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Abstract

In India, many women are willing to work but do not actively seek jobs, partly due to
restrictive social norms and widespread harassment that severely limit their mobility.
To navigate these challenges, women rely on group travel and can often only travel
with relatives or other women. We partner with five garment factories in North India
to experimentally evaluate whether improving women’s ability to travel together in-
creases their participation in job interviews. We implement a Travel Buddy treatment,
where women were invited to interviews on the same days via group meetings to en-
courage group travel. Our results show that this treatment increases interview partici-
pation by 80-90% compared to inviting women to interviews individually or on differ-
ent dates. The treatment also improved women’s job search beyond the experiment:
womenwere 75%more likely to look for jobs andmade twice asmany job search trips.
We show that womenhave a preference to travel with companions but are constrained
in their ability to do so effectively. However, connecting themwith other women living
nearby can help overcome the barriers to traveling together and thus, seeking jobs.
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1 Introduction
In many low and middle-income countries, women work less, earn less, and face greater
job insecurity than men (Bjorvatn et al., 2022). The gendered differences are particularly
pronounced in India, where despite substantial economic growth and recent strides to-
ward gender parity in educational attainment (TheWorld Bank, 2023), the female employ-
ment rate is only at 33%. This is extreme even within the developing world1, and is com-
parable to countries like Saudi Arabia. Enabling Indian women to engage in paid work is,
therefore, a pressing issue that requires a deeper understanding of its causes.

While many Indian women are deeply disconnected from the labor markets 2, a sig-
nificant proportion express a willingness to work without actively seeking jobs (Fletcher
et al., 2017). Lack of reliable transport (Field and Vyborny, 2022) and gender of supervisor
(Subramanian, 2024) are some factors that affect women’s job search in this context. In
this paper, we examine another such factor to explain the disconnect between their inter-
est and job search—women’s reliance on companions when traveling.

Women face restrictedmobility inmany parts of the world due to widespread harass-
ment and pervasive social norms (Kondylis et al., 2020; Aguilar et al., 2021). In India, where
this study is based, 79% of women report experiencing harassment in public spaces, and
95% feel unsafe on public transport (ActionAid, 2016; Safetipin, 2019). As a result, women
are often hesitant and unable to travel freely (Biswas, 2023). However, women overcome
these challenges by travelingwith otherwomen or familymembers. Somuch so thatmany
women can often only travel with companions when venturing out. For instance, 43-44%
of women in India reported that they can’t travel short distances or outside of their neigh-
borhoods alone (DHS, 2019-21; IHDS, 2011-12).

This paper posits that when a woman prefers to travel only with companions and no
one is available, she may forgo opportunities to visit employers or attend job interviews.
Buildingon this, we examine the impact ofwomen’s behavior of travelingwith companions
on their job search. We ask: do women face challenges in finding companions when they
need to travel? And, does enabling women to commute with other women improve their
participation in job interviews and job search?

To answer these questions, we partnered with a garment manufacturing firm and its
five factories in North India to evaluate an intervention promoting group travel among

1For example, labor force participation in Sub-Saharan Africa (excluding high-income countries) is 61%
for women and 73% for men. Moreover, in low-income countries in South America, it is 52% for women and
75% for men.

2Women may be disconnected from the labor market due to many factors such as intra-household and
intra-personal constraints (McKelway, 2021; Lowe andMcKelway, 2019), childcare (Baranov et al., 2020; Bjor-
vatn et al., 2022; Nandi et al., 2020; Hojman and Lopez Boo, 2022; Ho et al., 2023; Field et al., 2021), restrictive
norms (Afridi et al., 2023; Dean and Jayachandran, 2019; Bernhardt et al., 2018; Bursztyn et al., 2020; Jalota
and Ho, 2024; Khanna and Pandey, 2020; Agte and Bernhardt, 2023; Jayachandran, 2019), lack of access to
jobs (Heath andMushfiqMobarak, 2015), among others.
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women. At these factories, womenmakeup70%of theproductionworkforce andprimarily
work as sewing operators. The experiment took place in 106 lower-income neighborhoods
near the factories and targeted women interested in working. Enumerators went door-to-
door screeningwomen in the neighborhoods and enrolled 693women in the study sample
based on specific criteria: women had to be not employed outside their homes, were inter-
ested in working at the partner factories, and were skilled in operating sewing machines.
The sample thus represents women who are on the margin of employment and possess
more skills than the average Indianwoman out of the labor force. We coordinated with the
factories to organize job interviews, requiring participants to show up at the factory gate,
in line with their hiring policy.

Neighborhoods were stratified by city and distance to the nearest factory, and ran-
domly assigned to one of the two treatments or a control group. The first treatment,“Travel
Buddy”, was designed to enable women from a neighborhood to travel together to job in-
terviews at the closest partner factory. In these neighborhoods, women were informed
about jobs and interviews through group meetings with other participants. Additionally,
women were scheduled for interviews on the same dates at the nearest factory to encour-
age them to travel together. While this treatment is designed to test the effects of commut-
ing together, the group meetings themselves could have additional effects, such as reduc-
ing familial resistance to women working or improving the job’s amenity value if women
prefer working alongside friends.3 To separate these effects, we implemented a second
treatment, Peer Effect, which is identical to the Travel Buddy intervention but with one
key difference: womenwere scheduled for interviews on different dates. Although women
in this treatment attended the group meetings with each other, staggered interview dates
were assigned to discourage group travel.

We compare interview attendance of women from the Travel Buddy and Peer Effect
neighborhoods with women from the control neighborhoods who were assigned to the
same interview dates at the closest factories but were informed about the jobs and inter-
views via individual meetings with the enumerators. This design helps us assess whether
women can commute together without external support. Our primary data comes from
surveys conducted at the factory gates and an endline survey conducted six weeks post
interviews.

Our main finding is that the Travel Buddy intervention led to a significant increase
in the number of women participating in job interviews at the partner factories. In the
control group, 15.4%ofwomen took part in the job interviews,matching their engagement
in job search at baseline. In comparison, women in the Travel Buddy group had a 12.4
percentage points higher interview participation rate. In other words, inviting women to
participate in interviews in groupson the samedates rather than individually increased the

3Grosset and Donald, 2024 find that having peer networks at the same job is equivalent to raising wages
by 13-20%.
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likelihood of women participating by an impressive 80%. These results are consistent with
McKelway, 2021, who finds an 11-percentage points increase in women’s job sign-up in
response to an information intervention in India; and, Grosset andDonald, 2024, who find
a 15 percentage points increase in job acceptance rate if job seekers’ social connections are
also offered jobs in Côte d’Ivoire.

Asmentionedabove, theTravelBuddy interventioncouldwork throughmultiple chan-
nels. To isolate the effect of commuting together, we compare interview show-up rates of
Travel Buddy and Peer Effect groups. The Travel Buddy treatment increased participation
in interviews by 12.7 percentage points, representing a 90% increase over the Peer Effect
group average show-up rate. Moreover, the women in Peer Effect actually show up less
than the control group. This provides strong evidence that the effects of the Travel Buddy
intervention are indeed driven by allowing women to commute together to interviews.

Our second set of findings shows that the Travel Buddy intervention significantly in-
creased the likelihood of women traveling to the job site together. 9.6% of women from the
control group and 6.25% from the Peer Effect group traveled to the factorywith other study
women. Travel Buddy intervention doubled and tripled this proportion, respectively. This
suggests that the two treatments worked as intended: Travel Buddy treatment increased
women’s likelihood of commuting together, and the Peer Effect group discouragedwomen
from doing so. Moreover, consistent with our priors and existing data, 83% of interviewees
from the control group traveled to the factory with companions out of which 63% did so
with fellow study participants. Taken together with the higher interview attendance in the
Travel Buddy group, this result strongly suggests that women have a preference to travel
with companions but face constraints in coordinating group travel on their own.

We provide evidence that the Travel Buddy intervention improved women’s ability to
commute together by connecting them to more women from their neighborhoods. For
women with below-median number of peers4 at baseline, the Travel Buddy treatment sig-
nificantly increased their show-up rate relative to the control and Peer Effect groups. This
subgroup was less likely to attend interviews (by 10-11 percentage points). However, the
Travel Buddy treatment helps reduce this gradient, while the Peer Effect treatment further
increases the gap. Notably, the two interventions increased women’s reported number of
peers and their interactions during endline surveys. Themagnitude of Travel Buddy treat-
ment is larger, but the two effects are not statistically different from each other. However,
we find that Travel Buddy treatment significantly increased women’s instances of travel-
ing outside with their peers six weeks post-intervention relative to Peer Effect and control
groups. We conjecture that travelingwithwomen initially for the interviewshelped cement
travel arrangements between women later on.

Our third set of results shows that the Travel Buddy intervention had positive effects
on job search beyond the job interview experiment. Though the two treatments modestly

4Here, we define peers as the number of women that study participants knew near their houses.
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increased women’s employment at the partner factories, the overall hiring rate was quite
low, primarily becausemany women did not pass the sewing trials. However, we expected
that once women were introduced to the concept of traveling together and connected to
other women seeking jobs, they would continue to travel together and look for jobs out-
side the experiment. Indeed, this is what we find. We find that the Travel Buddy treatment
increased the likelihood of women looking for jobs six weeks post-interviews by 12 per-
centage points, a 75% increase over the control mean of 16%. The treatment also more
than doubled the average number of tripsmade by women in the control group (0.3 trips).
Women in the Travel Buddy group were 11 percentage points more likely to have made
these job search trips with other women from their neighborhoods, compared to 7.4% in
the control group. The Peer Effect treatment had a positive albeit smaller impact on the
extensive margin and a similar impact on the intensive margin as Travel Buddy. However,
only 2% of the womenmade these trips accompanied by other women from the neighbor-
hood. These findings highlight that by facilitating group travel, the intervention not only
improved access to job interviews but also their ongoing job-seeking efforts. It further reaf-
firms that the initial experience of traveling together for interviews led women to continue
relying on each other for subsequent trips.

We also present somewhatmore speculative evidence that the effects of Travel Buddy
treatment effects are partly driven by reducing women’s travel costs to the factory, for in-
stance, by allowing women to split travel costs by booking a private vehicle or by carpool-
ing. Using a pilot experiment in Selaqui, India, with 15 neighborhoods and 139 women,
we show that providing travel subsidies to cover round trip costs to the factory produces
effects nearly half as strong as those of the Travel Buddy treatment, which offered no cash
incentive. Compared to control group’s 10% interview participation rate, the Travel Buddy
treatment increased interview participation rate by 18 percentage points, while travel sub-
sidy treatment led to a 9 percentage points increase. This comparison suggests that while
some of the Travel Buddy effectsmay be driven by reducing travel costs for women, it can-
not explain the effects entirely.

All in all, our results suggest that increasing women’s ability to commute together can
significantly improve their job search outcomes, especially if they are on the margin of
employment. We also show that women have a preference to travel accompanied and are
constrained in their ability to do so effectively. But, introducing them to women closer to
their homes can help overcome the barriers to traveling together.

Our paper adds to the literature on barriers to job search in developing countries (e.g.,
Abebe et al., 2021; Abebe et al., 2023; Franklin, 2018; Caria et al., 2020;Wheeler et al., 2022).
Several studieswithin this field focusonbarriers specifically facedbywomen. For instance,
studies show that norms againstwomen’swork (Afridi et al., 2023) and the gender of super-
visors (Subramanian, 2024) canhave adirect impact onwomen’s decisions to apply for jobs
online. Furthermore, women’s strong preferences for non-wage amenities (Ho et al., 2023;
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MahmudandRiley, 2021; Becerra andGuerra, 2021), and employers’ genderedpreferences
(Chaturvedi et al., 2024; Chowdhury et al., 2018; Gentile et al., 2023; Buchmann et al., 2023)
can indirectly affect women’s job search by limiting available job opportunities (Crepon et
al., 2024). The closest study to our work is Field and Vyborny, 2022, which shows that pro-
viding women-only transport services to commute daily fromwork significantly increases
women’s online job applications in Pakistan. Our study differs from this study and other
existing works in its novel, cost-effective approach to improving women’smobility - by en-
abling women to travel together, and its focus on in-person interview show-up decisions
and visits to employers, a dimension not yet explored within this literature.

