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Home Country Work Experience and Immigrant Self-
Employment in the U.S.

Abstract

Immigrant entrepreneurship in the United States has grown steadily in the last four
decades. In this paper, | study the occupational choices of legal permanent residents and
their associated earnings in paid and self-employment. Using a unique data set with pre-
and post-migration individual level information, | analyze the role of home country work
experience of immigrants in their probability of becoming entrepreneurs and their
earnings after migration. To control for endogenous sector selection in the estimation of
earnings distributions, | follow a novel identification strategy based on extremal quantile
regressions that does not require exclusion restrictions or a large support variable. I find
that foreign work experience in paid and self-employment is an important predictor of
entrepreneurship after migration. In addition, it impacts earnings in the US but differently
across sectors, controlling for human capital, assimilation, time, region, and demographic
characteristics. Overall, my results highlight the role played by immigrants’ labor market
performance in their home countries to better understand their outcomes in the US.

JEL codes: L26, F22, J61, M13, J24, C51

Keywords: Entrepreneurship, self-employment, human capital, labor supply, immigration



1. Introduction

Almost 45 million immigrants currently live in the United States. Of those, roughly 13
million have lawful permanent status and are fully incorporated into the American labor market
(Baker, 2016). The numbers have increased over the last four decades and today, around 15%
of the US population is foreign-born, reaching historical peaks (Pew Research Center, 2015).
At the same time, the immigrant self-employment share has risen from around 7% in 1980 to
close to 20% in 2010, in clear contrast to the steady decline in native-born entrepreneurship
and startup rates (Fairlie and Lofstrom, 2015). The outcomes of immigrants affect the
American economy in many ways, which has led to vigorous political debates recently. From
an economics point of view, however, the driving factors behind the entrepreneurship decisions

of immigrants and their productivity in the U.S. remain poorly understood.

In this paper, | analyze the occupational choices of immigrants between paid and self-
employment in the U.S. and their associated earnings in either sector®. In particular, I study the
role of pre-migration work experience in both of these aspects taking into consideration that
individuals are only observed in the sector where they work in and that their decisions are not
random. Most of the previous literature on immigrant entrepreneurship has not considered the
role that the labor market performance of immigrants in their home countries plays in their
outcomes in the US. | find that home country work experience has a significant influence in
the decision to become self-employed after migration, and it also impacts earnings. My results
highlight the importance of pre-migration labor market information to get a better

understanding of the experiences of immigrants in the U.S., which is of interest from the point

L1 use the terms foreign-born and immigrant, and self-employment and entrepreneurship, as synonyms throughout the
paper.



of view of immigration policies intended at attracting individuals with the proclivity to open

firms and create jobs.

| use the two waves of the New Immigrant Survey (NIS). The NIS contains a rich set of
information about individuals who were granted legal permanent residency in 2003. Contrary
to other data sets used to study the outcomes of immigrants, the NIS has data on the labor
history of individuals prior to migrating. This unique feature allows me to incorporate aspects
of the pre-migration work history of immigrants that most previous studies have missed. The
NIS also has post-migration data on three US jobs, which facilitates a deep analysis of the link

between pre- and post-migration labor market outcomes.

The analysis of this paper focuses on two fundamental aspects of the experiences of
immigrants in the US labor market. The first one relates to their occupational choices between
paid and self-employment. The second one pertains to the earnings associated with working in
either sector. Individuals choose an occupation based on their comparative advantage, non-
pecuniary benefits, and expected earnings potential. Likewise, immigrants are only observed
in the job they have chosen. This self-selection could lead to biased estimates of the earnings
distributions in both sectors if not properly controlled for (Heckman, 1979). | deal with this
challenge by following a novel estimation approach based on extremal quantile regressions
that does not require an exclusion restriction or a large support variable. Identification is based
on the independence between the explanatory variables and selection for large values of the

outcome (D’Haultfeeuille et al., 2018).

| find that immigrants who worked only as entrepreneurs before moving are approximately
6.8 percentage points more likely to be self-employed in the U.S., while individuals with home

experience in both types of jobs are around 4.7 percentage points more likely to be



entrepreneurs after migration compared to people who only worked in salaried occupations.
These findings are relative to an unconditional post-migration self-employment probability of
around 12%. The number of years since an immigrant left their home country, the kind of visa
people had before obtaining residency, and education levels are also determining factors of US
self-employment. Pre-migration experience enhances self-employment earnings in the U.S.
after controlling for sector selection, but the effect is not strong. In contrast, it carries a penalty

for individuals that work for wages in the US.

Having a better understanding of the factors that influence the entrepreneurship decisions
of immigrants is relevant both from a macroeconomic and a microeconomic perspective. From
a macroeconomic point of view, the significant role of the foreign-born in the creation of new
firms and jobs in the U.S. has direct implications for innovation and overall economic growth.
At the same time, the immigrant population in the U.S. is not homogeneous. From a
microeconomic perspective, there is evidence that self-employment has served as a route out
of poverty for certain immigrant groups with lower skills (Fairlie and Woodruff, 2007) and a
faster way to ascend the income and wealth ladders than paid employment (Light, 1972);

(Holtz-Eakin et al., 2000).

Most of the literature on immigration has focused on how the foreign-born fare in the
salaried labor markets, particularly in terms of wage growth, discrimination, or crowding-out
effects on the native-born. Surprisingly, less attention has been paid to the outcomes of
immigrants as entrepreneurs in spite of its growing relevance for the economy (Borjas, 1986);
(Kerr and Kerr, 2016). Other studies have considered the self-employment experiences of
particular groups (e.g. Mexicans or East Asians) and not of a representative sample of

immigrants from different countries. The NIS has information on immigrants from many



nations, which provides a more complete understanding of the phenomenon as a whole.

Recent policy initiatives have been implemented to foster immigrant self-employment in
the country?. Several studies have shown that immigrants have higher self-employment rates
than the native-born in many developed nations®. Likewise, the share of businesses owned by
immigrants has gone up substantially over the last four decades, to the point that nearly 20%
of all firms in the U.S. in 2010 were owned by this group (Fairlie and Lofstrom, 2015). Unlike
the native-born population, immigrants’ performance is also determined by their assimilation
to a different country, their unequal access to financial capital, lack of the necessary host-
country human capital to compete in the labor market (e.g. English skills), and pre-migration

outcomes.

While the rates of self-employment of immigrants have gone up over the last forty years,
the fraction of Americans engaging in entrepreneurial activities has been declining
consistently. This phenomenon is well documented in the literature (Pugsley and Sahin, 2015)
and has led to some concerns given the evidence backing up the importance of startups and
innovation for job creation and productivity growth (Haltiwanger et al., 2014). At the same
time, there are current proposals to modify the American immigration system to one based on
skills rather than family relations, as has been done in other countries. Some of these initiatives
(like the Startup Act in Congress) prioritize the allocation of visas to individuals with the

highest productivity potential. For this reason, a good understanding of the factors that could

2 Some examples include: The International Institute of St. Louis which has funding opportunities to help immigrants
implement their business ideas; Offices of New Americans in major metropolitan areas which provide support to
entrepreneurs; The Startup Act currently in Congress which has a specific section to encourage immigrant

entrepreneurship (and create a visa for this purpose), among others.

3 See Fairlie and Lofstrom (2015) for details and references.



make a future immigrant more productive in the U.S. is fundamental for an informed public
policy.
The rest of the article is organized as follows. Section 2 provides a theoretical background

and analyzes the related literature. Section 3 describes the data. Section 4 presents the

econometric framework of the paper. Section 5 shows the main results and section 6 concludes.



2. Theoretical Background

In the first part of this section, | describe the main factors that the literature has considered
to explain the self-employment decisions of immigrants. Some of these variables include
human and financial capital, family and household characteristics, home country business
experience, ethnic enclaves, and legal status (Fairlie and Lofstrom, 2015; Li, 2001). | then
provide the theoretical predictions associated with the impact of some of these factors on the
occupational choices of newcomers. In the second part of this section, | explain how this paper
relates to previous research on immigrant entrepreneurship.

