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Abstract

Retaining a diverse workforce is a persistent problem in elite firms. This paper investigates

how cross-race coworker interactions differentially influence retention and promotion rates for

Black, Asian, and Hispanic employees. Studying 11,776 newly hired employees in a professional

services firm, we first document a large Black-White turnover and promotion gap: Black em-

ployees are 7.6 percentage points (36.0%) more likely to turn over within two years of their

hire and 16.5 percentage points (24.4%) less likely to be promoted on time than their White

counterparts. Drawing on conditional random assignment of new hires to initial project teams,

we then show that a one standard deviation (12.7%) increase in the share of White coworkers

increases Black new hires’ turnover by 6.2 percentage points and reduces promotion by 4.7 per-

centage points. These effects are asymmetric in important ways: White employees are the only

racial group that negatively impacts turnover and promotion for Black new hires; and neither

White, Asian, nor Hispanic employees’ careers are shaped by the demographic composition of

their respective coworkers. This study shows that a one-size-fits-all approach to understanding

intra-organizational inequalities for Black, Asian, and Hispanic men and women may obscure

heterogeneous patterns of experiences and render those experiences invisible.
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1. Introduction
The underrepresentation of peoples of color in high-wage jobs, especially in leadership positions,

remains a significant problem (Bell Smith and Nkomo 2003; Tomaskovic-Devey and Avent-Holt

2019; Hancock et al. 2021). To address such organizational inequalities, researchers and practition-

ers have focused on “pipeline” interventions, such as debiasing recruitment and hiring practices, or

initiatives to diversify the applicant pool (Goldin and Rouse 2000; Behaghel et al. 2015; Bohnet

et al. 2016; Agan and Starr 2018; Abraham and Burbano 2021; Castilla and Rho 2021; Chang et al.

2020; Exley and Kessler 2022). Comparatively less scholarly attention has been paid to measur-

ing the impact of within-firm work practices on retention and promotion. Yet the demographic

composition of a firm’s workforce depends both on who enters the firm as well as who stays and is

promoted (Sørensen 2004).

In this paper, we focus on understanding how employees’ retention and promotion prospects are

shaped by organizational demography. Specifically, we study the impact of coworkers’ racial com-

position on employees’ retention and promotion rates in an elite, knowledge intensive firm, where

coworkers impact not only socialization but also success within the firm (Sherer 1995; Anderson-

Gough et al. 2000; Davenport et al. 2002; Cross and Parker 2004). Past studies often characterize

coworkers along one dimension—for example, as either dissimilar or similar—and report average

effects of dissimilar coworkers for all employees (Tsui and O’Reilly 1989; Elvira and Cohen 2001;

Zatzick et al. 2003; Giuliano et al. 2011; McGinn and Milkman 2013; Glover et al. 2017). We extend

this research by asking: Do all employees experience the same effects of dissimilar coworkers, or is

there heterogeneity in these peer effects?

To answer this question, we study the careers of 11,776 new hires over a seven-year period

(2014-2020) in a professional services firm with more than 50,000 employees. For all employees,

we accessed demographic information, such as age, education, and self-reported sex, race, and

ethnicity; turnover and promotion; as well as records of their office assignment, all the projects

they worked on, for how long, and—importantly for this study—with whom.

We first document large heterogeneities in retention and promotion by race, even after controlling

for office and individual characteristics: While 21.1% of White employees leave the firm within a

two year “up-or-out” window of their hire, the equivalent turnover rate for Black employees is

36.0% higher, at 28.7%1. Similarly, while 67.6% of White employees are promoted “on time” (i.e.,
1 We capitalize the words “Black” and “White” throughout this article. Capitalizing “Black” gives necessary weight

to an identity that has been pressed upon people of African descent and involves much more than color. Capitalizing
“White” affirms the racialization of a group and further removes the signaling (via lowercase “w”) of Whiteness as
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within two-and-a-half years on the job), that share is 51.1% (24.4% lower) for Black employees. To

be sure, whether or not turnover or promotion is desirable for any given employee is a-priori not

obvious (Sterling 2022). However, these aggregate differences by race so early in career trajectories

lend themselves to a deeper exploration of different experiences within the firm, especially by

organizational leaders.

What causes these differential turnover and promotion rates? We focus on one potential mech-

anism: employees’ coworkers. Specifically, we measure how the race of an employee’s coworkers

in the first few months of employment impacts turnover and promotion for Black, Asian, and His-

panic women and men. We focus on coworker effects early in one’s career for both substantive and

methodological reasons. Substantively, one’s early work experiences are particularly important in

determining one’s career outcomes, as these initial experiences can have imprinting effects that

persist over time (Briscoe and Kellogg 2011; Marquis and Tilcsik 2013; Tilcsik 2014; Rothstein

2021). Methodologically, this allows us to leverage exogenous assignment to one’s first project

teams to make causal claims about variations in one’s work environment: early in their careers,

employees have neither the ability nor the specialized skills or experience needed to influence the

project teams to which they are assigned; in addition, a central HR manager, and not the teams

themselves, is responsible for the allocation of new hires to teams with the primary goal of min-

imizing non-utilized time. We further verify quantitatively that the racial composition of initial

team assignments cannot predict the race and gender of the new hire.

We find that a one standard deviation (12.7 pp) increase in the percentage of White coworkers

on first teams is associated with a 6.2 percentage point increase in the likelihood of Black em-

ployee turnover within two years. Relatedly, a one standard deviation increase in the percentage

of White coworkers on first teams decreases the likelihood of a Black employee being promoted

on time by 4.7 percentage points. These effects are asymmetric in several important dimensions.

First, Black employees are the only numerical minority group to experience this negative impact

of team composition on their turnover and promotion: no impact of Whiter teams on Asian and

Hispanic employees’ retention and turnover is detected. Second, neither having more Asian cowork-

ers nor more Hispanic coworkers negatively affects Black employees’ likelihood of leaving or being

promoted. Third, White employees’ career outcomes are not affected by the racial composition of

their coworkers, regardless of which racial minority group we consider.

We find no evidence that Black employees work less or bill fewer hours than their Black coun-

the standard and norm.
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terparts in more diverse teams; this suggests that differences in output are likely not the main

cause of higher turnover for Black employees. Despite this, we note that Black employees – and in

particular Black women – whose teams have a higher share of White coworkers are more likely to

be labelled as low performers. Qualitative interviews corroborate and contextualize our findings:

only Black employees, and particularly Black women, reported numerous ways in which interacting

with their majority White coworkers negatively influenced their participation and the depth of their

professional relationships.

Our findings make several contributions. First, we offer the peer effects literature (Mas and

Moretti 2009) an estimate of the causal effect of coworkers on career attainment in high-wage jobs

by using longitudinal fine-grained administrative data. Second, we provide empirical evidence of

asymmetric coworker effects that are contingent on status, a theoretical perspective predicting that

not all employees will be similarly affected by their majority White colleagues (Hurtado 1989; Turco

2010). In particular, by revealing heterogeneity among Black, Asian, and Hispanic employees in

both career outcomes and peer effects, we show that a one-size-fits-all approach to understanding

intra-organizational inequalities in career attainment for employees of color obscures different pat-

terns of experiences or renders those experiences invisible. Third, our study provides management

practitioners with the practical insight that even seemingly neutral organizational staffing prac-

tices can result in post-hire dynamics that limit firm diversity and heighten costs associated with

developing and replacing human capital.

2. Related Literature
Across the social sciences, extant theories about race and gender inequalities in career attainment

have focused on what women and men of color lack: for example, human capital or skills (Becker

2009), access to valuable social capital or returns from homophilous social networks (McPherson

et al. 2001; Smith 2005; Fernandez and Fernandez-Mateo 2006), and perceived belonging and self-

efficacy (Bandura 1994; Baumeister and Leary 1995). Yet each of these individual characteristics

are produced in relationships with others (Tilly 1998). And, as Tomaskovic-Devey and Avent-Holt

(2019) state, “there is no such thing as an individual actor, absent the relationships he or she is

embedded within.” Thus, in this paper, we apply a relational perspective to understanding whether

and how other employees may shape career outcomes for peoples of color.

To do so, we lean on a vast interdisciplinary literature demonstrating that individual outcomes

are influenced by observable and unobservable characteristics of their peers, such as classmates or
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coworkers (Manski 1993; Hoxby 2000; Mannix and Neale 2005). For example, individuals’ perfor-

mance and productivity are measurably influenced by their higher-ability and higher-performing

peers, although this has primarily been studied in schools or low-wage work contexts (Sørensen

2004; Falk and Ichino 2006; Mas and Moretti 2009; Kaur et al. 2010; Cornelissen et al. 2017; Mas

and Pallais 2017; Golsteyn et al. 2021; Feld and Zölitz 2022). The share of demographically similar

professional peers—in terms of race and gender, two of the most prominently institutionalized cat-

egorical distinctions in U.S. society—also shapes individuals’ career outcomes (Tsui and O’Reilly

1989; Elvira and Cohen 2001; Zatzick et al. 2003; Sørensen 2004; Leonard and Levine 2006; Castilla

2011). The converse—that demographically dissimilar peers shape career outcomes—is also true.

Theories of similarity-attraction (Byrne 1971), social identity (Tajfel and Turner 2004), and social

contact (Allport 1954; Blau 1977) all suggest that working with a greater share of demographically

dissimilar coworkers heightens the salience of one’s difference and feelings of non-belonging, which

can increase turnover and decrease promotion by diminishing communication and social integra-

tion for minority group members in particular (O’Reilly et al. 1989; Tsui and O’Reilly 1989; Zenger

and Lawrence 1989; Jackson et al. 1991; Riordan and Shore 1997). Group competition theory

complements these perspectives by detailing how majority group members, typically Whites, enact

backlash and antagonistic behaviors toward minority group members when they perceive threats

to their group dominance (Blalock 1967).

Due to their relatively smaller group size in elite high-wage firms, all non-White employ-

ees primarily interact with White colleagues in established organizational cultures that maintain

advantage for White employees, the most dominant and privileged racial group in the United

States (Blumer 1958; Bobo 1999). However, by characterizing coworkers into two groups—for

example, as similar/dissimilar or majority/minority—previous studies on the effects of workplace

diversity obscure potentially heterogeneous effects for different race and gender groups, who are

endowed, in organizations, with different status values (Acker 1990; Bonilla-Silva 2017; Ray 2019).

Race, in particular, is a status-valued characteristic that shapes people’s expectations and evalua-

tions of their own and others’ performance, often exaggerating differences and reproducing stereo-

typic exchanges between individuals (Berger et al. 1977; Kanter 1977; Foschi 1996; Ridgeway and

Smith-Lovin 1999; Bordalo et al. 2019). Such group-based and relational dynamics of status, num-

bers, and organizational power create the interaction contexts for everyday social exchanges at

work, which Ibarra (1993) states “may have the greatest impact in shaping the nature of cross-

sex/cross-race relationships.”
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We posit that Black, Hispanic, and Asian women and men are likely to experience interac-

tions with high-status, majority White coworkers differently from each other. Differences in their

historical immigration experience to the United States have led modern racial groups to be sub-

ordinated along multiple dimensions, such as inferiority and cultural foreignness, which are often

reflected by differences in stereotype content (Kim 1999; Citrin and Sears 2014; Zou and Cheryan

2017). For example, stereotypes of Asian people as “model minorities” (Kao 1995; McGrady and

Reynolds 2012)—as equally or more competent than Whites—change interracial interaction con-

texts (Bergsieker et al. 2010). Similarly, Hispanic people are neither perceived as White nor Black,

and demonstrate greater social integration (e.g., in terms of residential segregation and intermar-

riage outside of pan-ethnic ingroups), and are less likely to have family connections to pre-Civil

Rights-era America than Black people (Bonilla-Silva and Glover 2004; Chavez 2013; Sears 2015).

