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1 Introduction

In 2022, state and local governments spent $266 billion on highways, with the assistance of $53 billion

in federal funding (Federal Highway Administration, 2022). Despite the magnitude of this investment,

there is a growing concern that the quality of infrastructure is declining across the United States

(American Society of Civil Engineers, 2021).1

Why is it so expensive to build and maintain infrastructure in the United States? This has proven

an unusually difficult question to answer. There is little existing research, despite the importance

of infrastructure to the economy and the size of the investment. Two obstacles stymie significant

progress: there is no centralized data on infrastructure costs across jurisdictions (whether that be

country, state, or city), and idiosyncratic differences across projects make isolating any potential cost

drivers difficult. To this end, most of the compelling evidence comes in the form of investigative

journalism and case studies (e.g. Goldwyn et al., 2023; Lewis, 2005; Rosenthal, 2017), with a focus

on blockbuster projects (e.g. subways, high speed rail, the “Big Dig”).

In this paper, we embark on an ambitious data collection effort to study infrastructure cost drivers.

We produce two new datasets that will be valuable resources for future research in this area. The first

dataset documents the cost of resurfacing, at the project-level, across U.S. states. The second dataset

documents the process by which each state manages the procurement and delivery of these projects.

We then combine the two datasets to explore the correlates of realized infrastructure costs. We find

that state capacity and competition in the market for projects, instead of any specific procurement

rule, are important drivers of realized costs. Lastly, we use administrative data from one large state

to further quantify the role of state capacity on realized costs.

We start with the basics. How much does it actually cost to resurface a road in the United States?

There is no centralized data set on infrastructure project costs, even for federally funded projects.

Instead, the Federal Highway Authority requires states to report aggregate spending in various cat-

egories. Differences between states in the number and scope of projects they complete, as well as

differences in reporting, mean that the aggregate data is not particularly useful for understanding

cost drivers. To this end, we create a new dataset on project-level costs for each state. We collect

this data state-by-state via public records requests. Then, we match the contract data with project

plans and bid lettings, in order to create a cost per mile measure that is comparable across states.

We find substantial variation in resurfacing costs; states that are similar in geography, climate, and

1The fact sheet for the 2021 bipartisan infrastructure bill, which allotted an additional $110B of federal funds to
road and bridge improvements, states that “1 in 5 miles of highways and major roads, and 45,000 bridges, are in poor
condition.”
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highway network have large differences in cost per mile. To verify the data quality, we show that the

cost data we collect is correlated with observables that should drive costs (weather, road usage, labor

costs). In fact, observables at the project-, local-, and state- level explain about 35% of the variation

in costs across projects. Strikingly, publicly available data on aggregate resurfacing costs from the

Federal Highway Administration do not correlate with these observable cost drivers.

Next, we link our new data on costs to potential cost drivers, with a focus on project procure-

ment and delivery.2 The government does not build or repair roads; rather, it disburses and oversees

contracts that private sector firms complete. A vast industrial organization literature shows, theoret-

ically and empirically, that the design and implementation of procurement auctions have implications

for winning bids and final costs (e.g. Krasnokutskaya and Seim, 2011; Lewis and Bajari, 2014). A

growing political economy literature shows that the capacity of procurement agencies and the identity

of bureaucrats that procure projects have implications for the final prices paid (e.g. Bandiera et al.,

2021; Best et al., 2023). While the existing literature provides evidence on specific programs in certain

settings for which rich data exist, there is no comprehensive data to assess whether these differences

in highway procurement practices explain variation in costs across states. As a result, the literature

has major blind spots on areas that could be very important to infrastructure costs, but lack data or

useful within-state variation for any empirical design.

To create our procurement policy dataset we conduct a 50-state survey of state Department of

Transportation (DOT) highway procurement practices. We survey two groups in each state who have

complementary knowledge about state procurement: procurement officials at each DOT and contrac-

tors (i.e., road builders and engineers at private firms). The survey asks specific questions about rules

and practices, all of which can be related to potential cost drivers in the project procurement and

delivery process.

The issue of data and measurement is first order to the question of infrastructure spending.

Following a New York Times investigation on subway costs in New York, Congress directed the

Government Accountability Office (GAO) to publish a report on why transit projects in the United

States were more expensive than transit projects in other developed G-20 nations (Rosenthal, 2017,

2018). The GAO ended up running into significant difficulties, and was not able to say much about

cost drivers, citing data limitations and the complexity of transit projects as the main impediments.

In this paper, we ask the same question: what is driving U.S. infrastructure costs? However, instead

of focusing on transit and the international comparison, we focus on the cost of highway resurfacing

2Every federally funded road building and resurfacing project goes through a procurement process, usually an auction.
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across U.S. states.3

Resurfacing projects are much smaller than megaprojects that have been the focus of recent

academic work (Fajgelbaum et al., 2023; Gupta et al., 2020, i.e.). However, they are the bread and

butter of American infrastructure spending. Total capital transit spending across the U.S. is an order

of magnitude less than highway spending.4 And, however challenging procurement is for resurfacing,

it is likely even more challenging for more complicated projects, which also must be procured. Most

importantly, focusing on a project that is relatively simple, like resurfacing, allows us to create apples-

to-apples comparisons—avoiding the pitfalls that come with trying to compare complex projects with

multiple different components in different settings. Every state is resurfacing their roads, so we can

use the states as a laboratory. We compare costs across states and explore the differences in state

practices, policies, and markets that potentially can drive these costs.

The evidence points to two broad patterns. The first is that state DOTs have limited capacity.

There is broad agreement that state DOTs struggle with staffing and that reliance on consultants

drives up costs. We confirm that the state DOT workforce has been shrinking with U.S. Census

data on public sector employment; total highway employment decreases about 20% between 1997

and 2020. Further, when we measure capacity using the Census data we show that states with

higher DOT employment have lower infrastructure costs. Adding one state DOT employee per 1,000

residents (about 1.6 standard deviations) is correlated with 26% lower costs at the project level.

Survey questions related to capacity also correlate inversely with costs. As an example, states

where contractors and procurement officials expect more change orders (ex-post changes to the ma-

terials and work needed to complete the project) have significantly higher realized costs. Frequent

change orders directly lead to higher costs through delays and costly renegotiation; they also are

a downstream symptom of poor administrative capacity—many contractors reference poor-quality

project plans made by third-party consultants or inexperienced employees. Consistent with this, we

find that costs are lower when the DOT provides more project details to bidders. In order to create

an additional, non-survey, measure of administrative burden; we collect data on the complexity of bid

packet documents that bidders have to submit to the DOT, which includes all the local and federal

regulations and legal requirements for the firm. The length of these documents is positively correlated

with costs.

The second set of results relate to competition. A lack of competition for contracts is an oft-cited

cost driver from procurement officials. We show, with U.S. Census data on the highway construction

3See the Transit Cost Project (Goldwyn et al., 2023) for an excellent comparison of transit across countries.
4In 2022, the Federal Transit Administration reported an expenditure of $27 billion across all transit authorities,

compared to $266 billion on highways in the same year (Federal Transit Administration, 2022).
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industry, that concentration in the industry seems to be rising. Most states have experienced a

loss of construction firms, and an increase in size of the remaining firms, in the last 10 years. In

the survey data, we find that states that do outreach to increase the bidder pool have significantly

lower costs, highlighting both the importance of competition and the role the DOT can play in

increasing competition. In the project-level data, we find that an additional bidder on a project is

associated with 8% lower costs per mile, conditional on the estimated cost calculated by the DOT.

We also find that limits on the amount of work that can be subcontracted is positively correlated with

costs. Restrictions on subcontracting can decrease competition by limiting the set of potential prime

contractors that can complete the project. In order to probe this relationship, we collect data on

the subcontracting requirements at the project-level. We see that projects with more subcontracting

requirements also end up costing more to the state, but that this correlation is attenuated in states

where the market for qualified subcontractors is thicker.

In the final part of the paper, we exploit quasi-experimental variation in capacity arising from

engineer retirements in the state of California. Our focus on retirements is motivated by the survey

responses on employee quality. We link data on engineer retirements from state pension records to

district-level cost and productivity measures. We find that increases in engineer retirement levels

within a Caltrans district are associated with increases in duration, bid size, and cost overruns for

projects let in the same year. A one percentage point increase in the engineer retirement shock

coincides with a 2.8% increase in project duration and a 5.6% increase in cost overrun, at the median.

Related Literature Our finding that procurement costs are highly correlated with DOT capacity

is consistent with a literature on bureaucratic competence and capacity, both in the United States

and abroad. Best et al. (2023) finds that variation across individual procurement officials and the

organizations that manage them can explain nearly 40% of the variation in prices paid for goods in

Russia. In a stylized model of the procurement process, they show that a bureaucracy can drive

up prices by imposing higher contract fulfillment costs and by imposing higher participation costs,

thereby reducing the number of bidders.5 In our setting bureaucrat effort after the auction is also

a relevant input, as the government engineers oversee the post-auction (construction) phase of the

project.

Our findings on the effect of retirements on infrastructure procurement outcomes is consistent with

previous work in federal procurement settings. Decarolis et al. (2020) study bureaucratic competence

across federal agencies, and find that increases in competence, as measured by internal agency sur-

5Similarly, Bandiera et al. (2009) find that different agencies in Italy pay very different prices for the same products.
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veys, leads to less delays, less renegotiation, and lower costs in federal procurement. Warren (2014)

finds that retirement-induced increases in procurement officer workload, also in the federal govern-

ment, increase the risk of renegotiation and contract costs. Giuffrida and Raiteri (2023) find adverse

outcomes arising from unexpected retirements in a sample of federal R&D contracts. We depart from

the literature by focusing not only on the mechanical effect of retirement on employee workload, but

the effect of the loss of experience and expertise with the departing employee. The striking decrease

in state DOT employment over the last 20 years, especially in the wake of the Great Recession, may

have significantly contributed to rising costs (US Census Bureau, 1997-2021).

Our survey is inspired by the World Bank Doing Business Procurement Survey, which surveys

procurement practices and law across countries (Bosio et al., 2022). The authors find that correlations

between procurement practice and outcomes highlight the importance of public sector capacity, while

regulations only become more useful in countries more vulnerable to corruption. We do not find

any role for corruption as a cost driver in the U.S. context. However, public sector capacity remains

important in our setting.

In developing the survey, we benefit from a rich empirical auction literature that studies how the

design and implementation of procurement practices can have implications for costs. Researchers have

studied highway procurement auctions in specific states, and focus on different aspects of the auction

design or procurement process. For example, Jofre-Bonet and Pesendorfer (2003), Krasnokutskaya

and Seim (2011), and Bajari et al. (2014) all use data on highway auctions in California, but study

the role of capacity and the timing of bid-letting, bid preference programs and entry, and contract

incompleteness, respectively. De Silva et al. (2008) and Barrus and Scott (2020) both study informa-

tion provision, but in different states; De Silva et al. (2008) finds that when the DOT provides more

information to bidders, in the form of detailed plans, costs decrease (Oklahoma), while Barrus and

Scott (2020) finds that providing more information, in the form of the identity of competing bidders,

leads to increases in costs (Kentucky).6 Our new survey data will allow us to document how these

differences in design and procurement practices explain differences in costs across states.

This paper contributes to a burgeoning literature on the U.S. construction industry, and infras-

tructure construction in particular. Goolsbee and Syverson (2023) have documented a large and long

decline in construction sector productivity. Kroft et al. (2022) show that construction firms have

considerable market power: in both the labor and the product market. On the infrastructure side,

Brooks and Liscow (2023) find suggestive evidence that increases in costs in road building in the later

6We provide a more in depth review of the literature, and how this literature links to specific hypotheses about
procurement and costs, in Appendix A.
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part of the 20th century were driven by citizen voice, which delays the building process, instead of

increases in materials or labor costs. Mehrotra et al. (2021) find that input prices are more important

for resurfacing. This paper adds one important piece to the understanding of the interaction between

the DOT and the private sector: the procurement process.

There is also a small, but growing, literature that focuses on the supply side determinants of

procurement costs. Our findings on the role of competition contribute to a debate on the relationship

between the number of bidders and costs in the procurement setting. Carril et al. (2022) and Coviello

and Mariniello (2014) both study the effect of procurement publicity requirements, though in different

settings (US Department of Defense and local procurement in Italy, respectively). Coviello and

Mariniello (2014) find that increased publicity increases auction participation and lowers costs to the

government; larger and less local firms are more likely to win auctions that are publicized. However,

Carril et al. (2022) find that while publicity increases the number of bidders, with lower winning bids,

ex-post contract performance decreasing, leading to delays and cost overruns. Finally, Allende et al.

(2023) use a natural experiment to study the effect of an increase in auction participation on prices

in public procurement of pharmaceuticals in Chile, and find that the entry of an additional bidder

decreases costs by about 10%.

Our paper proceeds as follows. Section 2 introduces the new data set of resurfacing costs across

the U.S. states. Section 3 provides background on the procurement process for the typical project in

our data, and goes through the details of the survey design and distribution. Section 4 introduces

descriptives from the survey, with a focus on what survey respondents think drive costs. We correlate

the survey responses with the cost data, and then provide additional evidence from auxiliary data

sources, in Section 5. Section 6 provides quasi-experimental evidence of the role of capacity using

data on retirements, and Section 7 concludes.

2 Project-Level Data on Costs

The first step to understanding cost drivers is to accurately measure costs. Unfortunately, no such

comprehensive dataset exists; the federal government does not require states to report project-level

costs on federally funded projects.7 Therefore, most research on the topic uses aggregate (state-

level) spending, or detailed bid data from one state.8 We need detailed project-level data in order to

7An exception is for projects funded in the ARRA, but this is 10 years before the period of interest.
8The Federal Highway Administration data aggregate spending data is submitted by the states, and each state can

determine how to account for projects over categories and time. Therefore, there are concerns over different norms
across states in categorization of work-type or in the accounting of multi-year projects. Further, there is no concept of
the quantity of work done, only the spending is reported.
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facilitate a comparison of similar projects across states.

We collect project-level cost data by requesting administrative data from each state DOT, via

public record requests. We are able to obtain project-level cost data from all 50 states, though the

number of observations we have from each state varies. The data we receive from the states generally

include the winning bid for the contract, a brief description of the project (or at least a project

identifier we can link to the bid letting or project plans), the final cost of the project, the award date,

and the completion date.9 We also collect data on the scope of each project, allowing us to calculate

cost per lane mile.10

To facilitate cost comparisons across projects and states, we construct a subsample of projects

meeting predetermined criteria. Our goal is to create a sample of projects that are similar to the

representative project described in the survey case study. Specifically, we randomly select 5 projects

from each state that satisfy the following criteria: 1) classified as “resurfacing,” 2) started in 2018

or 2019, 3) project length between 1 and 20 miles, and 4) a state or U.S. highway (non-interstate)

project. Along with facilitating more direct comparisons, focusing on a smaller number of projects

in the subsample allows us to gather more detailed information about the nature of work for each

project. We are able to fill in fields that are missing from the administrative data—such as the number

of bidders for each project, the Disadvantaged Business Enterprise (DBE) threshold for the project,

and any non-standard work that the project included—through examining the individual bid-lettings

and project plans. In Appendix B we discuss an example project from our data, and the pieces of

information we collected about the project, to give the reader some additional context.

Figure 1 shows the distribution of cost per mile at the project level.11 The majority of projects

in the subsample (95%) cost under $1 million per mile; average cost is about $368,000 per lane-mile,

and the median is $226,000 per lane-mile. The 25th percentile is $131,000 per lane-mile, and the 75th

percentile is $417,000. Additionally, there is substantial variation in average costs across states. For

example, cost per mile is twice as expensive in South Carolina as in the neighboring states of Georgia

and North Carolina.12,13 The point of this paper is to understand what drives these differences.