2.1 Determinants of Self-Employment

The two most commonly used variables associated with immigrants’ human capital are
education and proficiency in the language spoken in the host country. Education has been
found to play an important role in the success or failure of small firms, although there is still
no strong consensus on its directional impact on entry into self-employment. On one hand,
more educated individuals could have access to better opportunities in the wage sector, thus
having higher opportunity costs of entrepreneurship. Higher costs, in turn, could reduce the
likelihood of choosing self-employment. On the other hand, education could allow individuals
to obtain analytical or communication skills that could increase the success of a business and
hence the probability of choosing entrepreneurship (Fairlie and Lofstrom, 2015). In addition,
evidence shows that education can have a differential impact on the self-employment
probabilities across ethnic groups. For instance, Fairlie and Woodruff (2007) found that low
education levels explain the lower business ownership rates of Latinos in the US. On the
contrary, the high rates of self-employment among Asians are in part explained by their

relatively higher levels of schooling (Fairlie, 2005).



The impact of English skills on the likelihood of self-employment is not clear. While
having a better command of the language has been found to have a positive association with
the odds of choosing entrepreneurship, English fluency can facilitate access to jobs in the
salaried sector, thus decreasing the probability of self-employment (Fairlie and Lofstrom,
2015). In principle, limited English skills could hinder interactions with customers and

suppliers but could also reduce the potential to get a wage job.

Age and the number of years since an immigrant left the home country can influence the
propensity to choose self-employment. Acquiring the necessary resources to start a business
can take time, particularly if it is done in a country different from where a person was born.
Hence, one could expect a positive relationship between these two variables and the likelihood
of entrepreneurship (Borjas, 1986)*. The number of years since migration is considered a proxy
for assimilation, as it relates to the time a person has been outside of the place where he or she
is more culturally comfortable, therefore raising their odds of adapting to the new country.
More time abroad could allow an immigrant to develop stronger local networks, acquire

valuable human capital (like better English skills), and accumulate wealth.

Family and household composition are elements that have been found to affect the
occupational choices of the native-born population. For example, some small businesses are
generally run by families, where different generations are involved including the children of
the household head. In addition, individuals with a higher number of kids might value more
the time flexibility that self-employment allows, thus being more likely to choose that sector.

To account for the role of family composition in the self-employment decisions of immigrants,

* Notice, however, that this prediction relies on the assumption that age and years since migration are relatively less
relevant for paid employment earnings growth.



| control in the estimations for the number of kids the person had before moving to the US®.

This paper focuses on the role of pre-migration work experience in the self-employment
decisions and earnings of immigrants in the US. The relationship between pre- and post-
migration outcomes is not well understood in the literature from neither a theoretical nor an
empirical point of view (Fairlie and Lofstrom, 2015). Theoretically, individuals who worked
in self-employment before migrating could have developed a preference for this sector (or
acquire entrepreneurship-specific skills) thus being more likely to choose this activity in the
U.S. (Yuengert, 1995). Nevertheless, it could be the case that barriers to entry (e.g. licensing)
or other factors such as limited education or English skills, could force immigrants with home
country self-employment experience to choose a different activity in the US. Likewise, skills
that could make an individual more prone to be self-employed in the home country may not be

perfectly transferable or valuable in the host economy (Hendricks and Schoellman, 2017).

The majority of empirical studies that have analyzed the role of home country
entrepreneurship in post-migration outcomes have relied on aggregate rather than individual-
level measures of self-employment. In addition, the findings of these papers have been mixed.
| expand the analysis by Akee et al. (2013) who used the first round of the NIS only and found
a positive association between pre- and post-migration self-employment. In addition, their
study did not analyze immigrants’ earnings in the US. Understanding the role of pre-migration
experience in post-migration earnings is relevant for multiple reasons. First, there are fiscal

effects associated with the incomes of immigrants. If their earnings are low, tax contributions

® Although the total number of kids is available in the data (and the marital status after migration), only variables
determined before the person moved to the U.S. can be considered since, otherwise, they could be endogenous to
the migration decision. The NIS also asked (in the first round) about asset holdings, but not about the time of their
acquisition (so it is not possible to know if it was before or after the person came to the U.S.).



are going to be low, and individuals may be more likely to rely on welfare programs. Second,
immigrants with higher productivity can be complements to the native-born and generate jobs.
Third, immigrant entrepreneurs with high productivity can help drive innovation and economic
growth. Fourth, immigration policies based on skills (like the entrepreneurship visa) are not
intended at providing incentives for people to choose self-employment per se. Instead, their

goal is to attract individuals with high earnings potential for the reasons described above.

To my knowledge, no previous paper has analyzed the role of home country work
experience in earnings after migration. While experience running a business could enhance an
individual’s productivity in this type of occupation, it is not clear whether those skills are
equally valuable in the host economy. In addition, self-employment is widespread in many
developing countries and in general, the individuals who select into this sector could have been
forced to do so or could be of the “low ability” type. If this was the case, one should not
necessarily expect an earnings premium after migration.

2.2 Related Literature

This paper contributes to different strands of literature. Most of the research on immigrant
self-employment has focused on separate analyses of the experiences of immigrants from
particular countries of origin or ethnicities. Although insightful, the conclusions of these papers
pertain only to the individual experiences of specific groups like the Mexican or the East Asian
immigrants, but preclude a more general understanding of the phenomenon as a whole (Fairlie
and Lofstrom, 2015). In this paper, | use data on immigrants from many countries and regions
of the world, which facilitates a direct comparison of outcomes across groups. My work also
relates to a nascent literature (e.g. Akee et al. (2013), Hendricks and Schoellman (2017), and

Lessem and Sanders (2018)) that highlights the importance of pre-migration characteristics to
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understand how immigrants perform abroad.

Most researchers have analyzed the role of home country self-employment experience
through proxies or averages of the self-employment rates in the sending economies, and their
research has yielded mixed results (Fairlie and Lofstrom (2015); Fairlie and Woodruff (2010);
Fairlie and Meyer (1996); Yuengert (1995)). In contrast, | exploit individual-level data on
immigrants’ jobs before moving to the US. I use the two rounds of the NIS data which provide
additional information about the labor market outcomes of immigrants after more years in the
U.S., since some of the people interviewed in the first round were just arriving to the country
by then, precluding an analysis of changes over time (the second round took place during a big

financial crisis).

Several studies on immigrant entrepreneurship have compared the outcomes of immigrant
business owners to those of the native-born population. It has been well documented that
immigrants have higher rates of business creation than the native-born in developed economies
like the United States, Canada, the United Kingdom, and Australia (Fairlie and Lofstrom,
2015)%. In the U.S., for example, the share of self-employment by immigrants grew from 6.8%
in 1980 to 18.4% in 2010. In addition, the immigrant share of the labor force in 2012 was 16%,
while their fraction of the population was around 14% (Immigrant Small Business Owners,

2012).

Other authors have analyzed different elements associated with what immigrants bring to

® One reason for this pattern could be immigrants’ selection (Borjas, 1987). Other studies point to complementary
explanations. Vandor and Franke (2016), using experimental evidence, suggest that cross-cultural experiences
increase the ability to recognize entrepreneurial options by facilitating the use of knowledge gained internationally
to identify arbitrage opportunities and creative recombination of products. Hunt (2011) finds that the impact of
immigrants on the labor outcomes of the native-born differs by entry visa.
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the host countries, but their focus has been on the impact on the wage/salaried markets. Less
attention has been paid to the analysis of the consequences of immigrant self-employment. One
dimension has been through studies of business and job creation. For example, Kerr and Kerr
(2016) found that firms created by immigrants perform better than those created by the native-
born relative to employment growth over three- and six-year horizons. Other research has
suggested that there might exist displacement effects by immigrant entrepreneurs on the self-

employment opportunities of the native-born (Fairlie and Meyer, 2003).