We also contribute to the growing literature examining women’s physical mobility
constraints and their economic implications. Safety concerns and societal norms compel
women to adopt coping strategies (Borker, 2024), such as using gender-segregated trans-
portation (Aguilar et al., 2021; Field and Vyborny, 2022), avoiding unsafe routes (Borker,
2021), and refraining from travel during specific hours (Hsu, 2011) tomitigate these risks.5

These strategies not only limit women’s freedom of movement but also impose additional
monetary costs (Kondylis et al., 2020; ChristensenandOsman, 2021) andnegatively impact
their decisions regarding college admissions (Borker, 2021) and enrollment in educational
and skill trainingprograms (MuralidharanandPrakash, 2017; Cheemaet al., 2022). Ourpa-
per extends this literature by demonstrating that traveling together—another strategy used
by women to navigate mobility challenges—can actually improve labor market outcomes,
specifically participation in job interviews andmaking job search trips. We show that invit-
ingwomen ingroups toparticipate in job interviews significantly boosts their participation
rates. This is particularly relevant to themanufacturing sector, where recruitmentpredom-
inantly occurs through in-person visits at factory sites. Additionally, our study provides
evidence that commuting together can help reduce travel costs for women, contrasting
with other coping strategies that tend to increase costs. This is related to existing studies
that show thatwhile high commuting costs can affectmigration (Phillips, 2014), job search
(Franklin, 2018), and input take-up (Aggarwal et al., 2022; Naresh Kumar et al., 2023), pro-
viding cash benefits in terms of travel or input subsidies can help reduce these gradients.
We provide preliminary evidence that commuting together can help reduce travel costs for
women.

This paper also advances the literature on the role of peers in developing countries.
Existing studies have shown that peer networks can improve outcomes in education (Rao,
2019; Duflo et al., 2011), entrepreneurship (Field et al., 2016), family planning (Anukriti
et al., 2022) and female autonomy (Kandpal and Baylis, 2019). This study contributes to
the existing literature by examining how peers can enhance women’s participation in job
interviews by easing mobility constraints and reducing travel costs. It reaffirms the find-

542% of women in our study sample reported not traveling after sunset compared to 13% who avoided
travel during the day.
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ings of Afridi et al., 2023, which show that friends-based networks improvedwomen’s labor
market outcomes in urban India. Recent work by Grosset and Donald, 2024 documents
complementarities in labor supply, finding that job seekers aremore likely to accept offers
if people in their network are also offered jobs, primarily due to their ability to commute
together. Our research adds to this literature by showing that such complementarities exist
even during job search and interview participation in a completely different study context.
In addition to strengthening their social networks andproviding a platform for the delivery
of information (Neha Kumar et al., 2019; Díaz-Martin et al., 2023), we show that organiz-
ingwomen into groups can improve their participation in job interviews and increase their
trips to employers.

In what follows, we present the study setting and context for the experiment (sec-
tion 2), including details about the partner factories. We then proceed to describe experi-
ment and treatment design (section 3). In section 4, we describe data collection and em-
pirical strategy and in section 5 we discuss results of the experiment. Finally, section 6
summarizes and concludes the paper.

2 Study Setting
The experiment takes place in two cities inNorthern India - FaridabadandNoida. This sec-
tion provides an overview of women’s job search andmobility in India, followed by details
on the partner firm.

2.1 Context: Women’s Job Search andMobility

Despite India’s significant economic growth and improvement in educational attainment
over the past two decades, the country’s female labor force participation rate hasn’t in-
creased much 6. In 2024, only 33% of India’s female population was engaged in the labor
market, compared to 77% of men (ILOSTAT, 2023). 7 This puts India among the countries
with the lowest female labor force participation rates globally, ahead of only a few nations.
While other South Asian countries, such as Bangladesh and Pakistan, also have low female
labor force employment, they have seen a steady increase over the last decade. India’s stag-
nant and often declining participation rates have presented itself as a puzzle to researchers
and policymakers.

This study is conducted in 106 lower income neighborhoods in Faridabad and Noida.
Faridabad serves as an industrial hub for the state of Haryana, with garment manufactur-
ing being one of its prominent industries. Noida is a software development and industrial

6Between 2000 and 2023, India’s GDP grew at an average rate of 4.65%, primary school enrollment rose
from89% to 99%, and secondary school enrollment also increased steeply from50% to 79% (TheWorldBank,
2023), reaching parity between boys and girls.

7Since the 2000s, the women’s employment rate has been steadily declining. However, there has been an
upward trend since 2021, with an increase from 26% to 33% (ILOSTAT, 2023) primarily due to a change in the
definition of employment in rural areas.
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hub in the state of Uttar Pradesh. 21% and 18% of women reported participating in the
labor market in Faridabad and Noida (DHS, 2019-21).

Women in our setting express a desire to work but often do not actively seek jobs. All
women in the study sample were interested in working, as this was an eligibility criterion.
Yet, at baseline, only 16% of women in the control group had searched for jobs in the past
twoweeks. Women generally reported actively searching for jobs less frequently thanmen,
with men spending an average of 10 days searching compared to just 5.5 days for women.
Furthermore, menweremore likely to find desirable jobs, with 75% finding their preferred
jobs, compared to only 30% of women. Additionally, a significant portion of women re-
ported not knowing where to look for jobs compared to men. This descriptive data high-
lights substantial gender disparities in job search, with women facing distinct challenges
in finding employment. These difficulties are not unique to our study; similar patterns
have been observed in other lower-income countries. For instance, Field and Vyborny,
2022 documented a comparable disconnect between job interest and active job searching
among women in Pakistan.

In this paper, we hypothesize that these job search challenges are closely tied to the
limited physical mobility faced by women in this context. We find stark mobility differ-
ences between men and women: women reported traveling outside their neighborhoods
an average of 0.37 times in the past week, while men did so 0.93 times. The gap widens
further among those not working, with women making only 0.33 trips compared to 1.83
trips by men. Additionally, the frequency and cost of travel differ significantly across gen-
ders, with unemployed womenmaking fewer trips and facing higher transportation costs.
While men reported more safety issues when traveling, women were more likely to avoid
travel altogether due to potential safety concerns.

Despite the selected nature of the sample, the reported mobility of these women was
similar to the evidence presented previously. 70% of women in our sample reported trav-
eling with friends or family to mitigate safety concerns. A significant proportion (47%)
of women traveled with companions in the past week, and 41% did so during their most
recent trip. Beyond relying on companions, women employed various coping strategies
to address safety concerns, such as avoiding unsafe areas, refraining from using shared
modes of transport like shared autorickshaws and buses to avoid traveling with strangers,
and keeping their phones connected while traveling. These strategies, while necessary for
safety, further restrict women’s mobility and, by extension, their ability to engage in job
search actively.

2.2 Partner Firm

We partner with one of India’s largest exporters of ready-made garments and its five fac-
tories in Faridabad and Noida. The firm employs over 70,000 women (about 70%) across
more than fifty factories all over India. Two out of five factories are located in Faridabad,
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and three are in Noida8.
In our partner factories, women form about 66% (≈ 9,800) of the total production

workforce, with 46% of women employed as sewing operators. The average salary of a
worker involved in production ranges from INR10,500 - INR13,500 ($128-$160) permonth
for a 6-dayworkweek, slightly above the prevailingminimumwage. There is currently only
one shift at the factories from Monday to Saturday, 9 am to 5:30 pm. On average, women
workers in the production workforce are 35 years old, married, 8th-grade educated, have
one child, and have been employed with the partner firm for three years.

Hiring for the workforce takes place through walk-in interviews at the factory gates.
Typically, interviews are held at 9 am, just before theproduction for thedaybegins. Women
are expected to show up at the factory gate by 10 am if they want to be considered during
the day’s hiring process. Post 10 am, no interviews take place, and women are returned
from the factory gate. To ensure that we do notmiss collecting data for women showing up
late to the factories, an enumerator was present at the factories throughout the day. There
are three stages within the interview process. First, the HR department conducts a screen-
ing of candidates. During this screening process, the HR checks IDs for age verification
engages in a fewminutes of conversation to gauge the nature of the women, checks for lit-
eracy, and enquires about women’s prior work experience and skills training. After passing
the screening, women disclose their preferred production roles, e.g., sewing and finishing.
Following this, production floor supervisors conduct trials with women. This includes a
series of tasks related to the women’s preferred job type. 9 A trial usually lasts about 30 to
45 minutes. The floor supervisor determines the outcome of the trial. Based on their per-
formance during the trial, a woman can either pass or not pass the trial. If a woman passes
the trial, she is offered a salary based on her skill level. The HR department completes the
formalities for hiring the next day, and women typically start working the day after.

Our job interview experiment follows the exact hiring process undertaken by the part-
ner factories with only one difference: women in our study sample were provided with an
interview invitation letter. In this invitation letter, we included interview dates and the
address of the closest partner factory. It’s also important to note that there was no added
benefit of the letters at the factories. Also, despite assigning interview dates and factories,
women could show up at any date or factory other than the one mentioned in their letter
and still be considered for jobs.

8Figure B1 shows the map of factory locations. The Faridabad factory units, referred to as F1 and F2, are
850 meters apart. The A5 and A7 factory units in Noida are near one another and are 50 meters apart. The
distance between E10 and pair A5-A7 is approximately 12 kilometers by road.

9For instance, the floor supervisors usually ask workers trying out for helper jobs to iron or fold clothes,
and tasks related to stitching are assigned to workers trying out for sewing operator jobs.
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3 Experimental Design
We conducted a neighborhood-level randomized controlled trial to evaluate the effects of
women commuting together on their participation in job interviews at the partner fac-
tories. 106 neighborhood across the two cities were randomly assigned to one of three
groups: Control, Travel Buddy, or Peer Effect. Randomization of the neighborhoods was
stratified by city and distance of the neighborhoods to the closest partner factory. As a re-
sult, 33 neighborhoods were assigned to the control group, 36 were assigned to the Travel
Buddy treatment, and 37were assigned to the Peer Effect treatment. Figure 1 visualizes the
experimental design and Table A1 presents the timeline for the experiment.

This section includes details on randomization, sample recruitment, interventions,
and treatment take-up.

3.1 Neighborhoods and Randomization

The neighborhoods served as catchment areas for screening and enrolling women to the
study sample. A team of surveyors defined and mapped the neighborhood boundaries
prior to the start of the experiment by visiting the study areas on foot. Each neighborhood
contained around 150 housing structures and approximately 200 households. Neighbor-
hood boundaries were drawn utilizing existing geographical features such as main roads,
highways, parks, and fields. In caseswhere it was not feasible to create natural boundaries,
paved roads, non-residential buildings and local landmarkswere used. Tominimize cross-
neighborhood contamination of the interventions, we ensured that no twoneighborhoods
shared a boundary and established buffer zones between them. 10

Randomization was done at the neighborhood level. We implemented two levels of
stratification. Since social norms, safety concerns, transportation networks, etc., can differ
across the two cities, we stratified the neighborhoods by city. Distance to the partner fac-
tory can also impact a woman’s decision to attend interviews, consequently, we also strati-
fiedneighborhoodsbydistance to the closest factory. We classified theneighborhoods into
nine distance bins. The distance binswere definedusing the distribution of distances from
neighborhoods to minimize the number of misfits while randomization. 11 The distance
bins are highly correlatedwith the cost of travel to the factory using shared auto-rickshaws
(cor r = 0.51) and private auto-rickshaws (cor r = 0.42), two commonmodes of transport in
the study context. Within a city-distance bin combination, we randomly assigned neigh-
borhoods to one of the three groups. Table 1 presents the neighborhood characteristics

10As shown in Figure B2, mapping involved leavingmultiple lanes of houses between two neighborhoods
or using highways and non-residential buildings as separators. Figure B3 illustrates the neighborhoods near
two partner factories.

11More specifically, the bins were defined as follows: distance bin = 1 if the distance from a neighborhood
to the factory (d)≤ 2km. distance bin = 2 if 2 < d ≤ 3; distance bin = 3 if 3 < d ≤ 4; distance bin = 4 if 4 < d ≤ 5;
distance bin = 5 if 5 < d ≤ 6; distance bin = 6 if 6 < d ≤ 7; distance bin = 7 if 7 < d ≤ 8; distance bin = 8 if
8 < d ≤ 11 and distance bin = 9 if 11 < d ≤ 13.
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and tests for balance across the three groups.

