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Abstract: The Affordable Care Act (ACA) not only changed the landscape of health insurance
coverage in the United States, but also affected the relationship between working decisions and
health insurance. In this paper, we estimate the impact of the ACA on the near-elderly in the five
years after the implementation of its key provisions in early 2014. We exploit variation across
geographic areas in the pre-existing level of uninsurance and use 65-69 year olds, whose
insurance coverage was unaffected by the ACA, as a within-region control group. Our findings
indicate that the ACA increased health insurance coverage among the near elderly by 4.2
percentage points and reduced their labor force participation rate by 0.6 percentage points.
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I. INTRODUCTION

The passage of the Affordable Care Act (ACA) in 2010 constituted the largest reform to
the U.S. health care system since the 1965 introduction of Medicare and Medicaid. This reform
aimed to reduce the fraction of individuals uninsured in the U.S., which was around 20% in the
previous decade. The ACA sought to do so through expanding Medicaid for individuals up to
138% of the federal poverty line, creating incentives for employers to offer insurance coverage,
establishing new health care exchanges with subsidies for people with incomes within 100 and 400
percent of the of the federal poverty line, and mandating individual health insurance coverage
(though this last provision was later repealed in 2017).

While the ACA greatly expanded access to health insurance, it may also have also
weakened the relationship between employment and insurance coverage, thereby affecting labor
supply and demand. Indeed, the Congressional Budget Office (CBO) produced a report in 2014
estimating that the ACA would reduce the aggregate hours worked by 1.5 to 2.0 percent between
2017 and 2024, mainly due to a decrease in labor supply. These projections translate into a decrease
in the size of the labor force by about 2.0 to 2.5 million by 2024 (CBO 2014). This paper aims to
understand how the ACA affected not only the health insurance coverage of the near elderly
population, but also whether the higher coverage translated to changes in labor supply.

There are at least three reasons to believe that the Affordable Care Act may have had
especially large effects on the near-elderly. First, past evidence has shown that older workers have
higher labor supply elasticities (French 2005). Second, because the ACA caps premium
contributions based on income, those who face the highest premiums (the near-elderly) receive
correspondingly higher subsidies. Figure 1 displays the average effective subsidy faced at
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subsidies. Finally, the near-elderly generally have higher values of health insurance than younger
workers since their average health care spending is significantly higher. Consistent with this and
as shown in Figure 2, the highest fraction of families in which annual out-of-pocket spending on
health care exceeds $2,000 is among those with 55-64 year olds.

In this paper, we evaluate whether the additional health insurance coverage induced by the
ACA affected labor market outcomes for the near-elderly. We use individual-level data from the
American Community Survey (ACS) for the 2010 through 2018 period. Our analyses exploit
geographic variation in the pre-existing uninsurance rates across areas. We also use 65-69 year
olds, whose insurance options did not change significantly with the ACA due to their near-
universal Medicare coverage, as a within-region control group. Our empirical approach is similar
to the methodologies of previous work aimed at estimating the effect of Medicare introduction in
1965 (Finkelstein, 2007; Finkelstein and McKnight, 2008) or the 2006 Massachusetts Health
Reform (Kolstad and Kowalski, 2012; Miller, 2012) as well as previous work on the ACA
(Duggan, Goda, Jackson 2019; Courtemanche et. al 2017).

Our results indicate that the ACA had a substantial impact on overall health insurance
coverage among the near elderly. We estimate that an increase in the pre-existing uninsurance rate
of 10 percentage points led on average to a post-ACA increase in health insurance coverage of 4.0
percentage points for 60-64 year olds relative to 65-69 year olds. This coverage increase was
driven by increases in coverage through employers, direct purchase, and Medicaid, and we also
find that the number of types of coverage per person increased differentially. When we look at
changes that differentiate between Medicaid expansion and non-expansion states, we find evidence

that the increase in insurance coverage was significantly greater among expansion states.



Furthermore, the composition of changes differed: increases in directly purchased coverage were
larger in non-expansion states, while Medicaid coverage increases were larger in expansion states.

We examine the labor market consequences for those gaining coverage from the ACA by
investigating whether there were differential changes in labor market outcomes across areas with
varying baseline levels of uninsurance and across age groups using the same research design. Our
findings indicate that a 10 percentage point greater pre-ACA uninsurance rate led to a 0.5
percentage point larger reduction in labor force participation among 60-64 year olds. This
reduction in labor force participation was driven by statistically significant reductions in both
unemployment and self-employment. Employment appears to have fallen as well, though the
estimates are statistically significant only in non-expansion states. Putting these results for health
insurance and labor force together, our findings indicate that for every additional one hundred 60-
64 year olds who gained insurance coverage as a result of the ACA, approximately 13 individuals
exited the labor force on net.

There is a long and extensive literature analyzing health insurance takeup decisions
following U.S. healthcare reforms, such as the Medicaid expansions of the 1980s or 1990s (Currie
and Gruber, 1996a; Currie and Gruber, 1996b; Cutler and Gruber, 1996; Aizer and Grogger 2003;
Hamersma and Kim 2013) and examining the link between health insurance and labor market
decisions (Madrian, 1994; Gruber and Madrian, 2002). Given the scope and magnitude of the ACA
reform, a recent and growing literature has also sought to estimate the effect of this policy on
individual health insurance and is generally in agreement in substantial coverage increases for the
overall population (Sommers et. al., 2014, 2015, 2016; Courtemanche et. al 2017; Frean, Gruber,
and Sommers, 2017; Duggan, Goda, Jackson, 2019) and in particular, the near elderly (Freed,
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However, previous studies have failed to find that the ACA induced substantial labor
market changes (Gooptu et. al., 2016; Gustman, Steinmeier, and Tabatabai, 2018; Kaestner et. al.
2017; Buchmueller, Levy, and Valleta, 2018; among others). Much less work has focused on the
near elderly population close to the age of Medicare eligibility, whose working decisions could be
more responsive on average than the non-elderly adult population. With the exception of Wood
(2019), who finds a decrease in labor force participation, existing studies find little to no effect of
increased retirement behavior (Buchmueller, Levy, and Nikpay, 2018; Gustman, Steinmeier, and
Tabatabai, 2018; Aslim, 2019; Duggan, Goda, and Jackson, 2019).

The main contributions of our study are the focus on the near-elderly and the addition of a
within-region control group whose insurance coverage and labor market outcomes would not be
expected to change as a result of the ACA. While there is an extensive literature on the effects of
the ACA on both insurance coverage and labor market outcomes, existing papers examining labor
market effects generally focus on exploring whether outcomes changed differentially across
Medicaid expansion and non-expansion states. Our approach allows us to flexibly control for
changing conditions in labor markets that may be correlated with the pre-existing share of
uninsured in a region.

The rest of the paper proceeds as follows. Section Il provides details regarding the data we
use in the analysis including average characteristics prior to ACA implementation. Section Il1
describes our empirical strategy. We report our results and robustness exercises in Section IV, and

Section V concludes.