The impact of immigrant self-employment has also been analyzed through the indirect
benefits obtained by the receiving countries as immigrants move up the ladder. There is
evidence that self-employment has historically served as a route out of poverty for certain
immigrant groups (Fairlie and Woodruff, 2007) and a faster way to ascend the income and
wealth ladders than paid employment (Light, 1972). For example, Holtz-Eakin et al. (2000)
found that upward mobility among low-income self-employed households is higher than

upward mobility of salaried workers.

The topic of immigrant entrepreneurship intersects different fields. Studies in the sociology
literature have shown that immigrants have used self-employment to circumvent some of the
requirements that wage or salaried jobs entail, such as good English skills, the capacity of
employers to assess foreign education, legal status, lack of networks, or discrimination
(Sanders and Nee, 1996). Sowell (1981), for instance, found that self-employment was chosen
by first-generation immigrants to achieve upward mobility, particularly in the case of Japanese
and Jewish newcomers. In addition, there is evidence that the formation of ethnic enclaves
around particular business activities allowed some immigrant groups to achieve considerable

economic success via concentrated entrepreneurship (Kerr and Mandorff, 2015).
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3. Data

3.1 New Immigrant Survey

| use data from the two waves of the New Immigrant Survey (NIS). The NIS is a nationally
representative sample of immigrants to the United States who were granted legal permanent
residency (“green cards”) in 2003. The project has a panel structure and was conducted in two
waves. In the first round, immigrants were interviewed between June of 2003 and June of 2004.
A follow-up interview took place between June of 2007 and December of 2009. The first wave
sampled 12,448 immigrants and 8,573 completed the questionnaires, for a response rate of
68.9% which is normal in this type of surveys’. The number of completed interviews during
round two was 3,902, for a response rate of 46.1%%. Since the main goal of this paper is to
analyze the role of home country work experience in US outcomes, | focus my attention on
working age individuals who worked before migrating and for whom the specific sector of

work is known. A full explanation of the sample selection can be found in Appendix A.

The NIS data are very useful for the purpose of this paper. First, the survey contains a rich
set of immigrants’ information regarding demographics and other characteristics. Contrary to
other data sets, the NIS has data on the labor history of individuals prior to migrating.
Specifically, it asked respondents to provide information about their first job after the age of
16 and the last job they had before moving to the US. While the full pre-migration work history

was not reported for all immigrants (as some could have had more than two jobs), 48.26% of

7 See Hersch (2008) for details on non-response rates of similar types of surveys.

& According to Jasso et al. (2017), the drop in the response rate was mainly due to the lack of cooperation by the
USCIS to provide contact information of immigrants, the downturn of the economy in the years between waves, and
an increase in anti-immigrant sentiments.
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the sample did not change jobs, so their full pre-migration work history is known®. While
imperfect, there is no other similar data set, to my knowledge, that provides any home country
information on the labor market outcomes of immigrants from many countries. In addition, the
NIS has postmigration labor market data on three US jobs. One characteristic of the NIS is that
it is not representative of all immigrants. Specifically, it misses undocumented immigrants or
temporary legal migrants and does not include data about individuals who did not migrate to
the US. The results of this paper apply to the specific subset of legal permanent residents. On
the other hand, the main advantage of the NIS is that it has information on pre-migration
outcomes of immigrants, which data sets that are more representative of the migrant population

do not have.

As mentioned above, the response rate in round two of the NIS was low. This drawback
could reduce the precision of parameter estimates and the ability to make inferences, although
it does not necessarily introduce bias (Jasso et al., 2017). To get a sense of the potential
selection (on observable characteristics) of respondents and non-respondents, | estimated a
Probit regression of the probability of participating in round two. The results (shown in Table
4) include all the variables used in the estimations and dummies for the types of visas
immigrants had before becoming permanent residents. None of the main variables of interest
have a statistically significant impact on the probability of responding in the second round.
Only the variables related to immigrants who came to the U.S. under a refugee visa, Europeans,

and people with children were significant, but not at the 1% level.

% To avoid excess wording, I use throughout the text the phrases “only self/paid employment” in the home country,

with the understanding that | refer to the two reported pre-migration jobs available.
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3.2 Legal Permanent Residents and Selection

As explained above, legal permanent residents (LPRs) are a particular type of legal
immigrant. In the first part of this subsection, | describe the main characteristics of this
migratory status based mostly on the information from the Annual Flow Report of Lawful
Permanent Residents of the Department of Homeland Security (DHS, 2018). | then explain
how LPRs may differ from the general population of immigrants in the U.S. to get a sense of

the possible degree of selection of this group.

Legal permanent residents or “green card holders” are a subset of legal immigrants with
permission to live and work indefinitely in any place in the U.S., own property, and attend
schools and universities. LPRs are also allowed to join the Armed Forces and to apply for US
citizenship under certain requirements. In contrast, other individuals can travel legally to the
U.S. but with limitations to the amount of time they can stay in the country or the type of
activities they can perform (e.g. foreign students enrolled in American colleges), precluding in

many cases their integration to the US labor markets.

An individual can become a LPR through different channels. The most common ones
include being sponsored by a close family member who is either a LPR or a US citizen, being
sponsored by an employer for having certain skills, or being granted refugee or asylee status.
Likewise, an individual could already be in the U.S. under a different visa and then apply and
obtain LPR status or apply from abroad, obtain an immigrant visa, seek admission to the U.S.,

and become a LPR when admitted at a port of entry (also known as new arrival).

The EB-5 visa is one of the few options for immigrants willing to open a business in the

US. It requires, among other things, to invest at least $1,000,000 and create a minimum of 10
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full-time jobs in two years. If the investments are made in some rural areas or places with high
unemployment rates, the minimum investment is $500,000. Around 7.1% of employment-
based immigrant visas every year are made available to individuals with the purpose of opening
businesses in the country. As an example, in the fiscal year of 2014 the US granted 8,773 of
such visas, 7,616 or 87% of which went to citizens of mainland China (Seals, 2015). The EB-
5 visa has been widely criticized since it is more restrictive than the immigrant
entrepreneurship visa that other countries have. In addition, it does not necessarily lead to
permanent residency or serves the purpose of promoting innovation. Many concerns have been
raised regarding the EB-5 visa as a way to “buy” permanent residency in the U.S. in a

fraudulent way?°.,

Legal permanent residents are not representative of the population of immigrants in the US.
Lessem and Sanders (2018) documented, using the full sample of immigrants in the 2003
Current Population Survey, that only 45% of all immigrants in the U.S. have attended college.
In contrast, almost 60% of individuals in my sample came to the U.S. with at least thirteen
years of schooling. Hendricks and Schoellman (2017) found evidence of immigrants’ selection
on education and wages by comparing their NIS sample to data from the 2004 American
Community Survey. Likewise, they found that individuals from poor countries were more
selected on these variables than immigrants from developed nations. With the caveat that LPRs
are a selected group, it is worth mentioning that the role of pre-migration characteristics on
post-migration outcomes is still an open question and so far, only the NIS data allows

researchers to study the relationship between these two variables.

10 See Funcheon (2019) for an example of a news article involving fraudulent claims related to the EB-5 visa involving

Chinese citizens.
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3.3 Descriptive Statistics
The main sample consists of 3,529 immigrants with pre- and post-migration information.

Table 1 presents the distribution of job types held by immigrants before and after they came to
the US. The fraction of individuals who worked as entrepreneurs in the U.S. is lower than the
fraction that did in their home countries. For example, 6.9% of immigrants worked only in
self-employment before moving to the U.S., compared to 4.2% who did after migrating.
Likewise, while 8.1% of individuals came with work experience in both sectors, only 7.7%
had both types of occupations in the US.