3.2 Sample Recruitment

Post randomization, starting inFebruary2024, enumerators conducteddoor-to-door screen-
ing of women to enroll them in the experiment. Enumerators identified eligible partici-
pants based on a set of predefined questions. To prevent spatial bias in participant recruit-
ment, we employed random sampling procedures within the neighborhoods. 12 During
the screening, locked households were not revisited and, hence, were not tested for eligi-
bility.

To be eligible to participate in the study, womenneeded to satisfy all seven conditions:
(1) be between the ages of 18-40 years, (2) have a government-issued ID, (3) can operate ei-
ther an industrial sewing machine or home sewing machine, (4) not engaging in full-time
or part-time work outside of their homes, (5) didn’t work with our partner factory in the
last 3 months (6) were interested in paid work outside of their homes13 and (7) interested
in working at an apparel factory. Criteria (1)-(3) are the hiring requirements of the partner
factories, while criteria (4)-(5) help us target women who are more likely to face mobility
constraints when engaging in paid work outside their homes. Criteria (6)-(7) ensured we
recruit womenwhohave expressed awillingness towork. After passing the screening exer-
cise for the study, women were informed about the study procedures, and only those who
consented were included in the study sample.

693 women across 106 neighborhoods were part of the study sample. On average, we
included 7 women per neighborhood to the sample.Table A2 presents the baseline char-
acteristics of the women and shows balance across the three groups. The average age of
women at baseline was 28.7 years, and 80% of women were married. Only 11% of women
worked in the past six months. Most of the women lived in nuclear households, with a
number of household members averaging 3.5. Table A3 presents levels of baseline survey
completion and tests for balance across treatment groups. We do not find evidence of se-
lection into the sample based on treatment assignment14.

12Prior to initiating recruitment, we mapped the lanes and entry points for each cluster (see Figure B4).
A random entry point was then selected for each cluster, which served as the starting point for the sampling
process. This approach ensured that houses closer tomain or paved roads did not have a higher likelihood of
being surveyed. Following the random selection of entry points, enumerators proceeded door-to-door along
the designated lane to assess eligibility. They navigated the area using the right-hand rule to determine the
subsequent lane for sampling.

13Weaskedwomen to express their willingness towork independently of their families’ approval or disap-
proval. Therefore, if a woman indicated she was willing to work but was unsure whether her husband would
allow it, she was still considered eligible.

14In the consent, we explicitly informedwomen about the three groups and the group they were assigned
to.
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3.3 Interventions

Women in the Travel Buddy and Peer Effect neighborhoods were invited to attend group
meetings with other women from the same neighborhoods after completing the baseline
surveys. These meetings were held in public spaces, such as under a tree or at the end of a
housing lane. Typically, the meetings took place on the same day as the baseline surveys;
however, in some cases, they occurred the following day. On average, we conducted two
meetings per neighborhood, with four women present at each meeting.15 In the control
group, enumerators conducted one-on-one individual meetings with women after com-
pleting baseline surveys. This meant that the meeting took place in private, often inside
women’s houses, with only the enumerator and woman present. Female enumerators fa-
cilitated all of the research activities, including screening, surveys, and meetings.

During these meetings, women across the three groups were provided with detailed
information about thewalk-in interviews and hiring at the partner factories. This included
details and salaries of different jobs available to them, work days and timings, policies on
overtime, and the interview process. All women were invited to participate in the inter-
views conducted by the partner factories andwere providedwith an “invitation letter” (see
Figure B5 for an example). This letter contained their name, factory’s address, interview
time, and most importantly, assigned interview dates. Each woman was assigned a 2-day
interview window. Women could show up on either of the days for interview.16 We also
shared detailed travel instructions with women on how to get to the closest factory from
their neighborhood. At the factory gate, the hiring process for the study participants was
the same as the firm’s hiring process in the absence of the study (see subsection 2.2 for
details). Figure 1 presents key details about the two treatments and the control group.

3.3.1 Travel Buddy Treatment

If a woman prefers to travel with companions for safety reasons or due to societal expec-
tations, the absence of available companions can hinder her ability to attend interviews
or search for jobs. This limitation might restrict her job search to local opportunities, dis-
courage her from seeking employment, or even compel her to forgo working outside the
home altogether. The Travel Buddy intervention addresses these challenges by connecting
womenwithin the sameneighborhoodwho are interested inworking at the same location.

Within each Travel Buddy neighborhood, women in the study sample were invited to
attend group meetings. These meetings began with the enumerators introducing them-
selves and leading ice-breaking activities. The enumerators then provided detailed infor-
mation about job opportunities at the partner factory, the hiring process, and the logistics

15Wepiloted conducting onemeeting per neighborhood. However, amajority ofwomen refused to attend
meetingsmore than2-3minuteswalkingdistance away. Therefore, wedecided to conductmultiplemeetings
per neighborhood (ideally two) to improve take-up.

16If women chose not to follow the dates assigned to them and showed up on different dates, they were
still considered for the jobs.
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of getting to the factory for the walk-in interviews. To facilitate commuting together, all
womenwithin a Travel Buddy neighborhoodwere assigned to the same two-day interview
window and partner factory, and this information was shared with them during the meet-
ing. This ensured that all participants in a groupmeetingwere scheduled for interviews on
the same days.17 The enumerators also explained how traveling with other women for job
interviews could enhance their safety and reduce objections from their families regarding
the commute to the factory site. To further improve coordination, a WhatsApp group was
created for women in each group meeting. About 44% of the women in the Travel Buddy
treatment were part of these WhatsApp groups. The meeting concluded with time for the
women to socialize and connect with each other.

In thecontrolneighborhoods, enumerators conducted individualmeetingswithwomen
after completing the baseline surveys and invited them to the interviews at the partner fac-
tories. To assess whether women could organize themselves for commuting together, all
women in a control neighborhood were assigned to the same two-day interview window
and partner factory, just like in the Travel Buddy treatment. However, they were not in-
formed about the participation of other women from their neighborhoods in the study.18

Additionally, we didn’t discuss the idea of traveling together to prevent inducing demand
effects. This approach allowed us to test whether women would independently identify
others from the study and choose to commute with them to the factory.

3.3.2 Peer Effect Treatment

As mentioned previously, the Travel Buddy treatment combines two elements. First, it
helpswomenfinda travel buddy for commuting to interview, and second, it groupswomen
from the sameneighborhood togetherwhoare interested inworking at the sameemployer.
To isolate the impact of commuting together from other effects of organizing women into
groups, we designed the Peer Effect treatment arm. In this treatment, women were still
invited to group meetings with others from their neighborhood, but they were assigned
different interview windows to prevent them from traveling together. However, it was still
possible that women didn’t follow the dates assigned to them and showed up together. In
such a scenario, they were still considered for jobs at the factories.

Within a groupmeeting, each woman was randomly assigned to a unique 2-day win-
dow for job interviews at the factory. The dates were chosen so that no two women in a
group meeting had overlapping interview dates.19 This approach allowed women in the

17Interviewwindows varied across Travel Buddyneighborhoods based onwhen the baseline surveyswere
completed for all women within a neighborhood. As a result, interview windows were spread out between
March and June 2024.

18Although we did not explicitly inform participants about the involvement of other women from their
clusters, it is possible that somewomen became aware of it, as they often lived inmulti-family dwellings and
could observe surveyors going door-to-door to enroll others in the study.

19These interviews were scheduled on a rolling basis, starting one day after the group meeting. For in-
stance, if four women attended a groupmeeting on June 20, 2024, one woman would be randomly assigned
to interview on June 22 and June 23, another on June 24 and June 25, and so forth.
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peer effect neighborhoods to have the same interactions and receive the same peer sup-
port as the women in the Travel Buddy neighborhoods but prevented them from accom-
panying each other to the factory site for interviews. We also createdWhatsApp groups for
each meeting mirroring the Travel Buddy treatment design. 57% of women from the Peer
Effect were part of the WhatsApp groups.

3.4 Treatment Take-Up

In Travel Buddy and Peer Effect neighborhoods, we scheduled group meetings shortly af-
ter completing the baseline surveys to maximize participation. However, if a woman was
unable to attend a scheduledmeeting, we rescheduled it for a timewhen at least one other
participant from the study could also attend. When rescheduling with others wasn’t fea-
sible, we held individual meetings with these women. During these individual meetings,
we provided women with an interview invitation letter and assigned them to an interview
window according to the research design. If a woman refused to attend the meetings after
completing the baseline surveys, we didn’t follow up with them for rescheduling.

Details of the interventionmeetings held for the Travel Buddy and Peer Effect Groups
are presented in Table A4. 95% of women in the Travel Buddy group and 93% of women
in the Peer Effect treatment clusters attended the intervention meetings. 5-8% of women
refused to participate in the meetings. 4% of women in the Travel Buddy group and 2%
of women in the Peer Effect group attended the meeting alone. 11-13% of women partic-
ipated in the meeting with just one other woman present. On average, 4.3 women were
present in the Travel Buddy group meetings compared to 3.8 women in the Peer Effect
group meetings. We test for balance in meeting attendance (Columns 1 and 2), if women
attended the meeting alone (Columns 3 and 4), and the number of women present in a
meeting (Columns 5-6) by treatment status in Table 2. We do not find any evidence of se-
lective attendance of women.

4 Data and Empirical Specification

4.1 Data Collection

The empirical analysis relies on data from two sources: four rounds of survey data and of-
ficial factory records on interviews and jobs at the factory. Using survey data, we collected
data on various outcomes, such as attendance at walk-in interviews, job search trips, and
interaction with women through four rounds of surveys. Three rounds of surveys - base-
line, endline, andmidline-were conductedwith all studyparticipants. However, the fourth
round of survey - surveys at the factory site was conducted with women who showed up
at the factory gates to participate in the interviews. The survey timeline is presented in
Table A1. Female enumerators administered the surveys verbally. Baseline and endline
surveys were conducted privately inside women’s homes with only the enumerator and
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the respondent present. In contrast, the factory-site surveys were administered inside a
factory room, andmidline surveys were administered over the phone.

Thebaseline surveyswere conducted the sameday after enrollingwomen in the study,
collecting detailed data on household demographics, employment history, travel patterns,
feeling of safety during commute, gender attitudes, existing social connections, andpreva-
lent household norms. To measure instances of women searching for jobs, we collected
data on the number of times they travel outside their homes to look for jobs. We elicited
details of themost recent trips. Tomeasurewomen’s number of peers in theneighborhood,
we asked women to identify the number of women they know living near their houses
(within their multi-house dwellings, neighboring houses). We further collected informa-
tion on whether they traveled with these women outside their homes in the last week and
if they discussed household issues with them. To measure safety perceptions, we asked
women to rate their feeling of safety when leaving their homes and commuting via differ-
ent modes of transport.

Theendline surveyswere similar to thebaseline surveys andwere conducted sixweeks
after theendof the interview-daywindow. The recall period for job searchquestionsduring
the endline surveys was 6 weeks, that is, post-factory interviews.

Factory site surveys recorded theprimary outcomeof the study: show-up for the inter-
views at the factory gate. Enumerators were present every day at all partner units to record
information on study participants showing up for the interviews. They also completed a
short survey with each study women that showed up to gather details about their com-
mute to the factory such as their travel companions, mode of transport, travel cost, and
time of commute. Themidline-phone surveys were conducted two days after the comple-
tion of the interviewwindow. They collected information on communication and the next
steps taken by the women after they were provided with the interview invitation letters.
Table A5 presents attrition levels formidline and endline surveys and tests for balance. We
completed endline surveys with approximately 80% and midline surveys with 81% of the
study sample. Endline attrition for the control group was 18% and 18.5% for the midline
surveys. We find no evidence for selective attrition across all three groups.

We collected administrative data from the partner factory units to assess the effects
of the interventions on women’s likelihood of passing job trials, the outcomes of the trials,
and accepting job offers.

