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Abstract

We study the prevalence and effects of individuals with past criminal charges
among electoral candidates and appointed politicians in Brazil. Individu-
als with past criminal charges are twice as likely to run for election and
to be elected than other individuals. Such a difference holds across all po-
litical parties and government levels, and is unaffected when conditioning
the comparison on a wide array of observable characteristics. Randomized
anti-corruption audits reduce the share of mayors with previous criminal
charges, but only when they are conducted in electoral years whereas audits
conducted in other periods have no effect. Using a regression discontinuity
design based on close elections, we find that the election of mayors with
criminal charges negatively impacts on local public health, as evidenced by
higher rates of underweight births and infant mortality. Additionally, we
observe a rise in political patronage, particularly within the health sector,
which aligns with the detrimental effects on public health.
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1 Introduction

The personal traits of politicians are a fundamental ingredient of good governance
in modern democracies, and honesty plays an essential role (Caselli and Morelli,
2004; Besley, 2005; Dal Bó and Finan, 2018). Politicians’ honesty is crucial for
the credibility of political institutions, which in turn leads to greater political
participation (Daniele et al., 2023). In addition, politicians’ honesty could have
significant implications for the quality of policy-making – in the words of Ben-
jamin Franklin, “Honesty is the best policy”. Indeed, an increasing number of
countries such as Argentina, Brazil, Colombia, India, Italy, UK, and several US
states (among others) recently implemented measures aimed at preventing indi-
viduals with a criminal history from running for public office. Some proposals
(e.g., in Italy and India) go as far as advocating the ban of criminally charged
individuals, in addition to those with definitive criminal convictions. These mea-
sures aim to ensure good governance and minimal ethical standards among those
in power positions.

However, evidence on the prevalence of politicians with criminal charges and
their implications for governance and policy making remains limited to a single
country, India, for which systematic data are available. In that context, Chemin
(2012), Kim and Lee (2022), Prakash et al. (2019), and Prakash et al. (2022) show
that the appointment of politicians with previous criminal charges lowers economic
growth, crime, and the welfare of vulnerable groups.

In this paper, we study the prevalence and effects of individuals with previous
criminal charges among electoral candidates and appointed politicians using rich
individual-level data on criminal prosecutions and criminal careers for the entire
Brazilian population. Using these data, we first establish that the share of indi-
viduals with prior criminal charges among (first-time) candidate and appointed
politicians at all levels of Brazilian politics is twice as large as in the general popu-
lation. We then estimate how anti-corruption audits affect the entry of individuals
with prior criminal charges into politics, and their effects on governance and the
quality of policy making at the local level.

We focus our analysis on prior criminal charges, as opposed to convictions,
for two main reasons. First, individuals convicted of various types of crimes can-
not run for political office in Brazil, while there is no such ban on individuals
with past criminal charges. Second, focusing on criminal charges lowers the risk
of false negatives, i.e., individuals that committed crimes but are eventually dis-
charged (e.g., due to statutes of limitation). Of course, our approach increases
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the risk of false positives, i.e. individuals that were prosecuted for no reason. All
in all, false negatives are a greater concern than false positives when attempting
to measure involvment in crime by high socioeconomic status individuals such as
(would-be) electoral candidates and politicians.1 Relatedly, we focus on criminal
charges initiated against first-time candidates before they ran for election since we
are mainly interested in studying selection into politics on “inherent" honesty (and
its effects on governance and policy making). Opportunities for committing crimes
and the probability of being prosecuted conditional on having committed crimes
may differ between politicians and non-politicians, and such differences may bias
the comparison between the two groups in nontrivial ways. On the one hand,
career politicians may be monitored more closely while in office or during electoral
campaigns; on the other hand, they may use their influence to avoid investiga-
tion and prosecution. Moreover, politicians may simply have greater chances of
committing certain types of crime (e.g., embezzlement of public funds) compared
to non-politicians. Our approach minimizes differences in the opportunities to
commit crimes and in the probability of being prosecuted conditional on having
committed a crime.

The incidence of individuals with previous criminal charges among first-time
candidates who ran for elections during the 2012-2020 period is 4.4%, and in-
creases to 5.1% among those who were eventually elected, compared to 2.3% in
the general population. While the relative difference in prosecution rates between
politicians and non-politicians does not have a causal interpretation, it is unaf-
fected when conditioning the comparison on municipality-year fixed effects as well
as on a wide array of observable characteristics such as age, race, education, and
previous occupation. In addition, the same pattern holds across all political par-
ties, government levels, and types of crime, though it is more marked for white
collar crimes such as frauds and environmental crimes. At the same time, the
incidence of other, “simple" types of crime, such as traffic offenses, also differs sig-
nificantly between politicians and non-politicians. Compared to other politicians,
those with a criminal history tend to be men, white, and older. Interestingly, they
are less educated and less likely to have held a formal job or to have worked in a
public administration.

This descriptive evidence is consistent with several models of negative selection
of politicians on honesty (e.g., Caselli and Morelli, 2004; Besley, 2005). In line
with the predictions of such models, we further show that a negative shock to

1According to sentence data for São Paulo – the largest Brazilian state – 34% of cases are
dropped due to statutes of limitation, and only 17% of defendants going to trial are acquitted.
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rent-seeking opportunities, namely randomized anti-corruption audits, reduces the
entry of “bad" types. Previous studies have demonstrated the efficacy of these
audits in reducing the re-election rates of corrupt mayors (Ferraz and Finan, 2008)
and curbing corruption levels (Avis et al., 2018).

Our analysis reveals that anti-corruption audits yield a transitory reduction in
the proportion of first-time candidates with criminal charges and elected mayors,
although no significant effect is observed for councilors. Notably, this effect is
limited to audits that take place during the election year, and dissipates within
one year following the election. These findings align with the conclusions of Avis
et al. (2018), who argue that anti-corruption audits primarily lower corruption by
increasing the perceived legal costs of engaging in corrupt practices.

We then investigate the implications of appointing mayors with prior criminal
charges. Using a Regression Discontinuity (RD) design around the electoral cutoff
for winning elections, we compare several outcomes of interest between munic-
ipalities in which candidates with prior criminal charges won or lost municipal
elections by a narrow margin in years 2012 and 2016. We find evidence of nega-
tive effects on a range of municipal indicators related to basic health care, which
is one of the main public services that is under the control of local governments
in Brazil (Ferraz and Finan, 2011). Specifically, we find an increase in the inci-
dence of babies born underweight and a rise in infant mortality rates measured at
different ages (respectively 8% and 21% higher than the mean of places electing
non-criminal mayors). Conversely, we do not observe any significant impact on
education, another policy domain influenced by local politics. These results line
up well with the fact that health expenditure is, by far, the budget features most
often cited in federal corruption audits in Brazilian municipalities (Ash et al.,
forthcoming).2 To better understand the mechanisms behind the effect on ba-
sic health, we estimate the effect of appointing criminally charged politicians on
public expenditure; however, we detect on such effect. We thus conjecture that
the main explanation relates to the quality (as opposed to the quantity) of public
expenditure. Indeed, we find that mayors who have been criminally prosecuted
are more likely to engage in patronage, specifically the systematic recruitment of
their own party members into public sector positions (Colonnelli et al., 2020). On
average, political supporters in this group gain 3.3 additional public jobs each year
relative to only 2.3 jobs for marginal winners without a criminal charge. These

2Health expenditures are cited 190k times in audits reports for 1,481 municipalities from 2003
and 2009. Spending in labor and education, ranking second and third, are cited 69k and 59k
times.
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practices could explain the negative effects on public health, as criminally charged
politicians are likely to hire their political supporters instead of more qualified
candidates.

This paper contributes to the literature on political selection and its effects
on governance and the quality of policy-making. As discussed in the authori-
tative surveys of Besley (2005), Dal Bó and Finan (2018), Gulzar (2021), most
theoretical work in this area focuses on selection on two key dimensions, namely
competence and honesty. For example, Caselli and Morelli (2004) argue that less
competent and less honest citizens have a comparative advantage in pursuing a
political career because they have worse outside options in the labor market and,
at the same time, a higher propensity to extract rents from political office. Besley
(2005) suggests that the share of bad politicians increases when rents are higher
and it decreases in political arenas with stronger public service motivation. Test-
ing the predictions of these models ideally requires individual-level data on the
entire population, which are available only for a few (typically rich) countries.
Using Swedish registry data, Dal Bó et al. (2017) document patterns in line with
positive selection of politicians on intelligence and leadership (measured by mili-
tary enlistment tests). To our knowledge, this is the only previous work studying
selection into candidacy of the entire population, while other papers can only mea-
sure the characteristics of appointed politicians (e.g. Besley et al. (2011); Ferraz
and Finan (2009); Gagliarducci and Nannicini (2013). In addition, none of these
previous papers explores the role of candidates’ criminal history. We contribute
to this strand of research by showing that, in Brazil, individuals with a criminal
history are more likely to run for election and be elected than the rest of the
population.

We also contribute to previous research on factors that affect the selection
of ‘good’ and ‘bad’ candidates, such as the presence of organized crime (Daniele
and Geys, 2015), transparency (Mattozzi and Merlo, 2007), salary (Ferraz and Fi-
nan, 2009; Gagliarducci and Nannicini, 2013), electoral laws (Mattozzi and Merlo,
2015; Beath et al., 2016; Arora, 2022) and electoral competition (Galasso and
Nannicini, 2011). Unlike these previous studies, we do not measure politicians’
quality by income, education, or previous political experience; instead, we look at
criminal charges, a measure of honesty that is arguably more salient and relevant
to voters. More generally, our study relates to previous work on the selection
of specific groups into politics – by educational background (Besley and Reynal-
Querol, 2011; Cavalcanti et al., 2018), gender (Chattopadhyay and Duflo, 2004;
Baltrunaite et al., 2014; Gagliarducci and Paserman, 2012), age (Alesina et al.,
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2019), leadership (Jones and Olken, 2005), personality traits (Dal Bó et al., 2017),
and political and family connections (Dal Bó et al., 2009; Jia et al., 2015; Querubin
et al., 2016; Daniele et al., 2021) – and their consequences for policy-making and
performance.

Our paper is closest to some recent papers on politicians in India. Asher and
Novosad (2018) show that a positive shock to rent-seeking opportunities – namely,
mining booms – attracts more individuals with past criminal charges into politics.
Chemin (2012), Kim and Lee (2022), and Prakash et al. (2022, 2019) find that
electing candidates with a criminal record in State Legislative Assemblies is detri-
mental to economic growth, crime, and the welfare of vulnerable groups. Com-
pared to these earlier studies, we leverage data on the entire population, which
allows us, in turn, to characterize the selection into politics of individuals with
past criminal charges. In addition, we investigate how the entry of such individu-
als depends on the effect of anti-corruption policies and the effect of their election
on novel outcomes such as patronage and public health. Moreover, we demon-
strate that criminally charged politicians have significant negative consequences
for public health and that patronage likely serves as a mechanism for these adverse
effects.