Table 2 shows the mean values in percentages of the main variables considered in the paper.
Close to 88% of all immigrants (3,109 out of 3,529) worked only for wages in the US. The
remaining 420 individuals worked in self-employment at some point but could have worked in
the paid employment sector too'!. The first three rows present the distribution of home country
jobs by sector. A larger fraction of immigrants that chose entrepreneurship in the U.S. have
home country self-employment experience compared to individuals working in paid
employment after migration. 11.43% of entrepreneurs in the U.S. worked only in self-
employment before moving and 12.38% did in both sectors. In contrast, only 6.27% of wage
workers in the U.S. worked solely in self-employment and 7.49% did in both sectors before
moving.

Two variables associated with immigrants’ human capital are their education levels and
their proficiency in the language spoken in the receiving country. As seen in Table 2, a higher

fraction of individuals working in the paid employment sector in the U.S. have more than high

11 | consider these two groups since the sub-samples of individuals working only in self-employment jobs after
migration or in both sectors are small to include the two categories separately.
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school education from their home countries, since 60.47% of them do compared to 50.48% of
immigrants working in self-employment. Likewise, individuals who worked in paid
employment after migration have, on average, better English skills than self-employed
workers, since a larger fraction reports speaking and/or understanding the language well or

very well.

The last four columns of Table 2 show the distribution of immigrants’ regions of origin. Of
the immigrants that only worked in the paid employment sector in the U.S., the highest fraction
(around a third) were from Asian countries, while approximately 30% came from Latin
America and the Caribbean. In the case of entrepreneurs, the majority came from either Latin
America and the Caribbean (close to 40%) or “Western” countries/regions like Europe,
Canada, or Oceania (26.90%).

Table 3 shows the average age and number of years since immigrants left their home
countries broken down by the sub-samples for each US job. These are the two time-varying
variables considered in the paper. The round one job corresponds to the 2003/2004 occupation
whereas the round two job refers to the one reported in 2007 to 2009 when the second wave of
the NIS was conducted. Some immigrants came to the U.S. before the first round took place;
the category Pre-2003 job pertains to the occupations they had when they first came. The
average age of immigrants in self-employment was higher in all jobs. Regarding years since
migration, entrepreneurs came to the U.S. earlier than wage workers in all jobs.

Figure 1 shows the distribution of the visa types that people in the sample had before
obtaining their green card. The visa type that the highest percentage of individuals in wage or
salary occupations had prior to obtaining permanent residency was employment. This is not

surprising since one path to get a green card is being sponsored by a firm through employment
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preferences. In the case of individuals in self-employment, around a third came under a family-
sponsored visa. A family visa does not restrict the type of occupation that a person may have
(in terms of paid or self-employment), thus allowing immigrants to choose their preferred

sector freely.

4. Econometric Framework

4.1 Sector Choice

To empirically analyze the probability that an immigrant i is self-employed in the U.S. at
time t, | estimate probabilistic regressions of the general form below exploiting variation in the
occupational choice decisions of individuals over time:

Yie = Bo + .31Diste + .Bszte_pe + Xi,ty + A+ A+ €& (1)

where yit equals one if the person works in self-employment and zero if in paid

employment, Di*® is a binary variable equal to one if the immigrant only worked in self-

employment at home, Di® *° is a dichotomous variable equal to one if the person worked in

both paid and in self-employment before migrating, and X is a vector of observable
characteristics.

In X;;I include age and its square, gender, the number of years since the person left their
home country, a dummy for having a family visa prior to becoming a permanent resident, and
an indicator for having children before moving to the United States. Additionally, | control for
human capital in X;; by including an indicator for having at least thirteen years of education
obtained in the home country, and a binary variable for having good English skills?. | also

include region fixed effects (4r) to account for variation in self-employment rates across

12 Check Appendix B for the detailed definitions.
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different parts of the world. Finally, | add time fixed effects (1) to control for changes in other

factors over time, like macroeconomic conditions. it is an error term.
4.1 ldentification and Selection-Corrected Earnings Regressions

The estimation of earnings regressions is challenging since individuals do not randomly
choose their occupation. If agents endogenously decide to work in paid or in self-employment
based on their comparative advantage in either activity, OLS earnings estimates would be
biased due to non-random selection. One common way to deal with this problem is through
the use of exclusion restrictions or variables that determine selection (in this case the
probability of choosing self-employment in the U.S.) but not the outcome (here earnings) as in
(Heckman, 1979)%3. Another option is to include independent variables with a large support.
Unfortunately, finding suitable instruments, exclusion restrictions, or large support variables
is very difficult or impossible in practice. In this paper, | follow a novel procedure proposed
by D’Haultfceuille et al. (2018) that does not require instruments, exclusion restrictions, or
large support regressors, is distribution-free, and performs well in small samples. Identification
is mainly based on the testable condition that selection becomes independent of the covariates
for large values of the outcome.

| introduce here the main features of the estimation approach and the identifying
assumptions. A more detailed explanation of the algorithm and model can be found in
D’Haultfeeuille et al. (2018) and D’Haultfceuille et al. (2013), from which this subsection is
based. Let Y * be the outcome of interest and X = (X1, X2) a vector of covariates excluding the

intercept. The researcher only observes D, Y = DY *, and X, where D is the selection dummy.

13 Alternatively, one can estimate earnings by maximum likelihood. Identification in such case relies on distributional

assumptions about the error terms that do not necessarily hold or can be credibly tested.
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The main interest is to estimate the average marginal effects of each variable in vector X1 on
Y+, Thus, we can write the outcome equation as:
Y'=Xip +¢€ (2)
The objective is to identify and estimate £1. To achieve this goal, the following two main
assumptions are needed**:
Assumption 1 Homogeneous effect of X

For any 7 € (0, 1), the z-th conditional quantile of ¢ satisfies:
Qex (TIX) = Bo(7) + X2B2(7) (3)
Thus,
Qyix(T1X) = X1 By + Bo(7) + X28,(7) (4)
so that $1 is not a function of the quantile z. Notice that the support of the elements in X1 is not
restricted, and can contain binary variables. In other words, this assumption requires that a
subset of the explanatory variables has a homogeneous (quantile-independent) effect on
earnings, as in the standard OLS case.
Assumption 2 Independence at infinity
There exists h € (0, 1] such that for all x € Support(X),
3}i_)r?oP(Dz1|X=x,Y*=y)=h (5
This assumption says that for large values of the outcome selection becomes independent
of the covariates at infinity since h does not depend on x. The intuition is that, if selection is

endogenous, it can be expected that the effect of the outcome on selection will dominate the

14 An additional technical assumption about the tail and regularity of the residual is required. As explained by
D’Haultfeeuille et al. (2018), it is satisfied by most well-known distributions, in particular the logarithmic one used
here for the log of earnings.
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effect of the independent variables, for arbitrarily large values of the outcome. In this context,
the outcome is an immigrant’s earnings. The selection is the occupational choice made by the
person: to work in paid or in self-employment. In other words, what the assumption requires
is that there is a subset of individuals for which the income potential in one sector (say self-
employment) could be so high, that it is earnings and not the other variables (education, age,
gender, etc.) what drives the person to choose the sector.

Anecdotally, there are real-world examples of individuals that in principle were unlikely to
be successful entrepreneurs based on their low levels of education or limited English
proficiency, but were able to move from “rags to riches”. It was their potential and not the
other characteristics that influenced the sector selection, thus enabling the estimation of the
casual effect of the explanatory variables. While the technical assumption is that income goes
to infinity (and the analogy in my example of going from “rags to riches”), empirically, what
the algorithm requires is for there to be enough individuals in the upper tail of the earnings
distribution. Figure 2 shows the distribution of paid and self-employment log hourly earnings
(in 2003 dollars). The distributions are clearly distinct, and it can be observed that there are
individuals earning substantially more than the mean in both sectors.