Such hierarchical racial constructions can also shape other cross-group attitudes (e.g., Asians who

endorse the “model minority myth” and Hispanics, who identify more with Whites, hold greater

anti-Black attitudes (McClain et al. 2006; Park et al. 2015; Yi and Todd 2021)).

Asymmetric effects for Black employees. In the United States, a rigid and relatively imper-

meable boundary, or color line, separates Black and White people (Bourdieu and Wacquant 1999;

Omi and Winant 2018; Derenoncourt et al. 2022). To this day, Black women and men perceive

significantly more frequent discrimination and are four times more likely to report heightened group

consciousness than their Hispanic and Asian counterparts, providing evidence that the color line

separating White people from Black people remains more impermeable than the lines separating

White people from other minority groups of color (Bourdieu and Wacquant 1999; Brondolo et al.

2006; Landrine et al. 2006; Sears and Savalei 2006; Sears 2015; Omi and Winant 2018). Without

the power, status, or group size needed to change the interaction context in high-wage profes-

sions, routine daily interactions often call on Black employees to ensure their White coworkers feel

comfortable by managing their Black identity and adhering to racialized norms of emotional expres-

sions (Wingfield 2010), keeping silent when faced with racial bias, demonstrating their competence,

and upholding, conforming to, and enforcing interaction norms established by their higher-status

White colleagues (Wingfield and Alston 2014).

Further evidence documents the double disadvantage of Black women, whose experience is

shaped by the intersection of multiple subordinated identities (Hall et al. 2019; Petsko and Bo-

denhausen 2019). Indeed, Black women’s outcomes and experiences differ from those of other

members of their gender or racial categories (Crenshaw 1989; Bell Smith and Nkomo 2003; Settles
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2006; Purdie-Vaughns and Eibach 2008). Relative to Black men, for example, Black women are

underrepresented at the top of the corporate hierarchy, holding roughly 3% of Fortune 500 board

seats in 2020, and earn lower pay across the majority of occupations (Deloitte, LLP 2019). At

work, Black women are more often harassed than Black men, experiencing harassment related to

both sex and race (Berdahl and Moore 2006). Thus, Black women professionals’ interactions with

White coworkers are likely distinct from those of their Black male counterparts.

As such, a one-size-fits-all approach to understanding peer effects for employees of color may

obscure or render invisible different patterns of experiences that may have direct implications for

critical career outcomes like turnover and promotion.

3. Institutional Setting and Data

3.1. Institutional Setting

Field site. The field site for our research, which we refer to as ProfServ to protect its anonymity,

is a large knowledge-intensive global professional services firm that uses teams to advise clients

on a variety of projects. Typically, partners attract work, then deploy teams that include junior

employees to execute this work (Gilson and Mnookin 1985). New employees are assigned to their

first project teams by staffers whose primary responsibility is to manage resource allocation.

As both a knowledge producer for its clients and a prototype of a knowledge-intensive organiza-

tion itself, ProfServ is particularly well-suited to the study of elite careers (Suddaby and Greenwood

2001; Gardner 2012; McGinn and Milkman 2013). First, ProfServ is hierarchically structured, such

that junior professionals are required to demonstrate their value to the company (or leave) over

a specific time period early in their tenure, making the first few years of employment especially

important for career attainment (Kahn and Huberman 1988; Sherer and Lee 2002; Hewlett and

Luce 2006). Specifically, after two years, employees are expected to either receive promotions or

leave the company. Second, because work is organized in teams, which provide knowledge work

and knowledge sharing, experiences with coworkers impact not only one’s socialization but also

one’s success within the firm, which is critical for career mobility (Anderson-Gough et al. 2000;

Davenport et al. 2002; Cross and Parker 2004). Third, in this setting, human capital is the primary

asset and is expensive to develop and replace, making employee turnover costly (Sherer 1995; von

Nordenflycht 2010; Nishii 2012). Gallup estimates the cost of turnover ranges from 50% to 200%

of an employee’s annual pay (McFeely and Wigert 2019), a sizable amount for any organization,

but particularly for those with high wage employees. Fourth, with more than 50,000 employees,
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ProfServ is one of the largest firms in its industry, which allows us to include enough junior employ-

ees of various races and genders and sufficient turnover to be able to empirically test our research

questions.

Focus on new hires. As we note, the first two years at the firm are critical for long-term

success, and more broadly initial experiences can have imprinting effects that are persistent over

time (Briscoe and Kellogg 2011; Marquis and Tilcsik 2013; Tilcsik 2014; Rothstein 2021). From a

methodological standpoint, the allocation process of inexperienced new hires to teams at ProfServ

presents a crucial advantage. While tenured or experienced employees have some influence on the

projects they work on, inexperienced new hires—employees recruited directly from degree programs

with no prior experience (e.g., internships) at ProfServ—do not. Conditional on the office they are

hired into, which is defined as the geographic location (city) and department (business) in which

they work, the assignment to projects of these employees is as good as random. We confirm this

key feature of our design both qualitatively and quantitatively in Section 4.2. Thus, we focus on

describing and analyzing the career attainment and experience of new hires.

3.2. Data

Data for this study was sourced from seven years of ProfServ’s administrative employment data

and project billing records, from 2014 to 2020. From ProfServ’s administrative employment data,

we observe employees’ hiring dates, job changes (including promotions), exits, geographic location,

and the department to which they were assigned. Administrative data also contain employees’

self-reported racial identity2, sex3, and education history. From ProfServ’s project billing records,

we observe the universe of projects to which employees report billing their time at a monthly level.

Project billing data includes the number of hours each employee bills to a project, the type of

engagement, and whether the project is considered a business priority by ProfServ. We refer to

people who are working on the same project as coworkers who are part of the same project “team.”

A given employee may work on multiple team projects simultaneously.

Sample. ProfServ employs over 50,000 people, distributed across numerous U.S. cities and de-

partments. Figure I depicts the share of Black, Asian, Hispanic, and White U.S. employees by job
2 Similar to the Census, the administrative data we used asked employees to identify with panethnic categories, such

as Asian and Hispanic, that consolidate ethnic, tribal, religious, and national groups (Okamoto and Cristina Mora
2014). While the motivation and construction process for different panethnic categories vary, there is evidence
of growing panethnic identification and a sense of metagroup unity. We verified that the sample who does and
does not self-report their race do not differ on other observables, both pre-entry characteristics such as sex and
education and firm career trajectories, e.g., average turnover and promotion rates.

3 During our study window, newly-hired employees were required to self-report their sex at birth (male or female).
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level. At the most junior level of these jobs, which we term “Professionals,” fewer than half of all

employees are White, with Asian employees being the second largest group. Further racial stratifi-

cation is evident at more senior job levels, which we refer to as “Middle” and “Top” Management.

Indicatively, the share of Black employees in Top Management is a third of the share at more junior

levels. Conversely, the share of White employees is greater than 80% at the Top Management level.

Our final sample of study consists of 11,7764 full-time junior professionals hired between 2014

and 2020. The study sample, as described in Table B.1, includes White men (33.1%), White women

(24.3%), Asian men (13.5%), Asian women (17.3%), Hispanic men (3.9%), Hispanic women (3.1%),

Black men (2.5%) and Black women (2.3%). Table I further summarizes the project and employee

characteristics of our full-time newly hired junior professional sample. New hires are on average

24 years of age, and all have an undergraduate degree; 34% have a master’s degree, and 12%

have degrees from a Top 20 ranked U.S. school. The median number of projects per month that

employees bill time to is 3, the median length of a project is 8 months, and the average number of

coworkers per project is 18.

Dependent variables. Our main outcomes of interest are turnover and promotion. Turnover

is measured as a binary variable that takes the value 1 in the month that the employee leaves

the sample and 0 otherwise. Similarly, promotion is measured as a binary variable that takes the

value 1 in the month that the employee is promoted and 0 otherwise. Our data does not allow us

to distinguish between voluntary and involuntary turnover of high-wage employees, both of which

impose significant costs for the firm. We note, however, that the substantive difference between

voluntary and involuntary turnover is often nebulous because some employees resign in anticipation

of being terminated and, conversely, others may prefer a termination instead of resigning for a

range of reasons (e.g., benefits). We also define binary indicators for “turnover within two years”

and “promotion within two-and-a-half years” for whether an employee exits within two years or

is promoted in the six months after they meet the two-year tenure mark, in line with expected

promotion cycles.5 For these models, we subset the data to employees that we observe for at

least two years for turnover (N=7,617) or two-and-a-half years for promotion (N=7,351). In this
4 From 2014-2020, the total sample of full-time junior professionals in the U.S. is 27,790. Out of those, we excluded

12,683 employees who had prior experience with ProfServ (e.g., internships, rehires) that likely influenced their
initial project team assignments. We excluded an additional 884 employees whose race we could not identify and
55 employees whose race was either Native American, Alaska Native, Hawaiian Native, or Islander because those
racial identity samples were too small for analysis. Given that our main analysis considers coworkers’ race, we also
excluded 2,392 employees for whom we could not identify the racial identity of at least half of their coworkers.

5 In Section 5.2, we show that changing the window within which turnover and promotion are observed does not
meaningfully change our results.
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organizational context, promotion is substantively similar to turnover in that if someone does not

get promoted “on time” (i.e., within two-and-a-half years of their hire), or anticipates not getting

promoted, they are likely to leave.

Overall, approximately 22.2% of our sample turn over within two years of hire, and 64.2% are

promoted on time. Turnover is lowest and promotion is highest for White employees in our sample,

at 21.1% and 67.6%, respectively. We therefore use White employees as the reference group for

all analyses. The raw turnover and promotion gaps between White and Black employees are 7.6

percentage points and 16.5 percentage points, respectively. Figure II depicts the estimated Kaplan-

Meier (KM) curves for employees by race, demonstrating how turnover rates vary over time. Black

turnover starts to diverge from other groups before one year (at approximately 250 days) and stays

consistently higher thereafter.6

Independent variables. The main independent variable of study is the (leave out) share of

White coworkers each employee works with across all the projects7 they are assigned to in the first

three months of their employment, when utilization is centrally managed8 (hereafter called “first

project assignments”). Coworkers in a given project are defined as all employees working on the

same project as the focal new hire, excluding the managers of the project. For each project, we

compute the share of White coworkers with whom the focal new hire works. The share of White

coworkers across all first project assignments is then computed as the weighted average share of

White coworkers across projects, weighted by the number of hours that the individual has worked

on each project.