The remainder of the paper is organized as follows. Section 2 provides the
institutional background, while Section 3 describes the data. In Section 4, we
compare the presence of individuals with past criminal charges among politicians
and non-politicians in Brazil, and we investigate the effects of anti-corruption au-
dits on political selection. Section 5 studies the consequences of electing criminally
charged individuals. Section 6 concludes the paper.

2 Institutional background

2.1 The administrative and political system

Brazil is a federation with three administrative levels: the federal government,
27 states, and 5,570 municipalities. Citizens choose the executive and legislative
branches through direct elections.

At the municipal level, the mayor (Prefeito) holds executive power while the
city council (Câmara de Vereadores) has legislative power. The mandate of both
mayors and city councilors lasts four years, but while mayors cannot be re-elected
for more than two consecutive mandates, councilors are not subject to the same
limit. The mayor has considerable power over the provision of a variety of public
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goods such as basic health care, primary education, culture, housing, transporta-
tion, and municipal infrastructure. The allocation of the budget across different
areas is ultimately approved by the city council and is largely financed by trans-
fers from the central government. The council also legislates in various areas that
are under the municipality’s responsibility, such as basic health care and primary
education, and oversees the mayor’s usage of public resources.

In addition, mayors retain considerable discretion over hiring in the public
sector. Although selection in permanent public sector jobs is based on a formal
civil service examination, other job positions are exempted: commissioned posts
(cargos comissionados), positions of trust (cargos de confiança), and temporary
jobs (emprego temporário). Colonnelli et al. (2020) provide evidence of political
favoritism in hiring of public employees.

Citizens can run for office in the district where they reside and must be affiliated
with their supporting political party for at least one year before the election. The
president, state governors, and mayors lead the executive power in the country,
states, and municipalities, respectively, and are elected by majority rule. In turn,
legislative elections for councilors, state and federal deputies, and senators follow
an open-list proportional system.3 Finally, federal elections of governors, state
and federal deputies, senators, and the president occur every 4 years, alternating
with municipal elections in 2-year gaps.

2.2 Justice and politics in Brazil

The Brazilian judicial system is composed of federal, electoral, and 27 state courts,
composed of 2,697 tribunals with jurisdiction over one or more municipalities.4

Corruption cases involving the Federal government run in Federal courts, while
the remaining cases run in State courts. Criminal cases against the president, gov-
ernors, mayors, and federal legislators are handled by higher courts, as mandated
by the Brazilian Constitution.

The judiciary system is largely independent of other government branches.
Judges are highly paid public officials and are appointed for life through compet-
itive public examinations. . Nevertheless, there is some evidence that candidates
winning the mayoral election by a narrow margin receive special treatment in

3The distribution of legislative seats follows the d’Hondt method. Citizens can either vote
for a candidate or vote for a party without specifying a candidate. The number of seats assigned
to a party (or a pre-established party coalition) depends on how many votes the party received
either through its candidates or directly. In turn, the allocation of seats within a party is based
on the most voted candidates.

4In addition, there are Labor and Military specialized in such matters.
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courts (Lambais and Sigstad, 2023), which may constitute an additional benefit
for individuals with criminal charges to enter politics.

In 2010, following popular pressure against corruption scandals, federal legisla-
tors enacted a law designed to prevent corrupt politicians from staying in politics
– “Lei da Ficha Limpa". This law comprises several measures. First, impeached
politicians cannot be candidates for eight years in elections at any level. Second,
individuals convicted for certain types of offenses are excluded from candidacy.
These offenses include corruption and electoral crimes, a wide set of white-collar
crimes, and other offenses such as crimes against life, drug trafficking, and sexual
crimes. Although specific aspects of the law have been subject to discussion in
higher courts, they have been widely applied since the 2012 elections. Therefore,
only individuals with an ongoing criminal trials matter for our analysis, whereas
convicted individuals should be excluded from electoral competitions. We will
further discuss this distinction in the empirical analysis.

3 Data

Our empirical analysis leverages multiple administrative datasets tracking elec-
toral outcomes and individual-level information on judicial cases for politicians
and the general population. To this purpose, we first combine population employ-
ment records for the period 2002-2019 (Relaçao Anual de Informaçoes Sociais,
RAIS ) to a welfare registry maintained by the Federal government (Cadunico)
that covers two-thirds of the Brazilian population.5 Both datasets contain a wide
array of demographic characteristics (birth date, gender, race, education, munici-
pality, among others) as well as individuals’ (full) names and their unique person
codes (CPF ). The resulting registry covers 95% of the adult Brazilian popula-
tion, allowing us to compare politicians to the general population along several
dimensions.

Next, we use electoral data provided by the Brazilian Superior Electoral Tri-
bunal (TSE ), which identify all individuals running for office during the period
2000-2020. In particular, the data report the name and unique person code of each
candidate, in addition to rich information on party affiliation, campaign spending
and revenues, and demographic characteristics (birth date, gender, race, educa-
tion, among others).

5The registry is designed for the administration of all Federal social programs and mainly
covers the low and middle part of the income distribution. We combine yearly snapshots of the
registry during 2011-2020, for a total of 135 million individuals.
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The third dataset we use is the universe of criminal prosecutions in state courts
initiated in the 2009-2020 period – about 18 million cases – as available from the
public court diaries of 27 Brazilian state courts.6 These records identify each de-
fendant by their name and contain information on case filing dates, court location,
and subjects, which allow us to classify crime types. Importantly, these prosecu-
tions may or may not lead to a final conviction. Information on (first-degree)
sentences is available only for the state of São Paulo during the 2009-2018; we will
use such information for robustness analysis (Section 4.2).7 Alternatively, we can
track (for all states) sentence execution cases initiated after definitive sentences
to prison, which we also use in robustness analysis as a proxy for definitive con-
victions. However, execution cases cover only a small share of all cases in our
analysis, because reaching a definitive sentence typically takes several years and
numerous appeals to higher courts.8

The resulting dataset tracks judicial outcomes for the entire Brazilian popula-
tion during the period 2000-2020 along with electoral outcomes for all individuals
running for election during the same period. To improve computational speed,
we compare the universe of politicians with a two-percent random sample of the
general population stratified by municipality.9 We link the different data sources
by unique person codes whenever possible, and by individual name and state of
residence when the unique person code is not available – notably, in the judicial
data. As in Britto et al. (2022), we thus restrict the sample to individuals who
have unique names in each Brazilian state, which is very large (about 70% of the
population) due to the fact that Brazilians typically carry two or more surnames
from both their parents.10 Importantly, individuals with unique names within
each state do not differ significantly from the general population in terms of a
wide array of socio-demographic characteristics (see Britto et al., 2022).

Given that criminal prosecution data are available only from 2009, we restrict
attention to elections taking place from 2012 onward, so as to have information
on prosecutions for at least three years before each election. 11

6These data are collected by a private firm offering services for legal enterprises. The Brazilian
constitution establishes that all judicial cases are public, with very few exceptions for cases
concerning sexual crimes.

7First-degree sentences by the State Tribunal of São Paulo are available at link.
8Based on the 2018 report by the National Council of Justice, the average time for a second

degree decision, which may not even be definitive, is 4.5 years. Therefore, we observe sentence
execution cases for only 3.6% of individuals facing any criminal charges.

9We also limit the sample to individuals born until 1999.
10We use the population registry to identify individuals with unique names in each state.
11We exclude the 2010 elections from the analysis because we would have information on

prosecutions only for a single year before elections (2009).
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We complement the individual-level data on judicial prosecutions and political
careers with municipality-level data on several socio-economic indicators, includ-
ing (but not limited to) infant mortality and other birth outcomes, educational
attainment, municipal spending by area, female labor force participation, fertility,
digital divide, and electricity supply. These data, described in detail in Appendix
Section A.2, will allow us to investigate the impact of electing candidates with
past criminal charges on politicians on local outcomes.

Finally, we obtained information on federal anti-corruption audits for the pe-
riod 2003-2015 – notably, audit dates and the set of audited municipalities – from
the Controladoria Geral da União (CGU).

4 Criminal Charges and Entry into Politics

In this section, we investigate the entry of criminally prosecuted individuals into
Brazilian politics. We compare the prevalence of criminal prosecutions between
first-time candidates running for (and possibly winning) each election during the
period 2012-2020 and the general population. We consider criminal prosecutions
filed between 2009 (the first year for which our judicial data are available) and the
year before each election. Therefore, for the 2012 elections we consider criminal
prosecutions during the period 2009-2011, for the 2014 elections we consider pros-
ecutions during the period 2009-2013, and so on. Subsequently, we stack these
datasets for all elections and proceed with our analysis.

Prosecutions may lead to convictions or acquittals, or they may be dropped
for having reached statutes of limitation. Sentence data for the state of São Paulo
during the 2009-2019 period indicate that only 17% of cases going to trial result
in an acquittal.12 The same data show that 34% of all cases never reach the trial
stage because they exceed the statutes of limitation.

Importantly, focusing on candidates running for the first time ensures that
any difference in prosecution rates between politicians and the general population
are not driven by politicians being more under the spotlight of law enforcers or,
conversely, being able to avoid prosecutions thanks to their influence.

12We will provide a robustness test excluding acquitted individuals for the state of Sao Paulo
(details in the next section).
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4.1 Stylized Facts

Figure 1 plots the share of individuals with previous criminal charges in the general
population and among first-time candidates and elected politicians during the
period 2012-2020. Strikingly, the incidence of individuals with previous criminal
charges is twice as high among first-time candidates and politicians (4.4% and
5.1%, respectively) than in the general population (2.3%). This pattern arises in
spite of the fact that a (small) share of criminally prosecuted individuals receiving
a definitive conviction before the elections cannot run due to the Ficha Limpa
law.13

The high prevalence of individuals with previous criminal prosecutions among
first-time politicians holds across genders, offices, political alignment, and types
of crime – with the notable exception of environmental and violent crimes, which
are equally prevalent among politicians and the general population, respectively.
Appendix Figures A.1, A.2, A.3 and A.4 document these patterns, and how the
over-representation of individuals with past prosecutions in politics varies across
these dimensions.14 Therefore, our central finding in Figure 1 is not driven by
a specific sub-population, nor by politicians being exposed to a higher risk of
committing specific types of crime. For instance, there is a higher share of (past)
public employees among politicians than in the general population, which could
explain a higher rate of corruption charges among the former. However, we find
that politicians are more likely to be charged for several other types of crime, such
as driving-related offenses, which should be orthogonal to their career.

In Appendix Figure A.5, we document how first time candidates and elected
politicians with and without past criminal charges differ from the general popula-
tion along several other characteristics.15 Men are substantially over-represented
among candidates and elected politicians with past criminal charges – 75% and
91%, respectively, compared to 65% and 77% among candidates and elected politi-
cians without past criminal charges. Differences exist also along other dimensions,
although smaller in magnitude. In particular, first-time politicians with a criminal
prosecution are more likely to be white, old, and more educated than the average
individual in the population; they are also less likely to have a formal job, but

13In our sample, 3.6% of defendants are part of criminal execution cases, meaning that they
have been convicted. Excluding these individuals from the sample does not affect our main
results (see Table A.6).

