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Abstract

This paper investigates how transparency in lawsuit information affects capital al-
location and aggregate industrial production. Greater transparency enhances the avail-
ability of information about firms’ fundamentals, which can influence resource distri-
bution. We exploit regional variations in courts’ compliance with mandated judicial
document disclosures in China, implemented since 2014, as a natural experiment. For
firms with initially high marginal revenue products of capital (MRPK), a 10 percentage
point increase in legal transparency results in a 4.4% increase in physical capital and
a 7.9% reduction in MRPK, relative to firms with lower MRPK. Additionally, regions
with higher transparency experience a rise in aggregate output. Further analysis dif-
ferentiating firms by ownership type, public listing status, and industry-level contract

intensity enhances the robustness of our findings.
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1 Introduction

Information frictions, often manifested as financial or contractual frictions, are widely recog-
nized as key drivers of resource misallocation, thereby undermining overall economic perfor-
mance (Jovanovic, 1982; Kurlat, 2013; Bigio, 2015; Li and Whited, 2015; Fuchs, Green and
Papanikolaou, 2016; David, Hopenhayn and Venkateswaran, 2016; David and Venkateswaran,
2019; Boehm and Oberfield, 2020). Despite their acknowledged importance, empirically iden-
tifying the impact of information frictions on misallocation remains challenging. First, such
frictions are inherently difficult to measure. Second, they may be endogenous, as market par-
ticipants can strategically decide the extent of information disclosure. This paper exploits
a large-scale legal transparency reform in China as a natural experiment to investigate how
information frictions influence capital misallocation among firms and the resulting aggregate
economic outcomes.

In late 2013, China launched a judicial transparency reform championed by Zhou Qiang,
the then-president of the Supreme People’s Court (SPC). The reform mandated that all
courts publicly disclose judgment documents for nearly all cases, except those involving na-
tional security or privacy concerns. Notably, these documents are not anonymized, enabling
individuals to search for company names and assess their legal risks via an official web-
site. Additionally, third-party platforms such as Qichacha and Tianyacha further facilitate
access to firm-level legal information by extracting and organizing data from the disclosed
judgments.

In practice, substantial regional variations emerged in the implementation of the reform,
despite its mandatory nature by the SPC. These discrepancies may stem from several factors,
such as differences in local courts’ recognition of the SPC’s authority or political connections
between local court leaders and SPC officials (Liu et al., 2022b). Additionally, variations
in I'T infrastructure and human capital across local courts likely constrained their ability to
fully comply with the SPC’s directive. Importantly, prior research suggests that the level
of compliance with the reform is generally unrelated to regional economic conditions (Tang
and Liu, 2019). We also present findings further confirming this relationship. Furthermore,
as will be explained shortly, our empirical strategy includes region-year fixed effects, which
control for economic conditions at the region-year level. This means we do not solely depend
on the assumption that legal transparency and economic conditions are uncorrelated.

We exploit these regional differences in compliance with the transparency mandate to
examine the effects of legal transparency on capital misallocation and aggregate economic
output. We anticipate that in regions with higher legal transparency, more information about

firms’ fundamentals will be disclosed, enabling more efficient capital allocation to productive



firms-specifically, those with higher marginal revenue products of capital (MRPK).

We address several endogeneity concerns related to regional compliance with the SPC
mandate. First, our primary focus is on examining the differential impacts of legal trans-
parency on high- versus low-MRPK firms, particularly the interaction term between legal
transparency and the high-MRPK firm dummy. This allows us to include region-year fixed
effects, which absorb all confounding factors at the region-year level. Second, we demonstrate
that post-reform legal transparency is largely unrelated to pre-reform economic fundamentals,
such as MRPK dispersion, the share of state-owned firms, and concentration ratios. Third,
a triple-difference analysis confirms parallel pre-reform trends in key variables between high-
and low-MRPK firms, ensuring that post-reform effects are not driven by pre-existing trends.
Fourth, we employ an instrumental variable approach leveraging exogenous variation in re-
gional legal transparency driven by provincial court leaders’ central government experience.
The rationale is that court leaders with central government connections are less reliant on
Zhou Qiang for promotion and thus have weaker incentives to champion the reform, which
was widely seen as part of Zhou Qiang’s agenda. Note that the appointment of local court
leaders in China is generally unrelated to regional economic fundamentals, as their respon-
sibilities are largely disconnected from economic development. Fifth, we conduct robustness
checks by excluding large firms to mitigate concerns that these firms may exert influence
over the disclosure of cases involving them. Finally, we differentiate firms based on owner-
ship type, public listing status, and contract intensity to demonstrate that the effects of legal
transparency are stronger in contexts where they are expected to be most significant.

To quantify the legal transparency of firms, we calculate the proportion of closed cases
with judgment documents published online at the provincial level, using this as a proxy
for local judicial transparency.! To measure capital misallocation and construct the main
empirical specification, we adopt the approach proposed by Bau and Matray (2023), which
examines whether firms with initially high MRPK experience a relative decline in MRPK
and an increase in assets after the liberalization of foreign direct investment (FDI).

Our empirical findings show that improved local legal transparency significantly mitigates
capital misallocation. In regions with greater improvements in legal transparency, firms
with initially high marginal revenue products of capital (MRPK) experience larger increases
in both capital investment and output, along with more substantial reductions in MRPK,
relative to firms with lower MRPK. Further analysis reveals that high-MRPK firms in these

regions are able to secure more debt financing and exhibit higher overall leverage ratios than

IFor robustness checks, we employ alternative measures, including the disclosure rate of civil cases, the
disclosure rate of cases closed within the same year, the disclosure rate at the prefectural level, the number of
disclosed cases normalized by the number of firms, the average length of the section of reasoning in judgment
documents, and the number of contract dispute judgments normalized by the number of firms.



low-MRPK firms, suggesting that legal transparency facilitates a more efficient allocation of
capital towards firms with high initial MRPK.

To underscore the role of information, we first show that the reallocation of long-term
debt from low-MRPK firms to high-MRPK firms is more pronounced than that of short-term
debt. This finding is consistent with corporate finance theory, which posits that long-term
debt is typically more sensitive to information than short-term debt. Additionally, we find
that firms with initially low (high) MRPK are more (less) likely to be sued and face higher
(lower) lawsuit values as a percentage of sales in subsequent years. Moreover, the disclosure
of higher lawsuit values is associated with reduced borrowing in the following years.

Next, we examine the aggregate economic effects and show that enhanced local legal
transparency can stimulate regional industrial output. Consistent with our firm-level findings,
firms with initially high MRPK experience greater output growth relative to those with low
MRPK as legal transparency improves. At the industry level, regions with larger increases
in legal transparency exhibit more pronounced gains in industrial output. This growth is
primarily driven by higher labor productivity, rather than an increase in the workforce.
Additionally, we find that improved legal transparency positively influences new firm entry.

We observe varying responses to the reform among firms with different ownership struc-
tures, public listing status, and contract dependence. Private firms experience greater capital
allocation and a larger reduction in MRPK compared to state-owned and foreign firms in
response to increased legal transparency. These findings align with the notion that private
firms in China generally face higher financial frictions. By reducing information asymme-
tries, the legal transparency reform substantially enhance capital allocation for private firms
with initially high MRPK. Additionally, the differential effects between publicly listed and
non-listed firms reinforce our conclusions. Publicly listed firms, already subject to material
legal disclosure prior to the reform, exhibit somewhat weaker responses to the policy change.
To further reinforce our causal inference, we investigate industry heterogeneity by classifying
industries based on their contract intensity. We hypothesize that industries with greater con-
tracts dependence will benefit more from increased legal transparency. Our results confirm
this hypothesis: industries with higher contract intensity, as defined by Nunn (2007), ex-
hibit more substantial improvements in capital allocation and greater increases in industrial
output following the reform.

Related Literature

Our paper contributes to the literature on misallocation in developing countries. Influen-
tial studies by Hsieh and Klenow (2009) and Restuccia and Rogerson (2008) have inspired
a growing interest in identifying specific factors driving capital misallocation. This body

of research highlights key contributors such as financial frictions (Midrigan and Xu, 2014;



Moll, 2014), information frictions (David, Hopenhayn and Venkateswaran, 2016), markup
dispersion (Peters, 2020), or combinations of these factors (Song and Wu, 2015). Our paper
focuses on the relationship between information frictions and capital misallocation. Relevant
theoretical contributions include the works of Kurlat (2013), Bigio (2015), Fuchs, Green and
Papanikolaou (2016), and David, Hopenhayn and Venkateswaran (2016), which model how
information asymmetries result in capital misallocation and economic inefficiencies. David
and Venkateswaran (2019) introduce an empirical methodology to disentangle the sources of
capital misallocation, including information frictions. Building on this literature, our study
provides empirical evidence showing that reducing information frictions through improved
corporate legal transparency can enhance resource allocation and economic performance,
using a legal transparency reform in China as a natural experiment.

Additionally, our study contributes to the literature on the impact of judicial quality
on socio-economic outcomes. Prior research highlights the role of judicial transparency in
fostering public trust and enhancing legal professionalism (Grimmelikhuijsen and Klijn, 2015;
Ahl and Sprick, 2018), as well as the influence of judicial efficiency on economic performance
(Visaria, 2009; Ponticelli and Alencar, 2016; Boehm and Oberfield, 2020; Chemin, 2020).
Building on this body of work, our paper provides empirical evidence that improvements
in legal transparency-driven by a major legal reform-can mitigate capital misallocation and
promote economic growth, with the greatest benefits observed in industries that heavily
depend on the judicial system.

Our paper is broadly related to the role of institutional quality in economic develop-
ment. Numerous studies, including North (1991), Murphy, Shleifer and Vishny (1993), Mauro
(1995), Barro (1997), Acemoglu, Johnson and Robinson (2001), and Acemoglu and Johnson
(2005), argue that low institutional quality-such as widespread corruption, weak contract
enforcement, and expropriation risk-impedes economic growth. Specific attention to the re-
lationship between legal institutions, financial development, and economic growth has been
given by La Porta et al. (1997), Demirgiic-Kunt and Maksimovic (1998), Porta et al. (1998),
Levine (1999), and Allen, Qian and Qian (2005). In the context of open economies, Wei
(2000) pioneered empirical work on the connections between institutional quality and FDI,
while Levchenko (2007), Nunn (2007), Costinot (2009), Chor (2010), and Cui, Yu and Zhang
(2022) examine how institutions shape international trade. Our research also focuses on the
judicial system as a key element of institutional quality in economic development, with a
particular emphasis on legal information transparency as a critical dimension of institutional
quality.

This paper is also connected to the literature on the role of law in the economy of the
People’s Republic of China. Allen, Qian and Qian (2005) argue that while the law-finance-



growth nexus is relevant to China’s State and Listed Sectors, the Private Sector-despite lack-
ing robust legal and financial institutional support-has been the primary driver of China’s
growth. They attribute this success to alternative mechanisms, such as reputation and rela-
tionships, have enabled the Private Sector to thrive. Li and Ponticelli (2022) highlight the
positive economic impacts of judicial reforms in China, demonstrating that the introduction
of bankruptcy-specialized courts has facilitated insolvency resolution and improved capital
productivity. Additionally, Liu et al. (2022a) examine the effects of judicial independence re-
forms in fostering cross-regional economic integration. They argue that judicial independence
reduced local protectionism in court rulings, thereby attracting greater inward investment
flows to reform-implementing regions. Liu et al. (2024) examine the roles of lawyers in shap-
ing judicial and economic outcomes.

Layout The remainder of the paper is organized as follows. Section 2 presents the in-
stitutional background of the legal transparency reform in China. Section 3 outlines the
measurements on regional legal transparency and capital misallocation, and Section 4 de-
scribes the datasets used in the analysis. Section 5 examines firm-level response in capital
allocation to changes in legal transparency. Section 6 discusses output responses at both the
firm level and the aggregate industry level. Section 7 explores the heterogeneity in responses
based on firm ownership, public listing status, and industry-level contract intensity. Finally,

Section 8 concludes the paper.

2 Institutional Background

2.1 The Legal Transparency Reform

China’s court system consists of the Supreme People’s Court and three tiers of local courts:
high people’s courts at the provincial level, intermediate people’s courts at the prefectural
level, and primary people’s courts at the county level.? The Supreme People’s Court (SPC)
supervises and regulates all court levels, ensuring the enforcement of laws and directives
passed by legislative bodies.

In mid-2013, China initiated a judicial reform led by the then-president of the SPC,
Zhou Qiang, aimed at enhancing legal transparency through the online disclosure of judicial

information. The SPC issued a directive titled “Provisions of the Supreme People’s Court

2Broadly, China’s judicial system includes three key institutions: the people’s court system, the procura-
torate system, and the public security system. The people’s procuratorate oversees investigations conducted
by public security organs, supervises trial proceedings in people’s courts, and monitors prison management
by judicial and administrative bodies. The public security system handles investigations, arrests, and pre-
liminary hearings in criminal cases. The court system also comprises specialized courts, such as military and
maritime courts.



on the Issuance of Judgments on the Internet by the People’s Courts” (2013 SPC Notice),
mandating the online publication of all judicial decisions starting in January 2014. Courts at
all levels were required to upload their judgment documents to a centralized public platform.
This reform was implemented in a top-down manner, with the SPC responsible for organizing,
guiding, and supervising local courts to ensure compliance.