D’Haultfeeuille et al. (2018) prove that under the assumptions above, 1 can be identified and
the estimator is consistent and asymptotically normal. The authors show that these assumptions
are testable since they imply that, for large quantile indices, the estimators of 1 obtained using
different quantile indices are very close. They construct a J-test to evaluate whether the conditions
are met. Their algorithm is based on extremal quantile regressions, in which the optimal quantile
is chosen to minimize both the variance and bias of the estimator.

| estimate different specifications of the earnings regressions in each sector k, where k is
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either paid or self-employment. | consider the main factors included in the Probit regressions
except the household variable associated with having children before migration. | estimate
different models since the estimation approach allows the researcher to choose which variables
belong to X1 (are quantile-independent) and there is no theoretical reason behind the decision.
Nevertheless, the J-test can be used to assess the validity of the different specifications.

For example, a model in which all of the independent variables have a homogeneous effect

on the outcome can be written as:
log(wk) = Bfbothse; + Xonese; + BXage, + BFage? + BEmale;, + BEyrs;,
+ Bryrsic + Bieng; + yed; + Biofamvisa; + BT + BR°R;
+ e (6)

To check the robustness of the results, | estimate three sets of models for earnings in each
sector. The specifications differ in terms of the variables that are chosen to have a
homogeneous effect on the outcome®,

As shown by D’Haultfeeuille et al. (2013), the extremal quantile approach can be applied
to the identification of generalized Roy models. This includes the estimation of models in
which individuals make decisions between sectors like the occupational choice model
presented here, and the estimation of earnings regressions as specified above. It is worth
mentioning that an implicit assumption associated with the independence at infinity condition
is that there exist factors that could make an individual very attracted to or productive in one
sector but not in the other. While it is possible that “high ability” individuals could be very

productive in either occupation, previous work has found that there are characteristics that

15 | also estimated additional specifications with different numbers of independent variables. The results were
very similar.
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could make an individual succeed in self-employment but not in paid employment and vice
versa. For example, Hamilton et al. (2019), in a study of personality traits and entrepreneurship,
found that entrepreneurs are different in multiple dimensions like socio-emotional skills. The
authors found that conscientiousness is profitable in paid employment but costly in self-
employment. While this trait (associated with paying attention to detail) may in principle be
helpful to run a business, it has also been linked to lack of self-indulgence and aversion to
ignoring rules, even if doing so could help improve business performance (as breaking rules

and taking risks could lead to innovations and higher profits).

5. Results

5.1 Self-Employment Determinants

Table 5 presents the results of different models of pooled Probit regressions of self-
employment in the U.S. The model shown in column (1) includes the two main variables of
interest with no additional factors: the first one is a dummy equal to one if the immigrant only
worked in self-employment before moving to the US. The second one is a dichotomous
variable equal to one if the person worked in both paid and self-employment in their home
country. The base category are individuals who only worked in the wage or salary sector before
migrating. These variables are meant to capture different degrees of self-employment
experience that a person can have from the home country. When included separately from any
other regressors, the two variables are statistically significant in explaining self-employment
in the US.

Although the experience variables are relevant when considered in isolation, it could be
that their impact vanishes or reduces when including other factors that could influence

entrepreneurship in the US. The specification in (2) in Table 5 considers a model in which, in
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addition to foreign work experience, | control for age, gender, and years since the person left
their home country (and their squares). Age is meant to account for differences in the
propensity to become an entrepreneur over different stages of the life of an individual. Years
since the person left the home country captures other factors associated with time in the US.

Years since migration is related to assimilation in terms of culture, acquisition of valuable
human capital, and the development of networks. On the other hand, it could also serve as a
proxy for asset accumulation or access to the financial resources necessary to open a firm. Both
age and years since migration could have a non-linear impact on the probability of becoming
an entrepreneur. For this reason, | include square terms to assess whether their impact is
concave or not. The results in model (2) show that age does not have a statistically significant
influence on the probability of self-employment. However, years since migration has a positive
(and quadratic) impact on US self-employment as expected. The addition of these variables
does not change the fact that home country experience is relevant at explaining
entrepreneurship in the US.

A third specification adds, to the variables included in model (2), English skills and
education. These variables measure two important dimensions related to an immigrant’s
human capital. Education has a statistically significant and negative coefficient as can be seen
from model (3). This suggests that some immigrants could be choosing self-employment
because they lack the skills or qualifications (like diplomas) required to obtain a salaried job.
The positive and statistically significant role of pre-migration work experience remains.

Model (4) incorporates dummy variables of regions of origin to take into account
differences in the probability of entrepreneurship based on where a person is from, as barriers

to entering the self-employment sector may vary across regions. The specification also controls
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for whether the individual had children prior to coming to the US. Relative to Asian immigrants
(the base category), individuals from Latin America or the Caribbean, and Europe, Canada, or
Oceania*® are more likely to engage in self-employment in the US.

The last version, shown in model (5), controls for different periods of time to take into
consideration any macroeconomic factors that could have changed over time and might affect
individuals’ occupational choices (recall that the second wave of the NIS took place during the
big financial crisis). | also add a dichotomous variable for whether the immigrant had a family
visa before obtaining a green card. The coefficient associated with this variable is positive and
strongly significant. The impact of pre-migration work experience remains statistically
significant and positive after controlling for a variety of different elements that have been found
to be important in other studies of entrepreneurship.

The results from the last column in Table 5 illustrate that the impact of home country jobs
is economically considerable. Relative to individuals who only worked in paid employment
before moving, immigrants who were only entrepreneurs at home were around 6.8 percentage
points more likely to be self-employed in the U.S., while individuals who worked in both
sectors were approximately 4.7 percentage points more likely (the unconditional probability of
self-employment in the U.S. was 11.9%). This could suggest that individuals may have
acquired skills or preferences for self-employment not only by working in this sector but also
by trying both types of occupations before moving. In addition, immigrants who left their home
countries longer time ago, came with better English skills, and had a family visa before

obtaining permanent residency were more likely to choose entrepreneurship in the US.

16 Coefficients on these variables are not included in the table due to space constraints.
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5.2 Post-Migration Earnings

A first examination of whether pre-migration work experience affects earnings in the U.S.
is shown in Table 6, which contains the results of Ordinary Least Squares (OLS) earnings
regressions of self-employment. Notice that the coefficients of entrepreneurship experience
from the home country are all positive, but not statistically significant. The opposite sign is
observed for pre-migration work experience in both sectors as the coefficient of the second
variable is negative in all models. In general, a positive association between education and
English skills on earnings is seen across specifications, although the effects are only significant
for schooling.

Table 7 presents the results of OLS paid employment earnings regressions. A robust finding
across all specifications is that having worked in the self-employment sector before moving to
the U.S. is associated with lower paid employment earnings growth in the U.S. compared to
people who only had pre-migration salaried jobs. In addition, age and the number of years
since the person migrated impact wages/salaries in the form of an inverted U-shape. Likewise,
having good English skills and higher levels of schooling positively influence earnings in the
US. The regression in (5) controls for both period and region of origin fixed effects. Immigrants
from Latin America or the Caribbean, European, and African countries tend to have lower
wages than Asians (the base category)®’, as do individuals who had a family visa before getting
a green card.

The OLS earnings regressions in Table 6 evince that foreign work experience does not
have, in general, a statistically significant impact on self-employment earnings. However, both

variables have a negative and very significant influence on paid employment earnings across

17 The results are not shown in the table for space reasons.
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the different specifications. The omitted category of pre-migration work experience are people
who only worked in the wage sector. Hence the negative coefficients mean that individuals
who worked in self-employment (either uniquely or at some point before migrating) earn less
in paid employment relative to immigrants who were only salaried workers at home. The
results from the OLS regressions, nevertheless, are naive in the sense that they ignore
endogenous sector selection.

Table 8 shows the results of different models of self-employment earnings estimated through
the extremal quantile approach. | present three specifications to test whether the qualitative
conclusions hold if some coefficients are allowed to vary by quantile®®. The specification in (1)
only considers homogeneous effects of the pre-migration experience variables. In this case, both
have a positive impact on earnings but only self-employment at home is statistically significant.
A second model takes as independent all the variables except the ones associated with region and
time effects. Interestingly, the significance and magnitude of the experience variables are very
similar to those in model (1). Education, age, and gender are also significant and of the expected
sign.