Figure III depicts the distribution of the average share of White coworkers in first project as-

signments. This figure illustrates that there is substantial variation in the share of White coworkers

across new hires: one standard deviation in the share of White coworker is 20.3 percentage points,

and even after residualizing on the office × year fixed effects that we use in our later analysis, this

standard deviation remains large, at 12.7 percentage points. Figure A.1 shows the distribution for

exposure to other racial identity groups that are relatively smaller in size.
6 Figure A.2 shows the same KM curve on promotion. In addition, Table B.2 presents the raw mean turnover and

promotion by employees’ race and gender.
7 Based on insights from our ProfServ research partners, we exclude projects with more than 60 employees (which

represents 5.4% of all initial projects) because these projects may reflect distinct administrative functions and
should not be conceptualized as employees working on the same team. Changing our team size threshold does not
meaningfully alter our results, as discussed in our robustness checks (Section 5.2).

8 We use a three month time window, based on feedback from our ProfServ partners related to when junior employees
have no control over their project assignments. In robustness checks below, we examine the sensitivity of our results
to this initial time period window, with alternative specifications going from two to six months.
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4. Empirical Strategy and Randomization Check

4.1. Empirical Strategy

We are first interested in documenting racial turnover and promotion gaps. To do so, we estimate

the following model:

1ij = α+R′
iβ0 +X ′

iγ + δj + ϵij (1)

where 1ij is our main outcome variable, a binary that equals 1 if individual i in office j leaves

the firm within two years or 0 otherwise. For promotion, we use a binary equal to 1 if employee i

is promoted within two-and-a-half years (“on time”), or 0 otherwise. R′
i is a vector of (own) racial

identity dummies (Black, Asian and Hispanic), in which White is the baseline (omitted) group.

To enhance the precision of our estimates, we also include a vector of individual-level controls,

X ′
i. This vector includes four types of demographic variables (Gender, Age, Education Rank, and

Masters) as well as controls for differences in the nature of initial team project. The “Education

Rank” variable consists of four categories that ranks the highest-ranked university from which a

professional has a degree (top 20, 21-100, 101-1000, and 1001+), constructed based on rankings

from the Times, Chetty, and Carnegie Classification (Chetty et al. 2020). We include two types

of “Masters” variables, one indicating whether the employee had a master’s degree and another

indicating whether the employee had a specialized technical master’s valued by ProfServ. To

control for differences in the nature of initial team project assignments, we include controls for the

average number of coworkers across all initial assignments (Team Size), a dummy for whether the

new hire was initially assigned to at least one priority project9 and a month of hire fixed effect (1

to 12). Finally, δj denotes the office × year of hire fixed effect (hereafter labeled office-year fixed

effect), and ϵij is the error term. We cluster the standard errors at the office-year level. We also

estimate Equation 1 interacting the gender of the new hire with their race to test for intersectional

differences in turnover and promotion.

We then turn to estimating the effect of a change in the share of White coworkers on the

turnover of new hires. Leveraging the conditional random assignment of new hires to teams, which

we formally test in the next section, we run the following model for each of our outcome variables

(turnover and promotion):
9 A priority project is defined by the firm itself, and relates to a ranking of how valuable a given project is to the

business operations of the firm.
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1ij = α+R′
iβ0 +W−iβ1 +W−iR

′
iβ2 +X ′

iγ + δj + ϵij (2)

Compared to Equation 1, this model introduces W−i, that is, the (leave out) share of White

coworkers that new hire i works with in their first project assignments.10 β2 is then our vector

of coefficients of interest, capturing the impact on turnover of an increase in the share of White

coworkers for each of our minority new hires (Black, Asian and Hispanic), relative to its impact

on White new hires (captured by β1). The vector X ′
i now also contains the share of Asian, Black,

and female coworkers in first project assignments as well as the share of managers who are White

(interacted with the employee’s own racial identity), Black, Asian, and female in the employee’s

first project assignments.11 We also estimate Equation 1, controlling for the gender of the new hire

and adding a three-way interaction between race, gender, and the share of White coworkers to test

for intersectional differences in the impact of White coworkers on turnover and promotion.

Second, we run Cox proportional hazard models, stratified at the office-year level so that each

office-year has its own flexible, baseline hazard function. We use the same covariates as in the OLS

regression, and the likelihood function is then formed by first calculating for each duration time

t the conditional probability that, of all new hires employed at a given office for at least t days,

a particular new hire i leaves (or is promoted) on day t; and by then taking the product of these

conditional probabilities (Cox 1975).12

4.2. Randomization Check

Our identification strategy depends on observing a sample of newly hired employees whose assign-

ment to projects early in their career is as good as random, conditional on the office in which they

work. We are particularly interested in confirming that newly hired employees’ race and gender

does not predict their team assignment within an office.

We first explore this assumption qualitatively through 11 informational interviews with ProfServ

managers to understand how newly hired employees are assigned to teams. Our interviews con-

firmed that the primary objective of HR managers tasked with staffing assignments was to minimize

non-utilized time rather than to maximize “fit” between newly hired professionals and their team

assignments, which would have heightened concerns about correlations with unobserved character-
10 For more details on how this variable is constructed, see the Independent variables paragraph in Section 3.2.
11 Our results are not sensitive to the addition of these variables to X ′

i, as illustrated in Section 5.2.
12 The sample for these regressions is somewhat larger because we do not limit it to individuals we can observe for

at least a two-year period for turnover (and two-and-a-half years for promotion).
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istics of coworkers and projects. Our interviewees stated that two characteristics of newly hired

professionals were taken into account when making staffing decisions: their city and the department

into which they were hired. When we probed about other factors that influenced newly hired em-

ployees’ assignments to teams, one manager simply stated that “a first year is a first year is a first

year.” Whereas more experienced professionals may have areas of specialization or distinct skills,

first-year junior employees lacked any such distinguishing characteristics. Thus, while a newly hired

professional’s assignment to teams was conditional on their city, department, and hiring cohort,

qualitative interviews suggested these assignments were orthogonal to other characteristics of the

project.

We then confirm these findings quantitatively. Table II Panels A and B reports a series of

random assignment tests regressing employee characteristics that were determined prior to their

entry—their racial and gender identity, education, and age—on the racial composition of their initial

teams, controlling for office-year fixed effects. We do not observe a systematic relationship between

observable pre-hire characteristics of employees and the racial composition of their coworkers on

teams.13 Adding individual-level controls does not change our findings, as shown in Table B.3.

Since the quality of the first projects may shape individual turnover and promotion independently

from the racial composition of the team, we would ideally also have random assignment of projects

to teams. While that is not the case, we can still explore whether the racial composition of teams is

predictive of some observable characteristics of the projects on which a team works. Specifically, we

use an indicator of project “quality” to confirm that the racial composition of teams is orthogonal

to how important a project is to the firm. We do this using a variable, provided by the firm,

that identifies high-priority projects in a ranked order (from 1 to 4, where 1 is the highest priority).

Panel C of Table II reports that the business priority rank of a project (from 1 - “top priority” to 4 -

“Fourth priority”) is not systematically related to the racial composition of the team. Although this

does not eliminate concerns about a correlation between unobservable characteristics of projects and

the racial composition of one’s coworkers, our results demonstrate that there is not a relationship

between either (a) observable pre-hire characteristics of employees and team racial composition, or

(b) observable project characteristics and team racial composition in our sample.
13 The only significant coefficient is the one on the share of Asian coworkers in Column 3 of Panel A, where the

dependent variable is a dummy equal to 1 if the new hire is an Asian woman. While statistically significant, this
coefficient is economically small.

13



5. Results
The racial turnover gap. We begin by examining the main effect of race and the interaction of

race and gender on turnover. Table III, Column 1 reports results from linear probability models

regressing turnover on employees’ race, including controls for individual and project characteristics,

and office-year fixed effects. Black employees are 7.4 percentage points (p < 0.01) more likely to

exit within two years than their White counterparts, whose average turnover rate is 21.1 percentage

points. Column 1 also reveals that Asian employees are marginally more likely to turn over than

their White counterparts (2.7 percentage points; p < 0.10). Adding the new hire’s gender as a

control in Column 2 does not alter the magnitude of the racial turnover gaps and further shows

that men are on average 3.9 percentage points (p < 0.01) more likely to turn over than their female

counterparts. Column 3 disentangles the effects of race and gender. Neither Black, Asian, nor

Hispanic men have turnover rates that are significantly different from their respective same-race

female counterparts. However, White men are 4.9 percentage points (p < 0.01) more likely to turn

over than their White women counterparts, whose turnover rate is the lowest, at 17.2 percentage

points. Columns 4, 5, and 6 of Table III report results from Cox proportional hazard models

estimating employees’ time to exit as a function of their race and gender. All results are consistent

with OLS regression results. In particular, Column 5 indicates that the turnover rate of Black

new hires is 25.2% higher than their White counterparts’ (p < 0.05) and Column 6 indicates that,

relative to White women, the turnover rate of Black women is 31.5% higher (p < 0.05).

The racial promotion gap. We now turn to the main effect of race and the interaction of race

and gender on promotion. Column 1 of Table IV reports that Black employees receive promotions

in time at the lowest rate in ProfServ, 51.2%, which is 16.4 percentage points (p < 0.01) less than

their White counterparts. Also, Asian employees are 3.6% (p < 0.05) less likely to be promoted

than White employees, which is significantly different from the Black promotion experience (p <

0.01). Adding the new hire’s gender as a control in Column 2 does not alter the magnitude of

the racial promotion gaps and further shows that men are, on average, 4.7 percentage points (p <

0.01) less likely to be promoted on time than their female counterparts.14 Column 3 interacts the

gender and race of the new hire and reveals that neither Black nor Asian men receive promotions

at rates that are statistically significantly different from their same-race women counterparts. In

contrast, White men are 3.5 percentage points (p < 0.01) less likely to be promoted on time than
14 Note that this is due in part to the fact that men are more likely to leave the firm within two years, in which case

they are considered as not getting promoted on time.
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their White female counterparts, who have the highest promotion rate, at 72.9%. Results from Cox

proportional hazard models in Table IV are consistent with our OLS regression results: Column 6

shows that Black women are 27.8% less likely than their White women counterparts to receive a

promotion on time (p < 0.05).

To summarize, we find strong evidence of a consistent racial hierarchy across all racial groups and

heterogeneity among peoples of color (Hurtado 1989; Purdie-Vaughns and Eibach 2008; Ray 2019):

White employees, and in particular White women, fare the best on both retention and promotion

outcomes. Black employees fare the worst in terms of turnover and promotion rates relative to

their White, Asian, and Hispanic colleagues. In contrast, Hispanic employees—a group similar

in size to that of Black employees and similarly underrepresented in top management positions

at ProfServ—are statistically indistinguishable from their White colleagues in terms of their early

career attainment.