4.2 Empirical Specification

The experimental design enables us to estimate the treatment effects of the two interven-
tions. The primary specification estimates the Intent-to-Treat (ITT) effects of being as-
signed to either Travel Buddy or Peer effect treatments, relative to Control. It implements
a comparison of means and estimates:
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Yi ns =β0 +β1Travel Buddyn +β2Peer Effectn +γ1Xi +γ2Zn +µs +ϵi ns (1)

Yi ns is theoutcomevariable forwomen i inneighborhoodn in stratum s. Travel Buddyn

and Peer Effectn are indicator variables that equal one if woman i ’s neighborhood n was
assigned to receive Travel Buddy treatment or Peer Effect treatment, respectively. Xi is a
vector of baseline characteristics of women included in Table A2 20. We also include a vec-
tor of variables,Zn , to control for neighborhood characteristics such as travel time and cost
to the assigned factory included in Table 1. µs denote strata fixed effects21. Standard errors
are clustered at the neighborhood level. For both outcomes, participation rates in inter-
views and job search trips at Endline, we estimate the effects with and without individual
and neighborhood controls. All regressions include stratum-fixed effects.

The primary outcome of interest is the interview show-up of the study participants
and job search trips. Interviewshow-up is abinary indicator forwhether awoman i showed
up for interviews at the partner factories. Job search trips are also a binary indicator of
whether a woman i made a job search trip in the last 45 days measured at the endline.
We also measure the effects of the treatments on the number of job search trips made af-
ter factory interviews. The secondary outcomes are also binary variables that equal 1 if
women show up with women from the group meeting or other non-study adults to the
factory gate22. We alsomeasure the effect on the job acceptance rate at the factory and the
number and strength of peer networks.

To provide evidence on underlying mechanisms for the effects, we also estimate het-
erogeneous treatment effects by baseline measures of women’s peer networks within the
neighborhood and safety perceptions when traveling. We estimate the regression equa-
tion:

Yi ns =β0 +β1Travel Buddyn +β2Peer Effectn (2)
+β3Travel Buddyn ×Covariatei ns +β4Peer Effectn ×Covariatei ns

+β5Covariatei ns +γ1Xi +γ2Zn +µs +ϵi ns

Women’s peer network is the total number ofwomen they know in their buildings and their
neighboringhouses at baseline. Covariatei ns =1 if thewoman’s total number of peers is less
than the median number of peers for the study sample. To create a measure of women’s
feeling of safety, we use baseline responses to the three questions: How safe do you feel
while traveling by the following means - auto, walking, and bus during daytime? Women

20It also includes an indicator variable which equals one if the woman joined the meetings’ WhatsApp
group.

21Strata are city-distance bin combinations, as discussed in subsection 3.1.
22This implies that the variables take the value of 0 if they don’t show up for interviews or if they show-up

alone.
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rank their responses on a Likert scale - very less, less, neither less ormore,more, a lotmore.
A higher score implies a higher feeling of safety. We take an average of the three responses.
Covariatei ns=1 if theaverageof the responses to the threemodes is less than themedianav-
erage for the study sample. We also calculate Treatment-on-Treated effects, where women
are considered treated if they attended a group meeting with at least one more woman
present.

5 Results
In what follows, we will first discuss the results of the Travel Buddy treatment on women’s
participation in interviewsat the factories andeffectsonwomen’s engagement in job search
outside of the interview experiment. We then look at the effects on job take-up at the
partner factories and connections with women living nearby. Finally, we explore different
mechanisms that may help explain these effects.

5.1 Effects on Probability of Attending Interviews

We examine the effects of the Travel Buddy treatment on interview participation rates of
women at the partner factories. These results are shown in Table 3. Columns 1 and 2
present the results for women’s interview show-up rates, columns 3 and 4 present the re-
sults for showing up for interviews with fellow study participants, and columns 5 and 6
present the results for showing up with non-study companions to the interviews. Odd-
numberedcolumnspresent resultswithonly strata-fixedeffects, andeven-numberedcolumns
also control for neighborhood and women’s characteristics.

The Travel Buddy treatment led to a large increase in women’s attendance at inter-
views compared to the control group (columns 1 and 2). 15.4% of women in the control
group showedup at the factory sites to participate in the interviews, closelymirroring their
engagement in job search at baseline23. The Travel Buddy treatment increased the inter-
view show-up rate for women by 11.8 percentage points relative to the control group (p-
value = 0.034). This represents a remarkable 76% increase over the control mean. Control-
ling for the neighborhood and women’s baseline characteristics improves the precision of
our estimates, and the magnitude of effect increases to 12.4 percentage points, an 80% in-
crease over the control mean (p-value = 0.029). These effects are remarkable. An informa-
tion intervention designed to improve women’s ability to commute together, had such big
effects on women’s probability of participating in interviews. These point estimates are
similar to those in McKelway, 2021, which show an 11 percentage points increase in job
sign-up by women in India in response to an information intervention providing women’s
family information about the job followed by a promotional video. Furthermore, the ef-
fects also parallel results of Grosset and Donald, 2024, which show a 15 percentage points

23At baseline, 16% of women from the control group reported making at least one trip to an employer in
search of jobs in the past two weeks.
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increase in job seekers’ likelihood to accept job offers at a factory if individuals from their
social networks are also offered jobs during the same shift.

The Travel Buddy treatment can improve women’s participation rates in interviews
not just by helping women commute together but also by reducing familial pushback and
community disapproval24, and increasing the amenity value of jobs at the partner factories
by having friends and neighbors possibly working together in the future.25 We isolate the
effects of commuting together from these othermechanisms by examining the differences
in the interview show-up rates between Travel Buddy and Peer Effect treatments.

Compared to the average interview participation rate of the Peer Effect group (14%),
the treatment effects are still very large. The Travel Buddy treatment increasedwomen’s in-
terviewparticipationby 12.7-13.5 percentage points (p-value = 0.015). This is equivalent to
a 90%-96% increase over the Peer Effect group mean. Interestingly, women from the Peer
Effect treatment actually show up less than the control group however, the differences are
not statistically significant. With these estimates, we can attribute the differences in inter-
view show-up rates between Travel Buddy and Control group to enabling women to com-
mute together. Additionally, these results also suggest that group meetings did not have a
sufficient impact on changing norms regarding women’s work or improving job amenity
value to induce strong positive effects on women’s show-up rates at interviews.

We next examine the effects of women traveling with companions to the partner fac-
tories. At baseline, most women reported traveling outside their neighborhoods accom-
panied by adults. Therefore, we expected that women in all three groups would commute
to the factory with companions. Consistent with our expectations, 77% of all women who
attended the interviews were accompanied by an adult. This finding suggests that women
themselves prefer to travel with companions, independent of the Travel Buddy treatment.
This is telling especially since there was no mention of commuting together or with com-
panions in the control or Peer Effect groups.

Furthermore, 83% of the interviewees from the control group traveled to the factory
with others, and 63%of them traveledwith fellow study participants. These results suggest
that even without explicitly providing women with information about other study partic-
ipants or mentioning the idea of commuting together, some of the women were able to
connect with others from their neighborhoods and organize themselves to travel together
to the factories. Taken together with the higher interview attendance in the Travel Buddy
group, it strongly suggests thatwomen face challenges in coordinating group travel on their

24Afridi et al., 2023 find that providing access to an online job search platform to women and their peers
improveswomen’s labormarket outcomes inDelhi, India Anukriti et al., 2022 find that providingwomen and
their peers with vouchers for Family Planning (FP) services helped improve women’s use of FP services and
also reduced women’s fear of stigma related to use of FP by 43%.

25Grosset andDonald, 2024 shows thepresenceof complementarities in labor supply. They found that job
seekers are more likely to accept job offers if people in their network are offered the same location and shift.
They also provide suggestive evidence that the effects were mainly driven by the possibility of commuting
together to work.
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own and, therefore, can benefit from external intervention.
Columns 3-4 show that the Travel Buddy and Peer Effect treatments worked as in-

tended. 9.6% of women from the control group traveled with study participants to the
factories for interviews. Travel Buddy intervention increased this probability by 9.5-9.8
percentage points or by approximately 100%. We also observe large and statistically sig-
nificant differences between Travel Buddy and Peer Effect groups. Women in the Travel
Buddy group were 13.4-13.6 percentage points more likely than women in the Peer Effect
group to travel to the factory with other study participants. Interestingly, women in the
Peer Effect group were less likely to commute with fellow study participants than those in
the control group.

In columns 5-6 we look at the probability of women commuting to the factories with
non-studyparticipants. Wefind4.3-4.8percentagepointsdifferencebetweenTravelBuddy
and control groups, however, the differences are not statistically significant. Conditional
on participating in job interviews, the percentage of women traveling with non-study par-
ticipants in these groups is very similar. Thereby suggesting thatmajority of this difference
is driven by Travel Buddy women showing up more for interviews. Next, as expected, we
find that women in the Peer Effect group were significantly more likely to travel with non-
study adults than the other two groups, reaffirming our earlier findings that women have
a strong preference for traveling with companions. It also shows that if women can travel
with other women they are more likely to do so with them instead of family members.

A potential threat to the validity of results discussed in this section is that the low inter-
view attendance rates in the Peer Effect treatment are not because of discouraging women
from commuting together. Instead, it’s due to womenwho attended interviews earlier dis-
suading others fromparticipating by sharing negative information about the interviews or
the job. To address this concern, in Table A6, we include fixed effects for the number of
days between the group meeting and the first day of assigned interview window. We also
include interview date fixed effects. The treatment effects remain robust to this inclusion.
The results are also robust to randomization inference (Table A8), thereby alleviating any
concerns regarding the small sample size and neighborhood level randomization.

To summarize,we showthat theTravelBuddy treatment significantly increasedwomen’s
attendance at interviews compared to the control group. We also show that this effect is
primarily driven by enabling women to commute together, rather than simply organizing
them into groups towork at the sameemployer, as shownbyhigher interviewparticipation
rates of the Travel Buddy group versus the Peer Effect group. We also show that women in
all three groups traveled with companions to the factories, but those in the Travel Buddy
group were more likely to travel with other participants from the study.

18



5.2 Effects on Job Search at Endline

In this section, we explore the impact of the Travel Buddy treatment onwomen’s likelihood
of seeking jobs beyond the interview experiment. Both the Travel Buddy and Peer Effect
treatments showedamodest increase in the likelihoodofwomenaccepting joboffers at the
partner factories. Although many women did not secure jobs due to the low passing rate
in the factory trials (later detailed in subsection 5.3), the treatments had a positive ripple
effect on women’s job search efforts at other employers. We anticipated that once women
were connected with other women from their neighborhood who were also seeking jobs,
they would continue to travel together and seek jobs with other employers. Our findings
in Table 4 confirm this.

In Table 4, we estimate the effect of the interventions on three outcome variables. The
data for these outcomes comes from endline surveys conducted six weeks after the inter-
vention. In Columns 1 and 2, we estimate the effects on the likelihood of making a job
search trip, which is an indicator of visiting any factories or employers in search of jobs in
the last 45dayspost-factory interviews. InColumns3and4,we include effects on thenum-
ber of such trips made in the last 45 days. In columns 5 and 6, we look at the probability of
womenmaking such trips accompanied by other women from the neighborhood.26

16% of women from the control group made a job search trip in the last 45 days. In
columns 1 and 2, we show that the Travel Buddy treatment led to a 12-12.3 percentage
points increase (p-value = 0.012) increase in women’s likelihood of making a job search
trip. This represents a 75% increase over the control groupmean. On the intensivemargin
(columns 3 and 4), women in Travel Buddy treatment made an additional 0.36 trips on
average (p-value = 0.02). This is equivalent tomaking twice asmany trips as women in the
control group. These findings highlight that by facilitating group travel, the Travel Buddy
intervention not only improved access to job interviews but also their ongoing job-seeking
efforts.

The Peer Effect treatment was designed to discourage women in the same meeting
group from commuting together to interviews at the partner factory locations by assigning
them to different interview dates. However, in the absence of such a design, the Peer Ef-
fect treatment would still help women connect with other women from the neighborhood
who are also interested in working. Therefore, it could have a positive effect on women’s
job search outside of participating in factory interviews. We find results along this reason-
ing. Relative to the control group, the Peer Effect treatment led to a positive albeit smaller
impact on the job search on extensive and intensive margins. Although these effects are
not statistically significant at conventional levels.