[I. DATA AND ANALYSIS SAMPLE

Our main analysis utilizes the American Community Survey (ACS), an annual survey of
U.S. households as conducted by the U.S. Census Bureau. They survey a wide variety of household
and individual level topics. We focus on detailed data on working decisions, demographics, health
insurance coverage, and income sources. The Census mails its survey to approximately 3.5 million
addresses in a given year, and follows up with phone or in person visits for those in addresses who
have not responded. Due to these efforts, the response rate for the ACS is quite high, typically
around 97 percent. We utilize a version of the ACS that is harmonized across years, called IPUMS
(Integrated Public Use Microdata Series) by the University of Minnesota.

We restrict the sample to observations from 2010 through 2018 for civilians age 60 to 69,
resulting in 3,590,073 person-year observations. We therefore limit to 4 years before the
implementation of the ACA in January 2014, and use all years of available data post 2014. The
ACS questionnaire asks whether an individual has health insurance coverage at the time of the
interview. Note that this differs from the Current Population Survey, which asks for coverage
status within the previous calendar year. Insurance coverage falls into seven categories: insurance
through an employer, insurance directly purchased, Medicare, Medicaid (or other government
assisted plan, such as Medical Assistance or plans for those with disabilities or low incomes),
Tricare and other military insurance, Veteran’s Affairs (VA) coverage, or coverage from Indian
Health Services. Individuals self-report their health insurance status and the type of insurance.
Therefore, there is a possibility that there is mis-reporting and measurement error, due to how
individuals might interpret the wording on the questionnaire. The ACS includes a variable for
health insurance coverage overall, which includes any of the several types of coverage as listed

above, with the exception of Indian Health Insurance. Note that individuals can also have more



than one type of health insurance coverage, and we create a variable that sums the total number of
coverages, with the exception of IHS. We also utilize a variety of labor market outcomes, such as
employment status in the last week, an indicator for being out of the labor force (defined as not
having employment and not searching for a job over the last four weeks), self-employment, and
usual hours worked per week over the past 12 months. We use hours and employment status to
construct an indicator for working part time, defined as being employed and working less than 30
hours per week. Our analysis variables are summarized for each year in Table 1.

Figure 3 illustrates health insurance coverage prior to the implementation of the ACA in
2014, by age group. The sum total of the percentages exceed 100 percent, because some individuals
report coverage from multiple sources. We see that uninsurance rates are higher among younger
age groups in the baseline, where the primary source of insurance is through a private employer.
The elderly saw almost universal coverage by Medicare, but often supplement this with other
sources. Children and young adults also saw higher rates of coverage with insurance through
Medicaid, as Medicaid eligibility requirements were more generous for children.

Our analysis leverages variation in the pre-ACA share of individuals in a geographic area
without health insurance coverage. The finest possible level of geography that is available in the
public ACS data is a PUMA, or Public Use Microdata Area. PUMA s are delineated as to not cross
state borders and each must have a population of at least 100,000 in the decennial census. Since
PUMAs are based on population and not area, places like Los Angeles typically have several
PUMAs based on census tract, while PUMAS in rural areas are usually based on counties. PUMAS
are redefined every ten years, due to the introduction of a new decennial census. Within our sample
time frame, the ACS utilized one set of 2,071 PUMAs for 2010 and 2011 data, while switching to

another set of 2,351 PUMAs for 2012 onwards. As a consequence, we utilize IPUM’s



harmonization of PUMAs. IPUMS has aggregated 2000 and 2010 PUMA s into consistent PUMAs,
which by construction have the same boundaries across our 2010 through 2018 analysis period.
There are 1,078 consistent PUMASs and no observations are dropped from the data.

We aggregate the individual level data on health insurance coverage for 60-64 year olds at
the PUMA level to calculate the baseline levels of uninsurance used in our analysis. Figure 4 shows
a “heat map” that illustrates the variation in the baseline levels of uninsurance for this age group.
The average value of baseline uninsurance across PUMAS is 11.7 percent, with a standard
deviation of 6.0 percent, and the share varies from 1.5 percent to a maximum of 52.7 percent.

We provide the intuition behind our identification strategy in Figure 5, which shows the
trajectory of average health insurance coverage by year for four different groups: 60-64 year olds
living in the bottom and top quartile PUMASs ranked by baseline uninsurance among the near
elderly, and 65-69 year olds living in the bottom and top quartile PUMAS ranked by these same
measures of uninsurance. As shown in the figure, 60-64 year olds living in the top quartile PUMAs
by baseline uninsurance experienced substantially higher increases in health insurance coverage

when the ACA was implemented than did the other three groups.

[ll. EMPIRICAL METHODS

Our empirical approach leverages geographic variation in uninsurance among the near
elderly prior to the ACA’s implementation, age (due to the fact that the ACA did not change
insurance coverage for 65-69 year olds), and time. In some of our specifications, we also examine
whether the effects varied for Medicaid expansion states versus non-expansion states. Our

baseline regression equation is as follows:



(1) INS;qp; = 8o POST, X Unins, X Age60_64, + BXiape + Ve + ta + 0p + Qg + @pe +
Wap T Eigpt

in which INS;,,, represents an indicator for whether individual i living in PUMA p and age a has
any health insurance, private employer-based coverage, directly-purchased coverage, or Medicaid
coverage in time t; POST, is an indicator equal to 1 in 2014 or later and O otherwise, Unins,

represents the pre-ACA uninsurance rate among the near elderly for PUMA p, and X, includes
demographic controls for gender, race, education, and ethnicity. Standard errors are clustered at
the PUMA level. The variables y;, iy, 0, aqe, @, and wg,, represent fixed effects and all lower-
order interaction terms. PUMA-by-year fixed effects account for differential trends in the
outcomes that could be correlated with baseline levels of uninsurance, year by age fixed effects
account for differential trends by age, and age by PUMA fixed effects account for systematic
differences in ages in different locations. Note that because we include these detailed fixed effects,
the main effects of POST,, Unins, and Age60_64, drop out of the regression. We hypothesize that
8, IS positive, that is, insurance coverage grew more rapidly among the near elderly in areas with
higher pre-existing uninsurance for 60-64 year olds relative to 65-69 year olds.

States are heterogeneous with respect to Medicaid expansion status, so we extend our
empirical specification through interacting with a binary variable, Expansiong, which indicates
whether the state has expanded its Medicaid program by January 1, 2014. Therefore, we
additionally estimate equation (2):

(2) INS;qpt = 81 POST; X Unins,, X Age60_64, + 6, POST; X Unins, X

Age60_64, X Expansiong + BXiqp: + Ve + Ua + 0p + dgr + @pt + Wgp + Eigpe
As with (1), geographic areas with higher shares of uninsured individuals prior to ACA ought to

see greater increases in health insurance coverage, and thus, §; > 0. In addition, it is plausible



that the overall level of health insurance increased more due to the ACA in Medicaid expansion
states, i.e. &, > 0. Inaddition, Equation (2) allows the sources of coverage to change differentially
for expansion and non-expansion states.