The website for publishing judicial documents, China Judgments Online (CJO), has been
operational since late 2013. Judgments are typically uploaded within 90 to 180 days of the
decision, with 95% of decisions posted within one year (Yang, Qin and He, 2019). As of
December 2022, the website hosts over 139.2 million publicly available judicial documents,
offering free and open access for users to search and retrieve complete judgments. The SPC
requires all judicial documents to follow a standardized format, ensuring consistency in the
categories of information provided. Figure Al in the Appendix presents an example of a
judgment document from CJO. Key details include the court name, the parties involved
and their basic information, the facts of the case, court-accepted evidence, trial proceedings,
applicable legal provisions, and the final decision. As shown in Figure A2 in the Appendix,
users can search for cases by cause of action, case name, court name, or the parties involved,
etc. Since its launch, CJO has seen extensive use, with total visits reaching 100.2 billion by
December 2022.

The SPC explicitly mandated that local courts could not selectively disclose decisions
based on the case type, social impact, or judgment quality. Instead, disclosure was required
for all cases, except for those involving state security and sensitive individual privacy.* No-
tably, the disclosed documents are not anonymized, allowing users to search for firm names
and review their legal information.

As shown in Figure 1, the number of disclosed cases increased substantially following
the policy’s implementation, with a sharp rise beginning in 2014. Notably, before the 2013
reform, the SPC permitted lower courts to voluntarily publish judgments on their own official
websites. This initiative aimed to educate judges by providing reference cases to improve legal
understanding and application. However, the disclosed judgments were highly selective and
required case-by-case approval to ensure that only high-quality decisions, which would not
jeopardize the interests of the party-state or the judiciary, were made public (Liu et al.,
2022b). Consequently, the overall disclosure rate of court decisions prior to 2013 was only
2.7% (Tang and Liu, 2019). Moreover, the SPC mandated that private information, such as

names, addresses, and contact details, be anonymized, preventing the disclosed cases from

3The website can be accessed at http://wenshu.court.gov.cn.

4(Cases involving state secrets, juvenile defendants, divorce or child custody matters, and certain mediation-
based resolutions are generally excluded from online publication to protect privacy, safeguard state secrets,
and ensure the safety of those involved.
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being used to infer the fundamentals of specific firms before the 2013 reform.
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Figure 1: Total Disclosed Cases and Legal Transparency

Notes: This figure displays the total number of disclosed cases (left axis, blue bars) and legal transparency
(right axis, connected line) from 2010 to 2019. Legal transparency is measured by the fraction of publicly
released cases relative to the total number of closed cases.

The 2013 SPC notice also mandated the creation of two additional public platforms for
publishing information on trial proceedings and enforcement actions, providing access to
legal information about ongoing cases. Among these, the platform for publishing judgment
documents, CJO, was prioritized and launched first on July 1, 2013. Subsequently, the
public platform for enforcement information and the trial process platform were launched on
November 1, 2014, and November 13, 2014, respectively. In 2016, additional platforms were
introduced, including a trial live broadcast platform and a platform for public disclosure and

inquiries about untrustworthy persons subject to enforcement.

2.2 Types of Cases Disclosed

The information disclosed following the legal transparency reform is predominantly related

to economic matters. We analyzed data from over 18.4 million publicly available judgments



from 2014 to 2019,° with a summary provided in Appendix Table C1. Panel A shows that
of all the published judgments, 9.9 million only involve individuals, while the remaining 8.5
million involve firms, accounting for 46.4%. Of the total. Among these, 5.1 million cases
involve at least one firm as a defendant.

Contract disputes constitute the majority of judgments, regardless of whether firms are
involved. Specifically, contract disputes account for 81.2% of cases involving firms, 70.1% of
cases where firms are defendants, and 66.6% of cases not involving firms. To further examine
the nature of these contract disputes, we summarized the top eight categories of disputes
with firms as defendants in Panel B of the table. These categories include disputes related
to sales, labor, loans, entrusted duties, insurance, leases, service contracts, and infringement.
Together, they account for 61.5% of all documents and 87.1% of all contract disputes. The
top eight contract dispute categories for judgments involving only individuals are similarly
structured.

Figure A3 further illustrates that the proportion of cases involving firms has remained
relatively stable across different years, ranging from 31% in 2014 to 46% in 2018. Moreover,
while contract disputes account for approximately 20% more of all disclosed cases involv-
ing firms compared to those involving only individuals, the temporal trends are similar for
both. This suggests that the increase in judicial transparency has significantly enhanced the

visibility of contract disputes, providing greater insights into firms’ business operations.

2.3 The Influence of CJO on Credit Markets

Following the establishment of CJO, the Chinese government launched the National En-
terprise Credit Information Publicity System to further enhance corporate transparency and
information accessibility. Developed using judgment documents, this system aims to improve
the availability of corporate legal data. Platforms like Qichacha® and Tianyancha’ have been
instrumental in this initiative. Before the policy, these platforms already provided detailed
information on all registered firms in China, including registration details, equity structure,
industry classification, and registered capital. After the policy’s implementation, judicial
cases were integrated into these platforms. As shown in Figure A4 in the Appendix, users
can now search for a company’s total number of historical legal disputes, view ongoing cases,
and directly access judgment documents. By making such detailed legal information read-
ily accessible, these platforms have significantly improved transparency and accountability

within the business environment.

5This includes the universe of all first-instance civil cases judgment documents to which we have access.
Shttps://www.qcc.com
"https://www.tianyancha.com
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Before the establishment of CJO, banks and financial institutions in China primarily relied
on the Central Bank’s credit information platform to assess creditworthiness. This platform
provided details on a company’s past loans and default records across all banks. The launch
of CJO, along with the integration of judicial documents into platforms like Qichacha and
Tianyancha, introduced new data sources, allowing banks and financial institutions easier
access to more comprehensive information on corporate risk.

In 2015, China updated its corporate credit evaluation standard, Indicator for Enterprise
Credit Evaluation (GB/T 23794-2015), established by the National Standardization Admin-

8 This update explicitly incorporated judicial risks into credit evaluations. Many

istration.
commercial institutions now adopt this standard to rate companies, factoring in financial
and other relevant information. Prior to this reform, only publicly listed companies were
required to disclose material legal information, leaving non-listed firms exempt from such re-
quirements. Existing research shows that litigation and subsequent declines in credit ratings
significantly hinder a listed firm’s ability to secure bank loans and increase its debt financing
costs (Deng, Willis and Xu, 2014; Oliviero, Park and Zou, 2024; Arena, 2018; Ni and Yin,
2018; Bayar et al., 2024). Consequently, the establishment of CJO, which publicly discloses
judicial risks for all firms, is expected to have a profound impact on the credit market.
There is no shortage of examples in China where firms facing lawsuits, such as being unable
to repay account payables and subsequently being sued by their suppliers, have been denied
loan extensions by banks.” These legal disputes, often publicly disclosed through platforms
like CJO, underscore the heightened scrutiny financial institutions place on a company’s legal
risks. Consequently, a firm’s litigation history can significantly impact its ability to secure
financing. We will present formal empirical evidence supporting this point in the subsequent

sections.

3 Measurement and Empirical Specification

3.1 Measuring Legal Transparency

The measure of legal transparency is constructed using two sets of data. The first is the
number of cases publicly released each year by each province, sourced from CJO. The second

is the number of cases closed each year by each province, drawn from the Law Yearbook of

8The full text of the standard is available at https://www.chinesestandard.net/PDF/BOOK.aspx/
GBT23794-2015, and the English version can be found at https://www.chinesestandard.net/PDF/
English.aspx/GBT23794-2015. The standard was replaced by GB/T 23794-2023, which includes more
detailed provisions regarding the information disclosed on judicial document platforms.

9To give a few examples (in Chinese): https://sjzlsfy.hebeicourt.gov.cn/article/detail/2018/
05/1d/5854282.shtml, https://www.shyp.gov.cn/shypq/ypxydxal/20220706/411247 .html.
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China and the annual work reports of various high courts. Our key explanatory variable,
representing the legal transparency of province ¢ in year t, is denoted as transparencyg.

Formally, we define it as,

number of cases made public by province ¢ year t

transparencyy = ,when ¢ > 2014 (1)

number of cases closed by province ¢ within year ¢
and transparency,; = 0, when ¢t < 2013. As shown in Figure 1, the fraction of publicly
released cases was negligible before 2014, followed by steady growth from 2014 to 2019.

We primarily use province-level data to measure legal transparency for several reasons.
First, data availability favors province-level measurements. Provincial data has been consis-
tently available from the Law Yearbook of China or annual work reports since 2014, whereas
prefecture-level data on closed cases is only available from 2015 onward and contains sig-
nificant missing values.!® Given that legal transparency was already substantial in 2014 (as
shown in Figure 1), province-level data is more suitable. Second, there is considerable varia-
tion in legal transparency across provinces. Figure B5 in the Appendix illustrates prefecture-
level legal transparency in 2015, and a variance decomposition reveals that 63.89% of the
total variance in transparency measures is explained by between-province differences. Third,
aggregate outcome variables from the Industrial Statistics Yearbooks are only available at the
province level, categorized by industry. In contrast, at the prefecture level, only aggregate
manufacturing industrial output is available. Therefore, we primarily rely on provincial-
level transparency measures for most analyses. However, for robustness checks, we also use
prefecture-level data where possible. In constructing prefecture-level legal transparency, we
substitute province-level measures for missing values due to data constraints.

For additional robustness checks, we construct alternative measures of legal transparency
based on different types of cases and time frames. The first measure focuses on the civil case
disclosure rate, as most business-related cases are civil rather than criminal or administrative.
However, this approach face challenges due to incomplete data on closed civil cases in certain
regions, where case closures are often not reported by category.

Second, to address concerns that the disclosed cases each year may include those closed
in both the current and previous years, we calculate a disclosure rate based solely on cases
closed within the same year as an alternative measure of legal transparency. Additionally, we
conduct robustness checks using various other measures, such as replacing the denominator
with local GDP or the number of industrial firms.

We also construct additional measures to capture more detailed characteristics of the dis-

10The SPC provided us with prefecture-level data on closed cases from 2015 onward for research purposes;
this data is not publicly disclosed.
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closed cases. These include the average length of the reasoning section in disclosed judgments
(in log form), the number of disclosed contract disputes per industrial firm, and the number
of disclosed contract disputes specifically involving firms per industrial firm. The results of

our empirical analysis based on these measures are presented in the Appendix.

3.2 Measuring Capital Misallocation

Our measure of capital misallocation and empirical model closely follow the approach of
Bau and Matray (2023). As is standard in the literature, we define misallocation as wedges
in input prices. Conceptually, these wedges represent explicit or implicit taxes that distort
the efficient allocation of resources within a decentralized Arrow-Debreu-McKenzie economy.
The theoretical framework underlying this analysis is as follows: For a single-product firm,

the profit function is given by:

i = pi fi( K, Ly, M;) — Z (1+77)p" i, (2)
zeK,L,M

where i denotes firm, f;(K;, L;, M;) is the firm’s production function, with inputs K;, L;,
and M, representing capital, labor, and materials, respectively. Additionally, p; denotes the
output price, and p® presents the input price for input x € {K, L, M}. Assume that the
allocative price paid by firm i for input z is (1 + 77). The firm’s cost minimization implies
that the marginal revenue product (MRP) of each input is equal to its corresponding cost,
ie.,

(K: L: M
MRP; = 2L M)
4

Here, p; represents the output wedge, and the combined wedge for input z is given by

= p;(1 + 77)p", for x € {K, L, M}. (3)

p; (14 77). This combined wedge reflects the total distortion faced by firm ¢ in using input
x. Firms with a higher combined wedge for will exhibit a correspondingly higher marginal
revenue product for that input (MRPX).

We further adopt a standard Cobb-Douglas production function, given by:

(67

Revenue;j; = TFPR;j K,

ijt

k ! m
3% A%

Liji Myt (4)

where 4, j, and ¢ denote the firm, industry, and year, respectively. T'FPR;j; represents the
!
E
output elasticities of capital, labor, and materials, respectively. Then, the marginal revenue

firm’s unobserved revenue productivity, and af, aj, and o' denote the industry-specific

12



product of input x € K, L, M for firm ¢ in industry j at time ¢ is expressed as:

ORevenue;j . Revenue,j;

MRPK = - 5
0K YR, (5)

k

Assuming that all firms within the same industry share the same capital elasticity o7,

we

Revenue;jt

obtain oo

as a within-industry measure of MRPK.

3.3 Empirical Specification at Firm level

A common approach to assessing changes in capital misallocation is to attribute all cross-
sectional dispersion in marginal returns to capital (MRPK) to misallocation. However, as
noted by Bau and Matray (2023), this method may suffer from various estimation biases,
including those stemming from measurement error, model misspecification, and unobserved
heterogeneity in technology. To address these issues, Bau and Matray (2023) propose an
alternative empirical strategy, using India’s foreign direct investment (FDI) liberalization
reform as a case study. They demonstrate that the reform enabled firms with initially high
MRPK to expand more rapidly, thereby reducing within-industry MRPK dispersion and
improving capital allocation efficiency. This framework provides a more robust method for
evaluating the impact of policy reforms on capital misallocation.