We use cost per mile as our primary outcome of interest, though in the analysis we can consider

9For some states, we only observe the winning bid. However, for 75% of states we observe both the winning bid and
the realized cost. Appendix Figures D.1 and D.2 show that there is a tight relationship between bids and realized costs
for these type of projects.

10Some states include mileage in the data they provide. For many others we use the bid-lettings or project plans that
are associated with the specific project. Specifically, we calculate the lane-mileage for each project, which takes into
account both the length and width of the project.

11Our measure of cost per mile is the total cost of the project divided by the lane-mileage of the project.
12Appendix Figure D.3 shows that the majority of the subsample contracts have a contract size of under $5 million,

as was specified in the case study.
13Appendix D.1 provides more details on data collection and descriptive statistics.
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Figure 1: Resurfacing Costs per Mile ($M)

(a) Project-Level Cost per Mile ($M) (b) State-Level Cost per Mile ($M)

Notes: The figure on the left shows the histogram of project-level resurfacing costs per lane-mile. The figure on the
right takes the average of project costs at the state level. There are 250 projects in the sample: 5 projects per state.
Data collected by the authors.

other outcomes, such as project duration. This is a departure from some focus of the literature and

policy discussion, which uses cost overrun as the measure of project success or costs. However, cost

overruns only capture costs in excess of bids, which ignores an important input to the high cost of

infrastructure procurement: the cost quoted by the contractor when they bid for the project. If all

of the bids are high, a project with no cost overrun will still be expensive for the DOT to complete.

Therefore, we use the total realized cost for our cost measure, which is the winning bid plus any

changes that are incurred during the construction phase (i.e. the overrun).

2.1 Observables and Costs

Table 1 shows the relationship between project-level resurfacing costs and established cost drivers,

which include project level details, local characteristics, and weather.14,15,16 The standard errors are

clustered at the state level, and we have 5 projects per state, as discussed earlier in this section.

The project-level details include a dummy for whether the project involves non-standard work in

addition to the resurfacing (we call this “Complex”), the size of the project (“Lane-Miles”), and a

dummy for whether the project is on a state highway, as opposed to a US highway (“State-Highway”).

Column (1) shows that as expected, the complex projects are more expensive. There are also fixed

costs of resurfacing: longer projects cost less per lane-mile, which is consistent with discussions we

14Descriptive statistics for all of the variables are displayed in Appendix Table C.1.
15External data sources are described in Appendix F.
16We talked on background to many helpful DOT engineers to verify the established cost drivers.
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Table 1: Project Costs and Observable Cost Drivers

State-Level
Project-Level Log(Cost/Mile) Our Data FHWA

(1) (2) (3) (4) (5) (6)

Project Details:
Complex Dummy 1.027*** 0.932*** 0.818***

(0.270) (0.281) (0.282)
Mileage -0.023*** -0.024*** -0.023*** -0.067***

(0.006) (0.004) (0.004) (0.011)
State Highway Dummy -0.234* -0.067 -0.046 -0.048

(0.133) (0.127) (0.122) (0.127)
Local Characteristics:
Log(Population Density) 0.067+ 0.052 0.067

(0.040) (0.041) (0.049)
Log(Wages in Hwy Construction) 0.344* 0.064 0.174

(0.196) (0.176) (0.268)
State Characteristics:
Precipitation -0.033*** -0.032*** -0.028*** -0.035*** -0.000

(0.007) (0.006) (0.006) (0.009) (0.006)
Winter Low 0.055*** 0.041*** 0.038*** 0.050*** -0.007

(0.011) (0.010) (0.012) (0.018) (0.009)
Snow Proxy 0.021+ 0.019 0.022+ 0.204* -0.014

(0.014) (0.015) (0.014) (0.107) (0.080)
Summer High -0.057*** -0.039* -0.035* -0.047** -0.015

(0.021) (0.021) (0.019) (0.022) (0.015)
Roughness Index 0.017*** 0.013** 0.024*** -0.001

(0.005) (0.006) (0.005) (0.004)

Observations 250 250 250 2,210 49 49
R-squared 0.18 0.35 0.39 0.31 0.39 0.11

Notes: This table presents a simple regression of resurfacing costs on observable cost drivers. The first three columns
use the subsample of 5 projects per state. Column (4) uses all of the project-level data we have, which varies by state.
The results in Column (4) are weighted so each state is equally represented. We are not able to collect lane-mileage or
local population density for every project in the full sample, so we use the cost per mile instead of lane-mile, and we
use the state level population density. Columns (5) and (6) aggregate the data to the state level, and compare the fit
of our cost data to that of the FHWA spending on resurfacing and maintenance per vehicle mile. Alaska is excluded.
The project-level costs and characteristics are collected by the authors, and the data on other observables is described
in detail in Appendix F and in the table notes of Appendix Table C.1. Standard errors are clustered at the state level.
***p < 0.01, **p < 0.05, *p < 0.1, +p < 0.15.
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have had with highway engineers.

In Column (2) we add state and local characteristics that can affect resurfacing costs. This

includes labor inputs, as measured by local wages in the “Highway, Bridge, and Street Construction”

industry.17 We find that wages are positively correlated with costs, as expected. Our other local

variable is population density in the county of the project. Population density is also positively

correlated with costs. This could be due to both road use, which affects the amount of work needed

to be done for the resurfacing job, and the additional costs of traffic stoppage and diversion during

the project completion. The next set of variables capture the climate of the state. States with more

snow and longer winters tend to have higher costs, due to the shorter window that contractors have

to complete the jobs, the toll the salt takes on the roads, and the damage to pavement from repeated

freezing and thawing. Costs are higher in states with more snow and lower in warmer states.18

In Column (3), we add state-level measurements of road roughness. FHWA mandates that states

collect these data annually; it measures the total vertical deviation from smoothness in an average

kilometer.19 We add this index to capture the fact that rougher, more damaged roads require more

intense resurfacing work, which is likely to be more expensive.20 Indeed, we see that states with

rougher roads have higher costs, and that roughness captures some of the correlation between weather

and costs.

In Column (4) we include all of the data that we collected from the states, not only the analysis

subsample. This regression is weighted so that each state is represented equally. There are 22 states

where we have more than 5 resurfacing projects that fit our sample selection.21 This ranges from less

than 10 projects in AZ, CO, and NY, and more than 200 projects in KY, PA, and TX. The drawback

is that we do not have project level details for all the sample, so we cannot add the complexity dummy

and we cannot always identify the county of work, instead using the state level population density and

wages. However, we are encouraged that the results are consistent with the results with 5 projects

per state; our subsample data is reflecting true patterns in underlying costs across U.S. states. The

17This industry classification (NAICS 2373) includes new work, reconstruction, rehabilitation and repairs, so it is
not exclusively resurfacing industry wages, but would encompass the wages paid for the projects in our database. We
measure wages at the MSA or county level (using the smallest aggregation that is available).

18We do not have a direct measure of snowfall but proxy this with the average precipitation in the state multiplied
by the inverse of the winter high temperature.

19This is the International Roughness Index, and we use the average of the roughness measure from 2014, 2018, and
2019. Currier et al. (2023) point out significant issues with FHWA’s roughness measurements for minor arterial roads,
and highlight its lack of availability for local roads. The roads in our sample tend to be major arterial roads, which
should suffer from less roughness measurement error.

20Pavement with extensive damage must undergo a “mill-and-fill,” in which several inches of asphalt are removed and
replaced. Pavement in better condition can receive a cheaper treatment such as a chip seal, in which a new, smooth
layer of asphalt is applied to the top of an existing layer and topped with crushed rock.

21As a reminder, we create a sample of non-interstate highway resurfacing projects starting in 2018 or 2019, with a
length between 1 and 20 miles.
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correlation at the state level between the subsample and full sample is high: 0.67 for mean cost per

mile and 0.78 for median cost per mile (Appendix D.2).

2.2 Comparison with Federal Highway Statistics

Columns (5) and (6) compare our cost data with the Federal Highway Authority (FHWA) Highway

Statistics data. For this analysis, we average our data at the state level because the FHWA data

are only available as a state-level aggregate. For closeness of comparison, we take resurfacing and

maintenance cost series from FHWA, from 2014, 2018, and 2019.22 One challenge in using the FHWA

data is while it reports costs, it does not report the amount of work completed. We divide the spending

by the vehicle miles, as a proxy for the amount of resurfacing and maintenance work completed.23

The table shows that while our data, when aggregated, still is highly correlated with state level

weather and road roughness, there is no relationship between these variables and the FHWA data,

probably because of widely varying reporting standards across the country (Liscow, 2024). This is

also confirmed in the scatter plots in Appendix Figure D.9.

We also compare the FHWA cost totals to cost totals in our data for California, a state where

our data covers nearly all DOT projects.24 Between 2015 and 2019, the total spending observed in

our data is $28.1 billion and the total spending observed in the FHWA data is $24.9 billion.25 These

comparisons bolster our confidence that the project-level cost data that we collected consists of the

individual projects underlying the aggregate FHWA data series. In short, the micro data we collect

is the input to the aggregate FHWA data series, but having this data at the project level allows us

to go much further in the analysis of potential cost drivers, because we can compare similar projects

across states.

3 Procurement Survey

As background, we provide a brief overview and timeline on the state DOT procurement process for

a standard resurfacing project. Then, we proceed with details on the survey design and distribution.

22This data is not available for 2015-2017. See Appendix D.3 for more details for the construction of the series.
23Vehicle miles captures the scope of the road network and total usage, so we think of it as a useful proxy for the

demand for resurfacing. This normalization allows us to compare spending across states.
24For most other states, our raw data is not as comprehensive and we are not confident that they cover the universe

of DOT projects. One exception is Texas, but we are missing a measure of project completion year for over half of the
projects, limiting our ability to compare it to the FHWA totals.

25We believe the small differences in the total is partially due to some imprecision in how we assign project costs
across years. With our data, all costs for a project will be attributed to a single year, even if some spending occurred
outside of that year. With the FHWA data, the state reports totals by spending year, not project completion year.
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3.1 A brief procurement primer

1. Pre-bidding: Before the bidding starts, the DOT plans the project. The agency determines

the scope of the work, and a DOT design engineer (or a consultant hired by the DOT) draws

up the project plans and estimates the project cost. Along with design, the pre-bidding phase

typically includes environmental review and right-of-way permitting/coordination.

2. Bid Letting: Once the plan of work is approved, a call for bids is posted. The DOT has

discretion over when and where to post the call for bids, and over any bidder outreach efforts.

The bid letting should include the detailed project plans and the engineer’s estimate from the

planning (pre-bidding) stage. It will always include an itemized list of the quantity of each item

needed to complete the project. Depending on the state, bidders may have to have completed

a pre-qualification process, and they may have to pay a small fee in order to receive access to

the project plans.

3. Submitting Bids and Project Award: Each interested contractor prepares and submits the

bid to the DOT. All contracts for resurfacing projects are awarded via a unit bidding process,

where the contractors total bid is the aggregation of their bid on each component of the project

(Appendix Figure A.1). The lowest bid wins, unless the DOT determines there is a reason to

exclude a bid (due to a bid being infeasibly low, for example).

4. Construction/Project Delivery: Once the contract is awarded, the DOT and the contractor

determine the work start date. The contractor then performs the construction, though they

may subcontract parts of the project to other private firms (see Section 5.2 for more details

on subcontracting). The DOT inspects the contractor’s work, coordinates permitting and road

closure, and negotiates changes to the scope of the work as needed through a process known as

“change orders”.26

3.2 The Procurement Survey

We follow the general framework of the World Bank Doing Business “Contracting with the Govern-

ment” survey, which collected data on the procurement laws and practices of 187 countries (Bosio

et al., 2022). In the Doing Business project, each survey respondent is given a case study, which is an

example road resurfacing project. They are then asked questions about the rules and practices that

26Initial contract agreements specify precise plans and prices for each unit good that goes into a highway construction
project. In the event of inaccurate plans or other reasons for change of project scope, either party can initiate a legal
process known as a change order to alter the terms of the contract to reflect current conditions.
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would dictate the procurement process of the project. Our case study and a description of the survey

follows.27

3.2.1 Case Study

The case study describes a standard project contracted by a state DOT. The project entails resurfacing

5 miles of a flat two-lane road that is part of the National Highway System (but is not an Interstate).

The road would extend from the outskirts of a medium sized city into the surrounding rural area,

with an asphalt overlay of 1 inch. The estimated value of the contract is between $1 to $5 million.28

We choose to focus on resurfacing because it is both the largest category of state highway spending

and the most easily comparable across states. Although highway building projects can be more

complicated and involve more discretion (which would be interesting from a procurement perspective),

many states are not building new highways. In fact, between 2004 and 2014 the rehabilitation of roads

increased from 47% to 72% of total capital outlays on state and local highway spending.29

Two consequences flow from this choice of case study. The first is that we are able to largely

abstract away from issues of litigation and “citizen voice” because—though there may be competition

to receive resurfacing dollars—resurfacing projects rarely arouse organized opposition (Brooks and

Liscow, 2023). This allows us to focus on procurement and project delivery. The second is that our

results have a greater chance of external validity because, however challenging procurement is for

resurfacing, it is likely even more challenging for more complicated projects.30,31

3.2.2 Survey Questions

The survey questions are organized roughly chronologically over the course of a typical project. They

ask about a variety of features of the procurement and construction processes, all which have the

potential to affect costs. Specifically, the questions we ask can be grouped into five broad sets of

hypotheses:

27The full survey is found in the Appendix.
28See, as an example, the project from our data that we discuss in Appendix B.
29Road expansion and new construction fell from 53% to 28% of outlays.
30One might wonder about the extent to which survey participants actually consider the case study, versus other

types of projects, when answering questions. We are able to gain insight into this by comparing answers to two of our
questions (Question 16 and Question 17 in Appendix I.), which are essentially identical, except that one asks about the
case study, while the other asks about a more complicated design-build project. We asked about the number of change
orders, and, for the case study question, the mean response was 3.80, while the design-build question, the mean response
was 4.39. The fact that respondents expected more change orders on the more complicated project is suggestive evidence
that respondents were attentive to the nature of the case study.

31When the Senate requested that the GAO produce a report on cost drivers in transit projects the first cost driver
they suggested was “contracting and procurement”.
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1. Transparency: Questions on the public availability of documents and details of past contracts

all concern transparency.

2. Competition: Questions on outreach, advertising, and the number of bidders are intended to

collect information on competition.

3. Quality: Questions on the bidder pre-qualification and bid screening focus on controls for

quality in the procurement process.

4. Capacity: Questions on renegotiation, changes in the project details, paperwork and payments

all concern the capacity of the agency and the bureaucratic or administrative process.

5. Corruption: Questions about bidder collusion, unethical contractor behavior, and improper

state employee behavior concern corruption.

We depart from the World Bank survey by asking free form questions about what the procurement

officials and bidders think drives costs and asking directly about the capacity of the state DOT and

the competitive environment for the bidders. We provide more details about the procurement process

in the U.S. and the literature related to the above hypotheses in Appendix A.