To estimate the effect of the ACA on labor market outcomes, we perform an analogous set
of reduced-form regressions as specified in (1) and (2) using labor market outcomes as the
dependent variables instead of health insurance coverage. We investigate whether PUMAS with
larger ACA-induced increases in health insurance coverage among the near elderly also have larger
changes in labor market outcomes for this group. Finally, we perform a subsample analysis to see
if the results for both insurance coverage and labor market outcomes vary across observable
characteristics such as marital status and age.

In our labor market outcomes analysis, the empirical predictions are somewhat less clear
but we provide a conceptual framework to use as a lens through which our empirical estimates can
be interpreted. Appendix Table A.1 shows a transition matrix, where the rows indicate one’s status
prior to the ACA and the columns indicate one’s possible status after the ACA. Because our
empirical strategy relies on variation in the share of the near elderly population that was uninsured,
the estimates are not designed to reflect any labor market impacts on those already insured prior
to the ACA (bottom half of table). These individuals may substitute away from health insurance
coverage conditional on employment towards health insurance that can be obtained through other
channels and that is no longer conditional on working. Specifically, we interpret our results as
shedding light on labor market transitions associated with movements from uninsurance to
insurance (top right quadrant of table).

If changes in health insurance coverage are not accompanied by changes in labor market

status, the mass would fall along the diagonal of the top right quadrant in Appendix Table A.1,
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and we would see increases in insurance coverage but no changes in labor market outcomes. We
would interpret these changes as coming from increases in take-up of coverage, through one’s
existing employer, Medicaid or via subsidized coverage in the exchanges, with no impacts on the
labor market. Otherwise, our pattern of estimates will inform the net effect of ACA-induced
changes in insurance on labor market outcomes and potential mechanisms. For instance, if we find
that labor force participation and employment declines, with no change in unemployment, we
would infer that the labor market transitions were predominantly from employed and uninsured
individuals moving out of the labor force and gaining insurance. This could reflect the availability
of subsidized health insurance outside of employment inducing those employed at firms that did
not offer health insurance to leave the labor force due to an income effect. If we find that
unemployment declines, we would infer that the unemployed and uninsured individuals are
moving either out of the labor force (because they stop searching for employment due to subsidized
coverage available outside of employment and/or an income effect) or into employment (because
of more incentives to find a job with health insurance due to the ACA’s individual mandate or
because take up of employment may allow one to be eligible for subsidies).*

Our identification strategy isolates the impact of the ACA on insurance coverage and labor
market outcomes for 60-64 year olds under the assumption that, absent the ACA, geographic areas
with larger shares of individuals uninsured would have evolved similarly as those with smaller
shares, after controlling flexibly for changes in area-level insurance coverage and labor market
outcomes experienced by 65-69 year olds and person-level demographics. In our second
specification, we assume that average outcomes in PUMAs with a given share of individuals

uninsured in expansion states would have evolved similarly as those with a similar share in non-

! Autor and Duggan (2003) find that an increase in the generosity of the SSDI program reduced unemployment
because unemployed workers became more likely to drop out of the labor force rather than search for a new job.
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expansion states, absent the ACA. Importantly, these assumptions do not rule out different levels
of insurance coverage or labor market outcomes across areas for reasons other than the ACA that
are changing over time, as long as they are common to 65-69 year olds. This strategy therefore
accounts for potentially differential rates of economic recovery following the recession that could

be related to the underlying income distribution and also health insurance coverage in an area.

IV. EMPIRICAL RESULTS
A. Health insurance coverage

Table 2 displays the results of estimating Equation (1) on outcome variables pertaining to
health insurance coverage and its source. All of the specifications include controls for gender, race,
ethnicity, education, and all one- and two-way interactions between single year-of-age fixed
effects, year fixed effects, and PUMA fixed effects. The outcome variable is listed in the column
header. We include the mean of the dependent variable in the bottom row of the table averaged
over the pre-ACA sample years for the 60-64 year old sample.

The results in the table provide evidence that the ACA induced statistically significant
increases in health insurance coverage among the near elderly. In Column (1), we see that PUMAS
with a higher share of the near-elderly population uninsured had larger increases in health
insurance coverage. More specifically, average coverage rates increased by 4.0 percentage points
more for 60-64 year olds relative to 65-69 year olds in areas where the baseline uninsurance was
10 percentage points higher. In Columns (2) — (7), we see that the overall increase was driven by
increases in Medicaid coverage, directly-purchased health insurance, and employer-based
coverage, and there was also an increase in people reporting more than one source of health

insurance coverage.
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When we interact our triple-difference estimate with Medicaid expansion status (Table 3)
we see that coverage increases for 60-64 year olds were more responsive to differences in baseline
uninsurance rates in states that expanded Medicaid relative to states that did not. We also see that
most of the coverage increases in non-expansion states were driven by directly-purchased
insurance and employer coverage, while in expansion states, the coverage increases were primarily
driven by Medicaid.

Next, we explore heterogeneous effects by minority status, sex, education level, and marital
status, by running our main specifications on subsamples of the population. We maintain the same
definition of fraction uninsured in the PUMA as before, where the fraction uninsured refers to the
overall aged 60-64 population, and not the specific subsample. Tables 4 and 5 illustrate the effect
on insurance coverage and show that the relationship between coverage and prior uninsurance
levels is larger for minorities and those with a high school degree or less. Furthermore, we see that
insurance coverage increased more for expansion states than non-expansion states, across all
subsamples and that the stronger relationship for minorities and those with lower levels of

education is driven by differences in non-expansion states.

B. Labor market outcomes

We next provide evidence regarding the effect of the ACA-induced increases in health
insurance coverage on labor market outcomes in Tables 6 and 7, which display the results of
estimating (1) and (2) on the labor market outcomes summarized in Table 1. As in earlier tables,
the column heading denotes the dependent variable. Pre-ACA means of the dependent variables

are reported in the final rows below the regression results.
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Table 6 indicates that 60-64 year olds in regions with a 10 percentage point higher level of
uninsurance saw reductions in labor force participation of 0.5 percentage points relative to 65-69
year olds. This reduction is statistically significant at the 5 percent level, and appears to be driven
by reductions in both unemployment and self-employment. We do not detect evidence that
employment overall is lower, nor that the fraction of individuals working part-time changed.
When we examine the number of hours conditional on working, we also find no evidence of
reductions for those most-affected by the ACA’s provisions. When we investigate whether there
were differential effects among expansion and non-expansion states (Table 7), we find that overall,
the results were similar in these two sets of states.