We adopt this empirical approach to construct our model, focusing on whether the reform
has a differential impact on firms with high versus low marginal MRPK. Our main empirical

setting at the firm level is as follows:

Yicje = B * transparencye = I 4 X x g(8) + 0 + v + 051 + €icies (6)
where 7, ¢, 7, and ¢ denote firm, province, industry, and year, respectively. The dependent
variable y;.;: represents firm-level outcomes of interest, including MRPK, fixed capital, and
firm borrowing, all in logarithm. The variable transparency. measures the legal transparency
of province ¢ in year t, and IiH ighMRPK
an initial MRPK above the median within its CIC-4 digit industry. X; % g() represents the

interaction terms between firms’ initial log sales (in 2011) and year dummies, controlling

is a dummy variable indicating whether firm ¢ had

macroeconomic policies that may be size-dependent. We add firm fixed effects «;, province-
by-year fixed effects v,,, and CIC 4-digit industry-by-year fixed effects 6;;. Standard errors are
clustered at the CIC 4-digit industry level. For MRPK as the outcome variable, a negative /3
indicates that in regions with greater improvement in legal transparency, firms with initially
high MRPK experience a larger reduction in MRPK relative to firms with low initial MRPK.

For fixed capital and borrowing as the outcome variables, a positive § implied that firms
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with initially high MRPK exhibit greater growth in these variables in regions with higher
legal transparency.

To classify firms into high or low MRPK categories prior to the reform, we calculate the
average MRPK from the period 2009-2012 and define firms with high initial MRPK as those
with an average MRPK above the median within their CIC-4 digit industry. This period was
chosen to exclude the potential effects of the 2008 financial crisis and to precede the policy’s
implementation in 2013. For robustness checks, we also use MRPK in 2011 as an alternative
measure of initial MRPK, given that our firm-level analysis covers the period 2011-2016. The
results of these robustness checks are presented in the Appendix.

This approach offers two key advantages over the conventional cross-sectional MRPK vari-
ation method. First, it isolates changes in capital misallocation specifically attributable to
the reform-in this case, legal transparency-while controlling for other macroeconomic factors
through the inclusion of industry-by-year and province-by-year fixed effects. Second, it im-
poses weaker identification assumptions, requiring only that unobserved factors affecting the
gap in MRPK between high- and low-MRPK firms be uncorrelated with legal transparency,
thereby mitigating the risk of bias from omitted variables. We will test this identification

assumption in the subsequent sections.

4 Data Description

4.1 Firm-level Datasets

The primary firm-level outcomes are sourced from a panel dataset derived from the China Tax
Survey, covering the years 2011 to 2016. The China Tax Survey is an annual survey jointly
conducted by the Ministry of Finance and the State Administration of Taxation, comprising
approximately 0.7 million observations per year. This dataset includes a diverse range of
firms, with roughly half classified as industrial firms. Due to its extensive coverage, the
dataset captures a significant portion of China’s economic activities, as the included firms
contribute around 75% of the country’s total tax revenue. The dataset provides detailed
information on various firm-level variables, such as revenue, total output value, capital, total
assets, employment, and ownership structure. The data is available to us from 2009 to 2016,
and we use pre-reform data (from 2009 to 2012) to compute the initial MRPK.

The data set also contains firms’ cash flow statements, which we use to measure borrowing
conditions. We first use the total leverage ratio, defined as the ratio of total debt over fixed
capital, to measure firms’ overall borrowing capacity. We further analyze firms’ total, long-

term (non-current), and short-term (current) debt, recognizing that these types of debt differ
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in their sensitivity to information. Additionally, we follow Cun et al. (2022) to construct a

measure of trade borrowing, using accounts payable as a proxy.

4.2 Industry and Provincial level Datasets

Industry Aggregate Output and Employment: China Industrial Yearbook (2011-2016)

The industrial output, expressed in current Renminbi, serves as a key dependent vari-
able and is sourced from the China Industrial Yearbook. These Yearbooks provide crucial
information on various industries across provinces, including data on output, employment,
and main revenue. The reported figures are aggregated from all state-owned enterprises and
private firms with annual sales exceeding 20 million Renminbi (approximately 7 million U.S.
dollars). We use data from 2011 to 2016 to maintain consistency with the firm-level analysis.

Registry Records of New Firms (2011-2019)

To complement the analysis of smaller firms, we use the registry records of newly estab-
lished enterprises. This dataset contains detailed information on all new firm registrations by
province and industry. We calculate the number of new registrations monthly from 2011 to
2019. Additionally, the dataset tracks the status of micro-small enterprises, defined as firms
with annual sales below 10 million Renminbi, allowing us to specifically examine the entry

dynamics of smaller firms.

4.3 Summary Statistics

Table 1 provides summary statistics for provincial legal transparency, key dependent vari-
ables, and control variables. The dataset encompasses all 31 province-level regions in main-
land China. Panel A reports judicial transparency across different years. In 2014, the average
disclosure rate was approximately 30%, with Inner Mongolia recording the lowest trans-
parency score of 0.11, and Sichuan Province the highest at 0.59. Over time, the disclosure
rate steadily increased, reaching 88% in 2019.!!

While significant improvements in legal transparency were observed following the reform,
noticeable regional disparities persist. Existing literature identifies several factors contribut-
ing to these differences. One key factor is the connection between local judicial cadres and
the central government, as emphasized by Chen, Liu and Tang (2022), who argue that cadres
play a critical role in ensuring compliance with central directives. We will explore this rela-

tionship through an instrumental variable estimation. Additionally, compliance varies by case

1 Our transparency measure may occasionally exceed 1 due to two reasons: (1) a single case may have
multiple associated documents; (2) courts may disclose cases from previous years. For robustness checks, we
also use an alternative transparency measure based solely on same-year cases.
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type, with courts handling civil cases exhibiting higher disclosure rates than those handling
criminal or administrative cases. Capacity constraints also contribute to regional variability,
as highlighted by Liu et al. (2022b). Interestingly, despite expectations, market development,
measured by GDP, has played a limited role in explaining compliance disparities, as noted
by Tang and Liu (2019).

Panel B summarizes firm-level variables, with a sample size of approximately 0.9 million
observation. The initial MRPK is expressed as a dummy variable indicating whether a firm’s
average MRPK from 2009 to 2012 is above or below the industry median. For measures
of firm borrowing, the sample size is smaller than that for capital and output due to more
limited data availability.

Panel C reports province-industry level dependent variables, focusing on industries within
the manufacturing sector. Each year, the sample covers approximately 41 CIC 2-digit indus-
tries, depending on data availability. Labor productivity is calculated as the ratio of output
to employment. Panel D summarizes data on newly registered firms, while Panel E presents
control variables. College share refers to the proportion of the population with education
beyond the college level, which shows significant variation across provinces-Beijing has the
highest share, while Tibet has the lowest. Similarly, Shanghai has the highest urbanization
rate, while Tibet has the lowest. We also control for the ratio of foreign investment to GDP
as a proxy for foreign investment. Infrastructure is measured by the road area per capita (in
m?) for each province. Additionally, we account for another important judicial independence
reform implemented between 2014 and 2016, as discussed by Liu et al. (2022a).
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Table 1: Summary Statistics

A. Provincial Legal Transparency

Variable Obs. Mean Std. Dev.  Min Max  Median
legal transparency 2014 24 0.287 0.130 0.109  0.591 0.270
legal transparency 2015 31 0.279 0.095 0.121  0.492 0.273
legal transparency 2016 31 0.446 0.173 0.130  1.062 0.453
legal transparency 2017 31 0.698 0.276 0.157  1.508 0.687
legal transparency 2018 31 0.810 0.203 0.360  1.271 0.806
legal transparency 2019 31 0.877 0.315 0.489  2.351 0.824
B. Firm-level Variables (2011-2016)
log MRPK 772,916 1.482 1.477 -1.483  4.549 1.458
log capital 874,576 8.698 2.187 3.829 12.330  8.848
log output 512,440  10.507 1.795 6.052 13.274 10.616
leverage ratio (debt/capital) 559,766 6.293 10.290 0.136  48.782  2.569
log long borrowing 155,695 9.099 2.287 4.605 13.038  9.164
log short borrowing 572,722 9.916 1.872 5.421 12.903  10.008
log trade borrowing 498,441 8.592 1.949 4.205 11.664  8.716
indicator of (09-12 MRPK > median) 1,026,522 0.514 0.500 0 1 1
indicator of public listing status 805,110 0.009 0.093 0 1 0
C. Province by CIC-2 Digit Industry by Year Variables (2011-2016)
log output 6,665 5.303 2.156 -4.605 10.393  5.621
log employment 5,294 10.023 1.922 4.605 15.043 10.278
log labor productivity 5,293 -4.631 0.729 -8.142  -0.441  -4.659
D. Province by CIC2-digit Industry by Month Variables (2011-2019)
number of new firm 71,786 78.704  324.089 1 6,567 10
number of new small-micro firms 62,572 40.499 164.238 1 5,055 6
number of new other firms 64,519 48.291 214.355 1 4,303 6
E. Province-by-year Control Variables (2011-2019)

urbanization 279 0.135 0.073 0.024  0.505 0.120
college share 279 0.574 0.132 0.227  0.896 0.561
FDI share 279 0.004 0.004 0.000  0.017 0.002
road per capita (m?) 279 15.590 4.655 4.04 26.2 15
independence reform 279 0.534 0.500 0 1 1

Notes: Panel A reports summary statistics for legal transparency across different provinces from 2014 to 2019. In 2014, seven
provinces have missing values because the China Law Yearbook and Provincial High Courts Annual Report did not report the
total number of disclosed cases in these regions. Panel B summarizes the manufacturing firms included in the China Tax Survey
Data from 2011 to 2016, with each observation at the firm-year level. Marginal revenue product of capital (MRPK) is proxied
by Revenue/K, where K denotes fixed capital. Capital is measured by the fixed capital stock in each year. The total leverage
ratio is measured as the ratio of total debt to fixed capital. Long-term and short-term borrowing are measured by the value of
noncurrent and current liabilities, respectively, while trade borrowing is proxied by accounts payable. A firm classified as ex-ante
high MRPK if its average MRPK from 2009 to 2012 is exceeds the median within its CIC-4 digit industry. Panel C summarizes
industrial output, employment, and labor productivity, with each observation at the CIC-2 digit industry-by-province-by-year
level. Micro-small firms are defined as those with registered capital below 5 million RMB. Panel D reports summary statistics
for the number of newly established firms at CIC-2 digit industry by province-by-month level. Panel E summarizes the control
variables at the province-by-year level. College share refers to the proportion of the population with educational attainment
beyond the college level. Road per capita is measured as road area per capita. FDI share refers to the ratio of foreign direct
investment to GDP. The rollout of the judicial independence reform during 2014-2016, studied by Liu et al. (2022a), is captured
by the independence reform variable.
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5 Legal Transparency and Capital Misallocation

5.1 Legal Transparency and Capital Allocation

We begin by examining the impact of the legal transparency reform on capital allocation
through the estimation of Equation 6. The primary dependent variables in this analysis
are firms’ marginal revenue products of capital (MRPK) and fixed capital. The estimation
results are reported in Table 2.

In Panel A, we use the logarithm of MRPK as the dependent variable. Column (1)
includes legal transparency and its interaction with an indicator for high MRPK, along with
firm fixed effects. The interaction term is negative and significant, while the coefficient on
legal transparency is positive and significant. This suggests that in regions with higher legal
transparency, firms with initially high MRPK experience a decline in MRPK, whereas firms
with initially low MRPK see an increase. In Columns (2) and (3), we introduce CIC-4
digit industry-by-year fixed effects and interaction terms between initial firm size and year
dummies. The magnitude of the interaction term slightly decreases, while the coefficient on
legal transparency increases. Column (4) adds province-level controls, including urbanization
rate, the proportion of the population with college-level education or higher, the ratio of
foreign investment to GDP, road area per capita, and the rollout of judicial independence
reform. The coefficient on legal transparency rises from 0.308 to 0.372, while the interaction
term remains largely unchanged. This implies that although legal transparency correlates
with provincial characteristics, the differential impact on high versus low MRPK firms is
unaffected by these controls. Finally, Column (5) includes province-by-year fixed effects.
The interaction term’s estimate remains consistent with those in Columns (3) and (4). A
10-percentage-point increase in legal transparency is associated with a 7.87% reduction in
MRPK for firms with initially high MRPK, relative to firms with initially low MRPK.