14For instance, the share of criminally charged politicians is higher for men relative to women,
for politicians in centrist parties relative to either left- or right-wing parties.

15Occupation is measured in the year of elections, but results do not change if we measure it
in the year before elections.
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more likely to have a job in the public sector. Politicians with no past prosecutions
are even more likely to have a public job as well as any other formal job.

Figure 1: Incidence of individuals with prior criminal charges in the general population and
among candidates and elected politicians
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Note: This figure shows the share of individuals with prior criminal charges in the entire
Brazilian population (yellow bar) and among candidate and elected individuals (blue and red
bars). We consider candidates and elected individuals who only run for the first time since 2012
onward.

4.2 Other Dimensions of Political Selection and Hetero-

geneity

In this section, we investigate whether the over-representation of individuals with
past criminal charges among candidates and elected politicians still holds when
other dimensions of political selection are accounted for. To this purpose, we
re-weight the 2% random sample of the population registry by a factor of 50 in
order to recover the actual size of the reference population, and we estimate the
following linear probability model:

Yit = α1 + β Crimeit + X
′

it γ + ηmt + ϵit (1)

where Yit is a dummy indicating either that individual i runs for the first time
as a candidate for any office in electoral year t, or that the same individual won
that election.16 Our main explanatory, Crimeit, is a dummy for individual i

16To make easier the interpretation of the results we multiply the indicator variable Yit by
100.

12



having been prosecuted for at least one crime by the year before each election
(following the same definition as in Section 4.1). The vector of covariates Xit

includes several individual-level characteristics, such as gender, race (white vs
non-white), age (above or below 40 years old), educational level (college education
vs lower levels), as well as dummies for formal and public sector jobs in the year of
the election. Finally, ηmt are municipality-election year fixed effects, and standard
errors are clustered at the same level.

Our coefficient of interest is β, which measures the excess probability that
criminally prosecuted individuals run for and win elections, controlling for other
observable characteristics. Clearly, we do not attribute a causal interpretation to
this coefficient. The main advantage relative to the initial analysis in Section 4.1
is that we can assess the extent to which the higher incidence of individuals with
past prosecutions among politicians reflects differences along other dimensions of
political selection.

Table 1 presents the results. The higher incidence of criminals among can-
didates and elected individuals persists when we include in the regression other
observable characteristics in the regression and municipality-year fixed effects. At
the bottom of each column, we also report the effects relative to the baseline rates
in the general population for each outcome. Individuals with previous criminal
charges are 84% more likely to be first-time candidates and 97% more likely to be
elected (columns 3 and 6), in line with the simple descriptive evidence presented
in Figure 1.

In Table A.2, we show that these patterns hold across the entire ideological
spectrum; indeed, the relative effect over the baseline is very similar for politicians
of left, center, and right-wing parties.17 The relative effect is also very similar
when comparing candidates and elected politicians for different positions and at
different levels of government, with the notable exception of politicians elected as
state legislators (+29%, compared to +72% to +182% for other politicians); see
Table A.3.

In Table A.4, we distinguish between different types of crime. To this end,
we replace the dummy Crimei with a full set of dummies for specific types of
crimes on the right-hand side of Equation (1); to facilitate comparability between
coefficients, in Figure A.6 we plot them as relative effects over the baseline for the
general population. Previous charges for most categories of crimes are positive
predictors of entering politics and winning elections; these categories include vio-

17We follow classification in Zucco and Power (2021) to group Brazilian parties into left, center,
and right-wing.
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Table 1: Prior criminal charges and probability of becoming a politician

(1) (2) (3) (4) (5) (6)
Candidate Candidate Candidate Elected Elected Elected

Any crime 0.122*** 0.114*** 0.112*** 0.011*** 0.008*** 0.009***
(0.008) (0.007) (0.005) (0.001) (0.001) (0.001)

Observations 9,951,591 9,383,949 9,383,949 9,951,591 9,383,949 9,383,949
R-squared 0.000 0.001 0.004 0.000 0.000 0.001
Controls NO YES YES NO YES YES
Mun. X Year FE NO NO YES NO NO YES
Baseline prob. 0.134% 0.134% 0.134% 0.009% 0.009% 0.009%
%∆ over baseline +91% +85% +84% +124% +88% +97%
Note: This table shows the relationship between prior criminal charges and the probability of entering politics
at any level – municipal, state, and federal. In particular, the table shows the OLS-estimated coefficient of a
regression of dummies for running for election for the first time (col. 1-3) or being elected (col. 4-6) from 2012
onward on a dummy for having been charged for any type of crime in the past (Any crime). For those never
running for a public office we consider whether they have been charged for any crime by the year before each
electoral round. To ease the interpretation of the estimated coefficients, dependent variables are multiplied
by 100. Columns 2-3 and 5-6 control for individuals’ gender, skin color, age, education, and previous job
(formal vs informal and Public vs no Public), while columns 3 and 6 also include municipality-year fixed
effects. Standard errors are robust to heteroskedasticity and clustered at the municipality-year level. *, **,
*** indicate statistical significance at the 10%, 5%, and 1% levels, respectively. The last row of the table
re-scales the estimated coefficient of Any crime by the baseline probability that a non-criminal individual
within the Brazilian population either runs for the first time as a candidate or is elected for any type of office
(also reported in the second to last row).

lent, threatening and driving-related offenses, but the relative increase is strongest
for corruption, fraud, and environmental crimes. The fact that individuals charged
for white-collar crimes are most likely to enter politics is consistent with the idea
that individuals with rent-seeking motives may be more willing (and able) to en-
ter politics. Instead, property crimes and illegal trafficking (of drugs, guns, and
stolen goods) are negative predictors of entry into politics, perhaps because these
offenses are more salient in the media.

Finally, we examine how selection on past criminal charges varies across dif-
ferent groups by interacting the dummy Crimei in Equation (1) with a vector of
individual characteristics Xit. Figures A.7 and A.8 show the excess probability
that individuals with previous criminal charges are candidate or elected, respec-
tively, by gender, race, age, education, and employment. Selection is particularly
strong for older individuals and for those with higher education and that held
public jobs.

4.3 Robustness

One limitation of our main analysis is that we classify individuals as "criminally
charged" even when they are eventually acquitted in the future. We leverage first-
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degree sentence data for the state of São Paulo to refine our criminal background
definition; namely, we exclude individuals who will be acquitted in the future or
whose charges will be dropped due to statutes of limitation. The results of this
refined analysis are presented in Table A.5. In columns 1 and 3, we first show
that our main findings hold within São Paulo.18 In columns 2 and 4, we show
that excluding acquitted defendants from the analysis does not affect our results;
actually, the effect sizes become even larger. Hence, these results support the idea
that our main findings are robust to the definition of criminal background used in
our main analysis.

In Table A.6 we present three additional robustness tests. First, we estimate
Equation (1) considering as “criminals" (i.e., Any crime = 1) only individuals
that were sentenced to jail, rather than all individuals that had been prosecuted.
As discussed in Section 2.2, the "Ficha Limpia" law bans from politics individuals
convicted for several types of crime; not surprisingly, in columns (1) and (2) of
Table A.6 we find that previous convictions are associated with a strong reduction
in the probability of running for election and being elected.19 Conversely, when
considering as criminals individuals who have been prosecuted but not convicted,
the results are similar to our baseline specification (columns 3 and 4). Finally, in
columns (5) and (6) we cluster standard errors at the individual level instead of
at the municipality-year level.

4.4 The effect of anti-corruption audits

A natural explanation for our results, which is consistent with previous models
such as Caselli and Morelli (2004), is that individuals with a higher propensity
to illicit behavior may be attracted by the rent-seeking opportunities offered by
politics. To provide suggestive evidence in this direction, we examine the impact of
a negative shock to rent-seeking opportunities, which should reduce the proportion
of politicians facing criminal charges. Specifically, we investigate the effects of a
policy designed to mitigate corruption, which has the potential to increase the
perceived level of monitoring (Chalfin and McCrary, 2017). By doing so, we also
gain insights into the effectiveness of anti-corruption policies in preventing the
entry of criminally charged individuals into politics.

In 2003, the Brazilian national government established a major audit program
18The smaller magnitude of the effects may be related the characteristics of São Paulo, which

is the largest and richest Brazilian state.
19Since this law applies for specific types of crime, we do not expect that perfect enforcement

would lead to an exclusion of all individuals in our data from participating in elections.
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to tackle corruption in local governments run by a federal agency, the Controlado-
ria Geral da União (CGU). Municipalities were randomly selected to be audited
by lotteries held at the Caixa Econômica Federal in Brasilia, in the presence of
media and members of civil society. All municipalities with less than 500,000 in-
habitants were eligible for the audits. Since the lotteries were run independently
for each state, the probability of being selected for an audit in a given year varied
by state. Typically, 10 to 15 auditors spend around two weeks in the municipalities
selected by the lottery, looking for irregularities in the administration of public
funds. After completing the inspections, the auditors prepared a report listing
any irregularities and malpractices, which is then sent to the enforcement author-
ities and is also made publicly available on the CGU website. Previous studies
documented the fairness of the auditing process, the relevance of the results for
local accountability and corruption levels, as well as the local media coverage of
the results (Ferraz and Finan, 2008; Avis et al., 2018; Cavalcanti et al., 2018).

To analyze the effects of the audit on the entry of criminals into Brazilian
politics, we exploit the randomization of audits across municipalities and their
timing relative to municipal electoral cycles. The analysis is conducted at the
municipal level and combines three municipal election rounds in the period 2012-
2020. We regress the share of criminally prosecuted individuals among candidates
and elected politicians in each electoral round on a set of dummies for whether
the municipality received an audit and, in case, the timing of the latter relative
to the election. Specifically, we estimate the following equation:

Yit = α + β0Y ears0it + β1Y ears1it + β2Y ears2+it + ηst + ϵi. (2)

The variable Yit indicates the share of criminally prosecuted individuals among
candidates or elected individuals for each municipal office (i.e., councilor and
mayor) who run for the first time in the electoral year t in municipality i.20 The
dummy Y ears0it equals 1 when the elections in year t and municipality i take
place immediately after the last audit received by the municipality. Specifically,
we only consider audits taking place by July of the election year, since elections
always take place in the first Sunday of October. The other two dummy variables,
Y ears1it and Y ears2+it , indicate elections taking place 1 year and 2+ years after the
audit, respectively. Municipalities that have never received an audit by electoral

20To facilitate the interpretation of the results, we multiply all outcomes by 100. For elected
mayors, the outcome is not a share but a dummy equal to 100 when the elected mayor has been
prosecuted in the past, and 0 otherwise.
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year t are the reference category. ηst are state-year fixed effects and the standard
errors are clustered at the municipal level.