In aggregate, our point estimates suggest that for every one hundred 60-64 year olds who
gained insurance coverage, approximately 13.4 people exited the labor force.? Our point estimates
further suggest that approximately 7.1 of these 100 people left self-employment and 6.2 stopped
searching for work and therefore exited unemployment.

We perform some “back of the envelope” calculations to gauge the aggregate implications
of our findings. Using the age 65-69 group as our control, we can run a simple differences-in-
differences model, regressing each individual’s insured status on a set of age fixed effects, year
fixed effects, and the interaction between an indicator for being in age 60-64 and an indicator for
post-2014 (along with the same set of controls). This regression suggests that the 60-64 age group
experienced an increase in insured status of 4.52 percentage points relative to 65-69 year olds. In
2013, there were 18.3 million 60-64 year olds, and our results therefore suggest that approximately
826,000 non-elderly individuals acquired insurance as a result of the ACA. Using our labor market

estimates from above, we estimate that 110,000 non-elderly individuals left the labor force. This

2 This represents the ratio of the coefficient estimate of -0.0585 in Column 1 of Table 6 and the corresponding
estimate of 0.394 in Column 1 of Table 2.
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represents a decline of 0.6 percentage points in the near-elderly labor force participation rate, with
58,000 leaving self-employment and 51,000 exiting unemployment. In 2013, there were
approximately 10.1 million 60-64 year olds in the labor force, so that our estimates suggest a ACA-
induced decline of 1.1 percent in the size of the near-elderly (60-64) labor force.

Tables 8 and 9 examine the effect on labor force participation for subsamples, akin to
Tables 4 and 5. The reductions in labor force participation are more pronounced for those with a
high school degree or less, and those who are married. The point estimates suggest that for every
one hundred 60-64 year olds with a high school degree or less who acquired health insurance as a
result of the ACA, 18.7 left the labor force.® When we include an interaction term for expansion
status, we are underpowered to detect significant differences in our subsamples and do not find

strong evidence that the effect differs in expansion states, consistent with our full analysis.

C. Robustness Checks

We explore the sensitivity of our results to several changes in our empirical specification.
First, we examine whether our results continue to hold when we limit our sample to ages 62-67,
allowing for a comparison of age groups that are plausibly more similar. As shown in Appendix
Tables A.2 — A.5, these results are qualitatively and quantitatively similar to our main findings.

We also perform a falsification test in which we include only those between the ages of 55-
64, and look for changes in 55-59 year olds relative to 60-64 year olds. Here, we find results that
are small and statistically insignificant, bolstering the evidence that the results we find when
comparing 60-64 year olds to 65-69 year olds represent meaningful changes for these groups

resulting from the ACA (Appendix Tables A.6 — A.9).

3 This corresponds to taking the ratio of 0.0907 and 0.485, the coefficients of column 3 in tables 4 and 8.
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V. CONCLUSION

The Affordable Care Act substantially increased health insurance coverage among the non-
elderly in the U.S. Previous work has investigated the effect of the ACA on labor market outcomes.
Taken together, the results from this previous research suggest that this landmark legislation had
little effect on the labor market. However, most studies have considered a much broader age
segment than the 60-64 age group that we consider in our study.

For three reasons, the near elderly are the group whose labor market outcomes are most
likely to be affected by the ACA-induced increases in health insurance coverage. First, health
insurance is more valuable to the near elderly given their higher expected health care costs. Second,
the premium subsidies provided to the near elderly were on average much higher than those
received by their younger counterparts. Third and perhaps most importantly, the elasticity of labor
supply among the near elderly is higher than among younger adults.

Our results indicate that the ACA reduced the near elderly (60-64) labor force by 110
thousand from 2014 through 2018. While the ACA may have affected labor market outcomes for
younger adults as well, for the reasons cited above this is the age group most likely to be affected.
In light of this, the reduction that we estimate is substantially smaller than would be implied by
the often-cited CBO estimates of 2.0 to 2.5 million (CBO, 2014). These labor market effects should
be considered in any overall assessment of the ACA along with its effects on health outcomes and

on economic well-being.
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Figure 3

Insurance Coverage in 2010-2013
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Figure 4
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Figure 5

Insured by Age and Location
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Table 1

Demographics and Labor Market Outcomes by Year, Age 60-69

2010 2011 2012 2013 2014 2015 2016 2017 2018
Female 0.525 0.524 0.525 0.525 0.524 0.525 0.526 0.524 0.525
White 0.828 0.827 0.823 0.819 0.815 0.811 0.807 0.800 0.796
Black 0.099 0.100 0.102 0.104 0.105 0.105 0.108 0.111 0.114
Asian 0.042 0.041 0.042 0.045 0.046 0.047 0.048 0.049 0.050
Other Race 0.032 0.032 0.033 0.033 0.034 0.036 0.037 0.039 0.040
Hispanic 0.080 0.081 0.084 0.085 0.088 0.091 0.093 0.095 0.099
Not in Labor Force  0.552 0.554 0.554 0.553 0.556 0.557 0.554 0.545 0.539
Employed 0.410 0.412 0.417 0.422 0.424 0.426 0.430 0.440 0.447
Unemployed 0.037 0.034 0.029 0.025 0.020 0.017 0.016 0.015 0.014
Self Employed 0.069 0.069 0.070 0.068 0.071 0.070 0.072 0.072 0.072
Part-Time 0.083 0.082 0.083 0.082 0.081 0.082 0.082 0.082 0.081
Hours 37.379 37.599 37.612 37.764 37.885 37.991 37.934 38.091 38.163
Insured 0.927 0.923 0.924 0.924 0.942 0.954 0.957 0.954 0.953
Num. Cov. 1.419 1.398 1.409 1.392 1.404 1.419 1.424 1.403 1.396
Employer/Union 0.533 0.526 0.521 0.506 0.497 0.489 0.484 0.482 0.482
Direct Purchase 0.212 0.197 0.197 0.192 0.201 0.212 0.215 0.206 0.206
Tricare/Military 0.044 0.045 0.044 0.042 0.041 0.041 0.041 0.040 0.038
Medicaid 0.108 0.110 0.113 0.112 0.123 0.132 0.137 0.139 0.143
Medicare 0.460 0.457 0.471 0.477 0.482 0.486 0.490 0.483 0.480
Observations 344961 365384 377680 385525 399877 414044 427496 431862 443244

Source: IPUMS ACS 2010-2018, age 60-69 civilians.
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Table 2

Insurance Qutcomes by Age Group and Uninsured Status, 60-69

1) (2) (3) (4) (5) (6)
Insured Num. Cov. Employer/Union Direct Purchase Medicaid Medicare
Unins x 60-64 x Post  0.401*** 0.275** 0.0577* 0.128*** 0.102*** -0.0303*
(0.0222)  (0.0395) (0.0259) (0.0264) (0.0341) (0.0178)
Obs. 3590073 3590073 3590073 3590073 3590073 3590073
Mean Dep. Var 0.879 1.060 0.609 0.143 0.0991 0.117
SD Dep. Var 0.327 0.613 0.488 0.350 0.299 0.321