The last column in Table 8 corresponds to a model in which only the time effects vary by
quantile. Now, the pre-migration work experience variables do not have a statistically
significant impact on self-employment earnings. In addition, having more years of schooling
carries a premium for entrepreneurial earnings. This was also the case in the OLS regressions,
albeit the impact is stronger after controlling for endogenous selection both in terms of

magnitude and degree of statistical significance. Despite influencing entry into self-

18 1 also estimated alternative models using fewer explanatory variables as in the case of the Probit and OLS
regressions. The results were very similar.
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employment (as seen by the results in Table 5), having a family visa does not entail an earnings
premium.

Table 9 presents the results of different models of paid employment earnings. The first
column shows that the home country work experience variables influence earnings negatively
when considered in a model in which these are the only covariates with homogeneous effects.
In the model in the second column the pre-migration variables do not impact earnings, while
the other regressors have the expected effect: education and schooling have a positive and
significant impact on earnings, and older, male, and more assimilated individuals enjoy higher
incomes.

The last column of Table 9 shows the results of a specification in which only the period
variables have a quantile-dependent effect. The findings of this model are very similar. The
home country (self-employment) experience variable has a negative impact on US earnings as
in the case of the OLS estimations, as well as a similar magnitude. Age and the number of
years since the person left their home country have a positive and quadratic effect on earnings.
Likewise, good English skills and more years of schooling impact wages positively, and the
effects are stronger than in the OLS case.

5.3 Discussion

In summary, the results show that pre-migration work experience is a significant
determinant of the occupational choices of legal permanent residents in the United States.
However, work experience from the home country does not appear to significantly enhance
earnings after migration. Previous research on self-employment has found that individuals that
choose entrepreneurship may opt into this sector because of the non-pecuniary benefits

associated with it (Hamilton, 2000; Hurst and Pugsley, 2011). It could be the case that
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immigrants who had a business before coming to the U.S. may have developed a preference
for working in self-employment and thus have a higher probability of choosing this sector after
migrating. If home country occupation was only affecting an individual’s preferences but not
their income potential, then an impact on post-migration earnings should not be expected.

The findings of this paper could also be explained by the fact that immigrants may face
difficulties exploiting their human capital in a host country. It is possible that immigrants’
skills might not transfer perfectly after they move, since they could face barriers to entry (like
licensing, discrimination, patents, or accreditation) precluding them from fully exploiting their
potential in a new country. Likewise, skills acquired abroad may not be (as) valuable in the
US. Hendricks and Schoellman (2017) using the NIS data, documented limitations to skills’
transferability across borders. They found that most immigrants moved to lower-paying jobs
in the U.S. relative to the occupations they had back in their countries of origin, which
generally limited their post-migration earnings.

The paper’s results are consistent with the possibility that immigrants working in self-
employment could have been forced into this sector due to the lack of necessary skills
demanded by salaried occupations or because they were of the “low ability” type. Recall that
close to 40% of individuals in self-employment in my sample are from Latin America or the
Caribbean. In this region of the world, self-employment is usually associated with the informal
sector and the absence of options in paid employment for individuals with below average levels

of schooling.

30



6. Conclusions

Immigrant entrepreneurship in the United States has increased substantially over the last
four decades. In this paper, | studied the impact of pre-migration work experience of legal
permanent residents in the U.S. on their post-migration labor market outcomes. Making use of
a novel data set, | assessed whether home country paid and self-employment experience
influence immigrants’ occupational choices and earnings in the US. Most of the previous
research has not analyzed the link between home and host country jobs of immigrants. To my
knowledge, this is the first paper to study the relationship between home country self-
employment experience and earnings of immigrants in the US.

| find that home country work experience is an important determinant of self-employment
in the US. Pre-migration experience, in contrast, does not appear to enhance post-migration
earnings considerably after controlling for sector selection. This could be due to an imperfect
transferability of human capital across borders, the sorting of individuals into occupations in
which they developed a preference from the home country but do not have a comparative
advantage in terms of income potential, and/or selection of “low ability” agents into self-
employment. Instead, variables associated with human capital like schooling and better English
skills play a more relevant role in explaining earnings. Why exactly this is the case and how the
results could be different for other immigrant groups (like the undocumented population) are

questions left for future research.
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Tables and Figures

Table 1: Pre- and Post-Migration Jobs

Home country job United States job

Paid Employment 3,001 3,109
Fraction 0.850 0.881
Self-employment 243 148

Fraction 0.069 0.042
Paid and Self-employment 285 272

Fraction 0.081 0.077
Number of individuals 3,529 3,529

Notes: this table shows the type of job held by individuals before and after migrating to the
US. The first row of each group corresponds to the number of immigrants. Calculations are
my own based on data from the New Immigrant Survey (NIS).
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Table 2: Descriptive Statistics

Variable P.E. inthe US S.E.inthe US All

self-emp. before US 6.27 11.43 6.89
paid and self-emp. before US 7.49 12.38 8.08
paid emp. before US 86.24 76.19 85.03
more than 12 years of schooling before US 60.47 50.48 59.28
good English skills 57.86 53.33 57.33
male 59.54 62.38 59.88
had children before migrating to the US 40.75 41.90 40.89
from Latin America and the Caribbean 29.36 40.24 30.66
from Europe, Canada, and Oceania 21.84 26.90 22.44
from Asia 34.19 22.38 32.79
from other countries 14.60 10.48 14.11
Number of individuals 3,109 420 3,529

Notes: this table shows the mean values or percentages of the main variables used in the paper. The statistics are
broken down for the sub-samples of individuals who worked only in paid employment in the U.S. (first column)
and the ones who worked in self-employment at some point after migration (second column). See Appendix B for
a description of each variable. Calculations are my own based on data from the New Immigrant Survey (NIS).

Table 3: Descriptive Statistics by Round

Pre-2003 Job Round 1 Job Round 2 Job

P.E. SE. PE. SE. P.E. S.E.
years left home  3.18 4.05 744 1283 1093 13.38
age 30.62 3298 37.02 40.75 4184 4295
N 1,828 108 2,642 204 1548 228

Notes: this table shows the mean values or percentages of the time-varying variables
used in the paper. The statistics are broken down for the sub-samples of individuals
who worked only in paid employment (P.E.) in the U.S. and the ones who worked in
self-employment (S.E.) at some point after migration. See Appendix B for a description
of each variable. Calculations are my own based on data from the New Immigrant

Survey (NIS).
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Table 4: Probit Regression of Round Two Participation
Marginal Effects

only self-emp. before US 0.0150
(0.0385)
paid and self-emp. before US 0.0219
(0.0347)
age -0.000454
(0.00138)
years left home 0.00162
(0.00144)
male -0.0311
(0.0198)
good English -0.00326
(0.0232)
more 12 years educ. home 0.0167
(0.0222)
European 0.0569+
(0.0282)
African 0.0409
(0.0355)
Latino 0.0265
(0.0285)
had children before mig. 0.0552**
(0.0249)
family visa -0.0358
(0.0310)
employment visa 0.0360
(0.0338)
diversity visa 0.0180
(0.0405)
refugee visa -0.0928+
(0.0422)
N 2,845

Notes: the dependent variable is a dummy equal to one if an
individual in the round one sample was also part of the round two
sample, and 0 if an individual was in the first round sample but not
in the second one. Coefficients correspond to marginal effects.
Standard errors in parentheses. See Appendix B for a description
of each variable. Calculations are my own based on data from the
New Immigrant Survey (NIS). Asians are the base category for
regions and other visas for visa types. * p < 0.1, = p < 0.05, = p <
0.01.
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Figure 1. Immigrant Self-Employment by Visa Type
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Notes: this figure shows the distribution of visas immigrants had prior to obtaining legal permanent
residency by the type of job held in the US. Employment includes employment preference visas.
Family includes spouses, children or parents of US citizens, spouses of permanent residents, or
family fourth preference visas. Refugee includes refugees, asylees, or parolees. Other includes
legalization and any other type of visa (except diversity). Calculations are my own based on data
from the New Immigrant Survey (NIS).
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Figure 2: Log Hourly Earnings Distributions
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Notes: the figures above show the distribution of log hourly earnings in 2003 US dollars of post-migration jobs
calculated from NIS data. The top panel corresponds to self-employment and the bottom panel to paid
employment. The sample is restricted to individuals earning at least $1 an hour.
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Table 5: Determinants of Immigrant US Self-Employment