5.1. Asymmetric Peer Effects at Work

Effects of the share of White coworkers on turnover and promotion. Tables V and

VI report how the share of White coworkers interacts with an employee’s race and gender in

predicting career attainment. The effect of the share of White coworkers on Black employees is

both statistically significant and economically meaningful. Table V, Column 2, shows that for Black

new hires, a one percentage point increase in the share of White coworkers is associated with a 0.498

percentage point increase in the likelihood of leaving the firm within two years.15 The corresponding

Cox hazard models in Column 5 find similar effects. This effect is asymmetric; we do not see similar

patterns for other racial groups when interacting with the share of White coworkers. In particular,

the coefficients on Share White coworkers, Asian × Share White coworkers, and Hispanic × Share

White coworkers are all insignificant and close to zero. That is, the likelihood of turnover for White,

Asian, or Hispanic (a group similar in size to Black) employees is not affected by their share of

White colleagues. This finding confirms the importance of considering the differential experience of

Black employees as separate from other employees of color who may also be numerical minorities.

While we are not powered to detect a significant difference, Column 3 provides suggestive evidence

that Black women are the most affected group.

Table VI follows the same structure as above but considers “on time” promotion as the main

outcome. Column 2 shows that for Black new hires, a one percentage point increase in the share of
15 This is obtained by adding β1, the coefficient on the share of White coworkers, to the coefficient on the share of

White coworkers interacted with the Black dummy (equal to 1 when the new hire is Black).
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White coworkers is associated with a 0.371 percentage point increase in the likelihood of leaving the

firm within two years. Column 3 shows that this effect is driven by the effect of White coworkers

on Black women, rather than men. We do not find similarly significant interaction effects of the

share of White coworkers on Asian and Hispanic promotion rates.

Effects of White women and men on turnover and promotion. Figure IV aims to further

investigate two questions about what drives our main finding on the impact of White coworkers

on Black employees: (a) whether this effect is differentially driven by either White men or White

women; and (b) whether Black men or Black women are differentially affected by either White men

or White Women. We plot the key coefficients from different models. We note that White coworkers

appear to influence Black men and Black women in different ways. On the one hand, White men

influence the likelihood of promotion for Black women as well as the turnover likelihood for Black

men. White women, on the other hand, only appear to shape turnover for Black women, not Black

men. This may suggest that White male peers have greater influence on their Black colleagues and

through more channels than White women, providing evidence that racialized hierarchies can be

gendered. Future research with larger samples of cross-race dyads can draw on an intersectional

lens to investigate this further.

Effects of Asian, Hispanic, and Black coworkers on turnover and promotion. Our results

identify a causal effect of exposure to more White coworkers on Black turnover and promotion.

The tables presented above already point to one type of asymmetric peer effect; namely, in contrast

with Black employees, Asian and Hispanic employees’ turnover and promotion are not affected by

exposure to more White coworkers. While our main specification focuses on the share of White

coworkers, we now investigate the effect of Asian, Black, and Hispanic coworkers on the turnover

of new hires. Figure V illustrates these additional effects by plotting interaction coefficients from

separate models that consider coworkers’ racial composition on employees’ turnover. The first four

coefficients (to the left of the graph) correspond to Table V coefficients on the two-way interac-

tion between the share of White coworkers and, respectively, Black, Asian, Hispanic, and White

employees.16 The next four correspond to a specification where we replace White coworkers with

Black coworkers in Equation 2 . Two patterns emerge from this analysis. First, an increase in the

share of Black coworkers does not significantly impact the turnover of White employees (nor of

Hispanic or Asian employees).17 Second, we find that having more Black coworkers decreases the
16 The latter being the coefficient on share of White coworkers, given that it is the omitted category.
17 One caveat of this analysis is that the distributions of White and Black coworkers do not have the same support.

White employees are not exposed to very large shares of Black coworkers, rendering a direct comparison between

16



turnover of Black employees (p < 0.10). This is in line with the finding commonly documented in

the literature that having more similar peers (in this case, Black coworkers) has a positive effect

on retention. The size of the coefficient on Black × Share Black coworkers is about half that of

the coefficient on White × Share Black coworkers; however, we advise against directly drawing

conclusions on different magnitudes of these effects, as the overall distributions of the share of

Black coworkers and White coworkers are different. In Equation 1, the next two sets of models

replace White coworkers with Hispanic and Asian coworkers, respectively. In contrast with White

coworkers, we do not observe that having more Asian and Hispanic coworkers negatively impacts

Black career attainment. Having more Hispanic coworkers even seems to increase the retention of

Black coworkers, although given the rare overlap of Hispanic and Black coworkers in a team (as, by

far, the two smallest groups at the firm), the standard errors are very large, and we caution against

definitive conclusions. Nonetheless, we note that this pattern only appears for Black employees;

we do not see similar patterns of having more same-race and other non-White peers for Asian and

Hispanic employees.

Manager and non-linear effects. Given past research finding that managers influence junior

employees’ careers through project assignments, training, and performance evaluations (Cohen

et al. 1998; Castilla 2011; McGinn and Milkman 2013; Srivastava and Sherman 2015; Abraham

2017), we also explore whether the race of one’s manager in their initial assignments has any effect

on their later turnover and promotion. Table B.4 reports results from OLS regression and Cox

hazard models of turnover on initial share of managers’ race as well as interacted with a newly

hired employees’ racial identity. No substantive or significant effects are detected in turnover (or

promotion, not reported), failing to provide evidence that managers’ racial identities influence

newly hired employees early attainment within the firm. Further inquiry with ProfServ revealed

that managers in their project-team based organizational structure tend to have less of a singular

influence over junior employees than in other hierarchical structures.

Our main findings are modeled as a linear relationship between exposure to White coworkers

and Black turnover. However, it is possible that the effects are nonlinear in important ways. For

example, in models not shown, we interact Black employees with a squared term for the share of

White coworkers. We do not find statistically significant effects of our key interaction with the

squared term, providing no evidence that the relationship between Black employees and their share

of White coworkers is curvilinear. Also, theories of tokenism suggest that Black employees who are

the coefficients difficult.
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the only Black people on their teams are likely to experience greater isolation, resulting in stronger

negative peer effects than Black employees working with at least one other Black coworker. To

explore whether our main finding is driven by tokenism, we remove from our sample teams in

which only one Black employee is present and re-run our main model specifications. Our main

results hold (Table B.5), suggesting that tokenism is not driving the results.

5.2. Robustness checks

We estimated additional models to test the robustness of our findings to alternative specifications.

First, we consider team size, which we censored to teams of fewer than 60 employees in our main

results. Our study results are robust to varying this censoring of team size: Figure A.3 shows our

key coefficients of interest in Equation 2 (i.e., the two-way interaction between Black and Share

White Coworkers and three-way interaction, layering in the gender of the new hire), varying the

threshold team size from 40 to 80 employees (in increments of 10). Second, in Figure A.4, we

explore how varying the time window of initial team assignments shapes our findings. Our key

coefficients of interest have the same magnitude and statistical significance whether we consider

as “initial” assignments the projects that are in the first two, three, four, or six months at the

firm, which all corresponded to the time period during which ProfServ reported that newly hired

employees would not have influence over their project team assignments. Third, while our main

estimate of turnover considers a 2 year window, our results remain significant (albeit of smaller

magnitude) if we estimate turnover within 1 year and 18 months as illustrated in Figure A.6. Our

results remain qualitatively unchanged when considering promotion within 2 years, 2.5 years, and

3 years of the start date, as illustrated in Figure A.7.

We also explored whether a higher proportion of White coworkers is confounded by individual

characteristics of coworkers that may be driving our results. For example, given that diversity has

improved in the company over time, it is possible that Whiter teams are also older, on average. We

therefore ran additional models controlling for the median and maximum age of other coworkers

on their teams, and they do not change our results.

6. Mechanisms
Quantitative evidence. To better understand the likely mechanisms that could explain our

main findings, we use both quantitative and qualitative data. Below, we first present findings

on potential mechanisms that we can observe in our quantitative data. Our main results already

control for observable individual characteristics prior to firm entry that could proxy for ability,
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such as educational background, ranking of degree-granting institutions, and age at hire, and we

show that those pre-firm characteristics are not driving our results on turnover or promotion.

Indeed, Figure A.5 presents our coefficients of interest when we remove individual controls from

the estimation of Equation 2, and the results are virtually the same.

Yet, it remains possible that exposure to White teams alters the work patterns of Black employees

on the job in ways that then impact turnover and promotion. To explore these types of mechanisms

quantitatively, Table VII investigates the relationship between early exposure to White coworkers

and multiple types of on-the-job behaviors that could influence turnover or promotion: the number

of overall and billable hours (time charged to a client) worked, employee assignment to higher

priority projects, and performance evaluations. Specifically, Table VII considers four outcomes:

the average number of overall hours worked (Columns 1 and 2), the average number of billable

hours worked (Columns 3 and 4), two measures of project prioritization (Columns 5 and 6), and

an indicator for low performance evaluation (Columns 7 and 8). To measure the quality of projects

assigned to an employee, we consider the share of projects in different prioritization rankings that

an employee is assigned to as well as the likelihood that they are given a very high-priority project.

To measure whether an employee received a low performance evaluation, we use a binary indicator

for whether an employee was labelled as a low performer. We note that this is only one part of a

broader performance evaluation process (which we do not describe here for anonymity purposes).

The results suggest that differences in total and billable hours worked, and firm prioritization

of projects do not underpin our main interaction effects. We observe no statistically significant

relationship on any of these measures for our interaction terms of interest. Despite this fact, Black

employees, and in particular Black women, are more likely to be labelled as lower performers.

Importantly, the larger the share of White coworkers on a team, the more likely it is that a Black

employee will be labelled as a low performer. These findings are in line with previous research that

shows that the racial composition of one’s workplace may influence their performance evaluations,

in particular (Tsui and O’Reilly 1989; Castilla 2011).

Qualitative evidence: the importance of coworkers for navigating uncertainty. To

contextualize our quantitative results and deepen our understanding of possible mechanisms that

could not be detected using available administrative data, we conducted 18 semi-structured in-

terviews (average length, 46 minutes) with participants invited at random. Thirteen participants

self-identified as non-White (seven as Black), and ten self-identified as women. In each inter-

view, we asked participants to describe how newly hired ProfServ employees could achieve success
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and their own working experiences at ProfServ. We probed further with respect to individuals’

self-reported behaviors, interpersonal dynamics, and, specifically, beliefs they associated with ca-

reer advancement (e.g., participation, feedback on their teams) insofar as this information did not

emerge organically from their initial responses.

The employees we interviewed consistently described uncertainty and anxiety about how to

advance their careers at ProfServ. This uncertainty did not seem to vary by department, race,

gender, age, geography, or seniority. After 14 years at ProfServ, a senior employee stated that

the factors determining employees’ success were “still a little bit unclear for everyone”; another

senior participant agreed that “everything is so non-transparent.” When describing why she was

not promoted, a participant reported that “it would be better if they explained why . . . I didn’t

get it, which is fine, if I understood why.” Even those who had ostensibly achieved promotions and

longer tenures emphasized how challenging it was to learn about what the firm valued and how

specific these performance expectations were to ProfServ. One senior participant said, “One of the

things that kind of gets you through the levels at ProfServ is also having that firm knowledge. It’s

a lot to kind of learn the processes and the way they do things. You enter the world of ProfServ,

but then you still have to navigate yourself through it, including getting a project (aka getting a

job) and you feel like you’re entering this new universe with certain rules.”