3.2.3 Distribution

The surveys for the procurement officers and for the road builders and engineers (also known as

contractors) are slightly different. This is sometimes as simple as question phrasing. For the contractor

we ask, “To the best of your knowledge, how often does the agency do outreach to increase the

bidder pool for highway construction projects?” To the procurement officer, who should know about

the universe of projects, we simply ask, “How often does the agency do outreach to increase the

bidder pool for highway construction projects?” There are also questions that are group-specific. For

example, we only ask the contractors about their expectations of the level of competition. Therefore,

we launch the survey separately for procurement officers and for contractors. The sample and survey

distribution method for each group is described below.

Procurement Officers We collect contact emails for procurement officers from two sources: the

state DOT websites and the American Association of State Highway and Transportation Officials

(AASHTO), a trade association for DOT procurement officials.32 We directly email the survey to

32Specifically, we use the contact lists for AASHTO’s Maintenance, Construction, Design, Materials, and Planning
committees.
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these contact emails. Respondents follow a link to complete the survey via Qualtrics.33

Contractors We also collect contact emails for the contractors (road builders and engineers) from

contractor trade associations and each state’s public DOT website. Here we use public announcements

of winning bidders or lists of pre-qualified firms.34 As with the procurement officers, we email the

contractors directly.35

Sample Appendix Figure E.2 shows the geographic distribution of survey respondents. We have

123 survey responses from procurement officials in 50 states plus the District of Columbia (a response

rate of about 13.5%).36 We summarize the survey responses at the state level, averaging responses

within each state. On average, we have 2.5 responses per state, though this ranges from 7 responses

in Utah, to only one response in 12 states. On the contractor side, we have 211 survey responses from

47 “primary” states (a response rate of about 3%).37 The firms we survey often operate in many

states, but we ask them to consider their primary state of operation while answering the survey. On

average we have 4.5 responses per state, ranging from 20 responses in Texas, to only one response in

8 states.

4 Survey Descriptives

In this section we review some findings from the survey on the procurement process: where states

agree, where there is substantial variation, and what respondents think drives costs.

4.1 Consensus across states

Figure 2 shows that procurement officials agree on a few key issues. First, they are understaffed.

Almost 90% of respondents answered that their state DOT was severely (20%) or moderately (68%)

understaffed. Figure 2(a) shows this summarized at the state level. Second, employee quality is

relatively high. About 30% of the respondents rated the quality of the employees at the DOT as “very

high”, 51% at “moderately high,” and 20% at “neither low nor high” (Figure 2(b)). Contractors,

33Survey distribution started on April 19, 2022, and ended on September 1, 2022.
34The contact information sometimes includes only the firm name and phone number, so we then use google to find

the firm’s email address.
35Survey distribution started on June 9th, 2022, and ended on October 27, 2022.
36Ten procurement official respondents were not original email targets, and thus are not included in the response rate.

Of these, nine respondents received our survey through original email targets sharing the survey. One respondent used
an advertisement that we posted on LinkedIn.

37Four contractor respondents were not original email targets, and thus are not included in the response rate. These
respondents received our survey through original email targets sharing the survey.
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like procurement officials, are considerably more likely to think that state DOTs are understaffed

than overstaffed—though, on average, they do not feel as strongly. They also feel less positive about

employee quality—most think that employees are of neither high nor low quality.

Contractors and procurement officials are aligned on their view of consultants, as Figure 3(a)

suggests some consensus that using consultants increases costs at least moderately. We elaborate this

further in Section 4.3, where we discuss cost drivers. The two groups also agree that corruption is

not a problem—almost 80% of procurement officials and 60% of contractors responded “very small”

to “How large of a problem would you rate corruption?” (Appendix Figure E.3).

Figure 2: DOT Employee Quantity and Quality

(a) Staffing Levels (b) Employee Quality

Notes: Author survey: survey question on x-axis and frequency of response on y-axis. Data aggregated to the state
level. Survey available in Appendix I.

Figure 3: Consultants

(a) Costs (b) Usage

Notes: Author survey: survey question on x-axis and frequency of response on y-axis. Data aggregated to the state
level. Survey available in Appendix I.
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4.2 Variation between states

We also find significant variation across states in a few key topics. For example, states differ in

both the methods they use to estimate the cost of the contract and the information they share with

bidders. While most states use similar projects from previous years and standardized unit cost analysis

to estimate contract costs, a few apply more advanced techniques, such as project-specific technical

drawings, market analysis, and risk estimation (Appendix Figure E.1(a)). Moreover, after developing

the project plans and cost estimates, there is variation in how much information is shared with bidders

(Appendix Figure E.1(b)). Previous research has shown that while providing more information to

bidders can reduce costs by decreasing uncertainty and allowing them to make more accurate bids

(De Silva et al., 2008), providing too much information on the competition (e.g. providing information

on the number and identity of bidders) can increase costs, as contractors will be able to submit higher

bids when they know there is less competition for the contract (Barrus and Scott, 2020). The largest

difference between the response of the contractors and the procurement officials is in whether the

state publishes the identity of bidders. We find that contractors who expect to face fewer bidders in

an auction are more likely to know all of their competitors (Appendix Figure E.7(b)), irrespective of

the information shared by the DOT.

Another source of variation is the use of consultants. Figure 3(b) shows that there is considerable

variation in how often the DOT uses consultants to draw up project plans. Even though most

respondents agree that using consultants can increase costs (shown in panel (a)), a state DOT may

not have the capacity to do all the required work in-house. In free responses, both contractors and

procurement officials cite retirements and departures of high-quality state DOT employees as reasons

for increased use of consultants.

We provide more details on variation across states in the Appendix. Appendix Figure E.5 shows

the variation in timing in different steps of the procurement process, and Appendix I reports the

sample means and standard deviations of each survey response.

4.3 Reported cost drivers

We start with a textual analysis of responses to the free response question, “What do you think are

the main aspects of the procurement and administrative process of highway construction that increase

construction costs?” This is the first question asked in the survey, so it allows us to understand what

is front of mind for the procurement officials and contractors that responded to the survey before

they are primed by the specific questions we ask them about procurement processes.
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Table 2: Free Response on Cost Drivers

Category N %

Competition 434 18.66
Materials and Labor 417 17.93
Project Plans and Scope 388 16.68
Bureaucracy and Red Tape 324 13.93
Risk and Complexity 222 9.55

Notes: Author survey. Respondents are asked the following free-response question: “What do you think are the
main aspects of the procurement and administrative process of highway construction that increase construction
costs?” This table displays the relative frequency of various categories of bigrams (two words used together). We
perform basic text cleaning on the original responses and identify bigrams, following Liscow and Pershing (2022).

Appendix Figure E.9 displays a word cloud of the most frequent bigrams, with relative font size

representing relative frequency. We then classify the bigrams by categories, using the most frequently

cited bigrams to create the five categories.38

Table 2 shows that competition is the most cited cost driver. Procurement officials mention

competition explicitly when asked to describe cost drivers in their states. Consider these three quotes

from the free response:

• “A main aspect that increases construction costs in [state] is competition. The timing of project

lettings, the number of projects advertised on lettings, and the availability/workloads of con-

tractors all factor into the competition. Increasing the number of bidders reduces procurement

costs.”

• “Competition: Costs tend to rise when the number of bidders falls (e.g., a single bidder can try

to name their price). Number of bidders tends to fall as the market reaches capacity.”

• “Limited funds cause limited projects cause limited contractors cause limited competition. Years

of limited work has caused many contractors to get out of the business. Now we have very few

contractors. Limited competition causes higher prices.”

Despite the focus on competition and contractor availability in the free response, 70% of states rarely

do bidder outreach (Appendix Figure E.4). This could be because the DOT has low capacity or

willingness to do outreach, or because they know the market well and no other capable firms exist in

the area.

38See Appendix Table E.2 for a list of key words used for each category. We are able to classify over 75% of bigrams
in these 5 categories, after we remove the bigrams that only appear once. The categories are motivated by the terms
that appear in the top 20 bigrams. The unclassified bigrams are usually more neutral phrases or nouns, such as “start
date”, “additional cost”, “state dot”, “contractor work”.
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The survey responses of the contractors also show how a lack of competition can have immediate

implications for costs.39 Appendix Figure E.7 verifies that in states where competition is mentioned

as a concern, contractors report expecting to face fewer competitors. Moreover, the fewer competitors

a contractor expects to face, the higher the probability they know all of their competitors, and thus

are likely have some information about competitor’s capacity and costs. Only 5.7% of contractors

report that there are often firms bidding that they do not expect (Appendix Table E.1).

The next most commonly cited cost driver is Materials and Labor. We can control for differences

in local labor costs using wages in the highway construction industry (Table 1 Column (2)), and we

do not find that it explains much of the variation across states. We do not have input prices at the

state level, but note that increases in the price of materials did not contribute to the increase in road

building costs over time (Brooks and Liscow, 2023). We note that the cost of labor and materials,

partly due to federal and state requirements (i.e. Davis-Bacon and Buy America) can increase costs

across the country, but are unlikely to materialize as variation in costs across states.

The next two categories the respondents identify as cost drivers are related to capacity. Phrases

such as “Bid document,” “poor plan,” “plan spec,” “change order,” and “plan error” suggest inad-

equate bidding plans, a potential result of limited DOT capacity. For example, one DOT employee

writes, “Bad or unclear specifications or contracts breed uncertainty, which contractors will factor

into their prices as risk.” These type of cost drivers are mentioned in 16.7% of bigrams in the free

response, which we call “Project Plans and Scope”. Further, phrases such as “certify payroll”, “re-

quirement federal”, “paperwork require”, and “red tape” are categorized as “Bureaucracy and red

tape”, which make up 13.9% of responses.

Figure 4 summarizes what procurement officials and contractors think drives cost overruns. Here

respondents are given a list of categories and are free to choose as many items as they wanted. The

question is a bit more specific than the free response question on cost drivers, because of the focus on

overrun (i.e. ex post increases in the cost). Higher costs due to materials, labor, and competition are

more likely to bre realized at the bidding stage, and come in the form of higher bids. Consistent with

Table 2, the most common cause of cost overruns cited by both procurement officials and contractors

was “change of project scope.” The second most highly cited cost driver, from the perspective of the

contractors, was “planning of the agency.” Changes in project scope are directly downstream of poor

planning.

In the previous section we briefly highlighted the finding on costs and consultants (Figure 3(a)).

39We note that contractors also mention competition as a cost driver, but they focus on competition in the downstream
market for subcontractors. We discuss this further in Section 5.2.
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Figure 4: Reasons for Cost Overruns

Notes: Author survey. Respondents are asked “If a project has a cost overrun, what are usually the main reasons?
Select all that apply.” Data aggregated to the state level. Survey available in the Appendix. Only contractors were
given the option to choose “Buy America.”

Respondents are given the opportunity in the survey to elaborate on the role of consultants, and

generally highlight issues with misaligned incentives, lack of institutional knowledge, and timing. One

contractor explains that: “3rd party consultants are highly compensated based on a cost + factor,

they don’t have enough skin in the game during construction”, while another simply summarizes the

issue as: “The ability to make decisions in the field does not exist with most consultants.”40

Lastly, we ask respondents whether there are labor or subcontracting requirements that increase

costs. The responses are tabulated in Appendix Figure E.6. There is widespread consensus for the

40In more detail, another respondent says “Third party consultants are paid by the hour for all work plus a multiplier.
They are not incentivized to complete a project, there are delays in communication and the third party consultant will
deny a potential change order request until it becomes a claim for adjustment. They typically do not work to resolve
issues in the field.” There were more egregious complaints about consultants as well, for example: “The third party
companies aren’t trained and usually don’t have a clue.” However, not all the responses were negative, especially when
they were discussing contractors used in the design phase. Here, one contractor replied that “consultants sometime do a
better job on the design and planning,” while a procurement official mentioned that this might be due to an abundance
of caution (“One issue is that consultants can only design with 100% confidence of no failure. They must err on side of
caution for every design”).
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role of subcontracting requirements in driving costs, which we view as related to the concerns about

competition in the prime contractor market.41

4.4 Nationwide Trends

This narrative from the survey suggests that DOT capacity and costs are closely related. A lack

of capacity at the DOT can hurt the quality of project plans, either from under-staffing in-house or

from outsourcing to consultants with limited institutional knowledge and misaligned incentives (GAO,

2008). The lack of specificity in plans introduces risk to the contractor which increases contractor

bids and opens up the DOT to a costly and time-consuming renegotiation process when the scope of

project changes.

We use administrative data on public sector employment to investigate capacity issues in state

DOTs. We see that state DOT employment has experienced a substantial decline in the last 20 years.

Between 1997 and 2020 full-time employment in state “Highways” (as defined by the Census Annual

Survey of Public Sector Employment and Payroll) has shrunk by 40,000, a decrease of about 20%.

Total state public sector employment rose over the same period, such that the “Highways” share of

total state public employment shrunk from over 6% to about 4.5% (Figure 5(a)). The census data

is consistent with the survey evidence: states that experienced the largest losses in employment are

most likely to report being understaffed.42

The descriptives from the survey also highlight the role of competition as a cost driver. We use

administrative data on industry structure to study the competitive landscape. We observe a change

in the market structure in the highway construction industry over the last 10 years, with most states

losing establishments. Almost 70% of states experienced a decrease in establishments in the Highway

Construction industry over the period of 2007-2017 (Appendix Figure F.1), with the median state

experiencing a decrease of 13% in total industry establishments.43

In summary, the survey respondents are highly concerned with two inputs to the procurement

process: DOT capacity and competition between contractors. We see these two themes highlighted

in many different survey responses, and we use external data to verify that both DOT capacity,

as measured by employment, and competition, as measured by construction establishments, have

declined in the recent past. We also have suggestive evidence that these two cost drivers are connected.

41Subcontracting requirements take the form of limits in the share of work that can be subcontracted, as well as
federal or state requirements on the composition of those contractors.

42Census’s definition of “Highways:” Activities associated with the maintenance and operation of streets, roads,
sidewalks, bridges, tunnels, toll roads, and ferries are included at this function. Snow and ice removal, street lighting,
and highway and traffic engineering activities are also included here.

43A 13% decrease translates to a loss of 17 establishments in the median state.
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Figure 5: State Highway Employment

(a) Time Series (b) Survey

Notes: The panel on the left shows the total state employment in the “Highway” category, both in levels and as
a share of public sector employment (US Census Bureau, 1997-2021). The panel on the right correlates the state
specific “highway” employment change with state-level concerns about staffing, as measured by the author survey.
The state-level “highway” employment change is measured from 1997 to 2021, but the figure looks similar using a
shorter time span for the difference.

States with higher quality DOT employees are also more likely to do bidder outreach, and have slightly

higher levels of bidders (Appendix Figure E.8). In the next section we will link the potential cost

drivers we highlight above, and other procurement practices that we record with the survey, to our

new data on realized infrastructure costs.

5 Correlations: Procurement and Realized Costs

After accounting for state and project observable characteristics in Table 1, substantial variation in

project-level costs remains across states (see Appendix Figure D.5). We now look to see how much

of this remaining variation is explained by the differences in procurement practices across states.

We start with two variables that capture some of the most cited cost drivers from the survey:

DOT capacity and competition. For DOT capacity, we take the number of full-time employees in

state highways (from the Annual Survey of Public Sector Employment and Payroll) and divide it by

the population of that state, in thousands (from Census population estimates). Columns (1) and (2)

show that an increase of one DOT employee per thousand people is associated with a 26% decrease

in project costs (p-value = 0.12).44 For the mean project in our sample, this is a reduction of about

$85,000 per mile at the mean.