The estimated coefficients β’s have a causal interpretation because, conditional
on state fixed effects, municipalities are randomly selected for the auditing process
and, therefore, the time distance between audits and elections is also random. This
is confirmed in Table A.7, which shows that in year 2000 (that is, before the first
audits were carried out), municipalities later receiving at least one audit are very
similar to those that never received an audit.21

Table 2 presents the estimates for the main coefficients of Equation (2). Columns
(1) and (2) show that audits do not have a statistically significant impact on the
probability that individuals with a criminal history enter politics as councilors.
Regarding mayors, columns (3) and (4) show that audits taking place right be-
fore the election decrease the share of criminally charged candidates and elected
mayors, while audits taking place in previous years have no significant effect.
Therefore, audits seem to discourage individuals with past criminal charges from
running for political offices that are most likely to be monitored (i.e., mayors),
though this effect is short-lived. These results are in line with Avis et al. (2018),
who argue that increased perception of legal punishment reduces corruption, and
with Gonzalez-Navarro et al. (2023), who find a similar short-term effect on clien-
telism.22

5 The effects of electing politicians with prior crim-

inal charge

Now, we turn to the effects of appointing criminally charged politicians as mayors
on socio-economic outcomes that depend mostly on local public policies, namely
basic health and schooling, leveraging an ideal RD design around the electoral
cutoff for winning the mayoral elections. To better understand any effect on
the main outcomes of interest, we will also look at the effects on local public
expenditure allocation and on patronage in the allocation of public jobs.

Unlike the analysis in the previous section in which, for the purpose of com-
paring politicians and non-politicians, we restricted the definition of the former
to first-time candidates, there is no reason to do that when estimating effects

21All the standardized differences are below the threshold of 0.25 suggested by Imbens and
Wooldridge (2009).

22We found little heterogeneity in the effect of audits between municipalities in which higher
or lower levels of corruption were revealed by the audit.
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Table 2: Anti-Corruption Audits and entry of individuals with prior criminal charges into politics

(1) (2) (3) (4)
Candidates Elected Candidates Elected

Anti-corruption audit, electoral year 0.465 0.328 -1.634*** -0.762**
(0.516) (1.766) (0.437) (0.296)

Anti-corruption audit, 1 year before elections 0.334 0.048 0.651 1.598
(0.265) (0.774) (1.093) (1.149)

Anti-corruption audit, 2+ years before elections 0.072 0.159 -0.125 -0.023
(0.088) (0.245) (0.267) (0.154)

Observations 16,703 16,703 16,231 16,231
R-squared 0.427 0.080 0.026 0.008
Office Counc. Counc. Mayor Mayor
State X Year FE YES YES YES YES
Baseline share (Never audited) 3.88% 4.41% 2.9% 0.79%
Note: This table shows the effect of anti-corruption audit conducted in election years and in the two preceding
years on the probability that individuals with a prior criminal record running for election (odd columns) or being
elected (even columns) as municipal councilors (col. 1 and 2) or as mayor (col. 3 and 4) in all electoral rounds
between 2012 and 2020. To ease the interpretation of coefficients, the dependent variable is multiplied by 100. The
reference category includes municipalities that have never received an audit in the electoral round considered. All
specifications control for state-year fixed effects. Standard errors are robust to heteroskedasticity and clustered at
the municipality level. The last row of the table reports the share of individuals with prior criminal records among
first-runner candidates and elected individuals in municipalities that are never audited. *, **, *** indicate statistical
significance at the 10%, 5%, and 1% levels, respectively.

on policy outcomes. We thus extend the definition to include in the analysis all
politicians who have been prosecuted by the year before the election, which has the
additional advantage of improving precision in RD estimates around the cutoff.23

5.1 Policy Outcomes

We focus our analysis on basic health and schooling because they are the main
public services provided by Brazilian local governments, representing 24% and
31% of municipal expenditures, respectively.24 In addition, health and municipal
expenditures are the first and third most cited budget items in the federal random
audits reports Ash et al. (forthcoming). We measure the quality of the public
health system by (i) the share of children born underweight and (ii) mortality of
children under five years of age. Turning to schooling, we measure the quality of
local public schools by pupils’ performance in standardized test scores.

To estimate the impact of electing criminally prosecuted politicians on these
outcomes, we compare municipalities in which criminally charged politicians won
and lost by a narrow margin, respectively. In particular, we estimate the following

23We exclude municipalities with a population greater than 200,000 inhabitants by the year be-
fore each election, because these municipalities follow a two-round rather the one-round electoral
system.

24Statistics based on municipal expenditure data (FINBRA) for the period 2013-2019.
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equation:

Yie = α+ βCriminalie + δMVie + γ(Criminalie ·MVie) + FEs + FEe + ϵie, (3)

where Yie is an outcome for municipality i in the four-year political term after
election e. Criminalie is a dummy indicating that the politician with prior crim-
inal charges won the election, while MVie indicates her/his margin of victory (a
negative value indicates that the she/he lost the election); specifically, consider
the margin of victory between the winner and the most voted loser. The speci-
fication also controls for state (FEs) and electoral year (FEe) fixed effects. We
estimate Equation 3 within an optimal bandwidth defined according to the crite-
rion of Calonico et al. (2014), and we apply a triangular kernel. For all outcomes,
we present estimates for a linear (spline) specification in MV .

Appendix Figure A.9 shows no evidence of discontinuity in the number of ob-
servations around the cutoff, supporting the main identifying assumption that
within a narrow bandwidth of the cutoff the outcome of the election is as good as
random. Also in line with this assumption, a wide array of municipal character-
istics in the 2000 and 2010 Population Censuses and electoral data are balanced
around the cutoff; see Appendix Table A.8. In addition, the same table shows that
individual candidates’ characteristics are also balanced at the cutoff, meaning that
prosecuted politicians barely winning the elections are not dissimilar from other
candidates barely losing the elections.

Figure 2 and Table 3 turn to the main outcomes of interest, namely basic
health and schooling. Figure 2 suggests a worsening of infant health when crim-
inally prosecuted politicians (barely) win elections, while we do not detect any
significant effect on schooling-related outcomes. Estimates of Equation (3), re-
ported in Table 3, confirm that the estimated increases in the share of babies born
underweight (+8% compared to the mean) and mortality rates (+21%) are sta-
tistically significant. These estimates are robust to the use of a different degree of
polynomial specification for the running variable, different kernels, and different
definitions of mortality rates (see Appendix Table A.10 and A.9). Placebo esti-
mates for the same outcomes in the year before elections, presented in Appendix
Table A.11, confirm that the effect appears only after the election of a prose-
cuted mayor. Finally, Appendix Figure A.10 compares the estimated effects on
health outcomes at the true RD cutoff with the distribution of estimates obtained
at 10,000 placebo cutoffs. The results show that the coefficients estimated at the
true electoral cutoffs are abnormal compared to the distribution of placebo cutoffs.
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Figure 2: The effects of electing mayors with prior criminal charges on basic health and education,
RD plots
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Note: This figure shows the effect of electing a mayor with prior criminal charges in the electoral
rounds of 2012 and 2016 on basic health and education in the municipality, as estimated from
RD design in Equation 3. Basic health is measured by the share of babies born underweight
(panel a) and infant mortality under 5 years of age (panel b), while schooling is measured by
average math and literacy scores (panels c and d). All outcomes are averaged over the four-year
period after elections. The running variable is the margin of victory between the winner and
the most-voted loser in each election. Linear regressions on each side of the cutoff are reported
along with 95% confidence intervals.
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Table 3: The effects of electing mayors with prior criminal charges on basic
health and education, RD estimates

(1) (2) (3) (4)
Babies under. Mortality 5Y Math score Literacy score

Criminal 0.007** 0.003** -3.417 -3.107
(0.003) (0.001) (2.790) (2.554)

Observations 1,094 1,094 1,007 1,007
Bandwidth .1 .08 .09 .09
Base Value .081 .014 217.934 204.283
Robust P-val. .031 .018 .343 .3
Note: This figure shows the effect of electing a mayor with prior criminal charges in the
electoral rounds of 2012 and 2016 on basic health and education, as estimated from RD
design in Equation 3. Basic health is measured by the share of babies born underweight
(col. 1) and infant mortality under 5 years of age (col. 2), while schooling is measured by
average math and literacy scores (cols. 3 and 4). All outcomes are averaged over the four-
year period after elections. The estimation sample is restricted to municipalities in which
one candidate between the winner and the most voted loser has prior criminal charges while
the other one has a clean criminal record, and the main explanatory variable, Criminal is a
dummy equal to 1 if the candidate with prior criminal a criminal is elected as mayor, and 0
otherwise. The running variable is the margin of victory between the winner and the most-
voted loser in each election, and we include in the regression observations within a symmetric
bandwidth around the cutoff, computed according to the criteria of Calonico et al. (2014,
2020). All regressions include a linear RD specification, fixed effects for Brazilian states and
electoral rounds, and weight observations by a triangular kernel in the distance from the
cutoff. The last two rows of each panel report the average value of the dependent variable
in municipalities electing a non-criminal mayor within the estimation bandwidth, and the
robust p-value for each estimate. *, **, *** indicate statistical significance at the 10%, 5%,
and 1% levels.
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To test whether these effects on health are driven by a different allocation of
public spending, we replicate the same analysis using as a dependent variable the
allocation of municipal budget across different spending areas.25 Public spending
on health and education declines when mayors with prior criminal charges win the
elections, but the effect is not significantly different from zero. More generally,
we do not find systematic differences in spending patterns between municipalities
in which criminally charged mayors won or lost the elections, respectively. Tables
A.12 and A.12 show that out of thirty sector-specific coefficients, only one (spend-
ing on energy) is significant at the 10 percent level, and another one (spending
on sport) is significant at the 5 percent level. Therefore, the negative effect on
basic health does not seem to reflect a different allocation of public spending by
mayors with prior criminal charges. For this reason, we next turn to investigate
(one dimension of) the quality of public spending.

5.2 Political Patronage

Colonnelli et al. (2020) show that mayors in Brazil allocate a substantial portion
of public jobs to their political supporters. Building on their RD analysis estimat-
ing the public employment premium for individuals supporting candidates barely
winning and losing mayoral elections, we examine how this premium varies when
the elected mayor does and does not have a criminal charge, respectively. In this
way, we shed light on whether criminally charged politicians are associated with
higher levels of patronage and, more generally, rent extraction. In addition, this
analysis may help rationalize the findings of the previous section. To the extent
that mayors with prior criminal charges have a greater tendency to appoint polit-
ical supporters rather than competent public workers and managers, the quality
of basic health may worsen even in the absence of any marked decline in public
expenditure on local health.

We measure patronage by the number of public jobs and the associated earnings
that are allocated to the candidate’s supporters. Specifically, we consider three
alternative measures: the total number of jobs in the public sector; total number
of months worked in the public sector; and total income earned in these jobs.
Following Colonnelli et al. (2020), we focus on supporters who are city council
candidates in any of the parties that make up the mayor’s supporting coalition
during the elections.

