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Research in Progress

1 Hate Speech on Social Media in India

This project is motivated by the recent debate on censorship of political speech on social media.
The controversy sparked by President Trump’s reactions to protests in Minneapolis, found Twitter
and Facebook taking different positions against the President’s inflammatory remarks'. While the
question here is, should social media companies have the right to place limits to free speech in the
interests of its users, we are curious about the conditions that give rise to online extreme speech in the
first place. We believe, that such generalizable knowledge would inform this crucial policy debate,
and justify the use of appropriate policy instruments.

Pohjonen and Udupa (2017) define online ‘extreme speech’ as digital acts that seek to polarise
opinion, and that may take the form of offensive messaging targeted at individuals or communities?.
In India, memes that target and label certain groups (including University students, journalists, and
the Muslim community) as ‘anti-national’ are known to have incited violence. Additionally, as
an increasing number of women are accessing various social media platforms, there is a renewed
challenge to ensure a safe environment against spamming, and sexual harassment. While social
media can grant voice to marginalized groups to express their viewpoints, negative reactions can pose
harsh barriers to access these platforms, and to form networks with community members effectively
(Kennedy, 2000). In India, there is an urgent need to address factors that constrain the use of digital
media, especially due to reports of suicides after online harassment (Gurumurthy and Menon, 2009)
and those of mob lynchings triggered my rumours on WhatsApp>.

With more than 400 million users*, WhatsApp has no major competitors in India. Misinformation
and extreme speech received through groups and personal conversations on WhatsApp are known
to alter a user’s view of the world. Information flowing through the network of friends can also
influence voting decisions, as noted in the case of the general election (2019) in India (Garimella
and Eckles, 2020; Badrinathan, 2020). Crucially, Kamra and Williams (2019) provide evidence that
digital content circulating on WhatsApp, which is characterised as hate speech informs everyday
public opinion.

Given the immense popularity of WhatsApp as a communication platform, understanding flows of
information on WhatsApp is key to parsing out the role of information in shaping people’s attitudes.
This is especially important in an atmosphere of high polarization across religious lines in India,
where any WhatsApp user could have been exposed to anti-minority propaganda (Bengani, 2019)
and misogynist content. This is a hard task as researchers do not have access to encrypted WhatsApp
chats. As a result, previous studies have had to rely on survey data or field experiments to shed light
on the kind of information WhatsApp users are exposed to and how that impacts their decisions.

We try to bridge this gap in the literature by directly observing the content that users share on
WhatsApp with a novel data set from a content generation app, ShareChat. With 160 million active
monthly users in India’, ShareChat is a very popular platform where users can generate, engage with
and share content in 14 non-English regional languages. ShareChat users can share content from the
platform to WhatsApp directly.

It is important to address questions relating to Hate Speech and women’s safety on ShareChat for two
reasons. Firstly, content created on ShareChat influences the environment on WhatsApp (primarily)
and Facebook (to a lesser degree), i.e. on downstream platforms where content created on ShareChat
is shared. This is a claim that we also plan to verify empirically. Secondly, with an enormous user
base in India, ShareChat is space where popular opinions are being formed. It is therefore, useful to
understand the environment in which such posts surface and are engaged with to make sure that all
marginalized groups have access to this opinion building machinery.

'https://uww.forbes.com/sites/chriswestfall/2020/05/30/free-speech-facebook-twitter-george-floyd-demonst

#5db14fa66e90
2See Waseem and Hovy (2016) for a list of criterion (founded in critical race theory) to detect hate speech.

Similarly, Bohra et al. (2018) construct a Hindi-English code-mixed dataset for detecting hate speech
Shttps://www.bbc.com/news/world-asia-india-44856910
“nttps://techcrunch.com/2019/07/26/whatsapp-india-users-400-million/
*https://techcrunch.com/2020/09/24/indias-sharechat-raises-40-million-says-its-short-video-platform-moj-



2 Data

ShareChat has 160 million active monthly users in India, who are creating and sharing content in
14 non-English regional languages. ShareChat can be seen as a companion service, catering to the
content needs of a very large proportion of the 400 million Indian WhatsApp users. Not only will the
researchers have access to observational data on the app, we will be able to conduct experimental
studies, as the developers of the app have invited us to design interventions that could help make the
app safer for women and other marginalized groups.

Content based social networks, such as ShareChat, are centered around topics. The interactions on
ShareChat are primarily through the trending content. The data accessible to us is similar to other
online social networks (Leskovec et al., 2010a,b). There are primarily two entities in the social
network: content and users. We describe connections between these entities and the observations that
we have access to.

There are three types of users: individuals, paid content creators, and media companies. Users
can post text updates and multi-media updates: images and videos. As can be anticipated, media
companies and paid content creators tend to have far more reach and content. The content created by
the users is surfaced on various windows namely, trending, popular, news and so on. These windows
can also be topical e.g. corona virus, government legislation, funny content, seasons’ greetings,
election results etc. Users can follow other users and the content generated from that connection is
surfaced on the ‘following’ window. The data will have information pertaining to individual user i.e.
name, type, and content created by the user. In addition to that, the data will have the connections
from the follow feature.

A user accessing the mobile app sees content generated by other users. The user can then proceed
to comment, like, download, repost, or share this content to other platforms, especially WhatsApp.
We will have access to these interactions between users and content. Of these liking, reposting
and commenting features are public, meaning users on ShareChat can observe the above actions on
the content. The downloading and sharing features are not public, meaning that other users cannot
observe who shared what on WhatsApp. The sharing feature shares the post directly to WhatsApp
and the download features enables users to upload the content to other social networks, including
WhatsApp. The comments under such user generated content can have nested comment threads
within them. All the interactions between users are shown in the comment section of posts. The data
set will also contain comments made by users on posts and nested comment threads. This essentially
gives us a rich network of users and content, all of them are part of the social network graph.

All user generated content and related interactions can be varied in nature. The content can be
in favour of a political party or against it. It can be in favour of or against foreign nations and
marginalized groups. They could be spreading useful information or fake news. The comments
can be similar in nature ranging from supportive or encouraging to hateful or abusive. We furnish
examples in Appendix Figure 1. We can summarize the features of our dataset as follows:

1. Linked to WhatsApp: This information is not publicly available (for other users), but will
be available to the researchers

2. Enormous User Base: With 160 million active monthly users, ShareChat is a very rich
source of data. For comparison, WhatsApp has 400 million users in India

3. Localized engagement with content: Content is highly localized by geographic location,
local language, and is geo-tagged

4. Mapping Networks: The researchers can map user to user, user to content, and content to
content links

5. Private Beliefs: We can distinguish between users social and private beliefs by noting
different kinds of engagement activity on the app. ‘Sharing’ behaviour is not visible to other
users but ‘Commenting’ behaviour is. Researchers observe both.

6. Representation: of a specific socio-economic group, seemingly unrepresented on Twitter
and Facebook
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Figure 1: Examples of user generated content on ShareChat