In Panel B, the dependent variable is the logarithm of fixed capital. Across all specifica-
tions, the estimate on the interaction term remains largely stable. Column (4) reveals that,
with provincial controls included, a 10-percentage-point increase in legal transparency leads
to a 4.41% increase in capital for firms with initially high MRPK, while firms with initially
low MRPK are not significantly affected. In Column (5), this impact on firms with initially
high MRPK (relative to low MRPK firms) slightly decreases to 4.37%. These results indicate
that regions with higher legal transparency allocate more capital to firms with initially high
MRPK, thereby reducing MRPK dispersion within industries.
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Table 2: Legal Transparency and Capital Allocation

A. Marginal Revenue Products of Capital (MRPK)

(1) 2) 3) (4) (5)
Dependent Variable log MRPK
Transparencye 0.0744* 0.398*** 0.308*** 0.372%**
(0.040) (0.040) (0.052) (0.053)
Transparencye, I 9"MEPK -0.972%** -0.973%** -0.794%** -0.795%** -0.7T8TH**
(0.033) (0.032) (0.034) (0.034) (0.033)
Firm FE v v v v v
CIC4-by-year FE v v v v
Initial Size;*Years v v v
Provincial controls v
Province-by-year FE v
Observations 773,157 768,625 526,953 526,953 526,951
R? 0.826 0.830 0.828 0.828 0.828
B. Fixed Capital
(1) (2) 3) (4) (5)
Dependent Variable log K
Transparencyet -0.165*** -0.000 0.091** 0.018
(0.022) (0.036) (0.039) (0.035)
Transparencye, I 9"MEPK 0.491%** 0.498*** 0.441%%* 0.441%%* 0.437%**
(0.025) (0.025) (0.027) (0.027) (0.027)
Firm FE v v v v v
CIC4-by-year FE v v v v
Initial Size;*Years v v v
Provincial controls v
Province-by-year FE v
Observations 874,799 874,576 585,346 585,346 585,345
R? 0.957 0.957 0.961 0.961 0.961

Notes: This table displays the effects of legal transparency on firms’ MRPK and fixed capital. Each observation is at the firm-
by-year level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year. Transparencyc: is the fraction
of publicly released cases relative to the total number of closed cases for each province ¢ in year t. IinghMRPK is a dummy
variable indicating whether firm #’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its
CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in 2011. Provincial-level controls include the urbanization
rate, the proportion of the population with education above the college level, the ratio of foreign direct investment to GDP, road
area per capita, and the rollout of the judicial independence reform. Standard errors are clustered at the CIC-4digit industry
level. *** p<0.01, ** p<0.05, * p<0.1.
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5.2 Addressing Threats to Identification

In this section, we address potential threats to the validity of our empirical strategy, focusing
on the primary concern of the non-random assignment of lawsuit disclosure rates across
firms. Our identification strategy relies on the assumption that, in the absence of the legal
transparency reform, differences in outcomes between firms with ex-ante high and low MRPK
across provinces with varying levels of legal transparency would have followed parallel trends.
Importantly, our empirical specification does not require average firm outcomes prior to the
reform to be entirely uncorrelated with post-reform legal transparency. By incorporating
province-by-year fixed effects, we control for all confounding factors at the province-year
level. To further support the validity of this identification strategy, we present several pieces
of evidence.

First, we show that the policy is unrelated to pre-reform firm-level fundamentals associ-
ated with MRPK dispersion, such as MRPK variance, the share of state-owned firms, and the
concentration ratio. Moreover, we find no significant effect of legal transparency on average
MRPK post reform, suggesting that the legal transparency does not drive overall MRPK
trends. Second, a triple-difference (DDD) analysis confirms parallel pre-trends in key out-
comes between high- and low-MRPK firms across provinces with varying legal transparency
levels, ensuring that the observed post-reform effects are not driven by divergent pre-reform
trends. Third, we employ an instrumental variable (IV) approach, leveraging exogenous vari-
ation in disclosure rates induced by the central government experience of local legal cadres.
This IV estimation addresses endogeneity concerns and reinforces the causal interpretation
of our findings.

Additionally, we conduct robustness checks by excluding large firms to ensure that our
results are not biased by potential differences in the disclosure of lawsuits involving large
firms. We also explore the effect of legal information availability using alternative measures,
including provincial variations in the disclosure of contract disputes and the average length
of the reasoning section in the judgment documents. These robustness checks are discussed

in detail in Section 5.5.

5.2.1 Legal Transparency and Provincial Fundamentals

First, we test whether pre-reform provincial characteristics related to firms’ market power and
market structure can predict post-reform legal transparency. Post-reform legal transparency
is measured as the average disclosure rate from 2014 to 2016. As shown in Figure B6 in the
appendix, the 2014-2016 average legal transparency is positively correlated with the annual

values for each year, indicating that the average over this period largely reflects overall
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transparency trends.

We then conduct a series of OLS regressions at the provincial level, using the 2014-2016
average legal transparency as the dependent variable and various market structure measures
from 2011 to 2013 as independent variables. The results are presented in Table 3. Columns (1)
to (7) report regressions with independent variables representing different market structure
measures from 2011 to 2013, including the variance and mean of MRPK, the shares of sales
and fixed capital held by state-owned enterprises (SOEs), the sales shares of the largest 20
firms (CR20) and the largest 100 firms (CR100), and the MRPK gap between high- and low-
MPRK firms. Across all columns, the raw correlations between market structure measures
and legal transparency during 2014-2016 are statistically insignificant. This lack of significant
association suggests that the policy was unlikely to have been targeted based on provincial

fundamentals related to market structure.

Table 3: Association between Pre-reform Provincial-level Characteristics and Legal Trans-
parency

(1) (2) (3) (4) ®) (6) (7) (8)

Dependent Variable Average Disclosure Rate 2014-2016
MRPK Variance -0.0333
(0.0638)
MRPK Mean 0.0460
(0.0527)
SOE Sales share -0.164
(0.116)
SOE Capital share -0.138
(0.110)
CR 20 -0.133
(0.125)
CR 100 -0.128
(0.117)
AMRPK -0.0674
(0.141)
AMRPK post -0.159*
(0.0883)
Observations 31 31 31 31 31 31 31 31
R? 0.009 0.026 0.064 0.051 0.038 0.040 0.008 0.101

Notes: This table displays the association between legal transparency with various provincial fundamentals related to firm
market structure prior to the reform. Each observation represents a province. The independent variables in Columns (1) to (7)
are the average of different aspects of market structure from 2011 to 2013, including the variance and mean value of MRPK,
the share of sales and fixed capital by state-owned enterprises (SOEs), the share of total sales by the largest twenty firms
(Concentration Ratio 20, CR 20) and the largest one hundred firms (CR 100), and the MRPK gap between ex-ante high and
low MRPK firms (AMRPK). In Column (8), the independent variable is the MRPK gap between ex-ante high and low MRPK
firms during 2014 to 2016. *** p<0.01, ** p<0.05, * p<0.1.
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In contrast, Column (8) examines the post-reform correlation between the legal trans-
parency and the MRPK gap between ex-ante high and low MRPK firms. The coefficient is
negative and statistically significant at the 10% level. To illustrate these findings, Figure B7
in the Appendix presents a scatter plot. The left panel displays the MRPK gap between
initially high and low MRPK firms in 2011-2013, while the right panel shows the gap dur-
ing 2014-2016, both plotted against the 2014-2016 average legal transparency. The graph
indicates no significant correlation before the policy, suggesting the absence of a systematic
pre-policy pattern. However, a notable negative correlation emerges after the policy, indicat-
ing that higher legal transparency is associated with a smaller MRPK gap post-reform.

We also analyze the effect of legal transparency on firms’ average MRPK. The results,
presented in Table C2 in the Appendix, show no significant impact, suggesting that the reform

enhances capital allocation efficiency rather than reducing the average cost of capital.'?

5.2.2 Dynamic Setting

To further address concerns over potential pre-policy trends, we implement a triple-difference
event study to evaluate the legal transparency reform’s impact. The first difference is based on
firms’ initial MRPK, represented by a dummy variable indicating whether a firm’s MRPK
exceeds the median within its CIC-4 digit industry. The second difference captures the
intensity of provincial legal transparency reform, using a treatment dummy variable, treat.,
for each province ¢, which equals 1 if province ¢’s average legal transparency during 2014-
2016 exceeds the national average.!®> The third difference involves a temporal comparison,
contrasting firm outcomes in the post-policy period (2014-2016) with those in the pre-policy
period (2011-2013).

To ensure consistency with the construction of the treatment variable, we calculate firm-
level averages of log capital (log K) and log MRPK as the dependent variables over the
2014-2016 period. The empirical specification is as follows:

Yicjr = Z B Treat, x IiHighMRPK * (T =s)+ Z §inHighMRPK x(1=s) (7)

s=—2,—1,post s=—2,—1,post
+Xi* g(7) + @i + Ve + 047 + Eicjr, T = =2, —1, post

Here, 7 denotes the relative time from policy implementation, with 2013 set as the baseline

12Gince province-by-year fixed effects cannot be included in this regression, we control for provincial-level
variables listed in Table 1 and applied in Column (4) of Table 2. While we observe an increase in average
capital in response to the legal transparency reform, the magnitude is smaller than that reported in 2.

13The results remain robust when the treatment dummy is defined based on whether a province’s average
legal transparency exceeds the national median.
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year. Specifically, 7 = —2 and 7 = —1 correspond to 2011 and 2012, while 7 = post represents
the average value from 2014 to 2016. T'reat,. is a dummy variable indicating whether the legal
transparency of province ¢ during 2014-2016 exceeded the national average. By incorporating
separate trends for firms with initially high and low MRPK, as well as for provinces with
high and low legal transparency (captured by the province-by-year fixed effects, v,), the
coefficients on the three-way interaction terms, S_, and (_,, capture potential pre-reform
trends, while 3, measures the impact of the reform. Other settings follow those outlined

in Equation 6. The results are reported in Table 4.

Table 4: Legal Transparency and Capital Allocation: A Triple-Difference Estimation

(1) (2) (3) (4)

Dependent Variables log MRPK log K
Treat, [ RPE 4 9011, -0.004 0.004 0.007 -0.007

(0.016) (0.017) (0.010) (0.010)
Treat,  [T9MMRPE 9019, -0.003 0.004 0.010 -0.006

(0.013) (0.014) (0.008) (0.008)
Treat, x [T9MMEPE o host, -0.045%* -0.053%** 0.079%** 0.080%**

(0.018) (0.019) (0.012) (0.013)
Firm FE v v v v
CIC4-Year FE v v v v
Initial Firm Size*Years v v
[HI9MMEPR 5y ears v v v v
Province-Year FE v v v v
Observations 704,951 498,612 787,641 550,075
R? 0.846 0.840 0.963 0.965

Notes: This table displays the effects of legal transparency on firms’ MRPK and fixed capital using a triple-difference model.
Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K is the fixed capital in each year.
Treat. is a dummy variable indicating whether province ¢’s average legal transparency during 2014-2016 is above the national

mean. 2011;, 2012¢, and post; represent the years 2011, 2012, and the 2014-2016 average, respectively. IiHighMRPK is a dummy

variable indicating whether firm ¢’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its
CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in 2011. Standard errors are clustered at the CIC-4 digit
industry level. *** p<0.01, ** p<0.05, * p<0.1.

Columns (1) and (2) use log MRPK as the dependent variable. In Column (1), when where
interaction terms between firms’ initial size and year dummies are excluded, the estimates for
B_y and S_; are both close to zero and statistically insignificant, while the estimate for 3, is
negative and statistically significant. This indicates that post-policy legal transparency does
not significantly affect the pre-policy difference in log MRPK between firms with initially high
and low MRPK. However, after 2014, legal transparency significantly reduces log MRPK for
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firms with high initial MRPK relative to those with low initial MRPK. In Column (2), adding
interaction terms between firms’ initial size and year dummies yields similar point estimates.
The results indicate that after the reform, the difference in log MRPK between high- and
low-MRPK firms is 5.3% lower in regions with high legal transparency compared to those
with lower legal transparency. Columns (3) and (4) use log fixed capital as the dependent
variable. The results show that post-reform, the difference in fixed capital between firms with
initially high and low MRPK is 8.0% higher in regions with high legal transparency than in
regions with lower legal transparency. These findings align with the benchmark results in
Table 2, further confirming the parallel trends between high- and low-MRPK firms before

the reform.

5.2.3 An Instrumental Variable Approach

This section adopts an alternative approach to help identify the causal impact of legal trans-
parency on capital allocation, leveraging variation in disclosure rates driven by the political
motivations of provincial high court leaders to comply with the legal transparency reform.

The central government connections of local court leaders influenced their willingness to
comply with the reform, which was strongly championed by Zhou Qiang, the then-President
of the Supreme People’s Court (SPC). Zhou had had previously served in the Ministry of
Justice until 1995, and after leaving his role as a department director, transitioned to the
Communist Youth League, and later held leadership positions in Hunan province. In 2013,
he returned to the judiciary as President of the SPC. Judicial transparency reform was one
of his key initiatives upon taking office.

Given this context, it is reasonable to infer that high court leaders with extensive experi-
ence in the Ministry of Justice, SPC, or other central government bodies would have stronger
connections to central authorities and be less dependent on Zhou Qiang for promotion. In
contrast, court leaders without such connections could view Zhou'’s forceful reform as an
opportunity to demonstrate their performance and gain favor. For instance, Yan Qingwen,
the former leader of the Shaanxi Province High Court, had no prior experience working with
the central government. He explicitly mandated a 100% disclosure rate for courts in Shaanxi
Province and actively encouraged lower courts leaders to monitor progress. Additionally, he
introduced a monthly ranking system based on disclosure performance, holding lower court
leaders accountable if their performance ranked in the bottom ten in the province.'* As a
result, the disclosure rate in Shaanxi province reached 59% in 2014, ranking first among all

provinces with available data that year, and further rose to 97% in 2018.

1See a report from https://www.chinacourt.org/article/detail/2014/08/id/1426709.shtml (in
Chinese).
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On the other hand, a high court leader’s central work experience is unlikely to corre-
late with economic variables, as judicial departments typically do not play a direct role in
economic policymaking or development. Therefore, the variation in disclosure rates driven
by political motivations provides a suitable source of exogenous variation for identifying the
causal impact of legal transparency on capital allocation.

Therefore, we construct an indicator variable based on the work history of high court
leaders in each province and year. The variable C'entral.; = 1 if the high court president has
prior experience working in the Ministry of Justice, the SPC, or other central government
departments;'® otherwise, Central,; = 0. We use the interaction term between Centraly = 1
and the post-2014 dummy as an instrument for legal transparency in the IV regression.