For competition we use the number of bidders, which is a project-level variable that we collected

44The p-value on DOT capacity is 0.115 in Column (1) and 0.117 in Column (2).
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directly from the state. The relationship between competition and costs is much weaker at the

baseline. Once we control for the “Engineer’s Estimate”, and therefore also the unobservables that

affect bidder participation, we see a strong negative correlation between the number of bidders and

costs, as expected (Column (3)).45 One additional bidder is associated with 8% lower costs per mile,

or a savings of $30,000 per lane-mile.

In Columns (4) and (5) we measure the difference between realized cost and the engineer’s estimate

as our outcome of interest. Here, we can see that the difference between cost and estimated costs

shrinks with the addition of a competitor: one additional bidder is associated with a 5% decrease

in cost overrun, using the engineer’s estimate as the baseline for costs instead of the winning bid.

Increased competition is correlated with the DOT paying less than they estimated for a given project.

Table 3: Project Costs and Hypothesized Cost Drivers

Project-Level (Cost - Estimate)

Log(Cost/Mile) Estimate
(1) (2) (3) (4) (5)

Hwy Employment per Capita (1,000) -0.263+ -0.263+ 0.022 0.046
(0.164) (0.165) (0.113) (0.095)

Number of Bidders -0.011 -0.083** -0.050** -0.051**
(0.044) (0.035) (0.021) (0.019)

Engineer’s Estimate (Log(Cost/Mile)) 0.838***
(0.158)

Observations 250 250 94 94 94
R-squared 0.37 0.37 0.68 0.11 0.12

Notes: All columns use the regression specification from Column (2) of Table 1. Columns (1), (2), and (3) incrementally
add hypothesized cost drivers as regressors. Columns (4) and (5) use the deviation from the engineer’s estimate as the
dependent variable. The dependent variable is winsorized so that the top value is 1, i.e. costs are double the engineers
estimate. This affects 3 observations. Highway employment per 1,000 people is calculated from Census ASPEP and
Census state population data. The number of bidders is gathered by the authors from project documents. The authors
were able to find an engineer’s estimate for 94 of the 250 projects in the sample. ***p < 0.01, **p < 0.05, *p < 0.1,
+p < 0.15.

5.1 Survey Correlates

We now take the survey responses and correlate them with the project-level cost data. The dependent

variable is log cost per mile, as in Table 1. We also control for all of the project, local, and weather

observables that we included in Column (2) of Table 1, and cluster standard errors at the state level.

The survey responses from the procurement officials and the contractors are aggregated to a state-

level average, unless the question was only asked to one group. Each response variable is normalized

to have a mean of zero and standard deviation of one, such that correlations are comparable across

45The “Engineer’s estimate” is the DOT engineer’s estimate of how much the project will cost. Unfortunately we
only have data on the engineer’s estimate for 19 states, which is why we do not use it more broadly across our analysis.
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questions. In total, we estimate 79 correlations of survey responses with realized project costs.

Both procurement practices and infrastructure costs vary across states, as highlighted in Sections

2 and 4. However, we find that most state-level procurement practices do not correlate with realized

costs: only 8 of the 79 survey responses that we correlate with costs are statistically significant at the

10% level (after adjusting for multiple hypothesis testing using the Romano-Wolf multiple hypothesis

correction).46 The correlations that do emerge are consistent with the two themes that predominated

in the descriptive statistics: 1) limited state DOT capacity and 2) limited competition.

Figure 6 presents the significant correlations results by hypothesis and lists them by the absolute

value of the magnitude. Results for all survey responses can be found in Appendix G, including the

(often much smaller) unadjusted p-values.47 We note that the survey responses have explanatory

power. When we use the observable cost drivers, we can explain about 30% of the variation in costs

between states and projects. When we add all of the survey variables, this increases to 60% (Table

G.5). Therefore, adding the survey variables has the same effect, vis a vis explanatory power, as

adding the Engineer’s estimate to the regression (Table 3, Column (3)).

Capacity We turn first to the results concerning DOT capacity. As we discussed earlier, consultant

use by state DOTs can be an indicator of limited in-house resources. If the state DOT is understaffed

and lacks the personnel necessary to complete a project, then it is likely to outsource work to con-

sultants.48 In fact, we find that states where respondents cite consultants as a cost driver do have

significantly higher costs. Note here that we can only measure the cost of the project that is paid to

the contractor, not any internal staffing costs for the DOT. Therefore, the increase in costs due to the

consultant is not because the consultants bill at a high hourly rate (which can also be true). There

are a few mechanisms that can lead contractors to increase costs ex-post. The most frequently cited

by industry professionals is a lack of institutional knowledge, which can lead to both mistakes in the

46The Romano-Wolf multiple hypothesis correction is typically used when testing a large number of statistical hypothe-
ses. As we test more hypotheses, the probability of falsely rejecting a true null hypothesis increases. The Romano-Wolf
multiple hypothesis correction addresses this problem by controlling for the “probability of rejecting at least one true
null hypothesis among the family of hypotheses under test” (Clarke et al., 2020). We consider all of our survey results
listed in Appendix G to be in the same “family of hypotheses”. For more information on the Romano-Wolf correction,
see Romano and Wolf (2005a,b), Romano and Wolf (2016), Clarke et al. (2020).

47When we consider the unadjusted p-values we find that 12 of the survey responses are significant at the 10% level,
instead of 8. Most are closely related to the variables we will discuss before (i.e. ‘Selected “Planning on the Agency
Side” as a cost driver’, and ‘number of change orders for design build contracts’ are significant under this more relaxed
measure).

48See, for example, the report by the Government Accountability Office (GAO) on outsourcing by state DOTs for
federal-aid highways (GAO, 2008). They find that lack of in-house staffing is the most common reason for hiring a
consultant. Further, the report cites retirements as a driving factor for the lack of in-house expertise, which we will
explore later in this section. Specifically, the report writes: “Erosion of state DOTs’ in-house expertise as a result of staff
cuts and retirements also creates additional risk in the long term and creates challenges for state DOTs in effectively
overseeing consultant and contractor work” (p.35 GAO, 2008).
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Figure 6: Survey Correlates: Significant Results

Notes: This figure shows the correlation coefficients between the survey responses and the project cost that are
significant at the 10% level, or close to significant at the 10% level, after adjusting for multiple hypothesis testing
using the Romano-Wolf multiple hypothesis correction (Clarke et al., 2020; Romano and Wolf, 2005a,b, 2016).
The dependent variable is log cost per lane-mile. Regressions include controls for project, local, and weather
observables (per Column (2) of Table 1), and cluster standard errors at the state level. The survey responses
from the procurement officials and the contractors are aggregated to a state-level average, unless the question was
only asked to one group. The bars represent the 90% confidence interval, which is determined using Romano-Wolf
adjusted p-values. Each response variable is normalized to have a mean of zero and standard deviation of one, such
that correlations are comparable across questions.

project plans and delays when communicating with contractors.

For this question, survey respondents were asked, “How does the agency’s use of consultants

impact costs?” Respondents could choose from five different answers, ranging from “Reduces costs a

large amount” to “Increases costs a large amount.” Interestingly, this correlation displays the largest

magnitude of our statistically significant results, indicating that consultants could be one of the key

mechanisms through which weak state DOT capacity could increase costs. A one standard deviation

increase in reported consultant costs is associated with a 19% increase in cost per lane-mile. At the

mean, this corresponds to a $70,000 increase in cost per lane-mile.

The next two correlations highlight the information that the DOT provides to bidders. Here, we

find that when the DOT publishes the estimated contract value, costs are higher. There may be two

reasons for this. First, it is possible that the state systematically overestimates costs and anchors

bidders to an inflated price. Second, publishing the total estimated cost provides some information

to the bidders, but is not as informative as providing estimates at the unit level (and some states do
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provide this more granular information to bidders). To probe this further, we create a measure of

“Best Practices”, which sums the selection of ‘Project Plans’ and ‘Estimated Standard Unit Costs’,

and subtracts the selections of the less informative ‘Estimated contract value’ as well as information

that would allow contractors to learn more about potential competition and make less competitive

bids when needed (‘Number of bidders’, ‘Identity of bidders’, and ‘Bid Bond’). This measure of “Best

Practices”, which is labeled “DOT publishes both plans and unit costs” in Figure 6, is negatively

correlated with costs: a one standard deviation increase in the “Best Practices” score is associated

with a 17% decrease in cost per lane-mile.

Next, we see that change orders have a positive correlation with costs—the more change orders that

are expected, the higher the costs. Frequent change orders directly lead to higher costs through delays

and costly renegotiation; they are also a downstream symptom of poor administrative capacity at a

state DOT—many contractors reference poor-quality project plans made by third-party consultants

as a cost driver (Table 2 and Figure 4). One additional change order is associated with a $25,000

increase in cost per lane-mile, at the mean.

Lastly, we find that states that are more likely to flag “burdensome administrative processes” as a

source of project delays have higher realized costs. It seems likely that slow administrative processes

could be a result of limited DOT capacity. If a state DOT is understaffed, each staffer will have a

large workload, likely leading to delays as the staffers work through administrative hurdles. A one

standard deviation increase in the proportion of people that cite administrative processes as a source

of delays is associated with a 14% increase in cost per lane-mile.49

Most of our significant results related to DOT capacity speak to potential symptoms of under-

staffing. It is worth noting that we have suggestive evidence on a different axis of DOT capacity—

quality of DOT employees. In the survey, we ask, “How would you rate the quality of the employees

at the state department of transportation?” A higher DOT quality is associated with lower costs,

though this correlation is not statistically significant at the 10% level after adjusting for multiple

hypothesis testing.50 The magnitude is striking– a state with a neutral rating has 28.6% higher costs

than one that rates the DOT employees as “moderately high quality”, all else equal. This corresponds

to a $105,000 increase in cost per lane-mile.

49This survey response explicitly links burdensome administrative processes with delays. We note that burdensome
administrative processes can also increase costs if it prevents entry.

50The unadjusted p-value on the employee quality rating is 0.09 while the Romano-Wolf p-value is 0.21; see Appendix
G.
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Competition The next two significant correlations concern competition. First, states that do

outreach to increase the bidder pool have significantly lower costs, highlighting both the importance

of competition and the role the DOT can play to increase it.51 A one standard deviation (12 percentage

point) increase in bidder outreach is correlated with a 17.6% decrease in costs. At the mean, this

translates to a decrease in costs of $65,000 per lane-mile and $1 million at the project level. This is

striking, given the relatively low levels of bidder outreach we see across states (Appendix Figure E.4).

There is also a relationship between subcontracting restrictions and realized costs. Many con-

tractors do not have the capacity to do 100% of the work of resurfacing a highway in-house, so they

subcontract parts of the project.52 State governments can restrict the share of a contract’s dollar

value that prime contractors (those that bid on the project) are allowed to subcontract, and states

can vary in how simple it is to add subcontractors to a project.53 A one standard deviation increase

in citing issues with subcontracting limits is associated with a 15.7% increase in costs. This is a

large effect; in a state where every respondent selects “Limits on share of project that can be subcon-

tracted” as a cost driver realized costs are 62% higher than in a state where none of the respondents

select subcontracting limits, all else equal.54

Other potential cost drivers The final statistically significant correlation regards weather. Se-

lecting “Weather Shocks” as a source of cost overruns is negatively correlated with costs. The specific

question is, “If a project has a cost overrun, what are usually the main reasons?”, so it may be that

in states where the main reason for cost overrun is weather, things are operating well.

Appendix Tables G.1-G.4 presents the results of all of the correlations with cost, which includes the

beta estimates, unadjusted p-values, and the Romano-Wolf p-values. We note that not every capacity

or competition survey question has a significant correlation with costs—but it is striking that none

of the other original hypotheses exhibit any significant correlations. In Section 3.2.2 we introduced

five broad hypotheses related to procurement costs: transparency, competition, quality, capacity, and

corruption. We find no relationship between realized costs and questions on transparency, quality, or

corruption.

51This has also been found to be important to procurement in the Government Performance Lab’s work in St. Paul,
Minnesota (Government Performance Lab, 2016; Liebman and Azemati, 2016).

52For example, a contractor may be able to produce asphalt in-house, but may have to hire another firm to put down
concrete for a curb cut. In most states the bidding contractor does not need to submit the list of subcontractors at the
time of bidding, but they do need to estimate the costs of the subcontracted work.

53All projects that receive federal funding have an upper bound for subcontracting of 70% of contract value
54Generally, subcontracting limits may be either lower or upper bounds—in the case of DBE regulations, there is

sometimes a lower bound on how much of a contract’s value must be let out to a DBE-qualified subcontractor. The
relationship between subcontracting limits and costs does not seem to come from DBE-related lower bounds: states
that cite DBE requirements as a cost driver do not seem to have higher realized costs.
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On transparency, we asked questions related to the public availability of documents during bid

letting, bid evaluation, and construction. This could include providing public information on past

contracts, excluded bidders, and results of change orders. We do not find any correlation between

these indicators of transparency and the project costs. On quality, we asked questions about bidder

exclusion and bid evaluation. This includes a set of questions on how the DOT identifies and/or rejects

unrealistically low bids or mathematically/materially unbalanced bids. None of these questions on

bid evaluation correlate with costs. On exclusion, none of the questions on bidder pre-qualification

correlate with costs.

On corruption, we asked questions related to general corruption, bidder collusion, unethical con-

tractor behavior, or improper state employee behavior. Very few respondents cited concerns with

corruption, and these concerns did not correlate with realized costs (Appendix Table G.4). However,

we had fewer respondents for these questions and were concerned that this could be driving the null

results. We were also concerned that perceptions of corruption among survey respondents might differ

substantially from relative levels of corruption in reality. Thus, we also tested for corruption using

an external measure—a state-level corruption index from Boylan and Long (2003), constructed using

surveys of State House reporters. Similar to our survey questions, the Boylan and Long index showed

no correlation with project costs.

In Appendix Table G.2 we see that the average length of time between procurement steps at the

state level does not correlate with realized costs, which goes against common wisdom on the cost of

delays. However, we note that costs and project duration exhibit a tight positive relationship. We

have information on duration in 33 states. Appendix Figure D.6 shows the relationship between cost

per mile and days per mile: a standard deviation increase in duration (50 days per mile) correlates

with 43% higher costs per mile. This is consistent with the discussion of the role of delays in Section

A.4.

5.2 Additional Evidence

Finally, we bring in non-survey data to provide additional evidence of the two major findings of the

paper. This includes data on subcontracting limits to study the market for subcontractors and data

on bid document packets to study the role of compliance requirements.

Subcontractors First, we investigate the role of subcontractors, given the finding that states where

subcontracting limits are cited as a cost driver have significantly higher costs. Procurement officials

and contractors in over 80% of states mentioned the Disadvantaged Business Enterprise (DBE) pro-
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gram as a cost driver (Appendix Figure E.6). However, we do not find any correlation between this

response and realized costs. This may be due to lack of variation, as it is a federal program. This may

also be due to the politicization of the program; some contractors and officials view it unfavorably

as an affirmative action initiative. However, since we do see a correlation between subcontracting

limits and costs, we use the DBE program as a case study to further probe the role of competition

in the subcontracting market. If states do not have a thick market of DBE qualified firms, any DBE

requirements may directly affect costs through limiting competition at the subcontractor level.

Here, we collect two variables to measure the market for Disadvantaged Business Enterprise (DBE)

firms. First, at the project level, we assemble the project-specific “DBE goal.” This is the percentage

of work that the DOT would like to be subcontracted to a DBE, which the state DOT can vary by

project in order to meet overall state-wide goals. Second, we create a measure of the thickness of

the DBE market by calculating the number of registered DBE firms over the number of construction

establishments in the state.