1) ) ®3) (4) (5)
only self-emp. before US 0.0831+ 0.0773*+  0.0659  0.0704-+  0.0681"
(0.0176)  (0.0172)  (0.0166)  (0.0169)  (0.0166)
paid and self-emp. before US ~ 0.0622*  0.0554**  0.0510*+  0.0494*=  0.0470**
(0.0156)  (0.0153)  (0.0149) (0.0148)  (0.0146)
age/10 0.0206 0.0307 0.0391 0.0621*
(0.0235)  (0.0235)  (0.0240)  (0.0248)
age sq./100 -0.000986 -0.00230  -0.00320  _0.00607**
(0.00285) (0.00285) (0.00286) (0.00293)
years left home/10 0.0809++  0.0787++*  0.0724*+  0.0750***
(0.00976) (0.00983) (0.0103)  (0.0111)
years left home sg./100 -0.0153*+ -0.0146*+ -0.0134** -0.0139***
(0.00277) (0.00278) (0.00279)  (0.00298)
male -0.00348  -0.00184 -0.000456  0.00311
(0.00692) (0.00690) (0.00689) (0.00686)
good English -0.0103  -0.00190  -0.00175
(0.00766) (0.00780) (0.00781)
more 12 years educ. home -0.0209++  -0.0161**  -0.0150*
(0.00765) (0.00778) (0.00772)
had children before mig. 0.00336 0.00369
(0.00871) (0.00872)
family visa 0.0224+++
(0.00824)
region of origin controls NO NO NO YES YES
time fixed effects NO NO NO NO YES
N 6,753 6,558 6,558 6,558 6,558

Notes: this table shows the results of pooled Probit regressions of immigrant entrepreneurship. The dependent
variable is a dummy equal to one if the person worked in self-employment and zero if in paid employment. Standard
errors in parentheses. See Appendix B for a description of each variable. Calculations are my own based on data
from the New Immigrant Survey (NIS). *p < 0.1, **p < 0.05, *= p < 0.01. Estimates correspond to marginal effects.
Asians are the base category for regions.
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Table 6: Pooled OLS Earnings Regressions: Self-Employment

1) ) ®) (4) ()
only self-emp. before US 0.00906  0.0887 0.122 0.143 0.154
(0.177)  (0.172) (0.169) (0.172) (0.172)
paid and self-emp. before US -0.117 -0.265 -0.212 -0.190 -0.164
(0.177)  (0.180) (0.178) (0.182) (0.183)
age/10 0.998++  0.803* 0.812~ 0611
(0.352)  (0.355) (0.359) (0.371)
age sqg./100 -0.124=+  -0.103** -0.104** -0.0845*
(0.0420) (0.0419) (0.0423) (0.0432)
years left home/10 0.229 0.294+ 0.305+  0.0878
(0.156)  (0.159) (0.164)  (0.180)
years left home sg./100 -0.0313  -0.0469 -0.0513 -0.00551
(0.0411) (0.0411) (0.0423) (0.0451)
male 0.430**  0.353** 0.348** 0.324**
(0.110) (0.111) (0.112) (0.111)
good English 0.158 0.146 0.177
(0.115)  (0.121)  (0.121)
more 12 years educ. home 0.291=  0.282*  0.276*
(0.116)  (0.124)  (0.123)
family visa -0.0666
(0.114)
region of origin controls NO NO NO YES YES
time fixed effects NO NO NO NO YES
constant 2. 732% 0.412 0.597 0.551 0.816
(0.0610) (0.687)  (0.688)  (0.736) (0.748)
N 330 323 323 323 323

Notes: standard errors in parentheses. See Appendix B for a description of each variable. Calculations are
my own based on data from the New Immigrant Survey (NIS). * p < 0.1, ** p < 0.05, ** p < 0.01. Asians

are the base category for regions.
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Table 7: Pooled OLS Earnings Regressions: Paid Employment

1) ) 3) (4) (5)
only self-emp. before US -0.413=+  -0.425*+  -0.182*+  -0.143*+  -0.135*
(0.0471) (0.0456)  (0.0422) (0.0413)  (0.0409)
paid and self-emp. before US  _0.146*+ -0.147*** -0.0379 -0.0282 -0.0100
(0.0422) (0.0410) (0.0375)  (0.0366)  (0.0362)
age/10 0.896* 0.702+ 0.652+** 0.530%
(0.0749)  (0.0689)  (0.0677)  (0.0694)
age sq./100 -0.117*  -0.0867** -0.0833** -0.0692***
(0.00936) (0.00860) (0.00844) (0.00861)
years left home/10 0.325%** 0.320+ 0.355*+ 0.302+
(0.0322)  (0.0298)  (0.0295)  (0.0311)
years left home sg./100 -0.0579*+ -0.0656*** -0.0695** -0.0587***
(0.00983) (0.00901) (0.00885) (0.00910)
male 0.217++ 0.210* 0.225*** 0.212*
(0.0221)  (0.0201)  (0.0197)  (0.0198)
good English 0.444x 0.405+ 0.415+
(0.0224)  (0.0227)  (0.0227)
more 12 years educ. home 0.357* 0.296** 0.280**
(0.0223)  (0.0225)  (0.0223)
family visa -0.195%*+
(0.0229)
region of origin controls NO NO NO YES YES
time fixed effects NO NO NO NO YES
constant 2.618=+  0.721* 0.499+*+ 0.817*+ 1.003***
(0.0120)  (0.141) (0.129) (0.130) (0.136)
N 5,025 4,901 4,901 4,901 4,901

Notes: standard errors in parentheses. See Appendix B for a description of each variable. Calculations are my own
based on data from the New Immigrant Survey (NIS). * p < 0.1, = p < 0.05, *** p < 0.01. Asians are the base

category for regions.
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Table 8: Extremal Quantile Earnings Regressions: Self-Employment

Variable/Model @ 2 3
only self-emp. before US 0.6400*  0.6400* 0.5626
(0.3203) (0.3619) (0.3495)
paid and self-emp. before US 0.0214 0.0214 -0.0414
(0.2234) (0.2345) (0.2535)
age/10 0.9178*  0.7864
(0.4685)  (0.5301)
age sq./100 -0.1367+ -0.1250*
(0.0567)  (0.0624)
years left home/10 0.1659 0.2439
(0.2736)  (0.2772)
years left home sg./100 -0.0186  -0.0322
(0.0746) (0.0737)
male 0.3136**  0.3339*
(0.1567)  (0.1564)
good English 0.1318 0.0870
(0.1664)  (0.1916)
more 12 years educ. Home 0.3556**  0.4443*~
(0.1550) (0.1510)
family visa -0.0901  -0.1360
(0.1383)  (0.1520)
region of origin controls YES YES YES
time fixed effects YES YES YES
J-test (p-value) 0.5365 0.4553 0.6514
N 323 323 323

Notes: the dependent variable is log hourly earnings in 2003 US dollars. The
covariates shown under each model correspond to the variables that are quantile-
independent (except in the case of time fixed effects). Standard errors in
parentheses. See Appendix B for a description of each variable. Calculations are
my own based on data from the New Immigrant Survey (NIS).
*p<0.1,*p<0.05, = p <0.01. Asians are the base category for regions.
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Table 9: Extremal Quantile Earnings Regressions: Paid Employment