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 60-69 year old civilians

in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of cons. puma in 2010-2013 uninsured.
* p <0.10, ** p < 0.05, *** p < 0.01

Table 3

Insurance Qutcomes by Age Group, Uninsured, and Expan Status 60-69

(1) () (3) (4) (5) (6)

Insured Num. Cov. Employer/Union Direct Purchase Medicaid Medicare
Unins x 60-64 x Post 0.309*** 0.226%* 0.0609 0.159%** -0.0297 -0.0131

(0.0390) (0.0616) (0.0378) (0.0344) (0.0259) (0.0257)
Unins x 60-64 x Post x Expan  0.231*** 0.135* -0.0140 -0.106** 0.331** -0.0376

(0.0426) (0.0778) (0.0522) (0.0451) (0.0415) (0.0353)
Obs. 3590073 3590073 3590073 3590073 3590073 3590073
Mean Dep. Var (Ex) 0.887 1.053 0.622 0.142 0.107 0.106
SD Dep. Var (Ex) 0.316 0.584 0.485 0.349 0.309 0.308
Mean Dep. Var (Non-Ex) 0.870 1.067 0.596 0.144 0.0914 0.127
SD Dep. Var (Non-Ex) 0.336 0.640 0.491 0.351 0.288 0.333

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 60-69 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of

of cons. puma in 2010-2013 uninsured.

* p<0.10,** p < 0.05, *** p < 0.01

26



Table 4

Insurance Coverage by Age Group and Uninsured Status (Het.), 60-69

(1) (2) (3) (4) (5) (6) Y] (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 60-64 x Post 0.241%** 0.474** 0.485%** 0.277*** 0.357***  0.435** 0.366%* 0.396***
(0.0198) (0.0398) (0.0309) (0.0202) (0.0260) (0.0253) (0.0309) (0.0255)
Obs. 2793749 796170 1717643 1872430 1705194 1884879 1137206 2452867
Mean Dep. Var 0.907 0.793 0.833 0.919 0.886 0.872 0.824 0.905
SD Dep. Var 0.291 0.405 0.373 0.274 0.318 0.334 0.380 0.293
Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 60-69 year old civilians
in 2010-2018 from [PUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of cons. puma in 2010-2013 uninsured.
Non-minority refers to white, non-hispanic. Married includes separated.
* p< 010, ** p < 0.05, *** p< 0.01
Table 5
Insurance Coverage by Age Group, Uninsured and Expan Status (Het.), 60-69
(1) @ (3) (4) (5) (6) (7 (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 60-64 x Post 0.170%** 0.369*** 0.382*=* 0.208*=* 0.272*** 0.337*** 0.259*** 0.316**
(0.0236) (0.0688) (0.0453) (0.0373) (0.0472) (0.0388) (0.0512) (0.0425)
Unins x 60-64 x Post x Expan 0.197**= 0.250*** 0.263** 0.176*=*  0.216*** 0.244*** 0.262*** 0.203**
(0.0335) (0.0782) (0.0556) (0.0428) (0.0537) (0.0457) (0.0631) (0.0491)
Obs. 2793749 796170 1717643 1872430 1705194  18B4R7TY9 1137206 2452867
Mean Dep. Var (Ex) 0.916 0.807 0.842 0.923 0.893 0.882 0.841 0.910
SD Dep. Var (Ex) 0.277 0.395 0.365 0.266 0.310 0.323 0.366 0.286
Mean Dep. Var (Non-Ex) 0.898 0.778 0.825 0.913 0.878 0.862 0.808 0.899
SD Dep. Var (Non-Ex) 0.303 0.416 0.380 0.281 0.327 0.345 0.394 0.301

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 60-69 year old civilians in 2010-2018. Expan refers to

states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of

of cons. puma in 2010-2013 uninsured. Non-minority refers to white, non-Hispanic. Married includes separated.

*p<0.10, " p<0.05 """ p<0.01
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Table 6

Labor Outcomes by Age Group and Uninsured Status, 60-69

(1) (2) (3) (4) (5) (6)
Not in Labor Force Employed Unemployed Self Employed Part-Time Hours
Unins x 60-64 x Post 0.0536** -0.0287 -0.0249™** -0.0284** -0.00564 0.227
(0.0220) (0.0217) (0.00763) (0.0120) (0.0117) (1.082)
Obs. 3590073 3590073 3590073 3590073 3590073 1514828
Mean Dep. Var 0.451 0.511 0.0386 0.0774 0.0797 38.91
SD Dep. Var 0.498 0.500 0.193 0.267 0.271 12.47

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 60-69 year old civilians

in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.

Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of cons. puma in 2010-2013 uninsured.

* p < 0.10, ** p < 0.05, *** p < 0.01

Labor Outcomes by Age Group, Uninsured, and Expan Status 60-69

Table 7

) (2) ©) (4) (%) (6)
Not in Labor Force Employed TUnemployed Self Employed Part-Time Hours
Unins x 60-64 x Post 0.0744** -0.0594* -0.0150 -0.0426*~ -0.0132 1.831
(0.0324) (0.0310) (0.0105) (0.0172) (0.0165) (1.531)
Unins x 60-64 x Post x Expan -0.0248 0.0443 -0.0195 0.0261 0.0164 -2.768
(0.0448) (0.0441) (0.0153) (0.0241) (0.0235) (2.145)
Obs. 3590073 3590073 3590073 3590073 3590073 1514828
Mean Dep. Var (Ex) 0.435 0.523 0.0419 0.0815 0.0835 38.64
SD Dep. Var (Ex) 0.496 0.499 0.200 0.274 0.277 12.43
Mean Dep. Var (Non-Ex) 0.467 0.498 0.0353 0.0733 0.0758 39.20
SD Dep. Var (Non-Ex) 0.499 0.500 0.184 0.261 0.265 12.51

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 60-69 year old civilians in 2010-2018. Expan refers to

states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of

of cons. puma in 2010-2013 uninsured.
T p <010, " p<0.05 """ p <001
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Table 8