Table 4 shows that projects with higher DBE goals cost more. The mean DBE goal is 4.7% and

the standard deviation is 5.1%. A one percentage point increase in the DBE goal is associated with

2.5% higher costs, while a one standard deviation increase is associated with 13% higher costs per

mile.55 However, in states with a thicker DBE market costs are, weakly, lower. Of course, these are

correlations, and projects with high DBE goals could differ from other in a host of ways that also

increase costs. It may also be that states that are not able to encourage entry of DBE firms are high

cost in other ways. Still, it remains an additional piece of evidence for the role of competition as a

cost driver.

Bid Documents Next, we study the relationship between cost and the length of the documents

that bidders need to submit to compete for the project. This is a proxy of administrative burden

at the DOT, as we find evidence from the survey that administrative processes drive delays, and

therefore costs. These bid documents, or “packets”, required for a bid proposal and are published as

templates for contractors to fill out. The packet includes the plans and details of the project, which

is helpful information for the bidder, but also includes all of the compliance requirements and local,

state, and federal regulations that apply to the project. The average length of such a packet in our

sample is 164 pages, with a standard deviation of 80 pages.

55We are not able to collect this data for all states—we have DBE goal data in 32 states and DBE market data in 36
states. States that have already met their state and federal DBE thresholds will not post “DBE goals” at the project
level, so we could instead code them as 0. The patterns remain unchanged. The DBE market data is collected directly
from the publicly posted DBE registries.
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Table 4: Additional Evidence: Competition and Administrative Burden

Project Cost per Mile (log($M))
(1) (2) (3) (4)

Project DBE Goal (%) 0.022+ 0.025*
(0.014) (0.014)

State DBE Share -0.060 -0.254
(0.311) (0.286)

Bid Document Page Length 0.002*
(0.001)

Observations 119 119 119 125
R-squared 0.49 0.47 0.49 0.50

Notes: The table presents a simple regression between resurfacing costs and measures of subcontracting requirements
and administrative burden across states. The regressions include all of the controls from Column (2) of Table 1
(project details, local characteristics, state weather), as well as highway employment per capita to capture the role
of state capacity that may be correlated with the DBE goal and/or bid document page length. Standard errors are
clustered at the state level. The DBE goal is a project-level variable that measures the % of the project that needs
to be completed by a DBE firm. This is collected from the bid letting. The DBE share is a state-level variable
that measures the number of construction firms registered as a DBE, as a share of the total number of construction
firms. This is collected by the authors by downloading DBE registries in each state that it is available (36 states).
***p < 0.01, **p < 0.05, *p < 0.1, +p < 0.15.

We collect data on “bid packets” from various state DOT agencies, specifically related to state

highway resurfacing projects, and measure the page length of the PDFs.56 We manually search online

for publicly available templates and are able to successfully find PDFs for 25 states.

Table 4, Column (4), shows the results of the simple regression of state bid document length and

realized project costs. The result implies that an increase of 10 pages is associated with a 2% increase

in project costs per mile, while a one standard deviation in page length is assocated with a 16%

increase in costs. We cannot rule out the possibility that some states tend to have more complex

projects and thus a longer template, but our templates are for the whole state, not particular projects,

and we control for project complexity, limiting these concerns. We view this correlation as further

evidence that administrative inputs at the agency can drive costs. This may operate through delays

and time cost to the DOT employees preparing and reviewing the compliance documents, or it may

operate through competition, deterring potential bidders who do not have the experience in how to

properly complete the packet (Hjort et al., 2020).

6 Engineer Retirements and Procurement Outcomes

This section investigates the role of capacity with detailed administrative data from California’s DOT,

Caltrans. We use variation in engineer retirements as a quasi-experimental capacity “shock.” We focus

56See Appendix F.4 for more details on the data collection process.
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on retirements partly because this was directly mentioned by many survey respondents when asked

to describe their views on state DOT employees.

As a first example, one procurement official detailed, “We have a lot of talented individuals who

are in the later stages of their career. Our issue in [state] is attracting new talent, the current

candidate pool is very weak.” Another mentioned difficulty competing with the private sector: “Open

vacancies, and experienced staff either retiring or moving on, makes it difficult to train new hires with

no experience or just out of college. It takes time to get them on board to produce contract plans and

getting them up to speed on our standards. We also have hurdles with offering enough compensation

to compete with private engineering firms.” Contractors noted their preference for more experienced

engineers: “Older employees tend to listen to contractors on how a project could be constructed.

Newer employees tend to do things ‘by-the-book’ as they are usually unfamiliar with what the plans

& specs required.”

As discussed earlier, DOT employment is decreasing and procurement officials report that their

agencies are under-staffed (Figure 5 and Figure 2(a), respectively). The free responses about employee

quality raise another related point: when an employee retires, the agency loses not only manpower

but also experience. New employees do not have the institutional expertise that is accumulated

over a long career. Further, competition with the private sector creates difficulties in attracting high-

quality candidates. This is consistent with government reports on the role of retirements and in-house

experience (GAO, 2008; TxDOT, 2010).

Past work has studied how employee departures affect productivity, though largely through the

lens of increased workload. Bajari and Tadelis (2001) develop a model of procurement contracts,

inspired by stylized facts from the private-sector construction industry. One feature of the model is

that busier procurement officers write less complete contracts, leading to more renegotiations ex-post.

Warren (2014) bring this theory to the data, in the setting of federal procurement. He finds that

retirement-induced workload spikes increase the risk of renegotiation and increase costs. Here, he

uses retirements as an instrumental variable for the number of procurement officers at an agency,

and then leverages variation across and within agencies. The Warren (2014) identification argument

relies on the assumption that retirements are only related to procurement contracts and outcomes via

employment. Past work has found that civil service retirements are largely driven by pension rules,

and that retirements spike at age thresholds (Asch et al., 2005).57,58

57This argument is also likely to hold in our context, which studies DOT engineers who are state civil servants.
58We also note that managers and agencies should be able to forecast who is retirement eligible and adjust both

workload of projects and staffing decisions accordingly. For this reason, Giuffrida and Raiteri (2023) use unanticipated
retirement shocks as a shifter of procurement officer workload, where the unanticipated retirement shock is the difference
between the actual and eligible number of retirements in a year. However, we are not only interested in the workload
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In this section, we exploit variation in retirements of engineers across Caltrans districts. However,

we do not use this variation as an instrumental variable for employment (unlike Warren (2014) and

Giuffrida and Raiteri (2023)). We are not primarily interested in how retirements affect employee

workload; we are interested in the loss of institutional knowledge that departs the district with the

retirement (in other words, we are interested in plausibly exogenous shifts in district employee quality,

similar to Decarolis et al. (2020)). Even if the DOT is hiring new engineers to fill the retirements

immediately, the new engineers will have much less experience and, as a result, capacity will have

decreased.59 Therefore we will study the direct effect of retirement, as a proxy for capacity loss, on

procurement outcomes.

6.1 Data

We construct a district-year panel of Caltrans projects and retirements. We obtain data on personnel

from the nonprofit “Transparent California.” This includes Caltrans’ pension records for 2012-2023.

In these records, we observe the retirement year, district, and job title at retirement for all Caltrans

employees who were still drawing a pension (i.e., living) as of the record year. As such, we have the

near-universe of pension records for retirements in the 2010s, and what we believe to be the vast

majority of records for the 2000s.60 In addition, employment records for Caltrans are available for

the years 2011-2023. These records track salary and job title, but do not track the district in which

employees work.

We select the pension records on the job title “Transportation Engineer.” Appendix Table H.1

shows the distribution of retirements, by title. The majority (62%) are labeled as “Transportation

Engineer (Civil).” This is a staff engineer at Caltrans. This would include both design engineers that

draft project plans and resident engineers that manage the work on the ground. These employees

retire with 26 years of experience, on average.61 Then, there are more senior engineers (associate,

senior, principal, and supervising transportation engineers). These employees have slightly more

experience at retirement (31 years, on average).

We have the universe of project-level cost data from Caltrans. We exclude some projects that do

not follow typical construction or maintenance timelines, such as planting and irrigation contracts that

have a fixed duration. Otherwise, we use all Caltrans projects for which an award date is available.

We restrict to projects that were awarded in 2000-2018 to ensure that all projects are completed,

effect of retirements.
59The quotes at the start of the section make it clear that even anticipated retirements can signal a loss of capacity.
60Pension records do not supply the universe of all departures from Caltrans, though. Employees need at least 5 years

of service, and must retire no younger than 50.
61Employees need to be 50 (and in same cases 52 or 55) to receive their pension.
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and to minimize the effect of the Covid-19 pandemic on our results. Within each district-year, we

calculate statistics for projects awarded in district d and year t. The outcomes of interest include

project duration, winning bid, and cost overrun, each of which we winsorize at the 2% level. Our

final sample has 9,600 projects over 12 districts and 19 years.

We construct a “retirement shock” as the share of engineers that retire in each district-year. We

use the ratio of retirements divided by an estimate of the number of engineers. The numerator is the

number of retirements in the district-year. The denominator is more complicated because we do not

have district-year engineering employment over time. Instead we use the total number of engineers

statewide in a base year multiplied by the district’s share of all awarded projects in the base year.62

Ideally, our base year would be 2000, but we use 2011 because it is the first year we have access to

employment records. A shock value of 100 means that a number of engineers roughly equivalent to

100% of the district’s 2011 staff retired that year. Appendix Figure H.1 shows the distribution of

retirement shocks—the mean is 2.1% and the standard deviation is 1.7%.63

6.2 Empirical Approach and Results

We estimate the following equation, which takes the measures of district-level procurement outcomes

measures as a function of the retirement shock. This captures whether a larger than average retirement

shock increases the duration and cost of projects started in t:

Ydt = β0 + β1
Retirements

Engineers dt

+ β2 # of Projects + γd + ϕt + ϵdt. (1)

The regression includes district (d) and year (t) fixed effects, and includes a control for the number

of projects starting in that year. The district fixed effects control for time invariant omitted variables

at the district level, while the year fixed effects control for time-varying shocks at the state level.

An identification assumption is that retirements only affect procurement outcomes via the loss of

capacity (experience and, potentially, staffing), not through another channel. As we mentioned in our

discussion of the literature, retirements of civil servants are largely driven by the attainment of the

pension age thresholds (Asch et al., 2005; Giuffrida and Raiteri, 2023). If civil servants are retiring in

order to avoid more complicated projects, this would create a positive bias for our results. However,

our results are robust to controlling for the mix of project type, suggesting that it is not a change

in the complexity of the projects that drives our findings. Additionally, identification requires there

62We have statewide employment of engineers, so we also have to adjust for the fact that not all engineers are assigned
to a district, some work at Caltrans Headquarters. We know from the pension data that this is about 20%, so we deflate
the state employment by 80%.

63When we only use staff engineers (i.e. “Transportation Engineer (Civil)”) to create the retirement shock the mean
is 1.7% and the standard deviation is 1.4%.
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Table 5: Engineer Retirements and District-Level Procurement Outcomes

Duration log(Winning Bid ($)) Overrun (%)
Mean Median Mean Median Mean Median

Retirement Sample: All Engineers
Retirements
Engineers (%) 10.569** 8.076+ 0.045+ 0.035 0.237 0.279**

(3.984) (5.041) (0.027) (0.031) (0.206) (0.106)

R-squared 0.69 0.67 0.74 0.71 0.60 0.60

Retirement Sample: Staff Engineers
Retirements
Engineers (%) 11.735*** 7.564+ 0.044** 0.025 0.380* 0.351**

(3.704) (4.367) (0.017) (0.018) (0.204) (0.149)

R-squared 0.70 0.66 0.74 0.71 0.60 0.61

Retirement Sample: Senior Engineers
Retirements
Engineers (%) 2.117 2.079 0.018 0.022 -0.065 0.007

(1.808) (1.782) (0.016) (0.019) (0.084) (0.034)

R-squared 0.69 0.66 0.74 0.72 0.60 0.59

Observations 228 228 228 228 228 228
District FE × × × × × ×
Year FE × × × × × ×
Dep. Var. Mean 365.53 285.54 13.90 13.75 6.80 4.90

Notes: The table presents a simple regression of the district-level retirement shock on district-level procurement
outcomes (duration, bid amount, and cost overrun), as specified in equation 1. All regressions include District
and Year FE. The independent variable of interest, Retirements

Engineers
, is measured as a percentage. There are 3 sets of

regressions: the first uses any engineer retirement in the district, the second only uses “staff” engineer retirements,
and the third only uses “senior” engineer retirements. For each of these shock variables the denominator is the
estimated number of engineers of that type in that district in the base year. The results are robust to restricting
the sample to resurfacing and to controlling for the composition of project types at the district-year level. Standard
errors are clustered at the district level. ***p < 0.01, **p < 0.05, *p < 0.1, +p < 0.15.

are no time-varying, district-specific, shocks that cause both retirements and lengthier projects. We

cannot disprove the existence of such a shock but struggle to find a convincing example of such an

event in our context.

Table 5 shows the results. A one percentage point increase in the retirement shock leads to a

10.6 day increase in project duration at the mean, and 8.1 days at the median. The average project

takes one year to complete (285 days at the median), so this change represents a 2.9% increase at the

mean (2.8% at the median). The effect on the bid amount translates to a 4.5% increase on the mean

winning bid, but is not significant at the median. The median cost overrun is 4.9% over the districts

in Caltrans. Therefore, districts with a one percentage point increase in retirement shock experience

a 5.6% increase in cost overruns, at the median.

Table 5 also shows the result by the “type” of retirement. We define two types: “Staff” and
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“Senior.” Staff engineers, as described in the previous section, have the job title “Transportation En-

gineer (Civil)”, and are the majority of the engineers in the sample. Senior Engineers are “Associate”,

“Senior”, “Principal” and “Supervising” Transportation engineers, who have more management re-

sponsibilities and retire with slightly more years of experience. The results using only the “staff”

engineers are even stronger than the full sample, while the results using only the retirements of “se-

niors” tend to show smaller or no effects. A one percentage point increase in the retirement shock for

staff engineers is associated with a 11.7 day increase in mean duration (3.2%), 4.4% increase in mean

winning bid, and a 0.38 percentage point increase in mean overrun (5.6%). The mean retirement

shock for “staff” engineers is 1.7% and the standard deviation is 1.4%.

These results suggest that this is not primarily a story about a loss of capacity at upper levels

of management. Instead, it is the staff engineers that are delivering the project—drawing up project

plans, creating cost estimates, and on the ground communicating with contractor—that drive the

results.64 These engineers are an essential input to day-to-day Caltrans operations and have direct

effects on timely project completion, as well as costs. When the staff engineers retire, anticipated or

not, outcomes suffer. The qualitative evidence from the survey provides some insight on why, such as

losing hard-to-replace expertise from long experience on the job. Lags in replacing even anticipated

retirees that result from bureaucratic state hiring practices may also contribute.

7 Conclusion

It is very expensive to build and maintain infrastructure in the United States. The reason why

has eluded researchers and policy-makers alike, due to difficulties in collecting data and comparing

projects. We create two new data sets to answer this question. The data allow us to (1) actually

measure infrastructure costs at the project level and, (2) document differences in the procurement

and delivery of infrastructure at the state level.