Variable/Model (1) (2 3
only self-emp. before US -0.1011*x -0.0657  -0.1342x%x
(0.0453) (0.0459) (0.0628)
paid and self-emp. before US -0.0025  0.0397 0.0641
(0.0424) (0.0424) (0.0722)
age/10 0.5269x**  0.5796%*x
(0.0780)  (0.1553)
age sqg./100 -0.0681**x  -0.0722xxx
(0.0091) (0.0188)
years left home/10 0.3527x%%  0.2447 +xx
(0.0444) (0.0671)
years left home sg./100 -0.0622x* -0.0319%x
(0.0138) (0.0191)
male 0.2292%*x  0.2750%*x
(0.0181)  (0.0335)
good English 0.5113*x*  0.5515%*x
(0.0443)  (0.0511)
more 12 years educ. home 0.3988xx**  0.4086%**
(0.0410)  (0.0509)
family visa -0.1744%xx  0.2113%*x
(0.0252) (0.0471)
region of origin controls YES YES YES
time fixed effects YES YES YES
J-test (p-value) 0.5365 0.4553 0.6514
N 323 323 323

Notes: the dependent variable is log hourly earnings in 2003 US dollars. The
covariates shown under each model correspond to the variables that are quantile-
independent (except in the case of time fixed effects). Standard errors in
parentheses. See Appendix B for a description of each variable. Calculations are
my own based on data from the New Immigrant Survey (NIS).
*p<0.1,*p<0.05, ** p < 0.01. Asians are the base category for regions.



Appendix A Sample Selection

The New Immigrant Survey (NIS) was conducted in two waves. The first round took place
between 2003 and 2004 and sampled immigrants obtaining legal permanent residency in those
years, their spouses, and some of their children. A subsequent round was done between 2007
and 2009. This paper uses information on the sample of main immigrants. The NIS intended
to interview around 12,500 main immigrants and had a success rate of approximately 68.6%
since 8,573 individuals participated in the first wave.

From the initial sample of 8,573 immigrants, one observation is lost as the number of years
of education reported is not valid. 40 additional individuals are dropped since age information
was not provided. Two persons do not have data on country or region of origin and hence are
discarded. 26 additional observations are lost due to missing information on schooling. Since
the main goal of this paper is to analyze the role of pre-migration labor market experience, |
only consider people who worked at some point before migrating to the US. This results in a
loss of 3,449 observations.

After keeping the sample with home country labor market outcomes (5,055 people), |
discard individuals with missing information on sector of employment (before and after
migrating), English skills, and year when they left the home country. In addition, | do not
include individuals with inconsistent job start dates or who reported working in a country other
than the U.S. after moving. Furthermore, | perform the analyses on working age individuals

(18 to 65 years old). The restrictions above result in a sample of 3,529 persons.
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Appendix B Variable Descriptions

This section presents the definitions and construction of the variables used in the
estimations. The data are from the New Immigrant Survey (NIS).

Age measured in years and divided by 10 in the estimations. The analyses are restricted to
individuals between 18 and 65 years old.

English skills Good English is a dummy equal to one if at least one of the following two
possibilities is met:

1. The individual answered no to the question: have you ever spoken any language other
than English?

2. The individual answered very well or well to the questions: how well do you understand
spoken English?, and, how well would you say you speak English?

The variable is equal to 0 if the answers to the questions in two were not well or not at
all.

English questions were only asked in the NIS at the time of the 2003/2004 survey. For this
reason, the level of English proficiency is assumed to be constant across the different job spells.
Arguably, one would expect changes to English skills over time. The changes would probably
be less pronounced between the first and the second round jobs than between the first job after
migration and any round job (if the person came to the U.S. long time ago), since the maximum
number of years between the two rounds is six. In addition, one would expect immigrants to
have better or equal English skills in 2007/2009, after living more time in the US.

Visa types The public-use NIS data set contains information on the broad categories of visas
through which immigrants later became legal permanent residents. Each category corresponds

to a grouping made by the NIS based on the more disaggregated visa information provided to
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them by the U.S. Citizenship and Immigration Services (USCIS) formerly the Immigration and
Naturalization Service (INS). The broad categories are:

1. Other

. Spouse of US citizen

. Spouse of legal permanent resident
. Parent of US citizen

Child of US citizen

. Family fourth preference
Employment preferences

. Diversity immigrants

© N o U A W N

. Refugee/asylee/parolee
10. Legalization

In the paper, | pool some of these categories and work with the following classification:

a. Family visas: includes 2 to 6 above
b. Employment visas: includes 7 above
c. Diversity visas: includes 8 above
d. Refugee visas: includes 9 above
e. Other visas: includes 1 and 10 above
Family visa In my analyses, | include a dummy variable equal to one if the person had a

family visa before becoming a legal permanent resident, and equal to zero if otherwise.
Self-employment in the U.S. Dummies for self-employment at the different US jobs are
defined as follows. Each variable takes the value of one if the individual indicated to be self-
employed and of zero if the answer was “working for someone else”.

Only self-emp. before U.S. Is a dummy equal to one if the immigrant only worked in self-
employment before moving to the U.S. and zero otherwise.

Paid and self-emp. before U.S. Is an indicator variable equal to one if the immigrant worked

in self-employment and in paid employment jobs before moving to the US.
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Countries and regions In the public-use NIS data set the country of origin of most immigrants
is disclosed, except for countries with very low numbers of individuals. For this subset, only
the region of origin is known. The countries included are: Canada, China, Colombia, Cuba,
Dominican Republic, El Salvador, Ethiopia, Guatemala, Haiti, India, Jamaica, Korea, Mexico,
Nigeria, Peru, Philippines, Poland, Russia, Ukraine, United Kingdom, and Vietnam.

Individuals from other countries (with low legal migration rates to the U.S.) are classified
by the NIS in one of the following categories: Europe and Central Asia; East Asia, South
Asia, and the Pacific; Other North America; Latin America and the Caribbean; African Sub-
Saharan; Middle East and North Africa; Oceania; and the Artic Region. | group countries into
the four regions defined below:

a. Europe, Canada, and Oceania: includes Canada, Poland, Russia, Ukraine, United
Kingdom, other countries in Europe and Central Asia, other in North America, and Oceania

b. Latin America and the Caribbean: includes Colombia, Cuba, Dominican Republic,
El Salvador, Guatemala, Haiti, Jamaica, Mexico, Peru, and any other country in this region

c. Asia: includes China, India, Korea, Philippines, Vietnam, and other countries in East
and South Asia and the Pacific

d. Other: includes Ethiopia, Nigeria, and African Sub-Saharan, Middle Eastern and North
African countries, and the Artic Region
Education abroad This is a dummy variable equal to one if the individual completed at least
13 years of education before moving to the U.S. and 0 otherwise.
Had children before moving This is a dummy variable equal to one if the immigrant had
biological children before moving to the U.S. and 0 otherwise.

Years since left the home country This variable is defined as the difference between the year
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the immigrant was interviewed (or the year they first worked after moving if asked about the
first job in retrospective) and the year the person said to have left their country of birth to live
in another country for at least 60 days. Close to 86% of all immigrants in the round one sample
said they moved to the United States. The variable is measured in years and divided by 10 in
the estimations.

Earnings Earnings in the three US jobs considered in the paper (first after migration, first
round, and second round job) are constructed as follows. First, 1 only keep earnings
observations when individuals reported the location of their job to be the US. Second, | make
use of the NIS-provided PPP earnings variables in current prices. Third, I convert all data to
2003 US dollars using CPI series from the FRED database of the St. Louis Fed*®.

The NIS allowed immigrants to report their income with a high degree of flexibility.
Individuals were given the option to indicate their earnings in their preferred currency and unit
of time (hour, week, every two weeks, month, year, or other). They were also asked about the
number of weeks in a year that they worked at a job and the usual number of weekly hours
worked at that job. In the case of individuals in self-employment, the NIS asked about their
earnings in their main job and their profits separately. With the information above, |
constructed hourly earnings for every individual and applied the natural logarithm for the

values used in the earnings regressions.

19 Available online at: https://fred.stlouisfed.org/categories/9
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