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*  Algorithm Mechanism Design (audit)

ADDITIONAL INFORMATION
Languages: Chinese, German, French, Italian

Programming Skills: Python, R, Javascript, MATLAB



CHARLES WAN
Galvanistraat 539, 3029 AD, Rotterdam, Netherlands ® wan@rsm.nl = (+31)(0)622459609

Summary of Current Research

I am currently working on two research projects pertaining to the deployment of Al in
organizations. The first project examines the role of explanations in algorithm-enhanced decision-
making processes. Explanations in machine learning, by attributing a particular outcome to a subset of
features, reduce a high-dimensional feature space to a low-dimensional one in order to facilitate human
understanding. If the power of discretion lies with the human worker, this could lead to a reduction in
efficiency as the human worker is induced to re-engage with her sparse and possibly biased heuristic
model. There therefore exists a potential trade-off between explainability and efficiency. I try to
develop an analytical framework that models human psychology as an endogenous variable within the

machine learning pipeline and test my hypotheses empirically using randomized field experiments.

My second project explores the tension between trust in Al and worker agency in an
organizational setting. I develop an information theoretic framework for measuring the "gap" between
worker priors and algorithmic output. Difficulties in implementing Al's recommendations could arise
if the gap is large. Mechanisms such as explanations and repeated positive exposure could lead to
greater trust in the algorithm. The more the worker trusts the Al, however, the weaker her incentive to
form priors, leading to a reduction of worker agency. This is problematic if the Al is not robust and
cannot generalize to unforeseen events that might have a substantial impact on its performance (e.g.,
by causing a big shift in the data distribution), especially for mission critical systems. I try to model
worker agency and incentives endogenously and design experiments to empirically test the trade-offs
between, on the one hand, efficiency gains from full delegation to the algorithm and, on the other hand,

robustness to distributional shifts in data.