Not in the Labor Force by Age Group and Uninsured Status (Het.), 60-69

(1) @ 3) (4) G5 (® ) (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 60-64 x Post 0.0448 -0.00641 0.0907*** 0.00296  0.0620* 0.0456 0.0247 0.0576**
(0.0314) (0.0357)  (0.0301)  (0.0323) (0.0372) (0.0291)  (0.0384)  (0.0286)
Obs. 2793749 796170 1717643 1872430 1705194 1884879 1137206 2452867
Mean Dep. Var 0.437 0.492 0.531 0.380 0.401 0.496 0.483 0.435
SD Dep. Var 0.496 0.500 0.499 0.485 0.490 0.500 0.500 0.496
Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 60-69 year old civilians
in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 680-64 of cons. puma in 2010-2013 uninsured.
Non-minority refers to white, non-hispanic. Married includes separated.
* p < 0.10, ** p < 0.05, *** p < 0.01
Table 9
Not in the Labor Force by Age Group, Uninsured and Expan Status (Het.), 60-69
(1) (2) (3) (4) (5) (6) (7) (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 60-64 x Post 0.0630 0.0247 0.0673 0.0858* 0.0670 0.0851** 0.0464 0.0747*
(0.0497) (0.0528) (0.0443) (0.0501)  (0.0590) (0.0379) (0.0605) (0.0425)
Unins x 60-64 x Post x Expan -0.0121 -0.0536 0.0504 -0.135*  -0.00807 -0.0491 -0.0341 -0.0110
(0.0652) (0.0695) (0.0621) (0.0697) (0.0757) (0.0578) (0.0802) (0.0581)
Obs. 2793749 796170 1717643 1872430 1705194 1884879 1137206 2452867
Mean Dep. Var (Ex) 0.422 0.471 0.518 0.368 0.388 0.478 0.466 0.419
SD Dep. Var (Ex) 0.494 0.499 0.500 0.482 0.487 0.500 0.499 0.493
Mean Dep. Var (Non-Ex) 0.452 0.516 0.543 0.393 0.414 0.515 0.500 0.451
SD Dep. Var (Non-Ex) 0.498 0.500 0.498 0.489 0.493 0.500 0.500 0.498

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 60-69 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 60-64 of

of cons. puma in 2010-2013 uninsured. Non-minority refers to white, non-Hispanic. Married includes separated.
" p<0.10, " p < 0.05, ™** p < 0.01
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Table A.2

Insurance Outcomes by Age Group and Uninsured Status, 62-67

1) (2) (3) (4) (5) (6)
Insured Num. Cov. Employer/Union Direct Purchase Medicaid Medicare
Unins x 62-64 x Post  0.425"* 0.268™** 0.121*** 0.101*** 0.0822** -0.0271
(0.0245) (0.0480) (0.0328) (0.0263) (0.0334) (0.0230)
Obs. 2173903 2173903 2173903 2173903 2173903 2173903
Mean Dep. Var 0.882 1.082 0.595 0.152 0.0972 0.133
SD Dep. Var 0.323 0.631 0.491 0.359 0.296 0.339

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 62-67 year old civilians

in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of cons. puma in 2010-2013 uninsured.
* p <0.10, ** p < 0.05, *** p < 0.01

Table A.3

Insurance Qutcomes by Age Group, Uninsured, and Expan Status 62-67

(1) 2 () @) (5) (6)

Insured Num. Cov. Employer/Union Direct Purchase Medicaid Medicare
Unins x 62-64 x Post 0.317*** 0.201=** 0.116** 0.103* -0.0227 -0.0209

(0.0320) (0.0742) (0.0517) (0.0392) (0.0271) (0.0331)
Unins x 62-64 x Post x Expan  0.252*** 0.163* -0.00502 -0.0361 0.272*** -0.0193

(0.0394) (0.0943) (0.0658) (0.0501) (0.0466) (0.0459)
Obs. 2173903 2173903 2173903 2173903 2173903 2173903
Mean Dep. Var (Ex) 0.891 1.074 0.610 0.149 0.105 0.122
SD Dep. Var (Ex) 0.312 0.602 0.488 0.357 0.307 0.327
Mean Dep. Var (Non-Ex) 0.873 1.089 0.581 0.154 0.0893 0.143
SD Dep. Var (Non-Ex) 0.333 0.660 0.493 0.361 0.285 0.350

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 62-67 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of

of cons. puma in 2010-2013 uninsured.

T p< 010, p<0.05 "7 p<0.01
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Table A.4

Insurance Coverage by Age Group and Uninsured Status (Het.), 62-67

(1) 3) (4) (5) (6) (7 (8)
Non-Minerity Minority HSG or Less  College Male Female Non-married Married
Unins x 62-64 x Post 0.284**= 0.484** 0.504**= 0.302***  0.366*** 0.466*** 0.409*** 0.412%*
(0.0253) (0.0469)  (0.0378)  (0.0212) (0.0306) (0.0313)  (0.0408)  (0.0245)
Obs. 1694371 479235 1031109 1142794 1032003 1141900 686450 1487453
Mean Dep. Var 0.909 0.796 0.838 0.921 0.893 0.872 0.830 0.907
SD Dep. Var 0.287 0.403 0.368 0.270 0.310 0.334 0.375 0.291
Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 62-87 year old civilians
in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of cons. puma in 2010-2013 uninsured.
Non-minority refers to white, non-hispanic. Married includes separated.
* p < 0.10, ** p < 0.05, *** p< 0.01
Table A.5
Insurance Coverage by Age Group, Uninsured and Expan Status (Het.), 62-67
(1) (2 (3) (4) (5) (6) (7 (8
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 62-64 x Post 0.217+* 0.326*** 0.356*** 0.243***  0.272**  0.348** 0.263** 0.333***
(0.0352) (0.0720) (0.0478) (0.0304) (0.0522) (0.0351) (0.0568) (0.0342)
Unins x 62-64 x Post x Expan 0.185%** 0.338*** 0.344**+ 0.151***  0.231***  0.269** 0.330*** 0.188***
(0.0454) (0.0858) (0.0605) (0.0400) (0.0604) (0.0483) (0.0723) (0.0446)
Obs. 1694371 479235 1031109 1142794 1032003 1141900 686450 1487453
Mean Dep. Var (Ex) 0.919 0.811 0.848 0.926 0.899 0.883 0.846 0.913
SD Dep. Var (Ex) 0.274 0.391 0.359 0.262 0.302 0.321 0.361 0.282
Mean Dep. Var (Non-Ex) 0.901 0.778 0.830 0.915 0.886 0.861 0.814 0.901
SD Dep. Var (Non-Ex) 0.299 0.416 0.375 0.278 0.317 0.346 0.389 0.299

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 62-67 year old civilians in 2010-2018. Expan refers to

states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year

by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of

of cons. puma in 2010-2013 uninsured. Non-minority refers to white, non-Hispanic. Married includes separated.