Two themes arise from our study. The first is the role of DOT capacity as a cost driver. DOT

employment has decreased by about 20% in the last 20 years. We find that DOTs that provide

more details at the time of the bid-letting have lower costs, while states with more change orders,

which are often the result of poor planning, have higher costs. Consultant use, a symptom of low

64The Caltrans HR job posting summarizes the “Transporation Engineer (Civil)” job as follows: “This is the entry,
first working, and journey level of professional engineering work in Caltrans. At the journey level and with registration
may be in a responsible charge capacity. Under the direction of a registered engineer, incumbents perform a wide variety
of professional engineering work in either an office or field setting; as incumbents progress in experience they will be
assigned more difficult work and may function as a lead person over the activities of various engineering and technical
personnel; and do other related work.” See https://www.calhr.ca.gov/state-hr-professionals/Pages/3135.aspx

for more.
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in-house capacity, is correlated with higher costs. We use detailed personnel data from the state of

California to study the relationship between capacity and district-level productivity. DOT districts

that experience an above average retirement shock suffer from longer projects and higher winning

bids.

The second is the role of competition as a cost driver. This is evident from the survey and the

administrative data—bidders know the identity and capacity of their competitors at the time of the

bid-letting, DOTs do very little bidder outreach, and there are fewer construction firms in most

states than there were 10 years ago. Further, the number of bidders, and the DOT propensity to

do outreach, correlate with lower realized costs. It also may be that competition as a function of

agency capacity—higher capacity DOTs (as measured by reported quality) do more bidder outreach

and have slightly higher levels of bidders (Appendix Figure E.8).

The results suggest it is not one specific procurement rule that will be the remedy for the high

cost of infrastructure in the United States. Instead, the issues are structural, and deserve significant

further attention by researchers and policy alike. We hope that the new data we produce with this

paper will be a useful tool and motivation for further work on this topic.
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Appendix

A Procurement Process and Hypotheses

In this section we provide more details on the state DOT procurement process. We proceed chrono-

logically, and highlight which practices at each stage of the procurement process have the potential

to affect final highway construction costs.

The hypotheses are mostly from the industrial organization literature, which includes many specific

case studies from a handful of states. However, the survey will also allow us to highlight cost drivers

that have not been studied much in existing literature. For example, we can ask about how often

the state DOT employs consultants, which is often mentioned in conversations with practitioners as

a potential costly practice (Levin and Tadelis, 2010).

Outside of the procurement process, we also ask about DOT capacity and quality, to speak

to the ability of the state to run an efficient procurement system and oversee road maintenance and

construction. On the contractor side, we ask about firm size and experience, as well as their knowledge

of their competitors and their investments in cost reductions.

A.1 Pre-bidding

In the first stage, pre-bidding, the procuring entity (which is the state DOT here) assesses its pro-

curement needs and budget. The DOT decides which projects to complete and the scope of each

project (e.g., a project for 30 miles of road vs. three separate projects for 10 miles), and the state

engineer estimates the cost of each project. State DOTs often plan highway construction projects 4

years or more in advance to conform with federal regulations.

Contractors’ bids are higher when they are capacity constrained.

If there are only a few eligible contractors for a large complicated project, and these firms have

capacity constraints, both the timing of projects and the size of the job have the potential to reduce

the pool of potential bidders, reducing competition and driving up final procurement costs (Best

et al., 2023; Jofre-Bonet and Pesendorfer, 2003).

For instance, timing procurement with aggregate demand shocks could take advantage of slack

construction firm resources, although government stimulus may invert this effect. An examination

of the 2009 ARRA stimulus package on highway construction found that the government paid prices

that were 6.2% higher, due to the effect of stimulus projects on firms backlogs (Balat, 2012). Due
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to capacity constraints, the firm that has already committed to an ongoing project will have to pay

overtime wages or rent additional workers; competitors may increase their bids if they know their

rivals are constrained.

A.2 Bid Letting: Announcing the Project and Collecting Bids

In the second stage, bidding, the DOT determines the procurement method, the information made

public for the project, and how the bids will be collected. The procurement method has a direct effect

on costs, as different auction designs correspond to different optimal bidding strategies (Milgrom and

Weber, 1982). However, given our focus on road resurfacing, there is no variation in the actual auction

design; we know all states use low-bid (first price) auctions.65 However, the states do have discretion

on where they post the project, whether they advertise it, and what information they include.

Providing detailed and accurate information on project plans reduces final costs.

There is no federal mandate dictating how much information a state DOT needs to provide to

bidders. However, there is evidence that providing more information to bidders on the specifics of

the project and engineer’s estimate can reduce costs (De Silva et al., 2008). In effect, providing more

detailed plans to bidders reduces uncertainty on construction costs which will result in realized costs

being closer to the winning bid. The accuracy of these plans is also important: conversations with

practitioners indicate to us that incomplete or incorrect plans can delay project completion or lead

to costly renegotiation.

Providing detailed information on competing bidders can increase costs.

It is also possible that more information can increase costs, when this information facilitates

collusion. For example, in Kentucky, the DOT made the names of firms that purchased bid proposals

public the Friday before bids were due. This allowed firms to know if anyone was eligible to bid

against them before submitting their actual bid (Barrus and Scott, 2020). The authors suggest that

“the threat of even a second potential bidder in an auction [would lower] the winning bid by over ten

percent, and that reforming the two-step procurement process, with its opportunity for gaming bids,

could reduce costs for highway construction in Kentucky.

Efforts to increase the bidder pool can decrease costs.

Advertising the project and doing outreach to potential bidders can have substantial effects on the

65This is typical for road resurfacing and building projects that use federal funds, which are the focus of our survey.
More complicated projects might be evaluated on price and quality. There is evidence that evaluating bids on quality,
not only price, provides incentives for faster delivery (Lewis and Bajari, 2011).
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level of entry (Krasnokutskaya and Seim, 2011; Levin and Smith, 1994) and the ability of incumbent

bidders to collude (Bajari and Ye, 2003; Clark et al., 2018; Porter and Zona, 1993). It is well-

established in the auction literature that increasing competition can reduce costs, and efforts in St.

Paul, Minnesota has shown bidder outreach can achieve this effect (Government Performance Lab,

2016; Liebman and Azemati, 2016).

The DOT’s level of outreach is not specific to the auction design, so it is not the focus of much

of the IO procurement auction literature. An important contribution of our survey approach is to

collect data on these procurement practices which may not be codified in state regulations but have

the potential to substantially affect costs.

A.3 Submitting Bids and Project Award

After the bids are collected, the bids are evaluated and the contract is awarded.

Strict criteria to evaluate bids have the potential to decrease costs.

The common legislative requirement is to award highway construction using a low-bid system.

However, procurement officials are generally wary of extremely low bids. These could be the result

of the bidders attempting to win the contract for a low price, expecting to renegotiate a higher price

at a later date. These could also be the result of an inexperienced bidder, not realizing what actual

costs will be: unrealistically low bids[s], while appearing to be a real bargain, may in fact result from

the bidder, or lack of competence to successfully complete the given project, (National Academies of

Sciences, Engineering, and Medicine, 2006). The procurement office can police “abnormally low bids

by establishing a criterion to identify them, and then throwing out bids that are flagged as abnormally

low or “mathematically unbalanced” (i.e., when a bid is unrealistic in its cost structure).

Strict criteria to evaluate bids have the potential to increase costs if overly burdensome.

During the bid screening process the procuring entity can exclude bids for other types of errors

besides abnormally low bids. If the bidding process is too complicated it creates the possibility for

bidders to make small technical mistakes that disqualify otherwise qualified bids (Best et al., 2023).

Trivial reasons to exclude bids in the bid screening process will artificially reduce competition, and

increase costs.

A.4 Construction: Execution of the Contract

Execution concerns everything that happens in the period between the commencement of work and

when the project is completed. This includes delays, contract renegotiation, payment, and inspection
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of the final works.

Delays increase costs.

This is a well-known fact in the literature. Delays increase total project costs, and incur costs

to commuters who would like to travel on the road that is being serviced. What are not as well

established are the degree to which delays vary across states and the source of the delays. Our survey

asks about the frequency of delays, the usual causes of delays, and about two specific processes

that can cause delays: obtaining regulations and permits for work, and renegotiating the contract.66

Recent work in the Kenyan setting show that more stringent certification and inspection requirements

required by the World Bank led to substantial delays (Wolfram et al., 2023).

The renegotiation process causes realized costs to exceed winning bids.

Incomplete contracts can create a costly renegotiation process, which bidders might take advantage

of when submitting bids in the bidding stage (Lewis and Bajari, 2014; Ryan, 2020). Completing any

negotiation or change orders quickly will reduce delays, as discussed above. Beyond delays, the ability

to renegotiate on costs can affect bidder strategy. Therefore, anything that the DOT does to constrain

the renegotiation process can have an impact on costs.

Figure A.1: Contract Award and Unit Bidding

Notes: This figure shows an example of bids for a state DOT resurfacing project (this example is from Arkansas).
Each contractor bids at the unit level, on a list of goods and services that are specified by the DOT. For example, in
this project the DOT estimates that the contractor will need 406 gallons of tack coat and 5 tons of asphalt binder.
The contractors’ bids consist of a cost per item for each list on the unit bidding sheet, which are then multiplied by
the quantities and aggregated. The contractor with the lowest bid wins the contract.

66After the passage of Resource Conservation and Recovery Act and subsequent regulation, Alabama DOT accepted
bids for a project involving lead paint removal. One company that was aware of the regulations submitted a bid three
times the size of a contractor that was unaware of the regulation changes (Tarrer and Boylan, 1995).
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B Example Project

In order to give the reader some additional context, we go the details of a representative project in our

dataset. This project is “grading, bituminous mill, and overlay” (per the project description, Figure

B.1) for 12.28 miles of Minnesota State Highway 28. First the construction team needs to level the

highway (grading), then the top layer of an existing bituminous (asphalt) road is removed using a

milling machine, and lastly a fresh layer of asphalt is applied (overlay). Figure B.2 shows a snapshot

of the process. Although these are small projects compared to bridge or subway construction, it is

still relatively capital intensive.

As we described in Section 3.1, the state DOT plans the project, publishes those plans and a bid

document for the contractor to fill out, and then evaluates the bids. Below in Figure B.1 we show a

snapshot of the front page of the bid document, which summarizes the project. This is the type of

information that we should either have in the data we request in the DOT, or we supplement with

from online searches of bid documents. Figure B.1 further shows a snapshot of the project plans,

which also would be included in the bid document. In this project, the bid document is 345 pages

long (we discuss these documents further in Section 5.2).

Figure B.1: First Page of Bid Document
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Lastly, we have the result of the bidding process. There were 5 bidders in total, and they all

submit unit bids. A snapshot of the unit bid submitted by the lowest bidder, Central Specialties, is

shown in Figure B.4. This firm won the auction with a winning bid of $2.50 million. The final cost

of the project, according to the data we collect from MNDOT, was only 3.2%, or $80,000, over, at

$2.58 million.

Figure B.2: Mill and Overlay on MN State Highway 28

(a) Mill (b) Overlay (c) Finished Product

Figure B.3: Snapshot of Project Plans
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Figure B.4: Snapshot of Unit Bids
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C Descriptive Statistics for Table 1

Table C.1: Descriptive Statistics

Obs. Mean Std. Dev. Min. Max.

Project Cost per Mile ($M) 250 0.37 0.51 0.01 5.19

Log(Project Cost per Mile ($M)) 250 -1.48 0.96 -4.87 1.65

Project Details:
Complex Dummy 250 0.06 0.24 0.00 1.00

Mileage 250 15.17 13.26 1.00 87.64

State Highway Dummy 250 0.66 0.47 0.00 1.00

Engineer’s Estimate (Log(Cost/Mile)) 94 -1.43 0.75 -3.13 0.29

Number of Bidders 250 3.36 1.49 1.00 9.00

Local Characteristics:
Log(Population Density) 250 3.30 1.85 -2.25 8.88

Log(Wages in Hwy Construction) 250 4.36 0.38 3.55 5.51

State Characteristics:
Precipitation 250 38.67 14.44 9.96 70.00

Winter Low 250 23.50 11.91 1.10 68.00

Snow Proxy 250 2.60 4.72 0.36 34.54

Summer High 250 83.61 6.07 60.20 94.20

Roughness Index 250 96.60 14.81 72.46 141.45

Hwy Employment per Capita (1,000) 250 0.92 0.63 0.23 3.25

Notes: This table presents summary statistics of the variables used in Table 1, as well as other variables used in
analyses. The project-level costs and characteristics (including number of bidders) are collected by the authors, and the
data on other observables is described in detail in Appendix F. “Mileage” is measured in lane-miles (lanes × length of
highway), “Complex” is a dummy to denote that the project involves work beyond a standard resurfacing job, and “State
Highway” is a dummy to denote it is a state highway resurfacing project, as opposed to an interstate. “Precipitation”
is the yearly precipitation total in inches for a given state, averaged over the period 2000-2019. “Winter Low” is the
average state-level winter low temperature over 2000-2019, and “Summer High” is the average state-level summer high
temperature over 2000-2019. “Roughness Index” is the average of a state-level roughness measure from the years 2014,
2018, and 2019. This comes from Highway Statistics (Federal Highway Administration, 2014,2018,2019). A larger value
of “Roughness Index” corresponds to rougher roads. The “Engineer’s Estimate” is the projected cost per mile (only
available for 19 states). This is collected by the authors by manually searching the internet. Highway employment per
1,000 people is calculated from Census ASPEP and Census state population data.
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D Cost Data

In this Appendix we review some additional descriptives on cost and compare our data with state-level

aggregates provided by the Federal Highway Administration (FHWA).

D.1 Descriptives

We request data on project-level costs directly from each state DOT. The states provide data in a

variety of formats, and include different subsets of the variables that we request. For example, in

some states we receive data on three cost variables: winning bid, realized cost, and amended contract

cost. However, in some states we only receive one or two of the three. In the states that we only

observe winning bid, for example, we want to be convinced that it is a good enough proxy for realized

costs for the projects in our subsample.

Figure D.1 compares winning bids with realized costs, in the states where we have both (22 states).

The panel on the left plots the two objects in the project-level data, and the panel on the right shows

the differences, in a histogram. The two objects are highly correlated, with a correlation coefficient

of 0.98.

Figure D.2 compares winning bids with “current contract” costs, in the states where we have both

(17 states). Current contract costs are the winning bids plus or minus any contract amendments.

Current contract costs are essentially realized costs, unless the project has not been completed. All

of the projects in our data have been completed. The two objects are highly correlated, with a

correlation coefficient of 0.99.

Our final sample uses the realized cost variable when available (23 states), then the current

contract cost if available when realized cost is not (12 states), and the winning bid for the remainder

(15 states). Figure D.3 shows the distribution of project costs across the sample and Figure D.4 shows

the spending and length of the projects across space.
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Figure D.1: Bids vs Realized Costs

(a) Comparison of Cost per Mile (b) Difference

Notes: This figure compares winning bids with realized costs. The panel on the left plots the two objects in the
project-level data, and the panel on the right shows the differences, in a histogram. The two objects are highly
correlated, with a correlation coefficient of 0.9812.

Figure D.2: Bids vs Amended Contracts

(a) Comparison of Cost per Mile (b) Difference

Notes: This figure compares winning bids with “current contract” costs. Current contract costs are the winning
bids plus or minus any contract amendments. The panel on the left plots the two objects in the project-level data,
and the panel on the right shows the differences, in a histogram. The two objects are highly correlated, with a
correlation coefficient of 0.999.
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Figure D.3: Cost Data Sample: Totals

(a) Project-Level Total (b) Total vs Mileage

Notes: The histogram on the left shows the distribution of project-level costs in the data collected by the authors.
The scatter plot on the right takes each project cost and plots it against total mileage of the project (in lane miles).
The markers denote the state associated with the project One project that costs $62 million is not included, for
visibility.