Basedon these results, we conjecture thatwhilewomen inbothTravel Buddy andPeer

26The questions specifically asked women not to include the trip made to the partner factories as part of
the interview experiment.
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Effect groups were introduced to other women from their neighborhoods, traveling to-
gether to the factories created a ripple effect onwomen’s future travel, withwomen contin-
uing to rely on each other for other trips. Results in columns 5 and 6 reaffirm this. Women
in theTravel Buddy groupwere 10percentagepointsmore likely thanwomen in the control
group to have made these job search trips accompanied by women in the neighborhood.
This represents an approximately 150% increase over the control mean of 7.4%. Women
from the Peer Effect, on the other hand, were only 2.7 percentage points likely to have trav-
eled with women from their neighborhood.

5.3 Effects on Employment at Partner Factories

In Table 5, Column 1, we estimate the impact on women’s likelihood of passing the job
trial at the partner factories, based on data provided directly by the factory administration.
Despite screening for requisite skills, the proportion ofwomenpassing these trials remains
low, with only 3% of women in the control group successfully passed them. The results
indicate that women in the Travel Buddy group were 2.2 percentage points more likely,
and those in the Peer Effect group were 3.6 percentage points more likely, to pass the trials
compared to the control group. However, none of the differences across the three groups
are statistically significant.

In Column 2, we estimate the effect on women’s likelihood of accepting a job offer at
the partner factories. Within the control group, only 1% of women accepted the job of-
fer and commenced employment. Women in the Travel Buddy group were 2.3 percentage
pointsmore likely, and those in the Peer Effect groupwere 3 percentage pointsmore likely,
to accept the offer. Again, the treatment effects are not statistically significant. While these
findings suggest some positive trends, the low overall rates of trial success and job accep-
tance present challenges to drawing conclusions from these results.

5.4 Mechanisms

In this section, we exploremechanisms that could help explain the significant effects of the
Travel Buddy treatment on women’s attendance at factory interviews. We begin by provid-
ing evidence that the effects are primarily driven by introducing women to other women
living nearby. We also estimate heterogeneous treatment by baselinemeasures of women’s
perceptions of safety while commuting. Next, we evaluate whether the treatment effects
are driven by allowingwomen to reduce travel costs to the factory using a pilot experiment
preceding the main experiment.

5.4.1 Connecting with Women Living Nearby

This mechanism suggests that Travel Buddy treatment improves women’s interview par-
ticipation and job search by connecting them to other women living nearby (we refer to
them as peers) who are also interested in working. Specifically, we define peers as women
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living in the same housing structure and in adjacent and opposite houses to women in
our study sample. We present two pieces of evidence in support of this mechanism. First,
we show that the Travel Buddy treatment increased women’s peers and their likelihood of
traveling with them outside their homes at endline. Next, we present results from hetero-
geneity analysis and show that the Travel Buddy treatment effects are significantly larger
for women with less number of peers.

In Table 6 we show results for three outcomes measured during the endline surveys.
In column 1, we look at the effect on the number of peers as reported by study participants
6 weeks post intervention. On average, women in the control group knew four women
(similar to the baseline average of 4.2). The Travel Buddy treatment increased this number
by one, implying that women in the Travel Buddy group reported knowing an additional
woman living nearby. We also find that the Peer Effect treatment increased women’s peers
within their neighborhood by 0.5, albeit small and statistically insignificant relative to the
control group. The difference between Travel Buddy and Peer Effect groups is also not
statistically significant. TheTravel Buddy treatment effect is similar to that inAnukriti et al.,
2022, which provided family planning vouchers to women and their peers. The treatment
increased women’s close peers in the village by a similar magnitude.

Results in column 2 shows that while women in both Travel Buddy and Peer Effect
groups reported knowing more women at endline, only the women in the Travel Buddy
group were significantly more likely (7.6-8.1 percentage points) to have traveled outside
their homeswith their peers in the last 7days (column2). Notably, in column3,wefind that
women in the Travel Buddy and Peer Effect groups discuss household issues with women
living nearby almost equally but 10-11 percentage points more significantly than women
in the control group. This result reassures us that the two kinds of group meetings, Travel
Buddy and Peer Effect, did not differ from each other because otherwise we would have
seen different effects of the two groups on women’s social connections. Furthermore, re-
sults in column 2 and 3 taken together provides suggestive evidence that the effects on
the interview participation and job search activities are more likely to be driven by en-
abling women to commute together rather than by othermechanisms such as strengthen-
ing women’s peer networks, as found by Afridi et al., 2023.

Next, results from heterogeneity analysis in Table 7 (Columns 1) show that the Travel
Buddy treatment effects are significantly larger for women with less number of peers. In
contrast, we not find such heterogeneity in Peer Effect treatment effects. Women in Travel
Buddy treatment with less than the median number of peers were 20 percentage points
(β1 +β3, p-value = 0.002) or 180%more likely than women with less than median peers in
the control group to show up for the interviews. A similar magnitude of difference exists
in interview participation rates when comparing women with fewer peers in Travel Buddy
and Peer Effect groups: approximately 10 percentage points (p-value = 0.012).

Furthermore, women with less than the median number of peers within the neigh-
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borhood were 10-11 percentage points (p-value = 0.03) less likely to show up to the inter-
views. However, we find that the Travel Buddy treatment helpsmitigate this gradient while
the Peer Effect treatment further exacerbates the negative coefficient. For Travel Buddy,
women with less than the median number of peers at baseline were 5 percentage points
(β3 +β5, p-value = 0.45) more likely than women with more than the median number of
peers to appear for interviews. Whereas for Peer Effect, women with less than the median
number of peers were 15 percentage points (β4+β5, p-value = 0.23) less likely thanwomen
withmore peers to participate in interviews. This further provides evidence that the Travel
Buddy treatment helped narrow the gap between women with low vs. more peers. These
results suggest that the Travel Buddy treatment performed significantly better by improv-
ing the likelihood of women with fewer peers showing up for interviews.

The combination of results presented so far in this section suggests that the treatment
works because it connects women with low social connections to other women who are
also interested in working and that women continued traveling together together even be-
yond the job search actvities.

Related to this, In Column 2, Table 7, we also evaluate the heterogeneity in treat-
ment effects based on women’s baseline measures of safety perception across different
modes of transport. This measure is the average of responses to the question: How safe
do you feel while traveling by the following means (auto, walk, bus) during the daytime?
A higher score implies a higher feeling of safety. Covariate = 1 if the average of the three
responses is less than the median. The effects of the Travel Buddy treatment are concen-
trated amongwomenwith below-median safety perceptions, i.e., those who reported feel-
ing unsafe while commuting. For women with low safety perceptions, the treatment in-
creased interview show-up rates by 20 percentage points (p= 0.08) compared to women
with above-median safety perceptions within the Travel Buddy group.

The difference between the Travel Buddy group and both the Peer Effect and control
groups becomes significantly larger when focusing on women with poor safety percep-
tions during commuting. Specifically, the Travel Buddy treatment increased the probabil-
ity of participating in factory interviews by more than 300% relative to the control group
for women with below-median safety perceptions. This corresponds to a 36 percentage
point increase over a base rate of 11.4% (β1 +β3, p = 0.002). In comparison to women in
the Peer Effect treatment group who also had below-median safety perceptions, women
in the Travel Buddy group were 30 percentage points more likely to attend the interviews.
However, we do not interpret this result as causal because women’s perception of safety
while commuting is going to be correlated with women’smobility and other factors affect-
ing treatment effects. Nonetheless, it suggests that Travel Buddy treatment was differen-
tially effective in improving show-up rates at interviews for women with reported lower
feelings of safety.
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5.4.2 Reducing Travel Costs

This mechanism suggests that the Travel Buddy treatment could have a significant effect
by reducing travel expenses for women to the factory. For instance, women can split travel
costs by booking a private vehicle or using a cheapermode such as a shared auto rickshaw
together or carpooling with women or their family members who own personal vehicles.
To test thismechanism,we estimate thedifferences in treatment effects between theTravel
Buddy treatment and a treatment that covers women’s round trip costs to the factories on
thedayof the interviews. If the effects areprimarilydrivenby reducingwomen’s travel costs
to the factory, we would find similar magnitude of effects across the two interventions. We
rely on results from our pilot experiment - a neighborhood-level RCT that was conducted
in Selaqui, India, during the summer of 2022. The pilot experiment precedes the main
experiment discussed so far in this paper.

During the pilot experiment, we partnered with another apparel manufacturing firm,
which has two units, both located in Selaqui27. Similar to the main experiment, the hiring
for the partner factory firm also takes place through walk-in interviews held at the factory
gate. We stratified 15 neighborhoods by residential areas and randomly assigned them to
one of the three groups - Travel Buddy, Travel Subsidy, and Control. Following the same
screening criteria, we enrolled 139 women from the neighborhoods to the pilot experi-
ment. The design for the Travel Buddy and control groups was similar to the main experi-
ment28. In the Travel Subsidy treatment, women were invited to participate in the walk-in
interviews via individual one-to-one meetings, same as the control group. Additionally,
womenwere providedwith a travel subsidy to cover the round-trip costs of traveling to the
partner factories. Theywere providedwith a one-time subsidy of INR 50 (or $0.625), which
could be redeemed at the factory gate on the days of the interviews.29

Table 8 presents the results from the pilot experiment. The findings are very similar to
our results from the main experiment. 80% of all women who showed up did not travel to
the factory alone. 27% of women from the Travel Buddy group participated in the walk-in
interviews, almost three times the control group. The Travel Buddy treatment led to 13-
16 percentage point increase in women’s interview participation over the control mean of
10%.

We now turn our attention to the comparison between the Travel Buddy and Travel
Subsidy groups to shed light on the travel cost mechanism. The Travel Subsidy treatment
increased the participation in interviews by 7-9 percentage points relative to the control
groups. The size of the effect is almost half of that of Travel Buddy treatment but the two

27The units are approximately 500 meters apart.
28There were three differences between the Travel Buddy treatment design in the main and pilot experi-

ment. During the pilot: 1) women were not added to groupmeeting’s WhatsApp groups; 2) we did not share
details on how to reach the factory; 3) there was no time provided for women to socialize with one another.

29On average, the one-side travel cost from study areas to the factory was INR 20. Therefore, the subsidy
equaled an amount slightly (1 US cent) more than the round trip cost.
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effects are not statistically significant. While this evidence is only suggestive due to the
small sample size of the pilot experiment and noisy point estimates, nonetheless, the re-
sults shows that providing women with travel subsidies to cover the cost of travel to the
factory does improve their show-up rates but not as much as inviting women together in
groups without any subsidies. This suggests that while some of the effects of the Travel
Buddy treatment might be driven by reducing women’s travel costs, it cannot explain the
entirety of the effects.

6 Conclusion
Restrictive social norms and safety concerns can severely limit women’s ability to travel
freely and impose additional restrictions on their mobility, especially in developing coun-
tries. This lack of freedom of movement can have significant consequences for women’s
lives. In this paper, we demonstrate that women might be able to overcome these restric-
tions by traveling together in groups and significantly improve their likelihoodof attending
job interviews and seeking jobs in India.

Our findings reveal that an intervention enabling women to travel together to job in-
terviews at an apparel factory significantly increases their probability of attending. Women
invited in groups to interviews held on the same day and at the same location are 80%
more likely to participate in the interviews compared towomen invited individually for in-
terviews on the same day. Importantly, we show experimentally that these effects are not
driven by organizing women into groups or by improving job amenity value but rather im-
proving women’s ability to commute together. Inviting women to participate in interviews
via group meetings and scheduling interviews on the same days increased probability of
attending by 90% compared to scheduling interviews on different days.

We show that women have a preference to travel with companions demonstrated by
majority of women (77%) traveling to the interviews with said companions. We also find
that the large effects of theTravelBuddy interventionaredrivenby connectingwomenwith
other women living nearby who are also interested in working. It significantly expanded
women’s peer networks near their houses and the effect was was more pronounced for
womenwith low baseline number of peers. The combination of these results is important.
It demonstrates that the while women prefer to travel in groups, they are are constrained
in their ability to do so due to limited peer networks. A separate small-scale pilot experi-
ment suggests that a reasonwomenmay prefer to travel accompanied by adults is because
it helps them reduce travel costs. Having said that, it does not fully account for such pref-
erence or explain the entirety of the observed treatment effects.

Furthermore, the Travel Buddy intervention resulted in a 75% increase in the prob-
ability of women engaging in job search six weeks after the intervention. It doubled the
number of trips to employers in search of jobs by women in the Travel Buddy group rela-
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tive to women in the control group. Additionally, women continued to rely on each other
to travel when visiting employers or for other purposes six weeks post intervention.