*p<0.10, ** p<0.05 """ p<0.01
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Table A.6

Labor Outcomes by Age Group and Uninsured Status, 62-67

(1) 2) 3) (4) () (6)
Not in Labor Force Employed Unemployed Self Employed Part-Time Hours
Unins x 62-64 x Post 0.0589* -0.0466 -0.0123 -0.0507*** -0.0154 -0.0408
(0.0326) (0.0319) (0.00874) (0.0164) (0.0157) (1.294)
Obs. 2173903 2173903 2173903 2173903 2173903 882512
Mean Dep. Var 0.507 0.459 0.0337 0.0733 0.0824 38.20
SD Dep. Var 0.500 0.498 0.180 0.261 0.275 12.87

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 62-67 year old civilians

in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of cons. puma in 2010-2013 uninsured.
*p<0.10, ** p < 0.05, *** p < 0.01

Table A.7

Labor Outcomes by Age Group, Uninsured, and Expan Status 62-67

1) (2) (3) (4) (5) (6)
Not in Labor Force Employed Unemployed Self Employed Part-Time Hours

Unins x 62-64 x Post 0.0852 -0.0768 -0.00840 -0.0603** -0.00655 0.834

(0.0544) (0.0531) (0.0134) (0.0249) (0.0226) (2.021)
Unins x 62-64 x Post x Expan -0.0432 0.0490 -0.00580 0.0213 -0.0169 -0.853

(0.0656) (0.0640) (0.0181) (0.0325) (0.0320) (2.627)
Obs. 2173903 2173903 2173903 2173903 2173903 882512
Mean Dep. Var (Ex) 0.491 0.473 0.0366 0.0772 0.0861 37.93
SD Dep. Var (Ex) 0.500 0.499 0.188 0.267 0.281 12.79
Mean Dep. Var (Non-Ex) 0.524 0.446 0.0307 0.0695 0.0788 38.49
SD Dep. Var (Non-Ex) 0.499 0.497 0.173 0.254 0.269 12.95

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 62-67 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of

of cons. puma in 2010-2013 uninsured.

*p <010, ** p <005, *** p <001
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Table A.8

Not in the Labor Force by Age Group and Uninsured Status (Het.), 62-67

(1) @ (3) (4) (5) (6) (7) ©)
Non-Minority Minority HSG or Less College Male Female Non-married Married
Unins x 62-64 x Post 0.0158 0.0471 0.122* -0.0183 0.0744 0.0462 0.0150 0.0704*
{0.0378) (0.0603) {0.0491) (0.0419) (0.0532) {0.0391) {0.0507) (0.0395)
Obs. 1694371 479235 1031109 1142794 1032003 1141900 686450 1487453
Mean Dep. Var 0.495 0.546 0.586 0.437 0.462 0.549 0.531 0.496
SD Dep. Var 0.500 0.498 0.493 0.496 0.499 0.498 0.499 0.500
Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 62-67 year old civilians
in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of cons. puma in 2010-2013 uninsured.
Non-minority refers to white, non-Hispanic. Married includes separated.
¥ p < 0.10, ** p < 0.05, *** p < 0.01
Table A.9
Not in the Labor Force by Age Group, Uninsured and Expan Status (Het.), 62-67
(1) 2 (3) (4) (5) (6) (M (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 62-64 x Post -0.0216 0.154* 0.111 0.0601 0.0856 0.0948* 0.0194 0.106*
(0.0588) (0.0915) (0.0856) (0.0624) (0.0918) (0.0517) (0.0765) (0.0640)
Unins x 62-64 x Post x Expan 0.0763 -0.199* 0.0174 -0.132 -0.0314  -0.0691 -0.0164 -0.0520
(0.0785) (0.108) (0.101) (0.0867) (0.109) (0.0770) (0.105) (0.0788)
Obs. 1694371 479235 1031109 1142794 1032003 1141900 686450 1487453
Mean Dep. Var (Ex) 0.479 0.524 0.573 0.423 0.448 0.530 0.514 0.479
SD Dep. Var (Ex) 0.500 0.499 0.495 0.494 0.497 0.499 0.500 0.500
Mean Dep. Var (Non-Ex) 0.510 0.572 0.597 0.451 0.476 0.567 0.548 0.512
SD Dep. Var (Non-Ex) 0.500 0.495 0.491 0.498 0.499 0.495 0.498 0.500

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 62-67 year old civilians in 2010-2018. Expan refers to

states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year

by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 62-64 of
of cons. puma in 2010-2013 uninsured. Non-minority refers to white, non-Hispanic. Married includes separated.

" p<0.10,"" p<0.05 """ p<0.01

34



Table A.10

Insurance Outcomes by Age Group and Uninsured Status, 55-64

1) ) @) (4) (5) (6)
Insured Num. Cov. Employer/Union Direct Purchase Medicaid Medicare
Unins x 55-59 x Post  0.0681**" 0.0587* 0.0393** 0.0187 0.0125 -0.00702
(0.0192)  (0.0303) (0.0191) (0.0124) (0.0167) (0.0118)
Obs. 4042914 4042914 4042914 4042914 4042914 4042914
Mean Dep. Var 0.857 0.979 0.643 0.115 0.0986 0.0726
SD Dep. Var 0.350 0.553 0.479 0.319 0.298 0.260

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 55-64 year old civilians

in 2010-2018 from IPUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE,
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-569 of cons. puma in 2010-2013 uninsured.
*p < 0.10, ** p < 0.05, *** p < 0.01

Table A.11

Insurance Outcomes by Age Group, Uninsured, and Expan Status 55-64

(1) (2) (3) (4) (5) (6)

Insured Num. Cov. Employer/Union Direct Purchase Medicaid Medicare
Unins x 55-59 x Post 0.0624* 0.0632 0.0456 0.0302 -0.00867 0.0156

(0.0328) (0.0543) (0.0305) (0.0166) (0.0237) (0.0175)
Unins x 55-59 x Post x Expan  0.0238 -0.00614 -0.00778 -0.00538 0.0453 -0.0433*

(0.0387) (0.0624) (0.0396) (0.0242) (0.0334) (0.0243)
Obs. 4042914 4042914 4042914 4042914 4042914 4042914
Mean Dep. Var (Ex) 0.869 0.980 0.655 0.114 0.107 0.0647
SD Dep. Var (Ex) 0.337 0.527 0.475 0.318 0.309 0.246
Mean Dep. Var (Non-Ex) 0.845 0.977 0.631 0.115 0.0905 0.0806
SD Dep. Var (Non-Ex) 0.362 0.578 0.483 0.320 0.287 0.272

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 55-64 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-59 of

of cons. puma in 2010-2013 uninsured.

*p < 0.10, ** p < 0.05, *** p < 0.01
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Table A.12

Insurance Coverage by Age Group and Uninsured Status (Het.), 55-64

(1) (2 3) (4) (5) (6) (7) (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 55-59 x Post 0.0821%** 0.0313 0.0449* 0.0841* 0.101*** 0.0415** 0.0759** 0.0590%**
(0.0160) (0.0319) (0.0271) (0.0186)  (0.0256) (0.0196) (0.0320) (0.0189)
Obs. 3061128 981714 1920660 2122254 1937328 2105586 1270495 2772419
Mean Dep. Var 0.891 0.766 0.802 0.907 0.851 0.862 0.791 0.890
SD Dep. Var 0.312 0.423 0.399 0.290 0.356 0.345 0.407 0.313

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 55-64 year old civilians

in 2010-2018 from [PUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-59 of cons. puma in 2010-2013 uninsured.
Non-minority refers to white, non-Hispanic. Married includes separated.