Lacking clarity about specific performance expectations, participants stressed the importance

of building and maintaining strong relationships with key professionals to navigate their careers

within ProfServ. One participant stated, “It’s not only the delivery of your job, it’s who knows you

and who can vouch for you.” Another agreed that “you have to find the rainmakers and stick to

them.” A senior participant emphasized, “you kind of have to make a name for yourself,” in part

by building professional networks. Participants described a range of reasons for relying on their

professional networks: to gain visibility within the firm, access to revenue-generating project teams,

and help navigating the firm’s various evaluation systems. In short, our interview participants were

unanimous in their uncertainty about precisely what employees needed to do to advance their

careers in ProfServ and their belief that, in response to this lack of clarity on formal performance

metrics, building and maintaining relationships with coworkers became a critical factor shaping

success.

Different experiences for Asian, Hispanic, and Black employees. Given the importance

of developing and maintaining relationships with coworkers, participants who identified as Asian,

Hispanic, and Black pointed out several specific barriers to developing strong positive interactions
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with (predominantly White) coworkers. All 13 participants revealed numerous ways in which

interacting with their coworkers negatively influenced their participation and the depth of their

professional relationships. Black employees described the importance of managing their identity

as Black employees among their non-Black coworkers and the effort required to do so. One senior

Black female participant stated, “over and above the professional etiquette that we all have to

abide by, we [Black employees] have to be a lot more conscious about what we say, how we act,

etc. [than White employees].” Offering further explanation for why being Black required careful

management in ProfServ, one Black male participant described an interaction where his White

coworkers praised him for being different from other Black people in the region, saying, “You’re not

like them.” Another Black female participant reported that her coworkers told her she had “a bad

vibe, gives out the wrong vibe.” Black employees were clear that their efforts to manage how their

non-Black coworkers perceived them were conscious. “I always think, how do people experience me

at work, so I’ve always been very conscious of that,” another Black male participant elaborated.

“How am I supposed to bring my authentic self to work if I’m still feeling very self-conscious because

of the team dynamic?” These interactional dynamics obstructed their participation in teams. One

Black female participant reported that she did not use Ebonics, “but I do find that people tend

to stereotype grammar and that way of speaking. If you’re not as eloquent, your opinion matters

less.” Another Black female participant stated, “What I have to say carries less meaning than my

White counterparts. So a lot of the time, I don’t speak up unnecessarily, I don’t give my opinion,

because even though she [a White colleague] is saying something that doesn’t make sense . . . it

doesn’t matter what you’re saying, I don’t bother.”

Another Black female described her confusion when she observed differences between how her

coworkers speak to her and how they behave at work: “‘Oh [participant], you’re crushing it,

you’re killing it,’ then why not invite me to this particular thing that would allow me to continue

networking with the clients . . . I don’t fit their mold, I don’t know what their mold is. Is it

a typical White male?” Black participants also reported difficulty accessing feedback about their

performance, which they perceived as critical to advancing in the firm. One Black female expressed

her frustration: “No one is ever willing to give you the frank, negative feedback . . . I constantly

asked for feedback ... I’m out of the loop . . . so I don’t know what there is to be done.”

Black participants described how being Black made it harder to develop deep relationships with

coworkers and managers. A Black female participant imagined how different her work experience

could be if she were White: “I would probably be able to relate better to my manager because
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he’s also White, I’d probably likely be invited to his house for whatever team things that they

had that I wasn’t invited to. He would be interested in my professional growth, so he would set

me up and give me the things I needed. I wouldn’t have had to prompt anyone.” A senior Black

female participant reported, “I have to prove myself through my work, not through that built in

camaraderie . . . it’s easier for people at the upper levels, who are mostly White men, to relate to

people like them [in junior positions].”

While participants who self-identified as either Asian or Hispanic also described challenges they

faced during their socialization process, they reported less aggrieved racial group consciousness

and perceived less discrimination against themselves or other members of their group. One senior

participant who self-identified as an Asian man revealed a consciousness about his racial identity

but reflected a business-based justification about how racial diversity contributes to the firm’s

profitability. He stated: “I understand that diversity is important, inclusive, adding value to a

more comprehensive approach . . . I totally understand, but I don’t know . . . The firm’s portfolio

[in terms of race] looks like it’s in line with the client portfolio. So that’s why, I’m [Asian], I belong

to the [Asian] group. We have a significant Asian client [list], which is why the firm keeps [Asian]

bilingual [employees], which kind of makes sense.”

Another Asian male participant described how his experience as a first-generation child of Asian

immigrants influenced his behavior at work, but did not heighten his experience of discrimination:

“I think, coming from an immigrant background, being Asian, like, you never say no to anything.

And I think that’s kind of a trait of people who are first generation. You can get into that rut

of just not saying no, [when] some of your other peers may know when to say no. But then, as a

result they’ll do better on their actual individual projects. And even though they’re taking on less,

they will progress further because the quality of their work is better and they’re still meeting their

hours goals, whereas you’re just floundering, trying to stay above water.”

Yet another example of how Asian and Hispanic employees’ experience is distinct from their

Black counterparts came from a senior Hispanic female participant. She stated, “I do not identify,

however, as Hispanic . . . I never got access to ‘Hispanic Support,’ ‘Hispanic Scholarship,’

‘Hispanics whatever.’ I identify as international, really . . . I check it [the firm’s Hispanic box], but

I personally don’t identify as it . . . that’s always second-generation Hispanics, that’s like different

backgrounds, right. I’m privileged class, I had the best education I could back home, you know,

like I don’t, didn’t have the same struggles as Hispanics [in the United States].”

Overall, our participants’ sense of uncertainty about how to advance within the company meant
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that many placed emphasis on their interactions with colleagues as an avenue for career success.

Only Black participants described tensions when interacting with White coworkers and perceived

negative consequences of these racialized challenges. Our qualitative interviews further illustrated

how the experience of being Black at the firm was distinct from the experiences of Asian and

Hispanic employees, who also reported racial consciousness but did not perceive discrimination in

the same way as their Black counterparts.

7. Discussion
We pursued three primary goals in this paper: (1) to evaluate whether race and gender differen-

tially shape retention and promotion patterns; (2) to estimate the causal effect of early assignment

to a greater share of White coworkers for different employees of color; and (3) to identify mecha-

nisms through which initial team composition could conceivably influence longer-term individual

outcomes. We began by documenting, within offices and after controlling for individual charac-

teristics, a 7.6 percentage point gap in turnover and a 16.5 percentage point gap in promotion

between Black employees and their White counterparts. We find that a one standard deviation

increase in the share of White coworkers early in an employee’s career increased Black turnover by

6.2 percentage points and reduced the likelihood of promotion of Black employees by 4.7 percentage

points. No other employees of color, even similarly sized numerical minorities, were affected by

White coworkers in the same way. Further, the career attainment of White employees was not

affected by any racial group.

Our research makes a number of contributions. First, we contribute directly to the literature

on peer effects at work. This literature has offered mixed evidence about the nature of peer

effects, mainly focusing on managers’ effects, performance, and productivity, and primarily studying

low-wage work (Sørensen 2004; Leonard and Levine 2006; Giuliano et al. 2011; Cornelissen et al.

2017; Glover et al. 2017). By drawing on longitudinal fine-grained administrative data in a work

context where initial teams vary exogenously, we move beyond short-term performance outcomes

to identify the longer-term causal effects of peers on two critical labor market outcomes, turnover

and promotion. Second, our study of a knowledge worker environment expands understanding of

the possible mechanisms through which one’s peers can affect their careers. Third, we unpacked the

racial dynamics at an elite, high-wage firm as opposed to the more common low-wage setting. Since

differences at the top decile of the income distribution disproportionately shape economic inequality

(Saez 2008), understanding racial differences in career trajectories for prestigious jobs can help
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identify a key mechanism underlying inequality. Fourth, our study injects nuance to the “people

of color” myth by moving beyond a binary characterization of peers (e.g., as similar/dissimilar, or

majority/minority) to reveal heterogeneity among Black, Asian, and Hispanic employees both in

career outcomes and in peer effects. Black employees experience by far the largest turnover and

lowest promotion rates at the earliest stage of their career. In contrast, in this context, Hispanic

employees’ turnover and promotion rates are indistinguishable from those of White employees.

Further, while Asian employees do experience larger turnover and lower promotion rates than their

White counterparts, the Asian-White turnover and promotion gaps are substantively different from

the corresponding Black-White gaps. Strikingly, Black employees are the only numerical minority

group to experience a negative impact of White coworkers on their turnover and promotion. In

short, a one-size-fits-all approach to understanding inequalities in career attainment for employees

of color obscures different patterns of experiences or renders those experiences invisible. The

color line in elite firms continues to limit Black, but not Asian or Hispanic, women and men

who show stronger evidence of assimilating into elite majority White workplaces. Finally, our

findings contribute directly to the practice of managing diversity in elite firms. We are not the

first to show that race shapes routine daily interactions at work. Yet we point to the critical role

of seemingly neutral organizational staffing practices in determining how these daily interactions

differentially affect Black employees. Creating a staffing and recognition system that depends on

informal networks by design may strengthen whether and how coworkers shape potentially costly

firm outcomes, such as turnover and promotion rates. Yet it would be reckless to conclude from

this evidence that racial segregation engenders career benefits for Black employees. Rather, in a

world with asymmetric peer effects, our qualitative research points to the negative consequences of

placing informal networking and relationship building at the center of career advancement systems.

Notwithstanding its contributions, this research has several notable limitations. First, although

we leverage exogenous assignment of newly hired employees to teams, supporting a causal interpre-

tation of peer effects, the possibility remains that unobservable factors shape why some teams have

higher shares of White coworkers, which may independently influence newly hired employees’ out-

comes. Future experimental research designs employing random assignment of people to teams and

teams to projects could resolve this issue. Second, we study a single company in the professional

services industry, which limits the generalizability of our findings. Although there are compelling

theoretical reasons why Black, Asian, and Hispanic employees’ experiences in high-wage jobs should

generalize to other organizational contexts, we expect our findings to be most applicable to other
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knowledge-worker settings where informal networks are central to career success. Future research

can explore the extent to which our findings generalize to other firm contexts, such as globally

distributed teams or fully-remote firms. Last, while we posit potential mechanisms through which

coworkers affect Black employees’ turnover, we cannot adjudicate between voluntary and involun-

tary turnover, nor can we follow new hires after they leave the firm. Thus, we are also limited in our

understanding of what other labor market opportunities may co-occur with turnover at one firm.

Future research studies of fine-grained longitudinal data across firms, such as communication data,

can help identify precise mechanisms that would expand our understanding of truly voluntary and

involuntary career outcomes.