Despite significant improvements in interview participation, job search activity, and
peer networks, the intervention did not substantially affect women’s employment at the
partner factories. Low trial-passing rates at the factory and the lack of suitable jobopportu-
nities can likely explain this outcome. These results open new avenues for future research
by suggesting that while mobility interventions improve job search behaviors, additional
barriers to employment especially demand side factors must also be addressed.

Thefindings from this study contribute to adeeper understandingofwhywomenmay
not actively seek job opportunities, particularly in countries and contexts where mobility
constraints persist. This paper introduces a practical and cost-effective intervention to
help overcome these barriers, facilitating women’s access to job markets. One important
implication of these results is that they can inform hiring policies for firms, especially in
sectors where in-person interviews are required, such as garment manufacturing. In in-
dustrieswhere on-the-job trials are part of the hiring process and cannot easily be replaced
by online alternatives, our results demonstrate that inviting women in groups rather than
individually can increase the number ofwomenattending interviews and as demonstrated
by Grosset and Donald, 2024, improve overall job acceptance rates.

A second, broader implication of our findings os that women can positively influence
the lives of other women in various ways, such as by enhancing their mobility, improving
employment outcomes and help make transportation more accessible. It can help reduce
women’s dependency on family members, particularly male relatives, when traveling and
encourage them to seek out other women from their neighborhoods as travel compan-
ions, thereby strengthening social connections. These findings align with recent research,
which indicates that engaging women’s peer networks can help improve women’s take-up
of entrepreneurial training (Field et al., 2016), family planning (Anukriti et al., 2022) and
improve children’s welfare (Kandpal and Baylis, 2019).

Finally, there is a growing consensus among policymakers and researchers that trans-
port is not gender-neutral. Our results underscore the need to identify and study different
strategies employed by women to navigate safety concerns and restrictive social norms
related tomobility, as well as the costs and benefits these behaviors tomake transport sys-
tems more inclusive and equitable. For instance, as we show in this paper, if woman have
a preference to travel with other women but are constrained in their ability to do, bundling
policies like providing free public transport (as done by an Indian state) with an interven-
tion like ours can have a significant impact on women’s mobility. This necessitates build-
ing a solid understanding of the causes and implications of mobility constraints faced by
women in developing countries.

25



References
Abebe,Girum,AStefanoCaria,Marcel Fafchamps, Paolo Falco, SimonFranklin, andSimon

Quinn, (2021). “Anonymity or Distance? Job Search and LabourMarket Exclusion in a
Growing African City”. The Review of Economic Studies 88 (3): 1279–1310.

Abebe,Girum,StefanoCaria,Marcel Fafchamps,PaoloFalco, SimonFranklin, SimonQuinn,
and Forhad Shilpi, (2023). “Matching Frictions and Distorted Beliefs:Evidence from a
Job Fair Experiment”. Working Paper 958. Queen Mary University of London, School
of Economics and Finance.

ActionAid, (2016). “Safe Cities for Women | ActionAid UK”.

Afridi, Farzana, Amrita Dhillon, Sanchari Roy, and Nikita Sangwan, (2023). “Social Net-
works, Gender Norms and Labor Supply: Experimental Evidence Using a Job Search
Platform”. CAGE Online Working Paper Series.

Aggarwal, Shilpa,BrianGiera,Dahyeon Jeong, JonathanRobinson, andAlanSpearot, (2022).
“Market Access, Trade Costs, and Technology Adoption: Evidence fromNorthern Tan-
zania”.

Agte, Patrick andArielle Bernhardt, (2023). “The Economics of CasteNorms: Purity, Status,
andWomen’s Work in India”.

Aguilar, Arturo, Emilio Gutiérrez, and Paula Soto Villagrán, (2021). “Benefits and Unin-
tendedConsequences of Gender Segregation in Public Transportation: Evidence from
Mexico City’s Subway System”. Economic Development and Cultural Change 69 (4):
1379–1410.

Anukriti, S, CatalinaHerrera-Almanza, andMahesh Karra, (2022).Bring a Friend: Strength-
eningWomen’s Social Networks and Reproductive Autonomy in India. Policy Research
Working Papers. The World Bank.

Baranov, Victoria, Sonia Bhalotra, Pietro Biroli, and JoannaMaselko, (2020). “Maternal De-
pression, Women’s Empowerment, and Parental Investment: Evidence from a Ran-
domized Controlled Trial”. American Economic Review 110 (3): 824–859.

Becerra, Oscar and José-Alberto Guerra, (2021). “Valuing Personal Safety and the Gender
Earnings Gap”. SSRN Scholarly Paper. Rochester, NY.

Bernhardt, Arielle, Erica Field, Rohini Pande, Natalia Rigol, Simone Schaner, and Charity
Troyer-Moore, (2018). “Male Social Status and Women’s Work”. AEA Papers and Pro-
ceedings 108: 363–367.

Biswas, Soutik, (2023). “Why half of India’s urban women stay at home”. Tech. rep. BBC
News.

26



Bjorvatn, Kjetil, Denise Ferris, Selim Gulesci, Arne Nasgowitz, Vincent Somville, and Lore
Vandewalle, (2022). “Childcare, LaborSupply, andBusinessDevelopment: Experimen-
tal Evidence fromUganda”. SSRN Scholarly Paper. Rochester, NY.

Borker, Girija, (2021). “Safety First: Perceived Risk of Street Harassment and Educational
Choices of Women”. Working Paper. Washington, DC: World Bank.

— (2024). “Understanding the constraints to women’s use of urban public transport in
developing countries”.World Development 180: 106589.

Buchmann, Nina, CarlMeyer, andColinD Sullivan, (2023). “Paternalistic Discrimination”.

Bursztyn, Leonardo, Alessandra L. González, and David Yanagizawa-Drott, (2020). “Mis-
perceived Social Norms: WomenWorking Outside the Home in Saudi Arabia”. Ameri-
can Economic Review 110 (10): 2997–3029.

Caria, Stefano,GrantGordon,MaximilianKasy, SimonQuinn, SohaShami, andAlexTeytel-
boym, (2020). “AnAdaptiveTargetedFieldExperiment: JobSearchAssistance forRefugees
in Jordan”. SSRN Scholarly Paper. Rochester, NY.

Chaturvedi, Sugat, Kanika Mahajan, and Zahra Siddique, (2024). “Words Matter: Gender,
Jobs and Applicant Behavior”. SSRN Scholarly Paper. Rochester, NY.

Cheema, Ali, A. I. Khwaja, M. Naseer, and Jacob N. Shapiro, (2022). “Glass Walls: Experi-
mental Evidence on Access Constraints Faced by Women”.

Chowdhury, Afra Rahman, Ana Carolina Areias, Saori Imaizumi, Shinsaku Nomura, and
Futoshi Yamauchi, (2018). “Reflections of Employers’Gender Preferences in Job Ads
in India: An Analysis of Online Job Portal Data”. SSRN Scholarly Paper. Rochester, NY.

Christensen, Peter andAdamOsman, (2021). “TheDemand forMobility: Evidence froman
Experiment with Uber Riders”. SSRN Electronic Journal.

Crepon, Bruno, Caroline Crafft, Stefano Caria, and Nagy Abdelrahman, (2024). “G2LM|LIC
- The Impact of Subsidized Access toNurseries and Employment Services onMothers’
Labor Market Outcomes and Child Development in Egypt”.

Dean, Joshua T. and Seema Jayachandran, (2019). “Changing Family Attitudes to Promote
Female Employment”. AEA Papers and Proceedings 109: 138–142.

Díaz-Martin, Lucía, AksharaGopalan,EleonoraGuarnieri, andSeema Jayachandran, (2023).
“Greater than the Sum of the Parts? Evidence on Mechanisms Operating in Women’s
Groups”. The World Bank Research Observer 38 (1): 1–35.

Duflo, Esther, Pascaline Dupas, and Michael Kremer, (2011). “Peer Effects, Teacher Incen-
tives, and the Impact of Tracking: Evidence from a Randomized Evaluation in Kenya”.
American Economic Review 101 (5): 1739–1774.

27



Field, Erica, Seema Jayachandran, Rohini Pande, and Natalia Rigol, (2016). “Friendship at
Work: Can Peer Effects Catalyze Female Entrepreneurship?” American Economic Jour-
nal: Economic Policy 8 (2): 125–153.

Field, Erica,RohiniPande,NataliaRigol, SimoneSchaner, andCharityTroyerMoore, (2021).
“OnHerOwnAccount: How StrengtheningWomen’s Financial Control Impacts Labor
Supply and Gender Norms”. American Economic Review 111 (7): 2342–2375.

Field, Erica and Kate Vyborny, (2022). “Women’sMobility and Labor Supply: Experimental
Evidence from Pakistan”. SSRN Scholarly Paper. Rochester, NY.

Fletcher, Erin, Rohini Pande, andCharity TroyerMoore, (2017). “WomenandWork in India:
Descriptive Evidence and a Review of Potential Policies”.

Franklin, Simon, (2018). “Location, Search Costs and YouthUnemployment: Experimental
Evidence from Transport Subsidies”. The Economic Journal 128 (614): 2353–2379.

Gentile, Elisabetta, Nikita Kohli, Nivedhitha Subramanian, Zunia Tirmazee, and Kate Vy-
borny, (2023). “Barriers to Entry:Decomposing theGenderGap in Job Search inUrban
Pakistan”. SSRN Scholarly Paper. Rochester, NY.

Grosset, Florian and Aletheia Donald, (2024). “Labor Supply Complementarities in Urban
Côte d‘Ivoire”. Tech. rep.

Heath, Rachel and A. Mushfiq Mobarak, (2015). “Manufacturing growth and the lives of
Bangladeshi women”. Journal of Development Economics 115 (C): 1–15.

Ho, Lisa, Anahita Karandikar, and Suhani Jalota, (2023). “Bringing Work Home: Internet-
Mediated Gig Work andWomen’s Employment”.

Hojman, Andrés and Florencia Lopez Boo, (2022). “Public childcare benefits children and
mothers: Evidence from a nationwide experiment in a developing country”. Journal
of Public Economics 212: 104686.

Hsu, Hsin-Ping, (2011). “How Does Fear of Sexual Harassment on Transit Affect Women’s
Use of Transit?”

Jalota, Suhani and Lisa Ho, (2024). “What Works For Her? How Work-from-Home Jobs Af-
fect FemaleLaborForceParticipation inUrban India”. SSRNScholarlyPaper.Rochester,
NY.

Jayachandran, Seema, (2019). “Social norms as a barrier to women’s employment in devel-
oping countries”. Tech. rep. wp-2019-74. World Institute for Development Economic
Research (UNU-WIDER).

28



Kandpal, Eeshani andKathyBaylis, (2019). “The social lives ofmarriedwomen: Peer effects
in female autonomy and investments in children”. Journal of Development Economics
140: 26–43.

Khanna, M. and Divya Pandey, (2020). “Reinforcing Gender Norms or Easing Housework
Burdens? The Role of Mothers-in-Law in Determining Women’s Labor Force Partici-
pation”.

Kondylis, Florence, Arianna Legovini, Kate Vyborny, Astrid Maria Theresia Zwager, and
Luiza Cardoso De Andrade, (2020). “Demand for Safe Spaces : Avoiding Harassment
and Stigma”. Tech. rep. 9269. The World Bank.

Kumar,Naresh,RollyKapoor, ShilpaAggarwal,Dahyeon Jeong,DavidSunghoPark, Jonathan
Robinson, andAlan Spearot, (2023). “Going the ExtraMile: FarmSubsidies and Spatial
Convergence in Agricultural Input Adoption”. Working Paper.

Kumar, Neha, Kalyani Raghunathan, Alejandra Arrieta, Amir Jilani, Suman Chakrabarti,
Purnima Menon, and Agnes R. Quisumbing, (2019). “Social networks, mobility, and
political participation: The potential for women’s self-help groups to improve access
and use of public entitlement schemes in India”.World Development 114: 28–41.

Lowe,M. andMadelineMcKelway, (2019). “BargainingBreakdown: Intra-HouseholdDecision-
Making and Female Labor Supply”.

Mahmud, Mahreen and Emma Riley, (2021). “Household response to an extreme shock:
Evidence on the immediate impact of the Covid-19 lockdown on economic outcomes
and well-being in rural Uganda”.World Development 140: 105318.