Table 5 displays the results. Column (1) reports the first-stage regression outcomes. The
estimated coefficient is negative and significant, indicating that, all else equal, provinces
where high court leaders have central government experience exhibit a disclosure rate ap-
proximately 0.11 lower than provinces where high court leader lacks such experience. This
negative association supports the hypothesis that local legal cadres without central connec-
tions have stronger incentives to comply with the judicial transparency mandate, aiming to
gain recognition from the SPC leadership, particularly Zhou Qiang. The F statistic is 287.88,
effectively ruling out concerns about weak instruments.

Columns (2) to (3) focus on the outcome of log MRPK. Column (2) shows the reduced-
form estimation of the interaction term between central connections and the dummy for
initially high MRPK on log MRPK. The results suggest that provinces where high court
leaders have central connections experience a reduction in MRPK for firms with ex-ante high
MRPK relative to firms with ex-ante low MRPK. Column (3) presents the second stage IV
regression results, which are consistent with the benchmark findings in Table 2, though with
slightly larger magnitude (0.855 compared to 0.787).

Columns (4) and (5) present results using log fixed capital as the dependent variable. Col-
umn (4) reports the reduced-form estimation, showing that in provinces where the high court
leaders have central connections, firms with ex-ante high MRPK experience an increase in
fixed capital. Column (5) presents the second-stage IV results, which are consistent with the
benchmark estimates, with the coefficient magnitude closely matching the benchmark results
in Table 2 (0.465 compared to 0.437). These findings indicate that higher legal transparency
leads to a significant increase in fixed capital for firms with initially high MRPK relative to

firms with ex-ante low MRPK. This again supports the conclusion that the legal transparency

15The IV estimation remains robust when central experience is defined solely as experience in the Ministry
of Justice and SPC, or when it includes other judicial branches, such as the procuratorate and public security
systems.
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reform improved capital allocation by benefiting firms with higher initial MRPK.

Table 5: Legal Transparency and Capital Allocation: An Instrumental Variable Estimation

(1) (2) (3) (4) (5)
Dependent Variables Transc log MRPK log K
First Stage OLS v OLS v
Centraly x Post?014 -0.108***
(0.003)
Centraly * Post?0™ « IiHighMRPK -0.313*** 0.0904***
(0.0329) (0.0184)
Transe s IJ9MMAPK -0.850%** 0.462%**
(0.035) (0.028)
Firm FE v v v v v
CIC4-Year FE v v v v v
Initial Firm Size*Years v v v v v
Province-Year FE v v v v
F-statistics 287.88
R? 0.933 0.826 0.828 0.961 0.961
Observations 592,134 534,309 531,006 593,339 589,733

Notes: This table displays the effects of legal transparency on firms’ MRPK and fixed capital in an instrumental variable
estimation. Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital. K is the fixed capital
in each year. Centralct is a binary indicator that equals 1 if the leader of the provincial high court has prior work experience

in the Ministry of Justice, the SPC, or other central government departments, and 0 otherwise. T'ransparencyct is the fraction

of publicly released cases relative to the total number of closed cases for each province c in year t. IiHighMRPK is a dummy

variable indicating whether firm i’s pre-reform average MRPK (calculated from 2009 to 2012) exceeds the median within its
CIC-4 digit industry. Initial Size; is measured by firms’ logged sales in 2011. Central.t is an indicator of whether the leader in
the provincial high court has work experience in central government or the SPC. Column (1) shows the first stage regression.
Columns (2) and (4) are reduced-form estimations. Columns (3) and (5) show the second stage estimations. Standard errors
are clustered at CIC-4 digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

5.3 Legal Transparency and Firm Borrowing

How do firms with initially high MRPK obtain relatively more capital following the legal
transparency reform? Since most firms primarily rely on debt financing, this subsection
examines the reform’s impact on firm borrowing. We estimate Equation 6 with multiple
measures of firm borrowing as dependent variables, including the total leverage ratio, log
long-term borrowing, log short-term borrowing, and log trade credit borrowing. Details on
the construction of these variables are provided in Section 3. The regression results are
presented in Table 6.

Column (1) uses the leverage ratio, defined as the ratio of total debt to total fixed capital,

as the dependent variable. The results show that a 10-percentage point-increase in legal
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transparency is associated with a 10.51-percentage-point relative increase in the total lever-
age ratio for firms with initially high MRPK compared to those with initially low MRPK.
Column (2) examines the effect on the logarithm of firms’ total borrowing, showing that a
10-percentage-point increase in legal transparency corresponds to a 1.59% relative increase
in total debt for firms with initially high MRPK. Columns (3) and (5) present results for
short-term and long-term debt, while Column (4) focuses on trade credit from suppliers,
which is considered a component of short-term debt.!® Specifically, a 10-percentage-point
increase in legal transparency is associated with a 1.21%, 0.96%, and 3.05% relative increase
in short-term debt, trade credit, and long-term debt, respectively, for firms with initially high
MRPK.

It is important to note that our dataset has a significantly smaller sample size for firms
with long-term debt information.!” The last two columns present the responses for total and
short-term debt using a subsample that excludes firms with missing long-term debt informa-
tion. Overall, these results suggest that increased legal transparency is associated with higher
borrowing levels, particularly benefiting firms with initially high MRPK. Moreover, the re-
sponse in long-term debt is more pronounced than in short-term debt, consistent with the
corporate finance literature, which posits that long-term debt is more sensitive to information
than short-term debt.

To illustrate how the impact occurs, we provide direct evidence by analyzing the effect
of lawsuit information disclosure on the borrowing practices of defendant firms. As shown
in Table C3 in the Appendix, our results support the hypothesis that such information
significantly influences borrowing decisions. Specifically, we find that a one percentage point
increase in the lawsuit value in cases where the firm is a defendant, relative to the firm’s
annual sales, is associated with an 11.2% reduction in its debt. Additionally, firms with
initially lower MRPK are more likely to be sued (see Appendix Table C4), suggesting that
the increased flow of lawsuit information may help reallocate capital from lower MRPK firms
to those with higher MRPK.

5.4 Alternative Measures on Legal Information Availability

In the benchmark analysis, we measure legal information transparency by the disclosure rate

of all closed cases. In this section, we provide two alternative measures of legal information

16In developing countries like China, firms with limited access to banks loans often finance some of their
operations through trade credit, borrowing from suppliers who may have better access to bank financing
(Cun et al., 2022).

17Tt is unclear whether missing values in long-term debt represent zero or simply unreported figures. When
treating missing values in long-term debt as zero and regressing log(1 + long-term debt) on legal transparency,
the resulting point estimate remain similar to that in Column (5).
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Table 6: Legal Transparency and Firm Borrowing

(1) (2) (3) (4) (5) (6) (7)

subsample with long-term debt data

Dependent Variables Leverage Total Short Trade Long Total Short
ratio borrow borrow borrow borrow borrow borrow

Transe  [TOMMEPE 1 o515 0.159%%%  (0.121%%%  0.096%%%  0.305%**  (.101%** 0.050
(0.193)  (0.018)  (0.019)  (0.027)  (0.072)  (0.026) (0.035)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 560,106 574,029 573,082 498,710 155,770 155,658 154,909
R? 0.806 0.948 0.944 0.895 0.899 0.968 0.956

Notes: This table displays the effects of legal transparency on firm borrowing. Each observation is at the firm-by-year level. The
ratio of total debt over fixed capital measures the total leverage ratio. Long-term and short-term borrowing are measured by

the value of noncurrent and current liabilities, respectively. Trade borrowing is measured by accounts payable. Transc: is the

fraction of publicly released cases out of all closed cases for each province ¢ in year t. IiHighMRPK is an indicator of whether

firm #’s pre-reform average MRPK (in 2009-2012) is higher than the median of each CIC-4 digit industry. Standard errors are
clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

availability for robustness checks: (1) the disclosure of contract disputes, and (2) the total
length of the reasoning section disclosed in judgment documents.

We first focus on contract dispute cases and create two levels of indicators. The first
measure is the ratio of the total number of publicly available contract dispute cases in each
province each year to the total number of above-scale industrial firms. The second measure
refines this by using the number of publicly available contract dispute cases involving at least
one firm as the numerator, again normalized by the total number of above-scale industrial
firms in each province. The results are presented in Appendix Table C5. It can be observed
that the impacts on firm MRPK, capital, and borrowing are consistent with the results
from the benchmark legal transparency measure. The second measure, which uses contract
dispute cases involving enterprises as the numerator, shows a larger coefficient, suggesting
that the disclosure of contract dispute information related to firms significantly enhances
capital allocation efficiency.

Another robustness check focuses on the impact of the average length of the reasoning sec-
tion in disclosed judicial documents on capital misallocation. Judicial transparency increases
the amount of information about a firm’s economic fundamentals. When the reasoning sec-
tions are longer, they provide more detailed information about a firm’s fundamentals, thereby
improving resource allocation efficiency. In Table C6, we use the average word count (in log)

of the reasoning sections at the province-year level as an explanatory variable, replacing legal

28



transparency in the benchmark regression. The results show that longer reasoning sections
indeed lead firms with initially high MRPK to experience a reduction in MRPK, gain more

capital, and borrow more, consistent with the earlier findings.

5.5 Additional Robustness Checks

In this subsection, we conduct a series of additional robustness checks. We begin by ad-
dressing concerns related to the measurement of legal transparency. One potential issue is
that the transparency of different types of cases, such as civil, criminal, administrative, and
others, may disclose different information and have varying impacts on capital reallocation
across firms. For instance, most economic cases are civil cases. To address this, we construct
the disclosure rate specifically for civil cases. By replacing the total disclosure rate with the
civil case disclosure rate in our benchmark estimation, we find that the results, shown in
Table C7 in the Appendix, remain qualitatively consistent with our baseline estimations.

Another concern is that the cases disclosed each year include those closed in the same
year as well as in prior years. To address this, we construct a disclosure rate based only on
cases closed in the same year as our measure of legal transparency. The results, presented in
Table C8 in the Appendix, are also consistent with our main findings.

Although most of the variation in legal transparency occurring at the provincial level, we
also test the robustness of our results using prefecture-level disclosure rates. The data on
the number of closed cases at this level, provided to us by the SPC for research purposes,
is available starting from 2015. Therefore, for years prior to 2014 and missing values of
prefecture-level legal transparency after 2015,'® we use the province-level disclosure rate
instead. The results, presented in Table C9 in the Appendix, show minimal changes from
our benchmark estimation, further confirming the appropriateness of conducting our analysis
at the provincial level.

We show that our results are robust to multiple alternative measures of legal transparency.
First, we replace the denominator of legal transparency from the total number of disclosed
judicial documents to the total number of above-scale industrial firms at province-year level.
The results are shown in Panel A in Appendix Table C10. We also use each province’s GDP
as the denominator, with the results in Panel B of Appendix Table C10. It can be observed
that the results remain highly robust.

Another concern is that large firms may be less likely to have their litigation information
disclosed, potentially due to local governments’ incentives to withhold negative information

about prominent firms or the influence that large firms may exert to keep their lawsuits pri-

1896.4% city-year pairs or 15.7% firm-year level observations have missing values for city-level transparency.
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vate.!” This selective disclosure could bias our estimates. In Section 5.2, we have shown that
this scenario is unlikely, as the legal transparency in 2014-2016 and each province’s market
structure and concentration ratio prior to the policy (2011-2013) are not significantly cor-
related. Nevertheless, assuming this situation exists, provinces with a higher concentration
of large firms may have lower levels of legal transparency. At the same time, in provinces
with more large firms, misallocation could be more pronounced due to the imbalance in
market power, implying that legal transparency could be positively correlated with misal-
location. Under this logic, the observed benchmark results might underestimate the role of
legal transparency in improving allocation efficiency. Although this concern is minimal, we
still conduct a robustness check by running regressions on a sub-sample that excludes large
firms. We identified large firms using eight methods: for each CIC 2-digit industry, at the
county, city, and provincial levels, we excluded the top 5% of firms in terms of annual sales
and employment within each unit of observation. The results, shown in Appendix Table C11,
indicate that all findings are robust, further confirming that market power and local market
structure are unlikely to bias our analysis.

We also expand our analysis to allow the judicial independence reform to have a heteroge-
neous impact based on firms’ initial MRPK (Table C12). The primary findings regarding the
reduction in capital misallocation in response to legal transparency remain largely unchanged.

Finally, we replace the dummy for high initial MRPK in 2009-2012 with a dummy con-
structed using 2011 firm-level data. The results, shown in Table C13, demonstrate that our

findings are robust across different measures of legal transparency.

6 Legal Transparency and Output

6.1 Legal Transparency and Firm-Level Output Growth

Since the legal transparency reform enhances capital allocation efficiency, we expect it to
contribute to increased output growth. First, we estimate Equation 6 using firm-level log
output as the dependent variable. The results are shown in the first column of Table 7. They
suggest that a 10 percentage point increase in legal transparency results in a 2.36% increase in
output for firms with initially high MRPK, compared to firms with initially low MRPK. These
results indicate that the legal transparency reform has greater benefits accruing to those with

higher initial MRPK, highlighting the reform’s role in improving resource allocation efficiency.

9iu et al. (2022b) find that local governments may have incentives to withhold negative information about
state-owned and politically connected public listing firms in the year before promotion campaigns.
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6.2 Legal Transparency and Industry-Level Output Growth

Next, we examine the impact of legal transparency reform on industry-level outcomes. The

main empirical setting at the industry level is
Yejt = [ * transparencye + U'Ze + aj + 0t + €cjt, (8)

where ¢, j, and t represent province, CIC-2 digit industry, and year, respectively. y.;; rep-
resents the dependent variables of interest, including industrial output, employment, labor
productivity, and number of new entrants, all in log terms. The variable transparency.
represents the judicial transparency. The control variables Z.; are at the province-year level.
Additionally, we include province-industry and industry-year fixed effects. Standard errors
are clustered at the industry level.