25A complete list of all expenditure items is provided in Appendix Section A.2.
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Our RD design is based on the following equation:

Ycit = α + βWinnercie + δMVie + γ(Winnercie ·MVcie) + FEit + ϵcit , (4)

where Ycit is an outcome for (the supporters of) candidate c (i.e., the winner or
the most voted loser) in municipality i in the year t ; Winnercie is an indicator
variable equal to 1 if candidate c won the election e in municipality i, and MVie

is the margin of victory relative to the most voted loser; and FEit are fixed effects
by municipality-year. This analysis differs from the RD design in Section 5.1,
in that outcomes are defined at the candidate level rather than at the municipal
level, so the RD equation (4) leverages variation within (rather than between)
municipalities.26 Following Colonnelli et al. (2020), we restrict the comparison to
municipalities where the margin of victory between the winner and the loser does
not exceed 5%.

We estimate the model in Equation (4) separately in two different samples:
municipalities electing a criminally charged mayor and the remaining ones. We
provide evidence of the validity of the design in each of the two samples. Figure
A.11 shows that the density of observations is continuous at the cutoff, and Table
A.14 shows that other characteristics are also balanced at the cutoff between
winners and losers in the sample of municipality-elections in which a criminally
prosecuted mayor won the election. In the sample of municipality-elections in
which mayors without past criminal charges won the elections, formal employment
and employment in the public sector are not balanced; however, both differences
remain very small in magnitude (below half percentage point).

Figure 3 and Table 4 shows how patronage varies between municipalities where
criminally charged mayors win or lose elections, respectively. In line with Colon-
nelli et al. (2020), employment opportunities in the public sector improve consid-
erably for the political supporters of marginal winners, relative to the political
supporters of marginal losers. Interestingly, these benefits are larger for support-
ers of winners with prior criminal charges. On average, political supporters in
this group gain 3.3 additional public jobs each year relative to only 2.3 jobs for
marginal winners without a criminal charge (Table 4, columns 1-2). In addition,
each year they gain R$137k in additional public labor income and work 43 addi-
tional months, while supporters of a mayor without a criminal charge only gain

26As in equation (3), our main specification includes only a first-order polynomial in MVie,
but results obtained using a second-order polynomial are very similar and are available upon
request. We weight observations according to a triangular kernel and use standard errors robust
to heteroskedasticity.
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R$96k and work 34 additional months (Table 4, columns 1-2). This evidence
suggests that criminally charged politicians engage more strongly in patronage
practices compared to other politicians.

Figure 3: Political patronage under mayors with and without prior criminal charges
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Note: This figure shows the extent of political patronage after electing mayors with prior
criminal charges (panel a, c, and e) and mayors with clean criminal records (panel b, d, and f)
in the electoral rounds of 2012 and 2016. Patronage is measured by the excess number of public
jobs filled by individuals belonging to the same political party as the elected mayor (panel a and
b), the total amount of months they work (panel c and d), and the income they received in such
positions (panel e and f). The excess number of jobs, hours worked, and income is estimated, in
turn, by any discontinuous change in such variables at the RD cutoff for winning the elections,
where the running variable is the margin of victory between the winner and the most-voted loser
in each election; see Equation (4). Linear regressions on each side of the cutoff are reported
along with 95% confidence intervals.
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Table 4: Political patronage under mayors with and without prior criminal charges

(1) (2) (3) (4) (5) (6)
Jobs Jobs Months Months Income Income

Winner 3.343*** 2.328*** 42.725*** 34.114*** 137,090.337*** 95,687.835***
(0.365) (0.121) (4.425) (1.553) (14,307.972) (4,122.190)

Observations 1,944 14,586 1,944 14,586 1,944 14,586
Specification Criminal Non Criminal Criminal Non Criminal Criminal Non Criminal
Pol. degree 1st 1st 1st 1st 1st 1st
Bandwidth 0.05 0.05 0.05 0.05 0.05 0.05
Mun X Elec. FE YES YES YES YES YES YES

Crim. - Non Crim.
1.015*** 8.610* 41,402.502**
(0.385) (4.687) (14,879.502)

Note: This table shows the extent of political patronage after electing mayors with prior criminal charges (odd columns) and mayors
with clean criminal records (even columns) in the electoral rounds of 2012 and 2016. Patronage is measured by the excess number of
public jobs filled by individuals belonging to the same political party as the elected mayor (cols. 1-2), the total amount of months
they work (cols. 3-4), and the income they received in such positions (cols. 5-6). The excess number of jobs, hours worked, and
income is estimated, in turn, by any discontinuous change in such variables at the RD cutoff for winning the elections, where the
running variable is the margin of victory between the winner and the most-voted loser in each election; see Equation (4). The sample
is restricted to observations within a symmetric bandwidth of 5 percentage points around the cutoff. All columns include a linear
RD specification, as well as fixed effects for municipality-election, and weight observations by a triangular kernel in distance from
the cutoff. The last two rows of the table report the estimated difference (along with its standard error, in parentheses) between
the estimated RD coefficient in municipalities in which mayors with prior criminal charges won and lost the elections, respectively.
Standard errors are robust to heteroskedasticity. *, **, *** indicate statistical significance at the 10%, 5%, and 1% levels.

Our heterogeneity analysis compares the effects of winning mayoral elections
on patronage in two samples – namely, municipalities where politicians with a
criminal charge win vs. other municipalities. Appendix Table A.15 shows that the
two samples are fairly similar across a wide range of characteristics; standardized
differences are generally around or below the threshold of 0.20, indicating that any
differences in the underlying distributions are small (Cohen, 2013). Nevertheless,
since some mild differences emerge, we estimate a triple interaction specification
leveraging within-municipality variation.

Namely, we compare the effect of winning the 2016 mayoral elections on pa-
tronage when the winner does or does not have a criminal record, relative to the
same differential effect of winning the election in the same places in 2012. This
analysis includes (i) municipalities where politicians with a criminal charge win
in 2016 and but not in 2012 and (ii) municipalities where politicians with a crim-
inal charge do not win either in 2016 or 2012. In this way, we can estimate the
coefficient of the triple interaction Winnercie × Criminalcie × Poste (Post = 1

in 2016 and = 0 in 2012) specifically for municipalities that elected a mayor with
prior criminal charges in 2016 as well as the interactions Criminalcie ×Poste and
Winnercie × Poste and Winnercie × Criminalcie.The estimated coefficient of the
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triple interaction is presented in columns 1-3 of Table 5. The results align well
with our previous findings showing higher impacts on patronage when politicians
with a criminal background are elected, although the effects on the income variable
exhibit more noise in this approach.

To further explore the impact of criminally prosecuted mayors, we adopt a
similar triple-interaction approach in an event study setting and present the results
in panels a-c of Figure 4. In this analysis, we report the yearly values of the
coefficient of the triple interaction term Winnercie × Criminal × Y ear for the
years before/after 2016. In line with the results in Table 5, the graph shows a
noticeable effect on jobs and months after the 2016 elections, while there is no
evidence of differential pre-trends.

As discussed in Section 5.1, criminally charged mayors perform worse in policy
areas highly influenced by local politics, particularly public health. As shown in
Colonnelli et al. (2020), patronage leads to the selection of less competent officials
rather than reflecting the use of soft information to improve public administra-
tion. In turn, this could account for the negative impact on local health-related
outcomes.

To explore this mechanism, we replicate the previous analysis on patronage,
focusing on public workers in the health sector. The results of the triple interaction
approach are reported in columns 4-6 of Table 5, and the event study is presented
in panels d-f of Figure 4. Overall, we observe an increase in jobs allocated to
political supporters in this sector, amounting to nearly one additional job. This
suggests that patronage likely contributes to worse performance in the health
sector. In contrast,we do not observe an increase in patronage in the education
sector (columns 7-9 of Table 5 and panels g-i of Figure 4), which is consistent
with the null findings on educational outcomes.

Table 5: Political patronage under mayors with and without prior criminal charges, triple difference estimates

(1) (2) (3) (4) (5) (6) (7) (8) (9)
Jobs Months Income Jobs Months Income Jobs Months Income

Winner X Criminal X Post 2.208*** 22.511** 42,767.700 0.709*** 9.201*** 24,291.112*** -0.040 -3.205 -14,169.001
(0.798) (9.644) (33,525.443) (0.163) (1.969) (7,343.648) (0.229) (3.206) (9,599.180)

Observations 15,416 15,416 15,416 15,416 15,416 15,416 15,416 15,416 15,416
R-squared 0.677 0.696 0.708 0.571 0.575 0.601 0.659 0.654 0.668
Patronage All All All Health Health Health Educ. Educ. Educ.
Note: This table shows the differential effect of appointing mayors with prior criminal charges compared to mayor with clean criminal records on political
patronage after the 2016 elections. Patronage is measured by the excess number of public jobs filled by individuals belonging to the same political party as the
elected mayor (col. 1), the total amount of months they work (col. 2), the income they received in such positions (col. 3), the same three variables but only
related to the health sector (col. 4-6), and only to the educational sector (col. 7-9). The excess number of jobs, hours worked, and income is estimated, in turn,
by any discontinuous change in such variables at the RD cutoff for winning the elections, where the running variable is the margin of victory between the winner
and the most-voted loser in each election. Criminal is a dummy equal to 1 if a candidate with prior criminal charges won the election in 2016 while a candidate
with a clean record won the election in 2012 electoral round, and 0 otherwise. Post is a dummy equal to 1 for years between 2017 and 2019, and 0 for those
between 2013-2016. The sample is restricted to observations within a symmetric bandwidth of 5 percentage points around the cutoff. All columns include a linear
RD specification, as well as fixed effects for municipality-year pairs, and weight observations by a triangular kernel in distance from the cutoff. Standard errors
are robust to heteroskedasticity. *, **, *** indicate statistical significance at the 10%, 5%, and 1% levels.
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Figure 4: Political patronage under mayors with and without prior criminal charges, triple
difference estimates
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Note: This figure shows the differential effect of appointing mayors with prior criminal charges
compared to mayor with clean criminal records on political patronage after the 2016 elections.
Patronage is measured by the excess number of public jobs filled by individuals belonging to
the same political party as the elected mayor (panel a), the total amount of months they work
(panel b), the income they received in such positions (panel c), the same three variables but only
related to the health sector (panels d-f), and only to the educational sector (panels g-i). The
excess number of jobs, hours worked, and income is estimated, in turn, by any discontinuous
change in such variables at the RD cutoff for winning the elections, where the running variable is
the margin of victory between the winner and the most-voted loser in each election. The graphs
plot time-specific effects and confidence intervals for the three years before and after the 2016
election. The sample is restricted to observations within a symmetric bandwidth of 5 percentage
points around the cutoff. All columns include a linear RD specification, as well as fixed effects
for municipality-year pairs, and weight observations by a triangular kernel in distance from the
cutoff.
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6 Conclusions

We investigate the presence and effects of individuals charged for a crime in Brazil-
ian politics. Combining nationwide data on judicial prosecutions and other rich
individual-level information, we document that individuals with a criminal history
are over-represented in the political arena, particularly among first-time candidates
and elected politicians.