* p < 0.10, ** p < 0.05, *** p < 0.01

Table A.13

Insurance Coverage by Age Group, Uninsured and Expan Status (Het.), 55-64

(1) @ 3) (4) (5) (6) (7) @)

Non-Minority Minority HSG or Less  College Male Female Non-married Married

Unins x 55-59 x Post 0.0707*** 0.0333 0.0439 0.0816** 0.0994*  0.0351 0.0649 0.0527*

(0.0260) (0.0554) (0.0438) (0.0318) (0.0418) (0.0320) (0.0560) (0.0319)

Unins x 55-59 x Post x Expan 0.0413 0.00305 0.0123 0.0177 0.0172 0.0262 0.0491 0.0154

(0.0326) (0.0655) (0.0544) (0.0387) (0.0521) (0.0397) (0.0655) (0.0385)

Obs. 3061128 981714 1920660 2122254 1937328 2105586 1270495 2772419
Mean Dep. Var (Ex) 0.904 0.783 0.814 0.914 0.862 0.875 0.812 0.898
SD Dep. Var (Ex) 0.294 0.412 0.389 0.280 0.344 0.331 0.391 0.303
Mean Dep. Var (Non-Ex) 0.878 0.747 0.790 0.899 0.840 0.850 0.769 0.882
SD Dep. Var (Non-Ex) 0.327 0.435 0.407 0.301 0.367 0.357 0.422 0.323

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 55-64 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 553-59 of

of cons. puma in 2010-2013 uninsured. Non-minority refers to white, non-Hispanic. Married includes separated.

* p<0.10,** p< 005, ** p< 0.0l
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Table A.14

Labor Outcomes by Age Group and Uninsured Status, 55-64

(1) @) (3) (4) () (6)
Not in Labor Force Employed Unemployed Self Employed Part-Time Hours
Unins x 55-59 x Post -0.0253 0.0391* -0.0138 0.00118 -0.0142 0.537
(0.0189) (0.0189)  (0.00877) (0.0115) (0.0109) (0.598)
Obs. 4042914 4042914 4042914 4042914 4042914 2459513
Mean Dep. Var 0.277 0.672 0.0507 0.0895 0.0706 40.61
SD Dep. Var 0.448 0.469 0.219 0.285 0.256 11.47

Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 55-64 year old civilians

in 2010-2018 from [PUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-59 of cons. puma in 2010-2013 uninsured.
* p <010, p<0.05 *** p<0.01

Table A.15

Labor Qutecomes by Age Group, Uninsured, and Expan Status 55-64

ey (2) 3) (4) () (6)
Not in Labor Force Employed Unemployed Self Employed Part-Time Hours
Unins x 55-59 x Post -0.0267 0.0506 -0.0240™ 0.00543 0.00399 -0.541
(0.0302) (0.0305) (0.0118) (0.0173) (0.0158) (0.816)
Unins x 55-59 x Post x Expan -0.00959 -0.0121 0.0217 -0.0123 -0.0337 1.830
(0.0390) (0.0392) (0.0177) (0.0231) (0.0218) (1.178)
Obs. 4042914 4042914 4042914 4042914 4042914 2459513
Mean Dep. Var (Ex) 0.266 0.680 0.0536 0.0933 0.0754 40.28
SD Dep. Var (Ex) 0.442 0.466 0.225 0.291 0.264 11.49
Mean Dep. Var (Non-Ex) 0.288 0.664 0.0479 0.0857 0.0658 40.95
SD Dep. Var (Non-Ex) 0.453 0.472 0.213 0.280 0.248 11.44

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 55-64 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year
by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-59 of

of cons. puma in 2010-2013 uninsured.

*p <010, ™ p <005 *** p <001
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Table A.16

Not in the Labor Force by Age Group and Uninsured Status (Het.), 55-64

(1) () (3) (4) (5) (6) (7) (8)
Non-Minority Minority HSG or Less  College Male Female  Non-married Married
Unins x 55-59 x Post -0.00239 -0.00692 -0.00706 -0.0458* -0.0532** -0.000494 -0.00410 -0.0248
{0.0268) {0.0279) {0.0270) {0.0256) {0.0248) {0.0281) (0.0324) (0.0232)
Obs. 3061128 981714 1920660 2122254 1937328 2105586 1270495 2772419
Mean Dep. Var 0.259 0.325 0.352 0.209 0.228 0.324 0.332 0.250
SD Dep. Var 0.438 0.468 0.478 0.407 0.419 0.468 0.471 0.433
Notes: Robust standard errors clustered by consistent puma in the parentheses. Observations are 55-64 year old civilians
in 2010-2018 from [PUMS-ACS. Includes cons. puma, year, age, age by year, cons. puma by year, and age by cons. puma FE.
Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-59 of cons. puma in 2010-2013 uninsured.
Non-minority refers to white, non-Hispanic. Married includes separated.
* p<0.10, ** p < 0.05, *** p < 0.01
Table A.17
Not in the Labor Force by Age Group, Uninsured and Expan Status (Het.), 55-64
(1) @) @) 4) (5) (6) (7) (8)
Non-Minority Minority HSG or Less  College Male Female Non-married Married
Unins x 55-59 x Post -0.0252 0.00791 0.0205 -0.0817**  -0.0617 -0.00413 0.0134 -0.0314
(0.0459) (0.0425) (0.0447) (0.0389)  (0.0397) (0.0444) (0.0540) (0.0360)
Unins x 55-59 x Post x Expan 0.0377 -0.0449 -0.0624 0.0534 -0.00169  -0.0163 -0.0382 -0.00147
(0.0559) (0.0586) (0.0562) (0.0546)  (0.0516) (0.0571) (0.0685) (0.0473)
Obs. 3061128 981714 1920660 2122254 1937328 2105586 1270495 2772419
Mean Dep. Var (Ex) 0.248 0.309 0.343 0.203 0.218 0.311 0.318 0.240
SD Dep. Var (Ex) 0.432 0.462 0.475 0.402 0.413 0.463 0.466 0.427
Mean Dep. Var (Non-Ex) 0.269 0.343 0.360 0.217 0.238 0.336 0.346 0.260
SD Dep. Var (Non-Ex) 0.444 0.475 0.480 0.412 0.426 0.472 0.476 0.439

Note: Robust standard errors in parentheses clustered by consistent puma. Observations are 55-64 year old civilians in 2010-2018. Expan refers to
states that expanded Medicaid in 2014. Includes cons. puma, year, age, age by year, cons. puma by year, age by cons. puma FE, and age by year

by expansion status FE. Regressions control for sex, race, ethnicity, and education. Uninsured is demeaned share of 55-39 of
of cons. puma in 2010-2013 uninsured. Non-minority refers to white, non-Hispanic. Married includes separated.

*p <010, ** p < 0.05, *** p < 0.0l
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