Retaining Black employees in elite jobs is as important as recruiting them. Our evidence suggests

that addressing potentially exclusionary interactional dynamics between the numerical majority

group, White women and men, and Black employees may help address the retention and promotion

gaps between these two groups.
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Figures

Figure I: Share of Employees by Race and Job Level

Notes. Using the full sample of more than 50,000 U.S. employees, this figure plots the racial composition, i.e. the

share of employees of each race, at three levels of seniority: Professionals, Middle Management and Top Management;

which respectively represent approximately half, one-third, and less than ten percent of the total workforce at the

firm. The remaining workforce comprises of interns and services staff who are not included in the analysis. The

figure illustrates the increasing racial stratification at the firm along the job ladder. For instance, White employees

represent only half of Professionals, but more than eighty percent of the Top Management.
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Figure II: Kaplan Meier Failure Estimates, by New Hire Race

Notes. This figure shows the estimated Kaplan–Meier failure curves for all 11,776 new hires, separately for each race.

The y-axis represents the cumulative fraction of employees that have left the firm at a given point in time. The x-axis

depicts the number of days since the hiring date.
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Figure III: Distribution of the Share of White Coworkers

Notes. This figure shows the distribution of a focal employee’s share of White coworkers in their first project

assignments.
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Figure IV: Marginal Effect of White Coworkers

(a) Turnover

(b) Promotion

Notes. This figure separates out the effect of having more White male (on the left) or White female (on the right)

coworkers on turnover and promotion. The specification in Panel (a) is the same as in Table V Column 3, except we

interact, respectively, with share White male and share White female, instead of share White, and we control for the

other race shares separately by gender as well. Similarly, the specification in Panel (b) is the same as in Table VI

Column 3, except we interact, respectively, with share White male and share White female, instead of share White,

and we control for the other race shares separately by gender as well. Standard errors are clustered at the office and

year of hire level. 95% confidence intervals are reported.37



Figure V: Asymmetric Effect of Coworkers on Employees’ Turnover

Notes. This figure shows the effect of White, Black, Asian and Hispanic coworkers on the turnover of new hires, by race.

The figure plots interaction coefficients from separate models that vary coworkers’ racial composition on employees’

turnover. For instance, the first four coefficients (to the left of the graph) correspond to Table V coefficients on

the two-way interaction between the share of White coworkers and, respectively, Black, Asian, Hispanic, and White

employees. The next four correspond to a specification where we replace White coworkers with Black coworkers,

otherwise keeping the same specification as in Table V. 95% confidence intervals are reported.
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Tables

Table I: Employee and Project Summary Statistics

Panel A: Sample Size

Total

Number of Employees >50,000

Number of New Hires 11,776

Time Span 2014-2020

Panel B: New Hires Summary Statistics

Mean Sd Median P25 P75

Age at Hire 24 3 23 22 24

Share in Top 20 U.S. Schools 0.12 0.33

Share in Top 21-100 U.S. Schools 0.23 0.42

Share with a Masters Degree 0.34 0.47

Share with a Specialized Degree 0.07 0.26

Panel C: Project Summary Statistics

Mean Sd Median P25 P75

Number of Projects per Month 5 7 3 2 6

Number of Coworkers per Project 18 18 12 5 26

Number of Months per Project 10 8 8 5 12

Number of Hours per Project 174 374 35 7 176

Share of Priority Projects 0.56

Share of Billable Hours 0.63 0.38 0.74 0.25 1.00

Notes. Panel A of this table displays the number of employees, the number of new hires, and the time span of

the data. Panel B displays new hires’ age and education characteristics. Panel C displays statistics, at the em-

ployee level, about the projects initially assigned to new hires. Number of months per project corresponds to the

number of distinct months the new hire worked on average on each ”first” project. The share of priority projects

is the share of projects classified as priority over the total number of first assignments, weighted by the number

of hours the new hire spent on each project. The share of billable hours represents the share of hours that are

billable to the client over total hours that the new hire spent on first assignments.
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Table II: Test of Random Assignment

Panel A: Employee Race and Gender

(1) (2) (3) (4) (5) (6) (7) (8)

Black Female Black Male Asian Female Asian Male Hispanic Female Hispanic Male White Female White Male

% White Coworkers -0.017 -0.040 0.028 -0.053 0.013 0.020 0.019 0.029

(0.026) (0.027) (0.054) (0.052) (0.035) (0.029) (0.062) (0.070)

% Black Coworkers 0.047 0.027 0.078 -0.091 0.007 -0.025 0.019 -0.063

(0.037) (0.046) (0.069) (0.067) (0.043) (0.041) (0.086) (0.096)

% Asian Coworkers -0.001 -0.036 0.140** 0.055 -0.019 -0.024 -0.079 -0.036

(0.024) (0.028) (0.056) (0.056) (0.035) (0.029) (0.064) (0.071)

Panel B: Additional Employee Characteristics

(1) (2) (3) (4) (5) (6)

Master Degree Technical Master Top 20 School Top 20-100 School Top 100-1000 Age

% White Coworkers -0.039 0.008 0.038 0.064 -0.038 -0.234

(0.054) (0.026) (0.033) (0.053) (0.053) (0.356)

% Black Coworkers -0.055 0.032 0.024 -0.017 0.022 -0.005

(0.063) (0.029) (0.047) (0.079) (0.071) (0.570)

% Asian Coworkers -0.018 0.009 0.037 0.037 -0.051 0.212

(0.054) (0.026) (0.035) (0.052) (0.053) (0.346)

Panel C: Project Characteristics

(1) (2) (3) (4)

Top Priority Second Priority Third Priority Fourth Priority

% White Coworkers 0.032 0.014 -0.008 0.004

(0.027) (0.023) (0.015) (0.009)

% Black Coworkers 0.013 0.015 -0.016 0.012

(0.035) (0.031) (0.018) (0.011)

% Asian Coworkers 0.024 0.001 -0.009 0.005

(0.029) (0.023) (0.016) (0.009)

Individual controls

Office × Year FE X X X X X X X X

Nb. obs 11776 11776 11776 11776 11776 11776 11776 11776

Notes. Panel A presents OLS estimates of a linear model where we regress the employee’s own race and gender on their coworkers’ race. Panel B presents OLS
estimates of a linear model where we regress employee’s characteristics on their coworkers’ race. Panel C presents OLS estimates of a linear model where we regress
project rank on their coworkers’ race. All specifications include office-year fixed effects. Standard errors are clustered at the office-year level.
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Table III: The Race and Gender Turnover Gap

OLS Cox

(1) (2) (3) (4) (5) (6)

Black 0.074∗∗∗ 0.076∗∗∗ 0.114∗∗∗ 1.251∗∗ 1.252∗∗ 1.315∗

(0.027) (0.027) (0.035) (0.128) (0.128) (0.202)

Asian 0.027∗ 0.034∗∗ 0.043∗∗ 1.121∗∗ 1.151∗∗∗ 1.230∗∗∗

(0.014) (0.014) (0.019) (0.060) (0.062) (0.091)

Hispanic -0.011 -0.009 0.008 0.986 0.993 1.157

(0.024) (0.024) (0.035) (0.088) (0.088) (0.155)

Male 0.039∗∗∗ 0.049∗∗∗ 1.187∗∗∗ 1.256∗∗∗

(0.011) (0.014) (0.052) (0.071)

Black × Male -0.071 0.919

(0.048) (0.185)

Asian × Male -0.017 0.883

(0.025) (0.087)

Hispanic × Male -0.029 0.771

(0.047) (0.135)

White Mean Turnover 0.211 0.211 0.211 0.211

White Female Mean Turnover 0.172 0.172

Individual controls X X X X X X

Office × Year FE X X X X X X

Nb. obs 7617 7617 7617 11776 11776 11776

Notes. This table presents OLS estimates (Columns 1-3) of a model where we regress a dummy that equals one if

an employee left the company within two years of their hire on their own race (Column 1) and gender (Column 2),

interacted (Column 3). Individual controls and office-year fixed effects are included. Individual controls are age of

employee, a dummy for whether the employee has a masters, a dummy for whether the employee has a specialized

masters, a categorical variable of university ranking (top 20, top 21-100, top 101-1000 and beyond top 1000), the av-

erage number of colleagues across all first project assignments, a month of hire fixed effect (1-12) and, finally, whether

the new hire was initially assigned at least one priority project. Continuous predictors are mean centered. Columns 4,

5 and 6 present Hazard ratios from Cox proportional hazard models, stratified by office-year. Individual controls are

respectively the same as for Column 1, 2 and 3. All standard errors are clustered at the office-year level and reported

in parentheses. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table IV: The Race and Gender Promotion Gap

OLS Cox

(1) (2) (3) (4) (5) (6)

Black -0.164∗∗∗ -0.165∗∗∗ -0.209∗∗∗ 0.739∗∗∗ 0.739∗∗∗ 0.722∗∗

(0.033) (0.033) (0.046) (0.070) (0.070) (0.098)

Asian -0.036∗∗ -0.043∗∗ -0.062∗∗∗ 0.948 0.935 0.912

(0.018) (0.018) (0.023) (0.045) (0.045) (0.058)

Hispanic 0.021 0.019 0.001 1.022 1.015 0.995

(0.029) (0.029) (0.041) (0.080) (0.079) (0.111)

Male -0.047∗∗∗ -0.063∗∗∗ 0.913∗∗ 0.898∗∗

(0.014) (0.017) (0.035) (0.042)

Black × Male 0.084 1.046

(0.064) (0.195)

Asian × Male 0.036 1.053

(0.032) (0.092)

Hispanic × Male 0.032 1.037

(0.057) (0.156)

White Mean Promotion 0.676 0.676 0.676 0.676

White Female Mean Promotion 0.729 0.729

Individual controls X X X X X X

Office × Year FE X X X X X X

Nb. obs 7351 7351 7351 11776 11776 11776

Notes. This table presents OLS estimates (Columns 1-3) of a model where we regress a dummy that equals one if an em-

ployee is promoted within two years and a half of their hire on their own race (Column 1) and gender (Column 2), interacted

(Column 3). Individual controls and office-year fixed effects are included. Individual controls are age of employee, a dummy

for whether the employee has a masters, a dummy for whether the employee has a specialized masters, a categorical vari-

able of university ranking (top 20, top 21-100, top 101-1000 and beyond top 1000), the average number of colleagues across

all first project assignments, a month of hire fixed effect (1-12) and, finally, whether the new hire was initially assigned at

least one priority project. Continuous predictors are mean centered. Columns 4, 5 and 6 present Hazard ratios from Cox

proportional hazard models, stratified by office-year. Individual controls are respectively the same as for Column 1, 2 and

3. All standard errors are clustered at the office-year level and reported in parentheses. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table V: The Effect of First Team Race Composition on Turnover, by Race and Gender

OLS Cox

(1) (2) (3) (4) (5) (6)

Black 0.081∗∗∗ 0.083∗∗∗ 0.118∗∗∗ 1.246∗∗ 1.248∗∗ 1.246

(0.027) (0.027) (0.035) (0.129) (0.129) (0.195)

Asian 0.024 0.030∗∗ 0.039∗ 1.106∗ 1.136∗∗ 1.189∗∗

(0.015) (0.015) (0.020) (0.060) (0.062) (0.090)

Hispanic -0.011 -0.008 -0.001 0.995 1.003 1.116

(0.024) (0.024) (0.035) (0.090) (0.090) (0.153)

Male 0.039∗∗∗ 0.046∗∗∗ 1.191∗∗∗ 1.236∗∗∗

(0.011) (0.014) (0.052) (0.071)