These findings are concerning, as the selection of the political class is of ut-
most importance for the performance of democracies. Of course, our analysis on
the selection of individuals with criminal charges into politics remains correla-
tional, as being charged with an offense can be correlated with various unobserved
characteristics that are not captured in our study. While we control for several
observable characteristics, there may still be other omitted factors that influence
both the propensity for criminal charges and the decision to enter politics.

At the same time, we provide credible causal evidence (leveraging the RD de-
sign around the cutoff for winning local elections) that electing a mayor with prior
criminal charges worsens public health outcomes at the municipal level, particu-
larly affecting newborns. This negative effect seems driven by the greater tendency
of mayors with prior prosecutions to engage in patronage by hiring their political
supporters within the public sector, and particularly in the health sector.
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A.1 Appendix: Additional tables and figures

Figure A.1: Incidence of individuals with prior criminal charges in the general population and
among candidates and elected politicians, by gender
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Note: This figure shows the share of individuals with prior criminal charges in the entire
Brazilian population (yellow bar) and among candidate and elected individuals (blue and red
bars), by gender. We consider candidates and elected individuals who only run for the first time
since 2012 onward.
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Table A.1: Summary Statistics

(1) (2) (3) (4)
Mean SD Min. Max.

Panel (a): Criminals in politics
Candidates (%) 6.436 24.540 0 100
Elected (%) 0.446 6.661 0 100
Criminal Candidates (Counc., %) 3.954 6.127 0 60
Criminal Elected (Counc.,%) 4.520 14.817 0 100
Criminal Candidates (Mayor, %) 2.937 15.698 0 100
Criminal Elected (Mayor, %) 0.807 8.948 0 100

Panel (b): Social Outcomes
Babies underweight (%) 0.079 0.021 0 0.255
Mortality 5Y (%) 0.016 0.008 0 0.101
Math score 214.169 24.450 146.310 303.365
Portuguese score 200.397 22.700 138.650 275.415
Mortality 3M (%) 0.011 0.007 0 0.070
Mortality 6M (%) 0.012 0.007 0 0.070
Mortality 1Y (%) 0.014 0.008 0 0.083

Panel (c): Expenditures
Total exp. (per capita, 1,000s reales) 50145 75339 0 1208558
Administration (per capita, 1,000s reales) 6958 11330 0 191778
Agriculture (per capita, 1,000s reales) 568 908 0 27722
Social Assistance (per capita, 1,000s reales) 1625 2301 0 54093
Sport (per capita, 1,000s reales) 380 933 0 25057
Education (per capita, 1,000s reales) 15645 21279 0 381905
Special (per capita, 1,000s reales) 1137 3023 0 75171
Legislative (per capita, 1,000s reales) 1517 3867 0 229950
Sanitation (per capita, 1,000s reales) 1065 12774 0 978538
Health (per capita, 1,000s reales) 11857 18645 0 279948
Transportation (per capita, 1,000s reales) 950 2196 0 74068
Urbanization (per capita, 1,000s reales) 3813 7504 0 154781
Culture (per capita, 1,000s reales)(per capita, 1,000s reales) 470 846 0 14088
Commerce (per capita, 1,000s reales) 163 790 0 31173
Energy (per capita, 1,000s reales) 165 695 0 26421
Environment (per capita, 1,000s reales) 369 1578 0 58549
Judiciary (per capita, 1,000s reales) 121 1024 0 44194
Social Security (per capita, 1,000s reales) 1675 4763 0 110316
Public Security (per capita, 1,000s reales) 256 1418 0 31354
Justice (per capita, 1,000s reales) 46 438 0 20445
Communication (per capita, 1,000s reales) 16 121 0 4184
Housing (per capita, 1,000s reales) 103 1376 0 102586
Industry (per capita, 1,000s reales) 47 244 0 9244
Labor (per capita, 1,000s reales) 71 493 0 18012
Citizens’ rights (per capita, 1,000s reales) 28 387 0 23069

Panel (d): Political Patronage
Number of Jobs 4.426 5.162 0 93
Number of Working Months 58.208 67.258 0 1125.267
Income (per 1,000s reales) 129 208 0 5306
Note: The table reports summary statistics for all the dependent variables employed throughout the empirical analysis.
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Figure A.2: Incidence of individuals with prior criminal charges in the general population and
among candidates and elected politicians, by type of political office
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Note: This figure shows the share of individuals with prior criminal charges in the entire
Brazilian population (yellow bar) and among candidate and elected individuals (blue and red
bars), by type of political office. We consider candidates and elected individuals who only run
for the first time since 2012 onward.
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Figure A.3: Incidence of individuals with prior criminal charges in the general population and
among candidates and elected politicians, by type of crime
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Note: This figure shows the share of individuals with prior criminal charges in the entire
Brazilian population (yellow bar) and among candidate and elected individuals (blue and red
bars), by type of crime. We consider candidates and elected individuals who only run for the
first time since 2012 onward.
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Figure A.4: Incidence of individuals with prior criminal charges among candidates and elected
politicians, by ideology
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Note: This figure shows the share of individuals with prior criminal charges among candidates
(panel a) and elected politicians (panel b), by party ideology. We consider candidates and elected
individuals who only run for the first time since 2012 onward.
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Figure A.5: Average characteristics in the general population and among candidates and elected
politicians with and without prior criminal chanrges
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Note: This figure shows the share of females (Panel a) white people (Panel b), people under
40 years old (Panel c) people with tertiary education (Panel d), people working in formal em-
ployment (Panel e) and people working in the public sector (Panel f) in the general population
(yellow bars); among candidates with and without prior criminal charges (dark- and light-blue
bars); and among elected politicians with and without prior criminal charges (light- and dark-red
bars). We only consider candidates and elected individuals who run for the first time since 2012
onward.
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Table A.2: Prior criminal charges and the probability of becoming a politician, by ideology

(1) (2) (3) (4) (5) (6)
Candidate Elected Candidate Elected Candidate Elected

Any crime 0.042*** 0.003*** 0.013*** 0.001*** 0.053*** 0.004***
(0.002) (0.000) (0.001) (0.000) (0.002) (0.000)

Observations 9,383,949 9,383,949 9,383,949 9,383,949 9,383,949 9,383,949
R-squared 0.002 0.001 0.001 0.001 0.002 0.001
Ideology Left Left Center Center Right Right
Baseline prob. 0.052% 0.003% 0.014% 0.001% 0.062% 0.004%
%∆ over baseline +80% +94% +93% +149% +86% +104%
Note: This table shows the relationship between prior criminal charges and the probability of entering
politics, by party ideology. In particular, the table shows the OLS-estimated coefficient of a regression of
dummies for running for election for the first time (odd columns) or being elected (even columns) from 2012
onward on a dummy for having been charged for any type of crime in the past (Any crime). For those
never running for a public office we consider whether they have been charged for any crime by the year
before each electoral round. To ease the interpretation of the estimated coefficients, dependent variables are
multiplied by 100. All specifications control for individual gender, skin color, age, education, previous job
(formal vs informal and Public vs no Public), and municipality-year fixed effects. Separate regressions are
estimated for politicians running and being elected with Left-wing parties (cols. 1-2), Center parties (cols.
3-4), and Right-wing parties (cols. 5-6). Standard errors are robust to heteroskedasticity and clustered at the
municipality-year level. *, **, *** indicate statistical significance at the 10%, 5%, and 1% levels, respectively.
The last row of the table re-scales the estimated coefficient of Any crime by the baseline probability that
a non-criminal individual within the Brazilian population either runs for the first time as a candidate or is
elected for any type of office (also reported in the second to last row).

Table A.3: Prior criminal charges and probability of becoming a politician, by type of political office

(1) (2) (3) (4) (5) (6) (7) (8)
Candidate Elected Candidate Elected Candidate Elected Candidate Elected

Any crime 0.171*** 0.013*** 0.006*** 0.001*** 0.008*** 0.00003 0.004*** 0.00012**
(0.009) (0.001) (0.001) (0.000) (0.001) (0.00006) (0.001) (0.00006)

Observations 5,783,914 5,783,914 5,303,495 5,303,495 3,588,359 3,588,359 3,582,917 3,582,917
R-squared 0.003 0.001 0.000 0.000 0.000 0.000 0.000 0.000
Office Counc. Counc. Mayor Mayor State State National National
Controls YES YES YES YES YES YES YES YES
Mun. X Year FE YES YES YES YES YES YES YES YES
Baseline prob. 0.217% 0.015% 0.003% 0.001% 0.005% 0.0001% 0.002% 0.00007%
%∆ over baseline +79% +88% +169% +115% +151% +29% +175% +182%

Note: This table shows the relationship between prior criminal charges and the probability of entering politics, by type of political office.
In particular, the table shows the OLS-estimated coefficient of a regression of dummies for running for election for the first time (odd
columns) or being elected (even columns) from 2012 onward on a dummy for having been charged for any type of crime in the past (Any
crime). For those never running for a public office we consider whether they have committed any crime by the year before each electoral
round. To ease the interpretation of the estimated coefficients, dependent variables are multiplied by 100. All specifications control for
individual gender, skin color, age, education, previous job (formal vs informal and Public vs no Public), and municipality-year fixed effects.
Separate regressions are estimated for politicians running and being elected as municipal councillors (cols. 1-2), Mayors (cols. 3-4), State
representatives (cols. 5-6), and members of the national parliament (cols. 7-8). Standard errors are robust to heteroskedasticity and
clustered at the municipality-year level. *, **, *** indicate statistical significance at the 10%, 5%, and 1% levels, respectively. The last row
of the table re-scales the estimated coefficient of Any crime by the baseline probability that a non-criminal individual within the Brazilian
population either runs for the first time as a candidate or is elected for any type of office (also reported in the second to last row).
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Table A.4: Prior criminal charges and probability
of becoming a politician, by type of crime

(1) (2)
Candidate Elected

Corruption 0.208*** 0.024***
(0.019) (0.004)

Fraud 0.161*** 0.016***
(0.012) (0.003)

Illegal traffic -0.027*** -0.000
(0.003) (0.001)

Environmental crimes 0.274*** 0.054***
(0.031) (0.010)

Theft and Robbery -0.030*** -0.003***
(0.004) (0.001)

Violent crimes 0.109*** 0.004***
(0.008) (0.001)

Intimidating crimes 0.137*** 0.007***
(0.009) (0.001)

Driving related offenses 0.066*** 0.004**
(0.007) (0.001)