Figure D.4: Spending and Project Characteristics

(a) State-Level Spending (b) State-Level Mileage

Notes: The map on the left shows project costs per mile, and the right shows the mileage for these projects
(reproduced from Figure 1 in the main text). The cost data collected by the authors is for resurfacing projects
started in 2018 or 2019, with a length between 1 and 20 miles, on a non-interstate highway. There are 5 such
projects per state, and the state average is used for this map. Interestingly, project length does seem to vary by
state, with some states undertaking much longer projects, on average, than others.
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Figure D.5: Average Project Cost by State

(a) State-Level Cost per Mile ($M) (b) State-Level Residualized Cost per Mile

Notes: The figure on the left takes the average of project costs at the state level (reproduced from Figure 1 in
the main text). The figure on the right displays the state-level average of residualized costs. Residual costs are
determined using a project-level regression of project costs per lane-mile on the observables included in Column (2)
of Table 1. Data collected by the authors.

Figure D.6: Costs and Project Duration

Notes: This is a binned scatter plot of project-level costs and duration. The y-axis shows the cost per lane-mile,
in $M. The x-axis shows the duration per lane-mile, in days. The data was collected by the authors, as part of the
project-level cost data. The project duration variable is only available for 33 states.
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D.2 Comparing Our Subsample to All Available Data

For our main analyses, we use a subsample of projects to facilitate the collection of detailed information

for each project. We obtained additional data on more projects for 22 states. Figure D.7 plots the

mean and median cost per mile of our subsample against the mean and median cost per mile observed

in the full data. For this comparison, we restrict the full data to match our selection criteria for the

subsample (non-interstate resurfacing projects between 1 and 20 mile that began in 2018 or 2019).

The correlation coefficient for mean cost per mile is 0.67 and the correlation coefficient for median

cost per mile is 0.78. In this figure we restrict California, which is an outlier (the subsample data

exhibits higher costs than the full sample). This allows us to visualize the remainder of the states.

However, when we include all of the data from California in Table 1 we do not find different results.

Figure D.7: Subsample vs Full Data by State

(a) Mean Cost per Mile ($M) (b) Median Cost per Mile ($M)

Notes: The figure on the left displays the mean cost per mile of our subsample versus the mean cost per mile of all
available data, by state. The figure on the right performs the same comparison with median cost per mile. Both
figures restrict to states with at least 5 projects observed in the full data. This leaves us with 18 states. California
is omitted from both figures to better visualize the other states. Projects included in the subsample are excluded
from the full data sample. Data collected by the authors.
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D.3 Comparison with the FHWA Data

We can compare our data with state-level cost data from the Federal Highway Administration

(FHWA). The FHWA requires states to report spending on a variety of categories and types of

roads via an annual survey. As such, these data are self-reported by the states. A potential concern

is that states do not all report resurfacing spending, for example, in the same narrow category. A

second concern is that we do not have a denominator of miles resurfaced, we only have total miles in

the state. Therefore, it is hard to know if cost per mile is higher in one state because they did more

projects than another state or because the projects are more expensive. However, this is the only

comprehensive dataset on state-level costs and is often used in reports about spending across states

(e.g. Reason Foundation, 2018).

FHWA data includes spending by category, as we mentioned earlier. Therefore we need to select

certain categories to compare with our sample of resurfacing projects. Due to potential reporting

issues, we are fairly broad in the categories we include in the series we create. We define our series

of interest as “Resurfacing + Maintenance cost per vehicle-mile.” This includes all maintenance cost

variables and certain capital outlay variables.67 Vehicle-miles are the estimated number of miles

traveled by vehicles on roads in that states. We use all road types in all definitions, but the series

looks similar when we exclude local roads. These data are very similar to the series used by Mehrotra

et al. (2021). For the FHWA data, we think spending per vehicle-mile is a better measure of cost

efficiency, as it implicitly controls for the expected degradation due to heavy road use.

Figure D.8 shows the variation in spending across states for the two sources. There is a striking

amount of variation in the FHWA data with Maine, Delaware, and Nebraska spending 4 times per

vehicle mile than Mississippi, Georgia, and Alabama. Our series, although still exhibiting variation

across states, does not exhibit as much heterogeneity. Importantly, there is very little correlation

between the two series. Since we have directly collected resurfacing cost data from the states, this

suggests the FHWA data is not a good proxy.

Moreover, it does not seem that costs are higher in areas where roads are rougher in the FHWA

data, while our data show a stronger correlation between costs and road quality (Figure D.9). We

would expect maintenance costs per lane mile to be higher on rougher, poorer-quality roads, so the

lack of correlation with costs in the FHWA data is surprising.

67The capital outlay variables are ”Relocation”, ”Reconstruction: Added Capacity”, ”Reconstruction: No Added
Capacity”, ”Major Widening”, ”Minor Widening”, ”Restoration & Rehabilitation”, and ”Resurfacing”.
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Figure D.8: Comparison of Cost Data

Notes: This is a scatter plot with cost data collected by the authors on the y-axis and cost data collected by the
FHWA on the x-axis. The cost data collected by the authors is for resurfacing projects started in 2018 or 2019, with
a length between 1 and 20 miles, on a non-interstate highway. There are 5 such projects per state, and the state
average is used for this plot. The FHWA cost data is spending on resurfacing and maintenance per vehicle mile.

Figure D.9: Costs and Road Roughness

(a) Cost per Mile and Roughness (b) FHWA $ per Vehicle-Mile and Roughness

Notes: The panel on the left shows a scatter plot of state-level resurfacing cost per mile and road roughness (IRI).
The cost data collected by the authors is for resurfacing projects started in 2018 or 2019, with a length between 1
and 20 miles, on a non-interstate highway. There are 5 such projects per state, and the state average is used for this
plot. The panel on the right shows the same using cost from Highway Statistics (FHWA). To create the cost series
we include a subset of capital outlay costs (relocation, reconstruction, major widening, minor widening, restoration,
rehabilitation, resurfacing) plus maintenance costs. We use the International Roughness Index (IRI) as the quality
measure.
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D.3.1 Comparison of FHWA and BidX Data

To further probe the reliability of the Highway Statistics spending data, we compare it to spending

totals that we aggregated from BidX, a private-sector service that many state DOTs contract for its

construction bidding software. Data from BidX has also recently been used for research purposes

(e.g. Bolotnyy and Vasserman, Forthcoming; Kroft et al., 2022). BidX posts winning bids for state

DOT construction projects for 38 states. They post descriptions for each project, allowing us to select

projects of a similar scope to those we look at in FHWA Highway Statistics.68

As a validation exercise, we compare cross-state spending differences in the BidX data with those

from Highway Statistics. We first examine Georgia and South Carolina, a pair of states that are

similar on observables but have divergent levels of spending per vehicle mile (VM) levels in the

Highway Statistics data. In 2018 and 2019, spending per VM is higher in South Carolina in both

data sources, but the difference is much larger in Highway Statistics than in BidX.

We repeat the exercise with Georgia and Alabama, two states with very similar spending per

VM in Highway Statistics. In the averaged totals across 2014, 2018, and 2019, we find a 15 percent

difference between the two states in BidX, whereas the averages in Highway Statistics are virtually

identical.

Lastly, we compare New York and North Carolina, which both have high spending per VM in

Highway Statistics, to Georgia and Alabama, which both have low spending levels. In 2019, the

two datasets disagree: Highway Statistics has the spending per VM significantly higher in NY and

NC, whereas BidX has spending per VM significantly higher in Alabama and Georgia. The last

comparison also raised a red flag about the internal consistency of the BidX data, as NY has just over

1/3 of the spending per VM as Alabama, which is unlikely to reflect the full universe of spending.

We compare magnitudes of spending in addition to cross-state relative differences. To improve

precision, we focus on two categories of spending: resurfacing, rehabilitation, and restoration (3R)

and widening/reconstruction. These activities are accounted separately in Highway Statistics and

are often grouped together in BidX projects. We choose Georgia for this exercise due to its detailed

project descriptions on BidX. In this exercise, the BidX magnitudes are well below those we observe

in Highway Statistics.

Overall, it appears that BidX does not typically include the universe of spending laid out in

Highway Statistics, and that the degree of the coverage gap in BidX data varies widely by state.

68The following keywords are indicative of the projects we are looking for: “resurface”, “rehabilitation”, “widening”,
in addition to “mill”, “surface”, “CMRB”. We focused on states that had the most detailed descriptions.
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E Survey Descriptives

We note in the text that the largest difference between the response of the contractors and the

procurement officials is in whether the state publishes the identity of bidders. It may be that the

state publishes the identity of “packet holders,” i.e. firms that purchase the project plans, which

contractors infer to be the set of bidders they will face even if the DOT is not technically publishing a

list of bidders.69 It may also be that in some markets the bidders know all the potential competitors

and can easily infer the identity of the other bidders, even when that information is not shared by

the DOT.

We find variation in the length of the stages of the procurement process, highlighted in Figure

E.5(a) and (b). For example, states report taking anywhere between 5 days and 3 months between

awarding the contract and having the contractor actually sign the contract. The average time between

award and signing is roughly one month, but the standard deviation is 22 days. Then, after signing,

it can take another 2 months to start construction. Here the average is just under a month, and a

standard deviation is 18 days. At each step of the process, increasing the amount of time between

the bid letting and the actual construction will increase uncertainty in costs and contractor capacity.

The contractors report an even higher number of days in each category.

Figure E.2: Survey Respondents by State

Notes: The map displays the total number of survey respondents by state. This includes both procurement officials
and contractors. Contractors are classified according to their primary state.

69We do not observe the purchasers of plans in the data so we do not know how often firms purchase the project plans
and do not bid.
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Figure E.1: Project Planning and Bid Letting

(a) Estimating Contract Costs (b) Information Published to Bidders

Notes: Author survey. Respondents are directed to select all answers that apply. Data collected by authors, and
aggregated to the state level. Survey available in Appendix I.

Figure E.3: Corruption

Notes: Author survey. Data aggregated to the state level. Survey available in Appendix I.
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Figure E.4: Bidder Outreach

Notes: Author survey. Data aggregated to the state level. Survey available in Appendix I.

Figure E.5: Variation in Timing Across States

(a) Award to Signing (b) Signing to Construction

Notes: Author survey. Panels (a) and (b) ask the number of days from contract award to signing and contract
signing to the start of construction. Data aggregated to the state level. Survey available in Appendix I.
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Figure E.6: Labor and Subcontracting Requirements that Increase Costs

Notes: Author survey. Data aggregated to the state level. Survey available in Appendix I.

Figure E.7: Competition

(a) Stated Concerns and # of Bidders (b) Bidding Behavior

Notes: The panel on the left shows a binned scatter plot with the mention of competition as a concern on the y-axis
and the number of bidders a contractor expects to face on the x-axis. This data is from the author survey, and
responses are aggregated to the state level by taking the average. The panel on the right shows a binned scatter
plot with the probability the contractor knows all of its competitors on the y-axis, and number of bidders on the
x-axis.
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Figure E.8: DOT Quality and Competition

(a) DOT Quality and Outreach (b) DOT Quality and Number of Bidders

Notes: The panel on the left shows a binned scatter plot with the DOT quality on the y-axis and the frequency
of DOT bidder outreach on the x-axis. This data is from the author survey, and responses are reported at the
individual level. The panel on the right shows a binned scatter plot with the DOT quality on the y-axis, and
number of bidders from the project-level cost data on the x-axis. Here, the data is aggregated to the state level.

Table E.1: Competition from the point of view of the contractor

Which of the following best describes your experience regarding other companies’ bids?

I can usually predict exactly which firms will bid on a project. 25.2%
I know all the firms that are capable of bidding, but not which ones will actually bid. 22.4%
I know many of the firms that might bid, but sometimes there are surprise bidders. 46.7%
There are often firms bidding that I do not know/expect. 5.7%

Notes: Author Survey. This is the distribution of responses to the survey question “Which of the following best
describes your experience regarding other companies’ bids?”. The question was only asked to the contractors.
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Figure E.9: Word Cloud from Free Response on Cost Drivers

Notes: The figure shows the frequency of bigrams in responses to a free response question on cost drivers of highway
construction (Question 1 in Appendix I). A bigram is a pair of words used together. Responses are cleaned prior
to determining the frequency of bigrams. This is done by removing “stop words” (words such as “the” or “are”),
standardizing words, and removing words that are not informative. Text cleaning follows Liscow and Pershing
(2022). Responses from both procurement officials and contractors are used.

Table E.2: Key Words for Word Cloud Categories

Category List of Phrases

Materials and Labor price, wage, material, labor, davis bacon, fuel, asphalt, cement,
market condition, supply chain, equipment

Competition bid, available/availability (without material), dbe, competition,
subcontract, limit contract, advertise, wbe

Project Plans and Scope plan, change, poor, detail, document, specification, scope, design,
error, consult

Bureaucracy and Red Tape paper, certify, red tape, overhead, bureaucrat, admin, require,
federal, buy america

Risk and Complexity risk, insurance, uncertainty, complex, night, traffic, utility(ies),
right way
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E.1 Contractor Characteristics

In the contractor survey we ask about the identity and characteristics of the firm: number of em-

ployees, number of years in business, and number of contracts with the state DOT. We note that the

sample of contractors looks similar to the distribution of contracting firms in the U.S. by employment

(Figure E.10).

We analyze whether firm characteristics correlate with certain responses to questions. A handful

of interesting patterns emerge. First, respondents from larger and more experienced firms are less

likely to say that that corruption occurs or is a problem. These characteristics all correlate with lower

values assigned to the question, “How large of a problem would you rate corruption;” the result is

statistically significant for number of years in business and number of contracts. Second, respondents

from larger (in terms of employees and contracts) and more experienced firms are also significantly

more likely to select “planning on agency side” as a source of cost overrun. Third, respondents from

firms with more years in business expect more firms to bid on projects, perhaps suggesting that the

number of bidders has decreased throughout time. This is directly related to the procurement officials

responses about the lack of competition.

Figure E.10: Size Distribution of Contracting Firms

(a) Our Survey (b) 2021 QCEW

Notes: The panel on the left shows the distribution of contractor responses to our survey question that inquires
about firm size. The question asks the respondent to report the number of employees at the respondent’s firm. The
respondent is given four options to answer. Those options are displayed on the x-axis. The panel on the right plots
the distribution of highway, street, and bridge construction (NAICS 237310) workers by firm size, using data from
the 2021 Q1 QCEW. The QCEW reports aggregate data based on the firm size bins that we use for the x-axis. We
do not have more granular data from the QCEW to match the size bins used in our survey.
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E.2 Data Integrity

To address potential concerns on survey response quality, we perform additional cleaning of survey

responses and repeat our main analysis (without Romano-Wolf multiple hypothesis correction). First,

we drop individual respondents if they take less than 10 minutes to complete the survey. If respon-

dents rush to finish the survey, they may not be thinking critically about our questions and provide

inaccurate answers. Second, we drop individual respondents if they are a contractor and operate in

more than five states. If contractors operate in more than five states, we are worried they could

confuse procurement processes between states. This would lead to a situation in which a contractor

provides information on procurement practices in State X, and we attribute those procurement prac-

tices to State Y. For our final response cleaning method, we drop individual respondents if they take

less than 10 minutes to complete the survey or if they are a contractor and operate in more than five

states. Results using these additional cleaning methods are not substantially different from our main

results.
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F Additional Observables

F.1 Weather

We collect data on several observable characteristics of states that may be linked to elevated road

maintenance costs. The first set is environmental variables, which we download from the NOAA

Centers for Environmental Information and average across the years 2000-2019: winter low temper-

atures, summer high temperatures, and precipitation levels. The first two variables are designed to

capture the prevalence of extreme cold or heat, both of which of which cause asphalt deterioration.