Columns (2) to (7) in Table 7 display the regression results. Columns (2) and (3) use
log(output) at the province-industry-year level as the dependent variable. In Column (2),
the point estimate for legal transparency is positive and statistically significant, indicating
that a 10 percentage point increase in judicial transparency is associated with a 1.74% in-
crease in industrial output. Column (3) includes control variables, and the point estimate
for legal transparency remains largely unchanged. In Columns (4) and (5), we switch the
dependent variable to log employment in the industrial sector. The results show that judicial
transparency has a slightly weaker, yet still significant, impact on provincial employment.
A 10 percentage point increase in judicial transparency is linked to a 0.64% increase in em-
ployment. This finding aligns with expectations, given the migration barriers imposed by
the Hukou system in China. As a result, the increase in output is primarily driven by labor

productivity (i.e., output per capita), as shown in Columns (6) and (7).

6.3 Legal Transparency and Firm Entry

The industrial aggregate output is calculated as the sum of firms with annual sales greater
than 20 million Renminbi, thus ignoring the impact on small firms. In this subsection,
we specifically examine the impact of legal transparency on the number of new firms as a
complementary analysis, focusing particularly on small firms. We estimate Equation 8 with
the logarithm of the number of new firms as the dependent variable. Table 8 presents the
results. Columns (1) to (3) use the benchmark legal transparency measure as the main
independent variable. In Column (1), the dependent variable is the log total number of new
industrial firms in a province within a month. The findings indicate that a 10 percentage

point increase in judicial transparency is associated with a 1.36% increase in the total number
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Table 7: Legal Transparency and Industrial Output

(1) (2) (3) (4) (5) (6) (7)
Firm Province-by-CIC 2 digit Industry
Dependent Variables log output log output log employment  log labor productivity

Transe * IiH’ghMRPK 0.236%**

(0.036)

Transq 0.174%*%*  0.184***  0.066*  0.064* 0.125*** 0.149***

(0.055)  (0.054)  (0.034) (0.032) (0.034)  (0.034)
Firm FE v
Initial Size;*Years v
CIC4-year FE v
Province-year FE v
Provincial FE v v v v v v
CIC2-year FE v v v v v v
Provincial Controls v v v
Observations 512,737 6,382 6,382 6,181 6,181 5,012 5,012
R? 0.901 0.981 0.983 0.982 0.983 0.927 0.928

Notes: This table displays the impact of legal transparency on industrial output. Each observation is at the firm by year level
in Column (1), and at province by CIC2-digit industry by year level in Columns (3) to (7). Transc: is the fraction of publicly

released cases out of all closed cases for each province ¢ in year t. IiHighMRPK is an indicator of whether firm i’s pre-reform
average MRPK (in 2009-2012) is higher than the median of each CIC-4 digit industry. Provincial-level controls in Columnd (2)
to (7) include the urbanization rate, the proportion of the population with education above the college level, the ratio of foreign
investment to GDP, road length per capita, and the rollout of the judicial independence reform. Standard errors are clustered
at CIC-4 digit industry level in Column (1), and at CIC-2 digit level in Columns (2) to (7). *** p<0.01, ** p<0.05, * p<0.1.

of new industrial firms. In Columns (2) and (3), we differentiate between micro-small firms
and other firms. The estimates show similar magnitudes for both categories. These results
are consistent with the improved capital allocation thus increased effective productivity with
higher legal transparency. When potential entrants consider whether they enter the market

or not, the expectation of an increase in the effective productivity will encourage more entry.
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Table 8: Legal Transparency and Firm Entry

M 2) 3)

Dependent Variables log Total Number log Number of Small-Micro Firms log Number of Other Firms
Transg 0.136*** 0.141%** 0.149%***

(0.027) (0.023) (0.028)
Provincial FE v v v
CIC2-year FE v v v
Provincial Controls v v v
Observations 71,786 62,572 64,519
R? 0.915 0.902 0.878

Notes: This table displays the impact of legal transparency on the entry of new firms. Each observation is at province by
CIC-2digit industry by year level. Transparencyct is the fraction of publicly released cases out of all closed cases for each
province c¢ in year t. Small-micro firms indicate those with registered capital lower than 5 million Renminbi. Provincial-level
controls include the urbanization rate, the proportion of the population with education above the college level, the ratio of
foreign investment to GDP, road length per capita, and the rollout of the judicial independence reform. All regressions include
provincial-by-CIC 2 digit industry and CIC-2digit industry-by-year-by-month fixed effects. Standard errors are clustered at
CIC-2 digit level. *** p<0.01, ** p<0.05, * p<0.1.

7 Heterogeneity Analysis

7.1 Heterogeneity by Firm Ownership

In this subsection, we explore the heterogeneity in the impact of legal transparency on cap-
ital allocation among firms with different ownership types. Table 9 presents the results of
estimating Equation 6 separately for firms with different ownership types. Columns (1) to
(3) display the results with log MRPK as the dependent variable. The estimates on the
interaction term between legal transparency and the high MRPK dummy are -0.714, -0.682,
and -0.827 for state-owned, foreign/Hong Kong/Macau/Taiwan (HMT), and private firms,
respectively. For comparison, Table 2 shows a pooled sample estimate of -0.787. These results
indicate that the impact of legal transparency on MRPK for firms with initially high MRPK
is slightly more pronounced for private firms compared to state-owned and foreign/HMT
firms. Columns (4) to (6) present similar findings when the dependent variable is log fixed
capital. Specifically, a 10 percentage point increase in legal transparency is associated with
a 5.0% increase in fixed capital for private firms with initially high MRPK. This effect is
weaker for state-owned (3.38%) and foreign/HMT firms (2.98%).

Next, we estimate a model that includes interaction terms between legal transparency, the

dummy for initially high MRPK, and ownership dummies. The empirical specification is:

Yicjt = Py * transparencye * IZ-HighMRPK + transparency * IiHighMRPK x SOE;  (9)
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HighM RPK

+transparencye x I * FIE; + X x g(t) + o + Voo + 0t + €icjt,

where SOFE; and FIFE; are dummies indicating whether firm ¢ is state-owned or foreign-
owned, respectively. We include province-by-year-by-ownership fixed effects v, to account
for macro trends at the province-ownership levels.

The results are presented in Columns (7) and (8) of Table 9. For private firms, a 10
percentage point increase in legal transparency is associated with an 8.26% decrease in MRPK
and a 4.95% increase in fixed capital. The impact on MRPK is slightly weaker (though not
statistically significant) for state-owned firms and 1.48% weaker (significant) for foreign/HMT
firms, while the effects on capital are significantly weaker by 1.52% for state-owned firms and
1.85% for foreign/HMT firms. These findings are consistent with the idea that private firms
in China are more likely to face financial frictions, and reducing information asymmetries

can significantly enhance capital allocation to private firms with initially high MRPK.

Table 9: Legal Transparency and Capital Allocation: Heterogeneity by Ownership

(1) (2) 3) (4) (5) (6) (7)

(8)

Dependent Variables log MRPK log K log MRPK log K
SOE FIE Private SOE FIE Private Pooled Pooled
Transe; « [1H9MMIEPK S0.714%KEQ.682FFF  LQ.827HFKE  (.338FFF  (.208%F*  (.500%FF  _0.826%FF  (.495%**
(0.081) (0.050) (0.041)  (0.072)  (0.030)  (0.037) (0.039) (0.035)
Transe; « [T9MEPE  SOR, 0.074 -0.152%*
(0.074) (0.061)
Transey » IF9MMEPK  pIE, 0.148%**%  _0.185%**
(0.056) (0.042)
Firm FE v v v v v v v v
CIC 4-Year FE v v v v v v v v
Initial Size;*Years v v v v v v v v
Province-Year FE v v v v v v
Province-Year-Ownership FE v v
Observations 51,208 130,480 331,131 58,807 140,817 370,680 526,951 585,345
R? 0.849 0.831 0.833 0.971 0.963 0.959 0.829 0.961

Notes: This table displays the heterogeneous effects of legal transparency on firm MRPK and fixed capital based on firm owner-
ship. SOE, FIE, and Private denote state-owned, foreign/Hong Kong/Macro/Taiwan, and private domestic firms, respectively.
Columns (7) and (8) use the full dataset containing firms of all ownerships. Each observation is at the firm-by-year level. MRPK
is measured using Revenue/Capital as a proxy for the marginal revenue product of capital. K is the fixed capital in each year.
Transect is the fraction of publicly released cases out of all closed cases for each province ¢ in year t. InghMRPK is an indi-
cator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each CIC 4 digit industry. All
regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are clustered at the CIC-4digit industry
level. *** p<0.01, ** p<0.05, * p<0.1.

7.2 Heterogeneity by Public Listing Status

Next, we examine the differential impact of the legal transparency reform based on a firm’s
public listing status. Under the Securities Law of China, publicly listed firms are required

to disclose material legal information. Consequently, prior to the 2013 reform, listed firms
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were already partially disclosing their legal information. Thus, we hypothesize that the
reform would have a weaker effect on publicly listed firms compared to non-listed firms. To
empirically test this hypothesis, we match the Tax Survey data with the China Listed Firms
dataset. In our sample, approximately 1% of the firms are publicly listed.

The empirical specification for this test is,

[inghMRPK [inghMRPK % [iPublic (1())

Yicjt = B * transparencyq; * + B4 * transparency.; *

+B4 * transparencye * 17" + + X, % g(t) + i + Yo + 6t + €icjt,

where [P is a dummy for whether firm 7 is publicly listed. The key coefficient of interest,
B, captures the differential impact of the legal transparency reform on publicly listed firms
with high initial MRPK compared to their non-listed counterparts. The results are shown in
Table 10.

Columns (1) and (2) present the results for the dependent variable, log MRPK. The
coefficient estimate for (3,, which represents the interaction term between legal transparency,
the dummy for initially high MRPK, and the dummy for publicly listed firms, is positive
despite not being statistically significant. In Columns (3) to (4), where the dependent variable
is the log fixed capital, the estimate of [3, is negative and statistically significant at the 10%
level in Column (4) with controls. This indicates that the impact of legal transparency on the
level of fixed capital is indeed weaker for publicly listed firms compared to non-listed firms.
Specifically, a 10 percentage point increase in legal transparency leads to a 4.4% increase in
fixed capital for non-listed high MRPK firms, compared to only a 0.6% (4.42-3.82) increase
for listed firms.

These findings further boost confidence in the identification of our analysis. The differ-
ential impact on listed versus non-listed firms supports the idea that publicly listed firms,
which were already required to disclose significant legal information, experienced a smaller
effect from the reform. This reinforces the argument that the primary mechanism of the
legal transparency reform is the reduction of information asymmetry. The relatively stronger
impact on non-listed firms, who previously were not subject to the same disclosure require-
ments, highlights how the reform increased transparency and influenced capital allocation

primarily by addressing gaps in publicly available information.

7.3 Heterogeneity by Industry-Level Contract Intensity

Another factor influencing the heterogeneous impact of legal transparency across firms is

their dependence on contracts. We use the contract intensity constructed by Nunn (2007)
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Table 10: Legal Transparency and Capital Allocation: Heterogeneity based on Public Listing
Status

(1) 2) 3) (4)

Dependent Variables log MRPK log K
Transe  I/T9MMAPK -0.837* -0.790%** 0.439%%* 0.442%%*

(0.0317) (0.0326) (0.0268) (0.0273)
Transe « IT9"™MEPE o public; 0.226 0.221 -0.319 -0.382%

(0.226) (0.253) (0.197) (0.207)
Transg x public; -0.127 -0.073 0.081 0.171*

(0.103) (0.123) (0.079) (0.088)
Firm FE v v v v
Initial Size;*Years v v
CIC4-Year FE v v v v
Province-Year FE v v v v
Observations 599,157 526,951 670,791 585,345
R? 0.828 0.828 0.960 0.961

Notes: This table displays the heterogeneous effects of legal transparency on firm MRPK and fixed capital based on whether
a firm is publicly listed. public; is an indicator for firms’ public listing status. Each observation is at the firm-by-year level.
MRPK is measured using Revenue/Capital as a proxy for the marginal revenue product of capital. K is the fixed capital in each

year. T'ransct is the fraction of publicly released cases out of all closed cases for each province c in year t. IfighMRPK is an
indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each CIC-4 digit industry.
Standard errors are clustered at CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

at the industry level and investigate whether industries with higher contract intensity are
more responsive to legal transparency. This strategy is akin to the approach used by Rajan
and Zingales (1995) when they examine how financial development affects growth. The main

specification at the firm level is,

HighM RPK HighM RPK
Yicjt = Bq * transparencyq x I, + By x transparencyq x I, « contract; (11)

+ 03 * transparencye * contract; + X; * g(t) + a; + Yo + 05t + €icjt,

where contract; is the contract intensity of industry j in year .

The results are presented in Table 11. Columns (1) and (2) use the logarithm of MRPK
as the dependent variable. It shows that, for firms with initially high MRPK, an increase
in legal transparency has a more pronounced effect on reducing MRPK in industries with
higher contract intensity. Specifically, for an industry with median contract intensity (0.51),
a 10 percentage point increase in legal transparency results in a decrease in MRPK by
7.87% (3.04*%0.51+6.32) for firms with initially high MRPK compared to low MRPK firms,
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compared to a decrease of 6.32% in industries with no contract dependence. In Column (2),
we incorporate differential trends for firms with different initial sizes, and the results are
largely unchanged.