Observations 9,383,949 9,383,949
R-squared 0.004 0.001
Baseline prob. 0.009% 0.134%
Note: This table shows the relationship between prior
criminal charges and the probability of entering politics,
by type of crime. In particular, the table shows the OLS-
estimated coefficient of a regression of dummies for running
for election for the first time (col. 1) or being elected (col.
2) from 2012 onward on a set of dummies for having been
charged for different types of crime in the past. For those
never running for a public office we consider whether they
have been charged for any crime by the year before each
electoral round. To ease the interpretation of the estimated
coefficients, dependent variables are multiplied by 100. All
specifications control for individual gender, skin color, age,
education, previous job (formal vs informal and Public vs
no Public), and municipality-year fixed effects. Standard
errors are robust to heteroskedasticity and clustered at the
municipality-year level. *, **, *** indicate statistical sig-
nificance at the 10%, 5%, and 1% levels, respectively. The
last row of the table re-scales the estimated coefficient of
Any crime by the baseline probability that a non-criminal
individual within the Brazilian population either runs for
the first time as a candidate or is elected for any type of
office (also reported in the second to last row).
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Figure A.6: Prior criminal charges and probability of becoming a politician, by type of crime
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Note: This figure shows the estimated coefficients in Table A.4, expressed as relative changes
over the baseline probability a non-criminal individual either runs for the first time as a candidate
(light-gray points) or is elected for any type of office (dark-gray points).
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Figure A.7: Prior criminal charges and probability of running for election, heterogeneity by
individual characteristics
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Note: This table shows the relationship between prior criminal charges and the probability of
running for election, separately by gender (Panel a), skin color (Panel b), age (Panel c), education
(Panel d), and previous job (Panels e and f). All the effects are expressed as percentage points
(i.e., probability multiplied by 100).
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Figure A.8: Prior criminal charges and probability of being elected, heterogeneity by individual
characteristics
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Note: This table shows the relationship between prior criminal charges and the probability of
being elected, separately by gender (Panel a), skin color (Panel b), age (Panel c), education
(Panel d), and previous job (Panels e and f). All the effects are expressed as percentage points
(i.e., probability multiplied by 100).
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Table A.5: Prior criminal charges and probability of becoming a
politician, sub-sample for the state of Sao Paulo

(1) (2) (3) (4)
Candidate Candidate Elected Elected

Any crime 0.067*** 0.084*** 0.004*** 0.005***
(0.008) (0.010) (0.001) (0.001)

Observations 1,864,739 1,862,455 1,864,739 1,862,455
R-squared 0.011 0.011 0.005 0.005
Innocents YES NO YES NO
Baseline prob. 0.106% 0.106% 0.005% 0.005%
%∆ over baseline +63% +80% +82% +103%
Note: This table shows the relationship between prior criminal charges and the
probability of entering politics, restricting the sample to the state of Sao Paulo for
which additional information on the outcome of first-degree sentence available.
In particular, the table shows the OLS-estimated coefficient of a regression of
dummies for running for election for the first time (cols. 1-2) or being elected
(cols. 3-4) from 2012 onward on a dummy for having been charged for any type
of crime in the past (Any crime). For those never running for a public office we
consider whether they have been charged for any crime by the year before each
electoral round. Columns 1 and 3 include all individuals in this sample regardless
of the first-degree sentence, while columns 2 and 4 exclude individuals that were
subsequently acquitted. To ease the interpretation of the estimated coefficients,
dependent variables are multiplied by 100. All specifications control for individual
gender, skin color, age, education, previous job (formal vs informal and Public
vs no Public), and municipality-year fixed effects. Standard errors are robust to
heteroskedasticity and clustered at the municipality-year level. *, **, *** indicate
statistical significance at the 10%, 5%, and 1% levels, respectively. The last row
of the table re-scales the estimated coefficient of Any crime by the baseline
probability that a non-criminal individual within the Brazilian population either
runs for the first time as a candidate or is elected for any type of office (also
reported in the second to last row).
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Table A.6: Prior criminal charges and probability of becoming a politician, robustness

(1) (2) (3) (4) (5) (6)
Candidate Elected Candidate Elected Candidate Elected

Any crime -0.064*** -0.006*** 0.124*** 0.010*** 0.112*** 0.009***
(0.006) (0.001) (0.005) (0.001) (0.002) (0.000)

Observations 9,164,342 9,164,342 9,373,463 9,373,463 9,383,949 9,383,949
R-squared 0.004 0.001 0.004 0.001 0.004 0.001
Trials Concluded Concluded Ongoing Ongoing All All
Baseline prob. 0.135 0.009 0.135 0.009 0.134 0.010
%∆ over baseline -48% -65% +92% +107% +84% +99%
Note: This table shows the relationship between prior criminal charges and the probability of entering politics,
distinguishing prior charges by the outcome of the trial. In particular, the table shows the OLS-estimated
coefficient of a regression of dummies for running for election for the first time (odd columns) or being elected
(even columns) from 2012 onward on a dummy for having been charged for any type of crime in the past (Any
crime). For those never running for a public office we consider whether they have been charged for any crime by
the year before each electoral round. In columns 1-2 we include in the sample only trials which reached a final
sentence; in columns 3-4 we include ongoing trials; while columns 5-6 include all trials. To ease the interpretation
of the estimated coefficients, dependent variables are multiplied by 100. All specifications control for individual
gender, skin color, age, education, previous job (formal vs informal and Public vs no Public), and municipality-
year fixed effects. Standard errors are robust to heteroskedasticity and clustered at the municipality-year level.
*, **, *** indicate statistical significance at the 10%, 5%, and 1% levels, respectively. The last row of the
table re-scales the estimated coefficient of Any crime by the baseline probability that a non-criminal individual
within the Brazilian population either runs for the first time as a candidate or is elected for any type of office
(also reported in the second to last row).
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Table A.7: Differences between audited and non-audited municipalities

Non Audited Audited
Mean SD Mean SD Std. Diff.

Avg. years of educ. (2000) 3.934 1.252 4.097 1.303 -0.127
Dropout (%, 2000) 0.065 0.051 0.059 0.045 0.140
Illiteracy (2000) 0.282 0.151 0.259 0.152 0.153
Active women (2000) 0.383 0.103 0.395 0.110 -0.113
Fertility (2000) 2.96 0.802 2.816 0.710 0.189
Poverty (2000) 0.268 0.183 0.238 0.179 0.166
Population (2000) 23,508 42,049 34,586 227,807 -0.068
Electricity (2000) 0.852 0.174 0.874 0.164 -0.131
Digital divide (2000) 2.906 3.454 3.464 4.043 -0.149
Note: This table shows the average characteristics in 2000 of municipalities never receiving
an audit (first two columns) and receiving at least one audit (second two columns), together
with the standardized differences between the two groups (last column).
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Figure A.9: RD design at the electoral cutoff, manipulation test
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Note: This figure shows the density of the running variable in the RD design in Equation 3.
The estimation sample is restricted to municipalities in which one candidate between the winner
and the most voted loser has prior criminal charges while the other one has a clean criminal
record in the elections of 2012 and 2016. The running variable is the margin of victory between
the winner and the most-voted loser in each election. Local polynomial density estimates and
confidence intervals computed according to Cattaneo et al. (2020) are also reported in the graph.
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Table A.8: RD design for the effect of electing mayors with prior criminal charges,
balance test at the cutoff

Linear polynomial Quadratic polynomial
RD Effect Robust p-val RD Effect Robust p-val

(1) (2) (3) (4)
No education (%, 2010) -0.011 0.062 -0.012 0.091
Elementary educ. (%, 2010) -0.004 0.691 -0.007 0.537
Secondary educ. (%, 2010) 0.019 0.275 0.027 0.206
Dropout (%, 2010) 0.796 0.195 0.876 0.225
Illiteracy (%, 2010) 0.453 0.266 0.289 0.599
Active women (%, 2000) 0.005 0.806 0.006 0.785
Fertility (2000) -0.098 0.359 -0.093 0.441
Poverty (%, 2000) 0.029 0.142 0.040 0.082
Population (2011) 3,145 0.489 2,708 0.628
Electricity (2000) -0.013 0.506 -0.033 0.163
Digital divide (2000) 0.130 0.800 -0.025 0.968
Turnout -0.006 0.555 -0.010 0.422
Registered votes 1,836 0.511 1,035 0.759
Abstention 347 0.568 322 0.671
Gender (%, winner) -0.016 0.821 -0.010 0.917
Young (%, winner) -0.073 0.409 0.014 0.900
Educated (%, winner) -0.093 0.306 -0.061 0.588
Incumbent (%, winner) 0.105 0.263 0.095 0.408
Incumbent party (%, winner) 0.066 0.515 0.073 0.531
Note: This table shows the difference in means (col. 1 and 3) and their robust p-value (col. 2 and 4)
between municipalities just to the right and to the left of the cutoff in the RD design in Equation (3).
The sample is restricted to municipalities in which one candidate between the winner and the most
voted loser has prior criminal charges while the other one has a clean criminal record in the elections of
2012 and 2016. The running variable is the margin of victory between the winner and the most-voted
loser in each election, and we include in the regression observations within a symmetric bandwidth
around the cutoff, computed according to the criteria of Calonico et al. (2014, 2020). Columns 1
and 2 include a linear RD specification, while columns 3 and 4 include a quadratic specification; all
regressions include fixed effects for Brazilian states and electoral rounds and weight observations by a
triangular kernel in distance from the cutoff. Standard errors are robust to heteroskedasticity. *, **,
*** indicate statistical significance at the 10%, 5%, and 1% levels.
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Table A.9: The effects of electing mayors with prior criminal
charges on alternative indicators of basic health, RD estimates

(1) (2) (3)
Mortality 3M Mortality 6M Mortality 1Y

Criminal 0.002** 0.003** 0.002**
(0.001) (0.001) (0.001)

Observations 1,094 1,094 1,094
Bandwidth .08 .07 .09
Base Value .01 .011 .012
Robust P-val. .018 .011 .03
Note: This figure shows the effect of electing a mayor with prior criminal
charges in the electoral rounds of 2012 and 2016 on alternative indicaotrs
of basic health, as estimated from RD design in Equation 3. In particu-
lar, basic health is measured by the infant mortality rate under 3 months
(col. 1), 6 months (col. 2), and 1 year (col. 3). All outcomes are av-
eraged over the four-year period after elections. The estimation sample
is restricted to municipalities in which one candidate between the winner
and the most voted loser has prior criminal charges while the other one
has a clean criminal record, and the main explanatory variable, Criminal
is a dummy equal to 1 if the candidate with prior criminal a criminal is
elected as mayor, and 0 otherwise. The running variable is the margin of
victory between the winner and the most-voted loser in each election, and
we include in the regression observations within a symmetric bandwidth
around the cutoff, computed according to the criteria of Calonico et al.
(2014, 2020). All regressions include a linear RD specification, fixed effects
for Brazilian states and electoral rounds, and weight observations by a tri-
angular kernel in the distance from the cutoff. The last two rows of each
panel report the average value of the dependent variable in municipalities
electing a non-criminal mayor within the estimation bandwidth, and the
robust p-value for each estimate. *, **, *** indicate statistical significance
at the 10%, 5%, and 1% levels.
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Table A.10: The effect of electing mayors with prior criminal charges on basic health, alternative RD specifications