Black × Male -0.065 1.000

(0.049) (0.204)

Asian × Male -0.017 0.916

(0.027) (0.093)

Hispanic × Male -0.015 0.824

(0.047) (0.146)

% White Coworkers 0.032 0.036 -0.030 1.004 1.004 1.000

(0.079) (0.080) (0.092) (0.003) (0.003) (0.004)

Male × % White Coworkers 0.112 1.005∗

(0.076) (0.003)

Black × % White Coworkers 0.462∗∗∗ 0.462∗∗∗ 0.602∗∗∗ 1.018∗∗∗ 1.019∗∗∗ 1.025∗∗∗

(0.132) (0.132) (0.176) (0.006) (0.006) (0.009)

Asian × % White Coworkers -0.033 -0.033 0.002 0.999 0.999 0.998

(0.076) (0.076) (0.098) (0.003) (0.003) (0.004)

Hispanic × % White Coworkers 0.005 0.002 -0.026 1.000 0.999 1.005

(0.131) (0.130) (0.184) (0.005) (0.005) (0.007)

Black × Male × % White Coworkers -0.265 0.990

(0.273) (0.012)

Asian × Male × % White Coworkers -0.035 1.003

(0.132) (0.005)

Hispanic × Male × % White Coworkers 0.055 0.990

(0.238) (0.009)

White Mean Turnover 0.211 0.211 0.211 0.211

White Female Mean Turnover 0.172 0.172

Individual controls X X X X X X

Office × Year FE X X X X X X

Manager interaction X X X X X X

Nb. obs 7617 7617 7617 11776 11776 11776

Notes. This table presents OLS estimates (Columns 1-2) of a model where we regress a dummy that equals one if an em-

ployee left the company within two years of their hire on their own race (Column 1) and gender (Column 2) interacted with

the share of White coworkers in their initial project assignments. Columns 3 presents the three-way interaction between an

employee’s race, gender and the share of White coworkers in their initial project assignments. Individual controls are the

same as in table III and office-year fixed effects are included. In addition, we control for the share of Asian, Black, and female

coworkers in first project assignments as well as White, Black, Asian, and female in the employee’s first project assignments.

The share of White managers is further interacted with the employee’s own race (in Columns 1 and 2), as well as gender (in

Column 3). Continuous predictors are mean centered. Columns 4, 5 and 6 present Hazard ratios from Cox proportional haz-

ard models, stratified by office-year. Individual controls are respectively the same as for Columns 1, 2 and 3. Standard errors

are clustered at the office-year level and reported in parentheses.* p < 0.1, ** p < 0.05, *** p < 0.01
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Table VI: The Effect of First Team Race Composition on Promotion, by Race and Gender

OLS Cox

(1) (2) (3) (4) (5) (6)

Black -0.164∗∗∗ -0.164∗∗∗ -0.200∗∗∗ 0.736∗∗∗ 0.736∗∗∗ 0.718∗∗

(0.033) (0.033) (0.044) (0.070) (0.070) (0.099)

Asian -0.031∗ -0.038∗∗ -0.052∗∗ 0.954 0.941 0.923

(0.018) (0.018) (0.024) (0.046) (0.046) (0.060)

Hispanic 0.022 0.020 0.009 1.022 1.016 1.009

(0.029) (0.029) (0.041) (0.080) (0.080) (0.113)

Male -0.048∗∗∗ -0.057∗∗∗ 0.912∗∗ 0.904∗∗

(0.014) (0.017) (0.035) (0.043)

Black × Male 0.071 1.051

(0.063) (0.199)

Asian × Male 0.027 1.042

(0.034) (0.095)

Hispanic × Male 0.020 1.009

(0.057) (0.154)

% White Coworkers 0.018 0.011 0.108 1.000 1.000 1.001

(0.096) (0.096) (0.107) (0.003) (0.003) (0.003)

Male × % White Coworkers -0.169∗ 0.997

(0.091) (0.003)

Black × % White Coworkers -0.351∗ -0.360∗ -0.708∗∗∗ 0.995 0.995 0.987∗

(0.193) (0.192) (0.204) (0.005) (0.005) (0.007)

Asian × % White Coworkers 0.097 0.096 0.099 1.002 1.002 1.002

(0.089) (0.089) (0.122) (0.003) (0.003) (0.003)

Hispanic × % White Coworkers -0.202 -0.198 -0.181 0.999 0.999 1.000

(0.148) (0.147) (0.211) (0.004) (0.004) (0.006)

Black × Male × % White Coworkers 0.684∗∗ 1.016

(0.333) (0.011)

Asian × Male × % White Coworkers -0.061 0.999

(0.162) (0.005)

Hispanic × Male × % White Coworkers -0.027 1.000

(0.276) (0.008)

White Mean Promotion 0.676 0.676 0.676 0.676

White Female Mean Promotion 0.729 0.729

Individual controls X X X X X X

Office × Year FE X X X X X X

Manager interaction X X X X X X

Nb. obs 7351 7351 7351 11776 11776 11776

Notes. This table presents OLS estimates (Columns 1-2) of a model where we regress a dummy that equals one if an employee

is promoted within two years and a half of their hire on their own race (Column 1) and gender (Column 2) interacted with the

share of White coworkers in their initial project assignments. Columns 3 presents the three-way interaction between an em-

ployee’s race, gender and the share of White coworkers in their initial project assignments. Individual controls are the same as

in table IV and office-year fixed effects are included. In addition, we control for the share of Asian, Black, and female coworkers

in first project assignments as well as the share of managers who are White, Black, Asian, and female in the employee’s first

project assignments, interacted with the employee’s own race (in Columns 1 and 2), as well as gender (in Column 3). Contin-

uous predictors are mean centered. Columns 4, 5 and 6 present Hazard ratios from Cox proportional hazard models, stratified

by office-year. Individual controls are respectively the same as for Columns 1, 2 and 3. Standard errors are clustered at the

office-year level and reported in parentheses.* p < 0.1, ** p < 0.05, *** p < 0.01
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Table VII: Mechanisms

Monthly Hours Monthly Billable Hours Share of Priority Projects Low Performance

(1) (2) (3) (4) (5) (6) (7) (8)

Black -6.985∗∗∗ -6.711∗∗∗ -10.605∗∗∗ -8.233∗∗∗ -2.546∗∗ -1.817 0.053∗∗∗ 0.048∗∗∗

(1.499) (2.174) (1.631) (2.164) (1.197) (1.650) (0.012) (0.013)

Asian 1.420∗ 0.039 -0.722 -1.982 -1.132 -1.275 0.006 0.012∗∗

(0.820) (1.076) (0.883) (1.222) (0.757) (0.987) (0.005) (0.005)

Hispanic -0.449 -1.983 -1.406 -1.959 -0.539 -0.172 -0.001 0.010

(1.350) (1.920) (1.367) (1.917) (1.129) (1.690) (0.008) (0.012)

Male -0.836 -1.873∗∗ 0.029 -0.560 -0.231 -0.307 0.010∗∗∗ 0.014∗∗∗

(0.629) (0.782) (0.686) (0.827) (0.560) (0.715) (0.003) (0.004)

Black × Male -0.449 -4.579 -1.330 0.007

(2.870) (3.086) (2.402) (0.024)

Asian × Male 2.725∗ 2.594 0.394 -0.013

(1.516) (1.722) (1.396) (0.009)

Hispanic × Male 2.592 0.925 -0.655 -0.019

(2.755) (2.685) (2.292) (0.016)

% White Coworkers -4.932 -0.917 -5.689 -5.490 5.006 3.253 0.019 0.003

(4.711) (5.235) (5.126) (5.631) (4.229) (4.611) (0.020) (0.022)

Male × % White Coworkers -7.266 -0.817 2.757 0.027

(4.512) (4.464) (4.038) (0.019)

Black × % White Coworkers 8.438 -2.918 5.079 -4.035 -3.381 -13.153 0.169∗∗∗ 0.235∗∗∗

(8.141) (13.937) (8.759) (13.038) (6.697) (9.862) (0.064) (0.074)

Asian × % White Coworkers -2.250 1.124 -5.191 -1.283 -6.190 -5.730 0.033 0.050∗

(4.487) (5.675) (4.623) (5.878) (3.828) (5.257) (0.023) (0.026)

Hispanic × % White Coworkers -8.605 -10.867 -11.942∗ -5.895 1.711 7.433 0.056 0.090∗

(7.155) (9.015) (6.879) (10.145) (6.986) (10.371) (0.040) (0.048)

Black × Male × % White Coworkers 20.529 17.040 18.784 -0.113

(17.650) (18.627) (13.233) (0.128)

Asian × Male × % White Coworkers -9.522 -9.409 -0.012 -0.029

(7.626) (8.191) (7.329) (0.045)

Hispanic × Male × % White Coworkers 3.221 -11.008 -10.117 -0.061

(13.858) (14.296) (12.491) (0.068)

White Mean Dep. Var. 202 173 60 0.021

White Female Mean Dep. Var. 203 174 62 0.011

Individual controls X X X X X X X X

Office × Year FE X X X X X X X X

Manager interaction X X X X X X X X

Nb. obs 7616 7616 7595 7595 7616 7616 6112 6112

Notes. This table presents OLS estimates of a linear model where the dependent variable is: employees’ mean hours of work per month in the first two years (Columns

1 and 2), employees’ mean billable hours of work per month in the first two years (Columns 3 and 4), the percentage of priority projects out of total projects in the

first two years (Columns 5 and 6), the first performance review received at the firm (Columns 7 and 8). The explanatory variables are race-gender dummies and the

average percentage of White coworkers in all the projects that the new hire started working on within two months of their hire. Columns 1, 3, 5 and 7 have the same

controls as Column 2 in Table V, Columns 2, 4 6 and 8 have the same controls as Column 3 in Table V . All columns include office-year fixed effects. Continuous

predictors are mean centered. Standard errors are clustered at the office-year level and reported in parentheses.* p < 0.1, ** p < 0.05, *** p < 0.01
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A. Appendix Figures

Figure A.1: Racial and Gender Composition of Teams

(a) Black Coworkers (b) Hispanic Coworkers

(c) Asian Coworkers (d) Female Coworkers

Notes. This figure shows the distribution of new hires’ average percentage of (a) Black coworkers, (b) Hispanic

coworkers, (c) White coworkers, and (d) female coworkers in initial project assignments.
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Figure A.2: KM Survival Rates for Promotion, by Race

Notes. This figure shows the estimated Kaplan–Meier survivor function for employees by race.

The y-axis represents the probability that an employee of a given race will become promoted.