McKelway, Madeline, (2021). “McKelway_Jan2021_GSEEmpPaper.pdf”.

Muralidharan, Karthik and Nishith Prakash, (2017). “Cycling to School: Increasing Sec-
ondary School Enrollment for Girls in India”. American Economic Journal: Applied
Economics 9 (3): 321–350.

Nandi, Arindam, Jere R. Behrman, and Ramanan Laxminarayan, (2020). “The Impact of a
National EarlyChildhoodDevelopment ProgramonFuture SchoolingAttainment: Ev-
idence from IntegratedChildDevelopment Services in India”. EconomicDevelopment
and Cultural Change 69 (1): 291–316.

Phillips,DavidC., (2014). “Getting towork: Experimental evidenceon job search and trans-
portation costs”. Labour Economics 29: 72–82.

Rao, Gautam, (2019). “Familiarity Does Not Breed Contempt: Generosity, Discrimination,
and Diversity in Delhi Schools”. American Economic Review 109 (3): 774–809.

Safetipin, (2019). “Safetipin | Women andMobility Report English”.

29



Subramanian, Nivedhitha, (2024). “Workplace Attributes and Women’s Labor Supply De-
cisions: Evidence from a Randomized Experiment”.

Wheeler, Laurel, Robert Garlick, Eric Johnson, Patrick Shaw, andMarissa Gargano, (2022).
“LinkedIn(to) Job Opportunities: Experimental Evidence from Job Readiness Train-
ing”. American Economic Journal: Applied Economics 14 (2): 101–125.

30



7 Figures and Tables

Figure 1: Experimental Design

Study Sample
Neighborhoods (n = 106)

(N = 693)

Control
n1 = 33

(N1 = 228)

Travel Buddy
n2 = 36

(N2 = 241)

Peer Effect
n3 = 37

(N3 = 224)

Interview Invite GroupMeeting Same Interview Dates

Travel Buddy Yes Yes Yes
Peer Effect Yes Yes No - Different to all
Control Yes No Yes
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Table 1: Neighborhood Characteristics and Balance

(1) (2) (3) (1)-(2) (1)-(3) (2)-(3)
Control Travel Buddy Peer Effect Pairwise t-test

Variable Mean/(SD) Mean/(SD) Mean/(SD) P-value P-value P-value
Number of women enrolled to the study 6.91 6.69 6.05 0.78 0.17 0.41

(0.45) (0.64) (0.43)
Approximate number of households 200.61 201.67 198.92 0.90 0.83 0.79

(4.13) (7.72) (6.85)
= 1 if metro station near by 0.45 0.36 0.38 0.44 0.53 0.88

(0.09) (0.08) (0.08)
= 1 if bus stand within cluster boundary 0.03 0.00 0.03 0.32 0.94 0.32

(0.03) (0.00) (0.03)
One-way trip to closest partner factory:

Cost of private auto (USD) to factory 1.30 1.43 1.93 0.36 0.19 0.30
(0.10) (0.10) (0.47)

Cost of shared auto (USD) to factory 0.37 0.29 0.29 0.24 0.23 0.97
(0.06) (0.02) (0.02)

Distance to factory (Kms) 4.50 4.60 5.37 0.88 0.23 0.27
(0.48) (0.45) (0.53)

Minutes to factory 15.94 16.86 16.51 0.49 0.67 0.80
(0.93) (0.94) (0.96)

Number of neighborhoods 33 36 37 69 70 73

Notes: This table presents the average values for neighborhood characteristics and tests for balance across the three
groups - control, Travel Buddy, and Peer Effect. A unit of observation is a neighborhood. The last 3 columns show the
p-values from the pairwise t-tests checking for equality of two means. Standard errors are in parentheses. ***, **, and *
represent significance at 1%, 5%, and 10%, respectively.
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Table 2: GroupMeeting Attendance

Attended meeting Attended alone Total women present
(1) (2) (4) (4) (5) (6)

Travel Buddy 0.021 0.034 0.015 0.009 0.412 0.444
(0.024) (0.024) (0.018) (0.020) (0.361) (0.312)

Strata FE N Y N Y N Y
Peer Effect Mean 0.93 0.93 0.02 0.02 3.87 3.87
Neighborhoods 73 73 73 73 73 73
Observations 465 465 465 465 465 465

Notes: This table is restricted to include observations in Travel Buddy and Peer Effects treatments only. The
outcomes variables in columns 1-6 include indicator for women attending meetings, indicator for attend-
ing ameeting alone, and the total number ofwomen that attended ameeting. Standard errors are clustered
at the neighborhood level and are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%,
respectively.
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Table 3: Effects on Probability of Attending Interviews

=1 If showed up with

Interview show up Study women Non-study adult

(1) (2) (3) (4) (5) (6)

Travel Buddy (β1) 0.118** 0.125** 0.087* 0.092* 0.043 0.051
(0.055) (0.056) (0.049) (0.052) (0.030) (0.032)

Peer Effect (β2) -0.017 -0.005 -0.042 -0.038 0.044 0.057*
(0.044) (0.046) (0.040) (0.043) (0.028) (0.029)

p-value: β1 = β2 0.015 0.014 0.009 0.006 0.975 0.851

Controls N Y N Y N Y
Control Mean 0.154 0.154 0.096 0.096 0.035 0.035
Clusters 106 106 106 106 106 106
Observations 693 693 693 693 693 693

Notes: This table presents intent-to-treat (ITT) treatment effects onwomen’s probability of attend-
ing interviews at the partner factories (columns 1 and 2) and whether the women traveled to the
factories with study women or non-study companions (Columns 3-6). Each column represents a
separate regression. All regressions include strata fixed effects. Controls include baseline values
of variables in Table 1 and Table A2. Standard errors are clustered at the neighborhood level and
are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.
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Table 4: Effects on Job Search at Endline

= 1 if made job search
trips

Number of job search
trips

= 1 if made job search
trips with women
from neighborhood

(1) (2) (3) (4) (5) (6)

Travel Buddy (β1) 0.120*** 0.123*** 0.349** 0.361** 0.106*** 0.109***
(0.045) (0.047) (0.143) (0.152) (0.031) (0.032)

Peer Effect (β2) 0.031 0.036 0.252 0.259 0.025 0.027
(0.045) (0.048) (0.188) (0.217) (0.030) (0.031)

p-value: β1 = β2 0.024 0.019 0.591 0.593 0.007 0.005

Controls N Y N Y N Y
Control Mean 0.160 0.160 0.330 0.330 0.061 0.074
Neighborhoods 104 104 104 104 104 104
Observations 560 560 560 560 560 560

Notes: This table presents intent-to-treat (ITT) treatment effects on women’s job search trips outside the interview ex-
periment as reported by women during Endline Surveys. The number of observations is less than the study sample since
it only includes observations for women that we were able to follow up for the endline surveys. The recall period for the
three outcomes is 6 weeks post completion of interviews at the partner factories. In Columns (1)-(2), wemeasure the ef-
fects on the likelihood ofmaking a job search trip in the last 45 days. This includes visits to employers in search of jobs. In
Columns (3)-(4), wemeasure the effects on the number of visits made to the employers. In Columns (5)-(6), wemeasure
the effects on the probability ofmaking such a visit accompaniedby otherwomen from theneighborhood. It is an indica-
tor variable that takes value 1 if womenmade any such trip accompanied by women from the neighborhood. All regres-
sions include strata fixed effects. Controls include baseline values of variables in Table A2. Standard errors are clustered
at the neighborhood level and are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.
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Table 5: Effects on Employment at Partner Factory

Passed Trial Accepted Offer
(1) (2)

Travel Buddy (β1) 0.022 0.023
(0.032) (0.026)

Peer Effect (β2) 0.036 0.030
(0.027) (0.021)

p-value: β1 = β2 0.507 0.670

Control Mean 0.03 0.01
Neighborhoods 106 106
Observations 693 693

Notes: This table presents intent-to-treat (ITT) treatment effects on
the interview passing rates and job take-up at the factory. The data
for this table comes from factory administration. Each column is a
separate regression. Controls include baseline values of variables in
Table 1 and Table A2. Standard errors are clustered at the neighbor-
hood cluster level and are in parentheses. ***, **, and * represent sig-
nificance at 1%, 5%, and 10%, respectively.
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Table 6: Effects on Connections with Women Living Nearby

Number of women
known living nearby

=1 if traveled outside
with these women

=1 if discussed household
issues with these women

(1) (2) (3)

Travel Buddy (β1) 1.103*** 0.081* 0.115**
(0.399) (0.042) (0.054)

Peer Effect (β2) 0.531 0.005 0.106
(0.502) (0.044) (0.073)

p-value: β1 = β2 0.19 0.03 0.86

Control Mean 4.16 0.17 1.68
Neighborhoods 104 104 104
Observations 560 560 560

Notes: This table presents intent-to-treat (ITT) treatment effects on women’s connections with other women as reported
by them during Endline Surveys. The number of observations is less than the study sample since it only includes observa-
tions for women that we were able to follow up for the endline surveys. Each column is a separate regression. In column
1, the outcome variable is the number of women study participants knew living nearby. We define living nearby as living
in the same housing structure and in adjacent and opposite houses to women in our study sample. In column 2, the out-
come variable is an indicator for whether the women traveled with these women (those living nearby) in the last 7 days. In
column 3, the outcome variable is an indicator for whether women discussed household issues such as money problems,
children’s education, with suchwomen in the last 7 days. All regressions include strata fixed effects and controls in Table A2.
Standard errors are clustered at the neighborhood cluster level and are in parentheses. ***, **, and * represent significance
at 1%, 5%, and 10%, respectively.
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Table 7: Heterogeneous Treatment Effects on Interview Participation, by
Number of Peers and Feeling of Safety

Covariate = 1 if Less thanMedian

Number of Peers Feeling of Safety
(1) (2)

Travel Buddy (β1) 0.057 0.092
(0.072) (0.059)

Travel Buddy × Covariate (β3) 0.136* 0.273**
(0.076) (0.128)

Peer Effect (β2) -0.017 -0.011
(0.058) (0.048)

Peer Effect × Covariate (β4) 0.029 0.068
(0.062) (0.104)

Covariate (β5) -0.090** -0.065
(0.044) (0.084)

p-value:
β1 = β2 0.274 0.075
β1 +β3 = 0 0.002 0.002
β1 +β3 −β2 −β4 = 0 0.004 0.011

Control Mean 0.154 0.154
Control Mean if Covariate = 1 0.113 0.114
Neighborhoods 106 106
Observations 693 693

Notes: This table presents ITT treatment effects on the interview participation at factories
by women’s baseline levels of number of peers in the neighborhoods and feeling of safety
while traveling. Number of peers is the total number of women study participants knew
living nearby. We define living nearby as living in the same housing structure and in adja-
cent and opposite houses to women in our study sample. For column 1, Covariate = 1 if
the number of peers is less than the median. Women’s feeling of safety is the average of re-
sponses to the question: How safe do you feel while traveling by the following means (auto,
walk, bus) during the daytime? A higher score implies a higher feeling of safety. Covariate
= 1 if the average of the three responses is less than the median. Each column is a sepa-
rate regression. All regressions include strata fixed effects and controls. Standard errors are
clustered at the neighborhood level and are in parentheses. ***, **, and * represent signifi-
cance at 1%, 5%, and 10%, respectively.
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Table 8: Results from Pilot Experiment

=1 If showed up
Interview show up With any adult With study women
(1) (2) (3) (4) (5) (6)

Travel Buddy (β1) 0.13* 0.16** 0.13* 0.14* 0.11 0.13*
(0.07) (0.08) (0.07) (0.08) (0.07) (0.07)

Travel Subsidy (β2) 0.09 0.07 0.06 0.05 -0.01 -0.01
(0.08) (0.08) (0.07) (0.07) (0.05) (0.06)

p-value: β1 = β2 0.636 0.402 0.400 0.326 0.102 0.063

Controls N Y N Y N Y
Control Mean 0.098 0.098 0.078 0.078 0.078 0.078
Neighborhoods 15 15 15 15 15 15
Observations 139 139 139 139 139 139