(1) (2) (3) (4) (5) (6)
Babies under. Mortality 5Y Babies under. Babies under. Mortality 5Y Mortality 5Y

Criminal 0.008** 0.004** 0.007** 0.008** 0.002* 0.004**
(0.004) (0.002) (0.003) (0.004) (0.001) (0.002)

Observations 1,094 1,094 1,094 1,094 1,094 1,094
Kernel Triangular Triangular Uniform Uniform Uniform Uniform
Pol. degree 2 2 1 2 1 2
Bandwidth .17 .09 .08 .13 .07 .08
Obs. within band. L/R 403/412 295/314 264/286 346/362 247/274 276/299
Base Value .081 .014 .081 .081 .014 .014
Robust P-val. .028 .01 .031 .043 .056 .021
Note: This figure shows the effect of electing a mayor with prior criminal charges in the electoral rounds of 2012 and 2016 on basic health,
as estimated from RD design in Equation 3. Basic health is measured by the share of babies born underweight (odd columns) and the infant
mortality rate under 5 years (even columns). All outcomes are averaged over the four-year period after elections. The estimation sample is
restricted to municipalities in which one candidate between the winner and the most voted loser has prior criminal charges while the other one
has a clean criminal record, and the main explanatory variable, Criminal is a dummy equal to 1 if the candidate with prior criminal a criminal
is elected as mayor, and 0 otherwise. The running variable is the margin of victory between the winner and the most-voted loser in each
election, and we include in the regression observations within a symmetric bandwidth around the cutoff, computed according to the criteria
of Calonico et al. (2014, 2020). Columns 1, 2, 4 and 6 include a quadratic polynomial in the running variable, while columns 3 and 5 use a
linear specification; all regressions also include fixed effects for Brazilian states and electoral rounds. Columns 1 and 2 weight observations by
a triangular kernel in the distance from the cutoff, while columns 3-6 use a uniform kernel. The last two rows of each panel report the average
value of the dependent variable in municipalities electing a non-criminal mayor within the estimation bandwidth, and the robust p-value for
each estimate. *, **, *** indicate statistical significance at the 10%, 5%, and 1% levels.
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Table A.11: The effect of electing mayors with
prior criminal charges on basic health, placebo RD
estimates for the year before elections

(1) (2)
Babies under. Mortality 5Y

Criminal 0.007 -0.002
(0.006) (0.002)

Observations 1,094 1,094
Pol. degree 1st 1st
Bandwidth L/R .1/.1 .08/.08
State FE YES YES
Base Value .081 .014
Robust P-val. .379 .305
Note: This figure shows the effect of electing a mayor with
prior criminal charges in the electoral rounds of 2012 and
2016 on basic health in the year before elections, as es-
timated from RD design in Equation 3. Basic health is
measured by the share of babies born underweight (col. 1)
and the infant mortality rate under 5 years (col. 2). Both
outcomes are measured in the year before elections. The es-
timation sample is restricted to municipalities in which one
candidate between the winner and the most voted loser has
prior criminal charges while the other one has a clean crim-
inal record, and the main explanatory variable, Criminal
is a dummy equal to 1 if the candidate with prior criminal
a criminal is elected as mayor, and 0 otherwise. The run-
ning variable is the margin of victory between the winner
and the most-voted loser in each election, and we include in
the regression observations within a symmetric bandwidth
around the cutoff, computed according to the criteria of
Calonico et al. (2014, 2020). All regressions include a lin-
ear RD specification, fixed effects for Brazilian states and
electoral rounds, and weight observations by a triangular
kernel in the distance from the cutoff. The last two rows of
each panel report the average value of the dependent vari-
able in municipalities electing a non-criminal mayor within
the estimation bandwidth, and the robust p-value for each
estimate. *, **, *** indicate statistical significance at the
10%, 5%, and 1% levels.
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Figure A.10: The effect of electing mayors with prior criminal charges on basic health, distribu-
tion of placebo RD estimates
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Note: These graphs show distributions of placebo estimates of the effect of electing a mayor
with prior criminal charges on basic health obtained by estimating the RD equation (3) at 10,000
equally-spaced placebo cutoffs between the 10th and 90th percentiles of the distribution of the
margin of victory of candidates with prior criminal charges. Basic health is measured by the
share of babies born underweight (left graph) and the infant mortality rate under 5 years (right
graph). The estimation sample is restricted to municipalities in which one candidate between
the winner and the most voted loser has prior criminal charges while the other one has a clean
criminal record, and the main explanatory variable is a dummy equal to 1 if the candidate with
prior criminal a criminal is elected as mayor, and 0 otherwise. We include in each placebo the
regression observations within a symmetric bandwidth around the cutoff, computed according
to the criteria of Calonico et al. (2014, 2020). All regressions include a linear RD specification,
fixed effects for Brazilian states and electoral rounds, and weight observations by a triangular
kernel in the distance from the cutoff. Black, brown, and red dashed lines report 90th, 95th, and
97.5th percentiles of distribution of estimates. Solid black line reports RDD estimate at the true
cutoff.
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Figure A.11: Criminally Charged Mayors and Private Returns: Manipulation Test
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Note: This figure shows the density of the running variable in the RD design in Equation 4
estimated separately for municipalities in which candidates with or without prior criminal charges
won the elections (top and bottom graphs, respectively). The running variable is the margin of
victory between the winner and the most-voted loser in each election. Local polynomial density
estimates and confidence intervals computed according to Cattaneo et al. (2020) for linear and
quadratic approximations (left and right graphs, respectively) are also reported in the figure.
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Table A.14: RD design for the effect of appointing candidates with or without
prior criminal charges on patronage, balance test and the electoral cutoff

Linear polynomial Quadratic polynomial
RD Effect Robust p-val RD Effect Robust p-val

(1) (2) (3) (4)
Panel A: Candidate with prior criminal charges winning elections
Female (%) 0.014 0.832 -0.013 0.889
White (%) 0.175 0.274 0.131 0.420
Young (%) -0.017 0.802 -0.009 0.922
Formal Emp. (%) -0.197 0.099* -0.264 0.114
Educated (%) -0.001 0.996 -0.021 0.903
Public emp. (%) -0.160 0.142 -0.146 0.338

Panel B: Candidate without prior criminal charges winning elections
Female (%) 0.054 0.065* 0.066 0.109
White (%) 0.082 0.385 0.154 0.242
Young (%) 0.006 0.824 0.008 0.831
Formal Emp. (%) -0.339 0.000*** -0.394 0.000***
Educated (%) -0.032 0.456 -0.062 0.333
Public emp. (%) -0.257 0.000*** -0.296 0.000***
Note: This table shows the difference in means (cols. 1 and 3) and their robust p-value (cols.
2 and 4) between municipalities just to the right and to the left of the cutoff in the RD design
in Equation (4) estimated separately for candidates with prior criminal charges (top panel) and
candidates with clean criminal records (bottom panel). The sample is restricted to municipalities
in which one candidate between the winner and the most voted loser has prior criminal charges
while the other one has a clean criminal record in the elections of 2012 and 2016. The running
variable is the margin of victory between the winner and the most-voted loser in each election,
and we include in the regression observations within a symmetric bandwidth of 5 percentage
points around the cutoff. Columns 1 and 2 include a linear RD specification, while columns 3
and 4 include a quadratic specification; all regressions include fixed effects for Brazilian states
and electoral rounds and weight observations by a triangular kernel in distance from the cutoff.
Standard errors are robust to heteroskedasticity. *, **, *** indicate statistical significance at the
10%, 5%, and 1% levels.
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Table A.15: Difference in means between municipalities in which candidates
with or without prior criminal charges won the elections

Non Criminal Criminal
Mean SD Mean SD Std. Diff.

No education (%, 2010) 0.117 0.035 0.123 0.036 -0.187
Elementary educ. (%, 2010) 0.151 0.052 0.154 0.055 -0.047
Secondary educ. (%, 2010) 0.681 0.095 0.666 0.102 0.149
Dropout (%, 2010) 0.089 0.036 0.086 0.033 0.079
Illiteracy (%, 2010) 0.038 0.039 0.033 0.030 0.138
Active women (%, 2000) 0.394 0.120 0.427 0.130 -0.260
Fertility (2000) 2.902 0.772 2.746 0.627 0.223
Poverty (%, 2000) 0.267 0.185 0.228 0.170 0.217
Population (2011) 15,851 19,963 19,963 27,594 -0.171
Electricity (2000) 0.854 0.171 0.882 0.151 -0.171
Digital divide (2000) 2.608 2.897 3.345 3.615 -0.225
Turnout 0.871 0.058 0.878 0.058 -0.125
Registered votes 10,242 11,885 13,034 17,223 -0.189
Abstention 1,881 2,659 2,353 3,674 -0.147
Gender (%, winner) 0.156 0.363 0.051 0.220 0.352
Young (%, winner) 0.161 0.368 0.104 0.305 0.170
Educated (%, winner) 0.467 0.499 0.471 0.499 -0.008
Incumbent (%, winner) 0.209 0.407 0.212 0.409 -0.008
Incumbent party (%, winner) 0.169 0.375 0.180 0.384 -0.030
Note: This table shows the average characteristics of municipalities in which candidates with
prior criminal charges (first two columns) or candidates with clean criminal records (second
two columns) won the elections in the electoral round of 2012 and 2016, together with the
standardized difference between the two groups (last column). The sample is restricted to
municipalities in which the margin of victory remained below 5 percentage points.
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A.2 Appendix: Municipal-Level Data

We complement our data with several pieces of information at the municipal level
for the period 2009-2020. From Sistema de Informaçoes de Mortalidade (SIM)
provided by the Brazilian Ministry of Health, we retrieve information on infant
mortality under three months, one year, and five years, while from Sistema de
Informação sobre Nascidos Vivos (SINASC) we get the share of babies born un-
derweight, the share of pregnancy ended prematurely and the share of babies born
dead. Concerning educational performance, we use Sistema de Avaliação da Edu-
cação Básica (SAEB) provided by the Ministry of Education to recover the yearly
average score for municipal schools in each municipality, as well as the average
score in Math and Portuguese.

We turn to FINBRA (Finanças Municipais), provided by the Brazilian Secre-
tary of Treasury, to collect data on public finance at the municipal-year level. We
construct two sets of variables on the yearly expenditures of each municipality.
Expenditures are classified by spending itemA.1

From the census waves of 2000 and 2010, we collect additional municipal-level
information regarding educational attainment, female labor force participation,
fertility, poverty, digital divide, and electricity supply. In turn, we obtain the
total turnout at the municipal elections of 2016, as well as the number of registered
voters and the abstention rate, from Tribunal Superior Eleitoral.

A.1The items considered are: administration, agriculture, social insurance, sport, education,
special assignments, legislative, sanification, health, transports, urbanization, culture, commerce,
energy, environment, judiciary, social security, public security, justice, communication, housing,
industry, labor, and citizen’s rights. All of them are expressed in millions of Reales.
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