The x-axis represents the number of days days since the hiring date.
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Figure A.3: Robustness of Turnover Results: Varying Measure of Initial Project Assignment

Notes. This figure shows the results of a robustness check where we alter the threshold of employees, above which

a project is excluded from the list of initial project assignments of a given new hire. In the main analysis (Table

V), only teams with less than 60 employees are considered. Here, we vary this cutoff (from 40 to 80 employees) and

plot the resulting coefficient on Black × % White Coworkers (left panel), with otherwise the same specification as in

Table V Column 2, and Black Female × % White Coworkers, with otherwise the same specification as in Table V

Column 3. As a benchmark we plot in red (and dashed confidence interval) the coefficients from Table V, respectively

Column 2 for the left panel and Column 3 for the right panel. 95% confidence intervals are reported.
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Figure A.4: Robustness of Turnover Results: Varying Time-Window of Initial Project Team

Notes. This figure shows the results of a robustness check where we alter the time window during which we consider

assignment to initial projects. In the main analysis (Table V), initial projects are defined as the projects that the

new hire was assigned to in the first three months since their hire. Here, we vary this cutoff (from 2 to 6 months) and

plot the resulting coefficient on Black × % White Coworkers (left panel), with otherwise the same specification as in

Table V Column 2, and Black Female × % White Coworkers, with otherwise the same specification as in Table V

Column 3. As a benchmark we plot in red (and dashed confidence interval) the coefficients from Table V, respectively

Column 2 for the left panel and Column 3 for the right panel. 95% confidence intervals are reported.
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Figure A.5: Robustness of Turnover Results: Varying Controls

Notes. This figure shows the results of a robustness check where we alter the controls used in the main regression

(Table V). On the left panel, we show the coefficient on Black × % White Coworkers from the same specification as

in Table V Column 2 , except we alter the controls as follows: (1) we remove all controls (2) we remove individual

controls (3) we remove controls on the race and gender of managers, and (4) is the benchmark, that is the same

controls - and therefore same coefficient - as in Table V Column 2. We repeat this exercise on the right panel, this

time altering the controls from Table V Column 3 and showing the coefficient for Black Female × % White Coworkers.

As a benchmark we plot in red (and dashed confidence interval) the coefficients from Table V, respectively Column

2 for the left panel and Column 3 for the right panel. 95% confidence intervals are reported.
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Figure A.6: Robustness of Turnover Results: Varying Measure of Turnover

Notes. This figure shows the results of a robustness check where we vary the measure of turnover. In the main

analysis (Table V), turnover is defined as a binary variable indicating whether an employee has left the company

within two years. Here, we vary the two-year cutoff and consider turnover within one, one and a half, and two and

a half years and plot the resulting coefficient on Black × % White Coworkers (left panel), with otherwise the same

specification as in Table V Column 2, and Black Female × % White Coworkers, with otherwise the same specification

as in Table V Column 3. As a benchmark we plot in red (and dashed confidence interval) the coefficients from Table

V, respectively Column 2 for the left panel and Column 3 for the right panel. 95% confidence intervals are reported.
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Figure A.7: Robustness of Promotion Results: Varying Measure of Promotion

Notes. This figure shows the results of a robustness check where we vary the measure of promotion. In the main

analysis (Table VI), promotion is defined as a binary variable indicating whether an employee is promoted in the

company within two and a half years. Here, we vary the two-and-a-half-year cutoff and consider promotion within two

years, two years and three months, and three years and plot the resulting coefficient on Black × % White Coworkers

(left panel), with otherwise the same specification as in Table VI Column 2, and Black Female × % White Coworkers,

with otherwise the same specification as in Table VI Column 3. As a benchmark we plot in red (and dashed confidence

interval) the coefficients from Table VI, respectively Column 2 for the left panel and Column 3 for the right panel.

95% confidence intervals are reported.
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B. Appendix Tables

Table B.1: Descriptives: Race and Gender

Panel A: Race and Gender of Employees

Share

Black Female 0.02

Black Male 0.03

Asian Female 0.17

Asian Male 0.14

Hispanic Female 0.03

Hispanic Male 0.04

White Female 0.24

White Male 0.33

Panel B: Race and Gender of Coworkers

Mean Sd Median P25 P75

% Female Coworkers 40.8 14.7 40.7 31.7 49.3

% White Coworkers 59.1 20.3 61.1 46.2 73.8

% Asian Coworkers 27.6 19.4 23.2 12.8 38.6

% Hispanic Coworkers 5.9 7.8 3.9 1.1 7.9

% Black Coworkers 5.0 7.2 2.5 0.4 6.8

Notes. Panel A of this table reports the race and gender of the new hires. Panel B reports statistics on the

racial and gender composition of the new hires’ coworkers in the first assigned projects.

Table B.2: Turnover and Promotion, by Race and Gender

Turnover (2 yr) Promotion (2.5 yr)

Mean Sd Mean Sd

Black Female 0.27 0.44 0.52 0.50

Black Male 0.28 0.45 0.47 0.50

Asian Female 0.22 0.42 0.61 0.49

Asian Male 0.25 0.43 0.57 0.49

Hispanic Female 0.20 0.40 0.72 0.45

Hispanic Male 0.23 0.42 0.59 0.49

White Female 0.17 0.38 0.73 0.44

White Male 0.24 0.43 0.64 0.48

Notes. This table reports, by race and gender, the average and stan-

dard deviation of employees’ (a) turnover within two years and (b)

promotion within two years and a half.

8



Table B.3: Test of Random Assignment I

Panel A: Employee Race and Gender

(1) (2) (3) (4) (5) (6) (7) (8)

Black Female Black Male Asian Female Asian Male Hispanic Female Hispanic Male White Female White Male

% White Coworkers -0.014 -0.038 0.032 -0.052 0.014 0.021 0.014 0.023

(0.026) (0.027) (0.054) (0.051) (0.035) (0.030) (0.062) (0.070)

% Black Coworkers 0.049 0.026 0.081 -0.084 0.008 -0.025 0.013 -0.068

(0.037) (0.046) (0.069) (0.067) (0.043) (0.041) (0.087) (0.095)

% Asian Coworkers 0.001 -0.036 0.134** 0.054 -0.018 -0.024 -0.072 -0.040

(0.024) (0.028) (0.056) (0.056) (0.035) (0.029) (0.064) (0.071)

Panel B: Project Characteristics

(1) (2) (3) (4)

Top Priority Second Priority Third Priority Fourth Priority

% White Coworkers 0.032 0.014 -0.009 0.004

(0.028) (0.023) (0.015) (0.009)

% Black Coworkers 0.012 0.015 -0.016 0.011

(0.036) (0.031) (0.018) (0.011)

% Asian Coworkers 0.021 0.001 -0.011 0.005

(0.029) (0.023) (0.016) (0.009)

Individual controls X X X X X X X X

Office × Year FE X X X X X X X X

Nb. obs 11776 11776 11776 11776 11776 11776 11776 11776

Notes. This table presents the same estimates as Table II with the exception of additionally controlling for new hires’ characteristics.

For more information on the specification, see Table II and for information on the controls see the notes under Table V.
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Table B.4: The Effect of First Managers Race Composition on Turnover, by Race and Gender

OLS Cox

(1) (2) (3) (4) (5) (6)

% Black managers -0.021 -0.022 -0.021 1.001 1.001 1.001

(0.042) (0.041) (0.042) (0.002) (0.002) (0.002)

% Asian managers 0.007 0.007 0.008 1.000 1.000 1.000

(0.028) (0.028) (0.028) (0.001) (0.001) (0.001)

% White managers 0.009 0.008 0.009 0.999 0.999 1.001

(0.026) (0.026) (0.031) (0.001) (0.001) (0.001)

Male × % White Managers -0.001 0.998∗

(0.033) (0.001)

Black × % White Managers -0.029 -0.030 -0.000 1.002 1.002 1.000

(0.061) (0.061) (0.078) (0.003) (0.003) (0.004)

Asian × % White Managers 0.014 0.015 0.060 1.001 1.001 1.000

(0.029) (0.029) (0.038) (0.001) (0.001) (0.002)

Hispanic × % White Managers 0.004 0.005 -0.054 1.002 1.002 0.997

(0.056) (0.056) (0.074) (0.002) (0.002) (0.003)

Black × Male × % White Managers -0.048 1.003

(0.116) (0.005)

Asian × Male × % White Managers -0.104∗ 1.001

(0.060) (0.002)

Hispanic × Male × % White Managers 0.113 1.010∗∗

(0.099) (0.004)

White Mean Turnover 0.211 0.211 0.211 0.211

White Female Mean Turnover 0.172 0.172

Individual controls X X X X X X

Office × Year FE X X X X X X

Nb. obs 7617 7617 7617 11776 11776 11776

Notes. This table shows the estimated coefficients on the interaction between the share of managers who are White

in the employee’s first project assignments and the employee’s own race (in Columns 1, 2, 4 and 5), as well as gender

(in Columns 3 and 6). The other variables in the regression are the same as in the equivalent columns of Table V.

Standard errors clustered at the office-year level and reported in parentheses. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table B.5: The Effect of First Team Composition on Turnover: Beyond Tokenism

OLS Cox

(1) (2) (3) (4) (5) (6)

Black 0.096∗∗∗ 0.097∗∗∗ 0.130∗∗∗ 1.365∗∗∗ 1.370∗∗∗ 1.403∗∗

(0.030) (0.030) (0.037) (0.150) (0.151) (0.231)

Asian 0.014 0.021 0.028 1.100 1.134∗∗ 1.160∗

(0.016) (0.016) (0.021) (0.066) (0.068) (0.097)

Hispanic -0.003 -0.001 0.010 1.075 1.087 1.233

(0.027) (0.027) (0.039) (0.106) (0.107) (0.184)

Male 0.041∗∗∗ 0.047∗∗∗ 1.219∗∗∗ 1.261∗∗∗

(0.012) (0.015) (0.058) (0.080)

Black × Male -0.061 0.947

(0.051) (0.205)

Asian × Male -0.014 0.969

(0.030) (0.110)

Hispanic × Male -0.022 0.795

(0.051) (0.154)

% White Coworkers 0.086 0.088 0.016 1.004 1.004 1.001

(0.089) (0.090) (0.101) (0.004) (0.004) (0.005)

Male × % White Coworkers 0.126 1.005

(0.085) (0.004)

Black × % White Coworkers 0.380∗∗∗ 0.379∗∗∗ 0.565∗∗∗ 1.019∗∗∗ 1.019∗∗∗ 1.030∗∗∗

(0.142) (0.142) (0.180) (0.007) (0.007) (0.010)

Asian × % White Coworkers -0.056 -0.052 -0.003 1.001 1.001 0.999

(0.088) (0.088) (0.110) (0.003) (0.003) (0.005)

Hispanic × % White Coworkers -0.122 -0.127 -0.106 0.991 0.991 0.996

(0.157) (0.157) (0.220) (0.006) (0.006) (0.009)

Black × Male × % White Coworkers -0.350 0.981

(0.296) (0.013)

Asian × Male × % White Coworkers -0.054 1.008

(0.151) (0.006)

Hispanic × Male × % White Coworkers -0.022 0.991

(0.278) (0.011)

White Mean Turnover 0.211 0.211 0.211 0.211

White Female Mean Turnover 0.17 0.17

Individual controls X X X X X X

Office × Year FE X X X X X X

Manager interaction X X X X X X

Nb. obs 6659 6659 6659 10048 10048 10048

Notes. This table presents the same estimates as Table V, but restricted to the sample of employees who have at least one

Black employee in their team. The specification is otherwise the same as in Table V. Standard errors in parentheses. * p <

0.1, ** p < 0.05, *** p < 0.01.
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