

Notes: The estimates represent the semi-elasticities derived from the unweighted average of all
time- and article-specific treatment coefficients according to model (1). The dependent variable is
sinh−1(cit count). The estimate of the average treatment coefficient τ̂ is converted to a semi-elasticity
using the transformation

(
sinh(sinh−1 ȳ+ τ̂)/ȳ−1

)
∗100, where ȳ is the mean of the dependent variable.

Clustered standard errors are reported in parentheses.
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Figure S1: Distribution of incidents over scientific fields
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Notes: Primary fields of perpetrators (N=210), as given by the most frequent 2-digit ASJC-code (All Science
Journal Classification) of journals where their publications got published. Fields are color-coded by main area
(Social Sciences, Physical Sciences, Life Sciences, Health Sciences).
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Figure S2: Distribution of outcome years
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Figure S3: Citation trend graph for treated and control articles
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Notes: Average number of citations per year for articles of accused scientists published before the outcome year
and control articles.
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Figure S4: Distribution of time difference between publication of earliest newspaper article
covering an incident and the outcome year
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Notes: Negative time difference indicates that the earliest newspaper article predates the outcome year. 209 out of
212 incidents are covered by at least one newspaper article.
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Figure S5: Event graph for effect on citations with one-to-one matching on citation pre-trends
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Notes: We select the article that minimizes the sum of squared deviations from the treated article in yearly citations
prior to treatment out of the (up to) 10 control articles randomly drawn the same journal issue, rather than including
all of them. The graph based on the model described by equation (1), using publication year × citation year fixed
effects.
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