Precipitation also causes roads to deteriorate more quickly. The NOAA does not have state-level

data for snowfall, so to proxy for snowfall levels, we multiply average precipitation by the inverse of

average winter low temperature.

F.2 Market Structure

We take data from the Economic Census for Construction in 2007, 2012, and 2017. This dataset

provides state-level employment, payroll, revenues, and cost for all construction industries, including

“Highway, Street, and Bridge Construction” (NAICS 23730). We use this data to create state-level

variables on labor costs (construction worker payroll/employment), number of establishments, and

establishment size (employees per establishment).

Figure F.1 shows how the landscape for highway construction has changed in the 10 years between

2007 and 2017 (we use these years because of the availability of the Economic Census). The majority

of states experienced a decrease in the number of establishments in this industry.

In order to study the role of the subcontractor market we collect data from publicly available

DBE directories. This gives us the name, address, and NAICS industry code for every firm registered

with the state DOT as a DBE. We match the zip codes to commuting zones in order to create a

commuting zone measure. This complements our data on DBE goals, which is the percentage of the

project that should be completed by a DBE-registered firm, and is a project-specific variable that we

collect from the project plans.
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Figure F.1: Changes in Highway Construction Establishments: 2007-2017

Notes: The figure shows the change in the number of highway construction establishments in each state, with the
vertical line displaying the value of the median state. Data on establishment counts are from US Census Bureau
(2007,2012,2017), and we subset to the “Highway, Bridge, and Street Construction” industry (NAICS 2373).

F.3 Public Sector Employment

We have data from the Annual Survey of Public Employment and Payroll (ASPEP), which is produced

by the Census Bureau. This includes statistics on the number of state and local government civilian

employees and their payrolls in March. We take employment for the “Highways” category in each

state as our proxy for DOT employment, normalized by the vehicle-miles in that state.

F.4 Bid Proposal Page Length Data

We primarily used state transportation bidding websites to gather bid proposal documents. We

focused on documents contractors were required to fill out and submit as part of their bid proposal.

This typically looked like a bid packet PDF which contained project information, specifications, bill

of quantities, cost breakdown, company qualifications, and compliance information. We omit highway

drawings, addendum documents, or other short form documents.

For the states that use BidX, most states publish a simplified file which contractors fill out

using American Association of State Highway and Transportation Officials (AASHTO) software called

AASHTOWare. Contractors can use the software and fill out costs and other information as necessary.

We took these files and printed them out as PDFs, then measured the page length.

Finally, we gathered a few example bid documents online for states who did not publish bid
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documents through their state transportation agency or BidX. We followed a similar approach outlined

above, looking for bid packets that included required documents.

The bid packets that we use are generally taken from specific project listings. Project listings

were examined to find state highway resurfacing projects. Then, we selected the first project with an

available bid packet. We note that these bid packets do not correspond to the exact projects in our

data set, but instead are intended to measure the general size of a standard bid document in each

state.

We could not find accessible bid packets for five states. Additionally, we exclude bid packets

from twenty states because of concerns over comparability with the rest of the states. These packets

were missing multiple items that are typically included across other states (e.g., project descriptions,

contractual provisions, compliance information). In total, we use the bid documents of 25 states in

Section 5.2. We believe these 25 states are generally comparable with respect to the items included

in the bid packets.
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G Survey Correlations: Full Results

Table G.1: Pre-bidding Stage

Variable β Unadjusted
p-value

Romano-Wolf
p-value

What does the agency use to estimate contract value?
Selected ‘Project-specific technical drawings’ 0.08 0.29 0.89
Selected ‘Similar projects from previous years’ -0.01 0.94 1.00
Selected ‘Standardized unit cost’ -0.06 0.45 0.99
Selected ‘Market analysis’ -0.03 0.61 1.00
Selected ‘Probabilistic risk-based estimating’ -0.10 0.18 0.59
Selected ‘Feasibility study’ 0.03 0.83 1.00

What does the agency publish before bids are due?
Selected ‘Estimated contract value’ 0.18 0.04 0.06
Selected ‘Number of bidders’ 0.11 0.20 0.67
Selected ‘Identity of bidders’ 0.10 0.14 0.41
Selected ‘Estimated/standard unit costs’ 0.05 0.52 1.00
Selected ‘Bid bond’ 0.04 0.67 1.00
Selected ‘Project plans’ -0.06 0.23 0.75
Best Practices (Plans and Unit Costs) -0.17 0.06 0.10

What are common reasons for disqualification?
Selected ‘Past performance’ 0.04 0.68 1.00
Selected ‘Insufficient bid bond’ 0.05 0.59 1.00
Selected ‘Firm has wrong specialty’ -0.01 0.85 1.00
Selected ‘Technical error’ -0.07 0.44 0.99

Other factors:
How often does DOT use consultants to draw up project plans? 0.08 0.28 0.88
How often does DOT do outreach to increase the bidder pool? -0.18 0.02 0.01
Does environmental review slow project planning?† -0.06 0.50 1.00
Does environmental review increase costs?† -0.05 0.64 1.00
How often are bidders disqualified at the prequalification stage?† -0.02 0.76 1.00
How many firms would you expect to bid on project similar to case study?ˆ 0.17 0.10 0.26
How well can you predict the number and identity of bidders?ˆ -0.05 0.64 1.00

Notes: Beta Estimates are the correlation coefficients between the survey responses and the project cost for the pre-
bidding stage of the procurement process. The dependent variable is log cost per lane-mile. Regressions include controls
for project, local, and weather observables (per Column (2) of Table 1). The survey responses from the procurement
officials and the contractors are aggregated to a state-level average, unless the question was only asked to one group.
Each response variable is normalized to have a mean of zero and standard deviation of one, such that correlations
are comparable across questions. Unadjusted p-values are computed using standard errors clustered at the state level.
Romano-Wolf p-values are adjusted for multiple hypothesis testing, following Clarke et al. (2020). †question asked to
procurement officials only. ˆquestion asked to contractors only.
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Table G.2: Bidding and Construction Stage

Variable β Unadjusted
p-value

Romano-
Wolf

p-value

Evaluating Bids:
Does legal framework identify unrealistically low bids?† 0.10 0.26 0.84
How often do you suspect that bidders submit unrealistically low bids to win?† -0.02 0.87 1.00
Are you ever concerned about your bids being declared mathematically unbalanced?ˆ -0.01 0.93 1.00
How often are bids declared mathematically unbalanced?† -0.07 0.51 1.00
What share of mathematically unbalanced bids are rejected?† 0.10 0.33 0.94
How often are bids declared materially unbalanced?† -0.12 0.15 0.48
What share of materially unbalanced bids are rejected?† 0.01 0.94 1.00
Does DOT provide explanation for exclusion in writing? -0.02 0.84 1.00

Timing and Permits:
How many days would pass between award and contract signing? 0.03 0.72 1.00
Does the contractor need to obtain permits before contract signing? -0.05 0.41 0.99
How many days from signing to construction? -0.01 0.93 1.00
Does the contractor need to obtain permits before construction? 0.05 0.59 1.00
How often is the construction project delivered by the original deadline? -0.09 0.32 0.93
How often are projects delivered within the awarded amount? -0.09 0.19 0.63

Change Orders:
How many change orders (case study)? 0.17 0.05 0.09
How many change orders (design build)? 0.19 0.10 0.26
Is there a percent of material usage that auto triggers change order?† 0.11 0.29 0.89
Are the results of change orders made publicly available? -0.03 0.70 1.00
How many days from change order request to amendment? -0.13 0.16 0.49

Notes: Beta Estimates are the correlation coefficients between the survey responses and the project cost for the bidding
and construction stages of the procurement process. The dependent variable is log cost per lane-mile. Regressions
include controls for project, local, and weather observables (per Column (2) of Table 1). The survey responses from
the procurement officials and the contractors are aggregated to a state-level average, unless the question was only asked
to one group. Each response variable is normalized to have a mean of zero and standard deviation of one, such that
correlations are comparable across questions. Unadjusted p-values are computed using standard errors clustered at the
state level. Romano-Wolf p-values are adjusted for multiple hypothesis testing, following Clarke et al. (2020). †question
asked to procurement officials only. ˆquestion asked to contractors only.
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Table G.3: Cost Overruns and Delays

Variable β Unadjusted
p-value

Romano-Wolf
p-value

Main reasons for project delays:
Administrative processes drive delays 0.15 0.06 0.10
Selected ‘Capacity of the agency’ -0.05 0.45 0.99
Selected ‘Legal challenges by citizens’ groups’ 0.05 0.51 1.00
Selected ‘Capacity of the contractor’ -0.02 0.80 1.00
Selected ‘Financial constraints of the contractor’ 0.02 0.79 1.00
Selected ‘Planning on the agency side’ -0.02 0.87 1.00
Selected ‘Change of project scope’ 0.07 0.28 0.88
Selected ‘Third party delays’ -0.02 0.85 1.00
Selected ‘Weather shocks’ -0.00 0.97 1.00

Main reasons for cost overruns:
Selected ‘Burdensome administrative processes’ -0.11 0.19 0.63
Selected ‘Capacity of the agency’ -0.08 0.36 0.96
Selected ‘Legal challenges by citizens’ groups’ -0.06 0.32 0.94
Selected ‘Capacity of the contractor’ -0.07 0.30 0.90
Selected ‘Financial constraints of the contractor’ 0.05 0.36 0.96
Selected ‘Planning on the agency side’ -0.15 0.09 0.21
Selected ‘Change of project scope’ -0.12 0.25 0.81
Selected ‘Third party delays’ -0.08 0.33 0.94
Selected ‘Weather shocks’ -0.18 0.02 0.02
Selected ‘Market Conditions’ -0.03 0.67 1.00

Labor/Contract requirements that increase cost:
Selected ‘Disadvantaged Business Enterprise Program requirements’ -0.10 0.15 0.45
Subcontracting limits drive costs 0.16 0.01 0.00
Selected ‘Local hiring requirements’ -0.02 0.88 1.00
Selected ‘Minority and Women Owned Business Enterprise Program’ -0.00 0.96 1.00
Selected ‘Union construction workers’ 0.06 0.57 1.00

Notes: Beta Estimates are the correlation coefficients between the survey responses and the project cost for the
questions about cost overruns, delays, and labor costs. The dependent variable is log cost per lane-mile. Regressions
include controls for project, local, and weather observables (per Column (2) of Table 1). The survey responses from
the procurement officials and the contractors are aggregated to a state-level average, unless the question was only asked
to one group. Each response variable is normalized to have a mean of zero and standard deviation of one, such that
correlations are comparable across questions. Unadjusted p-values are computed using standard errors clustered at the
state level. Romano-Wolf p-values are adjusted for multiple hypothesis testing, following Clarke et al. (2020). †question
asked to procurement officials only. ˆquestion asked to contractors only.
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Table G.4: Characteristics and Corruption

Variable β Unadjusted
p-value

Romano-Wolf
p-value

DOT Characteristics
Consultants drive costs 0.19 0.02 0.01
Staffing at DOT (- Understaffed to + Overstaffed) 0.05 0.56 1.00
How would you rate the quality of the employees at the DOT? -0.14 0.09 0.21
How long does it take DOT to respond?ˆ 0.06 0.49 1.00

Firm Characteristics
Engages in research-and-development to lower infrastructure costsˆ -0.14 0.14 0.43

Corruption:
How large of a problem would you rate corruption? -0.02 0.74 1.00
Does corruption drive away bidders? 0.02 0.87 1.00
Does corruption drive up costs? 0.03 0.75 1.00
Aware of ‘Bidder collusion’ in state -0.03 0.68 1.00
Aware of ‘Unethical contractor behavior’ in state 0.14 0.09 0.22
Aware of ‘Improper state employee behavior’ in state -0.04 0.57 1.00
Not aware of any corruption in state -0.15 0.11 0.30

Notes: Beta Estimates are the correlation coefficients between the survey responses and the project cost for the questions
about DOT and Contractor characteristics and corruption. The dependent variable is log cost per lane-mile. Regressions
include controls for project, local, and weather observables (per Column (2) of Table 1). The survey responses from
the procurement officials and the contractors are aggregated to a state-level average, unless the question was only asked
to one group. Each response variable is normalized to have a mean of zero and standard deviation of one, such that
correlations are comparable across questions. Unadjusted p-values are computed using standard errors clustered at the
state level. Romano-Wolf p-values are adjusted for multiple hypothesis testing, following Clarke et al. (2020). †question
asked to procurement officials only. ˆquestion asked to contractors only.
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Table G.5: Project Costs, Observable Cost Drivers, and Survey Inputs

Project-Level Log(Cost/Mile)
(1) (2) (3)

Project Details:
Complex Dummy 0.818*** 0.757** 1.039***

(0.282) (0.324) (0.285)
Lane-Miles -0.023*** -0.023*** -0.026***

(0.004) (0.004) (0.004)
State Highway Dummy -0.046 -0.150 0.053

(0.122) (0.125) (0.131)
Local Characteristics:
Log(Population Density) 0.052 -0.050 0.019

(0.041) (0.042) (0.037)
Log(Wages in Hwy Construction) 0.064 0.263 0.131

(0.176) (0.254) (0.186)
State Characteristics:
Precipitation -0.032*** -0.030*** -0.032***

(0.006) (0.005) (0.005)
Winter Low 0.041*** 0.044*** 0.047***

(0.010) (0.003) (0.011)
Snow Proxy 0.019 -0.008 0.001

(0.015) (0.015) (0.015)
Summer High -0.039* 0.005 -0.047***

(0.021) (0.007) (0.017)
Roughness Index 0.017*** 0.003 0.009***

(0.005) (0.003) (0.003)

Survey Variables No All Figure 6
Observations 250 250 245
R-squared 0.39 0.69 0.48
Adj. R-squared 0.36 0.60 0.44

Notes: This table replicates Table 1 in the main text of the paper, but adds as controls the survey responses.
Column (1) replicates Column (3) from Table 1, Column (2) adds all 79 survey variables as controls, and Column
(3) uses only the 9 survey variables that we find to be statistically significant.
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H Retirements

Figure H.1: Distribution of Retirement Shocks

Notes: This figure shows the distribution of retirement shocks in the data. Retirement records from “Transparent
California.” This figure uses any retirement of any engineer whose final job title includes the term “Transportation
Engineer”. The denominator for the shock is the number of engineers we estimate in the district in the year 2011
(the total number of engineers in Caltrans in 2011 scaled by the share of projects awarded in that district). We do
not have data on employment of engineers by district, or employment of engineers in total before 2011.

Table H.1: Retirements by Job Title

Avg. Years Avg Year of
Job Title Obs. of Service Retirement

ASSOCIATE TRANSPORTATION ENGINEER 258 31.9 2007.7
PRINCIPAL TRANSPORTATION ENGINEER 19 31.1 2013.3
SENIOR TRANSPORTATION ENGINEER 403 30.0 2011.4
SUPERVISING TRANSPORTATION ENGINEER 97 34.0 2011.1
TRANSPORTATION ENGINEER (CIVIL) 1,426 26.1 2010.5
TRANSPORTATION ENGINEER (ELECTRICAL) 110 24.3 2012.2

Total: 2,313 27.7 2010.5

Notes: Table shows the distribution of retirements in the data, by job title. Retirement records from “Transparent
California.” We study retirements between 2000-2018.
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I Survey

The survey, with tabulated responses to each question, is attached following this page. It can also be

found at https://cailinslattery.com/s/Survey-with-Responses.pdf.
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