Columns (3) to (4) present the results for log fixed capital. Column (3) indicates that
industry-level contract intensity significantly influences the response of fixed capital to the
legal transparency reform for firms with initially high MRPK. Specifically, in industries with
median contract intensity, a 10 percentage point increase in legal transparency increases fixed
capital by 4.46% (3.89%0.514-2.48) for firms with initially high MRPK (relative to low MRPK
firms), compared to a 2.48% increase in industries with zero contract intensity. Column (4)

show similar results.

Table 11: Legal Transparency, Contract Intensity, and Capital Allocation

(1) (2) (3) (4)

Dependent Variables log MRPK log K
Transe * I 9MMAPK -0.632%** -0.633%** 0.248%%* 0.250%**

(0.0815) (0.0790) (0.0647) (0.0641)
Transe  IM9"™MEPK s Contract, -0.304%* -0.306** 0.389%* 0.396%+*

(0.137) (0.134) (0.110) (0.111)
Transe * Contract; -0.0737 -0.0845 -0.0792 -0.103

(0.242) (0.242) (0.142) (0.141)
Firm FE v v v v
Initial Size;*Years v v
CIC4-Year FE v v v v
Province-Year FE v v v v
Observations 477,128 472,988 527,223 522,668
R? 0.815 0.815 0.960 0.960

Notes: This table displays the heterogeneous effects of legal transparency on firm MRPK and fixed capital based on the contract
intensity of each industry. Contract; measures the dependence on contract of each CIC-2 digit industry j provided in Nunn
(2007). MRPK is measured using Revenue/Capital as a proxy for the marginal revenue product of capital. K is the fixed
capital in each year. Transparencyc: is the fraction of publicly released cases out of all closed cases for each province ¢ in year
t. IinghMRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each
CIC-4 digit industry. All regressions include firm and CIC-4 digit industry-by-year fixed effects. Standard errors are clustered
at CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.

We also consider the industry-level regression setting for aggregate outcomes with the

consideration of contract intensity.
Yejt = B * transparencye * contract; + o + Ve + 05t + €cjt, (12)
where y.;; denotes dependent variables of interest including industrial output, employment,
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and labor productivity, all in log terms.

Table 12 reports the regression results. In Column (1), without including other control
variables, we find that the estimated [, is not statistically significant from 0. This implies
that industries that have zero contract intensity will have little response to an improvement
in judicial transparency. However, the estimated (3, is positive and statistically significant.
The point estimate is also economically significant. For instance, in an industry with a
median contract intensity of 0.51, a 10 percentage points increase in contract intensity will
imply a 1.76% increase in industrial output compared to an industry that does not depend
on contracts. Columns (3) and (4) show that the estimated coefficient before the interaction
term of legal transparency at the province-year level and the contract intensity at the industry
level are positive and statistically significant. This implies inter-industry labor reallocation
towards a high contract-dependent industry when legal transparency improves. We obtain
similar point estimates before the interaction term when labor productivity becomes the

dependent variable in Columns (5) and (6).

Table 12: Legal Transparency, Contract Intensity, and Industrial Output

(1) (2) (3) (4) () (6)
Dependent Variables log output log employment log labor productivity
Transc 0.090 0.076  -0.130**  -0.135%* -0.065 -0.053

(0.076) (0.084)  (0.062)  (0.064)  (0.066)  (0.069)
Transe * Contract; — 0.322%  0.345%  0.365%%*  0.367***  (0.392%**  (.398%**
(0.185) (0.188)  (0.121)  (0.119)  (0.124)  (0.123)

Province-CIC2 FE v v N v v v
CIC2-Year FE v v v v v v
Provincial controls v v v
Observations 4,754 4,754 4,711 4,711 3,845 3,845
R? 0.982 0.984 0.983 0.984 0.936 0.937

Notes: This table displays the heterogeneous impact of legal transparency on industrial output based on the industrial contract
intensity. Each observation is at province by CIC-2digit industry by year level. Contract; measures the intensity of contract
of each CIC-2 digit industry j. Transc: is the disclosure rate of each province c in year t. Provincial-level controls include the
urbanization rate, the proportion of the population with education above the college level, the ratio of foreign investment to
GDP, road length per capita, and the rollout of the judicial independence reform. Standard errors are clustered at CIC-2 digit
level. *** p<0.01, ** p<0.05, * p<0.1.

8 Conclusion

Through the implementation of a legal transparency reform in China, we investigate the
effects of increased local disclosure of lawsuit documents on capital misallocation and eco-

nomic performance. Our analysis shows that greater legal transparency significantly reduces
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capital misallocation and enhances aggregate production. We emphasize the role of reduced
information friction, leading to more efficient capital allocation, with a stronger response
in long-term debt compared to short-term debt. We observe that firms with relatively low
initial MRPK later faced more legal cases, and the disclosure of cases against a firm is as-
sociated with a reduction in its borrowing. Furthermore, industrial output increases with
higher judicial transparency, driven by gains in productivity per worker rather than increases
in employment. The reform is also associated with a notable rise in the number of newly
registered firms. In addition, we examine the heterogeneous effects of legal transparency
on firms with different types of ownership, public listing status and contract dependence to
enhance the robustness of our findings.

We also recognize the potential for alternative channels through which legal transparency
reforms might influence economic dynamics. Beyond capital reallocation, improvements in
judicial quality stemming from these reforms could benefit firms by fostering public trust

and enhancing legal professionalism.?

Moreover, the disclosure of legal information could
lead to changes in corporate behavior, prompting firms to adjust their strategies and risk
management practices.?’ Exploring other important channels presents promising avenues for

future research.

20As a first set of attempt, we check whether the rate of second-instance appeals responds to legal trans-
parency. The rate of second-instance appeals refers to the proportion of cases that are appealed to a second-
instance court after an initial trial. It may serve as an indicator of judicial system efficiency or quality.
However, Appendix Table C14 indicates that there is minimal evidence to suggest that the rate of second-
instance appeals significantly changes following improvements in lawsuit information transparency.

21 Appendix Table C15 shows that the average case incidence per firm does not significantly change in
response to legal transparency. This indicates that firms’ efforts to alter their behavior in order to avoid
being sued may not be substantial.
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Notes: This figure shows a screenshot of one example judgment document on China Judgment Online. The
document is accessible at this link.
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Appendix Figure A3: Composition of Disclosed Cases

Notes: The data source for this analysis includes all 18.4 million publicly available first-instance judgments
from 2014 to 2019. We present the proportion of cases involving firms out of all cases (bar chart), the
proportion of contract disputes in all disclosed cases involving firms (red line), and the proportion of contract
disputes involving only individuals (green line).
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Notes: This figure shows a screenshot of Qichacha.
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Appendix Figure B5: Prefecture-level Legal Transparency in 2015

Notes: Legal transparency for each city is defined as the ratio of disclosed cases to closed cases in 2015. The
numerator data is obtained from China Judgments Online, while the denominator data is provided by the
SPC for research purposes. Some cities have missing values for the total closed cases.
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Appendix Figure B6: Legal Transparency in 2014-2016

Notes: This figure plots the scatter point graph between the average legal transparency in 2014-2016 and the
annual values. Each observation is at the province-by-year level.
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Appendix Figure B7: Association between MRPK Dispersion and Legal Transparency

Notes: Each observation represents a province. The vertical axis shows the MRPK gap between firms with
initially high and low MRPK for the periods 2011-2013 (left) and 2014-2016 (right). The horizontal axis
represents the average disclosure rate (legal transparency) for each province from 2014-2016.
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C Swupplementary Tables

Appendix Table C1: Composition of Disclosed Cases: 2014-2019

A. Composition of Disclosed Cases

Category Frequency Share of Contract Disputes
Total Number of Judgments 18,408,550
in which, any firm involved 8,533,389

in which, contract disputes 6,927,809 81.18%
in which, defendant is firm 5,134,211

in which, contract disputes 3,626,662 70.64%
in which, no firm involved 9,875,161

in which, contract disputes 6,575,062 66.58%

B. Top Eight Categories of Contract Disputes where Firms are Defendants

Category Frequency Share in Contract Disputes
Sales contract disputes 1,114,410 21.71%
Labor contract disputes 557,938 10.87%
Loan contract disputes 488,537 9.52%
Engineering/Entrusted contract disputes 344,051 6.70%
Insurance contract disputes 217,156 4.23%
Lease contract disputes 215,133 4.19%
Infringement disputes 132,640 2.58%
Service contract disputes 89,191 1.74%
Total of Above 3,159,056 61.53%

Notes: The data source for this analysis includes all 18.4 million publicly available first-instance judgments
from 2014 to 2019. Panel A displays the composition of cases based on firm involvement, while Panel B

presents the top eight categories of contract disputes where firms are defendants.
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Appendix Table C2: Average Effect of Legal Transparency

(1) (2) (3) (4) (5) (6) (7)

Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow

Trans 0.00183 0.223%%* 0.250 0.165%  0.145***  (0.338%**  (.246***
(0.0507) (0.0360)  (0.269)  (0.0957) (0.0283)  (0.0540) (0.0494)

Firm controls v v v v v v v

Provincial controls v v v v v v v

Observations 526,628 584,959 559,766 155,695 572,722 498,441 512,440

R? 0.827 0.961 0.806 0.898 0.944 0.895 0.901

Notes: This table displays the effects of legal transparency on the average outcomes of firms. Each observation is at the
firm-by-year level. MRPK is measured using Revenue/Capital as a proxy for the marginal revenue product of capital. K is
the fixed capital in each year. The ratio of total debt over fixed capital measures the total leverage ratio. Long-term and
short-term borrowing are measured by the value of noncurrent and current liabilities, respectively. Trade borrowing is measured
by accounts payable. Transq: is the fraction of publicly released cases out of all closed cases for each province ¢ in year t.
IHighMRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each
CIC 4 digit industry. All regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are clustered
at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C3: Lawsuit Involvement as Defendants and Borrowing

(1) (2)

Dependent Variables log capital log total borrow

Lawsuit Value as Defendants/Sales in 2014;* Post2014;  -0.294*** -0.112%*
(0.0523) (0.0503)

Firm fixed effects v v

Year fixed effects v v

Observations 189,545 186,511

R? 0.935 0.931

Notes: This table displays the association between firms’ involvement in lawsuits as defendants and their borrowing. Each
observation is at the firm-year level. The data source for this analysis is the Tax Survey of industrial firms in China from
2011 to 2016, which was initially matched with data on above-scale industrial firms in China and then with disclosed lawsuit
data from Qichacha for 2014-2016. Among the 342,925 firms in China’s above-scale industrial firms data for 2013, we matched
216,008 firms (a 63.0% match rate) with judgment documents from Qichacha by firm name. Of these matched firms, 49.3% were
involved in lawsuits as defendants at least once during 2014-2019. The variable Lawsuit Value as Defendants/Sales in 2014;
represents a firm’s lawsuit value as a defendant, normalized by its annual sales value. Post2014; is a dummy variable for the
period 2014-2016. The dependent variable in Columns (1) to (3) is fixed capital (log), while in Columns (4) to (6) it is total
debt (log). All regressions include firm and year fixed effects. Standard errors are clustered at CIC-4 digit industry level. ***
p<0.01, ¥* p<0.05, * p<0.1.
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Appendix Table C4: MRPK and Lawsuit Involvement as Defendants

(1) (2) (3) (4) (5) (6)

Dependent Variables lawsuit value/sales indicator for being defendants
log MRPK -0.016%*F*%  -0.017%F*  _0.018%**  -0.030***  -0.029%**  _0.027***
(0.002) (0.001) (0.001) (0.003) (0.003) (0.003)
I50F -0.043%** -0.026*
(0.003) (0.013)
rfeert -0.006%** -0.007*
(0.001) (0.004)
log Ly -0.009%*** 0.040%**
(0.001) (0.003)
Industry FE v v v v
Province FE v v v v
Observations 208,627 208,581 208,510 208,627 208,581 208,510
R? 0.014 0.038 0.043 0.005 0.025 0.028

Notes: This table displays the association between firms’ MRPK and their (subsequent) involvement in lawsuits as defendants.
Each observation is at the firm-year level. The data source for this analysis is China’s above-scale industrial firms in 2013,
which were matched with judgment documents from Qichacha by firm name, yielding a match rate of 63.0% (216,008 out of
342,925 firms). Among these firms, 49.3% were involved in lawsuits as defendants at least once during 2014-2019. MRPK is
measured using Revenue/Capital as a proxy for the marginal revenue product of capital. The dependent variable in Columns
(1) to (3) is the ratio of lawsuit value to firms’ annual sales value, while in Columns (4) to (6) it is an indicator of whether
the firm was a defendant at least once from 2014 to 2019. Firm-level controls include indicators for state-owned status (SOE),
export activity, and employment size (in log). All regressions include CIC2-digit industry and province fixed effects. Standard
errors are clustered at the X level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C5: Alternative Measures of Legal Information: Contract Disputes Disclo-

sure
(1) (2) (3) (4) () (6) (7)
Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow
A. Cont.Dis..; = # of disclosed contract disputes / GDP
Cont.Dis.,  [[9MMPRE 33100k (. 176%%%  0.476*F% 0,147+ 0.051%F%  0.042%F% 0,071+
(0.014) (0.011) (0.082) (0.030) (0.008) (0.012) (0.013)
Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.899
Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833
B. Cont.Dis..: = # of disclosed contract disputes of firms / GDP
Cont.Dis.c + [I9MMPRE g qqgex 0 40%%%  (.878%+%  (.326%F%  (.102%%%  (.079%**  (.229%**
(0.029) (0.025) (0.177) (0.064) (0.018) (0.025) (0.031)
Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.900
Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833