Notes: This table presents intent-to-treat (ITT) treatment effects on women’s probability of attending
interviews (columns 1 and 2) and whether the women traveled to the factories with study women or
non-study companions (Columns 3-6) during the pilot experiment. Each column represents a separate
regression. All regressions include area fixed effects. Controls include women’s baseline characteristics
Table A2. Standard errors are calculated using the bootstrapping procedure and are in parentheses. ***,
**, and * represent significance at 1%, 5%, and 10%, respectively.
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Appendix A: Supplementary Tables and Figures

Table A1: Study Timeline

Summer 2022 • Pilot study in Selaqui, India

September 2023 • Finalizing study areas in Faridabad and Noida
November 2023 • Creating boundaries for

neighborhoods
January 2024 • Randomization
March 2024 • Start of baseline surveys

and intervention meetings


Rolling interview dates,
collection of midline data
and interview participation data

June 2024 • Start of Endline Surveys

August 2024 • End of Fieldwork

Notes: This table presents timeline for the experiment and data collection. Baseline surveys and interven-
tion meetings were held on a rolling basis from March 2024 to June 2024. During this time, we assigned
women with 2-day windows beginning one-day after the intervention meetings were completed. Once
the interview window passed, we conducted midline phone surveys with women. The endline surveys
began by end of May 2024 and was conducted 6 weeks post completion of the interview window.
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Table A2: Baseline Characteristics of Women and Balance

(1) (2) (3) (1)-(2) (1)-(3) (2)-(3)
Control Travel Buddy Peer Effect Pairwise t-test

Variable Mean/(SD) Mean/(SD) Mean/(SD) P-value P-value P-value
Age 28.79 28.53 29.04 0.65 0.65 0.38

(0.39) (0.42) (0.39)
Married 0.79 0.79 0.82 0.98 0.71 0.65

(0.05) (0.04) (0.04)
Household size 3.31 3.53 3.68 0.44 0.21 0.52

(0.24) (0.16) (0.18)
Literate 0.84 0.87 0.79 0.62 0.44 0.11

(0.05) (0.03) (0.04)
Monthly household income (USD) 202.57 202.86 206.26 0.99 0.83 0.81

(13.44) (9.34) (10.24)
Owns phone 0.68 0.77 0.71 0.09* 0.49 0.22

(0.05) (0.03) (0.03)
Rented house 0.74 0.70 0.66 0.66 0.35 0.57

(0.06) (0.05) (0.05)
Worked in last 6 months 0.10 0.12 0.16 0.55 0.12 0.32

(0.02) (0.03) (0.03)
= 1 if didn’t leave the house 0.14 0.16 0.21 0.55 0.08* 0.21

(0.03) (0.02) (0.03)
Number of trips within immediate vicinity 5.89 5.68 5.64 0.79 0.72 0.96

(0.54) (0.57) (0.44)
= 1 if didn’t leave neighborhood 0.24 0.28 0.32 0.25 0.07* 0.37

(0.03) (0.02) (0.03)
Number of trips outside of neighborhoods 1.26 1.44 1.13 0.41 0.53 0.13

(0.15) (0.15) (0.14)

Number of observations 228 241 224 469 452 465
Number of neighborhoods 33 36 37 69 70 73

Notes: This table presents the average values for women’s baseline characteristics tests for balance across the three groups -
control, Peer effect, and Travel buddy. The last 3 columns show the p-values from the pairwise t-tests checking for equality
of two means. Standard errors are clustered at the neighborhood level and are in parentheses. ***, **, and * represent sig-
nificance at 1%, 5%, and 10%, respectively.
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Table A3: Study Participation and Treatment Status

= 1 if refused to participate
(1) (2)

Travel Buddy -0.001 -0.001
(0.022) (0.022)

Peer Effect 0.000 -0.011
(0.020) (0.014)

Strata FE N Y
Control Mean 0.02 0.02
Neighborhoods 107 107
Observations 708 708

Notes: This table presents the levels of consent acceptance
to participate in the study and baseline surveys. Standard
errors are clustered at the neighborhood level and are in
parentheses. ***, **, and * represent significance at 1%, 5%,
and 10%, respectively.
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Figure A1: Distribution of Meeting Attendance
(a) Travel Buddy Group

(b) Peer Effect Group

Notes: This figure plots the distribution of the number of women invited to a groupmeeting versus the num-
ber ofwomenwhoattended it. Panel (a) presents thedistribution for Travel Buddyneighborhoods, andpanel
(b) presents the distribution for Peer Effect neighborhoods. The cases where only one womanwas invited to
a meeting are the instances where a woman couldn’t attend the meeting she was initially assigned to.
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Table A4: Detailed Information on GroupMeetings
Travel Buddy

(1)
Peer Effect

(2)
Mean(SD) Mean(SD)

=1 if attended meeting 0.95 0.93
(0.21) (0.25)

=1 if attended alone 0.04 0.02
(0.19) (0.15)

=1 if attended with 1 other woman 0.11 0.13
(0.31) (0.34)

Total women present in the meeting 4.28 3.87
(1.97) (1.73)

=1 if joined meetings’ WhatsApp group 0.44 0.57
(0.50) (0.50)

% of women previously known prior to the meeting 33.62 32.20
(33.94) (32.93)

Observations 230 209
Neighborhoods 36 37

Notes: This table presents the details on the groupmeetings for both treatment groups. On average,
6.3 women were enrolled per neighborhod. A total of 122 interventionmeetings were conducted in
73 study clusters. To measure if women knew other women in the group meeting prior to joining
the study, we asked women to identify known women present before the groupmeeting began.

Table A5: Attrition FromMidline and Endline Surveys

Midline Endline

(1) (2)

Travel Buddy -0.033 0.025
(0.031) (0.038)

Peer Effect 0.044 0.008
(0.044) (0.045)

p-value: β1 = β2 0.061 0.673

Control Mean 0.184 0.175
Neighborhoods 106 106
Observations 693 693

Notes:This table presents attrition levels of midline
and endline surveys and tests for balance across the
three groups. All regressions include strata-fixed ef-
fects. Standard errors are clustered at the neighbor-
hood cluster level and are in parentheses. ***, **, and
* represent significance at 1%, 5%, and 10%, respec-
tively.
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Table A6: Effects on Interview Show-Up including Interview Date FE

=1 If showed up

Interview show up With study women With non-study adult

(1) (2) (3) (4) (5) (6)

Travel Buddy (β1) 0.134** 0.144** 0.099* 0.098** 0.057* 0.077**
(0.057) (0.065) (0.054) (0.046) (0.033) (0.032)

Peer Effect (β2) -0.028 -0.044 -0.056 -0.081* 0.043 0.067*
(0.049) (0.055) (0.043) (0.043) (0.029) (0.034)

p-value: β1 = β2 0.006 0.001 0.003 0.000 0.697 0.776

Interview Gap Y Y Y Y Y Y
Interview Date FE N Y N Y N Y

Control Mean 0.154 0.154 0.096 0.096 0.035 0.035
Clusters 106 106 106 106 106 106
Observations 693 693 693 693 693 693

Notes: This table presents intent-to-treat (ITT) treatment effects on the show-up for walk-in interviews at the factory gate.
Columns (1) - (2) display the impact of the treatment for the Travel Buddy Group and Peer Effect group on women’s show
up at the factory site for walk-in interviews. Columns (3) - (6) present the treatment effects on the show-up for walk-in
interviews with study women and other adults who were not part of the study at the factory gate. All regressions include
controls in Table 1 and Table A2. Interview Gap controls for the number of days between providing women with interview
invitation letters and the start of the interviewwindow. InterviewDate Fixed Effects control for the 2-day interviewwindow
assigned to women. Standard errors are clustered at the neighborhood cluster level and are in parentheses. ***, **, and *
represent significance at 1%, 5%, and 10%, respectively.
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Table A7: Effects on Probability of Participating in Interviews - Randomiza-
tion Inference

=1 if traveled to the interviews with

= 1 if participated
in interviews Study women Non-study

companion

(1) (2) (3) (4) (5) (6)

Travel Buddy (β1) 0.118* 0.125* 0.087* 0.092* 0.043 0.051
(0.05) (0.06) (0.06) (0.10) (0.20) (0.14)

Peer Effect (β2) -0.017 -0.005 -0.042 -0.038 0.044 0.057*
(0.66) (0.93) (0.31) (0.38) (0.15) (0.07)

p-value: β1 = β2 0.02 0.04 0.03 0.04 0.47 0.55

Controls N Y N Y N Y
Control Mean 0.154 0.154 0.096 0.096 0.035 0.035
Neighborhoods 106 106 106 106 106 106
Observations 693 693 693 693 693 693

Notes: This table presents intent-to-treat (ITT) treatment effects on women’s probability of attending inter-
views at the partner factories (columns 1 and 2) and whether the women traveled to the factories with study
women or non-study companions (Columns 3-6). Each column represents a separate regression. All regres-
sions include strata fixed effects. Controls include baseline values of variables in Table 1 and Table A2. Ran-
domization inference p-values are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%,
respectively.
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Table A8: Effects on Job Search at Endline - Randomization Inference

= 1 if made job search
trips

Number of job search
trips

= 1 if made job search
trips with women
from neighborhood

(1) (2) (3) (4) (5) (6)

Travel Buddy (β1) 0.120** 0.121** 0.349** 0.337** 0.106*** 0.112***
(0.02) (0.02) (0.02) (0.04) (0.00) (0.00)

Peer Effect (β2) 0.031 0.032 0.252 0.227 0.025 0.030
(0.48) (0.48) (0.20) (0.21) (0.39) (0.36)

p-value: β1 = β2 0.05 0.05 0.39 0.34 0.02 0.01

Controls N Y N Y N Y
Control Mean 0.160 0.160 0.330 0.330 0.330 0.330
Neighborhoods 104 104 104 104 104 104
Observations 560 560 560 560 560 560

Notes: TThis table presents intent-to-treat (ITT) treatment effects on women’s job search trips outside the interview experiment as
reported by women during Endline Surveys. The number of observations is less than the study sample since it only includes obser-
vations for women that we were able to follow up for the endline surveys. The recall period for the three outcomes is 6 weeks post
completion of interviews at the partner factories. In Columns (1)-(2), we measure the effects on the likelihood of making a job search
trip in the last 45 days. This includes visits to employers in search of jobs. In Columns (3)-(4), we measure the effects on the number
of visits made to the employers. In Columns (5)-(6), we measure the effects on the probability of making such a visit accompanied
by other women from the neighborhood. It is an indicator variable that takes value 1 if women made any such trip accompanied by
women from the neighborhood. All regressions include strata fixed effects. Controls include baseline values of variables in Table A2.
Randomization inference p-values are in parentheses. ***, **, and * represent significance at 1%, 5%, and 10%, respectively.
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Appendix B: Experimental Design

Figure B1: Locations of partner factories

Notes: This figure shows the locations of our 5 partner factory units in Faridabad and Noida.
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Figure B2:Map of selected study clusters - a closer look

Notes: This figure shows zoomed in study clusters in Faridabad
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Figure B3:Map of study clusters near two factory locations

Notes: This figure shows the study clusters around 2 of the 5 partner factory units in Faridabad. The
boundaries as shown in the figure were created by enumerators on foot using SurveyCTO’s geotrace feature.
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Figure B4: Cluster mapping for random sampling

Notes: This figure shows a map consisting of identified housing lanes and entry points to a study cluster.
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Figure B5: Interview Invitation Letter

Notes: This figure shows an example of an interview intervention letter provided to a woman. The letter
contains the name of the women, ID assigned to the woman, dates of interview, the partner factory’s name
and address. It also contains the phone number of field teammembers for the woman to reach out if she has
any questions or concerns. Women were asked to bring this letter along on the day of the interview to help
us identify study women at the factory gate. However, in case women didn’t bring this letter, we used their
phone numbers to distinguish study women from the non study women.
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Table B1: Content of Intervention Meetings

Travel Buddy Peer Effect Control
Content of meetings
Introduction of enumerator ✓ ✓ ✓
Women introduction to each other ✓ ✓ ✗

Introduction about factory ✓ ✓ ✓
Details about job & trial ✓ ✓ ✓
About traveling together ✓ ✗ ✗

How to reach to the factory ✓ ✓ ✓
Time for women to socialize ✓ ✓ ✗

Whatsapp group ✓ ✓ ✗

Notes: This table lists the content of meetings for intervention meetings across the three
groups.
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