Notes: This table displays the effects of legal information on firms’ MRPK and fixed capital, using the disclosure of contract
disputes as a measure. Cont.D1is..+ represents the ratio of disclosed contract disputes to the number of above-scale firms. Panel
A includes all cases, while Panel B focuses solely on cases involving firms. Each observation is at the firm-by-year level. The
ratio of total debt over fixed capital measures the total leverage ratio. Long-term and short-term borrowing is measured by the

value of noncurrent and current liabilities, respectively. Trade borrowing is measured by accounts payable. I;

HighMRPK

is an

indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each CIC-4 digit industry. All
regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are clustered at the CIC-4digit industry

level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C6: Alternative Measures of Legal Information: Length of the Reasoning
Section

(1) (2) (3) (4) (5) (6) (7)
Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow

Reasong « ITOMMPRE g gqg%5% 0,020%%%  0.076%%*  0.017%%*  0.006%¥** 0.005%%*  (.014%**
(0.002) (0.001)  (0.010)  (0.004)  (0.001)  (0.001)  (0.002)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 533,911 592,870 567,466 158,429 580,473 505,409 519,479
R? 0.827 0.961 0.805 0.899 0.944 0.895 0.900

Notes: This table displays the effects of legal information on firms’ MRPK and fixed capital, using the average length of the
reasoning section in judgment documents for each province c¢ in year ¢ as a measure (reasoningct). Each observation is at
the firm-by-year level. The ratio of total debt over fixed capital measures the total leverage ratio. Long-term and short-term
borrowing is measured by the value of noncurrent and current liabilities, respectively. Trade borrowing is measured by accounts
payable. IiHighMRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median
of each CIC-4 digit industry. All regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are
clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C7: Robustness: Civil Cases Transparency

(1) (2) (3) (4) (5) (6) (7)
Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow

CivilTransct « [P g 746%0% (.389%%%  1.230%%*%  (.327+%%  (.135%%%  (.120%%F*%  (.234%%
(0.041)  (0.028)  (0.223)  (0.085)  (0.024)  (0.033)  (0.044)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 519,719 976,899 551,992 151,743 564,764 490,924 505,873
R? 0.830 0.961 0.808 0.901 0.945 0.896 0.903

Notes: This table displays the effects of legal transparency on capital allocation, borrowing, and industrial output. Each
observation is at the firm-by-year level. MRPK is measured using Revenue/Capital as a proxy for the marginal revenue
product of capital. K is the fixed capital in each year. The ratio of total debt over fixed capital measures the total leverage
ratio. Long-term and short-term borrowing are measured by the value of noncurrent and current liabilities, respectively. Trade
borrowing is measured by accounts payable. CivilTransct is the disclosure rate of civil cases in each province ¢ in year t.
IHighMRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each
CIC 4 digit industry. All regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are clustered
at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C8: Robustness: Transparency of Cases Closed in the Same Year

(1) (2) 3) (4) (5) (6) (7)
Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow

SYTrans. x I[TOMMEPE 1 p46%+%  0.540%%%  1.525%%% (. 418%F%  (0.166%**  0.132%%%  (.315%%*
(0.047) (0.035)  (0.267)  (0.096)  (0.027)  (0.037)  (0.052)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 526,951 585,345 560,106 155,770 573,082 498,710 512,737
R? 0.828 0.961 0.806 0.899 0.944 0.895 0.901

Notes: This table displays the effects of legal transparency on capital allocation, borrowing, and industrial output. Each
observation is at the firm-by-year level. MRPK is measured using Revenue/Capital as a proxy for the marginal revenue
product of capital. K is the fixed capital in each year. The ratio of total debt over fixed capital measures the total leverage
ratio. Long-term and short-term borrowing is measured by the value of noncurrent and current liabilities, respectively. Trade
borrowing is measured by accounts payable. SYTransc: is the disclosure rate of cases closed in the same year in each province
cin year t. IinghMRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median
of each CIC-4 digit industry. All regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are

clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C9: Robustness: Prefecture-level Legal Transparency

(1) (2) ®3) (4) (5) (6) (7)
Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow

CityTranspt « IJTOMMEPE g 780%+% (0 434%%%  0.945%%%  (.300%%%  0.118%%*  (.089%**  (.196%**
(0.033) (0.028)  (0.188)  (0.070)  (0.019)  (0.027) (0.036)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and City-Year FE included

Observations 526,855 585,260 560,018 155,634 572,988 498,618 512,638
R? 0.831 0.961 0.807 0.901 0.945 0.896 0.903

Notes: This table displays the effects of legal transparency on capital allocation, borrowing, and industrial output when legal
transparency is measured at the prefecture level. Each observation is at the firm-by-year level. MRPK is measured using
Revenue/Capital as a proxy for the marginal revenue product of capital. K is the fixed capital in each year. The ratio of total
debt over fixed capital measures the total leverage ratio. Long-term and short-term borrowing are measured by the value of
noncurrent and current liabilities, respectively. Trade borrowing is measured by accounts payable. CityTranspt is the disclosure
rate of all cases in each city p in year ¢. IZ.HighMRPK is an indicator of whether firm 4’s pre-reform average MRPK (in 2009-2012)
is higher than the median of each CIC-4 digit industry. All regressions include firm and CIC-4digit industry-by-year fixed effects.
Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C10: Robustness: Changing the Denominator

(1) (2) 3) (4) (5) (6) (7)
Dependent Variables log MRPK log K leverage long short trade log output
ratio borrow borrow borrow

Transparency.; = # of disclosed cases / GDP (in units*10)

Transe « [J9MMPRE_0.035%%%  0.020%%%  0.039%%*  0.015%%*  0.005%%* 0.004***  0.010%**
(0.001) (0.001)  (0.008)  (0.003)  (0.001)  (0.001)  (0.002)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 534,309 593,339 567,929 158,628 580,941 505,832 519,833
R? 0.827 0.961 0.805 0.898 0.944 0.895 0.900

Notes: This table displays the effects of legal transparency on capital allocation, borrowing, and industrial output using two alter-
native measures of legal transparency. Each observation is at the firm-by-year level. MRPK is measured using Revenue/Capital
as a proxy for the marginal revenue product of capital. K is the fixed capital in each year. The ratio of total debt over fixed
capital measures the total leverage ratio. Long-term and short-term borrowing are measured by the value of noncurrent and
current liabilities, respectively. Trade borrowing is measured by accounts payable. Legal transparency is measured using two
alternative approaches: replacing the denominator in the benchmark measure with the total number of industrial firms (as shown
in Panel A) and with the total GDP (as shown in Panel B). IZ.nghMRPK is an indicator of whether firm 3’s pre-reform average
MRPK (in 2009-2012) is higher than the median of each CIC-4 digit industry. All regressions include firm and CIC-4digit
industry-by-year fixed effects. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C12: Robustness: Allowing Heterogeneous Impact of Independence Reform

(1) (2) (3) (4) (5) (6) (7
Dependent Variables log MRPK log K leverage long short trade  log output
ratio borrow borrow  borrow

Transe  [TOMMEPE 0. 805*#%  0.479%%%  1,021%%%  (0.220%%%  0.112%%%  (.080%*  0.231%**
(0.035) (0.035)  (0.226)  (0.071)  (0.020)  (0.032)  (0.035)

Independencecs * IiH ighMEPK 1, luded
Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 526,951 585,345 560,106 155,770 573,082 498,710 012,737
R? 0.828 0.961 0.806 0.899 0.944 0.895 0.901

Notes: This table displays the effects of legal transparency on capital allocation, borrowing, and industrial output by allowing
the heterogeneous impact of the judicial independent reform Ind¢; on firms with initially high and low MRPK. Each observation
is at the firm-by-year level. MRPK is measured using Revenue/Capital as a proxy for the marginal revenue product of capital.
K is the fixed capital in each year. The ratio of total debt over fixed capital measures the total leverage ratio. Long-term and
short-term borrowing is measured by the value of noncurrent and current liabilities, respectively. Trade borrowing is measured
by accounts payable. Transc: is the fraction of publicly released cases out of all closed cases for each province c in year t.
IHighMRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each
CIC 4 digit industry. All regressions include firm and CIC-4digit industry-by-year fixed effects. Standard errors are clustered
at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C13: Robustness: Indicator of High MRPK Measured using 2011 Data

(1) (2) 3) (4) () (6) (7)
Dependent Variables log MRPK log K leverage long short trade  log output
ratio borrow borrow  borrow

A. Trans.; = Provincial Disclosure Rate of all Cases

Transe  IJT9"MAPK J0.968%FF  QATIRRR 0.780%FF  (.320%F%  (0.093%F*  (.055%  (.183%F*
(0.032) (0.030)  (0.202)  (0.071)  (0.021)  (0.031)  (0.034)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 513,874 048,824 526,442 147,363 537,525 469,953 512,737
R? 0.829 0.961 0.807 0.899 0.944 0.896 0.901

B. CivilTrans.; = Provincial Disclosure Rate of Civil Cases

CivilTranse x IIT9MMEPK . 0.933%k%  ( 497%%% (. 896***  0.390%**  0.098***  0.067%  0.173%**
(0.040) (0.032)  (0.229)  (0.087)  (0.025)  (0.036)  (0.041)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 506,959 540,865 518,771 143,533 520,680 462,622 505,873
R? 0.830 0.962 0.809 0.901 0.945 0.896 0.903

C. SYTrans. = Provincial Disclosure Rate of Civil Cases

SY Transe « ITOMMEPE 1 ook 597%%  1150%%%  0.450%%%  0.127%F%  0.080%  0.239%**
(0.044) (0.039)  (0.281)  (0.094)  (0.029)  (0.042)  (0.049)

Initial Firm Size; *Years Included
Firm, CIC4-Year, and Province-Year FE included

Observations 513,874 048,824 526,442 147,363 537,525 469,953 512,737
R? 0.829 0.961 0.807 0.899 0.944 0.896 0.901

Notes: This table displays the effects of legal transparency on capital allocation, borrowing, and industrial output by using an
alternative definition of high initial MRPK using 2011 data). Each observation is at the firm-by-year level. MRPK is measured
using Revenue/Capital as a proxy for the marginal revenue product of capital. K is the fixed capital in each year. The ratio of
total debt over fixed capital measures the total leverage ratio. Long-term and short-term borrowing is measured by the value
of noncurrent and current liabilities, respectively. Trade borrowing is measured by accounts payable. Transc: is the fraction
of publicly released cases out of all closed cases for each province c¢ in year t. CivilTransc: is the disclosure rate of all civil
cases for each province c in year t. SYTransc: is the disclosure rate of cases closed in the same year in each province c in year
t. IHthRPK is an indicator of whether firm ¢’s pre-reform average MRPK (in 2009-2012) is higher than the median of each
CIC-4 digit industry. Standard errors are clustered at the CIC-4digit industry level. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C14: Legal Transparency and First-instance Appeal Rate

Dependent Variable

(1) (2) 3) (4)

First-instance Appeal Rate

Transparency.;
Transparencyp:

Provincial controls
Prefectural controls
Province FE and Year FE
Prefecture FE and Year FE
Observations

RZ

-0.0795  -0.0645
(0.0480)  (0.0402)
-0.0577  -0.0446
(0.0469)  (0.0449)
v
v v
v v
179 179 1,436 1,436
0.666 0.688 0.514 0.518

Notes: This table displays the impact of legal transparency on the first-instance appeal rate, with each observation at the
province-by-year level. The first-instance appeal rate is calculated as the ratio of second-instance cases to first-instance cases.
Transet represents the proportion of publicly disclosed cases relative to all closed cases in each province ¢ / each city p in year
t. Province- and prefecture-level controls include urbanization rate, the proportion of the population with education above the
college level, the ratio of foreign investment to GDP, road length per capita, and the rollout of judicial independence reform.
All regressions control for province and year fixed effects, with standard errors clustered at the province level in Columns (1)

and (2) and at the city level in Columns (3) and (4). *** p<0.01, ** p<0.05, * p<0.1.
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Appendix Table C15: Legal Transparency and Case Incidence

(1) (2) 3) (4)

Dependent Variables All Cases Civil Cases
Transparencyet -0.00776  -0.00413  -0.00613  -0.00367
(0.00572)  (0.00303) (0.00414) (0.00268)
Provincial controls v v
Province FE and Year FE v v v v
Observations 132 132 108 108
R-squared 0.913 0.939 0.848 0.899

Notes: This table displays the impact of legal transparency on the ratio of number of cases to number of firms, with each
observation at the province-by-year level. Transc: represents the proportion of publicly disclosed cases relative to all closed
cases in each province ¢ / each city p in year t. Province- and prefecture-level controls include urbanization rate, the proportion
of the population with education above the college level, the ratio of foreign investment to GDP, road length per capita, and the
rollout of judicial independence reform. All regressions control for province and year fixed effects, with standard errors clustered
at the province level in Columns (1) and (2) and at the city level in Columns (3) and (4). *** p<0.01, ** p<0.05, * p<0.1.
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